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ABSTRACT OF THE DISSERTATION 

 

Class without consciousness: An analysis of the role of place and income in the 2012 U.S. 

presidential election 

 

by 

 

John Robert Shrode 

Doctor of Philosophy in Political Science 

University of California, Los Angeles, 2016 

Professor John R. Zaller, Chair 

 
Economic inequality has increased substantially in the U.S. over the past four decades.  Some 

students of voting behavior have linked this to an increase in class voting and polarization in the 

U.S.  At the same time several comparative scholars have argued for a general lack of class 

voting in the West since the end of World War II.  I combine the use of individual level survey 

measures from the 2012 Cooperative Congressional Election Study, along with county level 

measures from the American Community Survey to test for class voting effects in the 2012 U.S. 

presidential election.  I find that county level measures of inequality are strongly associated with 

support for Obama in the 2012 election, but that class voting is not the primary driver of this 

relationship.  Instead I find that individuals living in high inequality environments in 2012 

supported Obama at higher rates regardless of family income, and that differences in racial 

resentment account for a substantial portion of this effect.  Finally, I find evidence that the vote 

of working class urban whites responds to increased inequality to a greater degree than their non-
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urban, and middle/upper class counterparts.  This last finding mimics previous findings in the 

comparative literature that class voting tendencies typically manifest in countries with high 

levels of population density.  
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Chapter 1 - Introduction and literature review 
 
The divergent incomes of the rich and poor 

Figure 1.1 - Income inequality over time 

 

 Over the past century the U.S. has seen two periods of very high income inequality.  

Figure 1 plots income data from 1917 to 2014 and shows the timing of these two peaks.  The first 

period of high inequality occurs in the early 20th century and peaks around the beginning of the 

Great Depression.  If you use the percent of income earned by the top 1% as a measure of 

inequality, then the peak is in 1928 (19.6%).  If you use the top 10% as your reference point the 

peak moves to 1932 (46.3%).  The depression took its toll on incomes across the board in the 

U.S., but the high levels of inequality witnessed in the first part of the century did not abate in a 

substantive sense until the beginning of World War II.  Starting about 1940 U.S. incomes began 

to equalize, and this trend continued into 1944.  By 1944 the percent of the total income earned 
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by the top 10 percent had dropped to 31.5% of the nation’s total, a 30% decline from its previous 

high.  The drop in earnings captured by the top 1 percent declined even more dramatically to 

10.5%; just 54% of its previous peak in 1928.  The mid-century era brought with it a flourishing 

of the middle class that lasted into the mid-70’s.  For many people this period of equality became 

the norm or reference point, but in retrospect this may have been an anomalous period that 

marked the peak size of the American middle class. 

Starting in the late 1970’s a new trend toward inequality emerged.1  By the second decade of 

the 21st century levels of inequality had come to rival their previous peak in the late 1920’s and 

early 1930’s.  Larry Bartels has called this period the “new Gilded Age” (Bartels, 2008).  Piketty 

and Goldhammer refer to it as the “new Belle Époque” (2014).  The question becomes, what do 

the increasingly disparate circumstances of the rich and poor mean for our society today? 

Researchers have linked increased inequality to several different phenomena.  Health 

researchers have linked increased inequality to worse health outcomes and an increased rate of 

early death (Catlin, Jovaag, & Dijk, 2015).  Economists have linked increased inequality to 

decreased economic mobility (Isaacs, Sawhill, & Haskins, 2008).  In the political science 

literature, McCarty, Poole and Rosenthal have linked increased inequality to polarization within 

the U.S. Congress (1997, 2006).   

 
This dissertation examines the effect of inequality on partisan voting in the United States.  

Much theoretical literature suggests that it may have a strong effect.  Larry Bartels found 

evidence of class voting in recent U.S. elections , and McCarty, Poole, and Rosenthal linked 

rising inequality to an increase in class voting (1997, 2006).  Recently, Johnston, Newman, and 

                                                
1	Depending on the exact measure this movement towards increased inequality started 
somewhere between the early 1970’s and the early 1980’s.  	
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Lown demonstrated a link between local levels of inequality and belief in meritocracy, an 

attitude closely linked to support for redistribution (2015).  In light of this evidence it’s important 

to understand the extent to which inequality and class drives vote choice in the American 

political system.  This dissertation tests what the theoretical literature takes to be the most likely 

route by which inequality might affect voting, which is that inequality increases the rate of class 

voting, and applies that logic to local levels of inequality.  Given that lower income voters will 

be the predominant type of voter in a polity characterized by economic inequality, inequality 

should then be associated with higher levels of support for the Democratic Party.   

 This thesis tests this chain of logic on voting in the 2012 presidential election, which 

coincided with the highest level of inequality since the Great Depression.  The dissertation’s first 

move is to develop a reliable estimate of the amount of class voting that occurred at this 

historical juncture.   The thesis next aims to determine the contribution of income inequality to 

class voting by testing the effects of within-county variation in inequality on the incidence of 

class voting. 

 I find a general lack of class voting in the 2012 election, which contradicts the earlier 

findings of Bartels and McCarty, Poole, and Rosenthal.  Furthermore, while I found that local 

levels of inequality were predictive of Obama vote at the aggregate level, class voting was not 

the primary driver of this effect.  This shows that while high levels of local inequality predict 

class polarization on beliefs in meritocracy (Newman et al., 2015), those differences in attitudes 

do not translate into a class divide on election day.  Instead I find that the aggregate-level 

correlation between inequality and vote comes from a tendency of all voters in unequal counties 

to support Obama higher rates than their counterparts living in more equal places.  I find that a 

substantial portion of this equal vs unequal county support was driven by a tendency of all voters 
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– rich and poor alike – to be less racially resentful than voters in other parts of the country.  

While I do find that levels of inequality can disproportionately affect the votes of the poor, I find 

that this only occurs in a small number of counties, namely amongst white voters living in urban 

environments. 

 In the remainder of this chapter, I lay the theoretical groundwork behind the arguments I 

test in later chapters. 

A Definition of class voting 

Harold Laswell famously defined politics as  “who gets what, when, and how” (1936).  

Lasswells’ definition is a good example of how politics is often thought of in terms of material 

resource allocation.  It’s not that non-material concerns are unimportant, but rather that politics is 

expected to affect the distribution of resources in a society.  It seems to follow then that 

disagreement about the distribution of material goods would become a central organizing 

principle in politics.  In liberal democracies issues of redistribution often become a part of the 

main “left-right” dimension that defines much of the institutionalized political conflict within a 

society (Geoffrey Evans, 2000; Van der Waal, Achterberg, & Houtman, 2007).  In these cases, 

“left” parties typically advocate for additional governmental programs and policies that 

redistribute resources from rich to poor.  “Right” parties typically oppose such efforts, and often 

seek to reduce the size of the welfare state.  In the modern conceptualization of the welfare state 

left parties often take the form of social democratic parties.  According to that conceptualization, 

the U.S. lacks a strong left party at the national level.  In fact, Bernie Sanders would be the only 

elected representative at the national level that falls into this category.  That said, there is 

substantial variation between a Republican Party on the right and a Democratic Party which sits 

closer to the center-left on economic issues.  Class voting is typically conceptualized as a 
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tendency for the poor to support the left party at higher rates than the rich.  Since the Democratic 

Party is the closest analog that the U.S. has to a major left party, I define class voting in the U.S. 

context as a tendency of the poor to vote for Democratic candidates at a higher rate than their 

rich counterparts. 

Support for Redistribution 

Some of the earliest political issues that the U.S. dealt with were issues of redistribution.  

Issues of currency devaluation, essentially a form of debt forgiveness, and peasant farmer 

revolts, plagued the early republic.  In fact, the U.S. Constitution was written in part to deal with 

the new federal government’s inability to deal effectively with these matters.  By the late 19th 

century Marx and Engels had made demands for the redistribution of wealth a central tenet of 

their new political philosophy (Tucker, Marx, & Engels, 1978).  In 1960 Lipset established this 

link within the behavioralist voting literature.  In 1981 Allan Meltzer and Scott Richard 

formalized this relationship when they applied a median voter theory model to the issue of 

support for redistribution (1981).  The Meltzer-Richards model argues that support for 

redistribution will increase as the economic distance between the median and the mean income 

increases. They derive this assertion from the reasoning that citizens will act to maximize their 

economic self-interest.  When the mean income is much higher than the median income 

redistribution from the rich to the rest of society will increase the post-tax income of the median 

voter.  As the distance between the mean and median incomes collapses so does the affect that 

redistribution has on the post-tax income of said voter.  Since the median voter is by definition 

pivotal it is their preferences that will be reflected in the society’s redistribution policies.  

According to Metlzer-Richards that is why increased inequality leads to increased demand for 

redistribution.  This straightforward formalized reasoning has made the Meltzer-Richards model 
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very attractive to students of class politics.   

While the Meltzer-Richards model is conceptually attractive empirical support for the model 

has been mixed at best (Alberto Alesina & Glaeser, 2004; Iversen & Soskice, 2006; Kenworthy 

& McCall, 2008; Kenworthy & Pontusson, 2005; Milanovic, 2000; Rodriguez, 1999)  Given that 

the Meltzer-Richards model has not been supported by a clear pattern of self-interested economic 

voting, scholars who study support for redistribution have searched for factors that might prevent 

the expected findings from manifesting.  Most scholars have addressed this disconnect by 

identifying factors that mediate the relationship between inequality and support for 

redistribution.  Some of these findings explain why scholars witness less support for 

redistribution in the U.S. when compared to its European and Asian OECD counterparts.  For 

example, the racial diversity within a country is negatively related to support for redistribution  

(A. Alesina, Di Tella, & MacCulloch, 2004; A. Alesina, Glaeser, & Sacerdote, 2001; Alberto 

Alesina & Glaeser, 2004; Kiatpongsan & Norton, 2014), and the U.S. is much more racially 

diverse than most other OECD countries.  Countries with higher levels of population density are 

more likely to have high levels of support for redistribution (Alberto Alesina & Glaeser, 2004).   

Kiatpongsan and Norton found that Americans were more likely to underestimate inequality 

when compared to citizens in other developed countries (2014).  More specifically, Osberg and 

Smeeding found that U.S. citizens were less aware of inequality driven by the top end of the 

distribution than citizens in other countries (2006).  They also found that inequality in the U.S. is 

driven more by the bottom end of the income distribution than in other developed countries, but 

even in the U.S. inequality is driven primarily by individuals at the top of the distribution.  

According to Osberg and Smeeding Americans had “less concern for reducing differentials at the 

bottom of the distribution”.  This finding is consistent with the argument about racial diversity, 
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as the bottom end of the income distribution in the U.S. is dominated by people of color.  Martin 

Gilens details this link between racialized perception of welfare policies, and a lack of support 

for redistribution amongst white citizens in the U.S. (2009).   

Other individual attitudes play a part as well.  Piketty argues that individuals determine the 

relative impact that luck and hard work have on economic mobility by examining their own 

experience and the experience of their parents.  He argues that this can lead to different dynastic 

equilibria.  On the one hand, individuals who live in families that have seen a substantial payoff 

from hard work come to heavily weight the importance of hard work in getting ahead 

economically.  On the other hand, families that have experienced a series of negative economic 

shocks can come to focus on the role that chance plays in getting ahead (T. Piketty, 1995).  

Americans who believe that the current economic system acts as a meritocracy are less likely to 

support redistribution (A. Alesina & La Ferrara, 2005; Fong, 2001). This phenomenon of 

widespread belief in meritocracy and social mobility has a distinct appeal to Americans.  De 

Tocqueville identified this widespread belief in social mobility and linked it to American’s 

relative lack of support for redistribution as early as 1835 (De Tocqueville, 2003).  McClosky 

and Zaller refer to this phenomenon as the “American ethos” (1984), and Hochschild amongst 

others referred to it as the “American Dream” (1996).  The reality is that social mobility is lower 

in the U.S. today than it is in much of Europe, but the perception of relatively high mobility in 

the U.S. remains (Isaacs et al., 2008). 

  While there may be less support for government redistribution from the rich to the poor in 

the U.S., Americans are certainly similar to their European counterparts in one area.  They 

generally believe that a “fair” income distribution would consist of less market-based inequality 

than currently exists (Kiatpongsan & Norton, 2014).  The difference between citizens in Western 
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Europe and the U.S. seems to be based on the fact that Americans underestimate levels of market 

based inequality to a greater degree, and consequently support government intervention in the 

economic area at a lower rate than their European counterparts.   

The U.S. in comparative context 

 To the politically informed it might seem that a class split in support for redistribution 

should lead to a class split in support for the two major parties.  This might in fact be the case, 

but several conditions need to be met if these attitudes will lead to a class split in party support.  

First, there needs to be clear differentiation between the two major parties on issues of 

redistribution.  In the past fifteen years Republicans and Democrats have staked out divergent 

positions on nationalized health care, the extension of unemployment benefits, and social 

security privatization/cost of living adjustments among others, so this condition has been met.  

Still, if these divergent positions are to manifest as a class voting split, voters have to find these 

particular issues compelling enough to alter their voting decisions.  The U.S. Electoral system is 

dominated by two major parties, neither of which combine a conservative stance on social issues 

with a liberal position on economic issues.  As a result, working class Americans who hold 

conservative stances on issues like abortion and gay marriage find themselves cross-pressured.  

Do they vote then based on economic or social issue positions? In the U.S. for instance a voter 

who wants less government in both the economic and social spheres has three options.  First, 

they can privilege their economic attitudes above their social attitudes and vote for a Republican 

candidate.  Second, they can privilege their social attitudes above their economic attitudes and 

vote for a Democratic candidate.  Third, they can vote for a libertarian candidate if they are on 

the ticket, but the single member district system prevents an electorally viable libertarian 

candidate from emerging in most congressional and senate districts.  At the presidential level 
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third party candidates can act as spoilers, but not winners, so a libertarian vote won’t help a 

libertarian candidate’s chances of winning on election day.  As a result, working class voters 

living in countries with multi-member districts are more likely to have an electorally viable party 

that simultaneously mimics their positions on both the economic and social dimensions.  Huber 

and Stanig explicitly link high levels of support for “right-wing parties” to the lack of a party that 

is “left-wing on redistribution and right-wing on individual liberty issues” (2009). 

This issue of cross-pressured voters hasn’t been lost on students of American politics.   When 

upper class voters are cross-pressured and privilege their social attitudes above their economic 

attitudes scholars refer to the phenomenon as post-materialist voting.  Gelman finds patterns of 

class voting in red states, and a lack of class voting in blue states, and he attributes the difference 

to this phenomenon (2009).  For example, he finds that members of the upper class in red states 

are more likely to attend religious services than members of the working class, which reinforces 

the economic positions of the upper class. On the other hand, members of the upper class in blue 

states are less observant, and when they privilege their social attitudes, they consequently vote in 

a manner that is similar to their working class counterparts.  The argument here is that the 

marginal cost of additional redistribution isn’t that great to rich voters once they have reached a 

certain income threshold, so social issues become more important to them.  Working class voters 

can also find themselves cross-pressured by their social attitudes.  But characterizations of 

working class voters who privilege their social attitudes above their economic one’s are typically 

not so generous.  Thomas Frank, for example, characterizes these voters as being hoodwinked 

into voting against their own interests (Frank, 2005).   

  Alesina et al. use comparative data to relate single member districts with a lack of 

redistributive policy, but they offer a different theoretical justification (2001).  They argue that 
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geographically based single member districts (SMD) push economic policy towards areas that 

can be geographically targeted.  For example, Members of Congress representing rural areas can 

champion farm subsidies as positive benefits to their local constituencies as a whole since a 

disproportionate share of the benefits will be funneled into the local economy.  A benefit that 

subsidizes the poor or the elderly on the other hand may be better for the country as a whole.  

That said, a substantial portion of the benefits are typically spread out amongst a greater number 

of districts, and the policy will create both winners and losers in any given district. As a result, it 

will be harder to sell the more geographically defuse benefit to any single district and it will fail 

to gain support in an SMD based legislature.  When focusing on OECD countries, Alesina et al. 

find that countries with proportional representation systems have larger welfare states than 

countries with single member districts (2001).  While Stanig and Huber find that SMDs lead to 

increased support for left parties (1986; 2009), their finding might be misleading when applied to 

the U.S context.  Stanig and Huber test for the effect of district magnitude after controlling for 

the existence of an economically left-socially right party.  If SMDs limit the number of viable 

parties, they will limit the number of ideological combinations available to voters.  If this 

limitation prevents a party that is left-wing on economic issues and right-wing on social issues 

from becoming electorally competitive, then an SMD system will result in a substantial number 

of cross pressured working class voters.  Essentially by controlling for the existence of this type 

of party, Stanig and Huber are isolating the primary mechanism that should link SMDs to lower 

levels of class voting.  

Class voting and inequality in the U.S. 

Class was a focus of some of the earliest systematic studies of the U.S. electorate.  Berelson, 

Lazarsfeld, and McPhee found evidence of class based voting in the 1940’s (1986).    McCarty, 
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Poole, and Rosenthal found evidence that as inequality has increased, so has polarization in 

Congress  (1997, 2006).  In their book The End of Southern Exceptionalism Shafer and Johnston 

found increasing class polarization in the electorate, but argued that this trend could be 

accounted for exclusively by a party realignment over racial issues in the South (2006).  While 

Thomas Frank asserted that cultural issues were driving working class whites into the arms of the 

Republican Party (2005), Bartels found little evidence that this was occurring (2008).  On the 

contrary, Bartels finds that the relatively small class voting patterns in the U.S. had not abated, 

and that when people vote against their economic interests it often has little to do with social 

issues.  Instead Bartels argues that an inability to accurately predict the results of tax policies 

(Bush tax cuts) and beliefs in fairness (estate tax repeal) have led to working class whites 

supporting positions that are against their economic self-interest.   

While studies of class voting and inequality in the U.S. have a long history, only recently 

have scholars started to focus on geographic variation. Galbraith and Hale found that as 

inequality increased at the state level, so did the state’s likelihood of supporting a Democratic 

presidential candidate (2008).  Gelman found evidence of class voting in poor red states which 

he attributed in part to religiosity and occupation.  That said, he found a lack of evidence that the 

increasingly disparate economic realities between rich and poor states were leading to increased 

class polarization in the electorate (2009).  More recently, scholars of redistribution and vote 

choice have moved to even lower levels of aggregation.  Johnston, Newman, and Lown show 

that counties with higher levels of inequality lead the poor to believe less in meritocracy, but 

they don’t extend their study to voting behavior (2015).  Hersh and Nall leveraged measures at 

the precinct and census block level and argued that racial rather than economic context 

dominated the voting decision of Americans (2016).  While both Gelman and Hersh and Nall 
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found little evidence that inequality drives vote choice, their methods were distinct from the 

work of Galbraith and Hale, and Johston et al. in one respect.  In both studies, the authors rely on 

aggregate measures of income which fail to capture local, or within unit, inequality.  Rather they 

rely on a summary measure of average income, and look to see if individuals living in rich areas 

act differently than those living in poor ones.  This is a subtle, but theoretically important 

difference from the work of Galbraith and Hale, and Johnston et al. who use a measure (Gini) 

which captures the within unit level of inequality.  As a result, Gelman for instance, is comparing 

the behavior of the rich in a red state like Montana to the behavior of the rich in a blue state like 

California and making conclusions based on that comparison.  He also looks at the differences 

between the rich and poor within state, but again looks to see if these class differences are larger 

or smaller in rich states as compared to poor ones.  This is a very different analysis than that of 

Johnston et al. who cluster observations by county, and use a measure of inequality that shows 

the gap between the rich and poor within a given county.  In other words, the work of Johnston et 

al., and Galbraith and Hale use the inequality within a local or regional unit to predict behavior, 

but Gelman, for example, looks at between state inequality.  The literature on inequality and 

class voting in the U.S. is currently typified by conflicting findings.  These conflicts manifest 

from disagreements over proper measurements and modeling.  I seek to add a piece to this puzzle 

by looking for class voting effects at a level of aggregation that is currently missing from the 

literature. 

 

Summary of Chapters 

 This text follows a basic pattern.  In chapter 2 I look for class voting effects using 

individual level data.  I then move to an analysis of place that is anchored by a focus on county 
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level measures of inequality.  Finally, I combine these two data sets in order to better understand 

the individual level patterns that manifest as a link between inequality and support for Obama at 

the county level.  Below is a brief summary of the text.   

 Chapter 2 – This chapter uses data from a large survey instrument.  In it I test for 

evidence of widespread class voting in the 2012 election.  I find patterns consistent with 

widespread class voting, but find that these patterns largely disappear after controlling for race.  

Class voting patterns remain amongst Hispanics.  Amongst whites, patterns of class voting 

remain in urban counties and counties in the Northeast, but fail to manifest in analyses of all 

voters.   

 Chapter 3 – This chapter focuses on the role that local context plays in determining vote 

choice.  Here I leverage data from the American Community Survey to analyze patterns of 

voting behavior at the county level.  I find a strong link between Gini (a measure of inequality) 

and support for Obama in 2012.  In this chapter I find that the Gini-Obama vote link is largest in 

rich counties, counties in swing states, and counties in the West and Northeast regions. 

 Chapter 4 – In this chapter I combine aggregate and individual level measures and test 

how interactions between individual and environmental factors influence vote choice. I find that 

the Gini-Obama vote relationship, first shown in chapter 3, is not driven by substantial levels of 

class voting.  Instead, this phenomenon is driven by the tendency of white voters in counties with 

high income inequality to support Obama at higher rates than their counterparts living in more 

equal places, and to do so regardless of individual-level differences in income.  This is driven in 

part by urban counties which are typified by a combination of high levels of income inequality 

and high levels of support for Obama..  There is also evidence that high levels of inequality do 

cause the urban poor to support Obama at higher rates than their counterparts living in more 
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equal urban environments.  The latter effect is, however, small and of slight political 

significance.  

 Chapter 5 – In chapter 5 I present a brief summary of my findings.  I then discuss the 

limitations of this work, the implication of my findings, and possible directions for future 

research. 

 
Conclusion 

Given the high levels of inequality in the U.S. today it is vital that researchers gain a better 

understanding of the effects that this phenomenon has on our society. Leveraging geographic 

variation while focusing on within unit measures of inequality has been a mainstay in the 

comparative politics literature for some time.  Students of American politics have only recently 

turned to this type of research design.  I use within county measures of inequality to predict 

support for Obama in the 2012 election, and build on the previous findings in the class voting 

literature by focusing on a relatively unexplored unit of analysis. 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 



	15	

Chapter 2 - Individual level analysis 
Introduction 

The extant literature has shown mixed results in support of class voting in the U.S.  

Bartels, and McCarty et al. both found support for the class voting argument (2008; 2006).  On 

the other hand, Gelman found differences in the voting patterns of the rich and the poor, but 

attributed much of the difference to non-economic factors (2009).  In this chapter, I use data 

from the 2012 Cooperative Congressional Election Study to determine the level of class voting in 

the 2012 presidential election.  I argue that what appears to be class based voting is largely due 

to a race effect.  Once I limit my analysis to white respondents, I find little evidence of any class 

voting occurring outside of swing states and the Northeast region.  Furthermore, where these 

effects do exist they are typically small.   

Data 

The 2012 Cooperative Congressional Election Study (CCES) is a stratified online survey 

of 54,535 respondents.  Each respondent completed a pre-election questionnaire in October of 

2012 and a post-election questionnaire in November of the same year.  Yougov/Polimetrix 

conducted the survey, which utilizes a matched random sample methodology.  This methodology 

uses selection from a non-random set of respondents to create a sample that approximates a 

randomly sampled one.  This process happens in two stages.  First a sampling frame is set, and a 

true probability sample is selected from this sampling frame.  At that point, Yougov/Polimetrix 

selects an individual who matches each selected respondent from the probability sample on a 

number of factors from a set of opt-in panels.  Yougov/Polimetrix uses proximity matching to 

find members from the opt-in panel, so respondents do not have to match their counterpart in the 

probability sample on every one of the fifteen matching measures, but rather they need to be the 

closest individual in the opt-in panel.  In 2008 Pew sponsored a split-sample study that compared 
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this methodology to random digit dialing.  The researchers found only slight differences between 

the two samples.  The 2012 CCES also provides weights to account for differences between the 

opt-in respondents and the random sample that the opt-in sample mimics.  These weights are 

based off of the proximity scores between each individual within the random sample and their 

counterpart within the opt-in sample.(S Ansolabehere & B Schaffner, 2013; Stephen 

Ansolabehere & Brian Schaffner, 2013)  

Independent measure 
 While the 2012 CCES contains over 54,000 respondents, only 39,184 of them reported 

voting in the presidential election.  Of those roughly 1,400 respondents reported voting for a 

candidate that was neither Barak Obama nor Mitt Romney.  The difference between the 54,000 

respondents who completed the survey, and the 37,814 respondents who reported voting for a 

major party candidate explains most of the variation between the overall sample size and the 

number of observations in my analyses.  For the purpose of my analyses this vote variable was 

simplified into a 0-1 measure where 0 represents a vote for Romney and 1 represents a vote for 

Obama.   

Dependent measures 
 The U.S. voting behavior literature is far from exhaustive, but quite a bit has been written 

about the topic.  When developing a model of voting behavior analysts are forced to find a 

compromise between developing as comprehensive a model as possible, and one that remains 

simple enough for current statistical methods to remain effective.  I have tried to thread this 

needle, but have decided to error on the side of controlling for more factors rather than less.  In 

an effort to maintain balance, I often juxtapose the results from the full model with one that is 

quite a bit simpler. 
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Income 
Since this analysis focuses on the ability of self-interest to explain voting behavior, my 

main variable of interest is family income.  Since families frequently distribute income amongst 

themselves, I argue that this measure more accurately captures self-interest when compared to 

individual income.  After vote choice, the family income measure accounts for a greater 

reduction of cases in my analyses than any other factor.  This fact will likely come as little 

surprise to individuals familiar with survey data.  People in general are reluctant to report their 

income on surveys.  Of the 54,000+ respondents just under 12% (6,431) fell into the “prefer not 

to say” category.  Another 301 respondents did not answer the question.  Rather than trying to 

impute the missing values, I dropped respondents in both of these groups from any analysis that 

included a measure of income.  The family income measure is an ordinal measure that asks 

individuals to report their income in one of several categories.  The bin width for each category 

from $0 to $79,999 is $10,000.  After that the range of incomes in each category widens.  The 

CCES has several overlapping categories for incomes above $250,000.  I placed respondents in 

any of those categories into a single $250,000 and up category.  

Religiosity 
 The religiosity measure is actually a measure of religious service attendance.  While both 

a majority of Democratic and Republican supporters profess a belief in god, increased religious 

service attendance predicts support for the Republican Party (2005)(2005).  This is another 

ordinal measure with a range of 1 to 6 where a 1 means that a respondent reported that they 

attend religious services “more than once a week”, and a 6 means that they do not attend 

religious services outside of weddings and funerals.  Respondents who skipped this question or 

answered “Don’t know” were coded as missing. 
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Marriage 
 Kingston and Finkel showed that married individuals identify as conservative at higher 

rates than their single counterparts (1987).  Marriage also presents a confounding factor for 

students of class voting.  Marriage rates in the U.S. were much higher in the 1960’s than they are 

today, and the drop in marriage has been much larger for people on the lower end of the socio-

economic ladder (Taylor, 2010). 

Education 
 Generally speaking Democrats find more support amongst the educated when compared 

to their less educated counterparts (A Deep Dive Into Party Affiliation, 2015).  This trend is 

particularly pronounced amongst individuals with a graduate degree.  For instance, in the 2012 

CCES, amongst voters with a graduate degree, Obama beat Romney by 18+ percentage points.  

He also beat Romney amongst those who had a college degree, but no graduate degree.  On the 

other hand, Romney beat Obama amongst voters without a college education.  Obama actually 

won a majority of the two-party vote split amongst individuals who lacked a high school degree, 

but these individuals make up less than 2 percent of the respondents who reported voting for one 

of the two major party candidates.  To put that in perspective, the next smallest category, 

respondents with a 2-year degree, made up roughly 10 percent of the respondents who reported 

voting for a major party candidate. 

Age 
 It’s not unusual to see a difference in support for the two major parties between the young 

and old.  For this reason, both age and age-squared have become fairly common predictors in 

models of vote choice.  While age seems to be correlated to patterns of voting behavior, age 

itself probably isn’t causal.  While conventional wisdom asserts that people become more 

conservative as they age, the empirics do not bear this out.  Instead, at the individual level, 

partisan attachments reify over time (Converse, 1969).  In other words, the partisan attachments 
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of young people are more malleable than their older counterparts.  This increased malleability in 

early life means that cohort effects can pop up.  Specifically, people’s partisanship seems tied to 

the performance of the president around the time that they reach voting age (A. Campbell, 

Converse, Miller, & Stokes, 1960).  After this partisan identity is established in 

adolescence/early adulthood, it becomes more stable the longer it is held by the individual.  As a 

result, the cohort that came of age under the presidency of Franklin Roosevelt, who was both 

popular, and led the country through times of economic and military crisis, remained 

disproportionately Democrat for the rest of their lives (J. E. Campbell, 1985).  Similar cohort 

effects exist for other groups, and this age variable attempts to capture that.  The biggest of these 

effects today can be seen amongst individuals who turned 18 under the Bush and Obama 

administrations.  Both of those groups tend more Democrat when compared to their parent’s 

cohort.  At the same time, voters in the “silent generation” are amongst the most Republican 

leaning today (A Deep Dive Into Party Affiliation, 2015).  As a result, a linear age variable 

should capture the general trend today of older respondents identifying more with the Republican 

Party. 

Professional categories 
 Gelman found that the vote of rich individuals living in relatively poor states diverged 

from their counterparts living in richer states (2009).  He attributed this difference to several 

factors.  One factor that they noted was the differing occupational categories that the rich fell 

into.  In rich states, the rich tend to have professional degrees.  In poor states the rich are 

somewhat less educated, and are more likely to work as managers and business owners.  Gelman  

found that business owners and managers were more likely to back Republican candidates when 

compared with their “professional” counterparts, and he linked this to the class voting patterns 

that he found in red states.   
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The CCES provides an occupational measure, and I recoded the measure to create a 

dummy variable (professional) that codes lawyers, doctors, teachers, and engineers as a one and 

all other occupations as a zero.  I used the same variable to create a dummy where managers, 

business owners, and owner-operators are coded as one and all others are coded as zero.   

Gender 
  Scholars have shown that women as a group are more likely than men to support 

Democratic candidates (Box-Steffensmeier, De Boef, & Lin, 2004).  They also identify as 

Democrats at a higher rate than men (Kaufmann & Petrocik, 1999; Miller, 1991). There is a 

healthy debate in the literature as to the cause of this gap.  Conover and Sapiro argue that the 

gender gap is driven by women’s tendency to agree with Democratic positions on issues of 

military intervention, the death penalty, and gun control (1993).  Chaney, Alvarez and Nagler 

link the gap to women’s support of government intervention in the economic sphere (1998).  

Wirls argues that this gap results from men’s higher rate of defection from the Democratic Party 

during the Southern realignment (1986).  Since gender is only used as a control variable in my 

model, I remain agnostic on the causal explanation here, but since the gap is both well 

documented and persistent, I control for it. 

Racial Resentment 
 Racial politics have been a staple in the U.S. since the founding of the country.  The 

Republican Party was established as an anti-slavery party, and the election of the first 

Republican president precipitated the Civil War.  This pushed racially conservative whites 

towards the Democratic Party where they largely stayed for the next 100 years.  By the mid-20th 

century the Democratic Party had morphed into a coalition between racial liberals in the North 

and racially conservative whites in the South, where the Democratic Party operated as a single 

party system. In the mid-twentieth century, racial liberals in the North started to advocate 
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effectively for more racial equality, and their coalition with racial conservatives in the South 

began to unravel.  The Democratic Party first integrated the armed services under Truman in 

1948.  They then supported the civil rights movement of the 1960’s by passing the Civil Rights 

Act in 1964, and the Voting Rights Act in 1965.  In response, white racial conservatives began 

moving from the Democratic Party to the Republican Party (Grantham, 1992).  Shortly thereafter 

survey analysts also noted a reduction in the willingness of respondents to agree with overtly 

racist statements (Karlins, Coffman, & Walters, 1969).  David Sears and Donald Kinder argued 

that this reduction wasn’t a sign that racially conservative attitudes were abating (Kinder & 

Sears, 1981).  Rather Kinder and Sears argued that justifications for prejudice were becoming 

more abstract and moralistic.  They developed a scale to measure these attitudes, which they 

termed “racial resentment”.  Essentially, their scale measured the extent to which whites 

perceived blacks as obtaining undeserved economic benefits under the welfare state2.  Finally, 

they showed that their new scale could predict support for black candidates in Los Angeles 

mayoral elections (1981).   

The work of Sears and Tesler extended the use of the racial resentment scale to Obama 

(2010).  Sears and Tesler were able to show that support for Obama’s main rivals in both the 

primaries and general election could be predicted using the racial resentment scale.  In fact, 

racial attitudes were so predictive of support for the new president that they came to predict 

nearly anything Obama touched.  Sears and Tesler showed for example that racial attitudes came 

to predict health care and tax policy positions under Obama (2010), and even favorability ratings 

of the president’s dog (Tesler, 2012). 

                                                
2	For	a	detailed	explanation	of	the	survey	battery	see	Kinder	and	Sears	(1981).			
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I account for racial attitudes affecting voting behavior in two ways.  The first is a direct 

measure of racial attitudes.  The CCES asks two questions first developed for Sears and Kinder’s 

racial resentment battery.  These two questions were combined into a scale by Gary Jacobson 

when he argued that racial attitudes predicted Tea Party support in the 2010 midterms (2011).  I 

use these racial resentment questions in a similar manner.   

I also account for the impact of racial attitudes by controlling for the South as a region.  

Historically after the Civil War the “Solid South” or former confederate states supported the 

Democrats until the 1960’s when Southern whites began their movement towards the Republican 

party.  Today, the Southern states disproportionately support the Republican Party.  I account for 

this disproportionate Southern support by creating a dummy variable for the former confederate 

states. 

Results 

Testing the class voting argument 
 H1: Voters at the top of the income distribution will support the Republican candidate at 

a higher rate than their working class counterparts.  Figure 2.1 plots the effect of income on the 

two-party vote split in the 2012 presidential election.  The uncontrolled regression analysis 

shows that respondents with a family income above $250,000 were roughly 11 percentage points 

more likely to support Romney when compared to their counterparts living in families with an 

annual income below $10,000.  The effect is also statistically significant (p<.01).  Given the 

range of income, this is a relatively small effect.  More importantly, once controls are added into 

the analysis the relationship loses all statistical and substantive significance.  In fact, it isn’t even 

necessary to account for the full battery of control variables. 

Figure 2.2 plots the income distributions of whites against all other racial minorities.  

While nearly 8 percent of non-white respondents live in families making less than $10,000, less 
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than 4 percent of white respondents found themselves in similar circumstances.  In fact, a larger 

proportion of non-white respondents found themselves in each of the bottom four income 

categories (up to $40,000) when compared to their white counterparts.  For the categories 

representing incomes from $40,000 to $60,000 the proportion of whites and racial minorities is 

roughly equal.  For every category of income above $60,000 whites are overrepresented when 

compared to their non-white counterparts.  Table 2.2 shows the 2012 two-party vote split by 

race.  Romney won the white vote by a margin of 10 percentage points.  Romney also won the 

Native American vote, and the vote of individuals who chose the “other” category.  On the other 

hand, over 95 percent of black voters reported voting for Obama.  Obama also won Hispanic 

voters by a margin of 50 percentage points.  Finally, Obama won amongst Asian and Middle 

Eastern Americans.  The story here is a racial one.  Obama won heavily amongst the two largest 

racial minorities in the U.S., and both of these groups are substantially poorer than their white 

counterparts. 

 Figure 2.3 limits the analysis to whites only, and it shows that there is no income effect 

within the white population, even when control variables are excluded.  While there is a 

correlation between income and vote in 2012, the effect is driven by race.  The regressions in 

table 2.1 were used to produce figures 2.1 and 2.3.   

 Figure 2.4 shows the effect that income has on support for Obama amongst Hispanics.  

This is an interaction between race and class, and here we can see that Obama beat Romney 

amongst Hispanics even if they made more than $250,000 a year.  That said, poor Hispanics 

were more likely to vote for Obama than their upper class counterparts.  When controls are 

added the effect of income loses statistical significance.  Still, the effect remains substantively 

significant as Hispanics in families making less than $10,000 were 17 percentage points more 
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likely to vote for Obama when compared to Hispanics making over $250,000 a year.  

Unfortunately, the CCES does not have a large enough sample of Hispanics to justify 

partitioning them further.  It’s important to note that Hispanics living in the poorest households 

had an 86% likelihood of voting for Obama, which is roughly 36 percentage points greater than 

their non-Hispanics white counterparts.  The gap between Hispanics and whites narrows to 21 

percentage points for respondents in the richest families.  This is somewhat suggestive of an 

interaction between living in a low-income family and a Hispanic identification, but the lack of 

statistical significance on the income effect among Hispanics means that this might just be an 

interpretation of statistical noise.  Table 2.3 shows the logistic regression output used to calculate 

the predicted probabilities in figures 2.4 and 2.5.  Here the effect of income amongst black 

respondents remains statistically significant.  That said, it is important to note that there was very 

little variation on the Obama vote variable amongst black respondents as less than 5 percent 

voted for Romney.   Figure 2.5 plots the effect that family income had on black support for 

Obama.  The figure shows a very small effect of roughly 6 percentage points when you move 

from respondents living in the poorest families (under $10,000 annual income) to those living in 

the richest (above $250,000).  Blacks voted almost uniformly in support of reelection for the first 

black president, which is of little surprise.  Still, the few blacks who did vote for Romney fell 

disproportionately into the highest family income categories. 

 While income is not predictive of Obama support amongst whites nationwide, there is 

reason to believe that class voting might be more pronounced in some regions than in others.  For 

example Alesina et al. link increased population density to increased redistribution within a 

country (2001).  If this is the case, it should follow that voters living in larger more established 

cities in the U.S. would vote more based on class than their suburban or rural counterparts.  The 
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Northeast region contains many of the oldest and most densely populated counties in the U.S.   

More importantly, a larger proportion of the citizens in this region live in urban counties when 

compared to other census regions.  Because of this we should expect that if class voting were 

occurring in any region of the U.S. it would be the Northeast. 

Class voting in the Northeast 
H2:  Family income will be most predictive of support for Obama in the Northeast region. 

 Figure 2.6 shows the uncontrolled effect of income on the two-party vote split amongst 

whites in each of the four main census regions3.  The Midwest region is the only one where the 

relationship achieves statistical significance (p<0.087), and the size of the effect in each region is 

small.  That said, in both the Midwest and Northeast as a respondent’s family income goes up so 

does support for Romney.  The size of the effect is roughly 7 percentage points in the Midwest 

and 4.5 percentage points in the Northeast.  Both of these effects are small given that the 

movement is again from individuals in families making less than $10,000 dollars to those living 

in families making over $250,000.  Figure 2.7 again focuses on white respondents, and partitions 

the analysis by region.  The difference is that figure 2.7 is based off of logistic regressions that 

include a full set of individual level controls4.  In the controlled analysis the effect in the 

Midwest remains stable in size and direction, but loses statistical significance.  On the other 

hand, the effect in the Northeast triples to over 13 percentage points, and obtains statistical 

significance at the .05 level (p<0.037).  So while there is a lack of evidence for class voting at the 

national level, there is some evidence that class voting may be occurring in the Northeast.  Both 

the Southern and Western regions not only failed to reach either statistical or substantive 

significance, but even the expected direction.  In those regions as income increases so does 

                                                
3	Table	2.4	presents	the	model	used	to	produce	figure	2.6.	
	
4	Table	2.5	presents	the	models	used	to	produce	figure	2.7.	
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support for Obama, though there is a substantial chance that this is due to statistical noise.  While 

there might be a very small amount of class voting in the Midwest, both the size of the effect and 

its lack of statistical significance once controls are added lead me to conclude that the evidence 

for class voting in this region is incredibly weak.   

 Gelman argues that class voting is more pronounced in poorer, more rural, red states, 

when compared to richer, more urban, blue ones.  They use data from 1984 to 2004 show that the 

gap between rich and poor voters in red states is larger.  Later the authors tie this to the fact that 

social issues typically reinforce the economic interests of high income voters in red states and 

crosscut the economic interests of the same voters in blue states (2009).  

Red state, blue state, swing state 
 Scholars have found larger than average class voting effects in areas outside of the 

Northeast as well.  For example, Gelman found that class voting patterns were larger in red states 

than in blue ones (2009). 

H3:  The gap between the rich and poor should be greater in red states than in blue ones. 

Since I control for some cultural issues that Gelman uses to explain this pattern I ran both 

a controlled and uncontrolled version of this analysis.  To test this hypothesis, I ran separate 

logistic regressions for red and blue states to estimate both the controlled and uncontrolled effect 

of income on vote choice in both of these groups.  Figure 2.8 shows that the pattern of note is 

that citizens in red states support Republican candidates at much higher rates than their blue state 

counterparts regardless of income5.  In fact, there is no substantial class voting in red states in 

either the controlled or uncontrolled analysis.  Those familiar with the Gelman argument will 

note that his analysis focused on regressions run within individual states, and that it might be the 

case that state level patterns are being obscured by lumping voters from multiple states together.  

                                                
5	Tables	2.6	and	2.7	present	the	models	used	to	produce	figure	2.8.	
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I ran a mixed effects logit model just to double check the results in figure 2.8.   The mixed effect 

model treats all individuals within a state as clustered observations as opposed to independent 

ones.  The results of that analysis were strikingly similar to the patterns seen in figure 2.8.  In 

both cases roughly 33 percent of red state voters supported Obama and there is no substantive or 

statistically significant difference between the rich and poor in red states.  In blue states, the 

controlled model shows that respondents in families making less than $10,000 a year are roughly 

six percentage points more likely to support Obama than respondents in families making over 

$250,000.  This effect is not statistically significant, and substantively small, but it serves to 

further the point that Gelman’s findings do not replicate in the 2012 data.   

While, income effects do not manifest in captured states, it’s at least worth looking at 

swing states. The two parties’ economic platforms diverge from one another, and that 

presidential campaigns are often focused on the economic issues and the economy (Vavreck, 

2009).  Given these two factors it would not be surprising to find that campaigns prime class, and 

therefore create class voting effects.  Furthermore, in 2012, the economic issues that both 

Romney and Obama focused on were not always class neutral economic performance messages.  

Romney ran in part on his record as a successful businessman.  Democrats attacked Romney’s 

business record by portraying him as a callous corporate titan who was quick to outsource 

working class American jobs.  Romney’s characterization of 47 percent of the American public 

as “dependent on government” and holding a belief that they are “entitled to healthcare, to food, 

to housing, to you-name-it” played into this narrative (Voorhees, 2012).  The 2012 election also 

followed the passage of the Affordable Care Act, the largest social welfare program to be 

implemented since Medicaid.  Finally, the Bush tax cuts had substantially reduced the 

progressivity of the U.S. tax code, and they were set to expire in 2013.  Because of the timing of 
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the election, and the emphasis that the candidates placed on issues surrounding redistribution and 

taxation we should expect to see larger class voting effects in states that are more competitive, 

and where campaigns are more active.  

H4: Working class voters in swing states will support the Democratic candidate in higher 

numbers than their upper class counterparts. 

Figure 2.9 plots the effect that income has on Obama vote in swing states6.  In the 

uncontrolled analysis voters living in the poorest families were over 11 percentage points more 

likely to vote for Obama when compared to voters living in the richest families.  This effect is 

also statistically significant (p<.01).  When controls were added, the size of the effect decreased 

slightly to 8.4 percentage points.  The statistical significance also drops to p<.083.  There may be 

a small amount of class voting in swing states in 2012, but the statistical significance is weak. 

Conclusion 

At the national level there is very little evidence of class voting in the 2012 elections.  

What at first appears to be a class voting effect is in fact based on differential support for the two 

major parties amongst different racial groups.  While Gelman found evidence of class voting in 

red states in 2000 and 2004, I found no such trend in 2012.  I did find small class voting effects 

amongst the Hispanic population, and amongst whites living in the Northeast region and in 

swing states.  That said, class voting effects may be dependent not just on individual level 

characteristics, but environmental ones as well.  The argument that European countries’ larger 

welfare states can be explained by their populations’ tendencies to live in more urban areas is an 

example of this.  In chapter 3 I focus on the role that these environmental factors play in 

determining the two-party vote split.   

                                                
6	Table	2.8	presents	the	models	used	to	produce	figure	2.9.	
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Chapter 2 - Tables and Figures 

Figure 2.1 - The impact of family income on Obama vote 
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Figure 2.2 - Distribution of family income in 2012 CCES 
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Table 2.1 - Breakdown of 2012 presidential vote by race 

 
Race White Black Hispanic Asian 

Native 
American 

Mixed 
Race Other 

Middle 
Eastern Total 

Romney 
voter 

16,952 
55.08% 

 

142 
4.54% 

 

540 
29.92% 

 

153 
34% 

 

168 
61.09% 

 

258 
40.57% 

 

496 
70.96% 

 

13 
33.33% 

 

18,722 
49.51% 

 

Obama 
voter 

13,827 
44.92% 

 

2,989 
95.46% 

 

1,265 
70.08% 

 

297 
66% 

 

107 
38.91% 

 

378 
59.43% 

 

203 
29.04% 

 

26 
66.67% 

 

19,092 
50.49% 

 

Total 30,779 
100% 

 

3,131 
100% 

 

1,805 
100% 

 

450 
100% 

 

275 
100% 

 

636 
100% 

 

699 
100% 

 

39 
100% 

 

37,814 
100% 
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Figure 2.3 - Impact of income on Obama vote amongst whites 
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Table 2.2 - Individual level predictors of Obama vote 

 (1) (2) (3) (4) 
VARIABLES Bivariate 

analysis 
Full Model Bivariate analysis 

(whites only) 
Full model 

(whites only) 
     
Family income -0.0319*** -0.00850 0.00104 -0.00531 
 (0.00545) (0.00922) (0.00608) (0.00958) 
Church attendance  0.424***  0.444*** 
  (0.0180)  (0.0197) 
Married  -0.284***  -0.291*** 
  (0.0566)  (0.0610) 
Education  -0.167  -0.118 
  (0.106)  (0.109) 
Age  -0.00839***  -0.00740*** 
  (0.00171)  (0.00185) 
Business owner  -0.395***  -0.318*** 
  (0.102)  (0.109) 
Professional  -0.0414  -0.0218 
  (0.0705)  (0.0748) 
Male  -0.349***  -0.343*** 
  (0.0522)  (0.0556) 
Racial resentment  -0.658***  -0.662*** 
  (0.0141)  (0.0152) 
Black  2.986***   
  (0.166)   
Hispanic  1.212***   
  (0.141)   
South  -0.258***  -0.281*** 
  (0.0566)  (0.0600) 
Constant 0.385*** 0.198 -0.0901** 0.0159 
 (0.0397) (0.146) (0.0448) (0.158) 
     
Observations 33,047 29,249 26,756 23,816 

Robust standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Figure 2.4 - Impact of income on Obama vote amongst whites  

 
 
Figure 2.5 - Impact of income on Obama vote amongst blacks 
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Table 2.3 - Predictors of Obama vote in minority populations 

 (1) (2) (3) (4) (5) 
VARIABLES Full Sample Hispanics 

only 
Hispanics 

only 
Blacks 
only 

Blacks 
only 

      
Family income -0.0319*** -0.120*** -0.0796 -0.144*** -0.159*** 
 (0.00545) (0.0285) (0.0491) (0.0400) (0.0557) 
Church attendance   0.374***  0.160 
   (0.0742)  (0.107) 
Married  0.0516  -0.187 
   (0.239)  (0.344) 
Education   -0.892  -1.060** 
   (0.607)  (0.508) 
Age   -0.0168**  -0.00352 
   (0.00782)  (0.0104) 
Business owner   -0.897**  -0.433 
   (0.421)  (0.560) 
Professional   0.152  0.400 
   (0.330)  (0.498) 
Male   -0.503*  -0.368 
   (0.257)  (0.292) 
Racial resentment   -0.582***  -0.558*** 
   (0.0727)  (0.0792) 
South   -0.520*  0.138 
   (0.275)  (0.295) 
Constant 0.385*** 1.655*** 2.525*** 4.072*** 4.505*** 
 (0.0397) (0.208) (0.529) (0.298) (0.775) 
      
Observations 33,047 1,674 1,446 2,887 2,484 

Robust standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Figure 2.6 - Regional breakdown (Effect of income on Obama vote, whites only) 

 
 
 
 
Table 2.4 - Effect of income on Obama vote -bivariate analysis (whites only) 

 (1) (2) (3) (4) (5) 
VARIABLES All regions West Midwest South Northeast 
      
Family income 0.00104 0.00653 -0.0220* 0.0118 -0.0148 
 (0.00608) (0.0122) (0.0127) (0.0110) (0.0135) 
Constant -0.0901** 0.0138 0.109 -0.484*** 0.329*** 
 (0.0448) (0.0915) (0.0862) (0.0820) (0.104) 
      
Observations 26,756 6,187 6,707 9,063 4,733 

Robust standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Figure 2.7 - Regional breakdown with aggregate level controls  
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Table 2.5 - Regional breakdown - Predictors of Obama vote – Full model (whites only) 

 (1) (2) (3) (4) (5) 
VARIABLES All regions West Midwest South Northeast 
      
Family income -0.00531 0.00537 -0.0239 0.0239 -0.0447** 
 (0.00958) (0.0206) (0.0186) (0.0174) (0.0213) 
Church attendance 0.444*** 0.514*** 0.471*** 0.400*** 0.423*** 
 (0.0197) (0.0384) (0.0328) (0.0404) (0.0388) 
Married -0.291*** -0.364*** -0.123 -0.482*** -0.142 
 (0.0610) (0.128) (0.115) (0.113) (0.132) 
Education -0.118 -0.301 -0.338 -0.0302 0.253 
 (0.109) (0.237) (0.207) (0.202) (0.231) 
Age -0.00740*** -0.00659* -0.0104*** -0.00904*** -0.00208 
 (0.00185) (0.00388) (0.00349) (0.00336) (0.00417) 
Business owner -0.318*** -0.211 -0.446** -0.221 -0.430** 
 (0.109) (0.199) (0.187) (0.235) (0.213) 
Professional -0.0218 0.0104 0.0726 -0.0998 -0.0817 
 (0.0748) (0.144) (0.146) (0.140) (0.166) 
Male -0.343*** -0.244** -0.397*** -0.313*** -0.441*** 
 (0.0556) (0.122) (0.0994) (0.103) (0.123) 
Racial resentment -0.662*** -0.750*** -0.616*** -0.669*** -0.641*** 
 (0.0152) (0.0331) (0.0262) (0.0286) (0.0319) 
South -0.281***     
 (0.0600)     
Constant 0.0159 -0.344 0.154 -0.119 -0.0123 
 (0.158) (0.313) (0.288) (0.303) (0.353) 
      
Observations 23,816 5,572 5,947 7,998 4,236 
      
      

Robust standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Figure 2.8 - Class voting in red states and blue states 
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Table 2.6 - Red state analysis - Predictors of Obama vote (whites only) 

 (1) (2) 
VARIABLES Red States only Red States only 
   
Family income 0.00897 0.0215 
 (0.0117) (0.0191) 
Church attendance  0.492*** 
  (0.0354) 
Married  -0.271** 
  (0.112) 
Education  -0.00917 
  (0.206) 
Age  -0.0108*** 
  (0.00314) 
Business owner  0.0756 
  (0.239) 
Professional  0.0460 
  (0.142) 
Male  -0.237** 
  (0.0988) 
Racial resentment  -0.656*** 
  (0.0274) 
South  -0.137 
  (0.0997) 
Constant -0.597*** -0.673*** 
 (0.0821) (0.258) 
   
Observations 8,803 7,738 

Robust standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Table 2.7 - Blue state analysis - Predictors of Obama vote (whites only) 

 (1) (2) 
VARIABLES Blue states only Blue states only 
   
Family income 0.000968 -0.0226 
 (0.0104) (0.0168) 
Church attendance  0.439*** 
  (0.0304) 
Married  -0.191* 
  (0.103) 
Education  0.134 
  (0.184) 
Age  -0.00467 
  (0.00325) 
Business owner  -0.505*** 
  (0.168) 
Professional  -0.0994 
  (0.123) 
Male  -0.397*** 
  (0.0978) 
Racial resentment  -0.694*** 
  (0.0256) 
South  -0.0470 
  (0.171) 
Constant 0.278*** 0.0249 
 (0.0819) (0.269) 
   
Observations 7,693 6,941 

Robust standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<.1 
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Figure 2.9 - Blue state analysis - Predictors of Obama vote (whites only) 
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Table 2.8 - Swing state analysis - Predictors of Obama vote (whites only) 

 (1) (2) 
VARIABLES Swing states only Swing states only 
   
Family income -0.0344*** -0.0260* 
 (0.0103) (0.0150) 
Church attendance  0.395*** 
  (0.0335) 
Married  -0.329*** 
  (0.101) 
Education  -0.398** 
  (0.177) 
Age  -0.00863*** 
  (0.00319) 
Business owner  -0.477*** 
  (0.150) 
Professional  -0.0128 
  (0.126) 
Male  -0.349*** 
  (0.0922) 
Racial resentment  -0.644*** 
  (0.0243) 
South  -0.131 
  (0.0997) 
Constant 0.209*** 0.619** 
 (0.0723) (0.282) 
   
Observations 10,222 9,100 

Robust standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Chapter 3 – The Importance of Place 
Introduction  

While, there is a general lack of evidence for self-interested economic voting in 2012, 

inequality may still have an effect on voting behavior.  Galbraithe and Hale found a link between 

inequality and vote choice at the state level, but they failed to provide a theoretical justification 

for the relationship (2008).  Johnston, Newman and Lown used county level measures of 

inequality to explain variation in political attitudes, but didn’t look directly at the vote (2015).  

Their argument was that local measures would better capture people’s direct experiences than 

national or state level measures of inequality.  Hersh and Nall found that inequality had a small 

impact on vote at lower levels of aggregation, but their method relied on comparing rich areas to 

poor areas as opposed to utilizing a measure of inequality that captures the economic distribution 

within an area (2016).  In this chapter I use the same county level measures as Johnston et al., 

and find more support for Obama in counties with higher levels of inequality.  I also show that 

the effects of inequality nearly double once measurement error is accounted for.  Finally, I show 

that the link between inequality and support for the Democratic candidate is larger in rich 

counties, in swing states, and in the West and Northeast regions. 

The Meltzer-Richards model 
 Allan Meltzer and Scott Richard laid out a theoretical argument for why increased 

inequality should result in increased support for redistribution (1981).  The Meltzer-Richards 

model uses the distance between the mean and median incomes to predict the level of 

redistribution within a polity.  At its heart, this is an application of median voter theory to the 

issue of economic self-interest.  First, let us assume that median income is consistently below the 

mean, which is the case in the U.S. at the county level. If the median pre-transfer income is lower 

than the mean income, then the median voter always stands to benefit from a redistribution of 
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wealth from the rich to the rest of the society.  The question is not whether the median voter will 

advocate for redistribution, but rather how much.  Meltzer-Richards posits that the distance 

between the mean and median incomes will determine this.  Essentially, the median voter will 

advocate for the level of redistribution that pulls their income up to the mean income in the 

society.  Once the post-transfer median income equals the post-transfer mean income the median 

voter will stop advocating for additional redistribution.  This is because additional transfers 

would now move income away from the median voter and towards those lower on the economic 

ladder.  Since the median voter is by definition pivotal, this is the point at which the electorate 

will stop advocating for additional government transfers.  Since elected officials are typically 

interested in retaining their office, they will stop passing additional transfers once they are no 

longer beneficial to the median voter. 

Since mean incomes in the U.S. are consistently higher than median incomes the Meltzer-

Richards model predicts that increased income inequality will lead to increased government 

transfers from the rich to the poor.  The Meltzer-Richards model provides a straightforward 

formalization of an intuitive concept.  When an individual stands to gain a net transfer benefit 

from redistribution, they will support it, and when they stand to suffer a net transfer loss they 

will oppose it.  As a result, the model has become a sort of reference point for students of 

inequality, and its relationship to support for redistribution.  That said, support for the model has 

been mixed at best (Alberto Alesina & Glaeser, 2004; Iversen & Soskice, 2006; Kenworthy & 

McCall, 2008; Kenworthy & Pontusson, 2005; Milanovic, 2000; Rodriguez, 1999).   

 

The Benabou Model 
Given the lack of clear support for the Meltzer-Richards model Roland Benabou 

developed an alternative model, which predicts that inequality will be negatively related to 
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support for redistribution in the U.S. (2000).  Benabou starts by arguing that government 

redistribution is associated with increases in “ex ante welfare.”  Essentially, the wealth in a 

society actually grows as a result of increased redistribution.  He argues that this occurs because 

tax distortions are often trumped by the increased efficiency that occurs when wealth is 

redistributed to more constrained credit markets.  Essentially, when a society redistributes 

resources to those who have less access to both wealth and credit they are able to obtain greater 

gains than if those resources were to stay in the hands of the rich, who already have ready access 

to both of these resources.  This creates two opposing forces that must be balanced by each voter.  

On the one hand, increased redistribution creates additional value for the society, and each voter 

in the society benefits in some fashion from this increased wealth.  At the same time each citizen 

has a direct net transfer cost.  Just as in the Meltzer-Richards model this increased cost will be 

positive for those individuals in the lower end of the income distribution, and negative for those 

at the top of the distribution.  Benabou argues that when inequality is low, the increased 

efficiency caused by redistribution trumps the direct cost of redistribution for many voters even 

in the top half of the income distribution.  This should result in a high demand for redistribution 

amongst the populace.  On the other hand, as inequality increases, so does the number of voters 

above the mean for whom the direct cost of government transfers outweighs their share of the 

increased wealth created by such transfers.   Like the Meltzer-Richards model, the Benabou 

model predicts high support for redistribution amongst those at the bottom of the income 

distribution, and low levels of support amongst those at the top of the income distribution.  The 

difference is that Benabou’s model predicts that as inequality increases, so does the number of 

citizens just above the mean income for whom redistribution no longer makes sense.  Another 

implication of this model, that Benabou fails to discuss, is that low-income voters are even more 
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incentivized to vote on economic self-interest than would be the case under the Meltzer-Richards 

model. This is because voters below the mean income get both a direct net transfer benefit, and 

the ex ante welfare benefit.  As a result, voting against one’s own economic interests will be 

more costly for the poor and less costly for the rich when compared to the Meltzer-Richards 

model.  In an economically homogenous society (low inequality) this ex ante benefit dominates 

the direct cost of redistribution for many individuals in the top half of the income distribution 

causing a persistent state of low inequality and high redistribution.  On the other hand, once 

inequality has increased beyond a certain point, the direct cost of redistribution trumps the 

benefit of increased societal wealth as in the U.S. context.  This results in a persistent state of 

high inequality and low support for redistribution.  

Meltzer-Richard’s model predicts that inequality should be positively related to support 

for redistribution within a given polity while Benabou predicts a negative relationship.  Very few 

counties in the U.S. would be considered relatively equal in the international context, and for this 

reason an application of the Benabou model to the U.S. should result in the high inequality-low 

support for redistribution equilibrium of the Benabou model.   

 

A repurposing of Meltzer-Richards and Benabou  
Like the Meltzer-Richards model the Benabou model was developed to predict support 

for redistribution within a single polity, but I apply the theory to county level vote data in the 

U.S.  On the one hand, this application is problematic, since federal programs disproportionately 

take money from individuals in one locale and redistribute it primarily to individuals in another.  

This is as opposed to redistributing income within my unit of analysis (county).  That said, if 

people’s experiences of their local economies impact their perception of inequality, then they 

should impact one’s sense of economic self-interest.  As a result, we should expect to see a 
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positive relationship between inequality and support for Obama if Meltzer-Richards is correct 

and a negative relationship if Benabou is correct.  If local levels of inequality do not impact 

people’s perception of their self-interest, then my inequality variable should have no predictive 

power.  

I am also using these theories to predict the proportion of the electorate that supports 

Democratic candidates rather than determining the precise redistribution preferences of the 

median voter.  This is less problematic than it might at first appear.  I am concerned with the 

proportion of the electorate that supports politicians who are likely to advocate for additional 

redistribution.  If the income distribution looked like a step function on either side of the median 

voter this could be problematic.  In other words, if the median household income is roughly 

$50,000 a year in a given county, and the person immediately above the median household 

income makes $70,000 a year, then the self-interest of the median voter would be unlikely to 

match with those immediately above them on the income distribution, but this is not how income 

distributions work.  Rather, a large portion of the electorate experiences an economic reality that 

isn’t too far divorced from the circumstances of the median voter.  Second, a more holistic 

measure of inequality could help to alleviate this concern.  The bottom line is that inequality in 

the U.S. is driven primarily by large incomes at the top of the distribution, and since this is the 

case, the logic behind the Meltzer-Richards model would still predict that as inequality increases 

so should the proportion of voters who stand to benefit from additional transfers.  Benabou’s 

model actually attempts to predict the effect that transfers would have on more than just the 
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median voter.  As a result, the logic behind his model predicts that increased inequality leads to 

an increasing proportion of the electorate no longer supporting transfers7.   

 

Data 

 The data for this chapter come from two different sources.  The county level vote 

measure was created by Dave Leip, and purchased from his website (Leip, 2014).  Leip merged 

county level data, or county level equivalent data, made public by each state into one variable. 

All independent measures were sourced from the U.S. Census Bureau, and obtained from the 

American FactFinder website (2009-2013 American Community Survey; 2010 U.S. Decennial 

Census).  These variables are derived from two different studies.  The first is the 2010 Census, 

and the latter is called the American Community Survey (ACS).  The ACS is the survey 

instrument designed to replace the long form of the decennial census.  The ACS samples 

households rather than individuals, and is designed to obtain “good geographic coverage” 

(American Community Survey - Information Guide). Each month the Census Department mails 

roughly 295,000 surveys to households across the U.S.  Respondents are offered an online 

survey option as well.  Census Bureau workers then follow up by phone and in-person to obtain 

data on respondents who don’t submit a completed questionnaire.  While ACS measures are 

designed to obtain geographic variation, the relatively small populations in most U.S. counties 

makes it hard to develop precise county level estimates.  For this reason, the ACS handbook 

recommends that one-year estimates only be used in counties with 65,000+ residents.  According 

to the handbook 3-year estimates are accurate enough to analyze counties with 20,000+ 

                                                
7	This	assumes	a	high	inequality	state,	which	leads	to	the	high	inequality-low	transfer	
equilibrium	prediction.		According	to	Benabou,	the	U.S.	falls	into	that	high	inequality	category.	
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residents, and 5-year estimates should be sufficiently accurate to run an analysis on all counties 

in the U.S.  I use 5-year ACS measures in order to include as many counties as possible. The 5-

year window I settled upon was 2009-2013.  I picked this window, centered on 2011, in order to 

obtain the most accurate county level measures in the year immediately preceding the 2012 

election.  Table 1 provides summary statistics for all variables used in the county level analysis. 

 

Why Alaska is excluded… 
I excluded Alaska from the analysis because it differs from the rest of the U.S. so 

substantially.  First of all, the state of Alaska has a population density of roughly 1.1 people per 

square mile.  The theoretical justification for using counties is that counties approximate a 

community unit.  It’s hard to think that neighbors interact with each other much when many of 

them are so geographically isolated.   Consequently, the justification for the county level analysis 

is strained by the very low population density in the state. The second reason is that Alaska does 

not have a clear-cut county level equivalent.  A portion of Alaska is divided into 19 boroughs the 

largest of which is over 88,000 square miles (roughly the size of Minnesota), and contains less 

than 10,000 residents.  Further complicating matters is the fact that this designation misses most 

of the land mass of Alaska.  Alaska is also divided into 40 districts for voting purposes, but, as 

with the borough designation, districts are typically much larger than they are in the other 49 

states.  There are roughly 40 districts in the state averaging over 16,500 square miles in size.  To 

put this in perspective only 4 out of the 3,113 counties in my analysis are over 16,500 square 

miles, and fewer than 20 of them are even half that size. Even if these districts had a large 

enough population to accurately produce estimates, the idea that individuals living over 16,500 

square miles would constitute a single community strains believability.  
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Obama vote 
 The Obama vote measure represents the percent of the two-party vote split obtained by 

Obama in each county (or county level equivalent) in 49 of the 50 states.  Leip provides raw vote 

counts, which I used to construct this measure.  In the average county Obama obtained just 

39.22% of the vote.  This speaks to an urban-rural split in the vote.  While Obama won a 

majority of voters, he performed poorly in the sparsely populated counties that make up most of 

the United States.  

 

Logged Population  
  The urban-rural vote split in the U.S. has become an issue of greater concern to students 

of voting behavior (Cramer, 2016; Kron, 2012).  I control for the tendency of rural citizens to 

disproportionately support Republican candidates by controlling both for the size of a county’s 

population and the density of that population.  I based the logged population variable off of a 

population estimate for each county in 2012.  The estimate for 2012 is based off of population 

statistics collected as part of the 2010 decennial census.  Seventy-one residents resided in the 

least populous county (Loving County, Texas).  The most populated county, Los Angeles, 

contained over 9.9 million residents.  The median county has just 26,020 residents, which speaks 

to a substantial right tail in the distribution.  It seems unlikely that moving from 8.99 million to 9 

million residents in a community would have the same transformative effect that moving from 

100 to 10,100 would.  I used a natural log transformation to both reduce skew, and account for 

the fact that somewhat small differences in population should matter less in places that are 

already heavily populated. 
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Logged Population Density 
 The logged population density variable comes from U.S. decennial census data as well.  

The actual population density ranges from a low of 0.1 people per square mile again in Loving 

County, Texas to a high of 69,468 people per square mile in New York County, New York 

(Manhattan). The median county has a density of 45.7 people per square mile.  Once again, this 

variable has a substantial right tail.  I used a natural log function to transform this variable, and 

get rid of the right tail.  Again the transformation also accounts for the fact that moving from a 

population density of 100 to 1,100 people per square mile should represent a larger qualitative 

change in the environment than moving from 63,000 to 64,000 people per square mile. 

 

Gini  
 My Gini variable comes from the ACS.  The Gini measurement is based off of a ratio.  

The denominator is the area under a cumulative distribution(CDF) of income in a county if 

income were uniformly distributed.  The numerator is the area under a curve of the actual CDF 

for each county.  If the income of the county is equally distributed amongst all residents, then the 

area under the curve for the actual population will equal the denominator, and the Gini 

coefficient will equal 1.  In a county where all income is earned by one resident then the area 

under the actual CDF falls to 0 and so does the Gini coefficient.  Of course in this analysis the 

Gini statistics are based on a sample of each county rather than an enumeration of the population, 

and the income measurements in the ACS are ordinal, so a substantial amount of noise probably 

exists on this measure.  The Gini measure has a mean of 0.438 and a range of 0.332 to 0.598.  Its 

standard deviation is 0.034.   
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Gini Measurement Error 
 The ACS provides a measurement error statistic along with each county estimate that 

they produce.  When the error term is added to the estimate for each county this provides the 

upper bound for a 90% confidence interval for the measure in that county.  Conversely, 

subtracting the error term from the county level estimate provides the lower bound of the 90% 

confidence interval.  After working with the data for some time I noticed that my ACS Gini 

measure became more predictive in more populous counties.  It could be that class consciousness 

increases in more populous areas, but it occurred to me that measurement error might also be 

driving this phenomenon.   As mentioned before moving from 1-year to 3-year ACS estimates 

allows the researcher to move from only analyzing counties with a population of 65,000+ to an 

analysis of counties with more than 20,000 residents.  Since the ACS samples roughly the same 

number of households each year, this means that tripling the sample size allows you to analyze 

counties with roughly one third the population of what is appropriate using 1-year estimates.  

The ACS then claims that moving to 5-year estimates, which increases the sample size by an 

additional 67% allows the researcher the precision to analyze all counties in the U.S.  In 2012 

thirty-two counties in the U.S. had an estimated population of less than 1,000.  It strains 

plausibility that increasing the size of the sample by another 67% would allow you to make 

accurate estimates on populations that are less than 5 percent of the 3-year cutoff, and less than 

0.0003% of the total population.  I also noted that the average Gini error term provided by the 

ACS was .023, and the maximum error term was 0.162.  In other words, the error term is 

typically about 2/3rd’s of a standard deviation on the Gini measure.  In the worst-case scenario, 

McMullen County, Texas, the 90% confidence interval of the Gini estimate for the county is 

roughly equal to the entire observed range of the Gini variable.  Furthermore, the Gini measure 

in 489 counties has a 90% confidence interval that exceeds the size of the Gini variable’s 
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interquartile range.  For these reasons I often limit my analysis to counties with a Gini error term 

of 0.017 or less.  Functionally this means that the 90% confidence interval on each Gini estimate 

should be smaller than, or equal to, the standard deviation of the Gini measure.  This limits the 

noise on the Gini variable, and allows for me to obtain a better estimate of the effect that Gini 

has.  While it does limit the analysis to just 1,202 counties, 88% of the U.S. population outside of 

Alaska lives in these counties. 

 

Race variables 
 I account for the racial makeup of a county by controlling for the percent of the 

population that identifies as white and percent that identifies as black living in said county.  Both 

of these measures come from the ACS.  The percent black variable has a substantial right skew, 

and the percent white variable skews towards the left.  That said, a transformation of the race 

variables does not substantially increase their predictive power or the fit of my models.  In fact, 

transforming the percent white variable results in a reduced fit.  As a result, I decided not to 

transform the race variables.  Again, table 1 contains summary statistics for these variables.  The 

average county in the U.S. is roughly 84 percent white and 9 percent black, which speaks to the 

fact that whites are more likely to reside in rural areas than people of color.   

 

Median income 
 I include a median income measure from the ACS for two reasons.  First, Gelman noted 

that wealthy states tend to skew Democrat, while poor states skew Republican.  On the other 

hand, McCarty, Poole, and Rosenthal found that congressional districts with high median 

incomes skewed more Republican when compared to their poorer counterparts (2006).  The 

inclusion of this measure will allow me to see if either of these patterns replicate at the county 
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level.  Second, this measure of a county’s general wealth allows me to differentiate between the 

influence that a county’s wealth and the distribution of that wealth have in determining electoral 

outcomes. The typical county’s median income is around $44,100, but the mean of the same 

variable is $45,781, which speaks to a small right skew in the distribution.  The standard 

deviation of the median income variable is $11,802, and eight counties have a median income of 

over $100,000.  Half of those counties are in the D.C. metro area.  Another three are spread 

across the Denver, Baltimore, and New York metropolitan areas.  The final outlier is Los Alamos 

County in New Mexico; home of the famous national laboratory where researchers first 

developed the atomic bomb.  To this day Los Alamos is a sparsely populated county and roughly 

half of all county residents work for the national laboratory. 

 

South variable and census regions 
I use a dummy variable to account for the tendency of Southern states to vote 

disproportionately for Republican candidates.  At other times I disaggregate the analysis by 

region.  In all cases states are sorted into one of the four basic census regions.  The only 

exception to this is the state of Hawaii.  Both Hawaii and Alaska are typically grouped into the 

Western region.  Alaska is excluded from all analyses for reasons listed above.  I include Hawaii 

in all national analyses, but exclude it from the regional analyses.  I do not see a compelling 

justification for grouping Hawaii along with the rest of the West for several reasons.  For 

example, Hawaii is located over 2,000 miles from the closest Western state, and differs from the 

other states in the West in a number of important ways such as racial composition and history of 

settlement. 
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Red state, blue state, swing state 
 I use a combination of campaign spending and the proportion of the vote obtained by 

Romney and Obama to code states into red, blue, and swing state categories.  The Obama and 

Romney campaigns focused their advertising efforts on 12 swing states in 2012 (Colorado, 

Florida, Iowa, Michigan, Minnesota, Nevada, New Hampshire, North Carolina, Ohio, 

Pennsylvania, Virginia, and Wisconsin) (Cole, 2012).  The swing state category contains 11 of 

the 12 states where a candidate won by 8 percentage points or less.  The lone exception is 

Georgia, where Romney won the popular vote by 7.8 percentage points.  I coded Georgia as red 

since neither candidate dedicated substantial financial resources to the state.  Michigan is the 

only swing state that exceeded the 8 percentage point differential (Obama +9.47 percentage 

points).  Arizona (Romney +9.04 percentage points), and Missouri (Romney +9.36 percentage 

points) join Georgia as the only states with a margin of victory below 10 percentage points that 

were excluded from the swing state category.  All non-swing states that Obama won were 

categorized as blue states.  The District of Columbia was placed in the blue state category as 

well.  Obama won every blue state by 10+ percentage points.  All non-swing states won by 

Romney were categorized as red states.   Romney won every red state by at least 8+ percentage 

points.   

 

Results  

Benabou vs. Meltzer-Richards 
Because inequality in the U.S. is driven primarily by high-income citizens, the Metlzer-

Richards model predicts a positive relationship between inequality and demand for 

redistribution.  Benabou’s model on the other hand predicts a negative relationship. Benabou 

makes a cogent argument that predicts support for redistribution within countries.  That said, I 
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am not convinced that the et ante wealth gains from redistribution programs, particularly non-

educational ones, are sufficiently large such that they will substantively alter the calculus of the 

Meltzer-Richards model.  For this reason, I hypothesize that… 

H1:  As local levels of inequality rise, so will aggregate support for the Democratic candidate. 

 Figure 3.1 shows the uncontrolled relationship between local levels of inequality and the 

percent of the two-party vote split obtained by Obama.  Across the range of Gini, the size of the 

effect is 26 percentage points, but most of the range of the Gini variable consists of outliers.  

Moving from one standard deviation below the mean of the Gini variable to one standard 

deviation above the mean results in a less substantial 6.7 percentage point move towards Obama.  

That said a 6.7 percentage point change in the two-party vote split towards the losing party 

would have changed the outcome of 9 of the last 10 presidential elections.  The lone outlier 

would be 1984 when Reagan defeated Mondale with 59% of the two-party vote split.    This 

bivariate relationship is statistically significant at the 0.01 level8.  Figure 3.2 shows that the size 

of the effect across two standard deviations roughly halves to just over 3.3 percentage points 

once controls for race, region, median income, and population are added.  Again, while the effect 

certainly isn’t large it would still alter the outcome of 4 of the last 10 presidential elections.  

After adding in controls the effect remains statistically significant at the 0.01 level. 

 Figure 3.3 shows that once I limit the analysis to counties with a low Gini error term, 

Gini’s effect on Obama vote across two standard deviations returns to roughly 6.7 percentage 

points.  The 6.7 percentage point swing only occurs in the 1,202 counties with low error terms.  

That said, since 88% of the U.S. population lives in those counties a 6.7 percentage point swing 

in these areas translates to a 5.9 percentage point swing nationally.  Yet again the effect size isn’t 

                                                
8	Table 3.2 shows the regression tables that I used to create figures 3.1 & 3.2. 
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huge in absolute terms, but a 5.9 percentage point shift in the two-party vote split towards the 

looser would still be enough to alter the outcome in 9 out of the last 10 presidential elections9.  

Again the relationship between the Obama vote and Gini variables is statistically significant at 

the 0.01 level. 

 

Regional Breakdown 
 Figure 3.4 shows the effect of Gini in each of the four major census regions.  This figure 

illustrates three important points.  First, the Gini-presidential vote relationship remains positive 

and statistically significant in all four regions10.  Second, there is substantial variance from one 

region to the next with the largest effects appearing in the West and Northeast regions.  The 

substantial variation in the size of the effect speaks to the fact that the aggregate level Gini 

measure might be capturing more than a straightforward inequality effect.  Finally, Alesina, et al. 

show that demands for redistribution are lower in countries that have a lower population density 

(2001).  Alesina et al.’s argument is that when the poor live close to one another, they are more 

likely to coordinate and revolt.  In order to stave off this revolt the upper class makes more 

concessions in the form of increased redistribution.  The authors argue that the relatively low 

population density in the U.S. makes the poor less of a threat.  I argue that the threat of violent 

revolt is not necessary to increase redistribution in a democratic republic.  Instead, this same 

proximity argument can be applied to an argument of class struggle at the ballot box.  In other 

words, it could be that when poor people are within close proximity to both other poor people, 

and more exposed to the wealth of the upper class they are more likely to develop class 

consciousness.  If class consciousness develops amongst the poor, then they could use their large 

                                                
9 Table 3.3 shows the regression results used to build figure 3.3 
 
10	Table	3.4	contains	the	regression	tables	used	to	build	figure	3.4.	
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numbers to influence election outcomes and push for a massive increase in redistribution.  If the 

rich perceive this as a threat, then it would be in their interests to preemptively vote for some 

redistribution in an attempt to stave off a much more redistributive system in the future.  If this 

interaction is driving the aggregate relationship between Gini and vote, we should expect to see 

the strongest relationship in the Northeast region where urban counties are 3 times more common 

than in the South and over 5 times more common than in the West or Midwest regions.  There 

appears to be a larger effect in the Northeast than in the South or Midwest.  That said, the largest 

effect manifests in the West region.  As a result, it seems unlikely that a population density-Gini 

interaction is the primary driver of the differences from one region to the next.   

 

Red state, blue state, swing state 
 The growing gap between the rich and poor played a substantial role in the narrative of 

the 2012 campaign as the Obama campaign tried to frame people’s perception of Romney in 

terms of his immense wealth.  Just one example comes from the Obama campaign’s ads, which 

focused in part on Romney’s time at Bain Capital, and the company’s tendency to outsource 

middle and working class jobs.  Romney’s “47 percent” gaffe further helped to reinforce the 

Obama narrative of Romney as an out of touch plutocrat.  If campaign messages are effective, 

then we should expect either inequality or income to become a more effective predictor of vote 

choice in the states where campaigns are most active (Sides & Vavreck, 2014).   

 Table 3.5 splits the analysis into red states, blue states, and swing states.  There is not 

much evidence here of a campaign effect.  In swing states, moving from one standard deviation 

below the mean of Gini to one standard deviation above the mean adds 7 percentage points to 

Obama’s share of the two-party vote.  This essentially matches the 6.7 percentage point effect 

found in low-error counties nationally.  Furthermore, the effect of Gini in blue states does not 
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differ substantially from the effect in swing states (7.3 percentage points).  The effect of Gini is 

smaller in red states (3.7 percentage points), but Gini remains statistically significant (p<0.01) in 

all three categories.  So why is there such a large difference between red states and non-red 

states?  That is hard to tell from the aggregate results, but the one noticeable difference is that a 

majority of red state counties are in the South (67%) whereas less than 27% of the counties in 

swing states, and less than 8% of the counties in blue states are in the Southern region.   

 

Rich counties vs poor counties… 
 Finally, figure 3.5 splits the analysis into rich and poor counties11.  Gini has a bigger 

effect in counties with a median household income above $50,000 (8.18 percentage points across 

two standard deviations) when compared to counties below the $50,000 threshold.  The effects in 

both partitions of the data are statistically significant at the 0.01 level, but their 95% confidence 

intervals do overlap.  This could be because of several factors.  The first thing that comes to 

mind here is cities, which typically support democratic candidates and tend to have higher 

incomes.  City dwellers are more likely to support Democratic candidates, and the population 

measures that I use might fail to capture that full effect if the effect of population acts more as a 

step function than a steady linear increase.  Alesina et al. found that working class voters are 

more likely to develop a class consciousness when they are within close proximity to one another 

(2001), but this may be an issue where once a critical density is reached additional density or 

population tends to have no additional impact. 

 

                                                
11	Table	3.6	presents	the	regression	tables	used	to	produce	figure	3.5.	
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The effect of income 
So far I have focused the analysis in this chapter on the impact that local levels of 

inequality have on vote choice.  There is a chance that income actually affects vote choice, and 

accounting for environmental factors like population density and local inequality might allow 

that effect to manifest.  Outside of that, it might be the case that income is only determinate of 

vote in specific environments.  Again, a concentrated effect might wash out in a nationally 

representative pool of respondents like the CCES, but become more apparent in a specific subset 

of the population. Like Gini the range for the median income variable is driven by outliers. 

Consequently, I use the distance of one standard deviation above the mean to one standard 

deviation below the mean to evaluate the size of this effect.   

 Overall, the trend at the aggregate level reaffirms the finding in chapter 3 that income 

does not have an effect on vote choice.  The median income variable obtains statistical 

significance at the p<0.1 or p<0.05 level in multiple models.  That said, the size of the effect is 

typically less than two percentage points on the two-party vote split, and the direction of the 

effect flips back and forth quite frequently.  There are two notable exceptions to this pattern.  

The first is in the West region where the effect of median income moving from one standard 

deviation below the mean to one standard deviation above the mean moves the two-party vote 

split 3.8 percentage points in Obama’s direction.  This effect is only statistically significant at the 

p<0.1 level, but its size, which remains small, deviates enough from the standard pattern to be of 

note.  The second exception manifests in the red states where moving from one standard 

deviation below the typical median income to one standard deviation above results in a 4.7 

percentage point shift towards Romney.  This second finding is consistent with Gelman’s finding 

that class voting occurs more in poor red states than in rich blue ones (2008).  He also finds that 

the size of the effect decreases substantially when they control for cultural differences between 
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the rich in red and blue states.  This is consistent with the finding in chapter 3 that income does 

not have an effect on vote choice once controls for individual level factors are added to the 

model.   

 

Conclusion 

 Ultimately, the aggregate level analysis shows little evidence of a direct income effect, 

but as local levels of inequality increase so does support for Obama.  This supports the 

predictions of the Meltzer-Richards model.  While the national trends support Meltzer-Richards, 

there is substantial subnational variation in the size of the Gini-Obama vote relationship. The 

effect is most pronounced in the West and Northeast regions, larger in rich counties than in poor 

counties, and inequality effects are larger in swing states and blue states when compared to red 

ones.  These findings start to paint a picture of inequality disproportionately effecting the votes 

of city dwellers.  For example, the Northeast region contains an unusually high proportion of 

urban counties, and urban counties also tend to be richer than their non-urban counterparts.  All 

that said, these aggregate level findings might be driven by factors unrelated to inequality.  To 

get a better understanding of how inequality impacts vote choice environmental and individual 

level factors need to be considered together.  Chapter 4 integrates this data with the data 

analyzed in chapter 2, and does just that.    

 



	63	

 

Chapter 3 - Tables and Figures  

Table 3.1 - Summary table for aggregate level variables 

Statistic Obama 
Vote 

Gini Gini 
(margin 
of error) 

Median 
income 
($1000) 

Percent 
White 

Percent 
black 

Logged 
populat
ion 

Logged 
pop. 
density 

Southern 
region 

Observations 3113 3114 3114 3114 3114 3114 3114 3114 3116 
Mean 39.22 0.438 0.023 45.78 84.11 9.04 10.28 3.81 0.4569 
Std. deviation 15.03 0.034 0.015 11.80 16.23 14.56 1.467 1.72 0.4982 
Minimum 3.47 0.332 0.0016 19.98 3.9 0 4.262 -2.30 0 
Maximum 93.98 0.598 0.1618 122.2 100 86.2 16.11 11.14 1 
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Figure 3.1 - Impact of inequality on Obama vote 

 

 
Figure 3.2 - How controls affect the inequality Obama vote relationship 
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Table 3.2 - Effect of Gini on Obama vote (as a percent of the two-party vote) 

 (1) (2) 
VARIABLES Bivariate analysis Controlled analysis 
   
Gini 98.74*** 48.40*** 
 (7.582) (6.455) 
Median income 
($1000 units) 

 -0.0383* 

  (0.0199) 
Percent white  -0.410*** 
  (0.0231) 
Percent black  0.129*** 
  (0.0269) 
Logged population  -0.581** 
  (0.277) 
Logged population 
density 

 3.623*** 

  (0.238) 
South  -14.81*** 
  (0.460) 
Constant -4.037 52.06*** 
 (3.332) (4.661) 
   
Observations 3,113 3,113 
R-squared 0.052 0.509 

Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Figure 3.3 - The impact of measurement error 
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Table 3.3 - Effect of Gini on Obama vote – all counties vs low error counties 

 (1) (2) 
VARIABLES All counties Low measurement 

error counties 
   
Gini 48.40*** 96.48*** 
 (6.455) (11.81) 
Median income 
($1000 units) 

-0.0383* 0.0647** 

 (0.0199) (0.0294) 
Percent white -0.410*** -0.364*** 
 (0.0231) (0.0381) 
Percent black 0.129*** 0.185*** 
 (0.0269) (0.0466) 
Logged population -0.581** -1.614*** 
 (0.277) (0.476) 
Logged population 
density 

3.623*** 2.641*** 

 (0.238) (0.383) 
South -14.81*** -17.33*** 
 (0.460) (0.679) 
Constant 52.06*** 40.13*** 
 (4.661) (7.795) 
   
Observations 3,113 1,202 
R-squared 0.509 0.528 

Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Figure 3.4 - Regional breakdown of inequality-Obama vote relationship 
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Table 3.4 - Regional disaggregation of low error counties 

 (1) (2) (3) (4) 
VARIABLES West Midwest South Northeast 
     
Gini 265.7*** 51.02** 47.92*** 160.8*** 
 (33.61) (22.58) (16.88) (31.29) 
Median income 
($1000 units) 

0.164* -0.0568 -0.00405 -0.00758 

 (0.0882) (0.0614) (0.0431) (0.0619) 
Percent white -0.309*** -0.448*** -0.406*** -0.721*** 
 (0.0773) (0.158) (0.0688) (0.174) 
Percent black 0.382 0.117 0.170** -0.409 
 (0.432) (0.201) (0.0712) (0.263) 
Logged population -3.519*** 2.740** -0.844 0.0317 
 (1.180) (1.244) (0.745) (1.377) 
Logged population 
density 

3.206*** -2.421** 5.213*** -1.248 

 (0.906) (1.042) (0.668) (1.215) 
Constant -24.51 48.37** 28.28** 54.21** 
 (21.09) (22.74) (11.23) (25.30) 
     
Observations 158 409 448 184 
R-squared 0.585 0.282 0.669 0.504 

Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Table 3.5 - Red state, blue state, swing state: Predictors of Obama vote (low error counties only) 

 (1) (2) (3) 
VARIABLES Red states Blue states Swing states 
    
Gini 54.55*** 106.5*** 101.2*** 
 (18.43) (22.77) (17.45) 
Median income ($1,000s) -0.202*** -0.0298 0.0792* 
 (0.0556) (0.0535) (0.0432) 
Percent white -0.408*** -0.276*** -0.632*** 
 (0.0589) (0.0566) (0.104) 
Percent black 0.136** 0.0927 -0.0758 
 (0.0615) (0.110) (0.125) 
Ln population 0.0729 -0.946 -2.428*** 
 (0.746) (0.883) (0.707) 
Ln pop. density 3.030*** 2.523*** 1.625** 
 (0.558) (0.744) (0.630) 
South -12.67*** -4.685* -13.30*** 
 (0.960) (2.728) (1.111) 
Constant 46.38*** 28.79* 78.58*** 
 (11.02) (14.79) (15.26) 
    
Observations 450 284 468 
R-squared 0.614 0.495 0.436 

Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Figure 3.5 - Inequality effects in rich counties 
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Table 3.6 - Predictors of Obama vote in rich vs non-rich counties 

 (1) (2) 
VARIABLES Median 

income<$50,000 
Median 

income>$50,000 
   
Gini 75.97*** 118.3*** 
 (18.82) (16.25) 
Median income 
($1000 units) 

-0.0420 0.0658 

 (0.0955) (0.0426) 
Percent white -0.283*** -0.487*** 
 (0.0508) (0.0611) 
Percent black 0.240*** 0.154* 
 (0.0581) (0.0845) 
Logged population -0.369 -2.860*** 
 (0.705) (0.688) 
Logged population 
density 

2.373*** 2.453*** 

 (0.526) (0.571) 
South -17.69*** -16.94*** 
 (0.882) (1.142) 
Constant 33.77*** 57.18*** 
 (11.09) (11.79) 
   
Observations 677 525 
R-squared 0.513 0.551 

Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Chapter 4 – The Interaction of People and Place 
 
Introduction 

The theory of relative deprivation argues that economic inequality acts as a filter through 

which wealth is perceived (Lipset, 1960; Smith, 2005; Tucker et al., 1978; Yitzhaki, 1979).  

Specifically, as the level of inequality rises, the poor are expected to feel more deprived, even if 

their incomes remain constant.  If we assume that an opposing movement does not occur 

amongst the wealthy, then relative deprivation theory predicts increased support for the left party 

in areas of high inequality, similar to what I found in chapter 3.  We could even relax the last 

assumption and end up with a similar expectation.  If increased inequality leads to a polarization 

of attitudes in which the wealthy become increasingly protective of their relative advantage and 

the poor perceive increased deprivation, we should see high levels of inequality lead to high 

support for Democratic candidates.  This is because the poor typically outnumber the rich, and 

should therefore dominate the relationship at the aggregate level.  The key is determining the 

reference point to which people are comparing themselves.  Johnston, Newman, and Lown argue 

that local economic conditions should play a substantial role in determining the reference point 

(2015). In fact, they find that high inequality at the county level actually leads to increased 

polarization on a belief in meritocracy.   Specifically, the poor living in high inequality counties 

are less likely to believe that the U.S. is a meritocracy, and the rich are more likely to perceive it 

to be so.  My question in this chapter is whether this polarization carries over into vote choice.   

To investigate the question, I combine the individual CCES measures used in chapter 2 

with the county level data introduced in chapter 3.  I then use a mixed effects logistic regression 

model to test the theory of relative deprivation.  I find very little support for the theory outside of 

a small group of urban counties.  Instead, I find that in places of high inequality both the working 
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and upper classes are more likely to vote for Democrats.  I also find that the urban-rural divide 

accounts for large differences in voting patterns, and since Gini is typically higher in urban areas 

and lower in rural ones it might be that the Gini variable is picking up a portion of the urban-

rural divide. 

 
The analysis in chapter 2 showed that income had a negligible impact on vote choice in 

the 2012 election.  That said, the aggregate level analysis in chapter 3 shows that local levels of 

inequality predict support for Obama.  In this chapter I deploy a mixed effects logistic regression 

model in order to integrate these two datasets into a single model.   I then try to reconcile these 

conflicting findings by focusing on the interaction between family income, population density, 

and local levels of inequality.  

There are five specific scenarios that could underlie the fact that increased inequality 

leads to increased support for Obama at the aggregate level.  First, family income could drive 

vote choice, but leaving aggregate level controls out of the model in chapter 2 might mask this 

effect.  Second, the link between inequality and county level vote could be driven by a group of 

voters that live in specific environments, while people in other environments vote based on non-

economic concerns, which could cause the effect to wash out in a nationally representative 

sample.  Third, certain groups, or classes, within the electorate might vote based on economic 

concerns while others vote on non-economic issues.  Fourth, inequality might not link directly to 

vote choice, but some third factor that covaries with both inequality and vote choice might be 

driving this relationship.  Finally, all voters might perceive high levels of local inequality as 

increased need for government services and shift their support to the Democratic party. I run a 

series of tests to differentiate between these various explanations, and find that the inequality-

vote choice relationship is driven by multiple factors.  Most prominently, the relationship is 



	75	

driven by a tendency of voters in urban areas to support Obama at a higher rate than their non-

urban counterparts.  This urban-nonurban split is driven in large part by attitudes about race, and 

other individual level characteristics.  Second, poor whites living in urban environments support 

Obama at higher rates than those living in more equal urban counties.  That said, the impact of 

this latter effect is too small to account for much of the county level effect found in the aggregate 

analysis. 

 

Data 

 I provide a detailed description of the individual measures in chapter 2.  Chapter 3 

contains a detailed description of the aggregate level measures, and issues related to the noise on 

these measures.   I appended all ACS and U.S. Census measures to each respondent in the 2012 

CCES dataset from chapter 3.  I then used a weighted mixed effects logistic regression model to 

account for the fact that respondents are often clustered in the same environment12. 

 

Results 

In this chapter I ask three different questions.  First, I ask whether patterns consistent 

with class voting and relative deprivation occur amongst voters as a whole.  Second, I ask what 

individual level patterns cause the aggregate level trends found in chapter 3.  Third, I ask where, 

patterns of class voting actually manifest.  I find that, in a general sense, class voting does not 

occur amongst white voters once both individual and aggregate level controls are 

added.  Second, I find that the Gini-Obama vote relationship observed at the county level is 

driven primarily by a tendency of voters to vote more for Obama in high inequality and urban 

                                                
12
	The	individual	weights	were	those	provided	in	the	2012	CCES	Common	Content	dataset.		I	

used	a	vector	of	1’s	for	the	weights	at	the	county	level.	
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counties regardless of income.  Third, I find that class voting patterns emerge in rich counties 

and urban counties.  Fourth, I find that voting patterns consistent with relative deprivation occur 

in urban environments, but that they fail to manifest in either suburban or rural areas. 

Tests of traditional class voting   
While class voting effects fail to manifest at the individual level, class voting might occur 

in certain environments.  Since the theory of relative deprivation suggests that the poor will feel 

more deprived as inequality increases, the obvious place to start is by looking for class voting 

patterns in high inequality counties. 

Table 4.1 focuses on white voters living in counties with a low Gini error term.  It 

separates these voters into those living in relatively equal and unequal counties, and then shows 

the effect that income has on vote choice.  The bottom quartile of these respondents live in 

counties with a Gini term under 0.4265 which I rounded to 0.43.  Counties in this group have a 

Gini score that is similar to or less than Israel’s Gini score of .428 ("Gini," 2016).  The top 

quartile lives in counties that have an error term of .47 or greater. The range in this group is 

similar to China’s Gini score (.469) on the low end, and Namibia (59.7) and Haiti’s (60.8) Gini 

scores on the high end.  Figure 4.1 plots the effect of family income on the likelihood of voting 

for Obama in both low and high inequality counties.  There is no evidence of class based voting 

in either of these environments.  Instead both working and middle class voters vote the same as 

their upper class counterparts regardless of the level of inequality13. It might be that high levels 

of inequality don’t have an impact on class voting, or it might be that we still have yet to meet 

the threshold that would trigger such an effect.  What is apparent is the 17+ percentage point 

                                                
13
	Figure	4.1	shows	the	results	of	my	mixed	effects	model	run	on	all	incomes.		I	also	ran	

separate	analyses	on	the	bottom-half	and	the	top-half	of	the	income	distribution	to	make	sure	

that	the	analysis	of	all	incomes	was	not	obscuring	a	u-shaped	effect	where	middle	class	voters	

were	deviating	from	the	similar	voting	patterns	of	both	the	rich	and	poor.		The	results	of	that	

analysis	were	consistent	with	the	findings	presented	in	figure	4.1.	
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difference between the votes of citizens living in high and low inequality counties.  That effect is 

both substantively large and remarkably consistent across the entire class spectrum.  Finally, the 

gap is also statistically differentiable at the p<0.05 level in every bin of the income category.  

There is no evidence here that high levels of inequality trigger feelings of relative deprivation 

amongst the poor, or that these high inequality environments result in increased class voting.   

 

Test of relative deprivation 
   Clear class voting trends don’t manifest even in the most unequal of counties.  That said 

Gini might have an effect within a particular income group.  Most likely that would have 

manifested in figure 4.1 as a larger gap between the bottom and top quartiles of Gini within a 

particular income category.  Alternatively, multiple factors could independently drive working, 

middle, and upper class voters towards the Democratic candidate.  If this were the case and those 

factors were correlated with Gini, then relative deprivation could manifest as an intercept shift 

similar to the one we see in figure 1.  Admittedly, this is a very unlikely scenario, but looking for 

movement within class provides an easy double check.  If the votes of the poor are driven more 

by inequality than those of the rich this would provide some support for the relative deprivation 

argument, but a lack of movement within income categories would allow us to reject the relative 

deprivation argument at the national level.   

Figure 4.2 plots the effect that inequality has on working, middle, and upper class voters.  

The relationship between presidential vote and Gini fails to reach statistical significance in all 

three income categories14.  Amongst the working class, moving from one standard deviation 

below the mean of Gini to one standard deviation above only increases the probability of an 

Obama vote by 3.5 percentage points.  Since a similar effect occurs amongst upper class voters, 

                                                
14
	Table	4.2	presents	the	results	of	the	model	used	to	create	figure	4.2.	
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there is no evidence that relative deprivation impacts vote choice at the individual level.  That 

said, relative deprivation or class voting might result from an interaction between inequality and 

other environmental factors.  The rest of this chapter tests a set of possible interactions.  The 

interactions that I test are primarily determined by the places where the Gini-Obama vote 

relationship is strongest in the aggregate level analysis presented in chapter 3. 

Red state, blue state, swing state 
In chapter 3 I found a stronger link between inequality and vote choice in blue states and 

swing states when compared to red states.  The question is if these results replicate once I 

account for individual level factors.  Figure 4.3 plots the relationship between inequality and 

Obama vote in red versus blue states after accounting for both individual and aggregate level 

controls.  Again the fit lines are plotted to account for all values of Gini in each subset of the 

data.  Limiting the movement on the Gini variable to two standard deviations shows that the 

effect of Gini is small to non-existent.  In red states the effect is roughly a 4 percentage point 

movement towards Obama.  Even the most competitive of red states would have had to shift 

more than 8 percentage points before they flipped to Obama in 2012.  Given this, a 4 percentage 

point swing is essentially irrelevant.   In blue states the size of the effect drops to roughly half of 

that.  Finally, the trend line in swing states suggests that voters are actually less likely to vote for 

Obama as inequality increases.  In all cases the coefficient on the Gini variable fails to reach 

statistical significance.  As a result, the larger impact of Gini in blue and swing states observed in 

chapter 3 appears to be unrelated to either inequality or a campaign-inequality interaction.  

Instead the effect appears to result from some factor unaccounted for in the aggregate level 

analysis.   

Figure 4.4 looks at the effect of income within red, blue, and swing states to confirm the 

lack of effect shown in figure 4.3.  Generally speaking, the results shown in figure 4.4 are 
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consistent with the findings presented in figure 4.3.  Again, the effects of Gini are substantively 

small, and Gini fails to reach statistical significance in all three environments.  Given that the 

effect of Gini disappears once individual level factors are controlled for, there is no evidence that 

inequality levels consistently effect Obama vote in any of these subsets.  Table 4.3 shows the 

mixed effects models used to create figures 4.3 and 4.4.   

Rich county, poor county 
In chapter 3 the aggregate data shows that Gini has a larger effect in rich counties 

(median household income > $50,000) when compared to relatively poor ones (median 

household income < $50,000).  This might have something to do with the fact that income 

inequality is driven more by high income individuals in rich counties.  Figure 4.5 shows the 

different income distributions in rich vs poor counties.  If inequality that is driven by a large 

upper middle class is more likely to trigger resentment, then this finding should replicate once 

individual level controls are added.  Figure 4.6 shows the effect that Gini has on Obama vote in 

rich vs poor counties after controlling for both individual and aggregate level measures.  Moving 

from one standard deviation below the mean of Gini to one standard deviation above the mean 

results in a 4 percentage point increase in the likelihood of voting for Obama amongst whites 

living in rich counties.  Overall this translates into an effect of just under 2 percentage points 

nation wide15. The effect on the Gini variable is substantively significant, though not large, and 

statistically significant at the p<.05 level.  To put it in context, a national movement of 2 

percentage points from one major party candidate to another would switch the outcome of the 

                                                
15
	This	translation	into	a	national	effect	assumes	that	residents	of	all	races	are	equally	likely	to	

be	eligible	and	turnout	during	elections.		I	then	divided	the	number	of	whites	living	in	rich	

counties	with	low	error	terms	by	the	population	of	the	U.S.	as	a	whole	to	translate	the	

subpopulation	effect	into	a	national	effect.		In	reality	the	effect	is	probably	slightly	larger	than	

estimated	given	that	as	a	group	whites	are	more	likely	to	turn	out	when	compared	to	their	non-

white	counterparts.	



	80	

popular vote in two of the past three presidential elections and 10 of the total 57 elections held 

since 1788.   

While the finding that Gini is predictive of vote choice in rich counties is consistent with 

a story of relative deprivation, it could also be occurring for reasons unrelated to income 

inequality or class voting.  If relative deprivation is driving this change then this would likely 

manifest as increased class voting patterns in rich counties when compared to poor ones.  Figure 

4.7 shows the effect that family income has on the likelihood of voting for Obama in rich vs poor 

counties. In a rich county, moving a respondent from the bottom category of family income (less 

than $10,000) to the highest (above $250,000) increases the likelihood that said voter will vote 

for Obama by 6.6-percentage points.  Like the Gini variable, much of the income variable’s 

range is driven by a relatively small proportion of the sample, so looking across either the 

interquartile range or a couple of standard deviations should give us a more accurate measure of 

the effect.  The standard deviation of the family income variable is 3.2 bins.  Essentially moving 

from one standard deviation below the mean to one standard deviation above the mean moves a 

voter from the $20,000-$30,000 category to the middle of the $80,000 to $99,999 category.  This 

type of income shift results in a 3 percentage point movement towards Obama amongst voters 

living in rich counties.  The effect of family income in these counties is statistically significant, 

and in the right direction.  In that way it supports the argument that class voting is driving the 

rich vs poor county divide.  On the other hand,, at 3 percentage points, the effect is small.  A 3 

percentage point movement amongst the entire white voting population in these counties 

translates into a 1.4 percentage point shift nationwide.  To put this in perspective, in a typical 

election, a 1.4 percentage point shift would change the outcome in a few swing states.  Whether 

these swing states prove to be pivotal depends largely on the national two-party vote split in said 



	81	

election.  In other words,, a 1.4 percentage point shift in the two-party split would actually 

change the outcome of the popular vote in 2 of the last 3 presidential elections, which is why I 

claim that the effect is substantively significant.  That said, the most recent elections have been 

abnormally close, and from 1980 to 1996 the popular vote wouldn’t have switched parties in a 

single election.  Overall, the effect is small, but not unimportant.  Putting things in a long-term 

perspective, a 1.4 point effect would have flipped the winner of the popular vote in just 7 out of 

57 previous presidential elections.  Table 4.4 summarizes the model used to produce figures 4.6 

and 4.7. 

City mouse, Country mouse 
Overall, the class voting patterns found in the mixed level analysis are not large enough 

to explain the substantial effects that Gini seems to have on Obama vote at the aggregate level.  

Furthermore, the direct effect of Gini does not hold up amongst whites as a whole once both 

aggregate and individual level controls are accounted for.  This begs the question, what is 

actually driving the nationwide Gini – Obama vote relationship I find at the county level in 

chapter 3.  While, my answer is far from exhaustive, the preponderance of evidence points to an 

urban-rural divide that covaries both with the Gini measure, and the Obama vote measure.  This 

is reinforced by a tendency for urban voters in high inequality environments to support Obama at 

substantially higher rates than their urban counterparts living in more equal counties.   

Table 4.5 shows the correlation between ACS population measures, and Gini.   Local 

levels of inequality are definitely related to the variation in both the raw population count and the 

concentration of that population.  Of particular note is the binary “urban” variable.  I coded all 

counties with a population density of 1,000 people per square mile or more as urban.  I mention 

this because this variable contains a fraction of the information contained in the raw population 

variable, but it has a stronger relationship to inequality than its continuous “population” 
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counterpart. This suggests that inequality is substantially higher in places with just over 1,000 

people per square mile, when compared to places just below it.  In fact, when respondents in low 

error counties are split into urban and non-urban subsets the median Gini statistic in the urban 

subset would fall into the 90th percentile amongst non-urban respondents. 

Figure 4.8 shows that there is a substantial gap between the voting patterns of people 

living in suburban/rural counties on the one hand and urban counties on the other16.  That said 

there is little evidence that class voting is the primary driver in either environment.  In urban 

counties, when family income increases from under $10,000 to over $250,000 the likelihood of 

voting for Obama decreases by nearly 5 percentage points.  Across two standard deviations the 

effect is roughly half as large.   The effect of income in non-urban counties is only slightly 

smaller than the effect in urban ones; roughly a 4 percentage point decrease in the likelihood of 

voting for Obama when moving from a family income below $10,000 to one above $250,000.  

Within their subpopulations these effects are smaller than the effects of Gini in high income 

counties, but perhaps more importantly neither of these effects is differentiable from statistical 

noise.  I characterized the Gini effect in high income counties as small in size, but still somewhat 

important.  On the other hand, I argue that the size of the direct income effect in both urban and 

non-urban counties lacks substantive significance in all but the most extreme cases.  The 

difference here is driven in part by the small size of the effect within the subpopulation.  At the 

same time, the relatively small size of the subpopulation means that the impact has a particularly 

small effect on the overall vote. For example, the Gini-Obama vote effect in rich, low error 

counties, includes whites living in 525 counties, and accounts for roughly 1 out of every 2 

Americans (47%).  The 122 counties that both qualify as urban and have a small Gini error term 

                                                
16
	Table	4.6	presents	the	model	used	to	produce	figure	4.8.	
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contain a much smaller portion of the population.  Furthermore, these counties are less white 

when compared to their non-urban counterparts.  While these counties are amongst the most 

populated in the U.S. their white population accounts for just under 1 out of every 4 Americans 

(24%).  This combination of a small effect within a relatively small subset of the population 

causes this effect to lose its substantive significance when generalized to the greater population. 

The more important factor to note here is the large intercept shift between voters in urban 

and non-urban environments.  Regardless of income, white urban voters are 14 to 15 percentage 

points more likely to support Obama when compared to their non-urban counterparts.  In many 

ways the effects plotted in figure 4.8 mimic those found when I partitioned on Gini in figure 4.1, 

with voters in low inequality counties acting similar to voters in non-urban counties, and voters 

in high inequality counties acting similar to those living in urban areas.  This makes sense given 

that so many urban counties have high levels of inequality.  When excluding counties with 

substantial measurement error, the median Gini in urban counties is 0.467 which fits just below 

the 90th percentile amongst nonurban county subset (Gini=0.46855).  This covariance between 

urban and Gini seems to be driving much of the Gini-vote effect in the aggregate level analysis. 

Figure 4.9 shows that, when controls are excluded in urban environments the likelihood 

of voting for Obama decreases by roughly 7 percentage points17.  Removing controls from the 

non-urban analysis reduces the likelihood of Obama vote, but to a lesser degree, 2 to 3.6 

percentage points, with the largest effect occurring amongst voters living in families with an 

income of $250,000 or more.  In both cases these shifts are driven almost exclusively by 

individual level controls.  This speaks to a split between urban and non-urban voters on 

individual level characteristics rather than environmental ones.  For example, adding the racial 

                                                
17
		Table	4.7	presents	the	model	used	to	produce	figure	4.9.	
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resentment variable to the white urban analysis increases the likelihood of voting for Obama by 5 

to 6 percentage points.  Running the same analysis on non-urban whites results in a shift of less 

than 1 percent regardless of income category.  In other words, the differential impact of racial 

attitudes is one factor driving this urban-nonurban divide.  Figure 4.10 shows the distribution of 

racial attitudes within urban and non-urban environments.  Racially resentful attitudes are less 

prevalent amongst whites living in urban counties when compared to their non-urban 

counterparts. In urban environments moving from the most conservative to the most liberal 

position on my racial resentment measure results in an 80 percentage point increase in the 

likelihood of voting for Obama.  In rural areas the effect is closer to 84 percentage points.  In 

both cases racial resentment has a dramatic impact on support for Obama, and this is consistent 

with the previous findings of Sears and Tessler.  The large effect of racial resentment is 

remarkably consistent from one environment to the next.  The increased levels of resentment in 

non-urban areas explain a substantial portion of this geographic divide in Obama support. 

There isn’t a substantial income effect in urban counties, but does this effect increase in 

areas of high inequality.  This is difficult to test because only about 3% of all counties meet the 

classification of urban (n=122).  That said, figure 4.11 leverages the available data18.  When I 

split urban counties by levels of inequality the effect of income disappears entirely.  In fact, in 

high inequality counties the direction of the effect reverses with higher income respondents 

being more likely to vote for Obama than their lower income counterparts.  Again, this effect 

fails to reach any standard threshold of statistical significance.  Instead, we see another intercept 

shift when we move from low inequality environments to higher inequality ones.  Here the 

intercept shift varies between 8.6 percentage points and 14.2 percentage points depending on the 

                                                
18
	Table	4.8	presents	shows	the	regression	model	used	to	calculate	the	predicted	probabilities	

in	figure	4.11.	
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income bracket; with the largest gap existing amongst those making over $250,000.  The 

difference in inequality levels in urban environments is driven primarily by differences in the 

lower end of the income distribution.  That is to say that high inequality urban environments are 

typified by a disproportionate number of citizens living in households making less than $40,000 

a year.  In low inequality urban environments, a smaller number of people live in low income 

households, and a larger number fall into the $80,000 to $149,999 range. These high inequality 

urban environments are also much more likely to be racially diverse when compared to their low 

inequality urban counterparts.  Similar to the urban vs non-urban analysis, whites living in these 

low inequality urban counties score higher on the racial resentment scale when compared to their 

counterparts living in higher inequality counties, but this difference is small; on average a 

movement of 0.37 on a scale from 1 to 4.  So while racial attitudes explain part of this difference, 

it’s unclear what is driving a large portion of this divide. 

Figure 4.12 again disaggregates the data into urban versus non-urban environments19, and 

shows that there is a relationship between inequality and support for Obama in urban counties.  

Within this group of counties people who live in the least equal environments are about 15 

percentage points more likely to have supported Obama in 2012 when compared to their 

counterparts living in the most equal environments.  That said, the standard deviation of the Gini 

coefficient in this set of counties is 0.0317, and the size of the effect moving from one standard 

deviation above the mean to one standard deviation below the mean is roughly 4.5 percentage 

points.  While small, this effect is statistically significant at the 0.1 level.  It’s hard to tell just 

what this effect means, as figure 4.11 clearly demonstrates that traditional class voting patterns 

                                                
19
	Table	4.9	presents	the	model	used	to	calculate	the	predicted	probabilities	plotted	in	figure	

4.12.	
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are not the primary driver of this relationship.  On the other hand, here is no evidence in figure 

4.12 of a substantively important or statistically significant effect in non-urban counties. 

Figure 4.13 shows the effect of Gini in urban counties with low error20.  The urban trend 

line in figure 4.12 and the controlled trend line in figure 4.13 are based on the same statistical 

model.  The bivariate melogit model in figure 4.13 shows that Gini has a larger impact on 

Obama vote when controls are excluded, and all of a sudden the relationship attains statistical 

significance at the 0.01 level.  This again shows that the Gini-Obama vote relationship that pops 

up in the aggregate level analysis is driven in part by other factors that correlate both with the 

Gini measure and the Obama vote measure.  While this point is important, it does not speak 

directly to a theory of relative deprivation.  In order to understand that relationship an analysis 

needs to isolate the effect that inequality has on working class voters. 

Figure 4.14 tests the relative deprivation hypothesis by partitioning white respondents by 

family income and plotting the effect that local inequality has on the two-party vote split21.  If the 

Gini-Obama vote relationship is larger amongst the poor when compared to other groups, then it 

supports the theory of relative deprivation.  The Gini-Obama vote relationship is positive for all 

income groups, the trend line for middle and upper class voters fails to reach statistical 

significance or substantive importance.  On the other hand, the relationship amongst voters 

making less than $40,000 a year is both statistically significant at the 0.01 level, and of marginal 

substantive importance.  Moving from the lowest levels of inequality in these urban counties to 

the highest inequality counties results in a 39 percentage point shift towards Obama.  More 

importantly a movement from one standard deviation below the mean of Gini in this group to 

                                                
20
	Table	4.10	presents	the	models	used	to	calculate	the	predicted	probabilities	plotted	in	figure	

4.13.	

	
21
	Table	4.11	presents	the	models	used	to	create	the	predicted	probabilities	in	figure	4.14.	
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one standard deviation above it results in an 11 percentage point shift towards Obama.  This 

disproportionate shift amongst the working class is exactly what we would expect to see if 

relative deprivation is occurring in these environments.  Furthermore, this effect occurs in urban 

areas, where relative deprivation should be most likely to occur.   

That said, it’s important to keep in mind that while this shift is substantively important 

within this subset of voters, the subset itself is quite small.  In my sample, working class whites 

living in urban counties make up just under 6% of all voters.  In presidential elections a shift of 

11 points amongst this group would be substantively insignificant in all but the very closest of 

elections.  For example, 7.2 percent of my sample in the state of Florida fell into this poor-urban-

white category.  An 11 percentage point shift amongst this group in 2000 would have moved 

roughly 46,000 votes from the Bush camp into the Gore camp.  This would have been more than 

enough to change the outcome in an election that was decided by less than 600 votes, and since 

Florida was pivotal in that election this would have altered the outcome of the national contest.  

That said, this example is quite atypical.  For instance, moving from one standard deviation 

above the mean of Gini amongst whites in these urban areas to one standard deviation below 

would have shifted roughly 66,000 votes from Obama to Romney in 2012.  Again this would 

have switched the outcome of the election in Florida, but since Florida wasn’t pivotal this shift 

would not have affected the outcome of the election.  In most elections the margin of victory in 

Florida is just too large for these changes to impact the outcome in the state, not to mention the 

outcome of the election nationally.  Both 2000 and 2012 are abnormal in that regard.   

 While these 11 point shifts amongst poor whites living in urban areas are unlikely to alter 

the outcome of national elections, they may be enough to alter other types of elections.  

Presidential elections are rarely susceptible to moderate swings amongst small groups of voters.  
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This is due to a combination of a majoritarian requirement to win the electoral college, and the 

winner-take-all nature of state contests.  That said, an 11 point swing amongst six percent of the 

population might have a larger impact on other types of elections.  This 6 percent of my sample 

exists exclusively in 121 counties.  Arguing that this group might then impact the outcomes of 

either local or even state wide contests seems plausible.  Essentially this argument is analogous 

to explaining why third party candidates can gain access to public office in certain state or local 

contests while simultaneous having almost no chance of winning the presidency.  This has less to 

do with the absolute size of the effect in the electorate, and more to do with the distribution of 

these individuals geographically.  This of course assumes that the relative deprivation effect 

replicates in these more local contests.  While a decrease in split ballot voting might suggest this 

to be true, I have not provided the appropriate tests in this chapter to assert such a conclusion.  

Rather this is an area for future research.   

 Figure 4.15 tries to replicate the relative deprivation findings in suburban and rural 

areas22. While the trend line is positive for whites living in households making less than $40,000 

per year, the size of the effect is very small, roughly 2 percentage points across two standard 

deviations of Gini. Furthermore, the impact lacks statistical significance.  In other words, there is 

no evidence that relative deprivation impacts support for Obama in these areas. 

Discussion & Conclusion 

 In the end, the mixed effects model shows very little evidence of traditional class voting 

patterns.  Voters in unequal counties do support the Democratic candidate at higher rates than 

their counterparts living in more equal areas.  That said, most of this gap cannot be explained by 

variation in family income or income-environment interactions.  This pattern is consistent with 

                                                
22
	Table	4.12	presents	the	models	used	to	create	the	predicted	probabilities	in	figure	4.15.	
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recent findings of a growing split between the votes of urban voters on the one hand and 

suburban/rural voters on the other; as urban counties tend to have higher levels of inequality, and 

voters in those counties supported the Democratic candidate at higher than average levels.  This 

finding of a lack of class voting deviates from the findings of Bartels (2008) and McCarty et al. 

(2006).  

 Scholars have provided a number of reasons to be skeptical of a link between income 

inequality and vote choice.  The most detailed summary of these findings are provided in chapter 

1, but several seem particularly relevant to the findings presented in this chapter.  First of all, 

Sears, Kinder, and Tessler all argue that racial identity, and attitudes about race are front and 

center in the American political context.  In my attempt to control for a number of individual 

level factors I included a racial resentment variable in my analysis.  This variable consistently 

obtained a high level of statistical significance, and its substantive importance can hardly be 

overstated.  It seems likely that Obama’s status as the U.S.’s first black president caused racial 

attitudes to have a major impact on voters’ decisions in 2012.  That isn’t to say that race isn’t a 

central factor in all U.S. elections.  Rather it seems likely that the nearly deterministic predictive 

power that the racial resentment variable obtained in 2012 should be taken with a grain of salt, 

and could have swamped other factors that would matter in a typical election. 

 At the same time, a widening gap between the vote of urban and rural residents seems to 

be driving a substantial portion of the inequality-Obama vote relationship in the county level 

data.  This phenomenon is gaining increased attention in the scholarly literature, and Katherine 

Cramer presents an interesting analysis of the phenomenon (2016).  I have been able to explain 

some of the gap in aggregate trends by adding in individual level factors, but a substantial 
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portion of that gap remains unexplained, and this work on rural resentment, could account for a 

substantial portion of that gap in the future.   

 But because Cramer’s work uses only open-ended measures, and because surveys contain 

no closed-ended measures of Cramer’s notion of rural resentment, I am unable to reach a 

conclusion about the possible effects of rural resentment on voting for Obama.  What my data do 

establish is an important role for racial resentment, which is lower in urban than rural areas and a 

powerful independent predictor of voting for Obama.  The generally low levels of racial 

resentment in urban areas, rather than class voting in response to the economic inequality of 

urban areas, emerge from my analysis as the most likely reason for Obama’s support in urban 

areas. 

The Comparative politics literature also provides a number of reasons for the low levels 

of class voting seen in the U.S.  For example, Alesina et al. found that more densely populated 

countries have higher levels of class voting (2001).  That pattern also replicates in the U.S.  as 

the vast majority of U.S. counties have relatively small populations, and their residents vote 

based on issues other than class.  That said, urban counties in the U.S. were one of the two 

subsets where class voting does occur.  Class voting does not occur in many places in the U.S., 

but the comparative literature provides some insight into where to look, and why one should 

expect null findings in most parts of the country. 
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Chapter 4 - Tables and figures 

Figure 4.1 - Class voting in high vs low Gini counties 
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Table 4.1 - Gini partition - Predictors of Obama vote (whites only) 

 (1) (2) (3) (4) 
VARIABLES Gini>0.47 Null Gini<0.43 Null 
     
Family income 0.00176  -0.00348  
 (0.0181)  (0.0228)  
Church 
attendance 

0.424***  0.516***  

 (0.0385)  (0.0377)  
Married -0.501***  -0.298**  
 (0.141)  (0.143)  
Education -0.155  -0.206  
 (0.228)  (0.232)  
Age -0.00910**  -0.00969**  
 (0.00428)  (0.00420)  
Business owner -0.384  -0.242  
 (0.298)  (0.198)  
Professional -0.240  0.109  
 (0.145)  (0.153)  
Male -0.201*  -0.456***  
 (0.116)  (0.113)  
Racial resentment -0.720***  -0.699***  
 (0.0336)  (0.0315)  
Median income 
($1,000) 

-0.00137  -0.00386  

 (0.00563)  (0.00543)  
Percent white 0.00565  0.00160  
 (0.00798)  (0.00871)  
Percent black -0.0170*  0.000965  
 (0.00923)  (0.0119)  
Ln population 0.0334  -0.0905  
 (0.0841)  (0.129)  
Ln pop. density 0.279***  0.105  
 (0.0772)  (0.113)  
South 0.0131  -0.706***  
 (0.188)  (0.179)  
Constant -2.104 0.332*** 0.609 0.963*** 
 (1.290) (0.116) (1.669) (0.160) 
     
Observations 5,451 5,451 5,705 5,705 
Number of 
groups 

153 153 537 537 

Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Figure 4.2 - The inequality-Obama vote relationship partitioned on income (whites only) 
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Table 4.2 - Income partition – Predictors of Obama vote (whites only) 

 (1) (2) (3) (4) (5) (6) 
VARIABLES Under $40,000 Null $40,000-

$100,000 
Null Over 

$100,000 
Null 

       
Family income 0.00485  -0.00743  -0.0567  
 (0.0596)  (0.0305)  (0.0775)  
Church attendance 0.433***  0.491***  0.530***  
 (0.0345)  (0.0312)  (0.0523)  
Married -0.223**  -0.442***  -0.452**  
 (0.112)  (0.107)  (0.192)  
Education 0.190  -0.443***  -0.168  
 (0.245)  (0.169)  (0.269)  
Age -0.0101***  -0.00553*  -0.0104  
 (0.00369)  (0.00320)  (0.00636)  
Business owner -0.753***  -0.198  -0.0701  
 (0.210)  (0.159)  (0.323)  
Professional -0.265  0.135  0.0554  
 (0.214)  (0.114)  (0.142)  
Male -0.376***  -0.362***  -0.471***  
 (0.121)  (0.0929)  (0.155)  
Racial resentment -0.685***  -0.755***  -0.953***  
 (0.0354)  (0.0228)  (0.0373)  
Gini 3.139  0.135  2.484  
 (2.292)  (1.735)  (2.841)  
Median income 
($1,000) 

-0.00734  -0.00537  -0.00799  

 (0.00569)  (0.00400)  (0.00622)  
Percent white 0.00245  -0.00290  -0.00845  
 (0.00782)  (0.00607)  (0.00896)  
Percent black -0.0159  -0.00879  -0.0201*  
 (0.0106)  (0.00761)  (0.0119)  
Ln population -0.187**  -0.0772  -0.00172  
 (0.0854)  (0.0692)  (0.0964)  
Ln pop. density 0.215***  0.103*  0.164*  
 (0.0813)  (0.0572)  (0.0886)  
South -0.292*  -0.350***  -0.107  
 (0.151)  (0.112)  (0.203)  
Constant 0.198 1.235*** 1.059 0.774*** 0.0206 1.135*** 
 (1.588) (0.189) (1.231) (0.106) (2.087) (0.240) 
       
Observations 5,676 5,676 10,550 10,550 4,729 4,729 
Number of groups 995 995 1,065 1,065 778 778 

Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Figure 4.3 - Inequality and vote (a red state, blue state, swing state breakdown; whites only) 

 
 
Figure 4.4 - Income and vote (red state, blue state, swing state; whites only) 
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Table 4.3 - Red state, blue state breakdown - Predictors of Obama vote (whites only) 

 
 (1) (2) (3) (4) (5) 
VARIABLES Red States Null Blue states Null Swing states 
      
Family income -0.00512  -0.0211  -0.0170 
 (0.0206)  (0.0161)  (0.0166) 
Church attendance 0.563***  0.438***  0.398*** 
 (0.0410)  (0.0318)  (0.0365) 
Married -0.448***  -0.197*  -0.358*** 
 (0.124)  (0.103)  (0.127) 
Education -0.0162  0.0371  -0.373* 
 (0.230)  (0.182)  (0.198) 
Age -0.0121***  -0.00297  -0.0101*** 
 (0.00433)  (0.00348)  (0.00365) 
Business owner 0.147  -0.464***  -0.421*** 
 (0.285)  (0.173)  (0.162) 
Professional 0.0293  -0.0824  0.0472 
 (0.150)  (0.133)  (0.138) 
Male -0.143  -0.425***  -0.368*** 
 (0.115)  (0.0979)  (0.107) 
Racial resentment -0.758***  -0.724***  -0.658*** 
 (0.0291)  (0.0271)  (0.0283) 
Gini 3.821  1.552  -1.584 
 (3.031)  (1.778)  (2.080) 
Median income 
($1,000) 

-0.0164*  -0.00493  -0.00756 

 (0.00844)  (0.00455)  (0.00504) 
Percent white -0.000500  -0.00515  0.00756 
 (0.0137)  (0.00434)  (0.0104) 
Percent black -0.0230  -0.00544  0.00348 
 (0.0149)  (0.00926)  (0.0133) 
Ln population -0.120  -0.0633  0.00807 
 (0.109)  (0.0608)  (0.0849) 
Ln pop. density 0.240***  0.0877  0.00950 
 (0.0891)  (0.0603)  (0.0711) 
South -0.201  0.0471  -0.0463 
 (0.163)  (0.253)  (0.119) 
Constant -0.871 0.827*** 0.326 0.207*** 0.960 
 (2.271) (0.154) (1.075) (0.0745) (1.525) 
      
Observations 6,051 6,051 6,717 6,717 8,187 
Number of groups 416 416 252 252  

Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Figure 4.5 - Distribution of income in rich vs poor counties 

 

Figure 4.6 - Inequality and vote in rich vs poor counties (whites only) 
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Figure 4.7 - Income and vote in rich vs poor counties (whites only) 
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Table 4.4 - Rich county, poor county – Predictors of Obama vote (whites only) 

 
 (1) (2) (3) (4) (5) 
VARIABLES Rich and poor 

counties 
Null Poor 

Counties 
Null Rich 

Counties 
      
Family income -0.0154  0.000819  -0.0213* 
 (0.0104)  (0.0187)  (0.0129) 
Church attendance 0.467***  0.440***  0.470*** 
 (0.0208)  (0.0362)  (0.0271) 
Married -0.345***  -0.524***  -0.208** 
 (0.0711)  (0.128)  (0.0877) 
Education -0.162  -0.242  -0.137 
 (0.120)  (0.202)  (0.144) 
Age -0.00758***  -0.0126***  -0.00559** 
 (0.00223)  (0.00391)  (0.00263) 
Business owner -0.310***  -0.495***  -0.206 
 (0.119)  (0.166)  (0.167) 
Professional -0.0117  -0.0497  0.0338 
 (0.0814)  (0.148)  (0.0957) 
Male -0.368***  -0.455***  -0.265*** 
 (0.0622)  (0.115)  (0.0719) 
Racial resentment -0.730***  -0.749***  -0.679*** 
 (0.0169)  (0.0288)  (0.0211) 
Gini 1.248  -3.209  2.948** 
 (1.334)  (2.845)  (1.298) 
Median income ($1,000) -0.00722**  -0.0302*  -0.00144 
 (0.00323)  (0.0168)  (0.00337) 
Percent white -0.00363  0.00716  -0.00706* 
 (0.00460)  (0.0110)  (0.00413) 
Percent black -0.0163**  -0.0113  -0.00723 
 (0.00636)  (0.0125)  (0.00777) 
Ln population -0.100*  -0.0829  -0.0972* 
 (0.0536)  (0.102)  (0.0568) 
Ln pop. density 0.150***  0.191**  0.0789 
 (0.0492)  (0.0761)  (0.0501) 
South -0.283***  -0.194  -0.256 
 (0.0919)  (0.122)  (0.157) 
Constant 0.838 0.664*** 2.986 0.770*** 0.0390 
 (0.943) (0.0794) (1.921) (0.129) (0.956) 
      
Observations 20,955 20,955 7,362 7,362 13,593 
Number of groups 1,136 1,136 626 626  

Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Table 4.5 - Gini-population correlations 

  Gini 
Population .375 
Population density .408 
Urban (over 1,000 people/sq. mi.) .474 
 
 
 
 
 
Figure 4.8 - Income and vote in urban vs non-urban counties (whites only) 
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Table 4.6 - Predictors of Obama vote partitioned on population density (Gini MoE<0.017) 

 (1) (2) (3) (4) 
VARIABLES X<1,000 people/sq. 

mi. 
Null X>1,000 people/sq. 

mi. 
Null 

     
Gini 0.636  3.282*  

 (1.792)  (1.772)  
Family income -0.0142  -0.0164  

 (0.0135)  (0.0160)  
Church attendance 0.486***  0.434***  

 (0.0265)  (0.0338)  
Married -0.322***  -0.394***  

 (0.0929)  (0.110)  
Education -0.289*  0.0321  

 (0.149)  (0.197)  
Age -0.00964***  -0.00376  

 (0.00291)  (0.00354)  
Business owner -0.281**  -0.359  

 (0.118)  (0.256)  
Professional 0.0486  -0.108  

 (0.0970)  (0.138)  
Male -0.433***  -0.254**  

 (0.0774)  (0.102)  
Percent black -0.0216**  -0.0216**  

 (0.0104)  (0.00857)  
Percent white -0.00209  -0.0140**  

 (0.00783)  (0.00571)  
Median income -0.00899**  -0.00311  
($1000s) (0.00455)  (0.00347)  
Ln population 0.0671  -0.146*  

 (0.0891)  (0.0736)  
Ln pop. density -0.0298  0.0617  

 (0.0872)  (0.0762)  
Racial resentment -0.757***  -0.692***  

 (0.0215)  (0.0264)  
South -0.334***  -0.167  

 (0.129)  (0.169)  
Northeast -0.00510  -0.146  

 (0.130)  (0.142)  
West -0.474**  -0.312*  

 (0.184)  (0.176)  
Constant 0.252 0.842*** 1.636 0.207**

* 
 (1.362) (0.0953) (1.385) (0.0770) 
     

Observations 13,584 13,584 7,384 7,384 
Number of groups 1,014 1,014 122 122 

Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Figure 4.9 - Income and vote in urban counties (whites only) 
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Table 4.7 - Predictors of Obama vote in urban counties (1,000+ people/sq. mi.) 

 (1) (2) (3) (4) 
VARIABLES Bivariate 

 analysis 
Null Fully controlled  

analysis 
Null 

     
Gini   3.282*  
   (1.772)  
Family income -0.0171*  -0.0164  
 (0.00958)  (0.0160)  
Church attendance   0.434***  
   (0.0338)  
Married   -0.394***  
   (0.110)  
Education   0.0321  
   (0.197)  
Age   -0.00376  
   (0.00354)  
Business owner   -0.359  
   (0.256)  
Professional   -0.108  
   (0.138)  
Male   -0.254**  
   (0.102)  
Percent black   -0.0216**  
   (0.00857)  
Percent white   -0.0140**  
   (0.00571)  
Median income   -0.00311  
($1000s)   (0.00347)  
Ln population   -0.146*  
   (0.0736)  
Ln pop. density   0.0617  
   (0.0762)  
Racial resentment   -0.692***  
   (0.0264)  
South   -0.167  
   (0.169)  
Northeast   -0.146  
   (0.142)  
West   -0.312*  
   (0.176)  
Constant 0.313*** 0.299*** 1.636 0.207*** 
 (0.0869) (0.0644) (1.385) (0.0770) 
     
Observations 8,150 8,150 7,384 7,384 
Number of groups 122 122 122 122 

Standard errors in parentheses   
 *** p<0.01, ** p<0.05, * p<0.1 
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Figure 4.10 - Racial resentment in urban vs non-urban counties (whites only) 

 
 
Figure 4.11 - Income and vote (partitioning on Gini in urban counties; whites only) 
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Table 4.8 - Predictors of Obama vote in Urban counties 
 (1) (2) (3) (4) 
VARIABLES Gini<.46 Null Gini>.48 Null 
     
Income -0.00314  0.0154  
 (0.0349)  (0.0208)  
Church attendance 0.466***  0.411***  
 (0.0583)  (0.0483)  
Married -0.233  -0.549***  
 (0.180)  (0.191)  
Education 0.601  0.0704  
 (0.375)  (0.238)  
Age 0.00185  -0.0114*  
 (0.00638)  (0.00631)  
Business owner -0.611  0.0265  
 (0.409)  (0.432)  
Professional 0.187  -0.422**  
 (0.256)  (0.206)  
Male -0.555***  -0.142  
 (0.199)  (0.150)  
Percent black -0.00739  -0.0213  
 (0.00793)  (0.0145)  
Percent white -0.0155***  -0.0170  
 (0.00488)  (0.0140)  
Median income -0.00578  0.0110  
($1000s) (0.00450)  (0.00935)  
Ln population -0.236**  -0.0904  
 (0.0961)  (0.109)  
Ln pop. density 0.137  0.0112  
 (0.0887)  (0.113)  
Racial resentment -0.679***  -0.652***  
 (0.0378)  (0.0384)  
South -0.250  -0.139  
 (0.201)  (0.279)  
Constant 2.904* 0.0642 2.485 0.284* 
 (1.528) (0.0476) (3.120) (0.147) 
     
Observations 2,225 2,225 2,857 2,857 
Number of groups 47 47 42 42 

Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Figure 4.12 - Inequality and vote in urban vs non-urban counties (whites only) 
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Table 4.9 - Predictors of Obama vote partitioned on population density 

 (1) (2) (3) (4) (5) (6) 
Variables Urban Null Suburban/ 

rural with 
high Gini 

 MoE 

Null Suburban/ 
rural with 
 low Gini 

 MoE 

Null 

       
Gini 3.016*  -4.975  0.557  

 (1.772)  (3.664)  (1.782)  
Family 
income 

-0.0162  -0.0253  -0.0141  

 (0.0160)  (0.0403)  (0.0135)  
Church 
attendance 

0.434***  0.648***  0.485***  

 (0.0338)  (0.0597)  (0.0265)  
Married -0.395***  -0.0759  -0.323***  

 (0.110)  (0.234)  (0.0929)  
Education 0.0295  0.574  -0.292**  

 (0.197)  (0.403)  (0.149)  
Age -0.00374  -0.00723  -0.0096***  

 (0.00355)  (0.00720)  (0.0029)  
Business owner -0.359  -0.775**  -0.284**  

 (0.256)  (0.353)  (0.118)  
Professional -0.109  -0.545*  0.0490  

 (0.138)  (0.317)  (0.0970)  
Male -0.254**  -0.628***  -0.432***  

 (0.102)  (0.195)  (0.0774)  
Percent black -0.0170**  -0.00800  -0.0133  

 (0.00747)  (0.0183)  (0.0104)  
Percent white -0.0106**  -0.00931  0.00535  

 (0.00439)  (0.0150)  (0.00801)  
Median  
income 
($1000s) 

-0.00354  -0.0152  -0.0097**  

 (0.00342)  (0.0117)  (0.0045)  
Ln 
population 

-0.141*  -0.0785  -0.0440  

 (0.0745)  (0.192)  (0.0785)  
Ln pop.  
density 

0.0668  0.191  0.0816  

 (0.0690)  (0.142)  (0.0747)  
Race resent -0.691***  -0.885***  -0.757***  

 (0.0264)  (0.0538)  (0.0215)  
South -0.0709  -0.633***  -0.275**  

 (0.165)  (0.238)  (0.115)  
Constant 1.258 0.215*** 2.924 3.560*** 0.276 0.857*** 

 (1.207) (0.0788) (2.856) (0.528) (1.443) (0.0983) 
       

Obs. 7,384 7,384 2,790 2,790 13,584 13,584 
Number of 
groups 

122 122 1,098 1,098 1,014 1,014 

Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Figure 4.13 - Inequality and vote in urban counties (whites only) 
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Table 4.10 - Urban counties only - Predictors of Obama vote 

 
 (1) (2) (3) (4) 
VARIABLES Bivariate 

analysis 
Null Controlled 

analysis 
Null 

     
Gini 4.718***  3.016*  
 (1.588)  (1.772)  
Family income   -0.0162  
   (0.0160)  
Church attendance   0.434***  
   (0.0338)  
Married   -0.395***  
   (0.110)  
Education   0.0295  
   (0.197)  
Age   -0.00374  
   (0.00355)  
Business owner   -0.359  
   (0.256)  
Professional   -0.109  
   (0.138)  
Male   -0.254**  
   (0.102)  
Percent black   -0.0170**  
   (0.00747)  
Percent white   -0.0106**  
   (0.00439)  
Median income 
($1000s) 

  -0.00354  

   (0.00342)  
Ln population   -0.141*  
   (0.0745)  
Ln pop. density   0.0668  
   (0.0690)  
Race resent   -0.691***  
   (0.0264)  
South   -0.0709  
   (0.165)  
Constant -2.060*** 0.256*** 1.258 0.215*** 
 (0.728) (0.0518) (1.207) (0.0788) 
     
Observations 9,429 9,429 7,384 7,384 
Number of groups 122 122 122 122 

Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Figure 4.14 - Inequality and vote (Class breakdown in urban counties; whites only) 
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Table 4.11 - Urban analysis - Predictors of Obama vote partitioned on income 

 (1) (2) (3) (4) (5) (6) 
Variables Under 

 $40,000 
Null $40,000- 

$99,000 
Null $100,000+ Null 

       
Gini 6.363**  2.176  1.592  
 (3.089)  (2.223)  (4.273)  
Family income -0.0484  -0.0175  -0.116  
 (0.0948)  (0.0519)  (0.116)  
Church 
attendance 

0.406***  0.481***  0.438***  

 (0.0575)  (0.0490)  (0.0723)  
Married -0.0987  -0.602***  -0.492**  
 (0.195)  (0.163)  (0.244)  
Education 0.841*  -0.562**  0.0729  
 (0.428)  (0.276)  (0.373)  
Age -0.00246  -0.000458  -0.0100  
 (0.00601)  (0.00452)  (0.00948)  
Business owner -1.424***  -0.285  0.305  
 (0.391)  (0.283)  (0.586)  
Professional -0.551  0.231  -0.0848  
 (0.392)  (0.199)  (0.208)  
Male -0.174  -0.295*  -0.322  
 (0.215)  (0.157)  (0.231)  
Percent black -0.0272***  -0.00876  -0.0184  
 (0.0103)  (0.00971)  (0.0189)  
Percent white -0.0113*  -0.00787  -0.00424  
 (0.00655)  (0.00911)  (0.0130)  
Median income 
 ($1000s) 

-0.00583  -0.00166  0.00147  

 (0.00622)  (0.00487)  (0.00724)  
Ln population -0.0189  -0.103  0.0817  
 (0.127)  (0.0903)  (0.148)  
Ln pop. density -0.103  0.124  0.281  
 (0.137)  (0.113)  (0.189)  
Race resent -0.550***  -0.744***  -0.892***  
 (0.0540)  (0.0346)  (0.0495)  
South -0.229  -0.422**  0.102  
 (0.186)  (0.195)  (0.357)  
Northeast -0.0674  -0.231  0.0407  
 (0.186)  (0.195)  (0.329)  
West -0.466**  -0.0250  -0.242  
 (0.225)  (0.311)  (0.412)  
Constant -0.749 0.166 0.568 0.262*

** 
-1.849 0.742*** 

 (2.266) (0.104) (2.027) (0.084
2) 

(3.497) (0.232) 

       
Observations 1,692 1,692 3,646 3,646 2,104 2,104 
Number of groups 130 130 133 133 127 127 

Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Figure 4.15 - Inequality and vote (Class breakdown in non-urban counties; whites only) 
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Table 4.12 - Predictors of Obama vote in Suburban/rural counties - partitioned on income 

 (1) (2) (3) (4) (5) (6) 
Variables Under $40,000 Null $40,000-

$99,000 
Null $100,000

+ 
Null 

       
Gini 1.928  -0.993  1.114  
 (3.315)  (2.377)  (4.356)  
Family 
income 

0.0166  -0.000511  0.0146  

 (0.0747)  (0.0370)  (0.0745)  
Church 
attendance 

0.450***  0.501***  0.626***  

 (0.0420)  (0.0403)  (0.0731)  
Married -0.320**  -0.347**  -0.375  
 (0.134)  (0.142)  (0.298)  
Education -0.164  -0.382*  -0.435  
 (0.279)  (0.218)  (0.374)  
Age -0.0138***  -0.00801*  -0.0117  
 (0.00458)  (0.00435)  (0.00789)  
Business 
owner 

-0.501**  -0.156  -0.339  

 (0.242)  (0.189)  (0.294)  
Professional -0.0277  0.0785  0.188  
 (0.243)  (0.137)  (0.188)  
Male -0.461***  -0.402***  -0.617***  
 (0.141)  (0.114)  (0.202)  
Percent black -0.0243  -0.0135  -0.0164  
 (0.0189)  (0.0130)  (0.0218)  
Percent white 0.000931  0.000173  -0.00909  
 (0.0141)  (0.0102)  (0.0184)  
Median 
income 
($1000s) 

-0.0108  -0.00551  -0.0155  

 (0.00847)  (0.00581)  (0.0107)  
Ln 
population 

-0.0981  0.152  0.0943  

 (0.140)  (0.112)  (0.175)  
Ln pop. 
density 

0.138  -0.152  0.0847  

 (0.143)  (0.103)  (0.192)  
Race resent -0.775***  -0.767***  -1.025***  
 (0.0397)  (0.0300)  (0.0579)  
South -0.339  -0.341**  -0.298  
 (0.225)  (0.165)  (0.320)  
Northeast 0.172  -0.00635  -0.0979  
 (0.229)  (0.161)  (0.318)  
West -0.337  -0.613**  -0.215  
 (0.266)  (0.240)  (0.395)  
Constant 0.880 1.873**

* 
-0.00850 0.971*** -0.381 1.528*** 

 (2.427) (0.271) (1.772) (0.133) (3.565) (0.367) 
Observations 4,002 4,002 6,931 6,931 2,651 2,651 
Number of 
groups 

874 874 944 944 659 659 

Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Chapter 5 - Conclusion  
 
 The U.S. witnessed a substantial increase in economic inequality over the past four 

decades. Today inequality levels in the U.S. are amongst the highest in the developed world 

("Gini," 2016).  These levels of inequality haven’t been seen in the U.S. since the Great 

Depression, and therefore preceded the advent of modern survey measures.  Given this 

unprecedented environment, this dissertation has tried to better understand the impact of 

inequality on vote choice.  This pursuit has taken two different forms.  First, it looked for 

evidence of class voting in the 2012 presidential election.  Second, it investigated the possible 

effects of local levels of inequality on vote choice.   

 

Summary of findings  

Previous researchers have failed to reach a consensus on whether class affects vote 

choice in the U.S. (Bartels, 2008; Andrew Gelman, 2009; A. Gelman, Kenworthy, & Su, 2010; 

McCarty et al., 2006)  In this dissertation I found very little evidence of a nationwide class 

voting effect in the 2012 presidential election.  What at first appears to be a class voting effect is 

actually driven by race.  Minorities in the U.S. are both more likely to fall into the bottom third 

of the income distribution, and they are also more likely to support Democrats when compared to 

their white counterparts.  I did find evidence of a class voting effect amongst Latinos, but a lack 

of statistical power made it difficult to get a clear picture of what is going on.  While blacks 

showed up to the polls in record numbers in both 2008 and 2012, their near uniform support for 

the Democratic candidate prevented any potential for a class effect amongst that group.  When I 

relied exclusively on individual level predictors, white voters showed no tendency to vote based 
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on class, with the exception of small class voting effects which manifested in swing states, and 

the Northeast region. 

 In chapter 3 I looked at the impact of environmental factors on support for Obama.  

McCarty, Poole and Rosenthal found a growing partisan gap between voters in poor 

congressional districts, which typically support Democratic candidates, and voters in rich 

districts which typically support Republican candidates (2006).  Gelman found the inverse of this 

pattern at the state level (2009).  I found that median income was a poor predictor of support for 

Obama at the county level, but that local levels of inequality did predict Obama vote.  This link 

between high inequality and Obama support was both statistically significant and substantively 

important.  I also found that the size of the effect was more pronounced in certain environments.  

For example, I found that the variation on my inequality measure, Gini, resulted in a larger 

change in Obama support in rich counties.  I found a larger effect in the Northeastern U.S. which 

has a larger number of urban counties than any other region.  Finally, I found larger effects in the 

West region, in blue states and in swing states. My findings raised an obvious question: if there’s 

little apparent class voting, why are local levels of inequality so predictive of Obama vote? 

 When I combined both individual and environmental level predictors, I found that the 

inequality-Obama vote relationship was not being driven by class voting tendencies.  Instead, I 

found that voters living in unequal counties were more likely to support Obama, and that this 

trend was consistent regardless of voter income.    This shouldn’t be interpreted as strong 

evidence that inequality doesn’t impact vote choice.  What it shows is that high levels of 

inequality do not activate class voting, which is the most commonly accepted theoretical 

justification for the link between the two phenomena.  But counties with high levels of inequality 

differ from their more equal counterparts in a number of ways.  They are disproportionately 
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urban, they often have a lower proportion of whites, and the whites that do live in unequal 

counties are less likely to score high on racial resentment.  I also found that working class whites 

living in high inequality urban counties were more likely to support Obama when compared to 

their counterparts living in relatively equal urban counties.  While these whites make up a 

relatively small proportion of the national population, this last finding is consistent with the 

aggregate level finding in the Northeast, and the comparative politics literature, which asserts 

that support for redistribution is typically higher in countries that skew more urban  (A. Alesina 

et al., 2001). 

 

Limitations 

 Students of inequality are still hampered by substantial measurement issues.  In the 

international context, economic statistics are rarely calculated in a uniform fashion from one 

country to the next.  At the subnational level, current survey measures lack the precision 

necessary to drill down very far.  For example, I used a five-year average from the largest survey 

that I am aware of in the U.S., in order to obtain the most precise county level estimate that I 

could.  Nevertheless, I had to drop roughly 60 percent of my county level observations due to 

measurement error issues in small county samples.  Since most of the excluded counties are 

sparsely populated, I was able to retain a measure for counties containing nearly ninety percent 

of the U.S. population. Nevertheless, these issues of measurement error remain substantial.  First, 

it could be the case that the counties I retained might differ in some important way from those I 

jettisoned, which threatens generalizability.  More importantly, it limits my analysis to the 

highest levels of aggregation.  I focused on county, because I wanted a consistent measure across 

the country that best approximated a community or metropolitan area.  One of the most 
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consistent comments that I received while working on this project was that communities might 

be better modeled by looking at lower levels of aggregation like school districts or census blocks.  

This is a case of the proverbial drunkard’s search.  I agree that those analyses will add a lot of 

insight to the question of how local inequality impacts people’s voting behavior.  Assuming that 

the researcher relies on within unit measures of inequality like Gini, those analyses are only 

possible in the most urban of environments today, and a more comprehensive study at that level 

will require either better measures, or a substantial technological development that addresses the 

measurement error problem.   

 Another limitation of this analysis is its focus on class as a purely economic 

phenomenon.  Education also plays a critical role in the formation of class (Geoff Evans, 1992).  

Early analyses of the 2016 election have shown that a huge divide in support exists between 

individuals with a graduate degree on the one hand, and those with a high school education on 

the other (Silver, 2016).  A more comprehensive measure of social class, and a new theoretical 

structure that works with this comprehensive measure would help to further this research in the 

future.   

Implications 

 I started this journey expecting to find that high levels of local inequality would activate 

class consciousness in the poor and lead to increased class voting.  This work would have been 

consistent with previous findings by McCarty, Poole and Rosenthal (1997, 2006), Bartels (2008), 

and the work of Johnston, Newman and Lown (2015).  What I found was more consistent with 

the Comparative politics literature than the American politics literature. Comparative political 

scientists have long asked why America lacks a Scandinavian style welfare state.  For instance, 

Alesina and Glaeser linked a relatively weak welfare state to a number of factors including the 
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U.S.’s high levels of racial diversity, relatively low population density, and exclusive reliance on 

single member districts at the national level (Alberto Alesina & Glaeser, 2004).  In regards to 

inequality, the comparative literature often fails to find that high inequality levels increase 

support for left parties and redistribution (Benabou, 2000; Kenworthy & McCall, 2008; Shayo, 

2009). By relying on a within unit measure of inequality (Gini) and leveraging spatial rather than 

temporal variation, I adapted a traditionally comparative technique to a study of class voting and 

inequality in the U.S.  Perhaps it shouldn’t be a surprise then that my within county findings 

were consistent with a number of findings within the comparative literature.  For example, I 

found that support for the left party was higher in urban environments.  I found that, in urban 

environments, inequality impacts the vote of the poor at greater rates than voters in the top two 

thirds of the income distribution.  I also found that race effects dominated the electoral decision 

in 2012 in a way that left little room for many other factors.  This latter finding about racial 

attitudes adds to a growing literature on the importance that race plays both in U.S. elections and 

on support for redistribution (Gilens, 2009; Tesler & Sears, 2010).  The implication here is that 

there’s little reason to expect that income will become a substantial dividing line in the U.S. 

electorate in the near future.  If racial demographic trends continue, the comparative literature 

would suggest that an income based class consciousness will be even less likely to manifest in 

the future. 

While some of my findings did support those in the comparative literature my findings 

did differ from those findings in one important way. I found that people living in high inequality 

counties consistently supported the Democratic Party at higher rates than those living in more 

equal counties.  I am able to show that this pattern is due in part to issues like racial attitudes 

amongst whites, but a substantial portion of the variation is still unaccounted for.  The 
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unexplained portion of the gap may be due to the impact of inequality, or it may be yet another 

correlated phenomenon.  Rooting out the causal chain on the unexplained portion of this gap will 

be important going forward. 

   

Future Research 

 This study aimed to provide insights into the behavior of voters in the 2012 

election, but it has also generated a number of questions.  The first of these is, given the small 

role that family income played in the 2012 election, was the lack of class voting during the 

reelection of the first black president epiphenomenal, or will it fail to replicate in 2016? We have 

a lot of evidence that racial attitudes have become even more important since 2008 (Tesler, 2012; 

Tesler & Sears, 2010).  The question becomes, whether the predictive power of those attitudes 

will remain stable once the first black president has left office, or whether those attitudes will 

continue to be just as, or nearly as, predictive of vote choice in the future.  

Second, while income failed to influence vote choice to a substantial degree, increased 

education does lead to increased support for the Democratic Party (A Deep Dive Into Party 

Affiliation, 2015).  Could it be that education is now a better predictor of class status than 

income?  In depth interviews could provide insight into how people construct their identities, the 

role that class plays in constructing those identities, and what elements combine to create a class 

identity.     

Third, while we didn’t witness substantial levels of class voting in the 2012 elections, 

something very interesting happened in 2016.  An outsider candidate won the Republican Party 

nomination for president by running a campaign that railed against free trade, and focused on the 

importance of saving manufacturing jobs.  At the same time, a Democratic Socialist made a 
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substantial second place showing in the Democratic Party.  The 2016 election provides an 

interesting opportunity to study the role that class plays within party rather than between parties.  

An analysis of 2016 primary data could provide valuable insight into this underdeveloped area of 

the class voting literature. 

A fourth option will be to explore the interaction of race and inequality in the U.S.  

Previous work has established a link between attitudes towards redistribution, and a racialization 

of welfare policy in the U.S. (Gilens, 2009).  The work of Key and Heard established the 

importance of racial context in determining the voting behavior of whites (1950), and Enos has 

shown that this continues to be the case today (2016).  Hersh and Nall found that race and class 

interact to impact voting behavior at the precinct level (2016), but I found little evidence of a 

race interaction at the county level.  This inconsistency presents a future opportunity to reconcile 

what appear to be conflicting findings. 

Finally, snapshot measures might do a bad job of capturing projected lifetime earnings, 

and actual class status.  For example, a 4th year medical school student is likely to score very low 

on the income scale, but seems unlikely to identify as working class.  This presents an additional 

measurement error issue that would push any class voting effect towards null findings.  Finding a 

better way to approximate these lifetime earnings could help to reveal class voting effects that 

are masked by noise.  The first step in this process might be to identify the age at which annual 

earnings are most predictive of lifetime earnings, and look for a class effect amongst that age 

group.  A more sophisticated method might predict vote choice by modeling lifetime earnings 

based on a number of measures like current income, area of occupation, and education. 

I wrote this thesis in order to provide some insight into the role that both class, and local 

levels of inequality played in the 2012 presidential election, but there is still much work to be 
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done.  Better measures, and continued testing of the class voting hypothesis will provide 

additional insight into where and when class identities lead to political action.     
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