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Abstract 

The Health and Retirement Survey (HRS) (https://hrs.isr.umich.edu/about) collects 
extensive data on current employment and occupation at each wave but data on occupations 
prior to the start of the survey are limited to an abbreviated job history in each respondent's 
first interview focused on recently held jobs. Therefore, using HRS data to link employment 
earlier in respondents' lives to socioeconomic, health, and other outcomes at older ages has 
been infeasible. The RAND Corporation created a dataset from the HRS Core and Exit 
Interviews called the RAND HRS Cross-Year Longitudinal file which is used by many 
researchers working with HRS. This dataset contains a variable called the "longest job held" 
for each respondent. However, this variable is the longest job held among the limited subset of 
jobs reported in HRS (most of which are recent) and not necessarily the longest job that the 
respondent has held to date.   

In 2017, HRS conducted a Life History Mail Survey (LHMS) of HRS respondents who 
had participated in the 2016 Core interview. The LHMS was conducted in three parts which, 
combined, include all of the 2016 Core interview respondents. The LHMS questionnaire was a 
pencil-paper survey completed and returned by respondents and included a grid asking 
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respondents to list and provide information for "all the places you have worked for one year or 
more after you finished full-time education." Respondents were asked about the start and end 
date of each job, type of employer, job title, the year the job started and ended, and whether 
the job was full- or part-time. If the total number of jobs was more than 10, respondents were 
asked to report on the first 10.   

To use data from the LHMS employment histories, it was essential to solve two 
problems. First, the LHMS retrospective employment history needed to be merged and 
harmonized with the employment data reported contemporaneously in each wave of the HRS 
Core in order to construct a complete work history. Second, the data required significant 
cleaning in order to address data issues such as data omission, duplicated jobs, and 
inconsistent reports of jobs. To do so, we developed a systematic procedure for constructing 
employment histories which is summarized in this document.  
 
Data and Sample 
 The work history file created for this study contains a record for each job reported by 
each respondent starting from age 15. Each record contains the job tenure, start age, end age, 
full-time/part-time (FT/PT) status, occupation code, and O*NET score measuring average 
physical demands associated with that occupation code. The construction of the work history 
file involved using the following HRS-related data sources: the 2016 RAND cross-wave 
longitudinal file and three self-administered life history mail survey files which we refer 
collectively as LHMS: the 2017 Spring Life History Mail Survey, the 2017 Fall Life History Mail 
Survey (full), and the 2017 Fall Life History Mail Survey (supplement). Because the 2017 
LHMS were the source for much of the retrospective work history data in the analytic sample1, 
all individuals in the work history file are HRS respondents who were reinterviewed in the 2016 
core and still living in 2017. The final respondent-job file consists of N=49,462 respondent-job 
records from N=10,216 respondents in the mid-Baby Boomer cohort or older cohorts, which 
includes N=276 individuals who never report any paid work in the LHMS or Core data. 

 
Data Aggregation and Harmonization 

We applied the following logic in constructing the final work history file. We constructed 
a preliminary HRS Core work history file using the employment variables in the 2016 RAND 
cross-wave longitudinal file: FT/PT status (based on RAND-derived HRS measures on hours 
worked, where full-time is defined as working 35 or more hours per week) and the detailed 3- 
or 4-digit occupational code for each job. These data were augmented with data on jobs 
reported in the LHMS, resulting in a new HRS Core-LHMS work history file2.  

The combination of data on jobs from the Core and the LHMS hinged on an age we 
refer to as “point A,” which was the start age (calculated based on the month and year of 
employment dates) for each respondent of the first job reported in the Core (based on the 
RAND-derived “current job tenure” variables). At the time of the first HRS Core interview for a 
given respondent, if the respondent was working for pay, the start age of the job held at that 
time was designated as their work history “point A”. Alternatively, if the person did not work at 
the time of their first Core interview, we used the RAND-derived variables of the start month 
and year of the most recent job to calculate the start age and identify “point A”. The two rules 

 
1 The combining of the three LHMS subsamples from 2017 covers the majority of HRS participants who were reinterviewed in 2016 and were 
still living in 2017. 
2 In cases where Rs completed a LHMS but did not report any work in this survey, we relied entirely on jobs reported in the Core interview.  
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that we followed in the cases described below are: 1. data on jobs reported prior to point A 
were obtained from the LHMS, and 2. data on jobs reported at or after a respondent’s first 
Core interview were obtained from the Core. We illustrate our strategy with four examples that 
cover most of the reported job histories. 

In instances where the first reported Core job started after the last reported LHMS job, 
we used data from the LHMS for earlier years, and then relied on Core data for the remaining 
years. An illustrative example is shown as Case 1 in the accompanying figure and table below. 

In Case 2, when the respondent’s first HRS job began before the first LHMS job, we 
relied on job data only from the Core.  

In Case 3, where a respondent’s point A fell between the end age of one job in the 
LHMS and the start age of the next job in the LHMS, we kept the job data from the LHMS prior 
to point A, and used data from the Core after point A. Data from the LHMS after point A that 
overlapped with jobs reported in the Core were not used because we expect higher accuracy 
with Core data.3 

In scenarios where a respondent’s point A fell within the period of a job reported in the 
LHMS, we had to determine if the LHMS job was actually the same job as the job in the Core. 
We examined the occupational codes and the FT/PT status of the overlapping jobs from the 
two data sources. If the occupational code or FT/PT status differed, we treated the LHMS job 
and the Core jobs as distinct jobs, truncated the duration of the LHMS job up to point A, and 
did not use any other LHMS data on jobs after point A (Case 4A). If the occupational code and 
the FT/PT status were the same, we used the start age of the job from the LHMS as an 
updated point A (Case 4B) and relied on data from both sources to identify the end age for that 
job (taking the later age). Then for subsequent jobs, we relied only on Core data from that 
point onward in constructing the work history file. For example, in Case 4B, the second job (2-
L/1-C) starts at age 45 and ends at age 49 (the end age from the LHMS). 
 
Imputation 

We used the HRS Core-LHMS work history file to impute missing values4 for job tenure, 
FT/PT status, and occupation code variables using IVWare, a statistical program developed by 
the Survey Research Center at the University of Michigan 
(https://www.src.isr.umich.edu/software/). The program estimated separate linear regression 
(tenure), logistic regression (FT/PT status), and multinomial logistic regression (occupation 
code) models that include demographic variables; childhood variables5; and family, health, and 
wealth measures at first interview, outputting ten multiply imputed datasets. 

 
 

 
3 The Core data, with a shorter period of recall, were collected by an interviewer, in contrast to the LHMS which was a self-administered 
pencil-paper questionnaire. 
4 14.6% of Rs were missing values for job tenure, 13.7% of Rs were missing values for FT/PT status, and 12.4% of Rs were missing values for 
occupational code. In the cases where the detailed occupation code for a job was missing, we imputed the two-digit occupation codes 
standardized to the Census 2010 occupational codes. 
5 These variables included: parental education, whether a parent died before 16, number of people in household at age 10, number 
during childhood, speaking only English before age 18, poor health during childhood, whether respondent’s father was unemployed during 
childhood, and whether lived in rural area during childhood. 
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