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Abstract 

 

Social media use has become an integral part of adolescents’ daily lives and social 

routines. Along with the rise of social media use, there has also been a concurrent increase in 

mental health concerns among adolescent populations. Recent research and mainstream media 

have been concerned with the rise in self-diagnosing and the medicalization of normative 

behavior on social media sites, which has been of concern for adolescents particularly when the 

content comes from social media influencers. The current set of studies sought to examine the 

nature of user-generated content on social media about mental health topics and to investigate the 

effects of exposure to such content among at-risk adolescent populations who struggle with self-

regulation and problematic social media use. Specifically, in Study 1 we conducted a content 

analysis of YouTube videos from social media influencers on four main mental health concerns 

among adolescents: attention deficit hyperactivity disorder (ADHD), anxiety, depression, and 

eating disorders. In Study and Study 3, we conducted national surveys among adolescents ages 

14 to 16 to assess their self-regulation skills, problematic social media use, frequency of social 

media use, exposure to mental health content, and mental health outcomes (i.e., anxiety, 

depression, and self-reported mental health). To conclude, in Study 4 we experimentally tested 

through an online survey experiment the immediate effects of exposure to a video on mental 

health produced by a social media influencer on facets of adolescent mental health. The results of 

our four studies revealed that adolescents with poor self-regulation and those who have higher 

rates of problematic social media use are more likely to experience poor mental health outcomes, 

particularly when they spend more time on social media and follow mental health content. 

Mental health content on social media tends to be produced by white females, and adolescents 
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who identified as female demonstrated poorer mental health on all metrics (clinical measures and 

self-report) across all three samples. Exposure to mental health content was related to higher 

self-report of mental health conditions, revealing that this content can be particularly suggestive. 

Overall, the findings in these four studies highlight the need for an increased review process of 

content on social media sites, as exposure to mental health content from non-professional sources 

can have serious detrimental effects on adolescents behavior, attitudes, and beliefs. We also 

identify at-risk groups for mental health struggles that can allow for interventions in a timely and 

effective manner.
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Introduction  

Social media use has become an integral part of adolescents’ daily lives, particularly their 

social lives (Khasawneh et al., 2020), and as a result is now intertwined with key developmental 

processes that occur during this age range (e.g., self-regulation). Reports estimate that U.S. 

adolescents are spending more hours with screen media than they are in school, even before the 

onset of the COVID-19 pandemic (Odgers & Jensen, 2020), and nearly half of adolescents say 

they are online “almost constantly” (Hynes et al., 2022). National surveys suggest that 

adolescents spend the majority of their screen media time on social media and viewing online 

video content (Rideout et al., 2022; Rivas-Lara et al., 2022), with YouTube and TikTok being 

the top two most used platforms by this age group (Bahorsky, 2022). The most recent Common 

Sense census states that adolescents ages 13 to 18 years are using screen media for entertainment 

over eight hours a day, a 17% increase from the daily average reported just two years prior 

(Rideout et al., 2022). With this increase in screen time, adolescents are also increasing their 

exposure to social media influencers. This is reflected in recent research that shows that 

adolescents seek content that is authentic, relatable, and reflects real-life issues (Rivas-Lara et 

al., 2022). In fact, adolescents make up the largest proportion of viewers for social media 

influencers (Dopson, 2022). 

With such high rates of use, researchers, educators, and policymakers are increasingly 

interested in the relationship between social media use and mental health, particularly among 

adolescents, as many studies have linked increases in screen time to the rise in mental health 

problems in this population (e.g., Fernandes et al., 2020; Odgers & Jensen, 2020; Twenge et al., 

2018). Social media use in particular has received the most attention and blame in relation to 

mental health as use is linked with lack of real in-person contact and increased bullying (Hynes 
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et al., 2022; Twenge, 2020) to name a few. Mental health is one of the top public health concerns 

globally (Rutter et al., 2023) and recent studies estimate that approximately half of adolescents 

ages 13 to 18 years in the United States experience some form of mental health condition 

(National Institute of Mental Health, 2023). Approximately 50% of all lifelong mental health 

issues onset by age 14 (National Alliance on Mental Illness, 2022) and suicide is the second 

leading cause of death among young adolescents (Center for Disease Control, 2020), with rates 

of depression and suicide increasing at an alarming rate (Odgers & Jensen, 2020). In addition to 

clinical diagnoses of mental health conditions, overall well-being fluctuates the most during 

adolescence (Valkenburg et al., 2022), as self-regulation is in flux and risk-taking behavior and 

internalizing problems increase (Burnell & Odgers, 2023; Steinberg et al., 2018). Adolescents 

are also experiencing significant physical (i.e. puberty), cognitive (i.e., brain growth and 

emotional reactivity), and social (i.e., new dynamics in parental and peer relationships) changes, 

which they often struggle to cope with due to heightened emotional reactivity and a still-

developing decision-making system (Limone & Toto, 2021; Pitt et al., 2021). Therefore, 

adolescents are particularly vulnerable to experiencing mental health struggles.   

Though this topic has garnered significant research attention, there is little consensus on 

the overall effect that social media use has on adolescent mental health, with some studies 

showing positive effects and some showing negative effects (Limone & Toto, 2021; Odgers & 

Jensen, 2020). As cumulative effects are little to null, researchers have begun to take a person-

specific approach (Valkenburg et al., 2022). Specifically, this paradigm refers to studying social 

media effects at the individual level. Sometimes this employs a methodological design of N = 1 

to assess within-person fluctuations of social media use and resulting well-being, rather than 

differences between subjects. Another approach is the concept of individual susceptibility, which 
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refers to risk and resilience factors at the individual level that may influence social media use and 

subsequent effects (Valkenburg & Peter, 2013). Introduced in 2013, the Differential 

Susceptibility to Media Effects Model (DSMM; Valkenburg & Peter, 2013) was an innovative 

way to view the individual differences that influence the media effects process, as well as the 

transactional relationships that occur in media use.  

There are several variables to consider in understanding the complex relationship 

between social media use and mental health outcomes. First, individual susceptibility 

characteristics, such as age, gender, social influences, and developmental stage, greatly influence 

social media use (Valkenburg & Peter, 2013). Recent research has identified self-regulation as a 

key developmental susceptibility factor influencing social media use and subsequent effects 

(Valkenburg et al., 2022). Self-regulation refers to a set of top-down cognitive processes that 

help an individual regulate their thoughts, emotions, and behaviors in service of their long-term 

goals (Karoly, 1993; Siebers et al., 2021). Individuals with poor self-regulation skills tend to use 

social media more frequently (Coyne et al., 2019) and in more problematic ways (Arness & 

Ollis, 2022). Problematic media use (PMU), also commonly referred to as media addiction or 

dependence, is a growing concern among adolescents (Burnell et al., 2022). PMU is like an 

addiction as it is characterized by uncontrolled and excessive use of media in a way that leads to 

harmful consequences on the user’s functioning and mental health (Arness & Ollis, 2022; Lopes 

et al., 2022). Therefore, self-regulation and PMU are individual risk factors that influence how 

media is consumed and its subsequent effects on mental health.  

In addition to these individual susceptibility factors, specific content is also necessary to 

consider in the process of social media use and mental health outcomes. It is now widely 

accepted that it is not just the frequency of social media use that leads to negative effects, but 
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what adolescents are spending their screen time doing (Odgers & Jensen, 2020). There has been 

a rapid increase in the amount of user-generated content (UGC) on health topics (Fergie et al., 

2016), in particular, mental health, which raises concern as this content is not necessarily well-

sourced or factual (Gaus et al., 2021). Though research has begun to consider the potential of 

social media for disseminating mental health information and its use as a source of social support 

for such issues, less research has investigated what this content actually looks like or its 

unintended effects. Mainstream news and health practitioners have been concerned with the rise 

in mental health problems in conjunction with online trends perpetuated by social media 

influencers (Bahorsky, 2022). For example, news headlines have highlighted the prevalence of 

tic movements among adolescent girls who watch a lot of TikTok, or the pathologization of 

normal behaviors on TikTok as warning signs of mental health conditions whereby users begin 

to self-diagnose (Bahorsky, 2022; Rutter et al., 2023). In one exception, doctors Hull and Parnes 

(2021) describe the phenomenon of teenage girls developing tic-like movements, characteristic 

of Tourette syndrome, after watching online content from an influencer with the condition. In 

one other example, researchers document the rise in self-harm behaviors and suicide attempts 

following a popular online trend known as the Blue Whale Challenge in which viewers were 

encouraged to partake in self-harm until they ultimately killed themselves (Khasawneh et al., 

2020). Exposure to this type of suggestive content is particularly harmful to adolescents as a 

vulnerable population who are more susceptible to social influence (Fernandes et al., 2020) and 

are already more prone to mental health concerns due to their developmental stage (Khasawneh 

et al., 2020; Pitt et al., 2021). Though research has begun to consider the effects of exposure to 

social media influencers, particularly in the context of advertising and marketing (Dopson, 2022; 

Howard, 2022), less research has explored developmental differences (i.e., self-regulation and 
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PMU) that may make some populations more susceptible to being influenced in other contexts, 

such as in mental health. As such, it is important to understand from whom adolescents are 

receiving information and what this mental health information online looks like.  

With this in consideration, this set of studies sought to examine the relationship between 

adolescent social media use and mental health through an individual susceptibility perspective, 

as well as to consider the role that social media influencers (SMIs), as modern-day celebrities 

(Dopson, 2022), play in these effects. Specifically, in Study 1 we content analyzed YouTube 

videos produced by SMIs that cover mental health topics as there is a growing trend in the 

amount of mental health information shared on social media, in particular, YouTube (Fergie et 

al., 2016). In Study 2 and Study 3, we surveyed adolescents about their self-regulation skills, 

problematic social media use, facets of social media use, including frequency and consumption 

of mental health content, and mental health symptoms to investigate how exposure to mental 

health information may impact vulnerable populations. To tie together the content analysis and 

the two surveys, in Study 4 we conducted an online survey experiment to evaluate the immediate 

effects of viewing SMI videos about mental health topics. Through these studies, we addressed 

the gaps in the research on the effects of SMIs on thoughts and behaviors of at-risk populations 

(i.e., adolescents with poor self-regulation and/or high problematic media use). We also 

answered the calls for further research into the effects user-generated mental health content can 

have on viewers (Choi et al., 2021; Fergie et al., 2016), as well as considering more nuanced 

measures of social media use and current, rather than retrospective, assessments of mental health 

(Odgers & Jensen, 2020).   
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Study 1 

Introduction 

Social media have become ingrained in daily life, not only for adults, but also for 

children and adolescents who are increasing social media users. In fact, 96% of adolescents ages 

13 to 18 report using social media platforms and are using significantly more platforms (four or 

more) compared to previous years (Robb, 2020). As adolescents at this age are still developing in 

many ways, primarily socially, and are at risk for impulsive decisions and poor self-control (De-

Sola Gutiérrez et al., 2016; Mahapatra, 2019), understanding their social media use is critical as 

it becomes entwined with these development processes that have lasting impacts throughout 

adulthood. Furthermore, adolescents begin to seek out and identify role models as they engage in 

identity formation processes (Erikson, 1968). Where previous studies have identified parents and 

local community members as potential role models for adolescents as part of their 

microenvironments (Strasser-Burke & Symonds, 2020), few studies have considered the 

potential of social media influencers as role models. Social media influencers (SMIs) have the 

potential to exert significant influence on adolescents who are spending increased amounts of 

time online and potentially less time with real-world influences (i.e. parents and other adults; 

Kraut et al., 1998). In fact, SMIs may be more attractive to adolescents as they exist outside of 

their microenvironments and allow exposure to more diverse ideas and lifestyles (Strasser-Burke 

& Symonds, 2020) and may be perceived as more relatable (Rivas-Lara et al., 2022). The 

strength of this influence may be particularly strong for adolescents who experience poor self-

regulation as they struggle to inhibit their impulses, regulate their emotions, and focus on their 

goals (Diamond, 2013; Steinberg, 2007). Though research demonstrates the role of SMIs as 

effective advertisers teaching audiences which products to buy (Zeljko et al., 2018), little 
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research has considered the effects of influencers as teachers of attitudes, values, and behaviors, 

or the effects on particularly vulnerable audiences such as adolescents with poor self-regulation 

and susceptibility to mental health struggles. With alarming rates of mental health problems 

among adolescent populations (U.S. Department of Health & Human Services, 2022), it is 

important to consider who they are looking to and seeking out as role models to provide 

information about mental health.  

Literature review 

Social influence 

User-generated content (UGC) refers to the creation of content by users of social media 

sites, such as Instagram or YouTube, who are members of the general public, rather than mental 

health professionals (Westenberg, 2016). UGC allows for the consumption of details about 

people’s everyday lives and is considered the next iteration of word-of-mouth whereby everyday 

people share recommendations and experiences (Fergie et al., 2016; Smith, 2009; Westenberg, 

2016). Although anyone can create UGC, some creators become known as social media 

influencers. Social media influencers (SMIs) are individuals who amass an online following on 

social media platforms, such as YouTube, Instagram, and personal blogs, through practicing 

microcelebrity, the act of self-presentation and identity curation online through ongoing 

communication (Chae, 2018; Marwick & Boyd, 2011; Senft, 2008). That is, SMIs strategically 

select what information to present online that creates the most favorable image of them as a 

brand and attracts followers (Marwick, 2015). Furthermore, SMIs are known to present 

information about their personal lives, both textually (e.g., blogs and Twitter) and visually (e.g., 

YouTube and Instagram; Abidin, 2016; Zeljko et al., 2018) which allows for increased and more 

detailed exposure. The majority of SMIs are followed on Instagram (Dhanesh & Duthler, 2019); 
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however, some of the most well-known SMIs who have reached mainstream fame, like 

PewDiePie, Lilly Singh (or Superwoman), and the Paul brothers, gained their fame from 

YouTube and then amassed millions of followers across their various platforms including 

Instagram and Twitter (Reinikainen et al., 2020). In fact, SMIs often cross-promote themselves 

and redirect their followers from one platform to another (e.g., Snapchat to Instagram, see Gkoni 

et al., 2017). Therefore, while SMIs may gain the majority of their fame from one platform, they 

also promote themselves across platforms, prompting followers to use multiple social media sites 

in order to keep up with them, encouraging fragmented use.  

Though SMIs tend to be wealthy and attractive young women, they are more commonly 

defined by their online behaviors (i.e., engaging in microcelebrity) and large number of 

followers, rather than who they are (Abidin, 2016; Marwick, 2015; Reagan et al., 2020). As 

some influencers have grown mass amounts of followers, sometimes exceeding millions, 

specialists in influencer marketing have begun to categorize SMIs into five groupings based on 

their follower counts (Dopson, 2022). These include Nano influencers (between 1,000 and 5,000 

followers); Micro influencers (between 5,000 and 20,000 followers); Power or mid-tier 

influencers (between 20,000 and 100,000 followers); Mega influencers (between 100,000 and 1 

million followers), and SMI Celebrities (more than 1 million followers). While some SMIs focus 

on sharing their daily lives, others focus on specific interests or niche categories, such as fashion, 

beauty, sports, or tourism (Chae, 2018; Magno & Cassia, 2018; Zeljko et al., 2018), that appeal 

to different audiences. For example, Lokithasan and colleagues (2019) found that females are 

drawn to SMIs who promote beauty products, whereas males are drawn to SMIs who promote 

gaming and technology products.  
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In comparison to traditional celebrities, SMIs intentionally build relationships with their 

followers in order to garner increased social media engagement metrics (such as likes, 

comments, and views) and increase financial gain (Reagan et al., 2020). In addition to product 

advice, SMIs have the potential to influence attitudes and behaviors as viewers both seek to 

emulate their curated and luxurious lifestyles (Magno & Cassia, 2018) and see them as modern-

day opinion and social leaders (Gillin, 2008; Magno & Cassia, 2018). Some researchers argue 

that SMIs play a key role in social diffusion as their attitudes and values reach a wide audience 

and can lead to attitude and behavior change (Reagan et al., 2020; Uzunoğlu & Kip, 2014). 

Therefore, SMIs have significant influential power over their audiences as their job is to market 

themselves as a brand and sell their image, including their beliefs, attitudes, and behaviors, to 

their audiences so that they can earn a living (Marwick, 2015).  

SMIs are perceived as more authentic, relatable, and reachable in comparison to 

traditional celebrities (Chae, 2018; Djafarova & Rushworth, 2017; Klassen et al., 2018) and as 

such, their advice is more readily accepted by their audiences as they are seen as credible sources 

of information. In fact, 55.1% of teenagers ages 13 to 18 report that social media, compared to 

other types of media, has the most authentic content (Rivas-Lara et al., 2022) and SMIs are their 

preferred and most used news source (Robb, 2020). As such, it is important to evaluate what 

information is being shared and how that information impacts viewer’s behaviors and thoughts. 

For example, the luxurious lifestyles of high-end fashion and frequent travel to exotic locations 

promoted by SMIs have been linked to increased consumerism (Heinonen, 2020), materialism 

(Zawadska et al., 2019), and narcissism (Khamis et al., 2017) amongst adolescent and adult 

audiences as viewers believe they need to live like SMIs to be happy.   
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This advice can be particularly problematic when SMIs are successful in niche categories 

as they are looked to as experts by viewers and disseminate information when in fact they are 

often not qualified to do so (Reagan et al., 2020). The information they share is trusted but may 

in fact be unreliable and even harmful (Chan et al., 2018; Reagan et al., 2020). For example, a 

study by Byrne and colleagues (2017) found that SMIs often promote specialized diets, such as 

vegan or paleo, that can cause nutritional deficiencies if not recommended by a registered 

physician. Additionally, a content analysis of over 285,000 Instagram posts from health 

influencers revealed that the information in the posts was primarily related to “cosmetics and 

appearance, self-promotion, fitness, and general wellness”, as opposed to genuine health 

information, and in some cases even promoted unhealthy attitudes and ideals, such as the thin 

ideal (Bak & Priniski, 2020, p. 2). Promotion of thin/slender beauty ideals is common amongst 

most SMIs, not just in the context of health and fitness, particularly on Instagram (Hendrickse et 

al., 2017; Manas-Viniegra et al., 2020). Idealised body type, for example hypermuscular, is also 

prevalent in fitness content geared towards men (Carrotte et al., 2019). This can easily lead 

viewers to feel dissatisfied with their bodies when they do not look like the filtered images that 

they see from SMIs and trust are realistic. Furthermore, studies have found that fitness content is 

focused around exercising for the sake of appearance, rather than for health reasons, restrictive 

eating, and the idea that an idealized body is the only way to be happy (Boepple et al., 2016; 

Carrotte et al., 2019; Pilgrim & Bohnet-Joschko, 2019; Tiggemann & Zaccardo, 2018). Coupled 

with the prevalence of content promoting the thin ideal, this can have serious implications for the 

eating behaviors of viewers, particularly adolescent girls who are susceptible to disordered eating 

(Boepple et al., 2016; Syed-Abdul et al., 2013).  
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Furthermore, mental health becomes more widely spoken about and disclosed by SMIs 

on social media (Howard, 2022). For example, the majority of YouTube videos on mental health 

are uploaded by individuals (i.e., SMIs) in comparison to health organizations or professional 

media sources (Choi et al., 2021). Only 9% of videos on mental health studied by Devendorf and 

colleagues (2020) were uploaded by health professionals, such as professional organizations and 

licensed psychiatrists. As noted by Godwin and colleagues (2017), entering “depression” into the 

search bar on YouTube leads to thousands of results of people sharing their personal 

experiences, and the same is true for many other mental health conditions. So, there is the 

potential for vast exposure to non-professional content on mental health. As adolescents seek to 

copy the lives of SMIs and trust the information that is being shared, mental health content 

produced by SMIs can have serious implications for adolescent mental health in the real world. 

Mental health information online 

 The creation of mental health content on social media has become increasingly common, 

with researchers suggesting that users are relying on their social networks and embedded 

functions on social media sites rather than search engines to seek mental health-related 

information (Fergie et al., 2016). In fact, online sources are the primary form of health 

information-seeking for younger populations (Odgers & Jensen, 2020), who are particularly 

reluctant to seek help when experiencing symptoms (O’Reilly et al., 2019). According to a 

national survey in 2018, 87% of adolescents surveyed reported going online for mental health 

information, with anxiety and depression being the most common searches (Odgers & Jensen, 

2020; Rideout & Fox, 2018). These rates appear to be increasing rapidly as in a study conducted 

by Wartella and colleagues in 2016, only 22% of adolescent girls and 10% of adolescent boys 

reported searching for information about depression online. Further, a large amount of mental 
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health information and content is created by adolescents and young adults (Yonker et al., 2015) 

who likely have limited professional knowledge. Therefore, it is crucial to understand what this 

content looks like as it has the potential to shape attitudes, beliefs, and knowledge of mental 

health at a widespread level, and individually how people choose to manage their conditions 

(Devendorf et al., 2020; Kang et al., 2017). 

While researchers have increasingly been studying UGC as a source of mental health 

information (Choi et al., 2021), they have also begun to be concerned about the veracity and 

reliability of this information (Gaus et al., 2021; O’Reilly et al., 2019). First, the defining 

characteristic of UGC is that it is created by users of the platform. That is, anyone, anywhere in 

the world can upload content online to be consumed by viewers, largely without a review 

process. In fact, studies show that around one-third of all videos on YouTube on mental health 

issues were created by users with lived experiences as opposed to professionals (Baquero, 2018; 

Devendorf et al., 2020; Oliphant, 2013). Many individuals self-disclose to find support and build 

community with others (Mickles & Weare, 2020) or to provide treatment advice (Naslund et al., 

2014). While these videos may attempt to reduce stigma and encourage viewers to seek 

treatment, it is equally likely that they may discourage viewers from seeking help if they share 

negative experiences (Gaus et al., 2021). For example, a study conducted by Gaus and colleagues 

(2021) found that very few YouTube videos on depression advocated for clinical treatment. 

Therefore, these videos can have unintended negative consequences on viewers. Second, when 

this content is posted by SMIs, it may be more easily trusted and less scrutinized. A focus group 

study conducted by O’Reilly and colleagues (2019) with 54 adolescents found that adolescents 

value trustworthiness in the mental health information that they consume, but due to ease of 

access and time constraints, they do not generally check the credibility of the information. 
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Discerning credibility may be even more difficult for adolescent audiences, especially when 

content comes from SMIs who they perceive as authentic and trustworthy (Chae, 2018). 

Research among young adults (ages 18 to 30) found that users may seek UGC about mental 

health as a source of opinion, rather than fact, which again may be further impactful for 

adolescents who identify with and trust SMIs and use information from SMIs to form their own 

understanding of mental health (Gaus et al., 2021).  

While mental health information can be uploaded to any platform, content on YouTube is 

particularly important to consider as it has been one of the most used social media sites by 

adolescents for nearly ten years (Rideout, 2015; Rideout et al., 2022) and therefore can be highly 

influential (Khasawneh et al., 2020). YouTube is the second most popular website in the world 

(Devendorf et al., 2020), with over two billion users globally and a new video uploaded every 

minute (Choi et al., 2021), meaning that there is constantly new content, including mental health 

content, that viewers can consume. Some research suggests that YouTube may be used as a 

source of mental health information more commonly than traditional healthcare websites (e.g., 

National Alliance on Mental Illness; American Psychiatric Association; Devendorf et al., 2020). 

In fact, YouTube is the most commonly used social media site among adolescents with existing 

mental health conditions (Gaus et al., 2021; Naslund et al., 2019) and approximately 20% of 

adolescents searching for health information online watched YouTube videos (Wartella et al., 

2016). Therefore, to address some of the gaps in the literature and expand on the prior work in 

this area that has examined depression (Gaus et al., 2021), ADHD (Kang et al., 2017), and 

schizophrenia (Godwin et al., 2017) on YouTube, the goal of the current study is to content 

analyze user-generated videos that cover the top mental health concerns among adolescents: 



 

 19 

depression, anxiety, ADHD, and eating disorders (Center for Disease Control; CDC; Choi et al., 

2021). We ask the following research questions:  

RQ1: Who is making mental health content on YouTube?  

RQ2: How are mental health conditions being discussed on YouTube by content 

creators? 

RQ3: How often is information discussed with credible sources provided?  

RQ4: Do videos about mental health receive more engagement than videos that don’t 

mention those topics?  

Methods  

Sample and procedure 

 A sample of 144 YouTube videos were used for analysis in this study. Videos were 

included in the sampling frame using the following selection criteria. First, a list of mental health 

conditions was sourced from the website for the National Alliance on Mental Illness (National 

Alliance on Mental Illness, n.d.). Of these conditions, four were selected for inclusion in the 

content analysis: depression, anxiety, Attention Deficit Hyperactivity Disorder (ADHD), and 

eating disorders. These were selected as they are the most common mental health conditions 

among adolescents (Centers for Disease Control and Prevention, 2023). Following this, each of 

the mental health conditions was entered into the YouTube search bar in quotation marks along 

with the word “vlog” (e.g., “depression” “vlog”). The word vlog was used as it is one of the most 

common video types produced by SMIs (Ferchaud et al., 2018) and a common format for mental 

health content on YouTube (Devendorf et al., 2020; Gaus et al., 2021). Additionally, adolescents 

are more likely to consume this type of content compared to professionally-produced, 

informative videos on mental health (Gaus et al., 2021). From these search results, videos that 
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met the criteria of being produced by an SMI, rather than an organization or professional, were 

entered into the sampling frame. Next, the top two most recent videos over two minutes in length 

from each of the identified SMI channels were entered into the sampling frame to allow for a 

comparison of their general channel content. This process was repeated for each of the four 

mental health conditions, with the first 12 SMIs for each condition being selected. As mental 

health conditions are often comorbid (Al-Asadi et al., 2015), we made sure to exclude any 

duplicates in SMIs if they appeared in search results for more than one condition, resulting in a 

final sample of 144 videos. 

Coding scheme 

Each video was coded as a whole for the presence or absence of a set of 20 mental health 

codes. If the behavior was displayed, the coders were instructed to code “yes” which was entered 

into the coding sheet as “1”, and if the behavior was absent, the coders were instructed to code 

“no” which was entered into the coding sheet as “0”. A full description and coding instructions 

for each variable is presented in Appendix IA. 

Video metrics.  

Before coding for mental health content, a few objective measures of the videos were 

recorded. First, the number of views and likes at the time of the analysis in early 2023 were 

recorded to assess the overall popularity of the video. We also coded for whether comments were 

turned off (0) or were viewable (1), as previous YouTube content analyses have found that 

videos about mental health tend to receive high numbers of comments (Choi et al., 2021) and act 

as a space for peer-to-peer support (Gaus et al., 2021), as well as the number of comments. We 

also entered the run time of the videos in seconds, and how many months for which the video 

had been posted.  
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SMI characteristics.  

To address RQ1 about who is creating mental health content on YouTube, we also coded 

a series of demographic characteristics of the SMIs. First, the number of subscribers at the time 

of the analysis in early 2023 was recorded to assess the overall popularity of the SMI, in line 

with the categorization reported by Dopson (2022). We also coded both gender and race of the 

SMI.  

Mental health codes. 

The codebook used for this study was created through an iterative process. We primarily 

relied on a combination of the codebooks used by Kang and colleagues (2017), that focused on 

ADHD representation on YouTube, and by Green and colleagues (2015), that examined 

conversations on YouTube among the LGBTQ community. These codes cover general 

experience with mental health conditions, including self-disclosure, comorbidity, and experience 

with bullying, as well as condition and treatment information, including information credibility 

and medication disclosure. We also added variables during the reliability coding process as we 

noticed recurring elements in videos that were not in the original codebook (i.e., suicidal ideation 

and valence of presented opinions). A full list of mental health codes and definitions is provided 

in Appendix IA. 

Coding process and reliability 

A team of three coders, including the first author, was assembled to conduct the content 

analysis. 48 videos (approximately 33% of the final sample) were coded by all three members of 

the team to establish reliability following training on the codebook. For each of the variables, we 

calculated intercoder reliability using Gwet’s AC2 statistic as the absence of the behavior was 

more prevalent than the presence across most variables, resulting in skewed distributions, and 
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there was a high level of agreement among coders. The results indicated good reliability, with 

Gwet’s AC2 ranging from 0.76 to 1.00 (see Table 1A with coefficients between 0.8 and 1.0 

considered “very good” (Aubrey et al., 2020; Gwet, 2002). Only three codes, self-opinion 

valence, information on treatment, and information sources had reliability coefficients lower than 

0.8 (0.78, 0.76, and 0.77 respectively). Following this, the remainder of the sample of 96 videos 

was randomly distributed across coders to code independently over the course of four weeks. 

Coders entered their codes electronically into one master Google Sheets file with separate pages 

and video lists for each coder.   

Results  

Preliminary analyses. 

Before conducting our main analyses, we examined correlations among all study 

variables to identify any patterns in appearance of certain variables. These results are presented 

in Table 2A in the Appendix.  

First, we looked at relationships between video metrics and SMI characteristics and the 

presence of mental health codes. Videos that were longer (r = -.18, p = .03) and received more 

views (r = -.20, p = .02), likes (r = -.21, p = .01), and comments (r = -.22, p = .01) were 

negatively associated with providing credible information sources. We also observed significant 

positive correlations between the number of comments and discussion of self-opinion (r = .20, p 

= .02), others’ opinion (r = .20, p = .02), and the valence of others’ opinions (r = .20, p = .02). 

Though we did not observe any significant correlations between the number of followers and any 

of our mental health codes, there were significant negative correlations between SMI type and 

mental health related content (r = -.25, p = .002), discussions of one’s own experience (r = -.25, 

p = .01), and medication disclosures (r = -.26, p = .002), suggesting that lower-tier SMIs (i.e., 
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Nano or Micro influencers) are more likely to consistently talk about mental health and their 

experiences on their channels. We did not observe any significant correlations between gender or 

race with any mental health codes. However, gender was significantly negatively related to 

subscriber count (r = -.80, p = .000), views (r = -.34, p = .000), likes (r = -.40, p = .000), and 

comments (r = -.50, p = .000), suggesting that male SMIs receive higher levels of engagement.  

Next, we examined correlations between key mental health codes. Disclosure of bullying 

was significantly correlated with providing self-opinion (r = .17, p = .04), expressing empathy (r 

= .17, p = .04), comorbidity of conditions (r = .22, p = .01), providing factual information (r = 

.21, p = .01), and disclosing medication (r = .24, p = .004). Experience of comorbidity was 

significantly correlated with self-opinion (r = .31, p = .000), others’ opinion (r = .18, p = .03), 

empathy (r = .21, p = .01), factual information (r = .32, p = .000), information on treatment (r = 

.23, p = .01), and medication disclosure (r = .37, p = .000). Interestingly, comorbidity of 

conditions was negatively associated with providing a credible information source (r = -.17, p = 

.04). As a last key variable, suicidal ideation was significantly correlated with self-opinion (r = 

.30, p = .000), others’ opinion (r = .21, p = .01), empathy (r = .40, p = .000), exhort (r = .33, p = 

.000), factual information (r = .23, p = .000), information on treatment (r = .37, p = .000), and 

medication disclosure (r = .18, p = .03). Again, suicide was also negatively correlated with 

providing credible information sources (r = -.20, p = .02). These associations suggest that SMIs 

who disclose more severe mental health experiences may be more likely to provide more mental 

health opinions and information.    

Main analyses. 

 The majority of our analyses required to answer our four research questions are 

descriptive. Means for main study variables across video type (mental health-related and non-
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mental health-related) are listed below in Table 1. Table 3A in Appendix IC lists the overall 

mean, range, and frequency for each variable.  

 

Table 1  

Descriptive Statistics for Video metrics and SMIs 

Variable Total Sample  

(N = 144) 

Mental Health 

Videos  

(n = 88) 

Non-Mental Health 

Videos (n = 56) 

Video metrics    

Video views 421,545.59 574,344.15 181,433.57 

Video likes 23,581.34 31,055.03 11,836.96 

Video length (in seconds) 985.00 1,016.40 935.64 

Months posted 11.72 15.97 5.05 

Comments 1,328.72 1,869.27 479.27 

SMI characteristics    

Channel subscribers 1,408,116.00 1,253,181.52 1,651,584.46 

SMI type 3.27 2.97 3.75 

Gender 1.97 1.97 1.98 

Race 2.25 2.35 2.09 

 

In response to RQ1 regarding who is making mental health content on YouTube, the 

results of our analyses revealed that creators are overwhelmingly female (97.9%, n = 47). 

However, it is interesting to note that gender was significantly negatively correlated with 

subscriber count despite the small number of males in our sample (n = 3), suggesting male SMIs 
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may have more subscribers in general than female SMIs. Mental health content creators are also 

limited in racial diversity with the majority 60.4% of SMIs (n = 29) being white; 14.6% (n = 7) 

were Asian, 8.3% (n = 4) African American, 6.3% (n = 3) Hispanic, and the remaining 10.4% (n 

= 5) mixed, other, or unspecified. Interestingly, SMIs who create mental health content fall on 

two sides of a vast spectrum in influencer categorization. Over half (58.3%, n = 28) of the SMIs 

are considered ‘mega’ or ‘celebrity’ influencers, whereas 20.8% (n = 10) are considered ‘nano’ 

or below that threshold, with very little variation in between.  

Further, 58.33% (n = 56) of the most recent videos produced by SMIs did not discuss or 

reference mental health in any way. In fact, of those SMIs who appeared in the search results for 

mental health vlogs, 47.9% (n = 18) did not mention mental health in their two most recent 

videos, 14.6% (n = 7) did mention mental health in one of the two, and 37.5% (n = 23) did in 

both of their videos. This suggests that mental health content may be the focus for some 

channels, but is infrequently mentioned by the majority.  

Research Question 2 sought to understand how mental health conditions are being 

discussed online. To answer this, we narrowed our descriptive analysis to just the videos in the 

sample that discussed or referenced mental health in any way (61%, n = 88). Frequencies for 

each mental health code are presented below in Table 2. The majority of videos on mental health 

focused on the SMI (97.7%; n =86) rather than others or general experience (11.4%, n = 10). For 

an example of others’ experience, one SMI made a video with her sister in which they both 

discussed their daily routines and experience with ADHD. In half of the videos, the SMI 

presented their opinion on mental health and living with a mental health condition, and those 

opinions were predominantly negative (77.3%, n = 34). Further, while only 14.8% (n = 13) of 

videos discussed others’ opinions, those that did were all negative opinions. Suicidal ideation 
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was discussed in 13 (14.8%) of the videos, and experience being bullied in 2.3% (n = 2). 

Approximately one-third (35.2%, n =31) of videos included a discussion of comorbidities, 

ranging from experiences of both anxiety and depression, or depression and bipolar disorder, to 

anxiety, post-traumatic stress disorder, depression, and obsessive compulsive disorder, and 

31.8% (n = 28) included a disclosure of being medicated for condition(s). Over half of the videos 

(52.3%, n = 46) encouraged viewers to do something (i.e. to seek help or to look after their 

friends), while just under half (45.5%, n = 40) expressed empathy towards their viewers. Further, 

5.7% (n = 5) asked for information or suggestions from their viewers, and 4.6% (n = 4) 

advertised a product or service related to mental health.  

Table 2  

Frequencies for Mental Health Codes 

Variable Mental Health Videos  

Own general experience 86 (97.7%) 

Others’ general experience 10 (11.4%) 

Experience of being bullied 2 (2.3%) 

Others’ experience of being bullied 0 (0%) 

Self-opinion 44 (50.0%) 

Self-opinion valence 44 (50.0%) 

Negative 34 (77.3%) 

Positive 10 (11.4%) 

Others’ opinion 13 (14.8%) 
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Others’ opinion valence 13 (14.8%) 

Negative 13 (14.8%) 

Positive 0 (0%) 

Empathy 40 (45.5%) 

Exhort 46 (52.3%) 

Demographics on self 86 (97.7%) 

Comorbidity 31 (35.2%) 

Suicidal ideation 13 (14.8%) 

Demographics on others 6 (6.8%) 

Factual information for others 35 (39.8%) 

Information on treatment 49 (55.7%) 

Information sources 88 (100%) 

No source 53 (60.2%) 

Credible source 11 (12.5%) 

Not applicable 24 (27.3%) 

Disclosure of medication 28 (31.8%) 

Solicit information 5 (5.7%) 

Advertise 4 (4.6%) 
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 Furthermore, in response to RQ3, of the videos that discussed mental health,  39.8% (n = 

35) provided factual information for others (i.e., discussion of symptoms or study findings) and  

55.7% (n = 49) provided information about treatment options. However, credible sources were 

only given in  17.2% (n = 11) of these videos, where 60.2% (n = 53) presented no source.    

 Finally, to answer RQ4 about engagement on mental health-related videos, we looked at 

the number of views, likes, and comments videos about mental health received compared to 

those without such reference. Overall, videos had an average of 421,546 views (ranging from 

101 to 9,572,953). an average of 23, 581 likes (ranging from 4 to 484,000), and an average of 

1,329 comments (ranging 0 to 31,000). Videos focused on mental health appear to have greater 

engagement on all metrics (574,344 views, 31,055 likes, and 1,869 comments) compared to 

videos that do not discuss mental health (181, 434 views, 11,837 likes, and 479 comments). We 

followed up by conducting a series of independent samples t-tests. We found that these 

differences are significant for views t(104.65) = -1.96, p = .05, with a mean difference of 

392,910.58 (95% CI, -791,395.27 to 5,574.11) and number of comments t(112.60) = - 2.16, p = 

.03, with a mean difference of 1390.01 (95% CI, -2662.57, -117.44), but not for likes.  

Discussion  

 From the results of this content analysis, we were able to answer the calls for further 

investigation into user-generated content on mental health topics (Gaus et al., 2021; Kang et al., 

2017) and extend previous work to consider a wider range of mental health conditions. We found 

that the SMIs that appeared in the algorithm when searching for mental health content were 

predominantly female (97%) and white (60.4%). We also found that the majority of SMIs were 

at two sides of a spectrum; over half (58.3%, n = 28) are considered ‘mega’ or ‘celebrity’ 

influencers, and 20.8% (n = 10) are considered ‘nano’ or below that threshold. In an influencer 
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marketing report, Dopson (2022) states that mega and celebrity influencers are rare and only 

account for 0.5% of all SMIs. In fact, the most common type of SMI overall are micro 

influencers who have between 5,000 and 20,000 followers. The fact that over half of the SMIs 

included in our sample are the most rare when considering all online content suggests that mental 

health content can help garner an increased subscriber base. In line with previous research (Choi 

et al., 2021; Gaus et al., 2021), we found that mental health content on YouTube received 

significantly higher engagement, specifically on metrics of views and comments. The fact that 

we did not observe a significant difference for likes may be that likes have a positive valence and 

are seen as a form of endorsement (Burrow & Rainone, 2017), and for serious and potentially 

triggering content viewers may not find it appropriate. Indeed, YouTube removed the dislike 

option from videos to try to foster a more positive environment on the site (Southern, 2022).  

 Our analysis also found evidence of the concerns over credibility in UGC on mental 

health content (Gaus et al., 2021; Naslund et al., 2014) as only 11 (17.2%) videos contained a 

credible source either in the video or its description box. Though sharing personal stories and 

experiences seem to be a preferred source for mental health information (Choi et al., 2021), and 

viewers are looking for opinions (Fergie et al., 2016), it is concerning that viewers are receiving 

such little professional information as opinions can inform beliefs, perceptions, and behaviors in 

harmful ways (Devendorf et al., 2020). Of the opinions expressed in videos, 82.5% were 

classified as negative and/or self-stigmatizing. For example, in one video by Johanis Sani, she 

states (about her mental illness) that “it’s my own fault”, and Samantha Randahl states “I’m a 

piece of s***, I’m lazy, I’m f***ing useless.” In contrast, in a video by Madison Van Dine on 

her channel madi’s nursing journey, she states that “it will get better.” While these are the SMIs 

opinions, they can negatively impact viewers and discourage them from seeking help, as well as 
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further contribute to and perpetuate stigma surrounding mental health (Fergie et al., 2016). On 

the other hand, positive opinions and stories of recovery can help viewers feel uplifted and 

empowered to be able to get better themselves.  

We also observed significant correlations between presenting opinions (both self and 

others’) and disclosures of bullying, comorbidity, and suicidal ideation. This suggests that SMIs 

who self-disclose more detail and more severe experiences with mental health struggles are also 

providing more valenced content to their viewers that can have unintended consequences. 

Though only 13 videos (14.8%) contained suicidal ideation, there was a significant negative 

correlation between discussion of suicide and providing credible information sources (r = -.20, p 

= .02). A content analysis of self-harm content on YouTube (Khasawneh et al., 2020) also found 

a lack of resources and professional recommendations in videos mentioning suicide. As there is 

growing concern of suicide risk and suicide contagion in adolescents (Khasawneh et al., 2020), it 

is worth further exploration into how this content, particularly when it is discussed without 

professional support, impacts viewers, particularly as this content violates YouTube guidelines 

yet remains on the platform and can be watched by young impressionable audiences. Further, 

though only 4 (4.6%) videos contained an advertisement directly related to mental health, 3 of 

those 4 were a sponsorship from BetterHelp, a mobile application that is designed to match users 

with therapists. This application has received significant criticism and been in controversy for 

selling users sensitive information (Rizzi, 2023). This is concerning as vulnerable viewers may 

take the recommendation from the SMI and not receive the quality of support they need or 

deserve.   
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Limitations and future directions.  

 One limitation of our study was the sample size. Though we included 144 videos in our 

sampling frame, only 88 were related to mental health and may not have been a wide enough 

representation of the mental health content on YouTube. Indeed, the content analysis conducted 

by Devendorf and colleagues (2020) had a sample more than double the size (N = 327 videos). 

However, they also note that the typical sample size in other studies on YouTube is 120 videos, 

so our sample size is above the average. Further, we found similar findings to other studies with 

regard to engagement (Choi et al., 2021), the prevalence of sharing personal experience stories 

(Naslund et al., 2014), and the discussion of treatment options (Devendorf et al., 2020).  

In the following studies, we answer the call for further research on the potential effects of 

mental health UGC as it becomes increasingly common and adolescents use social media more 

frequently as a source of information, yet we have limited knowledge on how this content 

actually impacts viewers (Choi et al. 2021; Fergie et al., 2016; Kang et al., 2017). We focus on 

how exposure to mental health content influences viewer’s affective state after consuming such 

content, as well as presentation of anxiety and depression symptoms and perception of having 

mental health conditions.  

 

Study 2 

Introduction 

 Previous research and the results of the content analysis described in Study 1 show that 

there is an overwhelming amount of mental health information available through user-generated 

content on social media. Now that we have investigated what that content looks like, in the 

following studies we sought to understand the potential effects of this content on adolescent 
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mental health symptoms and beliefs. Some researchers have posited that social media may be a 

more effective way to reach adolescents and help them with their mental health struggles 

compared to more traditional methods (O’Reilly et al., 2019; Odgers & Jensen, 2020). However, 

though adolescents turn to social media to share their experiences (self-disclose), seek social 

support, and seek mental health information (Naslund et al., 2020), they also admit that they do 

not often check the credibility of the information they receive (O’Reilly et al., 2019). In fact, 

though many studies in this area have focused on the benefits of mental health information on 

social media, they have also noted a concern over the veracity of information posted and called 

for further research (Fergie et al., 2016; Gaus et al., 2021), as misinformation is a challenge in 

social media in general and can be particularly harmful in this context (Choi et al., 2021). This 

potential for misinformation is concerning as viewers may engage in harmful behaviors they are 

told may help them (Khasawneh et al., 2020). For example, Ahern and colleagues (2015) 

described the trend in videos featuring self-harm behaviors, including cutting and setting oneself 

on fire to cope with feelings of depression and suicidal ideation. Further, in consideration of the 

rise in self-diagnoses and symptom-mimicking behaviors (Rutter et al., 2023), it may also be that 

these videos unintentionally make viewers think that they have a mental health condition and 

they may copy damaging behaviors they see online.  

 Though these risks of mental health information provided via UGC are concerning for all 

users, adolescents may be a particularly vulnerable population due to their ability, or lack 

thereof, to self-regulate. Self-regulation is still developing during adolescence and is not stable 

until mid-twenties, particularly for facets of social and emotional development (Steinberg, 2014; 

Steinberg et al., 2018). Though the majority of social media platforms have a minimum age 

requirement of 13 years old for users to make an account without parental consent, many 
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children younger than 13 circumvent this requirement (George et al., 2020). A study conducted 

in 2017 found that nearly half (49%) of children aged 11 had a social media account (George et 

al., 2020) and as a result, adolescents are exposed to age inappropriate content for many years 

and are trying to manage social media and its integration into their lives at a crucial 

developmental period of increased change and risk for mental health struggles (Odgers & Jensen, 

2020; Pitt et al., 2021). Further, social influence, like that from SMIs, is salient for adolescents at 

this age as they engage in social developmental processes of identity formation, gain 

independence from parents, and seek out role models (Erikson, 1968; Meeus et al., 2019; Siebers 

et al., 2021). For adolescents with poor self-regulation skills, this is particularly powerful as they 

experience difficulties resisting social influence (Burkley et al., 2011; Welsh et al., 2014). In 

fact, poor self-regulation has been linked to increased persuasion, advertising susceptibility, and 

acceptance of peer norms - all key effects of SMI exposure for children and adolescents 

(Burkley, 2008; Lapierre & Rozendaal, 2019; Robinson et al., 2016). Finally, adolescence is 

characterized as a period of high impulsivity and decreased self-control (De-Sola Gutiérrez et al., 

2016; Mahapatra, 2019), in which adolescents are susceptible to engaging in risky and unhealthy 

behaviors (Steinberg, 2007) which are associated with poor self-regulation (King et al., 2018). 

For adolescents with poor self-regulation and difficulties resisting social influence, exposure to 

SMIs promoting risky behaviors (e.g., self-harming behaviors) and misinformation can be 

particularly harmful as they are more likely to accept the information and mimic behaviors. This 

potential risk is further exacerbated in the context of mental health information as adolescents 

with poor self-regulation are susceptible to mental health problems (Atherton et al., 2020). 

Indeed, harmful challenges that go viral on social media like the Blue Whale challenge, Tide Pod 

challenge, and the most recent Benadryl challenge, tend to be most prevalent and influential 
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among adolescent users (Khasawneh et al., 2021). Therefore, if adolescents with poor self-

regulation view harmful information about mental health online from their favorite SMIs, they 

may be more likely to accept the information as truth and develop damaging beliefs and 

behaviors as this information is not necessarily credible or in line with professional 

recommendations. 

In addition, how adolescents consume content can impact mental health outcomes. 

Researchers investigating media use and mental health are concerned with the rise in problematic 

social media use in adolescent populations (PSMU: Arness & Ollis, 2022; Bailey & Young, 

2015). Recent research estimates that between 7 and 11% of all adolescents engage in PSMU 

(van den Eijnden et al., 2016; van den Eijnden et al., 2018). PSMU refers to an addictive-like use 

of social media characterized by uncontrolled usage (Arness & Ollis, 2022) and has been linked 

to poor self-regulation skills, as both are characterized by a lack of self-control (Burnell et al., 

2022). This is exacerbated for adolescents in a developmental period in which self-regulation is 

in flux (LaRose et al., 2003; Mahapatra, 2019; Meeus et al., 2019) and they experiment with 

increased autonomy from their parents (Pitt et al., 2021; Zimmer-Gembeck & Collins, 2008). As 

such, both self-regulation and PSMU influence how adolescents consume social media and what 

subsequent effects they experience.  

Therefore, the goal of this study is to examine the relationships between adolescent 

mental health risk factors (i.e, self-regulation and PSMU), social media use, and mental health 

outcomes. Using data from an online nationally representative survey of 1,194 U.S. adolescents, 

we provide evidence that adolescents with poor self-regulation skills and those who engage in 

PSMU spend more time on social media, consume more mental health information, and also 

experience more negative mental health outcomes.  
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Literature review 

Social media as a source of mental health information 

 Social media is increasingly being used as a source for mental health information (Fergie 

et al., 2016). For example, research shows that individuals with serious mental health conditions, 

including bipolar disorder and schizophrenia, post content to disclose their experiences, seek 

advice, and also form online support communities (Naslund et al., 2016). This prevalence of 

mental health content on social media can be beneficial in symptom management, receiving 

support, and also providing an opportunity for early intervention by health professionals (Fergie 

et al., 2016; Naslund et al., 2020). Individuals may turn to social media to share their experiences 

and seek support due to difficulties and distrust disclosing to doctors (Gaus et al., 2021; Gulliver 

et al., 2010), low mental health literacy (Coles et al., 2016), or the general stigma that still exists 

around mental illness (Choi et al., 2021; Mickles & Wearer, 2020; Rutter et al., 2023). A meta-

analysis by Gulliver and colleagues (2010) found that stigma was the largest and most frequent 

barrier to seeking help. Adolescents in particular benefit from this use of social media to find 

mental health information as the use of the internet has become normative for them as they use it 

for social interaction, information-seeking, and schoolwork (Burnell & Odgers, 2023; 

Khasawneh et al., 2020). Additionally, adolescents demonstrate a preference for self-reliance as 

they begin to practice newfound autonomy from their parents and do not want to rely on 

professional help (Gulliver et al., 2010). Therefore, they are more used to receiving and 

searching for information in this way (Odgers & Jensen, 2020). As around 80% of adolescents 

with a mental health condition do not receive treatment and struggle to recognize mental health 

conditions (Coles et al., 2016), UGC about mental health can be a valuable tool in helping 

improve adolescent mental health literacy as they are exposed to experiential understanding of 
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conditions and may be likely to also seek help if they see others doing so (Devendorf et al., 

2020). As research shows that a large proportion of mental health content is created by 

adolescents and young adults (Fergie et al., 2016), they may already be starting to perceive lower 

stigma and see the benefits of self-disclosure.  

However, this content warrants further investigation as there are also many potential risks 

of unregulated information from non-professional sources online (Naslund et al., 2014). Not only 

is there a risk of misinformation and unsourced material (Choi et al., 2021), opinions that are 

presented can also have detrimental impact on behavior and perpetuating stigma (Devendorf et 

al., 2020; Gaus et al., 2021). For example, if a user posts about negative experiences with a 

specific treatment, it may discourage viewers from trying that treatment or seeking help at all 

(Gaus et al., 2021). In fact, in their content analysis of YouTube videos about depression, Gaus 

and colleagues (2021) found a low rate of creators advocating for clinical treatments. Stories of 

personal experience may also contradict professional recommendations or structured treatment 

programs (Naslund et al., 2014), or may discourage viewers from thinking there is a way to 

manage symptoms and feel better. Further, the framing of discussions on mental health can 

influence viewer opinion and possibly contribute to further stigmatization of those with mental 

health conditions; for example, discussing depression as an outcome of biological factors versus 

environmental ones (Devendorf et al., 2020) or embarrassment of needing help from others 

(Gulliver et al., 2010). Exposure to personal experience stories also creates a risk of comparison 

whereby viewers may become anxious and confused about their symptoms or feel negatively if 

they perceive someone doing better than they are (Naslund et al., 2014). 

A majority of mental health content is posted to YouTube and TikTok - which are also 

the two most popular sites among adolescents and are largely unregulated (Bahorsky, 2022; 
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Naslund et al., 2014). While studies note YouTube has the highest volume of mental health 

content (Godwin et al., 2017) and may be more used than traditional healthcare websites for 

finding information (Devendorf et al., 2020), TikTok has surged in popularity over the last three 

years and become known as a tool for self-diagnosis of mental health conditions (Bahorsky, 

2022). While individuals may self-diagnose in order to feel a sense of validation in their feelings 

or connect with others to find support (Bahorsky, 2022), self-diagnosing can be problematic as it 

confuses discourse around mental health conditions.The medicalization of normal emotions (i.e., 

guilt, sadness, nervousness) and replacement with clinical words like depression and anxiety can 

minimize the impact when people actually are experiencing mental health struggles. It can also 

lead to increased stress through overestimating the severity of a problem and reduces the ability 

to recognize normal challenges that can be worked through and learned from. There is also a 

high risk of misdiagnosis as diagnosing a mental health condition requires years of schooling to 

understand that some behaviors are symptomatic of multiple conditions and it is the pattern of 

behaviors, rather an individual one, that leads to diagnosis (Bahorsky, 2022). Misdiagnosis is 

dangerous as it can lead to mismanagement of symptoms and lack of getting appropriate help. 

Further, this rise in self-diagnoses has led to a concerning over-prescription of medications 

(Bahorsky, 2022). Indeed, nearly one-third of the videos on mental health in our content analysis 

contained an overt disclosure of taking medication.  

Research has also been concerned with the prevalence of self-harming displays on social 

media, particularly on video-based platforms such as YouTube as video content is more likely to 

attract attention and evoke an affective response (Devendorf et al., 2020; Rottenberg et al., 

2007). The prevalence and accessibility of these videos may lead to self-harm being perceived as 

normative (Ahern et al., 2015) and to increased self-harm behavior through imitation and 
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modeling (Khasawneh et al., 2020). Social learning theory (Bandura, 1971; 1977) suggests that 

individuals learn behavior from watching others, either deliberately or inadvertently, through 

repeated exposure (Strasser-Burke & Symonds, 2020). This is particularly concerning for 

adolescent populations as suicide is the second leading cause of death (Center for Disease 

Control, 2020) and this age group are most susceptible to modeling behavior due in part to their 

still-developing self-regulation (Insel & Gould, 2008; Khasawneh et al., 2020). Online 

communities, such as those in comment sections of YouTube or TikTok videos or Reddit 

channels (commonly referred to as subReddits), can also allow people to share methods of self-

harm that otherwise may not have been considered (Peterson et al., 2008). In one study of 

inpatient adolescents, the majority of participants saw depictions of self-harm (in this case 

referred to as nonsuicidal self-injury or NSSI) on social media before their first self-harm 

behavior (Khasawneh et al., 2020; Zhu et al., 2016). This suggests that viewers of mental health 

information on social media can be heavily influenced by the content. In fact, though 

controversial, Facebook’s study on emotional contagion found that users’ affective states could 

be influenced by the content to which they were exposed (Kramer et al., 2014). Specifically, 

exposure to emotional posts on Facebook led users to experience the same affective state even 

without direct interaction with the posts.  Therefore, it also may be the case that viewers of 

mental health information online can be influenced in a similar way through repeated exposure, 

modeling, and emotional contagion to believe they have mental health symptoms or conditions 

themselves. As such, we expect that:  

H1: Adolescents who follow mental health topics on social media will report increased 

(a) anxiety, (b) depression, and (c) self-reported mental health conditions compared to those who 

follow less or no mental health topics.  
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 Anxiety and depression were chosen as the mental health outcomes as the two most 

common disorders among adolescents (Centers for Disease Control and Prevention, 2023). 

Studies suggest an estimated prevalence of depression in 11% of adolescents (American 

Psychiatric Association, 2013; Gaus et al., 2021) and anxiety in 31.9% (Kessler et al., 2005).  

Self-regulation 

Though there are inconsistent definitions and operationalizations across disciplines and 

studies (Meeus et al., 2019; Rothbart et al., 2004), self-regulation generally refers to a set of top-

down cognitive processes whereby individuals modulate their cognitions, behavior, emotions, 

and attention (Karoly, 1993; Siebers et al., 2021). Individuals tend to self-regulate, actively or 

passively, in service of their goals (Meeus et al., 2019; Posner & Rothbart, 2000). Self-regulation 

is linked to long term functioning and outcomes such as academic performance, wealth, 

longevity, health, and relationship functioning (Atherton et al., 2020). Numerous constructs have 

been studied and discussed interchangeably as indicators of self-regulation, including self-

control, impulsivity, decision making, self-monitoring, and executive functions (EF; King et al., 

2013; King et al., 2018; Wisniewski et al., 2017). Executive functioning is a closely-related and 

overlapping process with self-regulation as EF development is necessary for successful self-

regulation (Anderson, 2002; Roebers, 2017). However, they are distinguishable by the different 

parts of the brain that are involved and by how they have been studied (Lapierre & Rozendaal, 

2019). Traditionally, EF researchers have focused on cognition and intentional action, whereas 

self-regulation researchers have typically focused on the control and functional use of emotions 

(Blair & Diamond, 2008; Diamond, 2013).  

EF generally refers to a set of neurocognitive processes that allow an individual to 

concentrate and pay attention in order to engage in goal-directed and self-regulatory behavior 
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(Diamond, 2013; Lillard et al., 2015; Miyake et al., 2000). These processes broadly include 

inhibitory control, cognitive flexibility, and working memory (Diamond, 2013; Miyake et al., 

2000). Inhibitory control refers to the ability to resist temptations, distractions, and habits, and to 

resist acting impulsively in response to environmental stimuli (Blair & Diamond, 2008; 

Diamond, 2013). Deficits in EF, particularly in the domain of inhibitory control, lead to deficient 

self-regulation (Barkley, 2010). In fact, some researchers argue that inhibitory control, along 

with executive attention (together referred to as effortful control; Rothbart et al., 2000), are 

precursors to self-regulation ability, especially for emotion regulation (Blair & Diamond, 2008; 

Diamond, 2013). Emotion regulation in particular has been linked to increased problematic 

media use (Elhai et al., 2018) and poor mental health (Rasmussen et al., 2020).   

Deficient self-regulation, or poor self-regulation, refers to the inability to direct or control 

behavior (LaRose et al., 2003; Lee et al., 2017). Though self-regulation has a relatively high 

plasticity and is constantly changing (McClelland et al., 2015), deficient self-regulation generally 

refers to stable, long-term difficulties in regulatory ability. However, self-regulatory ability can 

also be depleted temporarily due to the presence of cognitively-demanding tasks or engaging 

stimuli (Baumeister et al., 2000; Welsh et al., 2014). For example, watching content that is 

attention-grabbing and highly involving, like online video content, may take up cognitive 

resources and deplete regulatory resources to turn away from the content or process its messages 

(Boerman & Van Reijmersdal, 2020; Buijzen et al., 2010). Deficient self-regulation can be a 

result of biological and neurophysiological factors, such as motivation and attention systems in 

the brain (Rothbart et al., 2000) and various genotypes (Blair & Diamond, 2008), as well as 

environmental factors, such as social environments (King et al., 2013; McClelland et al., 2015). 

Indicators of poor or deficient self-regulation are the inability to inhibit impulses (i.e. poor 
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inhibitory control; Barkley, 2010), difficulty modulating emotions (Lengua, 2002), distractibility 

(Siebers et al., 2021), externalizing behaviors (Eisenberg et al., 2003; King et al., 2013), and 

insecure attachment (Blalock et al., 2015). As such, low self-regulation is also associated with 

poor mental health (Atherton et al., 2020). Therefore, we expect that: 

H2: Self-regulation will be negatively related to (a) social media frequency, (b) the 

number of mental health topics followed, (c) affective response, (d) anxiety, (e) depression, and 

(f) self-reported mental health conditions. 

Problematic social media use 

Problematic social media use, also often referred to as social media addiction or digital 

technology dependence (Burnell & Odgers, 2022), refers to the use of social media in an 

uncontrolled or excessive way that is characterized by many symptoms of addiction, such as 

preoccupation with social media use, developing tolerance, and disruption to functioning and 

wellbeing (Arness & Ollis, 2022; Lopes et al., 2022). While high rates of use may be a symptom 

of problematic social media use (PSMU), high frequency of social media use itself is not 

problematic (Burnell & Odgers, 2023). Social media use becomes problematic when it interferes 

with one’s basic functioning (i.e., sleep, eating, and mood) as well as social relationships (i.e., 

family and friends) and academic performance (Dekkers & van Hoorn, 2022; Lopes et al., 2022). 

PSMU is a growing concern for clinicians and researchers, with recent studies estimating 

a prevalence rate of up to 11% among adolescents across the globe (Fernandes et al., 2020; van 

den Eijnden et al., 2016; van den Eijnden et al., 2018), with a further 33.5% at risk of developing 

PSMU, the majority being female (Arness & Ollis, 2022; Paakkari et al., 2021). This is 

concerning as PSMU has been associated with a host of negative outcomes, including poor 

mental health (Fernandes et al., 2020; Mamun et al., 2020), poor academic performance (van den 
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Eijnden et al., 2018), and poor sleep quality (Arness & Ollis, 2022; Paakkari et al., 2021). In fact, 

some researchers have considered mental health conditions as a comorbidity with addiction, 

including PSMU (Bailey & Young, 2015; Mamun et al., 2020). For adolescents in particular, 

PSMU is also linked with a greater likelihood of self-harming (Hynes et al., 2022), so this risk 

may be further amplified in the context of mental health content and challenges online.  

Furthermore, several studies have documented a link between self-regulation difficulties 

and PSMU, with low self-regulatory ability (Arness & Ollis, 2022), ADHD symptomatology 

(Dekkers & van Hoorn, 2022), and low effortful control (Atherton et al. 2020) associated with 

increased risk for and severity of PSMU. Indeed, individuals who experience addiction and are 

susceptible to engaging in addictive-like behaviors often experience disrupted cognitive 

development for skills like inhibitory control (Vishwakarma, 2022). Self-regulation difficulties 

are directly linked to the development and experience of PSMU and how an individual 

subsequently uses media (Arness & Ollis, 2022; Reinecke et al., 2022). These relationships are 

only exacerbated for adolescents as they are in a developmental stage where social media use can 

be particularly rewarding as addiction behaviors are linked to problems with reward centers in 

the brain (Burnell et al., 2022; Vishwakarma, 2022). Therefore, while many studies consider 

PSMU an outcome of media use, it can also be considered a developmental susceptibility factor 

predicting media use as it is primarily defined by how an individual uses media which can 

subsequently relate to media use outcomes. As such, we expect that:  

H3: Problematic social media use (PSMU) will be positively related to (a) social media 

frequency, (b) the number of mental health topics followed, (c) affective response,  (d) anxiety, 

(e) depression, and (f) self-reported mental health conditions. 
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Differential Susceptibility to Media Effects Model  

The Differential Susceptibility to Media Effects Model (DSMM; Valkenburg & Peter, 

2013) offers a model to integrate all of these separate bodies of literature. The DSMM 

framework allows for simultaneous investigation of the relationships between individual-based 

characteristics (susceptibility factors), media use, response states (i.e., affective response), and 

media effects. It also encourages the investigation of media use and effects at an individual level, 

proposing that individual-based characteristics predict media use and moderate the strength of 

responses to media content and subsequent effects (Nikkelen, 2016; Valkenburg & Peter, 2013). 

Susceptibility factors include social (social-context factors at micro-, meso-, and macro-levels; 

Valkenburg & Peter, 2013), dispositional (person-based characteristics including personality, 

moods, temperament, demographics, values, and beliefs; Piotrowski & Valkenburg, 2015), and 

developmental (social, emotional, and cognitive development processes; Valkenburg & Peter, 

2013) characteristics of an individual. Self-regulation and PSMU act as both a dispositional and 

a developmental susceptibility factor for adolescents that both predict media use and moderate 

media effects via response states. More specifically, self-regulation and PSMU predict SM 

frequency and the number of mental health topics followed, which influence how adolescents 

affectively respond to SMI content. Responses to SMI content, which are most likely affective 

for these adolescents (Pham & Avnet, 2004), happen during the exposure, and the influence 

effects (i.e., anxiety, depression, and self-reported mental health) last beyond the viewing 

situation (Valkenburg & Peter, 2013).  The theoretical model illustrating these relationships is 

presented in Appendix IIA.  

The model further posits that media effects are transactional; that is, media effects 

outcomes can subsequently affect all other stages of the model (i.e. individual susceptibility 
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characteristics, media use, and response state). In this way, mental health conditions can lead to 

differences in self-regulation and problematic social media use, how an adolescent consumes 

media, and how they respond to media. Though this reverse relationship may also indeed be 

likely, in this set of studies, we are specifically interested in how adolescents may come to self-

diagnose mental health conditions and potential discrepancies with reported symptomatology. 

Therefore, using the DSMM framework, we expect that:  

H4: (a) Social media (SM) frequency and (b) the number of mental health topics 

followed will mediate the relationship between self-regulation and mental health outcomes.  

H5: (a) Social media (SM) frequency and (b) the number of mental health topics 

followed will mediate the relationship between PSMU and mental health outcomes.  

H6: Affective response will mediate the relationship between self-regulation and (a) 

anxiety, (b) depression, and (c) self-reported mental health conditions.   

H7: Affective response will mediate the relationship between PSMU and (a) anxiety, (b) 

depression, and (c) self-reported mental health conditions.   

Methods 

Sample and procedure 

A national sample of U.S. adolescents ages 14 to 16 (N = 1256) were recruited through a 

Qualtrics panel to take part in an online survey between May, 2021 and June, 2021. A majority 

of the participants were female (n = 813; 65%) with 28% (n = 349) identifying as male, and 8% 

(n = 78) identifying as other or not disclosing. The sample was racially diverse; 47.9% (n = 602) 

of respondents described themselves as White, 42% (n = 530) Hispanic, Latino/a, or Spanish 

origin, 23.6% (n = 296) Black or African American, 11.4% (n = 143) Asian or Asian American, 
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4.7% (n = 59) American Indian or Alaskan Native, 12.1% as other (n = 152), and 6.2% self-

described (n = 78). 

Measures 

Self-regulation.  

To measure self-regulation, we used the Adolescent Self-Regulatory Inventory 

(Moilanen, 2007) that is designed to assess self-regulation skills specifically in adolescents. The 

scale consists of 36-items, from which eight were selected to maintain consistency with other 

scale lengths in the survey and minimize the risk for participant fatigue. Example items include 

“If there are other things going on around me, I find it hard to keep my attention focused on 

whatever I’m doing” and “Little problems distract me from my long-term plans.” Each item was 

responded to on a 3-point scale ranging Not at all true for me to Really true for me (M = 1.84, SD 

= 0.36), with higher scores reflecting better self-regulation. 

Social media use.  

Problematic social media use. 

To assess problematic social media use, we used five items from the Problematic Media 

Use Measure (Domoff et al., 2019). Each item is rated on a five-point scale ranging from Never 

to Always. Anchored by the phrase “In the past 30 days, how often did each of these happen?”, 

sample items include “Using social media made me feel better about myself” and “Social media 

interfered with my school work.” Items were coded such that higher scores reflected more 

problematic social media use (M = 2.42, SD = 0.91). 

Social media (SM) frequency.  

To assess social media frequency, participants were shown a list of 11 screen media 

activities and asked “On an average school day, how much time do you spend...?” for each of the 
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options with eight response options ranging from None to More than 8 hours. The responses for 

social media (e.g., Instagram, Snapchat, Twitter, Marco Polo) were used as an overall metric of 

social media frequency (M = 4.11, SD = 1.67). 

Mental health  

Anxiety.  

We used the Anxiety PROMIS Short Form (PROMIS-SF; APA, 2013) to measure 

participant’s anxiety symptoms. This measure consists of eight items, each answered on a five-

point scale ranging from Never to Always (M = 3.02, SD = 1.00), with higher scores representing 

greater anxiety symptoms. Anchored by the phrase “Think back over the last 7 days, please 

indicate how often you have been bothered by the following problems:”, sample items include “I 

felt uneasy” and “I had sudden feelings of panic.”  

Depression.  

We used the Patient Health Questionnaire-9 (PHQ-9; Kroenke et al., 2001) to measure 

depression symptoms. The measure consists of nine items with each question answered on a 

four-point scale ranging from Not at all to Nearly every day, but the final item regarding suicidal 

ideation was dropped from the survey in consideration of participant safety. Therefore, our final 

measure consisted of eight items (M = 2.41, SD = 0.81), with higher scores representing greater 

depression. Anchored by the phrase “Over the last 2 weeks, how often have you been bothered 

by any of the following problems?”, sample items include “Little interest or pleasure in doing 

things” and “Feeling tired or having little energy”. 

Self-reported mental health conditions.  

Finally, participants were asked to indicate whether or not they experienced any health or 

mental health problems over the last 30 days, to which they selected all that applied from a list of 
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seven conditions (for a full list, please see Appendix IIB). These were then binary coded for 

whether they were selected (1) or not selected (0). Finally, a total sum of health conditions was 

calculated by summing the responses to each of the seven conditions and/or symptoms (M = 

2.26, SD = 1.88). 

Influence  

Topics followed.  

As a metric of following SMIs, participants were asked “Do you follow or connect to 

others on social media around any of the following health topics?” to which they were shown a 

list of ten conditions (see Appendix IIB). Five of these were selected as relating to mental health 

conditions or symptoms as stated by the National Alliance on Mental Illness (NAMI, n.d.). These 

were then binary coded for whether they were selected (1) or not selected (0) and summed to 

reflect a total of mental health topics followed (M = 1.35, SD = 1.32). 

Affective response.  

To assess participants’ affective response to social media content, they were asked: 

“When I’m feeling depressed, stressed, or anxious, using social media usually…” with response 

options makes me feel worse, makes me feel about the same, and makes me feel better. Higher 

scores reflected participants feeling better after using social media (M = 2.40, SD = 2.95). 

Results 

Preliminary analyses.  

Before testing our hypotheses, we first cleaned the data as it was part of a larger data 

collection effort. As such, participants who did not respond to the questions relating to the key 

variables in this study were excluded (n = 62), resulting in a final analytical sample of 1,194 

participants. We also recoded gender and race for a more even split in the categories. As such, 
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gender was coded into three categories: male (n = 321, 26.8%), female (n = 785, 65.7%), and 

non-binary or other (n = 88, 7.4%). Race was binary coded into white (n = 571, 47.7%) and non-

white/racial or ethnic minority (n = 623, 52.3%).  

We next examined correlations between key variables in the study. As expected, self-

regulation was negatively correlated with all of the mediating (SM frequency, topics followed, 

and affective response) and dependent variables (anxiety, depression, and mental health self-

report). PSMU was positively correlated with each mediating and dependent variable. Further, 

participant gender was negatively correlated with self-regulation, and positively correlated with 

all other variables of interest. Participant race was negatively correlated with self-regulation and 

SM frequency, and positively related to mental health topics followed, anxiety, and mental health 

self-report. As such, we controlled for both gender and race in the subsequent analyses. See 

Table 4A in Appendix IIC for bivariate correlations and descriptive statistics.  

Main analyses.  

 To test our hypotheses, we used Hayes PROCESS model 80 (Hayes, 2017), which allows 

for one independent variable, two dual process mediators (SM frequency and topics followed), a 

third mediator (affective response) and one dependent outcome variable. We ran one model for 

each of our two independent variables (self-regulation and problematic social media use) for 

each of our three dependent variables (anxiety, depression, and self-reported mental health), 

resulting in six models. For each model, we controlled for participant gender and race, as both 

have been demonstrated to impact social media use (Tolbert & Drogos, 2019) and were 

correlated with our independent variables. 
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Self-regulation as a predictor. 

First, we tested each dependent variable with self-regulation as the independent variable. 

For each of the three models, self-regulation was significantly negatively related to SM 

frequency (β = -.11, p = .0002) and topics followed (β = -.16, p = .0000), supporting H1a and 

H1b. This means that participants with poorer self-regulation were more likely to spend 

increased amounts of time on social media and to follow social media accounts about mental 

health topics. There was no significant relationship between self-regulation and affective 

response, so H1c was not supported; however, there was a significant positive relationship 

between the number of topics followed and affective response (β = .90, p = .0000) in each of the 

models, suggesting that the more mental health topics followed on social media, the more likely 

participants are to report feeling better after using social media.  

Anxiety. 

 Our first model predicting anxiety symptoms was significant (R = .56, R2 = .32, F(6, 

1187) = 91.58, p = .0000). Results indicated a significant direct negative relationship between 

self-regulation and anxiety (β = -.33, p = .0000) such that participants with poorer self-regulation 

reported higher levels of anxiety, supporting H1d. There was a significant mediating effect of the 

number of topics followed (β = .29, p = .0000) between self-regulation and anxiety, meaning that 

participants with poorer self-regulation were more likely to report following accounts 

surrounding mental health topics and this higher rate of following led to greater anxiety 

symptoms, supporting H3b. However, there was no significant mediating effect of frequency (β 

= .02, p = .32). There was also no support for the dual mediation process proposed in H7a as 

there was no significant relationship between self-regulation and affective response or between 

affective response and anxiety symptoms.  
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Depression. 

The model predicting depression symptoms as the dependent variable was significant (R 

= .56, R2 = .31, F(6, 1185) = 88.10, p = .0000). Results indicated a significant direct negative 

effect of self-regulation on depression symptoms (β = -.35, p = .0000), meaning participants with 

poorer self-regulation reported greater depression, supporting H1d. There was also a significant 

mediating effect of both SM frequency (β = .07, p = .004) and topics followed (β = .30, p = 

.0000) on depression symptoms, such that the more participants followed mental health topics, 

the more depression they reported, supporting H3a and H3b. There was no support for H7a as 

there was no significant relationship between self-regulation and affective response or between 

affective response and depression symptoms.  

Self-reported mental health.  

 The overall model predicting participant’s self-reported mental health conditions was 

significant (R = .55, R2 = .30, F(6, 1188) = 84.58, p = .0000). This model also revealed a 

significant negative direct effect of self-regulation (β = -.24, p = .0000), meaning that 

participants with poorer self-regulation skills reported a greater number of mental health 

conditions and/or symptoms, supporting H1d. There was also a significant mediating effect of 

both SM frequency (β = .09, p = .001) and topics followed (β = .18, p = .001) on self-reported 

mental health, such that participants with poorer self-regulation were more likely to spend more 

time on social media and to follow more accounts about mental health, and subsequently report a 

greater number of mental health conditions. So H3a and H3b were supported.  

 Interestingly, there was also a significant positive effect of affective response on self-

reported mental health conditions (β = .13, p = .02), such that participants who reported feeling 

better after using social media self-reported a greater number of mental health conditions and/or 
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symptoms. This means that H7a was supported between self-regulation and mental health was 

supported for the topics followed and affective response pathway. Specifically, participants with 

poor self-regulation skills were more likely to follow more mental health topics, to report feeling 

better, and to self-report more mental health conditions.  

Control variables.  

 We did observe some significant relationships between our controls and mediating and 

dependent variables. For gender, there were significant effects on anxiety (β = .18, p = .0000), 

depression (β = .16, p = .0000), and self-reported mental health (β = .16, p = .0000) such that 

participants who identified as other than male reported worse mental health outcomes. 

Additionally, gender was significantly related to both SM frequency (β = .08, p = .005) and 

topics followed (β = .23, p = .0000), suggesting participants identifying as other than male spend 

more time on social media and follow more mental health topics on SM.  

For race, there was a significant effect on self-reported mental health (β = .10, p = .001) 

meaning that participants who identified as white reported a greater number of mental health 

conditions and/or symptoms. Race was also significantly related to both SM frequency (β = -.09, 

p = .001) and topics followed (β = .06, p = .05). This means that participants identifying as a 

minority spend more time online, but white participants followed more mental health topics on 

SM. Results also revealed a significant effect of race on SIEC (β = .06, p = .02) and ISR (β = .06, 

p = .05), meaning that white participants reported higher levels of social media integration.  

Problematic social media use as a predictor.  

 Next, we tested each of our dependent variables with PSMU as the independent variable. 

For each of the models, PSMU was significantly positively related to SM frequency (β = .28, p = 

.0000) and topics followed (β = .24, p = .0000), supporting H2a and H2b. This means that 
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participants who reported more PSMU were more likely to spend greater amounts of time on 

social media and to follow more mental health topics. There was no significant relationship 

between self-regulation and affective response, so H2c was not supported; however, there was 

also a significant positive relationship between the number of topics followed and affective 

response (β = .90, p = .0000) in each of the models, suggesting that the more mental health topics 

followed on social media, the more likely they are to report feeling better after using social 

media.  

Anxiety.  

The model predicting anxiety symptoms as the dependent variable was significant (R = 

.52, R2 = .27, F(6, 1187) = 71.88, p = .0000). Results indicated a significant direct positive effect 

of PSMU on anxiety symptoms (β = .26, p = .0000), supporting H2c. There was also a 

significant mediating effect of the number of topics followed on anxiety (β = .27, p = .0000), 

supporting H4b; however, there were no other significant mediating effects and H4a and H8a 

were rejected. This means that participants who use social media in more problematic ways are 

more likely to follow accounts about mental health, and subsequently report greater levels of 

anxiety.  

Depression.  

The model predicting depression symptoms as the dependent variable was also 

significant (R = .50, R2 = .25, F(6, 1185) = 64.52, p = .0000). Results indicated a significant 

direct positive effect of PSMU on depression symptoms (β = .23, p = .0000), supporting H2c. 

There was a significant mediating effect of number of topics followed on depression (β = .29, p = 

.0000), supporting H4b. This means that participants who use social media in more problematic 

ways are more likely to follow accounts about mental health, and subsequently report greater 
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levels of depression. However, there was no significant effect of frequency (H4a) nor was there 

support for a dual mediation hypothesis (H8a) as there was no significant relationship between 

PSMU and affective response or between affective response and depression. 

Self-reported mental health.  

The overall model predicting participant’s self-reported mental health conditions was 

significant (R = .51, R2 = .26, F(6, 1188) = 70.32,  p = .0000). This model also revealed a 

significant direct positive effect of PSMU on self-reported mental health (β = .12, p = .0000), 

supporting H2c, meaning that participants who used social media in more problematic ways 

reported a greater number of mental health conditions and/or symptoms. There was also a 

significant mediating effect of both SM frequency (β = .08, p = .003) and topics followed (β = 

.19, p = .001) on self-reported mental health, such that participants with higher PSMU were more 

likely to spend more time on social media and to follow more accounts about mental health, and 

subsequently report a greater number of mental health conditions. H4a and H4b were supported.  

There was also a significant positive effect of affective response on self-reported mental 

health conditions (β = .13, p = .02), such that participants who reported feeling better after using 

social media self-reported a greater number of mental health conditions and/or symptoms. This 

means our dual-mediation hypothesis (H8a) between PSMU and self-reported mental health was 

supported for the topics followed and affective response pathway.  

Control variables.  

Similarly to the models with self-regulation as the predictor, we did observe some 

significant relationships between our controls and mediating and dependent variables. For 

gender, there were significant effects on anxiety (β = .21, p = .0000), depression (β = .19, p = 

.0000), and self-reported mental health (β = .21, p = .0000) such that participants who identified 
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as other than male reported worse mental health outcomes. Additionally, gender was 

significantly related to both SM frequency (β = .06, p = .03) and topics followed (β = .22, p = 

.0000), suggesting participants identifying as other than male spend more time on social media 

and follow more mental health topics on SM.  

Interestingly, we observed that race has a significant effect on depression symptoms (β = 

.05, p = .05), and self-reported mental (β = .12, p = .0000), meaning that participants who 

identified as white reported a greater number of mental health conditions and/or symptoms, but 

not on anxiety symptoms. Race was also significantly related to both SM frequency (β = -.08, p 

= .003) and topics followed (β = .07, p = .02) for both adolescents with poor self-regulation and 

those who use social media more problematically. This means that participants identifying as a 

minority spend more time online, but white participants followed more mental health topics on 

SM.   

Discussion 

Overall, the results of our analyses suggest that self-regulation and PSMU have a 

significant relationship with adolescent social media use and mental health outcomes. 

Adolescents with poor self-regulation skills and those who use social media more 

problematically are at risk for spending more time on social media, for following more mental 

health topics online, and for poorer mental health. That is, spending increased time on social 

media and following more mental health content explains some portion of why those with poor 

self-regulation and those with high rates of PSMU experience more mental health problems, in 

line with the expectations of Odgers and Jensen (2020) that adolescents with existing mental 

health vulnerabilities, such as self-regulation difficulties and high PSMU, are more susceptible to 

experiencing negative outcomes of social media use. These findings also support prior research 
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that self-regulation is an important boundary condition in the relationship between social media 

use and mental health (Valkenburg et al., 2022). Specifically, for adolescents with poor self-

regulation, spending increased time on social media was associated with higher self-report of 

mental health conditions and depression symptomatology, but not anxiety. In the case of PSMU, 

adolescents who used social media in more problematic ways and who spent more time online 

consuming mental health content were more likely to report having mental health conditions, 

where no relationship was observed for actual measurement of symptoms. This finding suggests 

that adolescents who engage in PSMU may be particularly vulnerable to the information that 

they consume online from a social learning perspective, as they believe they have conditions of 

which they do not actually display symptoms.  

Further, this provides support for the research call to examine the content that is 

consumed online, and not just blanket measures of frequency (Burnell & Odgers, 2022; Odgers 

& Jensen, 2020), as we observed differential mediating relationships for SM frequency and 

topics followed. The number of mental health topics followed consistently mediated the 

relationship between our individual susceptibility variables (i.e., self-regulation and PSMU) and 

mental health outcomes, whereas we observed less consistent relationships for frequency. 

Interestingly, frequency was more consistently related to self-reported mental health conditions, 

compared to measurements of actual symptomatology. This suggests that frequency is important 

to consider in the relationship between social media use and mental health as it may be 

influencing perceptions of having a mental health condition where no clinical diagnosis may be 

made. Therefore, the amount of time online in conjunction with the type of content followed can 

have an impact on adolescent mental health in that more frequent, repeated exposure to mental 
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health content can make adolescents believe they have a mental health condition they may 

actually not.  

Furthermore, adolescents who experience positive affect when using social media self-

reported more mental health problems, where no such effects were observed for clinical 

measurements of symptoms. This further suggests that SMIs and social media have a powerful 

impact on what adolescents believe; adolescents seem to self-diagnose more mental health 

conditions than they actually experience when they follow more mental health topics online and 

feel positively when using social media. This is in contrast to the findings by Rutter and 

colleagues (2023) who found no difference in symptoms between participants who were 

clinically diagnosed with a mental health condition and those who thought they should be 

diagnosed. However, that study did not assess social media use directly and did not consider 

adolescent populations, where these effects are likely different. As SMIs intentionally try to 

induce relationships and liking with their audiences, it is likely adolescents think they feel more 

positively when viewing them, and as they want to be like them, they may self-diagnose to be 

similar to their favorite SMIs. In fact, adolescents are inclined to self-diagnose as a way to 

connect to others and feel recognized and validated (Bahorsky, 2022). This also provides 

explanation as to why increased amounts of time online was associated with self-report of 

conditions and not symptomatology as consistently.  

We also observed some interesting differences with our control variables of gender and 

race. Participants who identified other than male were both more likely to follow mental health 

content online, to exhibit increased anxiety and depression symptoms, and to self-report more 

mental health conditions. Additionally, white participants were more likely to follow mental 

health content online and to self-report more mental health conditions. However, for adolescents 
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with poor self-regulation, those who identified as a minority presented more depression 

symptoms. Therefore, in the context of adolescents who struggle with self-regulation, white 

adolescents may be more likely to report having a mental health condition, though no 

relationship is observed with actual symptomatology and it is minority participants who show a 

greater level of depression, yet they do not engage with mental health content or report having 

any conditions. Indeed, our content analysis shows that the majority of mental health content 

uploaded to YouTube and TikTok is created by white females (56.3% of our content analysis 

sample), and the majority of SMIs tend to be of the same demographic (Bishop, 2019; Thorpe, 

2023) and as a result, that demographic may be the more likely viewers. This further exacerbates 

the concern over self-diagnoses among this particular group, as female adolescents are more at 

risk to the negative effects of social media use on mental health (Odgers & Jensen, 2020; 

Twenge et al., 2018).  

Limitations and future directions 

This study launched in Spring, 2021 while there were lockdown restrictions as a result of 

the COVID-19 pandemic which may have biased our findings for several reasons. First, despite 

differing school contexts, adolescents had been spending more time at home than ever before and 

relied on social media and other forms of media to not only keep them entertained, but to 

maintain social connections that are vital for healthy adolescent development and wellbeing. 

Therefore, the social media rates and use patterns we observed may have occurred due to the 

context of when data was collected. Second, mental health was a widely-discussed concern 

during the lockdowns as adolescents were largely isolated and had copious amounts of 

unstructured free time (Pitt et al., 2021). Indeed, at the onset of lockdown restrictions, 

researchers reported an increase in anxiety, obsessive-compulsive, thought, and post-traumatic 
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stress problems among children and adolescents aged 1.5- to 18-years-old (Limone & Toto, 

2021). As a result, the high rates of anxiety and depression symptoms we observed may also 

have been contextual and due to increased salience. Third, our findings on the high use of social 

media for following mental health topics and subsequent observed relationships may also have 

been a result of the context, as Fergie and colleagues (2016) note that health information-seeking 

is time-sensitive to help with immediate needs.  

However, despite the inflated rates we may have observed, the relationships were robust 

and are likely the same outside of that specific context as rates of PSMU (Schivinski et al., 

2020), frequency of social media use (Rideout et al., 2022), and the use of social media for 

mental health information (Fergie et al., 2016) have been of concern prior to the COVID-19 

pandemic as they have increased exponentially over the recent years (Odgers & Jensen, 2020). 

Though, to properly investigate any potential limitations, we planned a second data collection for 

when lockdown restrictions were uniformly lifted in Spring, 2022.  
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Study 3 

Introduction 

 Given that Study 2 data collection occurred during national lockdowns as a result of the 

COVID-19 pandemic, we were interested in replicating the study once restrictions were lifted to 

see if the results would be consistent. Research into adolescent media use during the COVID-19 

pandemic found that, unsurprisingly, media use increased across the board (Nilsson et al., 2022), 

including video games (Burke et al., 2021), use of streaming services (Fernandes et al., 2020), 

and social media use (Marciano et al., 2022). In fact, research estimates that media use increased 

approximately 15 percent from pre-pandemic rates, which were already high (Odgers & Jensen, 

2020; Rideout et al., 2022), and that smartphone use accounted for nearly two-thirds of this use 

(Limone & Toto, 2021). Along with this increased frequency, rates of problematic use and 

addiction also increased (Fernandes et al., 2020; Marengo et al., 2022). As adolescents missed 

the social connection opportunities afforded by in-person schooling, they relied on online 

methods, including social media, to maintain contact with friends (Marciano et al., 2022) and 

manage feelings of loneliness and anxiety (Cauberghe et al., 2021). This increased use of and 

reliance on social media as a way to regulate emotions are symptoms of PSMU and are 

concerning as PSMU has been shown to relate to negative effects on overall wellbeing and 

mental health (Marengo et al., 2022; Nilsson et al., 2022) even outside of the context of the 

disruptive lockdowns.  

 Further, numerous studies have begun to be published examining the relationship 

between increased social media use during the lockdown restrictions and subsequent mental 

health outcomes. This research has primarily focused on adolescents as they were the group most 

impacted by restrictions (Bahorsky, 2022; Pitt et al., 2021). Though there is large consensus that 
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increased social media use as a result of the amount of unstructured and independent time during 

lockdowns led to increased mental health symptoms at the wider level (Limone & Toto, 2021; 

Pitt et al., 2021), more nuanced studies find that the motivations for social media use played a 

significant role in the effects that adolescents experienced. For example, Stockdale and Coyne 

(2020) found that social media use for information-seeking is not associated with negative 

effects on mental health; however, we found that following mental health topics on social media 

was linked to increased anxiety and depression symptoms, as well as self-report of mental health 

conditions. Therefore, specific types of information-seeking, such as mental health, may lead to 

differential outcomes, particularly in this context as health information-seeking is time-sensitive 

compared to general information-seeking (Fergie et al., 2016).  

Research also suggests that the relationship between social media use and mental health 

is moderated through the use of social media for social connection (Burke et al., 2021). For 

example, the use of social media to maintain social connections was not associated with poor 

mental health outcomes, but the use to find new connections has been linked to higher levels of 

depression and anxiety (Arness & Ollis, 2022; Rae & Lonborg, 2015). Echoing the work of Rae 

& Longborg conducted outside of the context of COVID-19, Burke and colleagues (2021) found 

that using social media to maintain social connection led to improved wellbeing. In fact, some 

researchers argue that the use of technology can be a protective factor against disrupted mental 

health when used in meaningful ways, like for social connection or to pursue interests, that result 

in satisfaction (Pitt et al,, 2021). Cauberghe and colleagues (2021) also found that participants 

with pre-existing anxiety used social media to manage their symptoms during lockdowns. 

However, though the use of social media for social connection may have moderated direct 

effects on mental health in the short-term, adolescents who reported using social media in this 
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way also reported higher levels of PSMU (Cingel et al., 2022) which can cause negative effects 

on mental health in the long-term (Arness & Ollis, 2022). Indeed, adolescents believed that even 

though the time spent online with their friends was meaningful, it could not replace actual face-

to-face interactions (Pitt et al., 2021).   

In consideration of the heightened emotional context in which Study 1 data was collected, 

the mixed findings around COVID-19 social media use and mental health (Burke et al., 2021), as 

well as the mixed effects in the social media literature overall (Valkenburg et al., 2022), this 

study sought to replicate Study 2 and examine whether or not these same patterns held after 

lockdown restrictions were uniformly lifted. To achieve this, we used a second Qualtrics national 

sample of  1,151 adolescents and found that there were a similar pattern of relationships to those 

documented in Study 2, suggesting that these relationships are stable across contexts.  

Methods 

Sample and procedure 

 As with Study 2, we again recruited a national sample of U.S. adolescents ages 14 to 16 

using a Qualtrics panel (N = 1255). These adolescents completed an online survey that replicated 

the first survey between the dates of April and May 2022. A majority of the participants were 

female (n = 819; 65.3%) with 29.2% (n = 366) identifying as male, and 5.5% (n = 69) identifying 

as other or not disclosing. The sample was racially diverse; 47.5% (n = 596) of respondents 

described themselves as White, 44.5% (n = 558) Hispanic, Latino/a, or Spanish origin, 25.1% (n 

= 315) Black or African American, 11.7% (n = 147) Asian or Asian American, 6.5% (n = 82) 

American Indian or Alaskan Native, 12.4% as other (n = 155), and 3.2% self-described (n = 40). 

This demographic breakdown is almost identical to that of Study 2, allowing us to make more 

robust comparisons between the two studies.  
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Measures 

The measures used for Study 3 were the same as those for Study 2 (Appendix  IIB 

contains a full list of measures and questions asked). We conducted a series of independent 

samples t-tests to evaluate any differences in the two survey samples. The means and standard 

deviations for measures for both Study 2 and Study 3, along with results of the t-tests, are 

presented below in Table 3. We observed significant improvements in self-regulation and mental 

health symptoms in our Study 3 sample collected after lockdown restrictions lifted. However, 

frequency of social media use and the use of social media for mental health information, as well 

as positive affect in response to mental health content, were significantly higher than the means 

observed in Study 2 when adolescents were in lockdowns. The only variable that was not 

significantly different between samples was PSMU (p = .29), suggesting the stability of this 

disorder regardless of social context.  

 

Table 3  

Results of Independent Samples T-tests for Study 2 and Study 3 Variables  

  Study 2 

N = 1191 

Study 3 

N = 1151 

    

  M SD M SD t df p Mean 

difference 

Self-regulation 1.84 0.36 1.94 0.39 -6.75 2399 .000 -.10 

Problematic 

social media use 

2.42 0.91 2.47 1.04 -1.06 2399 .29 -.04 

Anxiety 3.02 1.00 2.92 1.11 2.43 2398 .02 .11 

Depression 2.41 0.81 2.31 0.86 2.80 2398 .01 .10 

Mental health 

conditions 

2.26 1.88 2.08 1.83 2.35 2399 .02 .18 
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Social media 

frequency 

2.43 0.50 4.15 1.69 2.35 2395 .02 .13 

Topics followed 1.35 1.32 1.49 1.34 -2.46 2373 .01 -.13 

Affective 

response 

2.40 2.95 2.63 3.01 -1.99 2372 .05 -.24 

 

Results 

Preliminary analyses.  

Before testing our hypotheses, we first cleaned the data. As the data used in this study 

was part of a larger data collection, participants who did not respond to the questions relating to 

the key variables in this study were excluded (n = 104), resulting in a final analytical sample of 

1,151 participants. 

We next examined correlations between key variables in the study and observed similar 

patterns to those found in Study 2 (See Table 5A in Appendix IIC for bivariate correlations and 

descriptive statistics). Self-regulation was negatively correlated with all of the mediating (SM 

frequency, topics followed, and affective response) and dependent variables (anxiety, depression, 

and mental health self-report). PSMU was positively correlated with each mediating and 

dependent variable. Further, participant gender was negatively correlated with self-regulation, 

and positively correlated with all other variables of interest aside from SM frequency. In this 

sample, participant race was positively correlated with self-regulation and SM frequency, and 

negatively related to depression. As such, we controlled for both gender and race in the 

subsequent analyses.  

Main analyses.  
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For consistency between studies, we again used Hayes PROCESS model 80 (Hayes, 

2017) to test our hypotheses. We ran one model for each of our two independent variables (self-

regulation and problematic social media use) and each of our three dependent variables (three 

mental health outcomes), resulting in six models, in each of which we controlled for participant 

gender and race.  

Self-regulation as a predictor 

First, we tested each dependent variable with self-regulation as the independent variable. 

For each of the five models, self-regulation was significantly negatively related to SM frequency 

(β = -.06, p = .04) and topics followed (β = -.56, p = .0000). This means that participants with 

poorer self-regulation were more likely to spend increased amounts of time on social media and 

to follow social media accounts about mental health topics.  

Anxiety. 

 Our first model predicting anxiety symptoms was significant (R = .63, R2 = .40, F(6, 

1226) = 134.9, p = .0000). Results indicated a significant direct negative relationship between 

self-regulation and anxiety (β = -.40, p = .0000) such that participants with poorer self-regulation 

reported higher levels of anxiety. There was a significant mediating effect of both SM frequency 

(β = .10, p = .0000) and number of topics followed (β = .25, p = .0000) between self-regulation 

and anxiety, meaning that participants with poorer self-regulation were more likely to spend 

more time on social media and to follow more accounts relating to mental health topics, resulting 

in greater anxiety symptoms reported. There was also a significant relationship between gender 

and anxiety symptoms (β = .17, p = .0000), suggesting that participants identifying other than 

male are more likely to experience anxiety.  
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 Though there was a significant direct relationship between both SM frequency (β = .03, p 

= .02) and number of topics followed (β = .88, p = .0000) on affective response, there was no 

significant relationship linking affective response to self-regulation or to anxiety, so there was no 

support for a dual mediation process.  

Depression.  

The model predicting depression was also significant (R = .60, R2 = .36, F(6, 1226) = 

112.28, p = .0000). Results indicated a significant direct negative relationship between self-

regulation and depression (β = -.35, p = .0000) such that participants with poorer self-regulation 

reported higher levels of depression. There was a significant mediating effect of both SM 

frequency (β = .12, p = .0000) and number of topics followed (β = .26, p = .0000) between self-

regulation and depression, suggesting that participants who reported higher SM frequency and 

followed more mental health topics were more likely to report higher levels of depression when 

they reported poor self-regulation. There was also a significant relationship between gender and 

depression symptoms (β = .14, p = .0000), suggesting that participants identifying other than 

male are more likely to experience depression. 

Though there was a significant direct relationship between both SM frequency (β = .03, p 

= .02) and number of topics followed (β = .88, p = .0000) on affective response, there was no 

significant relationship linking affective response to self-regulation or to depression, so there was 

no support for a dual mediation process. Interestingly, there was also a significant effect of race 

on affective response (β = .03, p = .04), suggesting that participants who identified as white were 

more likely to report a positive affective response after using social media.  
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Self-reported mental health. 

 Similarly, the model predicting the number of self-reported mental health conditions was 

also significant (R = .52, R2 = .27, F(6, 1227) = 76.31, p = .0000). Results indicated a significant 

direct negative relationship between self-regulation and self-reported mental health (β = -.29, p = 

.0000) such that participants with poorer self-regulation reported experiencing more mental 

health conditions in the past 30 days. While there was a significant mediating effect of number of 

topics followed (β = .17, p = .001) between self-regulation and self-reported mental health, there 

was no significant mediating effect of SM frequency (β = .03, p = .20). This suggests that 

individuals with poor self-regulation are more likely to follow more mental health topics, and the 

number of topics followed, rather than how much time is spent on social media, relates to the 

number of mental health conditions participants self-report. There was also a significant 

relationship between gender and self-reported mental health conditions (β = .23, p = .0000), 

suggesting that participants identifying as other than male self-report more mental health 

conditions. As with the other models, there was a significant direct relationship between both SM 

frequency (β = .03, p = .02) and number of topics followed (β = .88, p = .0000) on affective 

response, but there was no significant relationship linking affective response to self-regulation or 

to self-reported mental health.  

Control variables  

We did observe some significant effects in our control variables. For gender, there were 

significant effects on anxiety (β = .18, p = .0000), depression (β = .15, p = .0000), and self-

reported mental health conditions (β = .23, p = .0000) such that participants who identified as 

other than male reported worse mental health outcomes. Additionally, gender was significantly 

related to topics followed (β = .22, p = .0000), suggesting participants identifying as other than 
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male follow more mental health topics on SM. Interestingly, we did not observe a significant 

effect of gender on SM frequency as we did in Study 2.  

We observed no significant effects of race on any of our mental health outcomes or social 

media use variables. However, we did observe a significant effect on affective response (β = .03, 

p = .02), suggesting that participants who identified as white reported feeling more positively 

when viewing mental health content.  

Problematic social media use (PSMU) as a predictor. 

Next, we tested each dependent variable with PSMU as the independent variable. For 

each of the five models, PSMU was significantly related to SM frequency (β = .34, p = .0000) 

and topics followed (β = .36, p = .0000). This means that participants who use social media in 

more problematic ways were more likely to spend increased amounts of time on social media 

and to follow social media accounts about mental health topics.  

Though there was a significant direct relationship between both SM frequency (β = .03, p 

= .02) and number of topics followed (β = .88, p = .0000) on affective response, there was no 

significant relationship linking affective response to PSMU or to any of our dependent variables, 

so there was no support for a dual mediation process. However, there was also a significant 

effect of race on affective response (β = .03, p = .02), suggesting that white participants were 

more likely to report feeling positively after using social media. 

Anxiety.  

 The model predicting anxiety symptoms was significant (R = .57, R2 = .33, F(6, 1160) = 

92.90, p = .0000). Results indicated a significant direct relationship between PSMU and anxiety 

(β = .27 p = .0000) such that participants with higher PSMU reported higher levels of anxiety. 

While there was a significant mediating effect of number of topics followed (β = .22, p = .0000) 
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between PSMU and anxiety, there was no significant mediating effect of SM frequency (β = .04, 

p = .09). This means that participants who use social media more problematically are more likely 

to follow more mental health topics and to experience more anxiety. 

Depression.  

The model predicting depression was also significant (R = .56, R2 = .32, F(6, 1160) = 

89.20, p = .0000). Results indicated a significant direct relationship between PSMU and 

depression (β = .30, p = .0000) such that participants with higher PSMU reported higher levels of 

depression. There was a significant mediating effect of both SM frequency (β = .06, p = .03) and 

number of topics followed (β = .21, p = .0001) between PSMU and depression, meaning that 

participants who use social media more problematically were more likely to experience 

depression, particularly when they spend more time on social media and follow more mental 

health topics.  

Self-reported mental health. 

 Similarly, the model predicting self-reported mental health conditions was also 

significant (R = .46, R2 = .21, F(6, 1161) = 50.81, p = .0000). Results indicated a significant 

direct relationship between PSMU and self-reported mental health (β = .12, p = .0000) such that 

participants who used social media in more problematic ways reported experiencing more mental 

health conditions and symptoms. While there was a significant mediating effect of the number of 

topics followed (β = .18, p = .002) between PSMU and self-reported mental health, there was no 

significant mediating effect of SM frequency. This means that for participants who used social 

media more problematically, the more mental health topics they followed, the greater number of 

mental health conditions and symptoms they reported. For this model, there was no significant 
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effect of race, but gender was significant (β = .28, p = .0000), meaning that participants who 

identified other than male self-reported more mental health conditions. 

Control variables. 

 As with the models predicting self-regulation, we did observe some significant effects of 

gender and race for PSMU and our outcome variables. Gender was significantly related to all 

mental health outcomes: anxiety (β = .25, p = .0000), depression (β = .21, p = .0000), and self-

reported mental health conditions (β = .28, p = .0000), suggesting that non-male participants who 

reported high PSMU had greater mental health symptoms and self-reported more conditions.  

In these models, we observed significant effects of race on social media use and mental 

health outcomes. Specifically, race was negatively related to anxiety (β = -.06, p = .01) and 

depression (β = -.08, p = .002), suggesting that minority participants experienced worse mental 

health outcomes compared to white participants when they use social media more 

problematically. We also found a negative effect on SM frequency (β = -.05, p = .05), suggesting 

minority participants use social media more often. Finally, we again observed a positive 

relationship between race and affective response (β = .03, p = .02), such that white participants 

experience more positive affect in response to social media content on mental health topics.  

Discussion 

Overall, the results of Study 3 mostly replicated those of Study 2 with a few exceptions.  

There were interesting differences between Study 2 and 3 concerning the relationship between 

SM frequency and mental health self-report. Specifically, for adolescents who reported high 

levels of PSMU, after restrictions were lifted, frequency of social media use was significantly 

related to higher anxiety and depression symptoms, and lost significance for predicting the 

number of self-reported mental health conditions. This means that adolescents who used social 



 

 70 

media problematically experienced worse mental health symptoms after the full return to in-

person schooling, but did not self-report as having those conditions. This is in contrast to 

adolescents in Study 2 who reported high PSMU and also a greater number of mental health 

conditions, where there were no significant relationships for clinical measures of anxiety and 

depression symptoms. So, adolescents who reported high levels of PSMU experienced poor 

mental health outcomes as a result of increased time online and following mental health content. 

Additionally, in Study 3 we did not observe a significant effect of affective response on self-

reported mental health as we did in Study 2. Considering this, and the significant differences in 

means between the two studies, it may be the case that adolescents were hyper aware of their 

social media use during the lockdowns, as was also noted in the work of Pitt and colleagues 

(2021), as well as the warnings about protecting one’s mental health. Indeed, adolescents 

surveyed in previous research expressed guilt over spending increased amounts of time online 

and for spending longer with technology than anticipated (Pitt et al., 2021).  

It is also important to note the additional SM frequency measure between Study 2 and 3 

in conjunction with these differences in findings. For Study 2, we only included social media use 

in the metric for SM frequency, but in Study 3, we used a composite measure of social media 

sites and online video sites (e.g., YouTube and TikTok). TikTok grew 180% among adolescents 

during the lockdowns, and as it has become known as a tool for self-diagnoses, that may have 

contributed to increased self-report in Study 2 (Bahorsky, 2022). Adolescents also may have 

self-diagnosed more frequently during lockdowns so as to provide a sense of meaning to and a 

way of speaking about the confusing emotions they experienced and to feel connected to a larger 

community at a time of heightened isolation (Bahorsky, 2022). As technology use and mental 

health were more salient topics, this may have resulted in higher self-report of mental health 
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conditions and less experienced negative effects of social media use as adolescents were more 

conscious of their media use; once restrictions lifted and adolescents returned to a more “normal” 

life, they likely began using social media more passively again, resulting in increases in clinical 

anxiety and depression symptoms and lower self-reported conditions. From these findings, it 

seems that online video sites in particular may be damaging to adolescent mental health and can 

be influencing them inadvertently. Indeed, prior research notes that video-based content is more 

likely to induce affective responses and attract attention (Devendorf et al., 2020).  

Additionally, the differences in findings between the two surveys regarding race reinforce 

the fact that minorities were disproportionately affected by the COVID-19 lockdown restrictions. 

Specifically, during the restrictions when Study 2 was conducted, white participants were more 

likely than minorities to follow mental health topics on social media, as well as to self-report 

more mental health conditions. Once lockdown restrictions were lifted in Study 3 data collection, 

there was no effect observed of race on the number of topics followed or the number of self-

reported mental health conditions. However, white participants were more likely to report 

positive affect in response to mental health information in Study 3, a relationship that was not 

observed during the restrictions. This suggests that mental health information online may be 

more beneficial and accessible in times of need for white individuals. Indeed, in our content 

analysis of mental health content on YouTube, approximately 60% of the videos were created by 

white individuals. This finding aligns with previous research that suggests we tend to watch 

UGC by those we can identify with (Tolbert & Drogos, 2019). If the majority of mental health 

content is created by white individuals, then it is not surprising that white participants were more 

likely than minorities to follow that content during lockdowns as mental health became a timely 

issue (Gaus et al., 2021). Further, with increased identification, participants may have self-
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reported more conditions as they wish to be the same as and increase the sense of identification 

with SMIs (Tolbert & Drogos, 2019). When the restrictions were lifted, white participants may 

not have been drawn to mental health content in the same way as it lost salience, and thus, the 

loss of significance for the number of topics followed and self-report. However, when white 

individuals were exposed to mental health content in Study 3, they felt better after viewing it. 

Perhaps their perceived need was not so salient as it was at the time of data collection in Study 2 

and the lockdowns, or perhaps the high levels of empathy and exhort in YouTube content in 

particular (see Study 1 findings), helped them feel more positively.  

We also found significant effects of race on anxiety and depression symptoms in Study 3 

that were not observed in Study 2. That is, adolescents of racial minority backgrounds and who 

used social media in problematic ways demonstrated greater anxiety and depression symptoms 

post-restrictions, yet there was no relationship with self-diagnosing conditions. In contrast, in 

Study 2 we observed that white adolescents were more likely to self-report, and that, for those 

who used social media problematically, they reported greater depression symptoms. This is 

concerning as minority individuals are already less likely than white individuals to receive 

treatment for mental health conditions when they have been diagnosed (National Alliance on 

Mental Illness, 2022I) and experience greater stigma in relation to disclosing (Choi et al., 2021). 

In this case, minority adolescents who engage in high PSMU experience higher rates of 

symptoms, but may not be aware they need help. Therefore, minorities may need more mental 

health content available to them as they are already less likely to seek and receive help compared 

to white individuals (CDC, 2022, July 12; NeMoyer et al., 2019), yet there is a lack of diversity 

in creators to encourage them to do so, further exacerbating treatment gaps. Supporting the call 

from Choi and colleagues (2021), these findings emphasize that researchers and professionals 
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need to encourage SMIs from minority backgrounds to create more accessible and culturally-

sensitive content about their experiences with mental health as it can help encourage adolescent 

viewers from similar backgrounds to seek help.  

 Considering these differences in conjunction with the lack of change in findings between 

the two surveys in relation to PSMU rates and relationships with mental health outcomes, we 

show the powerful impact of problematic use among adolescents. Though there is debate 

surrounding the term “addiction” in relation to PSMU (Arness & Ollis, 2022; Burnell & Odgers, 

2022), it is concerning that regardless of social context, problematic use of social media has 

significant detriment to adolescent mental health, just as any other addiction may (Samaha & 

Hawi, 2016). In the long term, this can have a severe impact on optimal functioning including 

decreased academic and job performance (Samaha & Hawi, 2016), increased risk of severe 

health conditions such as cardiovascular disease (National Alliance on Mental Illness, 2022), and 

decreased financial stability (National Alliance on Mental Illness, 2022). As adolescents became 

reliant on social media during the pandemic lockdowns and demonstrated increased PSMU 

(Fernandes et al., 2020), it seems those behaviors maintained post-restrictions. Therefore, there is 

a large group of adolescents at critical risk for mental health struggles and subsequent effects.  

Limitations and Future Directions  

Overall, the results of these two surveys (Study 2 and Study 3) provide evidence that 

exposure to mental health content online can in some cases lead to increased self-diagnoses 

among at-risk populations (i.e., adolescents with poor self-regulation, those with high PSMU, 

and females). Further, there is a discrepancy between actual symptomatology of conditions (as 

assessed through clinical measures of anxiety and depression) and the self-report of having a 

condition for certain groups (i.e., white adolescents and those who spend more time on social 
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media sites). Therefore, vulnerable adolescents may not be getting the help or attention they need 

with the gaps between displays of symptoms and self-report. It is important to note the limitation 

in our coding of race as a binary code (white vs. not white), as research shows that there are 

different levels of mental health diagnoses and treatment-seeking behaviors across minority 

groups as a function of differential SES and cultural norms. However, this type of binary coding 

is normative in research and we did not have enough power in each sample to be able to look at 

each racial minority group individually in the analyses. Future research should consider not only 

diverse samples, but equally-distributed racial groups to be able to further investigate the 

relationships between social media use and mental health outcomes for varying backgrounds. We 

also show that SMIs can have significant power of suggestion and influence on adolescent 

populations who report having mental health conditions after seeing mental health content 

online. As these two surveys were cross-sectional and are limited in the ability to make causal 

claims, we planned a final study to experimentally test the impact of immediate exposure to SMI 

content on adolescent mental health symptoms and self-report.  
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Study 4 

Introduction  

Following from the conclusions drawn from the two cross-sectional surveys, we sought 

to experimentally test the observed relationships to provide more empirical support for the 

directionality of our hypotheses as research notes the difficulties in separating cause from effect 

in this area of research (Odgers et al., 2020). We also sought to build on the findings from the 

content analysis conducted in Study 1 to see how self-disclosure from a specific influencer, 

rather than more general exposure as was asked in the surveys, relates to adolescents’ experience 

of anxiety and depression. Research demonstrates that increased liking and trust of SMIs results 

from parasocial relationships (PSRs) and that the stronger the PSR, the more likely the viewer is 

to enact on advice or accept information from the SMI (Ferchaud et al., 2018; Sokolova & Perez, 

2020). As adolescents are more susceptible than other populations to form strong parasocial 

bonds with their favorite celebrities and influencers and to learn from them (Bond, 2016; Theran 

et al., 2010), they are more at risk for accepting information that these SMIs disseminate. Thus, 

when it comes to SMIs discussing mental health content that is primarily experiential and not 

based on research or professional recommendations (Naslund et al., 2014), adolescents who are 

already vulnerable to mental health struggles (i.e. poor self-regulation and high rates of PSMU) 

may be further at risk for accepting information and behaving in harmful ways. Using data from 

a sample of 100 high school students at a private school in Central California, we provide further 

empirical support for the theoretical model discussed in Study 2 and 3 and show that adolescents 

with poor self-regulation and high levels of PSMU are critically at-risk populations for 

experiencing negative effects of social media use on mental health. We also show that even a 
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single exposure to mental health videos can induce an effect on viewers’ anxiety symptoms, 

particularly when they experience a strong sense of PSR.  

Literature review 

Parasocial relationships 

  Building relationships with audiences is a necessary skill for SMIs to be successful 

(Berryman & Kavka, 2017). In order to build these relationships with their viewers, SMIs 

intentionally manipulate parasocial interaction with viewers (Ferchaud et al., 2018; Kurtin et al., 

2018). Though social media affords the opportunity for interaction between SMIs and their 

viewers, the majority of communication is still directed from the SMIs to their audiences and 

mirrors a one-way format that can be considered parasocial (Colliander and Dahlén, 2011; 

Labrecque, 2014). Parasocial interaction (PSI) was first introduced to explain the process by 

which television viewers engaged in one-sided interactions or emotional responses with radio 

and television personalities (Horton & Wohl, 1956). These interactions are one-sided as they are 

controlled by the media personality and are not reciprocal, yet viewers experience the interaction 

as though it is directed at them (Rubin et al., 1985). PSI are bounded by the duration of the media 

exposure and the presence of the media personality, but can generate strong emotional responses 

and a sense of reciprocity in the moment (Hartmann, 2016). As these feelings of intimacy and 

pseudo-reciprocity begin to last longer than the duration of the media interaction and PSI 

becomes more frequent, it is deemed a parasocial relationship (PSR) whereby the viewer feels a 

deeper sense of intimacy with the media personality and thinks about them outside of the media 

experience (Dibble et al., 2016; Rubin et al., 1985). These relationships develop like real-world 

relationships and are influenced by duration of exposure and knowledge of the media personality 

(Hartmann, 2016; Rubin & McHugh, 1987). 
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Social media influencers rely on this perceived intimacy on the part of the viewers to be 

able to successfully advertise, persuade, and ultimately, increase their profits, so they do all that 

they can to foster PSI (Dopson, 2022). Because SMIs are perceived as more authentic, relatable, 

and reachable in comparison to traditional celebrities (Chae, 2018; Djafarova & Rushworth, 

2017; Klassen et al., 2018), it is easier for them to foster PSI and strong PSRs with their 

audiences (Marwick, 2015; Yuan & Lou, 2020). They are also seen as more admirable than 

traditional celebrities (Westenberg, 2016), meaning their advice may be more readily-accepted. 

Additionally, research suggests that social media is the “perfect place” for users to develop PSI 

and PSR as there is greater opportunity to interact with media personae (i.e., SMIs) through 

features such as likes and comments, and users can continually and repeatedly expose themselves 

to content, both new and existing content, from SMIs, allowing for increased exposure (Boerman 

& Van Reijmersdal, 2020, p. 5; Marwick, 2015). Further, features such as livestreams allow 

SMIs to directly interact with viewers through comments and chats that are synchronous, 

increasing the sense of reciprocity on the part of the viewer (Mickles & Weare, 2020). This also 

helps the SMI as increased engagement rate (i.e., likes, comments, and shares) is directly linked 

to having greater influence on what viewers think (Dopson, 2022). As SMIs produce constant 

updates and reveal personal details about their lives, including mental health, it not only 

increases exposure, but also the detailed knowledge that audiences have of them. Together, this 

creates an increased sense of intimacy and fosters the development of strong and intense PSR 

(Mickles & Weare, 2020; Zeljko et al., 2018). 

Though research has examined the development of PSI and PSR with SMIs across 

various social media platforms (see Boerman & Van Reijmersdal, 2020; Kurtin et al., 2018), 

recent research has focused on the context of YouTube as it’s video-focus allows for 
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manipulation of videography features in ways similar to traditional television that reproduces a 

sense of face-to-face communication (Burgess & Green, 2009; Kurtin et al., 2018; Labrecque, 

2014). Some of these features include direct address of the audience and manipulation of camera 

angles to be front-facing, close-up, and allow for eye contact (Burgess & Green, 2009; Ferchaud 

et al., 2018). Additionally, SMIs use self-disclosure, revealing personal information about 

oneself, such as mental health diagnoses, and sharing everyday moments, to increase intimacy 

with their audience (Berryman & Kavka, 2016). Though these techniques have been examined in 

the context of YouTube, the majority of social media platforms now include some sort of video-

sharing or live streaming feature that allows SMIs to successfully use these video-based 

techniques across platforms (e.g., Instagram reels and TikTok videos).  

 It is also important for SMIs to not only create PSRs with their audience, but to maintain 

them. In fact, it is suggested that the sense of presence and connection offered by SMIs is more 

important than the actual content they produce (Gkoni et al., 2017; Licoppe & Smoreda, 2005). 

Research suggests that increased strength of PSR moderates the effectiveness of SMIs, as 

stronger PSR felt by viewers relates to increased liking of the SMI, decreased criticism of the 

SMI and their content, greater intent to watch and time spent watching, increased sense of 

loyalty, and intent to follow displayed behaviors (Boerman & Van Reijmersdal, 2020; Ferchaud 

et al., 2018; Ko & Wu, 2017; Sakib et al., 2020). Strength of PSR with SMIs also increases their 

success in advertising products and purchase intentions of viewers (Lee & Watkins, 2016) as the 

perceived credibility and authenticity of SMIs leads users to view them as a trusted source for 

information. In fact, PSRs are one of the strongest antecedents of users following the advice 

from and being influenced by SMIs (Sokolova & Perez, 2020). Indeed, 61% of consumers trust 

information and recommendations from SMIs, compared to only 38% who trust branded content 
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online (Dopson, 2022), further illustrating the influential power SMIs have. In the context of 

mental health information, trust and liking of the SMI and heightened PSR can lead viewers to 

be influenced by the opinions presented. With concerns over the medicalization of normal 

behaviors (Bahorsky, 2022), adolescents may see normative behaviors online that are discussed 

as symptoms of mental health and believe that they have a mental health condition.  

Social learning and social norms 

As introduced above, the influential power of SMIs can be understood through social 

learning theory (Bandura, 1971; 1977). The likelihood of learning from social models (i.e., an 

SMI) has been shown to increase with liking of the model (Coates et al., 2019). Therefore, 

adolescents may learn behavior from SMIs and are particularly likely to copy SMIs when they 

have a strong parasocial relationship as PSR strength is associated with increased liking of an 

SMI (Coates et al., 2019).  

Further, in accordance with Social Norms Theory (Perkins and Berkowitz, 1986), 

individuals learn what is normal and acceptable behavior through descriptive social norms, what 

they perceive is common, and injunctive norms, what they perceive is approved (Cialdini and 

Trost, 1999; Hendriks et al., 2020). Descriptive norms act as a form of informational influence 

where individuals believe that what they see others do is what they should do (Robinson et al., 

2016). This type of influence is particularly strong amongst peers or those who are seen as 

similar (Cialdini et al., 1990; Robinson et al., 2016). Injunctive norms often influence behavior 

when there is concern for social acceptance, as they affect what individuals believe they should 

be doing and what is approved by others (Eyink et al., 2020; Robinson et al., 2016). In the 

context of SMIs who have a large following, viewers may perceive the behaviors of SMIs as 

acceptable due to the social status they have and something that should be mimicked (Hendriks 
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et al., 2020). As SMIs are perceived as peers and often similar to viewers (Chae, 2018; Qutteina 

et al., 2019), the behavior of SMIs is likely viewed as both normative and acceptable by viewers 

and subsequently copied. Therefore, if an SMI engages in self-harming behaviors or maladaptive 

coping strategies for mental health, viewers may see it as normative and mimic the behavior. 

With increased disclosures of mental health online and opinionated discussions, viewers also 

may be influenced on their perceptions of what is normative experience (e.g., how symptoms 

should present) and treatment options. As mental health conditions are often comorbid (Al-Asadi 

et al., 2015; Kessler et al., 2005), with high rates of co-occurrence between anxiety and 

depression and as they were the most commonly discussed comorbidities in our content analysis 

sample, we expect that:  

H1: Participants who watch a video about mental health will report higher (a) anxiety 

symptoms, (b) depression symptoms, and (c) self-reported conditions compared to participants 

who watch a video that does not reference mental health.  

H2: Strength of PSR with the SMI reported by participants will be positively correlated 

with the strength of PSR they report for the SMI in their video condition.  

H3: Strength of PSR with the SMI in the anxiety condition will positively predict (a) 

anxiety symptoms, (b) depression symptoms, and (c) self-reported conditions. 

H4: Strength of PSR with the SMI in the depression condition will positively predict (a) 

anxiety symptoms, (b) depression symptoms, and (c) self-reported conditions. 

Furthermore, as SMIs encourage viewers to follow them across various social media 

platforms (Reinikainen et al., 2020), adolescents may be more likely to fragment their use across 

multiple platforms. In fact, over 56% of adolescents report using four or more social media 

platforms (Robb, 2020). Low self-regulatory ability has been linked to excessive time online and 
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addictive smartphone use for this age group (LaRose et al., 2003; Mahapatra, 2019; Meeus et al., 

2019), and may influence the likelihood for adolescents to create multiple accounts and fragment 

their use across platforms to keep up with SMIs (Gkoni et al., 2017). Therefore, adolescents with 

poor self-regulation and proclivity to addictive (problematic) social media use likely spend 

increased time online and increase their exposure to SMIs, particularly with stronger PSRs, and 

may be more likely to be influenced. As such, we also re-tested the theoretical model from Study 

2 and 3 in an experimental context to include more specific SMI measures and PSR. As PSRs 

involve a sense of liking and emotion towards an SMI, we are interested here in PSR as an 

indicator of affective response. Therefore, we expect that:  

H5: Adolescents with poor self-regulation will report higher (a) SM frequency, (b) SMI 

exposure, (c) strength of PSR, and greater (d) anxiety, (e) depression, and (f) number of mental 

health conditions.  

H6: Adolescents with higher levels of PSMU will report higher (a) SM frequency, (b) 

SMI exposure, (c) strength of PSR, and greater (d) anxiety, (e) depression, and (f) number of 

mental health conditions.  

Methods 

Sample and procedure 

 Participants were recruited from a small private high school in the California Central 

Valley. Students from all of the English classes across four teachers were asked to take part in 

the study. First, they were given consent forms in class to take home to their parents. After one 

week, the students who received parental consent were sent a link (by their teachers) via email to 

an online survey hosted on Qualtrics. Participants completed the online survey during their 

English class period on April 3rd, 2023 (N = 100). Each student who returned a consent form, 
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regardless of consent or refusal, were entered into a drawing for one of ten $50 Amazon gift 

cards. A slight majority of the participants were male (n = 55; 55%) with 45% (n = 45) 

identifying as female. No participants identified as other or did not disclose gender. The sample 

was racially diverse; 54.5% (n = 55) of respondents described themselves as White, 33.7% (n = 

34) Hispanic, Latino/a, or Spanish origin, 14.9% (n = 15) Asian or Asian American, 5.9% (n = 6) 

Black or African American, 5.9% (n = 6) Native Hawaiian or Other Pacific Islander, 5.9% (n = 

6) chose to self-describe, and 5% selected Other race, ethnicity, or origin (n = 5). Participants 

came from all grade levels with the majority being in 10th grade (57.4%, n = 58), followed by 

9th grade, 21.8% (n = 22), and 11th grade, 20.8% (n = 21). None of the participants were seniors 

as the majority of seniors at the school were 18 and outside of the age range of interest.  

Measures 

Self-regulation.  

To measure self-regulation, we used the Adolescent Self-Regulatory Inventory 

(Moilanen, 2007), as we did in the two previous surveys, and used the same eight items. Each 

item was responded to on a 3-point scale ranging Not at all true for me to Really true for me (M 

= 1.96, SD = 0.39), with higher scores reflecting better self-regulation. 

Social media use.  

Problematic social media use. 

To assess problematic social media use, we used the same nine items used in the two 

surveys from the Problematic Media Use Measure (Domoff et al., 2019). Each item is rated on a 

five-point scale ranging from Never to Always. Items were coded such that higher scores 

reflected more problematic social media use (M = 2.42, SD = 0.8). 
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Social media (SM) frequency.  

To assess social media frequency, participants were shown a list of 7 social media sites, 

along with the option of “other (please specify) and asked to select which they used (M =3.96, 

SD = 1.07). Following this, for each that they selected, they were asked “How much time do you 

spend on the platform in an average day?” with eight response options ranging from None to 

More than 8 hours. A social media frequency score was created by summing these responses and 

dividing by the number of platforms they indicated using (M =2.36, SD = 0.70). 

SMIs 

To assess familiarity with and general proclivity to SMIs, participants were asked a series 

of questions. First, they were asked to enter the name of their favorite influencer on social media. 

Next, they were asked to indicate how often they check the posts of that influencer on each of the 

platforms they indicated using in the previous question. We created an overall SMI exposure 

frequency score by summing these responses and dividing by the number of platforms used (M = 

2.46, SD = 1.27). 

Parasocial relationship (PSR) 

 We used the Experience of Parasocial Interaction Scale (EPSI-Scale; Dibble et al., 2016) 

scale to assess PSR strength with the SMI identified in the previous question. The scale consists 

of 13 items, each answered on a five-point scale ranging from Strongly disagree to Strongly 

agree (M = 3.43, SD = 0.89), with higher scores representing a stronger parasocial relationship. 

Sample items include “I miss seeing my favorite SMI when they do not post on time” and “My 

favorite SMI makes me feel comfortable, as if I am with a friend.”  

 After exposure to the video condition, participants were asked to assess the strength of 

their parasocial relationship with the SMI in the video. For this, we used six items from the 
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original 13-item EPSI-Scale (Dibble et al., 2016), as some of the items did not seem to apply to a 

single exposure. The six items selected are in Appendix IIIA, along with all other survey 

questions, and include “I see (SMI) as a natural, down-to-earth person” and “I look forward to 

seeing (SMI)’s next post.” Items were summed such that higher scores represent stronger PSR 

with the influencer in the video (𝑀𝑎𝑛𝑥. = 1.15, 𝑆𝐷𝑎𝑛𝑥.= 1.64; 𝑀𝑑𝑒𝑝. = 1.04, 𝑆𝐷𝑑𝑒𝑝.= 1.54; 𝑀𝑐𝑜𝑛. = 

0.57, 𝑀𝑐𝑜𝑛.= 0.95).  

Mental health  

Anxiety.  

To maintain consistency, we used the PROMIS Short Form (PROMIS-SF; APA, 2013) to 

measure participant’s anxiety symptoms. This measure consists of eight items, each answered on 

a five-point scale ranging from Never to Always, with higher scores representing greater anxiety 

symptoms (M = 2.80, SD = 0.96).  

Depression.  

We used the Patient Health Questionnaire-9 (Kroenke et al., 2001) to measure depression 

symptoms. The measure consists of nine items with each question answered on a four-point scale 

ranging from Not at all to Nearly every day, but the final item regarding suicidal ideation was 

again dropped from the survey in consideration of participant safety. Therefore, our final 

measure consisted of eight items (M = 1.91, SD = 0.72), with higher scores representing greater 

depression (M = 1.91, SD = 0.72). 

Self-reported mental health.  

Finally, participants were asked to indicate whether or not they experienced any health or 

mental health problems over the last 30 days, to which they selected all that applied from a list of 

six conditions (for a full list, please see Appendix IIIA). These were then binary coded for 
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whether they were selected (1) or not selected (0). Finally, a total sum of health conditions was 

calculated by summing the responses to each of the seven conditions and/or symptoms (M = 

1.18, SD = 1.24). 

Stimuli selection 

YouTube videos were selected as the visual stimuli for the experiment for several 

reasons. Not only is YouTube the most-used platform among this age group (Bahorsky, 2022), in 

line with Study 1 and previous research, mental health information is the most prevalent on 

YouTube (Godwin et al., 2017; Kang et al., 2017). Further, from the results in our two survey 

studies, online video content may be more influential on adolescent mental health as when online 

video content was included in the measure of frequency, SM frequency predicted symptoms, 

rather than self-report. The videos used for the experimental conditions were identified using a 

series of selection criteria. First, videos had to feature an SMI who at the time of filming was a 

similar age to study participants. Second, the videos could not mention any potential age-

inappropriate topics (i.e., sex, cursing, mentions of suicide). Third, in an attempt to control for 

any potential gender effects, we selected one video, the anxiety condition, with a female SMI and 

one video, the depression condition, with a male SMI. Then, the video for the control condition 

was selected to feature both one female and one male SMI. Finally, to maximize participant 

attention, videos over ten minutes were not considered for selection. The final videos that were 

used for the experimental conditions are listed in Appendix IIIB. 

Results  

Preliminary analyses.   

Before testing our hypotheses, we first cleaned the data. There were a total of 107 

responses, but seven were removed for missing and/or incomplete data if they did not answer any 



 

 86 

questions relating to the video condition, resulting in a final sample of N = 100. We also 

examined correlations between key variables in the study. Self-regulation was negatively 

correlated with PSMU and the three mental health outcomes (anxiety, depression, and mental 

health self-report). PSMU was positively correlated with SM frequency and depression 

symptoms, and negatively correlated with PSR strength for the depression video condition.  

Age was positively correlated with PSR strength, supporting prior research (Bond, 2016). 

Additionally, gender was negatively correlated with PSR strength, and positively correlated with 

the three mental health outcomes. As a result, we controlled for age and gender in the main 

analyses. Descriptive statistics and correlations between variables are presented in Table 6A in 

Appendix IIIC.  

There was no correlation between the strength of PSR with the SMIs reported by 

participants and the strength of PSR with the SMI in the video condition, so H2 was rejected.  

Main Analyses.  

Video condition and mental health outcomes.  

To test our first hypothesis, we ran a one-way analysis of variance (ANOVA) which 

allows for the comparison of three or more group means, in this case, each of our three video 

conditions (anxiety, depression, and control). Table 4 below lists the descriptive statistics for 

each condition. We ran one test for each of our three dependent variables [anxiety (H1a); 

depression (H1b); and mental health conditions self-reported (H1c)]. In each test, we controlled 

for participant gender as it was the only demographic characteristic correlated with mental health 

outcomes. All ANOVA model results are reported in Table 7A in the Appendix.   
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Anxiety.  

 Though we approached significance, results of an ANOVA found no significant main 

effect of experimental condition on anxiety symptoms F(2, 96) = 2.75, p = .07. However, we did 

find a significant difference between the anxiety video condition and the control video condition 

in the follow-up simple contrast tests (p = .04, 95% CI: [-.91, -.03]). This means that participants 

in the control video condition reported significantly (M = 2.70, SD = 1.04) lower anxiety 

symptoms than those in the anxiety video condition (M = 3.06, SD = 0.84), partially-supporting 

H1a. We also observed a significant effect of gender F(1, 99) = 4.89, p = .03, suggesting that 

females reported significantly higher anxiety symptoms compared to males.  

Depression.  

 We observed no significant effect of experimental condition on depression symptoms 

F(2, 95) = .013, p = .99. Indeed, it seems that depression symptoms reported were almost 

identical across conditions, so H1b was rejected. We again observed a significant effect of 

gender F(1, 99) = 4.09, p = .05, suggesting that females reported significantly higher anxiety 

symptoms compared to males. 

Self-reported mental health.  

 We also observed no significant effect of experimental condition on self-reported mental 

health conditions F(2, 96) = .78, p = .46, so H1c was also rejected. There were also no 

significant differences in the number of conditions reported across experimental groups. Again, 

we did observe a significant effect of gender, F(1, 99) = 13.76, p = .000, such that females 

reported significantly more mental health conditions compared to males.  
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Table 4  

Descriptive Statistics by Condition  

 Condition 1 

Anxiety 

N = 36 

Condition 2 

Depression 

N = 34 

Condition 3 

Control 

N = 30 

Total 

N = 100 

 M SD M SD M SD M SD 

Self-regulation 1.99 0.39 1.95 0.39 1.94 0.40 1.96 0.39 

PSMU 2.48 0.81 2.21 0.73 2.59 0.83 2.42 0.80 

SM Frequency 2.43 0.75 2.23 0.71 2.43 0.63 2.36 0.70 

SMI Frequency 2.52 1.44 2.61 1.21 2.24 1.14 2.46 1.27 

Parasocial 

relationship 

(with SMI) 

3.31 1.04 3.41 0.73 3.58 0.89 3.43 0.89 

Parasocial 

relationship (by 

video 

condition) 

3.22 0.93 3.10 0.78 1.85 0.73 NA NA 

Anxiety 3.06 0.84 2.61 0.94 2.70 1.04 2.80 0.95 

Depression 1.88 0.70 1.88 0.62 1.97 0.85 1.91 0.72 

Mental health 

conditions 

1.22 1.07 1.24 1.28 1.07 1.39 1.18 1.24 

 

Strength of parasocial relationship.  

 For our second hypothesis concerning the effect of parasocial relationship strength, we 

ran a series of linear regression models, one for each of our three mental health outcomes. In 

each model, we entered demographic control variables (i.e., age and gender) in the first block, 

and PSR strength variables (i.e., PSR proclivity and PSR by video condition).  
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Anxiety.  

First, we tested a regression model for the effects of PSR strength on anxiety symptoms. 

The regression results indicated that the demographic characteristics explained only 7% of the 

variance in the outcome variable, F(2, 97) = 3.74, p = .03, 𝑅2 = .07. While we did not observe a 

significant effect of age, gender was significantly positively related to anxiety symptoms (β = 

.23, p = .02) such that females reported higher symptoms. Next, we added in the four dimensions 

of PSR strength F(6, 93) = 5.15, p = .000,  𝑅2 = .25. Interestingly, we observed no significant 

effect of PSR strength with the participant-identified SMI, but we did find significant effects for 

the strength of PSR with the SMIs in the video conditions and reported anxiety symptoms 

(anxiety, β = .77, p = .000; depression, β = .56, p = .001; control, β = .53, p = .002), supporting 

H3a and H4a. Once these PSR variables were entered, gender lost significance in the model. This 

means that, regardless of gender, participants who felt a sense of PSR with the SMIs in the video 

conditions reported higher anxiety symptoms.  

Depression.  

 Next, we ran a model to predict depression symptoms. The first block of demographic 

variables did not significantly explain any variance in depression symptoms F(2, 96) = 2.29, p = 

.11, 𝑅2 = .05. However, there was a significant effect of gender (β = .21, p = .04). The second 

block of PSR strength variables was also not significant F(6, 92) = 1.96, p = .08, 𝑅2 = .11, 

meaning that PSR strength does not significantly predict variation in depression symptoms, so 

H3b and H4b were rejected. However, we again found a significant effect of PSR strength for 

each condition (anxiety, β = .44, p = .02; depression, β = .40, p = .03; control, β = .44, p = .01). 
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Self-reported mental health.   

Lastly, we tested a regression model for the effects of PSR strength on self-reported 

mental health conditions. The regression results indicated that the demographic characteristics 

were significant and explained 12% of the variance in the outcome variable, F(2, 97) = 6.72, p = 

.002, 𝑅2 = .12. While we did not observe a significant effect of age, gender was significantly 

positively related to anxiety symptoms (β = .35, p = .000) such that females were more likely to 

self-report mental health conditions. Next, we added in the four dimensions of PSR strength F(6, 

93) = 2.63, p = .02,  𝑅2 = .15, which significantly reduced the predictive value of the model as 

there were no significant effects of any metric of PSR strength, so H3c and H4c were rejected.  

Overall model.  

 Next, to test hypotheses 3 and 4, as we did for Study 2 and 3, we ran a series of 

PROCESS Model 80 tests. We ran one model for each of our two independent variables and 

three dependent variables, resulting in six models. For each model, we included participant age 

and gender as covariates, as they were significantly correlated to some of the variables of interest 

and race was not correlated as it was in Study 2 and 3. 

Self-regulation as a predictor.  

 First, we tested self-regulation as a predictor of each of our dependent variables. In each 

of the models, self-regulation was not significantly related to any of our three mediating 

variables (SM frequency, SMI exposure frequency, and PSR strength). Thus, H5a, H5b, and H5c 

were not supported. However, both age (β = .19, p = .05) and gender (β = -.21, p = .03) were 

significantly related to PSR strength, suggesting that older male participants with poor self-

regulation reported stronger PSR.  
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Anxiety. 

Our overall model predicting anxiety symptoms was significant (R = .38, R2 = .14, F(6, 

92) = 2.53, p = .03). Results indicated a significant direct negative relationship between self-

regulation and anxiety (β = -.22, p = .03) such that participants with poorer self-regulation 

reported higher levels of anxiety, supporting H5d. There were no significant relationships 

between any of the mediating variables and anxiety; however, there was a significant effect of 

gender (β = .21, p = .04), such that females were more likely to report higher anxiety symptoms.  

Depression.  

  Next, we tested the model with depression symptoms as the outcome variable. The 

overall model was significant (R = .47, R2 = .22, F(6, 92) = 4.31, p = .001). Results indicated a 

significant direct negative relationship between self-regulation and depression (β = -.34, p = 

.001) such that participants with poorer self-regulation reported higher levels of depression, 

supporting H5e. There was also a significant relationship between SM frequency and depression 

(β = .21, p = .03) such that those who used social media more frequently reported more 

depression symptoms. No other significant relationships were observed.  

Self-reported mental health.  

 Finally, we tested self-reported mental health conditions as the dependent variable. The 

overall model was significant (R = .49, R2 = .24, F(6, 92) = 4.96, p = .001). Results indicated a 

significant direct negative relationship between self-regulation and self-reported mental health 

conditions (β = -.33, p = .001) such that participants with poorer self-regulation reported a 

greater number of mental health conditions, supporting H5f. There were no significant 

relationships between any of the mediating variables and mental health; however, there was a 
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significant effect of gender (β = .39, p = .0001), such that females self-reported more mental 

health conditions. 

Problematic social media use as a predictor.  

Next, we tested PSMU as a predictor of each of our dependent variables. In each of the 

models, PSMU was significantly related to SM frequency (β = .46, p = .0000), supporting H6a, 

but not to either of the other mediating variables, so H6b and H6c were rejected. We again 

included age and gender as covariates in each model and both age (β = .20, p = .05) and gender 

(β = -.21, p = .03) were significantly related to PSR strength, such that older male participants 

who engage in PSMU reported stronger PSR 

Anxiety. 

Our overall model predicting anxiety symptoms was significant (R = .36, R2 = .13, F(6, 

92) = 2.24, p = .05). Results indicated no significant relationship between PSMU and anxiety (β 

= .20, p = .07) meaning H6d was not supported. There were also no significant relationships with 

any of the mediating variables; however, gender was significantly positively related (β = .20, p = 

.05) suggesting females were more likely to report anxiety symptoms.  

Depression.  

 Next, our model predicting depression symptoms was significant (R = .46, R2 = .21, F(6, 

92) = 4.03, p = .001). Results indicated a significant direct negative relationship between PSMU 

and depression (β = .37, p = .001) such that participants who used social media more 

problematically reported higher levels of depression, supporting H6e. There were no other 

significant relationships observed in the model.  
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Self-reported mental health.  

 Finally, though the overall model predicting self-reported mental health conditions was 

significant (R = .38, R2 = .15, F(6, 92) = 2.63, p = .02), we observed no significant relationships 

between PSMU or the other mediating variables, so H6f was rejected. There was, however, a 

significant effect of gender (β = .38, p = .001), suggesting females self-reported more mental 

health conditions.  

Discussion  

 Though we found limited support for our first two hypotheses addressing the effects of 

mental health disclosures by an SMI on adolescent mental health and PSR, we did further 

support the conclusions drawn from the two national surveys conducted in Study 2 and Study 3. 

In particular, we again provide evidence that adolescent self-regulation skills and PSMU have 

significant impact on their social media use and mental health outcomes. Though we found 

limited support for social media mediators in this study, we did still observe a significant 

mediating effect of SM frequency in the relationship between PSMU and depression, further 

emphasizing the intensity of effects that PSMU is having on  adolescents. Even in a small sample 

size with low levels of mental health struggles, we still observed a relationship between PSMU 

and mental health outcomes. Despite the limitations of frequency measures, SM frequency 

appears to be a significant predictor of mental health outcomes and should be considered 

alongside more nuanced measures of content and use. For this study, we assessed frequency 

using a composite score of the use of each social media platform in an average week. This 

increased specificity may have aided in better recall, a limitation noted by Odgers and Jensen 

(2020) in response to blanket frequency measures. Therefore, more specific measures of 
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frequency bounded by a time frame and individualized by platform may be a useful way to 

assess the construct.  

Our first hypothesis predicted that video condition would significantly relate to mental 

health outcomes. Indeed, we found that adolescents who watched a video with an SMI talking 

about anxiety reported significantly higher anxiety symptoms than the adolescents who watched 

a control video that did not reference mental health in any way. Though we found no other 

significant differences between experimental groups and mental health outcomes, this does 

suggest that even after a single exposure, adolescent mental health can be influenced by the 

content they watch. In this case, it may be that mentioning a condition can prime adolescents to 

experience and mimic symptoms subconsciously. This is concerning as we also found that the 

strength of PSR adolescent viewers feel with an SMI has differential effects. Adolescents who 

reported stronger PSR with SMIs in the videos exhibited increased anxiety and depression 

symptoms, but did not report that they have been diagnosed with those conditions. Further, PSR 

strength reduced the predictive value of our model in the case of self-reported mental health 

conditions. Therefore, exposure to mental health content may have subconscious effects, 

particularly in the case of anxiety, and these effects can be heightened through stronger PSRs. In 

fact, strength of PSR likely has a significantly powerful role in the relationship between media 

use and mental health outcomes, as the consistent links we observed between gender and mental 

health symptoms, not only in this study but in the two survey studies as well, were not present 

once PSR strength was entered into the model. We also found a significant relationship between 

PSMU and depression that was mediated by SM frequency. Collectively, this provides further 

explanation for the differential relationships observed in Study 2 and 3 whereby SM frequency 

had an effect on symptomatology, but not on adolescent self-reports of mental health conditions, 
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suggesting that frequency plus exposure to mental health content is having an effect on 

adolescent experiences of mental health to which they may not be aware.  

Limitations and future directions.  

Part of the lack of significance in findings regarding video condition, PSR strength, and 

mental health outcomes may be due to the single video exposure. Prior research notes that a 

single exposure to online content is likely not enough to elicit an immediate effect (Aftab & 

Murphy, 2022). Further, we may not have had enough power in the sample, as only 78 

participants provided a valid response to the question asking for their favorite SMI, with 13 

names being duplicated. Of the final list of 59 identified persons, 11 are considered traditional 

celebrities (and Donald Trump) not SMIs. Therefore, this population may have limited exposure 

to and understanding of SMIs. Indeed, many participants noted that they just watch whatever 

comes up in their recommended feeds, rather than following specific influencers. TikTok may 

have changed the way that younger adolescents consume content online. However, we did 

observe one difference in anxiety symptoms between the anxiety condition and control 

condition, so even if viewers are not aware of who an SMI is, they can still be impacted by 

exposure to mental health content. Adolescents that do follow SMIs and develop PSRs may be at 

an elevated risk for being influenced.  

Further, the differences observed for anxiety and depression may have been a function of 

the video stimuli. The video about depression was significantly shorter than the one on anxiety, 

and the SMI was a male. As there were consistent effects of gender in both this study, and across 

the previous two surveys, on mental health outcomes, it may be that the females did not feel a 

sense of PSR with the male SMI in the depression condition enough to observe an effect. 

Further, the female SMI in the anxiety condition, Emma Chamberlain, was mentioned twice as 
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the favorite SMI by participants in the study, so she may be more well-known than the male 

SMI, Jack Harries. Indeed, familiarity is a component of PSR (Grave, 2017), and this may have 

contributed to the significant effects on anxiety symptoms. However, it is still concerning that 

participants in the anxiety condition demonstrated higher anxiety symptomatology, yet there was 

no significant effect for self-reported conditions.  

This sample was also limited in diverse representation, particularly in comparison to the 

diversity in our two survey samples. Student participants attended a private Catholic school in 

the California Central Valley that costs $14,000 annually. Therefore, participants were likely of a 

higher socioeconomic status (SES) than is average in that region where average household 

income is $67,011 and only 19.5% of residents hold a Bachelor’s degree or higher (United States 

Census Bureau, 2022). Research shows that SES is a confounding factor in the relationship 

between social media use and mental health outcomes as it is related to both increased media use 

and mental health conditions (Odgers et al., 2020; Reiss, 2013). Indeed, adolescents of lower 

SES are more likely to have negative experiences with social media and experience increased 

psychological problems with media use, including anxiety and depression (Gracia et al., 2022; 

Skogen et al., 2022). Researchers also believe that adolescents in lower SES households are 

more susceptible to engaging in PSMU (Geurts et al., 2022) as they spend an average of up to 

three hours more each day on screens compared to those of higher SES (Odgers & Jensen, 2020; 

Rideout & Robb, 2018). Therefore, the adolescents in this sample may spend less time on social 

media and be at a lower risk of mental health struggles, which also may have contributed to the 

lack of significant findings.  

Considering these limitations, future research should extend to a larger, more diverse 

sample of adolescents to consider the effects of SMIs, PSR strength, and mental health. We 
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found some significant relationships between PSR strength and mental health symptoms in this 

small sample, and these associations are likely exacerbated among vulnerable populations. While 

adolescents with poor self-regulation and those who have high PSMU are vulnerable groups, 

there are a plethora of other characteristics to consider that may make adolescents vulnerable to 

the influence of SMIs. For example, adolescents with existing diagnoses, younger adolescent 

girls (ages 10 to 14 years), and adolescents with low social support, for example from low SES 

backgrounds or of marginalized groups (e.g., sexual or racial minorities), are identified as at-risk 

groups for poor mental health resulting from social media use (Odgers & Jensen, 2020; Pitt et al., 

2021) and should be more heavily considered in research moving forward.  

Conclusion 

 Overall, the results of these four studies help us identify at-risk populations who are 

particularly vulnerable to the negative effects of social media use on mental health outcomes 

(i.e., adolescents with poor self-regulation, those who engage in high PSMU, and females). 

While there are plenty of professional resources that exist, adolescents are turning to UGC for 

mental health information and this experiential knowledge may be having detrimental effects. 

We also answer the call for a more nuanced approach to understanding media effects and mental 

health by considering specific populations as well as particular types of content that may 

exacerbate negative effects. Across our three studies, adolescents with poor self-regulation and 

those who use social media in problematic ways consistently demonstrated worse mental health 

outcomes on both clinical measurements of symptoms (i.e., anxiety and depression) as well as 

self-reported mental health conditions. Therefore, this group of adolescents are particularly 

susceptible to the negative effects that social media use can have on mental health. As suggested 

by prior research (e.g., Twenge et al., 2018), adolescent females in particular appear to be a 



 

 98 

highly at-risk group as we found consistent relationships between gender and mental health 

outcomes across all studies. Indeed, a study conducted by Campbell and colleagues (2021) found 

that, across 73 countries, female adolescents experience more mental health problems compared 

to males.   

We also found consistent mediating effects of social media use frequency and content 

type on mental health, meaning that facets of social media use explain some portion of the 

relationship between self-regulation skills and PSMU and mental health outcomes. Indeed, in our 

two survey studies (Study 2 and Study 3) we show that adolescents who consumed mental health 

content on social media exhibited greater anxiety and depression symptoms through clinical 

measures, and also self-reported more mental health conditions. In the context of COVID-19 

restrictions and lockdowns when Study 2 data was collected, this relationship was observed for 

content, but not frequency of social media use. During the lockdown restrictions, SM frequency 

was associated with greater self-report of mental health conditions, but not actual symptom 

displays. These findings underline the importance of investigating the specific content to which 

adolescents are exposed, as content (mental health in this case) had more of a consistent 

relationship with mental health outcomes than did sheer frequency of use. Yet, it is necessary to 

consider both metrics as frequency was related to adolescent perceptions of their mental health 

more consistently than actual symptomatology. Through repeated exposure to mental health 

content, adolescents were more likely to think that they had a mental health condition. Therefore, 

future research should consider both frequency and content to get a more complete picture of 

how social media use relates to outcomes. Further, in Study 3 frequency of use was significantly 

related to both symptomatology and self-report, revealing how non-deliberate social media use 

can exacerbate negative outcomes. During the lockdown restrictions, adolescents were more 
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thoughtful and conscious of their media use in line with increased free time and warnings about 

negative effects on mental health, which acted as a buffer against negative effects from a 

frequency perspective. However, once restrictions uniformly lifted and adolescents went back to 

“normal” life, they began to experience poorer mental health in relation to their frequency of use 

as it was less salient. This perhaps supports previous research on the harmful effects of 

fragmented social media use (Siebers et al., 2022). That is, during the restrictions, adolescents 

were mindful and reported guilt at spending longer than intended on social media (Pitt et al., 

2021). Once they were back to school and other activities that structure their time, they likely 

engaged in more fragmented social media use (e.g., in-between classes, breaks, car journeys 

home and to other events), as there was very little change in mean time spent on social media 

between the two studies, yet frequency negatively related to mental health symptoms in Study 3. 

Therefore, as suggested by (Siebers et al., 2022), quick bursts of social media use in short time 

frames may actually be more harmful to mental health than spending a few hours at a time 

online.  

 The lack of significant findings in our Study 4 experiment in regards to video condition 

and mental health symptoms may be in part explained by the single exposure. Indeed, both 

frequency of exposure and the amount of mental health content consumed on social media were 

predictive of mental health outcomes in our two surveys. Therefore, SMIs may have a significant 

persuasive effect on the mental health conditions that adolescents self-report over time. 

Parasocial relationships exist beyond the media exposure and form over time (Sokolova & Perez, 

2020), and thus, a single video may not have been enough to evoke a strong response. However, 

though the relationships were not statistically significant, the parasocial relationship strengths 

reported for the anxiety (M = 3.2) and depression (M = 3.1) video conditions were far higher than 
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that of the control condition (M = 1.8) that did not reference mental health in any way. This 

suggests that self-disclosure of mental health can influence viewers, and the relationship likely 

only strengthens through repeated exposure. Though we only explored mental health symptoms 

and self-report in this study, if disclosing mental health increases the likelihood and strength of 

viewers forming PSRs with SMIs, this can have serious implications on various facets of 

behavior. As discussed above, with increased strength of PSR, viewers more readily accept 

advice from SMIs as they like and trust them more (Sokolova & Perez, 2020). Our content 

analysis revealed that videos about mental health contained limited amounts of credible, 

professional support in discussions of symptoms and treatment options. They also contained a 

high frequency of negative opinions in relation to mental health and recovery. This is concerning 

as adolescent viewers, particularly when they experience high PSR, may be discouraged from 

seeking specific types of treatment, asking for support, or feeling like they can get better. Online 

video platforms, such as YouTube and TikTok, appear to be more harmful to adolescent mental 

health due to the prevalence of mental health content coupled with the attention-grabbing, 

emotion-inducing nature of video content (Devendorf et al., 2020).   

Limitations and future directions 

 A limitation of this set of studies is that we only considered mental health as an outcome 

of social media use. However, as discussed in the DSMM, media effects are transactional. That 

is, social media use (i.e., frequency and exposure to mental health content) can be contributing to 

adolescents’ poor mental health, and mental health symptoms and perceptions of having a mental 

health condition can further influence them to repeatedly seek out mental health content, creating 

a reinforcing downward spiral. Though we initially set out to identify the populations and 

mechanisms by which social media users self-diagnose as a result of trends in mental health 
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information online, we ultimately provided further evidence of adolescent populations who are 

vulnerable to the effects of social media and found that the ones who need help the most are 

those that may not know it.  

 

 

 

  



 

 102 

References 

Abidin, C. (2016). “Aren’t these just young, rich women doing vain things online?”: Influencer 

selfies as subversive frivolity. Social Media + Society, 2(2). https://doi.org/ 

10.1177/205630511664134 

Ahern, N. R., Sauer, P., & Thacker, P. (2015). Risky behaviors and social networking sites: how 

is YouTube influencing our youth?. Journal of Psychosocial Nursing and Mental Health 

Services, 53(10), 25-29. https://doi.org/10.3928/02793695-20150908-01 

Aftab O and Murphy G. A single exposure to cancer misinformation may not significantly affect 

related behavioural intentions [version 1; peer review: awaiting peer review]. HRB Open 

Res 2022, 5:82. https://doi.org/10.12688/hrbopenres.13640.1 

Al-Asadi, A. M., Klein, B., & Meyer, D. (2015). Multiple comorbidities of 21 psychological 

disorders and relationships with psychosocial variables: A study of the online assessment 

and diagnostic system within a web-based population. Journal of Medical Internet 

Research, 17(3), e55. https://doi.org/10.2196/jmir.4143 

American Psychiatric Association (2013). Diagnostic and statistical manual of mental disorders 

(DSM-5®). American Psychiatric Association. 

Anderson, P. (2002). Assessment and development of executive function (EF) during childhood. 

Child Neuropsychology, 8(2), 71-82. https://doi.org/10.1076/chin.8.2.71.8724 

Arness, D. C., & Ollis, T. (2022). A mixed-methods study of problematic social media use, 

attention dysregulation, and social media use motives. Current Psychology, 1-20. 

https://doi.org/10.1007/s12144-022-03472-6 

https://doi.org/10.3928/02793695-20150908-01
https://doi.org/10.12688/hrbopenres.13640.1
https://doi.org/10.2196/jmir.4143
https://doi.org/10.1007/s12144-022-03472-6


 

 103 

Atherton, O. E., Lawson, K. M., & Robins, R. W. (2020). The development of effortful control 

from late childhood to young adulthood. Journal of Personality and Social Psychology, 

119(2), 417. https://doi.org/10.1037/pspp0000283 

Bahorsky, R. (2022, November-December). Calling Dr. TikTok: Experts weigh in on an 

alarming social-media trend. University of Virginia Arts & Sciences Magazine. 

https://give.as.virginia.edu/news/story/calling-dr-tiktok-experts-weigh-alarming-social-

media-trend 

Bailey, E., Young, C.M. (2015). Adolescents and the Media. In: Gullotta, T., Plant, R., Evans, 

M. (eds) Handbook of Adolescent Behavioral Problems. Springer, Boston, MA. 383-394. 

https://doi.org/10.1007/978-1-4899-7497-6_20 

Bak, C. M., & Priniski, J. H. (2020). Representations of health and wellness on Instagram: An 

analysis of 285,000 posts. https.//doi.org/10.31234/osf.io/6nxvu 

Bandura, A. (1971). Social learning theory. Morristown. 

Bandura, A. (1977). Social Learning Theory. Englewood Cliffs, NJ: Prentice Hall. 

Baquero, E.P. (2018). A descriptive analysis of the most viewed YouTube videos related to 

depression. Doctoral dissertation. https://doi.org/10.7916/D86M4K9P 

Barkley, R. A. (2010, July 15). Differential diagnosis of adults with ADHD: The role of 

executive function and self-regulation. The Journal of Clinical Psychiatry, 71(7), 27654. 

Baumeister, R. F., Muraven, M., & Tice, D. M. (2000). Ego depletion: A resource model of 

volition, self-regulation, and controlled processing. Social Cognition, 18(2), 130-150. 

https://doi.org/10.1521/soco.2000.18.2.130 

https://doi.org/10.1037/pspp0000283
https://give.as.virginia.edu/news/story/calling-dr-tiktok-experts-weigh-alarming-social-media-trend
https://give.as.virginia.edu/news/story/calling-dr-tiktok-experts-weigh-alarming-social-media-trend
https://doi.org/10.1521/soco.2000.18.2.130


 

 104 

Berryman, R., & Kavka, M. (2017). ‘I guess a lot of people see me as a big sister or a friend’: 

The role of intimacy in the celebrification of beauty vloggers. Journal of Gender Studies, 

26(3), 307-320. https://doi.org/10.1080/09589236.2017.1288611 

Bishop, S. (2019, August 12). Why the ‘ideal’ influencer looks like… that. Paper. 

https://www.papermag.com/top-beauty-influencers-2639784604.html#rebelltitem1  

Blair, C., & Diamond, A. (2008). Biological processes in prevention and intervention: The 

promotion of self-regulation as a means of preventing school failure. Development and 

Psychopathology, 20(3), 899. https://doi.org/10.1017/S0954579408000436 

Blalock, D. V., Franzese, A. T., Machell, K. A., & Strauman, T. J. (2015). Attachment style and 

self-regulation: How our patterns in relationships reflect broader motivational styles. 

Personality and Individual Differences, 87, 90-98. 

https://doi.org/10.1016/j.paid.2015.07.024 

Boepple, L., Ata, R. N., Rum, R., & Thompson, J. K. (2016). Strong is the new skinny: A 

content analysis of fitspiration websites. Body Image, 17, 132-135. 

https://doi.org/10.1016/j.bodyim.2016.03.001 

Boerman, S. C., & Van Reijmersdal, E. A. (2020). Disclosing influencer marketing on YouTube 

to children: The moderating role of para-social relationship. Frontiers in Psychology, 10, 

30-42. https://doi.org/10.3389/fpsyg.2019.03042 

Bond, B. J. (2016). Following your “friend”: Social media and the strength of adolescents' 

parasocial relationships with media personae. Cyberpsychology, Behavior, and Social 

Networking, 19(11), 656-660. https://doi.org/10.1089/cyber.2016.0355 

Buijzen, M., Van Reijmersdal, E. A., & Owen, L. H. (2010). Introducing the PCMC model: An 

investigative framework for young people's processing of commercialized media content. 

https://doi.org/10.1080/09589236.2017.1288611
https://doi.org/10.1017/S0954579408000436
https://doi.org/10.1016/j.paid.2015.07.024
https://doi.org/10.1016/j.bodyim.2016.03.001
https://doi.org/10.3389/fpsyg.2019.03042
https://doi.org/10.1089/cyber.2016.0355


 

 105 

Communication Theory, 20(4), 427-450. https://doi.org/10.1111/j.1468-

2885.2010.01370.x 

Burgess, J., & Green, J. (2009). The entrepreneurial vlogger: Participatory culture beyond the 

professional/amateur divide. The Youtube Reader, 89-107. 

Burke, T. A., Kutok, E. R., Dunsiger, S., Nugent, N. R., Patena, J. V., Riese, A., & Ranney, M. 

L. (2021). A national snapshot of US adolescents' mental health and changing technology 

use during COVID-19. General Hospital Psychiatry, 71, 147-148. 

https://doi.org/10.1016/j.genhosppsych.2021.05.006 

Burkley, E. (2008). The role of self-control in resistance to persuasion. Personality and Social 

Psychology Bulletin, 34(3), 419-431. https://doi.org/10.1177/0146167207310458 

Burkley, E., Anderson, D., & Curtis, J. (2011). You wore me down: Self‐control strength and 

social influence. Social and Personality Psychology Compass, 5(7), 487-499. 

https://doi.org/10.1111/j.1751-9004.2011.00367.x 

Burnell, K., & Odgers, C. L. (2023). Trajectories of Perceived Technological Impairment and 

Psychological Distress in Adolescents. Journal of Youth and Adolescence, 52(2), 258-

272. https://doi.org/10.1007/s10964-022-01679-1 

Burnell, K., Andrade, F. C., & Hoyle, R. H. (2022). Longitudinal and daily associations between 

adolescent self-control and digital technology use. Developmental Psychology, 59(4), 

720–732. https://doi.org/10.1037/dev0001444 

Burrow, A. L., & Rainone, N. (2017). How many likes did I get?: Purpose moderates links 

between positive social media feedback and self-esteem. Journal of Experimental Social 

Psychology, 69, 232-236. https://doi.org/10.1016/j.jesp.2016.09.005 

https://doi.org/10.1111/j.1468-2885.2010.01370.x
https://doi.org/10.1111/j.1468-2885.2010.01370.x
https://doi.org/10.1016/j.genhosppsych.2021.05.006
https://doi.org/10.1177/0146167207310458
https://doi.org/10.1111/j.1751-9004.2011.00367.x
https://doi.org/10.1007/s10964-022-01679-1


 

 106 

Byrne, E., Kearney, J., & MacEvilly, C. (2017). The role of influencer marketing and social 

influencers in public health. Proceedings of the Nutrition Society, 76(103). 

https://doi.org/10.1017/S0029665117001768 

Campbell, O. L., Bann, D., & Patalay, P. (2021). The gender gap in adolescent mental health: A 

cross-national investigation of 566,829 adolescents across 73 countries. SSM-Population 

Health, 13, 100742. https://doi.org/10.1016/j.ssmph.2021.100742 

Carrotte, E. R., Prichard, I., & Lim, M. S. C. (2017). “Fitspiration” on social media: A content 

analysis of gendered images. Journal of Medical Internet Research, 19(3), 95. 

https://doi.org/10.2196/jmir.6368 

Cauberghe, V., Van Wesenbeeck, I., De Jans, S., Hudders, L., & Ponnet, K. (2021). How 

adolescents use social media to cope with feelings of loneliness and anxiety during 

COVID-19 lockdown. Cyberpsychology, Behavior, and Social Networking, 24(4), 250-

257. https://doi.org/10.1089/cyber.2020.0478 

Centers for Disease Control and Prevention (2023). Data and Statistics on Children’s Mental 

Health. https://www.cdc.gov/childrensmentalhealth/data.html 

Centers for Disease Control and Prevention (2020). WISQARS: Leading causes of death 

visualization tool. https://wisqars.cdc.gov/data/lcd/home 

Chae, J. (2018). Explaining females’ envy toward social media influencers. Media Psychology, 

21(2), 246-262. https://doi.org/10.1080/15213269.2017.1328312 

Chan, T., Drake, T., & Vollmer, R. L. (2018). Qualitative comparison of nutrition content and 

advice from registered dietitian and non-registered dietitian bloggers. Journal of 

Nutrition Education and Behavior, 50(7), S105-S106. 

https://doi.org/10.1016/j.jneb.2018.04.136 

https://doi.org/10.1017/S0029665117001768
https://doi.org/10.2196/jmir.6368
https://doi.org/10.1089/cyber.2020.0478
https://www.cdc.gov/childrensmentalhealth/data.html
https://doi.org/10.1080/15213269.2017.1328312
https://doi.org/10.1016/j.jneb.2018.04.136


 

 107 

Choi, B., Kim, H., & Huh-Yoo, J. (2021). Seeking mental health support among college students 

in video-based social media: content and statistical analysis of YouTube videos. JMIR 

Formative Research, 5(11), e31944. 

Cialdini, R. B., Reno, R. R., & Kallgren, C. A. (1990). A focus theory of normative conduct: 

Recycling the concept of norms to reduce littering in public places. Journal of 

Personality and Social Psychology, 58(6), 1015. https://doi.org/10.1037/0022-

3514.58.6.1015 

Cialdini, R. B., & Trost, M. R. (1998). Social influence: Social norms, conformity and 

compliance. 

Cingel, D. P., Lauricella, A. R., Taylor, L. B., Stevens, H. R., Coyne, S. M., & Wartella, E. 

(2022). US adolescents’ attitudes toward school, social connection, media use, and 

mental health during the COVID-19 pandemic: Differences as a function of gender 

identity and school context. PloS One, 17(10), e0276737. 

https://doi.org/10.1371/journal.pone.0276737 

Coates, A. E., Hardman, C. A., Halford, J. C., Christiansen, P., & Boyland, E. J. (2019). Social 

media influencer marketing and children’s food intake: a randomized trial. Pediatrics, 

143(4). https://doi.org/10.1542/peds.2018-2554 

Coles, M. E., Ravid, A., Gibb, B., George-Denn, D., Bronstein, L. R., & McLeod, S. (2016). 

Adolescent mental health literacy: Young people's knowledge of depression and social 

anxiety disorder. Journal of Adolescent Health, 58(1), 57-

62.https://doi.org/10.1016/j.jadohealth.2015.09.017 

https://doi.org/10.1037/0022-3514.58.6.1015
https://doi.org/10.1037/0022-3514.58.6.1015
https://doi.org/10.1371/journal.pone.0276737
https://doi.org/10.1542/peds.2018-2554
https://doi.org/10.1016/j.jadohealth.2015.09.017


 

 108 

Colliander, J., & Dahlén, M. (2011). Following the fashionable friend: The power of social 

media: Weighing publicity effectiveness of blogs versus online magazines. Journal of 

Advertising Research, 51(1), 313-320. https://doi.org/10.2501/JAR-51-1-313-320 

Coyne, S. M., Padilla‐Walker, L. M., Holmgren, H. G., & Stockdale, L. A. (2019). Instagrowth: 

A longitudinal growth mixture model of social media time use across adolescence. 

Journal of Research on Adolescence, 29(4), 897-907. https://doi.org/10.1111/jora.12424 

De-Sola Gutiérrez, J., Rodríguez de Fonseca, F., & Rubio, G. (2016). Cell-phone addiction: A 

review. Frontiers in Psychiatry, 7, 175. https://doi.org/10.3389/fpsyt.2016.00175 

Dekkers, T. J., & van Hoorn, J. (2022). Understanding problematic social media use in 

adolescents with attention-deficit/hyperactivity disorder (ADHD): A narrative review and 

clinical recommendations. Brain Sciences, 12(12), 1625. 

https://doi.org/10.3390/brainsci12121625 

Devendorf, A., Bender, A., & Rottenberg, J. (2020). Depression presentations, stigma, and 

mental health literacy: A critical review and YouTube content analysis. Clinical 

Psychology Review, 78, 101843. https://doi.org/10.1016/j.cpr.2020.101843 

Diamond, A. (2013). Executive functions. Annual Review of Psychology, 64, 135-168. 

https://doi.org/10.1146/annurev-psych-113011-143750 

Dibble, J. L., Hartmann, T., & Rosaen, S. F. (2016). Parasocial interaction and parasocial 

relationship: Conceptual clarification and a critical assessment of measures. Human 

Communication Research, 42(1), 21-44. https://doi.org/10.1111/hcre.12063 

Dhanesh, G. S., & Duthler, G. (2019). Relationship management through social media 

influencers: Effects of followers’ awareness of paid endorsement. Public Relations 

Review, 45(3), 101765. https://doi.org/10.1016/j.pubrev.2019.03.002 

https://doi.org/10.2501/JAR-51-1-313-320
https://doi.org/10.1111/jora.12424
https://doi.org/10.3389/fpsyt.2016.00175
https://doi.org/10.3390/brainsci12121625
https://doi.org/10.1016/j.cpr.2020.101843
https://doi.org/10.1146/annurev-psych-113011-143750
https://doi.org/10.1111/hcre.12063


 

 109 

Djafarova, E., & Rushworth, C. (2017). Exploring the credibility of online celebrities' Instagram 

profiles in influencing the purchase decisions of young female users. Computers in 

Human Behavior, 68, 1-7. https://doi.org/10.1016/j.chb.2016.11.009 

Domoff, S. E., Harrison, K., Gearhardt, A. N., Gentile, D. A., Lumeng, J. C., & Miller, A. L. 

(2019). Development and validation of the Problematic Media Use Measure: A parent 

report measure of screen media “addiction” in children. Psychology of Popular Media 

Culture, 8(1), 2. https://doi.org/10.1037/ppm0000163 

Dopson, E. (2022, November 15). 30+ influencer marketing statistics you should know (2023). 

Shopify. https://www.shopify.com/blog/influencer-marketing-

statistics#:~:text=The%20percentage%20of%20people%20following,follow%20influenc

ers%20on%20social%20media. 

Eisenberg, N., Valiente, C., Fabes, R. A., Smith, C. L., Reiser, M., Shepard, S. A., Losoya, S. H., 

Guthrie, I. K., Murphy, B. C., & Cumberland, A. J. (2003). The relations of effortful 

control and ego control to children's resiliency and social functioning. Developmental 

Psychology, 39(4), 761–776. https://doi.org/10.1037/0012-1649.39.4.761 

Elhai, J. D., Tiamiyu, M. F., Weeks, J. W., Levine, J. C., Picard, K. J., & Hall, B. J. (2018). 

Depression and emotion regulation predict objective smartphone use measured over one 

week. Personality and Individual Differences, 133, 21-28. 

https://doi.org/10.1016/j.paid.2017.04.051 

Erikson, E. H. (1968). Identity: Youth and crisis. Norton, New York (1968). 

Eyink, J. R., Motz, B. A., Heltzel, G., & Liddell, T. M. (2020). Self‐regulated studying behavior, 

and the social norms that influence it. Journal of Applied Social Psychology, 50(1), 10-

21. https://doi.org/10.1111/jasp.12637 

https://doi.org/10.1016/j.chb.2016.11.009
https://doi.org/10.1037/ppm0000163
https://doi.org/10.1037/0012-1649.39.4.761
https://doi.org/10.1111/jasp.12637


 

 110 

Ferchaud, A., Grzeslo, J., Orme, S., & LaGroue, J. (2018). Parasocial attributes and YouTube 

personalities: Exploring content trends across the most subscribed YouTube channels. 

Computers in Human Behavior, 80, 88-96. https://doi.org/10.1016/j.chb.2017.10.041 

Fergie, G., Hilton, S., & Hunt, K. (2016). Young adults' experiences of seeking online 

information about diabetes and mental health in the age of social media. Health 

Expectations, 19(6), 1324-1335. https://doi.org/10.1111/hex.12430 

Fernandes, B., Biswas, U. N., Mansukhani, R. T., Casarín, A. V., & Essau, C. A. (2020). The 

impact of COVID-19 lockdown on internet use and escapism in adolescents. Revista de 

psicología clínica con niños y adolescentes, 7(3), 59-65. 

Gaus, Q., Jolliff, A., & Moreno, M. A. (2021). A content analysis of YouTube depression 

personal account videos and their comments. Computers in Human Behavior Reports, 3, 

100050. https://doi.org/10.1016/j.chbr.2020.100050 

George, M. J., Jensen, M. R., Russell, M. A., Gassman-Pines, A., Copeland, W. E., Hoyle, R. H., 

& Odgers, C. L. (2020). Young adolescents' digital technology use, perceived 

impairments, and well-being in a representative sample. The Journal of Pediatrics, 219, 

180-187. https://doi.org/10.1016/j.jpeds.2019.12.002 

Geurts, S. M., Koning, I. M., Vossen, H. G., & van den Eijnden, R. J. (2022). Rules, role models 

or overall climate at home? Relative associations of different family aspects with 

adolescents' problematic social media use. Comprehensive Psychiatry, 116, 152318. 

https://doi.org/10.1016/j.comppsych.2022.152318 

Gillin, P. (2008). New media, new influencers and implications for the public relations 

profession. Journal of New Communications Research, 2(2), 1-10.  

https://doi.org/10.1016/j.chb.2017.10.041
https://doi.org/10.1111/hex.12430
https://doi.org/10.1016/j.chbr.2020.100050


 

 111 

Gkoni, N., Druiventak, E., Bollen, Y., & Ecott, S. (2017, October 25). Snapchat fams as a 

subculture: How influencers use emojis for commodifying cross-platform engagement. 

[Master’s Thesis, New Media and Digital Culture, University of 

Amsterdam].http://mastersofmedia.hum.uva.nl/blog/2017/10/25/snapchat-fams-as-a-

subculture-how-influencers-use-emojis-for-commodifying-cross-platform-engagement/ 

Godwin, H. T., Khan, M., & Yellowlees, P. (2017). The educational potential of YouTube. 

Academic Psychiatry, 41, 823-827. https://doi.org/10.1007/s40596-017-0809-y 

Gracia, P., Bohnert, M., & Celik, S. (2022). Digital inequalities in adolescents’ psychological 

well-being: Variations across socioeconomic background, gender, and national context. 

[Thesis, Trinity College Dublin]. 

Gräve, J. F. (2017, July). Exploring the perception of influencers vs. traditional celebrities: are 

social media stars a new type of endorser?. In Proceedings of the 8th international 

conference on Social Media & Society (pp. 1-5). 

https://doi.org/10.1145/3097286.3097322 

Green, M., Bobrowicz, A., & Ang, C. S. (2015). The lesbian, gay, bisexual and transgender 

community online: discussions of bullying and self-disclosure in YouTube videos. 

Behaviour & Information Technology, 34(7), 704-712. 

https://doi.org/10.1080/0144929X.2015.1012649 

Gulliver, A., Griffiths, K. M., & Christensen, H. (2010). Perceived barriers and facilitators to 

mental health help-seeking in young people: A systematic review. BMC Psychiatry, 

10(1), 1-9. https://doi.org/10.1186/1471-244X-10-113 

http://mastersofmedia.hum.uva.nl/blog/2017/10/25/snapchat-fams-as-a-subculture-how-influencers-use-emojis-for-commodifying-cross-platform-engagement/
http://mastersofmedia.hum.uva.nl/blog/2017/10/25/snapchat-fams-as-a-subculture-how-influencers-use-emojis-for-commodifying-cross-platform-engagement/
https://doi.org/10.1007/s40596-017-0809-y
https://doi.org/10.1080/0144929X.2015.1012649
https://doi.org/10.1186/1471-244X-10-113


 

 112 

Hartmann, T. (2016). Parasocial interaction, parasocial relationships, and well-being. The 

Routledge handbook of media use and well-being: International perspectives on theory 

and research on positive media effects, 131-144. 

Hayes, A. F. (2017). Introduction to mediation, moderation, and conditional process analysis: A 

regression-based approach. New York, NY: The Guilford Press. 

Heinonen, O. (2020). A study of influencer marketing on social media: A critical discourse 

analysis. [Master’s Thesis, University of Helsinki] http://urn.fi/URN:NBN:fi:hulib-

202012155140 

Hendriks, H., Wilmsen, D., Van Dalen, W., & Gebhardt, W. A. (2020). Picture me drinking: 

Alcohol-related posts by Instagram influencers popular among adolescents and young 

adults. Frontiers in Psychology, 10, 2991. https://doi.org/10.3389/fpsyg.2019.02991 

Hendrickse, J., Arpan, L. M., Clayton, R. B., & Ridgway, J. L. (2017). Instagram and college 

women's body image: Investigating the roles of appearance-related comparisons and 

intrasexual competition. Computers in Human Behavior, 74, 92-100. 

https://doi.org/10.1016/j.chb.2017.04.027 

Horton, D., & Wohl, R. (1956). Mass communication and para-social interaction: Observations 

on intimacy at a distance. Psychiatry, 19(3), 215-229. 

https://doi.org/10.1080/00332747.1956.11023049 

Howard, M. (2022, December 15). The influencers are not alright: And honestly? If you’re 

watching their content 24/7, neither are you. Women’s Health. 

https://www.womenshealthmag.com/health/a41946590/influencer-content-creation-

hurting-mental-health/ 

https://doi.org/10.3389/fpsyg.2019.02991
https://doi.org/10.1016/j.chb.2017.04.027
https://doi.org/10.1080/00332747.1956.11023049


 

 113 

Hull, M., & Parnes, M. (2021). Tics and TikTok: Functional tics spread through social media. 

Movement Disorders Clinical Practice, 8(8), 1248-1252. 

https://doi.org/10.1002/mdc3.13267 

Hynes, K., Lannin, D. G., Kanter, J. B., Yazedjian, A., & Nauta, M. M. (2022). Do materialistic 

adolescents ruminate more about their social media posts?. Youth & Society, 54(5), 766-

787. https://doi.org/10.1177/0044118X20984172 

Insel, B. J., & Gould, M. S. (2008). Impact of modeling on adolescent suicidal behavior. 

Psychiatric Clinics of North America, 31(2), 293-316. 

https://doi.org/10.1016/j.psc.2008.01.007 

Karoly, P. (1993). Mechanisms of self-regulation: A systems view. Annual Review of 

Psychology, 44(1), 23-52. https://doi.org/10.1146/annurev.ps.44.020193.000323 

Kang, S., Ha, J. S., & Velasco, T. (2017). Attention deficit hyperactivity disorder on YouTube: 

framing, anchoring, and objectification in social media. Community Mental Health 

Journal, 53, 445-451. https://doi.org/10.1007/s10597-016-0015-5 

Kessler, R. C., Chiu, W. T., Demler, O., & Walters, E. E. (2005). Prevalence, severity, and 

comorbidity of 12-month DSM-IV disorders in the National Comorbidity Survey 

Replication. Archives of General Psychiatry, 62(6), 617-627. 

https://doi.org/10.1001/archpsyc.62.6.617 

Khamis, S., Ang, L., & Welling, R. (2017). Self-branding,‘micro-celebrity’ and the rise of social 

media influencers. Celebrity Studies, 8(2), 191-208. 

https://doi.org/10.1080/19392397.2016.1218292 

Khasawneh, A., Madathil, K. C., Zinzow, H., Wisniewski, P., Ponathil, A., Rogers, H., 

Agnisarman, S., Roth, R. & Narasimhan, M. (2021). An investigation of the portrayal of 

https://doi.org/10.1177/0044118X20984172
https://doi.org/10.1016/j.psc.2008.01.007
https://doi.org/10.1007/s10597-016-0015-5
https://doi.org/10.1080/19392397.2016.1218292


 

 114 

social media challenges on YouTube and Twitter. ACM Transactions on Social 

Computing, 4(1), 1-23. https://doi.org/10.1145/3444961 

Khasawneh, A., Chalil Madathil, K., Dixon, E., Wiśniewski, P., Zinzow, H., & Roth, R. (2020). 

Examining the self-harm and suicide contagion effects of the Blue Whale Challenge on 

YouTube and Twitter: Qualitative study. JMIR mental health, 7(6), e15973. 

https://doi.org/10.2196/15973 

King, K. M., McLaughlin, K. A., Silk, J., & Monahan, K. C. (2018). Peer effects on self-

regulation in adolescence depend on the nature and quality of the peer interaction. 

Development and Psychopathology, 30(4), 1389. 

https://doi.org/10.1017/S0954579417001560  

King, K. M., Lengua, L. J., & Monahan, K. C. (2013). Individual differences in the development 

of self-regulation during pre-adolescence: Connections to context and adjustment. 

Journal of Abnormal Child Psychology, 41, 57-69. https://doi.org/10.1007/s10802-012-

9665-0 

Klassen, K. M., Borleis, E. S., Brennan, L., Reid, M., McCaffrey, T. A., & Lim, M. S. (2018). 

What people “like”: Analysis of social media strategies used by food industry brands, 

lifestyle brands, and health promotion organizations on Facebook and Instagram. Journal 

of Medical Internet Research, 20(6), e10227. https://doi.org/10.2196/10227 

Ko, H. C., & Wu, W. N. (2017, July). Exploring the determinants of viewers' loyalty toward 

beauty YouTubers: a parasocial interaction perspective. In Proceedings of the 2017 

International Conference on Education and Multimedia Technology (pp. 81-86). 

https://doi.org/10.2196/15973
https://doi.org/10.1017/S0954579417001560
https://doi.org/10.1007/s10802-012-9665-0
https://doi.org/10.1007/s10802-012-9665-0
https://doi.org/10.2196/10227


 

 115 

Kramer, A. D., Guillory, J. E., & Hancock, J. T. (2014). Experimental evidence of massive-scale 

emotional contagion through social networks. Proceedings of the National Academy of 

Sciences, 111(24), 8788-8790. 

Kraut, R., Patterson, M., Lundmark, V., Kiesler, S., Mukophadhyay, T., & Scherlis, W. (1998). 

Internet paradox: A social technology that reduces social involvement and psychological 

well-being? American Psychologist, 53(9), 1017–1031. https://doi.org/10.1037/0003-

066X.53.9.1017 

Kroenke, K., Spitzer, R. L., & Williams, J. B. (2001). The PHQ‐9: validity of a brief depression 

severity measure. Journal of General Internal Medicine, 16(9), 606-613. 

https://doi.org/10.3928/0048-5713-20020901-06 

Kurtin, K. S., O'Brien, N., Roy, D., & Dam, L. (2018). The development of parasocial 

interaction relationships on YouTube. The Journal of Social Media in Society, 7(1), 233-

252. 

Labrecque, L. I. (2014). Fostering consumer–brand relationships in social media environments: 

The role of parasocial interaction. Journal of Interactive Marketing, 28(2), 134-148. 

https://doi.org/10.1016/j.intmar.2013.12.003 

Lapierre, M. A., & Rozendaal, E. (2019). A cross-national study examining the role of executive 

function and emotion regulation in the relationship between children’s television 

exposure and consumer behavior. Journal of Youth and Adolescence, 48(10), 1980-2004. 

https://doi.org/10.1007/s10964-019-01119-7 

LaRose, R., Lin, C. A., & Eastin, M. S. (2003). Unregulated Internet usage: Addiction, habit, or 

deficient self-regulation?. Media Psychology, 5(3), 225-253. 

https://doi.org/10.1207/S1532785XMEP0503_01 

https://doi.org/10.1037/0003-066X.53.9.1017
https://doi.org/10.1037/0003-066X.53.9.1017
https://doi.org/10.3928/0048-5713-20020901-06
https://doi.org/10.1016/j.intmar.2013.12.003
https://doi.org/10.1007/s10964-019-01119-7
https://doi.org/10.1207/S1532785XMEP0503_01


 

 116 

Lee, E. W., Ho, S. S., & Lwin, M. O. (2017). Extending the social cognitive model—Examining 

the external and personal antecedents of social network sites use among Singaporean 

adolescents. Computers in Human Behavior, 67, 240-251. 

https://doi.org/10.1016/j.chb.2016.10.030 

Lee, J. E., & Watkins, B. (2016). YouTube vloggers' influence on consumer luxury brand 

perceptions and intentions. Journal of Business Research, 69(12), 5753-5760. 

https://doi.org/10.1016/j.jbusres.2016.04.171 

Lengua, L. J. (2002). The contribution of emotionality and self‐regulation to the understanding 

of children’s response to multiple risk. Child Development, 73(1), 144-161. 

https://doi.org/10.1111/1467-8624.00397  

Licoppe, C., & Smoreda, Z. (2005). Are social networks technologically embedded?: How 

networks are changing today with changes in communication technology. Social 

Networks, 27(4), 317-335. https://doi.org/10.1016/j.socnet.2004.11.001 

Lillard, A. S., Drell, M. B., Richey, E. M., Boguszewski, K., & Smith, E. D. (2015). Further 

examination of the immediate impact of television on children’s executive function. 

Developmental Psychology, 51(6), 792. https://doi.org/10.1037/a0039097 

Limone, P., & Toto, G. A. (2021). Psychological and emotional effects of digital technology on 

children in Covid-19 pandemic. Brain Sciences, 11(9), 1126. 

https://doi.org/10.3390/brainsci11091126 

Lokithasan, K., Simon, S., Jasmin, N. Z. B., & Othman, N. A. B. (2019). Male and female social 

media influencers: The impact of gender on emerging adults. International Journal of 

Modern Trends in Social Sciences, 2(9), 21-30. https://doi.org/10.35631/IJMTSS.29003 

https://doi.org/10.1016/j.chb.2016.10.030
https://doi.org/10.1016/j.jbusres.2016.04.171
https://doi.org/10.1111/1467-8624.00397
https://doi.org/10.1016/j.socnet.2004.11.001
https://doi.org/10.1037/a0039097
https://doi.org/10.3390/brainsci11091126
https://doi.org/10.35631/IJMTSS.29003


 

 117 

Lopes, L. S., Valentini, J. P., Monteiro, T. H., Costacurta, M. C. D. F., Soares, L. O. N., Telfar-

Barnard, L., & Nunes, P. V. (2022). Problematic social media use and its relationship 

with depression or anxiety: A systematic review. Cyberpsychology, Behavior, and Social 

Networking, 25(11), 691-702. https://doi.org/10.1089/cyber.2021.0300 

Magno, F., & Cassia, F. (2018). The impact of social media influencers in tourism. Anatolia, 

29(2), 288-290. https://doi.org/10.1080/13032917.2018.1476981 

Mahapatra, S. (2019). Smartphone addiction and associated consequences: Role of loneliness 

and self-regulation. Behaviour & Information Technology, 38(8), 833-844. 

https://doi.org/10.1080/0144929X.2018.1560499 

Mamun, M. A., Hossain, M. S., Moonajilin, M. S., Masud, M. T., Misti, J. M., & Griffiths, M. D. 

(2020). Does loneliness, self-esteem and psychological distress correlate with 

problematic internet use? A Bangladeshi survey study. Asia-Pacific Psychiatry, 12(2). 

https://doi.org/10.1111/appy.12386 

Mañas-Viniegra, L., Núñez-Gómez, P., & Tur-Viñes, V. (2020). Neuromarketing as a strategic 

tool for predicting how Instagramers have an influence on the personal identity of 

adolescents and young people in Spain. Heliyon, 6(3), e03578. 

https://doi.org/10.1016/j.heliyon.2020.e03578 

Marciano, L., Ostroumova, M., Schulz, P. J., & Camerini, A. L. (2022). Digital media use and 

adolescents' mental health during the COVID-19 pandemic: A systematic review and 

meta-analysis. Frontiers in Public Health, 9, 2208. 

https://doi.org/10.3389/fpubh.2021.793868 

Marengo, D., Fabris, M. A., Longobardi, C., & Settanni, M. (2022). Smartphone and social 

media use contributed to individual tendencies towards social media addiction in Italian 

https://doi.org/10.1089/cyber.2021.0300
https://doi.org/10.1080/13032917.2018.1476981
https://doi.org/10.1080/0144929X.2018.1560499
https://doi.org/10.3389/fpubh.2021.793868


 

 118 

adolescents during the COVID-19 pandemic. Addictive Behaviors, 126, 

107204.https://doi.org/10.1016/j.addbeh.2021.107204 

Marwick, A. E. (2015). Instafame: Luxury selfies in the attention economy. Public Culture, 27(1 

(75)), 137-160. https://doi.org/10.1215/08992363-2798379 

Marwick, A. E., & Boyd, D. (2011). I tweet honestly, I tweet passionately: Twitter users, context 

collapse, and the imagined audience. New Media & Society, 13(1), 114-133. 

https://doi.org/10.1177/1461444810365313 nms.sagepub.com 

McClelland, M. M., John Geldhof, G., Cameron, C. E., & Wanless, S. B. (2015). Development 

and self‐regulation. Handbook of Child Psychology and Developmental Science, 1-43. 

https://doi.org/10.1002/9781118963418.childpsy114 

Meeus, A., Eggermont, S., & Beullens, K. (2019). Constantly connected: The role of parental 

mediation styles and self-regulation in pre-and early adolescents’ problematic mobile 

device use. Human Communication Research, 45(2), 119-147. 

https://doi.org/10.1093/hcr/hqy015 

Mickles, M. S., & Weare, A. M. (2020). Trying to save the game (r): Understanding the self-

disclosure of YouTube subscribers surrounding mental health in video-game vlog 

comments. Southern Communication Journal, 85(4), 231-243. 

https://doi.org/10.1080/1041794X.2020.1798494 

Miyake, A., Friedman, N. P., Emerson, M. J., Witzki, A. H., Howerter, A., & Wager, T. D. 

(2000). The unity and diversity of executive functions and their contributions to complex 

“frontal lobe” tasks: A latent variable analysis. Cognitive Psychology, 41(1), 49-100. 

https://doi.org/10.1006/cogp.1999.0734 

https://doi.org/10.1016/j.addbeh.2021.107204
https://doi.org/10.1215/08992363-2798379
https://doi.org/10.1002/9781118963418.childpsy114
https://doi.org/10.1093/hcr/hqy015
https://doi.org/10.1080/1041794X.2020.1798494
https://doi.org/10.1006/cogp.1999.0734


 

 119 

Moilanen, K. L. (2007). The adolescent self-regulatory inventory: The development and 

validation of a questionnaire of short-term and long-term self-regulation. Journal of 

Youth and Adolescence, 36, 835-848. https://doi.org/10.1007/s10964-006-9107-9 

Naslund, J. A., Bondre, A., Torous, J., & Aschbrenner, K. A. (2020). Social media and mental 

health: Benefits, risks, and opportunities for research and practice. Journal of Technology 

in Behavioral Science, 5, 245-257. https://doi.org/10.1007/s41347-020-00134-x 

Naslund, J. A., Aschbrenner, K. A., McHugo, G. J., Unützer, J., Marsch, L. A., & Bartels, S. J. 

(2019). Exploring opportunities to support mental health care using social media: A 

survey of social media users with mental illness. Early Intervention in Psychiatry, 13(3), 

405-413. https://doi.org/10.1111/eip.12496 

Naslund, J. A., Aschbrenner, K. A., Marsch, L. A., & Bartels, S. J. (2016). The future of mental 

health care: Peer-to-peer support and social media. Epidemiology and Psychiatric 

Sciences, 25(2), 113-122. https://doi.org/10.1017/S2045796015001067 

Naslund, J. A., Grande, S. W., Aschbrenner, K. A., & Elwyn, G. (2014). Naturally occurring 

peer support through social media: The experiences of individuals with severe mental 

illness using YouTube. PLoS One, 9(10), e110171. 

https://doi.org/10.1371/journal.pone.0110171 

National Institute of Mental Health (2023, March). Mental Illness. 

https://www.nimh.nih.gov/health/statistics/mental-illness 

National Alliance on Mental Illness (n.d.). Common with mental illness. 

https://www.nami.org/About-Mental-Illness/Common-with-Mental-Illness 

National Alliance on Mental Illness (2022, June). Mental health by the numbers. 

https://www.nami.org/mhstats 

https://doi.org/10.1007/s10964-006-9107-9
https://doi.org/10.1007/s41347-020-00134-x
https://doi.org/10.1017/S2045796015001067


 

 120 

NeMoyer, A., Alvarez, K., & Alegría, M. (2019). Understanding mental health disparities. In M. 

T. Williams, D. C. Rosen, & J. W. Kanter (Eds.), Eliminating race-based mental health 

disparities: Promoting equity and culturally responsive care across settings (pp. 9–25). 

Context Press/New Harbinger Publications. 

Nikkelen, S. W. C. (2016). The role of media entertainment in children's and adolescents' 

ADHD-related behaviors: A reason for concern?. [Thesis, fully internal, Universiteit van 

Amsterdam].  

Nilsson, A., Rosendahl, I., & Jayaram-Lindström, N. (2022). Gaming and social media use 

among adolescents in the midst of the COVID-19 pandemic. Nordic Studies on Alcohol 

and Drugs, 39(4), 347-361. https://doi.org/10.1177/14550725221074997 

O’Reilly, M., Dogra, N., Hughes, J., Reilly, P., George, R., & Whiteman, N. (2019). Potential of 

social media in promoting mental health in adolescents. Health Promotion International, 

34(5), 981-991. https://doi.org/10.1093/heapro/day056 

Odgers, C. L., & Jensen, M. R. (2020). Annual research review: Adolescent mental health in the 

digital age: Facts, fears, and future directions. Journal of Child Psychology and 

Psychiatry, 61(3), 336-348. https://doi.org/10.1111/jcpp.13190 

Odgers, C. L., Schueller, S. M., & Ito, M. (2020). Screen time, social media use, and adolescent 

development. Annual Review of Developmental Psychology, 2, 485-502. 

https://doi.org/10.1146/annurev-devpsych-121318-084815 

Oliphant, T. (2013). User engagement with mental health videos on YouTube. Journal of the 

Canadian Health Libraries Association/Journal de l'Association des bibliothèques de la 

santé du Canada, 34(3), 153-158. https://doi.org/10.5596/c13-057 

https://doi.org/10.1177/14550725221074997
https://doi.org/10.1111/jcpp.13190
https://doi.org/10.5596/c13-057


 

 121 

Paakkari, L., Tynjälä, J., Lahti, H., Ojala, K., & Lyyra, N. (2021). Problematic social media use 

and health among adolescents. International Journal of Environmental Research and 

Public Health, 18(4), 1885. https://doi.org/10.3390/ijerph18041885 

Perkins, H. W., and Berkowitz, A. D. (1986). Perceiving the community norms of alcohol use 

among students: some research implications for campus alcohol education programming. 

International Journal of the Addictions. 21(9-10), 961-976. 

https://doi.org/10.3109/10826088609077249 

Peterson, J., Freedenthal, S., Sheldon, C., & Andersen, R. (2008). Nonsuicidal self injury in 

adolescents. Psychiatry (Edgmont), 5(11), 20. 

https://www.ncbi.nlm.nih.gov/pmc/articles/PMC2695720/ 

Pham, M. T., & Avnet, T. (2004). Ideals and oughts and the reliance on affect versus substance 

in persuasion. Journal of Consumer Research, 30(4), 503-518. 

https://doi.org/10.1086/380285 

Pilgrim, K., & Bohnet-Joschko, S. (2019). Selling health and happiness how influencers 

communicate on Instagram about dieting and exercise: Mixed methods research. BMC 

Public Health, 19(1), 1-9. https://doi.org/10.1186/s12889-019-7387-8 

Piotrowski, J. T., & Valkenburg, P. M. (2015). Finding orchids in a field of dandelions: 

Understanding children’s differential susceptibility to media effects. American 

Behavioral Scientist, 59(14), 1776-1789. https://doi.org/10.1177/0002764215596552 

Pitt, C., Hock, A., Zelnick, L., & Davis, K. (2021, May). The kids are/not/sort of all right. In 

Proceedings of the 2021 CHI conference on human factors in computing systems. (352), 

1-14. https://doi.org/10.1145/3411764.3445541 

https://doi.org/10.1086/380285
https://doi.org/10.1186/s12889-019-7387-8
https://doi.org/10.1177/0002764215596552
https://doi.org/10.1145/3411764.3445541


 

 122 

Posner, M. I., & Rothbart, M. K. (2000). Developing mechanisms of self-regulation. 

Development and Psychopathology, 12(3), 427-441. 

https://doi.org/10.1017/S0954579400003096 

Qutteina, Y., Hallez, L., Mennes, N., De Backer, C., & Smits, T. (2019). What do adolescents 

see on social media? A diary study of food marketing images on social media. Frontiers 

in Psychology, 10, 2637. https://doi.org/10.3389/fpsyg.2019.02637 

Rae, J. R., & Lonborg, S. D. (2015). Do motivations for using Facebook moderate the 

association between Facebook use and psychological well-being? Frontiers in 

Psychology, 6, 771. https://doi.org/10.3389/fpsyg.2015.00771 

Rasmussen, E. E., Punyanunt-Carter, N., LaFreniere, J. R., Norman, M. S., & Kimball, T. G. 

(2020). The serially mediated relationship between emerging adults’ social media use and 

mental well-being. Computers in Human Behavior, 102, 206-213. 

https://doi.org/10.1016/j.chb.2019.08.019 

Reagan, R., Filice, S., Santarossa, S., & Woodruff, S. J. (2020). # ad on Instagram: Investigating 

the promotion of food and beverage products. The Journal of Social Media in Society, 

9(2), 1-28. 

Reinecke, L., Gilbert, A., & Eden, A. (2022). Self-regulation as a key boundary condition in the 

relationship between social media use and well-being. Current Opinion in Psychology, 

45, 101296. https://doi.org/10.1016/j.copsyc.2021.12.008 

Reinikainen, H., Munnukka, J., Maity, D., & Luoma-aho, V. (2020). ‘You really are a great big 

sister’–parasocial relationships, credibility, and the moderating role of audience 

comments in influencer marketing. Journal of Marketing Management, 36(3-4), 279-298. 

https://doi.org/10.1080/0267257X.2019.1708781 

https://doi.org/10.1017/S0954579400003096
https://doi.org/10.3389/fpsyg.2019.02637
https://doi.org/10.3389/fpsyg.2015.00771
https://doi.org/10.1016/j.copsyc.2021.12.008
https://doi.org/10.1080/0267257X.2019.1708781


 

 123 

Reiss, F. (2013). Socioeconomic inequalities and mental health problems in children and 

adolescents: a systematic review. Social Science & Medicine, 90, 24-31. 

https://doi.org/10.1016/j.socscimed.2013.04.026 

Rideout, V. (2015). The Common Sense census: Media use by teens and tweens. San Francisco, 

CA: Common Sense Media. 

https://www.commonsensemedia.org/sites/default/files/research/report/census_researchre

port.pdf 

Rideout, V., & Fox, S. (2018). Digital health practices, social media use, and mental well-being 

among teens and young adults in the US. Providence St. Joseph Digital Health Commons. 

https://digitalcommons.psjhealth.org/publications/1093/ 

Rideout, V., Peebles, A., Mann, S., & Robb, M. (2022). The Common Sense census: Media use 

by tweens and teens, 2021. San Francisco, CA: Common Sense Media. 

https://www.commonsensemedia.org/sites/default/files/research/report/8-18-census-

integrated-report-final-web_0.pdf 

Rideout, V., & Robb, M. (2018). Social media, social life: Teens reveal their experiences, 2018. 

San Francisco, CA: Common Sense Media. 

https://www.commonsensemedia.org/sites/default/files/research/report/2018-social-

media-social-life-executive-summary-web.pdf 

Rivas-Lara, S., Pham, B., Baten, J., Meyers, A., & Uhls, Y.T. (2022). CSS teens & screens 2022: 

#Authenticity. Los Angeles, CA: Center for Scholars and Storytellers. 

https://static1.squarespace.com/static/633f0603fdaa7311ba384d21/t/641a88d4c053171de

1819a84/1679460573224/Teens+%26+Screens+2022.pdf 

https://doi.org/10.1016/j.socscimed.2013.04.026
https://www.commonsensemedia.org/sites/default/files/research/report/census_researchreport.pdf
https://www.commonsensemedia.org/sites/default/files/research/report/census_researchreport.pdf
https://www.commonsensemedia.org/sites/default/files/research/report/8-18-census-integrated-report-final-web_0.pdf
https://www.commonsensemedia.org/sites/default/files/research/report/8-18-census-integrated-report-final-web_0.pdf


 

 124 

Rizzi, C. (2023, March 14). BetterHelp class actions allege platform illegally shared users’ 

mental health data with major online advertisers. ClassAcrtion.org 

https://www.classaction.org/blog/betterhelp-class-actions-allege-platform-illegally-

shared-users-mental-health-data-with-major-online-

advertisers#:~:text=The%20BetterHelp%20lawsuits%20were%20filed,to%20pay%20use

rs%20%247.8%20million.  

Robb, M. B. (2020). Teens and the news: The influencers, celebrities, and platforms they say 

matter most. San Francisco, CA: Common Sense Media. 

Robinson, E., Otten, R., & Hermans, R. C. (2016). Descriptive peer norms, self-control and 

dietary behaviour in young adults. Psychology & Health, 31(1), 9-20. 

https://doi.org/10.1080/08870446.2015.1067705 

Roebers, C. M. (2017). Executive function and metacognition: Towards a unifying framework of 

cognitive self-regulation. Developmental Review, 45, 31-51. 

https://doi.org/10.1016/j.dr.2017.04.001 

Rothbart, M. K., Ahadi, S. A., & Evans, D. E. (2000). Temperament and personality: origins and 

outcomes. Journal of Personality and Social Psychology, 78(1), 122. 

https://doi.org/10.1037/0022-3514.78.1.122 

Rothbart, M. K., Ellis, L. K., Posner, M. I., Baumeister, R. F., & Vohs, K. D. (2004). Handbook 

of self-regulation: Research, theory, and applications. 

Rottenberg, J., Ray, R. D., Gross, J. J., Coan, J. A., & Allen, J. J. B. (2007). The handbook of 

emotion elicitation and assessment. JJB Allen & JA Coan (Eds.), 9-28.  

https://doi.org/10.1080/08870446.2015.1067705
https://doi.org/10.1016/j.dr.2017.04.001
https://doi.org/10.1037/0022-3514.78.1.122


 

 125 

Rubin, R. B., & McHugh, M. P. (1987). Development of parasocial interaction relationships. 

Journal of Broadcasting & Electronic Media, 31(3), 279-292, 

https://doi.org/10.1080/08838158709386664 

Rubin, A. M., Perse, E. M., & Powell, R. A. (1985). Loneliness, parasocial interaction, and local 

television news viewing. Human Communication Research, 12(2), 155-180. 

https://doi.org/10.1111/j.1468-2958.1985.tb00071.x 

Rutter, L. A., Howard, J., Lakhan, P., Valdez, D., Bollen, J., & Lorenzo-Luaces, L. (2023). “I 

haven’t been diagnosed, but I should be”—Insight into self-diagnoses of common mental 

health disorders: Cross-sectional study. JMIR Formative Research, 7(1), e39206. 

https://doi.org/10.2196/39206 

Sakib, M. N., Zolfagharian, M., & Yazdanparast, A. (2020). Does parasocial interaction with 

weight loss vloggers affect compliance? The role of vlogger characteristics, consumer 

readiness, and health consciousness. Journal of Retailing and Consumer Services, 52. 

https://doi.org/10.1016/j.jretconser.2019.01.002 

Samaha, M., & Hawi, N. S. (2016). Relationships among smartphone addiction, stress, academic 

performance, and satisfaction with life. Computers in Human Behavior, 57, 321-325. 

https://doi.org/10.1016/j.chb.2015.12.045 

Schivinski, B., Brzozowska-Woś, M., Stansbury, E., Satel, J., Montag, C., & Pontes, H. M. 

(2020). Exploring the role of social media use motives, psychological well-being, self-

esteem, and affect in problematic social media use. Frontiers in Psychology, 11, 617140. 

https://doi.org/10.3389/fpsyg.2020.617140 

Senft, T. M. (2008). Camgirls: Celebrity and community in the age of social networks (Vol. 4). 

Peter Lang. 

https://doi.org/10.1080/08838158709386664
https://doi.org/10.1111/j.1468-2958.1985.tb00071.x
https://doi.org/10.2196/39206
https://doi.org/10.1016/j.jretconser.2019.01.002


 

 126 

Siebers, T., Beyens, I., Pouwels, J. L., & Valkenburg, P. M. (2022). Social media and distraction: 

An experience sampling study among adolescents. Media Psychology, 25(3), 343-366. 

https://doi.org/10.1080/15213269.2021.1959350 

Siebers, T., Beyens, I., Pouwels, J. L., & Valkenburg, P. M. (2021). Distracted or not? An 

experience sampling study on adolescents’ social media use and self-control failure. 

https://doi.org/10.31219/osf.io/vd3q2 

Skogen, J. C., Bøe, T., Finserås, T. R., Sivertsen, B., Hella, R. T., & Hjetland, G. J. (2022). 

Lower subjective socioeconomic status is associated with increased risk of reporting 

negative experiences on social media. Findings from the" LifeOnSoMe"-study. Frontiers 

in Public Health, 1749. https://doi.org/10.3389/fpubh.2022.873463 

Smith, T. (2009). The social media revolution. International Journal of Market Research, 51(4), 

559-561. https://doi.org/10.2501/S 1470785309200773 

Sokolova, K., & Perez, C. (2021). You follow fitness influencers on YouTube. But do you 

actually exercise? How parasocial relationships, and watching fitness influencers, relate 

to intentions to exercise. Journal of Retailing and Consumer Services, 58, 102276. 

https://doi.org/10.1016/j.jretconser.2020.102276 

Southern, M. G. (2022, January 25). YouTube CEO defends removal of dislike counts. Search 

Engine Journal. https://www.searchenginejournal.com/youtube-ceo-defends-removal-of-

dislike-counts/435092/#close 

Steinberg, L. (2007). Risk taking in adolescence: New perspectives from brain and behavioral 

science. Current Directions in Psychological Science, 16(2), 55-59. 

https://doi.org/10.1111/j.1467-8721.2007.00475.x 

https://doi.org/10.31219/osf.io/vd3q2
https://doi.org/10.1016/j.jretconser.2020.102276
https://doi.org/10.1111/j.1467-8721.2007.00475.x


 

 127 

Steinberg, L. (2014). The science of adolescent brain development and its implications for 

adolescent rights and responsibilities. Human Rights and Adolescence, 59-76. 

Steinberg, L., Icenogle, G., Shulman, E. P., Breiner, K., Chein, J., Bacchini, D., ... & Takash, H. 

M. (2018). Around the world, adolescence is a time of heightened sensation seeking and 

immature self‐regulation. Developmental Science, 21(2), e12532. 

https://doi.org/10.1111/desc.12532 

Stockdale, L. A., & Coyne, S. M. (2020). Bored and online: Reasons for using social media, 

problematic social networking site use, and behavioral outcomes across the transition 

from adolescence to emerging adulthood. Journal of Adolescence, 79, 173–183. 

https://doi.org/10.1016/j.adolescence.2020.01.010 

Strasser-Burke, N., & Symonds, J. (2020). Who do you want to be like? Factors influencing 

early adolescents’ selection of accessible and inaccessible role models. The Journal of 

Early Adolescence, 40(7), 914-935. https://doi.org/10.1177/0272431619880619 

Syed-Abdul, S., Fernandez-Luque, L., Jian, W. S., Li, Y. C., Crain, S., Hsu, M. H., Wang, Y-C., 

Khandregzen, D., Chuluunbaatar, E., Nguyen, P. A., & Liou, D. M. (2013). Misleading 

health-related information promoted through video-based social media: anorexia on 

YouTube. Journal of Medical Internet Research, 15(2), e30. 

https://doi.org/10.2196/jmir.2237 

Theran, S. A., Newberg, E. M., & Gleason, T. R. (2010). Adolescent girls' parasocial interactions 

with media figures. The Journal of Genetic Psychology, 171(3), 270-277. 

https://doi.org/10.1080/00221325.2010.483700 

Thorpe, H. (2023, March 9). 7 stats that show women dominate influencer marketing. Fohr. 

https://www.fohr.co/blog/7-stats-that-show-women-dominate-influencer-

https://doi.org/10.1111/desc.12532
https://doi.org/10.1016/j.adolescence.2020.01.010
https://doi.org/10.1177/0272431619880619
https://doi.org/10.2196/jmir.2237
https://doi.org/10.1080/00221325.2010.483700


 

 128 

marketing#:~:text=The%20stats%20are%20fairly%20consistent,%25%20female%20and

%2031%25%20male. 

Tiggemann, M., & Zaccardo, M. (2018). ‘Strong is the new skinny’: A content analysis of# 

fitspiration images on Instagram. Journal of Health Psychology, 23(8), 1003-1011. 

https://doi.org/10.1177/1359105316639436 

Tolbert, A. N., & Drogos, K. L. (2019). Tweens’ wishful identification and parasocial 

relationships with YouTubers. Frontiers in Psychology, 10(2), 2781. 

https://doi.org/10.3389/fpsyg.2019.02781 

Twenge, J. M. (2020). Why increases in adolescent depression may be linked to the 

technological environment. Current Opinion in Psychology, 32, 89-94. 

https://doi.org/10.1016/j.copsyc.2019.06.036 

Twenge, J. M., Joiner, T. E., Rogers, M. L., & Martin, G. N. (2018). Increases in depressive 

symptoms, suicide-related outcomes, and suicide rates among U.S. adolescents after 2010 

and links to increased new media screen time. Clinical Psychological Science, 6, 3–17. 

https://doi.org/10.1177/2167702617723376 

United States Census Bureau. (2022, July 1). QuickFacts: Modesto city, California. 

https://www.census.gov/quickfacts/modestocitycalifornia 

United States Department of Health & Human Services. (2022, October 20). Protecting youth 

mental health: The U.S. Surgeon General’s advisory. 

https://www.hhs.gov/sites/default/files/surgeon-general-youth-mental-health-advisory.pdf 

Uzunoğlu, E., & Kip, S. M. (2014). Brand communication through digital influencers: 

Leveraging blogger engagement. International Journal of Information Management, 

34(5), 592-602. https://doi.org/10.1016/j.ijinfomgt.2014.04.007 

https://doi.org/10.1177/1359105316639436
https://doi.org/10.1016/j.ijinfomgt.2014.04.007


 

 129 

Valkenburg, P. M., Beyens, I., Meier, A., & Vanden Abeele, M. M. (2022a). Advancing our 

understanding of the associations between social media use and well-being. Current 

Opinion in Psychology, 45, 101357. https://doi.org/10.1016/j.copsyc.2022.101357 

Valkenburg, P. M., Meier, A., & Beyens, I. (2022b). Social media use and its impact on 

adolescent mental health: An umbrella review of the evidence. Current Opinion in 

Psychology, 44, 58-68. https://doi.org/10.1016/j.copsyc.2021.08.017 

Valkenburg, P. M., & Peter, J. (2013). The differential susceptibility to media effects model. 

Journal of Communication, 63(2), 221-243. https://doi.org/10.1111/jcom.12024 

Van Den Eijnden, R., Koning, I., Doornwaard, S., Van Gurp, F., & Ter Bogt, T. (2018). The 

impact of heavy and disordered use of games and social media on adolescents’ 

psychological, social, and school functioning. Journal of Behavioral Addictions, 7(3), 

697-706. https://doi.org/10.1556/2006.7.2018.65 

Van den Eijnden, R. J., Lemmens, J. S., & Valkenburg, P. M. (2016). The social media disorder 

scale. Computers in Human Behavior, 61, 478-487. 

https://doi.org/10.1016/j.chb.2016.03.038 

Vishwakarma, M. (2022). Social media: An addiction in disguise. Peer Reviewed and UGC-

CARE Listed Bilingual Journal of Rajasthan Sociological Association, 85. 

Wartella, E., Rideout, V., Montague, H., Beaudoin-Ryan, L., & Lauricella, A. (2016). Teens, 

health and technology: A national survey. Media and Communication, 4(3), 13-23. 

https://doi.org/10.17645/mac.v4i3.515 

Welsh, D. T., Ellis, A. P., Christian, M. S., & Mai, K. M. (2014). Building a self-regulatory 

model of sleep deprivation and deception: The role of caffeine and social influence. 

Journal of Applied Psychology, 99(6), 1268. https://doi.org/10.1037/a0036202 

https://doi.org/10.1016/j.copsyc.2021.08.017
https://doi.org/10.1111/jcom.12024
https://doi.org/10.1556/2006.7.2018.65
https://doi.org/10.17645/mac.v4i3.515
https://doi.org/10.1037/a0036202


 

 130 

Westenberg, W. M. (2016). The influence of YouTubers on teenagers: A descriptive research 

about the role YouTubers play in the life of their teenage viewers. (Master's thesis, 

University of Twente). 

Wisniewski, P., Ghosh, A. K., Xu, H., Rosson, M. B., & Carroll, J. M. (2017, February). Parental 

control vs. teen self-regulation: Is there a middle ground for mobile online safety?. In 

Proceedings of the 2017 ACM Conference on Computer Supported Cooperative Work 

and Social Computing (pp. 51-69). 

Yonker, L. M., Zan, S., Scirica, C. V., Jethwani, K., & Kinane, T. B. (2015). “Friending” teens: 

Systematic review of social media in adolescent and young adult health care. Journal of 

Medical Internet research, 17(1), e3692. https://doi.org/10.2196/jmir.3692 

Yuan, S., & Lou, C. (2020). How social media influencers foster relationships with followers: 

The roles of source credibility and fairness in parasocial relationship and product interest. 

Journal of Interactive Advertising, 20(2), 133-147. 

https://doi.org/10.1080/15252019.2020.1769514 

Zawadzka, A. M., Kasser, T., Borchet, J., Iwanowska, M., & Lewandowska-Walter, A. (2019). 

The effect of materialistic social models on teenagers’ materialistic aspirations: Results 

from priming experiments. Current Psychology, 1-14. https://doi.org/10.1007/s12144-

019-00531-3 

Zeljko, D., Jakovic, B., & Strugar, I. (2018). New methods of online advertising: Social media 

influencers. Proceedings of the 29th DAAAM International Symposium, pp.0041- 0050, 

B. Katalinic (Ed.), Published by DAAAM International, ISBN 978-3-902734-20-4, ISSN 

1726-9679, Vienna, Austria. https://doi.org/10.2507/29th.daaam.proceedings.006  

https://doi.org/10.2196/jmir.3692
https://doi.org/10.1080/15252019.2020.1769514
https://doi.org/10.1007/s12144-019-00531-3
https://doi.org/10.1007/s12144-019-00531-3


 

 131 

Zhu, L., Westers, N. J., Horton, S. E., King, J. D., Diederich, A., Stewart, S. M., & Kennard, B. 

D. (2016). Frequency of exposure to and engagement in nonsuicidal self-injury among 

inpatient adolescents. Archives of Suicide Research, 20(4), 580-590. 

https://doi.org/10.1080/13811118.2016.1162240 

Zimmer-Gembeck, M. J., & Collins, W. A. (2008). Chapter nine autonomy development during 

adolescence. Blackwell Handbook of Adolescence, 8, 175. 

 

 

  

https://doi.org/10.1080/13811118.2016.1162240


 

 132 

Appendix 

I.  Study 1 

A. Codebook  

Variable Example Instructions 

YouTube content characteristics   

Video title 

 

trying ADHD medication for the 

first time... (methylphenidate) 

Indicate the title of the 

video as it is stated on 

YouTube.  

Video link https://www.youtube.com/watch

?v=AT-Mqj7WWBE 

Copy and paste the link 

to the video.  

Video views 3.2 million = 3200000 Indicate video views 

numerically.   

Video likes 22k = 22000 Indicate video likes 

numerically.  

***Some 

channels/videos do not 

have this public, so if 

this is the case enter NA 

Tags on video 

In the description box of the video, 

YouTubers can hashtag their videos 

to make them easier to 

find/searchable.   

#GoodNeighborEveryday #ad  If there are tags on the 

video, enter them in a 

single cell in the 

spreadsheet, separated 

by commas 

***If there are no tags, 

enter NA 

Mental health tagging 

Does the tag(s) reference mental 

health? 

#Depression 0 = No reference 

1 = Reference to mental 

health  

Comments 

Are the comments turned off for the 

video? 

 0 = off 

1 = on 

Number of comments 364 Indicate the number of 

comments on the video. 

SMI characteristics   
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Profile  SamanathaNicole222 Indicate the name of the 

profile as it is stated on 

the platform 

Followers/Subscribers 15.4k = 15400 Indicate the number of 

followers/subscribers as 

stated when you select 

the profile/channel.  

***Some 

profiles/channels have 

this turned off, so write 

NA if that is the case 

SMI type 

Nano influencers (between 1,000 and 

5,000 followers); Micro influencers 

(between 5,000 and 20,000 

followers); Power or mid-tier 

influencers (between 20,000 and 

100,000 followers); Mega 

influencers (between 100,000 and 1 

million followers), and SMI 

Celebrities (more than 1 million 

followers). 

15400 = 2 0 = Less than 1,000 

1 = Nano 

2 = Micro 

3 = Power 

4 = Mega 

5 = Celebrity 

 

Gender  1 = Male 

2 = Female  

9 = Unspecified 

Race  1 = White 

2 = Black 

3 = Asian 

4 = Hispanic 

5 = American Indian 

6 = Two or more races 

7 = Other 

9 = Unspecified  

Mental disorder 

Mental disorders refer to both 

mental illness and 

neurodevelopmental disorder (NDD) 

conditions.  
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Mental health related 

Does the video discuss or reference 

mental disorders in any way?  

‘Today I wanted to share a day in 

my life with anxiety and how I 

make myself feel better.’ 

0 = no 

1 = yes 

Experience    

General experience 

Comments on own experience 

‘Getting diagnosed was not fun.’  0 = Not present 

1 = Present  

10 = Not applicable 

Others’ general experience 

Comments on the experience of 

others 

‘This is my sister and she also 

has ADHD.’ 

0 = Not present 

1 = Present  

10 = Not applicable 

***Only code if a 

specific other is being 

discussed 

Experience of being bullied 

Comments on own experience of 

being bullied or cyberbullied 

‘I was laughed at, or I was 

criticized by the way I acted.’ 

0 = Not present 

1 = Present  

10 = Not applicable 

Others’ experience of being bullied 

Comments on the bullying or 

cyberbullying experience of others 

 

“Two of my friends were made 

fun of in college for acting 

differently.’ 

0 = Not present 

1 = Present  

10 = Not applicable 

***Only code if a 

specific other is being 

discussed 

Opinion   

Self-opinion 

The contributor asserts a subjective 

or evaluative position 

‘Things will get easier, people’s 

minds will change.’ or ‘I am 

helpless.’ 

0 = Not present 

1 = Present  

10 = Not applicable 

Self-opinion valence ‘I am lazy.’ versus ‘I do the best 

I can.’ 

0 = Not present 

1 = Negative 

2 = Positive 

Others’ opinion 

Comments on the opinions of others 

‘People with depression are 

lazy.’ 

0 = Not present 

1 = Present  

10 = Not applicable 

Others’ opinion valence ‘People with depression are 

different.’ versus ‘People with 

depression deserve support.’ 

0 = Not present 

1 = Negative 

2 = Positive 

Empathy 

Recognises the emotions of others; 

‘I want anyone out there who 

feels different and alone to know 

0 = Not present 

1 = Present  
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shows compassion 

 

that I know how you feel.’ 10 = Not applicable 

Exhort  

Encouraging others to do something, 

for example, view a website, 

subscribe or to think positively 

‘Subscribe, share, pin me to your 

homepage - do all the good 

stuff.’ 

0 = Not present 

1 = Present  

10 = Not applicable 

Information   

Demographics on self 

Information disclosing the name, 

age, location, contact details or 

mental disorder conditions of the 

contributor 

‘My name is [first name], and 

I’m 30 years old, I live here in 

[name of a US State]’ incl. 

disclosure of condition 

0 = Not present 

1 = Present  

10 = Not applicable 

Comorbidity 

Information disclosing multiple 

mental disorder conditions of the 

contributor (i.e., ADHD and Anxiety 

Disorder) 

‘I have anxiety and depression.’ 0 = Not present 

1 = Present  

10 = Not applicable 

Conditions mentioned Bipolar disorder and depression String 

Suicidal ideation ‘I wanted to not be alive 

anymore.’ 

0 = Not present 

1 = Present  

10 = Not applicable 

Demographics on others 

Information disclosing the name, 

age, location, contact details or 

mental disorder conditions of others  

‘I have a brother who is also 

autistic.’  

0 = Not present 

1 = Present  

10 = Not applicable 

Factual information for others 

Comments on statistics, study 

findings or general information 

including laws/policies 

* backed by facts and stats   

‘More than 5.4 million U.S. 

adults are diagnosed with Autism 

Spectrum Disorder.’ 

0 = Not present 

1 = Present  

10 = Not applicable 

Information about treatment 

Comments on information about 

treatment options, including therapy, 

self-help, medication, etc.  

*more personal 

‘I went to a psychiatrist to get 

diagnosed and prescribed 

medication.’ 

0 = Not present 

1 = Present  

10 = Not applicable 

Information sources 

Were there any sources provided for 

information presented?  

‘According to the CDC, most 

mental illnesses are present by 

age 14.’ 

0 = Not present 

1 = Present  

10 = Not applicable 
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Disclosure of medication 

Comments on taking medication for 

condition 

‘Today is my first day on ADHD 

medication.’ 

0 = Not present 

1 = Present  

10 = Not applicable 

Solicit information 

Requests information from others, 

for example, asks for advice 

‘Comment down below and tell 

me what you do to help manage 

your anxiety.’ 

0 = Not present 

1 = Present  

10 = Not applicable 

Advertise 

Advertises products and/or services   

‘For $20 a month Better Help 

will provide a safe space to talk 

about issues.’ 

0 = Not present 

1 = Present  

10 = Not applicable 

Note. Only products or 

services related to 

mental disorders.  
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B. Intercoder Reliability  

Table 1A  

Intercoder Reliability 

Variable Gwet’s AC2 

SMI characteristics  

Gender 1.00 

Race 0.91 

Mental health   

General experience 0.91 

Others’ general experience 1.00 

Experience of being bullied 0.98 

Others’ experience of being bullied 1.00 

Self-opinion 0.89* 

Self-opinion valence 0.78* 

Others’ opinion 0.92 

Others’ opinion valence 0.92 

Empathy 0.83* 

Exhort 0.92* 

Demographics on self 0.97* 

Comorbidity 0.83* 
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Suicidal ideation 0.83* 

Demographics on others 0.98 

Factual information for others 0.84* 

Information on treatment 0.76* 

Information sources 0.77* 

Disclosure of medication 0.95 

Solicit information 0.94 

Advertise 1.00 

Note. Gwet’s AC2 values with an asterisk (*) indicate a second round of reliability was conducted. 
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C. Results 

Table 2A 

Correlations between Study Variables  
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Table 3A 

Descriptive Statistics for YouTube Videos 

Variable Total Sample  
(N = 144) 

Mental health-related  
(n = 88) 

Not mental health-
related (n = 56) 

 Mean Range Mean Range Mean Range 

Video views 421,545.59 101 - 

9,572,953 

574,344.15 101 - 

9,572,953 

181,433.57 167 - 

2,275,8

78 

Video likes 23,581.34 4 - 484,000 31,055.03 10 - 484,000 11,836.96 4 - 

183,00

0 

Video length (in 

seconds) 

985.00 168 - 3,517 1,016.40 168 - 3,517 935.64 270 - 

2325 

Months posted 11.72 0-87 15.97 1-87 5.05 0-15 

Tags on video       

Mental health 

tags 

7.45 0-9 8 0-9 6.59 0-9 

Number of 

comments 

1,328.72 0 - 31,000 1,869.27 0 - 31,000 479.27 1 - 

12,000 

SMI 

characteristics 

      

Channel 

subscribers 

1,408,116 374 - 

29,300,000 

1,253,181.5 374 - 

29,300,000 

1,651,584.6 1,230 - 

29,300,

000 

SMI type 3.27 0-5 2.97 0-5 3.75 0-5 

Less than 1,000 2  2  0  

Nano  8  7  1  

Micro 4  2  2  
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Power 6  3  3  

Mega 17  10  7  

Celebrity 11  6  5  

Gender 1.97 1-2 1.97 1-2 1.98 1-2 

Male 3  1  1  

Female 45  85  56  

Race 2.25 1-9 2.35 1-9 2.09 1-9 

White 29  52  35  

African-American 4  7  5  

Asian 7  13  8  

Hispanic 3  5  4  

Two or more 1  3  0  

Other 2  4  2  

Unspecified 2  4  2  
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II.  Study 2 and 3 

A. Theoretical Model  
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B. Survey Measures 

1. Self-regulation - Adolescent Self-Regulatory Inventory (Moilanen, 2007) 

How would you respond to the following statements? 

1 - Not at all true for me; 2 - Somewhat true for me; 3 - Really true for me 

1. When I’m bored, I fidget or can’t sit still. 

2. I am good at keeping track of lots of things going on around me, even 

when I’m feeling stressed. 

3. I can start a new task even if I’m already tired. 

4. Little problems distract me from my long-term plans. 

5. I forget about whatever else I need to do when I’m doing something really 

fun. 

6. After I’m interrupted or distracted, I can easily continue working where I 

left off. 

7. If there are other things going on around me, I find it hard to keep my 

attention focused on whatever I’m doing. 

8. I can calm myself down when I’m excited or all wound up. 

2. Problematic social media use (Domoff et al., 2019) 

In the past 30 days, how often did each of these happen?  

1 - Never; 2 - Rarely; 3 - Sometimes; 4 - Often; 5 - Always 

1. It was hard to stop using social media. 

2. I became frustrated when I could not use social media. 

3. Social media made it harder to fall/stay asleep. 

4. Social media caused problems for me with my family or friends. 

5. Social media interfered with my school work. 

3. Social media use frequency  

On an average school day, how much time do you spend doing the following things each day?  

1 - None; 2 - Less than 30 minutes; 3 - 31 - 59 minutes; 4 - 1 - 2 hours; 5 - 3 - 4 hours; 6 - 5 - 6 

hours; 7 - 7 - 8 hours; 8 - More than 8 hours 

a) Social media (e.g., Instagram, Snapchat, Twitter, Marco Polo) 

b) Watching YouTube or Tiktok* 

4. Anxiety (PROMIS Short Form; APA, 2013) 

Think back over the last 7 days, please indicate how often you have been bothered 

by the following problems: 

1 - Never; 2 - Rarely; 3 - Sometimes; 4 - Often; 5 - Always 

1. I felt uneasy 

2. I felt nervous 

3. Many situations made me worry 

4. My worries overwhelmed me 

5. I felt tense 
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6. I had difficulty calming down 

7. I had sudden feelings of panic 

8. I felt nervous when my normal routine was disturbed 

5. Depression - Participant Health Questionnaire-9 (PHQ-9; Kroenke et al., 

2001) 

Over the last 2 weeks, how often have you been bothered by any of the following 

problems? 

1 - Not at all; 2 - Several days; 3 - More than half the days; 4 - Nearly every day 

1. Little interest or pleasure in doing things  

2. Feeling down, depressed, or hopeless 

3. Trouble falling or staying asleep, or sleeping too much 

4. Feeling tired or having little energy 

5. Poor appetite or overeating 

6. Feeling bad about yourself — or that you are a failure or have let yourself 

or your family down 

7. Trouble concentrating on things, such as reading the newspaper or 

watching television 

8. Moving or speaking so slowly that other people could have noticed? Or 

the opposite — being so fidgety or restless that you have been moving 

around a lot more than usual 

6. General mental health  

In the last 30 days, have you suffered from any health or mental health problems, 

personally? (check all that apply)  

● Frequent headaches or migraines 

● Depression 

● Anxiety 

● Sleep disorders 

● Eating disorders 

● Frequent stomach aches 

● Attention Deficit or Hyperactive Disorder (ADD/ADHD) 

7. Influence  

8. Topics followed 

Do you follow or connect to others on social media around any of the following health topics? If 

so how does it make you feel? 

1 - I do not do this; 2 - Usually makes me feel worse; 3 - Makes me feel about the same; 4 - 

Usually makes me feel better 

● Anxiety 

● Depression 

● Stress 
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9. Affective response 

Do you follow or connect to others on social media around any of the 

following health topics? If so how does it make you feel? 

1 - I do not do this; 2 - Usually makes me feel worse; 3 - Makes me feel 

about the same; 4 - Usually makes me feel better 

Note. *denotes the item was only included in Study 3.  

C.  Results  
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Table 4A 

Study 2 Descriptive Statistics and Correlations between Independent and Dependent Variables  

 1 2 3 4 5 6 7 8 9 10 11 

1. Age - - - - - - - - - - - 

2. Gender .01 - - - - - - - - - - 

3. Race .05 .02 - - - - - - - - - 

4. Self-regulation -.05 -.24** -.08** - - - - - - - - 

5. PSMU .02 .22** .01 -.28** - - - - - - - 

6. SM Frequency .11* .12** -.02 -.13** .29** - - - - - - 

7. Mental health topics -.01 .27** .07* -.22** .29** .15** - - - - - 

8. Affective response -.00 .24** .06 -.20** .25** .12** .90** - - - - 

9. Anxiety .08** .34** .07* -.44** .36** .13** .39** .35** - - - 

10. Depression .04 .32** -.01 -.44** .36** .17** .37** .32** .70** - - 

1
4
7
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11. Mental health self-

report 

-.01 .33** .13** -.36** .27** .18** .42** .40** .57** .63** - 

Mean 15.28 0.8 0.48 1.84 2.42 4.11 1.35 2.4 3.02 2.41 2.26 

SD 0.76 0.55 0.50 0.36 0.91 1.67 1.32 2.95 1.00 0.81 1.88 
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Table 5A 

Study 3 Descriptive Statistics and Correlations between Independent and Dependent Variables  

 1 2 3 4 5 6 7 8 9 10 11 

1. Age - - - - - - - - - - - 

2. Gender .04 - - - - - - - - - - 

3. Race -.02 -.04 - - - - - - - - - 

4. Self-regulation -.03 -.22** .10** - - - - - - - - 

5. PSMU .06* .08** .07* -.21** - - - - - - - 

6. SM Frequency .06* .04 -.03 -.08** .34** - - - - - - 

7. Mental health topics .10** .20** .02 -.19** .37** .22** - - - - - 

8. Affective response .12** .19** .05 -.17** .33** .22** .89** - - - - 

9. Anxiety .12** .32** -.05 -.50** .40** .24** .43** .40** - - - 

10. Depression .10** .29** -.06* -.45** .43** .27** .42** .39** .75** - - 

1
4
9
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11. Mental health self-

report 

.11** .34** .01 -.39** .23** .14** .34** .32** .61** .62** - 

Mean 16.75 0.77 0.48 1.94 2.47 4.15 1.49 2.64 2.92 2.31 2.08 

SD 1.18 0.54 0.50 0.39 1.04 1.69 1.34 3.01 1.11 0.86 1.83 
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III. Study 4 

A. Survey instrument  

1. Intro/qualification questions 

a) How old are you?   

(1) 13 

(2) 14 

(3) 15 

(4) 16 

(5) 17 

(6) Other (if selected skip to end) 

b) Do you speak English?  

(1) Yes 

(2) No  (if selected skip to end 

c) Do you use social media? 

(1) Yes 

(2) No  (if selected skip to end) 

d) Do you follow any influencers on social media?  

(1) Yes 

(2) No  (if selected skip to end) 

2. Demographics  

a) How do you identify? 

(1) American Indian or Alaskan native 

(2) Asian 

(3) Black or African American 

(4) Hispanic, Latino/a/x, or of Spanish origin 

(5) Native Hawaiian or Other Pacific Islander 

(6) White 

(7) Other race, ethnicity, or origin  

(8) Prefer to self-describe (text entry) 

(9) Prefer not to answer  

b) How do you identify?  

(1) Female  

(2) Male 

(3) Transgender 

(4) Non-binary or gender queer 

(5) Prefer to self-describe (text entry) 

(6) Prefer not to answer 

c) What grade are you in?  

(1) 9th 

(2) 10th 
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(3) 11th 

(4) 12th 

(5) Other  

3. Self-regulation - Adolescent Self-Regulatory Inventory (Moilanen, 2007) 

How would you respond to the following statements? 

1 - Not at all true for me; 2 - Somewhat true for me; 3 - Really true for me 

a) When I’m bored, I fidget or can’t sit still. 

b) I am good at keeping track of lots of things going on around me, 

even when I’m feeling stressed. 

c) I can start a new task even if I’m already tired. 

d) Little problems distract me from my long-term plans. 

e) I forget about whatever else I need to do when I’m doing 

something really fun. 

f) After I’m interrupted or distracted, I can easily continue working 

where I left off. 

g) If there are other things going on around me, I find it hard to keep 

my attention focused on whatever I’m doing. 

h) I can calm myself down when I’m excited or all wound up. 

4. Problematic social media use 

In the past 30 days, how often did each of these happen?  

1 - Never; 2 - Rarely; 3 - Sometimes; 4 - Often; 5 - Always 

a) It was hard to stop using social media. 

b) Social media was the only thing that seems to motivate me.  

c) Social media was all I seemed to think about.  

d) Social media caused problems for me with my family or friends. 

e) I became frustrated when I could not use social media. 

f) The amount of time I want to use social media keeps increasing.  

g) Social media made it harder to fall/stay asleep. 

h) Social media interfered with my school work. 

i) When I have a bad day, social media seems to be the only thing 

that helps me feel better.  

5. Social media use 

a) Which of the following social media sites have you used in the last 

month? (select all that apply) 

(1) YouTube 

(2) Instagram  

(3) TikTok 

(4) SnapChat 

(5) Twitter 

(6) Facebook 
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(7) Pinterest 

(8) Other (please specify) 

b) How much time do you spend on (insert logic for responses to 

Q1)in an average day?  

1 - None; 2 - Less than 30 minutes; 3 - 31 - 59 minutes; 4 - 1 - 2 hours; 5 - 

3 - 4 hours; 6 - 5 - 6 hours; 7 - 7 - 8 hours; 8 - More than 8 hours 

c) Who is your favorite influencer on social media? (text entry)  

d) How often do you check the posts of (insert logic for response to 

Q3) on (insert logic for response to Q1)?  

1 – Never; 2 - At least once a month; 3 - Rarely (0 - 1 time per week); 4 - 

Sometimes (2 - 4 times per week); 5 - Often (5 - 7 times per week); 6 - 

Very often (at least once a day); 7 = Almost constantly (multiple times 

each day) 

6. Parasocial involvement 

1 = Strongly disagree, 2 = Disagree, 3 = Neither disagree nor agree, 4 = 

Agree, 5 = Strongly agree 

a) (insert logic for response to Q3) makes me feel comfortable, as if I 

am with a friend. 

b) I look forward to seeing (insert logic for response to Q3)’s next 

post.  

c) I see (insert logic for response to Q3) as a natural, down-to-earth 

person.  

d) If (insert logic for response to Q3) starts another social media 

channel, I will also follow.  

e) (insert logic for response to Q3) seems to understand the kinds of 

things I want to know.  

f) If I see a story about (insert logic for response to Q3) in other 

places, I would read it.  

g) I miss seeing (insert logic for response to Q3) when they do not 

post on time.  

h) I would like to meet (insert logic for response to Q3) in person.  

i) If something happens to (insert logic for response to Q3), I will 

feel sad. 

j) I would invite (insert logic for response to Q3) to my party.  

k) (insert logic for response to Q3) is the kind of person I would like 

to play or hang out with.  

l) If (insert logic for response to Q3) lived in my neighborhood we 

would be friends.  

m) (insert logic for response to Q3) would fit in well with my group of 

friends. 
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7. Video condition (randomized) 

8. Parasocial involvement 

1 = Strongly disagree, 2 = Disagree, 3 = Neither disagree nor agree, 4 = 

Agree, 5 = Strongly agree 

a) (insert logic for video condition) makes me feel comfortable, as if I 

am with a friend. 

b) I look forward to seeing (insert logic for video condition)’s next 

post.  

c) I see (insert logic for video condition) as a natural, down-to-earth 

person.  

d) If (insert logic for video condition) starts another social media 

channel, I will also follow.  

e) (insert logic for video condition) seems to understand the kinds of 

things I want to know.  

f) I would like to meet (insert logic for video condition) in person.  

9. Anxiety (PROMIS Short Form)   

Think back over the last 7 days, please indicate how often you have been 

bothered by the following problems: 

1 - Never; 2 - Rarely; 3 - Sometimes; 4 - Often; 5 - Always 

a) I felt uneasy 

b) I felt nervous 

c) Many situations made me worry 

d) My worries overwhelmed me 

e) I felt tense 

f) I had difficulty calming down 

g) I had sudden feelings of panic 

h) I felt nervous when my normal routine was disturbed 

10. Depression - Participant Health Questionnaire-9 (PHQ-9; Kroenke et al., 

2001) 

Over the last 2 weeks, how often have you been bothered by any of the 

following problems? 

1 - Not at all; 2 - Several days; 3 - More than half the days; 4 - Nearly 

every day 

a) Little interest or pleasure in doing things  

b) Feeling down, depressed, or hopeless 

c) Trouble falling or staying asleep, or sleeping too much 

d) Feeling tired or having little energy 

e) Poor appetite or overeating 

f) Feeling bad about yourself — or that you are a failure or have let 

yourself or your family down 
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g) Trouble concentrating on things, such as reading the newspaper or 

watching television 

h) Moving or speaking so slowly that other people could have 

noticed? Or the opposite — being so fidgety or restless that you 

have been moving around a lot more than usual 

11. In the last 30 days, have you suffered from any health or mental health 

problems, personally? (check all that apply) 

a) Depression 

b) Anxiety 

c) Sleep disorders 

d) Frequent stomach aches 

e) Attention Deficit or Hyperactive Disorder (ADD/ADHD) 

B. Video stimuli 

1. Video 1: Anxiety https://www.youtube.com/watch?v=5mRdzsn0cnQ 

2. Video 2: Depression https://www.youtube.com/watch?v=gkZiBnL0h7Y 

3. Video 3: Control (no mental health) 

https://www.youtube.com/watch?v=e5CRzuRO8kg 

C. Results  

https://www.youtube.com/watch?v=gkZiBnL0h7Y
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Table 6A 

Study 4 Descriptive Statistics and Correlations between Independent and Dependent Variables  

 1 2 3 4 5 6 7 8 9 10 11 12 13 14 

1. Age - - - - - - - - - - - - - - 

2. Gender -.02 - - - - - - - - - - - - - 

3. Race -.02 .09 - - - - - - - - - - - - 

4. Self-regulation -.05 .01 -.11 - - - - - - - - - - - 

5. PSMU .03 .09 -.10 -.44** - - - - - - - - - - 

6. SM Frequency -.01 .00 .04 -.06 .36** - - - - - - - - - 

7. SMI 

Frequency 

-.04 -.09 -.05 -.02 .01 -.03 - - - - - - - - 

8. PSR with SMI .21* -.20* -.16 -.08 .11 -.03 .17 - - - - - - - 

9. PSR - 

Condition 1 

.11 .06 .03 .01 .12 .07 .02 -.06 - - - - - - 

10. PSR - 

Condition 2 

.11 -.09 -.09 -.03 -.23* -.18 .09 .04 -.48** - - - - - 

1
5
6
 

 



 

 158 

11. PSR - 

Condition 3 

-.28** .12 .10 -.04 .13 .10 -.13 .06 -.42** -.41** - - - - 

12. Anxiety .12 .23* .04 -.27** .28** .02 .04 -.04 .28** -.05 -.04 - - - 

13. Depression .04 .20* .15 -.39** .44** .12 .00 -.05 .07 -.02 .09 .66** - - 

14. Mental health 

self-report 

.02 .35** .10 -.33** .11 -.07 .03 -.01 .07 .05 -.06 .50** .61** - 

Mean 15.52 1.45 0.54 1.96 2.42 2.36 2.46 3.43 1.15 1.04 0.57 2.80 1.91 1.1

8 

SD 0.86 .50 0.50 0.39 0.80 0.70 1.27 0.89 1.64 1.54 0.95 0.95 0.72 1.2

4 

 

 

1
5
7
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Table 7A 

ANOVA Summary of Simple Effects of Video Condition and Mental Health Outcomes 

 df SS F-value p-value 

Anxiety                              𝑅2 = .10     

Intercept 1 48.18 60.13 .000 

Gender 1 4.11 5.13 .03 

Condition 2 4.41 2.75 .07 

Error 96 76.92   

Depression                           𝑅2 = .04     

Intercept 1 22.28 46.40 .000 

Gender 1 1.97 4.09 .05 

Condition 2 .01 .01 .99 

Error 95 45.62   

Mental health self-report 𝑅2 = .14     

Intercept 1 .23 .17 .68 

Gender 1 19.75 14.42 .000 

Condition 2 2.14 .78 .46 

Error 96 131.55   
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