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Abstract: California has fundamentally reformed its criminal justice system. Since 
2011, the state passed several reforms which reduced its massive prison 
population. Importantly, this decaceration has not harmed public safety as research 
finds these measures had no impact on violent crime and only marginal impacts on 
property crime statewide. The COVID-19 pandemic furthered the state’s trend in 
decarceration, as California reduced prison and jail populations to slow the spread of
the virus. In fact, in terms of month-to-month proportionate changes in the state 
correctional population, California’s efforts to reduce overcrowding as a means to 
limit the spread of COVID-19 reduced the correctional population more severely and 
abruptly than any of the state’s decarceration reforms. Although research suggests 
the criminal justice reforms did not threaten public safety, there is reason to suspect
COVID-mitigation releases did. How are COVID-19 jail downsizing measures and 
crime trends related in California, if at all? We address this question in the current 
study. We employ a synthetic control group design to estimate the impact of jail 
decarceration intended to mitigate COVID-19 spread on crime in California’s 58 
counties. Adapting the traditional method to account for the “fuzzy-ness” of the 
intervention, we utilize natural variation among counties to isolate decarceration’s 
impact on crime from various other shocks affecting California as a whole. Findings 
do not suggest a consistent relationship between COVID-19 jail decarceration and 
violent or property crime at the county level.

Keywords: criminal justice reform; prison downsizing; decarceration; crime; crime 
trends; COVID-19; corrections; synthetic control

Perhaps more than any other state, California has been immersed in a period 

of fundamental reform to its criminal justice system. Since 2011, the state passed a 

series of reforms, most of which were in-tended to reduce its massive prison 
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population. They worked, and California has reversed course when it comes to 

incarceration. In 2009, two years prior to the first reform, California’s incarceration 

rate was 329 per 100,000 residents. In 2019, after the bulk of reforms passed, the 

rate dropped to 290 (https://trends.vera.org/state/CA). Importantly, these reforms, 

and decarceration more generally, did not harm public safety. Research finds the 

downsizing measures had no impact on violent crime and only marginal impacts on 

property crime statewide (Bartos and Kubrin 2018; Groff et al. 2021; Lofstrom and 

Raphael 2016; Sundt et al. 2016).

The COVID-19 pandemic furthered California’s trend in decarceration, as the 

state reduced prison and jail populations to slow the spread of the virus. In fact, in 

terms of month-to-month proportionate changes in the state correctional 

population, California’s efforts to reduce overcrowding as a means to limit the 

spread of COVID-19 reduced the correctional population more severely and abruptly

than any of the state’s decarceration reforms. Release actions resulted in a 

population reduction of around 40,000 (or 21% of the in-custody population), and 

they occurred within a single year (compared to the reductions resulting from nearly

a decade of reforms). 

Although research finds California’s criminal justice reforms did not threaten 

public safety, there is reason to suspect the state’s COVID-mitigation releases may 

have. Concerns regarding what impact these actions would have on crime rates 

were voiced immediately after the releases were announced, with critics pointing to 

crime increases across the state as cause for concern. While data from four 

California cities (Los Angeles, Oakland, San Diego, San Francisco) show that violent 

and property crime declined overall during the pandemic due to sizable reductions 
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in larceny, robbery, and aggravated assault, homicide and motor vehicle theft 

increased notably (Lofstrom and Martin 2021). 

At the same time, crime data published by the FBI in 2021 reveals that 

increases in homicide and motor vehicle theft were experienced nationwide. These 

national trends imply that California’s crime increases were driven, at least in part, 

by shared macro-level factors rather than state-specific COVID responses. They also

suggest it is premature to interpret recent crime changes in California as a causal or

permanent effect of COVID decarceration efforts until more systematic analysis is 

performed. How are COVID-19 jail downsizing measures and crime trends related, if 

at all? We address this question in the current study.

We employ a synthetic control group design to estimate the impact of jail 

decarceration intended to mitigate COVID-19 spread on crime in California’s 58 

counties. Adapting the traditional method to account for the “fuzzy-ness” (Ragin 

2000; 2009) of the intervention, we utilize natural variation among California’s 

counties to isolate decarceration’s impact on crime from various other shocks 

affecting California as a whole. For the analyses, we use monthly jail average daily 

population (ADP) counts spanning January 2013 - December 2021 for California 

counties, collected via the Jail Profile Survey administered by the Board of State and

Community Corrections along with county-level monthly crime data covering the 

same time span gathered from the California Department of Justice’s “Crimes and 

Clearances” open data portal. Findings do not suggest a consistent relationship 

between COVID-19 jail decarceration and violent or property crime at the county 

level.

The California Case: Background Context
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California has come a long way given its previous status as a U.S. leader in 

incarceration, a status achieved through passage of “tough on crime” policies such 

as truth in sentencing, mandatory minimums and Three Strikes and You’re Out, 

along with the construction of 23 new correctional facilities from 1980-2010. These 

policies committed the state to housing more and more individuals for longer 

periods of time, and threatened to overwhelm facilities with a greater population 

than they had the capacity to house, even after accounting for new construction. 

Indeed, after years of steady growth, in 2007, California’s prison population was 

nearly 200% of the system’s rated capacity (Schlanger 2013). In 2011, California 

reached a breaking point. Spurred on by budget pressures and a court order, the 

state implemented reforms designed to reduce its correctional population (Kubrin 

and Seron 2016). Within a matter of years, the court ordered reductions were met. 

Notably, prison downsizing did not harm public safety (Bartos and Kubrin 2018; 

Groff et al. 2021; Lofstrom and Raphael 2016; Sundt et al. 2016) as critics charged, 

raising questions about the nature of the relationship between incarceration and 

crime.1

Only a few years later, the COVID-19 pandemic hit, inducing “a variety of 

major changes to the operation of criminal justice systems” (Jossie et al. 

2022:1244). COVID-19 spread easily among those incarcerated, as well as among 

those employed at correctional institutions (Wallace et al. 2021), compelling a range

1 At the crux of this is theory on the incarceration-crime relationship, which offers competing
expectations. Some perspectives suggest that prison is crime-suppressive, arguing that 
prisons incapacitate the criminally active (Piquero and Blumstein 2007), that the threat of 
prison may deter criminal activity (Pratt et al. 2006), and that prison may be transformative 
through rehabilitation (Lofstrom and Raphael 2016:198). Other perspectives maintain that 
prison is criminogenic (Harding et al. 2017), in part through a hardening of those 
incarcerated. Research finds that at low levels, incarceration does reduce crime however, 
diminishing crime-abating returns set in at relatively low incarceration rates (King, Mauer, 
and Young 2005:6). For reviews of research on the imprisonment–crime nexus, see King et 
al. (2005) and Raphael and Stoll (2009).
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of responses (Jossie et al. 2022:1249-1251).2 Jails and prisons, including in 

California, released individuals where possible, an approach many interpreted as 

generalized amnesty (Jossie et al. 2022:1249). While California’s decarceration 

reforms occurred over variable time frames and impacted prison and jail 

populations to varying degrees, in terms of month-to-month proportionate changes 

in the correctional population, the state’s efforts to reduce overcrowding as a means

to limit the spread of COVID-19 reduced the population more severely and abruptly 

than any decarceration reform.

Starting in March 2020, the California Department of Corrections and 

Rehabilitation (CDCR) announced the decision to release 3,500 non-violent, non-sex 

offenders that had 60 days or less remaining on their sentence. While this 

constituted only a 2.8% reduction in the state’s 123,030 population from two weeks 

prior, it was the first of many actions taken and it was accompanied by similar 

actions at the county level. By April 2020, for example, Los Angeles County had 

released 4,276 non-violent inmates, or about 25% of its jail population. In July 2020, 

the state announced another round of releases, expanding early releases to those 

with less than six months remaining rather than 60 days, to allow for greater 

distancing within its facilities amid a spike of cases in San Quentin State Prison. In 

August 2020, prison officials announced they planned to release as many as 17,600 

people early to limit the spread of the virus.

Although many doubted whether these actions were necessary, by Fall 2020 

it became clear that even further releases would be necessary to slow or reverse 

outbreaks in facilities. California prisons reached an in-custody population low point 

of 94,607 in February 2021, down 23.6% from a year prior and accompanied by only

2 Correctional workers were far more likely than the general public and twice more likely 
than other criminal justice practitioners to have contracted the virus (Nowotny et al. 2021).
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a 4% increase in the population under community supervision during the same time

(CDCR Monthly Population Reports 2021). Jail populations also decreased 

substantially during this time, suggesting release actions amounted to true (i.e., 

direct path to community re-entry) decarceration rather than simply shifting custody

operations to alternative jurisdictions. And, California’s county jail population hit its 

low point much earlier than the prison population. According to Jail Population 

Survey data, California housed 72,387 individuals in its county jails in February 2020

but by May 2020, the population reached as low as 50,680 (a 30% reduction from 

three months prior).3

In short, California’s downsizing reforms resulted in a drop in the state’s jail 

and prison population from a peak of about 257,000 in 2007 to 192,000 in January 

2020, a reduction of 25%. Further reductions related to the pandemic brought the 

incarcerated population down to 158,000 by December 2021. Although research 

finds that the criminal justice reforms did not threaten public safety, there is reason 

to suspect the COVID-mitigation releases, in fact, might have.

Most obviously, California’s decarceration reforms were carefully constructed,

fervently debated, and implemented at around a tenth of the pace of the COVID-

mitigation release actions. Beyond distinct dosages and durations, however, the 

reforms prior to the pandemic selectively focused on individuals convicted of the 

least risky, non-violent, non-serious, and non-sexual offenses. Once these 

individuals were removed from the population, the lowest risk inmates still 

remaining in-custody became higher risk. By iteratively removing individuals 

3 Although release actions intended to curb the spread of COVID-19 reduced the state’s total 
in-custody population in a single year by nearly as much as the previous decade of 
decarceration reforms, prisons in California remained crowded beyond design capacities. In 
March 2020, 32 of the state’s 34 prisons were over 100 % of design capacity, and in June 
2021, 21 prison facilities remained overcrowded (Harris and Hayes 2021).
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serving sentences for the least serious offenses, the remaining correctional 

population had, by default, become more serious and riskier in aggregate.

It should come as no surprise, then, that concerns regarding what impact 

these actions might have on crime rates were voiced immediately after the releases

were announced (Thomas 2023). Yet, a close examination of crime trends paints a 

complex picture, with long-term decreases in most crimes but steep increases in 

some (Lofstrom 2022). Most notably, there was a troubling increase in some violent 

crimes, particularly homicide, in California. The year 2020 saw an increase of more 

than 500 homicides, the largest jump in state history since record-keeping began in 

1960. California also experienced a 39% rise in aggravated assaults involving a 

firearm (Lofstrom 2022).

While these statistics are cause for concern, trends in California reflect 

broader trends for the nation as a whole, raising doubt that the COVID-19 mitigation

releases are to blame for rising crime. Researchers examining crime rates in 34 U.S.

cities found that homicide rates were 30% higher in 2020 compared to the year 

prior—an historic increase—even as they remained well below peak rates in the 

early 1990s (Rosenfeld et al. 2021). Homicide rates further increased by 5% in 

2021, compared to 2020, according to a follow-up study that examined 27 U.S. 

cities (Rosenfeld and Lopez 2022).

Beyond these statistics, what can research on prison downsizing and crime 

rates during the pandemic tell us? We were able to locate only one study that 

considers this—a report on jail populations, violent crime and COVID-19 from the 

Safety and Justice Challenge (Khan, West and Rosoff 2023). The researchers 

determined whether increases in violent crime were related to the pandemic and 

criminal justice reforms from 2016-2021 across 23 U.S. cities and counties, including
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two California cities (Los Angeles and San Francisco). Examining the outcomes of 

five cohorts of individuals released on pretrial status between 2015 and 2020, these

individuals were tracked for 6 months (up to April 2021) to see if they returned to 

jail and if so, whether the rebooking was for a felony or misdemeanor, and violent or

non-violent charge. They find: 1) There is no correlation between declines in jail 

incarceration and increases in violent crime through COVID-19 (pg. 6); 2) Most 

individuals (over 70%) released on pretrial status were not rebooked into jail, which 

was consistent over the study time frame (pg. 8); and, 3) Of the small percentage of

individuals rebooked into jail, it was very rare (< 4%) to return with a violent crime 

charge and exceedingly (< 0.1%) rare to return with a homicide charge (pg. 9). 

Findings for the two California cities included in the study mirror these trends. The 

study concludes: “It is likely that many complex social and economic factors related 

to the pandemic contributed to the overall increases in violence, and particularly in 

homicides, that occurred across cities in 2020. However, these findings suggest that

evidence-driven criminal legal reforms were not among those factors” (pg. 10).

In light of this discussion, it is premature to interpret crime increases in 

California as a causal or permanent effect of the state’s COVID decarceration efforts

until more systematic analysis is performed—something we take up in the current 

study. More broadly, we respond to recent calls asking researchers “…to examine 

changes in patterns of crime, particularly pertaining to homicide and gun violence, 

to examine whether there is a relationship between COVID mitigation decisions and 

related increases” (Jossie et al. 2022:1254). As “The pandemic created rare natural 

experiment research conditions that enable unique and potentially valuable insights

on necessitated innovations that may indicate future justice practices and policies” 

(Jossie et al. 2022:1243), we agree that “Researchers can meaningfully investigate 
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the ongoing applicability of justice system adaptations mandated by the pandemic 

in terms of effectiveness and efficiency toward the interrelated goals of evidence-

based practice discovery and justice reform” (pg. 1243). California represents an 

ideal laboratory in which to study relationships among the COVID-19 pandemic, 

prison downsizing and crime trends.

Data and Methods

We employ a synthetic control group design to estimate the impact of jail 

decarceration intended to mitigate COVID-19 spread on crime in California counties.

We adapt the traditional synthetic control method to account for the “fuzzy-ness” 

(Ragin, 2000; 2009) of the jail decarceration intervention and utilize natural 

variation among California’s counties to isolate the impact of jail decarceration on 

crime from various other shocks affecting the state as a whole. We use monthly jail 

ADP counts spanning January 2013 through December 2021 for California’s 58 

counties, collected via the Jail Profile Survey administered by the Board of State and

Community Corrections. We also use county-level monthly crime frequencies data (8

UCR categories) covering the same time span gathered from the California 

Department of Justice’s “Crimes and Clearances” open data portal. 

[Insert Table 1 about here]

Table 1 lists mean jail ADP by county for the 12 months prior and subsequent 

to March 2020. Aside from five counties that do not operate jail facilities, and thus 

are not exposed to the decarceration treatment, California’s remaining 53 counties 

reduced their jail populations by some amount in the 12 months following the 

COVID-19 crisis compared to the 12 months prior. At the same time, there is 
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significant variation across counties regarding the degree of decarceration, ranging 

from less than a 1% reduction (Lassen) to a 43% reduction (Imperial).  

We consider the proportionate change in county jail populations from the 

year prior to the year following the March 2020 COVID-19 lockdowns as the dosage 

distribution of the jail decarceration treatment. While extreme ends of the 

distribution include small counties managing jail populations of less than a few 

hundred, there are larger counties on each end which were more cautious about 

releasing any meaningful proportion of their jail population. While a 50% reduction 

is a greater proportionate reduction than was observed in any California county, if 

that county had a pre-pandemic jail population of only 50 people, for example, it 

would be foolish to expect those 25 released individuals to impact the county’s 

crime rate. As such, identifying the highest dosage treatment counties must also 

involve accounting for the size of their jail populations. Among counties with pre-

pandemic jail populations over 1,000, there are six that reduced their populations 

by ~30% or more (See * in Table 1). We consider these six counties as the high 

dosage jail decarceration treatment group. 

If release actions by jails were to cause crime increases, their impact is most 

likely to be distinguishable from noise in counties where a given proportionate 

reduction in the jail population constitutes a larger number of releases. To be clear, 

the counties that reduced their jail ADPs by the greatest proportion post 

intervention experienced the highest dosages of the jail decarceration treatment. In 

the interest of identifying a pattern of effects on crime across high-dosage counties, 

however, we further restrict our analysis to counties with pre-pandemic jail ADPs 

greater than 1,000. With these conditions in mind, we identify San Francisco, 

Sonoma, Orange, San Mateo, Contra Costa, and San Diego as high dosage counties. 
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If the state’s decarceration efforts were the only exogenous shock impacting 

county crime rates during the study period, estimation of the constant elasticity 

between per capita jail incarceration and per capita crime across counties would be 

relatively straightforward. However, the year 2020 is laden with multiple exogenous 

shocks, parallel treatments, and multi-level complications. For example, California 

imposed more stringent lockdown measures than other states, decarcerated its 

prisons gradually, and experienced the post-George Floyd protest movement along 

with political conflict leading up to and following the 2020 general election. 

Comparing California to another state, therefore, would be an immense task given 

challenges associated with parsing the impact of these confounding interventions 

on crime from the impact of jail decarceration. Examining county-level variation 

within California resolves some of these confounds by virtue of them being 

experienced statewide.

[Insert Figure 1 about here]

As Figure 1 shows, California county jails reduced their in-custody population 

from ~68,000 in February 2020 to just under 48,000 in May 2020. If a county 

reduced its jail population in response to the pandemic, it appears that it happened 

at this point. Variation across counties stems not from the timing of decarceration 

but from the size of the decline and how temporary the reduction was. Thus, we 

consider March 2020 the time point at which the intervention occurs. The synthetic 

control method is especially useful for its ability to partial out universally 

experienced events from its estimate of a local intervention’s impact (Kubrin, Bartos

and McCleary 2022:126). This is because the synthetic control is fit on the pre-

intervention series which reflects these impacts. But, as the post-intervention period
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is extended, the risk of confounding (i.e., unknown/unspecified) interventions that 

impact the outcome and were not experienced by all treated and donor pool 

counties increases (Bartos et al. 2020:134). We thus limit the results period to 

December 2020 to avoid conflating localized election unrest with our effect estimate

as some counties, such as Sacramento, appear to have experienced election-related

violence in early 2021. If Sacramento contributes a non-zero weight to a synthetic 

control, that election-related violence would drive up the synthetic control’s violent 

crime time series in those months.

With a set of treated units and an analysis timeframe identified, the 

conventional synthetic control method (Abadie, 2010) proceeds with populating a 

donor pool of untreated potential comparison units that are eligible to contribute to 

the synthetic control units. The aim is to identify a weighted combination of 

untreated donor pool units that mimics the treated unit’s pre-intervention crime 

trends. If a linear combination of donor pool units tracks the treated unit’s outcome 

series up to the point of the intervention and is comprised of untreated units, if the 

two series diverge following the intervention, the gap that emerges can be 

attributed to the impact of the intervention. Put another way, the synthetic control 

series is intended to approximate the treated unit’s outcome series had the 

intervention never occurred (Abadie et al. 2010; McCleary et al. 2017:284).

We diverge from the conventional approach at this stage and incorporate 

Ragin’s (2000; 2009) notion of fuzzy set analysis to account for the distribution of 

jail decarceration dosage. Given the state’s various programs, policies, and 

interventions in the year following the March 2020 COVID-19 lockdowns, populating 

the donor pool with other California counties conveniently positions the synthetic 

control method to parse the impacts of these statewide shocks from the impact of 
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county-level variation in jail decarceration on crime. Thus, we allow for a degree of 

contamination and ensure sufficient contrast in treatment dosage by using the 

counties whose jail populations reduced their pre-pandemic mean in the year 

following March 2020 by 20% or less as the donor pool for the high dosage counties.

By constructing synthetic controls from the counties least contaminated by the 

decarceration treatment, any gap that emerges post-intervention between the 

treated counties’ actual crime rates and their synthetic counterparts can be 

interpreted as the effect of high-dosage jail decarceration on crime versus what 

would have happened at a low or no dosage. We discuss limitations imposed by the 

contaminated donor pool in the discussion section. 

Crime counts were transformed into proportionate changes from counties’ 

mean frequency over the 12 months prior to the intervention (Feb 2019 – Feb 2020).

This transformation allows units of different sizes to contribute, fitting primarily on 

shape rather than level. We further applied a 5-month moving average smoothing 

function. Smoothing reduces month-to-month variance in both the treated and 

donor pool counties, and reduces the impact of single observation spikes and 

valleys (Bartos et al. 2020:132; Kubrin et al. 2022:126).  

If jail decarceration during COVID-19 caused crime to increase, then across 

the six highest dosage units we would expect to consistently see the synthetic 

control series fall below the treated series. We would further expect the gap 

between treated and synthetic trends to be greatest when the treated and synthetic

units reflect the largest difference in treatment dosage (i.e., % reduction year pre-

post March 2020). In other words, if more jail decarceration causes crime increases, 

then the largest increases should be observed among the treated and synthetic 

units that reflect the largest difference in decarceration. While it is an idiosyncratic 

13



nuance of this study’s particular adaptation of the synthetic control design, we 

cannot say from Table 1 alone which of the six treated counties is expected to 

produce the largest post-intervention gap. As the synthetic control is constructed 

from a contaminated donor pool, to some degree it also represents some dosage of 

the intervention, depending upon its composition (i.e., donor pool weights). We thus

expect the county and synthetic control that differ the most in terms of percent jail 

population reduction to experience the largest post-intervention gap between the 

treated and synthetic series. 

Our approach resolves many common obstacles that otherwise plague 

evaluations of pandemic era policies and programs. Foremost among them is the 

rate at which exogenous shocks altered everyday life and routine activities as the 

threat posed by COVID-19 became apparent, as well as the inadequacy of various 

attempts to limit its spread. For quantitative researchers, it quickly became clear 

that annual crime measures reflect not only the impact of the pandemic, but various

federal, state, and local attempts to navigate it. Beyond variation in pandemic era 

policy, shocks seemingly unrelated to the pandemic and collective attempts to stop 

COVID-19 spread were abundant.

To estimate the impact of a state’s lockdown measures, a nation’s travel 

policies, or any one of these events on crime in a given unit, traditional regression-

based estimation requires the ability to model all of these confounds directly. 

However, the data required to partial out other impacts often does not exist at small

enough units of analysis or time intervals to provide adequate coverage across 

conditions (McDowall et al. 2019:165). The adapted synthetic control design 

approach we take here resolves issues of parallel trends that obstruct difference-in-

differences analyses, while further partialling out universally experienced 
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exogenous shocks (such as the lockdowns and stay-at-home orders themselves) 

that would otherwise be conflated with the effect of high-dose jail decarceration in 

cross-sectional estimates. 

The primary limitation of our adaptation is that the treated and synthetic 

series do not reflect the fully treated and completely untreated versions of county 

crime rates generally produced via synthetic controls. Rather, they reflect a high 

dosage treated unit and a low dosage comparison unit. In the analysis, we thus stop

short of producing effect size estimates and focus, instead, on the overall pattern 

across treated units. If jail decarceration during COVID-19 caused crime to increase, 

then across the six highest dosage units we expect to consistently see the synthetic

control series’ trend below the treated series post-intervention. If, on the other 

hand, we observe no or variable (in sign and magnitude) gaps, it would suggest the 

relationship between jail decarceration and crime is weak or inconsistent. 

Results

Violent Crime

To estimate the impact of COVID-19 jail decarceration on crime at the county 

level, we construct synthetic control groups for the six highest-dosage counties as 

outlined above. For these counties, Figure 2 plots the proportionate change in 

violent crime series (solid black line) against their constructed synthetic control 

series (dashed black line), with a reference line at March 2020 indicating the jail 

decarceration intervention, which breaks the plots into pre- and post-intervention 

segments.

[Insert Figure 2 about here]
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As Figure 2 shows, the overall quality of the pre-intervention fit for the six 

high-dosage counties is relatively strong, even as it varies across them. More 

importantly, however, the post-intervention gaps across these counties do not 

reveal a consistent impact on violent crime. Orange, Contra Costa, and San Diego 

counties, for example, track quite well throughout the pre-intervention period, yet 

no gap emerges post-intervention, suggesting a null impact on violence. San Mateo 

county is also close to a null impact, although a temporary gap does appear to 

emerge in late 2020, which suggests jail decarceration temporarily increased violent

crime. San Francisco and Sonoma counties, however, show opposing impacts. San 

Francisco’s violent crime rate falls well-below its synthetic control series post-March 

2020 suggesting that the county experienced less violent crime than it would have 

had they not decarcerated their jails in a high-dosage manner (a finding we return 

to in the Conclusion). Sonoma county, in contrast, tracks above its synthetic control 

series in the post-intervention period, indicating the intervention caused violent 

crime in the county to be more frequent than it would have been without jail 

decarceration.

[Insert Figure 3 about here]

Figure 3 plots the difference between high-dosage counties’ actual violent 

crime time series and their synthetic controls. Until the March 2020 intervention, 

the difference in series hover around zero with relatively small deviations. Following 

the intervention, the difference plots begin to take quite different paths. San 

Francisco trends down (indicating a reduction in violence due to jail decarceration), 

Sonoma trends upward (indicating an increase due to jail decarceration) and the 

other four high-dosage counties remain close to zero, indicating a null effect. 

16



If jail decarceration during the pandemic caused violent crime to increase, we

would have expected more uniformity across the series, consistent with Sonoma’s 

post-intervention path. With four models showing a null impact and one model 

indicating a reduction in violence due to high-dose jail decarceration, the 

relationship between decarceration and violent crime appears weak and 

inconsistent.    

[Insert Table 2 about here]

The donor pool weights (i.e. composition) of the violent crime synthetic 

controls are listed in Table 2. The quality of the pre-intervention fit is assessed via a 

root mean squared prediction error (RMSPE) and is listed alongside the average 

post-intervention gap. The ratio of post-intervention gap to pre-intervention error is 

conventionally used as a heuristic for distinguishing effect size from matching error 

(McCleary et al. 2017:287). By this metric, only San Francisco and Sonoma suggest 

non-null impacts of the high-dosage jail decarceration treatment on violent crime. 

As noted earlier, the San Francisco and Sonoma synthetic control analyses suggest 

impacts with opposing signs (+/-). 

According to ADP reductions listed in Table 2, the high-dosage counties reflect

jail population reductions ranging from ~62% to ~70% of pre-pandemic baseline 

ADPs, and their synthetic control units reflect ADP reductions that are at least 20% 

less than their counterparts. Thus, the treatment dosage contrast between the high-

dosage counties and their constructed synthetic controls is sufficiently large to rule 

out contamination of the synthetic controls as a reason the intervention effect on 

violent crime may be masked. 
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To evaluate whether the synthetic control series and their differences from 

the high-dosage county crime series (i.e. the effects of jail decarceration on crime) 

are being driven by, or are dependent upon, a particularly influential donor pool 

contributor, we reconstruct the synthetic controls with the donor pool county that 

contributed the largest weight in Table 2 excluded from the matching algorithm. 

This “leave one out test” is primarily focused on whether the sign or significance of 

an intervention effect changes once the primary donor pool unit is excluded. Figure 

4 plots gaps between the high-dose county violent series and their reconstructed 

“leave one out” synthetic controls. Appendix A lists the composition, fit, and 

treatment contrast for the violent crime “leave one out” synthetic controls. 

[Insert Figure 4 about here]

According to Figure 4, the pre-intervention fit, as expected, suffered for all 

high-dosage counties, but the interpretation remains the same. Only San Francisco 

and Sonoma have decarceration effects on violent crime that are distinguishable 

from null. Overall, then, the analyses do not suggest a consistent relationship 

between COVID-19 mitigating jail decarceration and violent crime at the county 

level. 

Property Crime

Figure 5 plots the high-dosage counties’ proportionate change in property 

crime (solid black lines) against their constructed synthetic control series (dashed 

black lines), with reference lines at March 2020 indicating the jail decarceration 

intervention. The quality of the pre-intervention fit varies across the six high-dosage

counties, but again, there does not appear to be a relationship between precision of 

the pre-intervention fit and the direction of the post-intervention gap.
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[Insert Figure 5 about here]

Differences between high-dose county property crime series and their 

synthetic controls are plotted in Figure 6. San Francisco, San Mateo and Sonoma 

have some larger pre-intervention residuals than the other counties, for example, 

but the effects they suggest are not merely at risk of being indistinguishable from 

null. Rather, they suggest effects with opposing signs (+/-) altogether. 

[Insert Figure 6 about here]

Orange County, for example, is the best fit synthetic control presented from 

this analysis. Up until the point of intervention, Orange County and its synthetic 

control follow each other with no substantial deviations but at the intervention point

the series immediately split, suggesting that jail decarceration led to an increase in 

property crime that persists through the analysis timeframe.

In contrast to the violent crime models, a subset of counties (Orange, Sonoma, and 

San Mateo) show that property crime rates were higher in these counties than they 

would have been had they not decarcerated as heavily (i.e. at a low or no dosage). 

Although there is more reason to suspect that jail decarceration impacted property 

crime – at least in Orange County – than violent crime, there again is no consistent 

pattern across the high-dosage jail decarceration counties. San Francisco again 

appears better off in terms of property crime than it would have been had they not 

decarcerated as heavily, whereas findings from Contra Costa and San Diego 

counties show a null relationship (again, a finding we return to in the Conclusion).

If jail decarceration during the pandemic caused property crime to increase, 

we would have expected the series in Figure 6 to follow a path similar to Orange 
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County and its synthetic control. In fact, with only three models suggesting a 

criminogenic impact, San Francisco’s model indicating a reduction in property crime,

and two well-fit models showing null effects, there is an inconsistent or weak 

relationship between the extent of a county’s jail decarceration during the early 

days of the pandemic and their property crime rate in remainder of 2020. According

to the ADP reductions listed in Table 3 for the counties and their synthetic controls, 

all models reflect a contrast in jail decarceration of more than 20% of their prior 

year baseline ADP.  Again, the treatment dosage contrast between the high-dosage 

counties and their constructed synthetic controls is sufficiently large to rule out 

contamination of the synthetic controls as a reason the intervention effect on 

property crime may be masked.

[Insert Table 3 about here]

To evaluate whether the synthetic control series and their differences from 

the high-dosage county crime series (i.e. the effects of jail decarceration on crime) 

are being driven by or are dependent upon a particularly influential donor pool 

contributor, we once again reconstruct the synthetic controls with the donor pool 

county that contributed the largest weight in Table 3 excluded from the matching 

algorithm. Figure 7 plots gaps between the high-dose county property series and 

their reconstructed “leave one out” synthetic controls. Appendix B lists the 

composition, fit, and treatment contrast for the property crime “leave one out” 

synthetic controls.

[Insert Figure 7 about here]
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According to Figure 7, the pre-intervention fit between Sonoma and its 

synthetic control suffered quite a bit, rendering the intervention effect largely null. 

Orange, on the other hand, appears quite robust to the “leave one out” exclusion. 

Overall, however, no pattern of jail decarceration dosage and property crime effects

emerges. 

Conclusion

The COVID-19 pandemic induced major changes to the operation of criminal 

justice systems in the U.S. Like so many other states, California implemented 

emergency strategies to reduce jail populations and mitigate the virus’s spread. Did

decarceration during the pandemic lead to spikes in crime across the state? While 

“Early release and home confinement mitigated most virus consequences within 

facilities,” we agree that “safe release policies and principles require development 

with important concerns for public safety, and subsequent crime and recidivism” 

(Jossie et al. 2022:1253). For this reason, we sought to analyze the impact of jail 

decarceration intended to mitigate COVID-19 spread on crime in California. Adapting

the traditional synthetic control method to account for the “fuzzy-ness” (Ragin 

2000; 2009) of the intervention, we utilized natural variation among counties to 

isolate decarceration’s impact on crime from various other shocks affecting the 

state as a whole. We did not find a consistent relationship between COVID-19 jail 

decarceration and crime at the county level, suggesting downsizing, on average, did

not drive crime upticks statewide. 

Considering individual counties, one set of findings worth discussing in 

greater detail are those for San Francisco. Recall we found that San Francisco’s 

crime rates fell well-below their synthetic control series post-March 2020, 

suggesting the county experienced less violent and property crime than it would 
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have had they not decarcerated their jails in a high-dosage manner. What may 

explain this puzzling (for some) finding, especially given a perception that San 

Francisco’s progressive policies and “permissiveness” more generally have led to 

increased homeless and crime (Rufo 2020)? Although we can only speculate, it may 

have something to do with the county’s significant population loss during the 

pandemic. According to the U.S. Census, a quarter of a million people fled the Bay 

Area from 2020-2022 (Thompson 2023), and among all 9 counties comprising this 

area, San Francisco reported the highest population percentage loss at 7.5% (the 

next highest, San Mateo County, reported a loss of 4.6%). Population loss coupled 

with pandemic-induced changes in residents’ routine activities that may be unique 

to San Francisco (i.e., large numbers of tech employees working from home), may 

have depressed crime rates during the study period. Indeed, in supplemental 

analyses not reported here, we find that declines in violent crime were driven 

largely by reductions in robbery and aggravated assault while declines in property 

crime were driven entirely by reductions in larceny–consistent with this speculation. 

Importantly, those relocating out of San Francisco county are unlikely to be 

individuals released from jail, suggesting our conclusions regarding downsizing and 

crime remain unchanged.

Our findings should be considered in the context of study limitations. The 

primary limitation of our synthetic control adaptation is that the treated and 

synthetic series do not reflect fully treated and completely untreated versions of 

county crime rates that are generally produced via synthetic controls. Rather, as we

noted earlier, they reflect a high dosage treated unit and a low dosage comparison 

unit. Thus, the discussion focuses on the pattern of results across treated units. 

Given opposing impacts observed for violent and property crime alongside null 
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effects in between, we have no reason to believe that high-dosage jail decarceration

caused crime to increase in California counties during the study period. However, it 

is worth noting that imposing treatment contrast by excluding counties that 

experienced similarly high-dosages of the treatment (e.g. jail population reduced by

more than 20%) limits how precisely the optimal synthetic control series can mimic 

the treated unit’s pre-intervention crime time series merely due to the reduced 

donor pool n. In other words, imposing a larger treatment contrast via donor pool 

restrictions comes at the cost of pre-intervention fit, so a balance was stuck 

between precision and interpretability.

Another limitation is the study’s relatively short time span. Because the 

synthetic control method only accounts for shocks experienced in the pre-

intervention segment of the time series, in order to avoid conflating 2020 election 

denial protests and clashes with counter protestors with the impact of jail 

decarceration, we limit the results period to March through December 2020. While 

ending in December 2020 protects against attributing the effects of election denial, 

inflation, and other shocks in 2021 and beyond to the effect of the intervention, if 

jail decarceration has a many month lagged impact on crime, we may not observe 

the accrual of that lagged effect before December 2020.

Finally, although the first few months of the pandemic were largely lockdown 

focused, from May 2020 through August 2020 protests emerged nationwide 

following the murders of Breonna Taylor, George Floyd, Jacob Blake and others. If 

some California counties experienced protests that produced clashes with police or 

property damage while others did not, then these events may be conflated with the 

jail decarceration impact. If the post-intervention gap between treated counties and 

their synthetic controls is being driven by differential exposure to the May-August 
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2020 protests in addition to jail decarceration, then we would expect the post-

intervention gaps in Figures 2 and 5 to emerge or quickly increase between 3- and 

6-months post-March 2020. While the violent crime synthetic controls plotted in 

Figure 2 do not suggest a confounding impact of the protests, in Figure 5, San Mateo

and Sonoma property crime models suggest null impacts in the first few months 

post-March 2020 before gaps emerge. However, they suggest impacts with opposite

signs (+/-). Even if we consider those two estimates as null, it does not render the 

inconsistent effect estimates on property crime meaningfully consistent. Therefore, 

our interpretation of jail decarceration’s impact on property crime as weak or 

inconsistent appears resilient to the potential confound posed by the summer 2020 

protests.

These limitations reveal it is challenging to identify decarceration’s possible 

impact from any other factor in one of the most dynamic and challenging periods 

this state—and the nation as a whole—has experienced (Lofstrom 2023). Even if our

findings of no consistent relationship between COVID-19 jail decarceration and 

crime hold, the question remains: How to make sense of recent trends in crime and 

recidivism? And what do they mean for California (and the nation) moving forward? 

As Lofstrom (2023:4) suggests, there are likely several forces at play: “Exceptional 

pandemic conditions along with economic hardship, civil unrest, changes in policing,

a turbulent election year, and escalating gun sales (including a record-setting year 

for handguns sold in California) all may have contributed.”

While it remains unclear what specific factors are behind crime increases in 

California (and beyond), our findings suggest they do not appear to be driven by 

downsizing measures implemented in the wake of COVID-19, consistent with 

findings from the Safety and Justice Challenge study reported earlier. The burden of 
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proof shifts, then, to critics who claim a decarceration-crime connection. As Khan et 

al. (2023:3) argue, “To date, these claims have not been grounded in any evidence. 

They do not acknowledge the concurrent complex web of pandemic-related social 

and economic strains, or the fact that homicides increased in many major cities that

did not enact progressive jail population reform efforts.” Beyond critics’ claims, our 

findings suggest, ultimately, that “advancing equitable and thoughtful criminal legal

reform is possible without compromising public safety” (Khan et al. 2023:11). 
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Figures and Tables
Table 1. Average Daily Jail Populations 12-months pre- and post-Intervention 
(March 2020) 

County
Avg. 
Pre

Avg. 
Post

Pro
p County Avg. Pre

Avg. 
Post

Pro
p

Imperial
380.23

1
216.33

3
0.56

9 Del Norte 105.308 84.750
0.80

5

Mariposa 43.462 25.250
0.58

1 Modoc 38.833 31.333
0.80

7

San Benito
119.76

9 73.667
0.61

5 Sacramento
3634.69

2
2947.25

0
0.81

1
San 
Francisco*

1244.8
46

772.41
7

0.62
0 Alameda

2535.38
5

2060.16
7

0.81
3

Sonoma*
1017.6

15
644.66

7
0.63

4 Los Angeles
16776.0

77
13669.3

33
0.81

5

Marin
275.61

5
175.00

0
0.63

5 Tehama 175.077 143.750
0.82

1

Yolo
324.38

5
207.16

7
0.63

9 Kings 585.846 483.167
0.82

5

Yuba
372.46

2
238.41

7
0.64

0 Placer 693.385 580.000
0.83

6

Orange*
5342.0

77
3447.5

83
0.64

5 El Dorado 388.385 325.083
0.83

7

San Mateo*
1010.1

54
660.58

3
0.65

4 Mendocino 282.462 237.667
0.84

1

Humboldt
394.84

6
260.11

1
0.65

9 Nevada 198.000 166.833
0.84

3

Glenn
102.84

6 67.833
0.66

0 Merced 627.154 530.167
0.84

5
Contra 
Costa*

1178.6
92

781.08
3

0.66
3 Calaveras 100.154 85.500

0.85
4

Plumas 56.692 38.167
0.67

3 Monterey 864.231 765.333
0.88

6

Tuolumne
143.61

5 96.833
0.67

4 Butte 560.692 504.250
0.89

9

Mono 30.308 20.833
0.68

7 Riverside
3786.23

1
3462.25

0
0.91

4

Sutter
221.38

5
152.41

7
0.68

8
San 
Bernardino

5498.61
5

5041.75
0

0.91
7

Lake
270.38

5
187.41

7
0.69

3 Kern
1909.69

2
1779.50

0
0.93

2
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San Diego*
5605.5

39
3931.2

50
0.70

1 Stanislaus
1212.07

7
1130.25

0
0.93

2

Santa Cruz
396.46

2
279.66

7
0.70

5 Shasta 432.308 403.917
0.93

4
Santa 
Barbara

919.23
1

654.50
0

0.71
2 Trinity 60.600 57.167

0.94
3

Colusa 69.615 49.667
0.71

3 Inyo 44.692 42.200
0.94

4

Amador 87.154 63.500
0.72

9 San Joaquin
1368.38

5
1310.58

3
0.95

8

Solano
726.61

5
529.83

3
0.72

9 Lassen 103.615 103.455
0.99

8
San Luis 
Obispo

537.30
8

401.91
7

0.74
8 Alpine . . .

Ventura
1590.9

23
1220.4

17
0.76

7 Madera . . .

Tulare
1503.8

46
1167.1

67
0.77

6 Napa . . .

Fresno
3027.0

77
2427.1

67
0.80

2 Santa Clara . . .

Siskiyou 91.750 73.667
0.80

3 Sierra . . .

Figure 1. California’s combined county jail population by month
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Figure 2. Synthetic Control Plots, Violent Crime
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Figure 3. Gap between Treated and Synthetic Controls, Violent Crime
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Orange County San Francisco Sonoma Contra Costa San Mateo San Diego
Synthetic Weights Synthetic Weights Synthetic Weights Synthetic Weights Synthetic Weights Synthetic Weights

Alameda County 0 0.624 0 0.275 0.404 0.151
Alpine County 0.003 0.037 0.039 0 0.063 0.002
Butte County 0 0 0 0 0 0
Calaveras County 0.092 0 0 0 0 0
El Dorado County 0 0.005 0 0 0 0.012
Fresno County 0.056 0 0 0 0 0
Kern County 0 0 0 0 0 0
Kings County 0 0 0.338 0 0 0
Lassen County 0 0 0 0 0.211 0
Los Angeles County 0 0 0 0 0 0
Madera County 0 0 0 0.119 0 0
Mendocino County 0.023 0.093 0.085 0.017 0 0
Merced County 0 0.189 0 0 0 0
Modoc County 0 0 0 0 0.047 0.02
Monterey County 0.149 0 0 0 0 0
Napa County 0 0 0.022 0.144 0.051 0.072
Nevada County 0 0 0.031 0.032 0.046 0.06
Placer County 0.16 0.051 0 0 0 0
Riverside County 0 0 0.22 0 0 0
Sacramento County 0 0 0 0 0 0.179
San Bernardino County 0.477 0 0.265 0.413 0.043 0.029
San Joaquin County 0 0 0 0 0.134 0
Santa Clara County 0 0 0 0 0 0.415
Shasta County 0.04 0 0 0 0 0
Sierra County 0 0 0 0 0 0
Siskiyou County 0 0 0 0 0 0
Stanislaus County 0 0 0 0 0 0
Tehama County 0 0 0 0 0 0.06
Trinity County 0 0 0 0 0 0
Fit (RMSPE) 0.029712369 0.030934289 0.045766493 0.029466329 0.033458869 0.015125401
Avg. Gap Post-March 2020 -0.001099580 -0.224001670 0.072348360 -0.014118850 0.017546360 0.006702850
Post/ Pre RMSPE Ratio 0.542379779 8.003915962 3.295055702 1.072781132 1.638261234 1.316208864

Jail ADP reduction 0.645363847 0.620491648 0.633507187 0.662669409 0.653943320 0.701315315
Synthetic ADP reduction 0.886319483 0.828909570 0.911062121 0.906407480 0.897398071 0.943289017

Table 2. Violent Crime, Synthetic Control Model Composition, Fit, and Effect Estimates
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Figure 4. “Leave One Out” Gaps between Treated and Synthetic Controls, Violent 
Crime
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Gap Plot: Violent Crime Leave-One-Out

Figure 5. Synthetic Control Plots, Property Crime
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Figure 6. Gap between Treated and Synthetic Controls, Property Crime 
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Orange County San Francisco Sonoma Contra Costa San Mateo San Diego
Synthetic Weights Synthetic Weights Synthetic Weights Synthetic Weights Synthetic Weights Synthetic Weights

Alameda County 0 0.636 0.098 0.362 0.692 0
Alpine County 0.025 0.053 0 0 0 0.035
Butte County 0.064 0 0 0 0 0
Calaveras County 0.016 0.006 0.142 0.046 0 0.003
El Dorado County 0.098 0 0 0.033 0 0
Fresno County 0 0 0 0 0 0
Kern County 0 0 0 0 0 0.196
Kings County 0 0 0 0 0 0
Lassen County 0.048 0.231 0.02 0 0 0
Los Angeles County 0.262 0 0 0 0 0
Madera County 0.031 0 0 0 0 0
Mendocino County 0 0 0 0 0 0.029
Merced County 0.023 0 0 0 0 0
Modoc County 0 0 0 0 0 0
Monterey County 0 0 0 0 0 0
Napa County 0 0 0 0.083 0 0
Nevada County 0 0 0 0 0 0
Placer County 0 0 0 0.116 0 0
Riverside County 0.106 0 0 0 0 0
Sacramento County 0.04 0 0 0 0 0
San Bernardino County 0 0 0 0 0 0
San Joaquin County 0 0 0 0.159 0 0.596
Santa Clara County 0.158 0 0 0.004 0.236 0.033
Shasta County 0 0 0 0 0 0
Sierra County 0.008 0 0 0 0.003 0
Siskiyou County 0 0 0 0.066 0 0.108
Stanislaus County 0 0 0.722 0.124 0 0
Tehama County 0.119 0 0 0.007 0.069 0
Trinity County 0 0.073 0.018 0 0 0

Fit (RMSPE) 0.006383165 0.041972275 0.030764443 0.013097956 0.035438263 0.014262115
Avg. Gap Post-March 2020 0.141381990 -0.077930760 0.142039920 -0.052139150 0.064370650 0.008840780
Post/ Pre RMSPE Ratio 27.10771111 2.386295096 6.344153106 4.375158294 2.860894074 4.279972496
Jail ADP reduction 0.645363847 0.620491648 0.633507187 0.662669409 0.65394332 0.701315315
Synthetic ADP reduction 0.890729714 0.874419522 0.911062121 0.871722986 0.857949172 0.935138359

Table 3. Property Crime, Synthetic Control Model Composition, Fit, and Effect Estimates
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Figure 7. “Leave One Out” Gaps between Treated and Synthetic Controls, Property 
Crime
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Appendix

Orange County San Francisco Sonoma Contra Costa San Mateo San Diego
Synthetic Weights Synthetic Weights Synthetic Weights Synthetic Weights Synthetic Weights Synthetic Weights

Alameda County 0 -- 0 -- -- 0
Alpine County 0.012 0.112 0 0 0.038 0.021
Butte County 0.116 0.119 0 0.089 0 0
Calaveras County 0.054 0.212 0 0.027 0 0.1
El Dorado County 0.03 0 0.318 0.146 0 0
Fresno County 0.019 0 0 0 0 0
Kern County 0 0 0 0 0 0.278
Kings County 0 0 0 0 0 0
Lassen County 0.028 0.067 0.082 0 0 0
Los Angeles County -- 0 0 0 0 0
Madera County 0.097 0 0.078 0 0 0
Mendocino County 0 0.097 0.099 0 0 0
Merced County 0 0 0.139 0 0 0
Modoc County 0 0.007 0.004 0 0 0
Monterey County 0 0 0.076 0 0 0
Napa County 0 0 0 0.192 0 0
Nevada County 0 0 0 0 0 0
Placer County 0 0 0 0.023 0 0
Riverside County 0.144 0 0 0 0 0
Sacramento County 0 0 0 0 0 0
San Bernardino County 0.064 0 0 0 0 --
San Joaquin County 0 0 0 0 0 0.053
Santa Clara County 0.304 0.304 0.186 0.467 0.942 0.12
Shasta County 0 0 0 0 0 0
Sierra County 0 0.006 0.011 0.038 0 0.031
Siskiyou County 0 0 0.006 0.007 0 0.052
Stanislaus County 0.001 0 -- 0 0 0.287
Tehama County 0.131 0 0 0.01 0.021 0.057
Trinity County 0 0.076 0 0 0 0

Fit (RMSPE) 0.007319855 0.042989479 0.031025693 0.014740426 0.051163302 0.024104129
Avg. Gap Post-March 2020 0.16475963 -0.07594738 -0.00790698 -0.08512189 0.06069437 0.03290242
Post/ Pre RMSPE Ratio 26.80866037 2.131956775 1.81749383 8.030800357 1.331417174 2.812396362
Jail ADP reduction 0.645363847 0.620491648 0.633507187 0.662669409 0.65394332 0.701315315
Synthetic ADP reduction 0.930576352 0.935857633 0.899195029 0.955364333 0.997242421 0.921189243

Table 4. "Leave One Out" Property Crime Composition, Fit, and Effect Estimates
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Orange County San Francisco Sonoma Contra Costa San Mateo San Diego
Synthetic Weights Synthetic Weights Synthetic Weights Synthetic Weights Synthetic Weights Synthetic Weights

Alameda County 0 -- 0.248 0 -- 0.179
Alpine County 0 0.023 0.015 0 0.038 0.014
Butte County 0 0 0 0 0 0
Calaveras County 0.055 0 0 0 0 0
El Dorado County 0 0.008 0 0 0 0.021
Fresno County 0 0 0 0 0 0
Kern County 0 0 0 0.525 0 0
Kings County 0 0 -- 0 0.237 0
Lassen County 0 0 0 0 0.11 0
Los Angeles County 0 0 0 0 0 0
Madera County 0 0 0 0 0 0.057
Mendocino County 0.019 0.198 0.043 0 0 0
Merced County 0.076 0 0 0 0 0
Modoc County 0.01 0.008 0.008 0 0.063 0.015
Monterey County 0 0 0.111 0 0.003 0.094
Napa County 0 0 0.153 0 0 0.155
Nevada County 0 0.136 0 0.01 0.065 0.075
Placer County 0.274 0.253 0 0 0 0
Riverside County 0.21 0 0 0 0 0.189
Sacramento County 0.166 0 0 0.243 0.083 0
San Bernardino County -- 0.355 0.421 -- 0.014 0.201
San Joaquin County 0 0 0 0 0 0
Santa Clara County 0 0 0 0.222 0.336 --
Shasta County 0 0 0 0 0 0
Sierra County 0 0.003 0 0 0 0
Siskiyou County 0.124 0.016 0 0 0 0
Stanislaus County 0 0 0 0 0 0
Tehama County 0 0 0 0 0.051 0
Trinity County 0.066 0 0 0 0 0

Fit (RMSPE) 0.036542619 0.051318441 0.049304271 0.053045084 0.036493181 0.014089125
Avg. Gap Post-March 2020 -0.016502860 -0.266139090 0.122676090 -0.142507510 -0.043243160 0.057629490
Post/ Pre RMSPE Ratio 0.925843390 6.003783044 3.674866606 2.816226232 1.507087972 5.078571006
Jail ADP reduction 0.645363847 0.620491648 0.633507187 0.662669409 0.65394332 0.701315315
Synthetic ADP reduction 0.884301530 0.870322381 0.896470023 0.962634318 0.92526005 0.904694267

Table 5. "Leave One Out" Violent Crime Composition, Fit, and Effect Estimates
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