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Who Does Not Like Migrants?
Individual Demographics and Attitudes Towards Migration

Sandra V. Rozo∗ Maria J. Urbina

Abstract

We exploit the quasi-random settlement of refugees in Sweden between 1985 and 1994 to examine

the characteristics of individuals showing a disproportionate negative response to migration flows and

whether these responses differ when the arrival of refugees occurred concurrently with economic shocks.

We document that, on average, migration shocks translate to lower support for immigration. These re-

sponses are disproportionately driven by the changes in attitudes of young males, with less wealth, and

who work in blue-collar occupations. Also, we find more support for immigration where employment

increased and tax collection was lower concurrent with the arrival of refugees.

JEL Classification: D72, F2, O15, R23
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I Introduction

Ample literature has documented that individuals’ support for immigrants decreases in response to positive migration

flows. Recently, Dustmann et al. (2019) and Tabellini (2020), for example, present evidence that individuals living in

areas with positive migration flows shift their political attitudes in favor of anti-immigration parties. Such reactions

have been actively exploited in the political arena in recent years to create polarization and demonize migrants all

across the globe. Characterizing the individuals that change their views about immigration when facing a positive

migration shock has remained challenging because there are scarce longitudinal data on attitudes towards migration

that can be combined with exogenous sources of variation on migration flows to identify causal effects. The charac-

terization of these individuals could help inform how to effectively focus programs that aim to reduce prejudice and

increase empathy in societies.

We combine municipal data on a unique historic program that allocated refugees quasi-randomly with individual

longitudinal data on attitudes towards immigration. These paired datasets allow us to examine whether changes in

attitudes towards immigration are heterogeneous based on individuals’ characteristics and whether such changes vary

according to the concurrent economic trends experienced by individuals.

The context of the study is the Refugee Placement Program implemented in Sweden between 1985 and 1994.

This program settled refugees quasi-randomly in municipalities across Sweden. We use the variation induced by the

program to study the impact of positive migration shocks on individuals’ support for immigration, and we characterize

these effects according to age, gender, education, type of occupation, and wealth.

Our analysis proceeds in two steps. First, we combine municipal data on refugee placement with panel data on

people’s attitudes towards immigration collected by the Swedish National Election Program. This step permits us to

estimate the causal effects of higher migration flows on individuals’ attitudes towards immigration. We document

large and negative effects of migration inflows on people’s support for immigration. We also illustrate that a simple

regression of attitudes towards immigration and migration shocks is biased towards zero, as migrants tend to move to

municipalities that are more friendly towards migrants, or possibly, because individuals who dislike migrants move

out of the municipalities that receive migrants. Our estimates suggest that when the share of migrants in a population

increases by 1 percentage point, support for immigration drops by 0.25 points on a Likert scale that ranges from 1 to

5, with 5 representing complete support for immigration. Considering the mean support for immigration in our data

was 2.44, a reduction of 0.25 represents a 8.20% reduction in the mean support for immigration. These estimates

are remarkably strong and robust to the inclusion of a large group of controls including a rich set of individual and

municipal characteristics.

In a second step, we explore the heterogeneity of the changes in attitudes towards immigration according to in-
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dividuals’ characteristics and by the main economic trends experienced within each municipality at the time of the

refugees’ arrival. We mostly focus on changes in employment and tax collection.

People who are young and those who are male, work in blue-collar occupations, or have low levels of wealth show

the largest reduction in support for immigration when migration flows increase. Age seems to be a relevant driver

of attitudes towards immigration across the life cycle, as the reduction in the support for immigration in response to

positive migration flows occurs systematically with age.

Individuals who have political opinions that could be categorized as more altruistic towards foreign countries, the

public sector, or other citizens also tend to show lower reduction in their support for immigration when migration flows

increase. This finding is in line with the negative effects of the Refugee Placement Program on altruistic behaviors as

documented by Dahlberg et al. (2012).

The economic trends experienced by individuals are also important in determining their response to immigration.

Changes in employment and tax collection are relevant in explaining changes towards support for immigration. Indi-

viduals located in municipalities that received migration shocks while also experiencing positive employment shocks

show lower reductions in their support for immigration. In contrast, individuals that experienced a migration shock

while experiencing an increment in their tax base show larger reductions in their support for immigration. Employment

changes are more relevant in explaining changes in support for immigration than changes in the tax base.

We contribute to the literature by exploiting a quasi-experimental historic episode to document the causal effects

of migration shocks on attitudes towards immigration. Previous studies by Edin et al. (2003), Åslund and Rooth

(2007), Dahlberg and Edmark (2008), and Dahlberg et al. (2012) also exploit this historical episode to explore the

labor market outcomes from living in enclaves and the impact of racial diversity on altruism. We also contribute

to the literature that studies the determinants of individuals’ attitudes and preferences regarding redistribution (see

Facchini and Mayda, 2009; Luttmer and Singhal, 2011; Alesina and Giuliano, 2011; Altindag and Kaushal, 2017

for examples). These studies have shown that context, culture, history, and individual characteristics are relevant

determinants of preferences towards redistribution. We advance this research agenda by identifying the causal impacts

of migration flows on support for immigration by combining data on a unique historic episode with individual panel

data. The rich data enable a comprehensive analysis of the heterogeneous effects of migration flows by individual

characteristics and concurrent economic trends.
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II The Refugee Placement Program

The Refugee Placement Program was implemented between 1985 and 1994. According to reports from the Swedish

Immigration Board, the program was rigorously implemented up until 1991, and thereafter, compliance was weaker

due to the arrival of a large wave of migrants from Yugoslavia (The Immigration Board, 1997). The main objective

of the program was to distribute refugees evenly across Sweden as a reaction to immigrants being concentrated only

in larger cities. The vast majority of the country’s municipalities participated in the program, and only five of the

288 municipalities in Sweden refused to receive refugees throughout the duration of the program’s implementation

(Dahlberg and Edmark, 2008).

Under the program, refugees were placed in a refugee center upon arrival to Sweden. They remained at the

center until their asylum was granted. Once their asylum petition was approved, a process that took approximately

3 to 12 months, a public official selected where the refugees would settle. The official would not have any contact

with the migrants, but likely considered housing vacancies and labor market conditions when selecting the specific

municipality. After the location was chosen, the refugees moved to that municipality, where they were enrolled in

language and other introductory classes. The refugees were not expected or required to join the labor market in the

first 18 months after being placed in a municipality to allow them time to adjust. In reality, however, one fifth of

refugees under the program had some earnings the first year after placement (Åslund and Rooth, 2007).

Once refugees reached their new residence, the Swedish central government compensated municipalities for each

refugee being hosted with annual payments lasting up to 4 years after the migrant’s arrival. After 1991, this system

was replaced by a unique lump-sum transfer (Dahlberg et al., 2012). Each municipality had a contract coordinated by

the Sweden Immigration Board (a central government agency) to receive compensation for the refugees hosted. The

refugees were free to leave after their arrival, and the municipalities only received compensation for the migrants that

lived in their territories each year. Edin et al. (2003) document that 4 years after placement, approximately 60% of the

refugees still lived in the places where they were placed originally. Most of the remaining refugees moved to the three

biggest cities, Stockholm, Malmö, and Västra Götaland.

Through the program execution, the number of refugees that arrived in Sweden increased dramatically, from an

annual average of 15,000 in the 3 years prior to 1985 to 27,490 between 1985 and 1994 (see Figure I). Refugee arrival

reached a peak in 1994 when more than 62,000 individuals were placed under the program.
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III Empirical Framework

III.1 Data

We combine longitudinal individual data on attitudes towards immigration with municipal data to carry out our esti-

mates.

1. The Swedish National Election Studies Program: The Swedish National Election Studies Program (SNESP)

was established in 1954 as a collaborative platform for scholars interested in studies of opinion formation and

voting behavior. The SNESP collects surveys each election year in the form of rotating panels in which half

of the sample is interviewed in two periods and the other half corresponds to new interviewees. We use the

six surveys collected by the SNESP between 1985 and 1994, when the Refugee Placement Program was in

place; these surveys include information on approximately 3,700 individuals. As such we are able to construct

three panel samples for the years 1985-1988, 1988-1991, and 1991-1994. The surveys include information

on political opinions and individual socio-demographics. We include only the individuals that live in the same

municipality within each panel period in our sample. As such, our estimates are a lower bound of the true effects

of immigration if individuals who dislike migrants disproportionately move out when migrants arrive.

2. Migration and Refugee Placement data: Municipal data on the refugee counts placed under the refugee place-

ment program come from the Swedish Migration Agency. Figure II illustrates the municipal distribution of

refugees during the Refugee Placement Program (1985 to 1994). The figure confirms that refugee placement

had a large geographical variation. Moreover, Figure I presents the annual evolution of refugee inflows and

illustrates the annual evolution of the annual share of foreigners in Sweden. Both figures confirm that a time

variation exists in migration inflows between 1985 and 1994.

3. Municipal Data: We use a large set of municipal controls to test the robustness of our main estimates. These

controls include per capita social welfare expenditures, unemployment rates, housing vacancy rates, population

figures, and majority support for the main political ideologies including socialists, the Green Party, and the new

democrats. These variables come from the replication files made publicly available by Dahlberg et al. (2012).

Descriptive statistics for all the variables employed in our analysis are presented in Table A.1.
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III.2 Identification Strategy

We exploit the quasi-random allocation of refugees across Sweden municipalities between 1985 and 1994 to estimate

the causal effect of larger migration flows on individuals’ support regarding migrants. For this purpose, we estimate

the following two-stage least squares specification:

∆Simt = α+ α1∆Migrant Sharemt +XimtΓ +Wmt + δtεimt (1)

∆Migrant Sharemt = β + β1Refugee Inflowsmt +XimtΛ +WmtΘ + δt+imt (2)

where i stands for the individual, m represents the municipality, and t stands for each panel under consideration (i.e.,

1985-1988, 1988-1991, or 1991-1994). Because we are using three different panels, most of our variables correspond

to the difference observed between the two periods within each panel.

As such, ∆ Simt stands for the change in support for immigration within each panel. Support for immigration is

signalled by the answer to the question “What is your support for the following proposal: Increase economic support

to immigrants so they can maintain their own culture.” There are five alternative answers that span from 1 (very good

proposal) to 5 (very bad proposal). We recoded the answers on a scale from 1 to 5, where 1 implies little support for

immigration to facilitate interpretation. Figure A.1 presents the distribution of ∆ Simt for the whole period of study,

as well as for each of the three individual panels that we use in our analysis. In general, we observe that the change in

support for immigration has relevant variation, although the majority of individuals show consistent preferences. As

such, the variable shows a bell-shaped distribution centered around zero.

∆ Migrant Share is constructed as the change in the share of non-OECD and Turkish citizens in the population of

each municipality following settlement. The change in foreign nationals is scaled by the average population between

the two panel periods. We focus on these migrants because they account for the vast majority of the variation in the

total foreign proportion of the population in Sweden during our period of analysis, as is illustrated in Figure I.

Refugee Inflows corresponds to the cumulative number of refugees resettled in each municipality between the two

years within each panel. It is escalated by the average population within the two periods of each panel. Figure A.2

presents the change in the share of foreigners and the cumulative share of refugees. As illustrated in the figure, a

strong positive and significant correlation exists between both variables across the whole study period. The correlation

between both variables is positive and significant in all the panels we study, but it is stronger for the period 1991-1994

and weaker for the period 1988 and 1991.
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Ximt is a vector of individual covariates observed at baseline within each panel including gender, age, number

of children, student status, level of education, and wealth. Wmt includes municipal covariates such as the panel

period averages for unemployment rate and vacant housing, which according to Åslund and Rooth (2007), Edin et al.

(2003), and Dahlberg et al. (2012) were used by the program officers in some instances to select municipalities where

refugees would settle. Additionally, to account for other possible endogeneity concerns we include controls for per

capita welfare expenditures, the change in unemployment rate, the change in tax base, the change in population,

indicator variables for small- and large-sized municipalities, and indicator variables for having a socialist majority in

the municipal council, and having Green Party and New Democracy seats in the municipal council.

We will test for the sensitivity of our results to each group of covariates included in our main estimates. All shares

are expressed in percentage points. Standard errors are clustered by municipality to account for serial correlation.

IV Results

Our first step is to estimate equations (1) and (2). We present the results in Table I. The table includes seven columns

and four panels. Each coefficient illustrates the results of a separate regression. Panel A presents a simple linear

regression of the change in support for immigration in the change of migrant stock. Panel B is a reduced form

regression of the change in support for immigration in the cumulative refugee inflows. Panels C and D present the

first- and second-stage estimates of equations (1) and (2).

Columns (1) through (7) test for the sensitivity of our estimates for the inclusion of a large set of covariates includ-

ing individual controls observed at baseline such as age, gender, number of children, student status, level of education,

and wealth; per capita welfare expenditures, which could change with the arrival of refugees; panel period average

unemployment and vacant housing rates, which according to some accounts were sometimes used for placing refugees

in certain municipalities; panel period change in unemployment rate, tax base, and population, as these variables might

be affected by the migration shock and through them induce changes in support for immigration; indicator variables

for small- (less than 50,000 individuals) and large-sized (more than 200,000 individuals) municipalities; and indicator

variables for having a socialist majority in the municipal council and having a seat for the Green Party and the New

Democracy party to account for the effects of political orientation.

Our results remarkably and consistently show a negative effect of higher migration inflows in support for immi-

gration. The results for the simple regression presented in Panel A are negative but not statistically different from

zero; however, those results are likely biased towards zero. Migrants are likely to “vote with their feet” and move to

municipalities that are more friendly towards migrants, and where, presumably other migrants are already settled. As
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such, the individuals living in those municipalities may be more supportive of migrants. Moreover, the individuals

who dislike migrants will probably also move out of the municipalities that receive more migrants.

As expected when we correct for the endogeneity concerns by using the cumulative refugee inflows assigned

to each municipality through the Refugee Placement Program, we observe that the support for immigration drops

dramatically and becomes significant for all columns in Panels B and C. We also observe that the variation on the

cumulative refugee inflows induced by refugee placement program is a strong instrument across all specifications.

Our preferred results are those presented in column (7) and Panels C and D since they include all the controls

and correct the estimates for endogeneity. The point estimates suggest that when the share of migrants in the total

population increases by 1 percentage point, support for immigration drops by 0.25. Considering the mean support for

immigration was 2.44 (see Table A.1), a reduction of 0.25 corresponds to a 8.20% reduction in the mean support for

immigration. The estimates are remarkably strong and consistent to the inclusion of any controls.

IV.1 Heterogeneous Effects

We now proceed to examine the characteristics of individuals who show a disproportionate reduction in their support

for immigration when a positive migration shock to their municipalities occurs. We examine the heterogeneous effects

of the Refugee Placement Program by dividing our sample according to age, gender, education, occupation (white- or

blue-collar), and wealth. Each variable corresponds to the values reported in the first period in which we observe each

individual in each panel. The sample was divided into two groups according to the median values for wealth.

The results are presented in Figure III. Each coefficient corresponds to a separate regression of each specific group

of individuals in our sample. The figure reports the coefficient α1 as described in equation (1) and (2) and includes

all the controls presented in column (7) of Table I. We summarize the estimates in the figure for visualization, but

the specific point estimates are presented in Appendix A. The figure reports the 95% confidence interval for each

coefficient.

Figure III suggests that individuals who are young and those who are male, work on blue-collar occupations, or

have lower wealth tend to show larger reductions in their support for immigration when faced with positive migration

shocks.

We divided the sample into smaller groups according to age to examine the evolution of the changes in support for

immigration across the life cycle, as shown in Figure III. Although we lose precision, our estimates illustrate that the

support for immigration becomes greater as individuals age. In other words, younger individuals show larger drops in

their support for immigration when faced with a migration shock relative to older individuals.
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Finally, we examine the heterogeneous effects of migration inflows in support for immigration by dividing the

sample according to political opinions in Figure B.1. For this purpose, we used three questions asking individuals

whether they agree or disagree with (i) reducing the public sector, (ii) abolishing wage earners’ funds, and (iii) reducing

foreign aid. The point estimates show that individuals who tend to show less altruism as measured by any of these

variables also show larger reductions in their support for immigration when migration inflows increase.

IV.2 Are the effects stronger in municipalities that are doing better?

Across the literature it has been difficult to differentiate how much of the resentment towards migrants is driven by the

economic trends present at the time of their arrival. We use the variation induced by the Refugee Placement Program to

test whether municipalities that experienced higher employment and tax collection also show disproportionate changes

in residents’ support for immigration. Table II presents the results of equations 1 and 2, which include interactions of

the change in migrant stock and the change in employment and tax base concurrent with the arrival of refugees. Each

interaction was instrumented by the corresponding interaction of change in employment and tax base with cumulative

refugee arrival.

Our results confirm that economic conditions are key drivers of the response that individuals have towards migra-

tion. In column (1) we observe that in municipalities where employment increased, individuals show lower reductions

in their support for immigration. In contrast, in the areas where the tax base increased, individuals showed a larger

drop in their support for immigration. Between the two variables, employment seems to be the more important driver

of support for immigration.

V Conclusions

In this paper we combine the variation induced by a unique and historic program that placed refugees quasi-randomly

across Sweden municipalities with individual longitudinal data to examine the impacts of migration inflows on the

support for immigration. We document that increments in migration inflows, on average, reduce support for immigra-

tion. These effects are concentrated in people who are young or males, those with low wealth, and those who work

in blue-collar occupations. The reductions observed in support for immigration are also lower in municipalities that

experience higher changes in employment rates when refugees arrive.

Our results underline the importance of individual and context characteristics in understanding the attitudes towards

migration. Our findings can guide future work that aims to reduce prejudice and increase empathy towards migrants,

by focusing on the individuals who show disproportionate changes in their attitudes.
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Figure (B.1) Heterogeneous Effects by Political Opinions
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