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AUTOMATED MECHANICAL VENTILATOR WAVEFORM

ANALYSIS OF PATIENT-VENTILATOR ASYNCHRONY

Jason Adams, MD, MAS!, Brooks Kuhn, MD, Monica Lieng?, BS,
Jean-Pierre Delplanque, PhD’, Edward Guo’, Sean Peisert, PhD*, Nick Anderson, PhD>

1'UC Davis Medical Centet, Department of Pulmonary and Critical Care Medicine 4+UC Davis, Department of Computer Science
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Figure 1: Bedside to Cloud mechanical ventilator waveform pipeline
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Mechanical ventilation is a life-saving intervention but is also
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Simulated pressure and flow time series data representing normal breaths
and common forms of PVA were generated on mechanical ventilators,
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to a networked server for storage and analysis. Two critical care physicians

reviewed waveforms to generate gold standard data sets of PVA events.
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expiratory tidal volumes (TV) and identify common PVA subtypes including
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