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Abstract

Some Minorants and Majorants of Random Walks and Lévy Processes
by
Joshua Simon Abramson
Doctor of Philosophy in Statistics
University of California, Berkeley

Professor Steven Neil Evans, Chair

This thesis consists of four chapters, all relating to some sort of minorant or
majorant of random walks or Lévy processes.

In Chapter 1 we provide an overview of recent work on descriptions and properties
of the convex minorant of random walks and Lévy processes as detailed in Chapter 2,
[72] and [73]. This work rejuvenated the field of minorants, and led to the work in
all the subsequent chapters. The results surveyed include point process descriptions
of the convex minorant of random walks and Lévy processes on a fixed finite inter-
val, up to an independent exponential time, and in the infinite horizon case. These
descriptions follow from the invariance of these processes under an adequate path
transformation. In the case of Brownian motion, we note how further special prop-
erties of this process, including time-inversion, imply a sequential description for the
convex minorant of the Brownian meander. This chapter is based on [3], which was
co-written with Jim Pitman, Nathan Ross and Geronimo Uribe Bravo.

Chapter 1 serves as a long introduction to Chapter 2, in which we offer a unified
approach to the theory of concave majorants of random walks. The reasons for the
switch from convex minorants to concave majorants are discussed in Section 1.1,
but the results are all equivalent. This unified theory is arrived at by providing
a path transformation for a walk of finite length that leaves the law of the walk
unchanged whilst providing complete information about the concave majorant —
the path transformation is different from the one discussed in Chapter 1, but this
is necessary to deal with a more general case than the standard one as done in
Section 2.6. The path transformation of Chapter 1, which is discussed in detail in
Section 2.8, is more relevant to the limiting results for Lévy processes that are of
interest in Chapter 1. Our results lead to a description of a walk of random geometric
length as a Poisson point process of excursions away from its concave majorant, which



is then used to find a complete description of the concave majorant of a walk of infinite
length. In the case where subsets of increments may have the same arithmetic mean
(the more general case mentioned above), we investigate three nested compositions
that naturally arise from our construction of the concave majorant. This chapter is
based on [4], which was co-written with Jim Pitman.

In Chapter 3, we study the Lipschitz minorant of a Lévy process. For a > 0, the
a-Lipschitz minorant of a function f : R — R is the greatest function m : R — R
such that m < f and |m(s) —m(t)| < a|s —t| for all s,t € R, should such a function
exist. If X = (X})ier is a real-valued Lévy process that is not pure linear drift
with slope +a, then the sample paths of X have an a-Lipschitz minorant almost
surely if and only if |E[X;]| < «. Denoting the minorant by M, we investigate
properties of the random closed set Z := {t € R : M; = X; A X;_}, which, since
it is regenerative and stationary, has the distribution of the closed range of some
subordinator “made stationary” in a suitable sense. We give conditions for the
contact set Z to be countable or to have zero Lebesgue measure, and we obtain
formulas that characterize the Lévy measure of the associated subordinator. We
study the limit of Z as @ — oo and find for the so-called abrupt Lévy processes
introduced by Vigon that this limit is the set of local infima of X. When X is a
Brownian motion with drift 5 such that |3| < «, we calculate explicitly the densities
of various random variables related to the minorant. This chapter is based on [2],
which was co-written with Steven N. Evans.

Finally, in Chapter 4 we study the structure of the shocks for the inviscid Burg-
ers equation in dimension 1 when the initial velocity is given by Lévy noise, or
equivalently when the initial potential is a two-sided Lévy process v (the change in
notation for a Lévy process from Chapter 3 is necessitated by the change from a tem-
poral to a spatial independent variable). This shock structure turns out to give rise
to a parabolic minorant of the Lévy process — see Section 4.2 for details. The main
results are that when vy is abrupt in the sense of Vigon or has bounded variation
with limsupy,|o h=21y(h) = oo, the set of points with zero velocity is regenerative,
and that in the latter case this set is equal to the set of Lagrangian regular points,
which is non-empty. When ) is abrupt the shock structure is discrete and when )
is eroded there are no rarefaction intervals. This chapter is based on [1].
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Chapter 1

Convex Minorants of Random
Walks and Lévy Processes

1.1 Introduction

The greatest convexr minorant (or simply convex minorant for short) of a real-valued
function (z,,u € U) with domain U contained in the real line is the maximal convex
function (c,,u € I) defined on a closed interval I containing U with ¢, < z,, for all
u € U. A number of authors have provided descriptions of certain features of the
convex minorant for various stochastic processes such as random walks [6, 21, 42, 86],
Brownian motion [23, 26, 45, 71, 89, 11], Cauchy processes [12], Markov Processes
[55], and Lévy processes (Chapter XI of [65]). Figure 1.1 illustrates an instance of
the convex minorant for each of a random walk, a Brownian motion, and a Cauchy
process on a finite interval.

The recent articles [4, 72, 73] provide a relatively complete description of the
convex minorant of random walks, Brownian Motion, and Lévy processes respectively
which not only encompass much of the somewhat ad hoc previous work on convex
minorants, but also provide new tools to derive previously unknown properties of
such convex minorants. Chapter 2 of this thesis covers the random walk case and
is the basis for one of those three articles ([4]). The purpose of this chapter is
to provide an overview of all three works in order to demonstrate the strength of
the recent revival in investigations into minorants and in order to put the work of
Chapter 2 in context. As it is a summary, we will focus on stating results in this
chapter in a streamlined fashion, referring to Chapter 2, [73] and [72] where needed
to furnish details and proofs.
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Figure 1.1: Tllustration of the convex minorant of a random walk, a Brownian motion,
and a Cauchy process on a finite interval.

Note that although the results of the random walk case will be repeated in Chap-
ter 2, they are presented in a slightly different fashion here in order to emphasize
which elements of Chapter 2 were important in the development of [72] and [73].
Specifically, the so called ‘3214’ transformation is emphasized, as well as the connec-
tion with uniform stick breaking, since this provides the cleanest link between the
random walk case and the limiting cases of Brownian motion and Lévy processes
(studied in [72] and [73] respectively). Note further that Chapter 2 works with
concave majorants, rather than convex minorants, however the results are clearly
equivalent. The reason for the switch is that much of the historical work for random
walks was done for the concave majorant case, whilst the work for Brownian motion
was traditionally done for the convex minorant case. Moreover, in the random walk
case the details of the point process description of the convex minorant or concave
majorant described below are easier to understand in the concave majorant case.

The layout of this chapter is as follows. First, we conclude the introduction
by providing a brief literature review of work related to convex minorants of various
stochastic processes prior to the three recent articles mentioned above. In Section 1.2
we discuss the convex minorant of a random walk. In Section 1.3 we describe the
limiting case of the results of Section 1.2 - the convex minorant of a Lévy process.
In Section 1.4 we provide an overview of additional results in the special case of
Brownian motion. We conclude in Section 1.5 by presenting a selection of open
problems relating to convex minorants of stochastic processes.
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1.1.1 History

Let Sp = 0 and S; = Ezzl X; for 1 < 5 < n, where Xi,...,X, are exchangeable
random variables such that almost surely no two subsets of Xi,..., X, have the
same arithmetic mean (satisfied for example if the marginal X; have continuous
distribution). Let S := {(5,5;) : 0 < j < n}, so that S" is the random walk
of length n with increments distributed as Xi,..., X,,.

As illustrated by Figure 1.1, the convex minorant of S!%" is a piecewise linear
function comprised of a finite number of linear segments. We refer to the linear
segments as faces, the length of a face is as projected onto the horizontal time axis,
and the slope of a face is the slope of the corresponding segment. We also refer to
the points where the convex minorant equals the process as vertices; note that these
points are also the endpoints of the linear segments.

In the 1950’s, E. Sparre Andersen [6] discovered the following remarkable result:
for F,, the number of faces of the convex minorant of SI%"  there is the equality in
distribution

Fo £ K,=Y I, (1.1.1)
j=1

where K, is the number of cycles in a uniformly distributed random permutation of
the set [n] .= {1,...,n}, and I;,j = 1,2,... is a sequence of independent Bernoulli
variables with P(I; = 1) = 1/j and P(/; = 0) = 1 — 1/j for each j. The second
equality in (1.1.1) is an elementary and well known representation of K, which
holds for a number of natural constructions of uniform random permutations of n
simultaneously for all n, including both the construction from records of the X; [42],
and the Chinese Restaurant Process [70].

A further result that seems to have been known by Spitzer [86], and shown
explicitly by Goldie [42] using a generalization by Brunk of Spitzer’s Lemma [21], is
that the distribution of the partition of n generated by the lengths of the faces of the
convex minorant on [0, n|, which may be encoded by these lengths in non-increasing
order, has the same distribution as the partition of n generated by the cycles of a
uniform random permutation. Thus the partition of n induced by the lengths of the
faces of the convex minorant may be generated by a discrete uniform stick breaking
process on [0, n] [70].

Another case that has been considered is that of a random walk run for a geo-
metrically distributed amount of time. In [44], the authors consider decomposition
at the minimum (obviously a vertex of the convex minorant) of such a walk, and
due to (1.1.1), some results in this case can be gleaned from the cycle structure of a
random permutation of random length which was studied in [83]. Note that at this
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point, nothing has been said about the convex minorant of a random walk run to
infinity which is a case our results cover.

The convex minorant of Brownian motion has also been considered in the liter-
ature, where again we must divide efforts into the three time cases: finite, random,
and infinite. Descriptions of the convex minorant of Brownian motion run for an
infinite time were first provided in [45] and [71]. In [45], the author studies the de-
creasing process which has jumps occurring at values of slope achieved by the convex
minorant with increments equal to the lengths of the faces at those slopes. In [71],
many of the results of [45] are recovered using a sequential description of the convex
minorant derived from Williams decomposition [96]. Embellishment and elaboration
of both these efforts can be found in [26, 24, 23].

Williams decomposition can also be used to derive some facts about the convex
minorant of Brownian motion run for an exponential time, as the decomposition
relates to the time and value of the minimum of Brownian motion with drift.

The convex minorant of Brownian motion run for a fixed time has also been
considered in [89] where particular attention is paid to the interval partition of [0, 1]
derived by cutting at times of the vertices of the convex minorant. It is also important
to note that the convex minorant of Brownian motion run for a fixed time is easily
related to the convex minorant of Brownian bridge which can be related to the convex
minorant of Brownian motion run for an infinite time via a Doob transform. This
was observed in [45] and additional details of this relationship were fleshed out in
9].

Finally, the convex minorant of Lévy processes in general have also been con-
sidered. For the convex minorant up to a random time, the limiting case of the
random walk of [44] was worked out in [43]. The convex minorant of a Lévy process
run for an infinite time is discussed in [65], see also [11]. The convex minorant of a
Cauchy process on the unit interval (an especially nice case, as we shall see below)
was discussed in the note [12].

The descriptions contained in [4, 72, 73] encompass all three finite, random,
and infinite time horizons in all three of the cases mentioned above (random walk,
Brownian motion, Lévy processes). We also note here that although some properties
of the convex minorant of Brownian motion in [72] can be read from [73], more can
be said in the Brownian case than for Lévy processes in general.
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1.2 Random Walks

As in Section 1.1.1, let Sy = 0 and S; = g:l X, for 1 < j <n, where Xy,..., X, are
exchangeable random variables such that almost surely no two subsets of X1,..., X,
have the same arithmetic mean (satisfied for example if the X; are i.i.d. with con-
tinuous distribution). Let S := {(4,5;) : 0 < j < n}, so that SI®" is the random
walk of length n with increments distributed as Xi,...,X,. As already mentioned
in Section 1.1.1, the convex minorant of SI®™ consists of piecewise linear segments
which we refer to as faces. Let F, be the number of faces of C1%™. the convex
minorant of SI®™ and define

O<Nn,1<Nn,1+Nn,2<"'<Nn,1+"'+Nn,Fn:n

to be the successive indices j with 0 < j < n such that S; = Qj; we refer to IV, ;
as the length of the ith face of CI®™. Finally, let Lyi,...,L,p, be the lengths of
the faces of CI%" arranged in non-increasing order. We refer to this sequence as
the partition of n generated by the convex minorant of SI%”. Recall the following
classical result.

Theorem 1.2.1 ([6, 21, 42, 86]). The sequence Ly, 1, ..., L, r, of ranked lengths of
faces of the convex minorant of S a random walk with exchangeable increments
with almost surely no subset average ties has the same distribution as the ranked
cycle lengths of a uniformly chosen permutation of n elements:

1

jaj Clj!

7=1

where aj == #{i : n; = j}, andny > ... > ny withng + - -+ ny = n.

The following natural question was the starting point of our study of convex
minorants.

Given the partition of n generated by the faces of the convex minorant of
S0m how are the lengths ordered to form the composition of n generated
by the convex minorant of S071?

In the notation above, the sequence of variables (N, 1, ..., N, r,) is the composition
of n generated by the convex minorant.

In the case that the X; are i.i.d. the answer to this question is easy to describe.
For j = 1,...,n each face of length j is assigned an increment distributed as Sj,
independently of all other increments, and then the faces are ordered according to
increasing slope. Formally, we have the following result.
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Theorem 1.2.2 (Corollary 2.2.3). Let (Ny,1,...,N,p,) be the composition of n
induced by the lengths of the faces of the convex minorant of S°™. Assuming no
subset average ties, the joint distribution of Ny 1,..., Ny g, s given by the formula

S 8% sé?) Tl
< < oo <&
=1

ni no g ez

for allny, ... ,ng withny +---+ng =n, and where for 1 <i <k

; d
(2 R— =
S( ) = Oni+-4n; Sn1+~-~+ni_1 == Snl

In particular, if the X; are independent, then so are the ST(L? for1 <i<k.

The special case of Cauchy increments gives rise to the following appealing version
of Theorem 1.2.2.

Corollary 1.2.3 (Corollary 2.3.1). Suppose that the X; are independent and such
that Sk/k has the same distribution for every k, as when the X; have a Cauchy
distribution. Then

k
1 1
. nl
=1

and hence {N,; : 1 < i < F,} has the same distribution as the composition of
n created by first choosing a random permutation of n and then putting the cycle
lengths in uniform random order.

Note that the continuum limit of this result can be read from Bertoin’s work [12]
and follows from the description provided in [73] as discussed below.

In order to proceed further, it is crucial that we introduce the representation of
the convex minorant as a point process of lengths and increments of the faces, where
the lengths are chosen according to the cycle structure of a random permutation of n
elements and the increments are chosen according to Theorem 1.2.2 (independently
if the X; are). Figure 1.2 illustrates this representation.

From this point, we can use Theorem 1.2.2 to provide a construction of the convex
minorant of a random walk of a random length in the case of independent increments.
We already have some description in this case since we have a construction conditional
on the length, but more can be said. The work of Shepp and Lloyd [83] on the cycle
structure of permutations combined with the forthcoming Proposition 1.2.9 yield the
following result.
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Increment Height
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0 >

Y

‘ Length Time

1 2 3

Figure 1.2: Illustration of the convex minorant of a random walk as a point process.

Theorem 1.2.4 (Theorem 2.4.2). Let n(q) be a geometric random variable with
parameter 1 — q; that is P(n(q) > n) = ¢",n = 0,1,.... If X1, Xy, ... are inde-
pendent with common continuous distribution, then the point process of lengths and
increments of faces the convex minorant of S is a Poisson point process on
{1,2,...} x R with intensity

iT'¢P(S; €da), j=1,2,..., z€R

Moreover, let T; = Z§:1 N, 0 <0 < Fyg), be the consecutive indices at which
SOn@] meets its conver minorant, so that Ty = 0 and TF,, = nlq). Then the
sequence of path segments

{(STi_A'_k - STZ.,O S k S Nn(q),i+1)7i - O, N 7Fn(q) - 1},

1s a list of the points of a Poisson point process in the space of finite random walk
segments

{(s1,...,8;5) for some j =1,2,...}

whose intensity measure on paths of length j is ¢/ =1 times the conditional distribu-
tion of the path (Si,...,S;) given that Sy > (k/7)S; for all1 <k < j—1.

An important facet of the Poisson point process description is that it provides a
decomposition of a random walk up to the index of its minimum. For example, the
description of Theorem 1.2.4 is a more complete description of the convex minorant
of a random walk which was the basis for Spitzer’s combinatorial identity [86].
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Theorem 1.2.5 ([86]). Let X1, Xo, ... be independent with common continuous dis-
tribution, So = 0, Sy = Zle X; for k> 1, and M, := ming<y<, Sk. Then

o x k

N i q itS
E Ee!tMn — ex E —[Ee"k
n=0 ! " (kl k > ’

where ;. = min{ Sk, 0}.

Now, by letting ¢ tend to one in Theorem 1.2.4, we obtain a description of the
convex minorant of S a random walk on [0, 00).

Theorem 1.2.6 (Theorem 2.5.1). If X1, Xs, ... are independent with common con-
tinuous distribution with EX; € (—oo,00], then the point process of lengths and
increments of faces the convexr minorant of S is a Poisson point process on
{1,2,...} x R with intensity

TIPS edr), j=1,2,..., % < EX,.

Similar to Theorem 1.2.4, there is a companion path space statement which we
omit for the sake of brevity.

The key to the results above is a certain property of a transformation of the walk
S0 which not only yields the results above, but also provides a construction of the
walk jointly with its convex minorant. We will call this transformation the ‘3214’
transformation, as it is described by first dividing the walk S into four consecutive
paths, and then reordering these four pieces with the third one first, the second one
second, and so on.

The ‘3214° transform of S®" is generated by a random variable U which is
uniform on {1,...,n} and is independent of SI®". Given U = u, we then define g
and d as the indices of the left and right endpoints of the face of the convex minorant
of S0 straddling the index u. Note that ¢ and d are almost surely well defined
by this description due to the no subset average ties assumption. Consider the four
paths of the random walk on the intervals [0, g], [g,u], [u,d], and [d,n]. With this
setup, the ‘3214’ transform is defined by reordering the four path fragments of S0
described above to form a new walk path S[[f’n] in the order 3 —2 —1—4. Figure 1.3
illustrates the notation and provides an example of the transformation.

The following lemma summarizes the crucial feature of this transform.

Lemma 1.2.7 (Theorem 2.8.1). Let Xi,...,X,, be exchangeable random variables
with no subset average ties and S the random walk generated by the X;. Let U
uniform on {1,...,n}, independent of the X; and S([?’n} the ‘3214’ transform of S0

8



Chapter 1 — Convex Minorants of Random Walks and Lévy Processes
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Figure 1.3: Notation and application of the ‘3214 transformation.

generated by U. If g and d are the indices of the endpoints of the face of the convex
minorant of SO to the left and right of U, then

(0,80 £ (=g, s5™).

To see how Lemma 1.2.7 corroborates the story above, we introduce discrete
uniform stick breaking on [0,n], one of the many well-known representations of the
distribution of the cycle lengths of a uniformly chosen permutation on n elements.

Definition 1.2.8. For an integer n, define the discrete uniform stick breaking se-
quence of random variables M, 1, ..., M, g, as follows.

e M, is uniform on {1,... n}.
e Fori>1,if 22:1 M, ;j < n, then M, ;. is uniform on {1,n — 22:1 Mn]}

e Fori>1,if 23:1 M, ; = n, then set K,, =i, and end the process.

We refer to the variables L,, 1, ..., L, k, defined to be M, 1, ..., M, g, rearranged in
non-increasing order as the partition of n generated by uniform stick breaking.

To be explicit, we state the following well-known proposition (see [70]).

Proposition 1.2.9. The partition of n generated by uniform stick breaking has the
same distribution as the ranked cycle lengths of a uniformly chosen permutation of
n elements.

From this point, some consideration yields the following implications of Lemma
1.2.7 for a walk with i.i.d. increments and no subset average ties:
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o @ O ©

d—g

Figure 1.4: Hlustration of the inverse ‘3214" transform for the walk of Figure 1.3.

e The lengths of the faces of the convex minorant of S are distributed as
discrete stick breaking.

e Conditional on the lengths of the faces of the convex minorant of SI®™ the
excursions above the segments are independent.

e Given a segment of length j, the excursion above the segment can be realized as
the unique cyclic permutation of a random walk of length j equal in distribution
to S04 which yields a convex minorant of exactly one segment.

The last item is similar in spirit to Vervaat’s transform of a Brownian bridge to an
excursion [91]. As this transformation is not well developed for random walks and
Lévy processes in general (some statements for Lévy processes are found in [90]),
this last item carries real content.

The proof of Lemma 1.2.7 essentially follows from two observations. The first is
that given the values of the increments Xy = z1, ..., X,, = x,, 5; is distributed
as 22:1 Ty for 7 = 1,...,n and where o is a permutation chosen uniformly at
random. From this point we only need to show that the ‘3214’ transformation is
a bijection between {1,...,n}x ‘paths generated from permutations of xi,...,z,’
for fixed increments x; having no subset average ties. The bijection is easily verified
after noting that for a given value of d — g, the indices at which Segment 1 meets
Segment 4 and Segment 3 meets Segment 2 are found by raising a line with slope
equal to the mean of the first d — g increments. Figure 1.4 illustrates this inverse
transformation.

If we remove the assumption that almost surely, no two subsets of the X; have the
same mean, then the process of generating excursions described above may generate
excursions that meet the corresponding face of the convex minorant at points other

10
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than the end points, and excursions that have the same slope. This implies that there
is not necessarily a unique cyclic permutation transforming a walk into an excursion,
and neither is there necessarily a unique ordering of the excursions that puts them
in non-decreasing order of slope. Such technical issues can be dealt with, and we do
so in Section 2.6. However, the ‘3214’ transformation cannot be used for the proof
in this case so a different methodology to the one outlines above is used to prove the
results of Chapter 2.

1.3 Lévy processes

A real valued process X is a Lévy process on [0,00) if Xy = 0, X is cadlag (right
continuous with left limits), and X has independent and stationary increments. As is
well known, Lévy processes are the continuous scaling limits of discrete time random
walks generated by i.i.d. increments, so it is not surprising that continuous analogs of
the results of Section 1.2 hold for Lévy processes. However, there are a few interesting
wrinkles not present in the discrete case and many technical details to be considered
in pushing the discrete results to the limit. We restrict our analysis to the case that
X, has continuous distribution for all ¢ > 0, which is equivalent to the assumption
that X is not a compound Poisson process with drift.

In analogy to the case of random walk, we can view the intervals that a Lévy
process is strictly greater than its convex minorant on [0, 1] as an interval partition
of the unit interval. The formal statement of this last fact is proved in [73], but also
intersects with the work [55].

Proposition 1.3.1 ([73]). Let X be a Lévy process with continuous distribution and
C the convex minorant of X on [0,1]. Let O = {s € (0,t) : Cy, < X;AXs_} and Z be
the set of connected components of O. The following conditions hold almost surely:

1. The open set O = {s € (0,t): C, < Xs A Xs_} has Lebesque measure 1.
2. T is a set of disjoint intervals and the closure of its union is [0, 1].

3. If (g1,dy) and (ge, ds) are distinct intervals of Z, then the slopes of C' over those
intervals differ:

Cy—C, ,Chy—C

1 —91 2 —92

di — g1 dy — g2

For each (g,d) € Z, we refer to g and d as vertices, the length is d — g, the
increment is Cy — C,, and the slope is (Cy — C,)/(d — g).

11
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Because the partition of n generated by the convex minorant of an i.i.d. generated
random walk of n steps is distributed as the partition of n generated by the cycles of
a random permutation for any increment distribution, we might hope that a similar
universal result holds for Lévy processes and also that this universal result might be
a limiting continuous distribution of the cycle structure of a random permutation.
This is indeed the case, but before stating our result we define this continuous limit.

Definition 1.3.2. Define the continuous uniform stick breaking sequence of random
variables as the sequence Lq, Lo, ... defined as follows.

e [ is uniform on [0, 1].
e For i > 1, L;; is uniform on [O, 1— Z;Zl Lj].

We refer to the variables Li, Lo, ..., rearranged in non-increasing order as the parti-
tion of [0, 1] generated by uniform stick breaking.

The variables Ly, Lo, ... almost surely sum to one and their law once arranged in
decreasing order is referred to as the Poisson-Dirichlet distribution with parameter
one which is the limiting distribution of the cycle structure of a permutation chosen
uniformly at random (see [70]). We can now state the following result and note that
a proof in the special case of Brownian motion was sketched in [89].

Theorem 1.3.3 ([73]). The sequence of ranked lengths of faces of the convex mino-
rant of a Lévy process with continuous distributions has the Poisson-Dirichlet distri-
bution with parameter one.

In light of Theorem 1.3.3, the following natural question arises. Given the interval
partition of [0, 1] generated by the convex minorant of a Lévy process X with con-
tinuous distribution, how are the intervals ordered to form the interval composition
of [0, 1] generated by the convex minorant of X?

In total analogy with the answer for i.i.d. random walks, the answer to this ques-
tion is easy to describe. Given the interval of length [, the increment is distributed
as X; independent of all other increments, and the faces are ordered according to
increasing slope.

Theorem 1.3.4 ([73]). Let X be a Lévy process with continuous distribution and
let {(gi,d;)}i>1 denote the intervals of C, the convexr minorant of X on [0,1]. Let
Ly, Ly, ... be generated by uniform stick breaking, So := 0, and for ¢« > 1, define
S; = Z;Zl L;. Then we have the following equality in distribution between sequences:

((di = i, Co — C,) i > 1) £ ((Li,Xs, — X5,,) i > 1).

12
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We note here that applying the theorem to a Cauchy process yields the main result
of Bertoin [12] and also shows the composition generated by the convex minorant on
[0, 1] is a uniform ordering of the generated partition; c.f. Corollary 1.2.3.

We can also consider the convex minorant of a Lévy process X on an interval
of a random exponential length independent of X to obtain the following analog of
Theorem 1.2.4.

Theorem 1.3.5 ([73]). Let T be a rate 0 exponential random variable, X a Lévy
process with continuous distribution which is independent of T and let CT denote the
conver minorant of X on [0,T]. The point process

generated by the lengths t and increments x of CT has the same distribution as a
Poisson point process with intensity measure
—6t

p(dt, dz) = 67 dP(X, € dz).

By integrating out the independent exponential variable, we can also use Theorem
1.3.5 gain insight into the structure of the convex minorant of a Lévy process on [0, 1].

For example, this program yields the following neat dichotomy for stable Lévy
processes.

Proposition 1.3.6 ([73]). Let X be a symmetric stable process with parameter o;
that is Ee™Xt = =t and let S be the set of slopes and T be the set of times of
vertices of the convexr minorant of X on [0, 1].

o If1 <a <2, thenS has no accumulation points, SN (a,o0) and SN (—o0, —a)
are infinite for a > 0, and T has accumulation points at zero and one only.

e /f0<a<1,thenS is dense R and every point of T is an accumulation point.

By letting 6 tend to zero in Theorem 1.3.5, we obtain a description of the convex
minorant of X on [0, c0) which was also derived in [65].

Theorem 1.3.7 ([65, 73]). If X is a Lévy process with continuous distribution and
and

X
I :=lim inf Tt € (—o0, 0],

t—o0

13
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then the lengths t and increments x of the convex minorant of X on [0,00) is a
Poisson point process with intensity

PXiede) — _py
t

Both of the previous theorems carry an Ito type excursion theory analogous to
that of Theorem 1.2.4 for random walks, see [73, Thm. 4].

Theorems 1.3.3 and 1.3.4 follow from a direct analog of Lemma 1.2.7 for a ‘3214’
transform for Lévy processes. The proof uses limiting arguments which crucially
hinge on certain regularity conditions for Lévy processes governing the behavior of
the process at the vertices of the convex minorant.

1.4 Brownian Motion

Since Brownian motion is a Lévy process (and stable with index 2), the results
of the previous section apply to the convex minorant of Brownian motion, and as
mentioned in Section 1.1.1 some of these results were known (from [23, 26, 45, 71,
89]). However, Brownian motion offers extra analysis due to its special properties
among Lévy processes (e.g. continuity and time inversion). We begin by noting the
following special case of Theorem 1.3.5.

Theorem 1.4.1 ([45]). Let I'y be an exponential random variable with rate one. The
lengths x and slopes s of the faces of the convex minorant of a Brownian motion on
[0,T1] form a Poisson point process on R x R with intensity measure

exp{—5 (2+ %)}

dsdx, x>0,s€R.
2rx

As with random walks and Lévy processes, the minimum on [0, 7] of a Brownian
motion is a distinguished point of the convex minorant and the process after the
minimum can be described by restricting the point process of slopes and increments
to those points with positive slopes. Due to Proposition 1.3.6, we can define

ap <o < g <---<1

with a,, T 1 as n — 0o to be times of vertices of the convex minorant of a Brownian
motion B on [0, 1], arranged relative to

Qg = argming, < By.

14
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(t.r)
AL — p3)

At — pg)

Al —p)

Figure 1.5: An illustration of the notation of Theorem 1.4.3. The blue line represents
a Brownian meander of length ¢, and the red line its convex minorant. Note also
that V; ==t — 7, fort=0,1,...

Brownian scaling and Theorem 1.4.1 yield an implicit description of the distribution
of the sequence (a;);>9. Moreover, Denisov’s decomposition for Brownian motion
at the minimum [29] implies that the process after the minimum is a Brownian
meander, for which we now provide an alternate description. First we make the
following definition.

Definition 1.4.2. We say that a sequence of random variables (7, pn)n>0 satisfies
the (7, p) recursion if for all n > 0:

2
T’flpn—l—l

2 2
TnZn+1 + Ppt1

Pn+1 = Unpn and Tn+1 =

for the two independent sequences of i.i.d. uniform (0,1) variables U, and i.i.d.
squares of standard normal random variables Z?2, both independent of (g, po).

Theorem 1.4.3 ([72]). Let (X (v),0 < v < t) be a Brownian meander of length t,
and let (C(v),0 < wv < t) be its convex minorant. The vertices of (C(v),0 < v < t)
occur at times 0 = Vo < Vi < Vo < -+ with lim,V,, = t. Let 1, .=t —V, so
To=1t>m1 >1 > withlim, 7, = 0. Let pgp = X(t) and for n > 1 let py — pp
denote the intercept at time t of the line extending the segment of the convex minorant
of X on the interval (V,,_1,V,). The convex minorant C of X is uniquely determined

15



Chapter 1 — Convex Minorants of Random Walks and Lévy Processes

by the sequence of pairs (T,, pn) for n = 1,2,... which satisfies the (7, p) recursion
with

00 Ll \/ 2ty and 19 = t,

where I'1 is an exponential random variable with rate one.

In [72], we use the descriptions provided by Theorems 1.4.1 and 1.4.3 (and the
interplay between them as per Denisov’s decomposition [29]) to derive various prop-
erties about the convex minorant of Brownian motion on [0, 1], such as formulas for
densities of the ;. We also use the equivalence of the two descriptions to discover
new identities between related quantities in each description. We conclude this sec-
tion with an elementary example of such an identity; direct proofs of this and similar
results remain elusive.

Corollary 1.4.4 ([72]). Let W and Z be standard normal random wvariables, U
uniform on (0,1), and R Rayleigh distributed having density re /2 r > 0. If all of
these variables are independent, then

(ZHEE 1) (r00)

Note that the two coordinate variables on the right are independent.

1.5 Open Problems

We end this chapter with a list of open problems.

e Under what conditions is the right derivative of the convex minorant of a Lévy
process with continuous distribution discrete, continuous, or mixed?

e Provide a description of the convex minorant of a continuous time process with
exchangeable increments.

e Provide a framework independent of the convex minorant of Brownian motion
that explains the equivalence of the Poisson point process of Theorem 1.4.1
with the sequential description of Theorem 1.4.3.

e [s there a version of the sequential description of Theorem 1.4.3 for random
walks or Lévy processes?

16



Chapter 2

Concave Majorants of Random
Walks and Related Poisson
Processes

2.1 Introduction

Let Sy = 0 and S; = 3;1 X; for 1 < j < n, where Xy, ..., X, are exchangeable
random variables. Let A be the assumption that almost surely no two subsets of
X1,...,X, have the same arithmetic mean, and assume for now that A holds. Let
Slonl .= {(4,8;) : 0 <j < n}, sothat S is the random walk of length n with
increments distributed like X1,..., X,,. Let

O<Nn,1<Nn,l+Nn,2<"'<Nn,1+"'+Nn,Fn:n

be the successive times j with 0 < j < n such that S; = C0"I(j), where C1*" is the
concave magorant of the walk S i.e. the least concave function C' on [0,n] such
C(j) > Sj for 1 < j < n. The random variable F), is the number of faces of the
concave majorant. Without assumption A, more care needs to be taken in defining
the faces of the concave majorant; this will be discussed further in Section 2.6.

The ith face of the concave majorant is a chord from (N, 1+ - -+, i1, SNn,1+~~~+Nn,z-f1)
to (Np1+ -+ Npi, SN, 144N, ). We define the length, increment and slope of the

ith face to be N;, A, ; and AN—, respectively, where

An,i = (SNn,l-‘r"'-‘an,i - Sle_;,_..._;,_Nn’i_l), for 1 S 1 S Fn

As mentioned in Section 1.1.1, Sparre Andersen [6] gave the following result:
for any exchangeable X1, ..., X, satisfying assumption A, there is the equality in
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distribution

Fo £ K, =Y I (2.1.1)
j=1

where K, is the number of cycles in a uniformly distributed random permutation of
the set [n] :={1,...,n}, and I;,j = 1,2,... is a sequence of independent Bernoulli
variables with P(I; = 1) = 1/j and P(/; = 0) = 1 — 1/ for each j. Further, Goldie
[42] showed that under assumption A the distribution of the partition of n generated
by the lengths of the faces of the concave majorant on [0, n], which may be encoded
by these lengths in non-increasing order, has the same distribution as the partition
of n generated by the cycles of a uniform random permutation (we will in fact prove
this result as a corollary of our main theorem). The Goldie result raises the following
problem:

The rearrangement problem. Conditionally given that the partition of n gen-
erated by the lengths of the faces of the concave majorant of the random walk S

has segment lengths nq,...,ng with ny > ny > ... > n; >0,
e in what order and with what increments should the faces fi,..., fr of the
concave majorant with lengths nq,...,n,; respectively be arranged to recreate

the concave majorant of the random walk S07?

e given the concave majorant, what is the distribution of values of the random
walk S between vertices of the concave majorant?

We answer this question by giving in Theorem 2.1.1 a simultaneous construction
of the walk and its concave majorant conditional on the partition generated by the
lengths of the faces of the concave majorant. The theorem will be proved under
assumption A in Section 2.2, and in the general case in Section 2.6, with the key
idea of both proofs being that it is enough to show that the theorem is true when
X1,..., X, are samples without replacement from a set of n real numbers. Since
the construction given in the theorem applies to general exchangeable Xi,..., X,
it allows us to investigate in Section 2.6 the structure of the concave majorant in
the general case. The statement of the theorem is complicated, but easy to describe
informally, particularly under assumption A, in which case the construction is as
follows. Conditional on the lengths of the blocks of the partition generated by the
concave majorant being (ny,...,ng):

e Split X1,..., X, into k£ blocks

(X1, X)) (Xgats oo Xopany) - - (X , X

St Zleni)
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e Arrange the blocks in order of decreasing arithmetic means.

e Perform the unique cyclic permutations of the increments within each block
such that the walk with those cyclically permuted increments remains below
the line joining its start and end points.

This process defines a permutation of the original increments which leaves the dis-
tribution of the walk SI®™ unchanged and at the same time provides us with infor-
mation about the concave majorant. In the case where X3, ..., X,, are independent,
then we may just generate independent walks of length nq, ..., ng, cyclically permute
the increments of each walk appropriately, and then arrange the walks in order of
decreasing slope. The idea of using cyclic permutations to transform random walk
bridges into excursions is due to Vervaat [91].

When assumption A is not satisfied there are two more complications. Some
of the blocks may have the same arithmetic mean, in which case their ordering is
chosen uniformly, and within a block there may be more than one cyclic permutation
of increments that leaves the walk with those increments below the line joining its
start and end points, in which case the cyclic permutation is chosen uniformly from
the possible options. By exchangeability, it would also work to take the blocks with
the same arithmetic mean in order of appearance rather than randomly ordering
them, but this makes the statement of the theorem harder and in fact does not make
the proof any easier.

To facilitate the statement of the theorem, it is necessary to define the set of
all permutations that cyclically permute increments within certain blocks and then
arrange those blocks in some order.

Definition. Let 3, be the set of permutations of [n], and let P,, be the set of parti-
tions of n, encoded in non-increasing order. For (ny,...,n;) € Py, let Xy, ) €
be such that o € X, ., if and only if for some 7 € ¥, and (r1,...,7;) € ZF we
have

k
o (Z;;} n-q + j) = Z-:(il)il n; + ((j — 14+ 7”1-) mod nT(i)) +1
for 1 <j<mn,u,1<i<k.

In the definition of X, »,) just given, the cyclic shift chosen for the 7(i)th block
is given by r; and the ordering of the k blocks is given by 7.

Theorem 2.1.1. Let Sy = 0 and S; = ZZ:l X, for 1 < 5 < n, where Xq,...,X,
are random variables with any exchangeable joint distribution. Let S = {(j, S;) -
0 < j < n}. Independently of Xi,...,Xn, let L1, Lya, ..., Lyk, be a sequence of
random variables distributed like the lengths of cycles of a random permutation of [n]
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arranged in non-increasing order. Conditionally given {K, = k} and {L,; = n; :
1 <i <k}, let B be the random subset of %, defined by the following relation. o
is in B if and only if 0 € Xy, n,) and there exists T € Xy such that the function
defined on [k| by

e ()T )

> Xo0 (2.1.2)

l=nry+tnr-n+l

AN E
7 r (i)

18 mon-increasing in i and for each 1 <1 < k we have

1 "7(1)+"~+n7—(i,1)+m
m > Xow | <AV for1 <m <. (2.1.3)

m
l=n_y++n -1+l

Conditionally given B, let p be a uniform random element of B, independently of all
previously introduced random variables. For 1 < j < n let SJ’.’ = > 71 X, and let

s = {(j, S%) : 0<j<n}. Then gl L glon],

The condition involving (2.1.2) ensures that the permutation that we end up
choosing puts the blocks of increments in non-increasing order of arithmetic mean,
i.e. in non-increasing order of slope, and the condition involving (2.1.3) ensures that
the cyclic permutation chosen for each block makes the walk stay below the line
joining the start and end points of the increments of that block. In the case where
Xq,..., X, satisfy assumption A, the random set B almost surely only consists of
one element and thus the additional random variable p is not needed.

Some of the ideas of our construction are contained within the work of Spitzer
[86], who observed that if A,,; is the increment of the walk over the ith face of the
concave majorant, then for the maximum

M, := max S

0<k<n
there is the almost sure representation

Fn
M, =Y AnL(Ay; > 0). (2.1.4)

=1

Spitzer showed the much simpler representation in distribution
Ky
M, £ 3" AL 1A, > 0) (2.1.5)
i=1
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where K, is the number of cycles of a random permutation independent of the random
walk S0 = {(4,5;) : 0 <j <n}, and given K,, = k and that the permutation has
cycles of lengths say L, 1, ..., Ly, the A} ; are conditionally independent, with

(Af | Ky =k Loy =025, for1<i<k and1</(<n.

This is an immediate corollary of our theorem, and something we investigate further
in Section 2.5.3. Some consequences of this result lead to other ideas which arise in
this paper. Let S, = S, vV 0. As pointed out by Spitzer, Hunt’s remarkable identity
[53, Theorem 4.1]

E(M,) = Z @ (2.1.6)
(=1

follows easily from (2.1.5), along with the following complete description of the distri-
bution of M, for every n = 1,2, ... (this description is known as Spitzer’s Identity):

for |q] <1
o0 o0 k
Z ¢"Ee™n = exp (Z %Ee“sﬁ) (2.1.7)
n=0 k=1

To indicate how (2.1.6) follows from (2.1.5), recall that the expected number of
cycles of length ¢ in a random permutation of [n] is £~!. So (2.1.6) decomposes the
expectation of the sum in (2.1.5) according the contributions from cycles of various
sizes £. To provide a similar interpretation of (2.1.7), let n(g) denote a random
variable with geometric distribution with parameter 1 — ¢, so P(n(q) > n) = ¢" for
n=0,1,..., and assume n(q) is independent of the random walk. Then multiplying
(2.1.7) by 1 — ¢ and using the expansion —log(1 —¢q) = Y 77, ¢"/k allows (2.1.7) to
be rewritten [44]:

o k
Een@ = exp <Z %(Eeit%+ - 1)) (2.1.8)
k=1

Otherwise put, the maximum M, of the walk up to the independent geometric
time n(q) has a compound P01sson dlstrlbutlon

0o N(¢F/k)

Z Z S (2.1.9)

where for fixed ¢ the N(¢*/k) are independent Poisson variables with parameters
q"/k for k = 1,2,..., and given these variables the Sy; for 1 < i < N(¢*/k) are
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independent with Sy ; 4 Sk. As observed by Greenwood and Pitman [44], the iden-
tity in distribution (2.1.9), and the companion result which determines the common
distribution of S,, — M,, and ming<y<, Sy for every n, can be derived, along with
other results of fluctuation theory for the distribution of ladder heights and ladder
times, from the decomposition

Sn(a) = Mu(g) + (Sni) = Ma(g)) (2.1.10)

which expresses the compound Poisson variable S,,,) as the sum of two independent
compound Poisson variables with with positive and negative ranges respectively.
Moreover, as shown in [43], this discussion can be passed to a continuous time limit to
derive the companion circle of fluctuation identities for maxima, minima and ladder
processes associated with Lévy processes. In section 2.5.3 we give new explanations
for the compound Poisson distributions mentioned above.

The rest of this chapter is structured as follows. In Section 2.2 we will prove
Theorem 2.1.1 under assumption A and give corollaries relating to the partition and
composition induced by the concave majorant. In Section 2.3 we will analyze some
specific examples of composition probabilities, including the Cauchy increment case,
which turns out to be particularly simple. In Section 2.4 we extend the description
to the case where n is replaced by n(q), a geometric random variable with parameter
1 — g, which results in a description of the concave majorant and the excursions
under each face as a Poisson point process. In Section 2.5 we apply the Poissonian
theory. First, by letting ¢ — 1 we find a description of the concave majorant for
the random walk on [0, 00), and the associated excursions under each face. Then we
analyze the behaviour of the concave majorant as n grows. As a final application
we investigate the pre and post maximum parts of the walk. In Section 2.5.3 we
investigate the two concave majorants that result from decomposing the random
walk at its maximum, and their associated partitions. In Section 2.6 we extend the
theory to Xj,..., X, not satisfying assumption A. Also in Section 2.6 we investigate
three nested compositions of integers that arise naturally. At the end of this Section
2.6 some examples of how the general theory can be applied are given. In Section 2.7
we finish answering the rearrangement problem mentioned above by describing the
law of a random walk conditional on the value of its concave majorant. Finally, in
Section 2.8, we describe an important path transformation (the ‘3214’ transformation
discussed in Chapter 1) that as discussed in Chapter 1 provides Pitman and Uribe
Bravo with the basis for a full investigation into the concave majorant of a Lévy
process [73].
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2.2 Proof of Theorem 2.1.1 under assumption A
and the partition and composition laws

We begin with a simple Lemma due to Spitzer relating to cyclic permutations of
increments of walks that shows that under assumption A the appropriate cyclic
permutations discussed in the introduction are almost surely unique.

Lemma 2.2.1. [86, Theorem 2.1] Let v = (z1,...,%,) be a vector such that no
two subsets of the coordinates have the same arithmetic mean. For 1 < k < n let
Tpan = Tg, and let ©(k) = (Tg, Tpy1,- -« Thin). Then there is a unique 1 < k* < n
such that the walk with increments x(k*) = (Tp+, Tpr i1, - - -, Trin) lies below the chord
joining its start and end points.

Proof. (Theorem 2.1.1 under assumption A) By conditioning on the set of
values that X1, ..., X, take it is enough to show that S,[JO’"] 2 50 i the case where
Xi,...,X, are samples without replacement from n real numbers z1,...,x, such
that no two subsets of x1,...,x, have the same arithmetic mean. Thus it is enough

to show that for every permutation o € ¥,, we have

P(Xp1) = Zo(1)s - -+ Xpm) = Tom)) = —

and without loss of generality it is enough to show this for ¢ the identity permu-
tation. Suppose the concave majorant of the deterministic walk with increments
(x1,...,2,) has k faces whose lengths in order of appearance are (mq,...,my), so
that the composition induced by the lengths of the faces of the concave majorant is
(mq,...,my). Let 7 € ¥) be such that

(s o) o= (M), - M)

are the lengths of the k faces in non-increasing order, so that the partition induced
by the lengths of the faces of the concave majorant is (ny,...,ng).

First suppose that each element of (ni,...,ng) is distinct. Then the event
{ X0y =20 : 1 <L < n} occurs if and only if

(i) the partition chosen according to the lengths of the cycles of a random permu-
tation is (ny, ..., ng);

(ii) for each 1 < i <k, the ordered list (X, 4. tn; 415 -+ Xnyt-tn,;) 1S one of the
n; cyclic permutations of the ordered list

($m1+m2+~"+m7(i),1+1a s 7:Em1+m2+-~~+m.,.(i))-
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According to the Ewens Sampling Formula, the event in (i) has probability Hle ni

The event in (ii) is independent of the event in (i), and has probability - T, .
Now suppose that the elements of (ny,...,n;) are not distinct. For 1 < j <mn

let I; = {i : n; = j} and let a; = |I;|. The event {X, =z, : 1 <€ < n} occurs if

and only if

(i) the partition chosen according to the lengths of the cycles of a random permu-
tation is (ny,...,ng);

(ii) foreach 1 < j < n, foreachi € I; the ordered list (X, +.4n; 141, -+ Xnytotns)
is one of the n; = j cyclic permutations of the ordered list
(T tmattm, )y 415+ - - ) Tmgtmotm, ) for some @ € I;.

By the Ewens Sampling Formula, the event in (i) has probability
<Hk ! ) <H” L > . The event in (ii) is independent of the event in (i), and has

i=1n,; j=1 a;! i),
L ]
n!’

probability (Hle n,) (H?:1 aj!> . Hence P(X, ) =, : 1 <0< n)=

As a direct consequence of Theorem 2.1.1 we have the result of Goldie [42] men-
tioned in the introduction.

Corollary 2.2.2. Let M, 1, ..., M, r, be the lengths of the faces of the concave ma-
jorant of S arranged in non-increasing order. Then under assumption A the joint
distribution of M,1, ..., M, g, is given by the formula

P(F, =k M,;=n,1<i<k)=]]

J=1

1

j“jaj!

for all (nq,...,ng) € Py, where aj = #{i : 1 <i<k,n; =j} for1 <j<n. Le.
The partition of n induced by the lengths of the faces of the concave majorant of S0
has the law of a partition of n induced by the cycle lengths of a random permutation.

Proof. Following the construction in Theorem 2.1.1, the lengths L, ;,..., L, k, are
exactly the lengths of the faces of the concave majorant of S,[Jo’n], and the conclusion

follows since S0 L S,[,O’n]. [

Further, Theorem 2.1.1 allows us to describe the law of the composition induced
by the lengths of the faces of the concave majorant.
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Corollary 2.2.3. Let (N, 1,..., N, p,) be the composition of n induced by the lengths
of the faces of the concave majorant of S". Then under assumption A the joint
distribution of Ny 1,..., Npp, 5 given by the formula

Sr(zl) 8(2) n
P(F, =k, Nyy=n;, 1 <i < k) =P [ =" - H—
n1 N2 Pl
for all compositions (n,...,ng) of [n] into k parts, where for 1 <i <k

‘ d
ST(LZ) = ni+-+n; Sn1+'..+ni_1 — STLZ
In particular, if the X; are independent, then so are the 57(1? for1<i<k.

Proof. Fix a composition (ni,...,ny) and let (7 1),..., W) b (nl, ...,ng) in
non-increasing order. Let T be the set of 7 € X such that (W Wf(k)) =
(n1,...,nk). Then |T| = [[j_, a;, where a; = #{i : 1 < § k n; = j} for
1 < 7 < n. We are interested in comparing the slopes of the faces of the concave
majorant that result from the construction in Theorem 2.1.1. In this direction, for
1 <i<klet

() _ o, - = _ d o B
SWT@) o S“*"'*’”r(i) - S”1+'"+n7(i)—1 = Snm) = S,

Under the construction in Theorem 2.1.1, the events {F,, = k} and {N,,; =n; : 1 <
i < k} occur if and only if

(i> (Ln,lv .- '7Ln7Kn> = (717 .- -aﬁk%

o) () Sr()
(i) —2 > —& > ...> 8 for some 7 € T,
ni na Nk

As before, the event in (i) has probability (H L > <H" > The event in (ii) is

i=1 n; J=1 a; |
independent of the event in (i), and by exchangeability the probability that it occurs
for one particular element of T is

57(11) 57(12) 57(1]4)
P < L 2 >k
nq N9 N

Recalling that |T'| = []_, a; completes the proof. O
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2.3 Examples of composition probabilities

The special case of Cauchy increments gives rise to the following appealing version
of Corollary 2.2.3.

Corollary 2.3.1. Suppose that the X; are independent and such that Sy/k has the
same distribution for every k, as when the X; have a Cauchy distribution. Then

1 1
( mmrzish =gl
and hence {N,; : 1 < i < F,} has the same distribution as the composition of

n created by first choosing a random permutation of n and then putting the cycle
lengths in uniform random order.

: Sy s, . : :
Proof. Since =L, ... == is an i.i.d. sequence each of the k! orderings is equally
ny ' ng
) e ) .
likely, and hence P(=+ > ... > —&) = & O
ni ng !

Note that the continuum limit of this result can be read from Bertoin’s work [12].
The above result shows that the Cauchy discrete model is the same as that derived
by random sampling from the continuum Cauchy model, as per Gnedin’s theory of
sampling consistent compositions of positive integers [41]. That is, let Uy, ..., U, be
independent identically distributed uniform random variables on [0, 1] and let X be
a Cauchy process on [0, 1]. Generate a composition of n by putting ¢ in the same
block as j if and only if U; and U; fall in the same segment of the composition of
[0,1] induced by the lengths of the faces of the concave majorant of X, and then
ordering blocks according to the ordering of the faces of the concave majorant of
X. Then the composition of n that is generated will have the same distribution as
(Nni, ..., Npp,) in Corollary 2.3.1. This does not seem at all obvious a priori, and
according to simulation is not true in the Brownian case, suggesting that it is not
true in general.

Now let X1,..., X, be any exchangeable sequence of random variables satisfying
assumption A, as in Corollary 2.2.3. We now give some numerical examples of
composition probabilities when n is small. Let

p(ny,...,ng) :=P(F, =k, Npi=mn;,1 <i<k)

Using symmetry and the partition probabilities given in Corollary 2.2.2, universal
values are

p(1,1) =1/2, p(2) =1/2
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p(3)=1/3, p(2,1)=p(1,2)=1/4, p(1,1,1)=1/6
p(4) =1/4, p(1,3)=p(3,1)=1/6, p(2,2)=1/8, p(1,1,1,1)=1/24
As n increases, the first values that depend on the particular choice of increment

distributions are

1
p(1,1,2) = p(2,1,1) = 5IED(X1 > X > 1(Xs5 + Xy))

1
p(1,2,1) = §P(X1 > 1(Xo + X3) > Xy)

where according to the partition probabilities we must have
p(1,1,2) +p(2,1,1) + p(1,2,1) = 1/4

We consider two special cases - independent Cauchy increments and independent
Gaussian increments. When the increments are independent and Cauchy, the 3
probabilities above are equal, with

2p(1,2,1) = P(X; > 5(Xs + X3) > X4) = 1/6 = 0.1666666...
Note that
P(X; > 3(Xo 4+ X3) > Xy) =P(3(Xo 4+ X3) — X7 < 0 and Xy — 3(X5 + X3) < 0).

In the centered Gaussian case with Var(X;) = 1 this is the probability of the negative
quadrant for a centered bivariate normal with equal variances 3/2 and covariance
—1/2 and thus correlation p = —1/3. That probability is given by

L, aresinCL3) G 95913076

4 2m
The difference with the Cauchy case is quite small. The fact that it is larger is
consistent with the known differences in behaviour of the limit partitions for large
n after scaling; it is known that the concave majorant of Brownian motion is more
likely to have longer faces in its central region than the concave majorant of a Cauchy
process. We conclude this section by conjecturing that p(1,2,1) is a monotonic
function of the stability index « for symmetric stable laws.

27



Chapter 2 — Concave Majorants of Random Walks and Related Poisson Processes

»

Increment

e T B P

1 2 3 Length

Figure 2.1: An example point process and the resulting concave majorant. The
dashed lines show the slope of each face, and these faces are arranged in decreasing
order of slope.

2.4 A Poisson point process description

The concave majorant of S can be viewed as a random point process on {1,...,n}x
R, where a point at (j,s) means that one of the faces of the concave majorant has
length j and increment s. Let A, (j) be the number of faces of the concave majorant
of S0 that have length j for 1 < j < n, and let Zgl), ce 2§-A”(j ) be the increments
of the faces with length j in uniform random order. Thus if X7, ..., X, are indepen-
dent then for each 1 < j <n, conditionally given A4, (j) = aj, Zy) is an independent
copy of S; for each 1 < ¢ < a;. Figure 2.1 shows an example of such a point process.
To construct the concave majorant from this point process the faces with lengths
and increments indicated by the points are arranged in decreasing order of slope.

Now suppose we have an infinite sequence of exchangeable random variables
X1, Xa, ..., such that almost surely no two subsets have the same arithmetic mean.
As before let Sy = 0 and S; = >/, X; for j > 1. Following ideas from the fluctua-
tion theory of Greenwood and Pitman [44] we now randomise the length of the walk
by setting the number of steps of the random walk equal to n(gq), where n(q) is a
geometric random variable with parameter 1 — ¢, so that

P(n(q) >n)=q¢" forn=0,1,2,...
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Let SOn@ = {(5,5;) : 0<j <n(q)}, and let
0< Nn(q),l < Nn(q),l -+ Nn(q),g < e <& Nn(q),l 4+ -4 Nn(fI)an(q) = TL(Q)

be the successive times that SI™@! meets its concave majorant, where F(q) is the
number of faces of the concave majorant of SI®™@!  The following Lemma, which
involves a fundamental Poisson representation of the geometric distribution, is due

to Shepp and Lloyd [83], who were just working with partitions generated by random
permutations, not concave majorants.

Lemma 2.4.1. Let A; = #{i : 1 <1 < Fluq), Nugi = J} for j > 1. Then A; has
the Poisson distribution with mean ¢’ /j, independently for each j > 1.

Proof. Noting that log(1 —¢) = —>_,¢’/j, we have that
P(Aj=a;,j >21) = P(n(g) =>25150)P(A4; = a;,5 = 1n(q) = 32;5,74;)

— (1=qg)g>=idys— —
(1 —q)g> 0 Joa!
q—.j)aj eiqu

- H<J .

) 7
J
where the second equality comes from Corollary 2.2.2. O]

For the next theorem, and in fact the rest of this section, it is important that
we assume X, Xo,... are independent with common continuous distribution. The
theorem asserts that the point process discussed above is a Poisson point process
under this assumption.

Theorem 2.4.2. If X1, Xs,... are independent with common continuous distribu-
tion, then the point process of lengths and increments of faces of the concave majorant
of SO s q Poisson point process on {1,2,...} x R with intensity j~'¢'P(S; € dx)
for j =1,2,..., x € R. Moreover, let T, = >,_; Nygu, 0 < @ < Fyy), be the
consecutive times at which SO™9D) meets its concave majorant, so that Ty = 0 and
TF,, = n(q). Then the sequence of path segments

{(S14% = 51,,0 <k < Npg)i), i = 0,..., Fy) — 1},

is a list of the points of a Poisson point process in the space of finite random walk
segments
{(s1,...,8;) for some j=1,2,...}

whose intensity measure on paths of length j is ¢/ =1 times the conditional distribu-
tion of (S1,...,S;) given that Sy < (k/37)S; for all1 <k < j—1.

29



Chapter 2 — Concave Majorants of Random Walks and Related Poisson Processes

Proof. Conditionally given A; = a; the increment for each face of length j is an
independent copy of S; by Theorem 2.1.1. Combined with Lemma 2.4.1 this proves
the first statement.

Conditional on the concave majorant of S9! having a face of length j and
increment s, the increments of SI%™9! over that face of the concave majorant have
the distribution of (X1, ..., X;) given that 335 | X, < (k/j)s forall 1 <k < j—1
and ZLI X, = s, and this law is independent for each face of SI%™@! This implies
the second statement. O]

A simple but important corollary of Theorem 2.4.2 is the following.

Corollary 2.4.3. (n(q), Su(q)) has a compound Poisson distribution, and the total
number of faces Fyq) of the concave majorant of SOl has Poisson distribution
with mean

D i =—log(1—q).
j=1

The first assertion of Corollary 2.4.3 can in fact be seen directly since (n(q), Sn(q)) =
Z?:(%)(LXO and n(q) is itself compound Poisson. Explicitly, n(q) is a Poisson
compound of a log-series law: n(q) has probability generating function Ez"@ =
(1 —q)/(1 — gz) which can be expressed as e 21 7¢()) where A = —In(1 — ¢) and ¢
is the probability generating function of the log-series law with parameter q. This

well known decomposition of a geometric random variable reappears later in Lemma
2.6.8.

2.5 Applications of the Poissonian description

2.5.1 The random walk on [0, c0)

By letting ¢ — 1 it is possible to deduce the structure of the concave majorant of
the random walk on [0, 00) using Theorem 2.4.2. Groeneboom [45] gave a Poissonian
description of the concave majorant of BM on [0, 00); that there is a closely parallel
description for random walks does not seem to have been pointed out before. The
case of Lévy processes will be covered in the forthcoming paper by Pitman and Uribe
Bravo [73].

Suppose E(X;) = p € [—00,00). Informally, as ¢ — 1 the intensity measure of
the Poisson point process of face lengths and increments approaches j~'P(S; € dz),
but since the slope of the concave majorant converges downwards to pu but does
not reach it, only the faces with slope greater than p will contribute to the concave
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majorant in the limit. Therefore by Poisson thinning we get a new intensity measure
JMP(S; € dx)1(x > ju). Moreover, we can also describe path segments of the walk
below each face of the concave majorant as a Poisson point process.

Theorem 2.5.1. Let Sy = 0 and S; = ZLI X; for 7 > 1, where X1, Xs,... are
independent random variables with common continuous distribution that has a well
defined mean p = E(X;) € [~00,00). Let SI0®) = {(5,S;) : 7 >0}. Let 0 =T, <
Ty < Ty < --- be the successive times that SI%°) meets its concave magjorant, and let
N; =T, —T, 1 fori > 1. Then the sequence of path segments

{(St4r — S7,,0< k< N,;),1=0,2,...}
is a list of the points of a Poisson point process in the space of finite random walk
segments
{(s1,...,8;) for some j=1,2,...}
whose intensity measure on paths of length j is j=' times the restriction to S; €

(jp, 00) of the conditional distribution of (S1,...,S;) given that Sy < (k/j)S; for all
1<k<y.

Proof. The combination of the following four facts is enough to prove the theorem:

(i) the number of faces of length j has a Poisson distribution with mean j'P(S; >
Jm);
(ii) these numbers are independent as j varies;

(iii) given all of these numbers, and with n faces of length j, the n walks on the
associated faces, when listed in a uniform random order independently of the
walks on the faces, are n independent processes each distributed according to
(S1,...,8;) given that Sy < (k/j)S; for all 1 <k < j and S; > ju.

(iv) given n faces of length j, the increments of these faces, when listed in uniform
random order, are distributed like n independent copies of S; given S; > ju.

The main thing to check is that (i) and (ii) are true, i.e. that the counts
As(j) = #{j - Ni = j}
are independent Poisson variables with mean j'P(S; > ju). Once we have shown
this, (iii) and (iv) follow from Poisson thinning and previous discussions relating to
the independence of the walks below each segment.
Let n(q) be a geometric random variable with parameter 1 — ¢. Let S0m(@)] =

) <i7<n so that the concave majorant o ’ an ) agree
{(4.5;) + 0<j <n(g)} so that th ] f SOn@] and 510 ag
up until some random time T;( iy
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Lemma 2.5.2. Tn(

Proof. To see this, let i be such that 7T; < n(g). Since the concave majorant of
S0a)] is everywhere less than or equal to the concave majorant of S0 if they

did not agree at time 7} then the concave majorant of S0 would go beneath the
point (T}, St,), but this is a contradiction since (7T}, Sz,) is in S04 O

) is the mazimal T; with T; < n(q).

Let
An(g)(7) = #{i : Nugg)i = J}
where Nyg),1;- -+ Nuq),F,,, are the lengths of faces of the concave majorant of
S0n@] - There are the obvious decompositions

Au(i) = Ax(h)(0,Typ] + Ac ()(Tn(q) OO] (2.5.1)
A7) = Ang()(0, n(q>]+An(q( (T ] (2.5.2)

where e.g. A (7)(0, T}, is the number of faces of the concave majorant of S [0:00) of
length j up to and including the face ending at time 17, and the other terms are
defined similarly. Moreover, since T;( g 1 by definition the maximal common vertex

of the concave majorants of SI0"(@! and S0 it is clear that

Ao ()0, Trig)] = An()(1)(0, Tri)]
= #{i: Nu@.i =7, St — S1,_1 > jam(g)} (2.5.3)

where o,y is the right derivative of the concave majorant of S [0:20) at time T (q
Conditionally given c,g), by Poisson thinning and Theorem 2.4.2 the distribution of
the right hand side of (2.5.3) is Poisson with mean ¢7j ~'P(S; > jay,,)), independently
for each j. The strategy at this point is to let ¢ — 1, so that T, — oo and
Qn(q) — M, Tesulting in A (j) having Poisson distribution With mean j 'P(S; > ju),
independently for each j, i.e. resulting in (i) and (ii).

Let {gm }m>1 be any sequence such that if {n(¢,,) }m>1 is a sequence of independent
geometric random variables with parameters 1 — g, then n(g,,) — oo almost surely
as m — oo (so that necessarily ¢, — 1). Suppose that T{;,.)) — 00 and au(q,,) — 1
almost surely, so that

A7) = Tim Aco(5)(0, Tingn))]
= 7711_1)110O #{i: N, =7, S, — St > jougn)} (2.5.4)

(2.5.5)

where the first equality is from (2.5.1) and the second is from (2.5.3). Since o (q,,) —
p almost surely, by continuity of the function x — P(S; > jz) the distribution of the
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right hand side of (2.5.4) is Poisson with parameter j~'P(S; > ju), independently
for each j. This proves (i) and (ii).

It remains to prove that T{;,,,) — 00 and ayg,,) — w almost surely as m — oo.
For every ¢ > 1, since T; < oo we will have n(g,,) > T; eventually, and hence by
Lemma 2.5.2 for every ¢ > 1 we will have T{,(,,)) = T; eventually. Since T; — oo
this implies that T{;,,)) — oo almost surely.

Lemma 2.5.3. Almost surely no face of the concave majorant of S can have
slope less than .

Proof. If 4 = —oo then the conclusion is clear. Suppose p € (—o0,00), then since
S, — np is a mean zero random walk and hence recurrent, for every ¢ > 1 there will
almost surely be some n; > T; such that S,, > St + (n; — T;)u, and hence for any
vertex of the concave majorant the slope of the face to the right must be greater
than p. O

Lemma 2.5.4. For every ¢ > 0 there will almost surely be a face of the concave
majorant with slope x such that p < x < p+ €.

Proof. For any p € [—00,00) by the strong law of large numbers S, /n — p almost
surely as n — oo. But if there was no slope of the concave majorant on [0, c0) with
slope < p1+ € then we would have lim sup,, S,,/n > p. Combined with Lemma 2.5.3
this gives the conclusion. O

We already have that T{,,,)) — oo almost surely. Since a,,,,) is the right
derivative of the concave majorant of S0 at Tin(gm)), Lemma 2.5.4 implies that
Qn(gn) — # almost surely as m — oo. This concludes the proof of Theorem 2.5.1. [

2.5.2 The structure of the concave majorant of S" as n
varies

Theorem 2.1.1 relates to the structure of the concave majorant of a random walk of
fixed length, and the Theorems 2.4.2 and 2.5.1 allow randomized lengths or infinite
length. So far though, we have not discussed how the structure changes as the
number of steps of the walk increases, but theorem 2.5.1 and its proof now allow
us to make some comments. Recall that F), is the number of faces of the concave
majorant of S = {(j,5;) : 0 < j < n)}, and in the case where X;,..., X,
are independent with common continuous distribution we know from (2.1.1) that for
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each fixed n there is the equality in distribution

F,LK,:= i I
j=1

where the I; are independent Bernoulli variables with P({; = 1) = 1/j. However, as
observed by Steele [88] the identity in law between F), and K, does not hold jointly
as n varies, and as pointed out by Qiao and Steele [75] the asymptotic behaviour
of F, and K,, as n — oo may be quite different. They provide an example of a
continuous distribution of X; such that for each m =1,2,...

P(F,, = m infinitely often ) =1
It is an easy consequence of theorem 2.5.1 that
P(F,, = 1 infinitely often ) =1

if and only if E(X*) = oco. It appears that the Poisson analysis of F,q) can be
used to provide a more thorough description of the possible asymptotic behaviours
of F, as n varies. In particular, as a consequence of the argument of the proof of
Lemma 2.5.2, if E(X") < oo then F, is bounded below by the number of faces of
the majorant on [0, n] which are part of the majorant on [0, 00), and this number is
increasing in n, with limit co.

2.5.3 Decomposition at the maximum

Theorem 2.4.2 provides tools for analyzing the behaviour of the random walk S0
before and after the time it achieves its maximum. By conditioning on n(q) = n,
we can then do the same for SI®". The key idea is that by taking the faces of the
concave majorant that have positive slope we get only those faces that lie in the
region up to where the random walk achieves its maximum, and by taking the faces
with negative slope we get only those faces that lie in the region after the time when
the random walk achieves its maximum. This approach was used by Spitzer to find
identities involving the maximum of a random walk [86], as indicated in Section 2.1.

Let X, X5,... be a sequence of independent random variables with common
continuous distribution, and let Sy = 0 and S; = 25:1 X; for j > 1. Let SO =
{(5,5;) : 0<j<n}and SO = {(55;) : 0<j<n(q)} Let L, be the almost
surely unique time at which S achieves its maximum, and let the value of the
maximum be M,,. Let F,, denote the number of faces of the concave majorant of the
walk S®" with the convention Fy = 0, and let (N, ;, A, ;) denote the length and
increment associated with the ¢th of these faces. We make similar definitions when
n is randomized to n(q).
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Theorem 2.5.5. (L (q), Myu(g)) and (n(q) — Lng), Sn(g) — Mn(q)) are independent and
both have compound Poisson distributions.

Proof. By construction

An:i = SNn,l‘i’"'Nn,ifl‘i’Nn,i - SNn,l‘i’"‘Nn,ifl

and
(Ln, M) = S5 (N, Ani) 1A > 0)
(n - Lna Sn - Mn) - Zfinl (Nn,ia An,l)l(An,z S O)

From Theorem 2.4.2 the (Nyg)i; An(g),) are the points of a Poisson point process
on {1,2...} x R with intensity j '¢/P(S; € dz),j € {1,2,...},z € R, and thus the
conclusion follows. O

Remark 2.5.6. As discussed in Section 2.1 the compound Poisson nature of M,
and Sy,(q) — Mg and their independence was discovered by Greenwood and Pitman
[44], but this section gives a more explicit explanation of their distribution.

In the special case where P(S; > 0) is constant for 1 < j < n, by conditioning on
the event n(q) = n and L, = ¢ we can deduce results about the concave majorant
of S0 either side of its maximum.

Theorem 2.5.7. Let Xy,..., X, be independent with common continuous distribu-
tion. Let So =0 and S; = > 7_ X; for 1 < j < mn, and let SO = {(5,5;) : 0 <
Jj < n}. Suppose that P(S; > 0) = py for 1 < j < n. Then conditionally given
L, := argmaxo<;<, S; = ¢, the partition generated by the lengths of the faces of the
concave magorant of S on the interval [0, ] is distributed according to the Ewens
sampling formula with parameter p,. That is, if Aj 18 the number of faces of the
concave magorant with positive slope of length j, then for any {a; : j > 1} such that

>.jja;=1L0<mn,

: D(p )@ 1 (p)"
P(Af =a;,j > 1|L, = () = [] (2.5.6)
o L(ps +0) 5 50!

The partition generated by the lengths of the faces of the concave majorant of S1%7

on the interval [¢,n] is also distributed according to the Ewens sampling formula but
with parameter p_ =1 —p,.

Proof. Let A;r(q)j be the number of faces of the concave majorant of S9! with
positive slope of length j. From the proof of Theorem 2.5.5 it is easy to see that
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A:(q) i has a Poisson distribution with parameter j '¢’p_, independently for each j,

and independently of S0} after time Ly (q)- Thus for any {a; : j > 1} such that
Zj Jaj = ¢,
P(A] =a;,j > 1L, =1{) = P(A} . =0a;,j > 1Lyg = {n(q) =n)
= ]P(A:(q),j =a;,j 2 ULy = 1)
]P)(A:(q),j =a;,j > 1)
P(Lngg) = ¢)

a; ja; ;
L e -
P(Lngg) = 0) o

Under the assumption P(S; > 0) = p; for 1 < j < n, it is known [35, Chapter XII,
(8.12)] that for the random walk SI®" the almost surely unique index L, such that
St, = maxp<;<n S; has the beta-binomial distribution

P(L, = () = <_1)n<p€_ 1) (p;__;) (0<(<n)

which is the mixture of binomial(n, p) distributions for p with beta(py,p_) distribu-
tion on [0, 1]. Thus
_ Tlpr + 0" (1 — g™

P(Ly =¥) =
Thus (2.5.7) reduces to (2.5.6). The partition after the maximum is proved similarly.
[
2.6 The general case
Let S; = 3;1 X; for 1 < 7 < n, where X7, Xs,... is a sequence of exchangeable

random variables. Let SI®" = {(j,5;) : 1 < j < n}, and let C%" be the concave
majorant of SI%". The concave majorant in this case, where there may some subsets
of Xi,...,X, that have the same arithmetic mean, is less well studied. However, the
literature does contain some results for the case where Xi, X5, ... are also assumed
to be independent.

Sparre Andersen [5] introduced the random variable H,,, the number of 1 < j <n
such that S; = Cl07(j), and F),, the number of faces of the concave majorant, i.e.
the number of distinct slopes in the concave majorant (note that Andersen uses K,
instead of F},, but we will always use K, to represent the number of cycles in a
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random permutation of [n]). Figure 2.2 shows an example of a random walk with
F, =3 and H,, = 8. Clearly, F;,, < H,, and in the case of continuous distributions
we have F,, = H,, almost surely. Sparre Andersen derived the generating function

H(s,t) == i i P(H, = m)s"t™ (2.6.1)

n=0 m=0

for all distributions of X;. As will be shown in Theorem 2.6.5 the theory presented in
this section provides a powerful new method of deriving this formula, and in addition
a formula for a similar generating function involving F,.

Sherman [84] introduced a further variable J, relating to the concave majorant
with H,, < J, < F,. Sherman deduces a Spitzer identity which relates the generating
functions of J,, and ®,,, the periodicity of (X7, ..., X,), that is, the maximal number
¢ such that (Xi,...,X,) = (X1, ., Xnje, - X1, .0, X))

In this section it will be important to make a distinction between excursions,
segments and faces, and between their associated compositions of n. The following
definitions are illustrated in Figure 2.2.

e An excursion is a section of a walk between two integer valued times with the
property that the walk touches its concave majorant at the end points of the
excursion but lies strictly below it between the end points. The number of
distinct excursions of S is equal to H,. Let E[Ig’n} be the composition of

n induced by the lengths of the excursions of SLO’"], the transformed walk of
Theorem 2.1.1. Although this has the same distribution as the composition
induced by the lengths of the excursions of SI®™ the forthcoming discussion
about segment compositions only makes sense for S,[)O’"}. We say that the slope
of an excursion is the slope of the line joining its start and end points.

o A segment will always refer to one segment of a partition. That is, if (nq, ..., ng)
a partition of n then we say it has k segments with associated lengths nq, ..., ny.
As we described in the introduction, to generate a walk with the law of S0
whilst simultaneously getting information about its concave majorant, i.e. to
generate SLO’n], we first choose a random partition induced by the cycle lengths
of a uniform random permutation. If we are just interested in the concave
majorant of Sﬁ[,o’n}, then we only need to associate a slope with each segment of
that partition and then arrange the segments in order of non-increasing slope,
where the ordering of any segments with the same slope is chosen uniformly
randomly. Keeping track of the end points of the segments results in another
induced composition of n, which we call E[Ig’n]. This composition arises from
our construction and cannot be read off from a given random walk.
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\4

Figure 2.2: An example of a random walk with non-continuous increment distribution
for n = 15, with F,, = 3 and H,, = 8. The concave majorant is shown with dashed
line. The compositions induced by the excursion lengths and face lengths are fixed
by the values of the walk, and an example of a possible composition induced by
the lengths of the chords associated with the partition segments is shown. The
compositions going from top to bottom are 55,15] =(2,2,1,2,2,2,2,2)), 5{5’15] =
(2,3,4,4,2) and = H[O 15 = = (5,4,6).

e A face will mean one face of the concave majorant. The number of distinct
faces is equal to F},. Let = H[O n) b€ the composition of n induced by the lengths

of the faces of S,[)O ", Again, this has the same distribution as the composition
of n induced by the lengths of the faces of S0,

e The terms excursion block, segment block and face block will mean blocks of the
compositions E[Igﬂ}, E[I&n} and E[Ig,n] respectively, where for example the blocks
of the composition (3,4, 1) of 8 in order are defined to be [0, 3], [3,7] and [7, §].
The slope associated with any block [a, 8] is defined by (S — S?)/(b — a).

Since the values of any walk on [0, n] between two vertices of its concave majorant,
i.e. between the start and end points of some face, are composed of one or many
consecutive excursions, Eﬁ] is some refinement of E[I:L], which we write as _[ = _fjl]

For S,[)O’n} constructed as in Theorem 2.1.1, define Hf and F? similarly to H,, and F,,

and note that H,, < Hf and F, < FP. Recall that K, is the number of segments in
the partition chosen at the beginning of the construction. We will have HF < K,, <
E? and moreover = H[O ] will be such that = _[0 n = ”[K nl <z _[0 _E We will discuss these
nested compositions further after proving Theorem 2.1.1 in the general case.
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Proof. (Theorem 2.1.1) As in the proof of Theorem 2.1.1 under assumption A,
it is enough to show that if Xi,..., X, are samples without replacement from a
list x1,...,x, of real numbers, where now each number is labelled but no longer
necessarily distinct in value, then
1
P(Xp) = 21,0, Xom) = 2n) =

Let x = (z1,...,x,), and suppose this is fixed throughout the proof of the theo-
rem. Let ¢ be the concave majorant of the deterministic walk with increments
x1,...,T,. Some notation and a couple of combinatorial lemmas are needed before
continuing.

For any n € N, let V,, be the set of all compositions of n. Let f € N, h € N and
(v1, ..., v5) € Nip. Let N, ovp),(ka,. k) DE the set

{(hl""’hZ{zlki)eNh : (hZ{;llki""’h j k,)E/\/’v]. for 1 <j < f}

i=1"

Thus an element of /\/(vl,...,vf),(kl,...,kf) is a composition of h formed by joining together
compositions of vy,...,v; which contain kq,..., ks blocks respectively (and hence
./\/'(Uh___7vf)7(k17,__7kf) may be an empty set for some values of (ky, ..., ky)).

Lemma 2.6.1. Let f € N, h € N and (v1,...,vf) € Nj,. Then

h 1 1
Z Z Hkl!"'kf!hl"'hk:1 (2.6.2)

Proof. The numbers that are being summed over bear a strong resemblance to the

unsigned Stirling numbers of the first kind |S(n, k)|, which enumerate the number of

permutations of n with k cycles. Using this as a guide, consider a set A consisting of

permutations of vy, ..., vy, where permutations corresponding to v; and v; with 7 # j

are considered distinct even if they are identical. The number of such sets where for

each 1 < j < f the permutation of v; has k; cycles of sizes hZ{;} jpre oo D ik is
vi! gl

kal- kgl - by by,

Since the total number of elements of A is v1!---v!, and the summation in (2.6.2)
simplifies to be the sum over the subsets of A such that for each 1 < 57 < f the
permutation of v; has k; cycles of sizes hzz;ll fpr hZ{ZI koo the value of the sum
must be 1. n
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Let f(c®") be the number of faces of ¢®", and let ¢,(¢l®™), ... ,Ef(a[o,n])(é[o’"])

be the lengths of those faces, arranged in the order those faces appear in ™. Let
N (%)) be the set

k;
{(n1, .. onk) €Nt Ty < oov <hpgony st Y on = 4(d0), 1< < f(e)}
i:kj_l
Loosely, N'(¢l®") is the set of possible values for [ n) conditionally given that the
concave majorant of SY™ is é®7. For (ny, ..., ny) € N(E0), let
k;
{k:j(nla s 7n/€)7 1< .] < f(E[O,n])} = {(kla s 7kf(5[0’"])) : Z ni = gj(é[ovn])}
iZk]‘,1

Then kj(E[Igjn]) represents the number of blocks of Zjg ;) that lie in the jth face block,
i.e. in the jth block of E[Fo,n]- Finally, let

NL(@0"Y = {(ny, ..., nk) € N(EOM) ZZ::E]- = 0l (n,) for 1 <i < k}

Jj=1

Then N, (¢®™) is the set of possible values for Z.) conditionally given that {X,q) =
x; 1 <i<n}.

Lemma 2.6.2. For every composition (ny,...,ng) € Ny(e™), for 1 <i <k let
hi(x,nl,...,nk) = #{j Ny + - +ni_1 < j S 1 + - +7’LZ‘, Z{le‘l = E[O’n}(j)}
Then

- k F(@on)
1
Z Z <Hhi(x,n1,...,nk)> H koo ( =1 (2.6.3)

(ny,...,ng)!
k=1 (ny,...,np)EN (el0n]) \i=1 j=1 VANAEE) k)

Proof. Let h=#{j:1<j<n, >, =&o(j)} and for 1 <i < f(&%") let

vi(z) =

#05 GE) 4l (@0 < < (@) e (@O STy = d0T ()}

Associate with each composition (ny,...,n;) € Ni(c®") of length k a composition
of h

(hl(:x,nl, Ce ,nk),h2($,n1, e ,nk), .. .,hk(x,nl, e ,nk))
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so that there is a bijection between the elements of A, (¢®") with & blocks and
the set of compositions (hy,...,h;) of h with k£ blocks that are formed by joining
together in order compositions of v1,...,vpgony which have ki, ..., kpony blocks
respectively. Thus the term on the left hand side of (2.6.3) is

h 1 1
Z Z Z Hkl!"'kf!hl"'hk:

k=f (kl,...,kf(a[oyn]))eNk (hl,...hk)GN(vl

which by Lemma 2.6.1 is 1. [

Fix a composition (ng,...,n) of n. For 1 <j <nlet I; = {i : n, = j} and let
a; = |I;|. Following the construction of S,[Jo’n] described in the introduction, we see
that the event {E[Ig’n} = (n1,...,nx) and X, = 24,1 <€ < n} occurs if and only if

(i) Lpa,-.-, Lok, is (n1,...,n;) in non-increasing order;

(ii) foreach 1l < j <mn,foreachi € I, the ordered list (X, 1 tn; 1415 - - - » Xngtootns)
is one of the n; = j cyclic permutations of the ordered list
(T tmatetm, 415 - - - ) Tmgtmottm, ) for some @ € Iy;

(iii) for each 1 < j < n, for each i € I; the cyclic permutation that is chosen for
the ordered list of increments (X, 4. in;_ 415 - - - s Xny+4n, ) 1S the unique cyclic
permutation that results in the ordered list becoming exactly

(xm1+m2+---+m7(i/)_l+17 cet ,xm1+m2+---+m7(i/));

(iv) for each 1 < j < f(¢)") the ordering of the kj(ni,...,n;) segments within
the jth face is chosen correctly out of the k;! possible orderings.

Recall that for 1 <7 < k we have
hi(z,ny,...,ng) =#{j i+ +ni1<j<n +---+n;, E?:ﬂfl = é[o’n}(j)}

so that in (iii) there are Hle hi(z,m1,...,ni) possible choices of combinations of
cyclic permutations. Then the probability of the event
{E[Ig’n] = (n1,...,ng) and X, = 24,1 <€ <n}is

n k k n k F(@omdy
1 1 1 1 1
~J1=) (= . R
(1_[1 a;! l_Ian> (n! L 17 HGJ.) (11 hi(x,nl,...,nk)> H kij(na, ..., ng)!
= = i=

=1  j=1 j=1
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where the first two terms should be familiar from the proof of Theorem 2.1.1 under
assumption A. Finally, by summing this probability over all possible compositions,
we have that the probability of the event {X,4 = 2,1 <€ < n}is

n k f(@[oﬂl])
1 1 1 1
EZ Z ( hi(q:,nl,...,nk)) H kj(ni,...,ng)! Tl
1 J=1

k=1 (... ) €N (0n)) \i=

where the equality is by Lemma 2.6.2. This completes the proof of Theorem 2.1.1. [

In the case where X7, X», ... are independent, the Poisson point process ideas of
Section 2.4 lead to a simpler description of the concave majorant. For the rest of this
section it is assumed that X, X,,... is a sequence of independent and identically
distributed random variables and n(q) is a geometric variable with parameter 1 — gq.
Let SO0 = {(5,5;): 0 < <n(q)}, where Sy = 0 and S; = S7_, X, for j > 1. Let
C%7 be the concave majorant of Sl The following theorem is the extension to
the non-continuous increment case of Theorem 2.4.2.

Theorem 2.6.3. If X1, X5, ... are independent with common distribution and n(q)
a geometric variable with parameter 1 — q, then the lengths and increments of the
faces of the concave majorant of the random walk S°©™9! have the following law. Let
B be a Poisson point process of on {1,2,...} x R with intensity j~'¢’P(S; € dz)
for 7 = 1,2,..., x € R. Note that this process may result in multiple points at
the same location. Fach point of B represents the length and increment of a chord
associated with some segment of a partition of n(q). Chords with the same slope are
joined together in uniform random order, independently of their lengths, to form the
faces of the concave majorant. Moreover, let K, be the total number of chords
associated with partition segments and for 1 < i < Ky q) let Nyq)i be the length of
the ith of these chords once they have been ordered by decreasing slope and uniform
randomization of ties. Then the sequence of path segments

{(Szz;ll Nn(q),l+k - Szz;ll Nn(q),l’ 0 S k S Nn(q),z)7Z = 1, ey K’ﬂ/(q)}

1s a list of the points of a Poisson point process in the space of finite random walk
segments

{(s1,...,8;5) for some j=1,2,...}

whose intensity measure on paths of length j is 7= times the conditional distribution
of (S1,...,95;) given that S < (k/j)S; for all 1 < k < j. Again, this Poisson point
process may result in multiple points at the same location.
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Proof. For any n € N, conditionally given n(q) = n, the projection of the points of
B onto {1,...,n} has the law of a partition of n generated by the cycle lengths of a
random permutation of [n] by Lemma 2.4.1. Hence we know from Theorem 2.1.1 that
for every n € N, conditionally given n(q) = n, the process described in the theorem
gives the correct law for the concave majorant of SI®™ and gives the correct law
for =K the composition induced by the lengths of the partition segments involved

[0,n]’
in creating Sg)’"]. The remaining assertions follow by independence of the walks
associated with each partition segment. O]

We now move towards describing the joint law of the nested compositions Efg )] S

—_

:[[g,n(q)} < Efg}n(q)] in the case where X, X, ... are independent and the walk has ge-
ometric length. The full description of this law will be given in Theorem 2.6.9 at the
end of this section, along with some applications of the theory. Let S[[,O’"(q)] be such
that conditionally given n(q) = n, SY"™? is constructed in the same way as SL"™
in Theorem 2.1.1, and let C2™@) be the concave majorant of SI™. We begin by

describing the laws of H,, ), Ky and F,, which are defined to be the number of

excursions, segments and faces respectively of C_’,[,O’"(q)].

We need some new notation, some of which is taken from Sparre Andersen [5].
Let x1, 2o, ... be an enumeration of the set of real numbers z for which P(Sy, = kz)
is positive for some £ > 0, and let

pilq) = Zk’lqu(Sk = kx;), forj=12,...
k=1

polg) = Y k¢ P(Sy # kaj for j =1,2,...)

= —log(l—q) - Zuj(Q)

Proposition 2.6.4. Let H,;, K,; and Fy; be the number of excursion, segments
and faces in C’F[,O’n(q)} of slope x; for j > 1. Then for each j > 1

(i) H,; is a geometric random variable with parameter exp(—p;(q)), independently

(i1) K, ;is a Poisson random variable with parameter j1;(q), independently of { K, :
i 47}

(111) F,; is a Bernoulli random variable with parameter 1 — exp(—p;(q)), indepen-

dently of {F,; i # j}.
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Let Hyo, Kq0 and F, o be the number of excursion, segments and faces with slope not
equal to x; for any j > 1. Then

w) Hyg = K,0 = F,o almost surely and their common distribution is Poisson with
q7 q? q7
parameter po(q), independently of {H, j, Kq;, Fq;:7 > 1}.

Proof. (ii) follows from Theorem 2.6.3, (iii) is implied by (ii) since a face of slope x
exists if and only if there is at least one segment of slope x, and (iv) is also implied by
Theorem 2.6.3 since it concerns the restriction of the Poisson point process to slopes
which have zero probability, as in the case of continuous increment distributions.
Fix j > 1. (i) implies that P(H,; > 1) = P(K,; > 1) = 1 — exp(—p,(q)).
Given that there at least n excursions of slope x;, by the memoryless property of the
geometric distribution of n(g), the law of the remaining values of the walk Sﬁ[,o’n(q)] is
the same as the law of a walk generated by the Poisson process of path segments in
Theorem 2.6.3 but thinned to only include segments with slope x > x;. Thus

P(H,; >n+1|H,; >n) =P(K,; > 1) =1—exp(—py,;(q))
which proves (i). O

Theorem 2.6.5. Let H, and F, be the number of excursions and faces for SO™,
and let K, be the number of segments for Son]. Then for 0 <s,t <1,

[e.e]

1
H(s. 1) = etrols)
(5,2) c E 1 —t+te )

[ee]

K(s,t) = etuo(S)Hetuj(S) = (1—s)"

=1}

F(s,t) = et H (1 —t+tet®)
7j=1

Proof. Recall first that Hf < H, and Fr L F,. Let n(s) be a geometric random
variable with parameter 1 — s and consider the walk of n(s) steps. We have by

definition
n(s = s o+ Z H, J
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Thus the generating function of H, ) is the product of the generating functions of
H,y and Hy;, j > 1. These are known from Proposition 2.6.4, thus

oo eﬂ]

m o o t 1)po(s)
Zt P(Hn(S)_m) - o Hl—t+te 11;(5)

m=0

_ t,uo(s
H 1—t+ter(

J=1

We can conclude that

H(s,t) = Z Z P(H, =m)s"t™
n=0 m=0
= (1—s)"" ) _t™> (1—5)s"P(H, =m)
m=0 n=m
= (L—s)"" ) t"P(H,) =m)
m=0
— etru'o(s) ﬁ 1
e 1—t+te ()

The deduction for F'(s,t) is similar.
The generating function Gk, (z) = > °_, 2" P(K,, = m) is well known from the
equality in (2.1.1), which leads easily to the result for K (s,t). O

Remark 2.6.6. H(s,t) in Theorem 2.6.5 is as in (2.6.1) and agrees with Sparre
Andersen’s formula [5, Theorem 2].

In order to fully describe the joint law of the nested compositions, two more
lemmas are necessary. The first contains information about the lengths of each
segment or excursion, and the second describes how many excursions there are in
each segment. We already know from the Poissonian description of the concave
majorant the distribution of the number of segments with a given slope, and thus
we already know the distribution of the number of segments within each face (see
Theorem 2.6.9 for the full description).

Lemma 2.6.7. Consider the walk of n(q) steps. For j > 1, condz’tionally given
K, =kyj, let LE LE. be the lengths of the kg ; segments of S[O of slope

4:3:kq,
xj. Then Lq] Lyeees Léfj’kqj are independent from each other and the lengths of all

q]l""
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other segments; Moreover they are identically distributed with common probability
generating function Gij(z) = 1i(2q)/1;(q).

For 5 > 1, conditionally given H,; = hy;, let ngvl, e ,Lgmqj be the lengths of
the hq; excursions of S,[)O’”(q)] of slope x;. Then LY., ... 7L§j,hqj are independent

from each other and the lengths of all other segments. Moreover they are identically
distributed with common probability generating function Gng(z) = (1—e (=) /(1
6—#1(!1))_

Furthermore, each excursion in the face of slope x; is independent and has the
law of a random walk with increment distribution Xy conditioned on making its first
return to the line through the origin with slope x; before n(q), an independent geo-
metric random variable with parameter 1 — q, and remaining below that line before
its first return time — the excursion is taken to be that walk up to the time of its first
return to the line with slope x;.

Proof. By Poisson process properties, each ij,p e ,L§j7hq’j are independent from
each other and the lengths of all other segments. By Poisson thinning, ]P(Lflfj’l =
l) = 17'¢'P(Sk = kx;), which gives the claimed generating function.

By the memoryless property of the geometric distribution of n(g), each excursion
of slope z; is independent, and is clearly independent from all excursions of other
slopes. This gives the final assertion of the Lemma. By considering the total lengths

of the face with slope z; we see that

Hgj Kqj

H _ K
§ :Lq,j,i o § :Lq,j,i
i=1 =1

By comparing the generating functions of both sides and using Proposition 2.6.4 we
can deduce the claimed generating function ¢ Ly (2). O
Lemma 2.6.8. Conditionally given there are k,; segments of S,[Jo’n(q)] of slope x;,
let Egjrs---, Eqjk,,; be the number of excursions in each of those kyq) segments.
Then Eqj1,- -, Eqjr,, are independent of each other and all other excursions and
are identically distributed. Their common distribution is the log-series distribution
with parameter 1 — e "9 that is

(1 — e @)

P(Eqj1 =1) = i11,()
J

i=1,2,...

Proof. By Theorem 2.6.3 the values of the walk S,[,O’n(q)] over each segment are inde-
pendent, which gives the independence of Eq 1, ..., Ej, ;- By the independence of
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the excursions in the face of slope z; and the independence of the walks over each
segment of slope x;, chj,l’ e 7ng7 E,, are independent and identically distributed.
By considering the total length of each segment of slope z;, we have the identity in

distribution
q J,1

717 Z qul

which after applying generating function analysis reveals that

“1 ZZZP 1= ZZ 1—@ 1 (g
ipi(q

]

We are now ready to describe the joint law of the three nested compositions
_Efg,n(q)] = E[Ig’n(q)} = Ef&,n(q)]- The following theorem is a summary of most of the
information from Theorem 2.6.3 to Lemma 2.6.8.

Theorem 2.6.9. Let n(q) be a geometric random variable with parameter 1 —q. Let
X1, Xs, ... be independent and identically distributed. Let S; =Y 1_, X; for j > 1.
Let x1, 2, ... be an enumeration of the set of real numbers x for which P(Sy = kx)
is positive for some k > 0, and for j > 1 let

= k'¢"P(Sy = kx;)

k=1

Let SLO’H(Q)] be such that conditionally given n(q) = n, Sﬁ[,o’n(q)] is constructed in the

same way as S,[,O’n] in Theorem 2.1.1. Let C’Lo’n(q” be the concave majorant of SLO’n(Q)].
Then independently for each 7 > 1:

e There is a face of C_’,[)O’"(q)] with slope x; with probability 1 — e=+i(@),

o Conditionally given there is a face of slope x; the number of blocks of E[Ign] with
associated slope x; has the Poisson distribution with parameter pi;(q), condi-
tionally on the value being at least one.

o Conditionally given there are kq; blocks of = _[O ] with associated slope x;, the
number of excursions blocks in each of the k, ; segment blocks has the log-series
distribution with parameter 1 — e "D independently for each segment.
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o The length of each excursion of slope x; is independent of all other excursions
and has distribution with generating function

Gpu (2) = (1 — e ED) /(1 — el

Any face block with associated slope x such that x # x; for any j > 1 will be comprised
of exactly one segment block, which will also be comprised of exactly one excursion
block. The lengths and increments of faces with slope x such that x # x; for any
j > 1 form a Poisson point process on {1,2,...} x R with intensity i 'P(S; € ds)
fori>1,s € R, but restricted to the region

{(1,s) € {1,2,...} xR : s #ix; for any j > 1}

Three nested compositions with the joint law of Eﬁn(q)], E{g’n(q)] and E[F()’n(q)] are cre-
ated by uniformly randomly ordering the excursions within each segment, uniformly
randomly ordering the segments within each face, arranging the faces in order of
decreasing slope, and then looking at the induced compositions of excursion blocks,
segment blocks and face blocks.

—_

Theorem 2.6.9 implies that the compositions E[Igm(q)] = E[foin(q)] =< :[F07n(q)] can be
generated by nested renewal processes on N that terminate at some geometric time.
There would be three types of renewal epochs. The first would be when a new face
block started, which implies a new segment block and excursion block would also
start. The second would be when only a new segment block and excursion block
started, and the third would be when only a new excursion block started. Unlike
in previous investigations into nested renewal sequences [18, 30], the distributions
of the length until the next renewal may change with time, and after a renewal has
occurred, the number of future renewals may depend on how many have already
occurred.

Theorem 2.6.9 allows us to readily compute the probability of many fluctuation
events for S%"(@] Some examples are

e For each j > 1, the probability that Cl0™9) consists of only one face of slope
zjis (1 —q)te @,

e The probability that S0 has a unique minimum, i.e. the probability that
C0n@] has no face of slope zero, is exp[— Y oo | k7 1¢"P(Sy = 0)].

e For each j > 1, the expected length of the face of CI0™@l of slope z; is
S oo " P(Sy = kxy).
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2.7 S0 conditional on its concave majorant

To complete the rearrangement problem stated in the introduction, we now give a
description of the law of S conditional on C0™ = %7 It is a generalization
of the well known Vervaat transform for turning a bridge of a random walk into an

excursion [91, Theorem 5]. It relies on first choosing a segment composition Efg ]

conditional on C"™ = €07 and then choosing a walk conditional on Efon

Let Supp(C®™) be the support of the measure on concave functions on [0, n] that
represents the law of C". For any composition (nq,...,n) of n we say that o € &3,
is a (nq,...,ng)-cyclic permutation of [n] if its only action is to cyclically permute
the first n; elements of [n], cyclically permute the next ny elements of [n] and so on.
For example, 234175689 is a (4, 3, 2)-cyclic permutation of [9]. Recall that in Section
2.6 we defined N, to be the set of compositions of n, and /\/( On]y € N, to be the
set of possible values of = um’n] conditionally given C,[; ol
Theorem 2.7.1. Let Sy = 0 and S; = 22:1 Xy for 1 < j <mn, where X1,..., X,
are exchangeable random variables. Let S = {(5,5;) : 0 < j < n} and let
Cn] be the concave magjorant of S, Suppose e € Supp(CO™). Let q(-) be the
probability density function on N, that is the regular conditional distribution of Zjg )
conditionally given C_’,[)O’"] = c0nl. Let (No1, Nua, -, Nuk,) be a composition of n
chosen according to the density function q(-), independently of {X; : 1 < j <n}.

Conditionally given {K,, = k} and {N,; =n; : 1 <i <k}, letYy,...,Y, be
random variables, independent of all previously introduced random wvariables, whose
joint law that is the reqular conditional joint distribution of X1, ..., X, conditionally
given {S; € de®(5), 5 =3"" n;, 1 <m < k}.

Conditionally given Y1, ...,Y,, let B be the random set of (nq, ..., ny)-cyclic per-
mutations of [n] such that

Yo 2 e™(j)  for1<j<n

if and only if o € B Let p be an independently chosen uniform random element of

B, and let S = Yo for 1 <j <n. Then Sy :={(j,S7) : 1<j < n} has
On]

the regular condztwnal distribution of S10" condztzonally given C0" = ¢l
The theorem is direct result of Bayes’ rule and Theorem 2.1.1. Note that when
X1,..., X, satisfy assumption A, N (E[O’”]) has only one element, the composition
induced by the lengths of the faces of €™, and A also only contains one element by
Lemma 2.2.1, so the theorem simplifies significantly. It remains to describe ¢(-).
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Lemma 2.7.2. Suppose ¢ ¢ Supp(CO") and that X1, ..., X, are exchangeable.
The regular conditional distribution of Zjo ) conditionally given C'[[;O’n] = o s given

by

P(C[On]( ) € dc[on]( ),1 <5< n)]P’(E[I&n] = (n,... ,nk)\Cg)"] = 0[0”})

k
n; n
R MH = P(S, € dé™(j),j = Sl <1< k)
Hf k(g )

where S;, 1 < j < mn is as in Theorem 2.7.1.

Proof. Let (ny,...,n;) € N(el®). Following the construction in Theorem 2.1.1, by
the Ewens sampling formula the probability that {L,,1,..., L, k,} is a list of the

elements of (nq,...,n;) in non-increasing order is (H?Zl(aj!)_l> <Hf:1 n;1> where

=#{i : 1 <i<kmn; =j}for 1 <j<n. Conditionally given {L,1,...,LnK,}
is a list of the elements of (ny,...,nx) in non-increasing order the probability of the
event {ZX = (ny,...,ny), CO" = &onll is

" ay!
H] L P(S; € dé®"l(; ]—an,1<l<k‘)
f C[O n] |
H (n1,...7nk). i=1

where the denominator in the multiplicative factor in the brackets is due to the re-
strictions on the orderings of partition segments within each face, and the numerator
is because of repeated segment lengths. O

We say that the concave majorant of a walk is trivial if it has only one face.
A particularly useful form of Theorem 2.7.1 arises from the special case when the
increments X,..., X, are independent, the probability that the concave majorant
of S0 is trivial with slope zero is positive, and we want the conditional distribution
of the walk S1%" given it has trivial concave majorant of slope zero. By subtraction
of a line of constant slope, this gives us the conditional distribution of the walk S
given it has trivial concave majorant of any slope, as long as the probability that
the concave majorant of S is trivial with that slope is positive. In the case where
we want the regular conditional distribution for SI*™ conditional on having trivial
concave majorant of a slope that has zero probability, then the only possible value
for Zjg ) is the trivial composition (n).

Corollary 2.7.3. Let Sy = 0 and S; = 321 X; for1 < j <mn, where X1,...,X,
are independent identically distributed random variables, and let S = {(j, S;)
0 <j<n}. Suppose that

Piriv := P(concave majorant of S On) s trivial with slope zero) > 0
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Define a probability density function q(-) on N, by

[Tno.

=1

where u; = P(S; = 0) for 1 < j <mn. Let (Np1, Nno, ..., Nnk,) be a composition of
n chosen according to the density function q(-), independently of {X; : 1 < j < n}.

Conditionally given {K,, = k} and {N,; =n; : 1 <i < k}, independently for
eachl <t <kletY, t.tn, 41, Yn,4tn; be random variables, independent of all
previously introduced random variables, whose joint law that is the reqular conditional
joint distribution of Xy, ..., X,, conditionally given > ,*, X, = 0.

Conditionally given Yy, ...,Y,, let B be the random set of (ny, ..., ng)-cyclic per-
mutations of [n] such that

q((nb”.’ ptrwk'

Y0 <0 for1<j<n

if and only if o € B Let p be an independently chosen uniform random element of
BandletS”— 11 Yy for 1 < j < n. ThenS[O"]—{(j, ):1§j§n}
has the regular condztwnal distribution of S conditionally given S has trivial
concave majorant with slope zero.

2.8 A path transformation

This section covers the ‘3214" path transformation discussed at length in Chapter 1.
Essentially, the idea is that a uniformly sampled face of the concave majorant should
have uniform length and the walk over it should be a Vervaat like transform of some
walk of the same length.

Let So = 0and S; = > " | X; for 1 < j < n, where X;,7 = 1,...,n are ex-
changeable random variables satisfying assumption A. We introduce the following
path transformation for the random walk S = {(5,5;), 1 < j < n}. Let U be
distributed uniformly on [n]. Let g and d be the left and right end points respectively
of the face of the concave majorant of S containing the Uth increment Xy;. Define
SY for 1 < j <n by

SU+j—SU fOI0§j<d—U
QU _ Sg+j_(d_U)+Sd—Sg—SU ford—-U<j<d—g (2.8.1)
/ Sj_(d—g) T Sa— Sy ford—g<j<d

S; ford < j <n.

and let S5 = {(j,SY), 1 < j <n}.
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\4

S DV
g u d d—ud—g d

Figure 2.3: An example of the ‘3214’ path transformation of Theorem 2.8.1. The
walk on the right is the transformed version of the walk on the left. Note how given
d — g the transform is easily inverted - the index at which the first d — g increments
should start after cyclic permutation is marked, and can be found by lowering a line
with the slope the mean of the first d — g increments.

Theorem 2.8.1. Under assumption A,
n d n
(U.5°) £ (d—g,57™)

Proof. As in the proof of Theorem 2.1.1 under assumption A in Section 2.2, it is
enough to show that the equality in distribution holds when X, ..., X,, are samples
without replacement from z1,...,x, satisfying assumption A. S and Sg)’n] may
thus be thought of as permutations of 7, so we may think of the mapping (U, SI*™) —
(d—g, S}}””]) as a mapping from [n] x X, to itself. Since U is uniform on [n], and the
ordering of X1,..., X, is a uniform random permutation of zy,...,z,, it is enough
to show that this mapping is a bijection. To do this, it suffices to show that the
mapping is surjective. This can be seen visually in Figure 2.3 since it is clear from
the figure and its description that the map is easily inverted. More formally, to show
that the map is surjective it is sufficient to show that for k € [n] there exists u € [n]
and o € >, such that

<u, {(0,0), (1, 2001)), (2, Zo(1) + To), - - -, (, Z%(”)})

— (k {(0,0), (1,21), (2,21 + x2), - .., (n, Z:m)})

i=1
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Let f be the number of faces of the concave majorant of the walk of length n — k
with increments xyy1,...,%,, and let the lengths and increments of these faces in
order of appearance be (¢1,s1),...,({s,ss). Let r be the unique r € [k] such that
the walk with increments

(errla L(r4+1)mod k +1, L(r+2)mod k +15 - « - y L(r4+k—2) mod k +1, mr)

remains below its concave majorant. Let s* = Zle x;, and let m be the unique
m € {0, ..., f} such that

*
Sm S Sma1

b~ k"

where we say that so/ly = +00 and sy /{41 = co. The appropriate (o(1),...,0(n))
is given by

(k+1,k+2,....k+> " 4,

r+1,(r+1)mod k +1,(r+2)mod k +1,...,rk+> " {;+1,...,n)
]

Remark 2.8.2. As discussed in Chapter 1, Theorem 2.8.1 provides an alternative
method of proving Theorem 2.1.1 under assumption A, since by applying the trans-
formation again to the Sg)’n] restricted to the interval [d — g,n], and then doing this
repeatedly until there is nothing left to transform, we are actually performing the
inverse of the transformation given in Theorem 2.1.1. However, this method does
not extend to cover the general case as considered in Section 2.6.
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Chapter 3

Lipschitz Minorants of Brownian
Motion and Lévy Processes

3.1 Introduction

A function ¢g : R — R is a-Lipschitz for some o > 0 if |g(s) — g(t)| < a|s — t| for
all s,t € R. If I is a set of a-Lipschitz functions from R to R such that sup{g(to) :
g € I'} < oo for some ¢y € R, then the function g* : R — R defined by ¢*(t) =
sup{g(t) : g € T'}, t € R, is a-Lipschitz. Also, if f: R — R is an arbitrary function,
then the set of a-Lipschitz functions dominated by f is non-empty if and only if f is
bounded below on compact intervals and satisfies liminf; ., f(¢) — at > —oo and
liminf, ., f(t) + at > —oo. Therefore, in this case there is a unique greatest a-
Lipschitz function dominated by f, and we call this function the a-Lipschitz minorant
of f.
Denoting the a-Lipschitz minorant of f by m, an explicit formula for m is
m(t) =sup{h € R: h—alt —s| < f(s) for all s € R}
=inf{f(s) + a|t — s| : s € R}.

For the sake of completeness, we present a proof of these equalities in Lemma 3.8.1.
The first equality says that for each ¢ € R we construct m(t) by considering the set
of “tent” functions s — h — «|t — s| that have a peak of height h at the position ¢
and are dominated by f, and then taking the supremum of those peak heights — see
Figure 3.2. The second equality is simply a rephrasing of the first.

The property that the pointwise supremum of a suitable family of a-Lipschitz
functions is also a-Lipschitz is reminiscent of the fact that the pointwise supremum
of a suitable family of convex functions is also convex, and so the notion of the a-
Lipschitz minorant of a function is analogous to that of the convex minorant. Indeed,

(3.1.1)
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there is a well-developed theory of abstract or generalized convexity that subsumes
both of these concepts and is used widely in nonlinear optimization, particularly in
the theory of optimal mass transport — see [33, 10, 31, 56], Section 3.3 of [76] and
Chapter 5 of [95]. Lipschitz minorants have also been studied in convex analysis for
their Lipschitz regularization and Lipschitz extension properties, and in this area are
known as Pasch-Hausdorff envelopes [48, 49, 77, 57].

Furthermore, the second expression in (3.1.1) can be thought of as producing a
function analogous to the smoothing of the function f by an integral kernel (that is,
a function of the form ¢ — [, K(|t — s|)f(s) ds for some suitable kernel K : R — R)
where one has taken the “min-plus” or “tropical” point of view and replaced the
algebraic operations of + and x by, respectively, A and +, so that integrals are
replaced by infima. Note that if f is a continuous function that possesses an «q-
Lipschitz minorant for some aq (and hence an a-Lipschitz minorant for all o > ay),
then the a-Lipschitz minorants converge pointwise monotonically up to f as a —
+o0o. Standard methods in optimization theory involve approximating a general
function by a Lipschitz function and then determining approximate optima of the
original function by finding optima of its Lipschitz approximant [46, 47, 51, 68].

We investigate here the stochastic process (M;),cr obtained by taking the a-
Lipschitz minorant of the sample path of a real-valued Lévy process X = (X;)er for
which the a-Lipschitz minorant almost surely exists, a condition that turns out to be
equivalent to |E[X}]| < a when Xy = 0 (excluding the trivial case where X; = +at
for t € R) — see Proposition 3.2.1. See Figure 3.1 for an example of the minorant
of a Brownian sample path. The original motivation for this undertaking was the
abovementioned analogy between a-Lipschitz minorants and convex minorants and
the rich (and growing) literature on convex minorants of Brownian motion and Lévy
processes in general [45, 71, 11, 27, 12, 24, 89, 73], much of which has been discussed
in detail in Chapter 1.

In particular, we study properties of the contact set Z := {t € R : M, = X; A
X;—}. This random set is clearly stationary and, as we show in Theorem 3.2.6, it
is also regenerative. Consequently, its distribution is that of the closed range of a
subordinator “made stationary” in a suitable manner. For a broad class of Lévy
processes we are able to identify the associated subordinator in the sense that we
can determined its Laplace exponent — see Theorem 3.3.13.

We then consider the Lebesgue measure of the random set Z in Theorem 3.3.1
and Remark 3.3.2. If the paths of the Lévy process have either unbounded variation
or bounded variation with drift d satisfying |d| > «, then the associated subordinator
has zero drift, and hence the random set Z has zero Lebesgue measure almost surely.
Conversely, if the paths of the Lévy process have bounded variation and drift d
satisfying |d| < «, then the associated subordinator has positive drift, and hence the
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=
=

Figure 3.1: A typical Brownian motion sample path and its associated Lipschitz
minorant.

random set Z has infinite Lebesgue measure almost surely. In Theorem 3.3.8 we give
conditions under which the Lévy measure of the subordinator associated to the set
Z has finite total mass, which implies that Z is a discrete set in the case where it
has zero Lebesgue measure. Using the methodologies developed to investigate the
Lebesgue measure of Z we give in Theorem 3.3.11 an interesting result relating to
the local behavior of a Lévy process at its local extrema.

If for the moment we write Z, instead of Z to stress the dependence on «, then it
is clear that Z, C Z,» for o/ < o”. We find in Theorem 3.4.5 that if the Lévy process
is abrupt, that is, its paths have unbounded variation and “sharp” local extrema in
a suitable sense (see Definition 3.4.1 for a precise definition), then the set |, Z, is
almost surely the set of local infima of the Lévy process.

Lastly, when the Lévy process is a Brownian motion with drift, we can compute
explicitly the distributions of a number of functionals of the a-Lipschitz minorant pro-
cess. In order to describe these results, we first note that it follows from Lemma 3.8.3
below that the graph of the a-Lipschitz minorant M over one of the connected com-
ponents of the complement of Z is almost surely a “sawtooth” that consists of a
line of slope 4« followed by a line of slope —a. Set G := sup{t < 0 : t € Z},
D:=inf{t >0:¢t € Z}, and put K := D — G. Let T be the unique ¢ € [G, D] such
that M(t) = max{M(s) : s € [G,D]}. That is, T is place where the peak of the
sawtooth occurs. Further, let H := X — M7y be the distance between the Brownian
path and the a-Lipschitz minorant at the time where the peak occurs.

The following theorem summarizes a series of results that we establish in Sec-
tion 3.7.
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Theorem 3.1.1. Suppose that X is a Brownian motion with drift 3, where |3| < .
Then, the following hold.

(a) The Lévy measure A of the subordinator associated to the contact set Z has
finite mass and is characterized up to a scalar multiple by

fR+ 1 — e % A(dw) 4(a? — 320

Joo o M) (\ait (=) +a - 8) (VOB + (@t BF +a+5)

(b) When B = 0 the measure A is absolutely continuous with respect to Lebesgue
measure with

A(dl‘) . 20( |: 1 o2z
ARy)  Vor
where @ is the standard normal cumulative distribution function (that is, (z) :=

fzoo \/Tr 2 dt)

(¢) The distribution of T is characterized by

—or 2} 1
Ele™] = 8a(a®~F)g <\/a+6——2+3a—6 \/m+3a+ﬁ)
for—( <(9< O‘w . Also,

]P’{T>O}:%(1+§).

(d) The random variable H has a Gamma(2,4«) distribution; that is, the distribu-
tion of H 1s absolutely continuous with respect to Lebesque measure with density

h — (4a)?he=*eh b > 0.

The rest of this chapter is organized as follows. In Section 3.2 we provide precise
definitions and give some preliminary results relating to the nature of the contact
set. In Section 3.3 we describe the subordinator associated with the contact set, and
in Section 3.4 we describe the limit of the contact set as a — oo. In order to prove
Theorem 3.3.13 we need some preliminary results relating to the future infimum of
a Lévy process, which we give in Section 3.5, and then we prove Theorem 3.3.13 in
Section 3.6. In Section 3.7 we cover the special case when X is a two sided Brownian
motion with drift in detail. Finally, in Section 3.8 we give some basic facts about
the a-Lipschitz minorant of a function that are helpful throughout the paper.
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3.2 Definitions and Preliminary Results

3.2.1 Basic definitions

Let X = (X})ier be a real-valued Lévy process. That is, X has cadlag sample paths,
Xo =0, and X; — X is independent of {X, : r < s} with the same distribution as
X;_, for s,t € R with s < t.

The Lévy-Khintchine formula says that for ¢ > 0 the characteristic function of
X, is given by E[e??Xt] = ¢=*¥©) for § € R, where

U(0) = —iad + %(7202 + /(1 — " + 021 4)<1y) TI(dz)
R
with a € R, 0 € R,, and Il a o-finite measure concentrated on R\ {0} satisfy-
ing [o(1 A 2?)II(dz) < oo. We call ¢ the infinitesimal variance of the Brownian
component of X and II the Lévy measure of X.

The sample paths of X have bounded variation almost surely if and only if 0 = 0
and [, (1 A |z|)II(dz) < co. In this case ¥ can be rewritten as

T(h) = —idf + /(1 — ) TI(dx).

We call d € R the drift coefficient. For full details of these definitions see [15].
We will often need the result of Statland [87] that if X has paths of bounded
variation with drift d, then

limt ' X; =d  as. (3.2.1)
t]o

The counterpart of Statland’s result when X has paths of unbounded variation is
Rogozin’s result

lirﬁ(i]nf t1X, =00 and limsupt 'X, =400 a.s. (3.2.2)
£10

For the sake of reference, we also record here a regularity criterion due to Rogozin
[79] (see also [15, Proposition VI.11]) that we use frequently:

zero is regular for (—oo, 0]

— (3.2.3)

1
/ t'P{X; < 0} dt = <.
0

Of course, (3.2.3) has an obvious analogue that determines when zero is regular for
[0, 00).
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3.2.2 Existence of a minorant

Proposition 3.2.1. Let X be a Lévy process. The a-Lipschitz minorant of X exists
almost surely if and only if either o = 0, I1 = 0 and |d| = a (equivalently, X; = at
for allt € R or Xy = —at for allt € R), or E[|Xi]|] < oo and |[E[X}]| < «.

Proof. As we remarked in the Introduction, the a-Lipschitz minorant of a function
f R — R exists if and only if f is bounded below on compact intervals and satisfies
liminf, ,_ o f(t) — at > —oo and liminf, ., f(¢) + at > —o0.

Since the sample paths of a Lévy process are almost surely bounded on compact
intervals, we need necessary and sufficient conditions for liminf, , . X; —at > —o0
and liminf, ., X;+at > —oo to hold almost surely. This is equivalent to requiring
that

limsup X; — at < +00 a.s. and liminf X; + at > —co  as. (3.2.4)

It is obvious that that the two conditions in (3.2.4) hold if o = 0, II = 0 and

|d| = a. Tt is clear from the strong law of large numbers that they also hold if
E[|X1]] < oo and |[E[X}]] < a.
Consider the converse. Writing 27 := 2 V0 and 2= := —(z A 0) for z € R,

the strong law of large numbers precludes any case where either E[X;'] = +o0o and
E[X;] < 400 or E[X]] < 400 and E[X[ | = +00. A result of Erickson [32, Chapter
4, Theorem 15] rules out the possibility E[X"] = E[X, ] = 400, and so E[| X;|] < .
It now follows from the strong law of large numbers that lim; .. ¢! X; = E[X;] and
so |E[X;]] < a. Suppose that X is non-degenerate for ¢ # 0 (that is, that o # 0 or
IT # 0). Then, limsup, ., X; —E[X;]t = 400 a.s. and liminf, .. X; —E[X;]|t = —o0
a.s. (see, for example, [54, Corollary 9.14]), and so |E[X]| < « in this case. O

Hypothesis 3.2.2. From now on we assume, unless we note otherwise, that the
Lévy process X = (X;);cr has the properties:

o Xj=0;

e X, is non-degenerate for t # 0;
o E[|X;]] < oo

o E[Xi]| < a.

Notation 3.2.3. As in the Introduction, let M = (M;)cr be the a-Lipschitz mino-
rant of X. Put Z={teR: M, = X; A X;_}.
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3.2.3 The contact set is regenerative

It follows fairly directly from our standing assumptions Hypothesis 3.2.2 that the
random set Z is almost surely unbounded above and below. (Alternatively, it follows
even more easily from Hypothesis 3.2.2 that Z is non-empty almost surely. We show
below that Z is stationary, and any non-empty stationary random set is necessarily
almost surely unbounded above and below.)

We now show that the contact set Z is stationary and that it is also regenerative in
the sense of Fitzsimmons and Taksar [36]. For simplicity, we specialize the definition
in [36] somewhat as follows by only considering random sets defined on probability
spaces (rather than general o-finite measure spaces).

Let Q° denote the class of closed subsets of R. For t € R and w° € Q°, define

di(W°) :=1inf{s > t:s € W'}, 7 (W) = di(w") —t,

and
(W) =cls—t:s€w’N(to0)} =cl((W —1)N(0,00)).

Here cl denotes closure and we adopt the convention inf ) = +00. Note that ¢ € w®
if and only if limg, rs(w?) = 0, and so w®N (—o0, t] can be reconstructed from r,(w?),
s <t, forany t € R. Set G = o{r,: s € R} and G° = o{r, : s < t}. Clearly, (d;)icr
is an increasing cadlag process adapted to the filtration (G?)icr, and d; > ¢ for all
teR.

A random set is a measurable mapping S from a measurable space (€2, F) into

(20,G9).

Definition 3.2.4. A probability measure Q on (Q°,G%) is regenerative with regen-
eration law QU if

(i) Q{d; = +o00} =0, for all t € R;

(ii) for all ¢ € R and for all G%-measurable nonnegative functions F,

Q [F(r4,)|67] = Q°[F), (3.2.5)

where we write Q[-] and Q°[-] for expectations with respect to Q and Q°. A
random set S defined on a probability space (2, F,P) is a regenerative set if the
push-forward of P by the map S (that is, the distribution of S) is a regenerative
probability measure.

Remark 3.2.5. Suppose that the probability measure Q on (Q°, G°%) is stationary;
that is, if S° is the identity map on Q°, then the random set S° on (Q2°,G% Q) has
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the same distribution as u + S° for any u € R or, equivalently, that the process
(r¢)ter has the same distribution as (r;_,)er for any v € R. Then, in order to check
conditions (i) and (ii) of Definition 3.2.4 it suffices to check them for the case ¢ = 0.

The probability measure Q° is itself regenerative. It assigns all of its mass to the
collection of closed subsets of R,. As remarked in [36], it is well known that any
regenerative probability measure with this property arises as the distribution of a
random set of the form cl{Y; : Y; > Yy, t > 0}, where (Y;):>0 is a subordinator (that
is, a non-decreasing, real-valued Lévy process) with Yy = 0 — see [59, 58]. Note that
cl{Y; : Y, > Yi, t > 0} has the same distribution as cl{Y,; : Yo; > Y, t > 0}, and the
distribution of the subordinator associated with a regeneration law can at most be
determined up to linear time change (equivalently, the corresponding drift and Lévy
measure can at most be determined up to a common constant multiple). It turns
out that the distribution of the subordinator is unique except for this ambiguity —
again see [59, 58].

We refer the reader to [36] for a description of the sense in which a stationary
regenerative probability measure Q with regeneration law Q° can be regarded as Q
“made stationary”. Note that if A is the Lévy measure of the subordinator associated
with Q in this way, then, by stationarity, it must be the case that f]m y A(dy) < oc.

Theorem 3.2.6. The random (closed) set Z is stationary and regenerative.

Proof. 1t follows from Lemma 3.8.3 that Z is a.s. closed.

We next show that Z is stationary. Note for v € R that u+ Z = {t € R :
X(t—u) VAN X(t—u)— = M(t—u)}- Define (Xt)tER by Xt = Xy — X(_u) for t € R and
let M be the a-Lipschitz minorant of X. Note that M, = M,_, — X(—y for t € R.

Therefore, u + Z = {t € R : X, VX, = Mt} and hence u + Z has the same
distribution as Z because X has the same distribution as X.
We now show that Z is regenerative. For t € R set

Dy:=inf{s>t: X;ANX,_ =M} =dyo Z,

Rt = Dt — t7
Sp=inf{s>t: X;ANX;_ —a(s—1t) <inf{X, —a(u—1t):u<t}},
and Fy := (o, 0{ Xy v < s}

We claim that X5 < Xg,_ a.s. Suppose to the contrary that the event A :=
{Xs, > Xg,_} has positive probability. On the event A, X > Xg, — (Xg, — Xg,_)/2
for s € (S, S¢+9) for some (random) § > 0. Hence, X, > Xg, — (Xgs, — X5, )/2 for
s € (S, Si+9), and so X A X, —a(s—t) > Xg, AXg,— —a(S;—t) = Xg,_ —a(S;—t)
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for s € (S, S¢ 4+ 0) on the event A provided ¢ is sufficiently small. It follows that, on
the event A, Xg,_ —a(S;—t) <inf{X,—a(u—t) :u <t} and X;A X, —a(s—1t) >
inf{X, —a(u—1t) : u <t} fort <s < S;. Define a non-decreasing sequence of
stopping times {U, }nen by

1
Un::inf{s>t:Xs/\Xs_—oz(s—t)Sinf{Xu—a(u—t):uﬁt}jLﬁ},

and set Uy, := sup,,cyU,. We have shown that, on the event A, U, < S; for all
n € N and Uy = S;. By the quasi-left-continuity of X, lim, ... Xy, = Xy a.s.
In particular, Xg, = Xg,— a.s. on the event A, and so A cannot have positive
probability.

Lemma 3.8.4 now gives that

Dy=inf{s>S;: i AN X;_ +a(s—S;) =inf{X, + a(u—35;) :u>S}}

almost surely.

We have already remarked that Z is almost surely unbounded above and below,
and hence condition (i) of Definition 3.2.4 holds. By Remark 3.2.5, in order to check
condition (ii) of Definition 3.2.4, it suffices to consider the case ¢ = 0.

For notational simplicity, set S := Sy and D := Dy — see Figure 3.3 for two
illustrations of the construction of S and D from a sample path. For a random time
U, let Fi be the o-field generated by random variables of the form &, where (& ):cr
is some optional process for the filtration (F;)ier (cf. Millar [63, 60]). It follows
from Corollary 3.8.2 (where we are thinking intuitively of removing the process to
the right of D rather than to the right of zero) that (., 0{Rs:s < e} C Fp.

Put ) 3

X = (Xy)s20 = ((Xs4s — Xs) + @8) 59 -

By the strong Markov property at the stopping time S and the spatial homogeneity
of X, the process X is independent of Fg with the same distribution as the Lévy
process (X; + at);>o. Suppose for the Lévy process (X; + at);>o that zero is regular
for the interval (0,00). A result of Millar [62, Proposition 2.4] implies that almost
surely there is a unique time T such that Xy = 1nf{X 5 > 0} and that if T is
such that X7 = inf{X,:s > 0}, then T'=T. Thus, T = sup{t > 0 : X, A X =
inf{X, : s > 0}} and D = S + T. Combining this observation with the main result
of Millar [60] (see Remark 3.2.7 below) and the fact that XT = inf{X, : s> 0} gives
that (XT 1¢)t>0 is conditionally independent of Fp given Xjz. Thus, again by the
spatial homogeneity of X, (XT 4 XT)t>0 is independent of Fp. This establishes
condition (ii) of Deﬁmtlon 324 fort=0.
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If zero is not regular for the interval (0, co) for the Lévy process (X;+at)i>g, then
zero is necessarily regular for the interval (0, 00) for the Lévy process (X_;— + at)i>o
because this latter process the same distribution as (—(X; + at) + 2at);>o. The
argument above then establishes that the random set —Z is regenerative. It follows
from [36, Theorem 4.1] that Z is regenerative with the same distribution as —2. [

Remark 3.2.7. A key ingredient in the proof of Theorem 3.2.6 was the result of
Millar from [60] which says that, under suitable conditions, the future evolution
of a cadlag strong Markov process after the time it attains its global minimum is
conditionally independent of the past up to that time given the value of the process
and its left limit at that time. That result follows in turn from results in [38] on last
exit decompositions or results in [74] on analogues of the strong Markov property
at general coterminal times. We did not apply Millar’s result directly; rather, we
considered a random time D = Dy that was the last time after a stopping time that
a strong Markov process attained its infimum over times greater than the stopping
time and combined Millar’s result with the strong Markov property at the stopping
time. An alternative route would have been to observe that the random time D is a
randomized coterminal time in the sense of [63] for a suitable strong Markov process.

3.3 Identification of the associated subordinator

Let Y = (Y3)i>0 be “the” subordinator associated with the regenerative set Z. Write
0 and A for the drift coefficient and Lévy measure of Y. Recall that these quantities
are unique up to a common scalar multiple. The closed range of Y either has zero
Lebesgue measure almost surely or infinite Lebesgue measure almost surely according
to whether § is zero or positive [32, Chapter 2, Theorem 3]. Consequently, the same
dichotomy holds for the contact set Z, and the following result gives necessary and
sufficient conditions for each alternative.

Theorem 3.3.1. If 0 = 0, [I(R) < oo, and |d| = «, then the Lebesque measure of
Z is almost surely infinite. If X is not of this form, then the Lebesque measure of
Z is almost surely zero if and only if zero is reqular for the interval (—oo,0] for at
least one of the Lévy processes (Xi + at)i>o and (—X; + at)i>o.

Proof. Suppose first that o = 0, II(R) < oo and |d| = «. In this case, the paths
of X are piecewise linear with slope d. Our standing assumption |[E[X;]| < a and
the strong law of large numbers give lim;_, o 72 X; = lim; ., oo t 1 X; = E[X]. Tt is
now clear that Z has positive Lebesgue measure with positive probability and hence
infinite Lebesgue measure almost surely.
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Suppose now that X is not of this special form. It suffices by Fubini’s theorem
and the stationarity of Z to show that P{0 € Z} > 0 if and only if zero is not regular
for (—o0, 0] for both of the Lévy processes (X; + at);>o and (—X; + at)¢>o.

Set I™ :=1inf{X; —at : ¢t <0} and I := inf{X;+at : t > 0}. Recall from (3.1.1)
that My = I~ A I*. Therefore,

P{0c 2} =P{I~ AI" = Xo A Xo_ = 0}
—P{I" =1t =0}
= P{I~ = 0}P{I* =0},
and 5o P{0 € Z} > 0 if and only if P{I~ = 0} > 0 and P{/* = 0} > 0.

Note that /= has the same distribution as inf{—X; + ot : ¢ > 0}. From the

formulas of Pecherskii and Rogozin [69] (or [15, Theorem VI.5]),

E[eT] = exp (/ / EIP{—X; + at € dz} dt) (3.3.1)
000]

E[e’"] = exp (/ / tIP{X, + at € dz} dt) (3.3.2)
0 0]

Taking the limit as §# — oo and applying monotone convergence in (3.3.1) and in
(3.3.2) gives

and

P{I~ =0} = exp <— /OOO t'P{—X, + at < 0} dt) (3.3.3)

and -
P{I" =0} =exp (—/ t'P{X, + at < 0} dt) : (3.34)
0

Since we are assuming that it is not the case that o = 0, II(R) < oo and |d| = «,
we have P{X; + at = 0} = P{—X; + at = 0} = 0 for all ¢ > 0. Moreover, by our
standing assumption |E[X]| < a it certainly follows that both X; +at and —X; + at
drift to +00. Hence, by a result of Rogozin [79] (or see [15, Theorem VI.12])

/ tT'P{X; +at <0}dt < oo and / tT'P{—X; +at <0}dt < oo. (3.3.5)
1 1

The result now follows from (3.2.3) which implies that zero is not regular for the
interval (—oo, 0] for both (=X; + at);>¢ and (X; + at);>o if and only if

1 1
/ tP{-X; +at <0}dt < oo and / tP{X; + at <0} dt < oco.
0 0
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Remark 3.3.2. (i) Note that zero is regular for the interval (—oo,0] for both
(X: + at)i>o and (—X; + at);>o when X has paths of unbounded variation,
since then liminf; o' X, = —oo by (3.2.2).

(ii) If X has paths of bounded variation and drift coefficient d, then lim o ¢~ (X, +
at) = d+a and limy ot~ (—X;+at) = —d+a by (3.2.1). Thus, if |d| < a, then
zero is regular for (—oo, 0] for neither (X; + at)i>o or (—X; + at)i>o, whereas if
|d| > «, then zero is regular for (—oo, 0] for exactly one of those two processes.

(iii) If X has paths of bounded variation and |d| = «, then an integral condition due
to Bertoin involving the Lévy measure II determines whether zero is regular for
the interval (—oo, 0] for whichever of the processes (X;+at)i>o or (—X;+at);>o
has zero drift coefficient [17].

Remark 3.3.3. Recall the notation G =sup{t <0:t € Z}, D=inf{t >0:t € Z}
and K = D — G (note that D = dy o Z). If the Lebesgue measure of Z is almost
surely zero (equivalently when 6 = 0 [32, Chapter 2, Theorem 3]), then 0 ¢ Z and
G < 0 < D, and the distribution of K is obtained by size-biasing the Lévy measure
A; that is,

x A(dx)

Jo, yA(dy)

(recall that fR+ y A(dy) < oo since Z is stationary).

P{K € dz} = (3.3.6)

If the Lebesgue measure of Z is positive almost surely (and hence 6 > 0), then
P{K =0} > 0 and we see by multiplying together (3.3.3) and (3.3.4) that

P{K = 0} = exp (— /Oo 1 (P{X, + at < 0} + P{—X, + at < 0}) dt)

0 (3.3.7)

= exp (— /OOO t'P{X, ¢ [~at, at]} dt) :

In this latter case, the conditional distribution of K given K > 0 is the size-biasing
of A. The relationship between § and A is easily deduced since P{K = 0} is the
expected proportion of the real line that is covered by the range of the subordinator
associated with Z. Thus

5
0+ [p, yA(dy)

Remark 3.3.4. Theorem 3.3.1 and Remark 3.3.2 provide conditions for deciding
whether the Lebesgue measure of the contact set Z is zero almost surely or positive

P{K =0} =
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almost surely, i.e. whether 6 = 0 or § > 0. In Theorem 3.3.8 we provide conditions
for deciding whether A(R;) < oo or A(R;) = oo for the case § = 0 and II(R) = oo.
Since 6 = 0, these conditions determine whether the contact set Z is a discrete set
or not. On the way, we provide in Propositions 3.3.5, 3.3.6, and 3.3.7 descriptions of
the local behavior of a Lévy process at its local extrema.

Clearly, if 0 = 0 and II(R) < oo, then A(R;) < co. Consider the remaining case
o =0, [I[(R) = oo, and § > 0. We claim that A(R;) = co. To see this, suppose
to the contrary that A(R;) < oo, then there almost surely exists t; < to such that
Xy N Xy = M, for all t; <t < ty. Because t — M, is continuous, the paths of X
cannot jump between times ¢; and t;. However, when II(R) = oo the jump times of
X are almost surely dense in R.

Write
M= U{t ER: Xy ANX, =inf{X,:s€ (t—¢,t+6)}} (3.3.8)

>0

for the set of local infima of the path of X and

MT = U{t ER: X ANX =sup{Xs:se€(t—et+e)}} (3.3.9)

e>0
for the set of local suprema. The following result is essentially due to Vigon [92].

Proposition 3.3.5. Let X be a Lévy process with paths of unbounded variation.
Then, X; = X;_ for allt € M~ and all t € M™ almost surely. Moreover, for any
r >0, liminf. g e (Xyye — X)) > 7 for allt € M~ almost surely if and only if

1
/ t'P{X, € [0,rt]} dt < oo, (3.3.10)
0
and limsup, g e (X — Xy) < —r for all t € M almost surely if and only if

/1t_1IP{Xt € [—rt, 0]} dt < . (3.3.11)

Proof. We show the equivalence involving local infima. The equivalence involving
local suprema then follows by a time reversal argument.

Let (X{)i>0 be a copy of (X;)i>o killed at an independent exponential time £ with
parameter 0 < ¢ < co. Define

p:=arg inf X]AX}! and o :=arg sup X/ AXL.
0<t<g 0<t<¢
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By a localization argument such as the one indicated in the proof of [92, Theorem
1.3], it is sufficient to show

X, =X,- (3.3.12)
and
limlg)nf e (X, 4 — X,) > rif and only if (3.3.10) holds. (3.3.13)
Because X has paths of unbounded variation, liminfyo¢™'X; = —oo and

limsup, ot~ X; = 400 almost surely by (3.2.2), and hence zero is regular for both
(—00,0] and [0,00). Equation (3.3.12) then follows from [62, Theorem 3.1]. The
inequality (3.3.13) is exactly [92, Proposition 3.6]. O]

Proposition 3.3.6. Let X be any Lévy process with paths of bounded variation with
drift d # 0. Then, Xy # Xy for allt € M~ and all t € M™ almost surely.
Moreover, lim. e (X;ye — Xi) = d for allt € M~ and all t € M* almost surely.

Proof. Using the same notation and arguments as in Proposition 3.3.5, it suffices to
show that X, # X,_ almost surely and that
lim e (Xpie — X,) =d. (3.3.14)

A result of Millar states that any Lévy process for which zero is not regular for
[0, 00) must jump out of its global infimum and that any Lévy process for which zero
is not regular for (—oo, 0] must jump into its global infimum — see [62, Theorem 3.1].
By (3.2.1), limy) t71 X, = d almost surely, and so one of these alternatives must hold.
Hence, in either case, X, # X,_.

Moreover, the fact that p is a jump time of X implies (3.3.14). To see this, we
argue as in [73]. For § > 0, let 0 < J¢ < JJ < ... be the successive nonnegative times
at which X has jumps of size greater than ¢ in absolute value. The strong Markov
property applied at the stopping time J? and (3.2.1) gives that

lif(r)lg_l(XJ§+5 — Xs) =d.

Hence, at any random time V' such that Xy # Xy _ almost surely we have

lil%lc‘_l(Xv_;,_s - Xv) =d.

]

Proposition 3.3.7. Let X be a Lévy process with paths of bounded variation, drift
d =0, and TI(R) = oo. Then, lim g™ (X;1e — Xy) = 0 for all t € M~ and all
t € M* almost surely. Moreover,
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(1) If zero is not reqular for [0,00), then Xy > Xy for allt € M~ and X; = X;_
for all t € M™ almost surely.

(i1) If zero is not reqular for (—oo, 0], then X; = X;_ for allt € M~ and X; < X;_
for all t € M™ almost surely.

(111) If zero is regular for both (—o0,0] and [0,00), then X; = X;_ for all t € M~
and all t € M™ almost surely.

Proof. Note that since II(R) = 0o, zero must be regular for at least one of (—o0, 0]
and [0, 00). Results (i), (ii) and (iii) are direct consequences of [62, Theorem 3.1].
Arguing as in Proposition 3.3.6, we get that lim. g e ™! (X, . — X;) = 0 for any time
t such that X; # X, . Using the notation of Propositions 3.3.5 and 3.3.6, suppose
that X, = X,_ and liminf. g~ (X, 1. — X,) >~ > 0. Then, for all 0 < ' < ~ the
time p is the time of a local infimum of the process (X; — 7't);>o. Since the drift
coefficient of this modified process is less than zero for all such 4/, the path of X must
jump at time p, which is a contradiction. Hence, liminf, o (X, 1. — X,) =0. O

Theorem 3.3.8. Let X be a Lévy process that satisfies our standing assumptions
Hypothesis 3.2.2 and II(R) = co. Then, A(Ry) < oo if and only if

1
/ t'P{X; € [~at,at]}dt < co. (3.3.15)
0

Proof. We break the proof up into the consideration of a number of cases. All of
the cases except the first rely on the facts that D is the time of a local infimum of
the process (X + at);>o and that G is the time of a local infimum of the process
(X_t + Oét)tzo.

Case 1: The process X has paths of bounded variation almost surely and |d| < c.

Suppose that 0 < d < a. By (3.2.1), limyot ' X; = d. Therefore, zero is regular
for (—o0, 0] for the modified process (X; — at);>o but not for the modified process
(Xt + at)i>o. Rogozin’s regularity criterion (3.2.3) gives that

1
/ tT'P{X; —at <0} dt = 0
0

and .
/ t'P{X; + at <0} dt < co.
0
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Hence,
1
/ t'P{X, € [~at,at] dt
0

1 1
:/ t'P{X, < at} dt —/ t'P{X, < —at}dt
0 0
= 007

and the inequality (3.3.15) fails. Note by Theorem 3.3.1 that 6 > 0, and hence
A(R,) = 0o — see Remark 3.3.4. The proof for —a < d < 0 is similar.

Case 2: The process X has paths of bounded variation almost surely and |d| > a.
Suppose that d > «a. By (3.2.1), limyjo ¢~ ' X; = d, and so zero is not regular for
(—00, 0] for the modified process (X; — at)i>o. It follows from (3.2.3) that

1
/ t'P{X, — at <0} dt < .
0
Hence,
1
/ t1P{X, < at}dt < oo
0

and the inequality (3.3.15) certainly holds. It follows from Proposition 3.3.6 that
liminf. oe ' ((Xpye + ae) — Xp) > 2« a.s. Thus, if

D' :=inf{t>D:te Z}

then D' > D a.s. The regenerative property of Z implies that Z is discrete, and
hence A(R;) < co. The proof for d < —a is similar.

Case 3: The process X has paths of bounded variation almost surely, d = —a, and
zero is not reqular for (—oo, 0] for the modified process (X; + at)i>o.
By (3.2.1), lim¢jpe !} (X; — at) = —2a, and so zero is not regular for [0, 00) for

the modified process (X; — at);>o. It follows from (3.2.3) that

1
/ tP{X; + at <0} dt < o
0

and )
/ t'P{X, — at > 0} dt < .
0
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Hence,
1
/ tT'P{X, € [~at,at] dt
0

t 1 1

:/ 1 dt—/ t'P{X, < —at} dt—/ t'P{X, > at} dt
0 0 0

= OO’

and the inequality (3.3.15) fails. Theorem 3.3.1 implies that 6 > 0 and hence
A(Ry) = oo — see Remark 3.3.4.

Case 4: The process X has paths of bounded variation almost surely, d = —a, and
zero is reqular for both (—oo,0] and [0,00) for the modified process (X; + at)i>o.
As in Case 3,

1
/ t'P{X; — at > 0} dt < oo.
0

Also,

/lt‘l]P{Xt +at <0}dt =0
and 01

/ tP{X; + at > 0} dt = co.
Hence, 0

1
/ t'P{X; € [—at, at] dt
0

1 1
= / t'P{X, > —at}dt — / tP{X, > at} dt
0 0

:OO7

and inequality (3.3.15) fails. Note that 6 = 0 by Theorem 3.3.1, so if A(R;) < oo,
then M; = Xp + a(t — D) for 0 <t < ¢ for some € > 0, but liminf. e ' (Xpie +
ag) — Xp) = 0 a.s. by Proposition 3.3.7. Thus, we must have A(R;) = occ.

Case 5: The process X has paths of bounded variation almost surely, d = —«, zero
is regular for (—oo, 0] and not regular for [0,00) for the modified process (X;+at)i>o.
Similarly to Case 4,

1
/ t'P{X, —at > 0} dt < oo,
0
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1
/ tT'P{X; + at <0} dt = oo,
0

and )
/ t7'P{X, + at > 0} dt < co.
0

In particular,

1
/ tP{X, > —at}dt < oo,
0

and the inequality (3.3.15) holds. Proposition 3.3.7 gives that Xp > Xp_ a.s. Thus,
D’ > D a.s. The regenerative property of Z implies that Z is discrete, and hence

Case 6: The process X has paths of bounded variation almost surely and d = .
This is handled by considering the behavior at G for the time reversed process in
the manner of Cases 3,4, and 5.

Case 7: The process X has paths of unbounded variation almost surely and fol t7'P{X; €
[—at, (a+¥)t]} dt < oo for some v > 0.

Proposition 3.3.5 gives that liminf. o™ ((Xpy.+ae)— Xp) > 2a+7 a.s., which,
as in Case 2, implies that D’ > D a.s. and hence A(R;) < oo.

Case 8: The process X has paths of unbounded variation, (3.3.15) holds, but f01 t'P{X; €
[—at, (a+ 7)t]} dt = oo for every v > 0.

To get to the desired result that A(R;) < oo we introduce a new technique
involving convex minorants of Lévy processes.

As before, let (X[)>0 be a copy of (X;);>0 but killed at an independent expo-
nential time § with parameter 0 < ¢ < oo, and let p = arginfoc;ce Xp A X

By results of Pitman and Uribe Bravo on the convex minorant of the path of a
Lévy process [73, Corollary 2] discussed in Section 1.3, the linear segments of the
convex minorant of the process (X; + at)o<i<¢ define a Poisson point process on
R, x R, where a point at (¢, x) represents a segment with length ¢ and increment x.
The intensity measure of the Poisson point process is the measure on R, x R given
by

e "t 'P{X; + at € dr}dt. (3.3.16)

In order to recreate the convex minorant from the point process, the segments are
arranged in increasing order of slope. Note that the convex minorant after time p
can be recreated by only piecing together the segments of positive slope.

Let Z be the infimum of the slopes of all segments of the convex minorant of
(Xt + at)o<i<¢ that have positive slope. Under the assumption (3.3.15), it follows
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from (3.3.16) that
P{Z > 2a} = exp (—/ e " 'P{X; + at € [0,2at]} dt> > 0.
0

Thus, with positive probability, there exists € > 0 such that (X, + at) — X, > 2at
for all 0 < t < e. Hence by Millar’s zero-one law at the infimum of a Lévy process,
such an ¢ exists almost surely. By the almost sure uniqueness of the value of the
infimum of a Lévy process that is not a compound Poisson process with zero drift [15,
Proposition V1.4, almost surely there exists ¢ > 0 such that (X, +at) — X, > 2at
forall 0 <t <e.

Using the same localization argument as before, this behavior extends to all local
infima almost surely, and hence is true at time D for the process (X; + at)i>0, which
allows us to conclude that D’ > D a.s. Since § = 0, this implies A(R,) < 0. ]

Remark 3.3.9. An example of a process satisfying our standing assumptions for
which (3.3.15) fails for all « > 0 is given by truncating the Lévy measure of the
symmetric Cauchy process to remove all jumps with magnitude greater than m, so
that the Lévy measure becomes 1y, <,z 2 dz. To see this, first note that (3.3.15) fails
for the symmetric Cauchy process because, by the self-similarity properties of this
process, the probability that it lies in an interval of the form (at, bt) at time ¢ > 0 does
not depend on t and fol t~'dt = co. Then observe that the difference between the
probabilities that the truncated process and the symmetric Cauchy processes lie in
some interval at time ¢ is at most the probability that the symmetric Cauchy process

has at least one jump of size greater than m before time t. The latter probability is
1 —eMwith A =2 [*2?dz < co, and fol 711 — e M) dt < cc.

Remark 3.3.10. If X is a symmetric §-stable process for 1 < § < 2, then (3.3.15)
holds for all @ > 0. To see this, first note that X; has a bounded density. Hence,
by scaling, P{X; € [~at,at]} = P{t'/?X, € [~at,at]} < ct'~/7 for some constant
¢ depending on «, and then observe that fol t~1171/8 dt < co. Further cases when
(3.3.15) holds for all & > 0 are discussed in Remark 3.4.3.

The technique introduced at the end of the previous proof allows a strengthening
of Propositions 3.3.5 and 3.3.6, which we state only for local infima but has a clear
counterpart for local suprema. The result also covers much of the information from
Proposition 3.3.7 but does not strengthen it.

Theorem 3.3.11. Let X be an Lévy process such that o # 0 or II(R) < oco. Define

1
r*:=sup{r >0: / t'P{X, € [0, rt])dt < oo}
0
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Then,
llnll(l)nf E_l(Xt+g — Xt A Xt—) = 7‘*

for all t € M~ almost surely. Moreover, define, for r >0 andt > 0,
T =inf{s > 0: Xpyo — X; A Xi_ <75},

If fol tIP{X,; € 0,7t} dt < oo, then T") > 0 for all t € M~ almost surely.

Proof. As usual, we need only show that the given properties hold at time p =
arg infoc;<¢ X/ A X[ . Suppose first that fol t7'P{X; € [0,r*t]} dt < co. Let Z be the
infimum of the slopes of all segments of the convex minorant of (X;)o</<¢ that have
positive slope. It follows from (3.3.16) that

P{Z >r*} =exp (—/ e MTIP{X, € [0,r7t]} dt) > 0.
0

Thus, with positive probability, there exists € > 0 such that X, — X, > r*¢ for all
0 <t <e. Hence, by Millar’s zero-one law at the infimum of a Lévy process, such an
¢ exists almost surely. By the almost sure uniqueness of the value of the infima of a
Lévy process that is not a compound Poisson process with zero drift [15, Proposition
VI1.4], there exists almost surely ¢ > 0 such that X, ., — X, > r*t forall 0 <t <e.
Hence, Tp(m >0 a.s.

For any 0 < r < r* we have fol t7'P{X; € [0,7t]} dt < co. Applying the above

argument gives that Tp(r) = (0 almost surely, and thus

liml(i)nf e ( Xppe — Xy N Xy ) >
&€
for all t € M~ almost surely, for all 0 < r < r*.

For any r > r* we have fol t7'P{X; € [0,rt]} dt = oo, and hence P{Z > r} = 0.
Since the convex minorant of (X;)o<;<¢ almost surely contains linear segments with
positive slope less that or equal to r, it follows that Tt(r) = (0 almost surely. Hence,

for all r > r*,

1iml %nfa—l(Xt+5 - X;ANX; ) <r

for all t € M~ almost surely. O]

Remark 3.3.12. The value of r* is infinite when X has non-zero Brownian com-
ponent or is a stable process with stability parameter in the interval (1,2] — see the
discussion of abrupt processes in Section 3.4. Vigon provides in an unpublished work
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[93] a practical method for determining whether the integral in Theorem 3.3.11 is
finite or not for processes with paths of unbounded variation:

0o 1 b 00 1
tle MP{X t,bt]} dt = — R—du | d
/0 € {Xi € [at, bt]} 27r/a (/0 U(—u) + iur u) "

where VU is as defined in Section 3.2.1.

In Section 3.6 we prove the following result, which characterizes the subordi-
nator associated with Z when X has paths of unbounded variation and satisfies
certain extra conditions. Note that the conclusion § = 0 in the result follows from
Remark 3.3.2(i).

Theorem 3.3.13. Let X be a Lévy process with paths of unbounded variation almost
surely that satisfies our standing assumptions Hypothesis 3.2.2. Suppose further that
X has absolutely continuous distribution for all t # 0, and that the either

(1) X creeps upward or downward, or

(ii) the densities of the random variables inf;>o{X; + at} and infi>o{X_; + at} are
square integrable.

Then 6 =0 and A is characterized by

fR+(1 —e7%) A(dw)
fR+ x A(dz)

= 47ra/ {exp (/ t‘lE[(eizXf‘iZ“t —1) 1{X; > +at}
0

—00

4 (eith—i—izat _ 1) 1{X, < —at}} dlf)
— exp (/ tfl]E[(‘BthJrithfizat o 1) ]-{Xt 2 —|—Oét}
0
+ (679t+ith+izat . 1) ]-{Xt < _at}:| dt) } dz

for 6 >0, and moreover A(R;) < oo.

Note that the existence of the densities of the infima in the hypothesis (ii) of
Theorem 3.3.13 comes from the assumption that X; has absolutely continuous dis-
tribution for all ¢t # 0 — see Lemma 3.5.1. In Corollary 3.5.4 we show that condition
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(ii) holds when X has non-zero Brownian component, although it is already well
known that (i) holds that case.

When the conditions of Theorem 3.3.13 are not satisfied, we are able to give a
characterization of A as a limit of integrals in the following way. Let X® = X +¢B,
with B a (two-sided) standard Brownian motion independent of X, and let A® be
the Lévy measure of the subordinator associated with the contact set for X¢. Then
in the case 6 = 0 we have the representation

fR+(1 — e %) A(dzx) . fR+(1 — e %) A*(dx)

fR+ x A(dx) el0 fR+ x A*(dx)

See Lemma 3.6.4 in Section 3.6 for details of this limit and (3.6.10) for a proof of the
above equality.

Theorem 3.3.8 together with the conclusion A(Ry) < oo of Theorem 3.3.13 result
in
Corollary 3.3.14. Suppose the conditions of Theorem 3.3.13 are satisfied, then
Jy t7IP{X; € [~at,at]} dt < <.

3.4 The limit of the contact set for increasing
slopes

We now investigate how Z changes as « increases. For the sake of clarity, let X be a
fixed Lévy process with Xo = 0 and E[|X;|] < co. Write M@ = (M *)),cp for the a-
Lipschitz minorant of X for a > |E[X)]|, and put Z, := {t € R: X, A X,_ = M™}.
For |[E[Xi]|] < o < o, we have M < M < X, for all t € R (because any
o/-Lipschitz function is also o”-Lipschitz), and so Z,, C Z,,. We note in passing
that Z, is regeneratively embedded in Z, in the sense of Bertoin [16].

If X has paths of bounded variation and drift coefficient d, then |d| < « for all
a large enough. Since limy 71X, = — limy ot ' X_; = d, the law of large numbers
implies that

alLIEO P{0e Z,} = O}glolo P{ierg(Xt +at) = %Iglg(Xt —at) =0} =1,

and thus the set Ua>|E[X1]\ Zq has full Lebesgue measure.

We now consider the case where X has paths of unbounded variation. In order to

state our result, we need to recall the definition of the so-called abrupt Lévy processes
introduced by Vigon [92]. Recall from (3.3.8) that M~ is the set of local infima of
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the path of X, and that as noted in [92], if the paths of X have unbounded variation,
then almost surely X;_ = X; for all t € M.

Definition 3.4.1. A Lévy process X is abrupt if its paths have unbounded variation
and almost surely for all £ € M~
X e Xt

X — X
lim sup e 2 o o0 and  liminf 2 — 40
70 5 el0 5

Remark 3.4.2. An equivalent definition may be made in terms of local suprema
92, Remark 1.2]: a Lévy process X with paths of unbounded variation is abrupt if
almost surely for any ¢ that is the time of a local supremum,

X, +e — Xt— Xt+€ - Xt

lim inf = =+o00 and limsup —— = —o0.
€10 € el0 €

Remark 3.4.3. A Lévy process X with paths of unbounded variation is abrupt if
and only if

1
/ t'P{X; € [at,bt]} dt < 0o, Va < b, (3.4.1)
0

(see [92, Theorem 1.3]). Examples of abrupt Lévy processes include stable processes
with stability parameter in the interval (1,2], processes with non-zero Brownian
component, and any processes that creep upwards or downwards. An example of
an unbounded variation process that is not abrupt is the symmetric Cauchy process
(however this process is eroded in the sense of the upcoming Definition 4.3.6).

Remark 3.4.4. The analytic condition given in Remark 3.4.3 (3.4.1) for a Lévy
process X to be abrupt has an interpretation in terms of the smoothness of the
convex minorant of X over a finite interval. The results of Pitman and Uribe Bravo
[73] (in particular, Theorem 1.3.7) imply that the number of segments of the convex
minorant of X over a finite interval with slope between a and b is finite for all a < b
if and only if (3.4.1) holds.

We now return to the question of the limit of Z,.

Theorem 3.4.5. Let X be a Lévy process with Xo = 0 and |E[X;]| < co. Then
Ua>UE[X1H Z, D M~. Furthermore, if X is abrupt, then Ua>|E[X1” Zo=M".

Proof. Suppose that t € M~ so that there exists € > 0 such that inf{X, : t — € <
s <t+e} =Xy =X, Fixany 8 > |E[X;]|. Then, by the strong law of large
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numbers, inf{X; + s : s > 0} > —oo and inf{X, — s : s <0} > —oo. It is clear
that if o € R is such that

- _inf{X, + 8s:s >0} Vinf{X; — fs:s <0},
€

then X; = X;_ = ]\/[t(a) and t € Z,. Hence Ua>|]E[X1” Zo D M.
Now suppose that X is abrupt, and let ¢t € Z, for some « > |[E[X;]|. Then, one
of the following three possibilities must occur:

(a) X; > X,_ and limsup_;ge ' (Xipe — X)) < o
(b) X;— > X; and liminf. e ' (Xpe — X;) > —a;
(¢) Xi— = X; and limsup,;ge™ (Xppe — Xio) < o, liminf, g e 1 (Xppe — Xy) > —a

We discount options (a) and (b) by assuming that ¢ is a jump time of X and then
showing that the liminf or limsup part of the statements cannot occur. Our ar-
gument borrows heavily from the proof of Property 2 in [73, Proposition 1] (stated
without proof here as Proposition 1.3.1), which itself is based on the proof of [62,
Proposition 2.4], but is more detailed.

Arguing as in the proof of Proposition 3.3.6, for § > 0, let 0 < J? < JJ < ...
be the successive nonnegative times at which X has jumps of size greater than § in
absolute value. The strong Markov property applied at the stopping time J? and
(3.2.2) gives that

liml%)nf e N X5, — Xy5)=—00 and limsupe (X5, — X5) = +o0.
I K3 3 Elo K3 3

Hence, at any random time V' such that Xy # Xy _ almost surely we have

liml%)nf e Xyye — Xy) = —00,

and, by a time reversal,

lim sup 5_1(XV+5 - Xy_) =+o0.
€10

Thus, neither of the possibilities (a) or (b) hold, and so (¢) must hold. It then
follows from Theorem 3.4.6 below that X must have a local infimum or supremum
at t. However, X cannot have a local supremum at ¢ by Remark 3.4.2, and so X
must have a local infimum at ¢. m
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The key to proving Theorem 3.4.5 in the abrupt case was the following theorem
that describes the local behavior of an abrupt Lévy process at arbitrary times. This
result is an immediate corollary of [92, Theorem 2.6] once we use the fact that almost
surely the paths of a Lévy processes cannot have both points of increase and points
of decrease [37].

Theorem 3.4.6. Let X be an abrupt Lévy process. Then, almost surely for allt one
of the following possibilities must hold:

(i) limsup o e~ (Xiqe — X¢) = +00 and liminf, e (Xpq. — X;) = —o0;
(1) limsup,yg e~ (Xppe — Xi—) < 400 and liminf, g™ (Xpye — X)) = —o00;
(i) imsup, g™ (Xype — Xy—) = 400 and liminf,jge (X — X;) > —o0;
(iv) X has a local infimum or supremum at t.

Remark 3.4.7. Theorem 3.4.5 shows that the a-Lipschitz minorant provides a
method for “sieving out” a certain discrete set of times of local infima of an abrupt
process. This method has the property that if we let a — oo, then eventually we
collect all the times of local infima. Alternative methods for sieving out the local
minima of Brownian motion are discussed in [66, 67]. One method is to take all local
infima times ¢ such that X;,, — X; > 0 for all s € (—h, h) for some fixed h, and then
let h — 0. Another is to take all local infima times ¢ such that X,, — X; > h for
some time sy € (0,inf{s > 0: X; — X; = 0}) and such that X, — X; > h for some
time s_ € (0,inf{s < 0 : Xy — X; = 0}), and then again let h — 0. This work is
extended to Brownian motion with drift in [34].

3.5 Future infimum of a Lévy process

For future use, we collect together in this section some preliminary results concerning
the distribution of the infimum of a Lévy process (Z;);>o and the time at which the
infimum is attained.

Let Z = (Z:)i>0 be a Lévy process such that Zy = 0. Set Z, :=inf{Z, : 0 < s <
t}, t > 0. If Z is not a compound Poisson process (that is, either Z has a non-zero
Brownian component or the Lévy measure of Z has infinite total mass or the Lévy
measure has finite total mass but there is a non-zero drift coefficient), then

P{I0<s<t<u:Z,=Z,=ZANZ_ =2,)=0 (3.5.1)

— see, for example, [15, Proposition VI.4]. Hence, almost surely for each ¢ > 0 there
is a unique time U, such that Zy, A Zy,— = Z,. If, in addition, lim; .., Z; = +00, then
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almost surely there is a unique time U,, such that Zy_ A Zy . = Z_, = inf{Z, :
s > 0}.

Lemma 3.5.1. Let Z be a Lévy process such that Zy = 0, Z; has an absolutely
continuous distribution for each t > 0, and lim;_. ., Z; = +00. Then, the distribution
of (Uso, Z.,) restricted to (0,00) x (—o0,0] is absolutely continuous with respect to
Lebesgue measure. Moreover, P{(Uy, Z.,) = (0,0)} > 0 if and only if zero is not
reqular for (—o0,0).

Proof. Because the random variable Z; has an absolutely continuous distribution for
each ¢t > 0, it follows from [73, Theorem 2] that for all ¢ > 0 the restriction of the
distribution of the random vector (Ui, Z,) is absolutely continuous with respect to
Lebesgue measure on the set (0,t] x (—o0,0]. Observe that

P{3s: (U, Z,) = (Us, Zy) Vt > s} = 1.
Thus, if A C (0,00) x (—00,0] is Borel with zero Lebesgue measure, then

P{(Us, Zs) € A} = lim P{(U;, Z,) € A} = 0.

The proof the claim concerning the atom at (0,0) follows from the above formula,
the fact that P{(U;, Z,) = (0,0)} > 0 if and only if zero is not regular for the interval
(—00,0) [73, Theorem 2], and the hypothesis that lim; ., Z; = +o0. O

Remark 3.5.2. Note that if the process Z has a non-zero Brownian component,
then the random variable Z; has an absolutely continuous distribution for all £ > 0.
Moreover, in this case zero is regular for the interval (—oo,0)

Let 7 = (7)i>0 be the local time at zero for the process Z — Z. Write 77!

for the inverse local time process. Set H, := Z -1y The process H := (H,);>o is
the descending ladder height process for Z. If limy oo Z; = 400, then H = —H
is a subordinator killed at an independent exponential time (see, for example, [15,
Lemma VI.2]).

For the sake of completeness, we include the following observation that combines
well-known results and probably already exists in the literature — it can be easily
concluded from Theorem 19 and the remarks at the top of page 172 of [15].

Lemma 3.5.3. Let Z be a Lévy process such that Zy = 0 and lim; ., Z; = +o00.
Then, the distribution of random variable Z, is absolutely continuous with a bounded
density if and only if the (killed) subordinator H has a positive drift coefficient.

79



Chapter 3 — Lipschitz Minorants of Brownian Motion and Lévy Processes

Proof. Let S = (S;)i>0 be an (unkilled) subordinator with the same drift coefficient
and Lévy measure as H, so that —Z_ has the same distribution as S¢, where ( is
an independent, exponentially distributed random time. Therefore, for some ¢ > 0,

P{-Z, €A} = / qe "P{S, € A} dt
0

for any Borel set A C R. By a result of Kesten for general Lévy processes (see,
for example, [15, Theorem I1.16]) the g-resolvent measure [ e P{S, € -}dt of
S is absolutely continuous with a bounded density for all ¢ > 0 (equivalently, for
some ¢ > 0) if and only if points are not essentially polar for S. Moreover, points
are not essentially polar for a Lévy process with paths of bounded variation (and,
in particular, for a subordinator) if and only if the process has a non-zero drift
coeflicient [15, Corollary I1.20]. O

Corollary 3.5.4. Let X be a Lévy process that satisfies our standing assumptions
Hypothesis 3.2.2 and which has paths of unbounded variation almost surely. Then,
the random wvariables inf{X; + at : t > 0} and inf{X; — at : t < 0} both have
absolutely continuous distributions with bounded densities if and only if X has a
non-zero Brownian component.

Proof. By Lemma 3.5.3, the distributions in question are absolutely continuous with
bounded densities if and only if the drift coefficients of the descending ladder pro-
cesses for the two Lévy processes (X; + at)i>o and (—X; + at);>¢ are non-zero. By
the results of [61] (see also [15, Theorem VI.19]), this occurs if and only if both
(X: + at)i>o and (—X; + at);>o have positive probability of creeping down across
for some (equivalently, all) z < 0, where we recall that a Lévy process creeps down
across < 0 if the first passage time in (—oo,z) is not a jump time for the path
of the process. Equivalently, both densities exist and are bounded if and only if the
Lévy process (X;+at);>o creeps downwards and the Lévy process (X; — at);>¢ creeps
upwards, where the latter notion is defined in the obvious way.

A result of Vigon [94] (see also [32, Chapter 6, Corollary 9]) states that when the
paths of X have unbounded variation, (X;+ at);>o creeps downward if and only if X
creeps downward, and hence, in turn, if and only if (X; — at);>o creeps downwards.
A similar result applies to creeping upwards.

Thus, both densities exist and are bounded if and only if X creeps downwards and
upwards. This occurs if and only if the ascending and descending ladder processes
of X have positive drifts [15, Theorem VI.19], which happens if and only if X has
a non-zero Brownian component [32, Chapter 4, Corollary 4(i)] (or see the remark
after the proof of [15, Theorem VI.19]). O
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3.6 The complementary interval straddling zero

3.6.1 Distributions in the case of a non-zero Brownian
component

Suppose that X = (X;)er is a Lévy process that satisfies our standing assumptions
Hypothesis 3.2.2. Also, suppose until further notice that X has a non-zero Brownian
component.

Recall that M = (M,)er is the a-Lipschitz minorant of X and Z is the stationary
regenerative set {t € R : X; A X;_ = M,;}. Recall also that K = D — G, where
G=sup{t <0: X;ANXy. =M} =sup{t <0:t€ Z} and D = inf{t > 0 :
Xi AN Xi— = M} =inf{t > 0:t € Z}. Lastly, recall that T is the unique t € [G, D]
such that M, = max{M, : s € [G, D]}.

Let f* (respectively, f7) be the joint density of the random variables we denoted
by (Us, Z.,) in Lemma 3.5.1 in the case where the Lévy process Z is (X; + at)i>o
(respectively, (—X; + at)i>o).

Proposition 3.6.1. Let X be a Lévy process that satisfies our standing assumptions
Hypothesis 3.2.2. Suppose, moreover, that X has a non-zero Brownian component.
Set L :=T—G and R :== D—T. Then, the random vector (T, L, R) has a distribution
that is absolutely continuous with respect to Lebesque measure with joint density

0
(1,\,p) — 2a/ =R T (p,h)dh, Np>0andT—A<0<T1+p.
Therefore, (T, G, D) also has an absolutely continuous distribution with joint density

0
(1,7,0) — 2a/ f(r=~h)fr @ —7,h)dh, y<0<dandy<T<0,
and K has an absolutely continuous distribution with density

/ﬁHQom/K/O (&R (k=& R)dhdE, k> 0.
0 —o0

Proof. Observe that X is abrupt and so, by Theorem 3.3.8 and Remark 3.4.3, Z is
a stationary discrete random set with intensity

(fﬂh xA(dx)> AR

AR, = T ef(dr) ©
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Hence, the set of times of peaks of the a-Lipschitz minorant M is also a stationary
discrete random set with the same finite intensity. The point process consisting of a
single point at time 7' is included in the set of times of peaks of M, and so for A a
Borel set with Lebesgue measure |A| we have

P{T € A} < P{at least one peak of M at a time t € A}
< E [number of times of peaks in A]
MR
IJR+ xA(dx)

Thus, the distribution of T" is absolutely continuous with respect to Lebesgue measure
with density bounded above by A(R,)/ f[& xA(dx).

It follows from the observations made in the proof of Theorem 3.2.6 about the
nature of the global infimum of the process X that under our hypotheses, almost
surely Xg = Xg = My — |G —=T| = My —aL, Xp = Xp_ = Mr—a|D—-T| =
Mr — aR, and X; A Xy~ > My —aft —T| for t ¢ {G, D}. Thus,

0= il’lf{XT+t — (MT — Oét) ot Z 0} = XT+R - (MT - aR)
and
0= inf{XTth — (MT + Oét) 1 < 0}
= inf{XT_t - (MT - Oét) ot 2 O} = XT—L - (MT - OéL)
Consequently,

XT,L—XT—FOCLIin{XT,t—XT—l—OétZtzO} (361)

:inf{XT+t—XT+at:t20)}:XT+R—XT+aR. o

Conversely, (T, L, R) is the unique triple with 7'— L < 0 < T'+ R such that (3.6.1)
holds.
Fix e Rand \,p € Ry such that 7 — A <0 <7+ p. Set
Zy =X — X +at, t>0,
Z =inf{Z; :t >0},
U =if{t>0: 27 =2}
For 0 < At < p set

Zt+ = Xt+T+AT - XT+AT + Oét, t > 07
ZT =inf{Z} : t > 0},
Ut :=inf{t>0:2=2"}.
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From (3.6.1) we have that

P{T € [r,7+A1], L > X\, R > p}
<P{U >A—A71, Ut >p— A1} (3.6.2)
N{I0<s<AT: X, +Z +as=Xriar-+Z7+a(A1 —35)}).

Similarly,

P{T € [r,7+ A7], L >\, R > p}
>PHU~ >\ U > p}
N{30<s<AT: X, +Z +as= X an, + ZT + (AT — 5)}
N{inf{ X, s — (X; +Z +as):0<s < A7} >0}
N{inf{X, 1 ars — (Xrjnr + Z" +as): 0 < s < At} > 0})
>P{U >\ U >p} (3.6.3)
N{I0<s<AT: X, +Z +as=X,n, + Z" +a(AT —5)})
—PH{IOSs<AT: X, +Z +as=Xar + 27 + (AT —8)}
N{inf{X, s — (X; +Z 4+ as):0<s <A} <0})
—PH{IO<S<s<AT: X, +Z +as=Xar + 27 +a(AT —8)}
N{Inf{ X 1ar—s — (Xrpar + Z7 +as) : 0 <s < A7} <0}).
Observe that
PH{IO<s<AT: X, +Z 4+as=Xan, + Z" + (AT —5)}
N{inf{ X, s — (X; +Z 4+ as) : 0<s < A7} <0})
=P{{0<s<A7:(Z' - Z7) + (Xrsar — X;) = 2as — aAT}
N{Z > inf (X,1s—X,—as)})

T 0<s<AT
=P{{(Z" — Z7) + (Xrsar — X;) € [-aAT,aAT]}
> 1 — — .
Nn{Z > oglslgAT(X”s X, —as)})
By Corollary 3.5.4, the independent random variables Z~ and Z* have densities
bounded by some constant c. Moreover, they are independent of (X, is)o<s<ar-
Conditioning on Z~ and (X,is)o<s<ar, We see that the last probability is, using | - |
to denote Lebesgue measure, at most

]E[CHZ_ - (XTJrAT - XT) - OCAT, Z_ - (XT+AT - XT) + OéAT”
x1{Z > inf (X,1,— X, —as)}]

T 0<s<AT

=2caATP{Z" > inf (X,ys—X;—as)}.

0<s<AT
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Consequently,

PH{IO<s<AT: X, +Z 4+as=Xjn, + Z" + (AT —5)}
N{inf{X s = (X;+Z +as):0<s <A1} <0}) (3.6.4)
= o(AT)

as A7t | 0.
The same argument shows that

PU{I0O<s<AT: X, +Z +as=Xpiar+ 27 +a(A7 —5)}
N{inf{X,inr—s — (Xoyar + Z7 +as): 0< s < A7} <0}) (3.6.5)
= o(AT)

as A7t | 0.
Now,

PH{U™ >\, U" > p}
N{I0<s<AT: X, +Z +as=X,inr + Z7 +a(AT —5)})
=PHU >\ U" > p}
N{I0<s<AT:(ZT - Z7) + (Xriar — X;) = 2as — aAT})
=PHU >\ U" > p}
N{(Z* —Z7) + (Xrsar — X;) € [-QAT, +aAT]}).

The random vectors (U~,Z) and (U*,Z"%) are independent with respective
densities f~ and f*, and so the joint density of (U=, U*,Z" — Z7) is

(u,v,w) — /_00 [ (u,h—w)f*(v,h)dh

Thus, using the facts that the random variable Z* —Z~ is independent of X, ao; — X,
and the latter random variable has the same distribution as X,

PHU” >\, Ut > p}
N{(Z* —Z7) + (Xryar — X;) € [-aAT, +aAT]})

/du/ dv/ dw/ dh

X P{—w — aAT < Xpn, < —w + AT} f~(u,h —w) fT (v, h).
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By Fubini’s theorem,

/ dwP{—w — aAT < Xp, < —w + @AT}

o0

=K [/ dwl{—Xa, —aAT <w < —Xa, + aAT}l

o

= E 20AT] = 2aAT.

Moreover, for any € > AT,

/ dwP{—w — aAT < Xa, < —w + aAT}1{|w| > €}

o0

o

=E {/ dw 1{—Xa, — aAT < w < =X, + @AT, |w| > e}]

= E[([Xa-| — (e = A7)+ A (2A7)].

Note that (AT)7H(|Xas| — (6 —A7))4 A(2A7)] < 2 and that the random variable on
the left of this inequality converges to 0 almost surely as A7 | 0. Hence, by bounded
convergence,

o0

iilflo dw (AT)'P{—w — aAT < XA, < —w + aAT}1{|w| > €} = 0.

Furthermore, the independent random variables Z~ and Z* both have bounded
densities by Corollary 3.5.4; that is, the functions h +— fooo du f~(u,h) and h +—
J,° dv f*(v, h) both belong to L' N L. Therefore, the functions h — [ du f~(u, h)
and h — fpoo dv fT (v, h) both certainly belong to L' N L.

It now follows from the Lebesgue differentiation theorem that

EI?O(AT)I/ dwP{—w — aAT < Xp, < —w + aAT}/ du [~ (u,h —w)
T - A

= Qa/oo du f~(u, h)
A

for Lebesgue almost every h € R. Moreover, the quantity on the left is bounded by
supper 2a [, du f~(u, h) < oco. Therefore, by (3.6.2), (3.6.3), (3.6.4), (3.6.5), and

bounded convergence,

iirﬁ)(AT)_l]P’{T €r, T+ A7|, L> X R> p}

:204/)\00du /Oodv /_Zdhf(u,h)ﬁ(v,h), (3.6.6)
3
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As we observed above, the measure P{T" € dr} is absolutely continuous with
density bounded above by A(R;) < oo, and so the same is certainly true of the
measure P{T" € dr, L > A\, R > p} for fixed A and p. Therefore, by (3.6.6) and the
Lebesgue differentiation theorem,

P{T € A, L >\, R > p}
=2 C)Od OOal Ood OOdh_ h)ft(v.h)1 A
a/wTA u/ ”/oo f(u, B) £ (0, )1{r € A}

for any Borel set A C (—p, A), and this establishes that (7, L, R) has the claimed
density.
The remaining two claims follow immediately. O

Corollary 3.6.2. Under the assumptions of Proposition 3.6.1,

E[e %] = —47Tozd% (6XP {/ dt/ e — 1t 'P{X, — ot € dx}}
—00 0 0

X exp {/ dt/ [0 _At'P{—X, —at € dx}}) dz.
0 0

Proof. From Proposition 3.6.1,
]E[efeK]

zza/_l/ooom/oﬁf(n—g,h)ﬁ(g,h)ee“dgdndh

2@/0 /OO/OOFJf(’f—f,h)f+(§,h)ee“d/fd§dh
—o0 J0 13
0 ) 00
= (e h)e Y% _ “(k — & R e 5 dke d
20«/_@(/() el O T
+/°° £f+(h,§)€795 /00 fi(h’ﬂ_g)efe(nfi) dlidf) dh (3.6.7)
0 3

zza/_io (/Ooo (& h)e % /OOO kf (K, h)e " dr d¢

+ /0 h EfT(E h)e® /0 h (s, h)e_(’“dnd§> dh

_ —zad% (/Ooo (/OOO FH(E, h)e % d§> (/OOO £ (5, h)e0" dm) dh) .
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Viewing [ fH(&, h)e # d¢ and [;° f~(k, h)e " dk as functions of h that belong to
L' N L* C L?, we can use Plancherel’s Theorem and then the Pecherskii-Rogozin

formulas [32, p. 28] again to get that E[e K] is

d oo oo o0 .
—20—27 / / / (&, —h)e % d¢ dh
do o Jo
X / / f=(k,—h)ezh=0% dx dh dz
o Jo
= —47ra— (exp {/ dt/ e~ _IP{X, — at € dx}}
X exp {/ dt/ [e=0ttize — 1t-1P{—-X; — ot € dm}})
= —47ra— (exp {/ dt/ [e70 = _1t'P{X, —at € dm}}
X exp {/ dt/ e _IP{-X, —at € dx}})

3.6.2 Extension to more general Lévy processes

Corollary 3.6.2 establishes Theorem 3.3.13 when X has a non-zero Brownian com-
ponent. The next few results allow us establish the latter result for the class of Lévy
processes described in its statement.

Recall the definitions

G:=sup{t <0: X; ANX; =M} =sup{t<0:teZ},
D:=inf{t >0: X; NX;— =M} =inf{t >0:t e Z},
T :=argmax{M;: G <t < D},

S:=inf{t >0: X; A X;- — at <inf{X; —as:s <0}}.

As in the proof of Theorem 3.2.6, it follows from Lemma 3.8.4 that almost surely
D=inf{t >S: X; AN X;— +a(t—98) =inf{X, +a(u—295):u>S}}

Proposition 3.6.3. Suppose that X is Lévy process satisfying our standing assump-
tions Hypothesis 3.2.2. Then, P{0 ¢ Z, S =0} = 0. In addition,
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(a) If X has paths of unbounded variation, then G <T < S < D a.s.

(b) If X has paths of bounded variation and drift coefficient d satisfying d < —«a,
then G <T < S < D a.s., and if X has paths of bounded variation and drift
coefficient d satisfying d > «, then G <T < S < D a.s.

(¢) If X has paths of bounded variation and drift coefficient d satisfying |d| < «,
then almost surely either 0 € Z and G =T =S =D =0, or 0 ¢ Z and
G <T < S < D. Furthermore, T =S = D almost surely on the event
{T'=S}.

Proof. Firstly, if 0 ¢ Z, then inf{X, — au : u <0} <0, and thus S > 0 a.s. on the
event {0 ¢ Z}.

(a) Suppose that X has paths of unbounded variation. We have from Theo-
rem 3.3.1 (see Remark 3.3.2 (i)) that 0 ¢ Z almost surely. It follows from (3.2.2)
that at the stopping time S

— hm&nf e (Xg4e — Xg) = limsupe ' (Xgye — Xg) = 00,
€ €l0
and hence it is not possible for the a-Lipschitz minorant to meet the path of X at
time S. Thus, T' < S < D almost surely by Corollary 3.8.5. By time reversal, G < T
almost surely.

(b) Suppose X has paths of bounded variation and drift coefficient d satisfying
|d| > «, then we have from Theorem 3.3.1 (see Remark 3.3.2 (ii)) that 0 ¢ Z almost
surely. Therefore, by Corollary 3.8.5, if T'= S then T'= S = D.

Suppose that d < —a. It follows from (3.2.1) that

11%1871<X5+€ — Xs) = d, a.s.
Thus, S ¢ Z and, in particular, S < D, so that T'< § < D a.s.

On the other hand, if d > «, then the Lévy process (X; — at);>o has positive drift
and so the associated descending ladder process has zero drift coefficient [32, p. 56].

In that case, for any z < 0 we have Xy, < x almost surely, where V' := inf{t > 0 :
X; — at < x} [15, Theorem II1.4]. Therefore,

Xg —aS <inf{X, —au:u <0} as.
If =S, then T =S = D by Corollary 3.8.5, and then

Xs=XpANXp_
=Xe AN X +a(D-G)
:Xg/\XG_'f—Oé(S—G),
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which results in the contradiction
Xe AN Xg. —aG = Xg—aS <inf{X, —au:u<0}.

Thus, T'< S <D a.s.

The results for G now follow by a time reversal argument.

(c) Suppose X has paths of bounded variation and drift coefficient d satisfying
|d| > a. We know from Theorem 3.3.1 and Remark 3.3.2 that the subordinator
associated with Z has non-zero drift and so Z has positive Lebesgue measure almost
surely. The subset of points of Z that are isolated on either the left or the right is
countable and hence has zero Lebesgue measure. It follows from the stationarity of
Z that G =T =S = D = 0 almost surely on the event {0 € Z}. The remaining
statements can be read from Corollary 3.8.5. O

Lemma 3.6.4. Let X be a Lévy process that satisfies our standing assumptions
Hypothesis 3.2.2. Suppose, moreover, that if X has paths of bounded variation, then
|d| # . Fore >0 set X* = X + B, where B is a standard Brownian motion on
R, independent of X. Define G*, D* and K¢ = D — G*® to be the analogues of G, D
and K with X replaced by X¢. Then, (G, D%) converges almost surely to (G, D) as
€10, and so K¢ converges almost surely to K as € | 0.

Proof. By symmetry, it suffices to show that D® converges almost surely to D as
e | 0. We first show the convergence on the event {S > 0}.

Let S be the analogue of the stopping time S with X replaced by X°. As we
observed in the proof of Theorem 3.2.6, Xg — aS = Xg A Xg_ —aS < inf{X, —au:
u < 0}. If X has paths of unbounded variation or bounded variation with drift
satisfying d < «, then, since S is a stopping time, liminf, (X, — Xg — a(u —
S))/(u—S) < 0. If X has paths of bounded variation with drift satisfying d > «a,
then by the remarks at the top of page 56 of [32], the downwards ladder height
process of the process (X, —au)y>o (resp. (—X, + au)y,>o) has zero drift (resp. non-
zero drift). By Lemma 3.5.3, the distribution of inf{X, — au : v < 0} is absolutely
continuous with a bounded density, and hence

P{Xs—aS=inf{X,—au:u<0}}=0

by Fubini’s theorem and the fact that the range of a subordinator with zero drift has
zero Lebesgue measure almost surely.

For all three of these cases, given any § > 0 we can, with probability one, thus
find a time t € (S, S + J) such that

Xi AN Xio —at <inf{X, —au:u <0},
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By the strong law of large numbers for the Brownian motion B,

liﬁ)linf{XfL —au:u <0} =inf{X, —au:u <0}
Hence, X; A X; — at < inf{X: — au : v < 0} for ¢ sufficiently small, and so
5% <5+ 9 for such an . Therefore, limsup,|,.5° < S.
On the other hand, for any 6 > 0 we have

inf {X; A X, —at —inf{X, —au:u<0}:t€[0,(S—09),]} >0.

Thus, X; A X —at > inf{X: —au:u <0} foralltel0,(S—0d),] for e sufficiently
small, so that S¢ > (S —J);. Therefore, liminf.|q.S° > S. Consequently, lim, oS¢ =
S.

Now, as a result of the uniqueness of the global infima of Lévy processes that are
not compound Poisson processes with zero drift [15, Proposition VI.4], and the law
of large numbers applied to B, we have

151%1 arg Jgs{Xu +a(u— 5%} = arg ;gg{Xu + a(u—95)}.

It follows readily that D converges to D almost surely as € | 0 on the event {S > 0}.

Suppose now that we are on the event {S = 0}. Then, by Proposition 3.6.3,
0 € Z almost surely, and we may suppose that X satisfies the conditions of part (c)
of that result, so that G =T = S = D = 0 almost surely. Then, by the strong law
of large numbers for the Brownian motion B, almost surely

lim inf{X? — au} = lim inf { X + au} = 0.

€l0 u<0 €l0 u>0
Therefore, D also converges to D almost surely as € | 0 on the event {S =0}. O

We are finally in a position to give the proof of Theorem 3.3.13. Suppose for the
moment that X has a non-zero Brownian component. It follows from Theorem 3.3.1
that 0 = 0, and hence from (3.3.6) we have that

fo, L= e ) Ade)  Ja, (Jy e dio) Alda)
fR+ x A(dx) N fR+ x A(dx)

(B
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By Corollary 3.6.2, this last integral is

47ra/ {exp (/ t’lE[(e”X’ﬁ’”“t —1) 1{X, > +at}
- 0

o0

+ (eizXeriZOlt _ 1) 1{Xt < —Oét}i| dt)

. (3.6.9)

— exp </ t_lE[(e_et“ZXt_izat —1) 1{X, > +at}
0

4 (6—0t+ith+izat . 1) l{Xt < —at}] dt) } dz,

as claimed in the theorem.

Now suppose X has zero Brownian component, but satisfies the conditions of
Theorem 3.3.13. Since X has paths of unbounded variation almost surely, it follows
from Remark 3.3.2 that § = 0. Let X¢ = X + B and K¢ be as in Lemma 3.6.4,
and let A® be the Lévy measure of the subordinator associated with the set of points
where X°© meets its a-Lipschitz minorant. By Lemma 3.6.4 we know that K¢ — K
almost surely, and thus since § = 0, arguing as in (3.6.8) we have

fR+(1 — e %) A(dzx) 0 oK
Jo o A(dr) = [ B e
O AL s B
T LT J, A% (d)

Suppose hypothesis (i) of Theorem 3.3.13 holds, i.e. X creeps upward or down-
ward. We will show that this hypothesis implies that the density of at least one of
the random variables inf;>o{X; + at} or inf;>o{—X; + at} is bounded. Hence, in the
notation of of the proof of Corollary 3.6.2, it can then be seen that

/_(; (/000 FH(E he df) (/OOO f(r,h)e dm) dh < 00 (3.6.11)

for all 8 > 0.

Suppose first that X creeps downward. A result of Vigon [94] (see also [32,
Chapter 6, Corollary 9]) states that when the paths of X have unbounded variation,
X creeps downward if and only if (X; + at):> creeps downward. By the results of
[61] (see also [15, Theorem VI.19]), this occurs if and only if the drift coefficient of
the descending ladder processes for the process (X; + at);>o is non-zero. By Lemma
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3.5.3, this occurs if and only if the density of the random variable inf;>o{X; + ot}
exists and is bounded. A similar argument shows that X creeps upward if and only
if the density of inf;>o{—X; + at} exists and is bounded.

It can also be seen that (3.6.11) holds for all § > 0 in the alternative case when
hypothesis (ii) of Theorem 3.3.13 holds since under that hypothesis the densities of
inf;>o{X¢ + at} and infi>o{—X; + at} are square integrable.

By the same methods used in the proof of Corollary 3.6.2 from the last line of
(3.6.7) onwards, it follows from the finiteness of (3.6.11) that (3.6.9) is finite. Then,
since for each fixed value of z the integrand in (3.6.9) is a product of characteristic
functions of certain infima, and hence not equal to zero, we can apply Fubini’s
theorem to swap the order of the integrals within the exponentials (here we are
using the absolute continuity of the distribution of X; for all ¢ > 0). We now have
that the integrand for each fixed value of z with X, replaced by X; converges to the
integrand with just X; as ¢ — 0. Then, by finiteness of (3.6.9), we have that (3.6.9)
with X; replaced by X} converges to (3.6.9).

It remains to show that A(R;) < co. For all > 0 we have from (3.6.9) that

M) [ [ e

+ (el _ 1) 1{X, < —at}] dt) dz.

By the same methods used in the proof of Corollary 3.6.2 from the last line of (3.6.7)
onwards the right hand side of this inequality is equal to the integral in (3.6.11)
evaluated at # = 0, and since this is finite we can conclude that A(R;) < oo. O

3.7 Lipschitz Minorants of Brownian Motion

3.7.1 Williams’ path decomposition for Brownian motion
with drift

We recall for later use a path composition due to David Williams that describes the
distribution of a Brownian motion with positive drift in terms of the segment of the
path up to the time the process achieves its global minimum and the segment of the
path after that time — see [78, p. 436] or, for a concise description, [20, Section IV.5].

For y € R, let ZW = (Zt(“))tzo be a Brownian motion with drift ;o started at
zero. Take 3 > 0 and let E be a random variable that is independent of Z(=% and
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has an exponential distribution with mean (23)~!. Set
Ty :=inf{t>0: 2" = _E}.
Then, there is a diffusion W = (W;);> with the properties
(i) W is independent of Z(=%) and E;
(il) Wy =0;
(iii) Wy >0 for allt > 0 a.s.;

such that if we define a process (Z;);>0 by

- 79, 0<t<Tg,
Zy =1y - (3.7.1)
ZTE + Wt_TE, t 2 TE7
then Z has the same distribution as Z¥. Thus, in particular,
—inf{Z : t > 0} ~ Exp(20) (3.7.2)

and the unique time that Z® achieves its global minimum is distributed as Tg.
Recall also that h

Elinf{t > 0: 2" =h}] = 5 (3.7.3)

for h <0 (see, for example, [20, page 295, equation 2.2.0.1]).

3.7.2 Random variables related to the Brownian Lipschitz
minorant

Proposition 3.7.1. Let X be a Brownian motion with drift 3, where || < o. Then,
the distribution of K is characterized by

8a(a® — 57) (\/26+1a+6)2 + \/2e+ta—,8)2>
(V2 + (T PP + /230 + (@~ BP +20)
for 8@ >0, and hence A is characterized by
Jo, (1= e7%) A(dx) 4(a? — 32)0

Je, T A(d) _( 29+(a—ﬁ)2+&—ﬁ>< 29+(a+ﬁ)2+a+ﬁ)

for 8 > 0.

Ele %] =
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Proof. We have from [20, page 269, equation 1.14.3(1)] that

0
/ F(& h)e " d = 2(a — B)eMV Dm0

and

/ f+ é- h —6¢ df _ 2(04 + ﬁ) h(y/20+(a+3)? (OH*ﬁ)).

Thus, from (3.6.7),

0
E[e’eK] _ —2ai (/ (a2 . 62)eh(\/20+(a+ﬁ)2+\/29+(a7,8)2+2a) dh)

do

, 1
Safa” =57 <\/29+ (a+ B)2+ /20 + a—ﬁ)2+2a>

) 8a(a? — 3?) <\/29+ o \/20+ )
(\/29 + (a+0)2+ /204 (o — B)> + 2a)

29

as required.
Now, by (3.6.8),

1 —e %) A(dx o
o (1 =) Ads) [

fR+ x A(dzx)
= 8a(a® — 3?) [ L
- Via+ 82 +/(a=P) +2a
1
N \/20+(a+6)2+\/29+(a—ﬁ)2+2a]
—sae? - )| 1

1
- \/20+(a+ﬁ)2+\/29+(a—5)2+2oj
A(a® — 5%)0

( 20+ (o — (B2 +a— )(W—l—oﬂ—ﬁ)

after a little algebra.
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Remark 3.7.2. There is an alternative way to verify that the Laplace transform for
K presented in Proposition 3.7.1 is correct. Recall from the proof of Theorem 3.2.6
that D = S + T, where the independent random variables S and T" are defined by

=inf{s >0: X, —as=inf{X, —au:u<0}}
and . . .
T =sup{t > 0:X; =inf{X,:s>0}}
with )
(Xs)s20 = ((Xsys — Xs) +@s8) 50 -

Set I~ := inf{X, —au : u < 0}. Because (X_;+at);>o is a Brownian motion with
drift a — 3, we know from Subsection 3.7.1 that —I~ has an exponential distribution
with mean (2(a — 3))~'. Now (X; — at);>o is a Brownian motion with drift 8 — a,

and so, again from Subsection 3.7.1, S is distributed as the time until this process
achieves its global minimum. It follows that

E[e—es] _ 2(04 — ﬁ)
20+ (a—pB)2+a—p

and

. 2
E[G—GT] — (O‘_Fﬁ)
V20+ (a+ B2 +a+p3
— see, for example, [20, page 266, equation 1.12.3(2)].

By stationarity, D has the same distribution as U(D — G) = UK, where U is an
independent random variable that is uniformly distributed on [0, 1]. Thus,

0D ik 0K Ry e %) A(dx)
Ele~ ]:/0 Ele ]du:]E[eiK(l—e )} ;f I oA
and
Jo,A—e™)Adz)
fR+ x A(dz) OBl
= OEfe *S]Efe

_ A(a® — 5%)0
_< 20+ (a— B2 +a— )<m+a+ﬁ>

This equality agrees with the one found in Proposition 3.7.1. Differentiating the
expression on the right with respect to 6 and recalling the observation (3.6.8), we
arrive at the the expression for the Laplace transform of K in Proposition 3.7.1.
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Proposition 3.7.3. Let X be a Brownian motion with zero drift. Then,

403

P{K € dr} = (—/‘61/26_0‘2'{/2 — 40 k®(—ar'?) | dr,
V2

where ® is the standard normal cumulative distribution function. Thus,

A(dl’) _ 20 x—1/26—a21‘/2

ARy~ Var

Proof. We have from [20, page 269, equation 1.14.4(1)] that

Pl = e = e {2

— 2020 (—az'/?)

Thus, by Proposition 3.6.1,

P{K € dli} 4aPke "k /? Kkh?
I [ [ g oo g e

daBde “/2 N ! 1 h?/2k
i /oo e (/ GR(l— 6" exp{_m —s>} d5> o

The change of variable y =

5(11—75) — 4 gives that

[e%¢) _/ e _e—4cﬁ
/ e g p{ 5(1—5>}df “f =t

for any ¢ > 0, and hence
P{K €dr} _ 4a’e ™ / r o 26720015 /0 dh
- e2eh—— V'
i o NG
8\/_0436_0‘ #/2

_ he?ah—2h2/n dh.
val )

The further change of variable z = 2k~ Y/2h — ax!/? leads to

1/2

P{K ed an 1
dk o V2T

= —4a° (—iﬂea%/2 + ar®(—ar'/?)
V2T

3
= —— ke 40tk ®(—ar'?).
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Because A(dx) is proportional to z 'P{K € dx}, we need only find fR+ r'P{K €
dx} to establish the claim for A, and this can be done using methods of integration
similar to those used in Remark 3.7.4 below to check that the density of K integrates
to one. O]

Remark 3.7.4. We can check directly that the density given for K integrates to
one. For the first term, we use the substitution n = a?x/2, and for the second we
use the substitution 7 = o?k and then change the order of integration to get that
the integral of the claimed density is

4 Oo 1/2_—n /OO 1/2
— dn — 4 P d
F(3/2)/ n/"e"dn — n®(—n"'*)dn

=4 - — e V2 dyd

) e

4
—4-— dn | e v /2d
[ )

Proposition 3.7.5. Let X be a Brownian motion with drift 3, where |5| < a.
Recall that T := argmax{M; : G <t < D} and H := Xy — My. Then, H has
a Gammal(2, 4«) distribution; that is, the distribution of H is absolutely continuous
with respect to Lebesgue measure with density h — (4a)>he=4" h > 0. Also,

]P’{T>O}:%(1+§>,

and the distribution of T is characterized by

E [e "] = 8a(a® - ﬂQ)l !

1
9( (a+pB)2—20+3a—p0 w/(&—ﬁ)2+26+30é+5>

(a—B)2 (a+B)*
Jor ——— <0 < ——.

Proof. Consider the claim regarding the distribution of H. A slight elaboration of
the proof of Proposition 3.6.1 shows, in the notation of that result, that the random
vector (T, L, R,—H) has a distribution that is absolutely continuous with respect
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to Lebesgue measure with joint density (7, A, p,n) — 2af~ (A, n)fT(p,n), \,p > 0,
T—A<0<7+p, n<0. Therefore,

P{H € dh} =2« /000 /OOO()\ +p)f~ (N, =h) fH(p, —h) d\dpdn.

By (3.7.2),
/ F~O0 R d\ = 2(a — B)e=2a=Ph (3.7.4)
0
Combining this with (3.7.3) gives
0 J—
/ AT\, —h)d\ = _” x 2(a — B)e 2Pl — oppe=Aa=hh, (3.7.5)
Similarly,
/ fH(p,—h)dp =2(a + e Hotbh (3.7.6)
0
and o
| ottt o= 2he e, (317
Thus,

P{H € dh} =2« [Qhe‘z(a‘ﬂ)h x 2(a + 5)6—2(a+ﬁ)h

+ 2(a — B)e 2@ Ah sy Qpe 2t gy
= (4a)*he= " dh.
Note that T > 0 if and only if I > I~ where
IT:=inf{X;+at:t>0} and I :=inf{X;—at:t<0}.

Recall from Subsection 3.7.1 that the independent random variables It and I~ are
exponentially distributed with respective means (2(a + 3))~! and (2(a — 3))7%. Tt

follows that 2o+ f) . 5
Q
P{T >0} = 20a+p8) +20a—p5) 2 (1+E>'
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We can also derive this last result from Proposition 3.6.1 as follows.

P{T>O}:2a[;/0m/_l[mf(T—fy,h)er((S—T,h)d(Sd’ydeh

—204/_(;/000/_(;][(7'—%@ (/Oooer(n,h)dn) dhdtdry
204/_(; (/Ooo/_zoﬁ(r—%h)dfydr) (/Ooof+<n,h)dn) dh
2a/_000 (/Ooonfm, ) dn) (/Ooo £+, h) dn) ah.

Substituting in (3.7.5) and (3.7.6), and then evaluating the resulting straightforward
integral establishes the result.
The Laplace transform of 7" may be calculated using very similar methods. [

3.8 Some facts about Lipschitz minorants

The following is a restatement of (3.1.1) accompanied by a proof.

Lemma 3.8.1. Suppose that the function f : R — R has a-Lipschitz minorant
m: R — R. Then,

m(t) =sup{h € R: h —alt —s| < f(s) for all s € R}
=inf{f(s) +alt —s| : s € R}.

Proof. Consider the first equality. Fix t € R. Because m is a-Lipschitz, if h < m(t),
then h—alt—s| < m(t) —alt —s| < m(s) < f(s) for all s € R. On the other hand, if
h > m(t), then s — (h—a|t—s|)Vm(s) is an a-Lipschitz function that dominates m
(strictly at t), and so (h — a|t — s|) Vm(s) > f(s) for some s € R. This implies that
h —alt —s| > f(s), since m(s) < f(s). The second equality is simply a rephrasing
of the first. O

We leave the proof of the following straightforward consequence of Lemma 3.8.1
to the reader.

Corollary 3.8.2. Suppose that the function f : R — R has a-Lipschitz minorant
m : R — R. Define functions f:R —=R and f— : R — R by

(1) = {f(t) t <0,

m(0) —at, t>0,
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Figure 3.2: Lemma 3.8.1 shows that the height of the a-Lipschitz minorant of a
function f at a fixed time ¢ is given by sup{h € R: h—a|t—s| < f(s) for all s € R}.

and

o Jm(0) +at, t<0,
J0)= {f(t), t>0.

Denote the a-Lipschitz minorants of f~ and f~ by m™ and m™, respectively. Then,
m=(t) =m(t) for allt <0 and m=(t) = m(t) for allt > 0.

The next result says that if f is a cadlag function with a-Lipschitz minorant
m, then on an open interval in the complement of the closed set {t € R : m(t) =
f(t) A f(t—)} the graph of the function m is either a straight line or a “sawtooth”.

Lemma 3.8.3. Suppose that f : R — R be a cadlag function with «-Lipschitz
minorant m : R — R. The set {t € R :m(t) = f(t) A f(t—)} is closed. Ift' <t" are
such that f(t') N f(t'=) = m(t"), f(t") N f(t"=) = m(t"), and f(t) A f(t—) > m(t)
fort' <t <t’, then, setting t* = (f(t")Nf(t"=) = fE)N f(t'=)+at”"+1))/(2a),

(t) - f(t/) A f(t,_> + Oé(t - t,)7 t/ S t S t*7
m - f(t”) A f(t”—) —I—Oz(t” —t), t* S t S t”.

Proof. We first show that the set {t € R : m(t) = f(t) A f(t—)} is closed by
showing that its complement is open. Suppose t is in the complement, so that
f(t) A f(t—) —m(t) =: e > 0. Because f is cadlag and m is continuous, there exists
d > 0 such that if |s —¢| < §, then f(s) > f(t) A f(t—) —€/3 and m(s) < m(t)+¢€/3.
Hence, f(s—) > f(t) N f(t—) —€¢/3 and f(s) A f(s—) —m(s) > €/3 for |s — t| < 6,
showing that a neighborhood of ¢ is also in the complement.
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Turning to the second claim, define a function m : R — R by

Th(t) e f(t/) A f(t,—) —+ Oé(t _ t/), " S t*,
= f(t”) A f(t"—) + a(t” o t), <t

That is, m(t) = h* — a|t — t*|, where

W= (fE) N =)+ FE) A=) +at” = 1)) /2.

Because m(t") = m(t") m(t") = m(t”), and m is a-Lipschitz, we have m(t) < m(t)
for t € [t',t"] and m(t) > m(t) for t ¢ [t',t"]. Suppose for some t, € (t',t") that
m(ty) < m(ty). We must have that m(tg) — a|t’ — to| < m(t') < f(t') A f(t'—) and
m(to) — alt” —to| < m(t") < f(t") A f(t"—). Moreover, both of these inequalities
must be strict, because otherwise we would conclude that m(tg) > m(to).

We can therefore choose € > 0 sufficiently small so that m(tg) + € — alt — ty| <
f(&) A f(t—) for t € [t/,¢"]. This implies that m(tg) + € — alt — to| < m(t) < m(t) <
f@)N f(t—) for t ¢ [t',t"]. Thus, t — (m(to) +€— alt —to]) Vm(t) is an a-Lipschitz
function that is dominated everywhere by f and strictly dominates m at the point
to, contradicting the definition of m. O]

We have a recipe for finding inf{t > 0 : f(¢t) A f(t—) = m(t)} when f is a
cadlag function with a-Lipschitz minorant m. Figure 3.3 gives two examples of how
the recipe applies to different paths (note that the value of « differs for the two
examples).

Lemma 3.8.4. Let f : R — R be a cadlag function with «-Lipschitz minorant
m:R — R. Set
d:=inf{t >0: f(t) A f(t—) =m(t)},

s:=inf{t>0:f(t)A f(t—) — at <inf{f(u) —au:u <0}},

and
e=inf{t>s: fO)Af(t—)+a(t—s) =inf{f(u) + a(u—s):u>s}}.

Suppose that f(s) < f(s—). Then, e =d.
Proof. 1t suffices to show the following;:

FO A ft=) > m(t) for 0 <t < e, (3.8.1)

F(e) A fle—) < mle). (3.8.2)
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Figure 3.3: Two instances of the construction of Lemma 3.8.4.

d>0=e>0. (3.8.3)
For 0 < t < s, it follows from the definition of s that
F)A f(t=) > inf{f(u) —au:u <0} + ot
= inf{f(u) +a(t —u):u <0}
> inf{f(u) + aft —u| : u € R} =m(t).
For s <t < e, it follows from the definition of e that
fE)N f(t—) + a(t —s) > inf{f(u) + a(u—s) : u > s},
and hence
fE) N f(t—) > inf{f(u) + a(u—s) :u >s} —a(t —s)
=inf{f(u) + a(u—1t):u>s}
> inf{f(u) + alt — u| : u € R} = m(t).
This completes the proof of (3.8.1)

Now f(e)Af(e—)+a(e—s) = inf{f(u)+a(u—s):u>s}, andso f(e)Af(e—) =
inf{f(u) + a(u —e) : u > s} This certainly gives

fle)A fle—) < inf{f(u) + ale —u| : u > s}. (3.8.4)
Combined with the definition of s, it also gives

f(e) A fle—) +afe — 8) < f(5) + afs — 5
<inf{f(s) —as:s <0} +as.
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Thus, f(e) A f(e—) +2a(e —s) < inf{f(s)+a(e—s): s <0} and hence, a fortiori,
fle)A fle=) <inf{f(s) + ale —s|: s <0}. (3.8.5)
For 0 < s <s, f(s) —s>inf{f(r) —ar :r <0}, and so

inf{f(s) +ale—s|:0<s<s}=inf{f(s) +ale—s):0<s<s}

=inf{f(s) —as:0<s<s}+ae

> inf{f(r) —ar:r <0} + ae (3.8.6)
=inf{f(r) +ale —r) : r <0}
=inf{f(r) + ale —r| : r < 0}.

Combining (3.8.4), (3.8.5) and (3.8.6) gives (3.8.2).
The proof of (3.8.3) is a straightforward consequence of Lemma 3.8.3 and we
leave it to the reader. O

Corollary 3.8.5. Let f : R — R be a cadlag function with o-Lipschitz minorant
m : R — R. Define d, s, and e as in Lemma 3.8.4. Assume that f(s) < f(s—),
so that e = d. Put g := sup{t < 0 : f(t) A f(t—) = m(t)} and assume that
f(0) A f(0—) > m(0), so that f(t) A f(t—) > m(t) fort € (g,d). Let t := (f(d) A
f(d=)—f(g) A f(g—) +ald+g))/(2a) be the point in [g,d] at which the function
m achieves its mazimum. Then, g <t <s < d. Moreover, ift =s, thent =s =d.

Proof. We first show that g < t < s < d. We certainly have g < s < d and
g <t < d, so it suffices to prove that t < s. Because s > 0, this is clear when
t < 0, so it further suffices to consider the case where t > 0. Suppose, then, that
g<0<s<t<d

From Lemma 3.8.3 we have m(u) = f(g) A f(g—) + a(u—g) for g <u <t and
f)A f(u—) > f(g)ANf(g—)+a(u—g) for u < t. Therefore, inf{ f(u) A f(u—)—au :
u <0} > f(g)Af(g—)—g, and hence inf{ f(u)Af(u—)—au : u < 0} = f(g)A\f(g—)—
ag. Now, by definition of s, f(s) A f(s—) — as < inf{f(u) A f(u—) — au : u < 0},
and so

f(s)N f(s=) < f(g) A f(g—) —ag+as
=f(g)Nf(g—) tals—g)

= m(s),
which contradicts d = inf{u > 0 : f(u) A f(u—) = m(u)} = inf{u > 0 : f(u) A
fu=) < m(u)} unless s = 0 and f(0) A f(0—) = m(0), but we have assumed that
this is not the case.
A similar argument shows that if t =s, then t =s = d. ]
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Chapter 4

Structure of Shocks in Burgers
Turbulence with Lévy Noise Initial
Data

4.1 Introduction
Burgers introduced the equation
O+ 0,(u?/2) = €02 u

as a simple model of hydrodynamic turbulence for compressible fluids, where the
parameter € > 0 describes the viscosity of the fluid and the solution represents the
velocity of a fluid particle located at z at time ¢ [22]. It can be seen as a simplification
of the Navier-Stokes equation arrived at by neglecting pressure and force terms, but
also arises in other physical problems, such as the formation of the superstructure of
the universe [98].

It is known that under certain conditions, as € — 0 the solution converges to the
unique entropy condition satisfying weak solution of the inviscid Burgers equation

O+ 0,(u?/2) = 0. (4.1.1)

A physical interpretation of the weak entropy condition satisfying solution to (4.1.1)
is that at time zero, infinitesimal particles are uniformly spread on the line, with
initial velocity u(-,0), and these particles evolve according to the dynamics of com-
pletely inelastic shocks. That is, the velocity of a particle changes only when the
cluster of particles it is in collides with another cluster, in which case the clusters
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stick together and form a heavier cluster, with conservation mass and momentum
determining the mass and velocity of the new cluster.

There is an abundant literature on the solution to 4.1.1 when the initial velocity
u(+,0) is a random process. See for example [8, 7, 40, 39, 19, 14, 22, 25, 52, 80, 81,
82, 85, 98, 55, 97]. We will investigate the solution when u(-,0) is a Lévy noise, i.e.
when the potential process 1y = (Vo())ser, defined by ¢o(z) —vo(y) = [¥ u(z,0) dz,
has stationary independent increments (note that the change from the independent
variable in the Lévy process being spatial rather than temporal necessitates a change
in notation from the Lévy processes of Chapter 3). In particular, we investigate
qualitative features of the shock structure of the solution, and thus extend the work of
Bertoin [19] (¢ a stable Lévy process with stability index « € (1/2,2]), Giraud [40]
(extensive results for the case a € (1/2,1)) and Lachieze-Rey [55] (¢y a bounded
variation Lévy process).

In order to explain our results, we must first discuss the general solution to (4.1.1)
and some related concepts. We follow [40, Section 2.1] closely. Suppose that 1y has
discontinuities only of the first kind and satisfies 1o(z) = o(2?) as |z| — co. Then as
¢ — 0 the unique solution of Burgers equation with viscosity ¢ > 0 converges (except
on a countable set) to a weak solution of (4.1.1), referred to as the Hopf-Cole solution
(see [50, 28]). The right continuous version of this solution is

u(z,t) =t (z — a(x,t)),

where, taking the supremum over all possible arguments if necessary,

a(w,t) := argsup {¢o(y) — 5;(y — ) : y € R},

or more precisely,

afz,t) == sup {z €R : do(2) — &z —2)* > doly) — 4y~ 2)* Vy R}

The function x +— a(x,t) is non-decreasing and right continuous and its right contin-
uous inverse a — x(a, t) is known as the Lagrangian function, and gives the position
at time ¢ of the particle initially located at a.

A discontinuity of x +— wu(x,t) is called a shock and occurs when = — a(x,t)
jumps, ie. when a(z,t) # a(z—,t) = limy, a(y,t). From the point of view of
the particle description, the location of a shock corresponds to the location of a
cluster at time ¢. This cluster results from the aggregation of the particles initially
located in [a(x—,t),a(x,t)]; its velocity is (according to the conservation of masses
and momenta)

tola(z, 1)) = tholalz—, 1))

v(x,t) = — a(x,t) — a(z—,1t)

= Lu(a(z,t) + u(a(z—,1))].
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The interval [a(x—,t), a(z,t)] is called a shock interval and = a Eulerian shock point.
We define the shock structure of the solution at time ¢ to be the closed range of a(-,t).
Of particular interests are points which are not isolated on the left or the right in
that closed range, since they represent the initial locations of particles that have
not been involved in any collisions by time . We call any such point a Lagrangian
reqular point. Finally, we call (x,y) a rarefaction interval if a(-,t) stays constant on
[z,y). A rarefaction interval represents an interval where there are no fluid particles
at time ¢.

Our results concern qualitative features of the shock structure, the regenerativity
of the process (u(z,t)).er at points where u(x,t) = 0, and the relationship between
such points and the Lagrangian regular points. For our arguments, there is no loss of
generality to assume ¢ = 1 — the properties we show will be true for any ¢ > 0. Thus
we restrict our attention to the case t = 1 and set a(z) = a(zx, 1), u(z) = u(z, 1) for
all x € R. The shock structure is then

A:=cl{y € R : a(x) = y for some = € R},

i.e. the closure of the range of a(-), and Lagrangian regular points are the subset of
points of A that are neither left nor right isolated. We also define A, C A by

Ag:=c{z eR : a(z) =2} =cl{z € R : u(z) = 0},

Note that both A and Ay are stationary sets when 1) is a Lévy process, and since
adding a drift term has no affect on the distributions of these random sets, we will
assume throughout that if 1y has bounded variation then it has zero drift coefficient.

To ensure that A is non-empty we will always assume that limj, .. 2~ ?¢o(z) = 0,
and in the bounded variation case we mostly assume that limsupy, ;o h~*4o(h) = oo
to ensure that A has a nice structure. Most of our results in the bounded variation
case also require a further assumption relating to overshoots at hitting times — see
Assumption B in Section 4.3.3.

In all cases we show that the Lebesgue measure of {y € R : a(x) = y for some z €
R} is zero (see Lemma 4.4.1 ) and in the bounded variation case we show that this set
is closed (see Theorem 4.4.14). For vy in an interesting class of unbounded variation
Lévy processes called abrupt Lévy processes (see Section 4.3.4 for a definition), we
also show that this set is closed and that moreover A is a discrete set (see Theo-
rem 4.4.6 and Corollary 4.4.7), extending the result of [19] that this is true when g
is a stable process with a € (1,2]. A result from [19] relating to Cauchy processes is
also extended to a more general class of unbounded variation processes, the eroded
Lévy processes (again, see Section 4.3.4 for a definition). For these eroded processes,
there are no rarefaction intervals.
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We show that if ¢y is of unbounded variation and abrupt, or of bounded variation
and satisfying Assumption B, then the process u = (u(z)),er is regenerative at
points y such that u(y) = 0, that between any two consecutive such points it must
first be positive and then negative, and that the only accumulation points of jump
times of u are at such points (see Theorem 4.4.3, Theorem 4.4.6, Proposition 4.4.12
and Theorem 4.4.15). For 1)y a stable processes with « € (1/2,1), this is the main
result of [40], hence our work generalizes that result to a wider class of bounded
variation processes (it is also shown in [40] that for those stable processes A is
a discrete set — we could not generalize this result to our wider class of bounded
variation processes). Key to proving this result is the theory of randomized coterminal
times due to Millar (see Section 4.3.5), which allows us to decompose the process at
T:=inf{x >0:x € Ay}, i.e. at the first non-negative element of Ay. The results of
Lachieze-Rey [55] also form an indispensable part of our arguments in the bounded
variation case.

Another important result of [40] is that when ) is a stable processes with o €
(1/2,1), Ap is exactly equal to the set of points of A at which 1)y is continuous,
which is in turn equal to the set of Lagrangian regular points. We extend this result
to our more general class of bounded variation processes (see Proposition 4.4.12 and
Theorem 4.4.15) again using the results of Lachieze-Rey [55].

The rest of this chapter is organized as follows. In Section 4.2 we discuss geometric
interpretations of a(x) that make the proofs easier to read and which explain how the
shock structure gives us a parabolic majorant of the Lévy process. We also introduce
in Section 4.2 the important connection between A and the concave majorant of
(wo(2) — 22%)ser. In Section 4.4 we present and prove all of our results, with the
exception of the proof of the regenerativity property of Ay mentioned above, which
we prove in Section 4.5.

We conclude the introduction by noting that Ay is the set of fixed points of the
proximal mapping for the Moreau envelope of vy [57, 77] and thus may be of interest
in convex analysis.

4.2 Geometric Interpretations and Relation to
Parabolic and Concave Majorants

Recall from Section 4.1 that

a(x) = argsup {¢o(y) — 5(y — 2)> : y € R},

i.e. a(z) is the (largest) location of the supremum of y — t(y) — 3(y — z)*. One has
the following geometric interpretation: consider a realization of the initial potential
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1y and a parabola y — %(z — 2)? + C, where C' is chosen such that the parabola is

strictly above the path of ¢y. Let C' decrease until this parabola touches the graph
of 1. Then a(x) is the largest abscissa of the contact points.

Now consider what happens to a(z) as x increases. Suppose for example that
x < a(x), then the center of the parabola will move forward, and C will increase so
that the largest abscissa of the contact points between the parabola and 1)y remains at
a(x). This will keep going until for some z > x, the location of the largest supremum
of y — o(y) — %(y — 2)% is no longer at a(z), that is, the parabola centered at z
passing through the point (a(z),1o(a(x))) will touch ¢y again at (a(z),vo(a(z))),
where a(z) > a(x). This creates a jump in a, and hence in u, at the location z. The
story is similar when = > a(x), except that now C' will decrease in order to keep the
parabola touching 1)y as the center of the parabola moves forward.

The above discussion leads to the idea of the parabolic majorant of 1y. As x
varies, there will be values of x for which the parabola y +— 1y(y) — %(y — 2)% will
touch 1 at more than one point. For such values of x we get a parabolic curve
segment between the first and last of those points that is at least as large as 1)y
at all points. Thus we define the parabolic majorant to be the collection of those
parabolic curve segments. An alternative but equivalent definition would be to take
the collection of parabolas of the form y — y(y) — %(y — 2)? that touched 1 at two
consecutive shock points, and then form the parabolic majorant by taking only the
segments of those parabolas between the two consecutive shock points at which each
parabola touches 1)y.

Another important geometric property of the Hopf-Cole solution relates to con-
cave majorants. Similarly to the concave majorant of a function on a finite interval
as in Chapter 2, for any f : R — R, the concave majorant of f is the minimal concave
function Cy : R — R U {oo} such that C¢(z) > f(x) V f(z—) for every z € R.

Let C : R — R denote the concave majorant of (o(z) — $2?),cr, and denote its
right continuous derivative by ¢ = C’. Since ¢(-) is non-increasing, we can consider

the Stieltjes measure —dc. The connection with A is the following.
Lemma 4.2.1. For any vy,

(i) Supp(de) C cl{y : Fx s.t. a(x) =y} = A;

(i) {y : x s.t. a(x) =y} C Supp(de).
Hence if {y : Jx s.t. a(x) =y} is closed then Supp(dc) = A.

Proof. (i) Suppose first that y € Supp(d¢) is isolated on both sides in Supp(dé) or is
in the interior of Supp(dé). Then there exists z € R such that

(Yo(y +2) Vaho((y + 2)—) — 2y + 2)*) — (vo(y) Vvoly—) — 3v°) < —x2
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for all z # 0. But then

Yoy +2) Vo((y +2)=) — 5y +2 = 2)° <o(y) V voly—) — 5(y — 2)°
with equality only if 2 = 0. Hence

2

a(z) =y +argsup {o(y +2) — 3((y +2) —2)* 1 z€R} =y + 0=y,

and thus y € A.

Now suppose ¥ is not isolated in Supp(dc). Then there exists a sequence of points
{Yn}n>0 such that y,, — y with each vy, either isolated on both sides in Supp(d¢) or
in the interior of Supp(dé). Let {x,},>0 be such that a(x,) = y, for each n > 0.
Then a(z,) — y and hence y € A since A is closed.

(ii) Suppose there exists x such that a(z) = y. From the definition of a(x) it
follows that

bo(y —2) Vo((y — 2)—) = 3((y — 2) —2)* < o(y) Vdholy—) — 5(y — 2)°
for all z > 0 and
boly +2) Vo((y +2)=) = 5((y + 2) — 2)* <o(y) V Yoly—) — 3(y — 2)*
for all z > 0. Thus
(Yoly — 2) Vaho((y — 2)=) — 3(y — 2)°) — (¥o(y) Vdholy—) — 39°) <2z (4.2.1)

for all z > 0 and

(Vo(y+2) Vo((ly+2)—) — 2y + 2)*) — (Yo(y) Vo(y—) — 2y?) < —za (4.2.2)

for all z > 0.
(4.2.1) implies that ¢(y—) > —z and (4.2.2) implies that ¢(y) < —z. Hence
y € Supp(dc). O

4.3 Definitions and Background Material

Many of the definitions and results in this section are repeated from Chapter 3, but
due to the change in notation (necessitated by the change from a temporal to spatial
independent variable as mentioned in the introduction) we repeat them here for ease
of reference.
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4.3.1 Lévy processes

Let 1o = (¢o(2))zer be a real-valued Lévy process. That is, 9y has cadlag sample
paths, 1y(0) = 0, and ¥o(y) — Yo(z) is independent of (¢o(2)).<, with the same
distribution as 1y(y — ) for all x,y € R with x < y.

The Lévy-Khintchine formula says that for x > 0 the characteristic function of
o(x) is given by E[e?0@)] = ¢=#¥(®) for § € R, where

W(6) = —ich + 50°° + [ (1= et iyl o)) ()
R
with ¢ € R, 0 € Ry, and IT a o-finite measure concentrated on R\ {0} satisfying [ (1A
y*) TI(dy) < oo. We call o2 the infinitesimal variance of the Brownian component of
1o and II the Lévy measure of X.
The sample paths of 1y have bounded variation almost surely if and only if ¢ = 0
and [, (1A |y|) II(dy) < co. In this case ¥ can be rewritten as

V() = —idf + /R(1 — ") TI(dy).

We call d € R the drift coefficient. Recall from the introduction to this chapter that
we will assume d = 0 throughout without affecting our results. For full details of
these definitions see [15].

4.3.2 Fluctuation theory

We will often make use of some basic results from fluctuation theory for Lévy pro-
cesses.

The first is due to Statland [87]. If ¢y has paths of bounded variation with drift
d, then

. -1 o
lf%lh Yo(h) =d as. (4.3.1)

Since the jump times of 1)y form a countable set of stopping times, by the strong
Markov property it follows that for all y such that ¢y(y) # ¥o(y—), i.e. at all jump
times y of 1y, we have

I}H{)l h™H(ho(y +h) —ho(y)) =d  as. (4.3.2)

The counterpart of Statland’s result when ), has paths of unbounded variation is
Rogozin’s result

hI}Lll%nf h™'o(h) = —co and  limsuph '4hy(h) = +oco a.s. (4.3.3)
h10
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By the strong Markov property, it again follows that for all y such that ¥y(y) #
Yo(y—), i.e. at all jump times y of 1y, we have

h%%)nf h™ (bo(y + h) — o(y)) = —o0  a.s.  and

lim sup h ™ (Yo (y + h) — o(y)) = +00  a.s. (4.3.4)
h10

4.3.3 Hypotheses on v

We now define some hypotheses on 1. We will always assume the first and the second
ensures that the shock structure is nice when vy has paths of bounded variation. Let
C : R — R denote the concave majorant of (¢o(z) — 222),er, and denote its right
continuous derivative by ¢ = C”. Since ¢() is non-increasing, we can consider the

Stieltjes measure —dc.
Hypothesis A. Let ¢y be such that almost surely lim,_o 27 %¢(z) = 0.

Remark 4.3.1. (i) Hypothesis A implies C is finite and sup, g {to(x) — %:UQ} <
0.

(ii) Hypothesis A holds for stable processes with stability index a € (1/2,2].
Hypothesis B. If 1y has paths of bounded variation then let ¢y be such that

limsup h~2?ty(h) = +oo  and lirill%nf h™%o(h) = —co  a.s. (4.3.5)

hl0

Remark 4.3.2. (i) If ¢y has paths of unbounded variation then (4.3.5) always
holds by (4.3.3).

(ii) If 1o has paths of bounded variation then by (4.3.1) Hypothesis B implies
that 1y has zero drift coefficient (but we are already assuming this is true
throughout). In fact, Bertoin et al. have fully characterized which bounded
variation Lévy processes satisfy (4.3.5) [13, Theorem 3.2] (clearly it is necessary
to at least have II((—o0,0)) = II((0, 00)) = 00).

(iii) Hypothesis B holds for stable processes with stability index o € (1/2,2].

(iv) Again by the strong Markov property, under Hypothesis B it follows that for
all y such that 1o(y) # vo(y—),

limsup h™%(¢o(y + h) — Yo(y)) = +oo a.s. and
h10

h%%nf h™2(o(y + h) — o(y)) = —c0  a.s.

(4.3.6)
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The following assumption will be necessary for the advanced results in the bounded
variation case. Recall that we have already assumed 1)y to have zero drift coefficient.

Assumption B. Suppose 1y has paths of bounded variation.

(I) Let T = inf,>o{to(z) — bz — 222 > s} for some b > 0 and s > 0. Then on the
set {T' < oo} we have ¢ho(T) — bT — 377 > s almost surely.

(IT) Let T = infy>o{to(z) + bz — $2? < —s} for some b > 0 and s > 0. Then on
the set {T" < oo} we have 1o(T) 4+ bT — 377 < s almost surely.

Remark 4.3.3. (i) By quasi-continuity of Lévy processes the conclusion still holds
when () is replaced by ¥o(z) V 1ho(x—) in the definitions of 7'

(ii) (IT) has an equivalent time reversed version: let T’ = inf,<o{¢o(z) + bz — 32* >
s} for some b > 0 and s > 0. Then ¢o(T) 4+ bT — 377 > s a.s.

4.3.4 Abrupt and eroded Lévy processes

Abrupt Lévy processes were introduced in Section 3.4, but for the reasons discussed
at the start of this section we will reintroduce them her. We will also introduce their
counterparts, eroded Lévy processes.

Definition 4.3.4. A Lévy process v is abrupt if its paths have unbounded variation
and almost surely for all m such that 1y has a local maximum at m,

linhll%nf R (Yo(m—h)—1o(m)) = +oo  and  limsup b~ (¢ (m+h)—1Py(m)) = —oo.
h10

The following theorem describes the local behavior of an abrupt Lévy process at
arbitrary times (in a slightly different manner from Theorem 3.4.6). This result is
an immediate corollary of the more general result [92, Theorem 2.6] once we use the
fact that almost surely the paths of a Lévy processes cannot have both points of
increase and points of decrease [37].

Theorem 4.3.5. Let ¢y be a two sided abrupt Lévy process. Then, almost surely for
all x € R, if

limsup b~ (Yo(x — h) —o(v—)) < oo and limsup h™ (Yo(z + h) — o(z)) < 00
h10 K10

then 1y has a local supremum at x.
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At the other end of the scale from abrupt processes are eroded processes, also
introduced by Vigon [93].

Definition 4.3.6. A Lévy process v is eroded if its paths have unbounded variation
and almost surely for all m such that ¢y has a local maximum at m,

lirﬁ%nf R (o(m —h) —1hg(m)) =0 and  limsuph (o(m + h) — o(m)) = 0.
K10

Vigon [93, Theorem 1.4] gives the following characterization of eroded processes
(the result may also be deduced as a special case of Theorem 3.3.11).

Remark 4.3.7. A Lévy process 1y with paths of unbounded variation is eroded if
and only if

/1 v "P{epo(z) € |ax,br]} dr = 0o, Va <0 <b. (4.3.7)
0

4.3.5 Randomized coterminal times

Randomized coterminal times were introduced by Millar in order to extend the set of
times at which some sort of decomposition into two independent processes could take
place [64]. Essentially they are last exit times from randomized sets. For example,
the largest time at which the supremum of a Markov process (¢(z)).>0 is achieved
is the last exit time from the random interval [sup, ¢(x), c0).

In this subsection we assume (¢(z)).>0 is a cadlag strong Markov process with
state space (F,E), a locally compact metric space (in fact we will only use state
space ([0, 00) x R, B(]0,00) x R)). Denote by F, the sigma fields that are the right
continuous completions of the natural sigma fields F° = o{¢(y),y < x}, and let
F =V ,>0Fz- Let 0, be the standard shift operator, so that ¢(y)(f,w) = ¢(z+y)(w)
for every y > 0. Recall that a random time R is a [0, 00]-valued F-measurable
random variable, and that a random time 7' is a terminal time if it is optional and

T=2xz+To60, on{T > x}. Forarandom time R, define

F(R+):={F € F:forallz >0, there exists F, € F,
such that F N{R <z} = F, N{R < z}}.

Definition 4.3.8. Suppose we are given
- a measure space (A, ),

- a family of terminal times {7} },c such that (a,w) — T,(w) is 4 x F-measurable,
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- a measurable mapping Z from (Q, F) to (A, ).
A random time R is a randomized coterminal time based on (A, ), {T,}aea, Z if

(I) for each # > 0 there is an F,-measurable A-valued random variable Z, such
that Z = Z, on the set {R < z},

(IT) for each 0 <y < x there exists B(y,x) € F, such that
{y <R <z} =B(y,z) N {T7)(0w) = +00}.

Note that by (I) the Z in (II) can be replaced by Z,.

Example 4.3.9. Suppose lim, ., ¥o(x) = —o0, then R = argsup{¢p(z) : x > 0}
is a randomized coterminal time with (A, 4) = (R, B(R)), T, = inf{z > 0 : ¢y(x) V
Yo(r—) > a}, Z = sup,sqo(z) and Z, = sup,, Yo(y). Property (I) is immediate
since if the supremum occurs before z, then it is equal to the supremum attained by
¥ (y) on [0, x], and to see that property (II) holds note that

{y < R <z} = { the supremum of ¢y occurs in (y,z] }
= { 1o goes at least as high in (y, x| as it did before time y,
and never after x goes as high as it did during (y, x] }
={Zy. < Z;} N {Tz,(w)(0pw) = +o0},

where Z,, = sup,,,<, Yo(w), so B(y,v) = {Z,, < Z,} here.

The following result is [64, Theorem 3.4] and essentially says that for a randomized
coterminal time R, conditional on Z = z, the post R process is ‘just’ the original
process conditioned on {7, = 400}, and is still Markovian. Note that Z is F(R+)
measurable by (I).

Theorem 4.3.10. Let (¢(x)).>0 be a Hunt process, and R a randomized coterminal
time based on (A, W), {T,}aca, Z. Then for bounded Borel f,

E(f(o(R+2)|F(R+y)+)) = [f(0) Hoey(Z: $(R + y),db), 0<y<uz,
where H,(z;a,db) :== P(¢(x) € db)P*(T, = o0)/P*(T, = 00).

The next result is a combination of [64, Proposition 5.4] and [64, (a) follow-
ing Proposition 5.4], where we have trivially extended the state space to include a
deterministic element as well as a Lévy process. It gives conditions under which,
conditionally given Z and ¢(R), the post R process is independent of F(R+). The

proof relies on the zero-one property of Lévy processes at local maxima or jump
times.
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Proposition 4.3.11. Let (¥(x)).>0 be a Lévy process and let ¢(x) = (z,9(z))
for x > 0. Let R be a randomized coterminal time for (¢(x))z>o0 based on (A,4L),
{T,}aca, Z. Suppose that P(R is the time of a local mazimum of ) = P(R < o) or
P(R is a jump time of 1) = P(R < o0). Then conditional on Z and ¢(R), the post
R process is independent of F(R+), and it is Markov with transitions H,(Z;a,db).

4.4 Main Results

In this section we first present results in a general setting and then treat pro-
cesses with paths of unbounded and bounded variation separately. Recall from
Remark 4.3.2 that Hypothesis B is automatically satisfied when v, has paths of
unbounded variation, and when 1)y has paths of bounded variation then by assump-
tion the drift coefficient of 1) is zero.

4.4.1 Unbounded and Bounded Variation

Lemma 4.4.1. Let vg be a two-sided Lévy process satisfying satisfying Hypotheses A
and B. The Lebesgue measure of {y € R : a(x) =y for some x € R} is zero a.s.

Proof. By application of Fubini’s theorem and stationarity it suffices to show that
P(a(z) = 0 for some x € R) = 0. Suppose there exists z > 0 such that a(x) = 0, then
lim supy, ;o h~"4)o(h) < —z < 0. But this happens only on an event of probability zero
by (4.3.1) or (4.3.3) for processes with bounded or unbounded variation respectively.

Similarly, if there exists 2 < 0 such that a(z) = 0, then — liminfy1o h™'¢)o(h) <
—x < 0. But this happens only on an event of probability zero by the time reversed
versions of (4.3.1) and (4.3.3).

Finally, if a(0) = 0 then limsup, o h *¢o(h) < 1 < oo, which by (4.3.5) only
occurs on a set of probability zero. O]

Recall that u(z) = z — a(z) and that Ay = cl{z € R : u(z) = 0}.

Lemma 4.4.2. Let ¢y be a two-sided Lévy process satisfying Hypotheses A and B.
Suppose there exists a,at € Ay such that a= < a™ and a ¢ Ay for a™ < a < a*.
Then almost surely there exists a~ < xg < a™ such that u(x) > 0 for alla™ < x < g
and u(z) < 0 for all zo < x < a™.

Proof. From (4.3.5) we have a(0) > 0 a.s. and hence

ag =inf{zx >0:2€ Ay} >0 as., and
ag =inf{x >0: -z € A} >0 as.,
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where we have applied time reversal to get the second inequality.

By stationarity, it suffices to show that the claim is true for a™ = af and a= = qg,
since any almost sure behaviour of u over the interval (ag ,ad) must be shared by u
over (a~,a") for any two consecutive members a~ < at of Aj. Define

R:=inf{y>0: ¢oly —2) Veo((y — 2)=) = to(y) V ¢o(y—) < 52° for all 2 > 0} .

Since R is a stopping time, (4.3.5) implies that R < a(R) a.s., and hence u(R) < 0
a.s. So we cannot have u(z) > 0 for all x € (ay,ag). A time reversal argument then
implies that we cannot have u(x) < 0 for all x € (ag, ag ).

Since a(x) is non-decreasing, u has only downwards jumps, and thus u cannot go
from being negative to positive without passing through zero. Hence we have the
a.s. existence of the zg in the claim. O

The proof of the following Theorem is in Section 4.5.

Theorem 4.4.3. Let 1y be an abrupt two-sided Lévy process with paths of unbounded
variation satisfying Hypothesis A or a two-sided Lévy process with paths of bounded
variation satisfying Hypotheses A and B and Assumption B. Define

T:=inf{x >0 :2€ A}.

Then (Vo(T+x) —o(T)) >0 is independent of (Yo(T —x))z>0. As a consequence, the
processes (uW(T + x)) >0 and (uw(T — x))>0 are independent and Ay is a regenerative
set.

It is important to relate Ay to the set of Lagrangian regular points, when such
points exist. As we shall see in Theorem 4.4.15, when v, is a two-sided Lévy process
with paths of bounded variation satisfying Hypotheses A and B and Assumption B,
Ay is exactly equal to the set of Lagrangian regular points.

4.4.2 Unbounded variation

Lemma 4.4.4. Let 1y be a two-sided Lévy process satisfying Hypothesis A with paths
of unbounded variation. Then g is continuous at every point in the set {y € R :
a(x) =y for some x € R} a.s.

Proof. From (4.3.4) and a time reversal argument, it follows that almost surely for
every y such that y is a jump time of vy, i.e. ¥o(y) # Yo(y—),

liﬂilsoup h=t (o(y+h)—tho(y)) = 400 and hIT;lSOUP h=H (o (y—h)—1he(y—)) = +o0.
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If y = a(x) or y = a(z—) for some z, and if y is such that say 1o(y) > 1o(y—), then
for every h > 0 we have

Yo(y) — 3(x —y)* = oy + h) — Lz —y — h)*.
Therefore we would have

limhlsoup W (ho(y + h) — vo(y)) <y —x < o0,

which is impossible, except on an event with probability zero. The case of a negative
jump is similar, working now at the left of the jump. n

Corollary 4.4.5. Let 1 be a two-sided abrupt Lévy process satisfying Hypothesis A.
Then 1o has a local supremum at every point in {y € R : a(x) =y for some x € R}
a.