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ABSTRACT
The COVID-19 pandemic has negatively impacted the mental health of individuals
globally. However, less is known about the characteristics that contributed to some
people having mental health problems during the pandemic, while others did not.
Mental health problems can be understood on a continuum, ranging from acute (e.g.,
depression following a stressful event) to severe (e.g., chronic conditions that disrupt
everyday functioning). Therefore, the purpose of this article was to generate profiles
of adults who were more or less at risk for the development of mental health
problems, in general, during the first 16-months of the COVID-19 pandemic in
Ontario, Canada. Data were collected via online surveys at two time points:
April-July 2020 and July-August 2021; 2,188 adults (Mage = 43.15 years; SD = 8.82)
participated. Surveys included a demographic questionnaire and four previously
validated tools to measure participants’ mental health, subjective wellbeing, physical
activity and sedentary behaviour, and sleep. A decision tree was generated at each
time point for those with mental health problems, and those with no mental health
problems. Results showed that subjective wellbeing was the biggest contributor to
mental health status. Characteristics associated with no mental health problems
among adults included having good wellbeing, being a good sleeper (quantity,
quality, and patterns of sleep), and being over the age of 42. Characteristics associated
with mental health problems included having poor wellbeing and being a poor
sleeper. Findings revealed that specific characteristics interacted to contribute to
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adults’ mental health status during the first 16 months of the COVID-19 pandemic.
Given that wellbeing was the biggest contributor to mental health, researchers should
focus on targeting adults’ wellbeing to improve their mental health during future
health crises.

Subjects Global Health, Psychiatry and Psychology, Public Health, Mental Health, COVID-19
Keywords Mental health, Wellbeing, Sleep, Canada, Adults, COVID-19, Pandemic

INTRODUCTION
Mental health is an integral component of overall health and has been conceptualized by
theWorld Health Organization (2022a) as a state of mind that enables people to recognize
their potential, cope with the demands of life, learn and work well, and contribute to their
communities. Mental health is not merely the absence of mental illness; rather, it exists on
a continuum that consists of the presence and absence of mental illness and mental health
symptoms (Keyes, 2002). The ways individuals experience mental health along the
continuum vary and can fluctuate in response to changing environments, adverse
experiences, and life events (Headey & Wearing, 1989; Peter et al., 2021; World Health
Organization, 2022b). Individual, social, and structural factors can interact to protect or
undermine a person’s mental health (Oliveros, Agulló-Tomás & Márquez-Álvarez, 2022;
World Health Organization, 2022b).

Whereas mental health can be characterized by good behavioural adjustment, the ability
to cope with the ordinary stresses of life (American Psychological Association, 2023), the
ability to adapt and self-manage, and participation in valued roles (e.g., family, work;
Manwell et al., 2015), subjective wellbeing is a distinct construct (Lereya, Patalay &
Deighton, 2022) and measures a person’s satisfaction with life as a whole and/or the various
domains of life (Cummins, Lau & Stokes, 2004; International Wellbeing Group, 2013).
Subjective wellbeing is a component of quality of life, which can include both objective
(e.g., the degree of physical disability) and subjective (e.g., perceived stress) dimensions
(Cummins, Lau & Stokes, 2004). Though subjective wellbeing encompasses a person’s
satisfaction with their health, it also includes a variety of non-health-related domains, such
as satisfaction with their standard of living, achievement in life, relationships, safety,
community-connectedness, and future security (International Wellbeing Group, 2013); it is
the totality of these constructs that makes up a person’s subjective wellbeing (hereafter
referred to as wellbeing). It is worth noting that wellbeing has been found to be positively
associated with mental health (Grant, Guille & Sen, 2013; Lombardo et al., 2018;Watson &
Naragon-Gainey, 2010). Notably, Lombardo et al. (2018) assessed the relationship between
mental health and life satisfaction (i.e., wellbeing) and concluded that high life satisfaction
was strongly associated with positive mental health among individuals living in Canada.
Additionally, in a review conducted by Watson & Naragon-Gainey (2010) the authors
found that wellbeing was significantly negatively correlated with depression. Similarly,
Grant, Guille & Sen (2013) concluded that individuals who experienced low levels of
wellbeing were at increased risk for depressive symptoms. It is thus clear that wellbeing

Shillington et al. (2024), PeerJ, DOI 10.7717/peerj.17193 2/24

http://dx.doi.org/10.7717/peerj.17193
https://peerj.com/


predicts mental health status, such as future depression risk (Grant, Guille & Sen, 2013);
however, it is possible for a serious adverse event, such as the COVID-19 pandemic, to
depress an individual’s mental health and wellbeing (Cummins, Lau & Stokes, 2004;
Headey &Wearing, 1989). Thus, while it is evident that good wellbeing was associated with
positive mental health pre-pandemic, it is critical to assess if such intuitive associations
persisted in the face of a global pandemic. Notably, given the evolving nature of the
COVID-19 pandemic,Martin-Maria, Lara & Forsman (2023) emphasized the importance
of studying how the COVID-19 pandemic has affected subjective wellbeing and mental
health.

Those exposed to significant adverse events and/or negative individual, social, and
structural factors are at a heightened risk of experiencing mental health problems
(Canadian Mental Health Association, 2021) and poor wellbeing (Kettlewell et al., 2020).
Mental health problems can range from acute, temporary problems such as depression
following a stressful event, to severe chronic conditions that disrupt everyday functioning
(Scheid & Brown, 2010). In 2018, it was estimated that globally, 506 million adults aged
30–69 years experienced a mental health problem (Institute for Health Metrics &
Evaluation, 2023). Anxiety and depression were the leading mental health problems in
both adult men and women, with depression being most prevalent (Institute for Health
Metrics & Evaluation, 2023). In Canada, the prevalence of mental health problems is
concerning as one in five people experience a mental health problem in any given year, and
by the age of 40, approximately 50% of the population will experience, or have experienced,
a mental health problem (Canadian Mental Health Association, 2021). There is a known
relationship between mental health problems and chronic physical conditions (e.g.,
Canadian Mental Health Association, 2008; Evans et al., 2005; Patten, 1999; Stein et al.,
2019), and mental health problems have been identified to negatively impact an
individual’s social (Kupferberg, Bicks & Hasler, 2016) and cognitive functioning (Bunce
et al., 2008; De Pue et al., 2021) and contribute to the adoption of poor health behaviours
(e.g., Canadian Mental Health Association, 2008; Hoang, Kristoffersen & Li, 2019; Parletta,
Aljeesh & Baune, 2016).

Public health emergencies, such as the COVID-19 pandemic, can exacerbate
pre-existing mental health problems and introduce new challenges, both of which can have
long-term impacts (Moreno et al., 2020;World Health Organization, 2022b). For example,
many individuals fear infection, long-COVID, and death due to COVID-19, either for
themselves or their loved ones (Quadros et al., 2021; Hossain et al., 2023). As a way to
mitigate the spread of the virus, in earlier months of the pandemic, public health measures
were implemented globally, including national and localized quarantines, lockdowns,
restrictions of mass gatherings, physical distancing measures, compulsory mask wearing,
and school closures (Ayouni et al., 2021). Though the measures were implemented to
protect peoples’ health at a population level, they inadvertently contributed to negative
mental health experiences including social isolation, loneliness (McQuaid et al., 2021;
Su et al., 2023), feelings of helplessness (Polizzi, Lynn & Perry, 2020), and
strained relationships (Ellyatt, 2022). The COVID-19 pandemic also exacerbated
global pre-existing inequities, including poverty and unemployment rates
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(Warren & Bordoloi, 2020), both of which are known risk factors for mental health
problems (Weich & Lewis, 1998). Additionally, due to the rapid spread of information, the
COVID-19 “infodemic” resulted in the dissemination of false information, including
rumors and intentional disinformation, which has undermined individuals’ mental and
physical health, and wellbeing (Elbarazi et al., 2022; Rachul et al., 2020; World Health
Organization, 2020). Such stressors have led to reported mental health problems at a global
level, including psychological distress, depression, anxiety, post-traumatic stress disorder
(World Health Organization, 2022b), and poor wellbeing (Elbarazi et al., 2022).
Specifically, during the first year of the pandemic, researchers estimated that the
prevalence of depression and anxiety increased globally by 28% and 26%, respectively
(Santomauro et al., 2021).

While depression and anxiety have increased on a global level, there have been
substantial implications at the national level as well. For instance, according to Statistics
Canada (2021), one in four adults living in Canada reported symptoms of depression,
anxiety, or post-traumatic stress disorder in Spring 2021, compared to the Fall of 2020
wherein the prevalence was one in five. Specifically, the proportion of adults aged 25–44
years who reported symptoms of depression and/or anxiety increased from 18% to 23%,
and 15% to 20%, respectively (Statistics Canada, 2021). Further, a greater number of
Canadian adults (aged 25–64 years) reported symptoms for at least one mental health
disorder from Fall 2020 to Spring 2021 (Statistics Canada, 2021). Of the individuals living
in Canada who reported symptoms for at least one mental health disorder, 94% reported
experiencing negative impacts related to the COVID-19 pandemic, including loneliness,
physical health conditions, and/or relationship challenges (Statistics Canada, 2021). It is
important to note that reporting symptoms for a mental disorder does not always indicate
the presence of a mental disorder, as the self-report instruments used in the Statistics
Canada Survey on COVID-19 and Mental Health measured the prevalence of mental
health disorder symptoms and probable diagnoses (Statistics Canada, 2021).

In addition to the probable pandemic-related mental health disorder diagnoses
described above, Jenkins et al. (2021) concluded that adults in Canada (n = 3,000) reported
a deterioration in mental health during the initial stages of the COVID-19 pandemic (i.e.,
May 2020). This aligns with findings from Dozois & Mental Health Research Canada
(2021), who explored how adults in Canada (n = 1,803) were coping with the COVID-19
pandemic and its impact on experiences of anxiety and depression. While the author did
not specify the timeframe during which data were collected, they concluded that since the
onset of the COVID-19 pandemic, the number of participants with anxiety and depression
increased from 5% to 20% and 4% to 10%, respectively (Dozois & Mental Health Research
Canada, 2021). Additionally, Capaldi, Liu & Dopko (2021) compared adults’ self-reported
mental health from pre-pandemic (January–December 2019) to the second wave of the
pandemic in Canada (September–December 2020). Despite the fact that over half of the
participants reported positive mental health, the authors found that, compared to pre-
pandemic, there were significantly fewer participants who reported high levels of positive
mental health during the second wave of the pandemic (Capaldi, Liu & Dopko, 2021).
Building off these findings, Capaldi et al. (2022) investigated whether self-reported positive
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mental health and perceived change in mental health differed from the second
(September–December 2020) to the third (February–May 2021) wave of the COVID-19
pandemic in Canada. The authors found that adults’ mental health deteriorated from the
second to the third wave of the pandemic, with fewer participants reporting positive
mental health and improved mental health at the latter time point (Capaldi et al., 2022).

It is clear, based on the above review of literature, that the COVID-19 pandemic has
negatively impacted the mental health of adults globally; however, less is known regarding
the characteristics that contributed to some people having mental health problems during
the first 16 months of the COVID-19 pandemic in Ontario, Canada, while others did not.
Understanding this is critical, as the first 16 months of the pandemic included ongoing
adaptations and restrictions in attempting to mitigate the severity of health issues
(Canadian Institute for Health Information, 2022). Of necessity, most of the foci during
this period were on developing vaccinations and advocating for preventive measures like
physical distancing (Canadian Institute for Health Information, 2022; Chu et al., 2020;
Government of Canada, 2020a, 2022b). Of the provinces in Canada, Ontario was among
few with strict preventative measures in place during the early months of the pandemic
(Dekker & Macdonald, 2022). Thus, understanding the characteristics that contributed to
some adults’ having mental health problems during this timeframe, while others did not, is
instructive to inform the development of programs/interventions aimed at mitigating the
negative impact of the COVID-19 pandemic on adults’ mental health, as well as creating
tailored interventions, responsive to the characteristics of those who had the highest
incidence of mental health problems. As such, the purpose of this study was to generate
profiles of Ontario adults who were more or less at risk for the development of mental
health problems during the first 16-months of the COVID-19 pandemic.

METHODS
Study design and participants
This study represents part of an ongoing, longitudinal, survey-based research project titled
Health Outcomes for adults during and following the COVID-19 PandEmic (HOPE), which
was designed to assess adults’ lifestyle-related health behaviours and outcomes, including
physical activity, sedentary behaviour, sleep, diet, mental health, wellbeing, and prosocial
behaviour, during and following the COVID-19 pandemic in Ontario, Canada (Shillington
et al., 2021, 2022a, 2022b, 2023a, 2023b). The current paper includes data collected at time
point 1 (April 24–July 13, 2020) and time point 3 (July 29–August 30, 2021) to generate
profiles of Ontario adults who were at more or less risk for the development of mental
health problems during the first 16-months of the COVID-19 pandemic. The study was
approved by the Health Sciences Research Ethics Board (#115827) at Western University
and portions of this text were previously published as part of a thesis (https://ir.lib.uwo.ca/
etd/9382/). A more complete description of the methods (i.e., study design, study
procedures, recruitment, measures, data analysis) for this research is detailed elsewhere
(Shillington et al., 2021, 2022a, 2022b).

Participants were recruited for the HOPE study via advertisements on social media
platforms, as well as community health centres/medical clinics in Ontario, Canada. Study
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participants had to be: (1) an Ontario resident; (2) between the ages of 30–59 years at
baseline, as individuals within this age range are at highest risk for losing years of healthy
life due to chronic disease (World Health Organization, 2005); and (3) able to read and
write in English. Interested individuals were asked to click the link in the study
advertisement, which directed them to an online survey administered via Qualtrics, that
included the letter of information, eligibility questions, consent, and the time 1
questionnaires. To provide electronic consent, participants were asked to click “I consent
to begin the study”, acknowledging that they understood the terms and conditions of
participating in the study and were making an informed decision to participate. Data
collection for the larger project occurred at three time points: (1) baseline/time 1 (April
24–July 13, 2020); (2) time 2 (July 29–August 30, 2020); and time 3 (July 29–August 30,
2021). Data from time point 2 were not included in the current analysis as it occurred very
close to time point 1. As such, it would be unlikely to see differences in decision tree
modelling profiles.

Measures
Exposures

There were 11 explanatory variables explored in the analysis. These included demographic
variables (n = 6; gender, age, ethnicity, employment, marital status, and education) which
were collected at time 1, and health behaviours/outcomes (n = 5; sleep, wellbeing, physical
activity, sedentary time, and screen time) which were collected at times 1 and 3. Health
behaviours/outcomes were assessed using previously validated scales including the
Pittsburgh Sleep Quality Index (PSQI; Buysse et al., 1988), the Personal Wellbeing
Index-Adult (PWI-A; International Wellbeing Group, 2013), and the Global Physical
Activity Questionnaire (GPAQ; Bull, Maslin & Armstrong, 2009), described below.

The PSQI has been previously validated (Cronbach a = 0.83) and is used to measure
adults’ quantity, quality, and patterns of sleep on seven domains: (1) subjective sleep
quality; (2) sleep latency; (3) sleep duration; (4) habitual sleep efficiency; (5) sleep
disturbances; (6) use of sleep medication; and (7) daytime dysfunction (Buysse et al., 1988).
The seven domains are then summed to yield a total score ranging from 0–21, wherein a
score greater than five classifies participants as “poor sleepers” (Buysse et al., 1988).
The total score was used in the current study, where participants were coded as 0 if they
scored between 0 and 4 (indicating “good sleepers”) or 1 if they scored between 5 and 21
(indicating “poor sleepers”).

The PWI-A has been previously validated (Cronbach’s a = 0.70–0.85) and is used to
measure subjective wellbeing (International Wellbeing Group, 2013). The scale includes
seven items that correspond to quality of life domains including: (1) standard of living; (2)
health; (3) achievement in life; (4) relationships; (5) safety; (6) community-
connectedness; and (7) future security (International Wellbeing Group, 2013). It also
includes two additional (optional) items: (1) satisfaction with life as a whole; and
(2) spirituality/religion (International Wellbeing Group, 2013). Data can be interpreted at
the individual (domain) level; alternatively, the domains can be summed to yield a total
wellbeing score (excluding satisfaction with life as a whole, per the scoring protocol;
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International Wellbeing Group, 2013). For the purpose of this study, the domains were
summed, wherein a score less than 70 indicated poor wellbeing (International Wellbeing
Group, 2013). As such, participants were coded as 0 if they scored between 0 and 69
(indicating poor wellbeing) or 1 if they scored between 70–100 (indicating good
wellbeing). The cut-scores used for this analysis were informed by the authors of the scale,
who stated that the normative range for means of Western samples was between 70 and 80
points (International Wellbeing Group, 2013). Further, Tomyn, Weinberg & Cummins
(2015) stated that wellbeing scores at or above 70 points reflect ‘normal’ levels of wellbeing,
while lower scores reflect compromised levels of wellbeing.

The GPAQ has been previously validated (Bull, Maslin & Armstrong, 2009) and is used
to measure physical activity at the population level. This scale includes four domains: (1)
activity at work; (2) travel to and from places; (3) recreational activities; and (4) sedentary
behaviour (Bull, Maslin & Armstrong, 2009). For the purpose of this study, the domains of
recreational activities and sedentary behaviour were used. To yield a total score for
recreational-related physical activity (moderate to vigorous physical activity; MVPA), data
from the following questions were used: (1) “In a typical week, on how many days do you
do vigorous-intensity sports, fitness or recreational (leisure) activities?”; (2) “How much
time do you spend doing vigorous-intensity sports, fitness or recreational activities on a
typical day?”; (3) “In a typical week, on how many days do you do moderate-intensity
sports, fitness or recreational (leisure) activities?”; and (4) “How much time do you spend
doing moderate-intensity sports, fitness or recreational activities on a typical day?” The
total score for recreational-related physical activity was in minutes per week, wherein
participants who engaged in 0–149 min of recreational-related physical activity per week
were coded as 0 (not meeting recommended amount of MVPA) and participants who
engaged in 150 min or greater of recreational-related physical activity per week were coded
as one (meeting recommended MVPA), per Canada’s 24-h Movement Guidelines for
adults (Canadian Society for Exercise Physiology, 2020). With respect to sedentary
behaviour, participants were asked “How much time do you usually spend sitting or
reclining on a typical day?” Participants who engaged in more than 8 h of sedentary
pursuits per day were coded as 0 (not meeting recommended sedentary behaviour
guidelines) and participants who engaged in 8 h or less of sedentary pursuits per day were
coded as 1 (meeting recommended sedentary behaviour guidelines), again as outlined in
Canada’s 24-h Movement Guidelines (Canadian Society for Exercise Physiology, 2020).
Lastly, to measure participants’ screen use, the following question was used: “How much
time do you usually spend watching TV or using a computer, tablet or smartphone on a
typical day?” This item was not manually coded, as it was a continuous variable and thus a
standard median split was used (calculated via SPSS version 29.0). Supplemental 1 outlines
the response scale for each variable as well as variable type (e.g., nominal and ordinal) and
number of levels.

Outcome
The outcome variable in the current study was mental health, which was assessed using the
Mental Health Inventory-5 (MHI-5; Berwick et al., 1991). The MHI-5 has been previously
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validated and measures mental health status using five items: general positive affect
(two items); anxiety (one item); depression (one item); and behavioural/emotional control
(one item; Berwick et al., 1991). The items are then summed to yield a total mental health
score. While the authors of the scale did not establish a cut score, researchers have used a
cut score of 76 and below to indicate mental health problems (Kelly et al., 2008).
Specifically, Kelly et al. (2008) concluded that “a case of common mental disorder is
defined by a score of less than or equal to 76 for the MHI-5” (p. 4). As such, participants
were coded as 0 if they scored between 0 and 76 (indicating mental health problems) or 1 if
they scored between 77–100 (indicating no mental health problems). This said, it is
important to recognize that mental health exists on a continuum and should not be
interpreted as absolute, as the group names might suggest. While participants who scored
between 0 and 76 were included in the same group (i.e., mental health problems), the
group represents a range of scores and consequently, varied experiences of mental health
problems. Thus, the group represents differed experiences of mental health, ranging from
minor to major mental health problems.

Statistical analyses
Decision tree modeling has been applied in the fields of medicine and public health
(Batterham, Christensen &Mackinnon, 2009; Camp & Slattery, 2002; Jung et al., 2015) and
can be used to understand features and extract patterns in large datasets (Myles et al.,
2004). It is a commonly used method for “establishing classification systems based on
multiple covariates or for developing prediction algorithms for a target variable” (Song &
Lu, 2015, p.130). Profiles in the current study (mental health problems vs. no mental health
problems) were generated based on two broad categories of variables: (1) demographics
(gender, age, ethnicity, employment, marital status, and education); and (2) health
behaviours/outcomes (sleep, wellbeing, physical activity, sedentary time, and screen time).
Some of the health behaviour/outcomes were dichotomized using cut-scores (noted above)
and to this end, we relied on a set of binary rules to calculate a target value related to our
study objective. No a priori hypotheses were put forward as decision tree modeling is a
data-driven analysis and requires no formal theoretical structure (Guerrero et al., 2020).

Decision tree models for the current study were generated using the exhaustive
chi-square automatic interaction detector (CHAID) algorithm (McArdle & Ritschard,
2014). Exhaustive CHAID is commonly used when examining large datasets and involves
splitting the data into “mutually exclusive, exhaustive, subsets that best describe the
dependent variable” (Kass, 1980, p. 199). This method has a number of strengths including:
(1) it is non-parametric; (2) it is robust against issues regarding missing data and outliers;
and (3) all types of variables (continuous, ordinal, categorical) can be included (Merkle &
Shaffer, 2011). The exhaustive CHAID method begins with a root (or “parent”) node that
splits into two or more mutually exclusive subsets (“child nodes”; Song & Lu, 2015). Nodes
continue to split until pre-determined homogeneity or stopping criteria are met (Song &
Lu, 2015). The following statistical model specifications and stopping criteria were applied
in the current study: (1) the significance level for splitting nodes was set at p < 0.05; (2) the
Bonferroni method was used to obtain the significant values of adjustment; (3) the
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minimum change in expected cell frequencies was 0.001; (4) Pearson’s X2 was used;
(5) model depth was set at 3; (6) the minimum number of cases in parent nodes was set at
100 and in child nodes was set at 50; (7) cross-validation (10-folds) was used to assess the
tree structure; and, (8) the mis-classification risk was calculated as a measure of model
reliability. Missing values were handled using multiple imputation and data were analyzed
in SPSS. Missingness for each covariate was under 15% at time point 1 and 65% at time
point 3. Multiple imputation (N = 2,188) was performed in SPSS (version 29) using the
fully conditional specification approach to account for bias introduced from missing data
(Van Buuren & Groothuis-Oudshoorn, 2011). All variables were included in the model and
the imputation method was set to automatic. All p-values were two-tailed and statistical
significance was set at a = 0.05. For likelihood ratio tests for interaction, a threshold of
p < 0.3 was used (Harrell, 2015). Two decision tree models were generated, one utilizing
time point 1 data and a second utilizing time point 3 data. All participants were included in
the time point 1 decision tree model (N = 2,188); one participant was excluded from the
time point 3 decision tree model due to invalid/spurious data.

RESULTS
Demographics
A total of 2,188 individuals participated in the study. The mean age of participants was
43.15 years (SD = 8.82), with the majority identifying as female (n = 1,743; 89.55%), of
European ancestry (n = 1,789; 91.55%), and having a university degree or higher
(n = 1,123; 57.21%). Additionally, most participants in the study were married, common
law, or engaged (n = 1,535; 78.20%). Full demographic details have been published
elsewhere (Shillington et al., 2023a).

Time point 1 (April 24–July 13, 2020) decision tree
Figure 1 shows the final 3-level model at time 1, comprising 13 nodes, seven of which were
terminal subgroups (i.e., nodes that do not split any further). Four predictor variables
reached significance (wellbeing, sleep, physical activity, age) and were selected because they
best differentiated adults who had mental health problems (79.6%) from those who did not
(20.4%) based on the cut scores outlined above. The first level of the tree was split into two
initial branches according to participants’ perceived wellbeing, meaning that this variable
was the best predictor of mental health status (mental health problems or no mental health
problems). The no mental health problems group included participants who had good
wellbeing (Node 2), were classified as good sleepers (Node 6), and who were over the age of
42 (Node 12; 72.0% no mental health problems). The probability decreased when
participants were 42 years of age or younger (Node 11; 45.3% no mental health problems).
Those in the mental health problems group had poor wellbeing (Node 1) and were
classified as poor sleepers (Node 3; 93.2% mental health problems). The probability
decreased when participants were classified as good sleepers (Node 4) and were not
meeting the MVPA recommendations (Node 8; 87.0% mental health problems), and when
they were classified as good sleepers (Node 4) and were meeting the MVPA
recommendations (Node 7; 75.6% mental health problems). Decision rules for the
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prediction of mental health problems at time point 1 are presented in Table 1, which also
shows detailed “IF–THEN” rules.

Time point 3 (July 29–August 30, 2021) decision tree
Figure 2 shows the final 3-level model at time three, comprising eight nodes, five of which
were terminal subgroups. Three predictor variables reached significance (wellbeing, sleep,
age) and were selected because they best differentiated adults who self-reported mental
health problems (76.1%) from those who did not (23.9%). The first level of the tree was
split into two initial branches according to participants’ perceived wellbeing, meaning that
this variable was the best predictor of mental health status (mental health problems or no
mental health problems). The no mental health problems group included participants who

Figure 1 The classification tree of mental health status using the exhaustive X2 automatic interaction detector (CHAID) method at time point
1 (April 24–July 13, 2020). Full-size DOI: 10.7717/peerj.17193/fig-1

Table 1 Percentage of classification of mental health problems for terminal nodes at time point 1 (April 24–July 13, 2020), by risk probability
based on decision rules using the exhaustive CHAID method.

Classification Node IF THEN

1st 3 Participants’ wellbeing was poor AND they were classified as a poor sleeper 93.2%

2nd 7 Participants’ wellbeing was poor AND they were classified as a good sleeper AND they met physical activity (MVPA)
guidelines

75.6%

3rd 8 Participants’ wellbeing was poor AND they were classified as a good sleeper AND they did not meet physical activity
(MVPA) guidelines

87.0%

4th 9 Participants’ wellbeing was good AND they were classified as a poor sleeper AND they were less than or equal to 56
years of age

71.5%

5th 10 Participants’ wellbeing was good AND they were classified as a poor sleeper AND they were greater than 56 years of age 50.0%

6th 11 Participants’ wellbeing was good AND they were classified as a good sleeper AND they were less than or equal to 42
years of age

54.7%

7th 12 Participants’ wellbeing was good AND they were classified as a good sleeper AND they were greater than 42 years of age 28.0%

Note:
Decision rules displayed in plain text. An example of a lay interpretation is as follows: for the 7th classification/Node 12, IF participants’ wellbeing was good AND they
were classified as a good sleeper AND they were over the age of 42, THEN the probability of them experiencing mental health problems was 28.0%.
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had good wellbeing (Node 2) and were classified as good sleepers (Node 6; 63.4% no
mental health problems). The probability decreased when participants were classified as
poor sleepers (Node 5) and were over the age of 52 (Node 8; 60.2% no mental health
problems) and when they were classified as poor sleepers (Node 5) and were 52 years of age
or younger (Node 7; 39.9% no mental health problems). Participants in the mental health

Figure 2 The classification tree of mental health status using the exhaustive X2 automatic interaction detector (CHAID) method at time point
3 (July 29–August 30, 2021). Full-size DOI: 10.7717/peerj.17193/fig-2

Table 2 Percentage of classification of mental health problems for terminal nodes at time point 3 (July 29–August 30, 2021), by risk
probability based on decision rules using the exhaustive CHAID method.

Classification Node IF THEN

1st 3 Participants’ wellbeing was poor AND they were classified as a poor sleeper 88.7%

2nd 4 Participants’ wellbeing was poor AND they were classified as a good sleeper 75.8%

3rd 6 Participants’ wellbeing was good AND they were classified as a good sleeper 36.6%

4th 7 Participants’ wellbeing was good AND they were classified as a poor sleeper AND
were less than or equal to 52 years of age

60.1%

5th 8 Participants’ wellbeing was good AND they were classified as a poor sleeper AND
were greater than 52 years of age

39.8%

Note:
Decision rules displayed in plain text.
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problems group included participants who had poor wellbeing (Node 1) and were classified
as poor sleepers (Node 3; 88.7% mental health problems). The probability decreased when
participants were classified as good sleepers (Node 4; 75.8% mental health problems).
Decision rules for the prediction of mental health problems at time point 3 are presented in
Table 2.

DISCUSSION
The purpose of this article was to use decision tree modeling to generate profiles of adults
who were more or less at risk for the development of mental health problems during the
first 16-months of the COVID-19 pandemic in Ontario, Canada. The models yielded
profiles based on demographic characteristics and health behaviours/outcomes. From
April 24–July 13, 2020 (time point 1), characteristics of those in the ‘no mental health
problems’ group included having good wellbeing, being a good sleeper, and being over the
age of 42, while characteristics of those in the ‘mental health problems’ group included
having poor wellbeing and being a poor sleeper. From July 29–August 30, 2021 (time point
3), characteristics associated with no mental health problems included having good
wellbeing and being a good sleeper, while characteristics associated with mental health
problems included having poor wellbeing and being a poor sleeper.

Wellbeing was the strongest contributor to mental health status during the first
16 months of the COVID-19 pandemic. In both models (time points 1 and 3), good
wellbeing was associated with better mental health (i.e., no mental health problems). This
finding is not surprising as wellbeing has been positively linked to mental health in
previously published work (Lombardo et al., 2018). Specifically, data collected
pre-pandemic (2003–2012) via the Canadian Community Health Survey (CCHS) revealed
that life satisfaction (i.e., subjective wellbeing) was strongly associated with self-reported
mental health and that individuals (n = 646,471) with poor mental health experienced low
life satisfaction (Lombardo et al., 2018). This aligns with findings from the current study, as
participants with poor wellbeing (or quality of life per International Wellbeing Group,
2013) were more likely to experience mental health problems at both time points. This
might be explained, in part, by the theory of Subjective Wellbeing Homeostasis, which
suggests that a person’s wellbeing is relatively stable and that while it can change in the
short-term, over time an individual’s wellbeing will return to a baseline level (Cummins,
2010; Headey & Wearing, 1989). However, it is possible for an adverse event (e.g., the
COVID-19 pandemic) to negatively impact an individual’s wellbeing, resulting in their
baseline level of wellbeing falling below its normal homeostatic range (Cummins, Lau &
Stokes, 2004; Headey & Wearing, 1989). This was evidenced by Zajacova et al. (2020), who
investigated changes in adults’ (n = 4,627) psychological wellbeing during the early months
of the pandemic in Canada. The authors concluded that individuals’ psychological
wellbeing decreased significantly fromMarch–May 2020 (Zajacova et al., 2020). Therefore,
it is possible that the first 16 months of the pandemic had a negative toll on participants’
wellbeing, potentially contributing to mental health problems.

Experiencing no mental health problems was highest among those who had good
wellbeing and sleep (time points 1 and 3), and who were over the age of 42 (time point 3
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only), while presence of mental health problems were highest among those who had poor
wellbeing and sleep at both time points. These findings are unsurprising as it has been
established that good sleep quality is a protective factor against mental health conditions
(Scott et al., 2021). Specifically, achieving high quality sleep has been found to reduce risk
of depression (Raboch et al., 2017) and lead to improvements in wellbeing (Pilcher, Ginter
& Sadowsky, 1997; Prendergast, Mackay & Schofield, 2016). In the same vein, poor sleep
quality has been associated with mental and physical distress, anxiety, depression (Strine &
Chapman, 2005), and poor quality of life (Baldwin et al., 2001). Since the onset of the
COVID-19 pandemic, similar findings have been reported globally. Specifically, Simonetti
et al. (2021) conducted a study in Morocco during the early stages of the pandemic
(February-April, 2020) and found a positive correlation between anxiety and poor sleep
quality among adult nurses (n = 1,005). Similarly, Stanton et al. (2020) conducted a study
among Australian adults (n = 1,491) and concluded that negative changes in sleep during
the early months of the pandemic (April 2020) were associated with higher levels of
depression, anxiety, and stress symptoms. In a study of Norwegian adults (n = 1,281),
Ernstsen & Havnen (2021) found that anxiety and depressive symptoms were associated
with sleep disturbance during the early stages of the pandemic (June 2020). Moreover,
Hyun et al. (2021) investigated the impact of mental health symptoms on sleep quality of
young adults (n = 908; aged 18-30) in the United States during the early pandemic (April-
May 2020). The authors concluded that young adults experienced high rates of sleep
problems and that anxiety and depressive symptoms were predictors of sleep quality
(regardless of pre-existing diagnoses; Hyun et al., 2021). This finding aligns with the time
point 3 model in the current study, as participants who had good wellbeing and sleep, and
who were over the age of 42 did not experience mental health problems. While it is
interesting that older age was associated with no mental health problems in the current
study, it is not necessarily surprising as data from the 2015–2017 CCHS revealed that older
age was associated with positive mental health (Varin et al., 2020). Additionally, Trollor
et al. (2007) concluded that age was a significant predictor of mental health problems
among their sample of Australian adults (n = 10,641), with increasing age being associated
with a lower likelihood of experiencing symptoms of anxiety or affective disorders.

While the same predictor variables reached significance in both models (wellbeing,
sleep, age), during the early months of the pandemic (time point 1 only), physical activity
(MVPA) appeared to play a significant role with regard to mental health status. Notably,
participants who had poor wellbeing, but achieved good sleep and met the Canadian
physical activity (MVPA) guidelines were less likely to experience mental health problems
(24.4% no mental health problems) compared to those who had poor wellbeing, good sleep,
and did not meet the Canadian physical activity guidelines (13.0% no mental health
problems). This finding underscores the importance of physical activity in promoting
positive mental health; a finding that has been widely reported (e.g., Creese et al., 2021;
Jacob et al., 2020; Rebar et al., 2015). However, it is worth noting that the percentage of
participants who experienced no mental health problems in this profile was low compared
to those who experienced mental health problems, which suggests that participants’
experiences of poor wellbeing might have negatively impacted their ability to engage in
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physical activity during the early months of the pandemic. This interpretation aligns with
findings from a systematic review conducted by Violant-Holz et al. (2020), where the
authors investigated whether physical activity was used as a coping strategy early in the
pandemic (January 2019–July 2020). The authors concluded that there was an association
between mental health distress and physical activity status, such that the pandemic and
related public health protections were associated with psychological distress, which might
have hindered individuals’ engagement in physical activity (Violant-Holz et al., 2020).
Thus, while participants who met the physical activity guidelines experienced fewer mental
health problems compared to those who did not meet the physical activity guidelines,
wellbeing was a stronger contributor to mental health status than physical activity. It is
therefore possible that those who experienced poor wellbeing had a difficult time engaging
in physical activity as a result. However, it is also worth noting that there may have been
other factors, aside from poor wellbeing, that contributed to participants lack of
engagement in physical activity, including the closure of gyms and recreational facilities
and demographic factors such as living alone, having low income, and loss of employment
due to COVID-19 (Fearnbach et al., 2021), to name a few.

Limitations
This study is not without limitations. First, while multiple imputation is a statistically
sound method to handle missing data, especially in large datasets (Clark & Altman, 2003;
Lee & Huber, 2021), it is not without limitations. In the current study, data was assumed to
be missing at random (MAR), which can lead to biased results in complete case analyses
(Sterne et al., 2009). To overcome these biases, multiple imputation can be used (Sterne
et al., 2009), to statistically facilitate the prediction of missing values based on participants
with complete data (Jakobsen et al., 2017). Further, while percent missingness at time point
1 was less than 15%, the proportion of data missing was much larger at time point 3 (less
than 65%). In this case, it is possible that results from the current study might be biased;
however, Lee & Huber (2021) assessed the effectiveness of multiple imputation in a large
dataset (N = >3,000) with 20–80% missing data and concluded that data MAR produced
reliably accurate estimates even with a large proportion of missing data. Second, the study
lacks generalizability because the sample was primarily comprised of White,
female-identifying individuals of high socioeconomic status. This is not surprising as
participants were primarily recruited through social media platforms, which women
reportedly use more than men (Bush, 2024). Thus, study findings may be more relevant
among these sub-populations. It is also worth noting that the sample make up likely
influenced the results, as no demographic characteristics (aside from age, which was a
continuous variable) were included in the decision tree models. It is possible that this was
due to the disproportionate sample sizes for each group/category. As such, while gender,
ethnicity, employment, marital status, and education were not strong predictors of mental
health status in the current sample, this is not to say that such variables do not contribute
to an individual’s mental health status in general. Given that the COVID-19 pandemic has
negatively affected minoritized individuals and those of low socioeconomic status, findings
from the current study are not representative of such voices and experiences. In the future,
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researchers might consider stratifying their sample by targeting groups of diverse ethnic
origins, genders, and socioeconomic status in order to achieve greater diversity and
representation among the population. Third, the percentage of participants classified as
having mental health problems was high at both time points (79.6% at time point 1; 76.1%
at time point 2) and might not represent the mental health of the general population. It is
possible that the high proportion of participants in this classification was due to the
cut-score used to indicate mental health problems, despite it being based on
recommendations in the literature (Kelly et al., 2008). It is equally plausible that the high
percentage of participants classified as having mental health problems is reflective of the
timeframe during which data was collected and the nature of the COVID-19 pandemic,
though it is important to note that causation cannot be determined. This is crucial to
consider when interpreting study findings, as findings might not be generalizable to the
broader population. Lastly, it is worth noting that wherever possible, authors relied on
pre-established cut-scores (e.g., PSQI, Buysse et al., 1988; PWI-A, International Wellbeing
Group, 2013) to dichotomize the health behaviour/outcome variables for the decision tree
models. However, the cut-scores used in the analyses reflected a range of scores, and
findings should be interpreted with caution. Notably, to dichotomize wellbeing,
participants who scored between 0–69 represented “poor wellbeing”, while participants
who scored between 70–100 represented “good wellbeing” (i.e., the normative range for
means of Western samples). While wellbeing scores below 50 points indicate homeostatic
failure (i.e., a drop in wellbeing below the normative range), scores between 51–69 points
may represent homeostatic failure or homeostatic normality (Tomyn, Weinberg &
Cummins, 2015). Thus, it is possible that not all participants included in the “poor
wellbeing” group experienced homeostatic failure, based on the cut-score descriptions
provided, and that some experienced homeostatic normality of a low set-point. In
instances where cut-score thresholds were not available, such was the case with the MHI-5
(Berwick et al., 1991), our approach to dichotomizing the outcome variable was informed
by recommendations in the literature (Kelly et al., 2008). It is worth noting that researchers
have used MHI-5 cut-scores ranging from 70 to 76 to indicate mental health problems
(Hoeymans et al., 2004; Kelly et al., 2008; van den Beukel et al., 2012).

Study implications and future directions
Findings from the current study might be particularly useful to program planners and
public health personnel alike. Given the toll that the COVID-19 pandemic has had on the
mental health of adults living in Canada (Dozois & Mental Health Research Canada, 2021;
Jenkins et al., 2021; Statistics Canada, 2021) study findings might aid program planners/
researchers in developing interventions aimed at improving individuals’ mental health.
The current study revealed that good wellbeing and sleep quality predicted better mental
health status. Thus, researchers may consider developing interventions targeting wellbeing
and/or sleep to improve individuals’mental health. Additionally, findings from the current
study might be relevant to public health personnel during future health crises and could be
used to inform health promotion and disease preventative efforts.
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CONCLUSION
Over the past 3 years, individuals around the world have experienced the pervasive impacts
of the COVID-19 pandemic; its health repercussions have been devastating, with illness in
varying degrees of severity and deaths that continue to plague populations—and
concomitantly, their health care systems—worldwide (Barrett et al., 2020; Pollard, Morran
& Nestor-Kalinoski, 2020; World Health Organization, 2023). It has been established that
the pandemic has negatively impacted the mental health of adults globally (e.g., McQuaid
et al., 2021; Statistics Canada, 2021; Su et al., 2023); but an understanding of the
characteristics that contributed to mental health problems during the first 16 months of
the COVID-19 pandemic, specifically in Ontario, Canada, were lacking. This study
revealed that adults with no mental health problems generally had good wellbeing and
sleep quality, and were over the age of 42 years, while participants with mental health
problems experienced poor wellbeing and had poor sleep quality. Findings from the
current study highlight that wellbeing was the biggest contributor to mental health status
during the first 16 months of the COVID-19 pandemic. Future interventions/programs
should focus on targeting adults’ wellbeing in order to improve their mental health during
times of health crises.

ACKNOWLEDGEMENTS
We would like to thank the participants of this study, as well as Dr. Michelle Guerrero for
her statistical expertise.

ADDITIONAL INFORMATION AND DECLARATIONS

Funding
The authors received no funding for this work.

Competing Interests
The authors declare that they have no competing interests.

Author Contributions
� Katie J. Shillington conceived and designed the experiments, performed the experiments,
analyzed the data, prepared figures and/or tables, authored or reviewed drafts of the
article, and approved the final draft.

� Leigh M. Vanderloo conceived and designed the experiments, analyzed the data,
authored or reviewed drafts of the article, and approved the final draft.

� Shauna M. Burke conceived and designed the experiments, authored or reviewed drafts
of the article, and approved the final draft.

� Victor Ng conceived and designed the experiments, authored or reviewed drafts of the
article, and approved the final draft.

� Patricia Tucker conceived and designed the experiments, authored or reviewed drafts of
the article, and approved the final draft.

Shillington et al. (2024), PeerJ, DOI 10.7717/peerj.17193 16/24

http://dx.doi.org/10.7717/peerj.17193
https://peerj.com/


� Jennifer D. Irwin conceived and designed the experiments, performed the experiments,
analyzed the data, authored or reviewed drafts of the article, and approved the final draft.

Human Ethics
The following information was supplied relating to ethical approvals (i.e., approving body
and any reference numbers):

The Health Sciences Research Ethics Board at the University of Western Ontario
granted ethical approval to carry out the study activities.

Data Availability
The following information was supplied regarding data availability:

Data is available at Open Science Framework: http://doi.org/10.17605/OSF.IO/9WA4V.

Supplemental Information
Supplemental information for this article can be found online at http://dx.doi.org/10.7717/
peerj.17193#supplemental-information.

REFERENCES
American Psychological Association. 2023. APA dictionary of psychology: mental health.

Available at https://dictionary.apa.org/mental-health.

Ayouni I, Maatoug J, Dhouib W, Zammit N, Fredj SB, Ghammam R, Ghannem H. 2021.
Effective public health measures to mitigate the spread of COVID-19: a systematic review. BMC
Public Health 21:1050 DOI 10.1186/s12889-021-11111-1.

Baldwin CM, Griffith KA, Nieto FJ, O’Connor GT, Walsleben JA, Redline S. 2001. The
association of sleep-disordered breathing and sleep symptoms with quality of life in the sleep
heart health study. Sleep 24(1):96–105 DOI 10.1093/sleep/24.1.96.

Barrett K, Khan YA, Mac S, Ximenes R, Naimark DMJ, Sander B. 2020. Estimation of COVID-
19–induced depletion of hospital resources in Ontario, Canada. Canadian Medical Association
Journal 192(24):640–646 DOI 10.1503/cmaj.200715.

Batterham PJ, Christensen H, Mackinnon AJ. 2009. Modifiable risk factors predicting major
depressive disorder at four year follow-up: a decision tree approach. BMC Psychiatry 9:75
DOI 10.1186/1471-244X-9-75.

Berwick DM,Murphy JM, Goldman PA,Ware JE, Barsky AJ, Weinstein MC. 1991. Performance
of a five-item mental health screening test. Medical Care 29(2):169–176
DOI 10.1097/00005650-199102000-00008.

Bull FC, Maslin TS, Armstrong T. 2009. Global physical activity questionnaire (GPAQ): nine
country reliability and validity study. Journal of Physical Activity and Health 6(6):790–804
DOI 10.1123/jpah.6.6.790.

Bunce D, Tzur M, Ramchurn A, Gain F, Bond FW. 2008.Mental health and cognitive function in
adults aged 18 to 92 years. The Journals of Gerontology Series B: Psychological Sciences and Social
Sciences 63(2):67–74 DOI 10.1093/geronb/63.2.P67.

Bush O. 2024. Social media statistics in Canada. Available at https://madeinca.ca/social-media-
statistics-canada/#:.

Buysse DJ, Reynolds CF III, Monk TH, Berman SR, Kupfer DJ. 1988. The pittsburgh sleep
quality index: a new instrument for psychiatric practice and research. Psychiatry Research
28(2):193–213 DOI 10.1016/0165-1781(89)90047-4.

Shillington et al. (2024), PeerJ, DOI 10.7717/peerj.17193 17/24

http://doi.org/10.17605/OSF.IO/9WA4V
http://dx.doi.org/10.7717/peerj.17193#supplemental-information
http://dx.doi.org/10.7717/peerj.17193#supplemental-information
https://dictionary.apa.org/mental-health
http://dx.doi.org/10.1186/s12889-021-11111-1
http://dx.doi.org/10.1093/sleep/24.1.96
http://dx.doi.org/10.1503/cmaj.200715
http://dx.doi.org/10.1186/1471-244X-9-75
http://dx.doi.org/10.1097/00005650-199102000-00008
http://dx.doi.org/10.1123/jpah.6.6.790
http://dx.doi.org/10.1093/geronb/63.2.P67
https://madeinca.ca/social-media-statistics-canada/#:
https://madeinca.ca/social-media-statistics-canada/#:
http://dx.doi.org/10.1016/0165-1781(89)90047-4
http://dx.doi.org/10.7717/peerj.17193
https://peerj.com/


Camp NJ, Slattery ML. 2002. Classification tree analysis: a statistical tool to investigate risk factor
interactions with an example for colon cancer (United States). Cancer Causes and Control
13(9):813–823 DOI 10.1023/A:1020611416907.

Canadian Institute for Health Information. 2022. Canadian COVID-19 intervention timelin.
Available at https://www.cihi.ca/en/canadian-covid-19-intervention-timeline.

Canadian Mental Health Association. 2021. Fast facts about mental health and mental illness.
Available at https://cmha.ca/brochure/fast-facts-about-mental-illness/.

Canadian Mental Health Association. 2008. Recommendations for preventing and managing
co-existing chronic physical conditions and mental illnesses. Available at https://ontario.cmha.
ca/wp-content/uploads/2008/12/cmha_chronic_disease_policy_paper_2008.pdf.

Canadian Society for Exercise Physiology. 2020. Canadian 24-hour movement guidelines for
adults: an integration of physical activity, sedentary behavior, and sleep. Available at https://
csepguidelines.ca/.

Capaldi CA, Liu L, Dopko RL. 2021. Positive mental health and perceived change in mental health
among adults in Canada during the second wave of the COVID-19 pandemic.Health Promotion
and Chronic Disease Prevention in Canada 41(11):359–377 DOI 10.24095/hpcdp.41.11.05.

Capaldi CA, Liu L, Ooi LL, Roberts KC. 2022. Self-rated mental health, community belonging, life
satisfaction and perceived change in mental health among adults during the second and third
waves of the COVID-19 pandemic in Canada.Health Promotion and Chronic Disease Prevention
in Canada 42(5):218–225 DOI 10.24095/hpcdp.42.5.05.

Chu DK, Akl EA, Duda S, Solo K, Yaacoub S, Schünemann HJ, Chu DK, Akl EA, El-harakeh A,
Bognanni A, Lotfi T, Loeb M, Hajizadeh A, Bak A, Izcovich A, Cuello-Garcia CA, Chen C,
Harris DJ, Borowiack E, Chamseddine F, Schünemann F, Morgano GP, Muti
Schünemann GEU, Chen G, Zhao H, Neumann I, Chan J, Khabsa J, Hneiny L, Harrison L,
Smith M, Rizk N, Giorgi Rossi P, AbiHanna P, El-khoury R, Stalteri R, Baldeh T, Piggott T,
Zhang Y, Saad Z, Khamis A, Reinap M. 2020. Physical distancing, face masks, and eye
protection to prevent person-to-person transmission of SARS-CoV-2 and COVID-19: a
systematic review and meta-analysis. The Lancet 395(10242):1973–1987
DOI 10.1016/S0140-6736(20)31142-9.

Clark TG, Altman DG. 2003. Developing a prognostic model in the presence of missing data: an
ovarian cancer case study. Journal of Clinical Epidemiology 56(1):28–37
DOI 10.1016/S0895-4356(02)00539-5.

Creese B, Khan Z, Henley W, O’Dwyer S, Corbett A, Vasconcelos Da Silva M, Mills K,
Wright N, Testad I, Aarsland D, Ballard C. 2021. Loneliness, physical activity, and mental
health during COVID-19: a longitudinal analysis of depression and anxiety in adults over the age
of 50 between 2015 and 2020. International Psychogeriatrics 33(5):505–514
DOI 10.1017/S1041610220004135.

Cummins RA. 2010. Fluency disorders and life quality: subjective wellbeing vs. health-related
quality of life. Journal of Fluency Disorders 35(3):161–172 DOI 10.1016/j.jfludis.2010.05.009.

Cummins RA, Lau AL, Stokes M. 2004. HRQOL and subjective well-being: noncomplementary
forms of outcome measurement. Expert Review of Pharmacoeconomics & Outcomes Research
4(4):413–420 DOI 10.1586/14737167.4.4.413.

De Pue S, Gillebert C, Dierckx E, Vanderhasselt M-A, De Raedt R, Van Den Bussche E. 2021.
The impact of the COVID-19 pandemic on wellbeing and cognitive functioning of older adults.
Scientific Reports 11:4636 DOI 10.1038/s41598-021-84127-7.

Shillington et al. (2024), PeerJ, DOI 10.7717/peerj.17193 18/24

http://dx.doi.org/10.1023/A:1020611416907
https://www.cihi.ca/en/canadian-covid-19-intervention-timeline
https://cmha.ca/brochure/fast-facts-about-mental-illness/
https://ontario.cmha.ca/wp-content/uploads/2008/12/cmha_chronic_disease_policy_paper_2008.pdf
https://ontario.cmha.ca/wp-content/uploads/2008/12/cmha_chronic_disease_policy_paper_2008.pdf
https://csepguidelines.ca/
https://csepguidelines.ca/
http://dx.doi.org/10.24095/hpcdp.41.11.05
http://dx.doi.org/10.24095/hpcdp.42.5.05
http://dx.doi.org/10.1016/S0140-6736(20)31142-9
http://dx.doi.org/10.1016/S0895-4356(02)00539-5
http://dx.doi.org/10.1017/S1041610220004135
http://dx.doi.org/10.1016/j.jfludis.2010.05.009
http://dx.doi.org/10.1586/14737167.4.4.413
http://dx.doi.org/10.1038/s41598-021-84127-7
http://dx.doi.org/10.7717/peerj.17193
https://peerj.com/


Dekker J, Macdonald R. 2022. COVID-19 restrictions index update. Statistics Canada. Available at
https://www150.statcan.gc.ca/n1/pub/36-28-0001/2022008/article/00002-eng.htm.

Dozois DJA, Mental Health Research Canada. 2021. Anxiety and depression in Canada during
the COVID-19 pandemic: a national survey. Canadian Psychology/Psychologie Canadienne
62(1):136–142 DOI 10.1037/cap0000251.

Elbarazi I, Saddik B, Grivna M, Aziz F, Elsori D, Stip E, Bendak E. 2022. The impact of the
COVID-19 infodemic on well-being: a cross-sectional study. Journal of Multidisciplinary
Healthcare 15:289–307 DOI 10.2147/JMDH.S346930.

Ellyatt H. 2022. Arguing with your partner over covid? You’re not alone, with the pandemic
straining many relationships. Available at https://www.cnbc.com/2022/01/21/covid-has-put-
pressures-and-strains-on-relationships.html.

Ernstsen L, Havnen A. 2021. Mental health and sleep disturbances in physically active adults
during the COVID-19 lockdown in norway: does change in physical activity level matter? Sleep
Medicine 77(3):309–312 DOI 10.1016/j.sleep.2020.08.030.

Evans DL, Charney DS, Lewis L, Golden RN, Gorman JM, Krishnan KRR, Nemeroff CB,
Bremner JD, Carney RM, Coyne JC, Delong MR, Frasure-Smith N, Glassman AH, Gold PW,
Grant I, Gwyther L, Ironson G, Johnson RL, Kanner AM, Katon WJ, Kaufmann PG,
Keefe FJ, Ketter T, Laughren TP, Leserman J, Lyketsos CG, McDonald WM, McEwen BS,
Miller AH, Musselman D, O’Connor C, Petitto JM, Pollock BG, Robinson RG, Roose SP,
Rowland J, Sheline Y, Sheps DS, Simon G, Spiegel D, Stunkard A, Sunderland T, Tibbits P
Jr., Valvo WJ. 2005. Mood disorders in the medically Ill: scientific review and
recommendations. Biological Psychiatry 58(3):175–189 DOI 10.1016/j.biopsych.2005.05.001.

Fearnbach SN, Flanagan EW, Höchsmann C, Beyl RA, Altazan AD, Martin CK, Redman LM.
2021. Factors protecting against a decline in physical activity during the COVID-19 pandemic.
Medicine and Science in Sports and Exercise 53(7):1391–1399
DOI 10.1249/MSS.0000000000002602.

Government of Canada. 2020a. Defence team mental health and coping during COVID-19.
Available at https://www.canada.ca/en/department-national-defence/maple-leaf/defence/2020/
03/mental-health-covid-19.html.

Government of Canada. 2020b. Canada’s COVID-19 immunization plan: saving lives and
livelihoods. Available at https://www.canada.ca/en/public-health/services/diseases/2019-novel-
coronavirus-infection/canadas-reponse/canadas-covid-19-immunization-plan.html.

Grant F, Guille C, Sen S. 2013. Well-being and the risk of depression under stress. PLOS ONE
8(7):1–6 DOI 10.1371/journal.pone.0067395.

Guerrero MD, Vanderloo LM, Rhodes RE, Faulkner G, Moore SA, Tremblay MS. 2020.
Canadian children’s and youth’s adherence to the 24-h movement guidelines during the
COVID-19 pandemic: a decision tree analysis. Journal of Sport and Health Science 9(4):313–321
DOI 10.1016/j.jshs.2020.06.005.

Harrell FE. 2015. Regression modeling strategies: with applications to linear models, logistic and
ordinal regression, and survival analysis. New York: Springer International Publishing.

Headey B, Wearing A. 1989. Personality, life events, and subjective well-being: toward a dynamic
equilibrium model. Journal of Personality and Social Psychology 57(4):731–739
DOI 10.1037/0022-3514.57.4.731.

Hoang D, Kristoffersen I, Li IW. 2019. All in the mind? Estimating the effect of mental health on
health behaviours. Social Science & Medicine 225(2):69–84
DOI 10.1016/j.socscimed.2019.02.017.

Shillington et al. (2024), PeerJ, DOI 10.7717/peerj.17193 19/24

https://www150.statcan.gc.ca/n1/pub/36-28-0001/2022008/article/00002-eng.htm
http://dx.doi.org/10.1037/cap0000251
http://dx.doi.org/10.2147/JMDH.S346930
https://www.cnbc.com/2022/01/21/covid-has-put-pressures-and-strains-on-relationships.html
https://www.cnbc.com/2022/01/21/covid-has-put-pressures-and-strains-on-relationships.html
http://dx.doi.org/10.1016/j.sleep.2020.08.030
http://dx.doi.org/10.1016/j.biopsych.2005.05.001
http://dx.doi.org/10.1249/MSS.0000000000002602
https://www.canada.ca/en/department-national-defence/maple-leaf/defence/2020/03/mental-health-covid-19.html
https://www.canada.ca/en/department-national-defence/maple-leaf/defence/2020/03/mental-health-covid-19.html
https://www.canada.ca/en/public-health/services/diseases/2019-novel-coronavirus-infection/canadas-reponse/canadas-covid-19-immunization-plan.html
https://www.canada.ca/en/public-health/services/diseases/2019-novel-coronavirus-infection/canadas-reponse/canadas-covid-19-immunization-plan.html
http://dx.doi.org/10.1371/journal.pone.0067395
http://dx.doi.org/10.1016/j.jshs.2020.06.005
http://dx.doi.org/10.1037/0022-3514.57.4.731
http://dx.doi.org/10.1016/j.socscimed.2019.02.017
http://dx.doi.org/10.7717/peerj.17193
https://peerj.com/


Hoeymans N, Garssen AA,Westert GP, Verhaak PF. 2004.Measuring mental health of the Dutch
population: a comparison of the GHQ- 12 and the MHI-5. Health and Quality of Life Outcomes
2:1–6 DOI 10.1186/1477-7525-2-23.

Hossain MM, Das J, Rahman F, Nesa F, Hossain P, Islam AMK, Tasnim S, Faizah F,
Mazumder H, Purohit N, Ramirez G. 2023. Living with long COVID: a systematic review and
meta-synthesis of qualitative evidence. PLOS ONE 18(2):e0281884
DOI 10.1371/journal.pone.0281884.

Hyun S, Hahm HC, Wong GTF, Zhang E, Liu CH. 2021. Psychological correlates of poor sleep
quality among U.S. young adults during the COVID-19 pandemic. Sleep Medicine 78(10):51–56
DOI 10.1016/j.sleep.2020.12.009.

Institute for Health Metrics and Evaluation. 2023. GBD results. Available at https://vizhub.
healthdata.org/gbd-results/.

International Wellbeing Group. 2013. Personal wellbeing index: 5th Edition. Melbourne:
Australian centre on quality of life, Deakin University. Available at http://www.acqol.com.au/
instruments#measures.

Jacob L, Tully MA, Barnett Y, Lopez-Sanchez GF, Butler L, Schuch F, López-Bueno R,
McDermott D, Firth J, Grabovac I, Yakkundi A, Armstrong N, Young T, Smith L. 2020. The
relationship between physical activity and mental health in a sample of the UK public: a
cross-sectional study during the implementation of COVID-19 social distancing measures.
Mental Health and Physical Activity 19(9):366–378 DOI 10.1016/j.mhpa.2020.100345.

Jakobsen JC, Gluud C, Wetterslev J, Winkel P. 2017.When and how should multiple imputation
be used for handling missing data in randomised clinical trials-a practical guide with flowcharts.
BMC Medical Research Methodology 17(1):1–10 DOI 10.1186/s12874-017-0442-1.

Jenkins EK, McAuliffe C, Hirani S, Richardson C, Thomson KC, McGuinness L, Morris J,
Kousoulis A, Gadermann A. 2021. A portrait of the early and differential mental health impacts
of the COVID-19 pandemic in canada: findings from the first wave of a nationally representative
cross-sectional survey. Preventive Medicine 145(1):106333 DOI 10.1016/j.ypmed.2020.106333.

Jung SY, Vitolins MZ, Fenton J, Frazier-Wood AC, Hursting SD, Chang S. 2015. Risk profiles
for weight gain among postmenopausal women: a classification and regression tree analysis
approach. PLOS ONE 10(3):e0121430 DOI 10.1371/journal.pone.0121430.

Kass GV. 1980. An exploratory technique for investigating large quantities of categorical data.
Applied Statistics 29(2):119 DOI 10.2307/2986296.

Kelly MJ, Dunstan FD, Lloyd K, Fone DL. 2008. Evaluating cutpoints for the MHI-5 and MCS
using the GHQ-12: a comparison of five different methods. BMC Psychiatry 8:10
DOI 10.1186/1471-244X-8-10.

Kettlewell N, Morris RW, Ho N, Cobb-Clark DA, Cripps S, Glozier N. 2020. The differential
impact of major life events on cognitive and affective wellbeing. SSM-Population Health 10:1–9
DOI 10.1016/j.ssmph.2019.100533.

Keyes CLM. 2002. The mental health continuum: from languishing to flourishing in life. Journal of
Health and Social Behavior 43(2):207 DOI 10.2307/3090197.

Kupferberg A, Bicks L, Hasler G. 2016. Social functioning in major depressive disorder.
Neuroscience & Biobehavioral Reviews 69(14):313–332 DOI 10.1016/j.neubiorev.2016.07.002.

Lee JH, Huber JC Jr. 2021. Evaluation of multiple imputation with large proportions of missing
data: how much is too much? Iranian Journal of Public Health 50(7):1372–1380
DOI 10.18502/ijph.v50i7.6626.

Shillington et al. (2024), PeerJ, DOI 10.7717/peerj.17193 20/24

http://dx.doi.org/10.1186/1477-7525-2-23
http://dx.doi.org/10.1371/journal.pone.0281884
http://dx.doi.org/10.1016/j.sleep.2020.12.009
https://vizhub.healthdata.org/gbd-results/
https://vizhub.healthdata.org/gbd-results/
http://www.acqol.com.au/instruments#measures
http://www.acqol.com.au/instruments#measures
http://dx.doi.org/10.1016/j.mhpa.2020.100345
http://dx.doi.org/10.1186/s12874-017-0442-1
http://dx.doi.org/10.1016/j.ypmed.2020.106333
http://dx.doi.org/10.1371/journal.pone.0121430
http://dx.doi.org/10.2307/2986296
http://dx.doi.org/10.1186/1471-244X-8-10
http://dx.doi.org/10.1016/j.ssmph.2019.100533
http://dx.doi.org/10.2307/3090197
http://dx.doi.org/10.1016/j.neubiorev.2016.07.002
http://dx.doi.org/10.18502/ijph.v50i7.6626
http://dx.doi.org/10.7717/peerj.17193
https://peerj.com/


Lereya ST, Patalay P, Deighton J. 2022. Predictors of mental health difficulties and subjective
wellbeing in adolescents: a longitudinal study. JCPP Advances 2(2):1–10
DOI 10.1002/jcv2.12074.

Lombardo P, Jones W, Wang L, Shen X, Goldner EM. 2018. The Fundamental association
between mental health and life satisfaction: results from successive waves of a canadian national
survey. BMC Public Health 18(1):342 DOI 10.1186/s12889-018-5235-x.

Manwell LA, Barbic SP, Roberts K, Durisko Z, Lee C, Ware E, McKenzie K. 2015. What is
mental health? Evidence towards a new definition from a mixed methods multidisciplinary
international survey. BMJ Open 5(6):1–11 DOI 10.1136/bmjopen-2014-007079.

Martin-Maria N, Lara E, Forsman AK. 2023. Relationship between subjective well-being and
mental disorders across the lifespan. Frontiers in Psychology 14:1268287
DOI 10.3389/fpsyg.2023.1268287.

McArdle JJ, Ritschard G. 2014. Contemporary issues in exploratory data mining in the behavioral
sciences. Abingdon: Routledge.

McQuaid RJ, Cox SML, Ogunlana A, Jaworska N. 2021. The burden of loneliness: implications of
the social determinants of health during COVID-19. Psychiatry Research 296(3):113648
DOI 10.1016/j.psychres.2020.113648.

Merkle EC, Shaffer VA. 2011. Binary recursive partitioning: background, methods, and
application to psychology: binary recursive partitioning. British Journal of Mathematical and
Statistical Psychology 64(1):161–181 DOI 10.1348/000711010X503129.

Moreno C, Wykes T, Galderisi S, Nordentoft M, Crossley N, Jones N, Cannon M, Correll CU,
Byrne L, Carr S, Chen EYH, Gorwood P, Johnson S, Kärkkäinen H, Krystal JH, Lee J,
Lieberman J, López-Jaramillo C, Männikkö M, Phillips MR, Uchida H, Vieta E, Vita A,
Arango C. 2020. How mental health care should change as a consequence of the COVID-19
pandemic. The Lancet Psychiatry 7(9):813–824 DOI 10.1016/S2215-0366(20)30307-2.

Myles AJ, Feudale RN, Liu Y, Woody NA, Brown SD. 2004. An introduction to decision tree
modeling. Journal of Chemometrics 18(6):275–285 DOI 10.1002/cem.873.

Oliveros B, Agulló-Tomás E, Márquez-Álvarez L-J. 2022. Risk and protective factors of mental
health conditions: impact of employment, deprivation and social relationships. International
Journal of Environmental Research and Public Health 19(11):6781 DOI 10.3390/ijerph19116781.

Parletta N, Aljeesh Y, Baune BT. 2016. Health behaviors, knowledge, life satisfaction, and
wellbeing in people with mental illness across four countries and comparisons with normative
sample. Frontiers in Psychiatry 7(4):168 DOI 10.3389/fpsyt.2016.00145.

Patten SB. 1999. Long-term medical conditions and major depression in the Canadian population.
The Canadian Journal of Psychiatry 44(2):151–157 DOI 10.1177/070674379904400205.

Peter L-J, Schindler S, Sander C, Schmidt S, Muehlan H, McLaren T, Tomczyk S, Speerforck S,
Schomerus G. 2021. Continuum beliefs and mental illness stigma: a systematic review and
meta-analysis of correlation and intervention studies. Psychological Medicine 51(5):716–726
DOI 10.1017/S0033291721000854.

Pilcher JJ, Ginter DR, Sadowsky B. 1997. Sleep quality versus sleep quantity: relationships
between sleep and measures of health, well-being and sleepiness in college students. Journal of
Psychosomatic Research 42(6):583–596 DOI 10.1016/S0022-3999(97)00004-4.

Polizzi C, Lynn SJ, Perry A. 2020. Stress and coping in the time of Covid-19: Pathways to resilience
and recovery. Clinical Neuropsychiatry 17(2):59–62 DOI 10.36131/CN20200204.

Pollard CA, Morran MP, Nestor-Kalinoski AL. 2020. The COVID-19 pandemic: a global health
crisis. Physiological Genomics 52(11):549–557 DOI 10.1152/physiolgenomics.00089.2020.

Shillington et al. (2024), PeerJ, DOI 10.7717/peerj.17193 21/24

http://dx.doi.org/10.1002/jcv2.12074
http://dx.doi.org/10.1186/s12889-018-5235-x
http://dx.doi.org/10.1136/bmjopen-2014-007079
http://dx.doi.org/10.3389/fpsyg.2023.1268287
http://dx.doi.org/10.1016/j.psychres.2020.113648
http://dx.doi.org/10.1348/000711010X503129
http://dx.doi.org/10.1016/S2215-0366(20)30307-2
http://dx.doi.org/10.1002/cem.873
http://dx.doi.org/10.3390/ijerph19116781
http://dx.doi.org/10.3389/fpsyt.2016.00145
http://dx.doi.org/10.1177/070674379904400205
http://dx.doi.org/10.1017/S0033291721000854
http://dx.doi.org/10.1016/S0022-3999(97)00004-4
http://dx.doi.org/10.36131/CN20200204
http://dx.doi.org/10.1152/physiolgenomics.00089.2020
http://dx.doi.org/10.7717/peerj.17193
https://peerj.com/


Prendergast KB, Mackay LM, Schofield GM. 2016. The clustering of lifestyle behaviours in new
zealand and their relationship with optimal wellbeing. International Journal of Behavioral
Medicine 23(5):571–579 DOI 10.1007/s12529-016-9552-0.

Quadros S, Garg S, Ranjan R, Vijayasarathi G, Mamun MA. 2021. Fear of COVID 19 infection
across different cohorts: a scoping review. Frontiers in Psychiatry 12:708430
DOI 10.3389/fpsyt.2021.708430.

Raboch J, Ptacek R, Vnukova M, Tkacova S. 2017.How does lifestyle affect depression? European
Psychiatry 41(S1):S539 DOI 10.1016/j.eurpsy.2017.01.745.

Rachul C, Marcon AR, Collins B, Caulfield T. 2020. COVID-19 and ‘immune boosting’ on the
internet: a content analysis of Google search results. BMJ Open 10(10):e040989
DOI 10.1136/bmjopen-2020-040989.

Rebar AL, Stanton R, Geard D, Short C, Duncan MJ, Vandelanotte C. 2015. A meta-meta-
analysis of the effect of physical activity on depression and anxiety in non-clinical adult
populations. Health Psychology Review 9(3):366–378 DOI 10.1080/17437199.2015.1022901.

Santomauro DF, Mantilla Herrera AM, Shadid J, Zheng P, Ashbaugh C, Pigott DM,
Abbafati C, Adolph C, Amlag JO, Aravkin AY, Bang-Jensen BL, Bertolacci GJ, Bloom SS,
Castellano R, Castro E, Chakrabarti S, Chattopadhyay J, Cogen RM, Collins JK, Ferrari AJ.
2021. Global prevalence and burden of depressive and anxiety disorders in 204 countries and
territories in 2020 due to the COVID-19 pandemic. The Lancet 398:1700–1712
DOI 10.1016/S0140-6736(21)02143-7.

Scheid TL, Brown TN. 2010. Approaches to mental health and illness: conflicting definitions and
emphases. In: A Hook for the Study of Mental Health: Social Contexts, Theories, and Systems.
Cambridge: Cambridge University Press, 1–5.

Scott AJ, Webb TL, Martyn-St James M, Rowse G, Weich S. 2021. Improving sleep quality leads
to better mental health: a meta-analysis of randomised controlled trials. Sleep Medicine Reviews
60(1):101556 DOI 10.1016/j.smrv.2021.101556.

Shillington KJ, Vanderloo LM, Burke SM, Ng V, Tucker P, Irwin JD. 2021. Ontario adults’
health behaviors, mental health, and overall well-being during the COVID-19 pandemic. BMC
Public Health 21(1):1679 DOI 10.1186/s12889-021-11732-6.

Shillington KJ, Vanderloo LM, Burke SM, Ng V, Tucker P, Irwin JD. 2022a. A cross-sectional
examination of canadian adults’ prosocial behavior during the COVID-19 pandemic. Journal of
Rural Mental Health 46(3):174–182 DOI 10.1037/rmh0000201.

Shillington KJ, Vanderloo LM, Burke SM, Ng V, Tucker P, Irwin JD. 2022b. Not so sweet
dreams: adults’ quantity, quality, and disruptions of sleep during the initial stages of the COVID-
19 pandemic. Sleep Medicine 91(1):189–195 DOI 10.1016/j.sleep.2021.02.028.

Shillington KJ, Yates J, Vanderloo LM, Burke SM, Ng V, Tucker P, Irwin JD. 2023a. When you
give kindness out, you get it back ten times more’: ontario adults’ prosocial behaviour during the
first 16 months Of The COVID-19 pandemic. PLOS ONE 18(7):e0288720
DOI 10.1371/journal.pone.0288720.

Shillington KJ, Yates J, Vanderloo LM, Burke SM, Ng V, Tucker P, Irwin JD. 2023b. Ontario
adults’ mental health and wellbeing during the first 16 months of the COVID-19 pandemic.
Journal of Prevention and Health Promotion 4(3–4):434–452 DOI 10.1177/26320770231200211.

Simonetti V, Durante A, Ambrosca R, Arcadi P, Graziano G, Pucciarelli G, Simeone S,
Vellone E, Alvaro R, Cicolini G. 2021. Anxiety, sleep disorders and self-efficacy among nurses
during COVID-19 pandemic: a large cross-sectional study. Journal of Clinical Nursing
30(9–10):1360–1371 DOI 10.1111/jocn.15685.

Shillington et al. (2024), PeerJ, DOI 10.7717/peerj.17193 22/24

http://dx.doi.org/10.1007/s12529-016-9552-0
http://dx.doi.org/10.3389/fpsyt.2021.708430
http://dx.doi.org/10.1016/j.eurpsy.2017.01.745
http://dx.doi.org/10.1136/bmjopen-2020-040989
http://dx.doi.org/10.1080/17437199.2015.1022901
http://dx.doi.org/10.1016/S0140-6736(21)02143-7
http://dx.doi.org/10.1016/j.smrv.2021.101556
http://dx.doi.org/10.1186/s12889-021-11732-6
http://dx.doi.org/10.1037/rmh0000201
http://dx.doi.org/10.1016/j.sleep.2021.02.028
http://dx.doi.org/10.1371/journal.pone.0288720
http://dx.doi.org/10.1177/26320770231200211
http://dx.doi.org/10.1111/jocn.15685
http://dx.doi.org/10.7717/peerj.17193
https://peerj.com/


Song Y-Y, Lu Y. 2015. Decision tree methods: applications for classification and prediction.
Shanghai Archives of Psychiatry 27(2):130–135 DOI 10.11919/j.issn.1002-0829.215044.

Stanton R, To QG, Khalesi S, Williams SL, Alley SJ, Thwaite TL, Fenning AS, Vandelanotte C.
2020. Depression, anxiety and stress during COVID-19: associations with changes in physical
activity, sleep, tobacco and alcohol use in australian adults. International Journal of
Environmental Research and Public Health 17(11):4065 DOI 10.3390/ijerph17114065.

Statistics Canada. 2021. Symptoms of mental health disorders over the course of the
COVID-19 pandemic. Available at https://www150.statcan.gc.ca/n1/daily-quotidien/210927/
dq210927a-eng.htm.

Stein DJ, Benjet C, Gureje O, Lund C, Scott KM, Poznyak V, Van Ommeren M. 2019.
Integrating mental health with other non-communicable diseases. BMJ l295:l295
DOI 10.1136/bmj.l295.

Sterne JA, White IR, Carlin JB, Spratt M, Royston P, Kenward MG, Wood AM, Carpenter JR.
2009. Multiple imputation for missing data in epidemiological and clinical research: potential
and pitfalls. BMJ 338(jun29 1):b2393 DOI 10.1136/bmj.b2393.

Strine TW, Chapman DP. 2005. Associations of frequent sleep insufficiency with health-related
quality of life and health behaviors. Sleep Medicine 6(1):23–27 DOI 10.1016/j.sleep.2004.06.003.

Su Y, Rao W, Li M, Caron G, D’Arcy C, Meng X. 2023. Prevalence of loneliness and social
isolation among older adults during the COVID-19 pandemic: a systematic review and meta-
analysis. International Psychogeriatrics 35(5):229–241 DOI 10.1017/S1041610222000199.

Tomyn AJ, Weinberg MK, Cummins RA. 2015. Intervention efficacy among ‘at risk’ adolescents:
a test of subjective wellbeing homeostasis theory. Social Indicators Research 120(3):883–895
DOI 10.1007/s11205-014-0619-5.

Trollor JN, Anderson TM, Sachdev PS, Brodaty H, Andrews G. 2007. Age shall not weary them:
mental health in the middle-aged and the elderly. Australian & New Zealand Journal of
Psychiatry 41(7):581–589 DOI 10.1080/00048670701392817.

Van Buuren S, Groothuis-Oudshoorn K. 2011. mice: multivariate imputation by chained
equations in R. Journal of Statistical Software 45(3):1–67 DOI 10.18637/jss.v045.i03.

van den Beukel TO, Siegert CE, van Dijk S, Ter Wee PM, Dekker FW, Honig A. 2012.
Comparison of the SF-36 five-item mental health inventory and beck depression inventory for
the screening of depressive symptoms in chronic dialysis patients. Nephrology Dialysis
Transplantation 27(12):4453–4457 DOI 10.1093/ndt/gfs341.

Varin M, Palladino E, Lary T, Baker M. 2020. At-a-glance—an update on positive mental health
among adults in Canada. Health Promotion and Chronic Disease Prevention in Canada
40(3):86–91 DOI 10.24095/hpcdp.40.3.04.

Violant-Holz V, Gallego-Jiménez MG, González-González CS, Muñoz-Violant S,
Rodríguez MJ, Sansano-Nadal O, Guerra-Balic M. 2020. Psychological health and physical
activity levels during the COVID-19 pandemic: a systematic review. International Journal of
Environmental Research and Public Health 17(24):9419 DOI 10.3390/ijerph17249419.

Warren MA, Bordoloi SD. 2020. When COVID-19 exacerbates inequities: the path forward for
generating wellbeing. International Journal of Wellbeing 10(3):1–6 DOI 10.5502/ijw.v10i3.1357.

Watson D, Naragon-Gainey K. 2010. On the specificity of positive emotional dysfunction in
psychopathology: evidence from the mood and anxiety disorders and schizophrenia/schizotypy.
Clinical Psychology Review 30(7):839–848 DOI 10.1016/j.cpr.2009.11.002.

Weich S, Lewis G. 1998. Poverty, unemployment, and common mental disorders: population
based cohort study. BMJ 317(7151):115–119 DOI 10.1136/bmj.317.7151.115.

Shillington et al. (2024), PeerJ, DOI 10.7717/peerj.17193 23/24

http://dx.doi.org/10.11919/j.issn.1002-0829.215044
http://dx.doi.org/10.3390/ijerph17114065
https://www150.statcan.gc.ca/n1/daily-quotidien/210927/dq210927a-eng.htm
https://www150.statcan.gc.ca/n1/daily-quotidien/210927/dq210927a-eng.htm
http://dx.doi.org/10.1136/bmj.l295
http://dx.doi.org/10.1136/bmj.b2393
http://dx.doi.org/10.1016/j.sleep.2004.06.003
http://dx.doi.org/10.1017/S1041610222000199
http://dx.doi.org/10.1007/s11205-014-0619-5
http://dx.doi.org/10.1080/00048670701392817
http://dx.doi.org/10.18637/jss.v045.i03
http://dx.doi.org/10.1093/ndt/gfs341
http://dx.doi.org/10.24095/hpcdp.40.3.04
http://dx.doi.org/10.3390/ijerph17249419
http://dx.doi.org/10.5502/ijw.v10i3.1357
http://dx.doi.org/10.1016/j.cpr.2009.11.002
http://dx.doi.org/10.1136/bmj.317.7151.115
http://dx.doi.org/10.7717/peerj.17193
https://peerj.com/


World Health Organization. 2005. Preventing chronic diseases: a vital investment. Geneva: World
Health Organization.

World Health Organization. 2020. Managing the COVID-19 infodemic: promoting healthy
behaviours and mitigating the harm from misinformation and disinformation. Geneva: World
Health Organization. Available at https://www.who.int/news/item/23-09-2020-managing-the-
covid-19-infodemic-promoting-healthy-behaviours-and-mitigating-the-harm-from-
misinformation-and-disinformation.

World Health Organization. 2022a. Mental health. Available at https://www.who.int/news-room/
fact-sheets/detail/mental-health-strengthening-our-response.

World Health Organization. 2022b.World mental health report: Transforming mental health for
all. Available at https://www.who.int/publications/i/item/9789240049338.

World Health Organization. 2023. WHO coronavirus (COVID-19) dashboard. Available at
https://covid19.who.int/.

Zajacova A, Jehn A, Stackhouse M, Choi KH, Denice P, Haan M, Ramos H. 2020.Mental health
and economic concerns from march to may during the COVID-19 pandemic in Canada:
insights from an analysis of repeated cross-sectional surveys. SSM - Population Health
12(345):100704 DOI 10.1016/j.ssmph.2020.100704.

Shillington et al. (2024), PeerJ, DOI 10.7717/peerj.17193 24/24

https://www.who.int/news/item/23-09-2020-managing-the-covid-19-infodemic-promoting-healthy-behaviours-and-mitigating-the-harm-from-misinformation-and-disinformation
https://www.who.int/news/item/23-09-2020-managing-the-covid-19-infodemic-promoting-healthy-behaviours-and-mitigating-the-harm-from-misinformation-and-disinformation
https://www.who.int/news/item/23-09-2020-managing-the-covid-19-infodemic-promoting-healthy-behaviours-and-mitigating-the-harm-from-misinformation-and-disinformation
https://www.who.int/news-room/fact-sheets/detail/mental-health-strengthening-our-response
https://www.who.int/news-room/fact-sheets/detail/mental-health-strengthening-our-response
https://www.who.int/publications/i/item/9789240049338
https://covid19.who.int/
http://dx.doi.org/10.1016/j.ssmph.2020.100704
http://dx.doi.org/10.7717/peerj.17193
https://peerj.com/

	Factors that contributed to Ontario adults’ mental health during the first 16 months of the COVID-19 pandemic: a decision tree analysis ...
	Introduction
	Methods
	Results
	Discussion
	Conclusion
	flink6
	References



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile (None)
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages false
  /ColorImageDownsampleType /Average
  /ColorImageResolution 300
  /ColorImageDepth 8
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /FlateEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages false
  /GrayImageDownsampleType /Average
  /GrayImageResolution 300
  /GrayImageDepth 8
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /FlateEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages false
  /MonoImageDownsampleType /Average
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000500044004600206587686353ef901a8fc7684c976262535370673a548c002000700072006f006f00660065007200208fdb884c9ad88d2891cf62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef653ef5728684c9762537088686a5f548c002000700072006f006f00660065007200204e0a73725f979ad854c18cea7684521753706548679c300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA <>
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020b370c2a4d06cd0d10020d504b9b0d1300020bc0f0020ad50c815ae30c5d0c11c0020ace0d488c9c8b85c0020c778c1c4d560002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken voor kwaliteitsafdrukken op desktopprinters en proofers. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create Adobe PDF documents for quality printing on desktop printers and proofers.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /NoConversion
      /DestinationProfileName ()
      /DestinationProfileSelector /NA
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure true
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles true
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /NA
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /LeaveUntagged
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice




