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Noninvasive quantification of blood 
potassium concentration from ECG 
in hemodialysis patients
Cristiana Corsi1,2, Marilisa Cortesi1, Giulia Callisesi1, Johan De Bie3, Carlo Napolitano4, 
Antonio Santoro5, David Mortara3 & Stefano Severi1,2

Blood potassium concentration ([K+]) influences the electrocardiogram (ECG), particularly T-wave 
morphology. We developed a new method to quantify [K+] from T-wave analysis and tested its clinical 
applicability on data from dialysis patients, in whom [K+] varies significantly during the therapy. To 
elucidate the mechanism linking [K+] and T-wave, we also analysed data from long QT syndrome type 
2 (LQT2) patients, testing the hypothesis that our method would have underestimated [K+] in these 
patients. Moreover, a computational model was used to explore the physiological processes underlying 
our estimator at the cellular level. We analysed 12-lead ECGs from 45 haemodialysis and 12 LQT2 
patients. T-wave amplitude and downslope were calculated from the first two eigenleads. The T-wave 
slope-to-amplitude ratio (TS/A) was used as starting point for an ECG-based [K+] estimate (KECG). Leave-
one-out cross-validation was performed. Agreement between KECG and reference [K+] from blood 
samples was promising (error: −0.09 ± 0.59 mM, absolute error: 0.46 ± 0.39 mM). The analysis on LQT2 
patients, also supported by the outcome of computational analysis, reinforces our interpretation that, 
at the cellular level, delayed-rectifier potassium current is a main contributor of KECG correlation to 
blood [K+]. Following a comprehensive validation, this method could be effectively applied to monitor 
patients at risk for hyper/hypokalemia.

Maintenance of normal potassium homeostasis is an important clinical requirement in the treatment of sev-
eral pathological conditions. As an example, in patients with acute or chronic heart failure (HF), mortality and 
morbidity can be reduced by the administration of drug therapies that modify potassium homeostasis. These 
therapies may improve clinical outcomes while, at the same time, enhancing the risk of potassium-related adverse 
events. The evidence is persuasive that serum potassium level should be maintained between 4.5 and 5.5 mM in 
patients with HF1,2. Consequently, not only accurate patient selection, but also adequate monitoring of serum 
potassium level, should be performed to control the benefit and risk of drug therapies in HF patients3,4.

Hypokalemia ([K+]<​4.4 mM) was demonstrated to be an independent predictor of sudden cardiac death 
(SCD) in patients with HF5. Recent studies have shown that potassium levels outside the interval of 4.1–4.7 mM 
are associated with increased mortality risk6,7. The importance of potassium balance is becoming increasingly 
clear in patients with chronic kidney disease since, under normal circumstances, renal elimination of potassium 
is largely responsible for the long-term maintenance of potassium homeostasis. Patients with end-stage renal 
disease have a marked tendency to hyperkalemia. Haemodialysis (HD) patients have a very high incidence of 
cardiac events; cardiovascular diseases remain the single most common cause of death in chronic HD patients8,9. 
Continuous potassium monitoring could be extremely useful in order to design real-time dialysate potassium 
content tailored to the patient’s specific needs, or even to close the loop and personalize each single therapy ses-
sion through a biofeedback system.

Electrocardiographic effects of potassium have been well known for many years10–12. Hyperkalemia first mani-
fests in the ECG with the appearance of narrow-based, peaked T-waves, which represent the repolarization of the 
ventricles. In physiological conditions, they can be described by their symmetry, skewness, slope and amplitude. 
In pathological conditions, the shape of the T-wave may change, and measurements of those parameters could 
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identify the onset of specific diseases. In the literature, it is reported that tall and narrow (“peaked” or “tented”) 
symmetrical T waves may indicate hyperkalemia13, whilst flat T waves may indicate hypokalemia14.

Following these considerations, we recently designed a method for serum potassium concentration quantifica-
tion ([K+]) from T-wave analysis and we tested it on data from consecutive dialysis patients, since they have wide 
fluctuations in serum potassium pre- and post-dialysis15–17. In this study, our [K+] estimator was validated and 
tested on a large group of dialysis patients. Moreover, to give a mechanistic interpretation of the link between [K+] 
and the ECG, we hypothesized that the well-known modulation of the cardiac IKr current by extracellular [K+] 
at the cellular level could be a main contributor to the macroscopic changes of the T-wave morphology on ECG. 
Therefore, the estimator was tested on congenital long QT type 2 (LQT2) patients, in whom the link should be 
disrupted due to the presence of a genetically-determined loss of IKr current. Consequently, an artefactual hypo-
kalemia should be apparent on the ECG. In addition, a computational model of cardiac cell electrophysiology was 
used to investigate the cellular basis of [K+]-induced T-wave modifications and support our hypothesis about the 
physiological processes underlying our [K+] estimator.

Results
A qualitative example of TS/A derived from different T-wave morphologies in a patient ECG is shown in Fig. 1. 
As expected, T-wave morphology changes significantly (Fig. 1, bottom panels) because of the large potassium 
removal during dialysis (Fig. 1, top panel); the slope-to-amplitude ratio reflects this modification.

Overall, we found a significant correlation (r =​ 0.72, p <​ 0.01) between TS/A and [K+]. On the contrary, no 
correlation was found between TS/A and heart rate, calcium, sodium, over-hydration status (actual weight-dry 
weight), or pH.

Based on these results, an initial ECG-based potassium estimator was defined as KECG1 =​ 0.66* TS/A +​ 2.72, 
and compared with the reference potassium measurements (KLAB, Fig. 2). Cluster analysis revealed that ses-
sions could be divided into two groups. For one group, the agreement was quite good, with an absolute error of 
0.44 ±​ 0.36 mM (99/128, 548 [K+] measurements, gray dots in Fig. 2). An example of the results obtained in one 
patient is shown in Fig. 3 (left panels). In the other group of 29 sessions (138 measurements, black dots in Fig. 2), 
the presence of a systematic error (bias) all along the session led to dramatically poorer estimates (absolute error: 
0.82 ±​ 0.55 mM). An example of a patient with a systematic error in the [K+] estimates is shown in Fig. 3 (right 
panels).

Following a patient-specific calibration based on data from the first session (see Methods), a second estimator 
was identified: KECG2 =​ 1.05*TS/A +​ PB2, where PB2 is the patient-specific bias, with a value of 1.98 ±​ 0.59. The 

Figure 1.  A qualitative example of ECGs (8 independent leads, from 12-lead Holter recordings) acquired 
in a real patient at the initial (left) and final (right) stages of a dialysis session, demonstrating the 
correspondence between ECG-based TS/A parameter and T-wave morphology. 
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performance of the new estimator, assessed by considering all the sessions not involved in the calibration step, 
resulted in a mean absolute error of 0.49 ±​ 0.39 mM.

When the data were corrected for the patient-specific bias, a nonlinear relationship between KLAB and TS/A was 
noticed (Fig. 4, left panel); therefore, a final quadratic estimator was defined: KECG =​ 0.36*TS/A 2 +​ 0.22*TS/A +​ PB 
(patient-specific bias PB: 1.96 ±​ 0.85 mM). This equation led to a slight further improvement in the estimates 
(absolute error: 0.46 ±​ 0.42 mM).

Cross-validation using the leave-one-out approach was applied, which confirmed the previous results and 
led to a mean error of the estimated potassium concentration of −​0.09 ±​ 0.59 mM and a mean absolute error of 
0.46 ±​ 0.39 mM (Fig. 4, right panel).

For LQT2 patients, the estimator was applied using a PB equal to the PB mean value computed in the 
patient-specific calibration of HD patients. As hypothesized, in LQT2 patients having normal potassium levels 
(see KLAB in Table 1) our method systematically underestimated [K+] (KLAB: 4.3 ±​ 0.3 mM; KECG: 3.2 ±​ 1.1 mM, 
p <​ 0.02) except for one patient (Table 1), resulting in an error of 1.1 ±​ 1.3 mM. This result supports our interpre-
tation of the mechanism linking [K+] and KECG (see Discussion).

The complex relation between electrical phenomena at the cellular level, involving each single cardiac cell, and 
their macroscopic manifestation in the ECG signal was then investigated through a computational approach (see 
Methods). Simulations of a cardiac tissue wedge showed that an increased extracellular potassium concentration 
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Figure 2.  Preliminary results from the first attempt to derive an ECG-based [K+] estimator (KECG1 = 0.66* 
TS/A+2.72) by inverting the relation between the ECG-based TS/A parameter and the corresponding lab 
measurements of [K+] (KLAB), without any patient-specific calibration. Black dots are from sessions in which a 
systematic error (bias) was present all along the session, causing clustering of estimates far from the linear relationship.
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Figure 3.  Examples from three different sessions, for two different patients: one showing good agreement 
(left panels) and another showing systematic error (right panels) between the KECG1 (black circles) and KLAB 
(gray circles). 
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causes action potential shortening in all cell types (endocardial (endo), M, and epicardial (epi)) but also increases 
the velocity of phase 3 action potential repolarization. As a consequence, the degree and timing of heterogeneity 
across the cardiac wall is modified (Fig. 5, top panels), and the T-wave shows an increasingly peaked shape (Fig. 5, 
middle panels)—quantified as an increasing value of TS/A (Fig. 5, lower panel, squares) as potassium increases. 
Simulations of the LQT2 condition produced a generalized decrease of the TS/A parameter in spite of the use of the 
same potassium levels used in control simulations (Fig. 5, lower panel, circles). That is, a decrease in extracellular 
potassium and a reduction (unrelated to potassium concentration) of IKr current have similar effects on TS/A.

Discussion
The availability of a non-invasive tool for [K+] assessment would have a significant impact on clinical prac-
tice, facilitating cheaper and more effective monitoring of several classes of patients affected by diseases and/or 
undergoing pharmacological treatments that carry the risk of hypo/hyper-kalemia. We originally proposed this 
method for quantification of blood [K+] from the ECG a few years ago, with promising preliminary findings15. 
Here, we have tested the new automatic method on a total of 686 [K+] measurements in dialysis patients, to assess 
its suitability for clinical application. Moreover, we investigated the physiological mechanism underlying the link 
between blood [K+] and T-wave features in order to further evaluate the applicability of the proposed estimator.

The new method we developed was tested on data from dialysis patients. Due to the wide changes in serum 
potassium during the dialysis session, HD therapy is a unique “experimental model” for this testing in individual 
patients. Furthermore, the reference values for [K+], measured through standard laboratory analysis, are easily 
available through blood samples taken from the extracorporeal circuit. The proposed approach was tested in a 
population of 45 patients; we performed 686 [K+] measurements (pre-, post- and during HD), characterized by 
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Figure 4.  Left. When a patient-specific bias (PB2), estimated from the first dialysis session of each patient, 
is subtracted from the data, a nonlinear relationship can be observed between KLAB and TS/A, assessed 
in the remaining sessions. This observation led to the definition of the final ECG-based [K+] estimator 
(KECG =​ 0.36*TS/A

2 +​ 0.22*TS/A +​ PB). This quadratic relationship is very similar to the one describing the 
dependence of the maximal conductance of IKr and IK1 currents on extracellular [K+] at the cellular level (inset 
panel24). Right: Bland-Altman plot of [K+] obtained applying the quadratic estimator and the reference values 
for [K+].

Patient # Age Gender KLAB [mM] KECG [mM]

1 26 F 4.6 2.2

2 57 F 3.9 2.5

3 39 F 4.5 2.5

4 11 F 4.8 3.1

5 47 F 4.4 4.2

6 36 F 4.2 2.4

7 39 M 4.7 2.8

8 26 M 4.0 2.9

9 19 M 4.1 2.8

10 17 F 3.9 6.3

11 17 M 4.2 4.0

12 12 M 3.9 2.7

m ±​ sd 4.3 ±​ 0.3 3.2 ±​ 1.1

Table 1.   Results obtained from LQT2 patients (KLAB: serum potassium concentration from blood test; 
KECG: ECG-based serum potassium concentration estimate; m: mean; sd: standard deviation).
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a wide [K+] range (2.5–7.5 mM). Cross-validation analysis was applied, with very stable results— indicating they 
are independent of the testing/validation set, at least in our population of dialysis patients.

These promising results show that KECG estimates can be an effective tool for first-level monitoring of patients 
at risk for hyper-/hypokalemia. The accuracy of these results makes them clinically relevant (the mean absolute 
error of 0.46 ±​ 0.39 mM can be acceptable). In fact, on the basis of the potassium estimated at the start of dialysis, 
the content of potassium in the dialysis bath could be adjusted in order to promote physiological reductions in 
serum potassium, without abrupt variations which could induce dangerous arrhythmias. Importantly, in several 
pathological conditions the automated estimator could be a reliable tool for [K+] trend monitoring, reducing the 
costs related to both blood sample analysis and the availability of clinical expertise to evaluate the ECG for subtle 
changes reflective of [K+] imbalance in small medical centers.

In this study a [K+] estimate every 15 minutes was tested, although our method does allow real-time continu-
ous estimates by simply shifting the 2-min window in time. However, since the [K+] dynamic is slow, the availa-
bility of [K+] estimate each minute is unlikely to add clinical information.

Very recently a group from the Mayo Clinic18, starting from our preliminary work15, proposed a slightly dif-
ferent linear estimator based on Tslope/√​Tamp and tested it on patients in a dialysis setting, with similar results. 
Importantly, their approach did not require any patient-specific calibration. However, calibration using one blood 
test does not seem to be a major issue in any patient population. Indeed, this patient-specific calibration can be 
easily managed in HD patients, while in other patients requiring [K+] monitoring a blood test is always per-
formed to better characterize each patient’s condition, and it could be used for KECG calibration. In contrast to 
our approach, the [K+] estimate was computed using the signal derived from only one precordial lead, selected 
from V3-V6 leads. In this study18 a 12-lead ECG recording is required to compute [K+] estimate. Some attempts 

Figure 5.  Results of the simulations performed using different potassium concentration levels. Top panels: 
membrane potentials for endocardial, M, and epicardial cells; middle panels: corresponding pseudo-ECGs 
clearly showing the differences in T-wave morphology; bottom panel: relationship between TS/A and [K+] in 
control (squares) and LQT2 (circles) conditions.
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(unpublished data) have been made to use a single-lead ECG, without getting comparable results. Preliminary 
testing using a wearable system was also unsuccessful, providing poor results (error (mM): 0.01 ±​ 0.82; absolute 
error (mM): 0.65 ±​ 0.49). Therefore, in our experience, the redundancy given by the 12-lead ECG does matter.

After validation, we devoted our efforts to pointing out the physiological mechanisms by which [K+] levels in 
the blood are reflected in the specific features of the T-wave on which we based our estimator. It is well accepted 
that T-wave amplitude and shape reflect the heterogeneous duration of the terminal repolarization phase of the 
cardiac ventricular action potential at the cellular level19, when outward potassium currents, particularly the rapid 
component of the delayed rectifier potassium current (IKr), are the dominating currents across the cell membrane. 
IKr depends on potassium concentration in the extracellular space20,21—that is, in the interstitial fluid. In turn, it 
is usually accepted that potassium concentration in the interstitial fluid equals that in blood. Indeed, the distribu-
tion of free cations between vascular and interstitial compartments has been reported to agree with the Donnan 
theory22, which predicts a ratio between interstitial and plasma concentrations equal to 0.9823.

The use of a quadratic fitting relation between the actual potassium and the TS/A estimator (Fig. 4, left 
panel) allowed us to appreciate a striking similarity between this macroscopic “black-box” relationship and a 
biophysically-based relationship describing molecular properties of those potassium currents that have a fun-
damental role in cell repolarization. Potassium ions are unequally distributed among the intracellular and extra-
cellular spaces, being much more concentrated within the cell (about 150 mM) than in the extracellular fluid 
(about 5 mM). An increase of extracellular [K+] would be expected to decrease the potassium currents, since 
it leads to a reduction of the concentration gradient, hence of the electrochemical driving force for the currents 
themselves. On the contrary, it has been observed that some outward potassium currents, specifically IKr and IK1, 
increase in the presence of increased extracellular [K+] because of specific interactions between the potassium 
ions and the external portion of the proteins which constitute the ion channels the currents flow through. These 
interactions lead to a conformational change in the channel with a consequent increase in its conductance. The 
relation between the conductance of IKr and IK1 and the extracellular [K+] was characterized and turned out to be 
a quadratic function24. The strong similarity between the best fitting relation of our estimates and this quadratic 
function in its inverted form is shown in Fig. 4 (left panel inset). This merely qualitative observation suggests a 
key role for the modulation of potassium conductance in determining the macroscopic effects of variations in 
blood potassium concentration.

Based on these considerations, we tested the hypothesis that changes in IKr current due to [K+] changes could 
be a main contributor to the changes in T-wave morphology we detected with our estimator. To do so we analyzed 
data from LQT2 patients, in which the IKr reduction is due to a different pathological factor (a loss-of-function 
mutation on the gene encoding for IKr instead of hypokalemia); the estimator almost systematically produced low 
potassium values, as we had hypothesized. Since the analyzed patients were not hypokalemic we propose that 
the estimator could be a “IKr-estimator”, rather than a direct potassium estimator. This possibility would explain 
the emerging nonlinear relationship between the indirect [K+] estimate and the T-wave morphology descriptor. 
Based on this result, a message of caution should be given: the estimation of [K+] from the ECG cannot be applied 
to patients with known alterations in IKr and/or IK1 or those assuming drugs affecting these cardiac ionic currents 
(e.g. amiodarone or sotalol).

The computational analysis provided further support for the interpretation of the mechanistic link between 
[K+] and TS/A. Indeed, it was possible to reproduce a positive dependence of TS/A on extracellular [K+] when sim-
ulating a pseudo-ECG on a ventricular tissue wedge. In particular, simulations suggest the following cause-effect 
sequence: 1) an increase in extracellular [K+] leads to increases in IKr and IK1 (Fig. 4, left panel inset); 2) since IKr 
and IK1 are preferentially active during the late repolarization phase (phase 3), their increase leads to shortening 
of the action potential duration and in particular of this phase (Fig. 5, top panels); 3) the T-wave duration is 
shortened, but the morphology is also affected since the steeper decrease of the membrane potential causes larger 
potential gradients across the ventricular wall (Fig. 5, middle panel).

Notably, this dependence was qualitatively preserved when simulations were repeated with the simultaneous 
reduction of IKr, but all the TS/A estimates were shifted towards lower values. Since computational results were 
obtained with a specific model of human ventricular action potential25, in order to test their robustness with 
respect to this choice, we also carried out the same simulations using the O’Hara-Rudy human ventricular myo-
cyte model26 and obtained similar results27.

The main limitation of our results concerns their applicability to patients other than those undergoing haemo-
dialysis therapy. Indeed, specific aspects of their clinical status (e.g. possibility of previous infarction not always 
revealed in clinical history) or the therapeutical setting could have influenced the results, making them irrepro-
ducible in other contexts. We were careful to assess and exclude the influence of all the main possible covariates 
(heart rate, calcium, sodium, over-hydration status, and pH); nevertheless, the reliability of our estimator for 
other kinds of patients remains to be assessed.

Another potential limitation of the proposed estimator is the presence of a residual dependence of the error 
on the actual serum [K+]; larger positive errors for high [K+] values could lead to underestimation of severe 
hyperkalemic conditions. Future inclusion in the estimation process of other ECG-derived parameters known to 
be influenced by high [K+] levels (such as QRS duration or P-wave duration) could mitigate this issue.

The actual genesis of the T-wave is still a matter of debate, and a more comprehensive computational analysis 
of the link between [K+] and ECG would require modelling of the whole heart, including also (at least) apex-base 
and right/left ventricle heterogeneity of repolarization. Moreover, inhomogeneity of conduction due to, e.g., fibro-
sis should also be considered. Such complex computational modelling goes beyond the scope of the present work.

Conclusion
The present study shows the possibility of obtaining acceptable serum potassium measurements from a digi-
tal analysis of the T wave on the ECG in HD patients. In recent years, digital technology and advanced signal 
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processing techniques have greatly improved the quality and stability of the ECG signal, allowing researchers to 
further develop quantitative ECG analysis—leading to what has been referred to as an ECG renaissance.

In particular, the present results contribute to paving the way to turn a well-established clinical qualitative 
observation, i.e. the presence of hypo/hyperkalemic patterns in the ECG, into a new quantitative, noninvasive 
marker of blood potassium concentration. Whether the potassium estimation is applicable to populations other 
than HD patients remains to be tested, but this analysis holds promise for multiple applications and for several 
diseases, both in the clinical environment and in a health-monitoring scenario where it is not possible to make 
biochemical measurements (at home or in less well-equipped medical clinics). Importantly, a clear link with some 
molecular and cellular underlying processes can be established.

Methods
Study design.  The study design included two protocols. Protocol 1 was designed to define, test and validate 
the ECG-based K+ estimator (KECG) against the actual serum K+concentration (KLAB). The method we developed 
was tested on data from dialysis patients, since they experience large changes in blood composition, including 
serum potassium, during the dialysis session. In Protocol 2, in order to test the hypothesis that the main mecha-
nism underlying the relationship between [K+] and T-wave is the [K+] modulation of the IKr potassium currents 
at the cellular level, we applied the estimator to patients with LQT syndrome type 2. LQT2 patients carry loss-of-
function mutations of the gene encoding for HERG channels. Therefore, the IKr potassium current is reduced in 
a way somewhat similar to that observed in hypokalemic conditions. Based on this observation we hypothesized 
that if the ECG-based estimator relies on the effect of [K+] on IKr it should systematically underestimate blood 
potassium in this population.

Data Analysis.  Definition of the [K+] estimator.  The earliest electrocardiographic manifestation of 
hyperkalemia is the appearance of narrow-based, peaked, T-waves10–12. We hypothesized that the morpholog-
ical changes in the T-wave due to changes in potassium could be captured by a combination of simple meas-
urements reflecting to what extent the T-wave is “narrow and peaked”. In other words, we were looking for an 
amplitude-invariant measurement of the sharpness of the T-wave. We focused our analysis on the ratio of the 
T-wave downslope-to-amplitude (TS/A, Fig. 6). Based on the relationship between TS/A and serum [K+], we 
defined an estimator from which the [K+] values can be derived.

We retrospectively analyzed 12-lead Holter ECG recordings (H12 +​ , Mortara Instrument Inc.). The most 
significant two eigenleads, associated with the first two eigenvalues, were used to calculate the downslope and the 
amplitude of the T-wave for each beat. The ECG-based potassium estimator (KECG) was defined as a quadratic 
function of the median value of TS/A, automatically computed over a 2-minute window at intervals of 15 minutes.

ECG data were exported and analyzed by implementing a dynamic-link library that interfaces to the 
post-processing software already available from Mortara Instrument Inc. (SuperECG/Spectrum Mortara 
Instrument Inc.).

Protocol 1: Validation of the [K+] estimator.  We analyzed ECG recordings acquired during 128 dialysis sessions 
in 45 HD patients (once-a-week sessions for three weeks, the same day of the week, each session about four hours 
long). During each dialysis session, for the majority of sessions, six gold standard [K+] measurements (KLAB) 
were obtained (for a total of 686 measurements) from blood samples (RapidLab 855, Bayer and GemPremier, 
Instrumentation Laboratory) at the following times: 0, 30, 60, 120, 180, 240 minutes from the start of dialysis. 
Na+, Ca2+, and Mg serum concentrations, weight loss, and heart rate were assessed as well.

Patients were enrolled from Malpighi Hospital in Bologna (41 patients) and Infermi Hospital in Rimini (4 
patients) within a previous study on haemodialysis therapy28; approval of the Institutional Review Board (IRB) 
Ethics Committee was not required. All the procedures were in accordance with the Helsinki Declaration. The 
main characteristics of the study population are shown in Table 2. Patients were eligible if they had been at a met-
abolic steady state in dialysis treatment for at least 6 months with thrice-weekly and double-needle haemodialysis. 
Exclusion criteria were: anaemia, history of myocardial ischemia, coronary bypass, atrial fibrillation.

Figure 6.  A typical QRS-T-wave complex from an idealized electrocardiogram together with the schematic 
explanation of the negative slope and the amplitude of the T wave used to compute TS/A for [K+] estimation. 
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In this patient population the relation between TS/A and KLAB was modeled with a quadratic function. In order 
to compensate for eventual systematic error, the first session of each patient was used to calibrate the estimate and 
thus was excluded from the subsequent analysis. The corrective term was computed as the mean of the differences 
between the TS/A estimates and KLAB values in the first and last measurements of the first session (see Results). The 
estimator was then validated on the data of the second and third sessions of each patient.

Protocol 2: Serum [K+] and T-wave relationship.  We analyzed the [K+] estimator on 12 patients (5 men; age: 
25 ±​ 15 years) with LQT syndrome type 2. In each patient, [K+] measurement (KLAB) was obtained immediately 
before resting ECG recordings (12-lead Holter H12 +​ , Mortara Instrument Inc.) from blood samples (RapidLab 
855, Bayer). Patients were enrolled from Salvatore Maugeri Foundation in Pavia.

Statistical Analysis.  In Protocol 1, regression analysis was applied to assess the correlation between the 
T-wave descriptor and serum [K+] (and other dialysis-related factors). Sessions under study were then clustered 
into two groups based on the amount of systematic estimation bias, using the k-means algorithm29. This is an 
iterative procedure that partitions the provided data into a given number of clusters—two in this case, minimizing 
the distance between each point and the centroid of the cluster.

We applied the Leave One Out cross validation by excluding data obtained from one patient from the 
validation-set at each iteration. The Bland-Altman analysis was performed and the absolute error was also com-
puted between KECG and KLAB for each patient.

In Protocol 2, a paired t-test was applied to assess the presence of a significant bias between KECG and KLAB in 
LQT2 patients. All statistical analysis was performed using Matlab 11a (MathWorks, Inc.).

Computational Modelling.  The relationship between [K+] and T-wave was analyzed in silico using the 
well-established approach30–34 of simulating the electrical propagation in one-dimensional virtual cardiac tissue. 
The action potential (AP) propagation was reconstructed in a theoretical fibre 1.65 cm long, composed of 165 
cells connected through gap junctions. This reconstruction represents the broad planar wavefront that propagates 
from endocardium to epicardium during normal ventricular excitation35 as a result of Purkinje network partici-
pation. The model also represents AP propagation in the arterially perfused transmural wedge preparation, used 
in particular by Antzelevitch and colleagues in experimental in vitro studies of ECG waveforms19,36,37.

The electrical activity of each single myocardial cell in the fibre was simulated by means of a human ven-
tricular myocyte computational model25, in which the action potential is numerically constructed on the basis 
of experimental data. Included in the model are all the main membrane ionic-channel currents, mathematically 
represented by a Hodgkin-Huxley type formalism, as well as ionic pumps and exchangers participating in the 
AP. In addition, processes that regulate ionic concentration changes, especially dynamic changes of intracellular 
calcium concentration, were introduced. Electrical heterogeneity simulating endo and epi APs was simulated 
according to the original publication, by changing a few parameters in the formulation of the transient outward K 
current, Ito. Ionic current modifications were incorporated into the model, based on available experimental data, 
to reproduce human M-cell action potentials: IKs and IK1 current conductances were reduced by 54% and 26%38,39, 
respectively, and a late sodium current was added by introducing a non-inactivating percentage (0.9%) of the fast 
INa current40. Midmyocardial (mid) cells were modelled with intermediate parameter values (between those of 
endo and epi). Based on the experimental characterization of the transmural heterogeneity by Glukhov et al.41 
through optical mapping of the coronary-perfused left ventricular wedge preparations from human nonfailing 
hearts, the theoretical fibre was composed of 25 endo, 25 M, 50 mid, and 65 epi cardiac cells, serially arranged.

Intracellular and extracellular conductivities were homogeneous throughout the fibre and set to 0.65 and 
2.55 mS/cm, respectively, resulting in a conduction velocity of 44 cm/s recorded both in vivo and across an arte-
rially perfused transmural wedge preparation (average thickness of 1.29 ±​ 0.15 cm)37. A suprathreshold current 
stimulus was applied to cell #1 to initiate AP propagation from endocardium to epicardium. The pseudo-ECG 
signal was computed as previously described30,31:

Age (years) 65 + 13

Male/Female 23/22

Dialytic Age (months) 60 +​ 48

Dry weight (kg) 68.6 +​ 14.3

BMI (Kg/m2) 26.1 +​ 4.7

Primary renal pathology

Vascular disease from renal hypertension 
(10), Vascular disease from renal malignant 
hypertension (9), Nephroangiosclerosis (3), 

Adult type (dominant) polycystic kidney disease 
(3), Nephropathy from lga, demonstrated by 

immunofluorescence (1), Glomerulonephritis (9), 
Renal tumor (2), Glomerulosclerosis (5), Chronic 

pyelonephritis (3)

Co-morbidity
Diabetes (10), Hypertension (18), Stenosis or 

aortic insufficiency (7), Obesity (1), Hypertensive 
Cardiomyopathy (1), Colon diverticulosis (2)

Table 2.   Patient characteristics.



www.nature.com/scientificreports/

9Scientific Reports | 7:42492 | DOI: 10.1038/srep42492

∫ϕ = ⋅ −∇ ⋅


∇


′ ′ ′ K V

r
dr( ) 1

(1)e x y z m( , , )

where ∇Vm is the spatial gradient of the transmembrane potential, K is a constant including the radius of the fibre 
and the ratio between intracellular and extracellular conductivity, and r is the distance from a source point (x,y,z) 
to a field point (x′​,y′​,z′​). The variable ϕe, computed at an “electrode” site 2.0 cm away from the epicardium along 
the fibre axis, constitutes the ECG waveforms we reported.

The effects of altered extracellular [K+], from 2–7 mM, were analysed. The LQT2 condition was simulated by 
blocking 50% of the IKr current. Model equations were implemented in Matlab 11a (The MathWorks Inc.) and 
translated into cellML language using the COR environment. Mono-domain equations were solved using Chaste 
Software42.

References
1.	 Macdonald, J. E. & Struthers, A. D. What is the optimal serum potassium level in cardiovascular patients? J Am Coll Cardiol 43, 

155–161 (2004).
2.	 Bielecka-Dabrowa, A. et al. The meaning of hypokalemia in heart failure. Int J Cardiol 158, 12–17, doi: 10.1016/j.ijcard.2011.06.121 

(2012).
3.	 Desai, A. Hyperkalemia associated with inhibitors of the renin-angiotensin-aldosterone system: balancing risk and benefit. 

Circulation 118, 1609–1611 (2008).
4.	 Pitt, B., Bakris, G., Ruilope, L. M., DiCarlo, L. & Mukherjee, R. Serum potassium and clinical outcomes in the Eplerenone Post-

Acute Myocardial Infarction Heart Failure Efficacy and Survival Study (EPHESUS). Circulation 118, 1643–1650, doi: 10.1161/
circulationaha.108.778811 (2008).

5.	 Nolan, J. et al. Prospective study of heart rate variability and mortality in chronic heart failure: results of the United Kingdom Heart 
Failure Evaluation and Assessment of Risk Trial (UK-Heart). Circulation 98, 1510–1516 (1998).

6.	 Krogager, M. L. et al. Short-term mortality risk of serum potassium levels in hypertension: a retrospective analysis of nationwide 
registry data. European heart journal, doi: 10.1093/eurheartj/ehw129 (2016).

7.	 Pitt, B. & Rossignol, P. The association between serum potassium and mortality in patients with hypertension: ‘a wake-up call’. 
European heart journal, doi: 10.1093/eurheartj/ehw209 (2016).

8.	 Kovesdy, C. P. et al. Serum and dialysate potassium concentrations and survival in hemodialysis patients. Clin J Am Soc Nephrol 2, 
999–1007 (2007).

9.	 Bleyer, A. J. et al. Characteristics of sudden death in hemodialysis patients. Kidney Int 69, 2268–2273 (2006).
10.	 Lanari, A., Chait, L. O. & Capurro, C. Eletcrocardiographic effects of potassium. I. Perfusion through the coronary bed. Am Heart J 

67, 357–363 (1964).
11.	 Laks, M. M. & Elek, S. R. The effect of potassium on the electrocardiogram. Diseas Chest 51, 573–586 (1967).
12.	 El-Sherif, N. & Turitto, G. Electrolyte disorders and arrhythmogenesis. Cardiol J 18, 233–245 (2011).
13.	 Lehnhardt, A. & Kemper, M. J. Pathogenesis, diagnosis and management of hyperkalemia. Pediatric nephrology 26, 377–384, doi: 

10.1007/s00467-010-1699-3 (2011).
14.	 Greenlee, M., Wingo, C. S., McDonough, A. A., Youn, J. H. & Kone, B. C. Narrative review: evolving concepts in potassium 

homeostasis and hypokalemia. Annals of internal medicine 150, 619–625 (2009).
15.	 Severi, S., Corsi, C., Haigney, M., DeBie, J. & Mortara, D. Noninvasive Potassium Measurements from ECG Analysis during 

Hemodialysis Sessions. Computers in Cardiology 36, 821–824 (2009).
16.	 Corsi, C. et al. Validation of a novel method for non-invasive blood potassium quantification from the ECG. Computing in 

Cardiology. 39, 105–108 (2012).
17.	 Corsi, C., De Bie, J., Mortara, D. & Severi, S. Innovative solutions in health monitoring at home: The real-time assessment of serum 

potassium concentration from ECG in Lecture Notes in Computer Science Vol. 7251, 116–123 (2012).
18.	 Attia, Z. I. et al. Novel bloodless potassium determination using a signal-processed single-lead ECG. J Am Heart Assoc 5, doi: 

10.1161/jaha.115.002746 (2016).
19.	 Yan, G. X. & Antzelevitch, C. Cellular basis for the normal T wave and the electrocardiographic manifestations of the Long-QT 

syndrome. Circulation 98, 1928–1936 (1998).
20.	 Yang, T. & Roden, D. M. Extracellular potassium modulation of drug block of IKr: implications for Torsade de Pointes and reverse 

use-dependence. Circulation 93, 407–411 (1996).
21.	 Yang, T., Snyders, D. J. & Roden, D. M. Rapid inactivation determines the rectification and [K+]o dependence of the rapid 

component of the delayed rectifier K+ current in cardiac cells. Circ Res 80, 782–789 (1997).
22.	 Gilányi, M., Ikrényi, C., Fekete, J., Ikrényi, K. & Kovách, A. G. Ion concentrations in subcutaneous interstitial fluid: measured versus 

expected values. Am J Physiol 255, F513–519 (1988).
23.	 Leeuwen, A. M. Net cation equivalency (‘base binding power’) of the plasma proteins. Acta Med Scand 176, Suppl 422: 421+​ (1964).
24.	 Shibasaki, T. Conductance and kinetics of delayed rectifier potassium channels in nodal cells of the rabbit heart. J Physiol 387, 

227–250 (1987).
25.	 Grandi, E., Pasqualini, F. S. & Bers, D. M. A novel computational model of the human ventricular action potential and Ca transient. 

J Mol Cell Cardiol 48, 112–121, doi: 10.1016/j.yjmcc.2009.09.019 (2010).
26.	 O’Hara, T., Virág, L., Varró, A. & Rudy, Y. Simulation of the undiseased human cardiac ventricular action potential: model 

formulation and experimental validation. PLoS Comput Biol 7, e1002061, doi: 10.1371/journal.pcbi.1002061 (2011).
27.	 Kharche, S., Callisesi, G., Stary, T., Bracci, A. & Severi, S. Simulating effects of serum potassium on the ECG. Computing in 

Cardiology 39, 225–228 (2012).
28.	 Severi, S. et al. Calcium profiling in hemodiafiltration: a new way to reduce the calcium overload risk without compromising 

cardiovascular stability. Int J Artif Organs 37, 206–214, doi: 10.5301/ijao.5000320 (2014).
29.	 Loyd, S. Least Square Quantization in PCM. IEEE Trans Inf Theory 28, 129–137, doi: 10.1109/tit.1982.1056489 (1982).
30.	 Gima, K. & Rudy, Y. Ionic current basis of electrocardiographic waveforms: a model study. Circ Res 90, 889–896 (2002).
31.	 Moreno, C. et al. A new KCNQ1 mutation at the S5 segment that impairs its association with KCNE1 is responsible for short QT 

syndrome. Cardiovasc Res 107, 613–623, doi: 10.1093/cvr/cvv196 (2015).
32.	 Wisniowska, B. & Polak, S. Virtual Clinical Trial Toward Polytherapy Safety Assessment: Combination of Physiologically Based 

Pharmacokinetic/Pharmacodynamic-Based Modeling and Simulation Approach With Drug-Drug Interactions Involving 
Terfenadine as an Example. Journal of pharmaceutical sciences 105, 3415–3424, doi: 10.1016/j.xphs.2016.08.002 (2016).

33.	 Portero, V. et al. Dysfunction of the Voltage-Gated K+ Channel beta2 Subunit in a Familial Case of Brugada Syndrome. J Am Heart 
Assoc 5, doi: 10.1161/JAHA.115.003122 (2016).

34.	 GY, D. I. V., Davies, M. R., Zhang, H., Abi-Gerges, N. & Boyett, M. R. hERG inhibitors with similar potency but different binding 
kinetics do not pose the same proarrhythmic risk: implications for drug safety assessment. Journal of cardiovascular electrophysiology 
25, 197–207, doi: 10.1111/jce.12289 (2014).



www.nature.com/scientificreports/

1 0Scientific Reports | 7:42492 | DOI: 10.1038/srep42492

35.	 Durrer, D. et al. Total excitation of the isolated human heart. Circulation 41, 899–912 (1970).
36.	 Shimizu, W. & Antzelevitch, C. Cellular basis for long QT, transmural dispersion of repolarization, and torsade de pointes in the long 

QT syndrome. Journal of electrocardiology 32 Suppl, 177–184 (1999).
37.	 Yan, G. X., Shimizu, W. & Antzelevitch, C. Characteristics and distribution of M cells in arterially perfused canine left ventricular 

wedge preparations. Circulation 98, 1921–1927 (1998).
38.	 Liu, D. W., Gintant, G. A. & Antzelevitch, C. Ionic bases for electrophysiological distinctions among epicardial, midmyocardial, and 

endocardial myocytes from the free wall of the canine left ventricle. Circ Res 72, 671–687 (1993).
39.	 Liu, D. W. & Antzelevitch, C. Characteristics of the delayed rectifier current (IKr and IKs) in canine ventricular epicardial, 

midmyocardial, and endocardial myocytes. A weaker IKs contributes to the longer action potential of the M cell. Circ Res 76, 
351–365 (1995).

40.	 Zygmunt, A. C., Eddlestone, G. T., Thomas, G. P., Nesterenko, V. V. & Antzelevitch, C. Larger late sodium conductance in M cells 
contributes to electrical heterogeneity in canine ventricle. Am J Physiol Heart Circ Physiol 281, H689–697 (2001).

41.	 Glukhov, A. V. et al. Transmural dispersion of repolarization in failing and nonfailing human ventricle. Circ Res 106, 981–991, doi: 
10.1161/circresaha.109.204891 (2010).

42.	 Mirams, G. R. et al. Chaste: an open source C+​ library for computational physiology and biology. PLoS Comput Biol 9, e1002970, 
doi: 10.1371/journal.pcbi.1002970 (2013).

Acknowledgements
The authors would like to thank Paul Kligfield for suggesting the LQT2 test; Claudia Perazzini and Denis Steckiph, 
who partially contributed to data collection and analysis; and Kristina Mayberry for the language revision. The 
study was partially funded by CHIRON Project - “Cyclic and person-centric Health management: Integrated 
appRoach for hOme, mobile and clinical eNvironments” funded within the ARTEMIS JOINT UNDERTAKING 
- Grant Agreement no.: 2009-1-100228. CN was supported by Italian Ministry of Health “Ricerca Corrente 
program”.

Author Contributions
Each of the authors gave substantial contributions to conception and design, acquisition of data, or analysis and 
interpretation of data. C.C. and S.S. analyzed and interpreted the data and drafted the article, M.C. and G.C. 
acquired the data, J.D.B. and D.M. developed the method, and A.S. and S.S. designed the study and interpreted 
the data. All authors critically reviewed the article for important intellectual content and gave final approval of 
the submitted version.

Additional Information
Competing financial interests: David Mortara is president of Mortara Instrument Inc., Milwaukee, USA. Johan 
de Bie is employed by Mortara Instrument Inc., Milwaukee, USA. Cristiana Corsi, Marilisa Cortesi, Giulia 
Callisesi, Carlo Napolitano, Antonio Santoro, and Stefano Severi have no conflicts of interest. 
How to cite this article: Corsi, C. et al. Noninvasive quantification of blood potassium concentration from ECG 
in hemodialysis patients. Sci. Rep. 7, 42492; doi: 10.1038/srep42492 (2017).
Publisher's note: Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

This work is licensed under a Creative Commons Attribution 4.0 International License. The images 
or other third party material in this article are included in the article’s Creative Commons license, 

unless indicated otherwise in the credit line; if the material is not included under the Creative Commons license, 
users will need to obtain permission from the license holder to reproduce the material. To view a copy of this 
license, visit http://creativecommons.org/licenses/by/4.0/
 
© The Author(s) 2017

http://creativecommons.org/licenses/by/4.0/

	Noninvasive quantification of blood potassium concentration from ECG in hemodialysis patients

	Results

	Discussion

	Conclusion

	Methods

	Study design. 
	Data Analysis. 
	Definition of the [K+] estimator. 
	Protocol 1: Validation of the [K+] estimator. 
	Protocol 2: Serum [K+] and T-wave relationship. 

	Statistical Analysis. 
	Computational Modelling. 

	Acknowledgements
	Author Contributions
	﻿Figure 1﻿﻿.﻿﻿ ﻿ A qualitative example of ECGs (8 independent leads, from 12-lead Holter recordings) acquired in a real patient at the initial (left) and final (right) stages of a dialysis session, demonstrating the correspondence between ECG-based TS/A p
	﻿Figure 2﻿﻿.﻿﻿ ﻿ Preliminary results from the first attempt to derive an ECG-based [K+] estimator (KECG1 = 0.
	﻿Figure 3﻿﻿.﻿﻿ ﻿ Examples from three different sessions, for two different patients: one showing good agreement (left panels) and another showing systematic error (right panels) between the KECG1 (black circles) and KLAB (gray circles).
	﻿Figure 4﻿﻿.﻿﻿ ﻿ Left.
	﻿Figure 5﻿﻿.﻿﻿ ﻿ Results of the simulations performed using different potassium concentration levels.
	﻿Figure 6﻿﻿.﻿﻿ ﻿ A typical QRS-T-wave complex from an idealized electrocardiogram together with the schematic explanation of the negative slope and the amplitude of the T wave used to compute TS/A for [K+] estimation.
	﻿Table 1﻿﻿. ﻿  Results obtained from LQT2 patients (KLAB: serum potassium concentration from blood test KECG: ECG-based serum potassium concentration estimate m: mean sd: standard deviation).
	﻿Table 2﻿﻿. ﻿  Patient characteristics.



 
    
       
          application/pdf
          
             
                Noninvasive quantification of blood potassium concentration from ECG in hemodialysis patients
            
         
          
             
                srep ,  (2017). doi:10.1038/srep42492
            
         
          
             
                Cristiana Corsi
                Marilisa Cortesi
                Giulia Callisesi
                Johan De Bie
                Carlo Napolitano
                Antonio Santoro
                David Mortara
                Stefano Severi
            
         
          doi:10.1038/srep42492
          
             
                Nature Publishing Group
            
         
          
             
                © 2017 Nature Publishing Group
            
         
      
       
          
      
       
          © 2017 The Author(s)
          10.1038/srep42492
          2045-2322
          
          Nature Publishing Group
          
             
                permissions@nature.com
            
         
          
             
                http://dx.doi.org/10.1038/srep42492
            
         
      
       
          
          
          
             
                doi:10.1038/srep42492
            
         
          
             
                srep ,  (2017). doi:10.1038/srep42492
            
         
          
          
      
       
       
          True
      
   




