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From Hate Speech to 
Collective Action Intentions: 
The Role of Counter-Speech 
and Accuracy Cues Among 
Targeted Minorities

Desiree Schmuck1 , Magdalena Obermaier2 ,  
Nancy Molina-Rogers3 , and Muniba Saleem4

Abstract
Online hate speech targeting minority groups poses a significant social identity threat 
to those affected, often prompting coping strategies like out-group avoidance or 
derogation, which can harm intergroup relations in diverse societies. However, 
collective action as an empowering response has received limited attention in this 
context. Drawing on the social identity model of collective action (SIMCA), this study 
examines both the mechanisms and boundary conditions of online hate speech’s 
impact on minority groups. Across two experiments (NStudy1 = 328 Muslims; NStudy2 
= 583 Latinos), we find that online hate speech increases group-based injustice, 
which in turn drives collective action intentions, supporting the SIMCA. This effect 
is amplified when information embedded in the online hate speech is perceived as 
inaccurate or flagged for inaccuracy. In Study 2, we further demonstrate that counter-
speech can reduce group-based injustice and, when paired with low-accuracy hate 
speech, enhance collective efficacy beliefs.
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Introduction

Harmful communication is a pervasive feature of online environments. A growing 
body of research has examined such interactions under the broader concept of online 
incivility, which encompasses communicative behaviors ranging from subtle viola-
tions of respectful discourse to overtly rude or dismissive language (Pradel et  al., 
2024; Ziegele et al., 2020). Empirical evidence suggests that uncivil communication 
constitutes a substantial share of online discourse, particularly in political contexts 
(Theocharis et al., 2020). Exposure to incivility has been linked to negative evalua-
tions of social groups (Kim, 2024), increased attitude polarization (Anderson et al., 
2014), and reduced political trust, although its effects on participation remain mixed 
(Van’t Riet & Van Stekelenburg, 2022).

Among the more severe forms of harmful online communication is online hate 
speech, which refers to communication that attacks, derogates, or intimidates indi-
viduals based on group-related characteristics such as gender, ethnicity, or national 
origin (Hawdon et al., 2017; Warner & Hirschberg, 2012). Social media platforms, due 
to their public visibility and perceived anonymity, facilitate its widespread dissemina-
tion (Dredge et al., 2014). Cross-national research indicates that 43% of users have 
encountered hate speech online (Hawdon et al., 2017). Existing research has examined 
the effects of harmful online speech among both bystanders (e.g., Pabian, 2025) and 
members of targeted groups (e.g., Van Houtven et al., 2024). Yet, the literature has 
disproportionately focused on bystanders, who constitute the largest share of online 
users. While prior research on online incivility has largely focused on general audi-
ences or bystanders, these approaches do not capture the identity-relevant processes 
triggered when individuals are directly targeted. Consequently, despite growing 
knowledge about the societal consequences of uncivil online discourse, we still know 
relatively little about how individuals directly targeted by group-based hate interpret, 
psychologically process, and behaviorally respond to these experiences.

Among targets, exposure to hate speech has been associated with severe psycho-
logical consequences, including effects comparable to other traumatic experiences 
(Leets, 2002) and impairments in well-being such as heightened anxiety or sleep dis-
turbances (Delgado & Stefancic, 2019). Beyond these individual-level harms, being 
directly targeted by group-based online hate differs fundamentally from merely wit-
nessing uncivil discourse. Direct targeting is more likely to activate social identity 
concerns, heighten perceptions of group-based threat and injustice, and elicit identity-
relevant coping responses among minority group members (Branscombe et al., 1999; 
Major & O’Brien, 2005; van Zomeren, Postmes, et al., 2008). As a result, the psycho-
logical and behavioral processes triggered by direct victimization cannot be readily 
inferred from bystander-oriented research.
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Specifically, we identify the following research gaps: First, while existing studies 
have primarily focused on psychological outcomes like loneliness (e.g., Stahel & 
Baier, 2023) or stress (Shmulewitz et al., 2025) as well as intergroup attitudes and rela-
tions as outcomes of hate speech toward minorities (Obermaier et al., 2023; Schäfer 
et al., 2024; Van Houtven et al., 2024), little attention has been devoted to the mobiliz-
ing potential of online hate speech. According to the social identity model of collective 
action (SIMCA, van Zomeren, Postmes, et  al., 2008), an activated social identity 
increases collective action, defined as group-based efforts aimed at improving a 
group’s social standing (van Zomeren, Postmes, et al., 2008), via group-based injus-
tice and/or collective efficacy. Collective action may take normative forms, including 
joining protests or signing petitions, as well as non-normative forms, such as aggres-
sive or violent behaviors that may be detrimental to society (van Zomeren, Postmes, 
et al., 2008). Investigating collective action as a coping response to online hate speech 
is crucial, given the pervasive visibility of such content and difficulty of avoiding it in 
digital environments (Hawdon et al., 2017).

Second, key boundary conditions remain underexamined. Counter-speech, which is 
a communicative practice through which individuals verbally oppose hate speech 
(Buerger & Wright, 2019; McDonald et  al., 2016), can mitigate perceived identity 
threat (Van Houtven et al., 2024) and reduce hostile reactions (Obermaier et al., 2023). 
Yet, its effects may depend on the counter-speaker’s group membership. Similarly, 
accuracy cues may shape variations in perceptions of legitimacy or social credibility 
of derogatory claims, thereby influencing group-based injustice (Saleem et al., 2021).

To address these gaps, we conducted two online experiments with minority group 
members directly targeted by hate speech. Study 1 focuses on Muslims in Germany, a 
frequent target of online hostility (LfM, 2024), while Study 2 examines racist hate 
speech toward Latinos in the United States, a population that has increasingly been the 
target of xenophobia (The State of Hate Report, 2024). Across studies, we test whether 
exposure to online hate speech increases collective action intentions via group-based 
injustice and collective efficacy. We further test whether these effects are moderated 
by counter-speech and accuracy cues. This research provides important insight into 
when and how targeted individuals respond to online hate speech by distinguishing 
between normative and non-normative collective action, which have distinct implica-
tions for legitimacy, public support, and the potential escalation of social change 
(Becker & Tausch, 2015).

The Social Identity Model of Collective Action (SIMCA)

The Social Identity Model of Collective Action (van Zomeren, Postmes, et al., 2008) 
suggests that social identities provide the foundation for a process in which individuals 
belonging to disadvantaged groups develop a sense of agency, ultimately leading to 
collective action. SIMCA specifically posits that individuals are driven to engage in 
collective action due to perceptions of group-based injustice or collective efficacy 
(van Zomeren, Postmes, et al., 2008). Injustice refers to the “subjective experience of 
unjust disadvantage,” which arises from appraisal processes that integrate 
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both evaluative and affective components (van Zomeren, Postmes, et  al., 2008). In 
intergroup contexts, van Zomeren et al. (2018, p. 123) suggest using the umbrella term 
of “group-based injustice,” which, they argue, may refer, in specific studies, to mea-
sures of group-based relative deprivation, perceptions of group-based injustice, or the 
experience of group-based anger. Experiences of group-based injustice motivate col-
lective action intentions, as individuals seek to challenge what they experience as 
unfair treatment of their group. Collective efficacy, on the other hand, is the shared 
belief in the group’s ability to change its circumstances and future. When individuals 
hold stronger beliefs in collective efficacy, they are more motivated to participate in 
collective action, as they believe their efforts will lead to achieving relevant goals (van 
Zomeren, Postmes, et al., 2008).

Online Hate Speech and Collective Action

Existing research has approached the effects of harmful online speech in different 
ways, depending on whether individuals are exposed as bystanders or are directly 
targeted. Beyond research explicitly focusing on hate speech, a growing body of 
scholarship has examined the effects of harmful online communication more broadly 
including research on online incivility (e.g., Ziegele et al., 2020). In prior research, 
incivility has been conceptualized as covering a range of communicative behaviors, 
from subtle violations of respectful discourse to clearly rude or dismissive language 
(Pradel et al., 2024). Empirical studies show that uncivil communication constitutes a 
substantial share of political discourse online. For instance, analyses of Twitter inter-
actions with legislators indicate that uncivil messages account for roughly one-fifth of 
all related tweets, with noticeable surges during contentious policy debates and major 
political events. While some instances reflect coordinated campaigns, uncivil lan-
guage is largely produced by a broad and diverse set of users rather than a small group 
of actors (Theocharis et al., 2020).

While much of this research examines incivility as a general communicative phe-
nomenon, an important distinction concerns whether it explicitly references social 
groups or identities. References to social groups within media environments, includ-
ing digital media, serve as important situational cues that heighten the salience of 
social identity (Major & O’Brien, 2005). If negative or stereotypical, these depictions 
can undermine motivations for positive group distinctiveness and threaten social iden-
tity (Saleem & Ramasubramanian, 2019). Such identity threats are especially likely in 
the context of online hate speech (Van Houtven et al., 2024), which inherently targets 
individuals based on group membership (Hawdon et al., 2017; Warner & Hirschberg, 
2012). Compared to more indirect or ambiguous negative portrayals of social groups 
in news media (Saleem et al., 2019), hate speech involves explicit hostility, deroga-
tion, and intentional targeting of social groups. It often occurs in interactive environ-
ments where individuals are directly addressed (Bilewicz & Soral, 2020), thereby 
intensifying its psychological impact (Shmulewitz et al., 2025). Hate speech frequently 
relies on dehumanizing metaphors—such as referring to groups as “parasites” or “ani-
mals,” and may include direct threats or incitements to violence (Paasch-Colberg 
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et al., 2021). As a result, exposure to hate speech constitutes a more severe and unam-
biguous violation of group-based norms compared to negative news portrayals, posing 
a direct threat to social identity and heightening perceptions of group-based injustice 
among targeted group members (Obermaier et al., 2023; Van Houtven et al., 2024).

Applying SIMCA to this context suggests that online hate speech may contain 
many aspects that can motivate collective action intentions. Exclusionary narratives 
delineate boundaries between favored ingroups and disparaged outgroups, increasing 
awareness of group-based disadvantage and heightening group-based injustice. At the 
same time, shared threats can strengthen group unity and beliefs in the group’s collec-
tive capacity to respond, or collective efficacy (Drury & Reicher, 2009). Together, 
these processes suggest that exposure to online hate speech may activate the key 
mechanisms identified in SIMCA (group-based injustice and collective efficacy) that 
motivate collective action intentions.

Despite the theoretical connections, existing research on online hate speech has not 
directly tested the roles of group-based injustice and collective efficacy in motivating 
collective action strategies. However, related studies have found evidence for closely 
linked mechanisms. For instance, prior research suggests that online hate speech can 
provoke emotions tied to group-based injustice, such as anger (Boeckmann & Liew, 
2002; Schmid et al., 2024). Additionally, research on the impact of negative portrayals 
of one’s ingroup in the media has shown that such exposure can enhance collective 
efficacy beliefs, which in turn motivate collective action strategies (Saleem et  al., 
2021). Drawing on SIMCA and this prior evidence, we hypothesize that:

H1: Online hate speech in comparison to no hate speech increases (a) group-based 
injustice and (b) collective efficacy, which subsequently enhance collective action 
intentions.

Counter-Speech

Although exposure to online hate speech may mobilize collective responses, these 
effects are unlikely to occur uniformly. Contextual cues embedded within online inter-
actions, such as the presence of counter-speech, may shape how targets interpret iden-
tity threats and whether mobilizing psychological processes are strengthened or 
attenuated. Counter-speech refers to communicative efforts by individuals or groups—
whether targets or bystanders—to publicly challenge hateful discourse to reduce its 
impact (Buerger & Wright, 2019; McDonald et al., 2016). By signaling social norms 
that oppose hate, counter-speech may alter perceptions of injustice and collective effi-
cacy that drive collective action responses. While counter-speech may facilitate col-
lective processes, it does not constitute collective action per se, as it primarily refers to 
communicative efforts aimed at challenging, correcting, or resisting harmful content, 
often taking the form of direct replies or public expressions of disagreement (Buerger 
& Wright, 2019). In contrast, collective action involves broader coordinated efforts by 
groups of individuals to achieve broader social or political change, such as organizing 
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campaigns, petitions, or protests (van Zomeren, Postmes, et al., 2008). However, in 
some cases, counter-speech can become a formally organized activity, for example in 
the form of a social movement, which is aimed at collectively countering uncivil com-
ments (Ziegele et al., 2020). From a social identity perspective, these dynamics are 
particularly relevant because responses to hate speech are shaped by perceived identity 
threats, which can translate into group-based injustice and motivate collective action.

Studies suggest that counter-speech can diminish the perceived identity threat 
posed by hate speech (Van Houtven et al., 2024). Although not yet directly examined, 
counter-speech may mitigate group-based injustice by challenging threats and signal-
ing social norms that reaffirm group status, thus reducing identity threats and restoring 
fairness (Tajfel & Turner, 1986).

From a social identity perspective, the implications of counter-speech for group-
based injustice are theoretically ambiguous. On the one hand, counter-speech may 
challenge hostile narratives and signal that hateful messages are socially unacceptable, 
thereby reducing identity threat and dampening grievance. On the other hand, by 
explicitly acknowledging the violation and framing it as illegitimate, counter-speech 
may validate targets’ perceptions that an injustice has occurred, reinforcing rather than 
attenuating perceived grievance (Bilewicz & Soral, 2020; van Zomeren, Postmes, 
et al., 2008). These effects may further depend on the identity of the counter-speaker 
and whether they are part of one’s ingroup or not (Obermaier et al., 2023; Van Houtven 
et al., 2024). These contrasting mechanisms suggest that the effects of counter-speech 
on group-based injustice are theoretically unclear leading to the following research 
question:

RQ1: How does counter-speech by (a) a minority group member and (b) a majority 
group member influence group-based injustice and subsequent collective action 
intentions in response to online hate speech?

In contrast to its ambiguous effects on group-based injustice, counter-speech is 
more consistently expected to strengthen collective efficacy. Observing others pub-
licly challenge hate speech may signal that resistance is possible and socially sup-
ported, fostering beliefs that collective efforts can successfully address group-based 
disadvantage (Outten & Schmitt, 2015; van Zomeren, Postmes, et al., 2008). By dem-
onstrating that group members or allies are willing to intervene, counter-speech may 
enhance perceptions of collective agency and thereby increase collective action 
intentions.

H2: Counter-speech increases collective efficacy, which in turn enhances collective 
action intentions.

Beyond these main effects, the effectiveness of counter-speech may depend on the 
group membership of the counter-speaker. Counter-speech can be expressed by indi-
viduals outside the targeted group, often representing the majority, referred to as 
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majority counter-speech. Conversely, minority counter-speech is delivered by some-
one who is also a target of online hate speech, that is, another minority group member 
(Obermaier et al., 2023; Van Houtven et al., 2024). Prior research suggests that the 
group membership influences the extent to which counter-speech can mitigate the 
negative effects of online hate speech. For example, Van Houtven et al. (2024) found 
that majority counter-speech reduced the social identity threat posed by online hate 
speech. These effects have been attributed to reductions in aggressive cognitions, 
emotions, and behavioral tendencies to respond defensively on behalf of one’s ingroup 
(Hsueh et  al., 2015). In this context, counter-speech delivered by majority-group 
members may carry stronger normative signaling power because it indicates that dom-
inant-group actors reject the hostile message, whereas minority-group counter-speech 
may be perceived as ingroup defense. However, Obermaier et al. (2023) showed that 
counter-speech by both majority and minority members reduced hateful responses. 
Hence, prior evidence comparing the effects of majority and minority counter-speech 
is mixed (Obermaier et al., 2023; Van Houtven et al., 2024), suggesting the need for 
further investigation. Therefore, we ask:

RQ2: Does the group membership of the counter-speaker (majority vs. minority) 
moderate the effects of counter-speech on (a) group-based injustice and (b) collec-
tive efficacy?

The Moderating Role of (Perceived) Accuracy

Beyond counter-speech, the perceived credibility or accuracy of the claims embedded 
in hate speech may shape how targeted individuals interpret identity threats and 
respond to them. We argue that such accuracy cues primarily operate through percep-
tions of legitimacy. Specifically, accuracy cues signal whether derogatory statements 
are perceived as socially credible or legitimate, thereby influencing the key psycho-
logical mechanisms identified in the Social Identity Model of Collective Action 
(SIMCA; van Zomeren, Postmes, et al., 2008). Although prior research has examined 
the role of accuracy in domains such as misinformation and uncivil online discourse 
(Masullo et al., 2023; Pennycook et al., 2018), its influence on reactions to online hate 
speech, particularly among targeted group members, remains largely unexplored.

Hate speech often combines derogatory rhetoric with misleading or false claims 
about social groups (Hameleers et  al., 2022). When such claims are perceived or 
flagged as inaccurate, they may reinforce the perception that group-based derogation 
is illegitimate, heightening group-based injustice and strengthening motivations to 
challenge the message collectively. Conversely, when hate speech is perceived as 
accurate, negative portrayals may be interpreted as reflecting legitimate social reali-
ties, potentially reducing group-based injustice and dampening collective action moti-
vations. According to the System Justification Theory (Jost & Banaji, 1994), 
marginalized individuals may, under certain conditions, come to accept negative por-
trayals as reflecting legitimate social arrangements, thereby weakening both grievance 
and the perceived necessity of collective resistance (Jost et al., 2017).
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Although hate speech is likely to be perceived as inaccurate by most targets, digital 
environments may reduce sensitivity to derogatory claims and alter perceptions of its 
normative acceptance (Bilewicz & Soral, 2020). Consequently, even subtle variations 
in perceived accuracy of claims made in hateful comments may signal legitimacy and 
shape responses (Bettencourt et  al., 2001). Importantly, perceived accuracy in this 
context does not merely reflect agreement with hateful claims but captures the extent 
to which such claims are viewed as socially credible or reflective of broader societal 
beliefs. Even when individuals reject hate speech as false, variation in perceived cred-
ibility may signal whether derogatory narratives are interpreted as fringe rhetoric or as 
representing widely shared societal attitudes (Bettencourt et al., 2001). These legiti-
macy appraisals are consequential because they shape whether group-based disadvan-
tage is perceived as unjust and contestable or as socially entrenched and difficult to 
change. Accordingly, both subjective perceptions of accuracy and platform-provided 
accuracy cues are expected to moderate the extent to which exposure to hate speech 
influences group-based injustice, collective efficacy, and collective action intentions. 
Supporting this reasoning, prior research shows that when negative portrayals of 
minority groups are perceived as inaccurate, individuals report stronger group-based 
injustice, greater collective efficacy, and increased willingness to engage in collective 
action (Saleem et al., 2021). Thus, we hypothesize:

H3: Greater perceived or platform-verified accuracy of the information embedded 
in online hate speech decreases (a) group-based injustice and (b) collective effi-
cacy, which are subsequently related to collective action intentions.

Study 1

Method

To test our hypotheses and RQs (see Figure 1), we carried out an online experiment 
comprising four experimental conditions: (a) the presence of standalone Islamophobic 
online hate speech without counter-speech, (b) online hate speech countered by a 
member of the majority group (a non-Muslim), (c) online hate speech countered by 
another minority group member (a Muslim), and (d) a control group without online 
hate speech or counter-speech (see also Obermaier et al., 2023).

We collected the data in May 2020 with the help of a survey company. The com-
pany recruited individuals residing in Germany who identified Turkish and/or Arabic 
as their native languages, resulting in a total of 426 participants. The sample was 
adjusted to exclude participants who did not identify Islam as their religion, leading to 
a sample of N = 362 Muslims. Additionally, participants with a retention time of one 
standard deviation below the mean dwell time (⩽ 304 s) and those reporting signifi-
cant difficulty understanding the questionnaire were excluded, resulting in a final 
sample of N = 328 Muslims. All participants provided consent to participate and were 
provided with a trigger warning at the outset of the survey. Participants were informed 
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of their right to terminate participation at any point if they felt uncomfortable. The 
survey concluded with a comprehensive debriefing, providing detailed information 
about the fictitious posts and comments, and a clear statement emphasizing that the 
hateful statements did not reflect the researchers’ attitudes. Participation was volun-
tary, and participants received incentives. The study materials, dataset, and analysis 
script are available on OSF: https://osf.io/kghjy/overview.

Sample.  Among the participants, 48% were female and 52% male, with an average 
age of 33 years (SD = 9.80). Furthermore, 68% possessed a high school degree. 
Regarding migration background, 34% had no migration background, 41% were born 
in Germany with at least one parent born in another country, 25% were born in another 
country themselves. Among those with migration background, 64% had resided in 
Germany for over 10 years, and 67% reported German as their native language. Finally, 
religious identification was M = 3.70 (SD = 0.89) on a five-point scale (1 = “not 
religious” to 5 = “very religious”).

Randomization Check.  A randomization check showed no significant variations among 
the experimental groups concerning gender, χ2(3, 328) = 3.66, p = .30; age, F(3, 324) 
= 0.60, p = .61, η2 = .01; migration background, χ2(6, 328) = 5.73, p = .45; duration 
of residence in Germany, F(3, 79) = 0.54, p = .66, ηpart =.02; prior national identifica-
tion, F(3, 324) = 1.28, p = .28, η2 = .01; and prior religious identification, F(3, 324) 
= 0.54, p = .66, η2 =.01.

Stimulus Materials.  Participants were exposed to a fictitious Facebook post shared by 
an online branch of a respected German newspaper, promoting an article titled “Sev-
eral Daycare Centers eliminate Pork for Children” (see Supplemental Appendix B). 

Figure 1.  Hypothesized model.
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The post and the comment(s) were created in the Facebook design incorporating vari-
ous features such as mouse-over effects to enhance realism.

The online hate speech and counter-speech content drew upon prior research 
(Leonhard et al., 2018; Naab et al., 2018), with comments maintained at comparable 
lengths of 90 to 100 words. A fictitious user “Alex” was the author of the first com-
ment. In the control condition, this comment was neutral stating “Interesting! Muslim 
kids in day-care.” The baseline comment was intended to be neutral in evaluative 
content, meaning that it did not include derogatory language, group-based threat, or 
explicit negative judgment. In contrast, in the treatment conditions, the comment fea-
tured Islamophobic hate speech including defamations (“[they] live in their small 
Muslim parallel world from our taxes”) and dehumanization (“these parasites”). 
Moreover, the hate speech condemned the imposition of the values of the minority 
group onto the majority (“we have to pay for them and then let them tell us how to 
live”) and made a diffuse threat of violence (“we must fight back”; Leader Maynard 
et al., 2016).

This comment was followed by counter-speech in the two counter-speech condi-
tions. The counter-speech was represented by a second comment either by a majority 
member (“Mark”) or another minority member (“Malik”). We clarified the religious 
affiliation by stating in the comment “I am/I am not a Muslim.” The comment coun-
tered the hate speech with arguments, stating (“These are just insinuations against 
Muslims that are totally inappropriate and wrong.”), while also flagging it as unac-
ceptable. While counter-speech can take many forms, including providing facts or 
attacking perpetrators (Obermaier et al., 2023), the counter-speech used in this study 
can be classified as factual counter-speech that adheres to deliberative norms, contra-
dicts hateful claims and demonstrates support for those attacked in the hate speech 
(Ziegele et  al., 2020). Additionally, it invoked shared values and unity, referencing 
concepts like “open society” and “standing together” (Dovidio et al., 2007).

Measures.  If not stated otherwise, all constructs were measured on five-point Likert 
scales (1 = strongly disagree, 5 = strongly agree; Supplemental Appendix A presents 
an overview of all items, while Table A3 presents the zero-order correlations). In 
Study 1, group-based injustice was operationalized as the affective experience of 
anger, which is a common way to operationalize the umbrella term group-based injus-
tice (see e.g., van Zomeren, 2020; van Zomeren et al., 2018). We used two items ask-
ing participants how they felt while viewing the Facebook post introduced with the 
prompt “Please indicate how you felt while watching the content?” followed by the 
items “I felt angry,” and “I felt furious” (Pearson r = .77, M = 3.21, SD = 1.40). We 
measured collective efficacy based on Saleem et al. (2021) and Glasford and Calcagno 
(2012) with three items introduced with “The next questions relate to actions that can 
contribute to a positive image of Muslims in Germany. Please indicate how much you 
agree with the following statements” followed by (1) “I think Muslims should approach 
non-Muslim Germans about their values and ideals,” (2) “I think Muslims can do 
something together as a group to improve their situation in Germany,” (3) “Muslims 
should work together more to achieve greater political influence in Germany” 
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(Cronbach’s α = .70, M = 3.56, SD = 0.91). Similar to Saleem et  al. (2021), we 
gauged perceived accuracy with six items, that is, “(1) balanced,” (2) “credible,” (3) 
“trustworthy,” (4) “competent,” (5) “correct,” (6) “true” (Cronbach’s α = .96, M = 
2.18, SD = 1.25). Collective action intentions were measured with three items intro-
duced with “Please also indicate how strongly you agree with the following state-
ments” followed by (1) “I think Muslims should defend themselves in the social media 
against hateful non-Muslim Germans,” (2) “I am motivated to join a group on social 
media that helps Muslims against hateful expressions,” (3) “I am motivated to join a 
group on social media that opposes the expression and spread of hatred against minori-
ties (e.g., #ichbinhier)” (Cronbach’s α = .79, M = 3.31, SD = 1.05). As the SIMCA 
also predicts that “identification with the disadvantaged group is the proximal predic-
tor of collective action” (van Zomeren, Postmes, et al., 2008, p. 507), we also mea-
sured identification with the disadvantaged group as a manipulation check to evaluate 
whether individuals in the hate speech groups were more likely to see the group they 
identify with as degraded or disadvantaged using four items (i.e., “As Muslim I 
feel.  .  .” “discriminated,” “degraded,” “offended,” and “threatened” “.  .  .by this con-
tent”; α = .92, M = 3.35, SD = 1.33; Leonhard et al., 2018).

Manipulation Check

Our manipulation check confirmed the effectiveness of the manipulations. Participants 
perceived the group they identify with (i.e., Muslims) as more disadvantaged (M = 
3.58) than the control group (M = 2.63), t(124.23) = –5.51, p < .001. Moreover, most 
participants correctly recalled whether they had been exposed to standalone hate 
speech (71%) or to hate speech accompanied by a counter comment (81%), χ²(1) = 
89.74, p < .001. Participants in both counter-speech conditions indicated that the 
counter comment clearly contradicted the hate speech, with no differences between 
counter-speech attributed to a non-Muslim (M = 4.09, SD = 1.16) and a Muslim 
source (M = 4.01, SD = 1.27), t(138) = 0.35, p = .73. However, counter-speech 
attributed to a Muslim source was perceived as slightly more defending of Muslims 
(M = 4.30, SD = 1.00) than counter-speech attributed to a non-Muslim source (M = 
3.91, SD = 1.15), t(138) = –2.12, p = .036. Finally, most participants correctly identi-
fied whether the counter-speech was posted by a non-Muslim (76%) or a Muslim 
(94%). Overall, these results indicate that the experimental manipulations functioned 
as intended (see Supplemental Appendix A for full list of items).

Data Analysis

We ran path analyses in the lavaan package (Rosseel, 2012). The experimental group 
variable was dummy coded. We first estimated a path model with the control group as 
reference category to test H1 and the corresponding indirect effects. To test H3, we 
estimated a separate moderation model in which perceived accuracy was mean-cen-
tered and interaction terms between perceived accuracy and each experimental-condi-
tion dummy variable were entered simultaneously. We tested RQ1 and H2 with 
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Table 1.  Path Model Study 1 (Control Group is the Reference Group).

Group-based 
injustice

Collective 
efficacy

Collective  
action

Predictor b SE b SE b SE

Standalone HS .88*** 0.22 −.08 0.15 −.20 0.13
Majority CS 1.00*** 0.22 −.03 0.14 −.33 0.14
Minority CS 1.11*** 0.21 −.07 0.14 .01 0.13
Group-based Injustice .10** 0.04
Collective Efficacy .63*** 0.06
R2 .10 .001 .33

Note. HS = Hate Speech, CS = Counter-speech.
N = 328, **p < .01. ***p < .001.

standalone hate speech as the reference group and RQ2 with majority counter-speech 
as the reference group. We used 5,000 bootstrap samples to calculate percentile confi-
dence intervals for the inference of indirect effects.

Results

The first path model (see Table 1 and Figure 2) showed that all treatment groups 
expressed higher group-based injustice than the control group (standalone hate speech: 
b = .88, SE = 0.22, p < .001; Muslim counter-speech: b = 1.11, SE = 0.21, p < .001; 
non-Muslim counter-speech: b = 1.00, SE = 0.22, p < .001), supporting H1a. Contrary 
to H1b, however, we found no statistically significant effects on collective efficacy 
(standalone hate speech: b = −.08, SE = 0.15, p = .594; Muslim counter-speech: b = 
−.07, SE = 0.14, p = .596; non-Muslim counter-speech: b = −.03, SE = 0.14, p = .811). 
Both group-based injustice (b = .10, SE = 0.04, p = .009) and collective efficacy (b = 
.63, SE = 0.06, p < .001) significantly predicted collective action intentions.

Our findings further showed significant indirect effects from all conditions on col-
lective action via group-based injustice, but not via collective efficacy (see Table A1). 
Hence, H1a was supported, while H1b was rejected.

To test RQ1 and H2, we used the other set of dummy variables with the standalone 
hate speech as reference group in our second path model (see Table 2). We found no 
significant differences between standalone hate speech and hate speech accompanied 
by majority counter-speech on group-based injustice (b = .12, SE = 0.21, p = .568) 
or efficacy (b = .04, SE = 0.15, p = .759). We also found no difference between 
standalone hate speech and hate speech accompanied by minority counter-speech on 
group-based injustice (b = .23, SE = 0.21, p = .282) or efficacy (b = .01, SE = 0.14, 
p = .961). Thus, counter-speech by either majority or minority group members did not 
systematically alter group-based injustice (RQ1) or collective efficacy (H2). Consistent 
with these findings, none of the indirect effects of majority or minority counter-speech 
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on collective action intentions via group-based injustice or collective efficacy had a 
95% bootstrap confidence interval that excluded zero (see Table A1).

To investigate our RQ2, we recoded the variables again with majority counter-
speech as reference group in the third path model. We found no significant difference 
between minority and majority counter-speech on group-based injustice (b = .10, SE 
=0.20, p = .606) or efficacy (b = −.04, SE = 0.14, p = .788).

To test H3, we estimated a separate moderation model (see Table A0 in Supplemental 
Appendix A), which showed a very good model fit (CFI = 1.00, TLI = 1.00, RMSEA 
= .00, 90% CI [0.00, 0.09], SRMR = .01). Supporting H3a, perceived accuracy mod-
erated the effects of all three treatment conditions on group-based injustice, such that 
the effects were stronger among participants who perceived the hate speech as less 
accurate (standalone hate speech: b = −.37, SE = 0.18, p = .038; majority counter-
speech: b = −.38, SE = 0.18, p = .029; minority counter-speech: b = −.36, SE = 0.17, p 
= .034). In contrast, none of the interactions between perceived accuracy and the treat-
ment conditions significantly predicted collective efficacy (standalone hate speech: b 
= .11, SE = 0.11, p = .333; majority counter-speech: b = .04, SE = 0.12, p= .712; minor-
ity counter-speech: b = .13, SE = 0.11, p = .236), not supporting H3b. The Johnson 
Neyman analysis indicated that those with perceived accuracy levels lower than 3.46 
expressed higher feelings of group-based injustice after exposure to standalone hate 
speech, those with perceived accuracy levels lower than 3.66 for exposure to hate 
speech accompanied by minority counter-speech, and those with perceived accuracy 
levels lower than 3.35 for exposure to hate speech accompanied by majority counter-
speech. No corresponding interaction effects emerged for collective efficacy; thus, 
H3b was not supported.

Discussion Study 1

Our findings show, in line with SIMCA, that group-based injustice and collective effi-
cacy uniquely predict collective action intentions. Yet, online hate speech only 

Table 2.  Path Model Study 1 (Standalone HS is the Reference Group).

Group-based 
injustice

Collective  
efficacy

Collective  
action

Predictor b SE b SE b SE

Majority CS .12 0.21 .04 0.15 −.13 0.14
Minority CS .23 0.21 .01 0.14 .21 0.14
Control Group −.88*** 0.21 .08 0.15 .20 0.14
Group-based Injustice .10** 0.04
Collective Efficacy .63*** 0.05
R2 .10 .00 .33

Note.HS = Hate Speech, CS = Counter-speech.
N = 328, **p < .01. ***p < .001.
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increased collective action via group-based injustice but not via collective efficacy. 
This lack of effect may be explained by the fact that online hate speech, in contrast to 
news coverage (Saleem et al., 2021), contains extreme insults and attacks that may 
lead to resignation or feelings of powerlessness for some individuals despite the acti-
vation and politicization of social identity. We also found no effect of counter-speech 
on group-based injustice or efficacy. It is possible that counter-speech did not exert 
any effect in the artificial experimental setting of the study. Another possible explana-
tion is that we only included a single counter-speech comment, creating an equal ratio 
between hate speech and counter-speech. This balance may be insufficient to counter-
act the severe nature of the hate speech used in our study, as previous research suggests 
that counter-speech is more effective against milder forms of hate speech (see Van 
Houtven et al., 2024). To tackle this issue, we used a higher number of counter-speech 
comments in Study 2.

Another limitation of Study 1 is the fact that we only measured one specific type of 
collective action intention: engaging in collective action on social media, chosen for 
its proximity to the digital realm where hate speech occurs. However, collective action 
intentions vary, ranging from moderate, nonviolent actions to more extreme, radical 
behaviors. Literature commonly distinguishes between normative collective actions, 
such as peaceful protests or signing petitions, and non-normative actions, including 
sabotage, violent protests, or terrorism (Saleem et al., 2021; Tausch et al., 2011). While 
group-based injustice and collective efficacy may motivate moderate actions (van 
Zomeren, Postmes, et al., 2008), they may also increase the likelihood of non-norma-
tive responses (Wright et al., 1990). Therefore, we distinguish between normative and 
non-normative collective action intentions in Study 2 and look at collective action 
outside of the social media realm.

A further limitation of Study 1 is that perceived accuracy was measured at the level 
of the entire hate speech comment, making it unclear whether participants based their 
judgments on specific factual claims, the overall plausibility of the message, or its 
perceived social resonance. In addition, perceived accuracy of ingroup-directed hate 
speech exhibited moderate positive skewness (skew = 0.55, p < .001), reflecting that 
most participants perceived such content as inaccurate. Yet, the magnitude of the skew 
was modest, and linear models are generally robust to such deviations from normality, 
particularly with Likert-type measures and larger samples. To more directly assess the 
causal role of accuracy, Study 2 experimentally manipulates platform-flagged accu-
racy of the factual information embedded in the hate speech. This manipulation is not 
designed to evaluate real-world fact-checking practices, but to systematically vary the 
perceived legitimacy of the information used to justify hateful claims, thereby isolat-
ing the role of accuracy cues in shaping group-based injustice, collective efficacy, and 
collective action responses among targeted individuals.

Study 2

Study 2 extends Study 1 by (a) experimentally manipulating accuracy, (b) varying the 
number of counter-speech messages, and (c) distinguishing between normative and 
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non-normative collective action. Study 2 was designed as a conceptual extension of 
Study 1 rather than a direct replication. Although several elements were adapted to fit 
a different sociopolitical context—including the target group, the role of flagged accu-
racy, the inclusion of several counter-speech comments, and the distinction between 
normative and non-normative collective action—the two studies are unified by the 
same theoretical framework. Both examine how contextual cues surrounding online 
hate speech shape group-based injustice and collective action intentions, allowing 
Study 2 to test the generalizability of the mechanisms identified in Study 1 across 
contexts and action modalities.

Method

In Study 2, we used an online survey-experiment conducted from March until May 
2023 with a sample of N = 583 US Latinos. We recruited participants through the 
survey company Prolific and the recruiting system of the University of California, 
Santa Barbara. The study was reviewed and approved by the ethical review board of 
the University of California, Santa Barbara (IRB ID: 7-23-0071). The study materials, 
dataset and analysis script are available on OSF: https://osf.io/kghjy/overview.

Design and Procedure.  We conducted a between-subjects survey-experiment, manipu-
lating the accuracy of the factual information in the hate speech and the type of coun-
ter-speech resulting in a 2 (accurate vs. inaccurate factual information) × 3 (no 
counter-speech, counter-speech by a minority member, or counter-speech by a major-
ity member) design with a control group. We focused on Latino Americans, given the 
recent rise in xenophobic rhetoric and hate crimes targeting this growing demographic 
(The State of Hate Report, 2024). Upon assessing sociodemographic variables, we 
asked participants about their social media use, political ideology, their identification 
with their ethnic identity, and the representation of Latinos in American media. Partici-
pants were then randomly assigned to one of the seven conditions.

Inclusion criteria required participants to be 18 years or older and to be of Latino 
ethnicity. Since this target group is rather difficult to reach, participants for this study 
were recruited by means of a university recruitment tool and the survey company 
Prolific. The survey experiment concluded with language checks, including a section 
where participants estimated their comprehension of the survey items. This step aimed 
to ensure data quality control. As in Study 1, all participants provided informed con-
sent, received a trigger warning in the beginning and a detailed debriefing at the end 
of the survey. We excluded nine participants, who requested the deletion of their data 
by checking the box at the end of the survey. Participants were incentivized with study 
credits or financial compensation (Prolific).

Respondents (N = 583 in the final sample) were randomly assigned to one of the 
seven experimental conditions: a control group (n = 81 or 14%), standalone hate 
speech with inaccurate information (n = 82 or 14%), hate speech with inaccurate 
information and minority counter-speech (n = 84 or 14%) or majority counter-speech 
(n = 83 or 14%), standalone hate speech with accurate information (n = 83 or 14%), 
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hate speech with accurate information and minority counter-speech (n = 85 or 15%) 
or majority counter-speech (n = 85 or 15%).

Sample.  Of the 583 participants, 51% identified as female (n = 299), 46% as male (n 
= 269), and 3% of the participants identified as non-binary (n = 15). Participants’ age 
ranged from 18 to 74 years (M = 30.02, SD = 10.57). With regard to education, 1.2% 
had no high school diploma, 42% had a high school degree, 19.4% an associate degree 
or vocational degree, 31% a Bachelor’s degree, and 6.3% a postgraduate degree. The 
majority of participants reported being born in the United States (n = 530, 91%). 
Among those not born in the United States, the average amount of years lived in the 
United States was M = 24.30, SD = 10.34.

Stimulus Materials.  Participants were exposed to a fictitious Facebook post shared by 
the fictional newspaper “The Independent,” promoting an article titled “Latinos across 
the country embracing power in a shifting America.” We created seven fictitious Face-
book posts (see Supplemental Appendix B).

Analogous to Study 1, the online hate speech and counter-speech content drew 
upon prior research (Leonhard et al., 2018; Naab et al., 2018), with comments main-
tained at comparable lengths of 90 to 100 words. Again, a fictitious user “Alex Mei” 
was the author of the first comment. In the control condition, this comment was neutral 
stating “Interesting! Latinos in the US.” In all six treatment conditions, the comment 
featured hate speech targeting Latinos including defamations and dehumanization 
(“wetbacks,” “spiks”), expressing an exclusionary sentiment, and delegitimizing their 
presence in the United States (“We all agree that Latinos do not belong to America. 
GET LOST and go back where you came from! Americans first!”).

In the counter-speech conditions, this comment was followed by three counter-
speech comments. The counter-speech was represented by names typical for non-
Latino majority members (“Hunter K.,” “Allison,” “Cody De”) or other minority 
members (“Pablo K.,” “Marianna,” “Jose De”). We clarified the ethnic origin of the 
counter-speakers by including the following statements in the comments of the major-
ity counter speakers “I AM NOT LATINO MYSELF,” “I do not identify as Latina 
myself,” “Latinos and other American citizens (like me)” and the following statements 
in the comments in the minority counter speakers “I AM LATINO MYSELF,” “I do 
identify as Latina myself,” “Latinos (like me).” The counter-speech countered the hate 
speech with arguments, stating (“These are just insinuations against Latinos in the 
United States, this is utterly inappropriate and wrong”) and invoked shared values and 
unity in the same way as Study 1 (Dovidio et al., 2007).

We manipulated accuracy by using statistical numbers that are confirmed by the 
U.S. Department of Justice (Beck, 2021). The data suggested that of those arrested for 
(nonfatal) violent crime in 2018, 21% were Latino. To emphasize that this is correct 
statistical information, we added a fact-checking button stating “Approved by 3rd Fact 
Checker. Statistical information rated as true.” To manipulate inaccuracy of the pre-
sented online hate speech, we used a considerably higher number of crimes committed 
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by Latinos (88%) and added a fact-checking label stating “Disputed by 3rd Party Fact-
Checkers. Statistical information rated as false.” The inaccurate statistic was selected 
based on a pretest (see Supplemental Appendix A). The label was modeled after a label 
previously used by Facebook to address hoaxes and misinformation (Mosseri, 2016). 
We chose this label to build upon prior research (Koch et al., 2023). However, because 
this exact label is no longer in use (Lyons, 2017), we presented it to participants as part 
of a beta-tested platform feature. This framing was intended to increase plausibility, as 
social media platforms have repeatedly introduced similar moderation and credibility 
features through pilot phases, such as Community Notes on Facebook, Instagram, and 
Threads (Meta Platforms, 2025).

We chose this combined manipulation (i.e., varying both the statistical information 
itself and the accompanying fact-checking label) to create a clear and controlled varia-
tion in both factual accuracy and participants’ perceptions of credibility. Prior research 
shows that numerical claims can strongly shape political judgments, even when they 
are inaccurate (Stubenvoll & Matthes, 2022). At the same time, users are often unable 
to reliably assess factual accuracy on their own, and external cues such as fact-check-
ing labels can shape credibility judgments (Koch et  al., 2023). Given the limited 
research on the interplay between hate speech, misinformation, and counter-speech, 
we therefore opted for a strong and unambiguous manipulation. Our aim was not to 
replicate current platform moderation practices, but to isolate the role of factual accu-
racy and credibility cues under controlled conditions.

Measures.  All constructs were measured on five-point Likert scales (1 = strongly dis-
agree, 5 = strongly agree; Supplemental Appendix A presents an overview of all 
items, Table A4 the zero-order correlations). The survey was conducted in English. We 
measured group-based injustice of the hate speech (Cronbach’s α = .95, M = 4.16, 
SD = 1.18) based on Tausch et al. (2011) using four items. Items were introduced with 
the prompt “The next questions are related to Alex’s comment. How do you evaluate 
it in general?” followed by “Alex’s comment .  .  .” (1) “is unfair,” (2) “is not justified,” 
(3) “is unjust,” and (4) “is not legitimate,” which is in line with van Zomeren et al.’s 
(2018) and van Zomeren’s (2020) conceptualization of perceived unfairness as one 
possible measurement of group-based injustice. As in Study 1, we gauged collective 
efficacy (Cronbach’s α = .90, M = 4.25, SD = 0.76) with three items introduced with 
“Please rate your agreement or disagreement with each of the statements below. Please 
be honest in your responses and remember your responses are anonymous” followed 
by (1) “Latinos in America can work together to fight against discrimination,” (2) 
“Latinos in America can work together to improve their status and position in Ameri-
can society,” (3) “Latinos in America can work together to exert influence in political 
decisions in America.”

To gauge collective action, we first presented participants with the following 
prompt designed to elicit honest self-reports of behavioral intentions rather than 
abstract attitudes, while grounding responses in a realistic social and political context: 
“Sometimes people think that extreme actions are necessary or justified to change the 
ways in which their group is treated in the larger society. To what extent would YOU 
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be willing to engage in the following actions if they were part of a protest or demon-
stration aimed at changing the way Latinos are treated in American society. Please rate 
your agreement or disagreement with each of the statements below. Please be honest 
in your responses and remember your responses are anonymous.“ For normative col-
lective action intentions (Cronbach’s α = .87, M = 3.61, SD = 1.13), we used four 
items by Saleem et al. (2021) (i.e., “I would. .  .” (1) “participate in a demonstration 
with the goal of improving the position of Latinos in America,” (2) “participate in rais-
ing awareness about injustices facing Latinos in America,” (3) “sign a petition to stop 
discrimination against Latinos in America,” (4) “be willing to donate money to orga-
nizations that are intending to raise the concerns of Latino Americans.”) Participants 
indicated their non-normative collective action intentions (Cronbach’s α = .90, M = 
1.93, SD = 1.10) by stating their agreement to three items by Saleem et al. (2021) and 
Tausch et al. (2011) (“I would .  .  .” (1) “disturb events,” (2) “block buildings,” and (3) 
“block the highway”). Finally, we again assessed whether participants perceived a 
threat to their social identity using five items, that is, “As Latino I feel.  .  .” (1) “dis-
criminated,” (2) “degraded,” (3) “insulted,” (4)“offended,” (5) “threatened” “.  .  .by 
this content” (α = .94, M = 3.61, SD = 1.29; Leonhard et al., 2018).

Power Analysis.  We were interested in small main effects of (in)accurate information in 
online hate speech and the presence of (minority or majority) counter-speech (of 
around f = .20). Given an alpha-level of .05 and a power (1 − β) of 95%, to calculate 
an ANOVA with seven groups, we have thus aimed for at least 532 participants as our 
minimum sample size, which our final sample of N = 583 exceeded. A sensitivity 
analysis revealed that we were able to detect effects as small as f = .19.

Manipulation Check.  We again found that participants perceived the group with which 
they identified to be more strongly disadvantaged in the hate speech condition (M = 
3.92) than in the control condition, which was evaluated as largely neutral (M = 1.71), 
t(111.91) = −18.597, p < .001.

Furthermore, our counter-speech manipulation was successful. The association 
between the conditions and the perceived number of counter-speech comments was 
significant, χ2(3, n = 583) = 516.41, p < .001. Also, participants correctly estimated 
whether all counter-speakers were Latino χ2(4, n = 583) = 234.96, p < .001 and 
whether the counter-speech defended Latinos, χ2(4, n = 583) = 53.05, p < .001.

Moreover, participants in the treatment groups compared to the control group cor-
rectly recalled that the online hate speech included statistical information about crime 
committed by Latinos, F(6, 571) = 38.87, p < .001, η²part = .29. Along these lines, 
participants correctly indicated that the information in the online hate speech was 
“Disputed by 3rd Party Fact-Checkers,” F(2, 580) = 263.7, p < .001, η²part = .47, or 
“Approved by 3rd Party Fact-Checkers,” F(2, 580) = 202.8, p < .001, η²part = .41.

Randomization Check.  Lastly, there were no systematic differences between conditions 
in terms of gender, χ2(12) = 10.64, p = .56, age, F(6, 576) = 1.38, p = .222, η²part = 
.00, education, χ2(30) = 28.97, p = .519, and social media usage, F(6, 576) = .10, p 
= .997, η²part = .00.
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Data Analysis

To analyze the results, we ran three structural equation models (SEM) with latent vari-
ables for all mediators and dependent variable and manifest variables for the experi-
mental conditions using the lavaan package in R with maximum likelihood estimation 
(Rosseel, 2012). To test H1, we conducted the first SEM with the full sample, includ-
ing all seven experimental groups. For the second SEM, we excluded the control 
group, analyzing only the six treatment groups to test the remaining hypotheses and 
the research question (RQ). For the third SEM, we used again another set of dummy 
variables to compare the effects of majority and minority counter-speech. We used 
5,000 bootstrapping samples to calculate 95% percentile confidence intervals for indi-
rect effects.

Results

Our first SEM revealed a very good model fit (CFI = 0.98, TLI = 0.98, RMSEA = 
.04, 90% CI [0.03, 0.05], see Table A5 in Supplemental Appendix A). All treatment 
conditions, compared to the control group, significantly induced group-based injustice 
(standalone/low accuracy: b = 2.74, SE = 0.15, p < .001; minority/low accuracy: b = 
2.58, SE = 0.15, p < .001; majority/low accuracy: b = 2.65, SE = 0.15, p < .001; 
standalone/high accuracy: b = 2.63, SE = 0.15, p < .001; minority/high accuracy: b = 
2.26, SE = 0.17, p < .001; majority/high accuracy: b = 2.50, SE = 0.15, p < .001). In 
turn, group-based injustice predicted both normative (b = .41, SE = 0.06, p < .001) and 
non-normative collective action intentions (b = .21, SE = 0.06, p < .001).1.

For collective efficacy, we only found significant effects of the minority counter-
speech/low accuracy (b = .23, SE = 0.12, p = .049) and the majority counter-speech/
low accuracy (b = .30, SE = 0.11, p = .008) conditions in comparison to the control 
group, while all other effects were not statistically significant. Collective efficacy sig-
nificantly influenced normative (b = .62, SE = 0.08, p < .001), but not non-normative 
collective action (b = −.05, SE = 0.07, p = .439). Hence, H1a was fully supported, 
while H1b was only partially supported (i.e., only for the conditions with low accuracy 
and counter-speech).

Additionally, significant indirect effects via group-based injustice were found for 
all treatment conditions on both normative and non-normative collective action inten-
tions. Significant indirect effects via collective efficacy on normative collective action 
intentions were also found for the minority and majority counter-speech/low accuracy 
conditions (see Table A2).

Our second SEM (see Table 3, Figure 3) also revealed a very good fit (CFI = .97, 
TLI = .95, RMSEA = .06, 90% CI [0.05, 0.06]). Compared to the standalone hate 
speech condition, minority counter-speech significantly reduced group-based injustice 
(b = −.26, SE = .08, p = .002), whereas majority counter-speech had no such effect 
(b = −.11, SE = .08, p = .204), answering RQ1. To directly test RQ2 which explores 
whether the group identity of the counter speaker matters, we recoded the dummy 
variables to only compare the majority counter-speech and minority counter-speech 
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Table 3.  Path Model Study 2 (Without Control Group).

Group-based 
injustice

Collective 
efficacy

Normative 
collective action

Non-normative 
collective action

Predictor b SE b SE b SE b SE

Majority CS −.11 0.08 .07 0.08 .04 0.12 .14 0.12
Minority CS −.26** 0.08 −.01 0.08 .04 0.12 .10 0.12
Accuracy −.20** 0.07 −.12 0.07 −.00 0.09 .08 0.10
Group-based Injustice .52*** 0.07 .18* 0.07
Collective Efficacy .60*** 0.08 −.06 0.08
R2 .04 .01 .27 .02

Note. HS = Hate Speech, CS = Counter-speech.
N = 502, *p < .05. **p < .01. ***p < .001.

Figure 3.  Results of structural equation model in Study 2 (without control group).
*p < .05. **p < .01. ***p < .001.

conditions in a third SEM. This difference was not statistically significant (b = −.16, 
SE = 0.08, p = .056).

Regarding collective efficacy, we did not find any significant effects of majority (b 
= .07, SE = 0.08, p = .377) or minority (b = −.01, SE = 0.08, p = .920) counter-
speech compared to standalone hate speech. Likewise, the difference between major-
ity and minority counter-speech (b = −.08, SE = 0.08, p = .322) was not statistically 
significant. Hence, H2 was not supported.

Furthermore, accuracy significantly decreased group-based injustice (b = −.20, SE 
= 0.07, p = .004), supporting H3a. For collective efficacy, this effect was not statisti-
cally significant (b = −.12, SE = 0.07, p = .063), not supporting H3b. Group-based 
injustice, in turn, was positively related to normative (b = .52, SE = 0.07, p < .001) 
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and non-normative (b = .18, SE = 0.07, p = .014) collective action, while collective 
efficacy was only related to normative (b = .60, SE = 0.08, p < .001), but not non-
normative collective action intentions (b = −.06, SE = 0.08, p = .436).2

The indirect-effect analyses further showed that minority counter-speech, com-
pared to standalone hate speech, indirectly reduced both normative and non-normative 
collective action intentions via lower group-based injustice. Greater accuracy likewise 
indirectly reduced both forms of collective action via lower group-based injustice. 
None of the corresponding indirect effects via collective efficacy had a 95% bootstrap 
confidence interval that excluded zero (see Table A2).

Discussion Study 2

Findings of Study 2 corroborate Study 1 in that the full path of online hate speech via 
group-based injustice on collective action was supported, as predicted by the SIMCA. 
This effect emerged for both normative and non-normative collective action intentions 
(Tausch et al., 2011). Regarding collective efficacy, we found higher efficacy com-
pared to the control group only when low-accuracy hate speech was accompanied by 
either minority or majority counter-speech. By directly challenging the inaccuracies in 
hate speech, counter-speech may strengthen the group’s belief in their capacity to act 
collectively and correct misrepresentations, thus enhancing collective efficacy (van 
Zomeren, Postmes, et  al., 2008). However, because counter-speech did not signifi-
cantly increase efficacy relative to standalone hate speech, this interpretation should 
be treated cautiously.

Interestingly, collective efficacy predicted normative but not non-normative collec-
tive action intentions. This pattern suggests that non-normative collective action is less 
driven by instrumental considerations regarding the feasibility or effectiveness of 
action, and more strongly rooted in appraisals of group-based injustice. In other words, 
when individuals perceive a situation as unfair, unjustified, or illegitimate, they may 
be motivated to endorse non-normative forms of action even in the absence of strong 
beliefs about collective efficacy (Saleem et al., 2021; van Zomeren et al., 2012). This 
distinction is crucial, as normative and non-normative collective actions carry differ-
ent implications for legitimacy, public support, and the potential escalation of social 
change (Becker & Tausch, 2015).

As for counter-speech, our findings show that only minority counter-speech, but 
not majority counter-speech reduced group-based injustice compared to no counter-
speech (and marginally also compared to majority counter-speech). Interestingly, 
counter-speech by a majority member had no such effect. As our counter-speech was 
focused on arguments promoting shared values and unity (Dovidio et al., 2007), one 
explanation for this effect may be that other minority members engaging in counter-
speech serve as role models for constructive responses to hate speech, potentially 
reducing group-based injustice. Furthermore, the reason why we found an effect of 
counter-speech in Study 2 but not in Study 1 may be due to a higher number of coun-
ter-speech comments in Study 2 compared to only one counter-speech comment in 
Study 1.
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Consistent with the pattern observed for perceived accuracy in Study 1, experimen-
tally flagged accuracy in Study 2 decreased group-based injustice, which in turn was 
associated with lower normative and non-normative collective action intentions. 
System Justification Theory (Jost et al., 2017) explains this as individuals internalizing 
and justifying their disadvantaged status when accepting negative information as legit-
imate. This reduces the emotional drive for collective action, as the negative informa-
tion is seen not as unjust but as an accepted reality, thereby diminishing the motivation 
to challenge it. Importantly, this does not imply that hate speech ceases to be harmful 
or emotionally provocative when accurate, but rather that factual legitimacy may 
attenuate group-based injustice that motivate collective action intentions, even when 
the message itself remains offensive or hostile. As such, flagged accuracy may reduce 
mobilization by reframing the situation as less unjustified, rather than by eliminating 
negative emotional responses altogether.

Finally, Study 2 shows remaining negative effects of all treatment conditions on 
normative and non-normative collective action intentions compared to the control 
group, when group-based injustice and collective efficacy are controlled. These find-
ings suggest that exposure to hate speech may result in feelings of resignation and 
powerlessness that may even reduce the intention to act against the hate speech, when 
holding group-based injustice and collective efficacy constant.

General Discussion

Across two experiments involving minority groups in distinct national contexts 
(Muslims in Germany and Latinos in the United States), our findings demonstrate that 
exposure to online hate speech increases group-based injustice among targeted indi-
viduals. Consistent with the SIMCA (van Zomeren, Postmes, et al., 2008), this height-
ened group-based injustice, in turn, predicts greater collective action intentions. This 
finding aligns with prior research showing that identity-relevant threats and perceived 
injustice are key drivers of collective responses among disadvantaged groups (e.g., 
Branscombe et al., 1999; Major & O’Brien, 2005), and extends this work to the con-
text of online hate speech. Importantly, these effects were shaped by communication-
specific contextual cues. In both studies, group-based injustice was stronger when 
hateful claims were perceived as inaccurate or explicitly flagged as false, indicating 
that accuracy cues shape how targets appraise the fairness and legitimacy of group-
based disadvantage. In this context, accuracy cues signal the societal legitimacy of 
group-based injustice. In other words, accuracy cues shape whether derogatory claims 
are interpreted as unjust distortions or as reflecting socially accepted realities. This 
finding complements prior research on misinformation and credibility cues, which 
shows that perceived accuracy influences how individuals evaluate and respond to 
contested information (e.g., Masullo et al., 2023; Pennycook et al., 2018), and extends 
it by demonstrating its relevance for identity-threatening content such as hate speech. 
Because inaccurate claims are common in online hate environments (Hameleers et al., 
2022), these findings suggest that accuracy signals play an important role in shaping 
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collective-action dynamics. Whether subjectively perceived or embedded within digi-
tal platforms, such signals influence how identity-relevant threats are interpreted.

Consistent with past research, our findings highlight how different forms of collec-
tive action emerge from distinct psychological processes (van Zomeren et al., 2012). 
Normative collective action intentions were shaped jointly by group-based injustice 
and collective efficacy beliefs, whereas non-normative action intentions were more 
strongly associated with group-based injustice and less dependent on efficacy consid-
erations (Tausch et al., 2011). This pattern is in line with prior work suggesting that 
non-normative actions are more strongly rooted in emotional and grievance-based 
responses, whereas normative actions depend more on instrumental considerations 
such as perceived efficacy (Tausch et al., 2011; van Zomeren et al., 2012). This dis-
tinction is consequential because non-normative responses, while sometimes strategi-
cally disruptive, may also escalate intergroup tensions depending on their form and 
context (Tausch et al., 2011). Notably, minority counter-speech reduced group-based 
injustice in Study 2, suggesting that ingroup opposition to hate speech can attenuate 
grievance responses that might otherwise motivate more confrontational responses. 
This finding contributes to the growing literature on counter-speech, which has pri-
marily focused on attitudinal outcomes (e.g., Obermaier et  al., 2023; Van Houtven 
et al., 2024), by demonstrating its potential to shape collective action processes among 
directly targeted individuals.

Limitations

Several limitations should be noted. First, we did not vary hate speech severity, though 
research suggests counter-speech may be more effective with milder hate (Van 
Houtven et al., 2024). While our study focused on severe hate, consistent with past 
research, future studies should compare different hate types for more detailed insights. 
Second, we measured intentions to engage in collective action rather than actual 
behavior, which is the most common way of measuring this construct (van Zomeren, 
Postmes, et  al., 2008). Although intentions to engage in collective action are good 
predictors of actual participation (Moskalenko & McCauley, 2009), we do not know to 
what degree participants would actually perform these actions. Future research should 
try to capture actual participation—for instance, by providing participants with the 
possibility to sign a petition right after exposure to the media content. Third, although 
the fact-checking labels in our study were intended to manipulate perceived accuracy 
rather than to model real-world fact-checking interventions, and were directly mod-
eled on labels previously used by Facebook (Mosseri, 2016), attaching such labels 
directly to user comments differs from how accuracy cues are more commonly imple-
mented on social media platforms today and may therefore limit ecological validity.

At the same time, this design allowed us to create a clear manipulation of perceived 
accuracy in a context where participants could not be expected to know the correct 
statistical information themselves. Prior research shows that users are often unreliable 
in judging the accuracy of online information and that explicit fact-checking cues can 
shape credibility perceptions (Koch et al., 2023). Given the limited research on the 
interplay between hate speech, misinformation, and counter-speech, we therefore 
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opted for a strong and unambiguous first test. Future research should explore other 
practices, for example, by embedding accuracy cues directly into counter-speech or by 
using more naturalistic platform-based interventions such as community notes, visibil-
ity reduction, or warning labels. More broadly, future work should examine a wider 
range of community management strategies, from user flagging or reduced visibility 
to content removal or user bans (Pradel et al., 2024), to better understand how different 
interventions shape responses to online hate speech. This will become increasingly 
important as AI-generated content continues to proliferate on social media, making 
accuracy labels and related transparency cues more relevant for platform governance, 
as reflected in recent regulatory initiatives such as the European Commission’s pro-
posed use of content icons (European Commission, 2026).

Related to this point, the exposure situation does not fully mirror how individuals 
typically encounter such content in everyday online environments. These factors may 
have influenced the intensity of emotional responses, including anger, group-based 
injustice, or relief following counter-speech. At the same time, the controlled setting 
allowed us to systematically isolate the effects of flagged accuracy and counter-speech, 
increasing internal validity. Moreover, individuals who are frequently exposed to hate 
speech may be habituated to such content. Future research should therefore try to 
simulate more naturalistic contexts, such as field experiments or longitudinal exposure 
designs.

Fourth, the control condition contained less text than the treatments in both experi-
ments. By providing only a brief, neutral comment, we aimed to minimize potential 
confounds. However, we cannot entirely rule out effects of text length on responses. 
Finally, although social identity was activated experimentally in the present studies, 
future research may benefit from directly measuring identity strength to assess how 
individual differences in identity activation interact with group-based injustice and effi-
cacy in shaping collective action responses (see e.g., van Zomeren, Spears, et al., 2008).

Theoretical Implications

Our findings have important theoretical implications for understanding collective 
action in digital environments. The present research extends the Social Identity Model 
of Collective Action (SIMCA; van Zomeren, Postmes, et  al., 2008) by identifying 
digital communication environments as an important source of the psychological 
appraisals that motivate collective action. Although SIMCA identifies group-based 
identity, injustice, and collective efficacy as central antecedents of collective action, it 
does not focus on if and how communication environments can shape the formation of 
these appraisals. The present findings suggest that digital communication environ-
ments are not merely contexts in which collective action unfolds but actively contrib-
ute to the formation of the psychological processes specified by SIMCA.

More specifically, the present research extends earlier work demonstrating that per-
ceived accuracy shapes responses to negative media portrayals (Saleem et al., 2021) 
by showing that similar legitimacy processes operate in the context of online hate 
speech. Even when messages contain explicit hostility, communication cues indicating 
whether derogatory claims are legitimate or illegitimate shape subsequent injustice 
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appraisals. This shifts attention from hostility alone to the broader communication 
context in which hostility is encountered, suggesting that communicative features of 
online environments constitute important antecedents of injustice appraisals.

The findings also provide new insight into the development of collective efficacy 
within digital environments. Rather than viewing efficacy as arising solely from shared 
group membership or direct experiences of disadvantage, the present findings suggest 
that efficacy beliefs may also be shaped through observing communicative expres-
sions (e.g., Velasquez & Quenette, 2018) that others are willing to challenge injustice. 
Such cues may represent one mechanism through which efficacy beliefs develop in 
digitally mediated environments. Collectively, these findings suggest that communica-
tion environments should be understood not simply as contexts in which collective 
action occurs, but as environments that actively shape the legitimacy and efficacy 
appraisals through which collective action emerges.

Practical Implications

The findings also carry practical implications for platform governance and user 
responses to online hate speech. Fact-checking labels that clearly signal the inaccuracy 
of hateful claims can influence how targets interpret these messages and may reduce 
concerns pertaining to the legitimization of this information. At the same time, our 
findings suggest that flagging such claims as inaccurate can heighten perceptions of 
group-based injustice, likely because the derogatory claims are perceived as less legit-
imate or justified. Moreover, other harmful elements of hate speech—such as deroga-
tory language—can still provoke negative responses like outgroup avoidance (Van 
Houtven et al., 2024) or even hateful reactions (Obermaier et al., 2023). Addressing 
both the informational and expressive elements of hate speech, through visible fact-
checking and/or counter-speech, may therefore be necessary to limit harmful down-
stream consequences for targeted groups.

Our findings further suggest that multiple visible counter-speech messages may be 
more effective than isolated responses. Future research should test this possibility 
directly. Encouraging visible counter-speech by multiple users may therefore repre-
sent a promising strategy for mitigating the psychological and behavioral conse-
quences of online hate environments.
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Notes

1.	 As a robustness check we also ran the same model with group-based injustice opera-
tionalized as affective anger (consistent with Study 1, for exact items see Supplemental 
Appendix). Findings of this analysis were consistent with Study 1 with group-based injus-
tice operationalized as affective anger significantly predicting normative (b = .48, SE = 
.05, p < .001) and non-normative (b = .33, SE = .05, p < .001) collective action, while 
collective efficacy only predicted normative (b = .59, SE = 0.07, p <.001), but not non-
normative collective action (b = −.10, SE = 0.07, p = .126), supporting the interpreta-
tion that evaluative injustice appraisals and anger-based responses reflect complementary 
expressions of the same underlying group-based injustice experience (van Zomeren, 2020; 
van Zomeren et al., 2018).

2.	 In Study 2, we also assessed collective action with the same three items as in Study 1 
(Cronbach’s α = .82, M = 3.32, SD = 1.08, see items in Supplemental Appendix A). When 
using this scale as dependent variable, we directly replicated the pattern from Study 1, show-
ing that both group-based injustice (b = .21, SE = .03, p < .001) and collective efficacy (b 
= .12, SE = .03, p < .001) predicted collective action intentions on social media.
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