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ABSTRACT OF THE DISSERTATION
Mexican Internal and International Migration:

Empirical Evidence from Related Theories

by
Elsa Beatrice von Scheven
Doctor of Philosophy in Urban Planning
University of California, Los Angeles, 2015
Professor Leobardo F. Estrada, Co-Chair

Professor Paul M. Ong, Co-Chair

This dissertation brings together three independent essays that employ Mexican and
U.S. Census data to explain the migration of Mexicans, while moving toward a conceptual
integration of alternative theoretical traditions.

To address internal migration within Mexico, essay 1 utilizes a locational choice
model to test the self-selection hypothesis of the human capital model of migration, finding
that as expected, Mexican internal migrants are sensitive to regional variations in returns to

skill. The macro-level results of essay 1 also suggest that there is an over-supply of more



highly educated people in Mexico’s richer regions, as well as an over-supply of less
educated people in poorer regions. This imbalance caused richer regions to export many
highly skilled individuals to poorer regions and vice versa.

To address the international migration of Mexicans, essays 2 and 3 test Light’s
network saturation and deflection theories, using empirical data to ascertain whether/how
well their predictions can explain the dispersion of Mexican immigrants away from
traditional settlement states and toward new settlement states. Performing wage- and
human-capital analyses as well and a settlement choice analysis, the findings of essays 2
and 3 suggest that the economic and political factors predicted by these theories did
contribute to this dispersion. Essay 2 finds that Mexicans earned less, paid higher rents, and
had lower returns to skill where Mexicans were more densely settled; and essay 3 finds that
Mexicans were less likely to settle in states that did implement above-federal minimum
wages, thereby presumably reducing the employment opportunities of Mexican immigrants
there. Additionally, the results of essays 2 and 3 suggest that the dispersion of Mexican
immigrants to non-prime U.S. states is consistent with the expectation of the self-selection
hypothesis that Mexican international migrants are likewise sensitive to regional variations
in returns to skill.

The results of all three essays, thus, support the related and compatible theories
tested, and looking at these theories together, when thinking about the behavior, over time,
of large, network-driven migration flows in response to changing economic and political
circumstances may be able to contribute to a future theoretical reconciliation at a higher

unity.
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1. INTRODUCTION

This dissertation examines macro-economic factors that influence the migration
choices of Mexicans within Mexico and within the United States. At the societal level,
migration facilitates the matching of labor to economic development and this promotes
efficiencies of production. At the individual level, migration enables workers to maximize
their earnings (net of costs) by locating in areas that offer the greatest return to their human
capital. The central argument is that regional differences in economic opportunities
encourage movement in a systematic and predictable fashion towards areas with the
greatest return.

This dissertation also tests the self-selection theory of the human capital model of
migration, which (following the argument above) expects that migrants will judge
differences in opportunities and rewards at home and at potential destinations and then
choose to locate where they can obtain the highest earnings relative to their skill level. The
self-selection hypothesis, therefore, predicts that migrants will settle where they can obtain
the highest returns to their skill.

To test this hypothesis, this dissertation first examines migration within Mexico
(essay 1). This hypothesis had never been tested before in Mexico even though the internal
migration within Mexico in 2003 was somewhat larger in volume than the international
migration from Mexico to the United States in that year (National Research Council 2003).
Yet, the year 2003 was a high — volume year for migration between Mexico and the United

States.



This dissertation is internally organized into 3 essays that contribute to a better
understanding of recent migration flows of Mexicans inside Mexico as well as within the
United States. In the first essay (“Self-Selection of Internal Migrants in Mexico”), |
perform a standard test of the self-selection hypothesis by assessing the locational choices
of working-age male Mexicans with different skill levels who, between 2005 and 2010,
moved from one Mexican region or state to another. The dissertation then turns to
examining Mexican migration into the United States in essays 2 and 3 where Mexican
migration to the United States, then the largest sustained contemporary international
immigration anywhere (Massey 1999) , experienced a dispersion from traditional
settlement places in the United States to many non-traditional sites. According to Light
(2006) this dispersion was of huge demographic, social, economic, and political
importance, and the deflection process itself required much more research.

In essays 2 and 3, | also test the self-selection hypothesis in a less explicit but
nevertheless straight-forward manner for Mexican international migrants, but I only test
this hypothesis explicitly for Mexican internal migrants in essay 1.

For Mexican migrants who settled in the U.S. between 1980 and 2000, essay 2
explicitly tests the network-saturation theory. For Mexican migrants who settled in the U.S.
during the 1990s, the empirical analysis in essay 3 tests the validity of one main component
of deflection theory by assessing whether the state-wide implementation of above-federal

state minimum wages, influenced their migration decisions.



The second essay (“Mexican Migration Networks in the United States, 1980 —
2000”) explicitly assesses whether, as expected by the network-saturation theory and
contrary to what would be expected following the standard network migration theory, the
dispersion between 1980 and 2000 of newly-arrived Mexican migrants to 47 new
settlement states of the United States and away from California, Texas, and Illinois (the 3
traditional settlement states), was due to the fact that, over time, the protracted high-
volume influx of Mexican migrants finally saturated the housing and job opportunities of
Mexicans in traditional states. High rents and low wages then encouraged Mexican
immigrants to select new states for settlement. Moreover, since one of the main underlying
assumptions of this second essay is that within the U.S. labor market these recently arrived
Mexican migrants mostly obtain low-skilled jobs, the prediction of the self-selection
hypothesis for this second essay would likewise be that, over time, the protracted, high-
volume, network-driven Mexican influx in prime locations led to an over-supply of similar
and low-wage labor in those prime locations. Oversupply in turn drove down their earnings
and their returns to skill. Therefore, following the self-selection hypothesis, the expectation
Is that, despite the attractiveness of those prime locations due to the large presence of
friends and family or co-ethnics, Mexican immigrants nevertheless chose to locate in non-

prime destinations where they could obtain higher wages and thereby higher returns to skill.

The third essay (“Minimum Wage and Mexican and Central American Influx’)
assesses Whether, as expected by the deflection theory, the increased minimum wage

implemented by 13 American states in the 1990s reduced employment among recently



arrived Mexican and Central American immigrants (expected to be among the lowest-paid
workers), and therefore reduced their influx relative to immigrants who settled in one of the
35 states that retained the federal minimum wage during that time. That is, this third essay
tests whether through their political decision to implement an above-federal minimum
wage, states deflected recently arrived Mexican and Central American immigrants away
from them, thereby re-directing them towards the states that did retain the lower federal

minimum wage.

In all 3 essays | used Census information to assess the migration behavior of
Mexican migrants during a 5 year period and in each case | performed an individual-level,
econometric human-capital analysis, when taking into account and controlling for migrant
networks.

These 3 essays also have in common that the theories they test, rather than
representing competing hypotheses actually share many common assumptions. Both, the
network-saturation and the deflection theories are in fact conceptual extensions of the
human-capital migration theory (along with the network theory). As such, they predict the
behavior, over time, of protracted, high-volume, network- driven migration flows in
response to changing economic and political circumstances. Although these 3 theories all
use the more neoclassical framework, this approach is consistent with many of the other
important theories of migration, since, as does the neoclassical framework, this analysis
assumes that the larger macro-economic and macro-social structures are exogenous to the

analysis. 1, thus, do not dispute the importance of other theories of migration, but, (even



when | briefly discuss some of them) they are beyond the scope of this analysis. This is my
core scenario.

This whole thesis is in five parts. This introduction explores the literature about
relevant migration theories. The three empirical essays that follow examine the behavior of
internal and international Mexican migrants. A short conclusion ties together the themes of

the dissertation and suggests extensions of this research.

1.1 Theoretical Models about why Internal and/or International Migration Begins
1.1.1 Neo-classical Economic Theories- Human Capital and Regional Sorting

While migrants clearly move for a number of reasons, the expectation that migrants
mostly move in order to obtain higher incomes is ancient history in economic and
migration studies (Lucas 1997).

When seen at the macro-level, and following Ravenstein’s laws of migration (1885,
1889), standard neo-classical migration theory explains the migration process in terms of
geographical differences in the supply and demand for labor so that differentials in wages
(plus the expected probability of employment at the destination) cause workers to move
from low-wage, labor-surplus regions to high-wage, labor-scarce regions (Lewis 1954;
Ranis and Fei 1961; Harris and Todaro 1970; Todaro 1976).

Because, neo-classical theory (probably the oldest and best-known theory of
migration) was actually developed to explain labor migration in the context of economic

development, it further expects that as a result of migration labor will become less scarce at



the destination areas and scarcer at the sending ones while capital is expected to move in

the opposite direction, leading to a “factor price equalization” and thus to a convergence

between wages at the sending and receiving end (Lewis 1954; Ranis and Fei 1961; Harris
and Todaro 1970; Todaro 1976).

At the micro-level, neo-classical migration theory developed a model of individual
choice, which views migrants as rational actors, who, having full access to information,
make income-maximization calculations on the results of which they decide whether to
move or not (Massey et al. 1994; de Haas 2010).

In a further extension of this migration model, and starting with Sjaastad (1962), a
well- developed literature has merged neo-classical migration theory and Becker’s (1975)
human- capital theory into a human-capital theory of migration. This human-capital theory
of migration addresses the question of selectivity in migration. It postulates that individuals
differ in personal skills, knowledge, physical abilities, age, sex, etc., and, thus, have
different human-capital assets. The expectation of the human-capital migration theory is
that people with different sets of skills will differ in their expected productivity and, hence,
in their wages or technically the returns to their human-capital (Borjas et al. 1990).
Consequently this theory also predicts that people with different skill levels will likewise
differ regarding the extent to which they are expected to gain or risk from migrating (Lucas
1997; Taylor and Martin 2001).

Treating migration as a human-capital investment, the human-capital theory further
expects potential migrants to estimate the costs and benefits of moving to alternative

international locations and migrate to wherever the expected, discounted net-returns are



greatest over some period of time (Borjas 1990). Net-returns in a future period are
calculated as the expected wages that a migrant can earn in an alternative location over
time, minus the earnings the migrant expected to be able to earn in his or her community of
origin over time, minus the estimated costs of migration (Massey et al. 1994).

This human-capital theory, therefore, expects that the likelihood of migration is
highest for individuals for whom over time the discounted income (or expected-income)
differential between migration and non-migration is greatest and/or migration costs are
lowest (Lucas 1997; Taylor and Martin 2001).

In terms of migrants’ locational choices, the self-selection hypothesis of the human-
capital theory of migration predicts that, given their skill level, individuals will decide
where to live by comparing their utility in their current location to their expected utility in
all other possible locations, and will then choose the location with the highest utility
(Mincer 1974; Becker 1975; Borjas et al. 1992; Rosenzweig 2007; Clark et al. 2007; Belot
and Hatton 2008; Brucker and Defoort 2009; Ortega and Peri 2009; Grogger and Hanson
2010; and Mayda 2010). Thus, according to this hypothesis, a migrant is expected to settle
in a receiving area that has a specific type of labor-demand that matches his or her specific
skills and educational background in order to obtain the highest wages, and to maximize his

or her returns to skill (Taylor and Martin 2001).



1.1.2 New Economics of Migration

The New Economics of Migration views working-class migration as part of family
and community survival strategies that respond to long-term considerations of economic
security as well as to remittances and local investment opportunities (Stark et al. 1991;
Taylor 1999). Thus, the New Economics of Migration views migration as a decision of the
entire household (not just the migrant) to minimize risks to family survival by
diversification. That is, the migrant’s family has an earner abroad even if the local economy
tanks and vice versa (Stark and Levhari 1982; Stark 1984; Katz and Stark 1986; Lauby and
Stark 1988; Taylor 1986; Stark et al. 1991). Extreme risk aversion is imputed to migration
decision makers because their families have highly precarious livelihoods. This theoretical
framework, moreover, expects that the family’s feelings of relative deprivation may be an
even more important driver of migration than actual wage differentials (Taylor et al. 1999).
Thus, a sending region’s income distribution, (as well as the family’s point in it) may be a

crucial factor to take into account when trying to predict the decision to emigrate.

For these reasons, the New Economics of Migration expects that governments can
influence emigration rates through policies that shape: labor markets (i.e. through the
implementation of minimum wage policies), insurance and capital-markets, and
unemployment insurance; as well as policies that reduce income inequalities (Taylor 1986;

Massey et al. 1994). In a nutshell, income security and income equality reduce emigration.



1.1.3 Dual Labor Market Theory

Dual labor market theory argues that international migration (particularly from the
South to the North) is caused by a permanent demand for immigrant labor that is inherent in
the economic structure of advanced market societies and, thus, by pull factors in developed
receiving countries. According to Piore (1979), a prominent spokesman, developed
countries have a built-in demand for immigrant labor because they have difficulty finding
native born workers who are willing to take low-paying jobs at the bottom of the
occupational hierarchy. These jobs do not confer prestige,- and people not only work to
receive an income, but also in order to obtain and maintain prestige and a social status, so
motivational problems arise when it comes to these bottom-level jobs in the secondary
sector. The native workers view these rock-bottom jobs as below their dignity. Native
workers want to work in the primary, capital-intensive sector, where wages are higher, jobs

are more secure, and there is a possibility of occupational improvement.

Dual Labor Market Theory argues that employers need workers who view low-level
jobs simply as a means to the end of earning money. Immigrants satisfy this need, at least at
the beginning of their migratory careers (i.e. most migrants begin as target earners, low
wages in a developed country are nevertheless much higher than those they would earn in
their home community; and migrants mostly see themselves as members of their home

community).



Thus, according to Dual Labor Market Theory, the reception country’s demand for
immigrant workers grows out of the structural needs of the society and is generally initiated

by recruitment on the part of employers in developed societies (Massey et al. 1994).

1.1.4 World Systems Theory

World Systems Theory argues that ever since the advent of capitalism in the 16th
century, and in an attempt to obtain higher profits and greater wealth, the owners and
managers of capitalist firms have entered poor countries, searching for land, raw materials,
labor, and new consumer markets. This theory further argues that the capitalist penetration
everywhere has uprooted the world’s subsistence economies, thus creating a mobile
population that must move wherever they can earn wages (Portes and Walton 1981; Massey

1989; Massey et al. 1994, Ong et al. 1994).

World Systems Theory further argues that now, as in the past, many of the people
from developing countries in the South who have been displaced by this process of market
penetration move to cities within their own countries. However, developing countries are
unable to provide enough jobs for their uprooted population and many of the displaced
people are drawn to emigrate to developed countries, where they can earn higher wages

(Massey 1989).

10



The proponents of this theory also expect that people from developing countries,
also tend to be attracted to developed countries (and particularly to their past colonial
powers) due to the diffusion of cultural and ideological values and modern consumption
patterns, which, (in addition to potential higher wages), also contributes to increase the

wish of displaced people to want to move there (Portes and Walton 1981).

According to World Systems Theory, when seen from the other side, what also
drives the immigration of people from developing countries to developed ones, (of course)
is that these rich countries and particularly Global Cities within industrial societies, have
now, and had in the past, a high demand for immigrants from these countries. Global Cities
are urban centers from which globalization is mostly managed, since the main banking,
finance, administration, professional services, and high-tech production firms tend to
concentrate there (Castells 1989; Sassen 1991)). Castells (1989) and Sassen (1991), for
example, explain that the reasons that industrial societies and particularly Global Cities
need immigrant labor is because poorly educated natives resist taking low-paying jobs at
the bottom of the occupational hierarchy, - while, the concentration of wealth in these
countries and particularly in these global cities spurs the demand for low-paying-service
jobs at the bottom of the occupational hierarchy- and which immigrants are most willing to

take.

And, yet World Systems Theory expects that these migratory pressures do not

directly lead to massive migration flows since it is mostly state action (or inaction) with

11



respect to border control which ends up determining whether international migration will

take place.

The proponents of World Systems Theory, thus, believe that it is the same capitalist
economic processes that at the same time creates migrants in developing countries (in the
South), while it also attracts them to developed countries at the core of globalization (in the
North), so that the initiation of international migration flows are a consequence of the
structure of the world market (Portes and Walton 1981; Castells 1989; Sassen 1988; Sassen

1991; Ong et al. 1994).

World Systems does not simply view migration flows as products of push and pull
factors in sending and receiving countries (or wealthier and poorer regions within a
country), but rather stresses the importance of placing international migration flows in the
context of the restructuring of global capitalism (Ong et al. 1994). Some world regions need

labor; others need to release it.

And while most authors who have followed the World Systems approach have
focused mostly on the movement of low-skilled labor immigrating to developed countries
(i.e. see Portes and Bach 1985; Sassen 1988), others like Ong, Bonacich and Cheng (1994)
have likewise followed this theoretical framework when studying the new professional
managerial immigration from Asia. These authors examined the movement from Asia to
the West Coast of the U.S., in terms of the re-structuring processes that were going on in

Asia (i.e. producing more highly trained individuals than they can absorb), - but also in

12



terms of the many roles that Asian immigrants have played in the restructuring process of
the U.S. (i.e. helping supply skills and entrepreneurial energy, given that the U.S. has been

preparing fewer highly trained individuals than they need).

1.2 Theoretical Models that explain why Migration Streams are Sustained over Time,

and Dispersed (Deflected) away from their Prime Settlement Destinations

Immigration flows begin due to a variety of reasons, such as: a.) the desire to maximize
income and thus returns to skill, b.) an attempt to diversify risks to household income; c.) a
recruitment program of employers; d.) a displacement of individuals in developing
countries due to the penetration of market forces; e.) or due to some combination thereof
(Massey et al. 1994). But, once initiated, why does it

continue?

Massey et al. (1994) argue that the circumstances and factors that lead to the initiation
of international migration flows may be different from the main factors that induce their
continuation. While wage differences, risk-minimizing efforts, recruitment strategies, and
the penetration of market forces may continue to induce people to migrate, new factors that
arise in the course of migration also start having strong causal effects, since according to
Massey et al. (1994 p. 448) “migrant networks spread, institutions supporting transnational
movement develop, and the social meaning of work changes in receiving societies” and the
general consequence of these transformations is, “to make additional movement more

likely”.
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1.2.1 Network Migration Theory

While social networks had long been known to influence migration (Fairchild
1930), the research of Massey (1990, 1999) and his colleagues on cumulative causation
strengthened interest in network migration and formalized the theory. Massey’s network
theory explains why migrants from one migrant-sending place are very likely to go to the
same destinations decade after decade (Portes and Rumbaut 1996; Zavodny 1999; Alba and
Nee 2003).

So, while acknowledging that the initiation of large migration flows has
mostly been triggered by economic factors (in migrants’ search to maximize their
income), according to network theory, sustaining these migration flows has
generally been caused by migration networks that connect immigrants who are
already at a certain destination point with their friends, neighbors, and relatives who
are still back at home. In this way, the information about this destination reaches the
home community and causes many non-migrants, who are still at home, to want to
migrate themselves when they learn about the advantages that the earlier migrants
obtained in the destination (Massey et al. 1994; Light 2006).

However, social networks not only sustain the migration, by influencing new
people to migrate, but they also impact their settlement choices in the receiving
regions, since migrants usually go where others whom they know have already
settled. The capacity of networks to reproduce immigrant populations in specific
destinations, therefore, results in the formation of settlement nodes that are linked to

specific points within their countries of origin (Massey et al. 1994; Light 2006).
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The migration network literature has also demonstrated the power of
networks to strongly influence immigrants’ settlement choices by clearly reducing
the emotional, and social as well as the financial costs of migration. The emotional
cost of migration is decreased because migrants generally live and travel with their
friends, family, and co-ethnics. The social cost of migration is decreased because
migrants are able to keep their social ties with their home community (Massey et
al. 1994; Light 2006).

Research findings have, thus, shown that once the number of migrants
reaches a critical threshold, the expansion of networks decreases the costs and risks

of migration, thereby increasing the likelihood of migration, which, in turn, expands
the networks, and so on (Hugo 1981; Taylor 1986; Massey and Garcia-Espafia

1987; Massey 1990a; Massey 1990b; Gurak and Caces 1992; Massey et al. 1994).

1.2.2 Network Saturation Theory

The literature on immigrant incomes reports that sustained high-volume
immigration lowers the wages of earlier co-ethnic immigrants even though it has
little effect on the wages of native workers (Hagan 1998; Borjas 1999; Camarota
2003; Bump, Lowell, and Pettersen 2005; Lalonde and Topel 1991; Bean and

Stevens 2001; Fix and Passel 1994).
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The housing literature declares that sustained high-volume immigrant influx drives up rents
in immigrant neighbourhoods of reception cities (Saiz 2003; Williamson 1990; Lipman
2003; White 2003; Keil 1998; O’Hara 2002) without affecting the rents of non-immigrants
(Greulich, Quigley, and Raphael 2004).

Compatible with these findings, and in an effort to analyse the dispersion of
Mexicans throughout the United States, Light (2006) theorized that, by encouraging new
migrants to settle in the metropolitan regions and states where their friends, neighbors, and
family had settled before, the self-propagation of migration networks (such as the Mexican
immigrant network) can lead to a very high concentration of immigrants in their prime
settlement choices, thereby tending to drive down immigrants’ wages and to drive up their
rents in co-ethnic neighborhoods of prime network destinations.

Light’s network saturation theory, therefore, expects that the maturation of
large migration networks ends up saturating the housing and job opportunities of
immigrants at their prime destinations. Immigrants’ housing costs rise, and their
wages decline. Then the ensuing welfare deterioration encourages the dispersion or
deflection of newly-arrived immigrants from prime destinations to initially lesser-

ranked destinations in unsaturated cities and states.

1.2.3 Deflection Theory
When analysing the dispersion of Mexicans throughout the United States,
different studies have tried to explain this demographic movement by addressing

many causes including saturation and deflection (Light 2006; Light and von
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Scheven 2008; Light and Johnston 2009), enhanced enforcement of labor laws
(Light 2006), federal policy shocks (Massey, Durand, and Malone 2002; Odem and
Lacy 2009), the Mexicans’ quest for improved quality of life (Fennelly 2008; Suro
and Singer 2002); labor recruitment in Mexico (Krissman 2000; Donato and
Bankston 2008); and employment growth in non-traditional settlement states
(Parrado and Kandel 2008).

Light (2006) then additionally hypothesized that this dispersion of Mexicans
throughout the U.S. might also be partially related to the state-wide implementation
of above-federal minimum wage laws. These laws might have contributed to
inducing the deflection of Mexican immigrants towards states that retained the
lower federal minimum wage; and in general, he hypothesized, that a number of
political decisions may influence a deflection of a large mature immigrant network.

Thus, in an effort to try to identify all possible reasons that could induce a mature
migration network (such as the Mexican) to be dispersed or deflected, Light expanded his
network saturation theory, formulating the deflection theory according to which economic
saturation may explain immigrant deflection in a large mature immigrant network.
Additionally, Light also expects that exogenous political decisions, particularly at the state
or local levels, can likewise trigger the deflection of such a mature and voluminous
network.

Light (2014) defined the deflection of immigrants as a process that pushes an
existing high volume immigration flow abruptly away from its prime destinations without,

however, reducing the aggregate influx of immigrants. According to Light’s definition,
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deflection does not reduce the volume of immigration, but only redirects the existing influx
from prime destinations (such as countries, regions, states, or cities) to non-prime
destinations. As a result, prime destinations receive a decreased share of total immigration
(Light 2014).

Thus, analogously to the network saturation theory, the deflection theory expects
that economic/demographic deflection will occur when, as a result of a heavy influx of
immigrants from a large mature network, immigrants saturate their housing and labor
markets in impacted destinations, causing rents to rise and earnings to drop.

However, as said before, deflection theory also expects that political causes may
induce immigrants to abandon established destinations in favor of new ones, and can thus
deflect immigration without economic saturation.

Deflection theory further expects that the deflection of immigrants from a large
mature network can be triggered by direct political interventions that seek to reduce
immigrant influx such as, for example, an enhanced border-enforcement. However,
deflection theory also expects that deflection may be triggered by indirect political causes
that do not target immigrants per se. These may be universalistic laws that in principle
apply to everyone but which affect immigrants more than anyone else. An example might
be state-level implementation of above- federal minimum wages, which reduce
employment among the lowest-paid workers and thereby triggers a deflection process for a

migration flow comprised of low wage workers.
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Moreover, deflection theory expects that indirect political deflection and
economic/demographic deflection may appear in tandem since the deterioration of labor
and housing conditions among immigrants may trigger responsive legislation that intends to

battle these circumstances (Light 2014).
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2. SELF-SELECTION OF INTERNAL MIGRANTS IN MEXICO
2.1 Abstract

Little is known about the match between the characteristics of Mexican internal
migrants and the characteristics of the places in which they are more likely to settle, and no
one has assessed whether Mexican internal migrants are choosing to settle in locations that
allow them to maximize their (money) return to skill as would be expected by the self-
selection hypothesis of the human-capital migration theory. Hence, to ascertain whether
Mexican internal migrants are sorting or self-selecting themselves by schooling level and
moving to regions with the highest demand (and highest pay) for their own type or level of
skill or schooling, in this study, and using a locational choice model that follows a mixed-
model conditional logit convention, | analyze micro-data from the 2010 Mexican Census of
Population of all Mexican male working-age individuals who, between 2005 and 2010,
moved from one Mexican region or state to another. The results consistently show that, as
hypothesized, Mexicans did self-select in a way that allowed them to maximize their
returns to skill. Net of all control variables, 1 find that, among Mexican inter-regional and
inter-state migrants, those who had higher levels of education, and who, in 2005 resided in
regions or states that had relatively high average-income and low income-inequality, the
likelihood was much higher that they would move to regions that had lower average-
incomes and higher income-inequality (and thus high returns to high-skills), rather than to

regions with high average-incomes and lower income-inequality (and vice versa).
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In sum, lower income regions in Mexico exported a large number of low-skilled workers
and imported high-skilled workers between 2005 and 2010 whereas high-income regions

attracted mainly low skilled workers and exported many high skilled workers.

2.2 Introduction

Internal migration within Mexico is somewhat larger in volume than the
international migration from Mexico to the United States (see National Research Council
(2003"), and yet, although the international migration of Mexicans has been widely studied,
internal migration within Mexico has received much less attention. 2

During the first half of the twentieth century the largest migration streams in
Mexico were composed of persons who originated in rural areas and moved to Mexico’s 3
largest cities (Oliveira and Roberts 1989; Greenwood et al. 1981; Partida Bush 1993). Ever
since, Mexico’s economic liberalization in the 1980s, a larger proportion of migrants,
however, have come from urban areas, and both, rural- and urban-origin migrants have
mainly settled in middle-sized cities close to the U.S. border (Roberts1989; Escobar and
Laptapi 1998). This is a sharp discrepancy between the early and late twentieth century.
However, during both halves of the last century, Mexico’s largest internal migration flows
have always been attracted to the states which, at the time, offered the country’s highest
average income levels (Chavez 1999; Garza 2003; CONAPO 1999; Partida-Bush and
Martinez- Herrera 2006; Portes and Roberts 2005). Econometric analyses assessing the

regional determinants that influence the internal migration within Mexico, have mostly
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found that Mexicans are driven by similar regional determinants as migrants elsewhere and,
therefore, respond in the expected way to regional wage differentials (see Aroca and
Maloney 2005; Peeters 2008; Soloaga and Lara 2006), distance and network effects
(Peeters 2008; Villarreal and Hamilton 2012; Aroca and Maloney 2005; Soloaga and Lara
2006; Curran and Rivero-Fuentes 2003).

We, likewise, know that, as one observes elsewhere in the world, within Mexico
individuals who are younger, better educated, less risk-averse than average and who have
better —than-average personal contacts in destination areas are more likely to become either
internal or international migrants, when compared to all other individuals (Taylor 1986;
Massey et al. 1987; Massey and Garcia Espafia 1987; Stark et al. 1991; Massey and
Espinosa 1997; Orrenius and Zavodny 2003). Many studies about the international
migration of Mexicans have assessed which personal characteristics increase an
individual’s likelihood to emigrate to the United States rather than to stay in Mexico.®

However, very little is known about the match between the characteristics of
Mexican internal migrants and the characteristics of the places in which they are more
likely to settle, that is, their self-selection patterns regarding their settlement choices.
Therefore, we do not know much about who in Mexico is going where and why.

All we know about migratory self-selection in Mexico is what Villarreal and
Hamilton (2012) reported in their individual-level study. They found that younger and
better educated Mexican internal migrants are more likely to settle in cities in the country’s

Northern border, as well as in cities that have high levels of foreign direct investment, than
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are Mexican internal migrants who settle in relatively large cities located in other parts of
Mexico.*

Neither, Villarreal and Hamilton (2012), nor anyone else, however, has addressed
whether Mexican internal migrants are choosing to settle in locations that allow them to
maximize their (money) return to skill. Hence, we do not know if Mexican internal
migrants are sorting or self-selecting themselves by schooling level and moving to the
regions with the highest demand (and highest pay) for their own type or level of skill or
schooling.”

And yet, in other parts of the world, an extensive literature has concentrated on
precisely this point, mostly finding that (net of other factors) migrants have a high
likelihood to settle in the places that provide them with the highest return to their own skill
level (see Borjas, 1987; Borjas et al.1992; Rosenzweig 2007; Clark et al. 2007; Belot and
Hatton 2008; Briicker and Defoort 2009; Ortega and Peri 2009; Mayda 2010 and Grogger
and Hanson 2011). Given a vast empirical validation in other countries, this exact
proposition forms the basis of the self-selection model of the human capital migration
theory (see Borjas 1987; Borjas et al. 1992; Taylor and Martin 2001).

If Mexican internal migrants behave according to the prediction of the self-selection
model and consequently exhibit self-selection choices similar to migrants elsewhere, one
would expect that Mexican internal migrants who have low levels of schooling and
particularly those who originate in regions that have an over-abundance of low-skilled
individuals, should (rather than settling in other locations) be more likely to settle in those

regions where they can obtain the highest earnings because such regions have a high
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demand (and short supply) of low-skilled workers. Conversely, one would expect to find
that Mexican internal migrants who have higher levels of schooling and particularly those
who originate in regions with many skilled individuals should (compared to moving
elsewhere) be more likely to move to places where they can obtain higher earnings because
such places have a high demand for more highly skilled workers.

Expecting that a region’s returns to skill are, net of other factors, proportional to the
region’s income inequality (Borjas et al. 1992; Rosenzweig 2007; Clark et al. 2007; Belot
and Hatton 2008; Briicker and Defoort 2009; Ortega and Peri 2009; Grogger and Hanson
2011; and Mayda 2010), most self-selection studies proxy a region’s returns to skill with
the region’s income inequality levels. As is also common particularly in other developing
countries, across the different Mexican regions income-inequality and average-income
levels are inversely proportional to each other, such that regions with high income
inequality tend to be poorer and regions with low income inequality tend to be richer
(Chiquiar 2003). Because this is the case, the self-selection model would further predict
that, trying to maximize their returns to skill, the more highly skilled Mexican internal
migrants should, net of other factors, have high odds of settling in regions that have low-
average-income level (and high income inequality); while the less skilled Mexican internal
migrants should have high odds of settling in regions with relatively high-average-income
levels (and low income inequality).

Knowing whether in Mexico, as elsewhere in the world, internal migrants move to
the regions that provide the highest returns to their skills is important because such a

regional re-sorting of demand and supply for skills, can improve the economic wellbeing of

24



each individual migrant, and it might also enhance the efficiency of Mexico’s economy as a
whole (Borjas et al. 1992; Taylor and Martin 2001; Lucas 1997). For this reason, | believe
that not knowing whether Mexican internal migrants self-select in a way that responds to
regional differences in returns to skills represents an empirical and theoretical gap in the
Mexican migration literature.

This paper seeks to fill this gap by testing whether and to what extent Mexican
internal migrants’ locational choices are also driven by the different levels of skill-related-
income that are known to exist and be paid across Mexican regions and states (see Chiquiar
2003). Accordingly, and following the self-selection model, I hypothesize that, net of other
factors, Mexican internal migrants choose to locate in regions that provide the highest
returns to their skills, and thus that high skilled workers tend to go to poorer regions while
low-skilled workers tend to go to richer regions.

The paper is organized as follows. The theoretical model, the study design and the
statistical method (model description) are presented in Sections 2.3 through 2.5. The data
and variables as well as the summary data are discussed in Sections 2.6 and 2.7. Estimation

results and sensitivity analyses are presented in Sections 2.8 and 2.9. Conclusions follow.

2.3 Theoretical Model

Ever since Sjaastad (1962), locational choice models have been based on the
expectation that, across space, there are regional differences in welfare, and that these
differences often drive people to relocate in search of economic advantage. Locational

choice models, further, posit that individuals decide where to live by comparing their utility
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in their current location to their expected utility in all other possible locations, and then
choose the location with the highest utility. °

Moreover, because it is known that each individual has his or her own utility, a
well-developed literature that has merged standard migration theory and human capital
theory into a human capital view of migration has, thus, focused on elements of selectivity
in migration (Mincer 1974; Becker 1975; Taylor and Martin 2001).

Among the main testable hypotheses of the human capital migration theory is the question
of whether there is a self-selection of migrants who, given their skill level, migrate to the
places where they can maximize their returns to skill (Taylor and Martin, 2001).

Many studies of internal and international locational choice have therefore assessed the
sorting of migrants by schooling levels across destinations, mostly finding that migrants do
self-select in a way that allows them to obtain the highest return to their skill level, thus,
providing support for the hypothesis of the self-selection model (Borjas et al. 1992;
Rosenzweig 2007; Clark et al. 2007; Belot and Hatton 2008; Briicker and Defoort 2009;
Ortega and Peri 2009; Grogger and Hanson 2011; and Mayda 2010).

In order to test the hypothesis of the self-selection model on the settlement choices
of Mexican internal migrants, | will analyze micro-data from the 2010 Mexican Census of
Population, using a locational choice model that follows a mixed-model conditional logit
convention, as well as the exact study design choices and the statistical method that I

describe below.
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2.4 Study Design

When employing micro-data to assess the determinants of internal or international
migrant’s settlement choices, most studies use either the multinomial logit, the conditional
logit, or the mixed-conditional logit modeling conventions all of which utilize an individual
maximization frameworks and random utility models (see Bartel 1989; Dunlevy 1991;
Jaeger 2000; Kanaroglou and Ferguson 1998; Kritz and Nogle 1994; Davies, Greenwood
and Li 2001; Greenwood 1997; Newbold 1999; Scott, Coomes, and Izyumov 2005;
Villarreal and Hamilton 2012; Fafchamps and Shilpi 2008).

This study follows a mixed model conditional logit convention because the
conditional logit model is the best suited for analysis of the attributes of different locational
choices, and its mixed model variation, moreover, allows one advantageously to include the
analysis of interaction terms between migrant’s individual level characteristics and the
regional characteristics of migrant’s different location alternatives (Hoffman and Duncan
1988; Liang and White, 1997; and Villarreal and Hamilton, 2012).” So, while in the studies
of migration behavior, both, the regional attributes of the different potential destinations
and the individual characteristics of migrants should ideally be included in the model
(Greenwood 1997), in the present analysis about the effect of returns to skill on migrant’s
locational choices, it is of particular relevance to be able to assess, as I do, whether the
interaction between migrant’s individual schooling levels and the regional characteristics of
migrant’s different locational alternatives (including their income-inequality levels), have

an effect on where migrants choose to settle.
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Thus, although prior migration self-selection studies have employed this exact
variation of the logistic model to test the effect of returns to skills, | nevertheless find that
the mixed conditional logistic model (with its ability to assess the effect of interaction terms
between regional and personal characteristics), is the best suited framework to analyze
whether the individual settlement choices, in this case of Mexican internal migrants, are
also being driven by regional differences in returns to skill 2

Using information from the 10% sample of the 2010 Mexican Census of Population
and following the inter-disciplinary literature on locational choice studies, my analysis also
makes these design choices:

(1) 1 use a cross-sectional approach to analyze migration over a five year interval as do
most models of internal migration that are estimated with Census data (Greenwood

1997; Davies, Greenwood and Li 2001; Aroca and Maloney 2005; Peeters 2008;

Villarreal and Hamilton 2012). For simplicity’s sake, I limit my analysis to adult

males who have migrated for work reasons, so I only select the Census information

of male Mexican migrants aged 18 to 65 who in 2010 resided in a different location

than they did in 2005.°

(2) 1 use an empirical strategy that focuses on the choice of destination, conditional on
the migration decision, thereby restricting the analysis to individuals who resided in
a different location in 2005 than in 2010 (as do Fafchamps and Shilpi 2008;
Villarreal and Hamilton 2012). Davies et al. (2001) included migrants and non-

migrants in their analysis because they believe that the decision to move cannot
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really be separated from the decision regarding destination. However, according to
Gabriel and Schmitz (1995), Akee (2006), Mckenzie and Rapaport (2007) and
Fafchamps and Shilpi (2008), including non-migrants in the analysis can easily lead
to over-estimating the gains from migration because the datasets generally
employed do not provide enough information adequately to control for selection
bias among migrants.'® Therefore, although, as a sensitivity check, I also run the
analysis for migrants and non-migrants alike (where the decision to stay is one
option along with the consideration of all potential alternative destinations), |
nevertheless chose as my preferred empirical strategy the more conservative
approach of not including in the analysis the decision to migrate itself, but rather to

focus only on the locational choices of movers.

(3) Calculating a ratio between the characteristics of migrants’ sending and possible
destination areas, as commonly is done (see Greenwood 1997; Davies et al. 2001,
Orrenius and Zavodny 2003; Fafchamps and Shilpi 2008; Peeters 2012), | construct
measures of the differentials between characteristics of locations that are believed to
affect the choice of migration destination. | construct this measure because, when
analyzing internal migration, the characteristics of a destination area will be viewed
differently by individuals in different origins. Therefore, according to Greenwood
(1997), studies of individual region-to-region migration choices should be based on
the comparison of the attributes of possible destinations with those of an

individual’s current region of residence.
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(4) In terms of the geographical level of analysis, | perform the study at, both the
regional and the state levels.™ For the regional-level analysis, | formed 7 regions,
each of which comprises contiguous Mexican states that share a number of
socioeconomic and cultural commonalties. The 7 Mexican regions | formed are the:
North West (Baja California, Baja California Sur, Chihuahua, Durango, Sinaloa,
Sonora); North East (Coahuila, Nuevo Leon, Tamaulipas); North Central
(Aguascalientes, Guanajuato, Querétaro, San Luis Potosi, Zacatecas); West (Colima,
Jalisco, Michoacan, Nayarit); Central (Distrito Federal, Hidalgo, México, Morelos,
Puebla, Tlaxcala, Veracruz); South (Chiapas, Guerrero, Oaxaca, Tabasco) and South

East (Campeche, Quintana Roo, Yucatan).

My preferred empirical strategy is at the regional level rather than the state level,
because the results of a state-to-state analysis could be biased given that a large proportion
of the inter-state movers may actually be inter-metropolitan movers who cross state
borders. For example, according to CONAPQO’s (2014) descriptive study of Mexican
migration, the intra-metropolitan mobility is actually so dynamic in the larger metropolitan
areas, that it constitutes a type of migration of a larger magnitude than the migration that
comes from outside its limits.

Moreover, different metropolitan areas in and near the Valle de México (Mexico
City) actually cross the borders of several states in central Mexico. This overlap

complicates control because, according to my calculation using the 2010 Mexican Census
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of Population, 40% of all inter-state moves between 2005 and 2010 occurred within the
contiguous central states of Mexico.*

Therefore, | decided to run the analysis first only for the inter-regional migrants
(who between 2005 and 2010 moved from one Mexican region to another) and then, as a
sensitivity check, to also run it for all inter-state migrants (who between 2005 and 2010
moved from one Mexican state to another). Results from using alternative ways to measure
returns to skill, as well as other additional sensitivity analyses to check the robustness of
my results, are reported as well.

Finally, since the independence of irrelevant alternatives (iia) is required for the
conditional logit model, I conducted a test this independence, finding that the test cannot

reject the validity of the iia property.*®

2.5 Statistical Method

For simplicity’s sake, I will only refer to the locational choices of inter-regional
migrants (my preferred strategy), even when, as a sensitivity analysis, | also use the same
statistical method to assess the determinants of the locational choices made by inter-state
migrants. '

Thus, a statistical model is specified that explores the determinants of the locational
choices made by Mexican inter-regional migrants who resided in one region in 2005 and in
another in 2010.

| postulate a migrant who seeks to maximize personal utility through his choice of a

Mexican region for settlement. | use a conditional logit framework to model a utility
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maximizing inter-regional migrant in a discrete choice situation. The conditional logit and
mixed conditional logit models have long been among the preferred frameworks for
analyzing location choice, since they allow us to identify the social and economic regional
characteristics that influence migrants to choose certain regions over others (Villarreal and
Hamilton 2012; Fafchamps and Shilpi 2008; Davies, Greenwood and Li 2001).

This model assumes that an inter-regional migrant has a set of N possible location
choices (6 regions, out of 7 Mexican regions) and that there is a level of utility, U j;, for an
individual inter-regional i at region j.*°

Each inter-regional migrant implicitly compares the perceived utilities obtainable in
each of the N regions in which he might settle, and selects the region that offers the largest
perceived utility. Therefore, the probability that inter-regional migrant i, chooses to settle in
region j is given by:

Pij=PUij=MAX[Ui1, Uiz, .. Uin.]1. (1)

To estimate equation (1), it is necessary to have information about the utility levels
that are present in each of the N regions. Since it is impossible to observe utility levels, an
alternative is to specify the variables that in each region presumably affect that utility level.

Thus, in each region, an inter-regional migrant’s utility level is a function of the region’s
characteristics, Xj;j

Then, if we assume a linear relationship, the equation results in:

Uij=8Xij, +eij, (2
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where £ is the parameter that will be estimated and e j j is the error term.

Using equation (2), | can write the probability of selecting region j as:

Pij=PXij+eij>Xil+eil Xijteij>Xi2+ei2 ...Xij+ei]j>XiN+eiN).(3)

McFadden (1973) has shown that if the e’s are expected to be independently and

identically distributed, then equation (3) can be rewritten as:

Pij=(Xijp) I X (Xin B )

n=1

Equation (4) is the conditional logit or likelihood function for any inter-regional
migrant i who has chosen to settle in region j. That s, P jj is the probability that individual
i will choose to migrate to destination j among N alternative destinations.*

The conditional logit model in equation (4) assumes that X;j and X , are the

characteristics of the jth and nth alternative destinations for individual i respectively, while,

as said before S is a vector of the parameters to be estimated.
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As also mentioned earlier, | use a conditional logit mixed model variation in which
the interaction terms between individuals’ characteristics and the regional characteristics of

their alternative destination options are also used as predictors of their location choice.

2.6 Data and Variables

All the data employed, I downloaded from Mexico’s official data source, namely
the Instituto Nacional de Estadistica, Geografia e Informacién (INEGI).*
INEGTI’s 10% Public Use Sample of the 2010 Mexican Census of Population generates
migration flow information from a question that asks in what location (state and county) the
interviewee resided 5 years ago.'®

From the Public Use Sample of the 2010 Mexican Census of Population I selected
information about male individuals between eighteen and sixty five years of age who
resided in a different region (or state) in 2005 than they did in 2010, and whom | call inter-
regional (or inter-state) migrants.'® For simplicity’s sake (again in this case), | describe only
how | built the dataset for individuals who moved across regions, and the regional-level
variables that | created to analyze the settlement patterns of inter-regional migrants; but |
followed the exact same logic to build the state-level dataset and state-level variables to
analyze the settlement patterns of inter-state migrants.

The dependent variable is the probability Pi j that the inter-regional migrant i chose
to settle in region j, with the probability assumed to be a function of the utilities associated

with the six other regions in the choice set. Thus, the dependent variable that | call
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Destination- Choice has a value of 1 for the region in which the inter-regional migrant
respondent chose to settle; and it has a value of 0 for all 5 other regions.”

| represent the utilities associated with the regions in the choice set through control
variables that | selected based on previous studies as well as on theoretical grounds.

Different models are estimated for Mexican inter-regional migrants, with utilities
represented by a series of observed explanatory variables which are expected to affect
locational choice, and that account for the differentials between regions’ socio-
demographic and economic characteristics during the initial period of the analysis (2005),
as well as their interactions with personal characteristics of migrants known to influence
settlement choice (see Bartel 1989; Newbold 1999).%

INEGI only reports the socio-demographic and economic place-characteristics at the
state (and county) levels so, for my regional-level analysis, I first had to calculate the
weighted averages that correspond to the boundaries of the regions | formed.

The predictors of migrant destinations that | assess as regressors are the following:

a.) Main Independent (Hypothesis Related) Variable: Interaction Term between

Migrant’s Years of Schooling and the Regional Differential in Income Inequality:

According to the self-selection model, a region’s returns to skill are, net of other
factors, proportional to the region’s income inequality (Borjas et al. 1992). Therefore, self-
selection studies that assess the effects of returns to skill on the locational choices of

migrants generally test whether the difference in the relative income inequality between
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migrant’s potential destination regions and their home or source region, drive a sorting of
migrants by schooling levels across destinations that have different levels of income
inequality (Borjas et al. 1992; Rosenzweig 2007; Clark et al. 2007; Belot and Hatton 2008;
Briicker and Defoort 2009; Ortega and Peri 2009; Grogger and Hanson 2011; Mayda 2010).

Since self-selection studies commonly use the GINI coefficient as a proxy of
income inequality, to form the main independent variable for my preferred model
specification, | employ INEGI’s published data of all Mexican states’ GINI coefficient.??

The main independent variable for my preferred model specification that | call
Q_Schl_X_R_Gini, I obtained by first calculating the differentials (ratios) between the GINI
coefficients of migrants’ possible 2010-settlement regions and their 2005-region of
residence (R_Gini), and by then multiplying R_Gini times each respondent’s individual
years of schooling measured in quintiles (Q_Schl).?® According to the self-selection model,
when proxying returns to skill with the interaction term Q_Schl_X_R_Gini, we should see a
negative effect, since higher levels of R_Gini (which correspond to lower levels of income
inequality) should attract migrants with lower levels of skill.

To check the robustness of my results | also use alternative returns to skill proxies
that are employed by other self-selection studies. | run sensitivity analyses using i.) The
interaction term between migrant’s schooling level and the regional differential in the
percent of the regional gross product owned by the richest 10% of the population in that
region (Q_Schl_x_%GDP_10pc_Richest), a common way to measure income inequality
(see McKenzee and Rapaport 2007), ii.) The average values of the regional differentials in

education specific earnings (following Grogger and Hanson 2011); and iii.) The regional
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differentials of the GINI coefficients (R_Gini) when running separate analyses for the

groups of migrants with different schooling levels.?*

b.) Migrant Networks:

As a control for possible linkages between prospective out-migrants in each
migrant’s home region and family and friends already settled in each of the potential
destinations, | include for each individual the logarithm of the total number of persons from
his region (or state) of birth who in 2005 lived in each of the 6 regions (or 31 states).
This control is essential because prior studies have repeatedly found that this measure
captures the all-important migrant network effect by proxying the social ties between
communities of origin and communities of destination that have been formed by past
migrations and that reduce the migration costs for later migrants (Massey 1990; Palloni et
al. 2001; Davis et al. 2002; Peeters 2008; Villarreal and Hamilton 2012; Bartel 1989; Scott
et al. 2005; Zelinsky and Lee 1998). Following the standard findings of the migration
literature and also the findings of studies in Mexico of international and internal migration,
I expect the presence and the size of these migrant networks to be a key and positive
determinant of location choice among Mexican inter-regional (and inter-state) migrants
(Massey and Espinosa 1997; Palloni et al. 2001; Davis et al. 2002; Peeters 2008; Villarreal

and Hamilton 2012; Curran and Rivero-Fuentes 2003; Aroca and Maloney, 2005).
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c.) Being a Return-Migrant (Binary Variable):

Because about 40% of migrants return to their region of birth, in some
specifications | also complement the migrant network proxy with a binary variable that
indicates whether the migrant is returning to his region (or state) of birth; alternatively, |
sometimes restrict the analysis to non-return-migrants. Both variables are routine in studies
that include cyclical migration, and much internal migration within Mexico is cyclical
(Massey et al. 1987; Massey and Espinosal997). Following the literature, | expect this
return migration dummy variable and the network proxy greatly to improve the odds of

settlement choice.

d.) Regional Differential in Total Population:

A region’s total population can also influence settlement choice because settlement
choice correlates with job opportunities as well as with the scope and scale of local services
(Davies, Greenwood and Li 2001). The control for a region’s population also acts as a
scaling factor that accounts and adjusts for the size of the different streams of migration
into and out of regions of various population sizes (Peeters 2008). Thus, as commonly done
in locational choice studies, I control for total population by constructing a population
variable (Ln_Pop) as the ratio between the natural logarithm of the population size of each
migrant’s possible 2010-destination region and the natural logarithm of the population size
of each migrant’s region of 2005-residence (see Davies, Greenwood and Li 2001; Peeters
2012). The population size information that | use to build these ratios, | obtained from

INEGI’s main results of the 2005 Inter-Decennial Population Count, which coincides with
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the beginning of the 5-year period under consideration (2005-2010).%° Following Bartel
(1989), Scott et al. (2005), Davies, Greenwood and Li (2001), Aroca and Maloney (2005)
as well as Villarreal and Hamilton (2012), | expect the coefficient of Ln_Pop to exhibit a

positive sign on the probability of settling in regions (or states).

e.) Differential of Job Growth between 2005 and 2010:

Similarly, as a conventional indicator of the vibrancy of each region’s economy I
include the region’s (or state’s) percentage job growth during the period of analysis
(Newbold 1999; Scott et al. 2005). Using INEGI’s employment information for 2005 and
2010, for each inter-regional migrant, | formed the ratio between the job growth
experienced by each migrant’s potential 2010-destination-region and his region of 2005-
residence.?” This regional differential in job growth | labeled Job_Growth 0510, and
following the literature (i.e. Newbold 1999; Scott et al. 2005), | expect to exhibit a positive

sign.

f.) Distance from Region (or State) of 2005-Residence to 2010-Destination

Alternatives:

As a proxy for transportation and lodging expenses, as well as for indirect
psychological costs related to migration, the distance between origin and potential
destination regions is generally also included in settlement choice studies (Bartel 1989;
Newbold 1999; Peeters 2012; Davies et al. 2001). There are two common ways to include

the distance variable. One way is to include in the model the log transformed distance
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measures between regions (i.e. see Peeters 2012), and the other is to include in the model
the direct measure of distance, along with its squared term (see Davies, Greenwood and Li
2001; Aroca and Maloney 2005). Although I tested the effect of distance using both
common alternatives, | obtained the best fit statistics when | used the log-transformed
measure of geographical proximity, that I call Ln_Distance. Thus, my distance measure
was calculated by log transforming the data on highway distances in hundreds of kilometers
between the capital city of each migrant’s home state and each region’s central part or each
of the Mexican state capitals, that | obtained from the City Distance Tool

(http://www.geobytes.com/CityDistanceTool.htm?loadpage). Because a century of

migration studies has consistently found that a greater distance between origin and
destination reduces the expected settlement probability of migrants, | expect Ln_Distance
to exhibit a negative effect (Bartel 1989; Newbold 1999; Davies et al. 2001; Aroca and

Maloney 2005).%

g.) Regional Differential in Mean Earnings (Average Income):

As an indicator of regional differences in living standards 1 also include the ratio of
the per capita income in 2005 of a migrant’s possible 2010-destination regions and their
region of 2005-residence (as do Peeters 2012; Greenwood 1997; Newbold 1999; Scott et
al. 2005; Villarreal and Hamilton 2012). The regional differential in average income levels
(R_Ln_Earnings), | calculated using regional weighted averages of state’s GDPs that |
obtained from the Municipal Indicators of Human Development in Mexico generated by the

United Nations Program for Development of Mexico (PNUD-Mexico).?® Following the
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literature, | expect migrants to prefer destinations with higher relative income levels, since
other studies have found that migrants are generally attracted to destinations with relatively
higher per capita incomes (see Davies et al. 2001; Villarreal and Hamilton 2012; Peeters

2012).%

h.) Regional Differential in Unemployment Rate:

As an indicator of labor-market conditions and particularly of the different job
opportunities between destination and origin regions, locational choice studies often control
for the effect of regional differentials in unemployment rates (Peeters 2008; Davies et al.
2001). Although, a principal reason for migration is the search for jobs, and standard
economic theories of migration predict that a region’s higher unemployment level should
deter migration, empirical findings have been mixed (Davies et al. 2001; Lucas 1997;
Aroca and Maloney 2005). Moreover, the effect that relatively high regional unemployment
levels may have within developing countries is even less clear, since these countries often
have large regional variations regarding their participation in the more formal sectors of the
economy, the only sectors in which unemployment rates actually are recorded (Portes and
Roberts 2005; Villarreal and Hamilton 2012). For example, in Mexico, high
unemployment levels tend to be correlated with a higher share of the population working in
the modern sectors of the economy whereas poorer regions (that generally have a high
share of labor force in the primary sector and particularly in agriculture) have the lowest
unemployment rates. So, even though I do not have a specific expectation about the effect

of unemployment levels, | decided to include the regional differential in unemployment
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levels in some specifications because this variable is an important measure for which
controls are essential. These regional differentials of unemployment rates I built by
calculating the ratio of unemployment rates between migrant’s possible 2010-destination
regions and each migrant’s region of 2005-residence (R_Unemployment), when using

information from INEGI.%

i.) Urbanization Levels:

As a catch-all variable that controls for local cost of living, amenities, and formal
and informal job opportunities, | proxy the degree of urbanization of a migrant’s 2005
location (Urb). This I do because such important aspects of affordability, opportunities and
amenities may vary more across locations of different sizes than across regions, and may,
thus, affect settlement choices (Aslund 2005; Damm and Rosholm 2010; Aroca and
Maloney 2005; Fafchamps and Shilpi 2008; Peeters 2012; Davies et al. 2001; Newbold
1999; Scott et al. 2005; Villarreal and Hamilton 2012). Because the 2010 Mexican Census
information only provides information about the exact urbanization level of respondent’s
2010- but not about their 2005-location, | am unable to use Urb directly as a control
variable. Following Villarreal and Hamilton (2012), I instead run model specifications
separately for inter-regional migrants whose 2005-county of residence I classified as being
mostly rural or mostly urban, given the total population number of the county in which

each migrant resided in 2005.*
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j.) Regional Differential in Income Inequality:

Although, the interaction term Schl_X_R_Gini is my main independent variable, in
some specifications | also include R_Gini as an additional control of income inequality,
because its inclusion obtains a better model fit. I, however, test the effect the interaction
term Schl_X_R_Gini with and without the inclusion of R_Gini, in order to assess whether
the results are robust to its inclusion or exclusion. Following the self-selection hypothesis, |
expect R_Gini to have a negative effect on settlement choice, since higher levels of income

inequality are generally associated higher levels of poverty.

k.) Share of the Population working in the Primary Sector:

Also as an indicator of labor-market conditions and particularly of the different job
opportunities between destination and origin regions, locational choice studies often control
for the effect of regional differentials in the share of the population working in agriculture
or in the primary sector (Peeters 2012; Stark et al. 1991). For a developing country, the
expectation is that a region’s high share of the population working in agriculture is
correlated with lower levels of development (and higher poverty), and thus, that it would
induce higher levels of out-migration (Todaro 1969; Stark et al. 1991). In some
specifications | decided to include the regional differential in the share of the population
working in the primary sector (and as an additional control also of the GNP of agriculture
as a proportion of the total GNP in each region) because this variable may control for
regional differences in development in a more direct way than other variables. These

regional differentials of share of the population working in the primary sector in 2005 |
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built by calculating the ratio of these shares between migrant’s possible 2010-destination
regions and each migrant’s region of 2005-residence (R_Rate_%Pop_Prim_Sec), when

using information from the Census (INEGI).*

k.) Differential in Insecurity Levels:

During the period of analysis (2005-2010), insecurity levels were quite high in
many parts of Mexico, mainly as a result of drug criminals. Therefore, as a proxy of
insecurity levels, in some specifications that | run at the state-level, I also include the state
differential in the number of homicides per 100,000 people between migrant’s possible
2010-destination states and their 2005-state of residence, which I labeled R_Insec.®* The
reason | only control for R_Insec at the state level and not at the regional level is because
regions are too large for this proxy to be meaningful. And, although I have not found
studies that have assessed whether insecurity levels have influenced Mexicans’ overall
inter-state or inter-regional migration and settlement patterns, following studies performed
in other countries (see Cebula 2005; Khoudour-Castéras 2007; Morrison and May 1994;
Sandoval, Boton and Botero 2011) | expect higher insecurity levels to depress the odds of

settlement choice.®

l.) Regional Fixed Effects (Binary Variables):
The previously mentioned variables are all either regional differentials between
migrant’s potential destinations and regions of 2005-residence regarding certain

socioeconomic or demographic characteristics expected to influence settlement choice, or
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they are the interaction terms between these differentials and migrant’s personal
characteristics. However, it is possible that apart from these regional differentials and
interaction terms, other observable and or unobservable 2005-source-region-specific
characteristics might influence migrant’s settlement patterns (Grogger and Hanson 2011;
Davies, Greenwood and Li 2001; Peeters 2012). So, instead of controlling for an
additional set of observable source-region characteristics directly, I also control for all
observable and unobservable source-region (or source-state) characteristics by creating
dummy variables for each region (or state). These variables control for source-region fixed
effects (Grogger and Hanson 2011). For each region I, thus, created one dummy variable,
resulting in 7 dummy variables, with the South Eastern region of Mexico, being the omitted
variable.

Likewise, for the inter-state analysis, | created a dummy variable for each state
resulting in 32 dummy variables, with Zacatecas being the omitted variable. | also present
the results of the different analyses with and without regional fixed effects (including the fit
statistics in each case), because, although Davies et al. (2001) includes regional fixed
effects, Villarreal and Hamilton (2012) do not. Additionally in some specifications the
inclusion of regional fixed effects improves the goodness of fit, whereas sometimes | obtain
better fit statistics when they are excluded. Moreover, by controlling only for regional
characteristics in terms of the regional differentials, their interaction terms with individual-
level characteristics, and regional fixed effects, | guarantee that all variables are scaled to

comparable size, as required for the conditional logit procedure.
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2.7 Summary Data

This section presents each region’s economic and migration flow statistics as well
as information about the average schooling levels of the inter-regional migrants who left
and entered each region between 2005 and 2010. Then, combining these data in a
preliminary analysis, | address each region’s descriptive information, inquiring whether
migration flows conform to the self-selection hypothesis. I also inquire whether the size of
each region’s migration flows corresponds to what, during the last century, had been the
typical pattern of Mexico’s internal-migration, e.g. that the regions with relatively high
average incomes attracted the most migrants.>

Map 1 displays the number of individuals who resided in a given region i in 2005
(i.e. the South) but who had out-migrated, and, by 2010 resided in one of the other 6
regions. These persons | call regional out-migrants. Likewise, for each region, Map 1shows
the number of individuals who came into, and by 2010 resided in a given region j, while in

2005 they had resided in one of the other 6 regions (regional in-migrants).
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Map 1
Number of All Male Working-Age Regional Out-Migrants,
Regional In-Migrants and Net-Migration between 2005-2010

/

North-West North-East
Out: 82,408 Out: 64,908
In: 100,551 In: 85928
Net: 18,143 Net: 21,020

\

North-Central

Out: 61,748 South-Fast

P o Out: 24,432

Net: 25,061 In: 55254

West Net: 30.822
Dut: 73,177

Central

In: 78,476
. : 7
Net: 5,299 Out: 209,375

In: 152,468
Out: Number of Regional Out- Net: -56.907
Migrants who left the Region

btw 2005-2010

In: Number of Regional In-
Migrants who came into the South
Region btw 2005-2010 Out: 114,241

In: 70,803
Net: Net-Migration 2005-2010 Net: -43.438

Likewise, for each Mexican region, Table 2.1 displays the following statistics: a.)
Total population in 2005 in millions, b.) Average income in 2005, c.) Location quotient of
average income in 2005 (relative to the national average income that | normalized to 1), d.)
Number of new jobs by million inhabitants between 2005 and 2010, e.) Location-quotient
of number of new jobs by million inhabitants between 2005 and 2010, f.) Income-

inequality, e.) Location quotient of income inequality.
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Similarly, for each Mexican region, Table 2.2 displays the following regional and
migration statistics: a.) Location quotient of average income in 2005, b.) Net migration
flows (that is, the number of migrants who between 2005 and 2010 entered a region minus
the number of migrants who left that region), c.) Net migration intensity (namely, each
region’s net migration between 2005 and 2010 divided by the total population of each
region) , d.) Percent of non-return migrants among the region’s total in-migration flow
between 2005 and 2010, e.) Percent of non-return migrants among the region’s total out-
migration flow.

Table 2.3 presents the average years of schooling of regional out- and in-migrants.
So that Mexico’s high levels of regional cyclical migration do not blur our understanding of
migrant’s characteristics, | also show the average years of schooling of the non-return
regional out- and in-migrants (that is, of all the inter-regional migrants who had not, by
2010, settle in their region of birth).*®

For simplicity’s sake, Table 2.3 likewise shows the location quotient which
indicates the percent by which the average years of schooling of the total streams of
regional in- and out- migrants, and that of the non-return regional in-and out-migrants, lay

above or below the average schooling level of all inter-regional migrants.
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Table 2.1

Region’s Total Population in 2005 in Millions, Average Income in 2005, Location Quotient of Average Income in 2005,
Number of New Jobs per Million Inhabitants between 2005-2010, Location Quotient of Number of New Jobs by Million

Inhabitants 2005-2010, GINI Coefficient in 2005 and Location Quotient of GINI Coefficient.

Total Av. LQ Av. New Jobs L.Q. New Jobs GINI LQ of GINI

Region Population Income Income Per Mill Inhab. Per Mill Inhab. Coefficient Coefficient
2005 in Mill 2005 2005 2005-2010 2005-2010 2005 2005
South-East 4.10 5,727 0.91 52,254 23.36 0.48 1.05
North-Central 12.58 6,185 0.99 31,822 25.62 0.49 1.15
North-East 10.67 7,189 1.15 35,339 16.33 0.44 0.73
North-West 14.26 7,250 1.16 36,203 19.04 0.46 0.85
West 13.44 6,720 1.07 36,358 22.04 0.47 0.99
Central 43.06 6,340 1.02 33,963 21.15 0.48 0.95
South 14.23 3,900 0.62 26,627 30.71 0.53 1.38
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Table 2.2

Region’s Location Quotient of Average Income in 2005, Net Migration between 2005-2010, Number of Net
Migrants 2005-2010 by Million Inhabitants, Percentage of Non-Return-Migrants among of Total In-Migration
Flows between 2005-2010, Percentage of Non-Return-Migrants among Total Flow of Out-Migrants 2005-2010.

% Non-Return- % Non-Retumn-

Region L.Q. of Av. Net Net Migration Migrants among Migrants among
Income Migration per Mill. Inhab  Total In-Migrants Total Out-Migrants
2005 2005-2010 2005-2010 2005-2010 2005-2010
South-East 0.91 30,822 7,511 92% 41%
North-Central 0.99 25,061 1,993 75% 62%
North-East 1.15 21,020 1,970 84% 45%
North-West 1.16 18,143 1,272 84% 40%
West 1.07 5,299 394 71% 66%
Central 1.02 -56,907 -1,322 43% 82%
South 0.62 -43,438 -3,053 41% 82%
Table 2.3

Region’s Location Quotient of Average Income in 2005, Average Years of Schooling of Non-Return

Out-Migrants who left each Region after 2005, and Average Years of Schooling of Non-Return
In-Migrants who came into each Region by 2010

Region

Location Awv. Years of Schooling of
Quotient of Non-Return Out-Migrants
Av. Income who left Region after 2005

Auv. Years of Schooling of
Non-Return Out-Migrants
came into Region by 2010

South-East

North-Central

North-East

North-West

West

Central

South

0.93 11.75
0.99 10.42
1.16 11.97
117 11.40
1.09 10.97
1.02 11.20
0.63 9.53

10.93

11.89

10.55

9.74

10.95

10.90

11.57
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As can be seen in Table 2.2, four regions experienced positive migration flows and,
thus, a net gain of inter-regional migrants between 2005 and 2010. These were the South-

East, North-Central, North-Eastern and North-Western regions.

South-East and North-Central

The South-Eastern and the North-Central regions attracted the most inter-regional
migrants and also experienced the largest employment growth between 2005 and 2010.
However, contrary to last century’s typical Mexican internal migration patterns, the mean
wage levels of these two main migrant attractor-regions were below, and consequently their
income-inequality levels above the national means.*® Table 2.3 shows as well that in 2010
the average years of schooling of both the total and non-return streams of in-and out-
migrants who left and came into the South-East and North Central, were always above the
inter-regional migrant’s mean schooling level. Although the above average schooling level
of those coming into the South-Eastern and North-Central regions conforms to the self-
selection hypothesis (people with high schooling enter poorer regions), the above average
schooling level of those leaving these regions, does not. The non-conformity of the average
schooling levels of the out-migration flows from these two regions is probably due to the
fact that these regions’ large employment growth also created high demand for relatively
low-skilled workers. It, therefore, seems likely that the low-skilled residents from these
regions found relatively good-paying low-skill jobs close to their home, and therefore did

not have search for jobs in other regions.
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North-East and North-West

During this same period, and when compared to the South-East and North-Central,
the North-Eastern and North-Western regions experienced a smaller but still important net
gain of inter-regional migrants while having a close to average level of employment
growth. Moreover, consistent with Mexico’s typical internal migration pattern of last
century, these two migrant-attracting regions had the country’s highest average income and
the lowest income inequality levels in 2005. In terms of the schooling levels, the total- and
non-return flows of in- and of out-migrants conform to the self-selection hypothesis. We
see this conformity because, particularly in the case of the non-return out-migrants who left
these two high-income regions, their 2010-average years of schooling lay considerably
above the inter-regional migrant’s national mean; and, among the non-return in-migrants
who entered these two regions, the average years of schooling lay considerably below this
mean. The difference in schooling levels between the total stream and the non-return
stream of out- and in-migrants from and to the North West is particularly extreme because
during the North West’s main agricultural season, many relatively low-skilled migrants
(mainly from the Southern region) come to work there, and then return home. Hence, the

percent of cyclical migration to the North-Western region is the highest of any region.

West
The Mexican West was the only region that, having a low net-inter-regional
migration intensity basically exhibited an equilibrium between in- and out- migrants.

Between 2005 and 2010, the West experienced close to average employment growth, and
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the West’s average income level lay above the national mean in 2005. Thus, the small size
of the in-migration flows into this high income Western region is contrary to the last
century’s typical Mexican internal migration pattern. Similarly, the small size of out-
migration from the West is atypical. This distortion may reflect the West’s traditional high
access to migratory networks in destinations within the United States. As a result of these
important migrant networks in the U.S., the Mexican West may experience diminished
internal migration. The average schooling levels of the West’s out- and in-migration
streams conforms to the self-selection hypothesis, e.g. the West is a high income region that
exports more high skilled labor and imports more low skilled labor.

Two Mexican regions were net exporters of labor. The Central and the Southern
regions exhibited a net loss of inter-regional migrants, but the Central and the Southern

regions were quite different in respect to their economic characteristics.

Central

Between 2005 and 2010, Mexico's Central region experienced a considerable
population loss due to migration. In absolute numbers, the Center lost more people to out-
migration than any other region, and only the South had a higher proportion of population
loss from migration. However, contrary to the last century’s pattern, the Central region
experienced this large exodus despite above-average income and employment growth, and
below-average income-inequality. On the other hand, the average years of schooling of the
Center’s total- and non-return- streams of inter-regional out- and in-migrants conform to

the predictions of the self-selection hypothesis. Mexico’s Central region was, thus, a
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relatively high income region that, between 2005 and 2010, attracted mainly low skilled

workers, and exported a large number of more high skilled workers.

South

The poorest region of the country, the South had an average income 38% below,
and an income inequality level 38% above the national means in 2005. The South also had
Mexico’s lowest employment growth between 2005 and 2010. Consistent with last
century’s typical Mexican internal migration pattern, this poor region also had (relative to
its population size) the country’s highest out-migration rate, experiencing a net loss of
3,053 inter-regional migrants per one million inhabitants between 2005 and
2010. Moreover, consistent with the self-selection hypothesis, particularly among the non-
return migrants, the average years of schooling of the in-migrants was higher than the mean
schooling level of all inter-regional migrants, while the average years of schooling of the
out-migrants was considerably below that mean. The conformity with the self-selection
theory is particularly visible among the South's non-return migrants because the South’s
migrants were frequently cyclical, since many worked in the North-West’s agricultural
industries, and then returned home. In sum, the South is a poor region that exported a large
number of low-skilled workers and imported high-skilled workers between 2005 and 2010.

Examining the descriptive statistics of Mexico’s different regions regarding their
income- and income-inequality levels, together with the average schooling levels of all
regional in- and out-migrants, and particularly with that of the non-return migrants, 1 find

preponderant support for the self-selection hypothesis. Thus, the average years of schooling
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of the out-migrants from the higher average income regions (e.g. the North-Western the
North-Eastern, the Western, and the Central regions) were all above the inter-regional mean
schooling level of all inter-regional migrants whereas the average years of schooling of the
inter-regional in-migrants into these high income regions was in all cases below this mean.
Conversely, the streams of inter-regional in-migrants who came into the three lower income
regions (the South, South-East and North-Central), all had an average schooling level above
the inter-regional-migrant’s mean, whereas the schooling levels of the inter-regional out-
migrants who left the South and the North-Central regions was below this national mean,
but this was not the case for the out-migrants from the South-East.

Moreover, the fact that, unlike last century’s typical migration pattern, some lower
income regions were exerting the strongest migrant-attraction, while some higher income
regions were loosing the most population to migration, suggests that, following a trend that
had already begun in the previous century, the proportion of migrants with relatively high
schooling levels probably kept increasing (see Garza 2003).

In summary, just from examination of the descriptive statistics, it is apparent that
the average years of schooling of Mexico’s different streams of regional in-and out-
migrants were nearly always consistent with the self-selection hypothesis. Also, more even
proportions of lower- and higher-skilled migrants suggest that this predicted effect should
be detectable with analytical statistics. Therefore, | now turn to detailed econometric
analyses that permit control for all the explanatory variables known or expected to affect

migrant’s locational decisions.
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2.8 Estimation Results

Using the mixed-model conditional logit convention described above, for all male
Mexican individuals aged 18-65 who resided in a different region in 2005 than in 2010
(inter-regional migrants), | assess the effect of their individual returns to skill on their
settlement choices.

As explained earlier, | proxy the returns to skill by the interaction between each
inter-regional-migrant’s schooling level (measured in quintiles, Q_Schl), and the regional
differential in income inequality, when measured in 2 different ways, namely R_Gini (the
regional differential of the GINI coefficient) and R_GNP_10pc_Richest (the regional
differential in terms of the percent of the gross regional product that is owned by the 10%
richest part of the population). The main independent variables that I alternatively use are,
thus, Q_Sch_X_R_Gini (the interaction term between the migrant’s schooling level and
R_Gini) and R_GNP_10pc_Richest (the interaction term between the migrant’s schooling
level and R_GNP_10pc_Richest).

In Table 4 I present the results of migrants’ settlement choices when proxying the
returns to skill as Q_Schl_X R_GNP_10pc_Richest. As can be seen in Table 2.4, the odds
ratio of Q_Sch_X R_GNP_10pc_Richest is statistically significant and positive across all
specifications, thus showing that, as predicted, Mexican inter-regional migrant’s settlement
choices are sensitive to regional variations in returns to skill.’

Moreover, the results of all specifications (see Table 2.4 columns 1-7) further show

that, as expected, inter-regional migrants are highly (and significantly) attracted to regions
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where the inter-regional migrant was born, as well as to regions where each inter-regional
migrant has a large social network of earlier migrants from the same region of birth.

Likewise, in Table 2.4 we see that across all specifications, and as predicted, there is
a consistent positive effect of the interaction between return-migration and individual’s
schooling levels, which shows that inter-regional migrants with fewer years of schooling
are significantly more likely to return to their regions of birth, than are those with more
years of schooling.

Also as expected, inter-regional migrants are significantly more attracted to settle in
regions that have a higher average income and which are experiencing higher employment
growth than are their 2005 regions of residence.®

Conversely, but also as predicted, in Table 2.4 we can see that a region’s high level
of income inequality (R_GNP_10pc_Richest), unemployment (R_UnEmp), share of
migration to the U.S. (R_US_Mig), percent population who works in the primary sector
(R_Rate_of %Pop_Primary_Sector), all depress the migrant’s likelihood of choosing it for
settlement.®

However, the ratio between total population of possible destination regions and the
total population of the region of residence in 2005 do not have an entirely consistent effect
across specifications, since in all the specifications that do not control for regional fixed
effects, a region’s relatively larger population has a slightly negative and significant effect,
while for the 2 specifications that control for regional fixed effects, the effect is not

significant.
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Every specification that | present in Table 2.4 passes all my regression diagnostics
tests (multicolinearity vif, specification test, mfx margins, percent correctly predicted,
MCFadden’s Rsq) and, while I also ran some other specifications in which I included all
independent variables at once (i.e. the regional differentials of average income,
employment growth, unemployment levels, percent primary sector participation, with and
without regional fixed effects) I do not present them because they had multicolinearity
problems and sometimes also did not pass other diagnostic tests, even when they all
consistently showed the same basic results in terms of my main or hypothesis-linked
variable.

In Table 2.5 | present the same analysis as in Table 4, but this time the main
independent variable is the interaction term Q_Schl_X_R_Gini . Like the results of Table 4,
the ones shown in Table 5 also support my hypothesis, since Q_Schl_X R_Gini also has a
consistently positive and significant effect across all specifications. Moreover the effect of
Q_Schl_X_R_Gini (see Table 2.5) seems to be even stronger than that of
Q_Sch_X_R_GNP_10pc_Richest. However the difference in terms of the strength of the
effect between these two variables that | use to proxy returns to skill is mainly due to their
measurement characteristics, given that Q_Schl_X_R_Gini has a much narrower dispersion
than does Q_Sch_X_R_GNP_10pc_Richest.

The results of Table 2.4 and Table 2.5 are also similar in terms of the effect of all
other variables. In general, then we see consistent findings when using as main
independent variable the interaction term between migrant’s schooling levels and the

regional differentials of either one of these two measures of income inequality.
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However, in order to further test my results, I also ran a series of additional
robustness checks that | present in the next section, and which | compare to the results

presented in Tables 2.4 and 2.5, and that | call my preferred specifications.
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Table 2. 4

Effects of Regional Differentials and Regional Characteristics on the Settlement Choice of Male Working-Age Mexican
Inter-Regional Migrants who moved across Regions between 2005-2010

Variables Odds Odds Odds Odds Odds Odds
Ratio p Ratio p Ratio p Ratio p Ratio p Ratio p
R_Total_Population_Mill 0.93 ** 0.95 ** 09 ** 09 ** 1.02 1.02
[0.010] [0.01] [0.012] [0.012] [0.021] [0.021]
Ln_Co_Regionals 1.92 ** 194 ** 20 ** 20 ** 181 ** 1.80
[0.039] [0.04] [0.04] [0.04] [0.047] [0.045]
Ln_Distance 0.89 ** 0.83 ** 0.83 ** 0.85 ** 059 ** 0.61 **
[0.031] [0.029] [0.03] [0.03] [0.038] [0.035]
R_GNP_10pc_Richest 022 ** 0.19 ** 0.25 ** 0.25 ** 0.15 ** 0.27 **
[0.04] [0.04] [0.057] [0.057] [0.09] [0.127]
Q_Schl_X_R_GNP_10pc_Richest 1.44 ** 1.48 ** 1.48 ** 1.48 ** 147 ** 147  *
[0.071] [0.076] [0.073] [0.073] [0.074] [0.074]
R_Av_Income_All 1.25 185 ** 2.86
[0.20] [0.29] [2.471
Being_a_Return_Migrant 3.81 ** 3.85 ** 359 ** 3.62 ** 514 ** 5.24 *
[0.48] [0.49] [0.46] [0.46] [0.75] [0.76]
Q_Schl_X_Being_a Return_Mig 0.73 ** 0.73 ** 0.73 ** 0.72 ** 0.72 ** 0.72  **
[0.02] [0.02] [0.019] [0.019] [0.02] [0.02]
R_New_Empl_by_Muill 123 **
[0.09]
R_Av_Unemployment 0.72 ** 0.71 ** 0.70 **
[0.05] [0.048] [0.046]
R_Rate_of_US_Emigration 0.94 **
[0.021]
R_Rate_of_%Pop_Primary_Sector 0.82 ** 0.80 **
[0.026] [0.025]
S1 0.88 129
[0.29] [0.148]
S2 0.57 0.91
[0.22] [0.126]
S3 0.66 ** 0.70 **
[0.059] [0.054]
sS4 0.54 ** 0.68 **
[0.11] [0.037]
S5 0.48 ** 0.58 **
[0.08] [0.056]
S6 0.93 0.58 **
[0.38] [0.095]
% Correctly Predicted 79 78 78 80 76
_Hat 0 0 0 0 0 0
_HatSq 0.875 0.94 0.82 0.84 0.148 0.631




Table 2.5
Effects of Regional Differentials and Regional Characteristics on the Settlement Choice of Male
Working-Age Mexican Inter-Regional Migrants who moved across Regions between 2005-2010

Odds Odds Odds Odds Odds
Variables Ratio p Ratio p Ratio p Ratio p Ratio p
R_Total_Population_Mill 0.93 ** 0.93 0.94 ** 0.96 ** 1.02
[0.012] [0.012] [0.01] [0.012] [0.021]
Ln_Co_Regionals 1.96 ** 197  ** 193 ** 1.96 ** 181 i
[0.04] [0.041] [0.038] [0.04] [0.046]
Ln_Distance 0.83 ** 0.86  ** 0.88 ** 0.83 ** 0.59 il
[0.035] [0.031] [0.031] [0.029] [0.037]
R_GINI_by_Region 0.001 ** 0.001  »= 0.001 ** 0.001 **
[0.0006] [0.0008] [0.0005] [0.0008]
Q_schl_X_R_GINI 5.92 = 598  ** 524 ** 579 ** 5.82 i
[1.19] [1.21] [1.01] [1.18] [1.17]
R_Av_Income_All 1.01 1.79 ** 1.31
[0.21] [0.41] [0.81]
Being_a Return_Migrant 4.00 *=* 3.98  *= 410 ** 4.06 ** 5.60 *x
[0.51] [0.51] [0.52] [0.52] [0.82]
Q_Schl_X_Return_Migrant 0.71 =*= 0.71 wx 0.72 ** 0.71 ** 0.70 *x
[0.019] [0.02] [0.019] [0.02] [0.02]
R_New_Empl_by_ Mill 1.25 **
[0.11]
R_Av_UnEmployment 0.67 ** 0.68  ** 0.74 **
[0.043] [0.043] [0.05]

R_Rate_of _US_Emigration 0.94 *=

[0.021]
R_Rate_9%oPop_Prim_Sector 0.85 =** 0.83  **
[0.027] [0.025]

St 1.61 o
[0.31]

S2 1.28
[0.24]

S3 0.55 fadad
[0.051]

sS4 0.71 o
[0.09]

S5 0.55 faiad
[0.06]

S6 0.32 falad
[0.06]

% Correctly predicted 80% 81% 80% 78% 76%

_Hat 0 0 0 0 0

_HatSq 0.84 0.86 0.97 0.96 0.71
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2.9 Sensitivity Analyses

To further check the robustness of my results, I perform a number of sensitivity
tests, inquiring whether the results that | have obtained in my preferred specifications still
hold once I: a.) Run the analysis separately for each group of migrants with different levels
of schooling, b.) Use an alternative empirical strategy that assesses the migration patterns
of both, movers and non-movers, c.) Employ a different geographical scale (states instead
of regions), d.) Test for the omission of some high-profile states, e.) Run the analysis
separately for the migrants whose 2005-county of residence was predominantly rural or
urban, f.) Perform a rare events regression following King and Zeng (2001), which corrects
for biases that may occur in different types of logit and logistic regressions that predict rare

outcomes (when the datasets have many more 0Os than 1s).

a.) Assessing the Effect of the Regional Differential in Income Inequality across Groups of
Migrants with different Levels of Schooling:

It is conceivable that in the previous analyses the interaction terms | used to proxy
returns to skill show a significant and positive effect because one of the groups of migrants
with a certain level of schooling (low or high) may be extremely sensitive to the regional
differences in returns to skill, thus possibly overwhelming the analysis and masking the fact
that migrants with different schooling levels may not behave in a way that is consistent

with the self-selection hypothesis.
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Therefore, (as shown in Table 2.6) to test whether all the groups of inter-regional
migrants who fall into the different quintiles of schooling levels behave as expected by the
self-selection model, for each of the 5 different quintiles of schooling, | run an analysis that
is similar to my preferred specifications, except that, instead of assessing the effect of
Q_Schl_X R_GDP_10pc_Richest (as | do in Table 2.4), | leave this interaction term out,
and focus on whether the effect of R_GDP_10pc_Richest (the regional differential of
income inequality) varies across the groups of migrants with different schooling levels in a
way that supports my previous findings, and thus, my hypothesis. *°

As can be seen in Table 2.6 columns 4-8 and confirming my earlier results, inter-
regional migrants who have relatively lower levels of education and, hence, fall into the
education categories Quintile-1, Qunitile-2 and Quintile-3, a region’s income inequality
that is higher than that of their region of 2005-residence, significantly depresses the odds of
settling there. We can, moreover, see that the odds of settling in a higher income-inequality
region declined as a migrant’s schooling levels declined. For the inter-regional migrants
who fall into the category Quintile-4 (see Table 2.6, col. 8) the effect of
R_GDP_10pc_Richest is not significant, while for those who fall into the category with the
highest levels of schooling (Quintile-5, see Table 2.6, col. 9), an income inequality that is
higher than that in the region of their 2005-residence, significantly enhances the likelihood
of settling there.

For example, for the inter-regional migrants with the lowest level of schooling, who
fall into the category Quintile-1 (see Table 2.6, col. 4), an additional unit in the regional

income differential R_GDP_10pc_Richest between a possible destination region and the
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region of 2005-residence, reduces the odds of settling in that region by 77% (0.77=1 -
0.23). %

Conversely, for an inter-regional migrant who has high levels of schooling and falls
into the category Quintile-5 (see Table 2.6, col. 8), an additional unit in the regional income
differential R_GDP_10pc_Richest between a possible destination region and his region of

2005-residence, actually increases the odds of settling there by 95% (0.95= 1-95 — 1).
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Table 2.6
Effects of Regional Differentials and Regional Characteristics on the Settlement Choice of Male Working-Age Mexican Inter-Regional
Migrants who moved across Regions between 2005-2010, by Quintile of Schooling Level

Q_SCHL Q_SCHL Q_SCHL Q_SCHL Q_SCH
1 2 3 4 5
Odds Odds Odds Odds Odds Odds Odds
Variables Ratio p Ratio p Ratio p Ratio p Ratio p Ratio p Ratio
R_Total_Pop_in_Mill 093 ** 0.90 ** 08 ** 09 ** 08 ** 09 ** 1.0
[0.10] [0.011] [0.049] [0.033] [0.024] [0.023] [0.021]
Ln_Co_Regionals 1.95 ** 195 *=* 23 ** 23 ** 22 ** 20 ** 17
[0.04] [0.04] [0.17] [0.14] [0.09] [0.08] [0.064]
Ln_Distance 0.87 0.84 = 0.89 1.02 1.07 081 ** 0.59
[0.31] [0.035] [0.105] [0.086] [0.107] [0.063] [0.039]
R_GNP_10pc_Richest 115 111 0.23 ** 056 * 062 * 1.50 1.95
[0.17] [0.17] [0.149] [0.232] [0.17] [0.528] [0.529]
Being_a_Return_Migrant 1.10 1.10 1.08 131 1.00 1.04 1.13
[0.085] [0.086] [0.27] [0.33] [0.14] [0.18] [0.16]
R_Av_Income_All 158 **
[0.25]
R_New_Empl_by_Mill 136 ** 0.61 ** 0.13 ** 050 ** 040 ** 0.87 1.16
[0.087] [0.061] [0.05] [0.142] [0.06] [0.201] [0.21]
R_Av_UnEmployment 0.54 ** 015 ** 043 ** 037 ** 058  ** 1.08
[0.048] [0.041] [0.101] [0.058] [0.11] [0.201]
R_Rate_of_US_Emigration 0.88 ** 081 ** 086 ** 0.86 ** 0.88 ** 0.92
[0.023] [0.081] [0.057] [0.04] [0.054] [0.04]
R_Rate_%Pop_Prim_Sector 0.74 ** 0.68 ** 079 ** 070 ** 0.68  ** 0.84
[0.028] [0.12] [0.08] [0.048] [0.059] [0.056]
618,593 618,593 47,318 86,037 156,099 134,863 194,276
0
_Hat 0 0 0 0 0 0
_HatSq 0.85 0.71 0.53 0.39 0.49 0.60 0.32
Correctly Perdicted % 80 75 85 83 79 72 72

b.) Using an Alternative Empirical Strategy that includes Movers and Non-Movers:
Possibly I might obtain different results if 1 follow the preferred empirical strategy
of studies like Davies, Greenwood and Li (2001) which assess the determinants of

settlement choices for both, movers and non-movers alike, - instead of restricting the
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analysis to just movers, as | did before, and, as for example, prefer to do Fafchamps and
Shilpi (2008), Villarreal and Hamilton (2012), Taylor et al. (1999) and Orrenius and
Zavodny (2003).

Following an analysis similar to that of my preferred specifications I, therefore, also
assess the effect of regional differences regarding Mexicans’ returns to skill for all male
Mexicans aged 18-65 (both, inter-regional movers and all non-movers), when including a
dummy variable (Stayed_in_2005_Region) that indicates if the individual stayed in his
region of 2005-residence (coded 1), or by 2010 had moved to another region (coded 0).

As can be seen in Table 2.7, the results support my previous results and show that
the interaction term Q_Schl_X R _GDP_10pc_Richest in the specification presented in
column 2, as well the interaction term Q_Schl_X_ R_Gini in the specifications shown in
columns 1, 3, 4 and 5 are all positive and highly significant.

Thus, while the results of analyzing the migration patterns of all movers and non-
movers, do confirm my hypothesis, the effect of Q_Schl_X_R_Gini and
Q_Schl_X_GDP10pc_Richest are, nevertheless, not as strong as when | restrict the analysis
to just movers. | believe the reason that the effect is less strong when analyzing both,
movers and non-movers is, at least, in part, due to the fact that this empirical strategy can
reflect the different levels of mobility that exist in the different regions, which is not

possible when I restrict the analysis to movers.*?
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Table 2.7
Effects of Regional Differentials and Regional Characteristics on the Settlement Choice of
All Male Working-Age Mexicans (Movers and Non-Movers) between 2005-2010

Odds Odds Odds
Variables Ratio p Ratio p Ratio p
Stayed_in_2005_Region 463 *x 679 *x 519 *x
[72] [107] [82]
R_Total_Population_in_Mill 0.92 *x 0.96 * 0.93 *x
[0.025] [0.027] [0.024]
Ln_Co_Regionals 1.32 *x 1.32 *x 1.32 *x
[0.023] [0.023] [0.023]
Q_Schl_X_R_Gini 6.26 o 7.48 i
[2.11] [2.52]
Q_Schl_X_ R_GDP_10pc_Richest 151 *x
[0.117]
R_Av_Income_All 0.05 *x 0.26 x 0.01 **
[0.042] [0.141] [0.007]
Return_Migrant 25.92 *x 29.59 *x 31.00 *x
[6.32] [7.25] [7.43]
R_%US_Emigration 0.38 *x 0.39 *x
[0.059] [0.061]
R_%Pop_Primary_Sector 1.08 141 *x
[0.131] [0.116]
Q_Schl_X_Stayed_in_Region 0.86 *x 0.83 *x 0.83 *x
[0.031] [0.032] [0.031]
Correctly Perdicted % 98% 98% 98%
_Hat 0 0 0
_HatSq 0.08 0.21 0.67

Note: McFadden's Rsq was 94% for all specifications, and all specifications control for Regional Fixed Effects
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c.) Using a Different Geographical Scale- States instead of Regions:

Likewise, it is possible that while inter-regional migrants’ settlement choices are
responsive to regional differences in returns to skill, those of inter-state migrants are not;
alternatively, if they are responsive to these regional variations, some phenomenon (like i.e.
the large number of inter-state movers who are inter-metropolitan movers) may mask the
effect.

Therefore, | perform a similar test to my preferred specifications, but this time at the
state level rather than the regional level and analyze the determinants of settlement choice
first, for all working-age male inter-state migrants and then only for the non-return ones
(having a 31 option alternative for each inter-state mover).

And yet, the results show that whether | run the analysis using Q_Schl_X_R_Gini or
Q_Schl_X R_GDP_Richest for all inter-state migrants or only for non-return-inter-state
migrants, in all cases, there is a positive, significant and strong effect of my return to skill
proxies.

The results at the state level, therefore, support my previous findings and
hypothesis, even though the effect of Q_Schl_X_R_Gini or and Q_Schl_X_R_GDP_Richest
are not as strong at the state level as they are at the regional level. I believe that the reason
that we see a weaker effect of these return to skill proxies at the state level, probably has to
do with the fact that at the state-level their effect is diluted by the presence of a large
proportion of the inter-state migrants who are actually just inter-metropolitan movers, and

for whom this returns to skill logic does not really apply.
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d.) Leaving Out Key States:

Possibly, a few very highly populated states, where the probability is very high that
inter-state migrants are actually only inter-metropolitan movers, overwhelmed the results at
the state-level. To test that issue, | estimated the same state-level specification, while
excluding of the analysis all inter-regional migrants whose 2005-residence or 2010-
settlement choice lay within the contiguous central region of Mexico (Distrito Federal,
Estado de México, Morelos, Hidalgo, Querétaro and Puebla). After omitting all migrants
coming from or going to the central states, | also repeated the analysis again when only
leaving out the inter-state migrants who either in 2005 resided in, or in 2010 settled in the
Federal District and Estado de México. The results | obtained are, however, similar to those
when including all states, so | conclude that these central states did not overly influence the

results.*®

e.) Running a Separate Analysis for migrants whose 2005-county-of-Residence was
predominantly Rural or Urban:

Unfortunately it is not possible to directly include and, thus, control for the
differential in terms of the metropolitan category between each migrant’s 2005-region of
residence and possible region of 2010-residence because metropolitan category information
is not available for migrant’s exact 2005-place of residence (we only know their state- and
their county- of 2005-residence, but not the metropolitan category of their exact place-or

location of 2005-residence).
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Since it, however, is possible that migrants coming from rural areas may respond to
regional differences in returns to skill, while those originating in urban areas may not (or
vice-versa), following Villarreal and Hamilton (2012), | proxy the metropolitan category or
urbanization level of their 2005-place of residence, by classifying their county of 2005-
county of residence as being predominantly rural or urban, given the total population
number of the county in which each migrant resided in 2005. Then, also following
Villarreal and Hamilton (2012) I run the analysis separately for migrants whose 2005-
county of residence | classified as being predominantly rural or urban.

Because the results for these analyses, show that the groups of migrants whose county of
2005-residence was predominantly rural, and for those whose county of 2005-residence
was predominantly urban, are both sensitive to regional changes in returns to skill, |
conclude that inability to directly control for metropolitan category does not challenge the

validity of my previous results.

e.) Rare Events Regression

Finally, as a last robustness check, I also ran a rare-events regression (King and
Zeng 2001), which corrects for biases that may occur in different types of logit and logistic
regressions that predict rare outcomes where the datasets have many more 0s than 1s.
According to King and Zeng (2001), multinomial logit, logistic and conditional logistic
regressions that have a binary outcome may underestimate the probability of rare events.
This contingency might affect my analysis because, in the regional-level dataset, only 16%

of the outcomes at the regional level, and only 3% of the outcomes at the state-level are 1s
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rather than Os (since every inter-regional migrant has a choice of settling in one of seven
region, and each of the inter-state migrants has a choice of settling in one of thirty-one
states). However, running the rare-events regression with my preferred specification, I
obtained basically the same results as with the regular conditional logit regression,
suggesting that my previous results do not underestimate the probability of rare events.

In all these robustness checks, Mexican inter-regional and inter-state migrants
(regardless of their schooling level or the metropolitan category of their settlement choice)
invariably displayed a high likelihood of choosing regions or states that allowed them to
maximize their returns to skill, given their own skill-level. As predicted, Mexicans of all

schooling levels respond to regional differences in returns to skills.

2.10 Conclusions

| ran a number of different specifications and robustness checks where, despite
some differences in the magnitude of the effect, | consistently find a positive, strong, and
significant effect of the different proxies that | use to measure returns to skill. Therefore, all
these analyses show that, as hypothesized, Mexicans self-select in a way that allows them
to maximize their expected earnings, given their skill level and, thus, that their settlement
choices do respond to regional differences in returns to skills (and income-inequality).

Net of all control variables | find that, among Mexican inter-regional and inter-state
migrants, those who had higher levels of education, and who, in 2005 resided in regions or

states that had relatively high average-income and low income-inequality, the likelihood
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was much higher that they would move to regions that had lower average-incomes and
higher income-inequality (and thus high returns to high-skills), rather than to regions with
high average-incomes and lower income-inequality.

Conversely, but also as hypothesized, | find that, inter-regional or inter-state
migrants with lower levels of education and who, in 2005, resided in regions or states with
a low average- income and high income-inequality, had a much higher likelihood of settling
in regions or states that, when compared to their 2005-residence, had higher levels of
income and lower income-inequality (and lower returns to high-skill), rather than of settling
in regions with a similar or a higher level of income-inequality.

In sum, lower income regions exported a large number of low-skilled workers and
imported high-skilled workers between 2005 and 2010 whereas high income regions
attracted mainly low skilled workers, and exported a large number of more high skilled
workers.

Also, the analyses that | performed for all male working-age Mexicans (both movers
and non-movers), also confirmed my previous results and likewise showed that Mexicans
are responsive to regional differences in returns to skill.

Since, the hypothesis of the self-selection model is largely based on the expectation
that regional disparities in the supply and demand of individuals with different skill levels
drive the spatial difference in returns to skills, - these results, therefore also suggest that the
Mexican regions with lower income-inequality (and which have above average-income
levels) have a relatively high supply of individuals with higher levels of education and a

relatively low supply of individuals with lower levels of education (and thus a high demand
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of lower-skilled labor), - while the opposite is true for regions with high income inequality
(and below average-income levels).

In terms of regional development, the relevance of the confirmation of this self-
selection hypothesis is that its expected accompanying skill sorting mechanism can
contribute to a beneficial spatial re-sorting of demand and supply of individuals with
different skill-levels and skill-sets, since it can improve the economic wellbeing of each
individual migrant, enhance the efficiency of the country’s economy as a whole, as well as
potentially contribute also to a regional convergence in terms of average income levels
(Stark et al. 1991; Lucas 1997).

Of course, the possible impact that this regional re-sorting of skills can have in
terms of a regional convergence of the income level, and an enhanced economic
performance of the country, also largely depends on the magnitude of the more permanent
or cyclical inter-regional and inter-state migration flows.

So, while this study confirms that Mexican internal migrants are clearly behaving in
a way consistent with the Borjas’ self-selection hypothesis, and, that as elsewhere in the
world, Mexican internal migrants mostly move to the regions that provide the highest
returns to their skills, this study does not analyze or quantify the impact that this
phenomenon could be having on regional convergence in terms of per capita income, or on
any other economic development effect.

More future studies about the patterns of the considerably large internal and

international migration flows of Mexicans, as well as of the economic and development
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consequences of these migration flows, will surely and hopefully be treated in follow up

studies that will help us gain better knowledge about these important phenomena.
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3. MEXICAN MIGRATION NETWORKS IN THE UNITED STATES, 1980 - 2000

3.1 Abstract

Between 1980 and 2000, about 1.2 million Mexican immigrants settled in 47 new
settlement states. In the past, these immigrants would have settled in California, Texas, or
Illinois, the three traditional states for Mexican settlement. Explaining this dispersion, the
network saturation theory claims that high-volume migration of Mexicans finally saturated
the housing and job opportunities of Mexicans in traditional states and especially in Los
Angeles. High rents and low wages then encouraged Mexican immigrants to select new
states for settlement. This article subjects the network saturation theory to a rigorous
reanalysis using new evidence. The empirical results tend to confirm the network saturation

theory.

3.2 Mexican Migration Networks in the United States

We are witnessing a migratory dispersion of huge demographic importance in the
United States. This is the dispersion of Mexican immigration from traditional settlement
states and cities to non-traditional (Johnson, Johnson-Webb, and Farrell 1999; Hernandez-
Ledn and Zudiga,. 2002; Suro 2002; Frey 2003; Grieco 2003; Schachter 2003; Bump,
Lowell, and Pettersen 2005; Durand, Massey, and Capoferro, 2005; Light, 2006; Borjas and
Katz, 2005, Table 1; Crowley, Lichter, and Qian, 2006). Three big states, California, Texas,
and Illinois had long housed 83 percent of the immigrant Mexican population that arrived

in or before 1980, but in 2000, these three states housed only 70 percent. Because of this
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population shift, approximately 1.2 million foreign-born Mexicans resided in 47 non-
traditional states in 2000 who would otherwise have resided in the big three. Growth of
Mexican population in the 47 non-traditional states, and most particularly in the eight new
settlement states of Massachusetts, Virginia, North Carolina, Georgia, Arizona, Nevada,
Oregon and Washington, reduced the immigrant population of the three traditional states
below what it would have been without dispersion. This dispersion was partially a product
of relocation of already settled immigrants, who moved from traditional to new settlement
destinations, yet it also reflected shifting settlement choices among Mexicans still outside
the United States. News media have documented the shock and political intolerance that
have often greeted the dispersed Mexican immigrants in second settlement destinations.
Quite apart from its political and societal importance, which is huge, the dispersion
of the Mexican immigrant population poses a theoretical puzzle for the dominant network
theory of migration. As Borjas and Katz (2005: 7-8) acknowledge, “this remarkable and
sudden shifting of Mexican immigrants . . . has received little systematic analysis and the
reasons leading to the dramatic geographic redistribution are still not well understood.”
Two decades ago, in their path-breaking research, Massey, Alarcon, Durand and Gonzalez
(1987) tracked Mexican migration to the United States, establishing the tendency of
Mexican immigrants to follow migration networks. Although social networks had long
been understood to influence migration (Fairchild, 1930: Chapter 8), the research of
Massey (1990, 1999) and his colleagues on cumulative causation strengthened interest in
network migration and formalized the theory. Network theory became the cornerstone of

migration studies as a result, a status it still enjoys (Zavodny, 1999; Waldinger, 1999; Gold,
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2005). Massey’s network theory explains why people originating from one migrant-
sending place so reliably go to the same destinations decade after decade (Portes and
Rumbaut, 1996: 32; Zavodny, 1999; Alba and Nee, 2003: 248). Additionally, Massey’s
network theory explains why migrations sometimes continue after their initiating cause has
ended (Light, 2006: 54-56). The initial cause exhausted, what Massey (1990) called
“cumulative causation” propels the migration. Cumulative causation means that the
migration networks have themselves begun to drive the migration independent of
originating push and pull. Because of cumulative causation, migration becomes self-
generating. These ideas informed network research for two decades during which, as Portes
and Rumbaut (1996: 32) put it, most scholars agreed that network-driven migration might
“continue indefinitely.”

However, since Mexican immigrants have begun to settle in non-traditional
destinations, like Georgia, Massachusetts, and New York City, network theory confronts an
anomaly (Smith, 2006). After all, network theory explains why immigrants went from
sending regions of Mexico to traditional reception cities and states in the United States,
implicitly explaining why they did not go elsewhere as they are now doing. Two solutions
to this puzzle have appeared. Massey, Durand, and Malone (2002: Chapter 6) and Durand,
Massey, and Capoferro (2005: 11-13) simply abandon network theory. Instead, they focus
on the Immigration Reform and Control Act of 1986 (IRCA), an exogenous political
intrusion. Massey, Durand, and Malone (2002: Chapter 6) contend that federal efforts to
restrict and manage the border diverted Mexican immigration from traditional destinations

because “a perverse consequence” of IRCA was “to lower the wages and undermine the
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working conditions” of Mexican immigrants.** Their principal proof is the shift of illegal
immigrants’ entry points eastward after 1993, and the approximate coincidence in time of
federal remedies and the regional dispersion of Mexican immigrants.*® The coincidence
implies that legal change caused the regional dispersion of Mexicans. If true, this
explanation salvages Massey’s network theory of migration but only by introducing an
exogenous variable, law change, into the explanation. That introduction weakens the
centrality that network theory had in Mexican migration studies and, indeed, in the entire
migration literature because it acknowledges that political intrusions can derail the
networks from their wonted destinations.

A different approach explains the dispersion of Mexican immigration by reference
to the saturation of employment and housing in the traditional reception states and cities.
This approach we call the network saturation theory. The literature on immigrant incomes
reports that sustained immigration lowers the wages of earlier coethnic immigrants even
though it has little effect on the wages of native workers (Hagan 1998: 61; Borjas
1999:201; 2003: 36; Camarota 2003: 7; Bump, Lowell, and Pettersen 2005; Lalonde and
Topel 1991: 177, 180, 190; Bean and Stevens 2001: 130; Fix and Passel 1994: 50). The
housing literature declares that sustained immigrant influx drives up rents in immigrant
neighbourhoods of reception cities (Saiz, 2003; Williamson 1990: 237; Lipman 2001: 36;
Lipman 2003: 8; White 2003; Keil 1998; O’Hara 2002) without affecting the rents of non-
immigrants (Greulich, Quigley, and Raphael, 2004). Compatible with these, Heer (2002)
pointed out that, when migrations mature, network-driven migrant groups exhaust or

deplete the local resources that earlier supported them in prime destinations. At that point,
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the local influx has to end or identify new destinations. Heer’s results suggest that
migration networks cannot continue indefinitely after all. Similarly, Light (2006: chapter 6)
showed that cumulative causation expands migrants’ economic opportunities in first-
settlement destinations but only up to a limit.*® As that limit is reached, saturation
intensifies, and migrants disperse to unsaturated cities and states they previously avoided.
Focussing on the Mexican dispersion between 1980 and 2000, Light showed that the ratio
of average rents to average wages among Mexicans deteriorated in the 1980s in the high
volume reception centers. The immigrants’ rents rose and their wages declined because the
protracted immigrant influx saturated labor and housing markets in which Mexican
immigrants participated. This saturation then propelled a redirection of Mexican
immigrants from traditional to non-traditional cities in the 1990s. Basing their case on
economic saturation, neither Heer nor Light invoked exogenous political intrusion to
explain the migratory dispersion of Mexicans from traditional to non-traditional
destinations. In their view, Mexican wages declined because of saturation, not because of
IRCA. Light added that Mexicans’ rents also rose because of saturation.

The IRCA explanation and the saturation explanation of Mexican dispersion are not
incompatible in logic. It is logically possible that both saturation and IRCA tended
independently to disperse the Mexican immigrants. However, that said, the existence of
competing theories calls for efforts to examine each one’s validity. According to Occam’s
razor, a venerable principle of scientific inquiry, explanations should not multiply causes
unnecessarily, and the simplest explanation should be preferred. Just on this formal basis

the network saturation theory would be preferable to the IRCA explanation, which
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introduces an exogenous variable (IRCA) in order to explain what saturation explains
without any exogenous variable. The saturation argument explains dispersion without
introducing any exogenous variables. Moreover, there remains the awkward possibility
that, apart from logical compatibility, one explanation is empirically true and the other
false, or that one is empirically truer than the other. This possibility is testable. From a
policy point of view, it would also be highly desirable to learn whether an immigration
amnesty’s unanticipated consequence was the dispersion of Mexican immigration into new
regions of the United States in which case another amnesty could expand the dispersion
again. Conversely, if saturation causes the dispersion, different policy measures would be
required to regulate it. Finally, the underlying theoretical issue is of general importance in
migration studies. After all, if valid for Mexicans in the United States, the network
saturation explanation would probably fit other cases of low-wage, high-volume, network-
driven migrations as well. That is not true of the IRCA hypothesis, which features an
exogenous law change. The IRCA explanation cannot be generalized to other countries’

migration experience.

3.3 Methods and Discussion

For all these reasons, follow-on research should be undertaken to probe the
empirical support for these two alternative explanations of Mexican dispersion. One way to
undertake this research is separately to examine more rigorously the empirical support that
either explanation can provide. If, upon closer examination, the empirical support is

sustained, then the explanation has found additional confirmation. In this project, we
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introduce and undertake to analyze new empirical evidence that bears upon the network
saturation explanation of Mexican dispersion. Light’s evidence (2006: chapter 2) had two
limitations that we transcend in this paper. First, Light hypothesized that long-term
Mexican influx drove down average co-ethnic wages and drove up average co-ethnic rents
in traditional states and cities. However, using the ratio of average rents to average wages
as his measure, Light only showed that immigrant influx in the 1980s was associated with a
deterioration of the Mexican immigrants’ rent to wage ratio in the 1990s. The ratio measure
did not prove that Mexicans’ wages dropped and that their rents also rose. Possibly only
the rents rose or only the wages dropped. In either case, the ratio of rents to wages would
have deteriorated all right, but the saturation hypothesis would be only partially confirmed.
In this project, we examine rents and wages separately. If the saturation hypothesis is right,
rents should rise and wages drop as influx continues. Second, Light did not demonstrate
that the relationship between Mexican influx and rent to wage ratio held net of
demographic control variables. This oversight opens the possibility of spurious
confirmation. Possibly, Mexicans who selected new settlement destinations were better
educated than those who selected traditional destinations. In that case, their human capital
superiority would explain why the Mexican immigrants in new settlement cities earned
higher wages on average than did Mexicans in traditional states and cities. In this project,
we examine saturation effects net of demographic and economic control variables.
Following Light (2006), we hypothesize that protracted, high-volume, network-
driven Mexican influx tended to saturate rental and housing markets in traditional states

and cities, thus driving up the average rents that Mexicans paid, and driving down the
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average wages Mexicans received. Testing our hypothesis, we separately examine
differences in the income received and the rents paid by recently arrived Mexican migrants
who lived in regions that varied from highest to lowest in respect to their share of Mexican
migrants in the national population. We used individual and household level data from the
Census 2000, 1990 and 1980 Public Use Microdata Samples (PUMS) 5 percent version.
This Census survey contains individual-level information about yearly income, year of
arrival in the United States, age, sex, marital status, education level and income, as well as
the monthly rent paid by each household, the number of persons residing in each
household, the number of related children in each household, as well as household type and

tenure status.

We restricted this analysis to Mexican immigrants over 18 years of age who had
been living in the United States for five years or less. That is, for 1980 we selected Mexican
immigrants who had arrived between 1975 and 1980; for 1990 those who had arrived
between 1985 and 1990; and for 2000 Mexicans who had arrived between 1995 and 2000.
We refer hereafter to these immigrants as recent Mexican immigrants (RMIs). Focusing
upon RMIs, we enhance the inter-decennial comparability of the data. This method
enhances our ability to compare the economic circumstances of migrants who had made
different settlement choices just prior to the census without contamination of our results by
earlier Mexican migrants also residing in their region.

We formed five regional groups based on each region’s settlement density of

Mexican migrants. The regional group with the longest history of Mexican settlement and
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largest share of the nation’s Mexican migrants we call the three traditional settlement states,
which are California, Texas, and Illinois. We call these traditional settlement states because
Mexican immigrants have historically preferred them. Seventy percent of the 9,180,186
foreign-born Mexicans in the United States still resided in these three states in 2000.
However, of foreign-born Mexicans who had arrived in the United States before 1980, fully
83 percent resided in those three traditional states (Table 3.1). The difference between 83
percent and 70 percent amounted to 1.2 million immigrants. Focusing now on recent
Mexican immigrants (RMIs) rather than all Mexican immigrants as did Table 3.1, Table 3.2
shows that 89 percent of RMIs resided in the three traditional settlement states (CA TX IL)
in 1980, but that by 2000 only 57 percent of RMIs still did. Decline of Mexican immigrant
population was more extreme among RMIs than among all Mexican immigrants. Here is
additional evidence that traditional settlement states had lost some attractive power in the

preceding 20 years for people still residing in Mexico.

TABLE 3.1

Foreign Born Mexicans by State and Year of Entry

States Total Entered 1990 — 2000 Entered 1980 - 1989 Entered Before 1980
CA, TX, IL 6,425,898 2,714,727 1,934,108 1,777,063
(percentage) 70% 61% 75% 83%

Other 47 States 2,754,288 1,730,338 655,321 368,629
(percentage) 30% 39% 25% 17%
Total, USA 9,180,186 4,445,065 2,589,429 2,145,692

Source: Census 2000, Summary File 3, Table PCT20
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Our second and third regional groupings are California and Los Angeles. In 1980,
the density of RMIs in California was twice the average density of RMlIs in Texas and
Illinois, the other two traditional settlement states. The share of RMIs in Los Angeles was
twice that of California. With only one quarter of California’s total population residing in
Los Angeles County, Los Angeles County had nearly 60 percent of California’s Mexican
immigrants in 1980. In the same year, fully 35 percent of all RMIs in the United States
resided in Los Angeles County alone, and another 25 percent of RMIs resided elsewhere in
California (Table 3.2). Since California and Los Angeles have always had the highest
concentration of Mexican immigrants, these two still represented the core settlement
destinations of RMIs between 1980 and 2000.

The fourth regional group that we created we call the eight new settlement states.
These states exhibited a rapid increase in Mexican immigrant population between 1980 and
2000. These eight new settlement states are Massachusetts, Virginia, North Carolina,
Georgia, Arizona, Nevada, Oregon and Washington. In 2000, these eight states contained
16 percent of RMIs, the same share as the remaining 39 other American states. The share of
the eight new settlement states had also increased four-fold in the previous 20 years.

The fifth regional group that we created consists of the other 39 states. Recent
Mexican immigrants were least numerous in these 39 states in 2000 and in 1980. In 2000,
the average state in this large group housed only 0.4 percent of RMIs whereas the average
new settlement state housed 2 percent of RMIs, the average traditional settlement state
housed 19 percent of RMIs, and California housed 31 percent of RMIs.*” On a population-

adjusted basis, the density of RMIs in Los Angeles County was approximately twice
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California’s in 2000, making Los Angeles the most traditional of the traditional settlement
destinations for Mexican immigrants.

Table 3.2 shows how the proportions of recent Mexican immigrants changed from
one decade to the next in the five groups. From 1975-1980, 89 percent of the recent
Mexican immigrants (RMIs) settled in the three traditional states; 83 percent of RMIs still
did so between 1985 and 1990, but only 57 percent of RMIs who had arrived in the United
States between 1995 and 2000 settled in one of the three traditional states. If this
proportional decline had not occurred, the three traditional states would have attracted
1,564,531 RMIs in the period 1995 to 2000 instead of the 995,860 who actually settled
there. During the entire 20-year period, an impressive proportion of all RMIs always chose
Los Angeles for settlement, but the proportion selecting Los Angeles consistently declined.
Los Angeles attracted 35 percent of RMIs in 1980, 28 percent in 1990 but only 18 percent
in 2000. Had this decline not occurred, Los Angeles would have attracted 615,265 RMIs in
2000 instead of the 312,000 who actually settled there. That hypothetical increase of
303,265 Mexican immigrants would have increased the total population of Los Angeles
County by approximately one tenth. As the proportion of RMlIs continuously decreased in
the three traditional states, California, and Los Angeles, it steadily increased elsewhere in
the United States, but particularly in the eight new settlement states where 4 percent of
RMIs settled between 1975 and 1980, 9 percent between 1985 and 1990 and 20 percent

between 1995 and 2000.
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TABLE 3.2
Recent Mexican Immigrants by Settlement, 1980, 1990, and 2000

Los Angeles California 3 Traditional 8 New Settiment 39 Other All
County States States States States

1980
Number 311,940 524,200 785,240 37,120 55,460 877,820
Percentage 35 60 89 4 6 100
1990
Number 244,000 547,460 723,980 76,560 81,860 882,400
Percentage 28 62 82 9 9 100
2000
Number 312,000 553,700 995,860 364,020 398,020 1,757,900
Percentage 18 31 57 20 23 100
Change, 1980-2000
Number 60 29,500 210,620 326,900 342,560 880,080
Percentage -17 -29 -32 16 17 100

Source: own calculations from 5 percent Public-Use Micro Samples, 1980, 1990, 2000

Table 3.2’s results replicate the shifting trend of Mexican immigrant settlement

within the United States that demographers have already documented (Johnson, Johnson-

Webb, and Farrell, 1999; Bump, Lowell and Pettersen, 2005; Borjas and Katz, 2005; Frey,

2003; Grieco, 2003; Schachter, 2003; Suro, 2002). This trend is reshaping the regional

demography of the United States, bringing immigrant Mexicans into cities and regions in

which they never previously resided. Table 3.2 does not explain the trends it documents.

Our first analysis examines the patterning of regional variation in Mexican

immigrants’ rents and wages in the United States. We ask whether this patterning

corresponds to what the saturation hypothesis predicts in terms of direction, timing, and

locality. Were RMIs earning higher wages and paying lower rents in new settlement states
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in 20007 If so, the spatial patterning is compatible with the network saturation hypothesis.
Our principle dependent variables are yearly income received by recently arrived Mexican
migrants and the yearly rent paid by households in which one or more of the householders
had migrated from Mexico within the last 5 years. We compare rents and wages of RMIs
in the traditional states with those in the new settlement states. We however also look at
other (individual and household) characteristics in order to assess the extent to which the
Mexican migrants who selected the non-traditional regions might differ in ways that
influenced their wages or their rent bill.

Comparing the five regions, Table 3.3 displays their averages for yearly income,
monthly rent, yearly rent, percentage male, percent ever married, age, number of own
children, number of persons in households, and years of education of RMIs in 2000. Recent
Mexican immigrants in all five settlement regions were similar in terms of their age, their
educational level, and their marital status. They, however, differed somewhat in respect to
the proportion of males who chose to reside in each settlement region. Fifty-six percent of
recent Mexican immigrants were male in the 3 traditional states, 63 percent in the 8 new
settlement states and 65 percent in the other 39 states. The regions also differed to some
extent in terms of the number of persons who lived in each recent immigrant household.
Traditional settlement states had 7.5 percent more people in each immigrant household than
did the new settlement states. The traditional settlement states also contained 44 percent
more children per immigrant household than did the 8 new settlement states or the 39 other
states. These results suggest that RMIs in traditional states were more frequently female

and more frequently parents than RMIs in the non-traditional states.
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We examined average annual incomes of RMIs in the five regions, expecting that
incomes would be lowest where RMI density was highest. In terms of their yearly income,
Table 3.3 also shows that in 2000 recent Mexican immigrants who resided in Los Angeles
earned lower average annual incomes than RMIs who resided in California. RMIs in
California earned lower annual incomes than RMIs who resided in the three traditional
settlement states, who earned lower average incomes than those who resided in the eight
new settlement states. Recent migrants in the 39 other states earned the highest incomes of
all. In 2000, recent immigrants in Los Angeles earned a mean yearly income of $8,469;
those in California earned $8,898; those in traditional settlement states, $9,337; those in
new settlement states, $10,090; in and those in the 39 other states, $10,919 (Table 3.3).
Evidently, recent Mexican immigrants had a financial incentive to prefer the eight new
settlement states or the 39 other states to any traditional region, including especially Los
Angeles. This alignment is in perfect conformity with the hypothesis that heavy influx
drove down RMI’s wages in traditional settlement regions.

We separately examined mean rents in 2000 of RMIs in the five regions,
anticipating that they would be highest where RMI density was highest. About three
quarters of RMIs were renters in every region.*® For RMIs who resided in the three
traditional states, California, or Los Angeles, annual gross rents imposed an additional
standard of living disadvantage when compared to RMIs residing elsewhere in the United
States. The average gross rents paid by households that contained recent Mexican
immigrants were $8,326 in Los Angeles, $8,586 in California, $7,748 in the 3 traditional

states, $7,189 in the new settlement states, and $7,617 in the 39 other states. In fact, rents of
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RMIs in Los Angeles, epicenter of high immigrant density, were 16 percent higher than
those in the new settlement states and RMI’s incomes were 19 percent lower (Table 3.3).
Adding these two percentages we discover an economic disadvantage of nearly one-third
for RMIs who lived in Los Angeles compared to RMIs who resided in new settlement

states. These results are in close approximation to our prediction.

TABLE 3.3
Demographic and Economic Characteristics of Recently Arrived Mexicans by Settlement Category, 2000
Los Angeles  California 3 Traditional 8 New Settiment 39 Other

CMSA States States States
(CATXIL)

Personal Characteristics
Percent Male 55 55 56 63 65
Percent Single 45 44 41 43 44
Percent Ever Married 55 56 59 57 56
Years of Age 29.6 29.5 29.7 28.5 28.5
Years of Education 8.2 8.2 8.3 8.5 8.6
Number of own children 14 1.4 1.3 1.0 0.9
Persons in household 6.2 6.1 5.7 5.3 5.3
Rent and Income
Annual Personal Income $8,469 $8,898 $9,337 $10,090 $10,919

Annual Household

Gross Rent* $8,326 $8,586 $7,748 $7,189 $7,617
Source: own calculations from 5 percent Public-Use Micro Samples, 2000

* Rent paid by households where one or more of the residents is a recent Mexican immigrant.
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Then, in order to ascertain whether these inter-regional differences are statistically
significant net of control variables, we performed a series of regression analyses using
yearly personal income as the dependent variable and regional settlement choice as the
independent variable. Treating settlement choice as a dummy variable, we ran three models
in which we compared residing in a new settlement state (coded =0) with residing in Los
Angeles (model 1), with California (model 2) or with the three traditional states (model 3)
(all coded as 1). These results appear in Table 3.4. In part a.) of all three models,
regressing settlement choice on personal yearly income, we predicted a statistically
significant higher individual income for RMIs who resided in a new settlement state when
compared to RMIs who resided in Los Angeles, California, or one of the three traditional
settlement states. When we compared average incomes in the eight new settlement states
with average incomes in traditional states, we found that RMIs’ average incomes were $984
higher in new settlement states than in the three traditional settlement states in 2000. When
compared to average annual incomes of RMIs living in California, RMIs residing in a new
settlement state earned $1,493 more per year in 2000. In that same year, RMIs in new
settlement states earned $1,984 more per year than RMIs who resided in Los Angeles.
Technical details are in the endnote.*®

In part b) of Table 3.4, we return to the same basic regression, but introduce five
personal characteristics as controls. The purpose of the controls was to rule out the
possibility that inter-regional differences in average incomes resulted from divergent
demographic characteristics of the resident RMI populations rather than from actual inter-

regional differences in prevailing wages. Introducing these five personal characteristics
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(gender, age, marital status, education and year of arrival) as control variables into these
same regressions did not change the basic results although they reduced the inter-regional
discrepancy in average incomes by about one-third. Net of the controls, residing in a new
settlement state in 2000 significantly increased the RMIs' predicted annual income by $662
dollars when compared to their earnings in a traditional state; by $1,017 when compared to
California; and by $1,489 when compared to Los Angeles. Net of five controls, RMIs’
incomes in the year 2000 were approximately 20 percent higher in the eight new settlement
states than they were in Los Angeles. Additional technical details are in the endnote.*
Demographic controls had their own, independent effects on average earnings of
RMIs. These are in reassuring conformity with expectation. Each additional year of age
increased a recent Mexican immigrant's predicted income by $82 in the traditional states,
by $73 in California and by $64 in Los Angeles. Each additional year in the United States
increased RMIs predicted yearly income by $1,090 in the traditional states, by $1,088 in
California, and by $1,125 in Los Angeles. Also, each additional year of education increased
RMIs predicted yearly income by $385 in the three traditional states, by $337 in California,
and by $282 in Los Angeles. As usual, gender had the largest impact on earnings. Being
female decreased predicted yearly income of RMIs by $8,279 in the traditional states, by
$7,887 in California and $7,844 in Los Angeles (Table 3.4). However, these regressions do
not control for the number of hours worked and include recent Mexican migrants who did
not have any income, which probably explains the huge income disadvantage of women in

these regressions.
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TABLE 3.4
OLS Regression Results for Yearly Income in 2000 among Recently Arrived Mexican Immigrants

Dependent Variable: Yearly Income in 2000

Los Angeles CMSA California Traditional States
(CA, TX, IL)
a b a b a b
Residing in
one of 8 New $1,984 $1,489 $1,493 $1,017 $984 $662
Settiment [0.000] [0.000] [0.000] [0.000] [0.000] [0.000]
States
Per Year $64 $73 $82
of Age [0.000] [0.000] [0.000]
Female -$7,844 -$7,887 -$8,279
[0.000] [0.000] [0.000]

Ever been $559 $697 $812
Married [0.000] [0.003] [0.000]
Per Year of $282 $337 $385
Education [0.000] [0.000] [0.000]
Per Year $1,125 $1,088 $1,090
in U.S. [0.000] [0.000] [0.000]
Constant $8,327 $3,154 $8,817 $2,972 $9,326 $2,718

[0.000] [0.000] [0.000] [0.000] [0.000] [0.000]
Adjusted
R-squared 0.3 6.9 0.2 6.8 0.1 7.6
Sample Size $684,780 $684,780 $926,380 $926,380 $1,368,380  $1,368,380

Source: own calculations from 5 percent Public-Use Micro Samples, 2000
p values in brackets and italics
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In Table 3.5 we return to the same basic statistical model but this time in order to
explain average rents of RMIs in the four regions. Table 3.5 presents a series of regression
analyses that use yearly household gross rent as the dependent variable and regional
settlement choice as the independent variable. In this case, using settlement choice as a
dummy variable, we again offer three models in which, among recent Mexican migrants
who paid rent (as opposed to the household paying a mortgage) we compared residing in a
"new settlement state” (coded = 0) with residing in Los Angeles (model 1), residing in
California (model 2) or residing in any of the three "traditional states™ (model 3) (all coded
asl).

Part a.) of Table 3.5 shows that when we regressed settlement choice on yearly
gross rent in 2000, the model predicted a statistically significant decrease in the rents paid
by the recent Mexican migrants who resided in a new settlement state when compared to
RMIs who resided in any of the traditional settlement areas. The average annual rents of
RMIs in the eight new settlement states were $387 less than those of RMIs who lived in
any of the three traditional states; they were $1,291 less than those of RMIs who resided in
California; and they were $926 less than those of RMIs who lived in Los Angeles. Next we
introduced two control variables into the equation in order to minimize the likelihood of
attributing to inter-regional differences in average rents what were really only inter-regional
differences in the household composition of RMIs. Introducing the number of persons in
the household and the number of related children in the household as control variables, we
find again that, net of both household characteristics, residing in a new settlement state

significantly decreased recent Mexican migrants' predicted yearly gross rents by $357
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dollars when compared to rents paid by RMIs in the three traditional states; by $1,064
when compared to RMIs residing in California, and by $749 when compared to RMls
residing in Los Angeles.

The results also show that each additional person in the household increased the
household’s yearly gross rent by $507 in the three traditional states, by $486 in California
and by $432 in Los Angeles. The presence of each additional related child in a household
decreased the household’s rent by $235 dollars in the traditional states, by $234 in
California, and by $201 in Los Angeles. This seemingly surprising result was, however,
obtained because the other independent variable “persons" already accounted for all
individuals residing in the household, including all children. This result therefore shows
that the presence of each additional child increased the predicted cost of gross rent by less
than half the amount of the increase in rent caused by the presence of an additional adult in
the household. The inclusion of this term (additional children) in the regression equation
guarantees that number of children in households is also accounted for in the regional
comparison, thus strengthening the inference that inter-regional differences in rents are not

a spurious product of inter-regional differences in household size.
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TABLE 3.5
OLS Regression Results for Annual Gross Rent in 2000 among Households of Recent Mexican Immigrants*

Dependent Variable: Annual Gross Rent in 2000

Los Angeles CMSA California Traditional States
(CA, TX, IL)
a b a b a b

Residing in
one of 8 New -$926 -$749 -$1,291 -$1,064 -$387 -$357
Settiment [0.000] [0.000] [0.000] [0.000] [0.000] [0.000]
States
Number of $432 $486 $507
Persons in [0.000] [0.000] [0.000]
Household
Number of
Related -$201 -$234 -$235
Children in [0.000] [0.000] [0.000]
Household
Constant $8,316 $6,096 $8,681 $6,165 $7,777 $5,351

[0.000] [0.000] [0.000] [0.000] [0.000] [0.000]
Adjusted
R-squared 2.6 135 3.6 14.0 0.3 12.0
Sample Size 511,220 511,220 686,880 686,880 983,620 983,620

Source: own calculations from 5 percent Public-Use Micro Samples, 2000
p values in brackets and italics
* one or more of the residents in the household is recent Mexican immigrant

Table 3.6 takes another approach to assessing inter-regional income differences for
recent Mexican immigrants. It uses a standard human capital model (Mincer, 1974; McCall,
2001; Borjas and Katz, 2005) to calculate the extent to which recent Mexican immigrant
men, as a group, received the same return on their human capital as did the rest of each
region’s male working population. This human capital model compares groups with respect
to their money returns on their formal education and working experience, the components

of human capital (Becker, 1993: ch. 2). Comparing RMIs in each region with all others in

95



the same region, this approach does not compare the wages and rents of recent Mexican
immigrants across the regions. It compares the human-capital adjusted earnings of RMI
men in each region with the human capital-adjusted earnings of all other men in that region.
The human capital approach has a compensatory advantage in this context. It automatically
incorporates possible living cost differentials between and among regions that the previous
analyses might have overlooked. These differentials would work to the additional
disadvantage of Los Angeles and California whose cost of living was higher than in any of
the other regions.

The results of the human capital analysis appear in Table 3.6 where the dependent
variable is the natural logarithm of yearly income for the year 2000 of all males between 18
and 65 years of age who had an income in each of the regional groups. The main
independent variable is being a recent Mexican immigrant. This status is expressed as a
dummy variable where the rest of the male working population is coded as 0 and being a
recent Mexican male migrant is coded as 1. The independent control variables are years of
education, years of experience (years of age - years of education) and the square value of
years of experience, which is the standard human capital model. Technical details are in the
endnote.”

Results in Table 3.6 confirm the previous findings. They show that, net of years of
education and years of working experience (the human capital characteristics), being a
recently arrived Mexican immigrant had distinctly different income consequences across
the regional groups. When compared to the rest of the regional population, male RMIs were

paid better in the new settlement states than in any traditional settlement region. The
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coefficients in Table 3.6 show that, in the new settlement states, male RMIs might have
earned 1.2 percent less than the income expected from their human capital. However, that
coefficient is not statistically significant. All the other regional coefficients are statistically
significant and much larger. Mexican men invariably earned better returns on their human
capital outside of the traditional settlement regions. In all the regions of traditional
settlement, recent Mexican male immigrants earned considerably less than other men in the
same region and with the same human capital. In the three traditional settlement states, they
earned 10.4 percent less than others with their human capital; in California, they earned 15
percent less; and in Los Angeles they earned 21 percent less. This result is inversely
proportional to the density of Mexican immigrants in the regional populations. The four
regions did not differ much in the returns they accorded the education and work experience
of Mexican men. Education and work experience always increased Mexican men’s incomes
by approximately the same dollar amount everywhere.>® These human capital results are in
line with our previous findings but they also confirm that living cost differentials across
regions did not explain away apparent inter-regional earnings disparities of the Mexican

immigrants.
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TABLE 3.6
OLS Regression for Natural Logarithm of Yearly Income in 2000 Male
Adults using Human Capital Model*

Dependent Variable: Natural Logarithm of Yearly Income in 2000

Los Angeles California Traditional States 8 New Settlement

CMSA (CA, TX, IL) States
Being -0.21 -0.15 -0.104 -0.012
a Recently [0.000] [0.000] [0.000] [0.236]
Arrived
Mexican
Immigrant
Per Year of 0.1 0.11 0.12 0.12
Education [0.000] [0.000] [0.000] [0.000]
Work 0.1 0.09 0.1 0.09
Experience [0.000] [0.000] [0.000] [0.000]
Experienc