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Abstract

A striking implication of the replacement of adaptive expectations
by Rational Expectations was the “Lucas Critique,” which showed
that expectation parameters, and endogenous variable dynamics, de-
pend on policy parameters. We reconsider this issue from the vantage
point of bounded rationality. Adaptive expectations, with an opti-
mally tuned parameter, can provide a reasonable, if not fully rational,
forecast method when the true process is unknown. We show that for
a range of processes, monetary policy remains subject to the Lucas
critique. However, there are also regimes in which the expectation
parameter is locally invariant and the Lucas critique does not apply.

1 Introduction

The adaptive expectations hypothesis was introduced by Cagan (1956) and
Friedman (1957) as a plausible and empirically meaningful approach to mod-
eling expectations of future variables in a world of uncertainty. Their appar-
ent empirical success led to widespread utilization of the adaptive expecta-
tions hypothesis before it was ultimately swept away by the rational expec-
tation revolution, initiated by Muth (1961) and advanced by Lucas (1976)
and Sargent and Wallace (1975). Rational expectations has the great ad-
vantage of providing optimal expectations; under the standard of optimality,
adaptive expectations suffers by comparison and should be rejected.

1



One of the most salient implications of Rational Expectations is the cri-
tique of traditional policy making presented in Lucas (1976). The traditional
theory of economic policy is characterized as treating the time series process
followed by the economy as fixed and invariant with respect to exogenous
changes in policy. Under rational expectations, however, the forecast or ex-
pectation rule will be affected by policy changes and, if the economy is in
turn affected by expectations, these will alter the time series process fol-
lowed by the economy. Lucas provided examples of this phenomenon based
on prominent macroeconomic models.

Our objective here is to reconsider the Lucas critique in the context of
adaptive expectations. The starting point of our argument is Muth (1960).
In that paper Muth showed that adaptive expectations, with an appropriate
adaptation parameter, are fully rational if the variable being forecasted fol-
lows an exogenous IMA(1,1) stochastic process, i.e. if the first difference of
the variable is a first-order moving average process. Rational expectations,
however, assumes that the true process generating the data is known, an
assumption that many feel to be implausibly strong. Recently Evans and
Honkapohja (1993,2001) and Sargent (1999) have argued that adaptive ex-
pectations may be a reasonable, if not fully rational, forecast method when
the true process is unknown.

We consider a simple expectations augmented Phillips curve model in
which the monetary policy rule follows an unknown regime switching process.
In a world in which the true data generating process is complex, economic
agents can be expected to use simple underparameterized representations of
the process to make their forecasts. By appropriately tuning the free pa-
rameters of the forecast rule, they can obtain the best forecast rule within
this class. That is, an appropriate bounded rationality assumption is that
agents, in the terminology of Sargent (1999, Ch. 6) have “optimal mis-
specified beliefs.” We choose Cagan-Friedman adaptive expectations for our
underparameterized class of expectations functions because of its prominence
in the pre rational expectations literature and because of its simplicity. It
should be apparent, however, that the points we make would apply to more
general classes of underparameterized expectation functions.

Our central results are as follows. Even in the special case in which expec-
tations do not affect realized inflation, so that inflation is exogenous, changes
in the economic policy process may induce changes in the forecast rule and
therefore in the stochastic process followed by other economic variables. That
is, the Lucas critique has a range of validity even when expectations are not
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rational, but formed adaptively. The reason is that the optimal choice of
the adaptive expectations parameter may depend on the stochastic process
followed by policy. However, this is not always the case. For some parameter
settings the optimal choice of the adaptive expectation parameter is to set
it for maximal filtering. When this is the case, small changes in policy pa-
rameters have no affect on the expectation function and the Lucas critique
does not apply.

When expectations have a nonzero effect on inflation, some new features
emerge. We show how the size of the region in which the Lucas critique
applies can be expanded as a consequence of feedback between agents’ choices
of learning rules. Further, the Nash equilibrium choice of y may differ from
the socially optimal setting. This arises because the feedback induces a
forecast externality.!

Section 2 presents the model, analysis is carried out in Sections 3 and 4,
and Section 5 concludes.

2 Model

2.1 Economic Structure

We consider a simple macroeconomic model, inspired by Lucas (1973) and
Fischer (1977), in which aggregate output is affected by unanticipated price
level changes. Let aggregate supply be specified as follows:

¢ = a(p: — i), (1)

where ¢ and p, denote aggregate output and the aggregate price level in
period t, and p¢ indicates private agents’ expectation of p; formed in period t—
1. Equation (1) is, of course, the simplest form of the standard expectations
augmented Phillips curve. Aggregate demand is given by

gt = My — Py + Ny (2)

where m; denotes the nominal money stock in period £, and 7, represents an
exogenous white noise process with variance Var(n). Finally, the monetary

1 Througout this paper we follow Lucas (1976) and treat policy as a stochastic process
set once and for all by the government. The recent book by Sargent (1999), which discusses
some of the issues treated here, emphasizes an adaptive approach to economic policy.



authority determines the money stock according to the following policy rule:
My = Pr1 + s (3)

where y, is a regime switching process defined as follows:

3

| p_; with probability 1 —e
He = v; with probability &

where 0 < ¢ < 1 and v; is an independently and identically distributed
process with an arbitrary distribution having mean 7 and variance Var(v).

The model may be reexpressed in terms of inflation rates. Let the inflation
rate be denoted by m; = p; — pi—1, and let 77 denote inflation expectations
formed in period ¢ — 1, i.e., ¢ = pf — p;—1. Combining (1), (2) and (3), we
have

my 5+ e+ e (4)

_ «
T 14

We remark that the structure (4) arises in other economic models. An
important example is the Muth (1961) “cobweb model” of an isolated market.
Demand for output ¢; depends negatively on price p;, with inverse demand
curve given by p; = z; — bg; for some exogenous process Ti. Supply depends
positively on expected price, ¢ = cp, where p; denotes the price at ¢ expected
by agents in ¢ — 1. If the exogenous component of demand follows the above
regime switching process z; = p; + 7, then we obtain the reduced form
py = —bept + pt, +n,. This is the same form as (4) except that now there is
a negative feedback from expected prices. The analysis of this paper applies
equally well to this set-up. A special case of interest is if b = 0 so that
demand follows an exogenous stochastic process, as would be appropriate in
an open economy or for a monopolist with infinitely elastic demand. This
leads to the zero feedback case analyzed in Section 3.

2.2 Expectation Formation

We turn now to the problem of how agents form inflation forecasts. Assume
for convenience that at time ¢ — 1 the whole history of data {m ¥t is
available. Let 8,_, = n¢ denote the forecast of 7, made at time t—1. If agents
attempt to minimize the Mean Square Error of one-step ahead forecasts, then

the problem is to choose §;_; to minimize

MSE = E(m, — B,_1)*
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The standard rational expectations forecasting procedure assumes full knowl-
edge of the true process generating m;, and the form of the optimal forecasting
rule would be closely linked to that of the true process. We instead consider
the problem of forecasting m; when the forecaster does not know the true
data-generating process.

In contrast to the rational expectations procedure, we assume that the
forecaster might misspecify the true process by using a forecast rule that is
too simple to make fully-rational forecasts possible. The class of forecast
rules we consider is a mild extension of the venerable adaptive expectations
class introduced by Friedman and Cagan. In particular, we restrict attention
to forecasts derived from the following one-parameter class:

By=7> (1 —7)m, where 0 <y <L (5)
=0

In the case in which v = 0, we interpret this sum as

= lim 7! Z“t—f (6)

T——»oo iZo

Existence of the limit is shown below. For 0 < v < 1 this class of forecasts is
called exponential smoothing, and for v = 0 it reduces to the sample mean.
The forecasts (5) and (6) can be represented recursively by

By = Bey +ve(me — Bea),
where {7, };, is a nonstochastic gain sequence. For v, = v, where 0 <y <1,

we have
By =By + y(my — Bi1)- )

This is a fived gain rule, corresponding to (5), and gives the classic Cagan-
Friedman adaptive ezpectations formula. For vy, = 1/t we obtain

By = Bry + 17 (m — Bir), (8)

which corresponds to (6), i.e., the sample average, where for convenience we
now treat the system as starting at ¢ = 0. This is known as a decreasing gain
rule. Note also that this can be thought of as least squares learning when ;
is modeled as following an 4.i.d. process with a fixed but unknown mean.



2.3 Equilibrium

We consider Nash equilibria of the model, in which all agents select a common
value of 4 that minimizes MSE. In particular, -y is a Nash equilibrium if it
minimizes MSE for each agent, given the inflation process that arises when
all other agents in the economy choose 7.

The equilibrium path of inflation expectations is determined as follows.
If v > 0, then inflation expectations satisfy 7{ = f,_,, where 0, is formed
using the exponential smoothing class (5). For the choice v = 0, combine
(4), (8) and 7§ = B, to obtain

By = By + 1t (e + 1 — 08-1), )

where 6 = (1 + «)~*. This set-up fits the standard Robbins-Monroe formu-
lation for stochastic recursive algorithms. Applying these stochastic approx-
imation results,? it can be shown that, for all initial 3,, with probability one
8, converges under (9) to the unique equilibrium of the associated ordinary
differential equation & = E(y, + n,) — 0. Since E(p, +n,) = 7, we have
B, — /6 under (9) with probability one. In view of (6), it follows that
B, = /8 with probability one.

3 Zero Feedback Case: Theoretical Results

We begin by considering the case of a = 0, in which realized inflation is un-
affected by inflation expectations. This eliminates feedback between agents’
expectation formation decisions, allowing closed-form solutions for the Nash
equilibrium to be obtained. The case of a > 0 is analyzed in the following
section.

Given a = 0, the inflation process is

Tt = fhy + T (10)
Since Cov(n,, B;_1) = 0 and Em, = Ef,_;, we see that M.SE is given by
MSE = Var(r) — 2Cov(iy, fu_r) + Var(B). (11)

2Gee Ljung (1977) or Ch. 6 of Evans and Honkapohja (2001). Note that under least
squares learning, v, = 1/t satisfies the assumptions (i) v, > 0 is a nonincreasing sequence,

with (i) 350, 7, = oo and (i) Yoo 7§ < 0.




In order to compute MSE for the case 0 < v < 1, we need the asymp-
totic moments of the stationary process implied by (7) and (10). These are
computed in the following lemma.?

Lemma 1. For the process defined by (7) and (10), we have

Ot s) = T = Var(®) (12)
Var(B,) = 2—1—; (Var(n) + 1 i— 8 ___38 :3 VGT(U)) : (13)

Using (11), (12) and (13), the MSE when 0 <y <1 is given by

v Var(n) v 2—36—7(1—6)}
2—qVar(v) 2—-v e+v(l—¢) '

MSE = Var(u, +n,) + Var(v) {
(14)
This leads to the following necessary first-order condition for the optimal

choice v*: ) Var(n)
ar(n

= Var) ~ EY0) =0 (15)

where 93— 2y(1—)
-3 —-2y(1—¢
U(y) = . 16
M= G ApE Ao 1o
Necessary and sufficient conditions for nonzero v* are given in the following
lemma.

Lemma 2. 7* € (0,1) if and only if the following condition holds:

2
£ < . (17)
Var(n)
Var(v) +3
In this case, v* is given implicitly by:
e(2—-3—2y*(1—¢)) Var(n) (18)

(e +7*(1—¢€))*  Var(v)

3Proofs are found in the appendix.



Now consider the MSE if v = 0. Since 8 = 1, we have, with probability
one, that
By = Em = E(p, +n,) = 7.

Hence when v = 0, the MSE is given by MSE = Var(u, +1,), i.e. by the
limiting M SE under (5) as 7 — 0. We have arrived at the following result:*

Theorem 1. The MSE is minimized by v* = 0 when (17) fails to hold, and
by the value v* € (0,1) given by (18) if (17) is satisfied.

Observe from (17) that when £ takes on a high value, associated with
frequent switches in policy, agents select v* = 0 in equilibrium. In this case,
no attempt is made to learn about policy. Because policy changes frequently,
policy shifts are tantamount to noise, and agents opt to filter noise out of their
expectations by placing zero weight on past inflation observations. When
the value of ¢ is low, in contrast, switches are less frequent, and agents find
it beneficial to track the time-varying conditional mean of policy by setting
~* > 0. Thus, characteristics of the policy rule feed back on the agents’ choice
of learning rule, based on the relative benefits of filtering versus tracking.

Note further that the upper bound of allowable ¢ in (17) becomes smaller
as Var(n) grows relative to Var(v). Higher Var(n) reflects an increase in
background noise, which increases the attractiveness of filtering.

The theorem demonstrates that for a range of ¢, a decline in ¢ leads agents
to select higher values of *. This relationship does not hold for all ¢ values,
however. From (18) the following corollary is immediate.

Corollary 1. v* — 0 as € — 0.

Intuitively, as policy switches become very infrequent, the return to track-
ing them becomes small, and agents prefer to choose small values of 7* in
order to filter out noise. Full filtering emerges in the limit. It follows that
the relationship between the persistence of policy and optimal tracking is
ponmonotonic: as ¢ rises from zero, tracking first rises, then falls.

We close this section by considering the implications for the Lucas Cri-
tique in the context of adaptive expectations. We have seen that when agents
underparameterize the forecast rule by using adaptive expectations with an

4We have excluded from consideration the choice v < 0. However, we note that a value
~ < 0 cannot be optimal, since from (7) and (10) it follows that 3, would then follow an
explosive process in which Var(8,) — oc as t — .
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optimally chosen adaption parameter v*, there are two regimes depending
on the underlying exogenous stochastic process. Following Lucas (1976) we
can consider the effect of exogenous changes in economic policy leading to
changes in the m¢ process. '
Corollary 2. Suppose € < 2/ (%5:%—3% +3). Then changes in Var(n), Var(v)
or ¢ lead to changes in the Nash equilibrium forecast rule and the Lucas
critique applies. However, if € > 2/ (%}% + 3) then for sufficiently small
changes in Var(n), Var(v) or €, the equilibrium rule remains v* = 0 so that
the forecast rule is not subject to the Lucas critique.

Corollary 2 shows that, depending on the other parameters, changes in
parameters of the policy rule may or may not induce changes in the forecast
rule. We emphasize that this result reflects the fact that the forecast rule
underparameterizes the true inflation process.

4 General Case

4.1 Feedbacks, Tracking and Inflation Persistence

We turn now to the general case, where @ > 0 is considered. When « is pos-
itive, agents’ choice of learning rule affects the inflation process, generating
a feedback to the choice of learning rule. The complications introduced by
this feedback make it difficult to obtain full analytical results, and thus we
limit our discussion to a local existence proof and to numerical examples for
a range of parameters.

To define the Nash equilibrium we must now distinguish between the gain
parameter 4 chosen by the representative agent and the value y chosen by
all other agents. For 7,4 € (0, 1] the system is thus defined by

m = (1—6)8,_;+ iy + vy, where § =1/(1+ )
By = m+ (1 =7
B, = Ame+ (1 —%)B1s
where f3, is the forecast at ¢ of the representative agent and 3, is the forecast

of all other agents. For the case v = 0 or 4 = 0, B, or f3, is instead given
by the mean of 7, as in (6). The representative agent attempts to minimize
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Figure 1: v*(¢) for a =0,1/4,2/3

MSE(v,4) = E(m; — B,_1)? and a Nash equilibrium v* is defined by

7" = arg min MSE(y -

As shown in the appendix, the theoretical results of the previous section
carry over to the case of & > 0 sufficiently small. We have:

Theorem 2. If ¢ < 2/ (%% + 3) then for all & > 0 sufficiently small
there exists a Nash eguilibrium with v* € (0,1). Ife < 2/ (g—if% + 3) then
for all o > 0 sufficiently small there exists a Nash equilibrium with ~* = 0.

We remark that Theorem 2 also applies to the Muth “cobweb” model, de-
scribed at the end of Section 2.1, with the condition “a > 0 sufficiently
small” replaced by “b > 0 sufficiently small.”

Figure 1 depicts the relationship between +* and ¢ for three values of o,
where Var(n) = 0.1 and Var(v) = 0.2 are specified. The upper curve shows
the values of v* for o = 2/3, the middle curve corresponds to o = 1/4 and
the lower curve gives the values of * for the zero feedback case a = 0. The
nonmontonicity derived in the preceding section may be noted, as well as
the existence of both v* > 0 and v* = 0 regimes in each case. Furthermore,
higher values of « lead to greater tracking for each . Feedbacks between
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learning rules thus serve to increase the attractiveness of tracking policy
switches. Observe that as o rises, the range of values for which the Lucas
critique fails to apply, in the sense of Corollary 2, becomes smaller.

Increased tracking has the added effect of introducing greater persistence
into the inflation process. This is shown in Table 1, which reports first or-
der autocorrelation coefficients for simulated inflation data using the Nash
equilibrium learning parameter.® The o = 0 column indicates the autocorre-
lation introduced by the policy switching process itself, in the absence of any
learning effects. These coefficients would be the same for the other o values
if agents selected v = 0. However, positive choices of ¥* imply added infla-
tion persistence. For £ = 0.1, increasing « to 0.25 leads the autocorrelation
coefficient to rise by 11 percentage points, based on the rise in tracking by
agents. This effect leads to a further rise of 14 percentage points when « is
increased to 0.67. Results are similar for the other ¢ levels.

Table 1: Autocorrelations of Simulated Inflation data.
a=0 a=1/4 a=2/3

e=0.1 0.9 0.70 0.84
e=03 047 0.59 0.74
e=05 034 0.44 0.59

4.2 Learning Externalities

We close our examination by comparing the Nash equilibrium choices v* to
the values that would be selected by a social planner who sought to minimize
MSE. It can be verified that the M SE in the case with feedback is given
by (14) with «y replaced by 6. Let v° denote the M SE minimizing level. It
follows that ° is determined by the results of Section 3 with v* replaced by
6+°.% In general the socially optimal choice of v will not coincide with the
Nash equilibrium value.

5For the simulations, we specify that 7 and v are normally distributed, with 7 = 1. We
conduct a 10,200 period simulation and throw out the first 200 periods when computing
the autocorrelation coeflicients.

6Provided that o > 0 is not too large. For sufficently large values of o there is the
possibility of an additional regime with v* = 1.
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Figure 2: v*(«), upper, and ¥°(«), lower, for ¢ = 0.3

Figure 2 illustrates the Nash equilibrium and socially optimal values of 7
as functions of o, where ¢ = 0.3, Var(n) = 0.1 and Var(v) = 0.2. Clearly,
Nash and optimal values are identical (at approximately v* = 7° = 0.39)
for o = 0, since there are no feedbacks across agents’ choices. As « rises,
the private incentive to raise tracking increases faster than does the social
incentive, and as a result the Nash equilibrium choices exceed the optimal
levels. Here agents suboptimally overtrack the policy switches.

5 Conclusion

We have considered a simple monetary model in which agents are faced with
a stochastic policy process which occasionally undergoes shifts in the mean.
While the agents may have a rough idea that the system is time-varying,
they are still unable to model explicitly the regime-switching process; as a
consequence, they rely on simple forecast rules that underparameterize the
true process. In particular we have considered the implications of agents
using exponential smoothing forecasts with an optimally chosen smoothing
parameter 1 — . For 0 < y <1 this is the traditional adaptive expectations
formula and for 7 = 0 it reduces to the sample mean. Even if the time
variations of the mean are small, provided regime switches occur infrequently
it will benefit agents to use an adaptive expectations forecast with 0 <~y <1
rather than setting v = 0 as would be optimal in the absence of regime
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switches. However if regime switches occur sufficiently quickly, then the
choice v = 0 is optimal because the importance of filtering then dominates.

We obtain simple analytical results for a version of the model in which
inflation follows an exogenous stochastic process. Even in this setting we can
illustrate the basic implications for the Lucas critique of the use of underpa-
rameterized forecasting models with optimally chosen parameters. Provided
the exogenous and policy parameter settings satisfy an appropriate condi-
tion, adaptive expectations with a choice of 0 < v <1 will be optimal and
in this region the Lucas critique operates with (optimally chosen) adaptive
expectations for the same reason that it applies with rational expectations.
However, if this condition fails, then full filtering with v = 0 is optimal
within our class of forecast rules and the Lucas critique does not apply for
small changes in parameter setting.

Additional features arise when inflation is affected endogenously by the
learning process. The feedback from expectations in this setting expands the
parameter region within which the Lucas critique applies. The self-referential
aspect also induces a forecast externality which, in the case 0 < v < 1, moves
the Nash equilibrium value of  away from the socially optimal value.

The adaptive expectations formulation itself appears to be an attractive
forecasting rule that can deal satisfactorily with a world that is more complex
than agents can comfortably model. In the words of Muth (1960), its “main
a priori justification as a forecasting relation is that it leads to correction of
persistent errors, without responding very much to random disturbances”.
In the more modern language of control theory, adaptive expectations is the
simplest example of a constant gain algorithm which has the ability to sat-
isfactorily track an unknown time-varying system.” Qur results explore the
implications of adopting this kind of algorithm in underparameterized en-
vironments. A key insight of rational expectations and the Lucas critique,
that the expectations parameters depend on the parameters of the underlying
stochastic process, carries over to underparameterized models. However un-
derparameterization can also result in regions of the parameter space within
which the Lucas critique does not locally apply.

7See for example the discussion in Ljung and Soderstrom (1983).
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APPENDIX

Proof of Lemma 1. Let the regime switching process be rewritten as
py = (1= b)pu_y + bt (19)

where 8, is an 4.i.d. exogenous Bernoulli random variable taking value 1 with
probability ¢ and 0 with probability 1 —e. Since Eu, = Ev; = D, it follows
that p, — Eu, = (1 — 8:) (i1 — Ep) + 6:(vy — D), so that without loss of
generality we can temporarily set Ey, = Ev; = 0 in order to compute the
variance of ;. Using E6; = E§. =¢ and E(1 - 6;) = E(1—6;)? =1 —¢, we
have

Var(y,) = Ey;

EE[(1 — 8% 1 + 8207 + 26:(1 = 6:)vpay 1) | ]
E[(1 - e)ui_, +eVar(v)]

(1 —e)War(u,) +eVar(v).

Hence
Var(u,) = Var(v).

We compute Cov(u,,3,_,) and Var(8,) using an extension of the Yule-
Walker equations to allow for the regime switching exogenous process. For
use in the proof of Theorem 2, below, we also allow for the case with feedback
in which € # 1. Combining (4), (7) and 7y = (,_; gives

B = (1 —79)B,_1 + (i + 1), (20)

where 6 = 1/(1 + @). In the zero feedback case § = 1. Again, note that
EB, = and (8, —7) = (1 —7)(B;—1 — 7) +v({tyy — ¥) + 1), so that without
loss of generality we can temporarily set 7 = 0 to compute variances and
covariances. Multiplying the above equation successively by 3,, 5;_;, i, and
n,, taking unconditional expectations and imposing stationarity we obtain

EB; = (1—90)EBiB1 +YEuB, +vEnp:,
EB,B; 1 (1- ’)’9)Eﬂf +YEmf; 4,
Ep, B, (1 =v0)EwB, 1 + ’YE,U'tzr
EnpB, = ’YE"I? .

It

I
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Furthermore, multiplying the regime switching equation (19) by S, , and
taking expectations we also have

EpB; 1 = (1 —€)Epp,.

Setting 6 = 1 and solving these five equations simultaneously, we obtain (12)
and (13), where Ef; and Ep,[3;_, are replaced by Var(8,) and Cov(ps, Bi—1),
respectively, to allow for nonzero means, and Var(y,) = Var(v) is invoked.
Q.E.D.

Proof of Lemma, 2 and Theorem 1. Let us establish that the second-order
condition for a MSE minimum is satisfied globally. Clearly, the first term in
(15) is strictly increasing in . As for the second term, note that

Ju) = - y
N O CER ()
x[2e(1 — &) + (2 — 3¢)? — 37(1 — £)(2 — 3¢) + 69%(1 —¢)?].

The term in brackets is strictly positive, as can be established by mini-
mizing the term with respect to 7. Thus —e¥(y) is increasing in y as well
and (15) determines the global minimum. Since the left-hand-side of (15) is
positive at v = 1 and since (18) is derived from (15), we have v* € (0,1) if
and only if (17) holds, while otherwise the constraint v > 0 becomes binding.
Q.E.D.

Proof of Theorem 2. Recall that § = (1+ a)~". We have
MSE = E(1-0)B_y+p+mn— Bt)2
= Var(1—-0)8,_y +p + 1) +
Var(B,_,) — 2(1 — 6)Cov(B,_4, By-r) — 2Cov(y, By_y)-
We first show that MSE is a smooth function of v and 4 for all v,% € [0, 1]
and for all § in some neighborhood of § = 1. From (20),(19) and 8, =

Ay + (1 — ’7)31:_1 it is straightforward to obtain the following equations for
second moments (without loss of generality we set means equal to 0):

~2 R A A " ~ R ~ N A
EB, = (1—A)EBL;-1 +4(1 —0)EB,_1f, +FEwL: + YEn, B,
~A A . ~2 . N . ~
EBf, 1 = (1- ¥)EB, + ¥(1—-0)EB,B; + YE 3,1
Epp, = (1- Y)EpB;:_1 + A(1 - 0)E“t:5t~1 + ")\/E[L?

15



Em/@t = '?E"??

ElutBt—l (1— 5)Eﬂt3t

E/Bt—lﬁt = (1- '?)EﬁtBt +4(1 - H)Eﬂ? +AE B,
Eﬂtﬁt = (1- VG)Eﬁt~1Bt + ’YEHtBt + 'YEUt,Bt-

In addition we have the five equations in ES?, EB,B,_1, EwB:, En.0;
and Eu,(, ;, derived in the Proof of Theorem 1. This gives us 12 linear

I

equations in 12 second moments. Thus Eu.5; ,, EB,p,, and EB? can be
written as the first three elements of a 12x1 moment vector M which are
jointly determined by the equation R(6,v,4)M = s(v,%), where R is 12x12
and s is 12x1. Furthermore, R and s are smooth functions and it can be
verified that R is invertible in a neighborhood of § = 1 for all v,% € [0, 1] so
that M = M(6,~,%) is well defined and smooth in a neighborhood of § =1
for all 7,4 € [0,1]. The MSE is given by MSE = u(6,y)+w(8) M(6,v,7) =
P(8,7,%), where w(8) = (-2,-2(1 —6),1,0,...,0). It can be seen that
P(1,7,%) is independent of «y and is given by the expression for MSE given
in Section 3.

Clearly P is smooth for all 7,4 € [0,1] and for all § in some neighbor-
hood of § = 1 and from Section 3 Ps3(1,7,%) > 0 for all 7,4 € [0,1]. Let
H(8,7) = P5(6,7,7). Then v* is a Nash equilibrium if H(f,v*) = 0 and
Ps3(6,~7*,%4) > 0 for all 4 € [0,1]. Let 4 denote the optimal value of v when
6 = 1. Since H(1,7) = 0 it follows from the implicit function theorem that
there exists v*(6) near ¥ satisfying H(6,v*(#)) = 0 provided H,(1,%) # 0.
This condition is satisfied since H,(6,7) = Ps2(6,7,7) + Ps3(d,7,7), since
P(1,7,%) independent of + implies Ps(1,7,7) = 0 for all -y, and since
Ps3(1,%,7%) > 0. It remains to show that Ps3(6,7*,4) > 0 for all 4 € [0,1].
Let I = min P33(1,7,4) > 0. Since Ps3 is continuous for v,4 € [0,1] and
for 6 sufficiently close to 1, it follows that, for some neighborhood of 6 = 1,
Pa3(0,7*,9) > L/2 > 0 for all 4 € [0, 1].

The proof is completed by noting that continuity of P(6,~, %) implies that
if (17) holds, then for 6 sufficiently close to 1, MSE must be lower for the
individual agent in the Nash equilibrium than for the choice ¥ = 0. Q.E.D.
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