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Abstract

Sound and Fury, Signifying Something:
Polarization, Identity, and Dissatisfaction

by

Steven William Lauterwasser

Doctor of Philosophy in Sociology

University of California, Berkeley

Professor Kim Voss, Chair

This dissertation consists of three essays on political polarization in the United States
which, together, justify and build a new worldview model of polarization. I develop this theory
to better address the issue of whether polarization is asymmetric at the mass level, a question
about which quantitative work has thus far had relatively little to say, despite clear evidence
that Republican elites are far more polarized than their Democratic counterparts.

The first essay takes the open ground of asymmetry as a starting point for a theory contest:
some work on affective polarization defines polarization solely in terms of out-party animus,
while other work sees both in- and out-party affect as constitutive. Given asymmetries at the
elite and organizational levels, we expect Republicans to be more polarized than Democrats,
but these two theories of affective polarization have clearly different expectations for what
the asymmetry looks like. However, this apparently neat theory contest fails. Using data from
the American National Election Studies, I look at how affective polarization developed from
1978-2016 and I find that Democrats are more polarized, but that that difference is driven by
in-party affect (while out-party animus isn’t asymmetric). These findings are anomalous for
both theories, and I argue that they should disrupt the basic assumption of a straightforward
link between affect, identity, and polarization.

The second essay brings together sociological work on cultural schemas, recent advances
in the study of attitudinal polarization, and core insights on the role of affective polarization
from political science, to propose a new theory which overcomes this disruption: the worldview
model of polarization. By defining polarization in terms of persistent patterned relationships
between partisan affect, perceptions of threat, and feelings of fear, I am able to approach
asymmetry as a question not only of degree, but of kind. Using data from the 1978-2016 ANES,
I not only clearly demonstrate that Republicans are indeed significantly more polarized at
the mass level, but also suggest a mechanism for this asymmetry, namely, that Republicans
are caught in a radicalizing feedback loop of fear of the opposition and dissatisfaction with
their own party’s response to that perceived threat.

The final essay elaborates on this model by turning to the public opinion literature on
belief systems. Developing the insight that polarization consists in the persistent patterned
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relationships between emotions and judgments, not either alone, it uses belief network analysis
to compare the structure of these relationships over time. Comparing 1992 and 2016, it clearly
shows the strengthening integration of affective and attitudinal survey items and overall
stronger centralization of the networks, indicating both that political belief systems were
becoming more emotionally grounded and that grounding was consistently oriented against a
small number of issues (i.e. partisanship and ideology). This not only provides another strain
of support for the basic insights of the worldview model, the inclusion of affective items in
a quantitative assessment of belief systems is a major contribution to the study of public
opinion more generally.
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Chapter 1

Introduction

This dissertation presents a theorization and investigation of polarization in the United
States from 1978 to 2016. The research was begun long before January 6th, 2020 (Tan,
Shin, and Rindler 2021); before the targeted harassment of election officials (So 2021; Wines
2020), educators (Carr 2022; Heinrichs 2022; Lawton 2022; Salgado 2022), and healthcare
workers (Jurecic 2022); before the concerted book banning campaigns (Alter 2022; Schwartz
2022); before the violent threats and confrontational, disruptive, protest of children’s LGBTQ
Pride events (Crimaldi and Hilliard 2022; Helmore 2022; Ring 2022; Tensley 2022). As such,
this dissertation cannot address them directly. However, it is nevertheless an attempt to
understand them, or at least the forces behind them. These assaults on democratic institutions
and minority acceptance can all be understood as symptoms of polarization. They make
plain just how deep that polarization runs, but they also make plain much of what we do
not know about it. If these are the symptoms, then we can say two things about the disease.
First, it seems to have dramatically different effects on Democrats and Republicans. And
second, those effects are partly interpretive in nature, binding partisan identity together
with ways of seeing the world, linking together propositional attitudes, evaluative judgments,
and emotional responses. But, despite powerful conceptual and qualitative work, neither of
these fundamental characteristics of polarization have been well addressed in the existing
quantitative literature. This dissertation is an effort to remedy that fact by demonstrating the
partisan differences in polarization and by developing a new theory which not only captures
those differences, but also helps make sense of them.

Conceptually, polarization is perhaps best understood as the division of society into an
“us” and a “them” between whom compromise is less and less possible and conflict is more and
more fierce, increasingly understood through Manichean narratives of zero-sum, existential
conflict (DellaPosta 2020; Finkel et al. 2020; Lelkes 2016; McCoy, Rahman, and Somer 2018).
Despite this, quantitative work on polarization offers not a single strong understanding of
polarization, but many. Work across various fields and sub-fields relies upon many different
definitions, definitions that are not always immediately reconcilable. These definitions vary in
their level of analysis (polarization as distributional vs. group vs. individual property), their
techniques of measurement (looking for extremity within vs. correlation across opinion items),
their populations of interest (all citizens vs. voters vs. partisans), and their defining outcomes
(political attitudes vs. non-political attitudes vs. partisan affect vs. candidate assessments)
(DellaPosta 2020; DiMaggio, Evans, and Bryson 1996 for emblematic examples; see, e.g.,
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Mason 2015).
This diversity can, however, be divided into two broad categories: attitudinal approaches

on the one hand and affective approaches on the other. Attitudinal polarization understands
polarization fundamentally as a matter of disagreement on issues and so looks for it in
the characteristics of political attitude distributions (e.g. bimodality, extremity, constraint,
etc.) (see, e.g., Baldassarri and Gelman 2008; DiMaggio et al. 1996; Fischer and Hout 2006).
Affective polarization, by contrast, sees polarization as basically social and emotional, defining
it in terms of affective in/out-group bias: the actual disagreement on issues matters little if two
groups hate each other (Finkel et al. 2020; Iyengar et al. 2019; Iyengar, Sood, and Lelkes 2012;
Mason 2015). As I will go on to show, although both sets of approaches have accomplished
much and have much to recommend them, they ultimately have difficulties substantiating the
link between their specific definition and the basic conceptual understanding of polarization
as a zero-sum, us versus them, conflict. This difficulty manifests perhaps most clearly in their
inability to systematically capture partisan differences in polarization.

The evidence for such differences is extensive and only becomes more substantial as
polarization increases and its consequences become more and more obvious. Polarization has
not developed symmetrically, impacting Democrats and Republicans equally. Rather, it seems
to be fundamentally asymmetric in nature, with Republicans polarizing more than Democrats.
Indeed, such an asymmetry is widely regarded as constitutive of polarization at the elite level,
where the Republican Party is both measurably more extreme than the Democratic Party
and also clearly responsible for polarization in a way the Democrats are not (Bermeo 2019;
Grossmann and Hopkins 2015; Hacker and Pierson 2005; Mann and Ornstein 2016; McCoy
et al. 2018; Pierson and Schickler 2020; Sinclair 2006). But the asymmetry is also evident
at the institutional and popular levels, as the litany of offenses above should begin to make
clear. But even aside from these recent patterns, the asymmetry is still evident: Republican
popular organizations have a unique role in pushing polarizing narratives; the party itself has
seen repeated turnover in leadership due to popular insurgency (see, e.g., Eric Cantor, John
Boehner, and Paul Ryan); and continued increases in right-wing extremism coupled with
ethno-nationalist resentment, both of which are fundamentally popular in nature (Hacker
and Pierson 2020; Skocpol 2020). Yet, despite this, neither of major quantitative approaches
have been able to say much about this evident asymmetry.

As I will argue, this is in part because these differences are neither purely attitudinal
nor purely affective, but rather interpretive. That is, what matters are not attitudes or
affects themselves, but rather what they mean to people But that meaning cannot be found
in any single opinion or emotion in isolation. Instead, it is a result of the constellation of
relationships among opinions and emotions. It means something very different to dislike
President Biden, even to dislike him a great deal, and to dislike him while also believing
he stole the election and fearing that his administration may signal the end of the republic.
Alternatively, disliking Trump as an odious outlier in modern politics is very different from
disliking him as a representative of the current Republican party and its agenda. All these
meanings have significant consequences for those holding them, orienting them towards
politics in distinct ways, telling them different things about the political world and their
place in it. Understanding polarization, then, requires attending to this interpretive power.

In summary, my contention is that the quantitative study of polarization has thus far
done too little to recognize either the empirical fact of asymmetry or interpretive power
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of polarization. These problems are two sides of the same coin: attitudinal and affective
approaches have been unable to capture asymmetry because they miss the importance of the
link between attitude and affect and therefore polarization’s interpretive nature, but they also
miss this interpretive core of polarization because they have not yet attended to asymmetry in
a way which would make it obvious. The three papers collected in this dissertation elaborate,
demonstrate, and (attempt to) solve these problems.

The first substantive chapter, “Negative Partisanship is Not Enough: Affective Polarization,
Asymmetry, and a Failed Theory Contest,” demonstrates the existence of an unexpected
asymmetry in polarization and shows how its existence fundamentally unsettles current
affective approaches. Given the lack of previous quantitative work on, but the clear empirical
expectations about, asymmetric polarization, it uses this question as an opportunity for
a theory contest between two competing theories of affective polarization. The first posits
that polarization is defined purely by out-party animus, while the second sees both in-group
favor and out-group dislike as constitutive. Using the American National Election Studies,
I track the development of polarization from 1978 to 2016 using both definitions, but I
find no asymmetry on out-party animus and an asymmetry towards Democrats on in-party
affect. These results are fundamentally anomalous: they are either proof of a dramatic
mismatch between mass affective polarization and every other piece of evidence, which show
an asymmetry towards Republicans, or they indicate that there is something basically wrong
with these definitions and demonstrate the need for a new approach.

The second chapter, “Strangers in their Own Party: Dissatisfied Partisans and the
Worldview Model of Polarization,” explains where this problem comes from, then proposes
and validates just such a new approach: the worldview model of polarization. Having shown
in the first chapter the ways in which affective approaches to polarization fail in grasping the
evident asymmetries in polarization, the second chapter elaborates the argument previewed
above that the problem is really a theoretical one which lays at the heart of both affective
and attitudinal approaches. In essence, the problem is a lack of attention to the interpretive
aspects of polarization. I show how this omission undermines the claimed connection between
attitudinal or affective measures and the concept of polarization, arguing that the differences
which make polarization asymmetric are not differences of degree, but differences of kind.
Rather than extremity of opinion or simple out-party animus, polarization is a coupling
of emotions and judgments which makes political division meaningful in a particular way.
Specifically, it defines polarization in terms of persistent patterned relationships between
partisan affect, assessments of threat, and feelings of fear (of the other party). Again using the
American National Election Studies, this new worldview model of polarization reveals that
Republican partisans polarized more, faster, from 1978 to 2016 than Democrats, matching
Republican elites. Recognizing this coupling of emotions and judgments reveals a radicalizing
feedback loop at the heart of Republican polarization, in which fear of the opposition and
dissatisfaction with their own party’s response to that perceived threat feed off each other.

The worldview model defines polarization in terms of the coupling of affects, attitudes, and
judgments, and it focuses specifically on partisan bias, threat, and fear because those have been
shown to be important to polarization in previous work. However, such a focused approach is
just one option and the final substantive chapter of the dissertation, “Beyond the Structure of
Attitudes: Belief Systems, Affect, and Polarization”, reinforces and expands on the worldview
model by looking at all possible affects and judgements together. In doing so, it focuses
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especially on the question of the connection between attitude and affect, bringing emotion
into the recent proliferation of work on the structure of attitudes. Despite the recognition
of the importance of affect elsewhere (including in much work on polarization), work on
public opinion and belief systems has so far looked only at propositional attitudes. But, as
seen in the worldview model of polarization and argued throughout this introduction, the
connections between propositional attitudes and affective judgments are of central importance
to the actual function of any given belief system (or worldview). This chapter uses Boutyline
and Vaisey’s (2017) belief network analysis to examine the American National Election
Studies, comparing 1992 and 2016. But beyond examining just a network of propositional
beliefs, I also look at the network of affective items, as well as the combined network of both
attitudes and affects. In this way I show, first, that the different kinds of networks are similar
enough to be comparable, but different enough to provide analytical leverage; and second,
that the integration of affects and beliefs has changed over time, in line with polarization.
This increasing integration of emotion and attitude demonstrates a fundamental piece of the
worldview model on a larger scale and it opens the way for further research to elaborate on
these methods.

Together, these chapters make significant empirical and theoretical contributions, both to
the study of polarization specifically and beyond. Empirically, they demonstrate quantitatively
the asymmetric nature of mass polarization in the US, helping bring our quantitative
understanding of polarization into line with the clear qualitative asymmetry we can observe.
In doing this, my dissertation expands our knowledge of the ways in which polarization
fundamentally and differentially drives partisans’ understandings of the political landscape.
My findings help to elaborate the links between party as organization, partisan identity, and
ongoing political change, highlighting both the structural role of intra-party conflict and the
individual role of emotion. The worldview model itself contributes to ongoing definitional
debates in the study of polarization, showing how the particular content of political identities
matters and reorienting quantitative definitions away from standard affective measures
towards the specifically interpretive functions of identity and emotion.

These findings have impacts beyond the study of polarization alone. The combined
investigation of affect and attitudes, especially the empirical and theoretical focus on the
ways in which they are linked together, significantly extends previous work on belief systems,
showing that affect must be considered as a central part of such systems. This, then, has
important implications for the study of pluralism and political conflict. By highlighting the
importance of affect, my work gives us a new way to think about how opinion cleavages
become politically relevant and opens a new area for empirical investigation using the tools I
develop in the dissertation.

Perhaps the most important thing this dissertation does, however, is to substantively
improve our understanding of the current fraught political moment. The work presented
here has clear explanatory power; although it cannot say exactly why the January 6th
insurrection happened, why election officials are being harassed, or why we are seeing militant
disruptions of LGTBQ events for children, it can tell us a lot of about why these kinds of
things are happening and why they mostly involve Republicans. Worldview polarization
helps us understand not only that Republican partisans are more polarized, but what that
means and, in so doing, helps make clear the connection between polarization and these
extreme political actions. The definition of polarization in terms of persistent, patterned,
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relationships between partisan affect, threat, and fear allows us to see how Republican identity
is increasingly tied up with a worldview which understands political contestation through a
lens of threat and fear. It is this shifting orientation towards politics which can help make
sense of our ever more precarious political reality.
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Chapter 2

Negative Partisanship is Not Enough:
Affective Polarization, Asymmetry,
and a Failed Theory Contest

2.1 Introduction

Polarization has been a subject of popular and scholarly concern for nearly three decades,
driven by fears of democratic dysfunction and societal fragmentation. But progress has been
uneven: while the reality of elite polarization became clear quickly, for years there was no
consensus on whether the mass public was polarized at all Fiorina, Abrams, and Pope (2011).
The introduction of affective polarization, defined by how partisans feel about one another
(rather than in terms of political attitudes), was a major breakthrough. It provided clear
evidence of mass polarization and its consequences, helping bring together our understandings
of the elite and mass levels (Iyengar et al. 2019, 2012; Mason 2015). Major mismatches still
remain, however; in particular, we know that at the elite level Republicans are substantially
more polarized than Democrats (Jordan, Webb, and Wood 2014; McCarty 2019). Indeed,
this asymmetry is arguably constitutive of polarization in the United States (Bermeo 2019;
Hacker and Pierson 2005, 2020; McCoy et al. 2018; Pierson and Schickler 2020). But whether
this constitutive asymmetry has a corresponding expression at the mass level remains an
open question. And this uncertainty is exacerbated by a major conceptual issue in the study
of affective polarization: if polarization is about partisans’ feelings, which feelings matter?
Specifically, there is ongoing disagreement about whether dislike of the other party alone is
enough, or whether positive feelings towards one’s own party are a play a constitutive role
as well. These two theories, which I’ll refer to as “negative partisanship” and “net affect”,
have thus far enjoyed an uneasy coexistence, but the choice between them has far reaching
consequences for how we understand polarization in general and asymmetry in particular.

In principle, it should actually be relatively straightforward to address both these questions
at once by using the empirical context of asymmetry as the grounds for a theory contest: given
existing evidence of asymmetry towards Republicans, net affect and negative partisanship
theories produce clearly divergent expectations about what that asymmetry should look like.
However, in carrying out this contest, I find something strikingly unexpected. Drawing on
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data from the American National Election Studies (ANES), I examine differences in affective
polarization between the parties over time, net of demographic controls, and find asymmetric
polarization in favor of Democrats. Further surprising both theories, this asymmetry is
driven almost entirely by in-party affect; that is, Democrats like their own party more than
Republicans like theirs. What’s more, I also find an asymmetry in the relationship between in-
and out-party affect: for Democrats, liking their own party more is associated with liking the
Republican Party less, but there is no such relationship at all for Republicans. These results
substantially challenge both dominant theories of affective polarization: they raise questions
about the link between our measures and our concepts and complicate the fundamental claim
of a simple and straightforward relationship between affect and polarization.

The argument proceeds as follows: I begin by introducing the net affect and negative
partisanship approaches to affective polarization in more depth, detailing the (not always
obvious) points of contention and demonstrating the real conflict between them. Then I
elaborate on the above discussion of asymmetry, showing how the issue of mass asymmetry
provides the perfect grounds to test net affect and negative partisanship against one another
and setting the stakes of the contest. Building on this, I then discuss my data and analytical
strategy in more detail before presenting my findings. Finally, I lay out the consequences of
this unexpected asymmetry in affect towards Democrats. Although this in no way should be
taken to undermine the central role affect plays in the study of polarization, nor the major
contributions by work based on net affect and negative partisanship approaches, the findings
presented here necessarily change how we approach affective polarization. In particular, they
show us that we must begin to think more seriously about historical and institutional context,
and how this context may play a role in defining what exactly we should call polarization. I
close by offering one preliminary example of what such contextually oriented thinking might
look like.

2.2 Literature Review

2.2.1 Polarization, Affect, and Affective Polarization
After over a decade and a half of work on polarization which focused almost entirely on
political attitudes, the introduction of affective polarization by Iyengar, Sood, and Lelkes
was a major breakthrough (2012). Attitudinal theories understand polarization as a kind of
disagreement, defining it in terms of various distributional properties of political attitudes,
e.g. bimodality, extremity, etc. In comparison, affective polarization’s innovation is twofold:
first, and most obvious, it discounts attitudes in favor of looking at how partisans feel each
about other. But this is grounded in a more fundamental difference: seeing partisanship
primarily as a social identity rather than as an adjunct to individual’s political attitudes. As
a result, attitudinal distance is no longer the salient issue, social distance, the in-group/out-
group bias between partisans, is (Iyengar et al. 2019, 2012). This new definition of polarization
had an obvious degree of face validity, i.e. the degree of nominal agreement on issues makes
little difference if two groups hate each other, as well as strong empirical backing. While
attitudinal approaches had produced mixed results and ongoing debate Fiorina et al. (2011),
work on affective polarization showed (and shows) clear evidence of increasing polarization
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and its consequences (Druckman et al. 2021; Iyengar et al. 2012; Iyengar and Westwood 2015;
Mason 2015).

Measuring affective polarization was also straightforward and easy to do in much existing
quantitative data. Most commonly used are feeling thermometers, which ask respondents to
rate their feeling towards a named group (i.e. the Democratic and Republican Parties) on
a scale from cold to warm. Also used are trait batteries, where respondents rate how well
various positive (honest, intelligent) and negative (hypocritical, selfish) traits fit the parties.
Finally, some questions attempt to directly measure social distance by asking respondents
about the comfort level being friends or neighbors, or having their children marry, someone
from the other party. As Druckman and Levendusky (2019) have shown, these methods,
though related, get at slightly different things. Thus, since I am here interested in the general
cognitive construct of affective polarization, rather than particular behavioral outcomes, I
will focus on feeling thermometer measures.

However, if polarization is about partisans’ feelings, there has been some uncertainty from
the start about which feelings mattered. Specifically, there are two implicitly (and sometimes
explicitly) conflicting views of in-party affect. On the one hand, there is the tendency to see
polarization foremost as a function of affect towards the out-party, i.e. how much one side’s
partisans dislike the other, seen most explicitly in recent work on “negative partisanship”
(Abramowitz and Webster 2016; Finkel et al. 2020; Webster and Abramowitz 2017). On the
other hand, there is work which understands polarization as a matter of both out-party affect
and in-party affect, what I will call a “net affect”1 approach (Mason 2015). Here, out-party
affect is still important, but how much partisans like their own party also plays a constitutive
role. This leaves us with a foundational theoretical question which hasn’t fully been dealt
with. Indeed, even though this issue is often left implicit, it is absolutely crucial: on it hinges
the basic issue of what polarization is. This quickly becomes apparent if we consider where
these two tendencies come from.

Affective polarization was originally grounded in social identity theory (and has in fact
been called “social identity polarization”), and this is where the focus on net affect originates
(Iyengar et al. 2019, 2012). Social identities are fundamental to being human, they guide
us through the world and play an essential role in our sense of self, but identifying with a
group necessarily creates a privileged in-group of which we are a part and a less privileged
out-group (Brewer 1999; Tajfel et al. 1971; Tajfel and Turner 1979). This basic “us” and
“them” division is at the heart of social identity theory and of affective polarization, with an
extensive literature showing that even the most meaningless group identification creates a
degree of in-group favoritism, a bias tied up in nothing more than group membership (see,
e.g., Billig and Tajfel 1973; Tajfel et al. 1971). And positive feelings towards the in-group
are the sine qua non of this bias: bias is obviously a matter of comparative evaluation, but
previous work has shown that the minimum for in-group favoritism is driven by evaluating the
in-group more positively rather than the out-group more negatively, and it is also clear in real
world situations that one can have “in-group love” without “out-group hate” (Brewer 1999;
Gaertner et al. 1993). However, situations of political conflict and perceived threat link the

1Because, from a feeling thermometer perspective, combining in- and out-party affect is most straight-
forwardly done by subtracting the latter from the former, resulting in a measure of “net (positive) affect”
towards the in-party.
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two together (Brewer 1999), which fits precisely with a net affect understanding of affective
polarization (Iyengar et al. 2012; Lu and Lee 2019; Mason 2015). Furthermore, both are
linked to the salience or strength of an identity as well, with increasing commitment driving
both in and out-group bias (Huddy 2001). This is the basis on which net affect approaches
understand in-party affect as playing a constitutive role in affective polarization. And this
understanding is not some ignored implication of the underlying theory; rather, it has been
routinely recognized and built into specific definitions of affective polarization (see, e.g., Lu
and Lee 2019; Mason 2015)

At the same time, however, there has also been longstanding empirical uncertainty about
the importance of in-group affect. From the very earliest work on affective polarization there
has been a recognition that empirically speaking, in the case of US partisan polarization,
overall changes in net affect have been driven almost entirely by worsening feelings towards the
out-party, while in-party affect has hardly changed at all (Iyengar et al. 2012). This is shown
quite clearly in Figure 2.1, which plots mean in-party affect, out-party affect, and net affect
(in-party affect minus out-party affect) over time, based on data from the American National
Election Studies.2 Though mean in-party affect has fluctuated somewhat, there is nothing
like the precipitous and consistent decline seen with out-party affect. Indeed, it would be
fair to say that this substantial out-party hostility is the thing which is truly new to modern
politics; if we wanted to point to a single statistic as evidence of increasing polarization, this
is would be it. As a result, even much work explicitly grounded in social identity theory
focuses solely on negative affect. Often this is a purely empirical matter, but sometimes
it is a matter of definition as well. However, this has remained largely unremarked from a
theoretical standpoint. That is, much work draws on social identity theory and excludes
in-party affect from investigation, but doesn’t offer any particular theoretical justification
or draw any theoretical conclusions from this decision. To be clear, it is certainly possible,
in a social identity theory based understanding, that in- and out-party affect might matter
differently for polarization. However, to say that in-group affect doesn’t matter at all, that
it isn’t constitutive of polarization, is simply not compatible with the underlying theory of
social identity.

And so recently some work has begun shifting away from using social identity theory as
its primary theoretical justification and instead explicitly taken out-group hostility as fully
definitive. Abramowitz and Webster (2016) introduce the idea of “negative partisanship”3 as
the primary concept of interest, highlighting the fact that partisans increasingly dislike the
other party more than they like their own. Though work on negative partisanship often also
discusses affective polarization as a separate concept, the actual relationship between them is
never really specified and so it frequently functions as a replacement for affective polarization,
even if that is not explicitly argued or intended (Abramowitz and McCoy 2019; Abramowitz
and Webster 2016; Webster and Abramowitz 2017). Beyond negative partisanship, Finkel
et al. have attempted to shift away from the terminology of polarization entirely with the
concept of “political sectarianism”, the “moralized identification with one political group and

2I will discuss the ANES in more detail in the methods section below, so for the moment it will suffice to
say that it is nationally representative survey whose use is incredibly common in the study of polarization.

3Note that, in the rest of the paper, I am using “negative partisanship” in a slightly more general way to
include all those approaches to affective polarization which don’t see in-party affect as constitutive, not only
referring to Abramowitz and Webster’s concept specifically, as here.
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against another” (2020:533). Both negative partisanship and political sectarianism maintain
the innovations which made affective polarization so useful in the first place (e.g. the focus
on social relations, affect, and identity rather than attitudes), but they are nonetheless
conceptually and practically distinct.

Of course, we may be tempted to think that these distinctions don’t really matter, that
they are largely semantic. Or we might imagine that in and out-party affect simply matter
differently, or are connected to different aspects of polarization (a famously multidimensional
concept). Indeed, the current state of the literature might seem to indicate this. On the
one hand, scholars not only continue to use both negative partisanship and net affect based
approaches, but also a variety of approaches in between: from work which looks solely at
net affect, to work which looks at net affect but also disaggregates it into in- and out-party
affect, to work which empirically focuses on out-party affect alone but still grounds itself
theoretically in social identity theory, and so on. On the other hand, we have some empirical
evidence that in- and out-party affect do indeed matter differently in terms of both how much
and how they matter to different political consequences (see, e.g., Banda and Cluverius 2018;
Iyengar and Krupenkin 2018; Iyengar and Westwood 2015; Jardina 2021; Yarchi, Baden, and
Kligler-Vilenchik 2020). However, this is in fact further evidence of the problem: finding that
in- and out-party affect matter differently is fairly clear evidence that these are not irrelevant
word game distinctions. And we can’t simply throw up our hands and say that they matter
differently. Our question isn’t whether in- and out-party affect both matter in some general
sense; rather, our question is a definitional one. The distinction we’re interested in is between
doesn’t matter at all and plays a constitutive role. In other words, when we say that affective
polarization is increasing, what does that actually mean?

And the answer to this question matters, because, when we consider their theoretical
implications more carefully, we can see that net affect and negative partisanship approaches
are not actually compatible. They start from similar places: for both theories, polarization
is a about partisan identities and how they structure social and political relations. Further,
drawing originally on social identity theory, both theories define this division in affective
terms. However, whether in-party affect plays a constitutive role or not implies radically
different theories of how identity and division actually work. By incorporating in-party affect
as constitutive, net affect approaches make two key theoretical claims: first, that in-group
affect is linked to the strength or meaning of an identity. And second, that in-group and
out-group affect may interact in the production of polarization. On the other hand, negative
partisanship approaches necessarily imply the opposite: either in-group affect doesn’t have
any real bearing on the strength of in-group identity, or the nature of that identity isn’t
actually relevant to polarization. These may seem like straightforward differences, but they are
straightforward because they are basic, and their theoretical, methodological, and analytical
consequences are wide-ranging. There are obvious methodological differences in terms of what
to measure, but beyond that these differences change how we should interpret their results,
how we can incorporate them into a wider understanding of polarization beyond affect, what
kinds of methodological innovations might allow us to make further progress, and much more.
Put another way, the issue at stake here is how we substantiate the link between our survey
based, quantitative, definitions and the empirical and conceptual phenomenon of polarization
that we’re really interested in. This is, in essence, an issue of conceptual validity lurking in
the foundations of one of our major understandings of polarization and it is damaging our
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ability to make progress.
These problems are becoming more and more visible in the literature. As mentioned above,

we are finding more and more evidence that in and out-party affect don’t simply differ in how
much they matter, but differ in what they matter to. Thus, while we know out-party affect
frequently has stronger links to various political and non-political consequences, to other
aspects of polarization, etc. (see, e.g., Banda and Cluverius 2018; Iyengar and Westwood 2015),
we also have evidence that in-party affect may play a unique role in affective polarization,
with performances of positive in-group sentiment being used as a way to mark underlying
conflict between groups (Yarchi et al. 2020:17). Similarly, although Lu and Lee (2019) focus
analytically on negative affect, they theorize a number of ways that negative emotions towards
the out-group may result in more positive feelings towards the in-group, exactly the kind
of interactions accommodated by a net affect approach but largely ruled out by a focus on
negative partisanship. And Druckman and Levendusky (2019), in their investigation of what
it actually means to measure affective polarization, find that neither negative partisanship
nor net affect feeling thermometer measures have a clear advantage in terms of how well they
correlate with other metrics (e.g. trait batteries, social distance measures). Given all this,
even though in-party affect shows very little macro variation and out-party affect is driving
changes in overall net affect, we still cannot simply disregard in-party affect on empirical
grounds. We must confront the theoretical issues head on.

But despite their centrality (or arguably because of it), this is difficult to do. To begin
with, we know that we lack the kind of clear aggregate variation on in-party affect that
would provide us with an obvious answer; indeed, this lack is precisely one of the motivations
for negative partisanship approaches. However, we also have evidence that in-party affect
does matter, sometimes in ways indicative of unique importance. Thus, there’s a significant
difficulty in disentangling the clear, evident, well known fact that out-party affect has been the
driver of changes in net bias from the question of whether in-party affect is still meaningfully
constitutive of affective polarization. In other words, we can already see that the variation
isn’t there to answer the question in the obvious way we might like. That said, what we can do
is try and draw inferences about what the two approaches should look like on a smaller scale.
For instance, if we were to find low in-group affect in a case we know to be polarized (in the
general conceptual sense of “division of society into meaningful sides”), then we could fairly
say that in-group affect must not be constitutive. Likewise, finding that the more polarized
of two groups consistently has stronger positive feelings about the in-group would lend some
credence to the idea that in-party affect plays a definitional role. What we need, then, is a
situation which would allow us to enact this kind of theory contest. The question of whether
mass polarization is asymmetric gives us exactly this.

2.2.2 Asymmetry as a Theory Contest
Although the issue of mass asymmetry remains open, we do have clear evidence of asymmetry
at other levels. At the elite level, both congressional voting patterns and party platforms
show Republicans stampeding to the right while Democrats saunter leftwards (Jordan et al.
2014; Lewis et al. 2020; Pierson and Schickler 2020). There is also circumstantial evidence of
asymmetry at the mass level. This is perhaps most obvious in the January 6th insurrection
and the harassment of election officials which both preceded and followed it (So 2021; Tan et
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al. 2021; Wines 2020), but it’s also visible in the way that popular insurgency within the
party has been able to drive repeated turnover in party leadership (see, e.g., Eric Cantor,
John Boehner, and Paul Ryan) and in continued increases in right-wing extremism (Hacker
and Pierson 2020; Skocpol 2020).

Indeed, there’s a strong case to be made that this asymmetry is constitutive of polarization
in the United States. Although assigning responsibility for increasing polarization to any
single cause or actor would be farcical, numerous scholars have identified the Republican
Party as the primary “polarizing actor” whose actions are crucial in explaining both how
we got here and where we’re going (Bermeo 2019; Grossmann and Hopkins 2015; Hacker
and Pierson 2005; Mann and Ornstein 2016; McCoy et al. 2018; Pierson and Schickler 2020;
Sinclair 2006). This determination is grounded partly in the way the party has pursued (at
times) strategies of deliberate intransigence (Mann and Ornstein 2016) and, increasingly,
driven the use of “constitutional hardball” (the strategic choice to violate established norms
to gain a partisan advantage) (Hacker and Pierson 2014; Tushnet 2004). But this goes beyond
the party itself, extending to the unique organizational ecosystem which surrounds it, where
organizations act as “surrogates” for the party and push polarizing narratives (Hacker and
Pierson 2020; Hochschild 2016; Polletta and Callahan 2017). And this all links back to
foundational differences between the parties: the Republican Party is ideologically based
in a way the Democratic Party simply is not, an ideological basis which has become more
and more extreme (Grossmann and Hopkins 2015; Mann and Ornstein 2016; Skocpol 2020).
However, despite all of this, the question of whether mass polarization is asymmetric remains
quantitatively understudied.

As such, mass asymmetry is the perfect place to address the role of in-party affect in
affective polarization. In short, it is an open empirical question worth answering, about which
we have extremely strong expectations, which thus allows us to enact precisely the sort of
theory contest introduced above. Specifically, while we know that everyone has grown more
polarized since the late 1970s (Iyengar et al. 2019), based on the evidence presented above we
clearly expect Republicans to have polarized more than Democrats, and as such we can make
clear hypotheses about what we should see in the development of affective polarization over
time. Now, to be clear, we have no particular expectations about mass asymmetry based on
the role in-party affect does or does not play. However, net affect and negative partisanship
approaches do provide clearly different expectations for how any asymmetry should manifest.

Work which understands affective polarization as a matter of net affective bias obviously
expects to see asymmetry on a net measure of affect. But more than that, it also expects that
asymmetry to persist when the net measure is disaggregated; that is, for there to be asymmetry
on both in- and out-party affect individually. As discussed above, affective polarization is one
case where social identity theory sees in and out-group affect as fundamentally linked: the
stronger an identity, the stronger the affective bias against the out-group and the affective
bias towards the in-group. As such, an asymmetry on one should mean an asymmetry on
both. This doesn’t require an equal asymmetry on both in- and out-party affect, but it must
be present: it could certainly be the case that in-party affect changes less overall, but social
identity theory expects that it will change. We can actually take this a bit further and say
instead that we would expect a strengthening inverse relationship between in-party and
out-party affect over time, one which gets stronger faster for Republicans than Democrats.

On the other hand, a negative partisanship approach expects to see asymmetry only on
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out-party affect. At first, this might seem like a strong claim and that a focus on negative
partisanship is really merely ambivalent to in-party affect. However, this would ignore the
basis for focusing on negative partisanship in the first place. This basis is twofold: first, an
essentially complete lack of interesting variation on positive in-party affect over time (in
the aggregate), and second, an argument that there is a more direct link between negative
out-party affect and the substantive, real-world, consequences of polarization (e.g. contempt
for members of the out-party). Thus, the negative partisanship perspective expects asymmetry
only on negative out-party affect, as asymmetry on positive in-party affect is exactly the
kind of meaningful variation which has been implicitly (and sometimes explicitly) ruled out.
Indeed, any sort of consistent development in in-party affect over time would be somewhat
anomalous from this perspective. Not only should there be no asymmetry on in-party affect,
but there should also be no real relationship between in- and out-party affect developing over
time.

We can now see how framing our investigation around mass asymmetry solves some of
the difficulties inherent trying to address the issue of in-party affect. The main problem is
the apparent contradiction between a lack of clear aggregate variation on in-party affect and
various evidence that in-group affect plays a (potentially unique) role in affective polarization.
Looking at the question of asymmetry over time helps us in a few ways. Most simply, it means
comparing subgroups (i.e. Republicans and Democrats) and therefore opens up the possibility
of variation at the subgroup level which isn’t visible in aggregate. Indeed, our interest isn’t in
overall change per se, but rather in relative change between groups. Furthermore, looking
at the development of asymmetry over time means that we’re looking at deviations from
the overall trend. The question is whether the change over time for Democrats is the same
as it is for Republicans, and it is those changes which should correspond to the underlying
expectations of a net affect of negative partisanship understanding of polarization. And it’s
not just that we’re comparing groups in the context of an overall trend, it’s that it’s these
two groups. The asymmetry we’re expecting to see is, based on all evidence, foundational to
polarization in America. Because of this, we might expect to see differences here which might
not show up along other axes. In other words, if in-party affect plays a constitutive role in
affective polarization, then we should see it here, in this comparison. If we don’t see it here,
then it likely doesn’t matter.4

2.2.3 But What Does It Mean?
To sum up then, here’s what we expect to see: as a baseline, affective polarization should
increase for all partisans. However, based on a range of evidence, we expect it to increase
asymmetrically (that is, to increase more, faster) for Republicans than Democrats. If net
affect approaches are right and how much you like your own party is an essential part of
affective polarization, then we should see at a least a small increase in how much Republicans
like their own party compared to how much Democrats like theirs, along with a strengthening
association between in-party warmth and out-party animus for Republicans. On the other

4To be clear, I don’t mean at all to imply that disaggregating partisans to compare Democrats and
Republicans is some kind of innovation in itself. That would be self-aggrandizing in the extreme. Rather, the
point is simply that doing so in this way, over this span, to look at this question, is, if not new, then at least
useful.

14



hand, if negative partisanship approaches are correct and in-party affect is basically irrelevant
to the issue of polarization, then we should see no real changes on in-party affect or its
relation to out-party animus.

Having such a clear theory contest has both upsides and downsides. With strong ex-
pectations built on the two major affective theories of polarization along with extensive
empirical evidence of asymmetry, findings which don’t fit raise fundamental questions for
our current theories of polarization. On the one hand, finding that mass polarization is in
fact symmetrical, occurring evenly and equally for Democrats and Republicans, wouldn’t be
decisive for the issue at hand, but would imply a shocking disconnect between qualitative
observations and our quantitative measures of polarization. And that would, arguably, be
a best case scenario: finding asymmetry in favor of Democrats or asymmetry on in-party
affect would wildly contradict any and all of our expectations. It would imply either an even
stranger disconnect between empirical observation and quantitative measure or a foundational
issue with our understanding of polarization. It would fundamentally undermine the ways
in which we have, up to now, been understanding the links between measures of affect and
the concept of polarization as such. But this is in fact what we find: asymmetry towards
Democrats and asymmetry on in-party affect.

2.3 Data and Methods
Conceptually, the analytical strategy required here is straightforward: in order to compare the
predictions of net affect and negative partisanship approaches about asymmetric polarization,
I just need to look at the development of polarization over time, by party, and see how it
manifests on net, out-party, and in-party measures of affect. However, things are a little more
complex in practice. First, rather than relying simply on graphs of affect over time,5 I use
interactions and year fixed effects to show how associations between partisan identity affect
change over time, net of other factors. Additionally, as discussed above, I’m not interested
only in the association between party identification and affect, but how in and out-party affect
are related for partisans on each side and whether that changes over time. This introduces
additional complexities in modeling and interpretation which I discuss below.

I conduct this analysis using data from the American National Election Studies (henceforth
the ANES). The ANES is a nationally representative survey which has run in every presidential
election year since 1948 and in midterm years from 1954 to 2002. This extremely long tenure
(longer than the General Social Survey by more than twenty years) combined with its focus on
elections (and thus politics) make these data extremely well suited to the study of polarization,
particularly over time. Of course, the ANES must strike a balance between asking consistent
questions over time and changing the survey to match contemporary concerns, preventing me
from making use of its full historical scope. Nevertheless, the questions available do allow
me to look at the period from 1978 to 2016, which is almost precisely the period during
which we know affective polarization developed and thus our period of empirical interest.6

5Although I do also include straightforward graphs of net, in, and out-party affect over time, by party, in
Appendix A.

6I provide additional contextual analyses using alternative dependent variables in Appendix B which look
at the period from 1954 to 2004. These analyses confirm the affective polarization really only takes off in this
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Furthermore, looking at the development of differences over time in this way is important
because polarization is a process, and this allows me to look for relatively durable differences
in trajectories, rather than simply spotting differences in single survey years (DiMaggio et al.
1996).

2.3.1 Variables
To look at asymmetry in mass affective polarization, I first need measures of affect as my
dependent variables. The goal here is to measure net affect as well as in- and out-party affect
on their own. As mentioned above, feeling thermometers for affect towards the Republican
and Democratic parties are one of the main ways to do this. Feeling thermometers in the
ANES ask respondents to rate how they feel about a group (in this case, each party) on scale
from 0 to 100, where 0 is cold and 100 is warm.7 I use these to capture in- and out-party
affect, based on respondent self-ID, and combine them into a net affect measure by simply
subtracting out-party from in-party affect.8

For my independent variables, I first use a simple dummy variable for party, 1 if the
respondent is a Democrat and 0 if they are a Republican.9 Then, to get at development
over time, I include the year of the survey, both as an indicator (i.e. as a series of dummies
with one for each year) and as an integer. This allows me to look at trends over time net of
year-to-year fluctuations (Brooks and Manza 2013 use a similar strategy).

I also include a variety of additional controls in the regression models. To focus purely on
party identification as such, I control for both the strength of partisan identification (a scale
from 1, leans, to 3, strong) and ideological extremity (a scale from 0, moderate, to 3, strong
liberal/conservative).10 These are accompanied by a set of demographic controls: years of
education, income, female (dummy), African American (dummy), age, southern residence
(dummy), and frequency of church attendance.

2.3.2 Methods
The purpose of the analysis is to demonstrate whether affective polarization has developed
asymmetrically for Democratic versus Republican partisans, and further to show the role
of in vs. out-party affect in any asymmetry. In order to do this, I present a series of three
regressions below, one for each of the feeling thermometer dependent variables: net affect,
in-party affect, and out-party affect. In each model, I include the above mentioned set of
controls and the dummy for Democratic identification. I allow for the development of partisan

more recent period.
7Note, however, that the ANES cumulative data file codes all responses between 97 and 100 as 97 (for

convenience of harmonizing across surveys), so the actual data ranges from 0 to 97.
8These measures are undefined for true independents, as they have no in or out party. However, they

are defined for independents who lean towards one of the parties, as I have followed standard practice and
counted partisan leaners as identifying with the party they lean towards (Druckman, Peterson, and Slothuus
2013).

9As mentioned, I follow previous work and count “leaners” as partisans.
10Previous work has highlighted the role of partisan sorting, or the degree to which identification and

ideology match up (Mason 2015). All results presented here are substantively the same if partisan sorting is
used instead of strength of identification and ideology.
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asymmetry over time by interacting Democratic identification dummy with year.11 I do the
same with the strength of partisan identification and ideological extremity, because previous
work leads us to expect these to have stronger effects over time (Mason 2015).

As it stands, these models would allow me to look at the link between party identification
and affect over time, but not at the relationship between in- and out-party affect for Democrats
and Republicans, which is one of the major ways to not only establish a meaningful asymmetry,
but also discover whether in-party affect plays an important role in it. To do this, the in- and
out-party affect models each include the other measure of affect (i.e. out- or in-party) as an
independent variable in a three-way interaction with both Democratic identification and year.
As a result, I see not only any asymmetry on affect, but also whether in- and out-party affect
are linked to one another differently for Democrats and Republicans, and whether these links
change over time.

However, while two-way interactions are fairly straightforward to interpret, three-way
interactions raise additional difficulties for substantive interpretation, even if they are not
conceptually difficult. In a standard OLS regression with no interactions, each coefficient
represents the change in the dependent variable given a unit change in the predictor. This is
the “marginal effect” of that predictor and is a good measure of that predictor’s substantive
relationship with the outcome. A two-way interaction means that a predictor’s marginal
effect is contingent on the value of another predictor (i.e. the one it is interacting with), and
a three-way interaction makes it contingent on the value of yet another predictor.

Is is precisely this contingent variation that we are interested in: below, we will focus
on two questions. First, how the marginal effect of Democratic identification on net, in, or
out-party affect varies over over time, and second, how the marginal effect of in/out-party
affect on out/in-party affect varies over time for each party. I calculate all of these as a
kind of average marginal effect, obtained by calculating the marginal effect of the variable
of interest at every observed value and taking the average. Specifically, these are marginal
effects at representative values, in which the above procedure is followed repeatedly with
some covariates held at values of interest (i.e. across the range of survey years or Democratic
vs. Republican identification). This will result in clearly interpretable values showing the
substantive association between our variables of interest, e.g. if Democratic identification had
a marginal effect of 1 point on net affect in 1978, but an effect of 7 points in 2016, then we
can say that partisan affect has developed asymmetrically because the impact of being a
Democrat (as opposed to a Republican) has increased.12

2.4 Findings and Discussion
Before looking at the marginal effects themselves, Table 2.1 shows the results of the three
regressions.13 Each column of the table shows the results for the regression on one dependent

11As mentioned above, year is a continuous variable in these interactions, while it is included as a dummy
in the main effects model. This can show trends over time net year-to-year fluctuations.

12For more on the use of marginal effects and the use of AMEs vs. MEMs vs. MERs, in addition to the
already mentioned Hanmer and Ozan Kalkan (2013), Leeper (2018), and Williams (2012), see also Druckman
et al. (2021) for an example of a similar empirical application and Long and Mustillo (2018) for a theoretical
discussion.

13For a comparison of the main effects models with the interaction models presented here, see Appendix C.
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variable: first net affect, then in-party affect, then out-party affect. What might first appear
most striking is the size and direction of the main effects for Democratic identity, partisan
strength, and ideological strength; however, this is simply an artifact of the model specification:
the main effects must be large because the interactions are with the year of the survey, whose
value ranges from 1978 to 2016. Given that, the interactions become much more interesting,
and they are, indeed, where we should focus our attention. Looking at the interaction between
year and Democratic identity, we see that, for both the net affect and in-party affect models,
the impact of Democratic identity gets stronger over time. On the other hand, there is no
significant difference between Republicans and Democrats on out-party affect. At the most
basic level, then, these regressions indicate that Republicans and Democrats both dislike the
other party increasingly over time to similar degrees, but that the development of in-party
affect has been asymmetric in favor of Democrats.

Table 2.1: Effect of Democratic ID on Net Affect, In-Party Affect, and Out-Party Affect

Dependent variable:
Net Affect In-Party Affect Out-Party Affect

(1) (2) (3)

Democrat −389.147∗∗∗ (53.378) −445.394∗∗∗ (65.856) −41.695 (158.644)
Dem x Year 0.197∗∗∗ (0.027) 0.225∗∗∗ (0.033) 0.022 (0.079)
Out Therm 1.487 (1.241)
Dem x Out 4.854∗∗ (1.517)
Out x Year −0.001 (0.001)
Dem x Out x Year −0.002∗∗ (0.001)
In Therm 5.205∗∗ (1.715)
Dem x In 1.640 (2.205)
In x Year −0.003∗∗ (0.001)
Dem x In x Year −0.001 (0.001)
Partisan Strength −90.066∗∗ (33.385) −42.827∗ (21.124) −31.185 (28.160)
Partisan Strength x Year 0.052∗∗ (0.017) 0.025∗ (0.011) 0.013 (0.014)
Ideological Strength −183.822∗∗∗ (28.247) −14.257 (17.973) 148.677∗∗∗ (21.970)
Ideological Strength x Year 0.095∗∗∗ (0.014) 0.008 (0.009) −0.077∗∗∗ (0.011)
Black 5.816∗∗∗ (0.526) 4.127∗∗∗ (0.327) −1.444∗∗∗ (0.412)
Income −0.487∗∗ (0.156) −0.630∗∗∗ (0.097) −0.156 (0.121)
Age 0.046∗∗∗ (0.010) 0.048∗∗∗ (0.006) 0.002 (0.007)
Gender 1.163∗∗∗ (0.323) 1.361∗∗∗ (0.200) 0.195 (0.251)
Education 0.047 (0.199) −1.264∗∗∗ (0.124) −1.308∗∗∗ (0.155)
South −0.376 (0.351) −1.741∗∗∗ (0.218) −1.384∗∗∗ (0.273)
Church Attendance 0.560∗∗∗ (0.105) −0.317∗∗∗ (0.065) −0.858∗∗∗ (0.081)

Observations 26,738 26,738 26,738
R2 0.233 0.204 0.201

Note: ∗p<0.05; ∗∗p<0.01; ∗∗∗p<0.001
Year fixed effects not displayed.
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2.4.1 How Big an Asymmetry?
In order to see just how asymmetric, we turn now to look at how the marginal effects of
Democratic identification vary by year. Figure 2.2 shows the average marginal effect of
Democratic identification on net affect in each year. In other words, Figure 2.2 shows us the
difference in net affect associated with being a Democrat, rather than a Republican, over
time. And it is a substantial difference: while in 1978 there was no significant difference at
all, in 2016 the difference had grown to around 7.5 points. Now, this might not initially seem
that consequential on a scale with a maximum value of 100; however, the total change in
average net affect between 1978 and 2016 was just under 18 points, making this asymmetry
larger than a third of the total change.
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Figure 2.2: Marginal Effect of Democratic ID on Net Affect

That we see an asymmetry towards Democrats, much less such a substantial one, is
surprising on its own, but looking at the marginal effects of Democratic identification on the
separate in- and out-party affect models in Figure 2.3 really makes clear that this asymmetry
is driven nearly entirely by in-party affect. While Democratic identification does, by 2016, have
a small marginal effect on out-party affect, it’s substantively very weak, and is statistically
indistinguishable from zero in some alternative specifications of the model.14 On the other

14Note that this asymmetry on out-party affect is still an asymmetry towards Democrats: increased out-
party affect would be increasing warmth towards the out-party, so decreasing out-party affect is linked to
polarization.
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hand, Democratic identification was associated with a 5.5 point increase on in-party affect in
2016, compared with no statistically significant effect in 1978. Once again, while this might
at first seem relatively small, it is approaching a third of the total increase in net affect over
the period.
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Figure 2.3: Marginal Effects of Democratic ID on In- and Out-Party Affect

The size of these effects is apparent even when compared to the impacts of partisan strength
and ideological extremity on net affect, shown in Figure 2.4. Now, to recognize the obvious,
both partisan and ideological extremity have larger effects on net affect than Democratic
identification, particularly when we consider that marginal effects are not standardized:
partisan strength is a three point scale and ideological extremity is a four point scale
while Democratic identification is a dummy variable. However, the literature is pretty much
unanimous on the point that partisan and ideological strength are key to explaining affective
polarization, so it would be truly strange to find them not doing the lion’s share of the
explanatory work here. Thus, the fact that the effects of Democratic identification are even
on the same scale speaks to their importance. This comparison also serves to remind us that
the effects of Democratic identification are net of other covariates, including partisan strength
or ideological extremity.

Based on this, we can clearly say that we do find a substantial asymmetry in affective
polarization, but towards Democrats rather than Republicans, driven by in-party affect. This
completely reverses our empirical expectations: we had expected an asymmetry towards
Republicans, matching the clear asymmetry seen in elite polarization and elsewhere, and for
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Figure 2.4: Marginal Effects of Partisan and Ideological Strength on Net Affect
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that asymmetry to manifest either on both in- and out-party affect or on out-party affect
alone. But, while this is a compelling finding already, examining the the relationship between
in- and out-party affect strengthens it further.

2.4.2 In-Group Love and Out-Group Hate
Where the marginal effect of Democratic identification on affect showed us a basic asymmetry,
looking at how the marginal effect of out-party affect on in-party affect varies over time and
by party provides more foundational evidence of the role of in-party affect.15 On the one
hand, a negative partisanship understanding of affective polarization implies that in-party
affect and out-party affect shouldn’t have any particular relationship at all, while a social
identity theory based net affect understanding would expect them to develop a reciprocal
relationship as polarization grows. Looking at variations in the marginal effect of out-party
affect on in-party affect lets us look at this directly, which is what Figure 2.5 does.
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Figure 2.5: Marginal Effect of Out-Party Affect on In-Party Affect, by Party

Based on Model 1 in Table 2.1, Figure 2.5 shows the marginal effect of out-party affect on
in-party affect in each year, for each party. Thus, we can see that in 1978 a one point decrease
in out-party affect was associated with a (statistically insignificant) .012 point decrease in

15I’m presenting only the out-party on in-party marginal effect here for the sake of simplicity. The results
of the reverse (the in-party on out-party marginal effect) are substantively the same and result in essentially
identical interpretation with no analytic gain.
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in-party affect for Republicans and a (significant) .037 point decrease for Democrats. And we
can see how these associations have developed over time, such that, in 2016, out-party affect
had no statistically significant relationship with in-party affect for Republicans, but it did
for Democrats, with each point of change in out-party affect being associated with a .084
change in-party affect. In short, for a Democrat in 2016 in-party and out-party affect were
reciprocally related in a way they simply were not for Republicans.

This may seem like a minor point, given the size of the effects, but these effects are
larger than they look. In terms of a substantive comparison, if we imagine a Democrat and a
Republican in 1978 and in 2016, and then look at how big of a difference going from fully
loving the other party to fully hating the other party would make on in-party affect, we
see the following: in 1978, a Democrat who went from loving the other party to hating it
would like their own party less by about 3.7 points. On the other hand, the same change
in 2016 would result in an over 8 point increase in in-party affect. In other words, over the
time period considered, the potential impact of out-party affect changed for Democrats by
about 12 points, or more than a tenth of the scale. For Republicans, on the other hand, there
was never a statistically significant relationship between out-party affect and in-party affect.
Indeed, even assuming the point estimates are accurate, we see impacts of less than two
points, even across the whole scale of variation.

That said, the point is not that these are huge effects; indeed, making an argument about
magnitude based on the maximum possible effect size would be questionable. Instead, the
point is rather that these effects are present and meaningful in magnitude, and that they
cannot and should not be dismissed as too small to matter. Fundamentally, the simple fact
that we see any meaningful relationship between in-party love and out-party hate, that it
develops over time, and that we see it for only Democrats, is the finding.

2.5 Conclusion
The results presented here strongly indicate asymmetric polarization in favor of Democrats,
based almost entirely in the asymmetric development of in-party affect. Furthermore, they
also show the development of a reciprocal relationship between in- and out-party affect for
Democrats and not for Republicans. This is both empirically and theoretically surprising:
empirically, this was an attempt to confirm that Republicans are more polarized than
Democrats at the mass level, in line not only with what we know about elite polarization,
but also with a variety of circumstantial and qualitative evidence. And theoretically, this
investigation was motivated by the ongoing debate about the role of in-party affect in
affective polarization: on the one hand, net affect approaches see in-party affect as playing
a constitutive role, while negative partisanship discounts in-party affect and sees out-party
animus as definitive. In the context of expected asymmetric polarization towards Republicans,
these two theories make clear predictions about what that asymmetry should look like and
what role in-party affect should play in it. Thus, looking at mass asymmetry was intended
as a kind of theory contest between net affect and negative partisanship understandings of
affective polarization based on the strength and clarity of our empirical expectations.

Obviously, these findings rather put paid to that neat idea. Not only do they contradict
our clear empirical expectations, but on a theoretical level, they are akin to a bull in a china
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shop: unexpected and destructive. At a basic level, finding this kind of meaningful variation
on in-party, but not out-party, affect contradicts one of the basic ideas behind negative
partisanship theories. But net affect approaches also lack a convincing explanation. It is
true that social identity theory, on which net affect approaches are based, generally gives
theoretical primacy to in-group affect and doesn’t necessarily find this kind of asymmetry
problematic as a rule (see, e.g., Brewer 1999); however, political polarization is one of the
cases where we would expect a reciprocal relationship between in-party and out-party affect,
based on both social identity theory itself and previous work on net affect approaches (Brewer
1999; Mason 2015). So this is a case where, theoretically, we precisely would not expect an
unmooring of in- and out-party affect, but this is exactly what we see for Republicans.

Now, we do see a reciprocal relationship between in- and out-party affect develop among
Democrats, but this actually raises more questions than it answers. To begin with, this link
develops without any asymmetry on out-party affect. So, while Republicans and Democrats
both like each other less and less, to roughly equivalent degrees, it is only for Democrats that
this dislike is linked with how they feel about their own party. Even given that this were
theoretically sensible, it is still wildly out of line with our empirical expectations. And this
issue actually gets worse: if net affect approaches are right, then this kind of link between
positive and negative affect should be present for everyone who’s polarized. So we could
conclude from this that only Democrats are polarized, and whatever is happening with
Republicans isn’t really polarization. Indeed, there are arguments from social identity theory
that the kind of purely negative affect driven change seen among Republicans is not, properly,
a case of group-based behavior at all (Brewer 1999). However, while this would perhaps
be a theoretically tenable position from a social identity theory perspective, it isn’t really
plausible by the lights of any previous work on affective polarization. All that said, the
reciprocal relationship for Democrats does support the net affect idea that in-party affect
plays a constitutive role in polarization. It even undermines one of the basic motivations
for negative partisanship approaches in the first place, namely that negative affect is more
substantively connected to polarization. This may still be true, but we can also say that, at
least for Democrats, any connection out-party affect has to polarization, in-party affect also
has. It may be weaker, but it is there.

The impact of these findings is exacerbated by the role played by partisan identification.
Both negative partisanship and net affect approaches point to partisan identification as the
fundamental object of concern, and so the fact that this unexpected asymmetry is linked
directly to partisan identification as such, net of other factors, is doubly troubling.

These anomalous findings are, I think, tremendously consequential, especially for net
affect and negative partisanship approaches. But before elaborating those consequences, I
want to clarify that the point here is not to suggest we throw out net affect and negative
partisanship and their contributions, far from it. While, as I have and will argue, the findings
above should prompt theoretical innovation, they do not erase the basic insights won by
previous work on affective polarization. Indeed, this paper is admittedly limited in important
ways. Most obviously, the methods here are incapable of causal identification, and so it’s
possible that the partisan asymmetry found here is grounded in some other factor. Beyond
that, I have not looked directly at any “polarization related” outcomes, e.g. willingness to
discriminate against the out-group, assessments of governmental legitimacy, etc. This is one
of the areas where negative partisanship approaches have made some of their strongest claims,
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and it is an area I cannot address directly. Finally, while the feeling thermometer measures of
affect that I use are standard in the literature, and have been found to generally correspond
well to other ways of measuring affective polarization, they do have limitations (Druckman
and Levendusky 2019; Mason 2018).

But these findings are important despite their limitations, and we should not give in
to an easy temptation to minimize them. In particular, it may seem that the magnitude
of the asymmetry doesn’t justify such strong conclusions: surely a 5.5 point asymmetry on
in-party affect isn’t really meaningful in comparison to, for instance, the 22 point drop in
average out-party affect from 1978 to 2016. And, as said, I certainly am not arguing that the
changes in out-party affect aren’t important, or even central. However, that is also not the
point: given that we were expecting either no asymmetry on in-party affect or no asymmetry
without a matching asymmetry on out-party affect, the question isn’t “which of these is
larger”, but rather “is this asymmetry substantial”. In other words, the proper point of
comparison isn’t 22, it’s 0. More basically, one could argue that neither this asymmetry nor
the reciprocal relationship between in- and out-party affect for Democrats are actually related
to polarization, that in-party affect is (following negative partisanship) irrelevant, and that
whatever is going on here is something else entirely. But that wouldn’t change how empirically
unexpected these findings were in the first place, nor would it be terribly convincing in the
face of the argument above. These findings demand explanation; they require us to somehow
reevaluate our understanding of affective polarization.

To do this, we must start by bringing institutional and historical context into the core of
our theories: the issues raised by my findings make apparent the basically “institutionally
‘thin’ ” nature of our quantitative theories of affective polarization (Pierson and Schickler
2020:52). Pierson and Schickler argue that we need a “developmental analysis” of polarization,
which considers polarization as a historical process enmeshed in and responding to various
institutional configurations (2020:38). This is something which net affect and negative
partisanship approaches, in their basic forms, have trouble doing, as they explicitly ignore
contextual factors like the content of different identities, their social positions, etc. in order
to focus solely on the fact of identification itself (for an elaboration of this critique of social
identity theory specifically, see Huddy 2001; for examples of this issue in the literature, see,
e.g., Mason 2015). But, as our discussion of elite and organizational asymmetry above makes
clear, the content of identities matters, their unique institutional ecosystems matter. And
it is not simply that attention to context should inform our expectations, but rather that
context should play a role in defining what we call polarization in the first place. This is
clear when we consider, for a moment, the use of feeling thermometers: the in- and out-group
affect they measure is understood to be definitive of polarization when looking at Democrats
and Republicans, but not with any other identity pair. Up to now, we’ve been silently relying
upon assumptions about the current context to justify this (along with, obviously, some
unique facts about partisan identities). The unexpected results here don’t directly “prove”
that we cannot use feeling thermometers in this way, but they should show us that we ought
to consider whether or previous assumptions are reliable. Put another way, one of the reasons
these findings are difficult for previous theories to assimilate is because we lack a rubric for
establishing what they actually mean.

In fact, the issue is deeper than that of historical or institutional context: that the asym-
metry found here not only doesn’t match our expectations, but almost perfectly contradicts
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them in a way which cannot really be fit into either of the dominant theories, demonstrates
that we need to reconsider what exactly affect actually means. Generally speaking, affect
has been taken to be simply representative of bias, either in-group favoritism or out-group
prejudice, and therefore of (affective) polarization. This is not an unreasonable assumption,
grounded as it is in social identity theory (see, e.g., Brewer 1999; Tajfel and Turner 1979),
and it has a degree of support in previous work looking at the impact of affect on biased
outcomes (see, e.g., Iyengar and Westwood 2015). Indeed, I suspect that in many cases such
an assumption may well be justified. However, in neither social identity theory, nor the
various theorizations of negative partisanship, is affect per se taken to be the fundamental
issue. Rather, the fundamental issue in both cases is identity, with affect merely being a
way to conceptualize and measure the degree of bias associated with that identity. Indeed,
the operative question for social identity theory is really about how group members are
able to establish their identity’s positive distinctiveness vis-a-vis relevant out-groups (Brewer
1999; Huddy 2001; Tajfel and Turner 1979). But, as just discussed, the specifics of different
identities matter, and so we need to consider the possibility that affect (either positive or
negative) may function differently for the different partisan identities or in different situations.
For instance, the fact that in- and out-party affect are connected for Democrats but not
for Republicans could be because only Democrats are really polarized. But it could also be
because in-party affect means something different for Democrats than it does for Republicans.
In terms of social identity theory, perhaps the generalized sense of “warm” affect measured
by a feeling thermometer captures a key part of the “positive distinctiveness” of Democratic
identity, but has no such meaning for Republicans.

If affect doesn’t have a perfectly fixed meaning, this then serves to make the specifics
of institutional and historical context all the more important. A developmental analysis of
polarization is necessary not only because we need to better understand the assumptions
which undergird our measures, as I suggest above, or to understand the self-regulating versus
self-reinforcing developmental contexts, as Pierson and Schickler (2020) originally argue, but
because our measures may not have a fixed meaning at all. It is precisely through careful
attendance to context, to the particular meaning and content of different identities, their
unique institutional environments, and their specific histories, that we can make empirically
and theoretically well grounded arguments about how to measure polarization. The point is
not that we should throw out previous work, but rather that the surprising findings presented
above complicate the fundamental claim of a simple and straightforward relationship between
affect and polarization.

To try and make concrete just how and why this matters, I want to close by suggesting
a possible explanation for the anomalous findings presented here, one grounded in the
theoretical arguments above. Taking as our starting point the basic idea that we can no
longer rely upon a direct correspondence between affect and polarization, we can explore
a previously understudied theoretical prediction from within the literature on polarization,
namely that polarization should lead to increasing intra-party, rather than only inter-party,
conflict (McCoy and Somer 2019:246–47). This conflict should arise partly for strategic
reasons, but also from a growing commitment to group uniformity in the context of a political
struggle which feels increasingly existential (Somer and McCoy 2019:14). Now, because the
meaning of affect is not fixed, neither over time nor by party, we can hypothesize that we
should see this intra-party conflict manifested on in-party affect. Thus, rather than in-party
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affect acting as a measure of positive in-group image, I want to suggest that it may act
partly as a metric of dissatisfaction. That is, under conditions of increasing polarization,
in-group affect may convey less about the comparative evaluation of the in-group versus the
out-group than it does a disappointment with the actual existing in-group (as distinct from
the prototypical ideal of the in-group, for more on this see Huddy 2001).

In theory, the basic story would look something like this: as we’ve discussed, Republican
elites are more polarized than Democrats and are indeed acting as a polarizing actor; in doing
this, they have managed to convince their base of the seriousness of the the political struggle,
that Democrats are a threat, potentially an existential one. Of course, Republican elites have
not managed to defeat that threat, however, and as a result their base is dissatisfied with
what the party is doing to address it, a dissatisfaction which manifests in the asymmetry
on in-party affect I have shown above. Indeed, this would also explain the lack of any link
between in-party love and out-party hate for Republicans: if this dissatisfaction hypothesis is
correct, then we naturally wouldn’t expect the partisans who are happiest with their own
party to be those who most dislike the Democrats. Now, to be clear, this explanation is purely
hypothetical at this point, and it would still leave some questions unanswered, e.g. why don’t
Democrats suffer from dissatisfaction in the same way. But it would also suggest plausible and
testable answers: it may be that the behavior of political elites is critical, or that Democrats
are actually less polarized. The point here is not to provide a definitive explanation, but
rather to show how the theoretical consequences of the findings above can help show us a
way forward. Whether dissatisfaction is actually driving things, it is a promising hypothesis
with clear implications and shows how rethinking polarization in light of the failed theory
contest presented here actually opens up exciting new possibilities.
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Chapter 3

Strangers in their Own Party:
Dissatisfied Partisans and the
Worldview Model of Polarization

3.1 Introduction

On January 6th, 2021, hundreds of Trump supporters stormed the Capitol in an attempt
to overturn President Biden’s victory in the November 2020 presidential election (Tan et al.
2021). At the same time, 61 Congressional Republicans attempted to do the same as they
objected to the certifying of Arizona’s electoral college results (Tan et al. 2021; Wagner et al.
2021). This kind of assault, both physical and institutional, on the federal electoral process is
unprecedented in modern American politics. And yet it was not only true that, as one rioter
said, “our president wants us here”, but that much of their party did too (Barry, McIntire,
and Rosenberg 2021). Indeed, this was only the natural outgrowth of Republican attacks on
the electoral process dating from long before the election itself and continuing to this day
(Epstein and Lerer 2021).

This larger assault is, itself, just one symptom of the increasing polarization of American
politics: as polarization ramps up, it sharpens political contention and poisons the political
process, ultimately threatening the very contingent consent upon which democracy relies
(Hacker and Pierson 2005; McCoy et al. 2018). But this danger is fundamentally one-sided:
though both parties have been impacted by growing polarization, there is simply no Democratic
equivalent to any part of the story of January 6th. The reasons for this are, in some ways,
very clear: asymmetry is one of the constitutive facts of polarization at the elite level. Not
only is the Republican Party measurably more extreme than the Democratic Party, it is
also clearly responsible for polarization in a way the Democratic Party largely is not: in the
development of polarization in the US, it is the Republican Party that has played the role
of the polarizing actor (Bermeo 2019; Grossmann and Hopkins 2015; Hacker and Pierson
2005; Mann and Ornstein 2016; McCoy et al. 2018; Pierson and Schickler 2020; Sinclair 2006).
Likewise, the asymmetry is clear qualitatively at a more popular level, in the unique role of
Republican popular organizations in pushing polarizing narratives, the repeated turnover in
party leadership due to popular insurgency (see, e.g., Eric Cantor, John Boehner, and Paul
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Ryan), and the continued increases in Republican right-wing extremism (Hacker and Pierson
2020; Skocpol 2020). This makes it all the stranger, then, that quantitative work on mass
polarization is essentially ambivalent on the question of asymmetry; indeed, the common
approaches neither capture nor explain it.

In this paper, I argue that this ambivalence stems from the fact that this asymmetry is
not merely a difference of degree, but a difference in kind. Previous approaches are powerful
but, due to the assumptions on which they rely, they have been limited in their ability to
grasp an asymmetry of this kind. In response, I propose a new theory of polarization, one
which builds on recent insights from sociological approaches to polarization grounded in the
relational nature of meaning (Boutyline and Vaisey 2017; DellaPosta 2020) with the concept
of affective polarization from political science (Iyengar et al. 2012; Mason 2015) and defines
polarization in terms of the persistent patterned relationships between affect, attitudes, and
judgments, bound to particular political identities. In essence, polarization is a population
level consequence of shared evaluative schemas (cf. Brooks and Manza 2013). This is the
worldview model of polarization. If polarization is fundamentally about the increasing division
of society into meaningful political “sides” (usually two),1 an “us” and a “them” between
which compromise and understanding is increasingly difficult (DellaPosta 2020; Finkel et
al. 2020; Iyengar et al. 2012; Lelkes 2016; McCoy et al. 2018), then the worldview model
focuses on assessing how those sides view one another and the political or social struggles
they’re involved in. Looking at relationships in this way not only fits well with polarization
on a conceptual level, it also provides the analytical leverage necessary to more directly
operationalize specific insights from conceptual (or qualitative) definitions of polarization.

I then demonstrate the worldview model by using data from the American National
Election Study to track the relationship between partisan identity, affect, threat, and fear and
thereby assess the development of mass polarization (and asymmetry) over time. In essence,
I look at the degree to which each party’s partisans 1) see the other side as a threat, 2) fear
the other side, 3) hate the other side, and whether those things are related. Previous work on
polarization has posited these sets of related judgments as definitional of a polarized identity.
And so it is these relationships that are key: polarization consists not merely in disliking the
other side, but in that dislike coming coupled with further evaluations and judgments, in
other words, with a worldview. Thus, the more perceptions of threat, fear, and hate/dislike
hold together, the more evidence for a polarized worldview in aggregate. Asymmetry, then,
will then appear in the degree to which these things are more or less strongly related for
Democrats vs. Republicans. In the same way, I also examine how threat and fear relate to how
much partisans like their own party, an area where predictions from previous work are much
less clear. In this way, I both validate this new approach against a clear set of expectations,
and demonstrate the additional analytical leverage it provides by intervening in an ongoing
definitional question.

Ultimately, I do find the expected asymmetry in polarization, with Republicans developing
a far stronger and more consistent connection between feelings of threat, fear, and dislike
of the out-party. However, I find nearly the opposite with regard to in-party affect, where
it is Democrats who see these relationships growing stronger, faster. This surprising finding

1However, see, e.g., Lauka, McCoy, and Firat (2018) or, for a related point, Fischer and Hout (2006) and
Fischer and Mattson (2009) on “fragmentation”.
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suggests a potentially critical explanation: that Republicans are dissatisfied with their party,
judging it for not taking the Democratic threat seriously enough. This would explain the
overall differences in trends between the parties and help explain why there has been no
Democratic equivalent to the January 6th insurrection, or the institutional assaults on the
federal election process which preceded and followed it: this dissatisfaction may be part
of a feedback loop of radicalization, in which Republican elites so effectively present the
Democrats as a true and dire threat that their base is dissatisfied with the party’s response
and demands yet stronger statements, yet stronger actions, statements and actions which
then further demonstrate the severity of the threat. Though it is outside the scope of the
paper to fully validate it, this theory of dissatisfied partisans caught in a feedback loop does
fit with both specific theoretical predictions about polarization (McCoy and Somer 2019),
and the empirically visible pattern of increasing radicalism and popular insurgency which
seem to have possessed the Republican Party. Both the worldview model of polarization
and the empirical findings presented here, then, are significant contributions to the study of
polarization specifically, and the study of popular political identity more generally.

3.2 Context and Theory

3.2.1 What’s Polarization and What’s Wrong With It?
In order to understand why I’m proposing a new theory of polarization, we first need to
understand why previous quantitative theories can’t really capture asymmetry. Broadly
speaking, previous quantitative approaches fall into one of two camps: attitudinal polarization
understands polarization as basically connected to political attitudes and thus defines it in
terms of characteristics of political attitude distributions (e.g. bimodality, variance, correla-
tions across opinions) to define division (Abramowitz 2010; Baldassarri and Gelman 2008;
DiMaggio et al. 1996; Fiorina and Abrams 2009). On the other hand, affective polarization see
polarization as social and defines it in terms of affective in/out-group bias (i.e. how the sides
feel about each other) (Iyengar et al. 2019, 2012; Mason 2015). And each of these approaches
has its own, sound, theoretical justifications linking their own phenomenon of interest and
particular measures to the broader concept of polarization: attitudinal approaches draw on
theories of pluralism and cleavage, while affective approaches build on social identity theory.

These approaches have had significant success, and each has substantial upsides. Early
results from attitudinal work were admittedly mixed, leading to a long running debate about
the existence of polarization at all (see, e.g., Abramowitz and Saunders 2008; Baldassarri and
Gelman 2008; DiMaggio et al. 1996; Fiorina et al. 2011; Fischer and Mattson 2009). However,
more recent work that focused on constraint, or the degree to which different opinion items
are correlated with (“constrain”) each other, has found more consistent results (DellaPosta
2020; Kozlowski and Murphy 2021). These constraint-based approaches are also fairly direct
ways of looking at the degree of aligning vs. cross-cutting opinion cleavages, a central question
in theories of pluralism and political conflict (Baldassarri and Gelman 2008; Blau 1974; Dahl
1961; Lipset and Rokkan 1967). On the other hand, affective approaches have shown clear and
consistent results from the beginning, even as debate continued around attitudinal measures
(Abramowitz and Webster 2016; Iyengar et al. 2019, 2012; Mason 2015). Furthermore, looking
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at division in terms of the affective bias between social identities is intuitively satisfying and
valid on its face: attitudinal agreement or disagreement make little difference if two groups
hate each other. However, despite these upsides, both theories have had trouble adequately
capturing the asymmetry we see.

This is most obvious with attitudinal theories, simply because so much of what is concerning
in asymmetric polarization is fundamentally non-attitudinal. Now, to be clear, there are
absolutely attitudinal aspects to asymmetry. Indeed, this is one of the more obvious divisions
at the elite level, where party platforms and congressional voting records make it clear that
Republicans have moved right far faster than Democrats have moved left (Jordan et al. 2014;
Lewis et al. 2020; Pierson and Schickler 2020). However, much of what is most worrying is
not attitudinal in nature. The argument that the Republican Party should be identified as
a polarizing actor, for instance, is not grounded in the extremity of policy positions, but
rather in the way the party has pursued (at times) strategies of deliberate intransigence
(Mann and Ornstein 2016) and, increasingly, driven the use of “constitutional hardball” (the
strategic choice to violate established norms to gain a partisan advantage) (Hacker and
Pierson 2014; Tushnet 2004), or in the unique organizational ecosystem which surrounds it,
where organizations act as “surrogates” for the party in pushing polarizing narratives (Hacker
and Pierson 2020; Hochschild 2016; Polletta and Callahan 2017). Likewise, while there is
certainly an attitudinal element in opinions about validity of the 2020 election, what is
concerning is less an attitudinal disagreement about electoral policy, and more that Trump’s
claims of a stolen election, and the support those claims received from across the party,
led to the January 6th insurrection and “sparked a campaign to terrorize election officials
nationwide” (So 2021). Election workers at all levels have been intimidated and harassed
physically, verbally, via text message, phone call, and email (So 2021; Wines 2020) and a
survey in spring 2021 found that “one in three election officials feel unsafe because of their job,
and nearly one in five listed threats to their lives as a job-related concern” (Brennan Center
for Justice and Bipartisan Policy Center 2021:4). Now, attitudinal theories of polarization
would counter that the point isn’t that all consequences of polarization are attitudinal, just
that their causes basically are. But this would be more convincing if attitudinal measures
of polarization were showing a clear of asymmetry of causes matching these asymmetric
consequences. In fact, there’s at least some evidence from the study of social movements that
the link between attitudes and action is a weak one at best, and so we precisely shouldn’t
expect that kind of connection between attitudes and consequence (Munson 2008). So, while
attitudes likely play a role, it seems implausible that they are the whole story. Instead, our
focus should perhaps be on behavior, or a broader approach to politics.

At first glance, affective theories appear to do a much better job of this, but they
ultimately run into similar problems. Shifting to understanding polarization as a matter of
social identities, rather than ideological positions, is almost explicitly aimed at solving the
basic issue with attitudinal approaches discussed above. To put it somewhat idiomatically,
attitudinal agreement doesn’t matter if people hate each other’s guts. And, indeed, this basic
idea has largely been borne out by the empirical results: defining polarization in terms in
and out-group bias has not only found clear evidence of increasing polarization over time,
but strong links between affective polarization and the kinds of behaviors polarization tells
us to worry about (Iyengar et al. 2019). So-called “social distance” measures of affective
polarization push this even further, by providing quasi-behavioral measures (e.g. how willing
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would you be to marry someone from the opposing group) and further strengthening the
already powerful face-validity affective polarization (deservedly) enjoys (Mason 2018).

However, while this is in some ways better, it still doesn’t solve the problem. Though
we have stronger face validity (and, indeed, attested, measured validity) for the connection
between affective polarization and biased behavior, the measures we use depend on some
deep assumptions which go substantially beyond their explicit theoretical claims. Indeed, the
basic idea that in and out-group bias per se are definitive of polarization is problematic when
placed in comparative context: in/out-group bias is not sufficient for polarization with any
other identity pair. Only in the particular context of partisan identities are we calling them
measures of polarization, and it is only in this particular context that they seem valid as
such. For instance, if we were to take feeling thermometer bias as a definitive measure of
polarization, then the US was “polarized” around gay/straight conflict in the 80s and 90s,
when feeling thermometer scores towards gays were around the level out-party thermometer
scores are now (Hetherington 2009:435–36). There is perhaps an argument to be made that
this was the case, but most definitions of polarization clearly exclude this possibility. In some
cases this is based on a priori assumptions that polarization is necessarily about political
identities,2 but in others it is for more coherent theoretical or empirical reasons, e.g. the
totalizing nature of polarized partisan conflict or the connection between polarization and
the construction of truth, etc. (Finkel et al. 2020; McCoy and Somer 2019; Somer and McCoy
2019). Ultimately, the point is that this comparison makes clear that a simple measure of
in/out-group bias cannot alone define polarization. As with attitudinal measures, while there
is certainly a connection between affective measures and the manifestations of polarization
we care about, it is limited and incomplete.

But really what this is all showing us, in different ways, is that affective and attitudinal
theories share the same problem: their conceptions of polarization are well specified, but
limited, and as a result they can really only conceive of asymmetries of degree and can’t deal
with asymmetries in kind. This is a problem because, as should likely be apparent based
on the examples discussed so far, we know that asymmetries in kind are foundational to
polarization in the US. That the Republican Party can be fairly identified as a polarizing actor,
surrounded by a unique organizational ecosystem, and driven partly by continued increases in
right-wing extremism and popular insurgencies within the party, while the Democratic Party
cannot, is not a difference of degree along a scale but a difference in kind. And going deeper,
we know that the parties are different in nature, with Grossmann and Hopkins (2015) arguing
that, while the Democratic Party is best understood as a pragmatic coalition of social groups,
the Republican Party is fundamentally ideologically based. And this ideologically based
party has become the party of radical right-wing extremism, including both ethno-nationalist
resentment and extreme anti-government sentiment (Mann and Ornstein 2016; Skocpol 2020).
This ethno-nationalist resentment, especially, has been fundamentally popular in nature, and
was the source of the Tea Party: a major popular insurgency in the party which overturned
leadership both locally and nationally (Skocpol 2020:18). Now, to be clear, it’s not that a
theory of polarization needs to capture every individual aspect of this wide array of differences

2Of course, the question of what exactly makes an identity “political” is very much in play; however, as
alluded to above, these definitions almost universally mean partisan identities (Finkel et al. 2020; Hetherington
2009; Iyengar et al. 2012; Mason 2015; McCoy and Somer 2019).
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directly, especially as some of them are only contingently related to what we would normally
recognize as polarization. Rather, a theory of polarization must be able to capture the kinds of
impacts these differences might have. Especially given the constitutive role of this asymmetry
in American politics, it is difficult to imagine that it wouldn’t have impacts. But it is certainly
possible that those impacts might not show up in ways that attitudinal or affective theories
can grasp.

Indeed, attitudinal and affective theories can generally only capture the impact of these
differences insofar as they affect a relatively limited selection of attitudinal and affective
survey questions. And we can easily imagine ways that, e.g. January 6th, might be caused by
asymmetric polarization even if we see no asymmetries on feeling thermometers or political
attitudes. Put another way, I don’t think that we can assume that the harassment of election
officials would necessarily show up as lower out-party affect, as measured by survey questions.
Part of the issue here a basic problem underlying survey questions generally: there are limits
to the degree to which we can take survey responses as meaningfully true and accurate
representations of respondents’ actual ways of being in the world (Abbott 1988; de Leon,
Desai, and Tuğal 2015; Vaisey 2009). The same attitudinal question my be answered in the
same way by two respondents despite vast differences in how much the two are concerned
with or care about the issue in general or their position specifically, and a respondent might
have rated the Democratic Party a zero on a 100 point feeling thermometer for decades before
they disliked them enough to attend a “Stop the Steal” rally. The point here isn’t that this
makes survey data unusable (though some would argue that point, see, e.g., de Leon et al.
2015, ), but that these are uncertainties which contribute to the difficulty attitudinal and
affective theories have in getting at asymmetries in kind.

This issue of asymmetry in kind rather than degree is, however, only a symptom of a
more fundamental problem, which is at the heart of all of the specific issues I’ve discussed so
far: disagreement is not inherently meaningful; it must be made so. Part of the fundamental
difficulty of survey questions discussed above is that meaning is necessarily relational. So,
for instance, a respondent’s opinion about government spending is meaningful, both with
regard to the literal meaning and in terms of what we ought to make of it, only by way of its
relation to other beliefs. Indeed, this basic fact is at the heart of constraint based definitions
of attitudinal polarization, which take those relations as the object of interest (Boutyline
and Vaisey 2017; DellaPosta 2020). But it is not only true of semantic meaning, but also
more broadly of affects, judgments, etc. (Hennion 2007; Wimmer 2013). And it is perhaps
especially true for the way all of these things relate to politics. This is what it means to say
that disagreement it not inherently meaningful, but rather is made so. This is the essential
point raised by work on political articulation: no division has political meaning by nature or
necessity (de Leon et al. 2015). Rather, it is precisely a political project to take some line of
division, distinction, or disagreement, and not only make it politically salient, but make it
politically salient in particular ways which require particular responses.

We can see this quite clearly in practice if we consider the development of politics
and public opinion around abortion since Roe v. Wade. Disagreements over abortion mean
something very different now than they did 50 years ago, and have meant different things
over that span. Focusing on the pro-life side of things, when Roe v. Wade was decided, being
anti-abortion wasn’t a partisan position, and the clearest religious valence it had was Catholic.
But by 1980, the growing Christian (Evangelical) Right was increasingly committed, and
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the Republican Party included a pro-life position in their national party platform (Munson
2008:85–87). As time passed, early activism aimed at an expected quick reversal of Roe
became more radical, as participants adopted more militant tactics (street protests, clinic
blockades) from the mid 1980s, and engaged in violent, terrorist attacks through the 1990s.
That level of violence has largely disappeared from the current abortion debate, but other
forms of disruption (i.e. picketing clinics) have continued and increased (Munson 2008:88–90).
This has all taken place along with one of the few examples of true opinion polarization
visible in the 90s and early 2000s (even as partisan affective polarization was far lower than
it is now) (DiMaggio et al. 1996; Evans 2003). And yet, overall public opinion on abortion
has actually remained remarkably stable for most of the period (Munson 2008:90). So over
the past half century, being anti-abortion would put one in a very different relation to party
politics, religious commitments, tactical questions, and even political violence, while the literal
“political attitude” as measured by a survey question remained the same. While being pro-life
in the 90s didn’t entail approving of terrorism, it did require thinking about one’s relationship
to that violence in a way which an identical position today does not, because of the ways in
which the sides of this conflict have evolved, changed, and developed to be meaningful or not
at different ways in different times (see Abbott 1988 for a general formulation of a similar
point). These changes were part of an explicit political project by which abortion was made
a partisan issue and affectively charged in new ways

3.2.2 The Worldview Model
My response to these challenges is a new theory of polarization which brings together the
strengths of attitudinal and affective theories with insights from the study of culture and
a grounding in the basic conceptual definition of polarization. As said above, polarization
fundamentally refers to the increasing division of society into meaningful political sides
between which political conflict becomes increasingly intense, dangerous, and unavoidable.
There are two parts to this basic conceptualization: on the one hand we have the idea of
division, and on the other we have the question of what that division means. Put another way,
the cognitive schema which makes the categorical division into “us” and “them” is logically
and practically separate from the set of schemas which make up what it means to be one
of “us” and determine how “us” and “them” are supposed to relate (i.e., the schemas that
make the distinction matter) (Wimmer 2013:9).3 So in the case of the US, the first question
is about the magnitude of division between Republicans and Democrats:4 the strength of
boundary markers, the clarity of the categories, etc. The question of “meaning” is about
whether the partisan divide is in fact linked to other schemas. The partisan identities are
the sides, but it is these other schemas which may make the sides meaningful. Insofar as
polarization matters, to distrust of elections, to radicalization, to fear of the other side, to
January 6th, it is because of these schemas. Without them, what appears to be polarization
is really just a distinction without a difference.

3To put this in Bourdieusian terms: we can easily imagine that two groups with a similar class position
might be carefully delineated, and yet be relatively similar in habitus (Bourdieu 1984).

4Polarization does not need to be defined in terms of the parties (see, e.g., DiMaggio et al. 1996; Fischer
and Hout 2006; Stavrakakis 2018), but as a practical and empirical matter, the vast majority of work on
(and results about) polarization in the US takes political parties as the division of interest.
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Therefore, I argue that polarization is best understood as a set of evaluative schemas,
linked with a political identity. This is the worldview model of polarization: a polarized
society is one in which people have to see politics and each other in a certain way (namely a
particularly antagonistic way). Seen in this way, assessing polarization means asking whether
there are distinct sides, how people feel about the other side (and their own), and what
people think that feeling means. Affective and attitudinal theories of polarization get at this
in important ways, but only partially (as seen above). The worldview model follows affective
approaches by making polarization a matter of identity and how identity shapes political
conflict. But I go beyond them by building on insights from recent constraint based attitudinal
theories (Boutyline and Vaisey 2017; DellaPosta 2020) and taking the relationships between
survey items as the key question of interest, recognizing the problems of meaning discussed
above. Thus, in this view, polarization requires not only out-party dislike (for instance), but
for that dislike to hold together in a persistent, patterned, way with other judgments about
the other (and/or one’s own) party.

Put another way, polarization is a particular “orientation towards politics” and it is worth
laying out how this distinguishes the argument I am making here from previous work on
asymmetric partisan thinking. An extensive literature in social psychology has looked at
whether there are differences in how liberals and conservatives (and more recently, Democrats
and Republicans) think. Although there is ongoing debate on some specifics, including the
degree to which conservatives and liberals may differ in their vulnerability to motivated
cognition Garrett and Bond (2021), there is nonetheless substantial evidence of significant
“elective affinities” between psychological predispositions and needs (e.g. cognitive rigidity,
the need for closure or the management of threat, etc.) and conservative ideology (Hibbing,
Smith, and Alford 2014; Jost et al. 2007; Jost 2017).5 The discussion of partisan differences
and asymmetries of kind, above, owes much to this literature, as does my basic contention
that polarization is a particular way of thinking about politics; however, my theory of
polarization ultimately runs orthogonal to it. Despite the importance of partisan differences
in helping to establish our expectations of asymmetry and the idea of asymmetry in kind,
the mere existence of divergent ways of thinking among partisans is not, itself, sufficient
for (or necessarily particularly relevant to) polarization. Polarization is a specific concept,
which I am defining in terms of a particular worldview, namely one which entails a particular
antagonistic orientation towards politics (cf., e.g., Stavrakakis 2018). And, crucially, there
is no necessary relationship between the kind of asymmetries previously investigated and
such an antagonistic orientation. For instance, the fact that liberals may exhibit a weaker
negativity bias and conservatives may be more sensitive to perceptions of threat (Hibbing
et al. 2014) cannot alone tell us anything about who is more polarized, because the way in
which such general differences manifest is highly contingent. This, then, clarifies my focus
on relationships: a propensity to feel threatened only matters in conjunction with a set of
schemas which determine how that threat is responded to.

In addition to the argument above, hopefully the face validity case for this is fairly clear:
returning to the abortion example above, there is an intuitive difference between believing

5Though there is certainly complexity here as well, with cognitive rigidity being associated with right-wing
ideologies specifically, but also with ideological extremity in general, regardless of the side (Zmigrod 2020;
Zmigrod, Rentfrow, and Robbins 2020).
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abortion is wrong, believing abortion is murder, believing abortion is murder which pro-choice
Democrats are functionally aiding and abetting, and believing that abortion is murder which
Democrats are aiding and abetting and that if Democrats win the White House again they
will usher in the death of the republic. The basic attitude held is the same in each example,
but the meaning of the attitude (or affect) varies wildly different based on the context of the
worldview in which it is held.

Attempting to get at this in a comprehensive way would be extraordinarily difficult, and
also potentially cause problems for the kind of over-time analysis of asymmetry which is
my empirical goal here. Thus, what I will do here is lay out a minimal set of affects and
judgments which make up a polarized worldview. Fortunately, there are three things in
particular which both previous work on asymmetry and conceptual work on polarization
highlight as being core to a polarized worldview: affect, threat, and fear. While affective
approaches to polarization have their issues (discussed in detail above), the basic insight
that affective bias is key to polarization still holds (and is supported by other approaches
to polarization, see, e.g., Finkel et al. 2020; McCoy et al. 2018; Somer and McCoy 2019).
Indeed, affective polarization, as previously defined, is an absolutely a necessary element of a
polarized worldview; it’s just not sufficient on its own. Rather, we must consider whether it
meaningfully holds together with other political judgments.

Seeing the other party as a threat, on the one hand, and being afraid of it, on the other,
are the judgments I focus on here.6 Both threat and fear of the “them” (in the polarizing
“us” vs. “them”) are integral parts of a polarized worldview (Iyengar and Westwood 2015;
Lu and Lee 2019; McCoy et al. 2018). They are crucial to the increasingly moralized and
vicious nature of political conflict in polarized conditions. As the other side is seen as more
threatening, and fear of the consequences of their potential victory increases, individual
moments of conflict become linked in a larger and increasingly Manichean narrative of
zero-sum, life and death struggle (Finkel et al. 2020; McCoy et al. 2018; Ward and Tavits
2019). Threat and fear also play a central role in social identity theory, which understands
threats to the in-group as particularly emotive and motivating (Brewer 1999; Mackie, Devos,
and Smith 2000; Mason 2015). And because commitment to an identity changes how one
makes evaluations, as an identity grows stronger, threats become easier and easier to perceive,
especially from the out-group (Banda and Cluverius 2018; Huddy 2001; McCoy and Somer
2019). Threat can also itself motivate identification (Gorman and Seguin 2018; Tajfel and
Turner 1979). Finally, threat can provoke reactions of fear, which can then motivate (and
sometimes suppress) political activity (Almeida 2018; Azab and Santoro 2017; Jasper 2011;
Lu and Lee 2019; Mason 2015).

Threat and fear are also key to what we know about the asymmetric polarization between
Democratic and Republican elites, and the visibly asymmetric actions taken by the Republican
Party. To begin with, they are clearly visible in the unique organizational ecosystem highlighted
by Hacker and Pierson which operates to stoke outrage and, in the case of the Christian
Right, feelings of existential threat (2020). This outrage has built into a “deep story” of
“us vs. them” in which conservatives are positioned as victims of liberal policy priorities

6Threat and fear can be difficult to differentiate, but here I follow the literature on emotion in social
movements and understand the difference in this way: threat is an evaluation of some external situation
(Goldstone and Tilly 2001; Goodwin 2011), while fear is an internal affective response (Jasper 2011). Fear
may be felt in response to threat, but other emotions may be as well (Jasper 2011; Mora et al. 2018).
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(Hochschild 2016; Polletta and Callahan 2017). And this story is ultimately linked to status
threat, i.e. a dominant group’s fear of the loss of that dominant status and attendant privileges
to an undeserving and dangerous other, which again matches predictions from theories of
polarization (McCoy and Somer 2019:241). Status threat plays a clear role in Republican
politics generally, but was especially visible (and effective) in first the success of the Tea
Party, then Trump’s mobilization of xenophobia and racial resentment in the 2016 election
and thereafter (Abramowitz and McCoy 2019; Bermeo 2019; Mason, Wronski, and Kane 2021;
Mutz 2018; Willer, Feinberg, and Wetts 2016). Finally, we can turn again to the harassment
of election officials, the events of January 6th, and broader Republican contestation around
the election, which can clearly be framed as a polarized response to perceptions of threat
and fear of consequences, in line with McCoy and Somer’s theory of “pernicious polarization”
(2019:258).

3.2.3 Empirical Expectations
Given all this, our basic expectations are clear: based on the theoretical relationship between
partisan affect, threat, and fear, the question is whether and to what degree fear and threat
are linked with affect empirically. The stronger that link, the more evidence of a meaningful
way of seeing the world (a way which sees one’s own side as threatened by an evil opponent),
and thus the more polarized that side is. Put another way, we are looking for increasing
constraint between identities and a set of judgments in a way which deepens conflict between
those identities. Then, given both the asymmetry in elite polarization among Republicans
in general, and the specific ways that asymmetry has related to affect, threat, and fear in
particular, we clearly expect that asymmetry to replicate at the mass level. That is, while
the links between threat, fear, and affect should strengthen for partisans on both sides, they
should get stronger, faster for Republicans.

However, there is one area where our expectations are not so clear. While I have thus far
not differentiated between in and out-party affect in discussing affective polarization, there is
in fact disagreement over whether positive in-party affect plays a role in affective polariza-
tion, or whether affective polarization might be better understood as negative partisanship
(Abramowitz and Webster 2016; Finkel et al. 2020; Iyengar and Krupenkin 2018; Mason 2015;
Ward and Tavits 2019). This is another place where a new approach can be useful: up to now
the literature’s focus on negative out-party affect has primarily reflected a comparative lack
of variation in in-party affect (i.e. negative partisanship is responsible for the lion’s share of
the overall change in affective bias). But there are still good theoretical reasons to expect
in-party affect to play a substantive role in polarization (Mason 2015; Ward and Tavits 2019).
Indeed, there are really three theoretically justified possibilities which we can help adjudicate
among. The first two are straightforward: either in-party affect is a key part of polarization,
and so it proceeds asymmetrically in just the same way as out-party affect described above
or in-party affect isn’t a key part of polarization, and so we find some combination of no
relationship between threat, fear, and (in-party) affect, flat relationships which don’t change
meaningfully over time, and a lack of asymmetry.

The third, and most interesting, possibility goes beyond the affective polarization/negative
partisanship debate by drawing on specific qualitative empirical and theoretical findings
on polarization, namely, that polarization should lead to intra-party, as well as inter-party,
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division (McCoy and Somer 2019:246–47). This division can be partly strategic, but it also
flows from a commitment to group uniformity in the context of a political struggle which
feels increasingly existential (Somer and McCoy 2019:14). Building on this idea, I propose a
new role for in-party affect, namely, as a marker of dissatisfaction. For partisans who develop
a polarized worldview, driven by growing feelings of fear and threat from the out-group,
the question of what their own party is doing to respond to that threat is critical. As
polarization increases, partisans will demand more extreme responses, and may be frustrated
or disappointed at what they see as insufficient action on the part of party elites. This would
result in a weakening relationship between threat and fear with in-party affect for Republicans,
and thus an asymmetry in the opposite direction (i.e. with threat and fear more strongly
related to in-party affect for Democrats).

3.3 Data and Methods

In order to measure the relationships between partisan affect, threat, and fear over time (and
thereby assess polarization and asymmetry), I use data from the American National Election
Study in a series of regressions, covering the period from 1978-2016. In each regression, I take
affect (toward either the in-party or the out-party) as the outcome, and focus on either fear
or threat as the independent variable. I then look at how the impact of each independent
variable varies over time, by party. Before turning to specific details and justifications of the
regression strategy used here, I must first discuss the data and variables upon which the
regressions are built.

I use the American National Election Study (hereafter the ANES) in order to cover the
scale and the span required to address mass polarization. Use of the ANES is extremely
common in the study of polarization, for obvious reasons: given its focus on politics, it provides
a variety of data which can be used to measure polarization and, perhaps more importantly,
it provides relatively comparable data over time. Comparability over time is obviously critical
for establishing trends and setting baselines, and the ANES dates back to 1948. The ANES
has run surveys in every presidential election year since then, as well as in midterm years
from 1954 to 2002. This makes the ANES one of the longest consistently running nationally
representative surveys, outdoing the GSS (for instance) by over twenty years. The ANES has
to split its purpose between asking consistent questions over time and asking questions of the
moment, however, and so the number of questions asked consistently across the period is not
nearly as high as we might like. Even so, we can still track polarization from 1978 to 2016.
While earlier data would naturally be welcome, starting in 1978 does match up fairly well
with previous work on when elite polarization first becomes visible, meaning we can have
some confidence of covering the whole period of interest (Jordan et al. 2014).7

7This is not to say that the earlier period could not be interesting (indeed, comparisons to earlier periods
of polarization have the potential to show us what is unique about the current period, see, e.g., Pierson
and Schickler 2020); rather, I simply mean that 1978-2016 should cover the whole period of this modern
incarnation of polarization.
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3.3.1 Variables
To examine polarization in this period, I take in/out-party affect as my dependent variables
and fear or threat as independent variables in the regressions which follow. Following previous
work, I measure in and out-party affect with feeling thermometers, which ask respondents
to rate how they feel towards given named group on a scale from 0 to 100 (Abramowitz
and Webster 2016; Banda and Cluverius 2018; Iyengar et al. 2019; Mason 2015).8 With one
thermometer for the Republican and one for the Democratic Party, I then straightforwardly
create measures of in and out-party affect based on respondent party identity.9

To get at fear of the out-party, I use one of the ANES’s set of yes/no candidate affect
questions: “has [presidential candidate] ever made you feel afraid?”,10 once again following
previous work (Mason 2015).11 Fear of the out-party candidate also has an upside that is
worth mentioning: because the candidate is representing the opposing party in a particular
election, there should be a more substantial connection between the response and a sense
of the stakes of any particular electoral contest. This has already been touched on above,
but a sense of the increasing stakes of political conflict is a consistent and major aspect of
polarization (Finkel et al. 2020; McCoy et al. 2018). Thus, having a measure of fear which is
linked more directly to specific stakes allows me to see how specific situations are or are not
linked to partisan affect more generally.

The increasing stakes of the conflict are also closely linked with seeing the out-party as a
threat. Based on this connection, I use the respondent’s perceptions of out-party ideological
extremity as a proxy for perceptions of threat. The specific question asks respondents to
place the parties on a 7-point scale, ranging from 1 (Extremely Liberal) to 7 (Extremely
Conservative). I then center the scale on zero and take the absolute value, resulting in a value
between 0 (moderate) and 3 (extreme). Using this question as a direct proxy for threat is
new, but the basic connection is well evidenced. Simply put, the sense of increased stakes and
increased threat are co-constituting: the opposing party is threatening because the stakes are
high, and the stakes are high because the other party is perceived as a threat (Finkel et al.
2020; McCoy et al. 2018; Ward and Tavits 2019), and perceptions of out-party extremity have
been linked to both (Lelkes 2016; Rogowski and Sutherland 2016; Webster and Abramowitz
2017). Furthermore, the nature of this connection is such that it holds regardless of the
accuracy of the perception: if we imagine an “accurate” assessment of extremity, then these
are connected to real policy differences, which are known to raise the stakes of conflict
(Rogowski and Sutherland 2016), while we can also imagine perceptions of extremity as the

8It should be mentioned, however, that the ANES cumulative data file codes all responses between 97 and
100 as 97, so in practice the actual range is 0 to 97.

9These measures are undefined for true independents, as they have no in or out-party. They are defined for
independents who lean towards one of the parties, as I have followed standard practice and counted partisan
leaners as identifying with the party they lean towards (Druckman et al. 2013). This is useful for a number
of reasons, among them that, when including independent “leaners”, there has been no real change in the
proportion of the population which identifies with one of the parties.

10In 2016, the ANES changed this (along with the other candidate affect questions) to ask “how often
has. . . ” with responses on a five point scale from “never” to “always”. Following the cumulative data file, I
include the 2016 data by collapsing the five categories to match the original yes/no question.

11Note that, for obvious reasons, this question could only be asked in presidential election years, so models
using this independent variable begin in 1980 rather than 1978 and only use data from presidential election
year studies.

39



outcome of an increased sense of stakes (Ward and Tavits 2019).12

In order to assess these relationships by party (and thus examine asymmetry), I include a
simple dummy variable for party, 1 if the respondent is a Democrat and 0 if a Republican.13

I also include the year as both a fixed effect (i.e. a series of dummies) and as a numerical
variable. This allows me to look for overall trends over time, net of unrelated year-to-year
variation (see Brooks and Manza 2013 for a similar strategy).

Likewise, in order to look at polarization net of differences in party composition, I control
for both the strength of partisan identification (from 1, leans, to 3, strong) and respondent
ideological extremity (using the same 0 to 3 scale as perceived party extremity). Finally,
each model also includes a set of demographic controls: years of education, income, female
(dummy), African American (dummy), age, southern residence (dummy), and frequency of
church attendance.14

3.3.2 Analytical Strategy
The actual analysis, then, consists of four weighted OLS regressions, one looking at each
combination of dependent variable (affect towards either the in- or out-party) and threat
(via perceived out-party ideological extremity) or fear (via fear of the out-party presidential
candidate). In each of them, I interact threat or fear with both year and party identification.
In this way, I can assess not only how in- and out-party affect are related to threat or fear
of the out-party, but also whether those relationships develop over time, and whether those
relationships develop differently (and potentially asymmetrically) by party.

However, while interaction effects are conceptually straightforward, when more than two
terms are involved they can become somewhat difficult to substantively interpret. In this
case, I am interested in the marginal effects of the variables of interest, that is, the change
in the outcome given a unit change in the variable of interest (Brambor, Clark, and Golder
2006). But because of the interactions, these predictors don’t have consistent marginal effects.
For instance, the marginal effect of fear of the out-party candidate changes with both time
and partisan identity.

We could get a good overall sense of the impact of fear by looking at its average marginal
effect (AME), obtained by calculating the marginal effect at every observed value and
taking the average (Leeper 2018).15 However, this would not tell us anything about the

12This conceptualization is agnostic on the question of accuracy in general, and I don’t believe it matters
for the argument I’m making: the question at issue here is whether feelings of threat are connected to
in-/out-party affect. That said, this is not to disregard the question of whether actually being meaningfully
threatened vs. merely feeling threatened may matter more generally; it is absolutely a question worthy of
further investigation.

13As mentioned above, I follow standard practice and include “leaners” (that is, those who say only that
they “lean towards” one party or the other) as partisans, excluding only so-called “true independents”.

14Results are robust to a variety of alternative model specifications, including several different time period
models (instead of full year fixed effects) and the use of partisan sorting instead of partisan identification and
ideological extremity (see Mason 2015 for more on partisan sorting).

15This is different from obtaining the Marginal Effect at Means, where the marginal effect of a variable
is calculated once with covariates held at their means. The AME is a better summary statistic because it
incorporates variability across covariates into its estimate, rather than somewhat arbitrarily assuming that
the marginal effect at means is necessarily representative (see Hanmer and Ozan Kalkan 2013 for more on
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aforementioned variation with time and party identification. Therefore, I instead look at the
marginal effects at representative values (MER): these are calculated in the same way as
average marginal effects, except that one or more covariates are held at values of theoretical
interest.16 This makes MERs analytically useful in a way other kinds of marginal effects
cannot be, as it allows us to compare the impact of a variable of interest across different
subgroups (Williams 2012:326).17

For the analysis that follows, I calculate the marginal effect of the variable of interest
(either fear or threat) for every combination of party ID and year. In other words, I calculate
the AME of fear on out-party affect with year held at 1980 and party ID held first as
Democrat, then as Republican. I then repeat the process for each year, resulting in a set
of values which describe the effect of fear on out-party affect in each year, for each party.
These are the real results of interest, because they are a powerful way to assess both the
statistical and substantial significance of the relationships of interest. AMEs/MERs are clearly
interpretable and comparable, both within a variable and across variables: if the AME of
fear on out-party affect in 1980 were -3 for Democrats and -5 for Republicans, that would
mean that the relationship between fear of the out-party candidate and out-party affect
was 2 points stronger for Republicans than for Democrats. Likewise, if the AME of living
in the south were -1, then we could meaningfully say that living in the south has a weaker
relationship with out-party affect than either.

3.4 Findings and Discussion

These relationships between fear or threat and in/out-party affect are the core object of
interest. On their own, each of these variables may provide some evidence of polarization, but
none of them show any real evidence of an asymmetry which would match the real differences
between the parties.18 But looking at the relationships between them allows us to go further:
if the marginal effects of threat and fear on partisan affect strengthen over time, then we are
seeing persistent, increasingly patterned, relationships between affect and judgment. As such,
we could say that we really are seeing “meaningful sides” holding together more and more as
the population-level manifestations of their shared evaluative schemas become more visible.
To do this, I use four regression models, presented in Tables 3.1 and 3.2. Table 3.1 presents the
models showing the impact of fear (as fear of the out-party presidential candidate), interacted
with year and party identification, on out- and in-party affect, while Table 3.2 does the same

this point).
16Put another way, an MER is simply the AME at a given set of values and thus they can be referred to as

such, i.e. the average marginal effect of fear for Democrats in 1980.
17For more on average marginal effects and marginal effects at representative values and their use analytically

(including a comparison with marginal effects at means), see Hanmer and Ozan Kalkan (2013), Leeper (2018),
Long and Mustillo (2018), and Williams (2012). See also Druckman et al. (2021) for an example of a similar
empirical application.

18An overview of the descriptive trends for in-/out-party affect, fear of the out-party candidate, and
perceived out-party extremity is provided in appendix D and a comparison of the full models versus main
effects models is provided in appendix E.
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for threat (measured as perceived out-party extremity).19

Table 3.1: Effect of Fear of the Out-Party Candidate on Out and In-Party Affect

Dependent variable:
Out-Party Affect In-Party Affect

(1) (2)

Fear 337.16∗∗∗ (76.10) −124.13∗ (62.68)
Democrat 393.22∗∗∗ (72.94) −354.95∗∗∗ (60.08)
Dem x Year −0.20∗∗∗ (0.04) 0.18∗∗∗ (0.03)
Fear x Dem −399.75∗∗∗ (98.86) −163.96∗ (81.42)
Fear x Year −0.17∗∗∗ (0.04) 0.06∗ (0.03)
Fear x Dem x

Year 0.20∗∗∗ (0.05) 0.08∗ (0.04)
Black −1.62∗∗∗ (0.49) 4.06∗∗∗ (0.40)
Income −0.11 (0.14) −0.67∗∗∗ (0.12)
Age 0.00 (0.01) 0.05∗∗∗ (0.01)
Gender 0.75∗ (0.30) 1.22∗∗∗ (0.24)
Education −0.91∗∗∗ (0.18) −1.53∗∗∗ (0.15)
South −0.80∗ (0.32) −1.90∗∗∗ (0.26)
Church

Attendance −0.80∗∗∗ (0.10) −0.25∗∗ (0.08)
Partisan

Strength −4.95∗∗∗ (0.19) 7.90∗∗∗ (0.16)
Ideological

Strength −3.81∗∗∗ (0.16) 0.82∗∗∗ (0.13)

Observations 18,592 18,592
Adjusted R2 0.25 0.22

Note: ∗p<0.05; ∗∗p<0.01; ∗∗∗p<0.001
Year fixed effects not displayed.

Looking at just the tables shows promising results, insofar as we see generally strongly
significant relationships. However, as said, that is necessary but not sufficient; it doesn’t
really tell us anything on its own. Instead, the real results of interest are the average marginal
effects over time, by party. Specifically, we have two different sets of expectations for the two
different dependent variables: for out-party affect, we expect generally strengthening (inverse)
relationships with the relationships getting stronger, faster, for Republicans than Democrats.20

19Note that all models include year fixed effects, but the coefficients have been omitted for space and
readability.

20Note that, because higher values of out-party affect mean liking the opposition more and lower values
mean liking them less (i.e. disliking them more), we’re expecting to see negative relationships which get more
negative over time between threat/fear and out-party affect. Thus decreasing marginal effects of threat or
fear on out-party affect are what we expect to see. In the discussion which follows, I attempt to focus on
the magnitude of effects or changes so as to avoid the confusion of referring to an effect which decreases but
thereby gets stronger.
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Table 3.2: Effect of Perceived Out-Party Extremity on Out and In-Party Affect

Dependent variable:
Out-Party Affect In-Party Affect

(1) (2)

Perceived Extremity 207.38∗∗∗ (34.85) 24.29 (28.74)
Democrat 457.72∗∗∗ (94.79) −240.53∗∗ (78.15)
Dem x Year −0.23∗∗∗ (0.05) 0.12∗∗ (0.04)
Perc Extr x Dem −159.86∗∗∗ (45.60) −80.61∗ (37.59)
Perc Extr x Year −0.11∗∗∗ (0.02) −0.01 (0.01)
Perc Extr x Dem x

Year 0.08∗∗∗ (0.02) 0.04∗ (0.02)
Black −0.90∗ (0.43) 4.19∗∗∗ (0.35)
Income −0.05 (0.12) −0.76∗∗∗ (0.10)
Age 0.02∗ (0.01) 0.04∗∗∗ (0.01)
Gender 0.43 (0.25) 1.43∗∗∗ (0.21)
Education −0.99∗∗∗ (0.16) −1.44∗∗∗ (0.13)
South −1.43∗∗∗ (0.28) −1.89∗∗∗ (0.23)
Church

Attendance −0.82∗∗∗ (0.08) −0.31∗∗∗ (0.07)
Partisan

Strength −4.63∗∗∗ (0.16) 7.66∗∗∗ (0.14)
Ideological

Strength −3.47∗∗∗ (0.14) 0.93∗∗∗ (0.12)

Observations 23,448 23,448
Adjusted R2 0.26 0.21

Note: ∗p<0.05; ∗∗p<0.01; ∗∗∗p<0.001
Year fixed effects not displayed.

43



This would be the asymmetry in increasing polarization which we have every reason to suspect,
but which previous approaches have been unable to tell us much about. For in-party affect,
on the other hand, there is some uncertainty, with three plausible outcomes, each of which
would have different theoretical implications for our understanding of polarization: 1) results
the same as out-party affect (but positive); 2) nothing of interest (e.g., no relationships at all,
flat relationships over time, etc.); 3) the opposite of the results for out-party affect.

I now turn to the results themselves, beginning with out-party affect.

3.4.1 Out-Party Affect: Validating the Approach
The results for out-party affect are presented in Figure 3.1 which presents two graphs, one for
fear and one for perceived extremity. The graphs plot the average marginal effect of either fear
or perceived extremity on out-party affect over time, by party, along with the 95% confidence
intervals for the estimate. In other words, they show how many points difference in affect
towards the out-party fear or perceived extremity made for a Democratic versus a Republican
respondent in each year. So, we can see that in 1980/197821 the impact of both fear and
threat were nearly indistinguishable for Democrats versus Republicans, though in both cases
they were significant and negative (i.e. fear or threat were associated with lower out-party
affect, disliking the out-party more). However, that changed quickly and substantially: by
2016 a Republican respondent who was afraid of the out-party candidate liked the Democrats
13 points less than a Republican respondent who wasn’t, a drop of over 6 points since 1980.
On the other hand, the equivalent value for Democrats in 2016 was 7.5 points, which is not
only smaller, but is statistically indistinguishable from what it was in 1980 (and if there is a
trend, it’s positive, i.e. fear doing less to drive negative out-party affect).

The results for perceived extremity, our proxy for threat, are smaller but still significant:
in 1978 a one point change in perceived out-party extremity reduced out-party affect by
around 4.5 points for either party. By 2016, that value had increased to 5.73 for Democrats,
but for Republicans it nearly doubled to 8.27 points. These results are not only indicative
of asymmetric polarization towards Republicans, they may even call into question just how
much Democrats are polarizing at all.

Crucially, these results are not only substantial in comparison to each other, but remain
significant (and arguably become more impressive) when placed in context. The most obvious
place to start is with the overall trend in out-party affect, which has decreased dramatically
across the period, falling from a mean of about 48 points in 1978 to about 26 points (and thus
been labeled variously as affective polarization or negative partisanship). Even in comparison
to this precipitous decline, the findings above are notable. If we look at fear, its effect on
Republicans in 2016 was about 5.5 points stronger than on Democrats, a net 7.2-point swing
compared to 1980, and either figure is more than a quarter of the total drop in out-party
affect over the period. Likewise, a one-point increase in perceived extremity reduced out-party
affect by 2.5 points more for a Republican in 2016 than for a Democrat, a net swing of about
3 points. This seems like a smaller difference, but given that perceived extremity is a four
point scale,22 this ultimately results in a 7.5 point gap between a Republican and a Democrat

21Recall that “has the out-party candidate every made you feel afraid?” was of course only asked in
presidential election years, and so the first year for those models is 1980 rather than 1978.

22AMEs, for clarity, are not standardized. In other words, the marginal effect of a variable is about the
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Figure 3.1: Marginal Effects of Fear and Threat on Out-Party Affect

who perceived the opposing party as ideologically extreme in 2016, or a 9 point net gain
for Republicans compared to 1978 (when the effect was slightly stronger for Democrats). In
either case, the difference is more than a third the total change in average out-party affect
since 1978.

This is almost exactly what we expected to find. Overall, this provides very strong evidence
of connections between out-party affect, threat, and fear for Republicans, connections which
have strengthened dramatically over the period such that they are now significantly stronger
than the same connections for Democrats. We have, then, evidence that Republican identity
holds together now meaningfully in a way it did not at the start of the period, evidence
for a more and more coherent meaning to the partisan identity which is demonstrated by a
concordance between identity and judgment. What is somewhat unexpected are the results
for Democrats: the relationship between threat (perceived extremity) and out-party affect
looks exactly as predicted: we see evidence of polarization in a strengthening relationship, just
weaker polarization than seen for Republicans. However, the relationship between fear and
out-party affect is a different story: we see no strengthening relationship, in fact, the trend
(though not statistically significant) points towards a weakening relationship, if anything.
This does not, I believe, undermine the basic takeaway here, which is a finding of asymmetry
and a basic validation of this worldview theory of polarization, but it does deepen some of the
theoretical questions raised above about whether polarization might function in fundamentally
different ways for different identities, a point I turn to empirically now, and will return to
theoretically in the conclusion.

impact of a unit increase of that variable.
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3.4.2 In-Party Affect: Polarization and Dissatisfaction
Turning to the link between in-party affect and fear or threat brings us to the question of the
role of in-party affect in polarization: whether in-party affect matches out-party affect, bears
no relation at all, or in fact acts in reverse. As we can see in Figure 3.2, the third possibility
in fact seems to be the case. As with out-party affect, the results are presented in two graphs,
one for fear and one for perceived extremity, plotting the AME of each on in-party affect
over time, by party. For both fear and perceived extremity, the average marginal effects begin
significantly stronger for Republicans and wind up statistically indistinguishable. What’s
more, while for fear this is the result of a differential rate of increase (that is, the AME
increased more for Democrats than Republicans), for perceived extremity it results from both
a strengthening effect for Democrats and a weakening (although not statistically significantly
so) effect for Republicans.

Effect of Fear Effect of Perceived Extremity

1980 1990 2000 2010 1980 1990 2000 2010

0

2

4

6

Year

M
ar

gi
na

l E
ffe

ct
 o

n 
O

ut
−

P
ar

ty
 A

ffe
ct

Party

Republican

Democrat

Figure 3.2: Marginal Effects of Fear and Threat on In-Party Affect

These results are of notably smaller magnitude than the results for out-party affect, and
may seem like minor changes, potentially minor enough to fit with our second possibility,
that of no relationship. But this is simply not the case, for two reasons. First, the (sometimes
implicit) argument of work on negative partisanship, from which we have an expectation
that in-party affect should be essentially unrelated to polarization, is that there is basically
no meaningful variation on in-party affect over the period (Abramowitz and Webster 2016;
Finkel et al. 2020). But that is not what we see: fear goes from having no statistically
significant impact on Democrats’ in-party feeling in 1978 to having a 5 point impact in 2016.
So the impact for Democrats changes by 5 points, starting from zero, while the impact for
Republicans changes by only 2 points. This is absolutely meaningful variation. Second, while
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we don’t see statistically significant differences between the parties by the end of the period
in either case, the trends that got us there are important. In the case of fear, the 5-point
increase for Democrats is nearly as big as the 6-point change in the AME on out-party affect
for Republicans discussed above. Even more interesting, Republicans see no change at all
in the AME of perceived extremity on in-party affect over nearly forty years (or, if we take
the point estimates as at least indicative, despite their non-significance, a decline), while
Democrats do see a significant increase.

Though not a perfect fit, these most closely support the third option, namely that we
are seeing a reversed asymmetry on in-party affect. Against both previous approaches to
affective polarization, my relational approach finds meaningful asymmetry on in-party affect
over time. This matters because it is further evidence that the relationship between partisan
affect, threat, and fear, and therefore polarization as such, has developed in fundamentally
different ways for the different parties.

3.5 Conclusion
These results strongly suggest an asymmetry in mass polarization towards Republicans. Thus,
by redefining polarization as a worldview, shown in the persistent patterned relationships
between partisan affect, threat, and fear, I have found evidence of an asymmetry which
has thus far been largely invisible to quantitative studies of mass polarization, but which
matches the documented asymmetry in elite polarization, the Republican Party’s status
as a polarizing actor in American politics, and extensive circumstantial evidence of mass
asymmetry. With these findings I have validated the worldview model of polarization I
developed above. This theory also resulted in more surprising empirical findings, in particular
with regard to the role of in-party affect, which can expand our understanding of polarization
yet further. And ultimately, both the expected and unexpected findings, along with their
theoretical implications, allow us to better understand pressing empirical issues in modern
American politics.

That understanding is based, partly, in the new approach presented here. While both
attitudinal and affective theories of polarization are powerful, a combination of the scope
of their definitions, the assumptions they rely on, and the fundamental challenge of the
contingent connection between division and meaningful division, mean that both have been
unable to really address the asymmetry found. The problem, in essence, is their difficulty in
capturing asymmetry in kind rather than degree. Polarization is a matter of the division of
society into meaningful sides, and previous approaches have been too limited in their ability
see polarization in the unique characteristics of those sides. I attempt to get around this
problem by understanding polarization as a matter of worldview. By defining polarization in
terms of persistent patterned relationships between affect, attitudes, and judgments, bound
to particular political identities, I am able to incorporate recent insights from sociological
approaches to attitudinal polarization on the relational nature of meaning (Boutyline and
Vaisey 2017; DellaPosta 2020) in a synthesis with the concept of affective polarization from
political science (Iyengar et al. 2012; Mason 2015). This synthesis is further based in a wide
range of sociological work on the connection between identity and judgment (Bourdieu 1984;
de Leon et al. 2015; Hennion 2007; Wimmer 2013), which links polarization and identity
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together in a new way, going beyond the more limited (though still important) attempts
of social identity theory or motivated reasoning (Druckman et al. 2021; Druckman et al.
2013; Iyengar et al. 2019; Mason 2015). It also deepens and expands on other work linking
differences in public opinion with differences in partisan identity (see, e.g., Brooks and Manza
2013; Morisi, Jost, and Singh 2019), and brings the idea of identity as a heuristic (see, e.g.,
Boutyline and Vaisey 2017) back to the study of polarization, thereby re-framing the ongoing
debate about the primacy of ideology or identity in driving affective polarization (Lelkes 2018;
Mason 2018; Rogowski and Sutherland 2016; Webster and Abramowitz 2017). Finally, in
making clear the fundamental importance of the specific, and potentially unique, content of
political identities, the worldview model provides more analytical leverage by both allowing
a stronger coupling between detailed conceptual theories and the empirical investigation of
polarization, as well as by analyzing the ways polarization may work differently for different
identities, beyond the simple matter of magnitude.

This additional analytical leverage was crucial to the question investigated here, and to
the strong findings of asymmetry which ultimately validate the approach. The link between
partisan affect, threat, and fear is a central part of conceptual work on polarization (Finkel
et al. 2020; McCoy and Somer 2019). Furthermore, it is clear that a polarized worldview, one
which is linked to the identity of a “meaningful side”, requires a strong link between negative
out-party affect and both seeing the other side as threatening, as well as having feelings of fear
towards them. And this is precisely what I found. The findings of asymmetry for Republicans
on out-party affect are unequivocal, substantial, and meaningful in the context of overall
trends in out-party affect in this modern period of polarization. This asymmetry strongly
matches expectations from previous work, but has previously been invisible to quantitative
work on mass polarization. However, there was one way in which this finding was surprising:
the fact that there was no strengthening of the relationship between out-party affect and fear
for Democrats. This is not necessarily indicative of a lack of polarization, but rather provides
preliminary evidence of at least one way that polarization does seem to work differently for
different identities. Put another way, if polarization is a matter of division into meaningful
sides, there is no a priori reason that the meanings of those sides need be equal and opposite,
and this is one way in which they are not.

This idea is further supported by my surprising findings with regard to in-party affect.
To recap, the role of in-party affect is an open question even within affective approaches
to polarization, with some incorporating it as a part of overall partisan bias (Mason 2015),
while others have begun to argue that affective polarization is better understood purely as a
matter of negative partisanship (Abramowitz and Webster 2016; Finkel et al. 2020; Webster
and Abramowitz 2017). However, in place of either replicating findings for out-party affect or
finding no relationships at all, I found an inverse relationship: the effect of threat and fear on
in-party affect increased for Democrats while it either increased much more slowly or held
steady for Republicans. Now, the results here are admittedly less striking in magnitude than
those for out-party affect, but they are still clearly there, and are arguably more striking
in their direction. Again, this suggests that something fundamentally different is going for
Democrats and Republicans, and provides further evidence that previous affective approaches
are insufficient, as it does not fit with either set of predictions.

However, it does fit with one potential explanation rooted in extremely specific, largely
ignored, predictions from within the polarization literature. Building on the idea that polar-
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ization should lead to increased intra-, as well as inter-, party conflict, we can understand
asymmetry of in-party affect as a marker of dissatisfaction (McCoy and Somer 2019:246). If
polarization is connected to threat and fear, then, for partisans with a polarized worldview,
the dynamics of polarization will necessarily raise the question of whether the party is doing
enough to respond to the rising threat. Precisely because perceptions of threat and fear are
increasing, however, partisans are likely to demand more and more extreme responses and be
frustrated or disappointed by the apparently insufficient actions of the party elite.

Now, this theory is obviously preliminary, and is only one potential explanation for the
findings here. However, as an explanation for these findings, it would have some major
implications. For one, it highlights the difference between affect towards and commitment to
a party or identity, two things which are frequently conflated in the literature. In this way
it also further clarifies the importance of the meaning of different identities: not only that
different identities may function in different ways, but that people may stand in relationship
to different identities in different ways. For instance, a dissatisfied Republican may be a
deeply committed Republican (and might even consider themselves a “real” Republican, in
comparison to so-called “Republicans in name only”), while a dissatisfied Democrat might
feel less committed. Indeed, that same Republican might give up their identity as, say, a
basketball fan due to dissatisfaction with how the NBA has handled player protests. The same
kind of affective understanding can be connected to different identities (or even the same
identity in different contexts) in radically different ways. Additionally, the link between threat,
fear, and dissatisfaction may ultimately build into a feedback loop, in which perceptions of
threat and feelings of fear make current action seem insufficient, creating demands for more
extreme action. This action then proves the validity of those feelings (by recognizing them as
actionable) and strengthens them further, ultimately making the new extreme action seem
again insufficient. This notion of a feedback loop in particular is potentially relevant for the
study of radicalization, both of individuals and, especially, of organizations.

But perhaps most important is that these findings, together with the worldview model
as a whole, have clear empirical explanatory power. Put simply, following the logic of the
findings and theory through, we can say quite easily why there has been no Democratic
equivalent to the storming of the capitol on January 6th, and why it was carried out by
Republicans. Not only that, we can also contribute to an explanation of the rise of extremism
and radicalization of the party and the profound consequences for American politics. The
findings above describe a Republican Party that is substantially more polarized than the
opposition, but more than that, they describe a Republican Party whose partisans increasingly
share a worldview in which their feeling towards that opposition are increasingly driven by
perceptions of threat and feelings of fear. Moreover, if we take the strong version of the
dissatisfaction hypothesis above, these partisans, though potentially committed to their party,
do not trust it to adequately protect them against this increasingly existential threat. January
6th, then, can be understood as what happens when this particular form of polarization
and dissatisfaction erupt into action. But we can also frame the historical story of how we
got there in these terms as well: in this view, first the Tea Party and then Donald Trump
become steps on this treadmill of dissatisfaction, simultaneously the extreme wing of and an
insurgency against the Republican Party, simultaneously radicalizing the party and ensuring
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that its base will radicalize further.23 To be clear, I am not claiming that the explanation
given here is the only explanation, nor that it has yet been proven. Rather, the point is that
the explanation is plausible, powerful, and consistent, that the approach used to arrive at it
is valid and analytically useful, and that both might justifiably help set the agenda moving
forward.

23Indeed, we do know that the Tea Party was started by people deeply disillusioned with the Republican
Party, and that Donald Trump entered the Republican presidential contest at time when a majority of
Republicans had “little faith in party leaders” (Skocpol 2020:18).
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Chapter 4

Beyond the Structure of Attitudes:
Belief Systems, Affect, and
Polarization

4.1 Introduction

The recent focus on the structure, rather than just the content, of beliefs in survey research is
an exciting development. Though enabled, in part, by new methodological advances (e.g. belief
network analysis and relational class analysis), the consideration of structure in fact aligns
with theoretical understandings from much earlier (see, e.g., Converse 1964; DiMaggio 1997;
Jost, Federico, and Napier 2009; Martin 2002). Though they used a variety of terms (e.g. belief
systems, ideologies, schemas), these theories all understood that an individual belief isn’t
truly meaningful on its own; rather, it is made meaningful by its relationship to other beliefs.
Thus, what really matters is not the distribution of individual opinions in a population, or
the correlation of a particular attitude with other factors, but the existence, strength, and
structure of belief systems.

This focus is particularly important for the study of political conflict because of its
resonance with theories of pluralism, in which stability really is a matter of belief structure.
Successful pluralistic societies are not made stable by an absence of disagreement, but rather
by the structure of that disagreement. The question is whether issue cleavages align with each,
creating unbridgeable fault lines, or crosscut, creating stability by maintaining avenues of
agreement and compromise (Blau 1974; Dahl 1961; Durkheim 1984; Lipset and Rokkan 1967).
This idea of aligning issue cleavages is really a question of belief structure, and recent work
in this vein has offered somewhat sobering assessments of the state of American pluralistic
democracy in particular (DellaPosta 2020). Indeed, this is one of the major avenues pursued in
the study of polarization, using both structural and other methods, making the examination
of political belief structures all the more pressing (Baldassarri and Gelman 2008; Kozlowski
and Murphy 2021)

Other work on polarization, however, has focused on the importance of affect and emotions
rather than attitudes or beliefs, arguing that polarization (and thus stability) is better
understood in terms of social identities (especially partisanship) and how those identities
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feel about each other (Iyengar et al. 2019, 2012; Mason 2015; Mason et al. 2021). Likewise,
although work on belief structures more generally has also looked almost exclusively at
propositional attitudes, work on emotions in variety of sub-fields across psychology and
sociology has shown that affects and attitudes can, and often do, influence one another (see,
e.g., Clifford 2019; Clore and Schiller 2018; Ladd and Lenz 2008; Mackie et al. 2000; Smith,
Seger, and Mackie 2007; Webster and Albertson 2022; Wilson-Mendenhall and Barsalou
2018). But attempts to bring these approaches together in the context of politics have thus
far been limited to comparisons or contests, rather than synthesis (see, e.g., Lelkes 2018;
Rogowski and Sutherland 2016; Webster and Abramowitz 2017). This paper is the beginning
of such a synthesis.

Rather than trying to adjudicate primacy in some way, I simply ask whether affective
items can be incorporated into belief structures and investigate the consequences of doing so.
I do this by building on Boutyline and Vaisey’s belief network analysis (BNA), constructing
not only belief (attitudinal) networks, but affective and combined networks as well (2017).
Specifically, I consider attitudinal, affective, and combined networks for matching items in
the 1992 and 2016 American National Election Studies, making comparisons both across
the different types of network and between the two years of the survey. These comparisons
validate the inclusion of affective items by showing, first, that the networks produced by their
inclusion are not wildly dissimilar to those produced by attitudinal items alone and, second,
that the variation which is there is meaningfully explicable, a source of real analytical leverage.
Indeed, the inclusion of affect and the comparisons this enables provides information and,
perhaps more importantly, axes of analysis which would not otherwise be available. Thus,
beyond simply validating the use of affect, my analysis also helps us to better understand
the development of polarization over the period as the increasing enmeshing of attitudinal
and affective networks. Ultimately, I argue that we must incorporate affects into our study of
belief structures and, furthermore, that the nature of this incorporation is itself a meaningful
axis of variation. These findings are not only important methodologically for the study of
belief structures, they are substantively consequential for the study of polarization, offering a
way towards reconciling affective and attitudinal approaches and pointing the way towards a
new definition, as well as for the study of pluralism, presenting a new way to think about
which cleavages are important and what exactly cleavage alignment means

4.2 Literature Review

4.2.1 Why a System?
In order to understand why the role of affect in belief systems matters, we must first understand
why the perspective of belief systems matters in the first place. We often tend to think that
beliefs or ideas are meaningful in themselves, e.g. two people who believe that abortion is
wrong necessarily believe substantially the same thing and, furthermore, that this belief should
be consistent in its relation to outcomes or causes of interest (Abbott 1988). The fundamental
insight of a belief systems perspective is that this is not the case. Instead of standing alone,
beliefs depend on one another and are largely meaningful in relation to one another. This
core idea is fairly old and has been developed in different forms in psychology, sociology,
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political science, and linguistics. For instance, Converse, in his foundational study of American
political opinion, defines a belief system by the “constraint or functional interdependence”
among its elements (1964:207), while DiMaggio et al. (2018:32) are more explicit about the
principle of relationality, according to which “meaning emerges not from single entities but
out of relations among them”. Regardless of the precise source, terminology, or justification,
all the different versions share this same core idea.1

This idea has pretty dramatic methodological implications: if beliefs are interdependent,
then to study them our analyses must take into account the structure of the overall system,
rather than the just the content of individual beliefs. But this is substantially different from
the perspective taken by most survey research which tends to focus on individual beliefs, or
sets of beliefs, as separate dependent or independent variables (Abbott 1988). Indeed, this
has been true even of much work which self-consciously adopts a belief system perspective
(Baldassarri and Goldberg 2014). There are, however, a variety of new methods which do
allow us to study belief systems and their structure effectively. For instance, while latent
class analysis (LCA) identifies groups of respondents with similar patterns of responses,
relational class analysis (RCA) groups respondents based on the similar relationships between
responses (DiMaggio et al. 2018; Goldberg 2011). In other words, rather than finding groups
of people who agree with each other, it finds groups of people who organize the space of
agreement/disagreement in similar ways. Compared to a standard regression approach, this
captures the fact that, though opposing ideologues may disagree completely on the substance
of every issue, they understand the field in exactly the same way. And, in sharing this
understanding, they are in a sense more meaningfully similar than people without a consistent
ideology who nominally agree with them on a few issues. Boutyline and Vaisey’s (2017)
belief network analysis (BNA) offers a direct formalization of the common metaphor of belief
systems as networks of beliefs, treating survey questions as nodes linked by the strength of
the correlations between them. In this way they are able to show the structural importance
of conservative/liberal identification to the overall belief system by using network measures
of centrality .

4.2.2 Systems of Polarization
As the examples of RCA and BNA hopefully make clear, the perspective of belief systems is
especially useful in the study of political conflict, and particularly in work on polarization.
Conceptually, polarization is perhaps best defined as the division of politics, and then society,
into an “us” and a “them” which are locked in an increasingly existential conflict (DellaPosta
2020; Finkel et al. 2020; Iyengar et al. 2012; Lelkes 2016; McCoy et al. 2018). Such division
can have disastrous consequences, poisoning the political process, bringing partisan animosity
into everyday life, and ultimately undermining the basic democratic functioning of society
(Hacker and Pierson 2005; McCoy et al. 2018). The question, then, is how such division
happens and how the “us” and “them” come to be defined.

So called constraint based definitions of polarization answer by drawing on studies of
pluralism, according to which stable societies are stable not because of a lack of conflict, but

1Throughout this paper, I will use the term “belief system” for consistency’s sake, but it should be
understood here that there is significant overlap with terms like ideology, cognitive/culture schema, etc.
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because of the structure of that conflict. Specifically, Pluralistic societies are stable when
conflict is expressed along multiple, cross-cutting issue cleavages. So, for example, two people
may disagree about the legality of abortion, but agree about funding for schools. Cross-cutting
cleavages like this create areas of compromise and limit the depth of conflict (Baldassarri and
Gelman 2008; Blau 1974; Dahl 1961; Durkheim 1984; Lipset and Rokkan 1967). Polarization,
then, is a matter of aligning issue cleavages which reinforce each other and ultimately lead to
all political conflict functioning as a part of the same single overarching conflict (Baldassarri
and Gelman 2008; DellaPosta 2020; Kozlowski and Murphy 2021). Fundamentally, then, this
is a belief system based definition of polarization; indeed, “constraint” is a structural property
of belief systems: it refers to the degree to which different beliefs “constrain” (or correlate
with) each other (Converse 1964). High constraint means lots of aligning cleavages, such that,
if I know your position one issue, I likely know your position on others as well. This is exactly
the kind of structural property which a belief systems perspective calls attention to, and
which RCA and BNA can usefully identify.

However, there are other ways to define the division between “us” and “them” at the
heart of polarization: namely, affective (or “social”) polarization. Affective approaches define
polarization in terms of partisan animosity or bias, i.e. how partisans feel about each other
(Iyengar et al. 2012). Rather than looking for substantive disagreement, affective definitions
focus on partisanship as a social identity, drawing on work in social psychology on inter-group
conflict to look for the totalizing “us” vs. “them” conflict in moralized animosity between
social groups (Finkel et al. 2020; Iyengar et al. 2019, 2012; Mason 2015). These definitions
have the advantage of both strong face validity (i.e. it doesn’t matter whether two groups
nominally agree on issues if they hate each other) and strong external validity, because we
know that inter-party affect has measurable impacts on other indicators of polarized conflict
(Iyengar et al. 2019; Iyengar and Westwood 2015).

Partly because of their substantial differences, the relationship between constraint and
affect in polarization remains wide open. Work in this area has thus far been basically
comparative, attempting to adjudicate or untangle causal primacy (see, e.g., Lelkes 2018;
Rogowski and Sutherland 2016; Webster and Abramowitz 2017). And this work has largely
not, in fact, focused on constraint, but rather other attitudinal approaches to polarization.
Now, this is absolutely valuable work, but it is also limited. It is not as though constraint
and affect are by nature separate. They are certainly different, but it remains to be seen
whether those differences are not per se incompatible. Perhaps which aligning cleavages are
relevant for defining the in/out-group are defined by the affect around them, or alignment
occurs both through shifting opinions and shifting affect. In other words, rather than arguing
primacy, there may be an opportunity for synthesis here.

4.2.3 Belief and Affect
This synthesis, however, would go beyond polarization, because the relationship between
constraint and affect in polarization forcefully raises the question of affect in belief systems
more broadly. Although affect (and/or emotion)2 has certainly been discussed in the wide and

2Throughout this paper, I make no fine-grained distinction between affect and emotion (see, e.g., Wilson-
Mendenhall and Barsalou 2018) and understand both to mean, essentially, “embodied feelings in response to
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varied literatures on belief systems, broadly construed (see, e.g., Bourdieu 1984; DiMaggio
1997; Hennion 2007; Wimmer 2013), in the context of survey based research, especially on
politics, its role remains largely undiscussed. In particular, I am not aware of any work
using the more recent, structurally oriented, methods (e.g. LCA or BNA) which engages
systematically with affect.3 The combination of this lack of attention and the open question
of constraint versus affect in polarization, we have now a very basic question: do affective
items belong in our studies of belief systems? Or, to put it a bit more analytically: we need
to understand whether affective evaluations similar enough to propositional opinions that
they play meaningfully similar roles in belief systems.

Now, our immediate answer might well be no. This would be in line with the longstanding
division between rational propositional and irrational emotions, a division which is indeed
replicated by work on affective polarization and reasoning (see, e.g. Dias and Lelkes 2021).
This distinction makes the exclusion of affect seem straightforwardly plausible. For instance,
some theories of belief systems see the relationships between beliefs as logical or linguistic; if
this is the case, then we might imagine that emotions wouldn’t participate in these relations
(see, e.g., Converse 1964). Alternatively, perhaps they shouldn’t participate in the same way:
it may be the case that affect “inflects” or “orients” beliefs, and that these ways of relating
are sufficiently different from normal belief system relations that it would be analytically
dubious to combine them. It is also possible that affects are connected, meaningfully, in
belief systems, but that including them would nonetheless make no contribution because they
provide no new information because they are too tightly coupled to the relevant attitudes.
For instance, we might imagine that a respondents who are angry about abortion are angry
because they have strong beliefs, so including an affective item on abortion would only serve
to add measurement error. Or, in terms of belief network analysis, affect is too tightly bound
to attitudes, such that its addition doesn’t add any meaningfully novel connections to the
network.

However, it has become clear in more recent research that affect and attitude, emotion
and propositional opinion, are far more similar than we tend to think. To begin with, it is at
this point obvious that there is no firewall separation between rational propositional thought
and irrational emotion. On the contrary, we know now that affect significantly impacts our
cognition in a variety of ways across multiple domains (Clore and Schiller 2018; Hibbing et
al. 2014; Munro, Weih, and Tsai 2010). At an even more basic level, though, the study of
emotion and affect make clear that, while they may function differently from attitudinal
reasoning, they are not “irrational” in the sense of being nonsensical. Indeed, affect and
emotion bear specific and useful propositional content insofar as they serve as evaluations of
a given situation, which help us organize and respond to our sense perceptions (Clore and
Schiller 2018). And the similarity goes still further, as it is becoming increasingly clear that
emotions are concepts which develop in memory using the same cognitive machinery used by
our brains in developing any other concept (Wilson-Mendenhall and Barsalou 2018).

some stimulus”. For more, including some potential lines of demarcation, see Clore and Schiller (2018).
3There are two minor exceptions I am aware of: first, in Boutyline and Vaisey’s (2017) original application

of BNA they do include two affective survey items, but they give no particular discussion to their inclusion.
Second, work with LCA, including Goldberg’s original statement of the method (2011), has often engaged
with questions of taste, which we could plausibly distinguish from propositional attitudes, but these are not
affective items, nor are they political.
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In keeping with this similarity, we have substantial specific evidence of affect influencing
beliefs in a variety of ways. Crucially, this influence is not universal or generic, rather, it is
relational and context dependent in much the way propositional beliefs have been shown
to depend on one another within a belief system. In fact, much of this evidence comes
specifically from the study of affective polarization, where partisan bias at the individual level
has been linked to a variety of both specific attitude differences and processes of reasoning
and evaluation (Dias and Lelkes 2021; Druckman et al. 2021; Lu and Lee 2019; Webster and
Albertson 2022). Importantly, these findings show evidence of specific, relevant, affects and
emotions influencing specific relevant beliefs in ways which are predictable and theoretically
interpretable. This sort of influence looks exactly like the sorts of heuristic judgments which
are important for ideological development (Boutyline and Vaisey 2017).

But there’s an even more foundational point here: the division between beliefs and
emotions may well be wrongheaded in the first place. Returning to the idea, discussed
above, that affect helps us organize our perceptions„ it has been argued that no perception
comes to us without some kind of affect attached and that, in this way, affect “provides
a common currency for evaluating the variety of otherwise incommensurate objects that
people encounter” (Clore and Schiller 2018:533). Given this, we might imagine that likewise
every propositional belief will have some affect attached to it, and thus that it is partly by
way of these affects that belief systems are held together. Indeed, just as theorists of social
constraint have argued that ideological belief systems are built into coherence because of an
underlying ideological commitment which enables various shortcuts in the formation of new
beliefs (heuristic reasoning, clear rubrics for which sources of information to follow, etc.) (see
Boutyline and Vaisey 2017:1377–78 for a brief overview), an overarching affective orientation
could easily function in the same way. Even aside from any specific theory of influence, it
seems increasingly clear that affect and attitudes are not cleanly separable and that their
separation in our understandings of belief systems is perhaps more an artifact of the surveys
we use and their limitations.

Ultimately, I am arguing for a more inclusive understanding of belief systems and a more
thorough version of a relational theory of meaning. As discussed above, the essential insight of
a belief systems perspective is that beliefs do not stand alone, but rather are (at least partly)
made meaningful by their relation to one another. However, there are different versions (or
perhaps different degrees) of this insight. On the one hand, it may be that beliefs stand
in various functional relationships with each other (see, e.g., Converse 1964) or be related
by way of elective affinities (see, e.g., Jost et al. 2009). On the other hand, there is the
version of the insight grounded in structural linguistics and more common in the sociology
of culture which holds that the very literal linguistic meaning of the propositions involved
is determined by the larger network (Mohr 1998). That is the perspective I want to argue
for here and bring to the analysis of political belief systems: belief systems are not just a
matter of functional interdependence of propositional beliefs, but rather they are structures of
meaning whose members are only made meaningful (in any real sense) by their relationships
with one another, propositional beliefs and affective orientations both. For instance, although
we imagine ideologies as basically propositional, an ideological commitment to lower taxes
means something substantively different (both to you and to others) if you also feel that
taxes are repugnant. Indeed, a belief that less government is better or that government is
ineffectual are almost entirely different from those same beliefs tied up with hatred towards

56



the government.
In summary, then, I am arguing that attitude and affect are similar enough in how they

function in the context of belief systems that any consideration of belief systems ought to
include both. Doing so will not only better fit our wider theoretical understanding of affect
and emotion, it will also provide a more complete picture of any given belief system than
we would have without including affect. Furthermore, in the particular case of constraint
and affect based definitions of polarization, doing this can help us better understand the
relationship between these two definitions and even begin to offer a meaningful synthesis.
In order to demonstrate this empirically, I apply Boutyline and Vaisey’s method of belief
network analysis (mentioned in brief above) in a comparative analysis of attitudinal, affective,
and combined “belief” systems

4.2.4 Empirical Strategy
Belief network analysis is perhaps the most flexible of the recent belief system oriented
methods, in part because it most directly mobilizes the basic insights of that perspective.
Belief systems are often described as “networks” of beliefs connected by ties of mutual
influence. Belief network analysis formalizes this observation by constructing literal belief
networks out of survey data: each question is a node and each pair of questions is connected
by an edge whose weight is equal to the square of their correlation (Boutyline and Vaisey
2017).4 Various network analysis methods can then be used to assess the structure of the
network. In particular, Boutyline and Vaisey treat the edge weights as inverse distances, such
that edges are shorter when the correlation between two questions is stronger. This results in
a network in which all nodes (beliefs) are connected to each other, but where the shortest
route between any two nodes is unlikely to be their direct connection. They then use this
idea of shortest paths to identify the central organizing belief of the network by looking for
the belief through which the greatest number of shortest paths passes, i.e. shortest-path
betweenness.

As with any method, BNA relies on a number of assumptions. Most substantially, Boutyline
and Vaisey ground BNA in a fairly rigid theory of belief systems, in which systems develop
outward from a some general organizing belief which then stochastically influences what
positions get taken on more and more specific issues (2017). The result is a clear center-
periphery structure where more central beliefs play a more central role. It is this assumption
which justifies, mathematically, their shortest-path betweenness to identify the central belief.
Fortunately, there is good evidence that (at least political) belief systems do work in this way,
both from Boutyline and Vaisey’s own study and other work on constraint (e.g., Converse 1964).
Additionally, DellaPosta is able to apply BNA profitably under a looser set of assumptions,
drawing on work by Goldberg and Stein (2018) which shows that aggregate belief structures
can help shape individual beliefs even for individuals who do not clearly share the aggregate
structure.

Crucially, based on the preceding theoretical overview, adding affective items to a political
belief network should not change the plausibility of even Boutyline and Vaisey’s stricter

4The square of the correlation is used in order to limit the influence of statistically insignificant correlations
(Boutyline and Vaisey 2017). There is some variation here, however, as DellaPosta (2020) instead uses absolute
correlations.
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set of assumptions. The basic center-periphery structure they describe is precisely the
structure we would expect for a network of political affects, based on the implications of
affective polarization and social identity theory (Huddy 2001). Indeed, Boutyline and Vaisey’s
assumptions are explicitly grounded in the social constraint theory of ideological development,
which we just discussed above as being perfectly consonant with our theoretical understanding
of affect.

Furthermore, while these assumptions are not insubstantial, any method requires accepting
a set of assumptions and trade-offs and, in this case, the trade-offs are worth it. First, as
said above, BNA is perhaps the most encompassing method for looking at belief systems,
because it allows you to capture and analyze the whole of a belief system, with the main
limitation being the quality of the survey being used. More than that, it possesses strong face
validity, with a basically direct correspondence to the underlying theory. As a result, standard
networks characteristics and analytic techniques have clear and meaningful implications for
the belief system. This is perhaps most obvious with Boutyline and Vaisey’s already discussed
use of shortest-path betweenness centrality to identify the organizing, keystone, belief in the
system. Measures of centrality like this can then be used assess the overall centralization of a
network or the degree to which the network is has one well-defined center. In a belief network,
high centralization is an indication of the kind of center-periphery structure hypothesized by
Boutyline and Vaisey. Likewise, there are a number of ways to detect “communities” of nodes
in a network, sets of nodes more connected with each other than the rest of the network, which
DellaPosta labels as cohesive “belief modules” and whose nature, number, and significance
(compared to the connectedness of the rest of the network) can all tell us about the overall
coherence of the system and the strength of larger cleavages within it (DellaPosta 2020:519).
Even one of the simplest metrics in a weighted network, density, has useful implications
here. Density is the average edge weight over the whole network and increasing density is
indicative of the kind of overall increase in constraint standard constraint-based definitions
of polarization are concerned with. The higher the density, the stronger the overall system.

I intend to take full advantage of the analytical leverage these techniques provide to
examine the similarities and differences between political attitudinal and affective networks,
to show that their combination makes sense and provides new information, and furthermore
to look at how these networks changed from 1992 to 2016. In this way I want to demonstrate
both the analytical usefulness of including affective items in the study of belief systems and
to provide further evidence of a combined constraint and affective polarization over time.

4.2.5 Empirical Expectations
Based on the theoretical discussion above, we have some fairly clear empirical expectations
for what this should look like. First, our most basic claim is that affective and attitudinal
networks should look broadly similar, as should the combined network. In essence, if the
networks look incomparably different then there is no way that affect functions similarly
enough to attitudes to justify its inclusion in analysis of belief systems, and the central
contention fails at the first hurdle. To be clear, this isn’t to say there should be no meaningful
differences at all, nor even that the differences shouldn’t be systematic or consistent. Rather,
the point is that the differences should be relatively restricted in magnitude. These should
be like differences between species in a genus, rather than across kingdoms; the differences
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between a wolf and a coyote, not a wolf and mushroom, so to speak. Indeed, there are some
differences that we explicitly should expect: given the manner in which affect can serve
as bridge between otherwise dissimilar items or situations, the affective network should be
overall more densely connected than the attitudinal network. Likewise, we should expect
the combined network to sit in the middle, as affective items help bridge between otherwise
dissimilar attitudes. For the same reason, the affective network should have a somewhat less
differentiated structure: fewer identifiable “communities” of items with a higher percentage
of items included in the largest of those groups. On the other hand, the attitudinal networks
should have more “communities” with fewer items in the largest ones. What the combined
network looks like, however, depends on how exactly the attitudinal and affective networks
integrate.

And this brings us to our expectations for differences over time. The differences I have
just laid out are fairly foundational, grounded in the basics of what we have established about
affects and attitudes, but not all differences between network types will be so consistent.
Plenty of differences will instead be basically historical in nature. For instance, we have good
evidence that polarization increased from 1992 to 2016 (Iyengar et al. 2019; Lelkes 2016). This
increase was larger for affective polarization (Lelkes 2016; Mason 2015), but recent more work
has indicated that attitudinal, constraint based, polarization has increased as well (DellaPosta
2020; Kozlowski and Murphy 2021). A number of expectations for differences over time flow
directly from this. First, given previous work on pluralism and constraint, as well as on belief
network analysis, the most obvious expectation is that we should see an increase in overall
density across all networks. And, given Boutyline and Vaisey’s argument in their original
application of BNA, we should also expect to see changes in the centralization of the networks
and, especially, changes in which nodes are most central, as the belief system becomes more
consistently structured around a single polarizing cleavage. However, we may not see increases
in centralization across the board, because betweenness centrality functions less well in highly
constrained networks (Boutyline and Vaisey 2017). In an attitudinal network, decreasing
centralization would imply a kind of decreasing organization, that some consistent ideology or
organizing principle has become less important. But in the affective network, given the level
of connection already present, it may in fact be evidence of the opposite. As the affective
network becomes more strongly connected, the relative importance of the central organizing
nodes decreases because all nodes are more organized.

Finally, and perhaps most importantly, the degree to which the attitudinal and affective
networks are enmeshed (that is, interconnected) should increase over time. The question
of integration is an exciting new axis of variation which including affect in belief systems
provides. Just because affect should be included doesn’t mean that the relationship between
affective items and attitudes will always be the same. Even the argument above, that all
attitudes have some affect bound up with them, doesn’t imply that we will see consistent
connections in an aggregate belief network. In fact, inconsistent links between beliefs and
emotions may well be the norm. As such, we should expect to see variation in the structure
of combined affective and attitudinal belief systems: in some, affect and attitude will have
little to do with each other, while in others they will be tightly integrated. This degree of
integration is an important structural variable, telling us a great deal about the role affect
plays in a system. Now, the practical meaning of this variation may not be clear in the
general case, but in the case political attitudes and affects, it absolutely is. The polarization
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literature consistently understands the increasing role of emotion in politics as a component
of polarization (McCoy and Somer 2019; Somer and McCoy 2019). Part of what is concerning
in polarization is the way in which partisan animosity touches more and more things, the way
in which all of society eventually reorients around a consistent political conflict (DellaPosta
2020; Finkel et al. 2020). And we can also link this to a form of constraint: the more enmeshed
affect and attitudes are, the stronger a hold affect has on propositional politics and, ultimately,
the more those propositions matter in a consistent way (on a related point, see de Leon
et al. 2015 on political articulation). As such, along with increasing density of the network
and consistent centralization around keystone beliefs or affects, the degree of integration of
affective and attitudinal items in the network should be seen as definitive of polarization in
the combined network.

4.3 Data and Methods
In order to construct and compare these networks, I draw on the American National Election
Studies in 1992 and 2016. Extending the work of Boutyline and Vaisey (2017), I use this data
to generate an attitudinal, affective, and combined belief network based on a shared subset
of items for each year. The analysis then consists of comparisons both across network types
and within each network type over time using a combination of network metrics previously
used in belief network analysis (Boutyline and Vaisey 2017; DellaPosta 2020), along with
measures made possible only by the addition of affective items. Throughout the analysis, I
use a nonparametric bootstrap to establish the statistical robustness of these comparisons.

I use the American National Election Studies (ANES) here simply because few (and
possibly no) other survey datasets satisfy the requirements of the analysis. The argument
being pursued here relies on having survey data which 1) cover a time span long enough to
enable an interesting comparison, 2) include both affective and attitudinal political items,
and 3) have enough of each type of question which are the same in at least two years
(across the aforementioned sufficiently wide time span). The ANES satisfies all three of these
requirements. It is one of the longest running surveys in the US, having been conducted
every four years from 1948 onward (and every two years between 1954 and 2002). It follows
that schedule because it focuses on politics and is structured around the US election cycle
and is commonly used in research on polarization for these reasons, as well as for the fact
that it includes (in addition to attitudinal items) a fairly wide variety of affective question.
The other major contender would be the General Social Survey (GSS), which has been used
profitably for belief network analysis (including over time comparison) by DellaPosta (2020).
However, while it has some political items, that is not the focus of the survey (which is, in
fact, precisely why it was so useful for DellaPosta). Likewise, it largely lacks affective items
(especially political affective items) across its span.5 The ANES, on the other hand, meets all
three criteria perfectly.

That said, though the ANES was first administered in 1948, I am looking here at 1992
and 2016, because this offers the best balance of the first and third requirements. We know

5The GSS does include items which are non-attitudinal, e.g., a variety of items related to matters of taste
(which Goldberg 2011 used in the original application of latent class analysis). However, these items are
neither political nor clearly affective.
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that both elite polarization and affective polarization have been increasing from roughly
the late 1970s (Lelkes 2016), making a 1978 to 2020 comparison arguably the most ideal.
However, such a pairing would provide a total of just 17 items (including both affective and
attitudinal items) shared between the two years. Given that the object is to create a set of
networks which cover the relevant belief systems as completely as possible, that is simply not
enough. By the 1992 to 2016 comparison still very much encompasses a period of significant
political change (polarization included), while also providing enough survey items which are
present in both years to make for a plausible analysis.6

Table 4.1: Attitudinal Variables

Short Name Description
Partisan Id PARTISANSHIP: Party Identification of Respondent- 7-point Scale
Fed Few SYSTEM SUPPORT: Federal Government Run by Few Interests or

for the Benefit of All
Waste Tax SYSTEM SUPPORT: How Much Does the Federal Government

Waste Tax Money
Official Care SYSTEM SUPPORT: Government Officials Care What People Like

Respondent Think
No Say SYSTEM SUPPORT: People like Respondent Have Any Say in

What the Government Does
Election Matter SYSTEM SUPPORT: How Much Elections Make Government Pay

Attention to People
Ideo Selfid IDEOLOGY: Liberal-Conservative Scale
Health Insurance ISSUES: Government Health Insurance Scale
Jobs Income ISSUES: Guaranteed Jobs and Income Scale
Aid To Blacks ISSUES: Aid to Blacks Scale
Abortion ISSUES: By Law, When Should Abortion Be Allowed
Services Spending ISSUES: Government Services-Spending Scale
Def Spend ISSUES: Defense Spending Scale
Stay Home ISSUES: Better off if U.S. Unconcerned with Rest of World
Gay Job Disc ISSUES: Strength of Position on Law to Protect Homosexuals

Against Discrimination
Gay Adoption ISSUES: Should Gays/Lesbians Be Able to Adopt Children
Immigrant Numbers ISSUES: Increase or Decrease Number of Immigrants to U.S.
Spend Schools ISSUES: Federal Spending- Public Schools
Spend Crime ISSUES: Federal Spending- Dealing with Crime
Spend Welfare ISSUES: Federal Spending- Welfare Programs
Spend Childcare ISSUES: Federal Spending- Child Care
Spend Poor ISSUES: Federal Spending- Poor/Poor People

6Unfortunately, the 2020 survey specifically doesn’t work due to some major changes in previously
long-running question, changes which hit affective questions in particular.
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Table 4.1: Attitudinal Variables (continued)

Short Name Description
Lifestyles MORAL TRADITIONALISM: Newer Lifestyles Contribute to

Society Breakdown
Adjust Morals MORAL TRADITIONALISM: Should Adjust View of Moral

Behavior to Changes
Trad Values MORAL TRADITIONALISM: Should be More Emphasis on

Traditional Values
Tolerance MORAL TRADITIONALISM: Tolerance of Different Moral

Standards
Religion Guidance RELIGIOSITY: How Much Guidance from Religion
Bible Authority RELIGIOSITY: Authority of the Bible
Aapref Hiring ISSUES: Affirmative Action in Hiring/Promotion
Child Cur Child trait more important: curiosity or good manners
Child Obed Child trait more important: obedience or self-reliance
Child Consid Child trait more important: considerate or well-behaved
Child Ind Child trait more important: independence or respect
Spend Ss Federal Budget Spending: Social Security
Spend Enviro Federal Budget Spending: protecting the environment
Egal Equal Society should make sure everyone has equal opportunity
Egal Worryless We’d be better off if worried less about equality
Egal Notbigprob Not a big problem if some have more chance in life
Egal Fewerprobs If people were treated more fairly would be fewer probs
Penalty Favopp Favor or oppose death penalty
Resent Workway Agree/disagree: blacks shd work way up w/o special favors
Resent Slavery Agree/disagree: past slavery make more diff for blacks
Resent Deserve Agree/disagree: blacks have gotten less than deserve
Resent Try Agree/disagree: blacks must try harder to get ahead
Divgov Splitgov Party Control or split government
Govrole Big Govt bigger because too involved OR bigger problems
Govrole Market Need strong govt for complex problems OR free market
Govrole Lessmore Less govt better OR more that govt should be doing
Stype Hwkwhite Stereotype: Whites hardworking
Stype Hwkblack Stereotype: Blacks hardworking
Stype Hwkhisp Stereotype: Hispanics hardworking
Stype Hwkasian Stereotype: Asians hardworking
Stype Violwhite Stereotype: Whites violent
Stype Violblack Stereotype: Blacks violent
Stype Violhisp Stereotype: Hispanics violent
Stype Violasian Stereotype: Asians violent
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There are a total of 80 items, 56 attitudinal and 24 affective, which are displayed in
Tables 4.1 and 4.2. The selection of items was proceeded in several steps. Beginning with all
questions appearing in both 1992 and 2016, I followed previous work with BNA (Boutyline
and Vaisey 2017; DellaPosta 2020) and considered only what Alwin (2007) would label “non-
factual” questions and excluded “factual” questions, the distinction being based on whether
a question’s answer could be verified by reference to objective records. Thus I excluded
administrative, demographic, and behavioral questions. Then, I excluded any questions with
no plausible political relevance. The remaining questions were then categorized as either
attitudinal, affective, or neither. This categorization was fairly straightforward, as I was
able to follow previous work on, e.g., affective and attitudinal polarization (Druckman and
Levendusky 2019; Iyengar et al. 2019; Lelkes 2018; Mason et al. 2021). In short, “feelings”
are affect while “propositions” are attitudes (Clore and Schiller 2018; Wilson-Mendenhall
and Barsalou 2018). There was a small set of questions excluded at this final stage: what we
might label non-affective (or not primarily affective) evaluations. This included things like
how the respondent thought the economy was doing, their vote choice, or their ideological
placement of the parties. These are questions which are neither directly affective, nor grounded
in (relatively) consistent attitudes; rather, they are judgments made on the basis of those
attitudes (and affects).

The resulting set of items compares reasonably well to previous applications of BNA.
Boutyline and Vaisey’s original work included 46 total items, a few less than the number
of attitudinal items I’m using here, but almost double the number of affective items. And,
indeed, it should be noted that the relative paucity of affective items is certainly a limitation
here. However, it must also be noted that items which are available provide decent coverage
of the political and affective field and the real question for the method is whether the
empirically observed network provides sufficient coverage of the actual belief system. Now,
both attitudinal and affective items are dwarfed by the scale of DellaPosta’s (2020) application
of BNA, but his argument specifically required coverage of as wide a network as possible
(there was no possibility of “irrelevant” beliefs). Mine, on the other hand, is only interested
in a more limited system and I believe that 56 attitudinal and 24 affective items, for a total
of 80 items in the combined network, is more than sufficient.

4.3.1 Belief Network Measures
I have already said a fair bit about belief network analysis in the course of setting stakes
of the analysis, but I will now lay out in more detail the particular measures which will be
key to the analysis. First, to reiterate, BNA is a formalization of the idea of belief systems
as a network: each survey question is a node, which is connected to each other node with
weight equal to the square of their correlation. In comparison of networks which follows, I
use a number of different network analytic measure to try and capture different aspects of
the empirical expectations laid out above:

• Density: the average edge weight, i.e. tie strength. It is a good general measure of how
well connected the network is.

• Centrality: a rating of how “central” a node is in the network. There are many different
definitions, but I am following Boutyline and Vaisey (2017) and using shortest-path

63



Table 4.2: Affective Variables

Short Name Description
Therm Blacks GROUP THERMOMETER: Blacks
Therm Whites GROUP THERMOMETER: Whites
Therm Business GROUP THERMOMETER: Big Business
Therm Unions GROUP THERMOMETER: Labor Unions
Therm Lib GROUP THERMOMETER: Liberals
Therm Con GROUP THERMOMETER: Conservatives
Therm Dems GROUP THERMOMETER: Democratic Party
Therm Reps GROUP THERMOMETER: Republican Party
Therm Poor GROUP THERMOMETER: Poor People
Therm Gays GROUP THERMOMETER: Gays and Lesbians
Therm Fem GROUP THERMOMETER: Feminists
Therm Hisp GROUP THERMOMETER: Chicanos/Hispanics
Therm Illegal GROUP THERMOMETER: Illegal Aliens
Pres Angry CANDIDATE AFFECTS: President- Angry
Pres Proud CANDIDATE AFFECTS: President- Proud
Dem Cand Angry CANDIDATE AFFECTS: Democratic Presidential Cand- Angry
Dem Cand Afraid CANDIDATE AFFECTS: Democratic Presidential Cand- Afraid
Dem Cand Hopeful CANDIDATE AFFECTS: Democratic Presidential Cand- Hopeful
Dem Cand Proud CANDIDATE AFFECTS: Democratic Presidential Cand- Proud
Rep Cand Angry CANDIDATE AFFECTS: Republican Presidential Cand- Angry
Rep Cand Afraid CANDIDATE AFFECTS: Republican Presidential Cand- Afraid
Rep Cand Hopeful CANDIDATE AFFECTS: Republican Presidential Cand- Hopeful
Rep Cand Proud CANDIDATE AFFECTS: Republican Presidential Cand- Proud
Dem Cand Therm POLITICAL FIGURE THERMOMETER: Democratic Presidential

Candidate
Rep Cand Therm POLITICAL FIGURE THERMOMETER: Republican Presidential

Candidate
Pres Therm POLITICAL FIGURE THERMOMETER: U.S. President
Congress Therm GROUP THERMOMETER: Congress
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betweenness centrality. I first convert tie weights to tie lengths by taking their inverse
such that the strongest ties become the longest. Then, a node’s centrality is simply
the proportion of shortest paths between other pairs of nodes which run through it.
In this understanding, we might think of centrality as being a kind of bottleneck, the
node you go through if you are trying to go anywhere else. Given the assumptions
of a center-periphery structure, discussed above, this measure is not only a generic
indication of structure, but rather locates the node(s) which play an organizing role in
the network.

• Centralization: a measure of the degree to which the network has a single, well defined
center. It is defined as “the sum of pairwise differences between the centrality of the
most central node and the centrality of each other node, all normalized by the maximum
possible value such a sum could obtain in any network of M nodes” (Boutyline and
Vaisey 2017:1383). For our purposes, a more centralized network more strongly matches
the center-periphery structure just discussed.

• Several measures based on partitioning the network into “communities” of nodes which
are, in some sense, more closely tied to each other than to the rest of the network.
Specifically, I follow DellaPosta (2020) in using the “walktrap” community detection
algorithm, which identifies communities based on random walks in the network following
the intuition that short random walks will tend to remain trapped densely connected
communities rather than moving between them. Based on this, I consider:

– The number of communities, i.e. the number of distinct groups of nodes.
– The proportion of nodes in the largest and largest two communities, which gives a

sense of the consolidation of the network.
– Modularity: a measure of how clustered the network is, defined as the proportion

of edges within clusters (communities) compared to the proportion one would
expect if the same total edges were distributed at random.

• Enmeshing of attitudinal and affective networks, measured by comparing the average
edge weight of connections among items of the same type to those between different
types.

None of these measures, however, would be terribly convincing without some kind of
check for robustness to sampling variability. To provide this, I follow previous work in using
a nonparametric bootstrap (Boutyline and Vaisey 2017; DellaPosta 2020), generating 2500
bootstrapped replications for each network. To do this, I resampled the original ANES
respondents with replacement and computed new networks based on the new samples. This
allowed me to also recompute all the aforementioned measures, whose distribution I then
used to estimate confidence intervals for the analysis below.

4.4 Findings and Discussion
Before getting into the metrics, however, we should first see what the belief networks themselves
actually look like. Though there is no good way to establish the statistical reliability of a
particular network visualization, these graphs are nonetheless informative. They help to
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contextualize the more statistically robust measures discussed below and allow us to make a
fuller sense of the results. My aim here is not merely to present a point-by-point comparison
of theoretical expectation and metric result, but rather to attempt to provide a more complete
empirical story.

With that said, we can now turn to Figures 4.1, 4.2, 4.3 and 4.4. The first two show the
1992 and 2016 networks side-by-side, first for the affective network (Figure 4.1) and then the
attitudinal (4.2). The combined networks are larger and are thus shown separately (1992
in Figure 4.3, 2016 in Figure 4.4) for the sake of readability. All six graphs have were laid
out using a force-directed algorithm (specifically ForceAtlas2 in Gephi, see Jacomy et al.
2014 for more), in which nodes repulse and edges attract, placing strongly connected nodes
closer together and more weakly connected nodes further apart. A few modifications have
been made for the sake of readability and ties with weight less than .0225 (i.e. an absolute
correlation between items < .15) have been omitted for the same reason.7 The thickness
of ties is scaled with edge weight, node size is scaled by centrality, and node color shows
community membership. Finally, node names are only displayed for the three most central
nodes in each community, again for readability.
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Figure 4.1: The 1992 and 2016 Affective Networks

7It should be noted explicitly, however, that all analysis was conducted on the full graphs. The omission
of edges was done solely for the generation of these visualizations.
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Looking at the networks shows some obvious differences, both across types and over time.
In all cases, we see more different communities in 2016 than in 1992, alongside an apparent
increase in ties. We also see a universal increase in apparent density, with the 2016 networks
consistently having more points closer together, while the 1992 networks show a more even
spread. Across types, we see that the affective networks seem simpler than the others, with
fewer discernible groups, while the attitudinal and combined networks look more similar.
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Figure 4.2: The 1992 and 2016 Attitudinal Networks

4.4.1 Network Types over Time
Though they provide useful context, the graphs themselves are not the centerpiece of the
analysis presented here. For that, we turn to the network measures described above, which
allow us to make statistically robust comparisons and to begin to assemble a meaningful
story of these different belief networks and how they have changed over time. The first set
of measures are shown in Figure 4.5, including the overall centralization, density, number
of communities, and modularity of each network as well as the percentage of nodes in the
largest community and the largest two communities. Figure 4.5 plots each of these, including
point estimates and 95% confidence intervals for each network,8 allowing simple comparisons
across time and type.

We start by comparing the attitudinal network and the affective networks, because our first
basic question is whether affective items are plausibly similar enough to attitudes to justify

8Note that the point estimates displayed here are the estimates generated by taking the mean of the
bootstrap replications, rather than the actual value in the sample. The only values where this creates a
meaningful difference is for some estimates of the number of communities; however, in no case does it
substantively change the analysis. As an aside, this also explains the otherwise strange fractional point
estimates for the number of communities.
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their inclusion in belief networks at all. Comparing attitudinal and affective networks then,
we see that attitudinal networks in both years have more communities, but a lower percentage
of items in their largest communities (though this difference is not always significant). They
also have substantially higher modularity and substantially lower density. Perhaps most
interestingly, however, the attitudinal network in 1992 has lower centralization than its
affective counterpart, but substantially higher centralization in 2016, due both to an increase
in centralization in the attitudinal network and a decrease in the affective network. We
see similar oddities in the direction of change with the percentage of items in two largest
communities, where the 1992 affective network starts with a very wide interval which includes
1 and drops in 2016, while the attitudinal network starts lower and rises.

These differences and inconsistencies are interesting, and fit well with out expectation of
broad similarity around limited difference. Most of the metrics show some degree of overlap
between estimates for the attitudinal and affective networks and, moreover, even those metrics
with larger differences (e.g. modularity and density) are not residing in different universes.
More importantly, however, the differences (especially those larger differences) are different in
the expected direction: the affective network is generally denser than the attitudinal network
and has a lower modularity (reflective of overall higher connection across communities).

Furthermore, the differences over time (including the inconsistencies across network types)
are clearly explicable in terms of historical processes we know were occurring over the period.
Specifically, these comparisons suggest a story of two complementary trends (or, arguably,
a single trend with differential impacts). My hypothesis is that these changes represent an
overall strengthening of both the attitudinal and affective networks, where the 2016 networks
show a public which is both more ideological/ideologically sophisticated and more affectively
consistent (i.e. polarized). Basically, in 1992, the attitudinal network is only relatively weakly
held together: the combination of low density and relatively low centralization with relatively
high modularity (and comparatively lower concentration in larger groups) is indicative of
a very diffuse network, where strong connections are relatively rare and, when they do
exist, they primarily do so within smaller disconnected groups.9 This sort of belief network
is consistent with the classic view of the American public’s ideological naivete (see, e.g.,
Converse 1964). By contrast, this has changed significantly by 2016, with the attitudinal
network simultaneously becoming much more centralized, doubling in density (though still
low in absolute terms), growing in the number of communities, but decreasing in modularity.
The decrease in modularity (i.e. groups are getting less dense compared to non-group ties)
isn’t a sign of a less structured network, but rather of a more strongly connected network
overall (see increased density) and a network where the various groups stand in stronger
and more meaningful relationship to one another (see increased centralization). Thus, by
2016 we have a belief network more consistent with the findings from DellaPosta (2020) and
Kozlowski and Murphy (2021) and likewise consistent with increasing attitudinal polarization
in a traditional constraint based sense.

While it might seem odd to argue that the somewhat different changes in the affective
9Specifically, these are what we might call “natural” groups, that is, groups where the items are inherently

related, e.g., by subject area. So, rather than seeing groups which represent larger coherent ideological
structures, the strongest ties are all among items on the same topic. For instance, the ties among questions
on the racial resentment scale, or between questions about “lifestyle choices” on the one hand and traditional
values on the other. Indeed, 38 of the top 50 ties in the 1992 network are of this kind.
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network are consistent with the same basic hypothesis, there are two important things to keep
in mind here: the different starting points of the networks in 1992 and, by the same token,
the fundamental differences between affect and attitude discussed previously. Specifically, the
affective items included here are overall more highly correlated with one another than the
attitudinal items, as expected. Based on this, it seems plausible that affects tend more easily
towards structure than attitudes.10

The upshot is that we can almost see the 1992 affective network as being quite similar
to the 2016 attitudinal network: it is about as centralized as the 2016 attitude network,
with higher modularity and density. In other words, this is a network in which a relatively
small number of coherent groups are relatively well connected to one another by some subset
of important junctures. By 2016 the network has become radically more dense (a nearly
three-fold increase) while its modularity and centralization have declined significantly. Put
another way, the overall connected-ness of the graph has increased such that, relatively
speaking, the importance of within-group connections and of particular junctions between
them has decreased. This doesn’t mean that the graph is overall less structured, in the sense
that there are fewer groups, that those groups are not meaningfully coherent, or that central
nodes no longer matter at all. Indeed, as we’ll see momentarily, the 2016 network still has
a set of consistently more and consistently less central nodes, as well as well as perfectly
sensible groups of affects. Rather, we might say that the whole affective field has become
more coherent, more consistent, such that there is simply less organizational work to be done
by these substructures.

Now, to be clear, this explanation of the changes in the attitudinal and affective networks
is offered as a plausible and well supported hypothesis. I am not claiming that the network
evidence presented here is definitive proof of this narrative. The point, rather, is that this
explanation fits into a larger narrative which is supported in other ways; it is consistent
with other evidence and, in that consistency, helps both further support this narrative of
polarization’s development over time and also show the efficacy of these methods.

Turning, then, to the combined networks, we can start to see how attitude and affect
fit together. And that really is what we can see in this comparison, because it is an open
question. It may be tempting to assume that the combined network should just be an average
of the other two: density will be in between the attitudinal and affective networks because
density just averages tie strength. But this assumption is, in fact, completely unfounded:
the combined networks is not are not just the sum of the affective and attitudinal networks.
They are new networks constructed based on the pairwise correlations between all the items
in both the attitudinal and affective networks simultaneously. As such, what the networks
ultimately look like is entirely dependent on the level of connection across the attitude/affect
divide. Looking at the combined networks will tell us what that relationship looks like.

With that in mind, we do see an apparent “averaging” with centralization, density, and
modularity, in both 1992 and 2016. This sort of “averaging” indicates, at a very basic level,
that attitude and affect hang together in at least a minimally coherent system. In other

10And note that many (though not all) of the attitudinal items have a corresponding affective items (and
vice versa). As such, the more general version of the conclusion is perhaps more justified than it at first
appears, given that there is at least some degree of equivalence between the attitudinal and affective items and
thus some degree to which we can claim to be seeing a comparison between a network of political attitudes
towards a set of topics and a network of affects towards those same topics.
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words, this is further evidence of the foundational contention that affect and attitude are
both constitutive elements in belief systems. The apparent averaging here indicates that
attitude and affect interact with each other much as they interact with themselves.

That said, we see something quite different if we look at the number of communities
(identified by the community assignment algorithm): in 1992, the combined network divides
into a fairly small number of communities (4) which is indeed almost the average of the
other two networks (5 + 2 = 7 / 2 = 3.5). But in 2016, things look quite different, with
the point estimate for the combined network instead being closer to the sum of the other
two networks (10 communities, the other two have 8 and 5 respectively). In the context of
decreasing modularity and increasing density and centralization, this change might at first
seem odd, even indicative of decreasing structure and decreasing polarization because of
the way it contradicts DellaPosta (2020)’s definition and findings of consolidation in belief
networks (which he connected convincingly to his “oil spill model” of polarization).

However, this misses two key points. First, DellaPosta’s understanding of network consoli-
dation and its connection to polarization is contingent on the nature of the network being
observed. Specifically, his oil spill model theorizes polarization in terms of the spread of
political alignments to more and more beliefs, leading to network consolidation. The networks
considered here, due to the nature of the ANES, are composed almost entirely of items
which already have (and have had) a political valence. Second, the actual phenomena of
interest which consolidation gets at, namely the alignment of more and more conflict around
fewer and fewer axes, could also be consistent with the trends observed here, at least in
a political network. Comparing the 1992 and 2016 combined networks, what we have, in
essence, is more (identifiable) modules, but those tell us relatively less about the structure
of the network. On the one hand, this could mean a fragmentation of the network into less
meaningful pieces, i.e. less consolidation or alignment of conflict. On the other hand, however,
it may be simply a side effect of the overall increasing density: as the whole network comes
to be more meaningfully interconnected the identifiable modules, though present, mean less
and less in comparison to the baseline connectivity (and alignment) of the network. Indeed,
this is one place where the visualizations are helpful: though the 2016 combined network, as
shown in 4.4, is divided into ten distinct communities, the visualization also makes clear the
wild disparity in the size of these groups. In fact, five of those ten communities have only a
single node and two have two. Ultimately, there are fewer communities with more than two
nodes in 2016 than in 1992 (three vs. four).

Fortunately, the combined network offers us another metric for evaluating its development
which the separate attitudinal and affective networks do not: the degree of integration
between item types. That is, comparing levels of connection between items of the same type
(e.g. attitudes with attitudes, affects with affects) versus items of different types (e.g. attitudes
with affects). In 1992, the average tie strength was .055 between affective items, .02 between
attitudinal items, and .019 between items of different types. The average connectivity of
the network as a whole increased substantially by 2016 in all three cases, with same-type
tie strength averaging .134 for affective items and .044 for attitudinal items. However, the
increase for cross-type pairs was proportionally the largest, with average tie strength more
than tripling to .058.11

11All these comparisons hold as well if we consider the absolute correlation between items instead of tie
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Another way to get a sense of how this enmeshing changed the structure of the network over
time is to look at the modularity of the network. However, rather than looking at modularity
based on the communities assigned by the walktrap algorithm (as we have thus far), we can
treat affective and attitudinal items as communities. Modularity looks at the proportion
of edges (or in this case edge weights) within communities versus between communities as
compared to the proportion we would expect by chance, in a randomly rewired network with
the same distribution of edge weights(Newman 2004). The fact that the modularity decreases
from .111 in the 1992 combined network to .06 in the 2016 network demonstrates that the
community assignment (in this case of “affect” and “attitude”) tells us much less about the
network in 2016, indicating that cross-type ties are playing a bigger role.

What we have, then, is a significant increase in the integration of attitude and affect
from 1992 to 2016. Taken together with the other measures, this is strong evidence of a
strengthening network over time. What we have is an overall more and more connected
network (increasing density), where groups matter less (decreasing modularity), but which is
clearly oriented around particular focal points (increasing centralization). And, as we have
just shown, this strengthening goes hand in hand with the increasing integration of attitudinal
and affective items. This is not only evidence of increasing ideological sophistication and
affective consistency Kozlowski and Murphy (2021), but of fundamentally strengthening links
between those things. In other words, the trends from 1992 to 2016 show a public whose
political beliefs are more and more enmeshed in a set of affective responses.

We can get a better sense of what this means qualitatively if we look at what those focal
points of organization are, by shifting from the summary network statistics we have so far
considered to investigating the centralities of individual items in these networks.

4.4.2 Comparing Centralities
Figures 4.6, 4.7, and 4.8 compare the centrality scores of items in 1992 and 2016 for the
affective, attitudinal, and combined networks. These figures show the point estimates and
95% confidence intervals for the relative betweenness centrality of each item, or the node’s
centrality score divided by the maximum score in the sample. Because the purpose of the
comparisons is to see what items were the most reliably central relative to other items, using
relative scores in this way produces a more accurate picture than absolute scores would. For
instance, if some bootstrap resamples resulted in networks with overall higher centralization,
they would widen confidence intervals for absolute scores, even if relative centrality of nodes
was the same (see Boutyline and Vaisey 2017 for more). In addition, items with a centrality
of .01 or less in both years have been omitted for space reasons.

Looking at the attitudinal and affective networks, we can clearly see the increasing and
decreasing (respectively) overall centralization between the 1992 and 2016 networks: in 1992,
the attitudinal network shows a confused distribution of centralities with, admittedly, some
level of differentiation, but wide confidence intervals with a high degree of overlap. Not only
is there no clear center, but, against expectations from Boutyline and Vaisey’s (Boutyline and
Vaisey 2017) findings, ideological identity isn’t even particularly close to being that center,

strength (the squared correlation): affect goes from .19 to .31, attitude from .11 to .16, and cross-type from
.11 to .20. This is perhaps slightly less disproportionate than the same comparison on tie strength, but it is
still disproportionate, with cross-type average correlation nearly doubling.
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Figure 4.7: Relative Attitudinal Network Centralities
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Figure 4.8: Relative Combined Network Centralities
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having the highest centrality in just four of the 2500 replications. But the substantial increase
in centralization in 2016 comes with an attendant increase in consistency and a tightening of
the distribution. There’s still a meaningful distribution, but ideological identity has moved
decisively to the center of the network. In short, we see here a belief network exactly in line
with the network Boutyline and Vaisey observed in the 2000 ANES data. That is, a network
fundamentally centered around ideological identity.

Likewise, the affective networks show clear evidence of decreasing centralization. Though
in neither year is there a clear and consistent center, the distribution in 1992 shows some
level of structure, with a group of candidate, party, and ideology feeling thermometers all
appearing at or near the center with some frequency, and with the feeling thermometer for the
Democratic candidate a relatively clear favorite for most central. But by 2016, the distribution
has widened dramatically, with more items occupying more varied positions across the scale.
Most interestingly, perhaps, the set of highest centralities has changed significantly, with
feelings towards illegal immigrants as likely as feelings towards the president to occupy the
most central position in the network.

That all makes the development of the combined network a bit more surprising. Recall that
the combined network saw a small increase in centrality alongside a much more substantial
increase in density and decrease in modularity. Given this, we might expect a much more
muted change in centralities compared to those we’ve seen in the attitudinal and affective
networks separately. Indeed, this would be even more the case if we imagined the combined
network as averaging or addition of the two separate components, each of which experienced
opposing changes. However, this is not the case. Rather, we see a transformation almost as
substantial as with the attitudinal network alone. In 1992, the combined network shows no
real consistent centralized structure, with the centralities of individual nodes varying wildly,
point estimates spread heavily across the whole scale and wide confidence intervals. Likewise,
though affect towards liberals is clearly the best candidate for the most central node, it has
3 close competitors which overlap substantially both with each other and with five or six
further items.

But by 2016, the combined network looks much more like the attitudinal network, with
a much tighter distribution of centralities in general and much stronger candidates for the
most central node. Specifically, ideological identity and the presidential feeling thermometer
stand head and shoulders above any other item, overlapping only with each other (their
confidence intervals overlap somewhat with those for the candidate feeling thermometers, but
not with any of the point estimates).12 On its own this result wouldn’t necessarily tell us
very much: having one attitudinal and one affective option in this way is consistent with a
deeply enmeshed combined network, but it could just as easily result from the two separate
networks remaining highly distinct, particularly given that the two items were each (one of)
the most central in their separate networks.

However, both the previous findings and further investigation clearly show that this is a
deeply enmeshed combined attitudinal-affective network. Ideological identity and presidential
affect are not two separate centers for two tenuously connected networks, rather they are
themselves fairly closely connected and, as is evident in 4.4, play analogous roles within the
same central module. Each one is a focal point for connecting one of the other modules (or

12This is true regardless of whether we consider the relative or absolute betweenness centralities.
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several) to their shared group. And those other modules are not clearly demarcated by item
type, rather ideological identity is linked to a “values, religion, spending” module (which,
to be clear, includes a number of feeling thermometers) while presidential affect is linked
to a “race, racial resentment” module. They are also quite similar in how they are tied
to attitudinal and affective items more generally. Looking at Figure 4.9, which shows the
distribution of ties for each item, we can see that they are nearly identical with regard to
attitudinal items and presidential affect has only a marginal advantage in overall connection
to affective items.

4.5 Conclusion
At their most basic, these results show the strengthening of political belief networks from
1992 to 2016, evidence that belief systems became more structured, organized, and consistent,
replicating findings from previous work (see, e.g., Boutyline and Vaisey 2017; Kozlowski and
Murphy 2021). Previous work, however, has looked only at propositional beliefs or attitudes,
treating affect (implicitly and explicitly) as fundamentally different and disconnected from the
question of belief systems and their structure. In this paper, I have argued the opposite, that
affect must be included in any consideration of belief systems for precisely the same reasons
that belief systems are worth considering in the first place. And these results substantiate
that argument, not only showing that it is reasonable to include affect in the study of belief
systems, but that it is profitable to do so.
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In the first place, I have shown that, in both 1992 and 2016, affective networks share
fundamental similarities with attitudinal networks. More than that, when attitudes and
affects are combined, the resulting networks are not bifurcated messes of topology, but
meaningfully combined networks which remain basically comparable to the attitudinal
networks examined here (and belief networks examined previously elsewhere) (Boutyline and
Vaisey 2017; DellaPosta 2020). In this way, affect and attitude are shown to share a genus,
but they still different species, such that the consideration of affect does provide analytical
leverage which would not otherwise be available. Specifically, I am able to look at both
the degree to and the manner in which the affective and attitudinal networks have become
enmeshed with one another.

By doing this, I am able to show that political belief systems not only became more
structured, organized, and consistent, but more structured, organized, and consistent in how
propositional beliefs and emotions are linked together. Between 1992 and 2016, affect and
attitude became more strongly integrated, with disproportionate growth in the strength
of cross-type ties and a dramatic reduction in how effectively the division between affect
and attitude structured the network. Furthermore, the combined network not only became
more centrally organized, it did so in what might be called a “coordinated” fashion, with
presidential affect and ideological self identification taking the central position like a pair of
binary stars. Ultimately, these results not only show that the political belief system became
more ideologically organized, but that that ideological structure was increasingly enmeshed
in similarly organized and oriented affective responses.

This finding of increasing integration of political attitudes and affects is important, not
only for it tells us methodologically about the study of belief systems, but for what it shows
substantively with regard to mass polarization. Polarization, recall, is about the division of
society into an “us” and a “them”, locked in existential conflict (McCoy and Somer 2019).
Much previous work has, in various ways, pointed to the integration of political affect and
attitudes as central to the development and definition of this “us” and “them” (McCoy and
Somer 2019; Simonsen and Bonikowski 2022; Somer and McCoy 2019). However, this centrality
has largely remained conceptual rather than definitive or operationalized. Indeed, while some
of the theoretical work which functions as the foundation of affective and constraint based
approaches to polarization draws on this idea of a growing linkage between affect and emotion,
affective and constraint based definitions of polarization do not themselves understand it
as definitive (Baldassarri and Gelman 2008; Iyengar et al. 2019, 2012; Lelkes 2018). The
approach taken here, the use of belief network analysis in order to assess the integration of
attitude and affect in a political belief system, offers an approach to polarization which does.
And, in so doing, I offer a meaningful synthesis of affective and constraint based approaches.

More than that, this synthesis has implications for the study of pluralism and constraint
more broadly. Constraint based definitions of polarization focus on overlapping versus cross-
cutting opinion cleavages, drawing on studies of pluralism to argue that crosscutting cleavages
help maintain stable democratic functioning, while aligning or overlapping cleavages are
indicative of polarization, with a society being truly polarized when all (political) conflict is
oriented around a single dividing cleavage (Baldassarri and Gelman 2008; Somer and McCoy
2019). Overlapping versus crosscutting cleavages matter because they ultimately define the
shape and nature of political contestation: work on pluralism has pointed out that pluralistic
societies are not made successful by a lack of disagreement or conflict, but rather by a kind
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of productive and stable conflict (Blau 1974; Dahl 1961; Durkheim 1984; Lipset and Rokkan
1967). And crosscutting cleavages are the prerequisite for this kind of conflict because they
both enable and enforce compromise. For instance, we may disagree about abortion but agree
about welfare expansion, so if we want to work together on welfare then we must be willing
to compromise enough on abortion that our disagreement is not existential. However, this
understanding of political conflict and compromise leaves a major question open: how are
the relevant cleavages determined? Not all opinion cleavages are politically relevant; indeed,
it feels slightly absurd to label something like “whether the town should plant oak trees or
maple trees” an opinion cleavage at all, at least in comparison to something like “in what
circumstances should abortion be legal”. Instead, cleavages (opinion or otherwise) must be
made relevant by political actors (de Leon et al. 2015). And if we want a way to understand
which cleavages are relevant and what the valence of that relevance is, then the integration of
affect attitude is one extremely plausible metric at our disposal.

And this point reveals still broader consequences of the findings presented here, ultimately
bringing us back to the study of belief systems in general. The upshot of the argument and
findings here is not just that the connection between affect and attitudes is critical for our
understanding of polarization, nor merely that affect should be considered when we consider
belief systems, but rather that the many and varied interconnections among different affects
and attitudes are central to how we ought to think about belief systems at all. The whole
point of a belief systems perspective is that individual beliefs are not fully meaningful in
themselves and that it is their relationship to other beliefs which helps determine their full
importance. However, some versions of this insight make this a relatively limited matter of
functional interdependence or elective affinities between different beliefs (whose dependence
and affinity is perhaps to be understood partly by way of their individual meaning). But the
results here indicate that we need to go further: belief systems are structures of meaning
whose structures make their meaning, in a very real sense.

Finally, then, this points back to an expanded synthesis of affect and constraint, a
conception of polarization as a kind of worldview, grounded in this relational theory of
meaning. Polarization defined neither by a single affect nor an assemblage of propositional
attitudes, but by a constellation of affects and attitudes which hold together in a coherent
orientation towards politics which dictates strategies of action and defines the nature of the
conflict. But it will require much more work to effectively explore this new approach. What I
have done here can only be an introduction. On the one hand, the argument here has been
limited by the nature of the data available, this historic undervaluing of affect in survey design
and its division from attitudes. And on the other, the argument here is necessarily limited in
comparison to the substantive importance of presented by the question of polarization and
the breadth of the empirical ground opened by this approach.
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Chapter 5

Conclusion

Polarization defines modern American politics and, increasingly, seemingly unrelated aspects of
everyday life. This dissertation examines the foundational role partisan differences play in this
polarization, thereby exploring the co-constitution of identity, meaning making, and political
conflict. Drawing on diverse strands of political and cultural sociology, political science,
and quantitative methods, this study contributes to our understanding of the specifically
interpretive power of partisanship. It also looks at the constitutive partisan asymmetry in
polarization, which is grounded in this interpretive power. Indeed, existing quantitative work
has had difficulty capturing partisan asymmetry because it misses polarization’s interpretive
core. Based on the American National Election Studies, the three substantive chapters provide
three different responses to these linked problems. Building from diagnosis to solution, this
dissertation makes both empirical and theoretical contributions to the study polarization, to
wider sociology, and to the substantive understanding of our fractured political world.

The contribution begins with Chapter 2, which used the empirical question of asymmetric
polarization to address a long running issue in the study of affective polarization: whether
in-party affect plays a constitutive role or if out-party animus alone is all that is necessary.
The question, in other words, is whether polarization is just a matter of how much you hate
the other side (see, e.g., Abramowitz and Webster 2016; Finkel et al. 2020; Webster and
Abramowitz 2017), or if how much you like your own party also matters (see, e.g., Mason
2015; Yarchi et al. 2020). Thus far, the study of affective polarization has been unable to
truly adjudicate this question, with both “net affect” and “negative partisanship” approaches
receiving theoretical and empirical support (Iyengar et al. 2012; Mason 2015). Yet, the
question has relevance beyond the study of polarization, with potential ramifications for social
identity theory, on which affective polarization is based (Brewer 1999; Huddy 2001; Tajfel et
al. 1971). My analysis of the development of partisan affect from 1978 to 2016 for Democrats
and Republicans produced results consistent with neither net affect nor negative partisanship
understandings of polarization. Instead, although it did find an asymmetry in partisan affect,
surprisingly, it was an asymmetry in favor of Democrats rather than Republicans and it was
driven almost entirely by in-party affect. Furthermore, the analysis presented in Chapter 2
also demonstrates a relationship between in-party love and out-party hate for Democrats
which develops over time, while there is no such connection for Republicans. There is no
easy way to fit these results into current understandings of polarization. At best, these would
indicate that Democrats are consistently and substantially more polarized than Republicans.
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But this makes no sense in the face of the obvious observed asymmetries in every other arena.
Something in the current theories is inadequate.

To be clear, both approaches have made significant contributions to our understanding of
polarization; indeed, negative partisanship in particular has demonstrated impressive findings
with regard to “polarization related” outcomes, e.g. willingness to discriminate against the
out-group, assessments of governmental legitimacy, etc. (see, e.g., Druckman and Levendusky
2019; Iyengar et al. 2019, 2012). The findings in Chapter 2 do not imply that we must throw
out this previous work; however, we must think about how to approach it in this new context.

The upshot of that context is this: we must think more deeply about what exactly
affect means. Until now, in both work on polarization and in much other work in the social
identity theory paradigm, there has been a fundamental (implicit) claim of a one-to-one
correspondence between in- or out-group affect and identity (or, specifically, polarization).
But these anomalous findings undermine that assumption. In other words, the meaning of
in- and out-party affect can no longer be taken as fixed. This should push us to think more
seriously about historical and institutional context, and how this context may play a role in
defining what exactly we should call polarization. Put another way, these results are evidence
that we can no longer make do with “institutionally ‘thin’ ” theories of polarization (Pierson
and Schickler 2020).

Chapter 3 responded directly to this challenge by proposing a new worldview model of
polarization and validating it by using it to show exactly the asymmetry in polarization
which the affective approaches investigated in Chapter 2 were blind to. This model combines
work on worldviews, relational theories of meaning, and affective polarization in order to try
and more directly operationalize the basic conceptual definition of polarization as the division
of society into meaningful political sides who see each other in a particular (antagonistic,
Manichean) way (McCoy et al. 2018). In this understanding, polarization requires not only
in- or out-party like/dislike (for instance), but for that dislike to hold together in a persistent,
patterned, way with other judgments about the other (and/or one’s own) party.

Defined in this way, the asymmetric development of polarization from 1978 to 2016
becomes clear: while both Democrats and Republicans polarized, Republicans polarized more,
with their dislike of Democrats more and more strongly connected to perceptions of threat
and feelings of fear. This confirms the expected asymmetry at the mass level which is so
obvious at the elite level and thereby validates the worldview model. But the worldview model
also uncovers evidence of Republican dissatisfaction with their own party, lending support to
the claim that polarization should lead to intra-party, as well as inter-party, division (McCoy
and Somer 2019:246–47).

The worldview model is a powerful synthesis of sociological advances in the study of
attitudinal polarization and the relational nature of meaning (Boutyline and Vaisey 2017;
DellaPosta 2020) together with the innovation of affective polarization from political science
(Iyengar et al. 2012; Mason 2015). The results of this synthesis make its empirical utility
clear, but it is also theoretically innovative. My focus on the link between identity and
judgment, grounded in a wide range of sociological work (Bourdieu 1984; de Leon et al.
2015; Hennion 2007; Wimmer 2013), goes beyond previous work with social identity theory
or motivated reasoning (Druckman et al. 2021; Druckman et al. 2013; Iyengar et al. 2019;
Mason 2015) to lay out a new connection between polarization and identity. In so doing,
it shifts the grounding assumptions in the debate on the relative importance of attitudes
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versus identity in driving affective polarization (Lelkes 2018; Mason 2018; Rogowski and
Sutherland 2016; Webster and Abramowitz 2017) and offers a new elaboration of work on
partisan differences in public opinion (see, e.g., Brooks and Manza 2013; Morisi et al. 2019).
The theory I have introduced here also introduces the concept of identity as a heuristic to
the study of polarization (see, e.g., Boutyline and Vaisey 2017). Finally, in highlighting the
importance of the specific content of political identities, as opposed to merely the strength of
identification (cf. Mason 2015), the worldview model better grasps the interpretive power of
polarization and thereby makes a powerful methodological and theoretical contribution to
both the study of polarization and the quantitative study of worldviews more generally.

Chapter 4 expands on that contribution by investigating the worldview model with a novel
methodological approach. A worldview or belief system is not simply a set of independent
propositional opinions, but rather an integrated system in which the structure of beliefs
(the way they relate to one another) fundamentally determines the nature of the system
(Boutyline and Vaisey 2017; Converse 1964; DiMaggio 1997; Jost et al. 2009; Martin 2002).
Thus, this chapter attempts to address the question of polarization by looking at the whole
system (so far as possible given the available data) rather than just one part of it. More than
that, however, it goes beyond previous quantitative work on belief systems by affects in the
system. Although the role of affect is clear in some of the diverse literature on belief systems
(or similar concepts, e.g. cultural schemas) (see, e.g., Bourdieu 1984; Hennion 2007; Wimmer
2013), it has generally been ignored in quantitative, public opinion oriented, work (see, e.g.,
Boutyline and Vaisey 2017; DellaPosta 2020).

Through a novel application of Boutyline and Vaisey’s (2017) belief network analysis, this
chapter demonstrated the validity and usefulness of bringing affect in. It replicated previous
results from belief network analysis, but now with the inclusion of affective items in the
network, thereby showing a basic degree of similarity in the way attitudinal and affective items
relate to one another. But it also mobilized the additional analytical leverage provided by the
inclusion of affect to ground a new approach to the worldview model, defining it in terms of
the level of integration between attitudinal and affective items. In this way, this dissertation
also goes beyond current work in polarization, which largely seeks to adjudicate the primacy
of attitude or affect in defining or driving polarization (see, e.g., Lelkes 2018; Rogowski and
Sutherland 2016; Webster and Abramowitz 2017), offering a meaningful synthesis grounded
in work on pluralism and constraint (Baldassarri and Gelman 2008; Blau 1974; Dahl 1961;
Durkheim 1984; Lipset and Rokkan 1967).

Although the work presented here goes a long way towards exploring both the empirical
fact of partisan asymmetry and the interpretive power of polarization which helps create it,
it is also limited in important ways and much remains to be done. The worldview model
proposed here is powerful and well validated in its foundations, yet it is still new. The
methodologies in both Chapters 3 and 4 need empirical expansion: in the first case, other
selections of items should be examined, especially drawing on other measures of affective
polarization (i.e. social distance measures or trait batteries instead of feeling thermometers)
(Druckman and Levendusky 2019). Belief network analysis may be helpful here as a way of
identifying closely connected groups of items, but it also calls for further investigation of its
own. In particular, due to practical constraints, the application of belief network analysis
in Chapter 4 does not deal with partisan differences, which would be a clear next step.
More broadly, this study is centrally limited in that it is purely quantitative and based on
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observational survey data. As such, although it can provide good evidence for aggregate trends
and theoretical concepts, it cannot fully explore the mechanisms by which those trends or
concepts operate. The idea of a feedback loop of dissatisfaction, in particular, deserves further
focused investigation. This feedback loop may play a central role in explaining the militant
and dangerous political mobilizations discussed in the introduction. The story of Republican
radicalization looks, at first glance, to fit the story of the feedback loop perfectly, with waves
of insurgency (the Tea Party, Donald Trump) rising to counter perceived external threats
because the existing Republican Party is understood to be insufficient to the task. But this is
not the only possible explanation and, precisely because it would be so substantively powerful
if true, it demands further investigation aimed not only at testing it, but at identifying in
more detail the mechanisms by which it functions. For these mechanisms may hold the key
to contesting this radicalization and thus to protecting, and perhaps even revitalizing, what
remains of our democratic institutions.
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Appendix A

Face Validity Checks for Chapter 2

In addition to the regression strategy deployed in the body of the paper, I also looked at
plots of average net affect, in-party affect, and out-party affect over time, by party, in order
to assess the basic shape of the trends. These trends are shown in Figures A.1, A.2, and A.3,
below. These figures alone do not show strong trends, but they do seem to indicate an overall
asymmetry in net affect towards Democrats, an asymmetry which is far stronger on in-party
affect than on out-party affect, and which arguably seems to grow over time. Again, I am not
claiming that these figures alone are strong results; however, they do provide a basic degree
of face validity and give context to the regressions in the body of the paper. They lend some
credence to the idea that the similar positive results in the regressions are a sharpening of
true associations, rather than uncovering trends which exist only net of other covariates.
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Figure A.1: Mean Thermometer Bias by Party
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Figure A.2: Mean In-Party Affect by Party
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Figure A.3: Mean Out-Party Affect by Party
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Appendix B

Putting Trends in Context

The feeling thermometers I use as my dependent variables were first included in 1978, which
obviously limits the chronological scope of my analysis. Given what we know about the
development of polarization in the US, this not a major issue: 1978 is around when the
modern period of increasing polarization kicked off, at least on a mass level. I am able to go
beyond that as well, however, through the use of alternative dependent variables which allow
me to look at affective polarization from 1952 to 2004. In this way I can put the developments
in the more recent period in context and show that they are not continuations of longer term
trends with other explanations.

For my alternate measure of affect, I turn to use party likes/dislikes: respondents were
asked to mention things they like and dislike about each party, and distinct mentions were
counted (up to five).1 To turn these into measures of in- and out-party affect, the number of
dislikes for each party is subtracted from the number of likes, creating an affect score towards
each party; for a measure of net affect, the affect towards the out-party is then subtracted
from the affect towards the in-party, resulting in a value between -10 and 10.2

First, Figure B.1 shows average like bias over time and Figure B.2 shows average like bias
by party. The two things to note are, first, that like bias actually tended downward from
1952 to 1978, at which point it began to increase again. This perfectly lines up with the start
of the main dependent variable and its upward trend. Second, as with the thermometer affect
by party figure (Figure A.1 in Appendix A), while the simple display of average like bias
by party doesn’t perfectly correspond to an increasing asymmetry towards Democrats from
1978, it does provide some amount of face validity and also a clear pre/post 1978 difference.

In the same vein, Figures B.3 and B.4 show the marginal effects of Democratic identification
on like bias, in-party like affect, and out-party like affect from regressions similar to those in
the body of the paper, with the following differences: due variable availability, the models do
not include ideological extremity and must use a recoded version of the church attendance
variable. In addition, and more importantly, because the expectation is for no particular
linear trend in the pre-1978 period, these models use year as an indicator variable in all cases,

1Although less common than the feeling thermometers I use as my primary dependent variables (due to
their chronological limitations), party likes/dislikes have also been used elsewhere as measures of affective
polarization (see, e.g., Mason 2015).

2As with the feeling thermometers, these measures are undefined for true independents, as they have no
in- or out-party.
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including in interactions. As such, they allow wild variation in marginal effects from year
to year. Accordingly, there are no obvious trends; however, despite lacking the most recent
data, we can see the suggestion of trends towards Democrats from around 1978 (with the
exception of 1994).
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Appendix C

Model Building for Chapter 2

The results in this paper rely upon interaction effects, but a full display and discussion of the
comparison with the baseline main effects models proved unwieldy in the body of the paper.
Hence, I include the comparison here. Tables C.1, C.2, and C.3 show the baseline main effects
models next to the full models with interactions from the body of the paper for each of the
three dependent variables (net affect, in-party affect, and out-party affect).

Table C.1: Net Affect Main Effects vs. Full Model Comparison

Dependent variable:
Net Affect

(1) (2)

Democrat 3.387∗∗∗ (0.339) −389.147∗∗∗ (53.378)
Dem x Year 0.197∗∗∗ (0.027)
Out Therm 13.241∗∗∗ (0.209) −90.066∗∗ (33.385)
Dem x Out 0.052∗∗ (0.017)
Out x Year 5.105∗∗∗ (0.179) −183.822∗∗∗ (28.247)
Dem x Out x Year 0.095∗∗∗ (0.014)
In Therm 5.876∗∗∗ (0.526) 5.816∗∗∗ (0.526)
Dem x In −0.480∗∗ (0.156) −0.487∗∗ (0.156)
In x Year 0.046∗∗∗ (0.010) 0.046∗∗∗ (0.010)
Dem x In x Year 1.298∗∗∗ (0.323) 1.163∗∗∗ (0.323)
Partisan Strength 0.073 (0.199) 0.047 (0.199)
Partisan Strength x Year −0.280 (0.351) −0.376 (0.351)
Ideological Strength 0.586∗∗∗ (0.105) 0.560∗∗∗ (0.105)

Observations 26,738 26,738
R2 0.230 0.233

Note: ∗p<0.05; ∗∗p<0.01; ∗∗∗p<0.001
Year fixed effects not displayed.

In all cases, the full models provide a better fit to the data in terms of a higher adjusted
R-squared. Furthermore, each of the interactions was shown to significantly contribute to the
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Table C.2: In-Party Affect Main Effects vs. Full Model Comparison

Dependent variable:
In-Party Affect

(1) (2)

Democrat 2.313∗∗∗ (0.211) −445.394∗∗∗ (65.856)
Dem x Year 0.225∗∗∗ (0.033)
Out Therm −0.011∗ (0.005) 1.487 (1.241)
Dem x Out 4.854∗∗ (1.517)
Out x Year −0.001 (0.001)
Dem x Out x Year −0.002∗∗ (0.001)
In Therm 7.840∗∗∗ (0.132) −42.827∗ (21.124)
Dem x In 0.025∗ (0.011)
In x Year 1.003∗∗∗ (0.113) −14.257 (17.973)
Dem x In x Year 0.008 (0.009)
Partisan Strength 4.259∗∗∗ (0.326) 4.127∗∗∗ (0.327)
Partisan Strength x Year −0.624∗∗∗ (0.097) −0.630∗∗∗ (0.097)
Ideological Strength 0.047∗∗∗ (0.006) 0.048∗∗∗ (0.006)
Ideological Strength x Year 1.402∗∗∗ (0.200) 1.361∗∗∗ (0.200)
Black −1.221∗∗∗ (0.124) −1.264∗∗∗ (0.124)
Income −1.641∗∗∗ (0.218) −1.741∗∗∗ (0.218)
Age −0.283∗∗∗ (0.065) −0.317∗∗∗ (0.065)

Observations 26,738 26,738
R2 0.199 0.204

Note: ∗p<0.05; ∗∗p<0.01; ∗∗∗p<0.001
Year fixed effects not displayed.
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Table C.3: Out-Party Affect Main Effects vs. Full Model Comparison

Dependent variable:
Out-Party Affect

(1) (2)

Democrat −1.023∗∗∗ (0.264) −41.695 (158.644)
Dem x Year 0.022 (0.079)
Out Therm −0.017∗ (0.008) 5.205∗∗ (1.715)
Dem x Out 1.640 (2.205)
Out x Year −0.003∗∗ (0.001)
Dem x Out x Year −0.001 (0.001)
In Therm −5.209∗∗∗ (0.173) −31.185 (28.160)
Dem x In 0.013 (0.014)
In x Year −4.040∗∗∗ (0.139) 148.677∗∗∗ (21.970)
Dem x In x Year −0.077∗∗∗ (0.011)
Partisan Strength −1.527∗∗∗ (0.409) −1.444∗∗∗ (0.412)
Partisan Strength x Year −0.153 (0.121) −0.156 (0.121)
Ideological Strength 0.002 (0.007) 0.002 (0.007)
Ideological Strength x Year 0.127 (0.251) 0.195 (0.251)
Black −1.301∗∗∗ (0.155) −1.308∗∗∗ (0.155)
Income −1.374∗∗∗ (0.272) −1.384∗∗∗ (0.273)
Age −0.864∗∗∗ (0.081) −0.858∗∗∗ (0.081)

Observations 26,738 26,738
R2 0.198 0.201

Note: ∗p<0.05; ∗∗p<0.01; ∗∗∗p<0.001
Year fixed effects not displayed.
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fit of the model based on a series of Wald tests.
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Appendix D

Variable Descriptives for Chapter 3

In order to present a clear and efficient summary of descriptive trends for the main variables
of interest, I include six figures here. Figures D.1, D.3, and D.5 display mean values for
in-/out-party affect,1 fear of the out-party candidate, and perceived out-party extremity over
time by party, while Figures D.2, D.4, and D.6 show the corresponding standard deviations.
There are two analytical points worth mentioning here: first, as stated above, the trends
here (especially with mean values) are all consistent with polarization, but none provide any
evidence of asymmetry. Second, though we see changes in variability over time (sometimes
increasing, sometimes decreasing), these trends are relatively similar for Democrats and
Republicans, providing evidence that the differences in marginal effects are not simply artifacts
of different levels of variability in the distributions.

1This first figure replicates the content of Figures A.2 and A.3 for convenience.
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Figure D.1: Mean Feeling Thermometer by Year and Party
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Figure D.2: Feeling Thermometer Standard Deviation by Year and Party
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Figure D.3: Proportion Afraid of Out-Party Candidate by Year and Party
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Figure D.4: Standard Deviation of Fear of Out-Party Candidate by Year and Party
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Figure D.5: Mean Perceived Out-Party Extremity by Year and Party
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Figure D.6: Standard Deviation of Perceived Out-Party Extremity by Year and Party
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Appendix E

Model Building for Chapter 3

The analytical strategy in this paper is based on interaction effects, but including a comparison
with the baseline main effects models in the main body of the paper proved unwieldy. Instead,
I am including the comparisons here. Tables E.1 and E.2 show the baseline main effects
models next to the full models with interactions for each of the four regressions from the
body of the paper. Then, Table E.3 shows a summary comparison for all models, including
the adjusted R2 and the results for Wald tests on each set of interaction terms.

In all cases, the models are very similar in terms of explained variance, but, as shown
in Table E.3, in every case the full model offers some improvement on adjusted R2 and
the interaction terms are shown to significantly contribute to the fit of the model. The
improvements on adjusted R2 are universally small, but are always present, and the Wald
tests clearly show that the addition of the interaction terms does contribute to the model.
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Table E.1: Fear Main Effects vs. Full Model Comparison

Dependent variable:
Out-Party Affect In-Party Affect

(1) (2) (3) (4)

Fear −8.83∗∗∗ (0.32) 337.16∗∗∗ (76.10) 2.98∗∗∗ (0.26) −124.13∗ (62.68)
Democrat −1.31∗∗∗ (0.31) 393.22∗∗∗ (72.94) 2.70∗∗∗ (0.26) −354.95∗∗∗ (60.08)
Dem x Year −0.20∗∗∗ (0.04) 0.18∗∗∗ (0.03)
Fear x Dem −399.75∗∗∗ (98.86) −163.96∗ (81.42)
Fear x Year −0.17∗∗∗ (0.04) 0.06∗ (0.03)
Fear x Dem x

Year 0.20∗∗∗ (0.05) 0.08∗ (0.04)
Black −1.64∗∗∗ (0.49) −1.62∗∗∗ (0.49) 4.20∗∗∗ (0.40) 4.06∗∗∗ (0.40)
Income −0.11 (0.14) −0.11 (0.14) −0.66∗∗∗ (0.12) −0.67∗∗∗ (0.12)
Age −0.00 (0.01) 0.00 (0.01) 0.05∗∗∗ (0.01) 0.05∗∗∗ (0.01)
Gender 0.73∗ (0.30) 0.75∗ (0.30) 1.25∗∗∗ (0.24) 1.22∗∗∗ (0.24)
Education −0.87∗∗∗ (0.18) −0.91∗∗∗ (0.18) −1.52∗∗∗ (0.15) −1.53∗∗∗ (0.15)
South −0.82∗ (0.32) −0.80∗ (0.32) −1.78∗∗∗ (0.26) −1.90∗∗∗ (0.26)
Church

Attendance −0.79∗∗∗ (0.10) −0.80∗∗∗ (0.10) −0.23∗∗ (0.08) −0.25∗∗ (0.08)
Partisan

Strength −4.96∗∗∗ (0.19) −4.95∗∗∗ (0.19) 7.92∗∗∗ (0.16) 7.90∗∗∗ (0.16)
Ideological

Strength −3.83∗∗∗ (0.16) −3.81∗∗∗ (0.16) 0.81∗∗∗ (0.13) 0.82∗∗∗ (0.13)

Observations 18,592 18,592 18,592 18,592
Adjusted R2 0.25 0.25 0.21 0.22

Note: ∗p<0.05; ∗∗p<0.01; ∗∗∗p<0.001
Year fixed effects not displayed.
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Table E.2: Out-Party Perceived Extremity Main Effects vs. Full Model Comparison

Dependent variable:
Out-Party Affect In-Party Affect

(1) (2) (3) (4)

Perceived Extremity −5.62∗∗∗ (0.15) 207.38∗∗∗ (34.85) 1.22∗∗∗ (0.12) 24.29 (28.74)
Democrat −0.31 (0.27) 457.72∗∗∗ (94.79) 2.02∗∗∗ (0.22) −240.53∗∗ (78.15)
Dem x Year −0.23∗∗∗ (0.05) 0.12∗∗ (0.04)
Perc Extr x Dem −159.86∗∗∗ (45.60) −80.61∗ (37.59)
Perc Extr x Year −0.11∗∗∗ (0.02) −0.01 (0.01)
Perc Extr x Dem x

Year 0.08∗∗∗ (0.02) 0.04∗ (0.02)
Black −0.85∗ (0.43) −0.90∗ (0.43) 4.31∗∗∗ (0.35) 4.19∗∗∗ (0.35)
Income −0.08 (0.12) −0.05 (0.12) −0.74∗∗∗ (0.10) −0.76∗∗∗ (0.10)
Age 0.02∗ (0.01) 0.02∗ (0.01) 0.04∗∗∗ (0.01) 0.04∗∗∗ (0.01)
Gender 0.42 (0.25) 0.43 (0.25) 1.45∗∗∗ (0.21) 1.43∗∗∗ (0.21)
Education −0.99∗∗∗ (0.16) −0.99∗∗∗ (0.16) −1.39∗∗∗ (0.13) −1.44∗∗∗ (0.13)
South −1.44∗∗∗ (0.28) −1.43∗∗∗ (0.28) −1.78∗∗∗ (0.23) −1.89∗∗∗ (0.23)
Church

Attendance −0.81∗∗∗ (0.08) −0.82∗∗∗ (0.08) −0.28∗∗∗ (0.07) −0.31∗∗∗ (0.07)
Partisan

Strength −4.64∗∗∗ (0.16) −4.63∗∗∗ (0.16) 7.68∗∗∗ (0.14) 7.66∗∗∗ (0.14)
Ideological

Strength −3.53∗∗∗ (0.14) −3.47∗∗∗ (0.14) 0.91∗∗∗ (0.12) 0.93∗∗∗ (0.12)

Observations 23,448 23,448 23,448 23,448
Adjusted R2 0.26 0.26 0.20 0.21

Note: ∗p<0.05; ∗∗p<0.01; ∗∗∗p<0.001
Year fixed effects not displayed.

Table E.3: Summary Comparison

Wald Test
IV DV Model Adjusted R2 df Prob > F
Fear Out-Party Affect Main Effects 0.247 20

Full Model 0.248 24 0.000
In-Party Affect Main Effects 0.209 20

Full Model 0.215 24 0.000
Perc Extrem Out-Party Affect Main Effects 0.260 26

Full Model 0.262 30 0.000
In-Party Affect Main Effects 0.204 26

Full Model 0.209 30 0.000
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