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Abstract

Poverty beliefs vary along four causal dimensions: locus, stability, personal control, and
other control. I extend this framework by identifying response patterns (latent profiles)
underlying these beliefs. Specifically, participants (N = 315) belonged to one of three
latent profiles: Unsympathetic (high internal locus; moderate stability; high personal
control; high other control), Sympathetic (low internal locus; moderate stability; low
personal control; high other control), and Moderate (moderate across dimensions).
Conservatism and system justification were positively associated with belonging to the
Unsympathetic (vs. Sympathetic) profile. Consequently, membership in the
Unsympathetic profile correlated with more anger, less sympathy, and less support for
personally—and others—helping the poor. These findings advance attribution theory by

taking a person-centred (vs. variable-centred) perspective on poverty beliefs.

Keywords: poverty; attributions; conservatism; system justification; helping; latent

profile analysis



A Latent Profile Analysis of Attributions for Poverty: Identifying

Response Patterns Underlying People’s Willingness to Help the Poor

“The real tragedy of the poor is the poverty of their aspirations”

— Adam Smith

“Overcoming poverty is not a task of charity, it is an act of justice. Like slavery and
apartheid, poverty is not natural. It is man-made and it can be overcome and eradicated

by the actions of human beings”

—Nelson Mandela

The quotes presented above highlight the remarkable variability in people’s
beliefs about the causes of poverty. By attributing people’s destitution to their (lack of)
aspirations, Adam Smith implies that being poor is caused by factors that reside within
the person. In contrast, Nelson Mandela’s simile between poverty and slavery places the
roots of poverty outside the person. Additionally, both quotes indicate that the underlying
cause of poverty is controllable, albeit by different agents. Whereas the former theorist

suggests that being poor is personally controllable, Mandela argues that poverty is “man-

made” and under the control of others.-FThus;beliefs-abouttheundertying-eatsesot
poeverty-ean-vary-across-multiple-dimmensions. Both also imply the causes of poverty are

stable or enduring.




Whereas a healthy body of research has developed examining people’s beliefs

about the underlying causes of poverty (see Weiner, Osborne, & Rudolph, 2011), the

current study aims to extend this work by identifying unique sets of response patterns

(i.e., latent profiles) to these beliefs_that include the properties of locus, control, and

stability.

The paper initially provides Speeifieallyitis-possible-thatasubgreup-ofpeople-

Hoeginby providing-a review of the literature on people’s attributions for poverty.

Following this, Hntreduee-a framework for assessing the causal dimensions underlying
people’s attributions for poverty_is introduced. A brief overview of latent profile analysis
(LPA) is then provided in order to raise awareness about advances in latent variable
mixture modelling that allow researchers to identify similar response patterns across sets
of continuous measures. I conclude by introducing the current study and outlining the

research questions and ensuing hypotheses that motivate this research.

Attributions for Poverty
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Although there are undoubtedly countless reasons for why a person may lack
financial resources, one of the main contributions of attribution theory is its ability to take

a wide array of explanations (i.e., phenotypic causes) and find a smaller set of principles

(i.e., genotypes) that link them together (see Weiner, 1985, 2006). Accordingly, early
work on attributions for poverty showed that people’s idiosyncratic explanations for
others’ impoverished state could be grouped in accordance with the following three
causes: (a) the individual (e.g., low effort or lack of thrift), (b) society (e.g., low wages or
poor job market), or (c) fate (e.g., sickness or low ability; see Feagin, 1972; Feather,
1974; Furnham, 1982a, 1982b, 1982c). Thus, various explanations for poverty can be

reduced to three basic themes.

Subsequent research has consistently replicated this tripartite distinction between
attributions for poverty. Bullock, Williams, and Limbert (2003) had students evaluate 45
separate causes of poverty and found that, despite the diversity of these explanations,
they loaded onto three distinct factors reflecting (a) individualistic, (b) structural (i.e.,

society), and (c) fatalistic causes. Others have shown similar factor structures to people’s

attributions for poverty in various countries including (a) Ethiopia (Wollie, 2009), (b)

Finland (Niemela, 2008), (c) Lebanon (Abouchedid & Nasser, 2002; Nasser, 2007), and

Turkey (Morcol, 1997). Thus, the ability to reduce various idiosyncratic attributions for

poverty into three themes holds across cultures.

Critically, the types of attributions people make for poverty have distinct
antecedents and consequences. As for the antecedents, those who are young, male, and
European attribute poverty to the individual more than do those who are old, female, and

from a minority group, respectively (Hastie, 2010; Kluegel & Smith, 1986; Morcdl, 1997;

Skitka, Mullen, Griffin, Hutchinson, & Chamberlin, 2002). Levels of political

conservatism also positively correlate with people’s tendency to make internal
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attributions (Cozzarelli, Wilkinson, & Tagler, 2001; Hine & Montiel, 1999; Shirazi &

Biel, 2005; Zucker & Weiner, 1993). Structural and fate-based attributions, however,

tend to be made by the poor (Bullock, 1999; Furnham, 1982a; Kluegel & Smith, 1986;

Morc6l, 1997; Niemela, 2008). Thus, demographic variables are associated with people’s

attributions for poverty.

The types of attributions people use to explain poverty also correlate with
important outcomes. Kluegel and Smith (1986) showed that attributing poverty to
structural factors was positively, whereas making individual attributions was negatively,
associated with support for welfare policies. Others have confirmed that explanations that
place the blame on the poor (i.e., individualistic attributions) are negatively correlated

with people’s support for policies designed to help those in need (e.g., Appelbaum, 2001;

Bullock et al., 2003). Importantly, the relationship between people’s attributions for

poverty and their subsequent willingness to help the poor are mediated by the affective
responses elicited by such attributions. Zucker and Weiner (1993) demonstrated that
structural causes tend to evoke pity towards the poor, whereas individualistic causes
indirectly evoke anger through the belief that the poor are responsible for their
destitution. In turn, pity positively, whereas anger negatively, correlates with people’s
willingness to help the poor. Thus, how people explain poverty has important

implications for their willingness to help those in need.

An alternative attributional framework

Although the tripartite classification of people’s attributions for poverty has
yielded a number of insights into the impact that different attributions have on people’s
support for—or opposition to—helping the poor, there may be critical distinctions within
these broad themes. Despite both causes being located inside the person, people will

likely respond differently to someone who was fired for repeatedly showing up to work


javascript:parent.onLocalLink('_ENREF_66',window.frameElement)
javascript:parent.onLocalLink('_ENREF_8',window.frameElement)
javascript:parent.onLocalLink('_ENREF_3',window.frameElement)
javascript:parent.onLocalLink('_ENREF_33',window.frameElement)
javascript:parent.onLocalLink('_ENREF_43',window.frameElement)
javascript:parent.onLocalLink('_ENREF_40',window.frameElement)
javascript:parent.onLocalLink('_ENREF_33',window.frameElement)
javascript:parent.onLocalLink('_ENREF_16',window.frameElement)
javascript:parent.onLocalLink('_ENREF_7',window.frameElement)
javascript:parent.onLocalLink('_ENREF_66',window.frameElement)
javascript:parent.onLocalLink('_ENREF_49',window.frameElement)
javascript:parent.onLocalLink('_ENREF_49',window.frameElement)
javascript:parent.onLocalLink('_ENREF_23',window.frameElement)
javascript:parent.onLocalLink('_ENREF_10',window.frameElement)

intoxicated vs. a person who has become unemployed because of a life-threatening illness

(see Weiner et al., 2011). As such, Weiner (1979, 1985) proposes an alternative

framework for classifying people’s attributions whereby explanations for various
outcomes vary along three discrete causal dimensions: (a) locus (i.e., internal vs.
external), (b) stability (i.e., stable vs. unstable), and (c) control (i.e., controllable vs.

uncontrollable). Weiner (1995, 2006) and others (e.g., McAuley, Duncan, & Russell,

1992; Russell, 1982) have since extended the model to include a fourth dimension that

separates beliefs about control into factors that are controllable (vs. uncontrollable) by the

self and others.

Part of the attractiveness of Weiner’s (1985) model exists in its applicability to a
wide array of phenomena. Within the helping domain, people are more likely to offer
assistance to those in need when the cause is seen as personally uncontrollable (Schmidt

& Weiner, 1988). Conversely, believing that the contraction of AIDS is controllable by

the victim is negatively associated pity which, in turn, is positively correlated with

people’s willingness to help those with the life-threatening disease (Dooley, 1995;

Weiner, Perry, & Magnusson, 1988). Finally, Skitka and Tetlock (1992) showed that
those in need of assistance due to controllable causes located within the person elicit less
sympathy and pity, but more disgust and distaste, than those who need help because of
(a) uncontrollable causes located within the person, (b) controllable causes located
outside the person, and (c) uncontrollable causes located outside the person. Thus, it is
critical to distinguish between the locus and controllability of a cause—a distinction that

has been overlooked in the extant literature on poverty (see Weiner et al., 2011).

Latent Profile Analysis

Although the literature on attribution theory has done an excellent job of

documenting the relationship between people’s causal beliefs and various antecedents
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and/or consequences of these attributions, an analysis of how combinations of these
causal beliefs cohere within a person has yet to be pursued. That is, the extant literature
has overlooked the possibility that unique sets of response patterns underlie people’s
beliefs about poverty. Specifically, it may be that a distinct subset of the population sees
poverty as something that is caused by factors that (a) exist within the poor, (b) are
largely stable, (c) are personally controllable, and (d) are outside the control of others. In
contrast, others may feel that poverty is due to forces that (a) reside outside the person,
(b) are short-lived, (c) are uncontrollable by those in poverty, yet (d) can be controlled by
others. Traditional analytic procedures, however, have been unable to assess these

possibilities.

Recent advances in the accessibility of latent variable mixture modelling have
made it possible to assess distinct response patterns underlying people’s causal beliefs
about poverty. Latent profile analysis (LPA)—a type of mixture model—identifies
subgroups of people who share a similar response pattern to continuously-measured
observed variables (i.e., indicator variables). Similar to factor analysis, LPA assumes that
correlations between indicators are caused by an underlying latent variable. Factor
analysis and LPA differ, however, in that the former approach assumes that a continuous
latent variable explains the co-variation between indicators, whereas the latter approach is

used when a categorical latent variable accounts for these relationships (see Collins &

Lanza, 2010; also see Lubke & Neale, 2006). Thus, LPA is ideally-suited for examining

the different attributional styles people employ when explaining poverty.

For interested readers, comprehensive treatments of LPA are provided elsewhere

(see Asparouhov & Muthén, 2013; Collins & Lanza, 2010; Goodman, 2002;

McCutcheon, 2002; Nylund, Asparouhov, & Muthén, 2007; Vermunt, 2010).

Nevertheless, a brief overview of the procedures for estimating a latent profile model is
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helpful. LPA begins by identifying the number of distinct patterns underlying
participants’ responses to indicator variables. Once an appropriate number of latent
profiles are identified, participants’ probability of belonging to each latent profile is
estimated on the basis of their responses to the indicator variables. Given that the
probability of profile membership is calculated for each latent profile, classification
errors (i.e., measurement error) can be identified and adjusted for when estimating
people’s most likely latent profile membership. Auxiliary variables/covariates can then
be introduced to the model as a way of predicting the likelihood that participants’ belong

to a given profile (relative to a comparison profile).

LPA is a flexible analytic tool that has been applied to multiple subject areas.
Within the epidemiological literature, Kessler, Stein, and Berglund (1998) conducted a
latent class analysis (an approach conceptually similar to LPA that uses dichotomous
indicator variables) to show that two latent subgroups characterized by distinct
symptomologies exist within the general diagnosis of social phobia: (a) those with a
public fear of speaking and (b) those with a generalized social phobia. Other examples
include Blank and Schmidt’s (2003) use of LPA to identify distinct subtypes of
nationalism, Weber and Federico’s (2013) distinction between different types of liberals
and conservatives, and Osborne, Sibley, Smith, and Huo’s (2014) critical evaluation of
the doubly-deprived response profile. Thus, LPA can be used whenever latent subgroups
are believed to underlie people’s observed responses. Nevertheless, research has yet to
use LPA to examine distinct response patterns underlying people’s causal beliefs about

poverty.

Current Study

The current study aims to identify distinct patterns underlying people’s beliefs

about the causes of poverty. Specifically, I assess people’s beliefs about the extent to


javascript:parent.onLocalLink('_ENREF_45',window.frameElement)
javascript:parent.onLocalLink('_ENREF_56',window.frameElement)
javascript:parent.onLocalLink('_ENREF_6',window.frameElement)
javascript:parent.onLocalLink('_ENREF_32',window.frameElement)

which poverty is caused by factors that (a) exist within (vs. outside) the person (i.e.,
locus), (b) are enduring (vs. short-lived; i.e., stability), and are controllable (vs.
uncontrollable) by either (c) the self (i.e., personal control) or (d) others (i.e., other
control). After identifying a common set of response patterns, I use a number of
covariates to predict participants’ membership in these distinct profiles. I conclude by
examining the extent to which membership in each of these latent profiles is associated
with outcomes relevant to attribution theory. Before describing the method and
procedures, I outline the research question and accompanying hypotheses motivating this

research.

Research question

The main aim of the current study is to identify distinct response patterns
underlying people’s beliefs about the causes of poverty. Specifically, research shows that

attributions for poverty revolve around three specific themes (i.e., individual, society, and

fate; see Feather, 1974). Advancements in the literature situate these attributions within a

general framework that decomposes a given causal explanation along the following four

dimensions: (a) locus, (b) stability, (c) personal control, and (d) other control (see

McAuley et al., 1992; Weiner et al., 2011). The extent to which there are subtypes of

participants who produce homogenous response patterns across these causal dimensions,
however, has never been examined. Thus, the current study asks the following question:
How many distinct latent profiles are needed to capture people’s beliefs about the causes

of poverty? Relatedly, what is the nature of these response patterns?

Assuming that multiple latent profiles exist, a related goal is to identify which of
these response patterns is typical of the average person. That is, is there a pattern of
responses that is followed more often than others? Such an understanding has important

implications for the framing of the debate around welfare and related policies aimed at
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redressing poverty (see Limbert & Bullock, 2009). That is, policies could be framed in a

manner that targets shared (mis)perceptions about the causes of poverty. Thus,

identifying people’s ‘typical’ response pattern could inform debates over public policy.

Hypotheses

Antecedents. Assuming that there are distinct response patterns underlying
people’s beliefs about poverty, these latent profiles should be associated with
demographic variables. Specifically, minorities tend to be more sympathetic to the poor

than majority group members (Appelbaum, 2001; Hunt, 1996; Kluegel & Smith, 1986).

Past research also indicates that women express greater levels of support for social

welfare policies than do men (Shirazi & Biel, 2005; Stephenson, 2000). As such,

minorities and women should be more likely than majority group members and men to
belong to latent profiles that reflect forgiving beliefs about the causes of poverty (i.e.,
believing that poverty is caused by factors outside of the person and personally

uncontrollable).

People’s socio-political attitudes should also be associated with their unique
response patterns. Indeed, Weiner and colleagues (2011) argued that political ideology is
an important antecedent to people’s causal beliefs about poverty. Specifically, because
the core principles of conservatism centre on (a) opposition to change and (b) acceptance
of inequality (see Jost, Glaser, Kruglanski, & Sulloway, 2003), conservatives should be
more likely than liberals to locate the cause of poverty within the person and to view

one’s destitute status as personally controllable (also see Zucker & Weiner, 1993).

Accordingly, research shows that political conservatism is positively associated with

attributions that are unsympathetic to the poor (see Bullock, 1999; Cozzarelli et al., 2001;

Hine & Montiel, 1999; Hopkins, 2009; Skitka, 1999). Therefore, we predict that
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participants’ level of conservatism will correlate with membership in latent profiles

marked by high levels of internal and personally controllable attributions for poverty.

Finally, system justification theory argues that people have a basic motivation to

view the status quo as fair (Jost & Hunyady, 2002, 2005). Because institutionally-based

(or even random) causes of poverty would directly contradict such a perspective, people’s
level of system justification should be positively associated with a pattern of causal

beliefs that places blame on the poor. Indeed, research shows that people’s belief in a just

world—a concept related to people’s levels of system justification (see Jost & Hunyady,

2002)—is positively associated with blaming the poor for their plight (Cozzarelli et al.,

2001; Furnham & Gunter, 1984; Harper, Wagstaff, Newton, & Harrison, 1990). Thus,

levels of system justification should positively correlate with membership in latent
profiles characterized by the belief that poverty is caused by internal and controllable

factors.

Consequences. In addition to being predicted by covariates, people’s membership
in the distinct latent profiles should be associated with outcomes relevant to attribution
theory. Specifically, research indicates that internal attributions for poverty elicit negative

feelings toward—and a tendency to withhold help from—the poor (Cozzarelli et al.,

2001). Likewise, poverty attributed to personally controllable factors give rise to similar

negative responses to the poor (Will, 1993). As such, latent profiles marked by lower

levels of internal attributions and personal control should be associated with greater
sympathy and less anger than latent profiles marked by higher levels of internal
attributions and personal control. Likewise, people who belong to latent profiles that view
the cause of poverty as being outside the poor and personally uncontrollable should be

more willing than those who think poverty is caused by factors that reside within the
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person and are personally controllable to support assisting those in need (see Weiner

2006).

Method

Participants

Participants were 315 undergraduates (M., = 21.23, SD.,. = 4.90) who participated
in this study for a chance to win a $200 gift card. Most participants were women (83.3%)
and a majority identified as New Zealand European (52.8%). The rest of the sample
identified as (a) Asian (21.9%), (b) Maori (2.3%), (c) Pacific Islander (4.0%), or (e) other
(18.9%). As for their stage of education, a roughly equal proportion of participants
indicated that they were in the (a) first (26.4%), (b) second (34.1%), or (c) third (25.4%)
year of their degree; the rest of the sample (14%) were either in their fourth year of study,

had begun post-graduate work, or had completed their degree.

Measures

A survey assessing beliefs about poverty was developed for the current study.
This survey included measures of (a) the causal dimensions of poverty, (b) antecedents to
these beliefs, and (c) outcomes associated with these attributions (please see the
Appendix for the wording of all items used in this study). The descriptive statistics and

bivariate correlations for these variables are displayed in Table 1.

Causal beliefs. McAuley and colleagues’ (1992) 12-item Revised Causal
Dimension Scale was used to assess causal beliefs about poverty. Specifically,
participants were asked to indicate whether “being poor [is] caused by” factors that are
(a) internal (vs. external) to the person (i.e., locus), (b) stable (vs. unstable) over time

(i.e., stability), (c) controllable (vs. uncontrollable) by the person (i.e., personal control),
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and (d) controllable (vs. uncontrollable) by others (i.e., other control). Each causal
dimension was assessed by three items that were rated on a 7-point semantic differential
scale with anchors representing extremes of the given dimension. An example locus item
is “reflects an aspect of the person” vs. “does not reflect an aspect of the person”. An
example stability item is “stable over time” vs. “variable over time”. An example
personal control item is “the person has power over” vs. “the person has no power over”.
An example other control item is “others can control” vs. “others cannot control”. Items
were coded so that high values reflect high levels of the given construct and were
averaged to form measures of (a) locus (a = .79), (b) stability (a = .65), (c) personal

control (a = .83), and (d) other control (a = .71).

Antecedents. Fourteen items assessed antecedents to the latent profiles
underlying participants’ attributions for poverty. Three of these items assessed
participants’ (a) age, (b) sex, and (c) ethnicity. Another three items asked participants to
indicate the extent to which they viewed themselves as (a) socially, (b) economically, and
(c) generally conservative on a 7-point scale (1 = very liberal; 7 = very conservative).
These items were averaged to form a measure of conservatism (a = .86).The final eight
items assessed participants’ motivation to justify the system using Kay and Jost’s (2003)
system justification scale. Example items are: (a) “in general, the political system in New
Zealand operates as it should” and (b) “New Zealand society needs to be radically
restructured” (reverse-coded). These items were rated on a 7-point scale (1 = strongly
disagree; 7 = strongly agree) and averaged to form a measure of system justification (a =

78).

Outcomes. Fourteen items—all of which were rated on a 7-point scale (1 =
strongly disagree; 7 = strongly agree)—assessed standard outcomes in the attribution

literature. Four of these items assessed anger towards the poor by having participants
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indicate the extent to which they felt (a) angry, (b) “annoyed”, (c) “mad”, and (d)
“irritated with the poor” (o = .89). Three additional items assessed sympathy towards the
poor by having participants indicate the extent to which they felt (a) “sorry”, (b)
“sympathy”, and (c) “concern for the poor” (a = .81). An additional three items assessed
support for personally helping the poor by having participants indicate their personal
willingness to (a) “donate food or clothing”, (b) “make a financial contribution”, or (c)
“support not-for-profit programs” (a = .73). The final four items assessed support for
others’ helping the poor by having participants indicate whether they (a) thought “the
government needs to do more to help the poor”, (b) supported “a tax increase if it would
help the poor”, (c) thought that “charity organizations should provide more to help the
poor”, and (d) felt that it was the country’s responsibility “to help those who are less

fortunate” (o = .81).

Results

Preliminary analyses

As an initial step in the analyses, I sought to demonstrate that (a) locus, (b)
stability, (c) personal control, and (d) other control formed distinct causal dimensions
underlying participants’ beliefs about poverty. As such, I conducted a Confirmatory

Factor Analysis (CFA) using Mplus version 7.11 (Muthén & Muthén, 1998-2012). In

pursuing these analyses, each item on the attribution scale was allowed to load onto one
(and only one) of the latent factors (e.g., items assessing personal control were only
allowed to load onto the latent factor for personal control, whereas items assessing the
stability of the cause were only allowed to load onto the latent factor for stability). Good-
fitting models yield a comparative fit index (CFI) greater than (or equal to) .96, a
standardized root mean square residual (SRMR) of less than .09, and a root mean square

error of approximation (RMSEA) of less than .06 (see Hu & Bentler, 1999).
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As expected, results indicated that the hypothesized four-factor model provided
an excellent fit to these data, x* (48) = 94.453, p <.001; CFI = .963; sRMR = .054;
RMSEA =.055 (90% CI = .039, .072; p = .278). Moreover, an alternative model in which
all six control items (i.e., three personal control and three other control items) were
allowed to load onto a single latent control dimension provided a poor fit to the data, x*
(51) = 239.482, p < .001; CFI = .849; SRMR =.077; RMSEA = .108 (90% CI = .095, .
122; p <.001). These results show that four causal dimensions underlie participants’

beliefs about poverty.

Latent profile analysis

After demonstrating the factorial structure of the scale, I proceeded to identify the
latent profiles underlying people’s attributions for poverty. To these ends, I conducted an
LPA using Asparouhov and Muthén’s (2013) three-step approach in Mplus v. 7.11

(Muthén & Muthén, 1998-2012). This method begins by identifying the number of latent

profiles that account for the co-variation between indicator variables. Next, participants
are assigned to the specific latent profile to which they most likely belong (taking into
account the uncertainty in profile membership). Finally, participants’ membership in the
given latent profile is predicted by covariates that are subsequently entered into the
model. Because covariates are added after the latent profiles have been estimated, the

covariates are unable to affect the composition of these latent profiles.

Numerous scholars have highlighted the benefits of the three-step approach over
other procedures. Vermunt (2010) noted that the one-step method, which estimates a
latent profile model (i.e., the measurement model) at the same time that covariates are
used to predict one’s latent profile membership (i.e., the structural model), has a number
of flaws. First, because the measurement model must be re-estimated each time a

covariate is added or removed, the one-step method can be impractical. Second, it is


javascript:parent.onLocalLink('_ENREF_54',window.frameElement)
javascript:parent.onLocalLink('_ENREF_41',window.frameElement)
javascript:parent.onLocalLink('_ENREF_4',window.frameElement)

difficult to decide whether or not to include covariates when estimating the number of
latent profiles in a model. Third, research questions often start with the aim of identifying
the latent profiles. As such, the one-step approach is inconsistent with the logic

motivating research. Thus, many recommend using the three-step approach to estimate

latent profile models (Asparouhov & Muthén, 2013; Berlin, Williams, & Parra, in press).

Similar to structural equation models, the acceptability a given latent profile
model is determined on the basis of model fit. McCutcheon (2002) notes that there are
four common criteria used to assess model fit including the (a) chi-square test (x?), (b)
likelihood ratio chi-square test (G?), (c) Akaike information criteria (AIC), and (d)
Bayesian information criteria (BIC). Both the x* and G? tests, however, tend to be
conservative in large samples. Therefore, the AIC and BIC—fit indices that either
account for the number of parameters estimated or a combination of the parameters
estimated and sample size, respectively—are preferred when evaluating model fit.
Specifically, models that produce small AICs and/or BICs are preferred over models with

large AICs and/or BICs (keeping parsimony in mind).

Latent profile analysis

To identify the distinct number of response patterns underlying people’s
attributions for poverty, participants’ responses to the composite measures of (a) locus,
(b) stability, (c) personal control, and (d) other control were treated as indicators of a
range of possible latent profiles. Specifically, I examined the possibility that between 1
and 4 latent profiles could explain the co-variation between the four indicator variables.
To avoid settling on a local solution to these models, each model was estimated with
5000 initial stage starts, 20 initial stage iterations, and 500 final stage optimizations (for

Mplus syntax, see the Appendix). The results of these analyses are shown in Table 2.
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As seen here, model fit improved considerably when moving from one to two
latent profiles. Whereas the BIC for a model with one latent profile was 8476.047, the
BIC dropped to 3820.563 for the two-profile model (ABIC,5: pofies = 4655.484). Another
sizeable drop in the information criteria occurred with the addition of a third latent profile
(ABICy55 pofies = 51.807). The addition of a fourth latent profile, however, resulted in a
trivial decrease in both the AIC (AAIC;54 s = 11.744) and sample-size adjusted BIC
(aBIC; AaBICss4 poies = 8.840), as well as an increase in the BIC (ABIC;s.4 pofies = -7.019).
Moreover, the number of participants falling into this fourth profile was too small (n = 9)
to be meaningful. Together, these results show that a three-profile model provided the
best fit to these data. Indeed, the entropy values shown in Table 2 indicate that

classification certainty was high in the three-profile model.

Additional support for a three-profile model is shown in Table 3. Values
highlighted along the diagonal reflect the average probability that participants were
correctly categorized in the given latent profile. In contrast, values appearing in the off-
diagonal reflect the average probability that participants were miscategorised in the given
latent profile. For example, a participant whose most likely latent profile membership
was in Profile 1 had a 94.0% chance of being correctly categorized, whereas the same
person had only a 6.0% chance of being incorrectly categorized in Profile 2. Thus, the
results shown in Table 3 show that participants had a high likelihood of being categorized
in the correct latent profile, but a relatively small likelihood of being incorrectly

categorized. These results further support a three-profile solution.

The estimated mean level of (a) locus, (b) stability, (c) personal control, and (d)
other control for each of these three latent profiles is shown in Figure 1. As seen here, the
first—and smallest (i.e., 18.4% of the sample)—Ilatent profile was comprised of those

who saw the underlying cause of poverty to be (a) outside of the person (M = 1.85, SE =.



10), (b) relatively stable (M = 3.29, SE = .17), (c) largely uncontrollable by the person (M
= 2.49, SE = .13), yet (d) controllable by others (M = 5.28, SE = .16). Given the tolerant
nature of this pattern, this latent profile was labelled Sympathetic. The second latent
profile (i.e., 61.6% of the sample) consisted of those who took a moderate stance on each
of the causal dimensions. Participants in this profile felt that poverty was due to factors
that were (a) moderately within the person (M = 3.56, SE = .10), (b) somewhat stable (M
= 2.98, SE = .08), and partly controllable by (c) the self (M = 4.17, SE = .11) and (d)
others (M = 4.35, SE = .07). Therefore, this latent profile was labelled Moderate. Finally,
the third latent profile (i.e., 20.0% of the sample) consisted of those who felt that the
cause of poverty (a) resided within the person (M = 5.03, SE = .22), (b) was fairly stable
(M = 2.55, SE = .15), (c) was mainly within the person’s control (M = 5.49, SE = .16),
and (d) was controllable by others (M = 4.07, SE = .17). Because this pattern was mainly
a mirror image of the Sympathetic profile, it was labelled the Unsympathetic latent

profile.

Distal correlates of latent profiles

After identifying a model that best explained the co-variation between the
indicator variables, distal covariates of these latent profiles were examined. Because the
latent profiles differed most by whether they believed that poverty was internally (vs.
externally) caused, participants’ latent profile membership was predicted relative to the
Sympathetic profile (i.e., the profile whose estimated mean level attribution for the locus
dimension was lowest in the sample). As such, the following multinomial logistic
regression predicts the likelihood that a participant belonged to the given latent profile

relative to the Sympathetic profile. Results from these analyses are presented in Table 4.

Unsympathetic vs. Sympathetic. Consistent with research on ideological

differences in attributions for poverty (Weiner et al., 2011; Zucker & Weiner, 1993),
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results showed that conservatism positively correlated with belonging to the
Unsympathetic (vs. Sympathetic) profile (B = 1.03, SE = .26, p < .001). In other words,
the more participants’ identified as conservative, the less likely they were to belong to the
Sympathetic latent profile. Likewise, participants’ level of system justification had an
independent (and positive) relationship with belonging to the Unsympathetic (vs.
Sympathetic) profile (B = 0.91, SE = .32, p = .004)—a finding that indicates that people’s
tendency to justify the system increased their likelihood of adopting a response pattern
indifferent to the poor. Finally, there was a trend for minorities to be less likely than New
Zealand Europeans to belong to the Unsympathetic (vs. Sympathetic) profile (B = -0.86,
SE = .52, p =.093). Age and sex, however, were unassociated with participants’

membership in the Unsympathetic (vs. Sympathetic) profile.

Moderate vs. Sympathetic. Whereas multiple systematic differences were
observed between those in the Unsympathetic and Sympathetic profiles, analyses of the
covariates of membership in the Moderate (vs. Sympathetic) profile only identified one
such difference. Namely, levels of conservatism were positively associated with
belonging to the Moderate (vs. Sympathetic) profile (B = 0.80, SE = .21, p <.001). The
corresponding odds ratio shows that, for every one unit increase in conservatism, the
odds that participants belonged in the Moderate (vs. Sympathetic) profile more than
doubled (i.e., odds ratio = 2.22). Thus, people’s ideological tendencies once again

correlated with their underlying beliefs about the causes of poverty.

Distal outcomes of latent profiles

As a final assessment of the validity of a three-profile model, participants’ most
likely latent profile membership was used to predict important attributional outcomes.
Specifically, Lanza , Tan, and Bray’s (2013) distal three-step approach was used to

predict participants’ (a) anger toward the poor, (b) sympathy for the poor, (c) willingness
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to personally help the poor, and (d) support for others helping the poor as a function of
their most likely latent profile membership. This approach implements a series of y? tests
to examine mean-level differences between the latent profiles for each of the given distal
outcomes after (a) the latent profiles have been estimated and (b) participants have been
assigned to the latent profile to which they most likely belong. Similar to the three-step
approach where covariates predict people’s membership in latent profiles, the distal
three-step approach estimates the measurement and structural models separately, thereby
preventing the distal outcomes from influencing the estimation of the latent profiles. The

results of these analyses are displayed in Table 5.

Anger toward the poor. As expected, an omnibus y* test indicated that mean
levels of anger toward the poor varied across the three profiles (y*(2) = 145.99, p < .001).
Indeed, the results displayed in Table 5 show that participants whose most likely
membership was in the Sympathetic profile were less angry towards the poor (M = 1.67,
SE = .10) than participants in either the (a) Moderate (M = 2.54, SE = .09; x*(1) = 42.58,
p <.001) or (b) Unsympathetic (M = 3.71, SE = .14; x*(1) = 144.81, p < .001) profiles.
Similarly, those in the Moderate profile expressed less anger towards the poor than did
participants in the Sympathetic profile (x*(1) = 53.10, p < .001). Thus, participants’ anger
toward the poor increased as a function of their distance from the Sympathetic response

pattern.

Sympathy for the poor. Consistent with the results for participants’ anger toward
the poor, participants’ mean levels of sympathy for the poor varied across the latent
profiles (x*(2) = 26.66, p < .001). Specifically, paired contrasts between the latent profiles
showed that participants whose most likely membership was in the Sympathetic latent
profile expressed more sympathy for the poor than did participants whose most likely

membership was in the Moderate latent profile (M = 5.79, SE = .11 vs. M = 5.42, SE = .



07, respectively; x*(1) = 8.20, p = .004). Likewise, participants in the Sympathetic latent
profile had more sympathy for the poor than did participants in the Unsympathetic latent
profile (M = 4.84, SE = .15; x*(1) = 26.50, p <.001). Finally, participants in the
Moderate latent profile expressed more sympathy for the poor than did participants in the

Unsympathetic latent profile (y*(1) = 12.35, p <.001).

Willingness to personally help the poor. Given the systematic differences across
the profiles in terms of people’s feelings towards the poor, one would expect that
participants’ membership in the distinct latent profiles would also predict their intentions

to help those in need (see Schmidt & Weiner, 1988; Weiner, 1980; Weiner et al., 2011).

Indeed, an omnibus x?test indicated that participants’ willingness to personally help the
poor varied by their most likely latent profile membership (y? (2) = 49.55, p <.001).
Paired contrasts showed that those in the Sympathetic profile were more willing to
personally help the poor (M = 6.03, SE = .10) than participants in either the (a) Moderate
(M =5.32, SE = .08; x*(1) = 32.06, p < .001) or (b) Unsympathetic (M = 4.94, SE = .14;
Xx2(1) = 39.54, p <.001) latent profiles. Participants in the Moderate latent profile were, in
turn, more willing to personally help the poor than were those in the Unsympathetic latent
profile (y*(1) = 5.56, p = .018). Thus, the further away participants were from a

Sympathetic response pattern, the less willing they were to personally help those in need.

Support for others helping the poor. As a final validation of the three-profile
model, differences in people’s support for others helping the poor were assessed.
Consistent with the finding that beliefs about the causes of stigma affect people’s

willingness to assist those in need (Rudolph, Roesch, Greitemeyer, & Weiner, 2004;

Schmidt & Weiner, 1988; Weiner, 1985; Weiner et al., 2011), an omnibus x’test of

participants’ support for others helping the poor varied as a function of their most likely

latent profile membership (x? (2) = 97.98, p <.001). Once again, paired contrasts
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indicated that participants’ support for others helping the poor decreased the further they
were from a Sympathetic latent response profile. Specifically, participants whose most
likely membership was in the Sympathetic latent profile expressed more support for
others helping the poor (M = 5.76, SE = .12) than did participants in either the (a)
Moderate (M = 4.98, SE = .08; x*(1) = 30.05, p <.001) or (b) Unsympathetic (M = 3.94,
SE = .14; x*(1) = 97.98, p <.001) profiles. Likewise, those in the Moderate latent profile
felt that others should help the poor more than did those in the Unsympathetic latent

profile (x*(1) = 40.66, p < .001).

Discussion

Though there are many plausible explanations for poverty, these attributions can
be grouped in accordance with three general themes: (a) individual, (b) society, or (c) fate

(see Bullock et al., 2003; Feather, 1974; Furnham, 1982b; Zucker & Weiner, 1993).

Weiner and colleagues (2011), however, note that there are important differences within
these broad groupings that may obscure the relationship between attributions and relevant
outcomes. For example, attributing poverty to substance abuse versus a debilitating
illness will likely elicit distinct responses despite the fact that both causes are located
within the person. As such, Weiner and colleagues propose an alternative taxonomy
whereby beliefs about poverty are classified in accordance with four causal dimensions:

(a) locus, (b) stability, (c) personal control, and (d) other control.

The current study built upon Weiner and colleagues’ (2011) framework by taking
a person-centred approach that identifies distinct response patterns underlying people’s
beliefs about poverty. Specifically, the current study examined the possibility that there
are distinct subgroups of people who hold similar beliefs about the extent to which
poverty is caused by factors that (a) exist within (vs. outside) the person, (b) are enduring

(vs. short-lived), and are controllable (vs. uncontrollable) by either (c) the self or (d)
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others. Assuming that distinct responses did exist, an additional aim of this research was
to examine the antecedents and consequences of people’s membership in these latent
profiles. Such an approach provides a novel contribution to the attribution literature by
(a) identifying different subtypes of people who share similar response patterns and (b)

using theoretically-related constructs to validate the existence of these latent profiles.

Inspection of the estimated means for each of the latent profiles identified
indicated that there were three latent profiles underlying people’s beliefs about the causes
of poverty. Specifically, approximately 1/5" of participants viewed poverty through a
sympathetic lens and believed that it is caused by factors that are neither located within
the poor, nor under the personal control of those in need. Participants in this profile also
thought that the cause of poverty was controllable by others and fairly stable across time.
This Sympathetic profile was contrasted by another 1/5" of the sample who viewed the
cause of poverty as residing within the person and under the poor’s control, though this
Unsympathetic profile also believed that poverty was controllable by others and
moderately stable. The rest of the sample (i.e., 3/5" of participants) belonged to a
Moderate profile whose beliefs about the causes of poverty fell in between those in the

Sympathetic and Unsympathetic profiles.

In addition to identifying distinct response patterns underlying participants’
beliefs about the causes of poverty, the current study showed that these latent profiles had
distinct antecedents and consequences. Participants who belonged to the Sympathetic
latent profile were less conservative and lower on system justification than their
counterparts in the Unsympathetic profile. In turn, membership in the Sympathetic latent
profile was associated with more sympathy and less anger towards those in need, as well
as a greater willingness to personally help—and support others helping—the poor,

relative to participants in both the Moderate and Unsympathetic profiles. These correlates



validate the utility of these latent profiles and clarify how different beliefs about the

causes of poverty cohere within the same person.

The finding that both conservatism and system justification were unique
predictors of people’s latent profile membership has important implications for the field’s
understanding of these two constructs. Specifically, the results from the current study
show that conservatism is a slightly stronger predictor of people’s latent profile
membership than system justification. Whereas a one unit increase in system justification
increased the likelihood that participants belonged to the Unsympathetic (vs.
Sympathetic) profile by 2.48 times, a similar increase in conservatism increased the
likelihood that participants belonged to the Unsympathetic (vs. Sympathetic) and
Moderate (vs. Sympathetic) profiles by 2.81 and 2.22 times, respectively. As such,
people’s level of conservatism may be a more proximal predictor of their latent profile
membership than their levels of system justification. Such an interpretation is consistent
with the view that conservatism is a motivated belief that people adopt to meet their

existential, ideological, and relational needs (see Jost, Federico, & Napier, 2009; Jost et

al.. 2003)

Results demonstrating the effects of participants’ membership in the different
latent profiles supports Weiner and colleagues’ (2011) argument that causal beliefs have
important implications for how people respond to those in need. Specifically, the current
study showed that those in the Sympathetic profile—a response pattern marked by the
belief that poverty resides outside the person and is uncontrollable by the poor—
expressed more sympathy, less anger, and were more willing to personally help the poor
than those in the remaining profiles. These findings extend past research by showing that
within-person response patterns also correspond with people’s reactions to the poor. That

is, rather than taking a variable-centred approach that examines the relationship between
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variables, the current study took a person-centred approach and identified distinct subsets

of people who share similar beliefs about each of the four causal dimensions of poverty.

Strengths, Limitations, and Future Directions

A major strength of the current study is its ability to validate the identified latent
profiles with both (a) antecedents and (b) distal outcomes. Specifically, if the latent
profiles identified in this study reflect meaningful response patterns, then the unique
ways that people explain poverty should also correspond with their background
characteristics and subsequent reactions to the poor. Accordingly, results showed that
people’s membership in each of the latent profiles had distinct antecedents and
consequences. Importantly, these relationships closely corresponded with past research

on attributions for poverty (e.g., Bullock et al., 2003; Furnham, 1982b; Shirazi & Biel,

2005; Zucker & Weiner, 1993). Such findings offer critical validations of the profiles

identified and increase confidence in the results produced in the current study.

Another strength of the current study is its use of a genotypic (rather than

phenotypic) assessment of the causes of poverty (see Weiner et al., 2011). That is, instead

of examining people’s beliefs about specific idiosyncratic causes of poverty, the current
study examined the underlying causal dimensions associated with these beliefs. Such a
general approach provides a wide theoretical scope from which future research can
examine distinct types of outcomes. Indeed, Weiner’s (1995, 2006) general attributional
framework has been applied to a number of different domains including (a) stigma

(Weiner et al., 1988), (b) achievement (Forsyth & McMillan, 1981), and even (c)

collective action (Walker, Wong, & Kretzschmar, 2002). Therefore, an exciting direction
for future research would be to assess the extent to which the latent profiles identified in

the current study extend to other domains relevant to attribution theory.
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Although the current study examined the deep structure underlying people’s
beliefs about poverty, it is possible that different types of response patterns will emerge
for different perceived causes of poverty. Specifically, in the current study, people’s
general beliefs about the underlying causes of poverty were assessed. It is possible,
however, that distinct response patterns would emerge for different reasons for why
someone is in financial need. Responses to someone who is poor as a result of a physical
handicap may elicit response profiles that are distinct from those elicited by poverty due
to a person’s unwillingness to work. Thus, future research should examine the impact that
changes in the phenotypic causes of poverty affect the underlying response patterns

identified in the current study.

Another important direction for further research is to examine the extent to which
membership in these latent profiles changes (or remains stable) over time. Specifically, it
is likely that certain life experiences and/or developmental changes affect how people
evaluate poverty. Indeed, research shows that people who have personal experiences with

being poor tend to be more supportive of policies aimed addressing poverty than are

people who are of high SES (Hastie, 2010). As such, identifying the factors that affect the
stability of people’s latent profile membership—a major aim of latent transition analysis

(see Collins & Lanza, 2010)—will help unpack the complexity of people’s beliefs about

the underlying causes of poverty.

Finally, the results from the current study have important implications for the
framing of the welfare debate. Specifically, analyses of the proportion of people falling
into each of the latent profiles showed that more than half of the sample took a moderate
stance on the underlying causes of poverty. Such a finding is particularly important as it

shows that, rather than having an extremely polarized public (see Abramowitz &

Saunders, 2008; Layman & Carsey, 2002), most people take a centrist position on
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political issues (see Fiorina, Abrams, & Pope, 2006). As such, people’s beliefs about the

extent to which poverty is caused by factors that reside within the person and are
personally controllable may be relatively malleable—at least more so than it is for those
who belong to the Sympathetic or Unsympathetic response profiles. The malleability in
people’s beliefs about poverty could therefore be affected by how poverty is framed by
policy makers. Future research would be well-advised to examine the effects that policy
framing has on people’s membership in each of the latent profiles identified in the current

study.

Conclusion

A healthy body of research has focused on the causes and consequences of
people’s beliefs about poverty. The current study built upon this tradition by taking a
person-centred approach and identifying distinct response patterns underlying these
causal beliefs. In doing so, I have shown that people’s membership in distinct latent
profiles has theoretically-relevant antecedents (i.e., political conservatism and system
justification) and affects critical outcomes (e.g., people’s willingness to help the poor).
Ultimately, these findings highlight the complex ways in which beliefs about the
underlying causes of poverty shape people’s responses to those in need. By identifying
the nature (and prevalence) of these unique frames, it is hoped that the current study
brings us closer to realizing Mandela’s vision of overcoming the crippling effects of

poverty.
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Table 1. Descriptive statistics and bivariate correlations for the variables included in

Study 1.

1
1. Age -
2. Sex -.038
3. Minority’ -.108-

4, Conservatism .018

5. System -.080
Justification

6. Locus .091

7.  Stability -.056

8. Personal 029

Control
9.  Other Control -.004
10.  Anger -.080
11. Sympathy .034

12.  Personal

Help .001

13.  Others Help .044

a [—
Mean 21.23
SD 4.90

-.030

-.037

.062

-.092

-.070

-.058

-.049

-.020

.004

237

.067

0.83

0.37

3 4
199~ -
-020 230"
077 347+
-077  -.020
108 342~
-040  -258~
025 314
033 ~.190-
010 -195"
001 ~373~
- .86
0.47 3.34

0.50 1.24

215

.001

A73

-.253

279

-.245™

-.120°

-.330

.78

3.82

0.90

-.102

.653

-.313~

465

-.243

-.302

-.367

.79

3.54

1.25

-.318

.090

-.057

.023

.023

.082

.65

2.95

1.03

-.315~

.384

-.267

=222

-.357

.83

4.12

1.23

-.19¢€

245

248

341

71

4.47

1.07



*Sex was dummy-coded (0 = man; 1 = woman).

® Minority was dummy-coded (0 = New Zealand European; 1 = minority).

¢ Missing values were replaced by the sample mean. Income was then log-transformed.
For descriptive purposes, the Mean and Standard Deviation reported above are in their

original units (i.e., NZD).

*p<.10; "p<.05 " p<.01; " p<.001



Table 2. Model fit for the different profile solutions of the LPA from the NZAVS.

Profiles Log-likelihood AIC BIC aBIC Entropy
One Profile -4186.250 8408.500 8476.047 8418.956 e
Two Profiles ~ -1872.890 3771.780 3820.563 3779.331 .756

Three Profiles -1832.605 3701.209 3768.756 3711.665 779

Four Profiles  -1821.733 3689.465 3775.775 3702.825 .785

Note: AIC = Akaike Information Criterion; BIC = Bayesian Information Criterion; aBIC
= sample-size adjusted Bayesian Information Criterion.



Table 3. Average latent profile probabilities for most likely latent profile membership
(row) by latent profile (column) among participants.

1 2 3
1) fsr;’rf;}faiheﬁc) 940 060 000
2) ngg;i ) 033 903 .064
3) f{;ﬁ:ﬁi atheticy 0 143 857

Note: Values along the diagonal (highlighted in bold) reflect the average probability that
a person estimated to belong to the given latent profile was categorized correctly.



Table 4. Multinomial logistic regression predicting latent profile membership as a
function of distal covariates. Coefficients represent the relative log odds of belonging to
the given latent profile versus the Sympathetic latent profile.

Unsympathetic Moderate
(vs. Sympathetic) (vs. Sympathetic)

Odds Odds

B SE Ratio B SE Ratio
Age 0.11 0.07 1.11 0.05 0.06 1.06
Sex* -0.72 0.67 0.49 -0.39 0.56 0.68
Minority® 0.86" 0.52 2.37 -0.01 0.39 0.99
Conservatism 1.03™ 0.26 2.81 0.80™ 0.21 2.22
System Justification 0.91~ 0.32 2.48 0.31 0.22 1.36

*Sex was dummy-coded (0 = man; 1 = woman).
® Minority was dummy-coded (0 = New Zealand European; 1 = minority).

*p<.10; "p<.05 " p<.01;" p<.001



Table 5. Multinomial logistic regression predicting latent profile membership as a
function of demographic covariates. Coefficients represent the relative log odds of
belonging to the given latent profile versus the Liberal latent profile.

Anger Sympathy Personally Help

M SE M SE M SE
Sympathetic 1.67¢ 0.10 5.79 0.11 6.03 0.10
Moderate 2.54° 0.09 5.42° 0.07 5.32° 0.08
Unsympathetic 3.71¢ 0.14 4.84¢ 0.15 4.94¢ 0.14

Note: Means with different subscripts within a given column were significantly different.



Figure 1. Estimated means for the perceived (a) locus, (b) stability, (c) personal control,
and (d) other control of poverty as a function of participants’ membership in the





