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Fact or fiction? How repeated claims influence belief updating
Greta Arancia Sanna (greta.sanna.23@ucl.ac.uk)1, David Lagnado (d.lagnado@ucl.ac.uk)1 &

Hugo Mercier (hugo.mercier@gmail.com)2
1Department of Experimental Psychology, University College London

2Institut Jean Nicod, École Normale Supérieure

Abstract

Individuals often encounter the same claims from multiple
sources in complex informational environments. Whether such
repetition is treated as independent evidence or as redundant tes-
timony depends on assumptions about source dependence. The
present study investigates how prior beliefs about the claims
shape perceptions of source dependence and how these percep-
tions influence belief updating. Using a preregistered experi-
mental design, participants evaluated repeated claims presented
in vignettes about an online forum. Participants reported both
belief change and perceived dependence among sources. We
find that lower prior belief in a claim leads to stronger percep-
tions of source dependence, indicating that prior beliefs shape
not only initial judgments but also inferences about the struc-
ture of the informational environment. Participants also tended
to treat dependence as a global property applying to several
sources in the environment. Together, these findings suggest
that belief updating reflects rational simplification of informa-
tional structure, with important implications for the persistence
of belief polarisation.

Keywords: Belief updating, Source dependence, Bayesian
modelling

Introduction
In everyday life, people routinely rely on information pro-
vided by others, from mundane judgements about the weather
to evaluations of political events. Often, multiple sources of-
fer convergent testimony on a single issue. Such convergence
is typically taken to increase our confidence in the claim, as
agreement among independent sources is widely regarded as
a hallmark of evidential reliability (e.g. Pfänder et al., 2025).
However, this inference depends on the assumption of source
independence. When multiple sources draw on a shared infor-
mational source, the apparent consensus may be misleading.
Failing to recognise such dependence can therefore lead to
systematically overestimating evidential strength. For exam-
ple, if several sources report an event, this may reasonably
be treated as stronger evidence than a single report. Yet if it
later emerges that all reports trace back to a common source,
the additional confidence afforded by the consensus should be
substantially discounted, as the corroboration could be illu-
sory rather than informative.

In this domain, previous research indicates that people
sometimes discount consensus information when they per-
ceive sources to be dependent (Couch, 2022; Harkins & Petty,
1987; Mercier & Morin, 2019; Whalen et al., 2018; Xie &
Hayes, 2022), although this sensitivity is not consistently ob-

served across contexts (Yousif et al., 2019). Prior work has
also examined which cues people use to infer source depen-
dence (Desai et al., 2022; Young et al., 2025). Despite this
emerging evidence that perceived dependence can influence
belief revision (J. K. Madsen et al., 2020), the cognitive pro-
cesses by which individuals form dependence judgements in
the first place remain poorly understood. In particular, it is
unclear whether prior beliefs about the world shape the depen-
dence structures individuals infer within informational envi-
ronments, and how perceived dependence and belief updating
interact over time. Understanding these dynamics is critical
to explaining how people evaluate evidence in complex in-
formational settings and how features of those environments
ultimately shape belief formation.

If people’s understanding of the world is shaped by the
dependence structures they perceive in their informational en-
vironments, they might discount evidence they judge to orig-
inate from dependent sources, even when others regard the
same evidence as strengthening their beliefs. For instance,
individuals with high confidence in the legitimacy of demo-
cratic processes may interpret multiple claims that an elec-
tion was rigged as deriving from a single misleading source,
and therefore discount these claims as uninformative. Other
individuals, holding different prior beliefs, may instead inter-
pret the same convergence as compelling evidence of electoral
fraud. Consistent with prior research (e.g. Young et al., 2025),
this pattern would support the notion of a self-reinforcing cy-
cle in which prior beliefs shape perceived source dependence,
and these dependence judgements in turn guide how new evi-
dence is incorporated in ways that favour existing priors. Such
a circular process may help explain why individuals struggle
to disengage from polarised informational environments or
to revise their beliefs even when revision would appear war-
ranted.

To examine these processes, we focus on contexts involving
repeated testimony. Such informational environments pro-
vide a particularly suitable paradigm for investigating belief
and dependence dynamics, as they naturally give rise to a fun-
damental ambiguity: repeated claims may indicate increased
veracity, or instead signal dependence on a common source.
Resolving this ambiguity requires an account of how indi-
viduals mentally represent source dependence and how these
representations interact with belief updating.

To address this gap, we develop two a priori Bayesian net-
work (BN) models that formalise alternative representations
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of source dependence. The two models differ in the degree to
which individuals are capable and willing to update rationally.
Model 1 (local model) assumes that individuals integrate new
pieces of information rationally, sequentially weighing the
probability of each source being independent based on their
current beliefs and their priors about the likelihood of de-
pendence in the present context. Here, regardless of prior
beliefs, as information in support of the claim is gathered,
belief in the claim should increase and perceived dependence
of the sources on a common informant should decrease. Con-
versely, Model 2 (global model) posits that individuals do
not update rationally as this requires a significant amount of
cognitive resources; instead individuals simplify their under-
standing of the informational environment by assuming that
each source has the same likelihood of being dependent on
the common informant throughout the evidence evaluation
process. As a result, individuals quickly stop updating their
beliefs as they reach an equilibrium between the likelihood of
dependence of the sources and their belief in the claim. Now,
although Bayesian networks are often employed as normative
benchmarks, our aim is not to assess whether participants rea-
son optimally. Rather, the models are used to characterise
the space of inferences a reasoner could plausibly draw (e.g.
Lieder & Griffiths, 2020) and to derive behavioural predic-
tions about perceived dependence and belief updating. These
predictions, in turn, motivate our hypotheses and guide our
empirical tests.

Bayesian Network model
We adapted a Bayesian Network introduced by Young et al.
(2025) to model how individuals can update their beliefs as
repeated claims emerge. Bayesian networks (BNs) comprise
two components: (i) a directed acyclic graph that represents
probabilistic dependencies among variables, and (ii) condi-
tional probability tables for each variable that quantify these
dependencies and enable belief updating via Bayes’ rule.
Bayesian Networks (Pearl, 1988) have been widely applied
to model how source characteristics influence belief updating
and have received empirical support across multiple domains
(Collins et al., 2018; Harris et al., 2012, 2016; J. Madsen,
2016; J. K. Madsen, 2019; Young et al., 2023). As such, they
provide a natural framework for modelling how perceptions of
source dependence shape belief updating in the present con-
text. Building on this framework, we specified two competing
models that differ in how dependence is assumed to oper-
ate across sources. The local dependence model, illustrated
in Figure 1, represents a scenario in which three informants
provide the same testimony, which may either reflect a direct
observation of the world (𝐻) or second-hand information orig-
inating from a latent source (𝐿𝑇). When all three informants
report evidence generated directly from𝐻, the resulting agree-
ment constitutes strong evidence in support of the claim. In
contrast, if the testimonies of all three informants are derived
from 𝐿𝑇 , their agreement is substantially less diagnostic of the
claim’s truth. Crucially, whether each informant’s testimony is

Figure 1: Local dependence model: each informant’s tes-
timony may be independently generated or dependent on a
latent source.

generated from the world or from the latent source is governed
by individual dependence nodes (𝐷𝐸𝑃), which determine the
evidential origin of each informant’s report. This structure
allows dependence to vary across informants. Thus, an accu-
rate representation of dependence requires individual nodes
of dependence for each informant. However, this concep-
tualisation may be cognitively effortful beyond individuals’
capabilities as it requires them to track, after each claim, both
their belief in the world (H) and their perceived dependence of
each claimant. In contrast, constraints on cognitive resources
(e.g. Zhu & Griffiths, 2024), may encourage individuals to
simplify aspects of the information environment. Treating
dependence as a global property rather than applying to each
source individually can reduce cognitive strain and simplify
the belief updating process. Building on this assumption, and
consistent with prior modelling work (Young et al., 2025), we
specified a global dependence model, illustrated in Figure 2,
which was developed in light of results from a pilot study
prior to the present experiment (see Methods section). This is
the same as the local dependence model, except dependency
is captured by using a single unifying node across sources
instead of individual nodes for each source. Under this global
representation, dependence is simplified to promote cognitive
effectiveness; however, now additional repeated claims may be
dismissed as mere products of dependence rather than as flex-
ible and potentially informative evidence. This, in turn, could
further entrench existing beliefs and exacerbate processes of
polarisation.

We use the local and global dependence models to pro-
vide the theoretical framework to develop hypotheses about
how individuals represent dependence in contexts involving
repeated claims. Both models predict that prior belief in
the claim influences inferences about source dependence (see
Figure 5 for predicted trajectories). When a claim is initially
plausible, the local dependence model predicts that belief in
the claim should increase with each additional corroborating
report, ultimately approaching a high degree of certainty. The
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Figure 2: Global dependence model: all informants’ testi-
monies are either independently generated or jointly depen-
dent on a single latent source.

global dependence model similarly predicts an initial increase
in belief; however, due to the global representation of source
dependence, belief updating is expected to plateau, maintain-
ing a residual level of uncertainty that reflects the inferred
degree of dependence among sources.

By contrast, when a claim is initially implausible, both mod-
els predict that repeated testimony will be attributed to a high
degree of source dependence. Under the local dependence
model, this inferred dependence is expected to be overridden
in the long run by the cumulative weight of repeated claims,
leading belief in the claim to eventually increase despite ini-
tial scepticism. Under the global dependence model, however,
belief is not expected to increase with repetition; instead, it
should stabilise at an equilibrium level, as additional testi-
mony is discounted once it is judged to be dependent and
therefore non-informative.

The aim of the present study is not to assess whether par-
ticipants match either model in a strict normative sense, but
rather to examine whether their inferences qualitatively align
with the high-level structural assumptions embedded in the
simplified model.

To test these assumptions, we developed a study in which
individuals read a vignette describing several sources making
the same high (or low) plausibility claim sequentially. After
each statement, participants rate their belief in the claim and
the extent to which they judge the sources to base their testi-
mony on independent first hand experiences versus a common
latent source. This approach enables us to examine how prior
knowledge shapes both the inferred structure of relationships
between sources and belief updating regarding the claim itself.

The Study
Participants
200 US participants were recruited from Prolific (105 identi-
fied as female, 95 as male: mean age 47, range 23–85), and
paid £0.75 for a 5 minute survey. In line with pre-registration
criteria no participants were excluded from the sample. The

study was pre-registered with supplementary material pro-
vided on OSF.

Design
Participants were presented with a vignette about an online
neighbourhood forum where users post information about po-
tential sightings of a lost cat. Three users (Beth, Carol, and
Daisy) sequentially post information stating that the cat is
near the local school. Participants are informed that posts ei-
ther reflect genuine independent sightings of the cat or repeat
previously shared information to increase visibility. Prior to
seeing any forum posts, participants were given contextual
information manipulating the prior likelihood of the cat being
near the school. Due to the cat’s physical health, participants
were told that it was either very likely or very unlikely that
the cat would be in that area. Baseline belief in the claim was
measured immediately after this manipulation. After each
post, participants reported (a) their belief that the cat is near
the local school on a scale from 0 to 10, and (b) their judge-
ment of whether the user was reporting their own sighting
versus repeating earlier information on a scale from 0 to 10,
anchored such that higher values indicate a personal sight-
ing. These judgements were collected separately for each
informant immediately after that informant’s post. The study
therefore used a 2 (Claim probability: High vs. Low, between
participants) × 4 (Timepoint: baseline, after Informant 1, In-
formant 2, Informant 3, within participants) mixed factorial
design.

Procedure
The study was delivered on Prolific through survey platform
Qualtrics and took approximately 5 minutes to complete. Par-
ticipants first completed a consent form, followed by an atten-
tion check. They were then presented with background infor-
mation describing an online neighbourhood forum in which
users are attempting to support an elderly lady, Amber, to find
her cat Whiskers. Participants are told that some members
of the community are out looking for the cat while others
are keeping track of the forum, repeating earlier information
to increase visibility. Therefore any given post could either
be a legitimate sighting or could just be repeating previously
delivered information. Participants are then told that, due
to its physical health, the cat is either likely (high probabil-
ity condition) or unlikely (low probability condition) to be
near the school. Following this manipulation, participants are
asked to rate the likelihood of Whiskers being located near
the school to check for the effectiveness of the manipulation
as well as to collect baseline likelihood ratings. Participants
are then presented with three users making posts indicating
that Whiskers is near the school. These posts are presented
sequentially but are described as occurring at the same time,
to avoid the possibility of dependency between them. After
each post participants are asked to rate the likelihood that the
cat is near the school as well as the likelihood that the post
is a genuine sighting or a repetition of previous information

2862

https://osf.io/q9g3f/overview?view_only=d164b0a94c234b81af4585bcedba3f4c


posted in the forum. At the end of the task participants are
asked to complete some demographics questions (gender, age,
education) and are debriefed about the condition they were in.

Hypotheses
In line with predictions from the Bayesian Network model,
our pre-registered hypotheses were:

H1: Participants in the low prior probability condition will
judge the set of claims as more likely to be based on a common
latent source than participants in the high prior probability
condition.

H2: Conditional on H1 being supported, inferred depen-
dence on the latent source will moderate belief updating such
that belief will increase from baseline following the first claim
when dependence on the latent source is perceived to be low,
but will show little or no increase when dependence on the
latent source is perceived to be high.

H3a: Participants will treat dependence on the latent source
as a global property of the informational environment, such
that increased perceived dependence on the latent source will
apply uniformly to all claimants rather than selectively to
individual claimants.

H3b: Given that we anticipate people might rely on a global
model, in both conditions, belief in the claim will not increase
as additional claims are made, such that belief after the third
claim will be indistinguishable from belief after the first claim.

H4: The global dependence model will provide a better fit
to the data than the local dependence model.

Pilot
In advance of the main study, we developed a similar vignette
as in the present study but exploring a different online en-
vironment. Participants were introduced to a horse racing
scenario in which users posted their predicted winners for an
upcoming race. Users could either make their predictions
based on their own research or copy information that had pre-
viously been posted in the forum. Crucially, the plausibility of
the repeated claims about the winning horse was manipulated
such that the predicted outcome was either likely or unlikely,
with participants informed that they possessed relevant in-
sider information. Participants judged users to be more likely
to be copying previously posted information when the claim
was unlikely (𝑀 = 54.84) compared to when it was likely
(𝑀 = 35.29), 𝑡 (186) = 6.29, 𝑝 < .001, 𝑑 = 0.89, 95% CI
[0.60, 1.18]. In contrast, belief in the predicted winner did not
increase from the first to the third repeated claim in either prob-
ability condition. In the low-probability condition, a paired-
samples 𝑡-test revealed no change in belief, 𝑡 (100) = −0.29,
𝑝 = .77, 𝑀diff = −0.36, 95% CI [−2.76, 2.05], with the
Bayesian analysis providing evidence in favour of the null
hypothesis, BF10 = 0.11. Similarly, in the high-probability
condition, belief ratings did not differ between the first and
third claims, 𝑡 (98) = −0.54, 𝑝 = .59, 𝑀diff = −0.56, 95%
CI [−2.61, 1.50], with the corresponding Bayesian analysis
again supporting the null hypothesis, BF10 = 0.13. This

Figure 3: Perceived dependence of each source collected after
their repeated claim Note. Ratings ranged from 0 (definitely
dependent on another user’s message) to 10 (definitely saw
Whiskers) with error bars representing ±1 standard error of
the mean. Individual data points have been jittered along the
x-axis to improve clarity and visibility.

pattern was inconsistent with the predictions of the local de-
pendence model and instead suggested that participants may
have been treating source dependence as a shared property of
the informational environment. To capture this possibility, we
specified a global dependence model, which we evaluated in
the present study.

Results
Ahead of the main analyses, an independent-samples 𝑡-test
confirmed that the probability manipulation was successful:
participants in the low-probability condition reported signif-
icantly lower baseline belief in the claim (𝑀 = 1.91) than
participants in the high-probability condition (𝑀 = 5.86),
𝑡 (197.99) = 14.66, 𝑝 < .001, 95% CI [3.41, 4.48]. Impor-
tantly, beliefs in the high-probability condition did not reach
ceiling levels, leaving scope for belief updating across the
experiment (Figure 3).

Regarding H1, an additional independent-samples 𝑡-test
confirmed that prior beliefs affected perceived dependence on
the latent source with participants in the low probability con-
dition (M=5.20) rating the likelihood of dependence as higher
than participants in the high probability condition (M=4.18),
t(195.77) = 2.95, p=.0036, 95% CI [0.34, 1.70] (see Figure
3).

Regarding H2, a belief-change score was computed for each
participant by subtracting baseline belief (TP0) from belief
after the first claim (TP1) (see Figure 4). An independent-
samples 𝑡-test revealed no statistically significant difference
in the magnitude of belief change between the low- and high-
probability conditions, 𝑡 (194.39) = −0.98, 𝑝 = .33, 95% CI
[−0.66, 0.22]. A Bayesian 𝑡-test provided support for the null
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Figure 4: Belief updating across repeated claims. Note. Rat-
ings ranged from 0 (very unlikely) to 10 (very likely) with
error bars representing ±1 standard error of the mean. In-
dividual data points have been jittered along the x-axis to
improve clarity and visibility.

hypothesis, BF10 = 0.24. Together, these results indicate that
the extent of belief updating following the first claim did not
differ as a function of claim probability.

To assess whether perceived dependence on the latent
source changed as additional claims were presented (H3a),
dependence ratings after the first and third claims were com-
pared within participants, separately for the low- and high-
probability conditions. In the low-probability condition, a
paired-samples 𝑡-test revealed no significant difference in de-
pendence ratings between the first and third claims, 𝑡 (99) =
−0.97, 𝑝 = .33, 𝑀diff = −0.15, 95% CI [−0.46, 0.16]. A
Bayesian paired-samples 𝑡-test provided moderate evidence
in favour of the null hypothesis, BF10 = 0.17. In the
high-probability condition, dependence ratings likewise did
not differ between the first and third claims, 𝑡 (99) = 0.17,
𝑝 = .87, 𝑀diff = 0.03, 95% CI [−0.32, 0.38]. The corre-
sponding Bayesian analysis again supported the null hypothe-
sis, BF10 = 0.11. Across both conditions, dependence judge-
ments remained stable as additional claims were presented. To
further substantiate this pattern, individual dependence trajec-
tories were examined. Of the 200 participants, 104 assigned
identical dependence ratings to the first and third informants,
increasing to 154 participants whose ratings differed by no
more than one scale point. This distribution indicates, in line
with H3a predictions, that the modal response strategy was to
maintain largely stable dependence judgements across the se-
quence of claims. To test whether belief in the claim increased
as additional claims were presented (H3b), paired-samples 𝑡-
tests compared belief after the first claim with belief after
the third claim, conducted separately for the low- and high-
probability conditions. In the low-probability condition, be-
lief ratings were significantly higher after the third claim than

Figure 5: Observed beliefs compared with predictions from
global and local dependence models for high and low proba-
bility conditions.

after the first claim, 𝑡 (99) = −3.61, 𝑝 < .001, 𝑀diff = −0.53,
95% CI [−0.82,−0.24]. A Bayesian paired-samples 𝑡-test
provided strong evidence in favour of the alternative hypoth-
esis, BF10 = 43.73. A similar pattern was observed in the
high-probability condition. Belief ratings again increased
from the first to the third claim, 𝑡 (99) = −3.89, 𝑝 < .001,
𝑀diff = −0.52, 95% CI [−0.79,−0.25]. The corresponding
Bayesian analysis yielded very strong evidence for the alterna-
tive hypothesis, BF10 = 105.71. Thus, contrary to H3b, belief
in the claim increased as additional claims were presented in
both probability conditions.

Finally, to test H4, empirical belief trajectories were com-
pared with predictions generated by the local and global de-
pendence models to assess which model provided the bet-
ter fit to the data (see Figure 5). Model fit was evaluated
at the participant level by computing the mean absolute de-
viation between observed belief ratings and model predic-
tions across claims. Deviations were significantly smaller
for the global dependence model than for the local depen-
dence model, 𝑡 (199) = −9.31, 𝑝 < .001, mean difference
= −0.028, 95% CI [−0.034,−0.022]. A Bayesian paired-
samples analysis provided strong evidence in favour of the
global dependence model, BF10 = 2.1 × 1014.

Discussion
The present study examined how prior beliefs shape perceived
source dependence and how such perceptions, in turn, influ-
ence belief updating. Consistent with our hypotheses, we
found that claims associated with lower prior belief were more
likely to elicit perceptions of dependence among sources than
claims associated with higher prior belief. When considered
alongside prior work showing that perceived dependence con-
strains belief updating (e.g. Alister et al., 2025; Young et al.,
2025), these findings suggest that prior beliefs might do more
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than anchor initial judgments. They also shape how individ-
uals construe the structure of the informational environment
itself. By influencing whether multiple sources are treated as
independent or redundant, priors may indirectly regulate the
evidential weight assigned to repeated testimony. This dy-
namic creates the potential for recursive effects, whereby ini-
tial beliefs guide inferences about source dependence, which
in turn determine how strongly subsequent information is in-
corporated.

Turning to our second hypothesis, we did not find evidence
that perceived dependence modulated belief updating follow-
ing the first claim. One interpretation of this null effect is that
participants did not reliably integrate their dependence judg-
ments into subsequent belief revision, consistent with prior
work suggesting that individuals may struggle to fully incor-
porate structural properties of evidence into belief updating
(Yousif et al., 2019). However, an alternative explanation
is methodological rather than cognitive. The manipulation
may not have induced a sufficiently strong contrast between
low and high perceived dependence to yield detectable dif-
ferences in belief change. In this case, perceived dependence
may still be integrated into belief updating, but only when
differences in dependence are more pronounced (Desai et al.,
2022). Future work could adjudicate between these possi-
bilities by employing stronger or more explicit manipulations
designed to elicit clearer separation between high and low
dependence conditions.

With regards to the perceptions of source dependence over
time, this study points to the adoption of a global rather than
local dependence model. In line with the global model there
was no discernable difference between the dependence at-
tributed to the first rather than the third source and model
trajectory comparisons for belief updating were strongly in
favour of the simplified model over the more complex one. In
line with the literature (Lieder & Griffiths, 2020) this suggest
participants might be following a rational model of belief up-
dating but simplifying certain aspects to account for cognitive
resources and capacities. At this stage, however, we do not
exclude the possibility that at least some individuals might
be engaging in a more heuristic approach or that the align-
ment of their updating patterns with the global model might
be the result of conservative belief updating (Kovach, 2021).
Contrary to our expectations, participants kept marginally up-
dating their beliefs as new evidence came to light. While this
is in contradiction to our original model’s predictions it could
also be the case that the indicative conditional probability val-
ues we used ahead of the study might not have matched the
conditional probability values elicited by participants. This
not only would affect belief updating patterns but would also
shape the predictions that should be made on the sample.
Adding a higher degree of uncertainty to the diagnosticity of
the evidence (e.g. 0.8, 0.2, rather than 0.9, 0.1) might make
individuals more aligned with the model regardless of our
original predictions. To test this assumption future studies
should aim to elicit conditional probability questions directly

from participants to inform more accurate hypotheses and to
use them for model fitting at the individual rather than aggre-
gate level.

Taken together, these findings suggest that prior beliefs
shape how individuals infer dependencies within complex in-
formational environments and that people may simplify their
mental representations of such environments to reduce cogni-
tive demands. Crucially, this form of simplification has im-
portant consequences for belief updating. Although both the
use of priors and the adoption of simplified dependence struc-
tures are compatible with a broadly rational framework, their
interaction can nonetheless support self-reinforcing dynamics
of belief polarisation. Under a local dependence model, indi-
viduals holding different priors should, in principle, converge
on a shared belief space as independent evidence accumu-
lates. By contrast, simplifying the informational structure in a
way that approximates a global dependence model effectively
limits the evidential value of repeated testimony, causing be-
lief updating to attenuate early and reinforcing belief stagna-
tion. Understanding how such cognitive processes operate is
therefore essential for explaining the persistence of polarised
beliefs and for informing interventions aimed at mitigating
them, for example by emphasising cues to source indepen-
dence. More broadly, these results highlight the value of a
priori model simulations as conceptual tools for clarifying
expected behavioural patterns and for interpreting empirical
belief trajectories.

Several limitations of the present study warrant considera-
tion. First, the specific setting in which we set our vignette
limits the generalisability of the findings. While our pilot
study situated in a different domain provides some grounds
for generalisability, future work should examine whether sim-
ilar patterns emerge across different domains and communi-
cation contexts, and identify instances in which qualitatively
different updating patterns would emerge. Second, partic-
ipants were explicitly asked to judge the degree of depen-
dence between sources. Although this approach allows direct
measurement of perceived dependence, it remains an open
question whether individuals would spontaneously infer such
dependence in more ecologically valid settings. Finally, the
present study did not directly elicit participants’ conditional
probability judgments, which would provide more accurate
insight into their assumptions about the diagnosticity of re-
peated testimony. Incorporating such measures in future re-
search would allow closer alignment between empirical data
and formal model predictions.

Notwithstanding these limitations, the present study pro-
vides evidence that individuals rely on their prior beliefs when
forming judgments about source dependence and that they
tend to simplify belief updating by treating dependence as a
global rather than a local property of the informational envi-
ronment.
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