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Health benefits and costs of filtration interventions that reduce
indoor exposure to PM2.5 during wildfires

of the health effects of particles from wildfires.

Practical Implications

Abstract Increases in hospital admissions and deaths are associated with
increases in outdoor air particles during wildfires. This analysis estimates the
health benefits expected if interventions had improved particle filtration in
homes in Southern California during a 10-day period of wildfire smoke
exposure. Economic benefits and intervention costs are also estimated. The six
interventions implemented in all affected houses are projected to prevent 11% to
63% of the hospital admissions and 7% to 39% of the deaths attributable to
wildfire particles. The fraction of the population with an admission attributable
to wildfire smoke is small, thus, the costs of interventions in all homes far
exceeds the economic benefits of reduced hospital admissions. However, the
estimated economic value of the prevented deaths exceed or far exceed
intervention costs for interventions that do not use portable air cleaners. For the
interventions with portable air cleaner use, mortality-related economic benefits
exceed intervention costs as long as the cost of the air cleaners, which have a
multi-year life, are not attributed to the short wildfire period. Cost effectiveness
is improved by intervening only in the homes of the elderly who experience most
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Practical and effective filtration interventions can reduce indoor exposure to particles from wildfires. These interven-
tions are expected to substantially reduce wildfire-related hospitalizations and deaths. Public health officials may want
to disseminate this information and recommend filtration interventions in homes when wildfires are burning, particu-
larly in homes with elderly residents. At a minimum, operating existing home air filtration systems continuously dur-

ing periods of wildfire smoke exposure is recommended.

Introduction

Wildfires are a large source or particles and gaseous air
pollutants that temporarily increase air pollutant levels
over hundreds to thousands of square miles (Con-
falonieri et al., 2007; Delfino et al., 2009; Langmann
et al., 2009; Wu et al., 2006). Numerous studies have
examined whether adverse health effects increase in
populations exposed to wildfire smoke, with systematic
reviews of the related literature provided by Kochi
et al. (2010) and Liu et al. (2015). The recently
published review of Liu et al. (2015) identified 61
related epidemiological studies. In 43 of 45 studies with
measures of respiratory morbidity as an outcome, there
were statistically significant associations of increased
respiratory morbidity with wildfire smoke exposure.

Six of 14 studies reported statistically significant
increases in cardiovascular morbidity and nine of 13
studies reported statistically significant increases in
mortality. Among the reviewed studies, the durations
and magnitudes of wildfire smoke exposure and the
size of the increased risks of adverse health effects var-
ied widely. For example, the increases in contacts with
hospitals or clinics (often hospital admissions) during
wildfires ranged from nil to well over 100% and
increases in mortality ranged from less than 1% to
approximately 50%. In general, the elderly and young
children were found to more often experience adverse
health effects.

Johnston et al. (2012) estimated that particles from
wildfires increase global death rates by 339,000 per
year; although this estimate relied on relationships of
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particle concentrations with mortality not specific to
wildfires.

Studies of the health effects of wildfires have com-
pared incidence of health outcomes during periods
with and without wildfire smoke exposure, often in
comparison to control populations with no wildfire
smoke exposure during the same time periods. Often,
the exposure metric has been dichotomous, i.e.,
exposed or not exposed to wildfire smoke. Some stud-
ies have assessed the associations of health outcomes
with particle levels during periods with and without
wildfire smoke exposure, e.g. (Delfino et al., 2009;
Kochi et al., 2010; Rappold et al., 2014) and other
studies reviewed by Liu et al. (2015).

Most of wildfire-health literature assumes that
adverse health effects are largely a consequence of
increased particle exposures. This expectation is consis-
tent with the very high concentrations of particles and
more moderate concentrations of gaseous pollutants,
although, data on gaseous pollutants from wildfires are
sparse. This expectation appears to also be driven by
the finding that particles in general urban air are a
larger source of adverse health effects than gaseous air
pollutants (EPA, 2011a) and is to a limited extent
supported by mechanistic evidence (Kim et al., 2014;
Swiston et al., 2008; Tan et al., 2000).

The adverse health effects of wildfire smoke are
expected to increase as the climate changes due to
increases in the number and severity of wildfires (Fisk,
2015). Spracklen et al. (2009) estimated that, by 2050,
climate change will cause a 54% increase in the average
area burned in the western United States.

Given the demonstrated adverse health consequences
of wildfires that are expected to increase with climate
change, information on the effectiveness of mitigation
options is needed. This article estimates the potential
health benefits and costs of improving particle filtration
in homes. The analysis is performed for a six-county
region in Southern California with substantially
increased particle concentrations during wildfires in
2003. This particular wildfire case is employed for the
evaluation because particle levels in the exposed popula-
tion have been assessed in detail (Wu et al., 2006), hos-
pital admission rates have been related quantitatively
with particle levels (Delfino et al., 2009), and effects on
mortality have been estimated (Kochi et al., 2012).

Methods
Interventions and model description

This analysis estimates the magnitude of reduced
hospital admissions and premature deaths that would
have occurred if residential indoor particle filtration
interventions had been implemented in the homes of
six Southern California counties during a wildfire in
year 2003. Mass balance models are used to estimate
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the mass concentrations of particles, from outdoor air,
less than 2.5 ym in diameter (PM2.5) in homes with
and without interventions. Other mass balance models
estimate PM2.5 concentrations at non-home indoor
locations, and in vehicles. Total inhalation intake of
PM2.5 from outdoor air is calculated, accounting for
time spent in different environments and inhalation
rates. Assuming that health effects are proportional to
total PM2.5 intake, the interventions are associated
with equivalent reductions in outdoor air PM2.5 levels
during the wildfire event. These projections are used
together with published relationships between hospital
admission rates and outdoor air PM2.5 levels during
the 2003 wildfire, to estimate the fractional reductions
in hospital admissions associated with the interven-
tions. The fractional reductions in admission are
combined with data on numbers of admissions, to
estimate the avoided hospital admissions. Additionally,
the projected reductions in PM2.5 intake are used
together with a published estimate of excess deaths
from the 2003 Southern California wildfire, to estimate
the deaths prevented by the interventions. Intervention
costs and health-related financial benefits are also
estimated. Calculations are performed assuming inter-
ventions in all homes. Since a large majority of the
wildfire-related hospitalizations (Delfino et al., 2009)
and deaths (Kochi et al., 2012) associated with the
2003 Southern California wildfires occurred for resi-
dents with age greater than or equal to 65, additional
calculations were performed assuming interventions in
the 22% of homes in the study area with residents in
this age range (US Census Bureau, 2014).

The interventions reduce exposures to particles that
are generated by the wildfire and exposures to particles
from other sources. Thus, the health effects prevented
by the interventions are health effects associated with
PM2.5 from the wildfire and from other sources during
the wildfire period.

Table 1 summarizes the baseline and intervention
conditions and links interventions to baseline condi-
tions. We assume that windows are maintained closed
during the period of wildfire smoke exposure and that
the home is ventilated by air infiltration, since a very
small fraction of homes have mechanical ventilation.
In the first baseline (B1), the home has an intermit-
tently operating central forced air heating and cooling
system with a typical low-efficiency particle filter. In
the second baseline (B2), the home has no central
forced air system. Baseline case B2 may also apply to
homes with a moderate amount of use of window air
conditioners as the limited available literature indicates
low rates of PM2.5 removal by window air condition-
ers (Batterman et al.,, 2012; Mak etal., 2011).
Interventions 115 use B1 as the reference. In interven-
tion 1 (il), the forced air heating and air conditioning
system fan is operated continuously during the period
of wildfire smoke exposure with no change in the type



Table 1 Baseline and intervention conditions

Conditions
Continuously

Baseline or Forced air Efficiency of operating
intervention Reference system filter in forced portable air
code condition operation air system cleaner
B1 NA Intermittent Typical low No
B2 NA No forced air NA No
il B1 Continuous Typical low No
i2 B1 Continuous Upgraded to high No
i3 B1 Intermittent Upgraded to high No
i4 B1 Continuous Typical low Yes
i5 B1 Continuous Upgraded to high Yes
i6 B2 No forced air NA Yes

of filter in the system. In i2, the forced-air fan is oper-
ated continuously and the filter is upgraded to a high-
efficiency filter. In i3, the filter is upgraded to a high
efficiency filter but the forced air system operates in its
normal intermittent mode. In i4, a portable air cleaner
with fan and particle filter is operated in the home dur-
ing the period of wildfire smoke exposure and the
forced air heating and air conditioning system fan
operates continuously with no filter system upgrade. In
15, a portable fan filter unit is operated in the home
during wildfire smoke exposure, the forced air heating
and air conditioning system fan operates continuously,
and the filter in the forced-air system is upgraded to a
high efficiency filter. Intervention i6 uses B2 as the ref-
erence. In i6, a portable fan filter unit is operated in the
home during the period of wildfire smoke exposure
and the home has no forced air system with filtration.

In subsequent text, all references to indoor or in-
vehicle particle concentrations are concentrations of
particles originating from the outdoor air. For baseline
cases, the residential indoor air concentrations of
PM2.5 were estimated using Equations 1-4, based on
steady state mass balances for a well-mixed indoor air
volumes.

Cpi = K1 Co (1)
Cry = K2 Co (2)
Kg1 = Ply/(Av + 2p + AF) (3)
Ky = Piy/(4v + /p) 4)

where Cg; and Cpg, are the residential indoor PM2.5
concentrations of particles from outdoors in baseline

Reducing health effects of wildfires

cases Bl and B2 without any interventions, P is the
particle penetration factor, i.e., the fraction of particles
that penetrate through the building envelope during air
infiltration (dimensionless), 1;- is the ventilation rate,
Ap 1s the rate of particle removal by deposition on
indoor surfaces, and Ay is the rate of particle removal
by the home’s forced air heating and air conditioning
system in the absence of an intervention. In these and
subsequent equations, particle concentration are in
units of pg/m?, and all 1 parameters are normalized by
the indoor volume and have units of 1/h. The parame-
ter A 1s calculated from Equation 5

Ap = 0Dey (5)

where Q is the air flow rate of the forced air heating
and air conditioning system divided by the indoor vol-
ume, D is the fraction of time that the forced air fan
operates, sometimes called the duty cycle, and ¢; is the
PM2.5 removal efficiency of the low efficiency filter
normally used in the forced air system, i.e., unaffected
by an intervention.

Because we assume that the health effects depend on
the total inhalation intake of particles, we require esti-
mates of particle concentrations when indoors and
away from the home, e.g., when at work, school, or in
stores. We assume these buildings have air infiltration
plus continuous mechanical outdoor air ventilation
and indoor air recirculation, with the incoming out-
door air and recirculated air passing through a particle
filter. Under these conditions, the mass balance equa-
tion for the indoor concentrations of particles is:

Cyw=KyCo (6)
with

Ky = ((1 —ew)imw + iiwP)/(Ziw + Zmw + Zpw
+ 8W;LRW)

(7)

where Cy is the indoor concentration at work, school,
or other indoor non-residential locations, & is the
PM2.5 removal efficiency of the particle filter, Anw 1S
the flow rate of outdoor air supplied mechanically, A;w
is the air infiltration rate and Jpw is the particle depo-
sition rate in buildings other than homes, and Arw is
the mechanical recirculation air flow rate in buildings
other than homes. The total ventilation rates in build-
ings other than homes, denoted Ayw, equals the sum of
Amw and Ayw, thus, we will be required to assume a
partitioning of measured values of Ayw into Ayw and
Aw-

The particle concentration in vehicles (Cy) is
estimated as a fraction of the outdoor air
concentration, i.e.

193



Fisk & Chan

Cy=KyCo (8)
with K} based on empirical data.

For intervention cases 11-16, the residential indoor

particle concentrations C are calculated as follows

CN = KNCO forN=1-6 (9)

Ky = PlV/(AV—l-iD—FiN) forN=1to6 (10)

with Ay, for N =1 to 6, equal to the rates of particle
removal by filtration during interventions il through 16
respectively. Values of /.y are calculated as follows

J = Qe (11)
Ay = Qe (12)
)3 = QDey (13)
Ja = Qer + Qpep (14)
Js = Qen + Qpep (15)
46 = Qpep (16)

where ¢ is the PM2.5 removal efficiency of the higher
efficiency filter in the forced air system during
interventions i2, 13, and 15, Q is the air flow rate in the
forced air heating and cooling system divided by the
indoor volume, Qp is the air flow rate of the portable
air cleaning system divided by indoor volume, and ¢p is
the PM2.5 removal efficiency of the portable air
cleaner.

The decrease in indoor PM2.5 concentration as a
consequence of interventions equals Cg; minus Cy for
interventions 1 through 5 and Cp, minus Cg for
intervention 6. However, as discussed subsequently,
changes in hospital admission rates have been related
to changes in outdoor PM2.5 concentrations during a
wildfire, even though the outdoor air PM2.5 concentra-
tion is not an accurate indicator of actual total PM2.5
exposure. We assume that hospital admission rates
from wildfire smoke exposure are proportional to total
intake of PM2.5 from wildfires. PM2.5 intake in each
environment is the product of the inhalation rate,
PM2.5 concentration, and time spent in that
environment, and the total PM2.5 intake is the sum of
the PM2.5 intake when outdoors, at home, at other
indoor locations, and in vehicles. We separate time at
home into time at sleep and time at home awake,
because inhalation rates are diminished when sleeping.
Thus, for baseline cases Bl and B2, and for
interventions il through i6, total PM2.5 intake is
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calculated as follows

Iy = Co(BoTo + BsKp1 Ts + BuaKpi Tua
+ ByKyTw + ByKyTy) (17)

Isr = Co(BoTo + BsKp:Ts + BriaKp2 Tra

In = Co(BoTo + BsKyTs + BuaKyTua
+ BwKyTw + BVKVTV) for N
=1to6 (19)

where Iz, and Ig, are the PM2.5 intake for baseline
conditions B1 and B2; Iy is the PM2.5 intake for inter-
vention N; Bop. Bs, Buya, Bw, By are inhalation rates
when outdoors, at home asleep, at home awake, at
work and other indoor locations, and in vehicles; and
To. Ts, Tua, Tw, and T) are the times spent in the
same environments.

Because hospital admission rates have been related
to outdoor air PM2.5 concentration, to estimate the
health benefits of interventions we calculate an effective
outdoor air PM2.5 concentration, designated Cog, that
produces an intake for PM2.5 equal to /. The inter-
ventions reduce PM2.5 intake by A/, where

Al = Iy — Iy
= Co(BsTs + BuaTua)(Kp) — Ky)forN=1t05
(20)
Al = Ig> — Iy
= Co(BsTs + BuaTua)(Kp, — Kg) for N = 6.
(21)

For baseline B1, applicable to i1-i5, reducing Cop to
Cor reduces PM2.5 intake by

Al = (BoTo + BsKp1 Ts + BuaKp1 Tua + BwKwTw
+ BVKVTV)<C0 — COE) for N
=1-5

(22)

and for baseline B2 applicable to 16, reducing Cy to
Cor reduces PM2.5 intake by

Al = (BoTo + BsKp:T's + BuaKga Tua + BwKwTw
+ BVKVTV)(CO — COE) for N
=6

(23)

Combining Equations 20 and 22 and solving for
Cog yields
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_ Co(BoTo + BsKyTs + BuaKnTua + BwKwTw + ByKyTy)

Cog =

BoTp + BsKg1Ts + BuaKpi Tua + BwKwTw + By Ky Ty

Similarly, combining Equations 21 and 23 and
solving for Cop yields

Cog =

forN=1to5 (24)

Equation 27 is used to estimate the numbers of
prevented admissions S; to the hospital when an

_ Co(BoTo + BsKsTs + BuaKsTua + BwKwTw + ByKyTy)

We employ measures of risk determined from
studies of the 2003 Southern California wildfire to
relate  PM2.5 concentrations with adverse health
effects. Risk parameters based on the many studies of
how typical urban particle levels influence health may
not apply for wildfire periods of shorter duration with
particles that may differ physically and chemically
from typical urban air particles. Delfino et al. (2009)
evaluated the relationship of hospital admission rates
for various health outcomes, e.g., asthma, pneumonia,
with outdoor air PM2.5 concentrations during the
2003 Southern California wildfire, while controlling for
other factors. For the six-county study region, they
provide fractional increases in hospital admission rates
during the wildfire period per 10 ug/m’ increase in out-
door air PM2.5 concentrations, as well as average
PM2.5 concentrations in each county, before, during,
and after the wildfire. Using population data for each
county as reported in the 2000 Census, county-popula-
tion-weighted average PM2.5 concentrations during
wildfire and non-wildfire periods were 56.9 and
21.6 ug/m>. The fractional change in hospital admis-
sions for health outcome “j” per 10 ug/m?> change in
outdoor air PM2.5 concentration will be denoted X.
Thus, the fractional reductions in hospital admission
rates R; expected from a filtration intervention are cal-
culated from the expression

R; = 0.1X;(Co — Co) (26)

with the PM2.5 concentrations in units of micrograms
per cubic meter. For comparison, limited supplemental
calculations were also performed based on an exponen-
tial dose-response relationship, which is commonly
used for particles (Abt Associates, 2003)

R; = Exp(fAPM) — 1 (26b)
where f is a coefficient determined from empirical data
and APM is the change in particle concentration. For
our application, APM was replaced by the change in

Cor and f was derived from the values of X in
Delfino et al. (2009).

(BoTo + BsKp>TsBuaKgo Tua + BwKwTw + ByKyTy)

for N = 6. (25)

intervention is implemented,
Sj = RiN; (27)

where N; is the total number of hospital admissions for
outcome j during the wildfire period with N; calculated
as indicated subsequently in Equation 29. Delfino
et al. (2009) provided values of total admissions 4; for
their total study period which included 20 days before
the wildfire, 10 days during the wildfire, and 16 days
after the wildfire. They also provided relative rates RR;
of hospital admissions for each health outcome for
each of the three time periods, assigning a relative rate
of unity to the pre-wildfire period. Using this informa-
tion, the numbers of hospital admissions (X)) for health
outcome j during the wildfire period were estimated as
follows

A; = 20Y; + 10RR; widfire Y; + 16RR; post—wildfire Y
(28)

N; = 10RR; yiidfire Y; (29)

with Y; equal to the number of admissions per day for
outcome j in the pre-wildfire period.

The economic value of prevented hospital
admissions V7 is calculated from the numbers of pre-
vented admissions and the unit value U; of prevented
admissions.

Vi = ZS_,»U_,-forj: I, orforj=2->5 (30)
J

where j equals one for all respiratory admissions and
values of j from two to five indicate specific types of
respiratory admissions described subsequently in
Table 3.

Kochi et al. (2012) estimated that the wildfires in
Southern California during 2003 were associated with
133 excess cardio-respiratory deaths with 95% confi-
dence limits of 26 to 262, with a normal distribution.
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The number of cardio-respiratory deaths in the
reference period was 536, consequently the increase of
133 deaths is a 25% increase. Assuming that this
association is valid and that excess deaths vary in pro-
portion to total PM2.5 intake, the number of deaths
My prevented by interventions 1 through 6 are
estimated with the following equation

My = 133(Ig; — Iy) /I (31)

For comparison, limited calculations were
performed assuming an exponential dose—response
relationship

My = MREF(EXp(O(APM) — 1) (31b)
where Mpgp is reference number of deaths in the
absence of wildfire pollution and « is determined from
empirical data. Kochi et al. (2012) did not provide
sufficient data to calculate «; however, their data
enabled calculation of the product of  and APM. For

interventions, the product of « and AP was down-
scaled as follows

(ﬁAPM)N = (ﬂAPM)B(l _[B]_J)

B

(31¢)

where subscripts N and B refer to the intervention
number and baseline case respectively.
The economic value of prevented deaths Fy is

Fy = MyUp (32)

where Up is the unit value of an avoided death.

For intervention il, the only expense is the cost of
operating the fan of the central forced air heating
and cooling system continuously, as opposed to
intermittently as needed for air conditioning, during
the 10-day period of wildfire smoke exposure. Thus,

Ey = 240(1 — D)ZQV/(1/3600)G (33)

where E; is the expense ($), 240 equals the hours in the
10-day period of wildfire smoke exposure, Z is the
power consumption of the fan per unit air flow (W/m?/s),
V is the house volume (m?), G is the electricity price ($
per Watt-hour) and 3600 is a conversion factor (sec-
onds per hour). We assume the same cost of operating
the forced air fan continuously in intervention i2
despite the higher efficiency filter in i2. In some forced
air systems, with a higher efficiency and higher pres-
sure-drop filter installed the air flow rate will decrease
modestly and fan power will also decrease modestly
(Stephens et al., 2010; Walker et al., 2013). In other
forced air systems that automatically seek to maintain
the air flow rate constant as pressure drop increases,
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fan power will increase modestly (Stephens et al., 2010;
Walker et al., 2013). In i2, there is an incremental
expense (Ey;) for the high efficiency filter relative to a
standard low efficiency filter. Therefore,

E,=FE + Ey (34)

For intervention 13, the only expense is the incremen-
tal cost of the higher efficiency filter

E; = FEy (35)
For intervention i4, the expense is
E, = E; +240Zp0pV(1/3600)G + Ep (36)

where Zp is the power consumption of the portable air
cleaner fan per unit air flow (W/m?®/s) and Ep is the
cost of the portable air cleaner. For 15 and i6, the
expense is

Es = E, +240ZpQpV(1/3600)G + Ep (37)

E¢ = 240ZpQpV(1/3600)G + Ep (38)

Equations 33 through 38 indicate intervention costs
per housing unit. Total costs are determined by multi-
plying with the number of housing units in the six-
county region or by 22% of this number (US Census
Bureau, 2014) for the subpopulation with age greater
than or equal to 65.

Model inputs and calculation methods

Many model inputs were required to implement the
mass balance and inhalation rate calculations. Table 2
provides parameter values or distributions and the
Supplemental Information provides associated charts,
detailed descriptions of the basis for parameter values,
and applicable references. For housing characteristics,
data from Southern California homes were used when
possible. We assumed that windows are maintained
closed during the period of wildfire smoke exposure.
For interventions i2, i3, and 15, we assumed use of a
higher efficiency filter, with a Minimum Efficiency
Reporting Value (MERYV) rating of 12, in the forced
air systems of homes. Based on estimates of the extent
of air leakage around filters in residential forced air
systems, Vershaw et al. (2009) estimated that the
effective Initial Efficiency Reporting Value (IERV) of
IERV 11 filters is typically reduced by three units to
IERV 8. The IERYV value is the MERYV value of a clean
(unused) filter. Accordingly, we assumed a three-unit
reduction in the effective MERV rating for a MERV



Table 2 Values for parameters in mass balance and inhalation rate calculations®

Reducing health effects of wildfires

Parameter Value(s) Parameter Value(s) Parameter Value(s)

Ay(1/h) GM 0.60 GSD 2.32 g () AM 0.12 SD 0.06 To (%) 75,72,0°

Jyw (1/h) GM 1.06 GSD 2.56 ey AM0.27 SD 0.12 Ty(%) 5.5,5.9, 0°

Jw (1/h) 0.1 ep Qp(1/h) 1.0 Bs (m*/h) 0.58, 0.61, 0.52°
Jaw (1/h) AM 3.42 SD 2.79 e () AM 0.27 SD 0.12 Bya (m*/h) 0.71,0.75, 0.64°
2p(1/h) AM 039 SD 0.08 Ky AM 0.6 SD 0.06 By (m*/h) 0.71,0.75°

Jow (1/h) AM 0.39 SD 0.08 vV (m?) GM 404 GSD 1.47 By (m3/h) 0.83, 0.86°

P) AM 0.97 SD 0.06° Ts(%) 37.0,346,36.2° By (m*/h) 0.71,0.75°
a(1/h) GM 4.36 GSD 1.44 Tha (%) 32.0, 336, 63.68° Co (ng/m) 56.9

D(1/h) AM 0.18 SD 0.09 Tw (%) 17.7,18.6, 0°

GM, geometric mean, GSD, geometric standard deviation, AM, arithmetic mean, SD, standard deviation.

bCropped normal distribution with minimum of zero and maximum value of 1.0.

“First value is for all ages, second value is for age greater than 20, third value is for age >65, see supplemental information for more details.

12 filter, resulting in an effective MERYV value of 9. For
interventions i4 through i6, a portable fan filter unit
with HEPA filter is operated. We assumed that the
product of the unit’s air flow rate and particle removal
efficiency divided by the indoor air volume is 1 1/h. We
also assumed that people have the same average
inhalation rate when awake at home, at other indoor
locations, and in vehicles.

Values of the parameters from Delfino et al. (2009)
used to estimate hospital admission rates with outdoor
air PM2.5 concentrations are provided in Table 3.

In the calculations for age greater than and equal to
65, we used values of X}, RR; wiidfire» RR; post-wildfire» and
A; from Tables 3 and 4 of Delfino et al. (2009) for that
age range. For these calculations, we assumed that,
with and without an intervention, this elderly subpopu-
lation remained indoors at home 100% of the time dur-
ing the period of wildfire smoke exposure, asleep
36.2% of the time (EPA, 2011b), although in general
this population is indoors at home 81% of the time
(Klepeis et al., 2001).

Table 4 provides values for parameters used in the
economic benefit and cost benefit analysis. The costs
for respiratory hospital admissions are costs per admis-
sion adjusted to year 2003 based on the medical care
consumer price index (US Census Bureau, 2012).
Energy, airflow, and cost data for two different
portable air cleaners were considered for interventions
14-16. The less expensive Brand X unit contains a pre-
filter that incorporates activated carbon and a high effi-
ciency particle filter. The more expensive Brand Y unit

Table 3 Values of parameters used to relate PM2.5 levels with hospital admissions

contains a prefilter, a high efficiency particle filter and
limited media to remove gaseous pollutants, and has a
more energy efficient fan system. We assumed that to
provide one indoor air volume per hour of filtered air
the air cleaner’s clean air delivery rate for smoke in
cubic meters per hour must equal the house volume in
cubic meters. The clean air delivery rate is a perfor-
mance metric available for most air cleaners. The cost
values for air cleaners in Table 4 are for a typical
433 m® house. The Brand X air cleaner has a clean air
delivery rate for smoke that was 24% above 433 m?/h,
thus, in Table 4 the published unit cost was divided by
1.24. The Brand Y air cleaner has a clean air delivery
rate for smoke that was 76% of 433 m?/h, so the unit
cost in Table 4 was divided by 0.76. In the modeling,
air cleaner costs and energy use were scaled with house
volume.

The model was implemented using R software.
Distributions of PM2.5 inhalation intake rates in
homes and in other microenvironments were modeled
by sampling from distributions of input parameters, as
specified in the supplemental material. Sampling from
the distribution of input parameters was continued
until results of calculations were stable within three sig-
nificant figures. The resulting distributions of PM2.5
intake rates were used to calculate values of the popu-
lation mean effective outdoor air PM2.5 concentra-
tions (Cog) that correspond to intake rates of PM2.5
for the different interventions considered. Estimated
reductions in hospital admissions and premature
deaths were calculated using the population mean Cog

Type of admission X;(95% Cl)

All respiratory (j = 1)
Asthma (j = 2)

Acute bronchitis or bronchiolitis (j = 3)

COPD, age 20-99 (j = 4)

Pneumonia (j = 5)

0.028 (0.014-0.041)
0.048 (0.021-0.076)
0.096 (0.018-0.179)
0.038 (0.004-0.075)
0.028 (0.007-0.050)

R witdfire (95% Cl) AR postwitaire (95% Cl) A

0.961 (0.916-1.008) 1.143 (1.072-1.219) 21019
1.088 (0.965-1.227) 1.264 (1.085-1.473) 3022
1.143 (0.878-1.490) 1.482 (1.042-2.109) 618
0.988 (0.875-1.115) 1.043 (0.885-1.228) 2860
0.943 (0.868—1.025) 1.294 (1.158-1.446) 6440

Values of X;are per 10 ug/m?.
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Table 4 Parameter values for cost-benefit analysis

Parameter Value Reference(s) Comment
All respiratory admission ($) 22,300 (RTI International, 2015) Year 2000 dollars adjusted to 2003
Asthma admission ($) 12,800 (RTI International, 2015) Year 2000 dollars adjusted to 2003
Bronchitis or bronchiolitis admission ($) 7,100 (Hasegawa et al., 2013) Geometric mean value for bronchiolitis in 2003, median is $6637
COPD admission ($) 14,100 (EPA, 2011a) Year 2006 dollars adjusted to 2003
Pneumonia admission ($) 20,000 (RTI International, 2015) Year 2000 dollars adjusted to 2003
Premature death ($) 8.04 million (Industrial Economics Inc, 2011) Linear interpolation between estimates for 1990 and 2020
Z(W/m®/s) 1,090 (Proctor and Parker, 2000) Weighted average of values measured in three studies
G ($ per W-h) 0.000132 (Energy Information Administration, 2015) Average residential electricity retail price in 2003 in California
Ey($) $3.30 Airfiltersdelivered.com Average of price for MERV 11 and MERV 13 filters minus average of
Discount air filters.com price MERV 6 or MERV 8 filters, all for mid-size 2.54 cm deep filters
ZP(W/m3/s) 602 www.air-purifiers-america.com For Brand X
495 manufacturer’s specifications For Brand Y
Ep($) 239 www.air-purifiers-america.com For Brand X
607 www.allergyandair.com For Brand Y
Housing units 6.92 million http://censtats.census.gov/cgi-bin/usac/usatable.pl Total housing units in 2003 in six-county region
) : 3
values for the different interventions. For each Table § Precicted PM25 concentrations {ug/m)

intervention, cost savings were computed for prevented
hospital admissions and prevented premature deaths.
The 95% confidence intervals that we provide for pre-
vented hospital admissions and prevented deaths, and
the 95% confidence intervals in the associated costs
savings from prevented admissions and deaths, are
based only on the confidence intervals of Delfino et al.
(2009) for the values of X; and the confidence intervals
of Kochi et al. (2012) for number of deaths. The distri-
butions of other model input parameters were assumed
to primarily reflect variability, rather than uncertainty.
Consequently, our 95% confidence intervals do not
account for all sources of uncertainty. The central
estimates of cost of interventions and the correspond-
ing 5th and 95th percentile estimates were computed
for the homes modeled by calculations that again
sampled from the distributions of input parameters.

Results

Table 5 provides mean, median, and fifth and ninety-
fifth percentile PMZ2.5 concentrations in each
environment type, and in the homes with and without
the interventions. Figure All in the Supplemental
information shows the distributions graphically. The
percentage reductions in mean PM2.5 concentrations
in homes associated with the interventions, also in
Table 5, range from 11% to 62%. The nearly no-cost
option (il) of running the HVAC fan continuously
with no upgrade in filter efficiency reduces the mean
PM2.5 concentration by 24% while continuous fan
operation plus a filter efficiency upgrade (i2) approxi-
mately halves the PM2.5 concentration. Upgrading the
filter efficiency without continuous fan operation (i3)
leads to only an 11% reduction in mean particle con-
centrations. Use of portable continuously operating air
cleaners in combination with continuous HVAC oper-
ation with low efficiency filters (i4), and high efficiency
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Environment Mean  Decrease (%) Median 5" percentile 95" percentile
Work/school® 215 - 208 5.8 39.6
Vehicle 34.1 - 34.1 285 398
Home Baseline 1 29.2 - 29.6 121 452
Home Baseline 2 31.9 - 326 14.6 46.8
Home i1 221 24 213 6.8 40.2
Home i2 15.5 47 13.8 37 33.0
Home i3 26.1 " 26.0 95 432
Home i4 142 51 12.7 3.7 30.0
Home i5 1.2 62 95 26 255
Home i6 17.4 45 16.1 5.2 339

0ther non-residential indoor locations.

filters (i5), reduces mean PMZ2.5 concentrations by
51% and 62% respectively. The portable air cleaner,
reduces the predicted mean PM2.5 concentration by
45%, in homes without forced air HVAC systems (i6).

Table 6 provides the predicted time-average PM2.5
intake rates. Because the interventions have no influ-
ence on PM2.5 intake away from the home, for the all-
age population, the percentage reductions in PM2.5
intake rates associated with the interventions are
approximately 60% of the percentage reductions in
PM2.5 concentrations in the homes. Table S3, in the
supplementary information, provides the correspond-
ing values of effective outdoor-air PM2.5 concentra-
tion. Note that for intervention 15, the effective
outdoor-air PM2.5 concentration for the population
with age greater than or equal to 65 is below the back-
ground level of PM2.5 concentration reported for the
period without wildfire smoke exposure.

The estimated total numbers of hospital admissions
and wildfire-related excess deaths during the wildfire
period, and the estimated numbers of admissions and
deaths prevented by the interventions, are provided in
Table 7. With interventions implemented in all homes,
total (all types of respiratory) hospital admissions
decrease by 47 to 261 and the estimated numbers of


http://www.air-purifiers-america.com
http://www.air-purifiers-america.com
http://www.allergyandair.com
http://censtats.census.gov/cgi-bin/usac/usatable.pl

Table 6 Time average PM2.5 intake rates (ug/h)

Reducing health effects of wildfires

All ages Age > 20 Age > 65

% 95" % 5 95" % 5" 95"
Conditon Mean Redution Median 5" percentile percentile Mean Reduction Median percentile percentile Mean Reduction Median percentile percentile
B1 205 - 20.7 12.7 279 21.6 - 21.7 13.3 29.4 174 - 17.6 7.2 27.0
B2 217 - 22 13.8 287 228 - 231 14.5 302 19.0 - 194 8.7 279
i 174 15 171 10.2 257 183 15 18 10.8 27 132 24 12.7 4.1 240
i2 144 30 13.8 8.6 224 152 30 14.5 9.1 236 92 47 8.2 22 19.7
i3 19.2 6 19.1 115 27 20.1 7 20.1 12.1 284 156 1 15.5 5.7 258
i4 139 32 13.3 8.6 212 146 32 14 9 223 85 51 75 22 17.9
i5 126 39 12 79 19.2 132 39 126 8.3 20.2 6.7 62 5.7 15 15.3
i6 153 29 14.8 9.4 229 16 30 15.5 9.8 24 104 45 9.6 3.1 203

prevented deaths range from 9 to 52. For the interven-
tions only in homes of residents with age greater than
or equal to 65, the estimate of prevented hospitaliza-
tions due to pneumonia and prevented deaths are even
larger than for the case of interventions in all homes.
Larger predicted health benefits occur for these out-
comes because a large majority of the health effects
occur in the elderly and because, for the scenario with
interventions only in homes of the elderly, we assumed
that the elderly remained indoors at home throughout
the period of wildfire smoke exposure, making the
interventions more effective in reducing PM2.5 intake.
Table S4 in the Supplemental Information provides
percentage reductions in the increases in wildfire-
related hospital admissions and deaths for each inter-
vention. For interventions in all homes and considering
the full exposed population, hospital admissions are
decreased by 11% to 63% of the increase in admissions
during the wildfire period, and deaths are decreased by
7% to 39% of the increase in deaths during the wildfire
period. For interventions only in homes with residents

age 65 and older, and considering only this sub-popu-
lation, hospital admissions are decreased by 20% to
105% of the increase in admissions during the wildfire
and deaths are decreased by 12% to 65% of the
increase in deaths during the wildfire period. For inter-
vention i5 and the elderly population, prevented hospi-
tal admissions exceed the increase in admissions during
the wildfire, because the intervention reduces PM2.5
intake below the level reported for periods without a
wildfire. Calculations based on exponential dose-
response equations, in place of the linear equations,
yielded very similar prevented admissions and deaths.
For the all-respiratory category of admissions and the
full (all-age) population, the exponential model yielded
percentage reductions in hospital admissions that were
one to two percentage points larger than the linear
model, corresponding to a relative 4% more prevented
admissions. For deaths, the exponential model yielded
percentage reductions in deaths that were one to three
percentile points larger than the linear model, with the
maximum relative increase of 9% in prevented deaths.

Table 7 Estimated baseline numbers of hospital admissions and wildfire-caused premature deaths during the wildfire period and estimated reductions due to the interventions

Baseline Interventions—number of cases prevented (95% confidence interval)
increased
admissions
Baseline total or deaths
admissions during
Outcome during wildfirg® wildfire i i2 i3 i4 i5 i6
Interventions in all homes
All respiratory 4217 (3993-4454) 417 (265-655) 106 (67-167) 201 (128-317) 47 (30-74) 219(140-345) 261 (166-411) 202 (129-318)
Asthma 643 (561-738) 109 (62-192) 28 (16-49) 53 (30-93) 12 (7-22) 57 (33-101) 68 (39-120) 53 (30-93)
Acute bronchitis and bronchiolitis 128 (94-175) 43 (19-99) 11 (4.9-25) 21(9.2-48) 49(2.1-11) 23(10-52) 27 (12-62) 21(9.3-48)
COPD (Age > 20) 607 (529-696) 81 (32-207) 21 (8.1-52) 39 (15-100) 9.1(3.6-23) 43(17-108) 51(20-129) 39 (16-100)
Pneumonia 1211 (1100-1334) 120 (56-257) 30 (14-65) 58 (27-124) 13(6.3-29) 63 (29-135) 75 (35-161) 58 (27-124)
Premature death - 133 (26-262) 21 (4.1-41) 40 (7.8-79) 9.3(1.8-18) 43 (8.5-86) 52 (10-102) 40 (7.8-79)
Interventions in homes with residents age > 65
All respiratory 1829 (1684-1988) 194 (105-358) 84 (46-156) 158 (85-291) 38 (20-70) 171(93-317) 203 (110-375) 152 (82-281)
Asthma 108 (78-148) 38(18-81) 17 (7.9-35) 31 (15-66) 7.4 (3.5-16) 34(16-71) 40 (19-84) 30 (14-63)
Acute bronchitis and bronchiolitis 34 (18-66) 17 (7-46) 7.5(2.9-20) 14 (5.3-37) 3.4(1.3-9.0) 15 (5.8-40) 18 (6.9-48) 14 (5.2-36)
COPD (Age > 20) 427 (363-501) 47 (12-176) 20 (5.4-77) 38(10-143) 9.1(2.4-34) 41 (11-156) 49 (13-185) 37 (10-138)
Pneumonia 752 (664-853) 77 (30-196) 34 (13-85) 63 (25-159) 15(5.9-38) 68 (27-173) 81 (32-205) 60 (24-154)
Premature death - 113 (22-223) 31 (6.0-60) 57 (11-112) 14 (2.7-27) 62 (12-122) 73 (14-145) 55 (11-108)

“Includes admissions not attributable to pollutants from the wildfire.
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Estimates of health-related economic benefits of pre-
vented hospital admissions and prevented deaths and
estimates of intervention costs are provided in Table 8.
With interventions in all homes, the central estimates
of the economic benefits from avoided respiratory hos-
pitalizations during the wildfire period range from $1
million to $5.8 million, while the economic benefits of
reduced mortality range from $75 million to $416 mil-
lion. The economic benefits from avoided hospitaliza-
tions for the four specific types of respiratory health
effects are a subset of the economic benefits from
avoided hospitalizations for all respiratory health
effects. Operating HVAC system fans continuously
during the wildfire period in the 6.92 million homes is
projected to increase electricity costs by $110 million,
approximately $16 per house. The incremental cost of
purchasing higher efficiency filters for home HVAC
systems and operating HVAC fans continuously is
$133 million. The energy costs of operating the porta-
ble air cleaners is $16 million for the Brand X unit and
$13 million for the Brand Y unit, or $2.3 and $1.9 per
house, which is far lower than the energy cost for
continuous HVAC fan operation. The portable air
cleaners are more energy efficient than central HVAC
systems in removing particles because of their lower
fan power per unit air flow and higher particle removal
efficiency. If the costs of portable air cleaners are
included in intervention costs, total intervention costs
for the $6.2 million homes range from $1.7 trillion to
$4.4 trillion, although it is unlikely that large numbers
of home owners would purchase portable air cleaners
solely for use during a 10 day period of wildfire smoke
exposure.

With interventions only in the 22% of homes hous-
ing elderly, the projected economic benefits of reduced
hospitalizations remain similar in magnitude, while the
projected mortality related economic benefits increase
due to the aforementioned increase in projected pre-
vented deaths. However, intervention costs decrease by
almost 80%.

With interventions in all homes, the intervention
costs always far exceed the economic benefits from
reduced hospitalizations. However, the economic bene-
fits of reduced mortality substantially or greatly exceed
the intervention costs of interventions i1-i3 that do not
use portable air cleaners. The mortality-related benefits
are not sufficient to pay for portable air cleaner pur-
chases, but greatly exceed the cost of portable air clea-
ner operation. With interventions only in the homes of
the elderly, intervention costs still exceed the economic
benefits from reduced hospitalizations. Also, the eco-
nomic benefits of reduced mortality greatly exceed the
intervention costs of interventions i1-i3 that do not use
portable air cleaners. However, the total economic
benefits from reduced hospitalizations and deaths are
sufficient to pay for purchase of the less expensive
Brand X air cleaners.
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Discussion

Based on this analysis, interventions that increased
particle filtration rates in all homes would have pre-
vented 47 to 261 respiratory hospital admissions asso-
ciated with the wildfire in Southern California in 2003.
However, the fraction of the exposed population with
a hospital admission attributable to wildfire smoke is
small, thus, the costs of implementing filtration-based
interventions in every household far exceeds the eco-
nomic benefits of reduced hospital admissions. Target-
ing the interventions only at the homes of the elderly,
i.e., homes with residents age 65 or higher, reduces
intervention costs by almost 80% while health benefits
remain similar in magnitude. If the elderly remain at
home during the period of wildfire smoke exposure,
the interventions are more effective in reducing PM2.5
intake and associated hospitalizations.

Interventions in all homes are projected to prevent
PM2.5-related deaths during the wildfire period by 9 to
52, which compares to the estimated 133 total excess
cardiorespiratory deaths during the wildfire period.
The estimated economic value of the prevented deaths
far exceeds intervention costs for interventions that do
not use portable air cleaners. For the interventions that
incorporate portable air cleaner use, mortality-related
economic benefits exceed intervention costs as long as
the cost of the air cleaners, which have a multi-year
life, are not attributed to the 10 day wildfire period.
Cost effectiveness is improved by performing interven-
tions on in the homes of the elderly, particularly if the
elderly remain indoors at home during the period of
wildfire smoke exposure.

Two studies were identified that experimentally
evaluated the use of air cleaners in homes during
wildfires. Barn et al. (2008) found that portable air
cleaner operation during summer wildfire periods in
17 homes reduced indoor PM2.5 from outdoors by
65 £+ 35%. Ratios of the air cleaners’ CADR values
to house volumes were not provided. Henderson
et al. (2005) studied five pairs of homes exposed to
wildfire smoke, and operated air cleaners in one
home of each pair. Applying a model to the data, the
authors estimated that the air cleaners reduced
indoor PM2.5 concentrations by 63% to 88%. Ratios
of the air cleaners’ CADR values to home volumes
ranged from 0.85 1/h to 2.37 1/h, and averaged
1.8 1/h. Among our scenarios, i4 and 16, are most
appropriately compared to these empirical findings.
In i4, a forced air system containing a typical low
efficiency particle filter and a portable air cleaner
with CADR of one indoor air volume per hour were
operated continuously and the predicted decrease in
PM2.5 in the home was 51%. In i4, there was no
forced air system but an air cleaner with a CADR of
one indoor air volume per hour was operated contin-
uously and the predicted decrease in PM2.5 in the



Reducing health effects of wildfires

1€6 6¢ 826 6¢ A pueig
89¢ Ge G9¢e Gt 0 0 X puelg (€£8-88) 57 (1£8-98) Zvy (86022 [€98lve 1un Jayjy 8jgenod (91)
096 143 826 6¢ A pueig
86€ €€ G9¢e Gt L'G 174 X puelg (9911-811) 565 (€911-G11) 065 8l-1'1)6¢ (7862 G 8|qeI0d -+ Snonunuod AJualaLye YBIH (G1)
956 8¢ 876 6¢ A pueig
€6 8¢ G9¢ Gt 0 174 X puelg (¥86-66) Z0S (286-L6) 86 (110152 (L'-17)8¢ 3|qeMog + snonunuod Asusiolye moT (1)
1'G - 0 0 1'G 0 aUoN (91z-zz) 0LL (G1z-12) 601 (8020150 (91-50180 waniusul Aduaioya YbiH (1)
62 - 0 0 1'G 174 8uoN (S06-16) Z9% (€06-06) 85 €660 ¢€C G9-61)6¢ snonunuod Ausiolye ybiy (z1)
174 — 0 0 0 174 SUON (v87-6¥) L¥T (€8v-8Y) Gz 9750121 Ge0161L snonuiuod Aausiole mo1 (L)
G9 < abe sjuapIsal YlIM Sawoy Ul SUOIUBAIBIY|
ovey el 0cey €l 0 0 A pueig
0891 9l 0991 9l 0 0 X puelg (9£9-59) 9z¢ (€e9€9) Lze 91152 (L6251 un 181} 8jqemod (g1)
0LEY L 0cey €l € oLl A pueig
(0181 4 0991 9l € oLl X puelg (€28-18) zzv (0z8-18) 9L¥ 161 €ee (Z6-L€)85 8|qeI0d -+ Snonunuod AJualalye YBIH (g1)
(0ser ecl 0cey €l 0 0Ll A pueig
061 9l 0991 9l 0 oLl X puelg (169-14) v5€ (889-89) 6v€ (1'6-9'1)8¢ (LL-1e) 6 3|qeMog + snonunuod Asusiolye moT (1)
¥4 — 0 0 174 0 8UON (L1-51) 9L (Ly1-Gl) 6L (80-€090 91-2001 Juapiweiul Adusiolye yBIH (g1)
€el - 0 0 € oLl SUoN (7£9-59) Gz¢ (ze9-€9) Lze 911 5¢ (L6251 snonuuod Aausiaige YbiH (z1)
oLl - 0 0 0 oLl 9UON (vEE—vE) LLL (zee—€€) 691 (rzgolel (Leglve SNONUNU0I AJUBIDIE MOT (L)
SAWOY |[e Ul SUOIUBAIBIU|
juswdinba Juswdinba 1500 1500 1500 I8}l 1500 ABiaua Jaues|d Ayjepow snyd Anjenopy $3WO09IN0 Aojeuidsal ||y uoluaAIBlu|
18114 18] juawdinba ABigua |eIUBWBIAUI |BIUBWBIAUL lle 9|qenod Aojendsal ||y noj Jo wng
8jqeod a|qepod oy 8y JVAH JVAH
Aue 0 1509 401509 a|qenog 8|genod
Buipnjoul Buipn|oxa
1509 [e10] 1509 |B10]
(uorf|iw $) $1509 UOIUBAIBYU| (uol|jlw $) SHy8UBY 9IUIOUOIS Pale|al-Li[esH

SUOIUSAIBIUI JO SIS0 PUB S}1§BUa(] JIWOU0I] § djge]

201



Fisk & Chan

home was 45%. These predicted reductions in indoor
PM2.5 are moderately lower than the empirically
measured reductions. The discrepancy between our
predictions and the data of Henderson is consistent
with expectations given the different ratios of CADR
to home volume.

To the best of our knowledge, this paper provides
the first detailed assessment of the benefits and costs
of using particle filtration interventions to reduce the
adverse health effects associated with a wildfire.
Strengths of this analysis include the use of a model
that accounts for PM2.5 exposures and inhalation
throughout the day, the extensive effort given to uti-
lize the best available values for model input parame-
ters, and the evaluation of multiple interventions.
Data are not available to empirically validate the
predicted benefits of the filtration interventions;
however, use of high efficiency particle filters during
a wildfire in 1999 was associated with decreased
reporting of lower respiratory symptoms (Mott et al.,
2002).

As is typical, the analysis has numerous limitations.
While 43 of 45 studies reviewed by Liu et al. (2015)
found that wildfire smoke exposure increases hospital
admission rates or contacts with hospitals or clinics,
fewer studies have assessed the effects of wildfires on
mortality and the findings have been less consistent,
with nine of 13 studies reporting statistically significant
increases in mortality (Liu et al., 2015). Because the
concentrations and duration of wildfire smoke expo-
sure vary greatly among studies, variable findings are
expected. Nevertheless, the predicted reductions in
mortality with filtration interventions appear to be less
certain than the predicted reductions in respiratory
hospitalizations because wildfires are less consistently
linked to mortality.

The focus of the analysis only on the period of wild-
fire smoke exposure is an important limitation to the
analysis of prevented hospital admissions. There may
have been substantial wildfire-related hospital admis-
sions that occurred after the period of wildfire smoke
exposure (Delfino et al., 2009). The modeling did not
account for reductions of any of these post-wildfire
admissions.

Our analysis relied on data relating hospital admis-
sions and deaths to increases in PM2.5 concentrations;
however, some of the health effects may be attributable
to wildfire-generated gaseous air pollutants such as
nitrogen oxides and aldehydes. The modeling did not
address the effects of the air cleaners on gaseous air
pollutants.

The PM2.5 removal efficiencies of the filters used
in the forced air heating and cooling systems of
homes were based on typical size distributions of
urban outdoor particles. If particles from wildfires
tend to be smaller than typical urban-air particles,
the modeling will have over-estimated reductions in
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indoor air particle concentrations, particularly for
intervention il that relies on a typical low-efficiency
filter.

Some of the interventions evaluated may have
already been implemented in a subset of homes dur-
ing the 2003 wildfire, reducing the number of homes
in which the modeled interventions could be added.
For example, if 10% of home owners operated por-
table air cleaners during the 2003 wildfire period,
the health benefits of intervening in the remaining
90% of homes would be roughly 90% of our pre-
dicted health benefits. We did not find data for esti-
mating the extent to which the interventions were
already implemented.

The analysis considered only the implementation of
interventions in all homes and in the subset of homes
with elderly. Interventions could also be targeted at
homes of residents with pre-existing respiratory or car-
diovascular diseases such as asthma. Such a targeting
would likely improve cost effectiveness.

Study limitations include reliance on steady state
mass balance models and the assumption of well
mixed indoor air; however, given the 10-day exposure
period and the almost seven million homes the influ-
ence of time variable conditions and imperfect indoor
air mixing are likely to average out, leading to mod-
est associated errors. In some homes, portable air
cleaners may be installed near to where people spend
the majority of time leading to larger reductions in
PM2.5 intake than indicated by the model. In other
homes, air cleaners may be installed where people
are often not located, leading to smaller reductions
on PM2.5 intake than predicted. Thus, the predicted
benefits of the filtration interventions should not be
applied to individual homes, rather, the predictions
apply to the population of homes. Spatial variability
in the outdoor air PM2.5 concentration was also
ignored. The analysis by Wu et al. (2006) indicates
substantial spatial variability in the outdoor PM2.5
concentration during the wildfire period. However,
this spatial variability appears unlikely to substan-
tially bias our overall results. At locations with
above-average PM2.5 concentrations, the benefits of
filtration interventions will be higher than modeled
while at locations with lower-than-average PM2.5
concentrations, the benefits of filtration interventions
will be less than modeled. The modeling of PM2.5
exposure outside of the home has been greatly sim-
plified. The assumption that deaths are proportional
to total PM2.5 intake is unverified but is probably
the best possible assumption given available data,
and results differed little when the exponential dose—
response model was used. The modeling relied on
dose-response parameters from studies that assumed
no threshold in the relationship of wildfire PM2.5
concentrations with hospitalizations and deaths. For
consistency, this current analysis also assumes that



there are no thresholds in the dose-response relation-
ships; however, the prior research has not proven
that there are no thresholds.

There have been some changes in home character-
istics and electricity prices since 2003 that will influ-
ence the effectiveness of cost of the interventions.
New homes tend to be more airtight with ventilation
provided mechanically. Usually, the ventilation sys-
tems (typically exhaust fans) do not filter the incom-
ing air; however, the lower ventilation rates of new
homes may increase the extent to which people are
sheltered from outdoor air particles. Turning off the
mechanical ventilation when smoke levels are highest
would increase the extent of sheltering and may be a
viable mitigation option. The cost of electricity used
in calculations was based on the average residential
electricity price in California in 2003, which was the
year of the wildfire. Today’s electricity prices are
higher and today there is a more of an increase in
electricity price as the quantity of electricity use
increases. Consequently, the cost of electricity used
in future implementations of the interventions would
exceed the costs reported in this paper.

The interventions could be implemented continu-
ously, as opposed to just during the period of wildfire
smoke exposure, and reduce the adverse health effects
associated with typical daily particle exposures. Prior
analyses (Fisk, 2013; Zhao et al., 2015) indicate that
filtration interventions would substantially decrease
mortality attributable to particle exposures and that
the associated economic benefits usually far exceed
costs.

Readers should keep in mind that the filtration inter-
ventions evaluated in this paper represent one set of
multiple options for reducing the adverse health effects
of wildfire smoke. Other options may include reloca-
tion of the most susceptible people away from the
smoke, use of respirators, prophylactic medications,
and public service announcements that, for example,
advise people to stay indoors with windows closed.
Home envelope tightening, and use of home mechani-
cal ventilation systems that filter incoming outdoor air,
may be a viable long-term option.
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