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Per ceptions asthe crucial link?
The mediating role of neighborhood perceptionsin therelationship between
the neighbor hood context and neighborhood cohesion.

Abstract

This study examines the effects of neighborhoodakac-group size, economic deprivation
and the prevalence of crime on neighborhood coheaimong U.S. whites. We explore to
what extent residents’ perceptions of their neighbod mediate these macro-micro
relationships. We use a recent individual-levelads¢t, the American Social Fabric Study
(2012/2013), enriched with contextual-level datanfrthe U.S. Census Bureau (2010) and
employ multi-level structural equation models. Weow that the racial in-group size is
positively related to neighborhood cohesion and tieighborhood cohesion is lower in
communities with a high crime rate. Individualsrgeptions of the racial in-group size partly
mediate the relationship between the objectiveatao-group size and neighborhood
cohesion. Residents’ perceptions of unsafety framecalso appear to be a mediating factor,
not only for the objective crime rate but also floe objective racial in-group size. This is in
line with our idea that racial stereotypes link i@shcminorities to crime whereby
neighborhoods with a large non-white population@esceived to be more unsafe. Residents
of the same neighborhood differ in how they peredive degree of economic decay of the
neighborhood and this causes them to evaluate baigbod cohesion differently, however
perceptions of neighborhood economic decay do xplae the link between the objective

neighborhood context and neighborhood cohesion.

Keywords. neighborhood cohesion; neighborhood effects; rale&krogeneity; economic

heterogeneity; crime; neighborhood perceptions.



Introduction

Ongoing immigration to Western countries triggeeetieated political and academic debate
about the possible threats of racial diversity tfee well-being of society. In a widely cited
article, Putnam (2007) claimed that diversity irsUcommunities erodes social cohesion both
between and within ethnic/racial groups. This pagmrrred other research investigating the
diversity-cohesion relationship in the United S¢ass well as in Europe (e.g. Stolle, 2008;
Letki, 2008; Fieldhouse and Cutts, 2010; Savelk@dsthuizen and Scheepers, 2014). Meta-
analyses of the multitude of studies investigatimg diversity-cohesion relation pointed out
that if a negative effect of racial diversity isufal at all, it is more common in the United
States than in Europe and it is more consisteragpects of social cohesion that are spatially
bound to the neighborhood, such as trust in neightemd favorable neighborhood
evaluations, than for other social cohesion indiaiSchaeffer, 2014; Van der Meer and
Tolsma, 2014). A recent direct replication of Put‘g study on his original dataset shed
further doubt on the claimed generic negative cgueeces of diversity. Even in the United
States, diversity appears to be unrelated to sootasion. The size of the racial in-group, on
the other hand, is — at least for whites — podifiassociated with some indicators of cohesion,
such as trust in neighbors (Abascal and Baldas2&1b).

Ethnic/racial group sizes are not the only neighbod characteristics that are being
linked to social cohesion. Previous research detrettes that residents of socioeconomically
disadvantaged and crime prone neighborhoods aee lilesly to display high levels of
cohesion than residents of affluent and safe neididnds (e.g. Letki, 2008; Laurence and
Heath, 2008; Oliver and Mendelberg, 2000). Somenast even show that economic
deprivation is much more consistently related tedo levels of social cohesion than the
ethnic/racial make-up of the neighborhood (e.gldRieuse and Cutts, 2010). As economic
deprivation and crime tend to be highly correlateth ethnic/racial minority density in U.S.
neighborhoods (Sampson and Groves 1989; SampsdWisah, 1995; Sampson et al. 1997),
it is important to assess their influence on soca@lesion simultaneously. We use a recent
individual-level data set, the American Social Fa®tudy (Butts et al., 2014), enriched with
contextual-level data from the U.S. Census Bured01@) to investigate how the
neighborhood racial, economic and crime composiéfiact neighborhood cohesion within
U.S. neighborhoods.

We define social cohesion in this study as “theréegf interconnectedness between

individuals that is both a result and cause of joudohd civic life.” (Van der Meer and Tolsma,



2014:460). A distinction can be made between acttral and a cognitive dimension of
social cohesion. The latter refers to a set otuaktis and norms that facilitates people’s
predisposition toward cooperation, participatiod anwillingness to help, whereas the former
refers to the actual behavioral manifestationdeé¢ attitudes and norms (Chan et al., 2006).
We focus on the cognitive dimension of social cadlresMore specifically, we examine the
degree of cohesion that is inherently bound to ecifip geographical radius, namely the
neighborhood.

Besides uncovering neighborhood effects, we aimxfaain them. In this contribution,
we focus on individuals’ perceptions of the neigtilomd as an explanatory mechanism. The
neighborhood environment is, besides an invarigblgsical reality, a social construction
(Wong et al., 2012) that is at least as importantekplaining the influence of the
neighborhood composition on individuals’ attitucesd beliefs. This is not to say that the
residential context can only be consequential divilduals are aware of it (cf. Wickes et al.,
2013; Pickett et al., 2012). People may, for exanplave less neighborly contact and
subsequently less social cohesion in racially deemeighborhoods (Vroome et al. 2013;
Gundelach and Freitag 2014), even though they@reansciously aware of the fact that they
live in a diverse environment. However, people’scpptions of different aspects of the
neighborhood environment may serve as one of deveres between the objective
neighborhood environment and people’s attitudesatdwthe neighborhood community
(Ajzen, 2012; Fishbein and Ajzen, 2011; FishbebBt3).

We will therefore explore to what extent the impattthe objective neighborhood
characteristics (racial in-group size, economicageand crime) on neighborhood cohesion
can be explained by how residents perceive théghberhood. Previous research has already
shown that perceptions of ethnic/racial minoritynsiey (e.g. Schaeffer, 2014; Hooghe and
Vroome, 2015; Hipp and Wickes, 2016), perceivedadatisorder (Mirowsky and Ross, 1989;
Skogan, 1990) — which is closely related to pemgieconomic decay — and perceived
unsafety from crime (Ross and Jang, 2000) are ivefjatrelated to social cohesion for
whites. We assess the extent to which these pévospof the racial, economic and crime
composition of the neighborhood can, besides hawgirdjrect relation with cohesion, also
explain the effects of the objective neighborhobdracteristics on cohesion. Newman et al.
(2015) showed that the perceived number of immigram the neighborhood mediates the
impact of the objective number of immigrants on #dent to which people consider
immigration a big problem in their community. Othstudies have further shown that

perceptions of ethnic/racial group sizes are moeeliptive of individuals’ attitudes towards
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the ethnic/racial group being estimated than theablve ethnic/racial group size (e.g. Strabac,
2011; Semyonov, Raijman and Gorodzeisky 2008; SaaelsCitrin, 2007; Semyonov et al.,
2004). We build on these works by examining theales concept of neighborhood cohesion
and by additionally studying perceptions of the remoic and crime composition of the
neighborhood and the degree to which these peoreptnediate the impact of the objective
neighborhood composition on neighborhood cohesion.

This study is not only a replication of other skglinvestigating the role of the racial
composition of the neighborhood in shaping soc@iesion. Although such a replication
using recent U.S. data is valuable in itself, wen &0 bring the field forward, firstly, by
investigating the relative importance of the raaagiroup size, economic deprivation and the
prevalence of crime for neighborhood cohesion aedondly, by examining the extent to
which subjective perceptions of the neighborhoothpasition explain why the objective
neighborhood context affects cohesion. So far, himchood perceptions are neglected as a
possible explanation for the relationship betwele® dbjective neighborhood context and
cohesion. To get a better understanding of howiddals’ perceptions of the neighborhood
mediate contextual neighborhood effects, we emgl@aye-of-the-art multi-level structural

equation models (MSE-models, Preacher et al. 22001).

Theoretical framework

Direct effects of the neighborhood context

Researchers have long focused on explaining howsdleal and structural composition of
neighborhoods affect pro-social attitudes (e.gstjriand behavior (e.g. volunteering) of
individuals (cf. Sharkey and Faber, 2014). The $obas mainly been on the extent to which
the racial and economic composition of the neighbod influence neighborhood cohesion.
In the related literature studying social disordbg prevalence of crime in the environment
also takes a prominent position as an explanastartpf. In line with these research traditions,
the aim of this study is to identify the role okthacial in-group size, economic deprivation
and the prevalence of crime in the community inpsig neighborhood cohesion in U.S.
neighborhoods.

The constrict proposition stating that “...peoplerly in ethnically diverse settings

appear to ‘hunker down’ — that is, to pull in liketurtle” (Putnam, 2007:149) has recently
been called into question. Review studies showatlttie ethnic/racial composition of one’s

living environment plays a much more common roleroding cohesion in the United States



than in Europe and that such an eroding influesaauch more consistent for dimensions of
social cohesion that are directly related to thghisrhood environment (Schaeffer, 2014,

Van der Meer and Tolsma, 2014). A replication otrAm’s study, using the same data,
further demonstrated that the racial in-group sizend not racial diversity per se — is

associated with trust in neighbors, but only forited (Abascal and Baldassarri, 2015).

Whites living among other whites experience mousttthan whites living among non-whites.

Thus, the constrict proposition is much less gentian claimed by Putnam (2007), as it only
seems to hold under specific circumstances. If sso@ation between the ethnic/racial

composition of the living environment and sociahesion is to be expected at all, it is most
likely to be found between the racial in-group samthin the neighborhood and neighborhood

cohesion among whites in the United States. Usiregent dataset (Butts et al., 2014), we are
able to examine whether — under these specificulwistances — one could speak of a
consistent relationship.

To correctly assess the positive association betwbe racial in-group size and
neighborhood cohesion, it is imperative to guardirg} spuriousness by accounting for other
factors that could plausibly explain the observelatronship (Portes and Vickstrom, 2011).
As economic deprivation and crime tend to be higldyrelated with ethnic/racial minority
density in U.S. neighborhoods (Sampson and Gro@&9;1Sampson and Wilson, 1995;
Sampson et al. 1997), these are neighborhood ¢bestics that need to be controlled for.

The negative association between economic deprivaind social cohesion seems to
be quite universal. Residents of more disadvantagéghborhoods are less likely to display
high levels of social cohesion than residents ofenadfluent neighborhoods (e.g. Letki, 2008;
Laurence and Heath, 2008). For the United Staiekjlfouse and Cutts (2010) demonstrated
that the eroding effect of neighborhood povertymsre than four times larger than the
eroding effect of the neighborhood racial compositiAbascal and Baldassari (2015) further
showed that, whereas poor economic condition agatnely related to a wide range of
indicators of trust, from trust in neighbors toergroup trust, and even generalized trust, for
whites, blacks and Hispanics, a large ethnic/racigigroup is only negatively associated
with racially or locally bounded indicators of ttder whites.

According to Oliver and Mendelberg (2000, p. 5#Yposure to crime “...leads to a
constellation of negative psychological states Whaoe experienced by residents: feelings of
anxiety and fear, alienation from neighbors, latkrast in others, and suspicion toward out-
groups in general”. In neighborhood studies coretiabutside of the United States the

empirical evidence for this hypothesis is rathexedi some studies find a negative effect of
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crime (e.g. Laurence and Heath, 2008; Schaeffel4;28turgis et al., 2010) whereas others
do not (e.g. Dinesen and Sgnderskov, 2015; Scheepehmeets and Pelzer, 2013). In the
United States, on the other hand, living in highmer communities does seem to quite
consistently erode social cohesion (FieldhouseGurtts, 2010; Putnam, 2007).

Mediating effects of the perceived neighborhoodedn

If theoretical mechanisms for the possible effaaftdiving in a neighborhood with a large
non-white (i.e. non-coethnic) population were paiténtion to in previous research, scholars
focused on the contact mechanism, derived from omsituctural theories of intergroup
relations (Blau, 1977) and contact theory (Allpat854), and on the threat mechanism,
derived from conflict theory (Blalock, 1967; Qudh, 1995).

The contact theory states that an increase irmacoopportunity in neighborhoods with
a large ethnic/racial out-group leads to an in@easntergroup contact (Blau, 1977; Wagner
et al., 2006; Martinovic, 2013). This tends to é&wsinterethnic tolerance (Allport, 1954;
Pettigrew, 1998; Brown and Hewstone, 2005; Pettigeexd Tropp, 2011), which in turn
stimulates interethnic/interracial social cohesidws the contact mechanism proposes a
positive impact of a large ethnic/racial out-grdap(at least intergroup) social cohesion, it is
not suitable to further our understanding of thgative association between a large racial
out-group size and neighborhood cohesion for whitethe United States. Moreover, the
contact mechanism is essentially an intergroup amgilon, whereas we aim to explain
neighborhood cohesion over and above racial diwisioes. This also holds for the threat
mechanism stating that competition with memberstied ethnic/racial out-group over
economic and cultural resources (cf. Blalock, 19B@bo, 1999) in neighborhoods with a
large ethnic/racial out-group are said to incretéseat, which in turn could be harmful for
intergroup social cohesion. Moreover, the empirlgdt between the neighborhood context
and feelings of threat are found to be inconclusjeey. Savelkoul et al., 2015), also
dismissing threat as a mediating factor betweem#ghborhood context and neighborhood
cohesion.

We aim to further knowledge about the relationgbgween the composition of the
neighborhood and social cohesion by looking atlerotechanism: individuals’ perceptions
of the neighborhood context. The actual racial cositppn captures the structural aspect of
the neighborhood environment. The perceived contipasof the neighborhood does not
necessarily coincide with the objective situatidieden et al., 2008). Individuals’ racial

contexts are, besides an invariable physical yealicial constructions (Wong et al., 2012)
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that are at least as important in explaining tHiémce of the neighborhood composition on
individuals’ attitudes toward neighborhood enviremh As the actual neighborhood

composition constitutes part of the basis upon wimdividuals shape their perceptions about
the neighborhood (Aneshensel and Sucoff, 1996)sethgerceptions could function as

pathways linking the actual racial compositiontt# heighborhood to neighborhood cohesion
(Wen et al., 2006). The perceived racial compasitd the neighborhood might even more
accurately capture the way in which individuals exposed to, experience and interact with
their neighborhood (Weden et al., 2008). We theesfxpect that the impact of the actual
number of whites on neighborhood cohesion at leasty runs through the perceived number
of whites.

As individuals’ perceptions of the neighborhood arat restricted to the racial
composition of the neighborhood, we also examinaat extent the degree of economic
deprivation is explained by the perceived degreeasinomic decay and to what extent the
impact of the actual crime rate is explained bypkeceived unsafety from crime. Moreover,
we will go one step further and additionally invgate whether also cross-pathways between
the objective and perceived neighborhood compasiixist. For instance, the actual size of
the racial in-group in the neighborhood may notydm¢ related to the perceived racial in-
group size but also to perceptions of economic ylaocd unsafety.

Historically and structurally induced inequality affluence between whites and non-
whites has given rise to stereotypes linking pgvést racial minority groups (Quillian and
Pager, 2001). These racial stereotypes may cotertiouthe perception that there are greater
numbers of non-whites (and consequently smaller baus of whites) in economically
deprived neighborhoods. Conversely these steredtgpeld also induce the perception of a
neighborhood being deprived as a consequence girésence of a sizeable number of non-
whites (Quillian, 1995). Existing research in thaitdd States has also shown that a strong
perceptual association between race and crimesekisyond any actual association between
the two (Quillian and Pager, 2010). The objectivanber of non-whites is positively
associated with individuals’ overestimation of ceimates (e.g. Pickett et al., 2012; Skogan,
1995). Because of these racial stereotypes linkawegal minorities to crime, perceptions of
the racial out-group size (i.e. a smaller numbembites) may be higher in high crime
communities and perceptions of unsafety from crmay be higher in neighborhoods with a
sizeable non-white population. Previous studiesehaimilarly shown that people link
economic decay to crime and feelings of unsafety \d@oe versa (e.g. Ross and Mirowsky,
2001).



Individuals’ perceptions of their neighborhoods sish of much more than just the
actual neighborhood composition. Previous studae lshown that, even though individuals’
perceptions of the ethnic/racial out-group sizeraetotally disjoined from reality (Strabac,
2011), they vary substantially between individugdsy. Alba et al., 2005; Herda, 2010).
Similarly, perceptions of crime rates vary substdiyt among residents of the same
neighborhood, notwithstanding that, on averagesehestimates are clearly associated with
the actual crime rates (Hipp, 2013). People livingthe same neighborhood may also
perceive their residential environment differer(tiarding et al., 2011), because perceptions
are partly shaped by social position (Sampson, RO¢ariation in perceptions are found
between men and woman, younger and older peoplerland higher educated individuals
(Sigelman and Niemi, 2001; Wilcox et al., 2003; raes, 1995). Any mediation by the
perceived neighborhood context of the associatietwéen the objective neighborhood
context and neighborhood cohesion can, howevery ontur at the neighborhood level
(Hofmann, 2002). This is because the actual rae@nomic and crime composition only
vary between neighborhoods and not between indagdwithin the same neighborhood. In
this contribution we therefore separate neighbodhperceptions in a between-level (i.e.
neighborhood level) and a within-level (i.e. indival level) when testing for mediation. This
mediation framework is visualized in Figure 1. Thigure shows how individuals’
perceptions of the neighborhood operate on bothntiwidual level and the neighborhood
level and how these perceptions could possiblyanphe relationship between the objective

neighborhood characteristics and neighborhood coihes

<<Figure 1 about here>>

Data and M easur es

This study uses individual-level data from the Arcan Social Fabric Study (ASFS, Butts et
al., 2014).The ASFS study population consists of adult, mmtifutionalized residents of the
western United States. We use three componentseoAEFS that each comprise a distinct
but overlapping geographic area in the Westernddn8tates: a spatially stratified sample of
the southern California region, a population sangplhe city of Los Angeles, and a spatially
stratified sample of the western part of the cattal United States. The design of the ASFS

ensures variation in characteristics of local areaits (neighborhoods) making it thus



perfectly suited to estimate neighborhood effeats] test explanations thereof. Recruitment
of respondents was conducted by postal mail andd#te was collected via a web-based
survey between April 2012 and January 2013. Theativeesponse rate was 19.3%, which is
similar to other postal recruitment and online sys/ conducted at the time of this study
(Messer and Dillman, 2011). Following Smith et @015), we account for several socio-
demographic characteristics (i.e. age, gender, auug labor market position, income,
marital status, having children and religiosity)ctmtrol for a possible response bias. In total,
3370 respondents completed the survey (southerifo@@h component N=1106, Los
Angeles component N=221, western US component N3R20%o control for possible
differences between the components, we also incudariable indicating the component in
which respondents participated into our explanatorglyses. The individual-level data from
the ASFS were enriched with census tract level ttata the US Census Bureau 2010. We
focus on whites only, because the number of norteshin our data is too small to account for
differential effects across racial groups. We tfaee deleted listwise 483 respondents who
did not identify as white (N=384) or did not wighdisclose their race (N=99).

Dependent variable

We measure neighborhood social cohesion, as a haéeable. By including five indicators
of neighborhood social cohesion, we acknowledgerempte the complexity of the
phenomenon under study. The estimated MSE-modetbioe a confirmatory factor model
capturing the latent variables with a path analysisdeling the relations between the
variables. Building on previous research studyingia cohesion (cf. Wickes et al., 2013;
Laurence, 2011; Letki, 2008; Sampson et al., 198&)use the following five indicators. First,
‘How strongly do you agree that people in this heigrhood can be trusted?’. Second, ‘How
strongly do you agree that people in this neighbodhshare the same values?’. Third, ‘How
strongly do you agree that this is a close-knighkorhood?’. Fourth, ‘How strongly do you
agree that people around here are willing to hiegr tneighbors?’. Fifth, ‘How strongly do
you agree that people in this neighborhood genegeit along with each other?’. The answer
categories to these five item are ‘1. Strongly giisa’, ‘2. Disagree’, ‘3. Neither disagree nor

agree’, ‘4. Agree’, ‘5. Strongly Agree’.

Perceptions of the neighborhood.
We measure individuals’ perceptions of the rac@hposition of the neighborhood with the

following item: ‘In your neighborhood, what percagé of the residents are the same
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racial/ethnic group as you?. The answer categooi¢is item are: 0-9%, 10-19%, 20-29%,
30-39%, 40-49%, 50-59%, 60-69%, 70-79%, 80-89%10@0%. We use the minimum values
of these ten categoriésAs we only examine whites, this measure refertheo perceived
number of whites in the neighborhood. We recodsdlestimations to proportions for reasons
of interpretability.

Individuals’ perceptions of the degree of economécay is measured as a latent
variable based on three (observed) indicatorst,Fife® what extent are litter and trash a
problem in your neighborhood?’. Second, ‘To whateek are rundown housing/buildings a
problem in your neighborhood?’. Third, ‘To what ext is vacant housing a problem in your
neighborhood?’. The answer categories to thesesitmer ‘1. Not at all a problem’, ‘2. Only
somewhat of a problem’, ‘3. Somewhat serious prohl&t. Very serious problem’.

The perception of the prevalence of crime is alsasnred as a latent variable based
on three items. First, ‘How safe do you think ya@&ighborhood is from crime?’. Second,
‘How safe is it to walk alone in your neighborhodwring the daytime?’. Third, ‘How safe is
it to walk alone in your neighborhood after darkifie answer categories to these items are:
‘1. Very unsafe’, ‘2. Somewhat safe’, ‘3. Neithersafe nor safe’, ‘4. Somewhat safe, Very
safe’. We recoded these items so that a higheesaflects more perceived unsafety from
crime.

In line with the expectancy-value theory (Ajzen120Fishbein and Ajzen, 2011), we
assume that these neighborhood perceptions reprigssemformation people have about the
residential environment, and consequently precedddrmation of people’s attitudes toward
this environment (i.e. the formation of neighborlamhesion). We can unfortunately not
empirically rule out the reverse causality pathwagcause we only have cross-sectional data

to our availability.

Neighborhood variables
We measure the racial composition of the neighbmathes the proportion of whites (i.e. racial
in-group).

Economic deprivation is measured with the avengmly household income within
the neighborhood in 10,000%. We multiplied the ageryearly household income by -1 so
that a higher score on this indicator corresponds higher degree of economic deprivation.
Both the objective and the perceived measure ofettmomic neighborhood composition

refer to deprivation — instead of affluence — ia tieighborhood.
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As crime data is not readily available at thettlavel and is difficult and very time-
consuming to collect from specific agencies, weydrdve crime data at the tract level for 23%
of our tracts. These data are retrieved from crieports of local police departments (cf.
Boessen et al., 2016). For the other tracts, we bavely on data from crime reports at the
city level™ We measured the prevalence of crime as the sqoatef the summed rate of
assaults, murders, robberies, burglaries, larceares motor vehicle thefts (per 100,000
people a year). For people in more rural areas @ery small towns, their own city often
does not report crime data. In those cases, wawelll Boessen et al. (2016) and located the 3
closest cities, and created a weighted averagellms@verse distance to the person for the
crime rates of those citiés.

Control variables
We control for known determinants of social cohesand of neighborhood perceptions, as a
means to make sure that the found (neighborhood)ekb effects are in reality not just
composition effects. We include age in years addramy for gender. We measure education
using a categorical variable with the following wes categories: ‘less than high school’,
‘high school’, ‘some college credit’, and ‘collegegree or higher’. We furthermore include
labor market position as a categorical variablehwihe following answer categories:
‘employed’, ‘unemployed’, ‘retired’, and ‘other’. ¥ measure income by including
respondents’ reported last year's income beforegamx 10,000$. Two dummies are included
measuring whether respondents have a spouse ortreempand whether respondents have
children. To measure religiosity, we include chuattendance as a continuous variable; 1
‘More than once a week’, 2 ‘Once a week’, ‘Almosery week’, ‘Once or twice a month’,
‘Several times a year’, ‘few times a year’, ‘Never’

Lastly, we include a dummy for the sample in whicé respondents have participated.
On the contextual level we control for the degréeucality of the respondents’ environment
by including the natural logarithm of the populatsize within a radius of 20 miles.

Working sample and Missing values

We have to account for missing data at the indaidievel. Besides the descriptive statistics,
the percentage of missing values for each indivithuwel variable are displayed in Table 1.
The percentage of missing values ranges from 0.2#8%e variable measuring education
(N=7) to 6.037% for the variable measuring the emed proportion of whites in the
neighborhood (N=174). We replaced the missing \&lireough multiple imputation (Ml)

11



using Bayesian analyses in Mplus 7.2 (Muthén anthi®hy 1998-2012; Rubin, 1987; Schafer,
1997). We included all individual-level variables the imputation procedufe As an
alternative procedure, we listwise deleted missialgies. This alternative procedure led the
similar results (available upon request). Our fisaple consists of 2,882 individuals living
in 1,162 neighborhoods. The neighborhoods areyerage, inhabited by 2.5 respondents. In
458 neighborhoods two or more respondents resideira®8 neighborhoods five or more
respondents reside, which is sufficient to corgeeitimate the regression coefficients and the
variance components, as well as the correspondarglard errors (Maas and Hox, 2005).

The remaining 704 neighbourhoods are inhabitedniby b respondent.

<< Table 1 about here >>

M ethods

Because our respondents are nested in neighborhaedsmploy multilevel modeling. We
wish to test how neighborhood perceptions mediagerelationship between the objective
neighborhood context and neighborhood social cohedis our explanatory variables — the
racial, economic and crime composition — only viaegween neighborhoods and not between
individuals within the same neighborhood, variationthese explanatory variables cannot
explain differences between individuals within te@me neighborhood (Hofmann, 2002).
Mediation of the association between the neighbmihoontext and neighborhood cohesion
can only occur at neighborhood level (or so-calbetween-level). Traditional multilevel
modeling approaches fail to account for this factd may therefore produce conflated or
biased estimates of the indirect effects (Preaehat. 2010; 2011). Therefore, we estimated
our models within a framework of multilevel strucibequation modeling (MSE-model) in
Mplus 7.2 (Muthén and Muthén, 1998-2012). In oublda, we use as cutoff level of
significance p<0.05. For our directional hypotheses use one-tailed tests, in all other
instances two-tailed tests.

Results

The focus of this article is on understanding tk&atronship between the actual racial,

economic and crime composition and neighborhoodesion, and on uncovering to what
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extent this relationship is mediated by percepti@fisthe racial, economic and crime
composition. First, we estimate a model in whick #ctual neighborhood characteristics
explain neighborhood cohesion (Model 1; direct @lg already controlling for possible
composition effect¥. Second, we estimate models in which we includethinee perceived
neighborhood characteristics one-by-one as medigtdodels 2-4; indirect effects), as a
means to assess which objective neighborhood desisic is explained away by which
individual-level neighborhood perception. Third, wmmclude the three perceived
neighborhood characteristics simultaneously (Mdgleindirect effects). This concerns the
structural part of the MSE-models.

Before going into the substantial interpretatiortted structural part, we consider the
fit indices and the measurement part (i.e. confiamafactor analysis, CFA) of these models
(respectively Table 2 and 3). For all models thSEA, a measure of absolute fit, is below
the cut-off point of 0.06 for acceptable fit (HudaBentler, 1999), namely ranging from 0.024
to 0.039. The Standardized Root Mean Square RdgERMR), another measure of absolute
fit, is the only fit statistic that is provided ftine between part (i.e. the neighborhood) and the
within part (i.e. the individuals) of the model segtely. Values of the SRMR below 0.08 are
considered acceptable (Hu and Bentler, 1999). We that for the between-part the SRMR is
somewhat higher, namely ranging from 0.095 and 2.I% ensure that miss-specified
models are not accepted, the Comparative Fit I(@¥X) and the Tucker Lewis Index or
Non-normed Fit Index (TLI), both measure of incremag fit, should be around 0.95 (Hu and
Bentler, 1999). The CFI for the models range fro®26 to 0.982 indicating acceptable fit,
whereas the TLI is somewhat lower, namely rangngf0.890 and 0.975 respectively (for
overview see: Table 2).

Table 3 shows the measurement part of Model 1IMwdkl 5 for the latent variables:
neighborhood cohesion, perceived economic decayarzkived unsafety from crinféThe
indicators of the latent variables — measured béesa— are all significant in the confirmatory
factor analysis constituting the measurement plathe MSE-models. For the full model, the
minimum standardized factor loading (not shown) rieighborhood cohesion on the within
level is 0.705 and 0.874 on the between level.gesceived economic decay, the minimum
standardized factor loading on the within leve0i481 and 0.789 on the between level. The
minimum standardized factor loading for perceivedafety from crime is on the within level
0.610 and 0.896 on the between level. Both theifsignce of the indicators and the
standardized factor loadings indicate that the eskevariables contribute both on the within

as well as on the between level to their respedsitemt construct”
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<< Table 2 & 3 about here >>

Structural Model: Direct effects of the Neighborddddontext

The variance component model (in notes below Tdplells us that the variance in whites’
neighborhood cohesion on the between level (i ngighborhood level) is 8% for the null-
model. The inclusion of the actual racial, econonaicd crime composition of the
neighborhoods decreases the variance on the nelgtdablevel by 77% (from 0.044 to 0.010
model without controls not shown). These three attaristics of the neighborhood thus seem
to explain (between-level) variation in neighborl@mhesion fairly well.

In Model 1 (Table 4), we investigate whether thgotive racial, economic and crime
composition of the neighborhood are related to m@ghood cohesion (results for control
variables can be found in Table Al). As expectée, size of the racial in-group in the
neighborhood is significantly related to social esion (b=0.491, se=0.107). In contrast to
our theoretical expectations, we find that economéprivation is not associated with
neighborhood cohesion. The prevalence of crimaencbommunity is related to neighborhood
cohesion; the higher the number of crimes in thghimrhood, the lower the degree of
cohesion (b=-0.057, se=0.018). Comparing the stdimbal coefficients of the size of the
racial in-group and the crime rate, we note that dssociation between in-group size and
neighborhood cohesion is about twice as stronghasassociation between crime rate and
neighborhood cohesion (beta: 0.623 and -0.333 céispl/, not shown).

<< Table 4 & 5 about here >>

Structural Model: Mediating effects of Perceivedgh&orhood context

Both on the between-level and the within-level fleeceived number of whites is positively
related to neighborhood cohesion. This implies tlatation between neighborhoods in the
perceived in-group size (b=1.844, se=0.857; Modédldble 4) as well as variation between
individuals in the perceived in-group size withieighborhoods (b=0.596, se=0.079; Model 2,
Table 4) explains neighborhood cohesion. Furtheemore note that the between-
neighborhood variation in perceived racial in-graige mediates the association between the
actual in-group size and neighborhood cohesiorerAficluding the perceived in-group size,

the direct effect of the actual in-group size tuimsgnificant (b=-0.262, se=0.349; Model 2,
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Table 4) and more importantly, the indirect effiscsignificant (b=0.769, se=0.369; Model 2,
Table 4).

Model 3 shows that perceived economic decay orkplagns variation in
neighborhood cohesion between individuals (b=-0.3880.038; Model 3, Table 4) and not
between neighborhoods (b=-0.351, se=0.373; Modelldhle 4). As mediation of the
relationship between the objective neighborhoodatttaristics and neighborhood cohesion
can only take place at the between-level, we camlade that perceived economic decay
does not function as a mediating factor. Table &ashthat, besides the actual degree of
economic deprivation, the objective size of thgiaup is also related to perceived economic
decay: whites perceive, on average, more econoertaydin neighborhoods in which less
other whites reside (b=-0.414, se=0.084, Modela}l& 5).

Both on the within-level and the between-leveftcpered unsafety from crime is
negatively related to neighborhood cohesion. Timglies that variation between individuals
in perceived unsafety from crime (b=-0.695, se#ll0; Model 4, Table 4) as well as
variation between neighborhoods in perceived umgdi®m crime (b=-0.976, se=0.214;
Model 4, Table 4) explain neighborhood cohesiorrtfarmore, we note that the between-
neighborhood variation in perceived unsafety fraomme mediates the association between
the actual crime rate and neighborhood cohesiorO(D#5, se=0.025; Model 4, Table 4).
Perceived unsafety also mediates the relationshipsveen the in-group size and
neighborhood cohesion (b=0.746, se=0.168).

In model 5 we include the three perceptions of tleghborhood environment
simultaneously. Especially the effect sizes of pptions of the racial in-group size and of
economic decay reduce. On the within level, the@ation between the perceived racial,
economic and crime composition of the neighborhaod neighborhood cohesion do remain
significant (b=0.267, se=0.089; b=-0.148, se=0.0880.612, se=0.046 respectively). At the
between level, these perception no longer reachifgignce and standard errors of the
estimates have increased considerably. This mayhberesult of the relatively strong
correlation between the three neighborhood permepti The correlation between the
perceived in-group size and perceived decay is78).Bbetween the perceived in-group size

and perceived unsafety is -0.751; and between pecteecay and perceived unsafety is 0.76.

Additional analyses for the impact of neighborhaegrivation
Previous research has consistently shown a negatiationship between living in an

economic deprived neighborhood and social cohggan Fieldhouse and Cutts 2010; Letki,
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2008; Laurence and Heath, 2008). It is thereforettwehile to investigate why we did not
observe this negative association.

Additional analyses, in which we examined the dibjecneighborhood effects on
every indicator of neighborhood cohesion separatatpwed that economic deprivation is
unrelated to three indicators of our latent vaeabkeighborhood cohesion: ‘close-knit’,
‘getting along’ and ‘help’ and negatively and sigrantly related to the other two indicators:
‘trust’ and ‘same values’. Even though the factoalgsis has indicated that the five indicators
of neighborhood social cohesion tap into a singterit variable and the model fit measures
do not improve when using two latent variables,deeided to perform an additional MSE-
analysis in which we separate the original dependanable into two latent dependent
variables (Table A3). In this additional analystee dependent variable ‘neighborhood
cohesive norms’ is captured by ‘trust’ and ‘sambii@g and the second dependent variable,
attitudes towards ‘neighborhood cohesive behavigr’captured by ‘close-knit’, ‘getting
along’ and ‘informal help’.

In line with previous research, economic deprivatic negatively related to
neighborhood cohesive norms (b=-0.011, se=0.00%d\1d, Table A3), but it is unrelated to
neighborhood cohesive behavior (b=-0.007, se=0.Plafslel 1, Table A3). The effects of in-
group size and the crime rate are similar for batent measures of cohesion, and similar to
the found effects for the single latent measursamfial cohesion (Model 2; Table 4). In line
with our previous results, perceived economic dedaly neither mediate the relationship
between neighborhood deprivation and cohesive nonms the relationship between
economic deprivation and neighborhood cohesive\nehénot shown).

Conclusion

In this study our purpose was to investigate hosvrttial, economic and crime composition
of the neighborhood is related to neighborhoodaamhesion among whites in the United
States. Moreover, we aimed to uncover to what éxhase relations run through individuals’
perceptions of the racial, economic, and crime amsitpn of their neighborhood. Whereas
much of the previous research has relied on siteyle measures of cohesion, we appreciated
the multidimensionality of the concept and measwsiedal cohesion with five items.

We find that whites living in neighborhoods witther whites experience, on average,

more neighborhood social cohesion than whites divim neighborhoods with more non-
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whites. Besides living among whites, our resultggest that, for whites, living in low crime
communities also facilitates neighborhood cohesidre association between the number of
whites and neighborhood cohesion is twice as straagthe association between the
prevalence of crime in the community and neighbodhcohesion.

Our second aim was to examine the extent to wimdividuals’ perceptions of the
neighborhood explain the relationship between thaie, economic, and crime composition
and neighborhood cohesion. Perceived racial infggize mediates the relationship between
the actual racial in-group size and neighborhoodesmn. Perceived unsafety from crime
appears to be an important mediating factor. Nbog fmr the objective crime rate but also for
the objective racial in-group size. Cross-pathwigiyss seem to play a role in explaining the
influence of the objective neighborhood context ame€ighborhood cohesion. Racial
stereotypes linking racial minorities to crime mexplain why neighborhoods with a large
non-white population are perceived to be more nBam crime. Higher feelings of unsafety
in these neighborhoods subsequently erode whiesesof cohesion. Future research could
test this theoretical mechanism directly by inchgdmeasures of racial stereotypes into the
explanatory model.

We observed that economic deprivation is only atiegly associated with
neighborhood cohesive norms and not with neighbmtha@ohesive behavior. This
demonstrates the role of the economic compositicexplaining cohesion depends on which
dimensions of cohesion one looks at, even if trd#seensions are part of the same latent
concept. Perceived economic decay does not metthateslationship between the objective
neighborhood context and neighborhood cohesiorceRed economic decay does account
for variation in neighborhood cohesion norms andaer, but between individuals of the
same neighborhood and not, on average, betweehbuelgpods.

Apart from the mediational role of neighborhood gegtions, our study provides
insights into how these perceptions come aboutdpépns of the size of the racial in-group,
economic decay and crime rate are shaped by otteadcteristics than the corresponding
objective neighborhood characteristics alone. Véhadee less likely to perceive economic
decay when they live among other whites. Moreowshites perceive more whites in their
neighborhood when they live in low crime commursitieven after we take into account the
actual size of the white population. These findiagsl to the body of literature explaining
neighborhood perceptions by underlining that theseeptions are based on more than the

reality of a person’s neighborhood.
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Notwithstanding the contributions our study makesghte field, there are also some
limitations that need to be acknowledged. For sopspondents there may have been a
mismatch between our measure of perceived ingragpasnd the objective ingroup size, i.e.
the group size of racially whites. Respondents itk of themselves amcially white may
have answered the question about perceived ingsme — ‘In your neighborhood, what
percentage of the residents are the seamnml/ethnicgroup as you?’ — on the basis of their
ethnicity. We therefore have most likely underestimated thatiomship between objective
ingroup size and perceptions of ingroup size. Sectire observed negative impact of crime
on neighborhood cohesion is possibly an underesomas well, because the prevalence of
crime is measured for the majority of respondentbecity level. But despite of our inability
to account for existing variation in crime ratesveen all neighborhoods within cities, we
already demonstrate a clear negative relationsbiywden crime and neighborhood cohesion.
Third, addressing possible differential neighboidheffects across different racial groups was
beyond the scope of the present contribution. A sim order to make more generic claims
about the extent to which perceptions of the nesgiitod mediate the relation between the
neighborhood and neighborhood cohesion, a promdirggtion for future studies therefore
would be to take into account different racial greuFourth, given that we had to rely on
cross-sectional data, we have to be cautious iningatoo strong causal interpretations.
Future research using longitudinal data would kitebequipped to deal with both selective
residential mobility into neighborhoods and reversausality between neighborhood
perceptions and neighborhood cohesion. Future neseauld furthermore include, besides
measures of perceived economic decay, broader msastuperceived economic deprivation,
such as perceived percent of low income residgmsceived school quality, perceived
number of jobs in the neighbourhood. Including sadtitional items could possibly uncover
a clearer mediation path.

Our findings underline the conclusion of Abascatl @aldassarri (2015) that “the
collective preoccupation with diversity may haveqadd undue blame on nonwhites and
immigrants, overlooking long-standing bias on tlagt f the dominant group” (p. 724). The
priority for researchers and policy makers showddchpps thus not be only on racial diversity
and its alleged harmful influence on cohesion, bigo on how the size of specific
ethnic/racial groups combined with stereotypeshasé groups affect cohesion. Furthermore,
given that we showed that perceived unsafety meslitite harmful effects of living among

non-whites and living in a high crime community,lipp makers should be imbued with a
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sense of urgency not only to increase safety lad t stimulate projects aimed at reducing

perceptions of unsafety that are disjoint fromitgal

Notes

' The data and the study codebook can be downldani@dthe following link:
http://lakshmi.calit2.uci.edu/ncasd/?page_id=194.

" Unfortunately we do not have exact estimates efprceived ingroup size.
Operationalizing perceived ingroup size by usirgriidpoint values instead of the minimum
values of each category led to substantially sinfiifelings (results available upon request).

" An additional analysis showed that aggregatingyatt level variables to the city level
leads to similar results (not shown).

V' In an additional analysis we included a dummiytlfier cases for which we use this 3-
nearest-cities approach, which was never significan

¥ For three tracts, in which five respondent resjaeeldid not have contextual information as
it covered a sparsely populated area in natiomaktppark and recreation are. We deleted
these cases.

"' The coefficients for the neighborhood charactiessn the model without control variables
are similar to the ones presented.

' As the measurement part of the other models drstantially similar to the ones presented,
we decided to present the measurement part of Modglich included only the objective
neighborhood characteristics and Model 5 whichudes all the perceived neighborhood
characteristics.
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' As an additional reliability analysis, we assesbedconvergent validity of the three latent
variables on the basis of the Cronbach’s alphatlaadorrected item-to-total correlations (on
1-level). The Cronbach’s alpha for neighborhoodaamhesion is 0.88, with item-to-total
correlations ranging from 0.68 to 0.74. For peredieconomic decay, the Cronbach’s alpha
is 0.74, with item-to-total correlations rangingrr 0.45 to 0.67. The Cronbach’s alpha for

perceived unsafety from crime is 0.72, with itertdtal correlations ranging from 0.50 to
0.64.
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Figure 1. Simplified theoretical framewdrk
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'To display the theoretical expectations as parsioumas possible, we refer to ethnic out-group isizhis table, instead of to ethnic in-group size.



Table 1. Descriptive Statistics

Mean/ SD Min Max %
Prop. missing
Contextual-level characteristics
Proportion of Whites 0.712 0.221 0.000 1.000 0
Average household income per year / 0
10,000 6.691 3.036 2.022 48.169
Crimes per 100,000 pe0p|e a year 25.770 11.034 3.972 117.400 O
Population size 4001 2269 36 36880 0
Individual-level characteristics
Neighborhood cohesion
Trust in neighbors 3.906 0.937 1 5 5.031
Same values 3.534 0.987 1 5 5.517
Close-knit neighborhood 3.328  1.091 1 S 5.274
Informal help is given 4.082 0.878 1 5 5.448
Neighbors get along well 3922 0.781 1 S 5.482
Perceived proportion whites 0.686  0.259 0 0.900  6.037
Perceived economic decay
Trash/Litter problem 1.574  0.698 1 4 5.170
Rundown houses problem 1573  0.748 1 4 5.725
Vacant housing problem 1.423  0.695 1 4 5.725
Perceived unsafety from crime
Neighborhood safe from crime 1.747  0.910 1 S 5.100
Safe to walk daytime 1.230 0.677 1 5 5.309
Safe to walk after dark 1.680  0.981 1 S 5.552
Age 55.530 15.180 18 97 1.214
Gender (Ref: female) 0.562 0 1 0.312
Income (in 10,000%) 7.112 5.369 1 22.5 3.643
Education (less than high school) ~ 0.046 0 1
Education (high school) 0.142 0 1
Education (some college credits) 0.301 0 1
Education (college degree or higher) 0.507 0 1
Education (missing values) 0.243
Labor market position (employed) 0.496 0 1
Labor market position (unemployed) 0.102 0 1
Labor market position (retired) 0.311 0 1
Labor market position (other) 0.089 0 1
Labor market position (missing 0.833
values)
Spouse (Ref: no spouse) 0.759 0 1 1.076
Child (Ref: no child) 0.784 0 1 1.318
Church attendance 2.902 2.166 1 8 0.902
Sample wave (Ref: Southern 0.318 0 1
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California)
Sample wave (Los Angeles region 0.034
Sample wave (Western US) 0.657

Sources: ASFS (2012-2013); US Census Bureau (2010).
Nindividual= 2,882, Neighborhood: 11162

Table 2. Fit measures for the MSE-models

Model 1 Model 2 Model 3 Model 4 Model 5

RMSEA 0.024 0.024  0.029
SRMR (within) 0.011 0.011  0.020
SRMR (between) 0.095  0.101  0.120
CFlI 0.982 0981 0.966
TLI 0975 0971  0.952

0.040
0.028
0.148
0.938
0.913

0.039
0.032
0.152
0.925
0.890

Sources: ASFS (2012-2013); US Census Bureau (2010).
Nindividual = 2,882; Nleighborhood: 1,162.
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Table 3. Measurement part of the MSE-models (udstahzed)

Model 1

Model 5

B Se

SigB Se Sig

Between

cohesion.by trust 1 (0) *
cohesion.by samevalued 556 (0.127) *
cohesion.by closeknit 1.017 (0.165) *
cohesion.by informhelp0.848 (0.127) *
cohesion.by getalong 0.306 (0.086) *

ecodepr.by rundown
ecodepr.by vacant
ecodepr.by litter

crime.by safecrime
crime.by safeday
crime.by safenight

Within

cohesion.by trust 1 (0) *
cohesion.by samevaluek 089 (0.035) *
cohesion.by closeknit 1.103 (0.039) *
cohesion.by informhelp1.046 (0.031) *
cohesion.by getalong 0.760 (0.025) *

ecodepr.by rundown
ecodepr.by vacant
ecodepr.by litter

crime.by safecrime
crime.by safeday
crime.by safenight

1 () *
0.605 (0.627) *
0.869 (0.933) *
0.796 (0.725) *
0.359 (0.361) *

1 0) *
0.813 (0.091) *
0.977 (0.360) *

1 0) *
0.288 (0.097) *
0.692 (0.124) *

1 (0)*
1.064 (0.059) *
1.098 (0.081) *
1.022 (0.065) *
0.768 (0.028) *

1 0) *
0.758 (0.037) *
0.520 (0.035) *

1 0) *
0.810 (0.096) *
1.406 (0.160) *

Sources: ASFS (2012-2013); US Census Bureau (2010).
Notes: Regression coefficients with standard etveta/een parentheses.

Significance level: * p<0.05 (two-tailed).
Nindividual= 2,882, Neighborhood: 11162
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Table 4. Effects on Neighborhood cohesion fromMIBEM models

M2 M3 M4 M5

Sig B Se Sig B Se Sig B Se Sig B Se Sig
Between-level
% In-group 0.491(0.107) * -0.262 (0.349) 0.388 (0.156) * -0.211 (0.158) -0.093 (4.648)
Eco. deprivation -0.0030.007) -0.010 (0.008) 0.005 (0.009) 0.004 (0.008) 0.000 (0.073)
Crime rate -0.057(0.018) *  -0.044 (0.019) * -0.053 (0.019) *  0.013 (0.026) 0.020 (0.211)
Perceived % in-group 1.844 (0.857) * -0.345 (19.186)
Perceived eco. decay -0.351 (0.373) 0.215 (2.232)
Perceived safety from crime -0.976 (0.214) * -1.138 (5.404)
Indirect effect of % In-group:
Perceived % in-group 0.769 (0.369) * -0.146 (8.145)
Perceived eco. decay 0.145 (0.169) -0.088 (0.927)
Perceived unsafety from crime 0.746 (0.168) *  0.890 (4.286)
Indirect effect of Eco. Decay:
Perceived % in-group 0.006 (0.004) -0.001 (0.063)
Perceived eco. decay -0.009 (0.009) 0.005 (0.054)
Perceived unsafety from crime -0.009 (0.007) -0.009 (0.036)
Indirect effect of Crime rate:
Perceived % in-group -0.011 (0.009) 0.002 (0.135)
Perceived eco. decay -0.006 (0.007) 0.004 (0.045)
Perceived unsafety from crime -0.075 (0.025) * -0.087 (0.425)
Within-level
Perceived % in-group 0.596 (0.079) * 0.267 (0.089) *
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Perceived eco. decay -0.338 (0.038) * -0.148 (0.038) *
Perceived unsafety from crime -0.695 (0.041) * -0.612 (0.046) *
Variance (within) 0.474 (0.030) *  0.458 (0.029) *  0.432 (0.028) *  0.350 (0.024) *  0.334 (0.023) *
Variance (between) 0.010 (0.011) 0.002 (0.011) 0.010 (0.011) -0.001 (0.027) -0.002 (0.023)

Sources: ASFS (2012-2013); US Census Bureau (2010).

Notes: Regression coefficients with standard erpets/een parentheses.

Significance level: * p<0.05 (one-tailed).

Nindividua= 2,882; Neighborhood 1,162. The variables ‘racial in-group size’, ‘acmic deprivation’, ‘crime rate’, ‘age’, ‘incomet@grand mean centred.
The variance components of the empty model: vagigng: b=0.507; se=0.032 and variapggenb = 0.044; se=0.014.
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Table 5. Effects on Perceived neighborhood comipositom the MSEM models

M2 M3 M4 M5
Perceived % Perceived eco. Perceived unsafety Perceived % Perceived eco. Perceived unsafety
in-group decay from crime in-group decay from crime
B Se Sig B Se Sig B Se Sig B Se Sig B Se Sig B Se Sig
Between-level
% In-group 0.417 (0.029) * -0.414 (0.084) * -0.764 (0.114) *  0.422 (0.043) *  -0.407 (0.078) * -0.782 (0.114) *
Eco. deprivation ~ 0.003 (0.002) *  0.026 (0.005) *  0.009 (0.006) 0.003 (0.002) 0.025 (0.007) *  0.008 (0.009)
Crime rate -0.006 (0.004) 0.018 (0.014) 0.077 (0.019) *  -0.007 (0.006) 0.018 (0.018) 0.077 (0.035) *

Variance (within) ~0.049 (0.002) *  0.371 (0.030) *  0.254 (0.039) *  0.049 (0.003) *  0.359 (0.030) *  0.257 (0.045) *
Variance (between)0.002 (0.001) *  0.031 (0.015) *  0.039 (0.021) 0.003 (0.001) *  0.029 (0.018) 0.051 (0.041)

Sources: ASFS (2012-2013); US Census Bureau (2010).

Notes: Regression coefficients with standard efpete/een parentheses.
Significance level: * p<0.05 (one-tailed).

Nindividual: 2,882, Neighborhood: 1:162
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Table Al. Effects of controls on Neighborhood catve$rom the MSEM models

M1 M2 M3 M4 M5

B Se Sig B Se Sig B Se Sig B Se Sig B Se Sig

Between-level

Population size -0.090.027) * -0.085 (0.029) * -0.125 (0.039) * -0.071 (0.035) * -0.052 (0.282)
Within-level

Age 0.004 (0.001) * 0.002 (0.001) 0.003 (0.001) * 0.003 (0.001) * 0.003 (0.001)
Gender (Ref: female) 0.01£0.030) 0.031 (0.030) -0.030 (0.029) -0.031 (0.028) -0.030 (0.027)
Income 0.006(0.003) 0.004 (0.003) 0.003 (0.003) 0.000 (0.003) -0.002 (0.003)
Education (Ref: < high school)

Education (high school) 0.0180.088) 0.008 (0.085) 0.057 (0.084) -0.088 (0.080) -0.068 (0.085)
Education (some college) 0.079.085) 0.063 (0.081) 0.067 (0.079) -0.104 (0.077) -0.096 (0.078)
Education (college graduate) 0.0%2.086) 0.038 (0.083) 0.051 (0.080) -0.145 (0.078) -0.134 (0.080)
Labor market (Ref: employed)

Labor market (unemployed) -0.16®.052) * -0.158 (0.050) * -0.163 (0.050) * -0.095 (0.047) -0.096 (0.046)
Labor market (retired) -0.0170.042) -0.019 (0.040) -0.037 (0.040) 0.009 (0.038) -0.005 (0.037)
Labor market (other) -0.0560.054) -0.044 (0.052) -0.048 (0.052) -0.004 (0.047) -0.001 (0.045)
Spouse? (Ref: no spouse) 0.061.036) 0.042 (0.035) 0.065 (0.035) 0.054 (0.034) 0.048 (0.033)
Child? (Ref: no child) 0.14(Q(0.036) * 0.137 (0.035) * 0.131 (0.037) * 0.105 (0.036) * 0.103 (0.035) *
Church attendance 0.04®.007) * 0.046 (0.006) * 0.044 (0.007) * 0.043 (0.006) * 0.042 (0.006) *
Sample (Ref: SoCal)

Sample (Los Angeles region)  -0.170.074) -0.142 (0.074) -0.193 (0.074) * -0.001 (0.069) -0.012 (0.106)
Sample (Western US) 0.13(0.033) * 0.094 (0.033) * 0.127 (0.034) * 0.085 (0.034) 0.073 (0.052)

Sources: ASFS (2012-2013); US Census Bureau (2010).

Notes: Regression coefficients with standard erfvetaieen parentheses.
Significance level: *p<0.05 (two-tailed).

Nindividual= 2,882; Neighborhood 1,162.

33



Table A2. Effects of controls on Perceived neighlood composition from the MSEM models

M2 M3 M4 M5
Perceived % Perceived eco. Perceived unsafety Perceived % Perceived eco.  Perceived unsafety
in-group decay from crime in-group decay from crime
B Se Sig B Se Sig B Se Sig B Se Sig B Se Sig B Se Sig

Between-level
Population size

Within-level
Age

Gender

(Ref: female)
Income
Education

(Ref: < high school)

Education
(high school)
Education
(some college)
Education

(college graduate)

Labor market
(Ref: employed)
Labor market
(unemployed)
Labor market
(retired)

Labor market
(other)
Spouse?

(Ref: no spouse)

Child?
(Ref: no child)

Church attendance

-0.008 (0.008)

0.002 (0.000) *

-0.020 (0.009)
0.003 (0.001) *

0.029 (0.030)
0.032 (0.029)

0.037 (0.029)

-0.017(0.019)
0.004 (0.014)

-0.022 (0.017)
0.033 (0.012) *

0.002 (0.011)
-0.00(0.002)

-0.071 (0.025) *

-0.001 (0.002)

-0.071 (0.028)
-0.009 (0.003) *

0.107 (0.077)
-0.026 (0.070)

-0.002 (0.071)

0.010 (0.051)
-0.060 (0.039)

0.024 (0.050)
0.016 (0.036)

-0.034 (0.039)
-0.007 (0.006)

0.041 (0.034)

-0.001 (0.001)

-0.062 (0.024) *
-0.009 (0.002) *

-0.089 (0.075)

-0.196 (0.072) *

-0.217 (0.075) *

0.119 (0.048)
0.049 (0.033)

0.089 (0.044)
-0.003 (0.030)

-0.037 (0.031)
-0.003 (0.005)

-0.009 (0.009)

0.002 (0.001) *

-0.020 (0.017)
0.003 (0.001)

0.029 (0.099)
0.032 (0.099)

0.037 (0.101)

0.018 (0.025)
0.004 (0.021)

0.021 (0.023)
0.033 (0.017)

0.002 (0.023)
-0.001 (0.003)

-0.062 (0.029)

-0.001 (0.002)

-0.069 (0.028)

-0.009 (0.003) *

0.117 (0.083)
-0.019 (0.077)

0.006 (0.078)

0.014 (0.051)
-0.058 (0.038)

0.024 (0.050)
0.013 (0.038)

-0.031 (0.038)
-0.006 (0.007)

0.044 (0.037)

-0.001 (0.001)

-0.064 (0.025)

-0.009 (0.003) *

-0.097 (0.086)

-0.205 (0.082)

-0.226 (0.083) *

0.118 (0.049)
0.048 (0.033)

0.090 (0.046)
-0.003 (0.032)

-0.037 (0.033)
-0.003 (0.007)
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Sample

(Ref: SoCal)

Sample

(Los Ange|es region) -0.062 (0.032) -0.064 (0.081)
Sample

(Western US) 0.048 (0.014) * 0.019 (0.041)

0.250 (0.071) *

-0.040 (0.034)

-0.056 (0.035)

0.048 (0.025)

-0.085 0.084

0.012 0.048

0.253 (0.087) *

-0.031 (0.056)

Sources: ASFS (2012-2013); US Census Bureau (2010).

Notes: Regression coefficients with standard efpete/een parentheses.
Significance level: * p<0.05 (two-tailed).

Nindividual: 2,882, Neighborhood: 1:162
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Table A3. Results from the MSE-models: two lateariables for social cohesion

Model 1
Neighborhood Attitudes towards neighborhood
cohesive norms cohesive behavior
B Se Sig B Se Sig

Between-level
% In-group 0.498 (0.105) * 0.488 (0.102) *
Eco. deprivation -0.011 (0.005) * 0.007 (0.005)
Crime rate -0.047 (0.021) * -0.064 (0.021) *
Variance (within) 0.479 (0.032) * 0.590 (0.032) *
Variance (between) 0.008 (0.017) 0.009 (0.016)

Sources: ASFS (2012-2013); US Census Bureau (2010).

Notes: Regression coefficients with standard efvetareen parentheses.
Significance level: * p<0.05 (one-tailed).

Nindividual= 2,882; Neighborhood 1,162.

Results for control variables are available upomest
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