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When Hallucinations Travel: How Evidence-Like Cues Shift Integration,
Verification, and Source Memory in Human-AlI Interaction

Shiyun Wang' & Xinjie Zhao’
!Faculty of Science, University of Copenhagen
“Department of Advanced Interdisciplinary Studies, The University of Tokyo

Abstract

Al hallucinations can reshape cognition when false content be-
comes useful for decisions. We test how Al-generated false
claims become usable in reasoning and difficult to separate
from their source. Across two preregistered studies (Study 1:
N = 295; Study 2: N = 242), participants made a medication
choice after reviewing standardized information and receiving
an Al reply varying in hallucination severity. Study 1 shows that
stronger hallucinations shifted understanding of a risk relation,
changed onset-duration weighting, and increased source con-
fusion, especially for a fabricated causal mechanism. Study 2
traced this pathway in speech: stronger hallucinations increased
uptake during decision verbalization, reduced critical evalua-
tion and reliance on original evidence, and weakened source
reasoning during interaction recall. Later transmission and post
hoc reflection were comparatively bounded. These findings lo-
cate hallucination risk at the transition from exposure to reason
construction, where Al-originated content becomes useful in
participants’ explanations while provenance becomes difficult
to track.

Keywords: human—AlI interaction; hallucination transmission;
source monitoring; decision making; misinformation effects

Introduction

People increasingly use conversational Al not only to obtain
information, but to build reasons under uncertainty (Bonaccio
& Dalal, 2006; Dietvorst et al., 2015; Lee & See, 2004;
Logg et al., 2019; Parasuraman & Riley, 1997; Sperber et al.,
2010; Yaniv, 2004). False advice is therefore risky not merely
because it is false, but because fluency can make a fabricated
detail function like evidence. Once such a claim helps explain
a tradeoff, it can alter what users weigh and later make the
source harder to track (Alter & Oppenheimer, 2009; Ji et al.,
2023; Johnson et al., 1993; Loftus, 2005; Maynez et al., 2020;
Rozenblit & Keil, 2002). Even relevant prior knowledge can
leave people vulnerable to familiar-sounding claims (Fazio
et al., 2015). We ask how hallucinated content embedded in
fluent conversational advice enters reasoning, changes criteria
for justification, and later becomes difficult to separate from
its Al source. We link outcome measures to spoken traces of
reason construction.

Dual-process accounts distinguish careful evaluation of ar-
gument structure from faster reliance on credibility cues such
as authority, fluency, or formatting (Chaiken, 1980; Metzger,
2007; Petty & Cacioppo, 1986). In conversational Al settings,
this distinction matters because users may incorporate advice
into their own reasons rather than simply accept or reject it.

Option 1:

Accurate/Clear
Factual
Provides clear, correct, and
well-organized information

Option 2 :
Vague Hallucination

Ambiguous

It uses broad, non-committal
language to avoid being A
proven wrong.

Option 3:
Strong Hallucination

Confident Delusion

Presents completely fabricated
data with absolute confidence
and false granularity.

Figure 1: Schematic overview of the three fixed assistant-
response conditions, ranging from leaflet-consistent evidence
to vague and strong hallucinations.

If integration and verification diverge, Al advice should leave
different traces in adoption and source attribution.

Figure 1 summarizes the response manipulation. It builds
on work showing that algorithmic advice can be appreciated,
avoided, or monitored depending on how system output sup-
ports human oversight (Dietvorst et al., 2015; Hancock et al.,
2011; Lee & See, 2004; Logg et al., 2019; Parasuraman &
Riley, 1997). After observing an error, users can persistently
discount an algorithm’s recommendations (Dietvorst et al.,
2015); designing for appropriate reliance therefore aims to
keep users between over-reliance and undue rejection by sup-
porting monitoring and calibration. Conversational Al sharp-
ens this tension because explanation-like replies can carry
persuasive false detail before any error is apparent (Hacken-
burg et al., 2025; Salvi et al., 2025).

Together, these literatures suggest that hallucinations may
travel because interaction first helps users build a coherent
account and only later invites item-by-item checking. Outside
explicit fact-checking, model outputs can serve as explana-
tory scaffolds while truth evaluation of individual details is
delayed (Ji et al., 2023; Steyvers et al., 2025). If so, transmis-
sion should appear as relational encoding (Einstein & Hunt,
1980), gist-like memory (Brainerd & Reyna, 2002), source-
monitoring difficulty (Johnson et al., 1993), and fast-default
versus slow-correction dynamics (Evans & Stanovich, 2013).
Postdecision preference construction adds a final implication:
recall and explanation are not neutral readouts, but moments
when users may consolidate or retell reasons made available
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during the Al exchange (Enisman et al., 2021; Svenson, 2006).

A transfer-appropriate processing perspective provides a
constraint on this prediction: cues that organize reasoning
during interaction may later guide retrieval and evaluation,
even when item-level provenance is fragile (Craik & Tulv-
ing, 1975; Morris et al., 1977; Nairne, 2002). We ask two
questions. First, do hallucinated Al claims alter task-specific
beliefs, decision criteria, and source memory in a controlled
decision setting? Second, can spoken process traces reveal
whether those claims enter participants’ own reason construc-
tion before later source confusion emerges? Across two pre-
registered studies, we varied hallucination severity in conver-
sational Al responses and tested whether false claims became
available as reasons in participants’ own reasoning. We then
combine outcome measures with verbal reasoning evidence to
test a reason-construction account of hallucination transmis-
sion. On this account, hallucinations matter most when they
are not merely accepted as claims, but converted into usable
reasons.

Study 1

Rather than treating hallucinations as isolated false statements,
we define hallucination transmission as a three-stage cognitive
integration: a false claim restructures the user’s task model,
alters decision-criterion weighting, and loses its source attach-
ment to the Al (Ji et al., 2023; Johnson et al., 1993; Maynez
et al., 2020). Fluent rationales accelerate this sequence by
making an erroneous premise functionally useful before ver-
ification is attempted (Lewandowsky et al., 2012). Study 1
tested this in a controlled medication-choice setting: partici-
pants reviewed standardized drug profiles and then received a
conversational Al reply at one of three hallucination-severity
levels. If transmission occurred, its signature should extend
beyond the final choice—altering a task-relevant belief, shift-
ing criterion use, and fragmenting source attribution. We pre-
dicted that stronger hallucinations would distort understanding
of a key risk attribute, realign attribute weighting, and elevate
source confusion for hallucinated claims, with confusion per-
sisting to a delayed post-test (Johnson et al., 1993). Full study
protocol was registered at the Center for Spatial Information
Science (CSIS), The University of Tokyo.

Participants. We recruited Chinese adult participants via
Credamo,' an online survey and crowdsourcing platform
widely used in China for behavioral research. Of N = 335
individuals who entered the study, N = 295 remained af-
ter excluding incomplete or noncompliant submissions; each
participant completed the study once. Participation took ap-
proximately 15 minutes, and ethical approval was obtained
from The University of Tokyo.

Design, Materials, and Procedure. Design and manipu-
lations. A 3 X 2 between-participants design crossed hal-
lucination severity in the assistant reply (three levels) with

Thttps://www.credamo.com/

decision stance (two levels). Hallucination severity was var-
ied through three fixed versions of the assistant reply: a fully
leaflet-consistent reply (V1), a mildly distorted reply contain-
ing overconfident drift and partial fabrication (V2), and an
explicitly hallucinated reply that introduced non-verifiable or
fabricated claims, including causal assertions about drowsi-
ness risk (V3) (Ji et al., 2023; Maynez et al., 2020). For
decision stance, participants either made the choice for them-
selves in an imminent self-medication situation, or composed
advice for a close peer (e.g., a roommate) facing the same
symptoms but in a more severe condition. The peer con-
dition asked participants to act as an “advisor” with greater
responsibility for another person’s outcome (Tversky & Kah-
neman, 1981; Yafiez, 2012). Decision stance was included
to test whether social responsibility framing would moderate
hallucination transmission. We expected any stance-related
difference to appear most clearly in responsibility-related or
meta-level measures, rather than necessarily disrupting the
core content-uptake pathway.

Decision task and stimulus materials. All participants read
a short vignette describing an acute, time-pressured symptom-
management scenario. They then saw two over-the-counter
medicines (Pill A vs. Pill B) in a standardized, label-like
format. Both medicine profiles required a tradeoff across
multiple attributes (e.g., onset speed, duration of relief, and
likelihood of drowsiness). Neither option was globally dom-
inant, so participants had to decide which dimension(s) mat-
tered most. After reviewing both profiles, participants made
an initial choice and viewed the assistant reply for their as-
signed hallucination-severity condition. Manipulated claims
appeared inside fluent, decision-oriented justification, mirror-
ing how hallucinations can appear as persuasive “reasons” in
interactive assistance rather than as isolated false facts (Lee &
See, 2004; OpenAl et al., 2024).

Task sequence and recorded outputs. Participants com-
pleted the study in a fixed order (Fig. 2 for an overview). They
first read the vignette and inspected both medicine profiles,
then indicated an initial choice and rated choice certainty. Im-
mediately after reading the assistant reply, participants com-
pleted three measures: (i) acomprehension check about which
medicine was more likely to cause drowsiness, (ii) a decision-
policy item asking which attributes mattered most (e.g., on-
set, duration, drowsiness risk, side effects, price), and (iii)
immediate source judgments (T1) for three target statements,
indicating whether each claim came from the medicine label,
the assistant, or another source (Lewandowsky et al., 2012).
Participants then completed brief post-task items assessing
scenario realism and responsibility attribution, and finally re-
peated the same source-judgment items (T2) to test whether
any source confusion persisted after a short within-session
delay. This sequence made the pathway observable across
belief, criterion, and source measures without relying on a
single endpoint.
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St"Tge Choice A Choice B
v/
Accurate/Clear Vague Strong
Al Hallucination Al Hallucination Al

Participants engage in a conversational decision task (Med A vs. B)

while interacting with one of three types of Al.

Self
Explain to yourself

k
4

Participants restate their decision rationale
either to themselves or to another person.

Stage
Il

Other
Explain to your friend

Figure 2: Study-flow schematic. Participants first made a medication choice after reviewing Pill A/Pill B information and one
of three assistant-response conditions, then re-articulated their decision rationale either privately or to another person.

Results

Continuous outcomes were analyzed with factorial ANOVA
(assistant-response condition X decision stance) and categor-
ical outcomes with Pearson )(2 tests; effect sizes are reported
as n” or Cramer’s V (Cohen, 1988). Source judgments were
coded as Al-source versus non-Al attribution, and each deci-
sion attribute as selected versus not selected. Because the out-
comes were theoretically linked, we emphasize the predicted
cross-measure pattern rather than isolated marginal p-values.
Pathway here refers to an ordered evidential profile across
belief, criterion, and source measures.

Checks and ancillary outcomes. Participants rated the vi-
gnette as realistic (overall realism M = 5.72, SD = 0.95on a
1-7 scale), with comparable realism across assistant-response
condition, F(2,289) = 0.28, p = .755, 172 = .002, and de-
cision stance, F(1,289) < 0.01, p > .999. Responsibility
attribution was comparable across assistant-response condi-
tions, x2(8) = 13.15, p = .107. Decision stance showed
a marginal trend, y2(4) = 9.01, p = .061, consistent with
the possibility that participants deciding for themselves were
slightly more inclined to attribute responsibility to themselves.
Advice-to-friend choices showed only a marginal condition
trend, y2(6) = 10.70, p = .098, suggesting that this brief
behavioral-intention prompt was less sensitive than belief-
and source-based measures in the current sample. Together,
these checks make a broad demand or engagement account
less plausible: the manipulation changed interpretation of the
targeted risk and its source more clearly than realism, respon-
sibility allocation, or general advice behavior.

Belief updating: decision certainty and sedation-risk com-
prehension. Decision certainty varied by assistant-response
condition, F(2,289) = 7.39, p < .001, r]2 = .048, but the pat-
tern was modest: V3 produced lower certainty (M = 5.56,
SD = 0.97) than V1 (M = 5.92, SD = 0.88) and V2
M 598, SD = 0.82) on the 1-7 scale, with small
decision-stance effects (p = .278). Belief change was clear-
est for the manipulated risk relation. Participants in V1 cor-
rectly identified Pill B as more likely to cause drowsiness in

73.0% of cases; this fell to 44.3% in V2 and 19.4% in V3,
x*(2) =57.44, p < .001,V = .441. A binary logistic model
with hallucination severity coded ordinally showed the same
graded pattern: each step in severity reduced the odds of
correct risk identification (OR = 0.35, 95% CI [0.22,0.55]).
Because the item targeted the risk relation distorted by the
assistant’s rationale, the result is better read as a change in
the participant’s task model than as a generic comprehension
failure (Lewandowsky et al., 2012). Thus, the belief-level
effect was asymmetric rather than global: the clearest move-
ment appeared in the risk relation targeted by the fabricated
content, not in higher overall certainty, suggesting that hal-
lucinations can alter a local task model without making the
whole decision feel more secure.

Criterion reweighting. Assistant-response condition selec-
tively altered which attributes participants treated as impor-
tant. Selections differed strongly for fast onset, y*(2) =
62.27, p < .001, V = .459, and duration (“how long the
effect lasts”), y%(2) = 55.54, p < .001, V = .434. In V3,
participants were much more likely to weight quick onset (77
of 98) and less likely to weight lasting duration (33 of 98) than
in V1 (30 of 100 and 74 of 100, respectively). Drowsiness-
risk weighting showed only a trend, y2(2) = 5.09, p = .078,
V = .131. Side effects, X2(2) = 0.90, p = .638, and price,
x2(2) = 3.86, p = .145, remained comparatively stable even
though these options were available in the same decision-
policy item. Reweighting concentrated on attributes licensed
by the hallucinated rationale: the strongest hallucination de-
scribed Pill B as quick and less likely to carry drowsiness into
the next morning, so the policy shift appeared most clearly in
speed and duration weighting rather than in generic side-effect
or price options. Decision-stance effects on attribute weight-
ing were small (all p > .224), reinforcing the interpretation
that reweighting was driven primarily by assistant-response
content rather than by the brief self-versus-peer framing.

Source fragility and persistence. Immediate source judg-
ments (T1) showed targeted evidence of source confusion for
hallucinated content. For the claim “Pill A does not cause
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drowsiness,” Al-versus-non-Al source judgments showed a
trend by assistant-response condition, y*(2) = 4.69, p =
.096, V = .126. For “Pill B may cause drowsiness,” condition
differences were small, XZ(Z) =0.52, p =.771, V = .042.
This pattern is informative: the clearest immediate effect ap-
peared for the mechanistic claim “Faster onset implies greater
drowsiness,” xy2(2) = 7.67, p = .022, V = .161, indicating
that fabricated causal structure was especially likely to be de-
tached from its Al origin (Johnson et al., 1993; Lewandowsky
et al., 2012; Rozenblit & Keil, 2002). Decision-stance ef-
fects on T1 source judgments were small for all claims (all
p = .264; all V < .078), suggesting that immediate con-
fusion was primarily driven by hallucination severity rather
than stance. At post-test (T2), the mechanistic claim again
showed the clearest source-confusion pattern, y2(2) = 6.30,
p = .043, V = 146, compared with smaller condition differ-
ences for “Pill A does not cause drowsiness,” )(2(2) = 4.06,
p = .131, V = .117, and “Pill B may cause drowsiness,”
x2(2) = 045, p = 798, V = .039. This persistence is
theoretically diagnostic: a causal claim can organize separate
details into an explanatory relation, making it easier to retrieve
as part of the task model and harder to reattach to the assis-
tant (Johnson et al., 1993; Roediger & McDermott, 1995).
Criterion change therefore appeared less as a direct increase
in drowsiness-risk weighting than as a reorganization of the
speed-duration tradeoff that made the hallucinated recommen-
dation usable. Source fragility was similarly claim-specific:
the most persistent confusion concerned the fabricated causal
relation, not medication-related content in general.

Study 2

Study 1 demonstrated that hallucinated claims embedded in
an Al reply propagate into users’ decision-relevant cognition:
more severe hallucinations altered what participants believed
about key attributes, how they weighted those attributes in
their decision policy, and how reliably they tagged the source
of contested statements. Study 2 builds on this foundation
but targets a critical remaining gap—how hallucinated con-
tent becomes assimilated into a participant’s reasoning stream
as the decision unfolds. Rather than relying on end-of-task
questionnaires alone, Study 2 introduces a spoken-response,
process-tracing approach in which participants verbalize their
reasoning at five predefined moments (baseline, decision ver-
balization, interaction reconstruction, social explanation, post
hoc reflection), with the resulting transcripts coded for up-
take, evaluative stance, and source-related reasoning. This
design allows us to distinguish whether downstream belief
change reflects shallow endorsement versus deeper integra-
tion into self-generated explanations, and to test whether such
integration is accompanied by reduced critical evaluation and
weakened provenance tracking across successive stages.

Method

Participants. We recruited 300 adult participants from
Credamo; the final participant-level process table comprised

N = 242 respondents with usable grouped spoken-response
data after applying the same recruitment, screening, compen-
sation, and procedural standards as in Study 1.

Design and materials. Study 2 preserved the overarching
task structure and core materials from Study 1 (the same vi-
gnette, leaflet-like medicine profiles, and Al assistant reply
manipulation), but replaced key written responses with spo-
ken responses. Participants completed five short oral mod-
ules that separated online decision construction from later
reconstruction and expression: AO (baseline orientation), Al
(online decision verbalization), A2 (interaction/content recon-
struction), A3 (explanation to another person), and A4 (post
hoc reflection on the decision and the interaction). In this
ordering, A2—A4 are postdecision moments in which earlier
reasons can be reconstructed, consolidated, or bounded rather
than simple repetitions of Al.

Transcription and structured coding. Spoken responses
were transcribed and converted into quantitative process in-
dicators via a pre-specified LLM-assisted coding pipeline:
module-specific prompts applied JSON-schema-defined con-
struct definitions—developed from human-readable cate-
gories and pilot review—to each transcript, extracting planned
indicators rather than discovering categories post hoc, and
yielding a 1,209 x 48 typed coding table. Quality checks
confirmed nonempty metric coverage across all five modules,
with 196-212 usable rows per post-baseline module. Because
transcripts could reveal condition-specific content, these rat-
ings are not treated as blind coding; evidential weight rests on
planned, converging module-level patterns. Main constructs
were defined by module and theoretical role: Al uptake in-
dexed use of Al-originated false or drift content; Al critical
evaluation indexed questioning, checking, or qualifying the
assistant response; A1l leaflet-consistent evidence indexed re-
liance on the original medicine profiles; A2 source-attribution
accuracy and source-confusion evidence indexed provenance
tracking; A3 source-disclosure accuracy indexed social prove-
nance transparency; and A4 suspicion/checking items indexed
retrospective calibration.

Table 1: Al decision-construction indicators by hallucination-
severity condition (means, SD in parentheses; 1-7 scales).
V1 = consistent; V2 = mild drift; V3 = hallucination. All
F(2,239) tests p < .001; stance effects |d| < .10.

Measure V1 V2 V3 F n?

Hallucination uptake 1.00 (.00) 3.22(1.19) 547(1.37) 36230 .752
Critical evaluation 4.47 (.80) 3.83 (.81) 3.27 (.96) 39.75 250
Original-evidence reliance  4.56 (1.03) 3.93(1.34) 3.13(1.30) 27.02 .184

Results and Discussion

Baseline equivalence. We first verified that random assign-
ment produced comparable baseline profiles. Across eight
pre-test indicators (e.g., Al use frequency, baseline trust,
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anthropomorphism tendency, verification habits), assistant-
response and decision-stance comparisons were small (all
lt] < 1.28, p > .20, |d| < .17), supporting the interpretation
that downstream effects reflect the experimental interaction
rather than pre-existing group differences.

Decision construction (Al): hallucination uptake and
evaluative processing. At decision construction, the key
question was whether hallucinated content entered partici-
pants’ own reasoning. The Al verbalization module yielded
the strongest effects of hallucination severity, with decision
stance negligible across the core indicators, shown in Table 1.
For hallucination uptake evidence, the evidence-consistent
condition showed a degenerate distribution at the minimum
score (all participants received a score of 1, M = 1.00,
SD = 0.00). Uptake increased sharply under mild drift
(M =3.22,SD = 1.19) and explicit hallucination (M = 5.47,
SD = 1.37), and assistant-response condition explained the
vast majority of variance, F(2,239) = 362.30, p < .001,
7% = .752. Critical evaluation declined monotonically with
hallucination severity (V1: M = 4.47, SD = 0.80; V2:
M =3.83,SD =0.81; V3: M =3.27,5D = 0.96), with aro-
bust condition effect, F(2,239) = 39.75, p < .001,7* = .250,
consistent with a shift from evaluative to more accepting
processing as hallucination severity increased. Reliance on
leaflet-consistent evidence showed the same graded pattern
(VI: M =456, SD =1.03; V2: M = 3.93, SD = 1.34;
V3: M =3.13, SD = 1.30), F(2,239) = 27.02, p < .001,
n* = .184, indicating reduced use of non-Al evidence as hal-
lucination intensified. Reasoning elaboration also differed by
assistant-response condition (V1: M = 5.20, SD = 0.82;
V3: M =4.63, SD = 0.74), F(2,239) = 10.53, p < .001,
n* = .081, while AI information adoption remained high but
still increased with hallucination severity (V1: M = 5.46,
SD =0.78; V3: M =592, SD = 1.02), F(2,239) = 6.72,
p =.001, n> = .053. Al was diagnostic as a cluster: uptake
rose as verification markers declined (all decision-stance ef-
fects |d| < .10), localizing reason construction with weakened
verification.

Interaction recall (A2): source reasoning, confusion, and
meta-level stance effects. At interaction recall, we tested
whether uptake left a source-monitoring trace. When partici-
pants later reconstructed the interaction, hallucination severity
continued to shape source-related and integration indicators.
Source attribution accuracy declined with hallucination sever-
ity (V1: M =4.04, SD =0.95; V2: M =3.43, SD = 0.81;
V3: M = 3.06, SD = 0.98), F(2,239) = 23.01, p < .001,
7% = .161, indicating poorer tracking of where key claims
came from as Al content became more distorted. Recall accu-
racy for Al content showed the same pattern (V1: M = 4.29,
SD =1.20; V3: M =3.13, SD = 1.11), F(2,239) = 23.85,
p < .001, n*> = .166, suggesting that hallucination sever-
ity disrupted reconstruction of what the Al actually said.
Source confusion evidence increased from V1 (M = 4.11,

SD =0.78) to V2 (M = 4.54, SD = 0.61) to V3 (M = 4.62,
SD = 0.88), F(2,239) = 10.27, p < .001, n*> = .079. An
interaction between assistant-response condition and decision
stance, F(2,236) = 3.30, p = .039, indicated that stance
can modulate how confusion manifests under distorted out-
puts. Information integration quality decreased as hallucina-
tion severity increased (V1: M = 4.17, SD = 0.99; V3:
M = 335, SD = 0.93), F(2,239) = 16.22, p < .001,
772 = .119. Unlike A1, decision stance produced two reli-
able meta-level effects in A2. Advising a roommate yielded
greater interaction depth (M = 2.36, SD = 1.41) than de-
ciding for oneself (M = 1.75, SD = 1.23), t(240) = -3.55,
p < .001, d = —0.46. Deciding for oneself showed higher
uncertainty acknowledgment (M = 4.60, SD = 1.44) than
advising a roommate (M = 4.26, SD = 1.20), t(240) = 1.99,
p = .048, d = 0.26. A2 located the memory trace of up-
take: participants reconstructed the interaction with weaker
boundaries among leaflet evidence, assistant additions, and
their own inferences, while decision stance operated at the
meta-level.

Downstream expression (A3) and post hoc reflection (A4).
To test whether private uptake generalized into later expres-
sion or self-evaluation, A3 and A4 examined downstream
communication and reflection. During downstream expres-
sion (A3), assistant-response condition effects were small for
the main expression indicators (all p > .12; n* < .02), in-
cluding Al-content transmission, source disclosure accuracy,
authority claims, explanatory accuracy, inclusion of warn-
ings, and perceived persuasiveness. A3 suggests that so-
cial explanation may flatten severity gradients because Al
provenance was often omitted regardless of condition: 57.9%
of participants omitted Al as an information source, and
only 1.2% provided complete disclosure. Post hoc reflec-
tion (A4) added a metacognitive boundary: among seven
reflection outcomes, decision-process evaluation differed by
assistant-response condition (V1: M = 5.58, SD = 0.65;
V3: M =528, SD = 0.58), F(2,239) = 457, p = .011,
n* = .037, whereas post-decision confidence, perceived Al
reliability, information sufficiency, post hoc suspicion, future
Al-use intention, and checking intention were comparatively
stable. This late-stage profile sharpens the theoretical claim:
hallucinated content was available during private decision
construction, while public retransmission and retrospective
self-evaluation showed a more bounded pattern—consistent
with postdecision consolidation processes that stabilize co-
herence while item-level provenance recedes (Enisman et al.,
2021; Svenson, 2006). Study 2 thereby localized the pathway
temporally: most potent during reason construction and in-
teraction reconstruction, attenuated during later transmission
and self-evaluation.

General Discussion

Across both studies, hallucination effects were selective rather
than globally persuasive: severity shifted local task beliefs, the
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speed-duration tradeoff, and provenance judgments, and ap-
peared in spoken reasoning when participants constructed or
reconstructed explanations, while public retransmission and
broad self-evaluation showed a bounded profile. The empir-
ical contribution is therefore not that hallucinations increase
trust or persuasion in general, but that they become conse-
quential when recruited as reasons.

We interpret this selectivity as reason assimilation: false
content becomes consequential when it organizes a choice,
explains a tradeoff, or justifies a preference. Once used in that
way, the claim is stored less as an utterance from the assistant
than as part of the user’s task model, producing the observed
content-source dissociation and converging with gist/verbatim
distinctions, source-monitoring error, and postdecision pref-
erence construction (Brainerd & Reyna, 2002; Johnson et al.,
1993; Svenson, 2006).

Positioning this pattern against broader misinformation re-
search: once an explanation is incorporated into a mental
model, it tends to guide judgment even when its evidential
basis is later questioned—what Lewandowsky et al. (2012)
call the continued-influence effect. What is distinctive in
conversational Al settings is the interactional channel. Di-
alogue format encourages coherence-seeking and pragmatic
acceptance, increasing the likelihood that a fluent rationale is
adopted as usable reasoning support rather than quarantined as
an externally checkable claim—and this process operates most
powerfully before verification is ever attempted. The present
findings specify where uptake enters the decision lifecycle
and link source-monitoring fragility to that prior constructive
moment.

Most diagnostic was the fabricated causal mechanism,
which supplied relational structure rather than isolated con-
tent. By linking onset speed to drowsiness risk, it reorganized
the decision space, making it easier to recruit during reasoning
and harder to reattach to its Al source—consistent with the
illusion of explanatory depth as a provenance-erosion mecha-
nism (Rozenblit & Keil, 2002).

Study 1 and Study 2 provide complementary forms of evi-
dence. Study 1 shows what changed after exposure; Study 2
shows how the content appeared in spoken rationales while
critical evaluation and reliance on the original evidence de-
clined. Their convergence supports a content-source disso-
ciation in which Al-originated material becomes available as
a reason while its provenance becomes unstable. The dual-
channel framing—integration versus verification—functions
as a theoretical organizing construct rather than a directly
tested mechanism; a stronger causal decomposition would
require manipulations that selectively disrupt one channel.
Content-specificity in the reweighting results—concentrated
on speed and duration rather than peripherally distributed—
distinguishes selective transmission from generic persuasion.
The null effects of decision stance on core uptake and source
measures indicate that brief social-responsibility framing does
not buffer reason assimilation, suggesting that the uptake pro-
cess operates prior to the level at which social accountability

typically intervenes.

For interface design, the relevant intervention point is rea-
son construction. Systems should preserve the relation among
claims, sources, and user reasoning operations: what came
from the original evidence, what the assistant inferred or
added, and what remains unsupported. Provenance-sensitive
prompting, structured evidence comparison, and disconfirm-
ing checks embedded in the interaction may be more useful
than generic warnings delivered after uptake.

Several limits follow from the design. The medication
vignette enabled controlled manipulation but does not esti-
mate field prevalence or magnitude in open-ended Al use;
the results identify a transmission mechanism rather than es-
tablish base rates. Fabrications were relatively salient, and
whether the same process operates for subtler hallucinations—
plausible numerical errors or unsourced causal claims—
remains an open question. Fixed replies increased internal
validity while packaging severity with confidence, coherence,
and recommendation framing; the active ingredient of trans-
mission cannot be fully decomposed without factorial vari-
ation of these features. Multiple converging outcomes were
tested without a family-wise correction framework, and both
samples were drawn from Chinese adults via Credamo; cross-
cultural generalization requires caution given documented
variation in Al trust calibration and collectivist decision norms
(Hancock et al., 2011; Lee & See, 2004). Study 2 also reveals
a dissociation between private uptake and public expression:
participants reliably incorporated hallucinated content during
reasoning, yet did not show elevated retransmission in the so-
cial explanation module—distinguishing reason construction
from downstream communication and marking social disclo-
sure as a distinct target for future work. Study 2 used schema-
guided LLM-assisted coding; future work should pair this
pipeline with per-measure human reliability calibration, test
longer retention intervals and subtler manipulations, and ex-
amine moderators such as prior knowledge, Al literacy, and
domain familiarity.
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