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Abstract Although extremely popular, electronic commerce environments often lack
information that has traditionally served to ensure trust among exchange partners. Digital technologies, however, have created new forms of “electronic word-of-mouth,”
which offer new potential for gathering credible information that guides consumer
behaviors. We conducted a nationally representative survey and a focused experiment
to assess how individuals perceive the credibility of online commercial information,
particularly as compared to information available through more traditional channels,
and to evaluate the specific aspects of ratings information that affect people’s attitudes
toward ecommerce. Survey results show that consumers rely heavily on web-based
information as compared to other channels, and that ratings information is critical
in the evaluation of the credibility of online commercial information. Experimental
results indicate that ratings are positively associated with perceptions of product quality and purchase intention, but that people attend to average product ratings, but not
to the number of ratings or to the combination of the average and the number of ratings together. Thus suggests that in spite of valuing the web and ratings as sources of
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commercial information, people use ratings information suboptimally by potentially
privileging small numbers of ratings that could be idiosyncratic. In addition, product
quality is shown to mediate the relationship between user ratings and purchase intention. The practical and theoretical implications of these findings are considered for
ecommerce scholars, consumers, and vendors.
Keywords Ecommerce · Credibility · User-generated content · Amazon · Product
ratings · Electronic word of mouth · Information credibility · Purchase intention ·
Product quality · User ratings
People are increasingly relying on web-based commercial information for electronic
commerce (“ecommerce”) transactions that range from small personal items to home
purchases [45]. Retail ecommerce sales in the U.S. currently constitute roughly 4 % of
total retail sales, which translates to almost 40 billion dollars annually [10]. The number
of Americans who have purchased a product online has steadily increased since 2000,
and a majority (66 %) now report having made at least one online purchase [46]. An
even larger percentage (93 %) has used the Internet for ecommerce-related activities,
including researching information about a product they are thinking of buying, with
more than a quarter of Americans reporting they do this on a daily basis [49]. In
fact, over the last decade the number of people either researching or buying a product
or service online has nearly doubled, a trend that holds true across a wide range of
ecommerce-related activities [45].
Despite its popularity, online commercial transactions often lack elements that have
traditionally served to ensure trust and credibility among exchange parties. Indeed,
varying “patronage modes” embody different levels of risk for the consumer, which
increase the more the consumer is separated from the physical presence of the retail
store [43]. Faced with such risks, consumers engaging in ecommerce transactions must
assess the credibility of information provided online, as well as the trustworthiness
of the Internet as a commercial medium. Moreover, because consumers operate in an
environment that includes other common and well-established information sources,
they must assess the relative credibility of commercial information sources on the
web, as compared to more traditional, offline venues.
To assuage consumers’ fears, many ecommerce sites provide features designed to
promote greater trust among parties, such as security seals, help buttons, and personalization features [6,64]. Two frequently studied risk-mitigating features are user ratings and product reviews [3,15,16,19,20,24,30,40,82]. However, the extent to which
consumers attend to online ratings as compared to other information cues, and how
they influence perceptions of product quality and subsequent purchasing intentions,
remains unclear.
The purpose of this study is therefore to assess (a) how individuals perceive the
credibility of web-based commercial information in comparison to more traditional
sources, (b) the extent to which people feel that ratings are an important factor for evaluating the credibility of ecommerce information, and (c) the effects of, and relations
between, various levels of average product ratings and ratings volume on the critical
ecommerce outcomes of perceived product quality and purchase intention. To evaluate
these issues, we conducted a nationally representative survey of Internet users, and
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conducted a separate experiment in which the average rating and volume of ratings
were experimentally manipulated, and their effect on perceived product quality and
purchase intention were assessed.

1 The role of risk and information seeking in consumer behavior
Early research on consumer behavior suggested that when choosing to purchase a
product or procure a service, consumers are faced with uncertainty about the consequences of their decisions [5,86]. For example, consumers might feel unsure that they
have selected the right product, brand, vendor, or mode of purchase [8,22,84], which
can contribute to consumers’ perceived risk.
Dramatic increases in the variety of information sources available in recent decades
may in many ways have amplified consumer perceptions of risk and uncertainty, rather
than alleviated them. Online consumers are concerned about information asymmetries
between buyers and sellers, privacy concerns, system security shortcomings, immature legal protection mechanisms, low investment in infrastructure, the inability to
sufficiently inspect goods prior to purchase, and fraud [58,68,80]. Given these concerns, consumers are increasingly required to assess the trustworthiness of vendors
and the quality of products without many of the cues present in more traditional commercial transactions [1,59,62]. For example, online consumers cannot easily inspect
the products they are about to purchase or meet with the vendor before the transaction,
which may create a high degree of uncertainty about the outcome of the purchase.
This level of ambiguity surrounding commercial transactions signals the elevated risk
and uncertainty inherent in contemporary commercial transactions, and suggests the
importance of locating and relying on commercial information that consumers judge
to be credible.
As networked communication and information sharing technologies have proliferated, accurately determining credible sources and information has become increasingly
complex. Networked digital media, for example, increase “disintermediation” [35]
between information sources and consumers. For instance, customers often buy products directly from web-based businesses without the aid of sales clerks or agents who
might help them navigate the complexities of the consumer landscape. Accordingly,
several scholars have noted the enhanced need for effective evaluation of information
sources [23,39,67,81], and the variety of contexts of information assessment. The
credibility of information sources is no longer necessarily a function of sustained,
face-to-face interaction, nor is it established solely through the endorsement of those
whom one knows personally or directly. Nonetheless, source credibility remains a key
component of persuasion in consumer choices.
Although commercial transactions and the information guiding them are increasingly migrating online, information seeking can take several forms, across both more
traditional and online venues. Consumers rely on a variety of informal information
sources to evaluate goods, manufacturers, and vendors, often soliciting advice in person from friends and family members [7,61,83,86]. They also rely on established
information channels predating the Internet, such as television, books, magazines,
newspapers, and radio. Although research shows that people perceive differences in
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the credibility of various media (e.g., television, newspapers, and the Internet) across
a variety of information types (including health, news, reference, and entertainment;
[37]), no research to date has examined the ways in which consumers evaluate the
credibility of commercial information online, relative to other common and wellestablished offline information sources. To address this need, and to better understand
which medium consumers are most likely to use when seeking credible product information, the following research question is proposed:
RQ1: Relative to other sources of commercial information, how credible do users
believe web-based commercial information to be?
2 Electronic word of mouth as a risk mitigation mechanism
An important method of gathering commercial information is through word-of-mouth,
which is the informal transmission of knowledge about goods, stores, and brands from
consumer to consumer. Word-of-mouth was first examined in a marketing context by
[2] in a study of the diffusion of product information through housewives living in an
apartment complex. He found that word-of-mouth was most influential to high-risk perceivers, and that negative word-of-mouth discouraged purchase, while positive wordof-mouth encouraged purchase. Since then, research has indicated that dissatisfied
consumers are more likely to distribute information through informal, word-of-mouth
channels [81]; that face-to-face word-of-mouth information transmission can be highly
effective in building or changing a consumer’s opinion of a product [44]; and that wordof-mouth channels are most often relied upon when consumers perceived high risk in
a purchase decision or when there are few formal recommendation channels [42].
The emergence of digital technologies enabling greater information dissemination
has created new forms of “electronic word-of-mouth” via peer-to-peer information
sharing (for a review see [19]). Through a host of tools now commonly available on
the web, including blogs, interactive product information websites, electronic bulletin
boards and groups, and a wide variety of ratings and assessment systems, consumers
can now readily share their ideas, experiences, and opinions with others from around
the globe, immediately and at low cost. One outcome of this contemporary information
environment is that it can serve to mitigate risk in commercial transactions by enabling
consumers to rely on recommendations from other consumers [48]. Indeed, electronic
word of mouth has been shown to be as important as direct personal experience [85],
and customer referrals through digital word of mouth affect product sales, even more
than traditional measures such as customer satisfaction [77].
2.1 The use of commercial product ratings to evaluate information
Commercial product ratings are a particular instance of electronic word-of-mouth
whose use has skyrocketed in recent years [45,51]. Although ratings span a host of
venues, and have been applied to everything from assessments of whether messages
are spam to ratings of fellow raters, their predominant usage in ecommerce is to assess
product quality. Vendors hope that if consumers leave positive feedback and if others
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believe the ratings to be a credible indicator of product quality, they will influence
individuals’ product purchase decisions.
Yet, many argue that ratings on the whole are biased, and are therefore not a credible source of information about product quality [48], even though the influence of
electronic word-of-mouth depends on its perceived credibility [17]. Indeed, there is
evidence suggesting that ratings information may not be credible, since much of the
feedback appears to be skewed or untruthful. For example, research suggests that
when ratings are too positive, users do not find them to be credible [29]. Mackiewicz
[63] examined the ratings of 640 online products and found that more than 48 % of
all products rated received 5 stars (i.e., the highest ranking), suggesting a positivity
bias in ratings. Similarly, several researchers have noted that eBay user feedback is
overwhelmingly positive and that net feedback ratings reported by eBay may encourage overly optimistic assessments of others [25,58,80]. Furthermore, [48] found that
53 % of products show a bimodal ratings distribution, indicating that ratings are only
very positive and/or very negative for most products. This suggests that the average
rating of a product does not necessarily reflect its true quality, but rather the opinions
of consumers who were either very pleased or very disappointed with the product. To
ensure that ratings information can be trusted, [72] proposed a system that requires
both parties in an ecommerce transaction to provide feedback in the form of ratings,
with mechanisms for punishment in the case of a discrepancy. However, this system
has not been widely adopted.
Nevertheless, research indicates that ratings are important in people’s purchasing
decisions [18], and such information gives people a framework for organizing commercial information [52]. For instance, users (particularly females) find negative reviews
very helpful in evaluating products and services (Bae & Lee 2011), higher ratings or
reviews are positively associated with product sales [15,20,24], and although consumers are somewhat ambivalent about whether to trust ratings and reviews, expressing concern that such information can be easily skewed, they paradoxically find them
useful in evaluating product claims [65].
Taken together, research on ratings paints a conflicted picture of the degree to
which people find ratings to be a credible cue about commercial information online.
On the one hand, ratings may not be a particularly good indicator of the quality of
commercial information, and users seem to be aware of this. Yet, users also rely
on ratings in consequential ways, suggesting that they feel ratings provide reliable
commercial information. To directly assess consumers’ perceptions of the importance
of ratings information in evaluating the credibility of commercial information online,
we pose the following research question:
RQ2: Relative to other indicators, to what extent do users feel that ratings are an
important factor for evaluating the credibility of ecommerce information?
2.2 Effects of ratings on perceived product quality and purchase intention
Past research has examined how factors such as price and brand recognition can mitigate risk and influence perceptions of product quality [28,76,79]. In online consumer
environments characterized by high risk stemming from reduced information about
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products and vendors, it is likely that perceived product quality is also influenced by
features that can mitigate that risk Under conditions where individuals’ opinions are
routinely collected, widely tabulated, and readily available—such as those existing
with ratings data on the web today—risk can be functionally reduced through ratings’
role in helping to reliably evaluate product quality. Nonetheless, although studies confirm that higher ratings or reviews are positively associated with sales [15,20,24], it is
unclear whether higher ratings are similarly related to perceptions of product quality,
although this would seem reasonable.
In addition, a growing body of research has explored the relationship between
product quality and purchase intention in the context of ecommerce, and found that
ratings (e.g., [15,20,27,74,89]), website quality [41], and the perceived credibility
of electronic word-of-mouth messages [17] all positively impact purchase decisions.
Moreover, the perceived valence and credibility of product recommendations have
been shown to have a significant impact on purchase intention, across a variety of
consumer goods [38]. Positive electronic word of mouth messages with higher source
credibility predict higher purchase intention [88], and electronic word of mouth is a
critical driver of purchase intention [50]. Finally, higher perceived credibility of online
customer recommendations has been linked to greater purchase intention [56] and,
among other factors, the trustworthiness of a website positively affects the perceived
credibility of electronic word of mouth messages, which in turn amplifies purchasing
decisions [17]. In light of these findings linking ratings to perceived product quality
and purchase intention, we hypothesize that:
H1a−b : Higher average product ratings will result in greater (a) perceptions of
product quality, and (b) purchase intention.
In addition to the influence of product ratings there is ample evidence that the
volume of ratings, as well as their valence, influences people’s assessment of product
quality and their purchase intention. For instance, [31] found that readily-available
web-based information might lead to individual product adoption decisions that are
dictated more by popularity than by quality. Furthermore, the intensity of electronic
word of mouth has been shown to both predict opening weekend box office movie
success better than traditional indicators [49] and to drive box office movie revenues,
suggesting the influence of a strong “awareness effect” on the part of consumers [30].
Several theoretical perspectives support the general notion that people are heavily
influenced in their attitudes and beliefs by the actions of others. Informational social
influence, for instance, is the tendency to “accept information obtained from another as
evidence about reality” ([26], p. 629; emphasis in original), and is a compelling form
of persuasion through conformity. Demonstrating the effects of informational social
influence online, people viewing movie ratings online tend to rate movies consistent
with the ratings they have been shown [21], people’s choices online are swayed by
others’ views in recommender systems [91], and musically-induced emotions even
conform to others’ emotional ratings [33]. In a similar vein, information cascades [32]
and so-called bandwagon effects [9] have been shown to exert significant influence
on people, by virtue of people’s tendency to conform to others’ actions and opinions,
particularly in large numbers. In the context of commercial transactions, evidence
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suggests that a high volume of user ratings is associated with greater purchase intention
[57,60,74,90].
In theory, average product ratings and ratings volume are necessary, but insufficient, indicators of product quality. For example, one disgruntled consumer has a
very large impact on the overall rating of a product when there are only four ratings
but a very small impact when there are over 1,000. Thus, decoupling the number of
ratings from the average rating could reflect a critical deficiency in people’s ability to
correctly interpret the meaning of online ratings. Yet, although examining the independent effect of average ratings on product quality and purchase intention makes
sense (as in H1; because even in low numbers high average ratings indicate quality),
the same is not true for ratings volume, which is fundamentally yoked to the average
ratings value (e.g., a high volume of ratings can be an indicator of high or low quality,
depending on whether the average rating is high or low). Therefore, ratings volume is
best understood in the context of ratings valence. Accordingly, [34] found that high
ratings volume whose valence (average rating) was perceived positively by consumers
had a significant positive effect on product sales, while high ratings volume whose
valence was perceived negatively by consumers had the opposite effect.
Interestingly, little research has focused on consumers’ understanding of ratings
information, though its effects are occasionally explored. Based on the underlying
logic of informational social influence processes, information cascades, and bandwagon effects, we propose looking at the influence of ratings volume. However, as
noted above, volume is most appropriately considered in conjunction with the valence
of ratings information, with which it is fundamentally connected. Consequently, we
propose the following hypothesis, which extends H1 by addressing the interaction
between average ratings and their volume:
H2a−b : The combination of higher average ratings and higher rating volume will
result in higher (a) perceptions of product quality, and (b) purchase intention.
Product quality is also likely to be associated with higher purchase intention, since
people are more likely to purchase products they assess as higher in quality. Indeed,
perceived product quality has been found to be positively correlated with purchase
intention in offline commercial transactions (e.g., [14,54,69–71,73]), suggesting they
should be related online as well.
In addition, past research has shown that ratings of “quality goods” (i.e., those
whose quality can for the most part be objectively assessed) moderate the relationship
between product quality and purchase intention, such that the relationship is more
pronounced when average ratings are lower [55]. Although this finding suggests the
important interplay of ratings, quality, and purchase intention, it does not address the
direct linear relations among these factors. Because we frame commercial product
ratings theoretically as a critical factor in risk mitigation via mechanisms of consumer
endorsement, we propose that product ratings act on perceived product quality, which
in turn affects purchase intention. Thus, rather than suggesting that ratings act on the
relationship between product quality and purchase intention, at either high or low
average ratings, we propose that product quality acts as a mediator between ratings
and purchase intention. Therefore, H3 is:
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H3a−b : (a) Perceptions of product quality will be positively related to purchase
intention, and (b) perceptions of product quality mediate the relationship between
average product ratings and purchase intention.
3 Method
A multi-method approach was used to evaluate the research questions and hypotheses in this study. A nationally representative survey of adults in the United States
to address RQ1 and RQ2. This survey was designed to assess the perceived credibility of web-based ecommerce information generally and across various channels
of commercial information. An experiment was conducted to address H1–H3. This
experiment assessed the extent to which ratings, as a specific risk-reduction mechanism, are perceived to affect perceptions of product quality and purchase intention.
Together, results from the survey and the experiment combine to paint a portrait of the
perceived credibility of web-based ecommerce information among Internet users, and
the degree to which ratings information affects key ecommerce outcome variables.
3.1 Survey: sample, procedure, and measures
Survey data were collected online by the professional research firm Knowledge Networks, which maintains a probability-based panel of participants that is representative
of the entire U.S. population. The sample from this study was drawn from a combination of random digit dialing and address-based sampling methods, which allows
Knowledge Networks to reach cell-phone only homes, do-not-call listed homes, and
homes that use call-screening that normally would be missed by random digit dialing
methods alone.
The survey included adults in the U.S. who use the Internet. Participants took the
survey online from wherever they typically accessed the Internet, at their leisure,
in order to maintain as naturalistic an environment as possible. In order to balance
errors due to panel recruitment methods and panel attrition, and to adjust for the
study’s sample design and survey non-response, responses were weighted by (a) a
post-stratification adjustment using demographic distributions from the most recent
U.S. Census Bureau’s Current Population Survey data, and (b) study-specific poststratification weights. Survey results are thus generalizable to all adult Internet users
in the United States.
To assess RQ1, which asked about the credibility of the Internet as a source of
commercial information relative to other options, 3,991 respondents were asked to
indicate which of several information sources (specifically: the Internet, television,
books, magazines, newspapers, radio, or someone they talk to in person) they would
believe most for information about something they might want to buy. To evaluate RQ2,
which probed the relative importance of ratings information in helping users establish the credibility of commercial information online, 758 respondents were asked to
imagine they were buying something on the Internet and then to assess the importance
of various factors (e.g., “the information is very complete,” “others recommend the
website or information source,” and “there are high ratings, positive comments, or
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good reviews”) for determining the credibility of the information they found, on a
5-point scale ranging from “not at all” to “very” important. Respondents also had the
option of indicating they “do not know what this is or what this means,” if they were
not familiar with the factor in question.

3.2 Experiment: sample, procedure, and measures
2,139 participants, recruited by Knowledge Networks in the same manner as survey
respondents, participated in an online experiment, which directly assessed the effects
of user-generated ratings of commercial information online on consumers’ product
quality perceptions and purchase intentions. Each subject was presented with one randomly selected screenshot from a set of product pages on Amazon.com, followed by
questions about the page they had viewed. Product pages were modified to maintain
comparability across items and to meet technical requirements for inclusion in the
survey. In order to enhance stimulus generalizability, and to improve on prior research
that has examined only a single product at a time (the findings of which may therefore be swayed by the specific product selected), three different products were shown
(a digital camera, an electric toothbrush, and rolling luggage). Following past work,
we opted to use “quality” products, whose value is primarily a function of objective
factors like their attributes, rather than more subjectively assessed “preference” products. Because people’s interest in each product might logically vary, interest in the
product was statistically controlled for in all subsequent analyses (with responses to
the question “How interested are you in buying this type of product?”).
In addition to the product, the two factors represented in the study’s hypotheses–the
number of ratings provided about the product and the average rating of the product–
were varied systematically by altering information on the web page screenshots used
in the study. Specifically, the pages showed (a) the number of user ratings as 4, 16,
102, or 1002, and (b) average “star” ratings (on a 1–5 scale, where 5 is the best
rating) of 1.6, 2.23, 3.0, 3.68, 4.4, 4.84, or 5.0. These values were selected based on
their representativeness of a wide range of possible values, and the breadth of values
typically found in user rating data. In this manner, 84 different page image stimuli
were presented in the experiment, representing each possible combination of number
of ratings, average ratings, and product. All other content was held constant across all
pages. Figure 1 shows an example page with a digital camera presented as receiving
an average rating of 3.68, across 102 total ratings.
The experiment thus took the form of a 4 (number of ratings: 4, 16, 102, or 1002)
by 7 (average rating: 1.6, 2.23, 3.0, 3.68, 4.4, 4.84, or 5.0) factorial design, for each
of the three product types (digital camera, electric toothbrush, or rolling luggage).
Subjects were randomly assigned to one condition. The dependent variable product
quality was assessed by the question “On a scale of 0 to 10, how would you rate the
quality of this product?” with response categories ranging from 0 = “The quality is
much worse than average” to 10 = “The quality is much better than average,” with the
scale midpoint of 5 defined as “The quality is about average” ( X̄ = 6.79, SD = 2.31
across all three products). The dependent variable purchase intention was assessed by
the question “If you needed a digital camera [rolling carry-on luggage / an electric
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Fig. 1 Example product web page

toothbrush], how likely would you be to purchase this particular one?” with response
categories ranging from 1 = “Not at all likely to buy this one” to 5 = “Very likely to
buy this one” ( X̄ = 2.17, SD = 1.17 across all three products).
4 Results
4.1 Survey results
RQ1 asked about the degree to which people find commercial information online to
be credible compared to information obtained via other means. Results showed that,
when comparing the Internet to other information channels, people indicated higher
relative trust in the Internet for commercial information than all other sources (χ 2 =
5456.42, df = 6, p < .001). Just under half (49 %) of the respondents indicated that
they believe web-based information the most for information about something they
might want to buy, compared to 30 % who indicated they would believe someone they
talk to in person most, 8 % who indicated newspapers, 6 % who indicated magazines,
5 % who said television, and 1 % or less who indicated books or radio information
about commercial products was the most believable.
RQ2 probed the relative importance of ratings information in helping users establish
the credibility of commercial information online. Repeated measures ANOVA tests
indicated significant differences among the importance of various factors for determining information credibility (Wilks’ lambda = .29, F(22, 629) = 69.91, p < .001,
partial η2 = .71). Pairwise comparisons demonstrated specific differences among the
factors, as detailed in Table 1. Results show that among the various factors people
could choose from, they indicated that others recommending a website or informa-
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Table 1 Means and standard deviations for cues used to determine credibility of commercial information
online
M

SD

The website seems safe and secure

4.25

.86

The information on the website is up-to-date

4.06

.84

The information is very complete

3.95

.86

There are high ratings, positive comments, or good reviews

3.75a

1.00

The information seems reasonable to you

3.74a

.82

The website is easy to use

3.72ab

1.05

The website does not try to convince you to do something or buy something

3.65bc

1.01

The information is well written and you see no typing mistakes

3.64bde

1.13

You get more than just one person’s opinion

3.60cefg

1.00

You have heard good things about the information source or website creator

3.54dfhij

1.01

Experts believe the information (like your doctor, teacher, etc.)

3.53gikl

.99

The information is from an expert on the topic

3.49jlm

1.01

Others recommend the website or information source

3.47hkm

.99

There is information about the source’s or author’s education or training

3.36n

1.09

The information on the website is similar to information on other websites

3.32n

1.06

You ask an expert (like your doctor, teacher, etc.) who you know in person

3.32nq

1.19

You have heard of the source or information creator before

3.30no

1.05

People you know, such as friends and family, believe the website or information source
The information you find is similar to what you already think

3.29np

1.10

3.23opq

1.04

A lot of other people use the website

3.12

1.19

The website looks good

3.03r

1.13

The website address has a certain ending (like .gov or .edu or .com)

2.94r

1.16

You just like the website

2.64

1.11

Note Table means with common superscripts do not differ significantly from one another

tion source was somewhere between “somewhat important” to “important” in their
decision ( X̄ = 3.47, SD = .99; on a 5-point scale ranging from “not at all” to “very”
important), while the existence of “high ratings, positive comments, or good reviews”
about the product was even more important in determining credibility ( X̄ = 3.75,
SD = 1.00). Relative to several other credibility cues, ratings were ranked highly,
below only website security and the currency and completeness of the information
given on commercial websites in helping users establish information credibility. Ratings were judged to be significantly more important than such credibility cues as
source reputation and expertise; familiarity with and popularity of website; and webpage design, accuracy, and a website’s domain name extender. Thus, user-generated
information is a critical cue to people when evaluating the credibility of commercial
information online.
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4.2 Experiment results
In order to assess the degree to which people attend to the relevant and appropriate
cues (i.e., the number and nature of ratings) when determining product quality and
purchase intention as posed in H1 and H2, three separate 4 (number of ratings) by 7
(average rating) MANCOVA analyses were performed (one for each type of product),
with interest in buying the product as the covariate, and the perceived quality of the
product and purchase intention as the dependent measures.
Analyses indicated no significant multivariate effects for the volume of ratings,
in the case of any of the three product types (digital camera [Wilks’ lambda = .99,
F(6, 1344) = 1.11, p = .35], rolling luggage [Wilks’ lambda = .99, F(6, 1298) =
1.49, p = .18], and electric toothbrush [Wilks’ lambda = .99, F(6, 1424) = 1.33, p =
.24]) but showed a significant multivariate effect for average star rating for each of
the three product types: digital camera (Wilks’ lambda = .58, F(12, 1344) = 34.76,
p < .001, partial η2 = .24), rolling luggage (Wilks’ lambda = .62, F(12, 1298) =
29.42, p < .001, partial η2 = .21), and electric toothbrush (Wilks’ lambda = .67,
F(12, 1424) = 26.36, p < .001, partial η2 = .18). More specifically, there was a
main effect for average star rating on perceived product quality, for all 3 product types
(camera: [F(6, 673) = 78.19, p < .001, partial η2 = .41]; luggage: [F(6, 679) =
64.77, p < .001, partial η2 = .37]; toothbrush: [F(6, 742) = 55.79, p < .001, partial
η2 = .32]), with high variance explained in each case.
As the average ratings increased, generally so too did subjects’ assessment of product quality, with ratings ranging from a mean value of approximately 4 when the
average star rating was 1.6, to approximately 8 when the star rating was 5.0. Pairwise comparisons indicated that nearly all mean values of product quality across the
seven individual star ratings levels were statistically different from one another at the
p < .001 level. The exceptions to this occurred only at the high end of the star ratings
scale, where ratings of 4.4, 4.84, and 5.0 did not differ on perceived product quality
from one another for both cameras and luggage. For the toothbrush the same general
pattern adhered, although ratings of 3.68 did not differ from 4.84 as well. Overall, this
indicates that average star ratings are highly influential on perceived product quality,
in support of Hypothesis 1a. In addition, the data suggest a robust “ceiling effect,”
whereby ratings have diminished positive effects on perceived product quality as they
approach the top of the ratings scale. Differences among mean values on perceived
product quality (as well as on purchase intention, as discussed next) are contained in
Table 2, and results for Hypothesis 1a are also illustrated in Fig. 2.
There was also a main effect for average star rating on purchase intention, again for
all 3 product types (camera: [F(6, 673) = 18.32, p < .001, partial η2 = .14]; luggage:
[F(6, 679) = 6.75, p < .001, partial η2 = .06]; toothbrush: [F(6, 742) = 16.62,
p < .001, partial η2 = .12]). As a general rule, as the average star ratings increased,
so too did subjects’ purchase intention, from a mean value of approximately 1.5 when
the average star rating was 1.6, to between 2 and 3 when the star rating was 5.0.
As shown in Table 2, pairwise comparisons indicated that the vast majority of mean
values of purchase intention were statistically different from one another, at least the
p < .05 level, although star ratings that abutted or were near one another were less
likely to differ significantly, throughout the range of the scale. For the most part, the
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Table 2 Mean values on perceived product quality and purchase intention, across product types, by star
ratings levels
Product quality

1.6 stars

Purchase intention

Camera

Toothbrush

Luggage

Camera

Toothbrush

Luggage

4.11

4.54

4.14

1.51

1.80a

1.46a,d

2.07a,b

1.56a,b

2.32 stars

5.54

5.51

5.13

1.83a

3.0 stars

6.59

6.38

6.10

2.09a,b

2.22b

1.65a,c

3.68 stars

7.35

7.30a

6.68

2.34b,c

2.43c,d

1.68b,c,d

4.4 stars

8.14a

7.91b,c

7.63a

2.42c

2.67c,e

2.11e,f

4.84 stars

8.40a

7.74a,b

8.06a

2.61c,d

2.66d,e

2.13e,g

5.0 stars

8.32a

8.51c

7.80a

2.79d

3.20

2.06f,g

Note Mean values within columns that share superscripts are not significantly different from one another

Fig. 2 Perceived product quality by average product rating, across product types

pattern of findings did not vary by product, although rolling luggage purchase intention
showed less variation across the scale, and slightly more volatility within it. Overall,
findings indicate that average star ratings are highly influential on purchase intention,
in support of Hypothesis 1b. Results for purchase intention are illustrated in Fig. 3.
Contrary to Hypothesis 2, no interaction effects between average ratings and ratings volume were found on product quality or purchase intention, across any of the
three product types (digital camera [Wilks’ lambda = .94, F(36, 1344) = 1.14, p =
.27], rolling luggage [Wilks’ lambda = .96, F(36, 1298) = .79, p = .81], and electric
toothbrush [Wilks’ lambda = .93, F(36, 1424) = 1.39, p = .06]), indicating that the
average rating and the number of ratings do not operate in combination for people, in
contrast to the optimal situation in which both factors are considered in conjunction.
Finally, Hypothesis 3a posed that perceptions of product quality and purchase intention are positively correlated. The Pearson product moment correlation between these
variables was r (2,2133) = .32, p < .001, and a regression analysis of product quality
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Fig. 3 Purchase intention by average product rating, across product types

and review rating on purchase intention revealed a model where product quality (but
not review rating) predicts purchase intention (F[1, 2125]= 950.26, R 2 = .31, β = .56,
p < .001), both of which support H3a . H3b , which proposed that product quality
mediates the relationship between product ratings and purchase intention, was tested
by sequential regression analyses following [4]. Results supported a full mediation
model, demonstrating that product quality mediates the effect of product rating on
purchase intention (Sobel test statistic = 22.23, p < .01).

5 Discussion
Despite the risks associated with online commercial transactions, results of this study
indicate that people not only tend to believe the commercial information they find
on the Internet, but they also privilege that information above alternative, and often
more traditional, information sources. People also report that ratings and recommendations from others are important to them in their credibility assessments, although
experimental evidence from our study suggests that such information is often used
sub-optimally. Moreover, findings indicate that product ratings are used as a barometer of product quality, and that higher perceived product quality is associated with
greater purchasing intentions. This, by extension, confirms that ratings are seen as a
highly credible form of product information to ecommerce consumers since ratings
information should co-vary with perceived product quality and purchase intention only
if it is seen as credible. Overall, it appears that user-generated product ratings serve
to mitigate the risk inherent in the reduced-cues environment in which ecommerce
transactions take place, although they are not always utilized in the most effective
manner.
More specifically, results of the first research question demonstrated that people
find web-based commercial information to be credible, in comparison to information
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originating from other channels. In fact, about half of survey respondents indicated
that they would trust the Internet the most for information about products they might
want to buy. Nonetheless, it is important to distinguish between information seeking
and the actual purchasing of products online. Prior research has demonstrated that
individuals are concerned with the safety and security of their online transactions
[56,68,80]. It is therefore plausible that although individuals find the Internet to be
a more convenient and complete resource for product information than other media,
such as newspapers and magazines, they may still feel uncomfortable buying products
online. Although other findings from this study clearly link online ratings data to
purchase intention (both directly and through product quality), future research should
examine the distinction between people’s attitudes toward ecommerce information
and actually purchasing products online, in order to clarify the connection between
information seeking and online purchasing behaviors.
Results for the second research question showed that information from other
consumers—including user-generated product ratings—is important in helping people
determine the credibility of commercial information online. The presence of product
quality cues (star ratings, comments, reviews, etc.) ranked behind only website security, information currency, and information completeness in people’s assessment of a
commercial website’s credibility, and ahead of credibility cues like expert endorsement
and recommendations from friends and family. This finding suggests that even in the
face of problems associated with user-generated commercial cues people value ratings
information provided by fellow consumers. From the perspective of online vendors,
this implies that they might be able to boost their website’s credibility by providing
opportunities for users to rate and review products. For online consumers, this suggests that people should pay careful attention to the nature of the ratings information
provided in order to arrive at valid assessments of product quality and to usefully
inform their purchase intention, a phenomenon we discuss next.
Confirming Hypothesis 1, the experiment showed that higher average usergenerated ratings of products increased both perceived product quality and purchase
intentions. This was true across all three products used in the study, and provides
insight into the positive relationship between ratings, perceptions of product quality, and purchase intention in light of past research, which has shown mixed results
[55]. In support of Hypothesis 3, product quality and purchase intentions were positively related, consistent with research offline [14,54,69,73], and a specific mediational model was confirmed, whereby user ratings affect purchasing intentions by
influencing perceptions of product quality. Together, these findings demonstrate the
importance of user ratings, which act on perceived product quality, which in turn
influences purchase intention. Theoretically, this highlights the social influence and
cognitive power of user-generated information online, and the potentially critical role
of information and source credibility in this equation. From a practical standpoint,
because high average ratings are associated with consumers’ purchase intention, this
finding suggests that the presence of a ratings system on a website can be advantageous
for consumers (who benefit from access to user-generated information when making
purchasing decisions). The benefit to sellers goes beyond the boost to credibility mentioned above, in that ratings systems can facilitate the sale of more products and, as a
result of successful transactions, increase visitor traffic.
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Interestingly, findings from this study ran contrary to Hypothesis 2: While people
carefully attend to average product ratings when evaluating product quality and making
purchasing decisions, they do not focus on the number of ratings provided. In fact, even
when the number of ratings was hugely disparate (i.e., 4 ratings compared to 1,002)
for the same average rating, there was no difference in perceived product quality and
purchase intention. This is clearly sub-optimal for consumers, as users appear to be
neglecting a great deal of relevant information useful in making informed ecommerce
decisions.
This finding is inconsistent with prior research by [66] that employed focus groups
to understand consumers’ perceptions of online reviews. In that study, consumers
reported that the number of reviews was an important factor in their product evaluations. To some extent, the difference in methodology may account for the disparity in
findings such that focus groups may have elicited users’ more “ideal” strategies for
evaluating information, whereas the experiment better captured users’ actual strategies. Indeed, the current results are consistent with another finding from the same
study showing that users routinely employ cognitive heuristics, or mental shortcuts, in
judging the credibility of information online as a way to cope with the overwhelming
task of methodically evaluating all of the informational cues available on a website or
set of websites returned from a given search query. This perspective is consistent with
[87], suggesting that these results are not anomalous.
Another potential explanation for the lack of support for H2 comes from models
of cognitive processing. Consistent with dual process models of credibility assessment, based on the elaboration likelihood model [75] and the heuristic-systematic
model of information processing [11–13], under conditions of high motivation, online
information seekers will likely pay more attention to information quality cues and
perform more rigorous information evaluation than when motivation is lower. Stated
in dual processing terms, Internet users will be more likely to use “central” or “systematic” processing to establish the credibility of information they encounter online
when motivated and able to do so and will likely rely on more “peripheral” or “heuristic” credibility cues and processing strategies when motivation or ability to judge the
quality and trustworthiness of online sources or information is low. In this manner,
although both average star ratings and the number of ratings can be viewed as heuristic cues that enable consumers to efficiently process information indicative of product
quality, it may be the case that the star ratings are a more easily accessible or readily
available heuristic cue, and that the number of ratings requires more cognitive effort
or care, resulting in their relative neglect. Additional research, however, is required to
test this hypothesis directly.
Data from this study also show that once the average rating for a product reached
a certain level (4.4 stars in this case), a ceiling effect was evident, such that ratings
above the threshold did not translate to greater perceptions of product quality. This
again suggests that information consumers are neglecting information that could help
them to better discern product quality. The link between product ratings and purchase
intention is therefore a mixed blessing for online retailers. If customers neglect to
discount a high rating derived from only a small sample of other consumers, they may
errantly purchase products that will leave them dissatisfied and then feel deceived by
the seller. Given the apparent risk to seller credibility posed by the misinterpretation
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of ratings, it is important for online stores to encourage consumers to attend to the
number of ratings in addition to the average rating.
Sellers might increase consumers’ attentiveness to the quantity of ratings in any
number of ways. For instance, websites could include features designed to make the
gaps between an average rating and the number of ratings more salient, for example
by increasing the size of the average rating on the web page based on the number
of ratings from which it is derived, such that ratings from a larger pool of reviews
appear more prominent, thereby drawing consumers’ attention to a gap if one exists.
Similarly, websites could institute a credibility system, as suggested by [65], where
products that have not yet received a critical mass of reviews would be flagged, in
order to warn consumers that the credibility of information about the product may be
suspect, similar to Wikipedia’s flagging of short entries (i.e., “stubs”) and entries that
lack adequate citations. Such measures would help prevent consumers from placing
too much faith in ratings derived from a small number of raters, and could in turn
bolster the vendor’s credibility by reducing poor choices on the part of the consumer.

6 Conclusion
Results from a nationally representative sample of U.S. Internet users show that online
consumers find ecommerce information to be highly credible, and rely on it regularly
when assessing product quality and making purchasing decisions, particularly in comparison to other information channels. User-generated ratings information in particular appears to be highly valued by online consumers. Indeed, this relatively new form
of “electronic word-of-mouth” via peer-to-peer information sharing appears to serve
as an effective means of mitigating the perceived risks associated with ecommerce
transactions. However, results also demonstrate that people may not always use this
information optimally, as evidenced by their reliance on average user ratings to the
exclusion of the number of ratings, which should ideally be considered in conjunction
with one another.
Overall, results of this study corroborate prior research on ecommerce, but also
extend our understanding of these processes in meaningful ways, by (a) demonstrating
that consumers rely heavily on web-based information as compared to other channels,
(b) showing that ratings information is relied upon heavily to evaluate the credibility of
online commercial information, relative to other strategies, (c) documenting the association between perceived product quality and purchase intention in online commerce,
and clarifying the meditational role of product quality in the relationship between user
ratings and purchase intention, and (d) isolating the importance of average ratings and
the number of ratings in this process. Future research can fruitfully expand on these
contributions by probing deeper into the ways in which commercial decision-making
may be influenced by aspects of heuristic processing. As commerce progressively
migrates online, further understanding of these phenomena is increasingly warranted,
and critical.
Acknowledgments The authors thank the John D. and Catherine T. MacArthur Foundation for their
generous support of this work.

123

Author's personal copy
18

A. J. Flanagin et al.

References
1. Aldás-Manzano, J., Currás-Pérez, R., & Sanz-Blas, S. (2011). Online information quality as determinant of perceived risk reduction in e-commerce:An application to apparel virtual stores.International
Journal of Internet Marketing and Advertising, 6(4), 352. doi:10.1504/IJIMA.2011.043656.
2. Arndt, J. (1968). Selective processes in word of mouth. Journal of Advertising Research, 8(3), 19–22.
3. Bae, S., & Lee, T. (2010). Gender differences in consumers’ perception of online consumer reviews.
Electronic Commerce Research, 11(2), 201–214. doi:10.1007/s10660-010-9072-y.
4. Baron, R. M., & Kenny, D. A. (1986). The moderator-mediator variable distinction in social psychological research: Conceptual, strategic, and statistical considerations. Journal of Personality and Social
Psychology, 51(6), 1173–1182. doi:10.1037/0022-3514.51.6.1173.
5. Bauer, R. (1960). Consumer behavior as risk taking. Dynamic marketing for a changing world (p.
398). Chicago, IL: American Marketing Association.
6. Belanger, F., Hiller, J. S., & Smith, W. J. (2002). Trustworthiness in electronic commerce: The role of
privacy, security, and site attributes. The Journal of Strategic Information Systems, 11(3–4), 245–270.
doi:10.1016/S0963-8687(02)00018-5.
7. Bennett, P., & Mandell, R. (1969). Prepurchase information seeking behavior of new car purchasers:
The learning hypothesis. Journal of Marketing Research, 6(4), 430–433.
8. Bettman, J. (1973). Perceived risk and its components: A model and empirical test. Journal of Marketing
Research, 10(2), 184–190.
9. Bikhchandani, S., Hirshleifer, D., & Welch, I. (1992). A theory of fads, fashion, custom, and cultural
change as informational cascades. Journal of Political Economy, 100(5), 992–1026.
10. Census Bureau. (2010). Statistical abstract of the United States. Washington, DC.
11. Chaiken, S. (1987). The heuristic model of persuasion. In M. P. Zanna, J. M. Olson, & C. P. Herman
(Eds.), Social influence: The Ontario symposium (Vol. 5, pp. 3–39). Hillsdale, NJ: Erlbaum.
12. Chaiken, S., Liberman, A., & Eagly, A. H. (1989). Heuristic and systematic information processing
within and beyond the persuasion context. In J. S. Uleman & J. A. Bargh (Eds.), Unintended thought
(pp. 212–252). New York: Guilford Press.
13. Chaiken, S., Wood, W., & Eagly, A. H. (1996). Principles of persuasion. In E. T. Higgins & A.
Kruglanski (Eds.), Social psychology: Handbook of basic mechanisms and processes. New York:
Guilford Press.
14. Chang, T.-Z., & Wildt, A. (1994). Price, product information, and purchase intention: An empirical
study. Journal of the Academy of Marketing Science, 22(1), 16–27. doi:10.1177/0092070394221002.
15. Chen, P., Dhanasobhon, S., & Smith, M. (2007). All reviews are not created equal: The disaggregate
impact of reviews and reviewers at amazon. Com. Paper presented at the Carnegie Mellon Research
Showcase.
16. Chen, P., Wu, S., & Yoon, J. (2004). The impact of online recommendations and consumer feedback on
sales. In Proceedings of the international conference on information systems (ICIS-04), pp. 711–724.
17. Cheng, X., & Zhou, M. (2010). Empirical study on credibility of electronic word of mouth. Proceedings
of the 2010 international conference on management and service science (MASS), pp. 1–4.
18. Cheung, C. M. K., Lee, M. K. O., & Rabjohn, N. (2008). The impact of electronic word-of-mouth: The
adoption of online opinions in online customer communities. Internet Research, 18, 229–247. doi:10.
1108/10662240810883290.
19. Cheung, C. M. K., & Thadani, D. R., (2010). The state of electronic word-of-mouth research: A
literature analysis. PACIS 2010 Proceedings. Paper 151.
20. Chevalier, J. A., & Mayzlin, D. (2006). The effect of word of mouth on sales: Online book reviews.
Journal of Marketing Research (JMR), 43(3), 345–354. doi:10.1509/jmkr.43.3.345.
21. Cosley, D., Lam, S. K., Albert, I., Konstan, J. A., & Riedl, J. (2003). Is seeing believing? How recommender system interfaces affect users’ opinions. Presented at the SIGCHI conference on Human
Factors in Computing Systems.
22. Cox, D., & Rich, S. (1964). Perceived risk and consumer decision-making: The case of telephone
shopping. Journal of Marketing Research, 1(4)32–39.
23. Danielson, D. R. (2005). Web credibility. In C. Ghaoui (Ed.), Encyclopedia of human-computer interaction (pp. 713–721). Hersey, PA: Idea Group.
24. De Maeyer, P. D. (2012). Impact of online consumer reviews on sales and price strategies: A review
and directions for future research. Journal of Product & Brand Management, 21(2),132–139. doi:10.
1108/10610421211215599.

123

Author's personal copy
Mitigating risk in ecommerce transactions

19

25. Dellarocas, C., & Wood, C. A. (2008). The sound of silence in online feedback: Estimating trading
risks in the presence of reporting bias. Management Science, 54(3), 460–473.
26. Deutsch, M., & Gerard, H. B. (1955). A study of normative and informational social influences upon
individual judgment. The Journal of Abnormal and Social Psychology, 51(3), 629–636. doi:10.1037/
h0046408.
27. Dhar, V., & Chang, E. A. (2009). Does chatter matter? The impact of user-generated content on music
sales. Journal of Interactive Marketing, 23(4), 300–307. doi:10.1016/j.intmar.2009.07.004.
28. Dodds, W. B., & Monroe, K. B. (1985). The effect of brand and price information on subjective product
evaluations. Advances in Consumer Research, 12, 85–90.
29. Doh, S.-J., & Hwang, J.-S. (2009). How Consumers Evaluate eWOM (Electronic Word-of-Mouth)
Messages. CyberPsychology & Behavior, 12, 193–197. doi:10.1089/cpb.2008.0109.
30. Duan, W., Gu, B., & Whinston, A. (2008). Do online reviews matter?—An empirical investigation of
panel data. Decision Support Systems, 45(4), 1007–1016.
31. Duan, W., Gu, B., & Whinston, A. B. (2009). Informational cascades and software adoption on the
Internet: An empirical investigation. MIS, 33(1), 23–48.
32. Easley, D., & Kleinberg, J. (2010). Chapter 19: Cascading behavior in networks. Networks, crowds, and
markets: Reasoning about a highly connected world (pp. 563–609). Cambridge: Cambridge University
Press.
33. Egermann, H., Grewe, O., Kopiez, R., & Altenmüller, E. (2009). Social feedback influences musically
induced emotions. Annals of the New York Academy of Sciences, 1169(1), 346–350. doi:10.1111/j.
1749-6632.2009.04789.x.
34. Etzion, H., & Awad, N. (2007). Examining the relationship between number of online reviews and sales.
Paper presented at the 2007 Conference on Information Systems and Technology (CIST). Seattle, WA.
35. Eysenbach, G. (2008). Credibility of health information and digital media: New perspective and implications for youth. In M. J. Metzger & A. J. Flanagin (Eds.), Digital media, youth, and credibility (pp.
123–154). Cambridge, MA: MIT Press.
36. Flanagin, A. (2007). Commercial markets as communication markets: Uncertainty reduction through
mediated information exchange in online auctions. New Media & Society, 9, 401–423.
37. Flanagin, A., & Metzger, M. (2000). Perceptions of internet information credibility. Journalism and
Mass Communication Quarterly, 77(3), 515–540.
38. Floh, A., Koller, M., & Zauner, A. (2009). The impact of perceived valence, perceived information credibility and valence intensity of online reviews on purchase intentions. Presented at the 9th International
Conference on Electronic Business, Macau.
39. Fogg, B. J. (2003). Computers as persuasive social actors. In B. Fogg’s (Ed.), Persuasive technology:
Using computers to change what we think and do (pp. 31–60). San Francisco, CA: Morgan Kaufmann.
40. Forman, C., Ghose, A., & Wiesenfeld, B. (2008). Examining the relationship between reviews and
sales: The role of reviewer identity disclosure in electronic markets. Information Systems Research,
19(3), 291–313.
41. Gregg, D. G., & Walczak, S. (2010). The relationship between website quality, trust and price premiums
at online auctions. Electronic Commerce Research, 10(1), 1–25.
42. Ha, H. (2002). The effects of consumer risk perception on pre purchase information in online auctions:
Brand, word of mouth, and customized information. Journal of Computer Mediated Communication,
8(1).
43. Hawes, J., & Lumpkin, J. (1986). Perceived risk and the selection of a retail patronage mode. Journal
of the Academy of Marketing Science, 14(4), 37–42.
44. Herr, P., Kardes, F., & Kim, J. (1991). Effects of word-of-mouth and product-attribute information on
persuasion: An accessibility-diagnosticity perspective. Journal of Consumer Research, 17(4), 454–
462.
45. Horrigan, J. (2008a). The internet and consumer choice. Pew Internet & American
Life Project report Retrieved June 8, 2010, from http://www.pewinternet.org/Reports/2008/
The-Internet-and-Consumer-Choice.aspx
46. Horrigan, J. (2008b). Online shopping. Pew Internet and American Life Project report Retrieved June
8, 2010, from http://www.pewinternet.org/Reports/2008/Online-Shopping.aspx
47. Hu, N., Liu, L., & Zhang, J. (2008). Do online reviews affect product sales? The role of reviewer
characteristics and temporal effects. Information Technology and Management, 9(3), 201–214.

123

Author's personal copy
20

A. J. Flanagin et al.

48. Hu, N., Pavlou, P., & Zhang, J. (2006). Can online reviews reveal a product’s true quality?: Empirical
findings and analytical modeling of online word-of-mouth communication. Paper presented at the
Conference on Electronic Commerce, Ann Arbor, Michigan.
49. Huberman, B. A., & Asur, S. (2010). Predicting the future with social media. Whitepaper, Palo Alto,
CA: HP Labs.
50. Jalilvand, M. R., & Samiei, N. (2012). The effect of electronic word of mouth on brand image and
purchase intention. Marketing Intelligence & Planning, 30(4), 460–476.
51. Jansen, J. (2010). Online product research. Pew Internet & American Life Project. Retrieved from
http://www.pewinternet.org/Reports/2010/Online-Product-Research.aspx.
52. Kato, Y., Kurohashi, S., & Inui, K. (2008). Information credibility on the web. Internet Research, 18(2),
204–205.
53. Klein, T. J., Lambertz, C., Spagnolo, G., & Stahl, K. O. (2006). Last Minute Feedback. SSRN eLibrary.
Retrieved from http://ssrn.com/paper=921876
54. Lange, C., Rousseau, F., & Issanchou, S. (1998). Expectation, liking, and purchase behavior under
economical constraint. Food Quality and Preference, 10(1), 31–39.
55. Lee, J., & Lee, J.-N. (2009). Understanding the product information inference process in electronic word-of-mouth: An objectivity-subjectivity dichotomy perspective. Information & Management,
46(5), 302–311.
56. Lee, J., Park, D.-H., & Han, I. (2011). The different effects of online consumer reviews on consumers’
purchase intentions depending on trust in online shopping malls: An advertising perspective. Internet
Research, 21(2), 187–206. doi:10.1108/10662241111123766.
57. Lee, S. (2009). How do online reviews affect purchasing intention? African Journal of Business Management, 3(10), 576–581.
58. Lee, Z., Im, I., & Lee, S. (2000). The effect of negative buyer feedback on auction prices in internet auction markets. Paper presented at the 21st International Conference on Information systems, Brisbane,
Australia.
59. Lim, N. (2003). Consumers’ perceived risk: Sources versus consequences. Electronic Commerce
Research and Applications, 2(3), 216–228.
60. Liu, Y. (2006). Word of mouth for movies: Its dynamics and impact on box office revenue. Journal of
Marketing, 70(3), 74–89.
61. Locander, W., & Hermann, P. (1979). The effect of self-confidence and anxiety on information seeking
in consumer risk reduction. Journal of Marketing Research, 16(2), 268–274.
62. Lopez-Nicolas, C., & Monlina-Castillo, F. J. (2008). Customer knowledge management and ecommerce: The role of customer perceived risk. International Journal of Information Management,
28(2), 102–113.
63. Mackiewicz, J. (2007). Reviewer bias and credibility in online reviews. Paper presented at the Association for Business Communication Annual Convention.
64. Mascha, M. F., Miller, C. L., & Janvrin, D. J. (2011). The effect of encryption on Internet purchase
intent in multiple vendor and product risk settings. Electronic Commerce Research, 11(4), 401–19.
65. Metzger, M. J. (2007). Making sense of credibility on the Web: Models for evaluating online information
and recommendations for future research. Journal of the American Society for Information Science
and Technology, 58(13), 2078–2091. doi:10.1002/asi.20672.
66. Metzger, M., Flanagin, A., & Medders, R. (2010). Social and heuristic approaches to credibility evaluation online. Journal of Communication, 60(3), 413–439.
67. Metzger, M. J., Flanagin, A. J., Eyal, K., Lemus, D. R., & McCann, R. (2003). Credibility in the
21st century: Integrating perspectives on source, message, and media credibility in the contemporary
media environment. In P. Kalbfeisch (Ed.), Communication Yearbook 27 (pp. 293–335). Mahwah, NJ:
Lawrence Erlbaum.
68. Miyazaki, A., & Fernandez, A. (2001). Consumer perceptions of privacy and security risks for online
shopping. Journal of Consumer Affairs, 35, 27–44.
69. Moskowitz, H. R. (1995). The dollar value of product quality: The effect of pricing versus overall
liking on consumer stated purchase intent for pizza. Journal of Sensory Studies, 4, 239–247.
70. Mueller, S., & Szolnoki, G. (2010). The relative influence of packaging, labeling, branding and sensory
attributes on liking and purchase intent: Consumers differ in their responsiveness. Food Quality and
Preference, 21(7), 774–83.

123

Author's personal copy
Mitigating risk in ecommerce transactions

21

71. Napolitano, F., Braghieri, A., Piasentier, E., Favotto, S., Naspetti, S., & Zanoli, R. (2010). Effect of
information about organic production on beef liking and consumer willingness to pay. Food Quality
and Preference, 21(2), 207–12.
72. Papaioannou, T. G., & Stamoulis, G. D. (2010). A mechanism that provides incentives for truthful
feedback in peer-to-peer systems. Electronic Commerce Research, 10(3–4), 331–362. doi:10.1007/
s10660-010-9059-8.
73. Parasuraman, A., Zeithaml, V., & Berry, L. (1996). The behavioral consequences of service quality.
Journal of Marketing, 60, 31–46.
74. Park, D., Lee, J., & Han, I. (2007). The effect of on-line consumer reviews on consumer purchasing
intention: The moderating role of involvement. International Journal of Electronic Commerce, 11(4),
125–148.
75. Petty, R. E., & Cacioppo, J. T. (1981). Attitudes and persuasion: Classic and contemporary approaches.
Dubuque, IA: Brown.
76. Rao, A. R., & Monroe, K. B. (1989). The effect of price, brand name, and store name on buyers’
perceptions of product quality: An integrative review. Journal of Marketing Research, 26(3), 351–357.
77. Reichheld, F. (2003). The one number you need to grow. Harvard Business Review, 81(12), 46–55.
78. Render, B., & O’Connor, T. S. (1976). The influence of price, store name, and brand name on perception
of product quality. Journal of the Academy of Marketing Science, 4(4), 722–730.
79. Resnick, P., & Zeckhauser, R. (2002). Trust among strangers in internet transactions: Empirical analysis
of eBay’s reputation system. In M. Bayne (Ed.), Advances in applied microeconomics: A research
annual (Vol. 11, pp. 127–157). Amsterdam: Elsevier Science.
80. Richins, M. (1983). Negative word-of-mouth by dissatisfied consumers: A pilot study. The Journal of
Marketing, 47(1), 68–78.
81. Rieh, S. Y., & Danielson, D. R. (2007). Credibility: A multidisciplinary framework. In B. Cronin
(Ed.), Annual review of information science and technology, Vol. 41. (pp. 307–364). Medford, NJ:
Information Today.
82. Robinson, R., Goh, T., & Zhang, R. (2012). Textual factors in online product reviews: A foundation
for a more influential approach to opinion mining. Electronic Commerce Research, 12(3), 301–30.
83. Samadi, M., & Yaghoob-Nejadi, A. (2009). A survey of the effect of consumers’ perceived risk on
purchase intention in e-shopping. Business Intelligence Journal, 2(2), 261–275.
84. Sheth, J., & Venkatesan, M. (1968). Risk-reduction processes in repetitive consumer behavior. Journal
of Marketing Research, 5(3), 307–310.
85. Steffes, E. M., & Burgee, L. E. (2009). Social ties and online word of mouth. Internet Research, 19(1),
42–59. doi:10.1108/10662240910927812.
86. Taylor, J. (1974). The role of risk in consumer behavior. The Journal of Marketing, 38(2), 54–60.
87. Wolf, J. R., & Muhanna, W. A. (2011). Feedback mechanisms, judgment bias, and trust formation in
online auctions. Decision Sciences, 42, 43–68. doi:10.1111/j.1540-5915.2010.00301.x.
88. Wu, P. C. S., & Wang, Y.-C. (2011). The influences of electronic word-of-mouth message appeal and
message source credibility on brand attitude. Asia Pacific Journal of Marketing and Logistics, 23(4),
448–472. doi:10.1108/13555851111165020.
89. Ye, Q., Law, R., & Gu, B. (2009). The impact of online user reviews on hotel room sales. International
Journal of Hospitality Management, 28(1), 180–182. doi:10.1016/j.ijhm.2008.06.011.
90. Zhang, K. Z. K., Lee, M. K. O., & Zhao, S. J. (2010). Understanding the informational social influence
of online review platforms. ICIS 2010 Proceedings. Paper 71.
91. Zhu, H., Huberman, B., & Luon, Y. (2011). To switch or not to switch: Understanding social influence
in recommender systems. Retrieved from http://arxiv.org/abs/1108.5147

123

Author's personal copy
22

A. J. Flanagin et al.
Andrew J. Flanagin (Ph.D., Annenberg School for Communication,
University of Southern California) is a professor in the Department
of Communication at the University of California at Santa Barbara,
where he is past Director of the Center for Information Technology
and Society. His research focuses on the ways in which information
and communication technologies structure and extend human interaction, with particular emphasis on the processes of organizing and
information evaluation and sharing.

Miriam J. Metzger (Ph.D., Annenberg School for Communication,
University of Southern California) is a professor the Department of
Communication at the University of California at Santa Barbara. Her
research lies at the intersection of media, information technology, and
trust, centering on how information and communication technologies
alter our understandings of credibility and force us to confront new
challenges in protecting our privacy. She has also published work
examining the impact of mass media on public opinion, and on the
theoretical and regulatory changes brought about by emerging information and communication technologies.

Rebekah Pure (MA, University of California, Santa Barbara) is a
doctoral candidate in the Department of Communication at the University of California at Santa Barbara, and a survey specialist at
NORC at the University of Chicago. Her research focuses on the legal
implications of information technology, and specifically on privacy
and trust in the social media environment.

123

Author's personal copy
Mitigating risk in ecommerce transactions

23

Alex Markov (MA, University of California, Santa Barbara) is a doctoral student in the Department of Communication at the University
of California at Santa Barbara.

Ethan Hartsell (MA, University of California, Santa Barbara) is a
doctoral student in the Department of Communication at the University of California at Santa Barbara.

123

