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Abstract

Purpose: Studies examining biomarkers associated with fatigue in breast cancer survivors treated with radiation are limited.
Therefore, we examined the longitudinal association between serum biomarkers and post-breast cancer fatigue in survivors
treated with radiation: [oxidative stress] 8-hydroxyguanosine, myeloperoxidase; [inflammation] interleukin-6 (IL-6), c-reactive
protein, growth differentiation factor-15 (GDF-15), placental growth factor, transforming growth factor-beta, [cardiac damage]
cystatin-C, troponin-I.

Methods: In a secondary analysis, we included participants from the Women’s Health Initiative if they had: a previous breast
cancer diagnosis (stages I-III), no prior cardiovascular diseases, pre-and post-breast cancer serum samples drawn approximately
3 years apart, and fatigue measured using the Short-Form 36 vitality subscale at both serum collections. Biomarkers were
measured using ELISA or RT-qPCR and modeled as the log2 post-to pre-breast cancer ratio.

Results:Overall, 180 women with a mean (SD) age of 67.0 (5.5) years were included. The mean (SD) vitality scores were 66.2
(17.2) and 59.7 (19.7) pre- and post-breast cancer, respectively. Using multivariable weighted linear regression, higher bio-
marker ratios of cystatin-C, IL-6, and GDF-15 were associated with a lower vitality score (i.e., higher fatigue). For example, for
each 2-fold difference in cystatin-C biomarker ratio, the vitality score was lower by 7.31 points (95% CI: �14.2, �0.45).

Conclusion: Inflammatory and cardiac damage biomarkers are associated with fatigue in breast cancer survivors treated with
radiation; however, these findings should be replicated in a larger sample. Biomarkers could be measured in clinical practice or
assessed in risk prediction models to help identify patients at high risk for fatigue.
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Survival rates for breast cancer have improved and there are an
estimated 3.8 million breast cancer survivors in the United
States as of 2021 (Miller et al., 2016). Radiation therapy is an
effective therapy for breast cancer and is administered to
approximately 50% of breast cancer patients (Bower, 2014;
Clark et al., 2016; Gilliam & St Clair, 2011; Neilsen et al.,
2017). However, despite treatment benefits, radiation is a
substantial contributor to fatigue. Fatigue occurs in approxi-
mately 33% of all breast cancer survivors and is associated
with decrements in activities of daily living, increased de-
pression, reduced quality of life, and increased mortality
(Aversa et al., 2017; Bower, 2014; Hofman et al., 2007).

While there is an abundance of literature examining bio-
markers of fatigue associated with systemic therapies, studies
focused specifically on fatigue associated with radiation
treatment are limited. Based on few prior studies, the leading
hypotheses linking radiation to fatigue involve inflammation,
as studies have shown associations between increased in-
flammatory markers and fatigue in breast cancer patients
receiving radiation (Bower, 2014; LaVoy et al., 2016; Saligan
& Kim, 2012; Saligan et al., 2015). However, based on the
biological consequences of radiation, there may be additional
mechanisms contributing to fatigue such as oxidative stress
and cardiac damage. Oxidative stress has been proposed as an
underlying mechanism explaining fatigue in the context of
chemotherapy; yet it has been investigated minimally in the
context of radiation (Hockenberry et al., 2014; Repka &
Hayward, 2018). Cardiac damage is also a well-recognized
complication of radiation therapy through a complex process
of direct tissue injury, acute and chronic inflammation, oxi-
dative stress, and impaired remodeling (Lenneman & Sawyer,
2016; Taunk et al., 2015). Cardiac dysfunction has been as-
sociated with reductions in cardiorespiratory fitness, exercise
intolerance, and fatigue (Haykowsky et al., 2016). However,
cardiac damage biomarkers have not been investigated as
potential markers of fatigue in cancer survivors.

The purpose of this study was to examine biomarkers of
oxidative stress [8-OH-dG, myeloperoxidase (MPO)], in-
flammation [c-reactive protein (CRP), growth differentiation
factor-15 (GDF-15), interleukin-6 (IL-6), placental growth
factor (PGF), transforming growth factor-beta (TGF-B)], and
cardiac damage [cystatin-C, troponin-I] in the development of
fatigue in breast cancer survivors treated with radiation.

Methods

Study Population and Design

We conducted a secondary analysis of data collected as part of
an ancillary case-control study conducted within the Women’s
Health Initiative (WHI). Detailed descriptions of the overall
WHI study design and recruitment have been published
elsewhere (Anderson et al., 2003). In brief, the WHI is a
longitudinal, prospective cohort study of 161,808 women
aged 50–79 who were enrolled at 40 clinical centers

nationwide beginning in 1993. The WHI has two main
components, a randomized Clinical Trial and an Observational
Study. Data were collected in the main study until 2005 and
women were asked to participate in follow-up extension
studies for an additional 5 years of follow-up through 2010
and again through 2015 (Anderson et al., 2003). In 2013,
women with no prior cancer diagnosis at WHI enrollment
were invited to participate in the Life and Longevity After
Cancer (LILAC) study, a cancer survivorship cohort study, if
they developed 1 of 8 cancers during WHI follow-up (breast,
colorectal, endometrial, ovarian, lung, melanoma, leukemia
and lymphoma) (Paskett et al., 2018). All participants pro-
vided written informed consent prior to data collection.

The current analysis uses data collected as part of an
original case-control study within the WHI aimed at inves-
tigating biomarkers associated with cardiovascular events in
breast cancer survivors treated with radiation. In the original
case-control study, eligible women were those diagnosed with
incident invasive breast cancer (stages I-III) and had docu-
mentation of radiation treatment. Radiation treatment was
documented if a participant was either enrolled in LILAC or
were enrolled in Medicare fee-for-service at the time of their
breast cancer diagnosis. For participants in LILAC, radiation
was documented either through medical record abstraction,
Medicare fee-for-service data, or by self-report on the LILAC
questionnaires. Incident breast cancer was defined as the first
invasive cancer adjudicated during WHI follow-up through
medical chart review. The original case-control required pre-
and post-breast cancer diagnosis serum samples drawn ap-
proximately three follow-up years apart with the breast cancer
diagnosis occurring in between the two blood collections.
Women were excluded from the original case-control study if
they (1) had metastatic disease or missing stage, (2) had an
adjudicated or self-reported cardiovascular outcome (i.e.,
heart failure, coronary heart disease, or stroke) at WHI
baseline or before the second blood draw, or (3) self-reported a
history of breast, lung, lymphoma, Hodgkin’s, or thyroid
cancers at WHI baseline. In the original case-control study,
participants who developed a cardiovascular outcome after the
second blood draw were matched to participants who did not
develop a cardiovascular outcome after the second blood draw
in a 1:3 ratio without replacement on age at WHI enrollment
(5-year categories), visit year of the pre-breast cancer speci-
men draw, treatment ascertainment (self-report or Medicare/
abstraction), and LILAC enrollment (yes/no). The original
case-control study included a total of 213 women (55 cases
and 158 controls).

For the current analysis, we further excluded women in the
original case-control study who did not have fatigue measured
at both timepoints of serum collection (n = 33). A total of 180
participants were included in the current analysis (Figure 1).
We used inverse probability weighting to account for the
selection into the original case-control study. Methods have
been developed to allow for analyses of secondary outcomes
using case-control data while considering the sampling design
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of the original case-control study (Reilly et al., 2005;
Richardson et al., 2007; Schifano, 2019). This method uses
sampling weights to create data, which resembles a random
sampling design with respect to the secondary outcome (i.e.,
fatigue).

Outcome

The primary outcome in this analysis was post-breast cancer
fatigue, which was measured at the same time as the post-

cancer diagnosis biomarkers. Fatigue was measured in the
WHI using the Short-Form (SF)-36 vitality subscale. In
summary, participants were asked how often they felt full of
pep, worn out, tired, or had a lot of energy during the last
4 weeks. Individual questions were scored from 1 to 6,
which were transformed to create a total index score, which
ranges from 0–100. Higher scores indicate less fatigue.
Fatigue in cancer populations has been phenotypically
characterized with the SF-36 using a cutoff of 50, with
scores <50 being “fatigued” and scores ≥50 being “non-

Figure 1. Sample flow chart. Participants were eligible for the original case-control study if they were diagnosed with invasive breast cancer
prior to 2005 and met the following criteria: (1) had a pre- and post-breast cancer diagnosis serum sample available approximately 3 years
apart and (2) had documented receipt of radiation treatment either through medical record abstraction, Medicare claims data, or self-report.
For this analysis, participants were excluded if they were missing a pre- or post-breast cancer fatigue measurement (n = 33). A total of 180
participants were included.
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fatigued” (Bower et al., 2002). Additionally, prior studies
have reported a change of five points on the SF-36 to
represent a clinically minimal important difference (Bjorner
et al., 2007). The SF-36 has high internal consistency in
cancer populations with alpha coefficients ranging from
0.89 to 0.91 (Brown et al., 2011; Stein et al., 2004).

Exposure

The exposures for this study were post-cancer diagnosis
biomarker concentrations. The WHI has detailed protocols
regarding specimen collection, handling, preparation, and
storage. In summary, WHI staff were trained in standardized
methods of specimen collection and processing. Serum was
centrifuged and separated from blood samples within 1 hour
after collection. Samples were maintained at 4°C during
handling. After separation, samples were separated into
0.25 mL aliquots and placed into a �80°C freezer within
2 hours of collection for future use.

All biomarkers were measured using commercially
available assay kits (Supplemental Table 1). Except for IL-
6 and Troponin-I, biomarkers were measured using
enzyme-linked immunosorbent assays (ELISAs). TnI and
IL-6 were measured using ProQuantum RT-PCR kits. The
biomarkers assays were conducted in the University of
Washington School of Nursing Office for Nursing Re-
search laboratory. All biomarkers were tested and ana-
lyzed following manufacturer’s protocols. For ELISAs,
samples were tested in duplicates and in triplicates for RT-
PCR. The average of the replicates was used in the
analysis. All participants were randomly intermixed on
each plate and laboratory personnel were blinded to
sample IDs. Lastly, to ensure quality control, the WHI
included 22 pairs (i.e., 44 samples) of blinded duplicate
samples, with approximately half measured on the same
plates and half measured on different plates to account for
within and between plate variation. All biomarker kits had
an intra-assay coefficient of variation <10% and inter-
assay coefficient of variation <15%.

Additional Variables

Demographic information on age at WHI enrollment, edu-
cation, and self-identified race/ethnicity were collected from
WHI baseline questionnaires. Data on pre-cancer fatigue,
sleep disturbance, emotional well-being, pain, and physical
function were collected from self-report questionnaires. Pre-
cancer fatigue, emotional well-being, pain, and physical
function were measured using the SF-36 vitality, emotional
well-being, pain, and physical functioning subscales, re-
spectively. All subscales range from 0–100 points, with higher
scores indicating a better health status. Sleep disturbance was
measured using the WHI Insomnia Rating Scale. The In-
somnia Rating Scale scores range from 0–20 with higher
scores indicating greater sleep disturbance.

Lifestyle factors of smoking status, alcohol consumption,
and physical activity were recorded from self-reported
questionnaires. Smoking status was reported as current, for-
mer, or never smoker. Alcohol consumption was calculated by
the number of alcoholic servings per week which includes
beer, wine, and/or liquor, based on standard serving sizes (i.e.,
12 oz of beer, 6 oz of wine, and 1.5 oz of liquor). Physical
activity was recorded as the number of total-metabolic
equivalents hours per week (metabolic equivalent-hours/
week) (Ainsworth et al., 2000; McTiernan et al., 2003).

Physical measurements including height, weight, and waist
circumference (cm) were measured in-person at baseline clinic
visits by trained WHI personnel. Body mass index was cal-
culated as weight in kg/height in m2.

Cancer characteristics such as stage, laterality of breast
cancer, concurrent chemotherapy treatment, and initiation of
radiation treatment were obtained from medical records or
self-report questionnaires. Stage was classified according to
the Surveillance, Epidemiology, and End Results coding rules.
For participants in LILAC, data on concurrent chemotherapy
treatment and timing of radiation therapy initiation were
available.

Statistical Analysis

Participants’ baseline characteristics were compared between
those with and without fatigue using a cut point of 50.
Normality of continuous variables was visually assessed.
Characteristics were summarized with mean and standard
deviations for continuous variables and proportions for cat-
egorical variables. Differences in mean values or proportions
were determined by unpaired t-tests and chi-square tests,
respectively.

Distributions of pre- and post-cancer biomarkers were
calculated using both means with standard deviations and
medians with interquartile range (IQR) stratified by fatigue
using a cut point of 50. Differences in medians between pre-
and post-cancer biomarkers by fatigue status were tested using
Wilcoxon rank tests given the non-normal distribution of the
biomarkers.

Weighted multiple variable linear regression was used to
evaluate the association of independent variables (post-cancer
diagnosis biomarkers) with fatigue post-cancer diagnosis as
the dependent variable. All biomarkers, except TnI and PGF,
were modeled as the ratio of the post-cancer value relative to
the pre-cancer biomarker. Given the non-normal distribution
of the biomarkers, this ratio was log transformed to base 2.
Each unit difference in the biomarker ratio represents a
doubling in the biomarker value compared to pre-cancer.
Given TnI and PGF were under the detection limit in ap-
proximately 50% of participants, the linearity assumption was
violated. Thus, we modeled TnI and PGF as categorical
variables defined as either above or below detection (refer-
ence) (Supplemental Table 1). Models for TnI and PGF were
also adjusted for the log2 of the pre-cancer biomarker
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concentrations. Fatigue was analyzed as a continuous variable.
A separate model was created for each biomarker. Covariates
were selected a priori based on scientific and clinical rationale.
Multivariable models were adjusted for age (5 year-
categories), education (high school/GED or less, > high
school – bachelor’s degree, > bachelor’s degree), smoking
(pack-years), BMI (kg/m2), physical activity (total metabolic
equivalent-hours/week), alcohol consumption (servings per
week), cancer stage (local/regional, distant), and pre-cancer
emotional well-being, physical function, pain, sleep distur-
bance, and fatigue. Stratified sampling fractions based on the
original case-control study matching criteria were calculated
and were used in the regression model to account for par-
ticipant selection into the original case-control study. Confi-
dence intervals were calculated using robust standard errors to
account for the correlation among weighted observations as
described previously (Monsees et al., 2009).

Two pre-specified exploratory sensitivity analyses were
conducted. First, concurrent chemotherapy was only obtained
in participants enrolled in LILAC. To determine if inclusion of
concurrent chemotherapy in the models influenced the results,
we repeated the main analysis in participants in LILAC with
chemotherapy treatment data available (n = 105). We ran the
original models with the addition of chemotherapy (yes/no) as a
covariate. Additionally, to determine if the timing of serum
collection in relation to breast cancer diagnosis influenced the
results, we created a variable to represent the timing of bio-
marker collection as either <1 year, 1–2 years, or >2 years after
breast cancer diagnosis. We included an interaction term in the
main models between this timing variable and each biomarker.
The overall interaction was tested using the likelihood ratio test.

All analyses were conducted using R Version 4.1.0 (R
Foundation for Statistical Computing, Vienna, Austria). Two-
sided p-values are reported with an alpha of 0.05 used to
determine statistical significance.

Results

Baseline Sample Characteristics

Of the 180 participants, 50 (27.8%) were classified as fatigued
and 130 (72.2%) were classified as non-fatigued based on a
SF-36 vitality subscale cut point of 50. The mean (SD) age at
WHI enrollment was 67.0 (5.5) years and the majority of
participants self-identified as non-Hispanic White (93.9%),
had at least a high school diploma (48.3%) with many having
earned at least a bachelor’s degree (40.6%), and were diag-
nosed with regional cancer (77.8%) (Table 1). Among those in
LILAC with chemotherapy data available, 29 (27.6%) re-
ceived chemotherapy. The median (IQR) time from breast
cancer diagnosis to the post-cancer serum collection was 1.4
(0.7, 2.3) years. Among those in LILACwith available data on
the timing of radiation, the median (IQR) time from breast
cancer diagnosis to radiation was 63 (40, 97) days and the

median (IQR) time from radiation treatment to post-cancer
serum collection was 1.0 (0.4, 2.0) years.

When comparing participants with and without fatigue,
individuals with fatigue were more likely to have a higher
BMI and waist circumference, engage in less physical activity,
have higher rates of pain, emotional well-being, pre-cancer
fatigue, and sleep disturbance, and report lower physical
function (Table 1).

Distribution of Pre- and Post-Cancer Biomarkers

Serum concentrations were above the limit of detection for all
biomarkers except for PGF and TNI. For PGF, 102 and 106
participants had undetectable concentrations for pre- and
post-cancer time points, respectively. For TNI, 94 and 88
participants had undetectable concentrations for pre- and post-
cancer time points, respectively. When comparing pre-cancer
serum biomarkers between participants with and without
fatigue, those with fatigue had higher concentrations of CRP
(median 9.1 vs. 5.1 mg/L), IL-6 (median 5.7 vs. 4.1 pg/mL),
and cystatin-C (median 1103 vs. 992 ng/mL) (Figure 2,
Supplemental Table 2). For post-cancer serum biomarkers,
participants with fatigue had significantly higher concentra-
tions of CRP compared to those without fatigue (4.4 vs.
2.6 mg/L). When comparing differences in concentrations
between pre- and post-cancer biomarkers, participants without
fatigue had higher concentrations of cystatin-C and GDF-15
and lower concentrations of TGF-B and CRP post-cancer.
Participants with fatigue had higher concentrations of GDF-15
and lower concentrations of CRP and MPO post-cancer.

Weighted Linear Regression for Association of
Post-Cancer Biomarkers With Fatigue Scores

After multivariable adjustment, higher ratios of cystatin-C, IL-
6, and GDF-15 levels were all associated with a lower SF-36
vitality score indicating higher fatigue (Figure 3). For a 2-fold
difference in each biomarker ratio, the SF-36 vitality score was
lower by 7.31 (95% CI:�14.2,�0.45), 4.45 (95% CI:�7.62,
�1.29), and 6.67 (95% CI: �12.3, �0.99) points for cystatin-
C, IL-6, and GDF-15, respectively (Supplemental Table 3).

Exploratory Sensitivity Analyses

Of the 105 participants with chemotherapy data available, 29
received chemotherapy. The most common therapies ad-
ministered were cyclophosphamide, doxorubicin, and fluo-
rouracil (Supplemental Table 4). In the restricted analysis
among LILAC participants, higher IL-6 ratios were associated
with greater fatigue after adjustment for chemotherapy
(Supplemental Table 5). Additionally, significant associations
emerged such that higher MPO and TNI ratios were associated
with lower fatigue (Supplemental Table 5).
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To explore if the timing of serum collection in relation to
breast cancer diagnosis influenced the results, we conducted
a stratified analysis based on the timing of post-cancer serum
collection in relation to breast cancer diagnosis (either
<1 year, 1–2 years, or >2 years). When comparing all three
groups, there was a significant interaction between the timing
of post-cancer serum collection and biomarker concentra-
tions for CRP (Supplemental Table 6). Higher CRP ratios

were significantly associated with greater fatigue if measured
1–2 years after cancer diagnosis [β: �4.74 (95% CI: �7.82,
�1.66)].

Discussion

In this secondary analysis of post-menopausal women in the
WHI, we found that higher levels of cystatin-C, IL-6, and

Table 1. Baseline (i.e., Pre-Cancer) Participant Characteristics Stratified by Fatigue Scores.

Overall (N = 180) Non-fatigueda (N = 130) Fatigueda (N = 50) p-Value

Demographics
Age at breast cancer diagnosis, mean (SD) 69.1 (5.5) 68.6 (5.4) 70.3 (5.5) 0.067
Age at WHI enrollment (5 years), n (%) 0.100
55–59 23 (12.8) 16 (12.3) 7 (14.0)
60–64 28 (15.6) 24 (18.5) 4 (8.0)
65–69 62 (34.4) 46 (35.4) 16 (32.0)
70–74 59 (32.8) 41 (31.5) 18 (36.0)
75–79 8 (4.4) 3 (2.3) 5 (10.0)

Race/Ethnicity, n (%) 0.711
Non-hispanic white 169 (93.9) 121 (93.1) 48 (96.0)
Non-hispanic black 4 (2.2) 3 (2.3) 1 (2.0)
Otherb 7 (3.9) 6 (4.6) 1 (2.0)

Education, n (%) 0.231
High School/GED or less 20 (11.1) 12 (9.2) 8 (16.0)
> High School – Bachelor’s 87 (48.3) 61 (46.9) 26 (52.0)
> Bachelor’s 73 (40.6) 57 (43.8) 16 (32.0)

Clinical characteristics, mean (SD)
Smoking (pack-years)c 11.6 (18.7) 11.6 (18.6) 11.6 (19.2) 0.988
Body mass index (kg/m2) 27.3 (6.8) 26.6 (6.3) 29.0 (7.6) 0.038*
Waist circumference (cm) 83.2 (12.2) 82.1 (11.5) 86.0 (13.7) 0.062
Physical activity (MET-hours/week) 16.3 (15.3) 17.7 (16.5) 12.8 (11.0) 0.058
Alcohol consumption (servings/week) 3.5 (6.9) 3.8 (7.8) 2.8 (3.7) 0.386

Pre-cancer symptoms, mean (SD)
Pain 75.2 (23.0) 79.8 (20.9) 63.5 (24.3) <0.001***
Emotional well-being 80.1 (14.7) 81.9 (14.2) 75.3 (14.8) 0.006**
Fatigue 66.3 (17.2) 71.9 (12.9) 51.6 (18.4) <0.001***
Physical function 82.6 (17.4) 86.1 (14.5) 73.4 (21.0) <0.001***
Sleep disturbance 7.1 (4.3) 6.6 (4.3) 8.1 (4.20) 0.038*

Cancer characteristics, n (%)
Cancer stage, n (%) 0.965
Local 140 (77.8) 101 (77.7) 39 (78.0)
Regional 40 (22.2) 29 (22.3) 11 (22.0)

Enrolled in LILAC 135 (75.0) 97 (74.6) 38 (76.0) 0.848
Treatment source 0.413
Abstraction/Medicare 150 (83.3) 106 (70.1) 44 (88.0)
Self-report 30 (16.7) 24 (18.5) 6 (12.0)

Chemotherapyd 29 (27.6) 21 (24.7) 11 (34.3) 0.305

Note. Significant at alpha level: *0.05, **0.01, ***0.001.
LILAC: Life and Longevity After Cancer Study; MET: metabolic equivalents; SD: standard deviation; WHI: Women’s Health Initiative.
aNon-fatigued: SF-36 vitality score ≥50, fatigued SF-36 vitality score <50.
bOther race/ethnicity categories include American Indian/Alaskan Native, Asian, Native Hawaiian/Other Pacific Islander, or unknown.
cAmong all participants; never smokers were coded as zero pack-years.
dTotal number of participants in LILAC with chemotherapy data available is 105.
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GDF-15 were associated with higher fatigue in breast cancer
survivors treated with radiation, after adjustment for relevant
lifestyle, demographic, and psychosocial characteristics. The
difference in SF-36 effect estimates for both cystatin-C and
GDF-15 was greater than 5, the minimal clinically important
difference. No associations were found for CRP, 8-OH-dG,
PGF, MPO, or TnI in the main models.

The pathophysiology of fatigue in cancer survivors treated
with radiation is complex; however, immune dysregulation

and chronic inflammation have been widely accepted as pu-
tative causes of fatigue in cancer survivors. There is strong
evidence that levels of proinflammatory cytokines, including
IL-6, increase during and after radiation treatment, and these
cytokines have been associated with fatigue symptoms in
cancer survivors, particularly those treated with chemotherapy
(Hsiao et al., 2016; Saligan et al., 2015; Wang & Woodruff,
2015). However, limited research has examined the role of
inflammatory biomarkers in breast cancer survivors treated

Figure 2. Boxplots for the distribution of pre- and post-breast cancer biomarker concentrations by fatigue. Lower and upper box boundaries
depict 25th and 75th percentiles; line inside box represents the median; whiskers extend to maximum and minimum values; “x” represents
the mean. Comparisons were made usingWilcoxon-rank sum tests. *p < 0.05, **p < 0.01, ***p < 0.001. Abbreviations: 8-OH-dG, 8-hydroxy-
20-deoxyguanosin; c-reactive protein, CRP; GDF-15, growth differentiation factor-15; IL-6, interleukin-6; MPO, myeloperoxidase; NS, not
significant at alpha 0.05; PGF, placental growth factor; TGF-B, transforming growth factor-beta; TnI, troponin-I.
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specifically with radiation. Two prior studies examined IL-6
and fatigue in breast cancer patients who were undergoing
radiation therapy; however, these studies did not detect any
association between changes in IL-6 and fatigue (Bower et al.,
2009; Shi et al., 2020). The findings from this current study
provide support for the role of IL-6 in radiation-induced fa-
tigue. Possible explanations for the lack of association in the
previous two studies could be related to small sample size
which ranged from 28 to 147 participants. Additionally,
previous studies did not adjust for a comprehensive set of
potential confounding variables.

This study also examined novel biomarkers, which have
yet to be examined in fatigue in breast cancer survivors in the
context of chemotherapy or radiation. We found that higher
concentrations of cystatin-C and GDF-15 were associated
with greater fatigue. Cystatin-C is a marker of renal function
correlated with glomerular filtration. Evidence from prior
studies have shown that concentrations of cystatin-C are
higher in oncology patients prior to chemotherapy compared
to a reference population and concentrations of cystatin-C
increase during chemotherapy without accompanying changes
in renal function (Jones et al., 2017; Li et al., 2020). This
suggests that chemotherapy may influence cystatin-C levels
through other pathways. One possible pathway is through
cardiac dysfunction. Cystatin-C has recently been used in
epidemiological studies to predict cardiovascular disease (Ix
et al., 2007; Sarnak et al., 2005). Fatigue is a commonly
reported symptom in patients with cardiovascular disease
(Casillas et al., 2006). Likewise, GDF-15 has been implicated
in cardiac dysfunction in cancer survivors (Putt et al., 2015).
The findings from cystatin-C and GDF-15 may be indicative

of an underlying pathophysiologic process, which is con-
tributing to fatigue symptoms such as cardiovascular
dysfunction.

GDF-15 may also play an important role in treatment-
related cachexia, a condition characterized by loss of lean
body mass which is highly associated with fatigue symptoms
(Alesi & del Fabbro, 2014; Kilgour et al., 2010). Thus, the
results of GDF-15 in this study could be reflective of fatigue
associated with body composition changes, although detailed
body composition data are not available to examine in this
study. Future studies should look at the associations between
cystatin-C, GDF-15, and fatigue with longitudinal changes in
body composition, specifically muscle mass, and cardiac
function to further explore the possible mechanisms by which
these biomarkers are associated with fatigue.

A strength of this study is its efficiency in leveraging
available biomarker data and is the largest study, to our
knowledge, to examine biomarkers associated with fatigue in
breast cancer survivors treated with radiation. We also ex-
amined a variety of biomarkers, including novel biomarkers,
which may suggest possible mechanisms associated with
fatigue in breast cancer survivors treated with radiation. While
prior research, and the results from this study, support the role
of inflammation in fatigue in breast cancer survivors treated
with radiation, there may be other possible contributing factors
of fatigue such as underlying cardiac damage or body com-
position changes. Future research is needed to validate these
novel biomarkers and further elucidate possible mechanistic
pathways in other breast cancer populations.

Our study also has limitations. As this analysis used data
from an observational study with post-cancer biomarkers and

Figure 3. Linear regression results for association of post-cancer biomarker on continuous fatigue scores. Height of the bar represents the β
coefficient with whiskers corresponding to the lower and upper 95% confidence intervals. Biomarker ratios (post/pre) were log
transformed to base two; β corresponds to 2-fold difference in biomarker ratio. PGF and TNI are categorized as above versus below
(reference) detection. All models are adjusted for pre-cancer biomarker. Age-adjusted model (blue) is further adjusted for age (5-year
categories). Multivariable model (red) is further adjusted for age (5-year categories), education (HS/GED or <, > HS – Bachelor’s, >
Bachelor’s), BMI (kg/m2), smoking (pack-years), physical activity (total MET-minutes/week), alcohol consumption (servings per week), cancer
stage (local/regional, distant), and pre-cancer emotional well-being, physical function, pain, sleep disturbance, and fatigue. Abbreviations: 8-OH-
dG, 8-hydroxy-20-deoxyguanosin; c-reactive protein, CRP; GDF-15, growth differentiation factor-15; IL-6, interleukin-6; MPO,
myeloperoxidase; NS, not significant at alpha 0.05; PGF, placental growth factor; TGF-B, transforming growth factor-beta; TnI, troponin-I.
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fatigue measured at the same time point, reverse causation is
possible. To counteract this, we adjusted for pre-cancer
biomarkers and fatigue. Residual confounding is also a
possibility, although we were able to adjust for a range of
psychosocial and clinical characteristics, including the re-
ceipt of chemotherapy, which are highly associated with
fatigue (Bower, 2014). However, given the limited sample
size and availability of data, we were not able to further
assess the effects of specific types of chemotherapies, par-
ticularly cardiotoxic chemotherapies, or radiation dose,
which have been recognized as potential contributors of
fatigue (Abrahams et al., 2016; Kowalczyk et al., 2021). The
original case-control study excluded women who developed
cardiovascular outcomes prior to breast cancer. Thus, these
results may not be generalizable to the general breast cancer
population. However, when this sample is compared to the
overall breast cancer cohort in the WHI and in LILAC, the
participant characteristics were similar. Additionally, most
women in this study received radiation in the late 1990s,
when radiation doses were higher than currently, which may
reduce the generalizability of these results to breast cancer
survivors who received contemporary radiation. Another
limitation is that fatigue in the WHI was measured using the
SF-36, which was not created specifically for cancer-related
fatigue and lacks a multi-dimensional component. However,
it is commonly used as a measure of fatigue in cancer sur-
vivors and has been used to detect biomarker differences
(Alfano et al., 2012; Bower et al., 2002, 2005; Brown et al.,
2011; Collado-Hidalgo et al., 2008; Ware, 2000). We also
tested multiple biomarkers, which could increase the pos-
sibility of a type I error. Further studies are needed to validate
findings from this study. Lastly, there was a wide variation in
the timing from breast cancer to post-breast cancer serum
collection. We were able to perform a stratified analysis,
which showed there is likely variation in the estimates de-
pending on when the biomarkers were collected in relation to
breast cancer, especially for CRP. Future prospective studies
could measure biomarkers at consistent times before, during,
and after radiation.

Conclusions

Findings from this study suggest that inflammation and car-
diac damage biomarkers, such as IL-6, cystatin-C, and GDF-
15, are associated with fatigue in breast cancer survivors
treated with radiation. While inflammatory pathways have
been studied frequently in the context of chemotherapy, results
from this study suggest mechanisms of fatigue in breast cancer
survivors treated with radiation is likely multifactorial and
may also be, in part, suggestive of underlying pathological
processes related to cardiac dysfunction or body composition
changes in addition to inflammation. However, further studies
are needed to replicate these findings in larger samples ac-
counting for more refined treatment characteristics and con-
temporary radiation. The focus on radiation treatment in the

development of cancer fatigue is an understudied area lending
to underreporting and undertreatment of this debilitating
symptom. The study of biomarkers in the context of cancer
fatigue of is an evolving field. Identifying biomarkers asso-
ciated with fatigue could help provide a better understanding
of the mechanisms of fatigue and could be used in clinical
practice or included in risk prediction models to identify
cancer survivors treated with radiation who may be at higher
risk for fatigue. Early identification of individuals at risk for
fatigue could lead to reductions in fatigue by targeting in-
terventions to those at highest risk identified by specific bi-
ological pathways.

Acknowledgements

We would like to thank Ernie Tolentino and April Suarez at the
University of Washington Office for Nursing Research for technical
assistance with the laboratory assays. The authors gratefully ac-
knowledge the Women’s Health Initiative (WHI) investigators and
staff for their dedication and the study participants for making the
program possible. A list of WHI investigators can be found at https://
s3-us-west-2.amazonaws.com/www-whi-org/wp-content/uploads/
WHI-Investigator-Long-List.pdf

Declaration of Conflicting Interests

The author(s) declared no potential conflicts of interest with respect to
the research, authorship, and/or publication of this article.

Funding

The author(s) disclosed receipt of the following financial support for
the research, authorship, and/or publication of this article: This work
was support by the National Heart, Lung, and Blood Institute at the
National Institutes of Health (R21HL152149), the American Nurses
Foundation Nursing Research Grant, and the Oncology Nursing
Foundation Dissertation Grant. AVs training was supported by the
Omics and Symptom Science Training Program (T32NR016913) and
a Ruth L. Kirchstein National Research Service Award Predoctoral
Fellowship (F31NR018588) funded by the National Institute of
Nursing Research at the National Institutes of Health. The WHI
program is funded by the National Heart, Lung, and Blood Institute at
the National Institutes of Health, U.S. Department of Health and
Human Services through contracts HHSN268201600018C,
HHSN268201600001C.

Author Contributions

AV, KWR, EDP, OZ, HT, and SRH contributed to the conception and
design of the study. RTC and EDP contributed to the access of data.
AVanalyzed the data. The first draft of the manuscript was written by
AV. All authors read, provided substantial revisions, and approved the
final manuscript.

Availability of Data

The datasets generated and analyzed during the current study are not
publicly available in accordance with policies developed by the

480 Biological Research For Nursing 24(4)

https://s3-us-west-2.amazonaws.com/www-whi-org/wp-content/uploads/WHI-Investigator-Long-List.pdf
https://s3-us-west-2.amazonaws.com/www-whi-org/wp-content/uploads/WHI-Investigator-Long-List.pdf
https://s3-us-west-2.amazonaws.com/www-whi-org/wp-content/uploads/WHI-Investigator-Long-List.pdf


National Heart, Lung, and Blood Institute and the Women’s Health
Initiative. Data requests must be approved by the Fred Hutchinson
Cancer Research Center, which currently serves as the institutional
review board of record for the Women’s Health Initiative. Data re-
quests may be made by emailing helpdesk@WHI.org. The following
supporting documents are available: the WHI protocol and informed
consent form (https://www.whi.org/page/protocols-and-study-
consents).

Ethical approval

All procedures performed in studies involving human participants
were in accordance with the ethical standards of the institutional
and/or national research committee and with the 1964 Helsinki
Declaration and its later amendments or comparable ethical stan-
dards. This study was approved by the University of Washington
Institutional Review Board.

Consent to Participate

Written informed consent was obtained on all participants in the
Women’s Health Initiative prior to enrollment in the study. In ad-
dition, women provided consent to have their stored biological
samples be used for future research. Both occurred prior to collecting
serum samples or questionnaire data.

ORCID iDs

Alexi Vasbinder  https://orcid.org/0000-0002-1380-5364
Hilaire Thompson  https://orcid.org/0000-0002-5472-478X

Supplemental Material

Supplemental material for this article is available online.

References

Abrahams, H. J. G., Gielissen, M. F. M., Schmits, I. C., Verhagen,
C. A. H. H. V. M., Rovers, M. M., & Knoop, H. (2016). Risk
factors, prevalence, and course of severe fatigue after breast
cancer treatment: A meta-analysis in volving 12 327 breast
cancer survivors. Annals of Oncology, 27(6), 965–974. https://
doi.org/10.1093/annonc/mdw099

Ainsworth, B. E., Haskell, W., Whitt, M. C., Irwin, M. L., Swartz,
A. M., Strath, S. J., O’Brien, W. L., Bassett, D. R. Jr., Schmitz,
K. H., Emplaincourt, P. O., Jacobs, D. R. Jr., & Leon, A. S.
(2000). Compendium of physical activities: An update of ac-
tivity codes and MET intensities. Medicine and Science in
Sports and Exercise, 32(9), S498–S504. https://doi.org/10.
1097/00005768-200009001-00009

Alesi, E. R., & del Fabbro, E. (2014). Opportunities for targeting the
fatigue-anorexia-cachexia symptom cluster. The Cancer
Journal, 20(5), 325–329. https://doi.org/10.1097/PPO.00000
00000000065

Alfano, C. M., Imayama, I., Neuhouser, M. L., Kiecolt-Glaser, J. K.,
Smith, A. W., Meeske, K., McTiernan, A., Bernstein, L.,
Baumgartner, K. B., Ulrich, C. M., & Ballard-Barbash, R.
(2012). Fatigue, inflammation, and ω-3 and ω-6 fatty acid intake

among breast cancer survivors. Journal of Clinical Oncology,
30(12), 1280–1287. https://doi.org/10.1200/JCO.2011.36.4109

Anderson, G. L., Manson, J., Wallace, R., Lund, B., Hall, D., Davis,
S., Shumaker, S., Wang, C.-Y., Stein, E., & Prentice, R. L.
(2003). Implementation of the women’s health initiative study
design. Annals of Epidemiology, 13(9), S5–S17. https://doi.org/
10.1016/s1047-2797(03)00043-7

Aversa, Z., Costelli, P., & Muscaritoli, M. (2017). Cancer-induced
muscle wasting: Latest findings in prevention and treatment.
Therapeutic Advances in Medical Oncology, 9(5), 369–382.
https://doi.org/10.1177/1758834017698643

Bjorner, J. B., Wallenstein, G. V., Martin, M. C., Lin, P., Blaisdell-
Gross, B., Tak Piech, C., & Mody, S. H. (2007). Interpreting
score differences in the SF-36 vitality scale: Using clinical
conditions and functional outcomes to define the minimally
important difference. Current Medical Research and Opinion,
23(4), 731–739. https://doi.org/10.1185/030079907X178757

Bower, J. E., Ganz, P. A., Aziz, N., & Fahey, J. L. (2002). Fatigue and
proinflammatory cytokine activity in breast cancer survivors.
Psychosomatic Medicine, 64(4), 604–611. https://doi.org/10.
1097/00006842-200207000-00010

Bower, J. E., Ganz, P. A., Dickerson, S. S., Petersen, L., Aziz, N., &
Fahey, J. L. (2005). Diurnal cortisol rhythm and fatigue in breast
cancer survivors. Psychoneuroendocrinology, 30(1), 92–100.
https://doi.org/10.1016/j.psyneuen.2004.06.003

Bower, J. E., Ganz, P. A., Tao, M. L., Hu, W., Belin, T. R., Sepah, S.,
Cole, S., & Aziz, N. (2009). Inflammatory biomarkers and
fatigue during radiation therapy for breast and prostate cancer.
Clinical Cancer Research, 15(17), 5534–5540. https://doi.org/
10.1158/1078-0432.CCR-08-2584

Bower, J. E. (2014). Cancer-related fatigue: Mechanisms, risk fac-
tors, and treatments.Nature Reviews. Clinical Oncology, 11(10),
597–609. https://doi.org/10.1038/nrclinonc.2014.127

Brown, L. F., Kroenke, K., Theobald, D. E., & Wu, J. (2011).
Comparison of SF-36 vitality scale and fatigue symptom in-
ventory in assessing cancer-related fatigue. Supportive Care in
Cancer, 19(8), 1255–1259. https://doi.org/10.1007/s00520-
011-1148-2

Casillas, J. M., Damak, S., Chauvet-Gelinier, J. C., Deley, G., &
Ornetti, P. (2006). Fatigue in patients with cardiovascular dis-
ease. Annals of Physical and Rehabilitation Medicine, 49(6),
309–402. https://doi.org/10.1016/j.annrmp.2006.04.002

Clark, R. A., Berry, N. M., Chowdhury, M. H., McCarthy, A. L.,
Ullah, S., Versace, V. L., Atherton, J. J., Koczwara, B., & Roder,
D. (2016). Heart failure following cancer treatment: Charac-
teristics, survival and mortality of a linked health data analysis.
Internal Medicine Journal, 46(11), 1297–1306. https://doi.org/
10.1111/imj.13201

Collado-Hidalgo, A., Bower, J. E., Ganz, P. A., Irwin, M. R., & Cole,
S. W. (2008). Cytokine gene polymorphisms and fatigue in
breast cancer survivors: Early findings. Brain, Behavior, and
Immunity, 22(8), 1197–1200. https://doi.org/10.1016/j.bbi.
2008.05.009

Gilliam, L. A. A., & St Clair, D. K. (2011). Chemotherapy-induced
weakness and fatigue in skeletal muscle: The role of oxidative

Vasbinder et al. 481

mailto:helpdesk@WHI.org
https://www.whi.org/page/protocols-and-study-consents
https://www.whi.org/page/protocols-and-study-consents
https://orcid.org/0000-0002-1380-5364
https://orcid.org/0000-0002-1380-5364
https://orcid.org/0000-0002-5472-478X
https://orcid.org/0000-0002-5472-478X
https://doi.org/10.1093/annonc/mdw099
https://doi.org/10.1093/annonc/mdw099
https://doi.org/10.1097/00005768-200009001-00009
https://doi.org/10.1097/00005768-200009001-00009
https://doi.org/10.1097/PPO.0000000000000065
https://doi.org/10.1097/PPO.0000000000000065
https://doi.org/10.1200/JCO.2011.36.4109
https://doi.org/10.1016/s1047-2797(03)00043-7
https://doi.org/10.1016/s1047-2797(03)00043-7
https://doi.org/10.1177/1758834017698643
https://doi.org/10.1185/030079907X178757
https://doi.org/10.1097/00006842-200207000-00010
https://doi.org/10.1097/00006842-200207000-00010
https://doi.org/10.1016/j.psyneuen.2004.06.003
https://doi.org/10.1158/1078-0432.CCR-08-2584
https://doi.org/10.1158/1078-0432.CCR-08-2584
https://doi.org/10.1038/nrclinonc.2014.127
https://doi.org/10.1007/s00520-011-1148-2
https://doi.org/10.1007/s00520-011-1148-2
https://doi.org/10.1016/j.annrmp.2006.04.002
https://doi.org/10.1111/imj.13201
https://doi.org/10.1111/imj.13201
https://doi.org/10.1016/j.bbi.2008.05.009
https://doi.org/10.1016/j.bbi.2008.05.009


stress. Antioxidants & Redox Signaling, 15(9), 2543–2563.
https://doi.org/10.1089/ars.2011.3965

Haykowsky, M. J., Beaudry, R., Brothers, R. M., Nelson, M. D.,
Sarma, S., & La Gerche, A. (2016). Pathophysiology of exercise
intolerance in breast cancer survivors with preserved left ven-
tricular ejection fraction [10.1042/CS20160479]. Clinical Sci-
ence, 130(24), 2239–2244. http://www.clinsci.org/content/130/
24/2239.abstract

Hockenberry, M. J., Taylor, O. A., Pasvogel, A., Rodgers, C., McCarthy,
K., Gundy, P., Montgomery, D.W., Ribbeck, P., Scheurer, M. E., &
Moore, I. M. (2014). The influence of oxidative stress on symptom
occurrence, severity, and distress during childhood leukemia
treatment. Oncology Nursing Forum, 41(4), E238–E247. https://
doi.org/10.1188/14.ONF.E238-E247

Hofman, M., Ryan, J. L., Figueroa-Moseley, C. D., Jean-Pierre, P., &
Morrow, G. R. (2007). Cancer-related fatigue: The scale of the
problem. The Oncologist, 12(1), 4–10. https://doi.org/10.1634/
theoncologist.12-S1-4

Hsiao, C.-P., Daly, B., & Saligan, L. N. (2016). The Etiology and
management of radiotherapy-induced fatigue. Expert Review of
Quality of Life in Cancer Care, 1(4), 323–328. https://doi.org/
10.1080/23809000.2016.1191948

Ix, J. H., Shlipak, M. G., Chertow, G. M., & Whooley, M. A. (2007).
Association of cystatin C with mortality, cardiovascular events,
and incident heart failure among persons with coronary heart
disease: Data from the heart and soul study. Circulation, 115(2),
173–179. https://doi/.org/10.1161/CIRCULATIONAHA.106.
644286

Jones, M., Denieffe, S., Griffin, C., Tinago, W., & Fitzgibbon, M. C.
(2017). Evaluation of cystatin C in malignancy and compara-
bility of estimates of GFR in oncology patients. Practical
Laboratory Medicine, 8, 95–104. https://doi.org/10.1016/j.
plabm.2017.05.005

Kilgour, R. D., Vigano, A., Trutschnigg, B., Hornby, L., Lucar, E.,
Bacon, S. L., & Morais, J. A. (2010). Cancer-related fatigue:
The impact of skeletal muscle mass and strength in patients with
advanced cancer. Journal of Cachexia, Sarcopenia and Muscle,
1(2), 177–185. https://doi.org/10.1007/s13539-010-0016-0

Kowalczyk, L., Deutschmann, C., Crevenna, R., Konrad, S., Singer,
C. F., & Farr, A. (2021). Radiotherapy-induced fatigue in breast
cancer patients. Breast Care, 16(3), 236–242. https://doi.org/10.
1159/000509410

LaVoy, E. C. P., Fagundes, C. P., & Dantzer, R. (2016). Exercise,
inflammation, and fatigue in cancer survivors. Exercise Im-
munology Review, 22, 82–93. http://www.ncbi.nlm.nih.gov/
pmc/articles/PMC4755327/

Lenneman, C. G., & Sawyer, D. B. (2016). Cardio-oncology: An
update on cardiotoxicity of cancer-related treatment.Circulation
Research, 118(6), 1008–1020. https://doi.org/10.1161/
CIRCRESAHA.115.303633

Li, W.-H., Yu, X.-J., Lin, Q.-J., & Cheng, X. (2020). Clinical sig-
nificance of serum cystatin C in early evaluation of renal im-
pairment caused by chemotherapy in elderly patients.
Translational Cancer Research, 9(4), 2191–2199. https://doi.
org/10.21037/tcr.2020.03.30

McTiernan, A., Kooperberg, C., White, E., Wilcox, S., Coates, R.,
Adams-Campbell, L. L., Woods, N., & Ockene, J., Women’s
Health Initiative Cohort Study. (2003). Recreational physical
activity and the risk of breast cancer in postmenopausal women:
The women’s health initiative cohort study. Journal of the
Society of Laparoendoscopic Surgeons, 290(10), 1331–1336.
https://doi.org/10.1001/jama.290.10.1331

Miller, K. D., Siegel, R. L., Lin, C. C., Mariotto, A. B., Kramer, J. L.,
Rowland, J. H., Stein, K. D., Alteri, R., & Jemal, A. (2016).
Cancer treatment and survivorship statistics, 2016. CAA Cancer
Journal for Clinicians, 66(4), 271–289. https://doi.org/10.3322/
caac.21349

Monsees, G. M., Tamimi, R. M., & Kraft, P. (2009). Genome-wide
association scans for secondary traits using case-control sam-
ples. Genetic Epidemiology, 33(8), 717–728. https://doi.org/10.
1002/gepi.20424

Neilsen, K. M., Offersen, B. V., Nielsen, H. M., Vaage-Nilsen, M., &
Yusuf, S. W. (2017). Short and long term radiation induced
cardiovascular disease in patients with cancer. Clinical Cardi-
ology, 40, 255–261. https://doi.org/10.1002/clc.22634

Paskett, E. D., Caan, B. J., Johnson, L., Bernardo, B. M., Young,
G. S., Pennell, M. L., Ray, R. M., Kroenke, C. H., Porter, P. L., &
Anderson, G. L. (2018). The Women’s health initiative (WHI)
life and longevity after cancer (LILAC) study: Description and
baseline characteristics of participants [10.1158/1055-
9965.EPI-17-0581]. Cancer Epidemiology, Biomarkers, Pre-
vention, 27(2), 125–137. http://cebp.aacrjournals.org/content/
early/2018/01/26/1055-9965.EPI-17-0581.abstract

Putt, M., Hahn, V. S., Januzzi, J. L., Sawaya, H., Sebag, I. A., Plana,
J. C., Picard, M. H., Carver, J. R., Halpern, E. F., Kuter, I.,
Passeri, J., Cohen, V., Banchs, J., Martin, R. P., Gerszten, R. E.,
Scherrer-Crosbie, M., & Ky, B. (2015). Longitudinal changes in
multiple biomarkers are associated with cardiotoxicity in breast
cancer patients treated with doxorubicin, taxanes, and trastu-
zumab. Clinical Chemistry, 61(9), 1164–1172. https://doi.org/
10.1373/clinchem.2015.241232
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