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ABSTRACT Food crops are grown with fertilizers containing nitrogen, phosphorus, and
potassium (macronutrients) along with magnesium, calcium, boron, and zinc (micronu-
trients) at different ratios during their cultivation. Soil and plant-associated microbes have
been implicated to promote plant growth, stress tolerance, and productivity. However, the
high degree of variability across agricultural environments makes it difficult to assess
the possible influences of nutrient fertilizers on these microbial communities. Uncovering
the underlying mechanisms could lead us to achieve consistently improved food quality
and productivity with minimal environmental impacts. For this purpose, we tested a com-
mercially available fertilizer (surface-mined volcanic ash deposit Azomite) applied as a sup-
plement to the normal fertilizer program of greenhouse-grown tomato plants. Because
this treatment showed a significant increase in fruit production at measured intervals, we
examined its impact on the composition of below-ground microbial communities, focusing
on members identified as “core taxa” that were enriched in the rhizosphere and root
endosphere compared to bulk soil and appeared above their predicted neutral distribution
levels in control and treated samples. This analysis revealed that Azomite had little effect
on microbial composition overall, but it had a significant, temporally selective influence on
the core taxa. Changes in the composition of the core taxa were correlated with computa-
tionally inferred changes in functional pathway enrichment associated with carbohydrate
metabolism, suggesting a shift in available microbial nutrients within the roots. This find-
ing exemplifies how the nutrient environment can specifically alter the functional capacity
of root-associated bacterial taxa, with the potential to improve crop productivity.

IMPORTANCE Various types of soil fertilizers are used routinely to increase crop yields glob-
ally. The effects of these treatments are assessed mainly by the benefits they provide in
increased crop productivity. There exists a gap in our understanding of how soil fertilizers act
on the plant-associated microbial communities. The underlying mechanisms of nutrient
uptake are widely complex and, thus, difficult to evaluate fully but have critical influences on
both soil and plant health. Here, we presented a systematic approach to analyzing the effects
of fertilizer on core microbial communities in soil and plants, leading to predictable outcomes
that can be empirically tested and used to develop simple and affordable field tests. The
methods described here can be used for any fertilizer and crop system. Continued effort in
advancing our understanding of how fertilizers affect plant and microbe relations is needed
to advance scientific understanding and help growers make better-informed decisions.

KEYWORDS micronutrients, root endophytes, volcanic ash, fertilizer, tomato
microbiome
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The below-ground components of the plant support a diverse set of microbes that
can interact intimately with their host. These bacteria are broadly split into two

compartments, those surrounding the root surface (the rhizosphere) and those living
inside the root (the endosphere). External inputs can cause changes in plant micro-
biome communities, which in turn may boost plant growth by controlling hormonal
signaling, competing with pathogens, and increasing the bioavailability of nutrients
(1–5). In particular, bacteria and fungi act to depolymerize and mineralize organic
forms of N, P, and S, allowing for more efficient uptake by the plant (6–8). Plants also
benefit from symbiotic relationships with mycorrhiza and nodulating bacteria, which
help the plant to acquire nutrients more efficiently (9, 10). One of the primary factors
that shape below-ground, plant-associated microbial community composition is the
production of plant root exudates (11, 12). It is believed that these exudates are often
targeted to attract beneficial bacteria which provide a fitness benefit for the plant (13).
Such specifically recruited bacteria can provide benefits to the plant through disease
suppression (14), increased nutrient acquisition (15), and/or improved resilience to abi-
otic stress (16). Furthermore, these bacteria can in turn modify the exudates that the
plant is releasing, further altering the community and conditions of their local environ-
ment (17).

Understanding the factors that influence interactions between plants and below-
ground microbial communities is critical to predicting the composition and function of
the microbial community, especially in the context of agricultural practices of soil and
plant amendments. These functions can be altered directly, through modifying the
environment in which the bacteria are developing, as well as indirectly by modifying
the interactions between the plant and its associated microbes. For example, studies
have shown that microbial communities inhabiting agricultural soils can be impacted
by nitrogen and phosphorus fertilizers (18, 19). Long-term use of N fertilizer reduced
soil bacterial diversity, decreased soil pH, and reduced microbial P solubilization and
mineralization capacity, whereas long-term use of P application increased microbial P
immobilization (20, 21). N and P inputs have also been linked to specific changes in
microbiome composition, with an increased abundance of copiotrophic microorgan-
isms such as Proteobacteria compared to oligotrophic Acidobacteria (22–24).

The nutrient environment can also change a plant’s ability to control the composi-
tion and function of its associated communities. It has been shown in Arabidopsis thali-
ana that the phosphate stress response is linked to transcriptional regulators in the
defense response, leading to a trade-off between phosphate starvation response and
defense signaling, ultimately causing the development of an altered root-associated
community (25). Specific inputs and practices introduced by the grower may thus lead
to unintended consequences. In a controlled environment study, it was found that the
addition of fertilizer abolished the ability of preinoculated tomato leaf-associated
microbiota to protect against the pathogen Pseudomonas syringe (26).

Studies thus far have focused primarily on the role of major nutrients (N, P, K) in altering
microbial community composition and dynamics, but relatively little work has been done to
understand the effect of micronutrient amendments on the plant microbiome. Fortification
of soil micronutrients is increasing in popularity because it can increase yield, fruit nutritional
quality, and resilience to biotic and abiotic stress (27–30). In addition to B, Fe, Mn, Cu, Zn,
and Mo, three other elements, selenium (Se), silicon (Si), and sodium (Na), have been shown
to improve plant productivity and provide other benefits (31, 32). It is therefore important
to understand how these rarer micronutrients affect the composition and function of plant-
associated microbial communities.

In this work, we sought to better understand the role of micronutrient amendments in
shaping below-ground microbial community composition. To do this, we used a popular
commercially available amendment, Azomite, which is a surface-mined volcanic ash de-
posit, a Dacite by chemical composition. Azomite volcanic ash fertilizer has a silicon-based
composition, which includes potassium, phosphorus, calcium, sodium, iron, magnesium,
and manganese, along with trace amounts of zinc, copper, molybdenum, selenium,
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constituting over 50 rare earth elements identified by ICP (inductively coupled plasma)
analysis. We have observed that this amendment increases fruit production, a result we
quantified in this study. Given that this amendment impacts the productivity of the plant,
we were interested in determining if, and to what extent, it might alter the associated mi-
crobial community. By looking at microbial community composition across bulk soil, rhizo-
sphere, and root endosphere, we established that the amendment has a relatively small
impact on community composition, but it has an impact on which bacteria seem to be the
most closely associated with the plant. We present a novel approach to identify core
microbes within a given microbial community being shaped by the combined effects of
external and internal selective pressures. Using this new method, we identified groups of
core taxa that shift in composition in response to Azomite treatment and suggest potential
functional relevance for these changes.

RESULTS

The purpose of this study was to determine whether a broadly used micronutrient soil
supplement influences plant-associated microbial communities. We chose an amendment
called Azomite (AZOMITE Mineral Products, Inc.), which has been used in plant and animal
agriculture for decades. Azomite is commonly used by animal feed manufacturers to
increase feed mill pellet production efficiency (33). It is also widely used in commercial crop
production and is available at local garden stores as a general soil fertilizer. Treatment with
Azomite was reported to reduce drought stress in greenhouse-grown tomatoes (34).
Because of these considerations, we selected Azomite for this study to examine its impact
on belowground microbiomes (soil, rhizosphere, and root endosphere) of greenhouse-
grown tomatoes.

To confirm our previous observations that Azomite increases fruit production (unpub-
lished data), we grew an indeterminate (var. moneymaker) cultivar of greenhouse toma-
toes in independent pots under controlled conditions for 22 weeks. As a supplement to
the conventional nutrient program, we applied two different grades of Azomite in treated
pots: granular, a coarser grade was mixed with soil, and ultrafine, a finer grade was applied
later to the soil surface. Using a repeated-measures ANOVA with the number of tomatoes
and weeks after sowing as main effects, and plant ID as a random effect, we found that
treatment with Azomite significantly increased the total number of tomatoes produced
per plant (P , 0.01) (Fig. 1). These data are consistent with reported increases in tomato
yield on Azomite treated plants and are representative of other ongoing studies (E.
Mehlferber et al., unpublished data). The observed increase in tomato production provided

FIG 1 The effect of Azomite treatment on fruit production was determined by growing tomato
plants (n = 32) in independent pots under controlled conditions for 22 weeks in a greenhouse
setting. A standard fertilization regime was applied to both treated and control plants, with the
treated plants being further supplemented with Azomite. The total number of tomatoes counted per
plant weekly is plotted, showing a significant increase in the number of tomatoes on plants that
were treated with Azomite, analyzed via ANOVA (P , 0.01). Tomatoes were harvested in weeks 15
and 18 for additional analyses, resulting in the reduction in the number of tomatoes counted in the
following weeks.
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sufficient reason to examine potential changes in soil and plant microbiomes in response
to Azomite application.

Microbial diversity. We examined microbial diversity in the three compartments
(bulk soil, rhizosphere, and root endosphere) at two time points (week 8 and 18) in
control and Azomite treated plants. We found that community beta-diversity was most
impacted by the date, explaining 14.6% of the variation (P = 0.001), followed by com-
partment, explaining 12.2% of the variation (P = 0.001), and with finally treatment
explaining only 8.4% of the variation (P = 0.001; Fig. 2). Furthermore, there were signifi-
cant interactions between compartment and date (P = 0.001), and treatment and date
(P = 0.001), as well as between compartment and treatment (P = 0.018) and a signifi-
cant three-way interaction between compartment, date, and treatment (P = 0.033).
This implies that bacterial communities changed in composition relatively independ-
ently over time in the soil, rhizosphere, and root endosphere, and while there was a
significant effect of treatment, the amount of variation it explained was small. It should
be noted that the amounts of Azomite applied to the bulk soil were relatively small
(see Materials and Methods). Using an ANOVA test both compartment (P , 0.001) and
sampling time (P , 0.001) were identified as significant, but there was no significant
impact of Azomite treatment on alpha diversity. A Tukey post hoc test performed on
data from each time point indicated that alpha diversity at 18 weeks was significantly
lower in the roots than in both the soil (P , 0.001) and the rhizosphere (P , 0.001)
(Fig. 3), suggesting that the root endosphere became more selective over time.

Differential abundance. Overall, as would be expected, time had a greater influ-
ence on differential abundance than treatment. Across all compartments, there were
more differentially abundant taxa between weeks 8 and 18 samples than there were
between Azomite and control (Fig. S1 and Table S1). Across time, the roots had the
greatest number of differentially abundant taxa, followed by soil and rhizosphere (Fig.
S1 and Table S1). Comparing between Azomite and control plants, the rhizosphere
had the greatest number of differentially abundant taxa, followed by the roots, and
finally the soil (Fig. S1 and Table S1).

Abundance occupancy relationships. We used the Sloan neutral community
model (see Materials and Methods) to assess whether the relative abundance of taxa
correlated with their relative percent occurrence across compartments. Based upon the
neutral hypothesis, this model assumes that no other pressures are at work. Broadly, the

FIG 2 Principal coordinates analysis (PCoA) plot of Bray-Curtis dissimilarity among samples shows that
community composition is driven primarily by compartment (bulk soil, rhizosphere, and root endosphere)
explaining 14.6% of the variation, followed by time point (week 8 and week 18) explaining 12.2% of the
variation, with a proportionally smaller effect of treatment (Azomite supplemented or control) explaining
only 8.4% of the variation. Samples were relatively more distinct at later (week 18) sampling times than
earlier (week 8) sampling times. An ADONIS test (nonparametric multivariate analysis of variance)
indicated that each of these factors was significant (P = 0.001 for each), and that there were significant
interactions between compartment and time point (P = 0.001), treatment, and time point (P = 0.001), as
well as between compartment and treatment (P = 0.018) and that there was a significant three-way
interaction between compartment, time point, and treatment (P = 0.033).
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abundance occupancy neutral model provided a good fit across the different samples, with
a mean R2 value of 0.6899 for the soil, 0.7345 for the rhizosphere, and 0.7036 for the roots
(Fig. S2). It is important to note that the model generally assumes free dispersal between
samples, which may not be possible in this experiment due to each plant being separated
into a pot in a greenhouse setting. The pots were proximally placed in a randomized order
on benches in an enclosed greenhouse room. While we see some model changes fit over
time, for example, the R2 value for Azomite treated root samples decreases from 0.7435 at
8 weeks to 0.5840 at 18 weeks, all values range between 0.5840 and 0.7689 and are gener-
ally consistent across time (Fig. S2). Information on individual taxa and their fit to the neutral
model is available in Table S2.

Azomite fertilizer associated taxa. To examine possible taxa harbored by the
Azomite fertilizer, we collected Azomite samples (as described) and analyzed the gran-
ular and ultrafine products that were used in the study. We identified 337 taxa in
Azomite Granular (Table S3) and 248 taxa in Azomite Ultrafine (Table S4), there were a
total of 435 unique taxa across both Azomite samples. We then compared these taxa
to the bulk soil of control plants to determine which taxa were common to soil envi-
ronments and which were likely introduced by the addition of the Azomite. Fig. S3
shows the mean relative abundance of these taxa across the compartments and treat-
ments. Using paired t-tests between Azomite treated and control plants for each com-
partment, we determined that there was no significant difference in the relative abun-
dance of Azomite originating taxa in any compartment. This indicated that the
contributions that Azomite makes to shaping the microbiome were not due to the
direct introduction of bacteria. Each plant was initiated with the same potting soil mix-
ture (with or without Azomite), was exposed to the same fertilizer, pesticide program,
and watering regime so that it could be assumed that the same bacteria were available
to colonize each compartment in treated and control plants overall and this coloniza-
tion would proceed randomly based on their initial abundance under a neutral model.

Temporal evolution of core taxa. Using the combination of differential abundance
and abundance occupancy curves suggested in Shade and Stopnisek (35), we were
able to identify a conservative set of “core” microbes in the rhizosphere and root endo-
sphere and across treatment and time (Table S5). This scheme is illustrated in Fig. S4.
First, we used DESeq2 (36) to identify microbes that were significantly enriched in the

FIG 3 Shannon’s alpha diversity is shown for samples across a compartment (bulk soil, rhizosphere, and
root endosphere), sampling time (week 8 and week 18), and treatment (Azomite supplemented or control).
There is no significant effect of Azomite supplementation on the alpha diversity of the three compartments
at either time point compared to the control plants. Both compartment (P , 0.001) and sampling time
(P , 0. 001) were identified as significant factors in an ANOVA, but no significant difference was seen
between the control and Azomite treated plants. A Tukey Post Hoc test was performed on the samples at
each time point, indicating that the roots had significantly lower diversity at 8 weeks than the soil (P = 0.03)
and that the roots were significantly less diverse than soil (P , 0.001) and rhizosphere (P , 0.001) samples at
18 weeks.
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root endosphere and rhizosphere compared to the surrounding bulk soil (Fig. S4A,
Table S6). These bacteria may be preferentially recruited by the plant from the bulk soil
metacommunity, or these bacteria may preferentially occupy the compartment under
the given conditions. These potentially enriched bacteria were then cross-referenced
with the list of bacteria identified as being overrepresented in the occupancy abun-
dance curve (Fig. S4B, Table S2), thereby identifying the bacteria as likely being impor-
tant to the plant due to their relatively higher occupancy occurrence, than the bacteria
expected based upon their relative abundance (Fig. S4C). It is important to note that
these core taxa were not necessarily unique to the treatment in which they are identi-
fied as core, they may be found in other treatments, but do not meet the criteria to be
identified as a core for that treatment.

We saw a stark difference between the rhizosphere and the root endosphere, with only
24 unique bacteria identified as “core” in the rhizosphere (across all treatments and time
points) compared with 66 unique bacteria identified in the root endosphere as core taxa
(Fig. 4). In the rhizosphere, these bacteria were primarily unique to their time point and
treatment (Fig. 4A). Remarkably, 23 of the 24 rhizosphere core bacteria were identified in
week 18 samples, with 10 unique to control and 10 unique to Azomite treated (Fig. 4A).
Notably, only 1 unique taxon was identified in the control 8 weeks, and no taxa were iden-
tified as being core to the Azomite week 8 time point (Fig. 3A). These results suggested
that the core rhizosphere community was being shaped between the tested time points of
weeks 8 and 18 and that the core community did not coalesce until later in development
(Fig. 4). Across both treatments, there was an increase in the number of Proteobacteria
identified as the core from 8 weeks to 18 weeks (Fig. 4C).

There were appreciably more core taxa (66) identified in the root endosphere. Some of
the core microbes were common between the sets, but the majority were unique to the
time and treatment (Fig. 4B). Only 1/36 (2.8%) core taxon was common to all week 8 sam-
ples, and 7 (12.7%) core taxa were common to all week 18 samples, regardless of treatment
(Fig. 4B). These data contrast the total taxa composition of the microbial communities, in
which 45% of taxa were common to all treatments and time points in soil (168/370) and
rhizosphere (170/370), and 39% (158/404) were common in all root samples (Fig. S5). We
see that there is an increase in the number of Proteobacteria and Bacteroidota identified
as core in the Azomite treated plants from 8 to 18 weeks, while the number of taxa from
these groups remains relatively constant in the control. Likewise, we saw a decrease in the
number of Actinobacteriota in the Azomite treated plants from 8 to 18 weeks, while we
saw an increase in the control plants over that same period. We also saw a larger number
of core Firmicutes in the control plants compared to the Azomite treated ones (Fig. 4C).
Collectively, these data showed that the taxa identified as core by the method described
above displayed relatively greater change over time than the total community composi-
tion, and particularly demonstrated that the Azomite week 18 root endosphere had the
greatest shift in core taxa makeup.

Predicted functions in the rhizosphere and root endosphere across treatments.
We identified potential functional differences between the core microbiota across both
time and condition by looking at the differentially abundant predicted genes from
PICRUSt 2 (phylogenetic investigation of communities by reconstruction of unobserved
states). Across all time points and treatments, the bulk of differentially abundant genes
was related to carbohydrate metabolism (Fig. 5). This was followed by amino acid and
lipid metabolism in the Azomite treated plants, particularly at 18 weeks, and by energy
metabolism in the control plants (Fig. 5).

DISCUSSION

Overall, these data indicate that the addition of the Azomite micronutrient supple-
ment, shown to increase tomato yield (Fig. 1), played a subtle but important role in
influencing the composition of the plant-associated microbial community. At the
whole community level, we observed a small but significant impact on community
composition measured through beta diversity with no significant change in alpha
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diversity (regardless of the compartment). This indicates that the community composi-
tion is shifting over time while retaining a similar level of richness, which is important
given the noted contribution of species diversity in maintaining a healthy and disease-
resistant community (37–40). The minimal impact of Azomite application on soil micro-
biota is not surprising since the amount of Azomite applied was relatively small (5%
wt/wt of granular mixed in potting soil, and 1g per plant of ultrafine applied three
times, every other week, to the base of the plant). These small amounts may not have
been sufficient to cause any major shifts in the soil, but these treatments were enough
to increase tomato production (Fig. 1) and influence the root endosphere composition
over time with a greater change observed at the later time point (week 18). This also

FIG 4 The “core” taxa under each condition were identified by determining which bacteria were both enriched
in their associated compartment compared to the bulk soil and were at a significantly higher occupancy than
would be predicted by their abundance using the Sloan neutral model. The Venn Diagram shows the overlap
of the core portion of the microbiome across treatments and time for the rhizosphere (A) and root endosphere
(B). Notably, no core taxa were shared across all three conditions in the rhizosphere (A). The number of core
taxa identified is given in parentheses. The bar chart shows the number of taxa from each Phylum across
treatments and time points (C). The ratio above each bar indicates the number of core taxa that were unique
to only that treatment compared to the total core taxa for that phylum identified in the treatment.
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suggested that Azomite was not itself introducing new microbial taxa to the soil, as
further exemplified by the fact that there were no significant differences in the relative
abundance of taxa that may have been unique to the Azomite fertilizer across any
treatment or compartment (Fig. S4).

Using DESeq2 we identified dozens of bacteria that are differentially abundant
between the control and Azomite conditions across all treatments and time points.
When comparing the Azomite and control plants we found a greater number of differ-
entially abundant taxa in the rhizosphere and roots than in the bulk soil, indicating
that the effect of micronutrients may be partially due to the altered interactions
between the host plant and its associated microbiota. This could be due to shifts in
plant available nutrients resulting in altered exudate profiles, a shift in immune signal-
ing, and/or the result of the plant recruiting a different community to maximize its
available environmental resources to support its developmental stage-specific growth
and physiological processes.

We found minor differences in the R2 values associated with the abundance occu-
pancy curves for each compartment and time point, with all values falling within the
range (0.6 to 0.8), associated with a neutral assembly. Therefore, we can conclude that
most bacterial communities found in each treatment and time point are likely to be

FIG 5 Potential functional differences were identified between the core microbiota across both time and condition by
comparing gene content predictions from PICRUSt2. Pie Charts show the functional groups that were differentially
abundant in each treatment and compartment as determined by DESeq2. The left panels show functions that
increased in the Azomite treated plants, while the right panels indicate an increase in the control plants. Samples were
separated by the compartment with week 18 in the rhizosphere (A), and weeks 8 and 18 in the root endosphere (B).
Note that no bacteria were identified as being “core” in the rhizosphere at 8 weeks; therefore, no functions were
shown.
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shaped primarily by stochastic rather than deterministic forces. Despite this, some taxa
in each treatment broke the assumptions of neutrality, providing further evidence that
a portion of the community is being specifically recruited by the plant, either because
of or aided by the current growing conditions.

Using a method first proposed by Shade and Stopnisek (35), we identified a core micro-
bial community that was found to shift between time points and treatment, with most of
the bacteria identified as core being unique (specifically being identified uniquely as core,
they may still be present in other conditions) to their condition or time point. Given that
this method was applied independently to replicate samples across different treatments, it
provides further evidence that while most bacteria are not impacted by micronutrient addi-
tion, the bacteria that may be most important to the plant shift depending on the changes
in its nutrient and metabolic needs over the developmental stages from early growth to ma-
turity. This suggests that the plant-associated microbial community will shift as the plant
adapts to changing conditions. The consequences of this shift warrant further study because
these changes in community composition could have important implications for the plant’s
survival and functioning.

Interestingly, fewer bacteria (24/370, 6%) were identified as being core in the rhizo-
sphere compared to (66/404, 18%) in the root endosphere, with the Azomite week 8 condi-
tion having no taxa identified as the core. This could, in part, be attributed to the conserva-
tive nature of this test, which requires bacterial abundance and distribution to reach
significance across two independent statistical tests. However, it also suggests that the
plant is exerting greater control over the composition of its endosphere microbial commu-
nity, a common observation as reviewed in Kandel et al. (41). This may also explain the
compositional shifts we see in the core taxa, with an increase in Proteobacteria in the 18-
week Azomite treated root samples. In the presence of the micronutrient, the plant may
directly recruit these bacteria, or these bacteria may favorably occupy the altered compart-
ment, or the micronutrient may cause changes in plant exudate compositions, which in
turn may exert and influence these closely associated microbiotas, or, more likely, is some
combination of the above. It is important to note that these changes in core taxa member-
ship are likely a result of an interaction between Azomite application and plant develop-
mental stage because the composition of the core community changes between time
points even among the control plants.

We present a working model (Fig. 6) to propose that induced changes in the plant’s
production of endosomal substrates and possibly exudates in the presence of Azomite,
cause the observed shift in root core taxa. We predicted that there would be functional
differences between the Azomite and control communities, primarily in terms of carbo-
hydrate metabolism (Fig. 5). This, along with the compositional differences between
the core communities suggests that the substrates available to core taxa in the roots
and late-stage rhizosphere may have changed in response to Azomite treatments (Fig.
6). Azomite contains nutrient elements, including potassium (K) and magnesium (Mg),
which are essential for photosynthesis (42). Chlorophyll biosynthesis requires Mg,
which is in the center of its porphyrin ring. Enrichment with accessible forms of K and
Mg can promote photosynthesis, which could result in an increase in the availability of
complex sugars to the root-associated bacteria. Indeed, preliminary (unpublished) evi-
dence from a follow-up study suggested that Azomite utilization may be linked to
plant photosynthetic capacity. Further studies are being performed to determine the
mechanisms behind these predicted core functional changes and to determine if they
represent a real shift in plant exudates.

The identified core bacteria warrant further investigation to conclusively determine
the role that they play in the broader community. This method can be applied for pre-
liminary identification of candidates, important bacterial taxa to be studied more
closely for their roles in plant performance in different environments and response to
soil inputs. Further studies on the functional relevance of the microbes recruited into
the plant in response to Azomite alone and in combination with other treatments and
other environments will provide us a better understanding of how plants, such as
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tomatoes, utilize available nutrients and other inputs to optimize their growth and de-
velopment. It is anticipated that studies such as these will lead to the development of
new approaches combining nutrient inputs with microbial amendments to improve
agricultural outputs in both quantity and nutrient density of harvested specialty crops,
like tomatoes. These combinatorial approaches are well poised to transform specialty
crop production with potential economic benefits to growers and consumers.

MATERIALS ANDMETHODS
Plant generation and Azomite application. Seeds of tomato (Solanum lycopersicum) variety mon-

eymaker were surface sterilized by gently shaking in a solution of sodium hypochlorite and Tween 20
for 20 min, followed by two rinses with filter-sterilized H2O. Seeds were placed into soil pots and germi-
nated in the greenhouse. When the seedlings were 3 to 4 in. tall, they were transplanted into larger
pots, where they were grown for a total duration of 22 weeks with blocked placement on benches in a
single greenhouse room. Plants were grown in the greenhouse under controlled conditions with supple-
mented lights to maintain long days and fans to control high-temperature fluctuations. Liquid nutrient
supplementation program consisting of Peters Professional 20/20/20 water-soluble fertilizer was applied
(1:64 ppm) once per week, as well as a disease suppression program consisting of Floramite and
Decathlon at a rate of 1/4 tsp per gallon of water, mixed/agitated, was applied through a controlled
sprayer at the rate of 1 to 2 gal per 100 plants. Sunshine mix number 1 (Sun Gro) containing 5% wt/wt
chicken manure (EB Stone & Son, Inc.) was used either with or without 5% wt/wt Azomite Granular
(AZOMITE Mineral Products, Inc.) for sowing and transplanting. After transplanting, the treated plants
were supplemented with Azomite Ultrafine (AZOMITE Mineral Products, Inc.) by adding 1g per plant to
the soil surface at the base of the plant at 7, 9, and 12 weeks after sowing. 16 plants each, either with or
without Azomite fertilizer were grown and maintained through maturity. The number of red tomatoes
produced per plant per week was quantified from week 9 until termination week 22.

Sample collection. Soil, rhizosphere, and root samples (as indicated) were collected from 6 control
and 6 treated plants for microbiome profiling at two different time points: once at the onset of fruiting
at week 8 and another one later during fruiting at week 18. Duplicate samples of Azomite Granular and
Ultrafine fertilizer formulations were collected from their original packaging to determine whether any
microbial taxa in treated soil could be linked to the Azomite product itself as the source. All samples
were collected, as described in Deng et al. (27), on ice and kept frozen for DNA extraction.

DNA extractions, 16s rRNA amplification, and sequencing. DNA was extracted using the Qiagen
DNeasy Powersoil kit. The V3-V4 region of the 16S ribosomal gene was amplified using a dual-indexed
16s rRNA Illumina iTags primer (341 F) (59-CCTACGGGNBGCASCAG-39) and 785 R (59-GACTACNVGGG
TATCTAATCC-39) as described in Deng et al. (27). Samples were sequenced by the QB3 Vincent J. Coates

FIG 6 A working model showing the predicted impact of Azomite on the root microbiome. It was
determined that the composition of the core taxa in the root endosphere changed differentially in
response to the soil amendment. The change in composition showed a relative shift in most
predicted core taxa functions, with most of these functions being related to carbohydrate
metabolism, followed by energy metabolism and amino acid metabolism. These changes indicate
that the treated roots may have altered exudate production, possibly due to changes in carbohydrate
availability or type. This potential change in biochemical composition could act to recruit and attract
different bacteria from the surrounding soil. The underlying mechanisms involved were being
investigated. (Created with BioRender.com).
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Genomics Sequencing Laboratory facility at the University of California, Berkeley using Illumina Miseq.
300 bp pair-end with v3 chemistry.

Data analysis. Sequence files were demultiplexed and the adapters were removed by the sequenc-
ing facility. Raw reads were analyzed through the Dada2 pipeline in R using the default suggestions
from their pipeline tutorial version 1.16 (43). Once amplicon sequence varients were produced in Dada2
we used Decontam to identify and remove contaminating sequences (43). Data were then imported
into Phyloseq (44) for the remaining analysis. For differential abundance and occupancy abundance
analysis, ASVs were merged at the genus level using the taxglom function in Phyloseq. We performed di-
versity analysis on unmerged ASVs but confirmed that the results are qualitatively unchanged when
these tests are performed at the genus level. Using Bray-Curtis dissimilarity measures we performed an
adonis test (nonparametric multivariate analysis of variance) on all samples together to determine the
relative contribution of treatment (control versus Azomite-treated), compartment (soil, rhizosphere, root
endosphere), and sampling time (8 or 18 weeks) on the composition of the microbiota. Alpha diversity
was calculated using Shannon’s diversity index, which accounts for the richness (number of species) and
evenness (distribution of species abundances within a sample) of each sample. We used an ANOVA to
determine the impact of the various conditions on alpha diversity and then, after splitting by time point,
a Tukey post hoc test to determine the differences between each compartment at each time point using
adjusted P-values.

We used DESeq2 package to identify taxa at the genus level that show a significant difference in
abundance across different conditions (Table S7). DESeq2 package was originally developed with the
primary goal of identifying statistically significant variation in RNA seq data using a negative binomial
distribution. However, to avoid the issues inherent in sample normalization McMurdie and Holmes (44)
proposed its use in microbiome data analysis.

Abundance occupancy curve. To understand the forces that shape a microbial community it can
be useful to assume a neutral hypothesis (that no forces are at work) and then evaluate how well this hy-
pothesis matches the data. This can be done by utilizing the Sloan neutral community model developed
by Sloan and Curtis (45, 46) and applied to plant-associated microbial communities by Shade and
Stopnisek (35). This method fits the neutral model to the abundance-occupancy distribution under the
assumption that bacteria that are more abundant (have a higher mean relative abundance) will have a
correspondingly higher occupancy (percent occurrence across samples), given unlimited dispersal and
equal fitness. The goodness of fit for this model can be used to determine the extent to which stochastic
or deterministic forces are influencing the community composition, the former in cases where the model
fits well, the latter when it fits poorly. The model can also be used to identify significant outliers, bacteria
whose occupancy is likely to be influenced by some factors in the given environment. Bacteria that are
significantly above the curve have a higher occupancy than expected given their abundance, and there-
fore are more likely to be selected for by the plant environment or may be exceptionally good dispers-
ers. Meanwhile, bacteria that fall significantly below the curve are likely to have been selected against
by the plant environment or have poor dispersal capabilities. Our model was constructed in R using rari-
fied genus-level taxa tables and the function fit_sncm from the package reltools (47). Taxa were grouped
at the genus level for two primary reasons, first, ASVs do not necessarily correspond to a single species
because some species with multiple 16s RNA sequences will produce multiple ASVs, and second, we
wanted to identify taxa that fill broadly similar ecological functions.

Identifying core taxa in the rhizosphere and root endosphere. We identified core taxa by the
method proposed in Shade and Stopnisek (35), in which data from occupancy abundance curves and
differential abundance were combined. First, we compared the relative bacterial abundance (at the ge-
nus level) between each compartment and the bulk soil using DESeq2 (with a threshold of P = 0.05) to
determine which bacteria are at the significantly higher abundance and are potentially being selected
for out of this meta-community reserve. Then, we compared this to the list of bacteria (at the genus
level) that were identified as having significantly nonneutral (deterministic) occupancy, specifically those
that appeared at higher-than-expected occupancy using fit_sncm (using taxa tables that were rarified to
40,000 reads per sample). The bacteria that were identified through both methods, which are at higher-
than-expected occupancy and appear at the consistently higher relative abundance in the compart-
ments associated with the plant, are more likely to be relevant to the plant under the given conditions
as potentially beneficial microbes. It is important to note, however, that not all bacteria selected may
represent beneficial species, but the bacteria selected by this process will include species that play
mutually beneficial roles and are either host-selected or seek the present condition. This scheme was
used to determine the Core Taxa independently for each sample (N = 6) under each condition, as illus-
trated in Fig. S1A to C. Core Taxa for each condition represent the bacteria that were present in abun-
dance higher than randomly expected, and thereby form the core community in the host under that
condition, implying that these species are likely to have been selected by the host, or they prefer the
host environment under the tested condition. We repeated this analysis on ASVs that were not grouped
at the genus level and saw comparable results in terms of core taxa membership (Fig. S6, Table S8).

Functional analysis. To better understand the compositional shifts in the predicted core taxa
(merged at the genus level) across each condition we used PICRUSt2 (phylogenetic investigation of
communities by reconstruction of unobserved states) set at default parameters to predict the gene fam-
ily content of each core microbiome (48, 49). After the gene content was predicted by PICRUSt2, we
used DESeq2 to determine which sets of predicted genes were differentially abundant between the
Azomite treated and control core microbiota across the relevant time points and compartments. We
used the PICRUSt2 function add_descriptions.py to link the genes to their Kegg Orthologs and these
genes were cross-referenced against the KEGG (Kyoto Encyclopedia of Genes and Genomes) BRITE
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database (50–52) using the R function KEGGREST (53) to determine predicted functions. Functional anal-
ysis was also performed on ASVs that were not grouped at the genus level with comparable results (Fig.
S7).

Data availability. Raw sequencing data have been submitted to the NCBI Sequence Read Archive
(SRA) under the BioProject accession number PRJNA796360.
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SUPPLEMENTAL FILE 7, CSV file, 0.04 MB.
SUPPLEMENTAL FILE 8, CSV file, 0.03 MB.

ACKNOWLEDGMENTS
We thank Priyanka Mehta for assistance with sample collection and DNA extraction

for sequencing, Norma Morella for help with preparing the samples for microbiome
sequencing, Lia Marie Poasa and her team at the Plant Gene Expression Center
greenhouse, Albany, California for help with plant care and maintenance, Gerard R.
Lazo and Roberto A. Bogomolni for constructive comments on bioinformatics and
research presented in the manuscript.

We declare that this work was funded and performed through i-Cultiver, Inc., which
independently provides consultation services to soil amendment manufacturers. This
includes AZOMITE Mineral Products, Inc., which manufactures the Azomite product. This
funding provided materials, labor, and research costs associated with this study. It did not
influence the factual reporting of findings herein. R.K. is the founder of i-Cultiver, an
independent company providing consultation and research assistance to food and agricultural
industries. All aspects of this study were performed by independent researchers.

E.M. was supported by a grant from the National Science Foundation grant number
1838299.

E.M. conducted microbiome profiling and data analysis; R.K. designed the study and
conducted the greenhouse trials; J.F. provided product-specific details in the study design.
All work was performed in collaboration and with guidance from K.M., J.F., and B.K.; E.M. and
R.K. drafted themanuscript supplemented with technical and editorial comments from K.M.,
J.F., and B.K.

Mention of trade names or commercial products in this publication is solely to provide
specific information and does not imply recommendation or endorsement by the U.S.
Department of Agriculture. USDA is an equal opportunity provider and employer.

We declare no conflict of interest.

REFERENCES
1. Mendes R, Garbeva P, Raaijmakers JM. 2013. The rhizospheremicrobiome: signifi-

cance of plant beneficial, plant pathogenic, and human pathogenic microorgan-
isms. FEMSMicrobiol Rev 37:634–663. https://doi.org/10.1111/1574-6976.12028.

2. Van Der Heijden MGA, Bardgett RD, Van Straalen NM. 2008. The unseen ma-
jority: soil microbes as drivers of plant diversity and productivity in terres-
trial ecosystems. Ecol Lett 11:296–310. https://doi.org/10.1111/j.1461-0248
.2007.01139.x.

3. Verbon EH, Liberman LM. 2016. Beneficial microbes affect endogenous
mechanisms controlling root development. Trends Plant Sci 21:218–229.
https://doi.org/10.1016/j.tplants.2016.01.013.

4. Chaudhari D, Rangappa K, Das A, Layek J, Basavaraj S, Kandpal BK,
Shouche Y, Rahi P. 2020. Pea (Pisum sativum l.) plant shapes its rhizo-
sphere microbiome for nutrient uptake and stress amelioration in acidic
soils of the North-East region of India. Front Microbiol 11:968. https://doi
.org/10.3389/fmicb.2020.00968.

5. Yuan Z-S, Liu F, Liu Z-Y, Huang Q-L, Zhang G-F, Pan H. 2021. Structural var-
iability and differentiation of niches in the rhizosphere and endosphere
bacterial microbiome of moso bamboo (Phyllostachys edulis). Sci Rep 11:
1574. https://doi.org/10.1038/s41598-021-80971-9.

6. Hestrin R, Hammer EC, Mueller CW, Lehmann J. 2019. Synergies between
mycorrhizal fungi and soil microbial communities increase plant nitrogen ac-
quisition. Commun Biol 2–:9. https://doi.org/10.1038/s42003-019-0481-8.

7. Manzoni S, Trofymow JA, Jackson RB, Porporato A. 2010. Stoichiometric con-
trols on carbon, nitrogen, and phosphorus dynamics in decomposing litter.
Ecological Monographs 80:89–106. https://doi.org/10.1890/09-0179.1.

8. Gahan J, Schmalenberger A. 2014. The role of bacteria andmycorrhiza in plant
sulfur supply. Front Plant Sci 5:723. https://doi.org/10.3389/fpls.2014.00723.

9. Garcia K, Doidy J, Zimmermann SD, Wipf D, Courty P-E. 2016. Take a trip
through the plant and fungal transportome of mycorrhiza. Trends Plant
Sci 21:937–950. https://doi.org/10.1016/j.tplants.2016.07.010.

Plant Microbiome Modified by Volcanic Ash Fertilizer Applied and Environmental Microbiology

April 2022 Volume 88 Issue 7 10.1128/aem.00049-22 12

https://www.ncbi.nlm.nih.gov/bioproject/?term=PRJNA796360
https://doi.org/10.1111/1574-6976.12028
https://doi.org/10.1111/j.1461-0248.2007.01139.x
https://doi.org/10.1111/j.1461-0248.2007.01139.x
https://doi.org/10.1016/j.tplants.2016.01.013
https://doi.org/10.3389/fmicb.2020.00968
https://doi.org/10.3389/fmicb.2020.00968
https://doi.org/10.1038/s41598-021-80971-9
https://doi.org/10.1038/s42003-019-0481-8
https://doi.org/10.1890/09-0179.1
https://doi.org/10.3389/fpls.2014.00723
https://doi.org/10.1016/j.tplants.2016.07.010
https://journals.asm.org/journal/aem
https://doi.org/10.1128/aem.00049-22


10. Kamel L, Keller-Pearson M, Roux C, Ané J-M. 2017. Biology and evolution
of arbuscular mycorrhizal symbiosis in the light of genomics. New Phytol
213:531–536. https://doi.org/10.1111/nph.14263.

11. Bais HP, Weir TL, Perry LG, Gilroy S, Vivanco JM. 2006. The role of root exu-
dates in rhizosphere interactions with plants and other organisms. Annu
Rev Plant Biol 57:233–266. https://doi.org/10.1146/annurev.arplant.57
.032905.105159.

12. Pascale A, Proietti S, Pantelides IS, Stringlis IA. 2019. Modulation of the
root microbiome by plant molecules: the basis for targeted disease sup-
pression and plant growth promotion. Front Plant Sci 10:1741. https://doi
.org/10.3389/fpls.2019.01741.

13. Sasse J, Martinoia E, Northen T. 2018. Feed your friends: do plant exudates
shape the root microbiome? Trends Plant Sci 23:25–41. https://doi.org/10
.1016/j.tplants.2017.09.003.

14. Pieterse CMJ, Zamioudis C, Berendsen RL, Weller DM, Van Wees
SCM, Bakker PAHM. 2014. Induced systemic resistance by beneficial
microbes. Annu Rev Phytopathol 52:347–375. https://doi.org/10
.1146/annurev-phyto-082712-102340.

15. Hiruma K, Gerlach N, Sacristán S, Nakano RT, Hacquard S, Kracher B,
Neumann U, Ramírez D, Bucher M, O'Connell RJ, Schulze-Lefert P. 2016.
Root endophyte colletotrichum tofieldiae confers plant fitness benefits
that are phosphate status dependent. Cell 165:464–474. https://doi.org/
10.1016/j.cell.2016.02.028.

16. Caddell DF, Deng S, Coleman-Derr D. 2019. Role of the plant root micro-
biome in abiotic stress tolerance, p 273–311. In Verma SK, White J, Francis
J (ed), Seed Endophytes: Biology and Biotechnology. Springer Interna-
tional Publishing, Cham.

17. Korenblum E, Dong Y, Szymanski J, Panda S, Jozwiak A, Massalha H, Meir
S, Rogachev I, Aharoni A. 2020. Rhizosphere microbiome mediates sys-
temic root metabolite exudation by root-to-root signaling. Proc Natl Acad
Sci U S A 117:3874–3883. https://doi.org/10.1073/pnas.1912130117.

18. Krashevska V, Sandmann D, Maraun M, Scheu S. 2014. Moderate changes
in nutrient input alter tropical microbial and protist communities and
belowground linkages. ISME J 8:1126–1134. https://doi.org/10.1038/ismej
.2013.209.

19. Zeng J, Liu X, Song L, Lin X, Zhang H, Shen C, Chu H. 2016. Nitrogen fertil-
ization directly affects soil bacterial diversity and indirectly affects bacte-
rial community composition. Soil Biol Biochem 92:41–49. https://doi.org/
10.1016/j.soilbio.2015.09.018.

20. Dai Z, Su W, Chen H, Barberán A, Zhao H, Yu M, Yu L, Brookes PC, Schadt
CW, Chang SX, Xu J. 2018. Long-term nitrogen fertilization decreases bac-
terial diversity and favors the growth of Actinobacteria and Proteobacte-
ria in agro-ecosystems across the globe. Glob Chang Biol 24:3452–3461.
https://doi.org/10.1111/gcb.14163.

21. Dai Z, Liu G, Chen H, Chen C, Wang J, Ai S, Wei D, Li D, Ma B, Tang C,
Brookes PC, Xu J. 2020. Long-term nutrient inputs shift soil microbial
functional profiles of phosphorus cycling in diverse agroecosystems.
ISME J 14:757–770. https://doi.org/10.1038/s41396-019-0567-9.

22. Fierer N, Lauber CL, Ramirez KS, Zaneveld J, Bradford MA, Knight R. 2012.
Comparative metagenomic, phylogenetic and physiological analyses of soil
microbial communities across nitrogen gradients. ISME J 6:1007–1017. https://
doi.org/10.1038/ismej.2011.159.

23. Mitchell PJ, Simpson AJ, Soong R, Schurman JS, Thomas SC, Simpson MJ.
2016. Biochar amendment and phosphorus fertilization altered forest soil
microbial community and native soil organic matter molecular composi-
tion. Biogeochemistry 130:227–245. https://doi.org/10.1007/s10533-016
-0254-0.

24. Ramirez KS, Lauber CL, Knight R, Bradford MA, Fierer N. 2010. Consistent
effects of nitrogen fertilization on soil bacterial communities in contrast-
ing systems. Ecology 91:3463–3470. https://doi.org/10.1890/10-0426.1.

25. Lebeis SL, Paredes SH, Lundberg DS, Breakfield N, Gehring J, McDonald M,
Malfatti S, Glavina del Rio T, Jones CD, Tringe SG, Dangl JL. 2015. Salicylic acid
modulates colonization of the root microbiome by specific bacterial taxa. Sci-
ence 349:860–864. https://doi.org/10.1126/science.aaa8764.

26. Berg M, Koskella B. 2018. Nutrient- and dose-dependent microbiome-medi-
ated protection against a plant pathogen. Curr Biol 28:2487–2492.e3. https://
doi.org/10.1016/j.cub.2018.05.085.

27. Deng S, Wipf HM-L, Pierroz G, Raab TK, Khanna R, Coleman-Derr D. 2019.
A Plant Growth-promoting microbial soil amendment dynamically alters
the strawberry root bacterial microbiome. Sci Rep 9:17677. https://doi
.org/10.1038/s41598-019-53623-2.

28. Basak BB, Sarkar B, Naidu R. 2021. Environmentally safe release of plant
available potassium and micronutrients from organically amended rock

mineral powder. Environ Geochem Health 43:3273–3286. https://doi.org/
10.1007/s10653-020-00677-1.

29. Eisa AI, Taha MB, Abdalla AM. 2011. Amendment of soil fertility and aug-
mentation of the quantity and quality of soybean crop by using phospho-
rus and micronutrients. International Journal of Academic Research 3:10.

30. Siddiqui S, Alamri SA, Alrumman SA, Meghvansi MK, Chaudhary KK, Kilany M,
Prasad K. 2015. Role of soil amendment with micronutrients in suppression
of certain soilborne plant fungal diseases: a review, p 363–380. InMeghvansi
MK, Varma A (ed), Organic Amendments and Soil Suppressiveness in Plant
Disease Management. Springer International Publishing, Cham.

31. Datnoff LE, Elmer WH, Huber DM. 2007. Mineral nutrition and plant dis-
ease. Amer Phytopathological Society, St. Paul. https://www.cabdirect
.org/cabdirect/abstract/20083015989. Retrieved 27 October 2021.

32. Marschner P, Rengel Z. 2012. Chapter 12 - nutrient availability in soils, p
315–330. In Marschner P (ed), Marschner’s Mineral Nutrition of Higher
Plants (Third Edition). Academic Press, San Diego, CA.

33. Boltz TP, Ferrel J, Bowen KM, Harding KL, Ayres VE, Moritz JS. 2021. The
effect of a dacitic tuff breccia (Azomite) in corn, soybean, and dried distill-
ers grains with solubles–based diets that vary in inorganic phosphate
source on pellet mill production rate and pellet quality. J Applied Poultry
Res 30:100147. https://doi.org/10.1016/j.japr.2021.100147.

34. Azad H, Poor A, Bakhshikhaniki G, Ebrahimi M. 2016. Physiological responses
of two tomato (Lycopersicun esculentum M.) cultivars to Azomite fertilizer
under drought stress. Iranian J Plant Physiology 6:1835–1843. https://doi.org/
10.22034/IJPP.2016.532654.

35. Shade A, Stopnisek N. 2019. Abundance-occupancy distributions to pri-
oritize plant core microbiome membership. Curr Opin Microbiol 49:
50–58. https://doi.org/10.1016/j.mib.2019.09.008.

36. Love MI, Huber W, Anders S. 2014. Moderated estimation of fold change
and dispersion for RNA-seq data with DESeq2. Genome Biol 15:550.
https://doi.org/10.1186/s13059-014-0550-8.

37. Abawi GS, Widmer TL. 2000. Impact of soil health management practices on
soilborne pathogens, nematodes and root diseases of vegetable crops. Appl
Soil Ecol 15:37–47. https://doi.org/10.1016/S0929-1393(00)00070-6.

38. Garbeva P, van Veen JA, van Elsas JD. 2004. Microbial diversity in soil:
selection of microbial populations by plant and soil type and implications
for disease suppressiveness. Annu Rev Phytopathol 42:243–270. https://
doi.org/10.1146/annurev.phyto.42.012604.135455.

39. Wakelin SA, Macdonald LM, Rogers SL, Gregg AL, Bolger TP, Baldock JA.
2008. Habitat selective factors influencing the structural composition and
functional capacity of microbial communities in agricultural soils. Soil Biol
Biochem 40:803–813. https://doi.org/10.1016/j.soilbio.2007.10.015.

40. Trivedi P, Delgado-Baquerizo M, Jeffries TC, Trivedi C, Anderson IC, Lai K,
McNee M, Flower K, Singh BP, Minkey D, Singh BK. 2017. Soil aggregation
and associated microbial communities modify the impact of agricultural
management on carbon content. Environ Microbiol 19:3070–3086. https://
doi.org/10.1111/1462-2920.13779.

41. Kandel S, Joubert P, Doty S. 2017. Bacterial endophyte colonization and
distribution within Plants. Microorganisms 5:77. https://doi.org/10.3390/
microorganisms5040077.

42. Tränkner M, Tavakol E, Jákli B. 2018. Functioning of potassium and mag-
nesium in photosynthesis, photosynthate translocation and photoprotec-
tion. Physiol Plantarum 163:414–431. https://doi.org/10.1111/ppl.12747.

43. Callahan BJ, McMurdie PJ, Rosen MJ, Han AW, Johnson AJA, Holmes SP.
2016. DADA2: high-resolution sample inference from Illumina amplicon
data. Nat Methods 13:581–583. https://doi.org/10.1038/nmeth.3869.

44. McMurdie PJ, Holmes S. 2013. phyloseq: an R package for reproducible
interactive analysis and graphics of microbiome census data. PLoS One 8:
e61217. https://doi.org/10.1371/journal.pone.0061217.

45. Sloan WT, Lunn M, Woodcock S, Head IM, Nee S, Curtis TP. 2006. Quantify-
ing the roles of immigration and chance in shaping prokaryote commu-
nity structure. Environ Microbiol 8:732–740. https://doi.org/10.1111/j
.1462-2920.2005.00956.x.

46. Sloan WT, Woodcock S, Lunn M, Head IM, Curtis TP. 2007. Modeling taxa-
abundance distributions in microbial communities using environmental
sequence data. Microb Ecol 53:443–455. https://doi.org/10.1007/s00248
-006-9141-x.

47. Burns AR, Stephens WZ, Stagaman K, Wong S, Rawls JF, Guillemin K,
Bohannan BJ. 2016. Contribution of neutral processes to the assembly of
gut microbial communities in the zebrafish over host development. 3.
ISME J 10:655–664. https://doi.org/10.1038/ismej.2015.142.

48. Paradis E, Claude J, Strimmer K. 2004. APE: analyses of phylogenetics and
evolution in R language. Bioinformatics 20:289–290. https://doi.org/10
.1093/bioinformatics/btg412.

Plant Microbiome Modified by Volcanic Ash Fertilizer Applied and Environmental Microbiology

April 2022 Volume 88 Issue 7 10.1128/aem.00049-22 13

https://doi.org/10.1111/nph.14263
https://doi.org/10.1146/annurev.arplant.57.032905.105159
https://doi.org/10.1146/annurev.arplant.57.032905.105159
https://doi.org/10.3389/fpls.2019.01741
https://doi.org/10.3389/fpls.2019.01741
https://doi.org/10.1016/j.tplants.2017.09.003
https://doi.org/10.1016/j.tplants.2017.09.003
https://doi.org/10.1146/annurev-phyto-082712-102340
https://doi.org/10.1146/annurev-phyto-082712-102340
https://doi.org/10.1016/j.cell.2016.02.028
https://doi.org/10.1016/j.cell.2016.02.028
https://doi.org/10.1073/pnas.1912130117
https://doi.org/10.1038/ismej.2013.209
https://doi.org/10.1038/ismej.2013.209
https://doi.org/10.1016/j.soilbio.2015.09.018
https://doi.org/10.1016/j.soilbio.2015.09.018
https://doi.org/10.1111/gcb.14163
https://doi.org/10.1038/s41396-019-0567-9
https://doi.org/10.1038/ismej.2011.159
https://doi.org/10.1038/ismej.2011.159
https://doi.org/10.1007/s10533-016-0254-0
https://doi.org/10.1007/s10533-016-0254-0
https://doi.org/10.1890/10-0426.1
https://doi.org/10.1126/science.aaa8764
https://doi.org/10.1016/j.cub.2018.05.085
https://doi.org/10.1016/j.cub.2018.05.085
https://doi.org/10.1038/s41598-019-53623-2
https://doi.org/10.1038/s41598-019-53623-2
https://doi.org/10.1007/s10653-020-00677-1
https://doi.org/10.1007/s10653-020-00677-1
https://www.cabdirect.org/cabdirect/abstract/20083015989
https://www.cabdirect.org/cabdirect/abstract/20083015989
https://doi.org/10.1016/j.japr.2021.100147
https://doi.org/10.22034/IJPP.2016.532654
https://doi.org/10.22034/IJPP.2016.532654
https://doi.org/10.1016/j.mib.2019.09.008
https://doi.org/10.1186/s13059-014-0550-8
https://doi.org/10.1016/S0929-1393(00)00070-6
https://doi.org/10.1146/annurev.phyto.42.012604.135455
https://doi.org/10.1146/annurev.phyto.42.012604.135455
https://doi.org/10.1016/j.soilbio.2007.10.015
https://doi.org/10.1111/1462-2920.13779
https://doi.org/10.1111/1462-2920.13779
https://doi.org/10.3390/microorganisms5040077
https://doi.org/10.3390/microorganisms5040077
https://doi.org/10.1111/ppl.12747
https://doi.org/10.1038/nmeth.3869
https://doi.org/10.1371/journal.pone.0061217
https://doi.org/10.1111/j.1462-2920.2005.00956.x
https://doi.org/10.1111/j.1462-2920.2005.00956.x
https://doi.org/10.1007/s00248-006-9141-x
https://doi.org/10.1007/s00248-006-9141-x
https://doi.org/10.1038/ismej.2015.142
https://doi.org/10.1093/bioinformatics/btg412
https://doi.org/10.1093/bioinformatics/btg412
https://journals.asm.org/journal/aem
https://doi.org/10.1128/aem.00049-22


49. Langille MGI, Zaneveld J, Caporaso JG, McDonald D, Knights D, Reyes
JA, Clemente JC, Burkepile DE, Vega Thurber RL, Knight R, Beiko RG,
Huttenhower C. 2013. Predictive functional profiling of microbial com-
munities using 16S rRNA marker gene sequences. Nat Biotechnol 31:
814–821. https://doi.org/10.1038/nbt.2676.

50. Kanehisa M, Goto S. 2000. KEGG: Kyoto Encyclopedia of Genes and Genomes.
Nucleic Acids Res 28:27–30. https://doi.org/10.1093/nar/28.1.27.

51. Kanehisa M. 2019. Toward understanding the origin and evolution of cellular
organisms. Protein Sci 28:1947–1951. https://doi.org/10.1002/pro.3715.

52. Kanehisa M, Furumichi M, Sato Y, Ishiguro-Watanabe M, Tanabe M. 2021.
KEGG: integrating viruses and cellular organisms. Nucleic Acids Res 49:
D545–D551. https://doi.org/10.1093/nar/gkaa970.

53. Tenenbaum D. 2021. KEGGREST: client-side REST access to the Kyoto En-
cyclopedia of Genes and Genomes (KEGG) (R package version 1.34.0).

Plant Microbiome Modified by Volcanic Ash Fertilizer Applied and Environmental Microbiology

April 2022 Volume 88 Issue 7 10.1128/aem.00049-22 14

https://doi.org/10.1038/nbt.2676
https://doi.org/10.1093/nar/28.1.27
https://doi.org/10.1002/pro.3715
https://doi.org/10.1093/nar/gkaa970
https://journals.asm.org/journal/aem
https://doi.org/10.1128/aem.00049-22

	RESULTS
	Microbial diversity.
	Differential abundance.
	Abundance occupancy relationships.
	Azomite fertilizer associated taxa.
	Temporal evolution of core taxa.
	Predicted functions in the rhizosphere and root endosphere across treatments.

	DISCUSSION
	MATERIALS AND METHODS
	Plant generation and Azomite application.
	Sample collection.
	DNA extractions, 16s rRNA amplification, and sequencing.
	Data analysis.
	Abundance occupancy curve.
	Identifying core taxa in the rhizosphere and root endosphere.
	Functional analysis.
	Data availability.

	SUPPLEMENTAL MATERIAL
	ACKNOWLEDGMENTS
	REFERENCES



