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Herbivore outbreaks, a major form of natural disturbance in many ecosystems, often have
devastating impacts on their food plants. Understanding those factors permitting herbivore
outbreaks to occur is a long-standing issue in conventional studies of plant-herbivore inter-
actions. These studies are largely concerned with the relative importance of intrinsic bio-
logical factors and extrinsic environmental variations in determining the degree of
herbivore outbreaks. In this paper, we illustrated that how the time delay associated with
plant defense responses to herbivore attacks and the spatial diffusion of herbivore jointly
promote outbreaks of herbivore population. Using a reaction-diffusion model, we showed
that there exists a threshold of time delay in plant-herbivore interactions; when time delay
is below the threshold value, there is no herbivore outbreak. However, when time delay is
above the threshold value, periodic outbreak of herbivore emerges. Furthermore, the
results confirm that during the outbreak period, plants display much lower density than
its normal level but higher in the inter-outbreak periods. Our results are supported by
empirical findings.

Crown Copyright � 2013 Published by Elsevier B.V. All rights reserved.
1. Introduction

Herbivory is an important feeding process. By feeding on different plant parts or materials, herbivores can affect plant
growth, transfers of nutrients to the soil surface, and habitat and resource conditions for other organisms (see the review
of [58] and references therein). These effects are mostly viewed as beneficial outcomes of plant-herbivore interactions as
it exerts positive effects for the maintenance and conservation of plant population structure and composition during non-
outbreak periods. However, periodic outbreaks of herbivores can denude or kill plants over many square kilometers and
led to changes in plant community structure and composition. This capacity to alter community structure allows herbivores
to act as biotic agents of disturbance [69]. Unlike abiotic disturbances, herbivore outbreaks have continuous impact on plant
population and hold selectivity for the feeder plant species. As a result, a core issue of herbivory is that a threshold at which it
shifts from a normally acting process to a disturbance in terms of intensity, scale and frequency similar to those of fire, storm,
drought or flood. In temperate forest, for example, at a normal level of herbivory, defoliating insects consume 5–15 percents
of foliage production but it may reach to 100 percents during outbreak periods [50,39,9].
(Z. Jin),
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Although many herbivore populations exhibit outbreak behavior, the main causes of these phenomena remain unclear
[2]. Thus, determining which factors regulate or induce outbreak in herbivore populations continues to be an important issue
in the filed of both ecological and agricultural research [66,8]. The previous work revealed that herbivore outbreak was
caused by interactions with enemies [62,30,41,40,13], inducible defences or physiological stress [14,6,37,65,71,32,67], the
case that herbivore population’s parents and grandparents experienced in preceding generations [17], environmental forcing
[3,15,26] and resource-limited [1,2]. The aim of this paper is to give another mechanism for the outbreak of the herbivore.

While plant-herbivore interactions exhibit cyclic population dynamics, the spatiotemporal outbreak patterns of herbivore
population are often explained by those underlying causes of population synchrony in which peak phases of herbivore pop-
ulation cycle are inversely correlated with that of crash phases of plant population cycle. A suite of studies have attempted to
link these periodic outbreak patterns with that of the large-scale processes such as climatic variation [46,48]. The other ap-
proaches focused on the analysis of the rate of spread of herbivores, seeking traveling wave solutions in the model of plant-
herbivore interactions. In this case that rate of spread often depends on distributions and dispersal ranges of both popula-
tions [60,32]. Consequently, both spatial and temporal aspects play very important roles in the plant-herbivore population
dynamics, which can not be ignored.

On the other hand, biological systems with time delays have been of considerable interest. It means the time between
immature and mature [18], the time of pregnancy of the mother [31] and so on [16,49,38]. The interaction of plant and her-
bivore share some common features with prey-predator model. So delay widely exists in the dynamics of plant-herbivore
interaction [10,51]. For example, the delay may arise between herbivore damage and deployment of inducible defenses.
Moreover, theoretical analysis pointed out that time lags in reproduction influencing population dynamics [5,57,53,68].

Underwood et al. firstly demonstrated that time delays in inducible defenses and non-linear dispersal can lead to spatial
instabilities [67]. However, it was a simple simulation study and thus, studies of the population consequences of time delay
and the spatial spread of populations have remained largely unconnected. As a result, in the present paper, our aim is to build
a better understanding of how time delay affects the dynamic behavior of herbivores in both space and time, including spa-
tial pattern and herbivore fluctuation. We will analysis a reaction-diffusion model by addressing the following questions: (1)
How do time delay influence herbivore cycles; (2) How do time delay and nonlinear diffusion term have effect on the spatial
spread of the herbivore?

The paper is organized as follows. In Section 2, we use a reaction-diffusion model with delay to describe the interaction of
plant and herbivore. In Section 3, by using both mathematical analysis and numerical simulation, we show that herbivore
outbreak can be induced by time delay. Moreover, we show the relationship between wavelength and time delay. Finally,
conclusions and discussions are presented in Section 4.
2. The model

Since that long time series of the density of both plant and herbivore is needed, it is difficult to identify the causes of the
fluctuations empirically [35,1]. Thus, it may provide useful information by constructing mathematical models to explain the
phenomenon observation in the real world.

Here, we introduce a simple reaction-diffusion model to analyze the effect of time delays in the induction of plant de-
fenses on the outbreak and spatial distribution of herbivores in a closed, one-dimensional landscape. We model the level that
inducible defenses have reached in each location at each time, which is dependent on herbivore density and the level of al-
ready induced defenses. We do not explicitly model changes in plant biomass since such changes are potentially uncorre-
lated with the effects of induction in empirical plant-herbivore systems [29]. Induced defenses increase in response to
herbivore densities according to a saturating function such that there is a maximum amount a by which induction can
change between t and t þ Dt; the shape of the saturation curve is set by h. Induction also exhibits self-limitation, tuned
by b, which reduces the potential for increased induction in response to new damage. To reflect delays in the deployment
of inducible defenses, we set induction changes at time t dependent on herbivore densities at t � s time steps previously.
Induction decays at a constant rate d, reflecting the breakdown of inducible defenses and plant repair [68]. We assume that
the herbivore population grows logistically in the absence of induced defenses and suffers a linear increase in mortality
when defenses are activated. Furthermore, we assume that herbivores move away from areas of high induced defenses
according to Fokker–Planck nonlinear diffusion, which is dependent on the density of both induction levels and herbivores.

On the basis of the above assumptions, we arrive at the following equations:
@Iðx; tÞ
@t

¼ ða� bIðx; tÞÞ Hhðx; t � sÞ
bh þ Hhðx; t � sÞ

� dIðx; tÞ; ð1:aÞ
@H
@t
¼ rHðx; tÞ 1� Hðx; tÞ

K

� �
�mIðx; tÞHðx; tÞ þ @2

@x2 ½ðD0 þ vIðx; tÞÞHðx; tÞ�; ð1:bÞ
where Iðx; tÞ and Hðx; tÞ represent induced defense and herbivore density in both space and time. The biological meanings of
the parameters are given in Table 1.



Table 1
Parameter used in model (1).

Symbol Comments

a maximum induction rate per herbivore
b per-unit reduction of induction rate by self-limitation
d per-unit induction decay rate
b half-maximum for herbivore effectiveness of damage
h herbivore damage effectiveness shape tuning parameter
r intrinsic rate of herbivore population growth
K herbivore carry-capacity in the absence of inducible defenses
m mortality rate by induction
D0 baseline diffusion rate
v sensitivity of diffusion rate to induction
s time delay between herbivore damage and deployment of inducible defenses

Fig. 1. Plot of QðsÞ as a function of s, and the expression of QðsÞ is in Eq. (2). Note that there are two pure imaginary solutions of QðsÞ, which have no
biological meanings.
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3. Main results

In this section, we set that a ¼ 200; b ¼ 1, d ¼ 0:75; b ¼ 5; h ¼ 3; r ¼ 1;K ¼ 10;m ¼ 0:01, D0 ¼ 0:1;v ¼ 0:1, and to see what
will occur as the time delay increases. The first step in analyzing the model is to determine the stationary point of the non-
spatial model obtained by setting space derivatives equal to zero. It is, naturally, the dynamics in the biologically meaningful
region I P 0;H P 0 that are of interest. By considering the nullclines FðI;HÞ ¼ 0, GðI;HÞ ¼ 0 (see from Appendix A), and the
intersection of these curves in phase space, we have a stationary point ð0;0Þ which is a saddle,1 and ðI�;H�Þ. Additionally, I� is
the solution of
1 The
2 The

can be
QðsÞ ¼ 0:00175s4 � 0:725s3 þ 112:5s2 � 7843:75sþ 200000 ð2Þ
and H� ¼ 10� 0:1I�. It can be see from Fig. 1 that there are positive stationary point. One is ð60;4Þ, which is locally stable, and
the other one does not exist by reason of the negative of H�. Thus, from the biological point of view, we are interested to
study the stability behavior of the interior equilibrium point ð60;4Þ.

From the stability analysis in Appendix B and direct calculations, we know that when s > sc ¼ 2:54980875, Hopf bifur-
cation of the no-spatial model emerges. On the other hand, the positive equilibrium ð60;4Þ is stable when s < sc . This is illus-
trated by the numerical simulation in Fig. 2 (with initial data ð70;2Þ). Further, when delay passes through the critical value
sc , the positive equilibrium ð60;4Þ loses its stability and the system goes into oscillations, see Fig. 3.

Now, we want to see the effect of time delay when spatial terms are added. In Fig. 4, the dispersal relation,2 which can be
obtained from Eq. (B.9) in Appendix B, is given when there is no time delay. It is easy to find that, when there is no time delay,
there is no spatial pattern.
local stability of the stationary point can be checked by Eq. (A.3) in Appendix A.
dispersion relation can determine how time oscillations ekt are linked to spatial oscillations eij r! (here, r!¼ x ðyÞ or r!¼ ðx; yÞ. The dispersion relation

described by the characteristic value-k, with respect to wave number j.
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Fig. 2. When s ¼ 1 < sc , the positive equilibrium ð60;4Þ is stable. Parameter values are used as: a ¼ 200;b ¼ 1; d ¼ 0:75; b ¼ 5; h ¼ 3; r ¼ 1,
K ¼ 10;m ¼ 0:01;D0 ¼ 0 and v ¼ 0. (A) Time series of the induced defense and herbivore; (B) Phase diagram of induced defense and herbivore.

0 50 100 150 200 250 300
0

20

40

60

80

100

120

time

I
H

0 20 40 60 80 100 120
1

2

3

4

5

6

7

8

I

H

(A) (B)

Fig. 3. When s ¼ 4 > sc , Hopf bifurcation occurs and leads periodic solution. Parameter values are used as: a ¼ 200;b ¼ 1; d ¼ 0:75; b ¼ 5; h ¼ 3; r ¼ 1,
K ¼ 10;m ¼ 0:01;D0 ¼ 0 and v ¼ 0. (A) Time series of the induced defense and herbivore; (B) Phase diagram of induced defense and herbivore.

Fig. 4. Dispersal relation of the model (1) without time delay. Parameter values are used as: a ¼ 200; b ¼ 1, d ¼ 0:75; b ¼ 5; h ¼ 3; r ¼ 1;K ¼ 10;m ¼ 0:01,
D0 ¼ 0:1;v ¼ 0:1 and s ¼ 0. Note that the characteristic value is less than zero, which means there is no pattern.
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3.1. Spatial pattern

In the following part, numerical solutions for the system (1) with both time delay and spatial terms in the one-dimen-
sional space will be presented. In practice, the reaction-diffusion system is solved in a discrete domain. The space between
the lattice points is defined by the lattice constant Dx. In the discrete system the Laplacian describing diffusion is calculated
by using finite differences, i.e., the derivatives are approximated by differences over Dx. For Dx! 0, the differences approach



Fig. 5. Model solutions with a ¼ 200;b ¼ 1, d ¼ 0:75; b ¼ 5; h ¼ 3; r ¼ 1;K ¼ 10;m ¼ 0:01, D0 ¼ 0:1;v ¼ 0:1, and s ¼ 1. The initial condition is that
Iðx;0Þ ¼ 60, and Hðx;0Þ ¼ 4þ 10�7ðx� 300Þ.

Fig. 6. Model solutions with a ¼ 200;b ¼ 1, d ¼ 0:75; b ¼ 5; h ¼ 3; r ¼ 1;K ¼ 10;m ¼ 0:01, D0 ¼ 0:1;v ¼ 0:1, and s ¼ 4. The initial condition is the same as in
Fig. 5.
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the derivatives. The time evolution is also discrete, i.e., the time goes in steps of Dt. The time evolution can be solved by using
the Euler method, which means approximating the value of the concentration at the next time step on the basis of the change
rate of the concentration at the previous time step. In our calculations, the parameters values were taken to be Dx ¼ 1,
Dt ¼ 0:01 and the space was discretized to 1� 600 lattices on the one-dimensional space. The periodic boundary condition
was used in the simulation. We also find that when we vary the number of mesh points such as 1� 1000 and 1� 300, the
results of system (1) have the same dynamical behaviors. At the same time, it was checked that a further decrease of the step
values did not lead to any significant modification of the results.

In Fig. 5, we show the solution with respect to the space and time with s < sc . One can see that the solutions are stable
and converge to constant. However, as time delay increases as the case s > sc , the model (1) has period solutions which is
shown in Fig. 6. As the time delay further increases, the amplitude of the oscillations becomes larger, see in Fig. 7. In a word,
time delay plays a constructive role in the pattern formation of the herbivore, i.e., induce periodic pattern.
3.2. Synchronization and outbreak

Synchronization is a fundamental phenomenon arising in many biological and physical contexts for which there are two
or more coupled oscillating systems. In the classical sense, and dating back at least to Huygens in the 17th century [27], syn-
chronization has been understood as the mutual adjustment of periodic oscillators and the frequency locking that results
because of their (often weakly) coupled interaction [63]. Synchrony has also been observed among populations of sympatric
species that are not directly linked through trophic interactions, such as herbivorous forest insects [42,25,45,55,33] and allo-
patric large herbivores [54].



Fig. 7. Model solutions with a ¼ 200; b ¼ 1, d ¼ 0:75; b ¼ 5; h ¼ 3; r ¼ 1;K ¼ 10;m ¼ 0:01, D0 ¼ 0:1;v ¼ 0:1, and s ¼ 10. The initial condition is the same as
in Fig. 5.
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In Figs. 8–10, we show the time series of the induced defense and herbivore as time delay increases. One can see from
these three figures, the induced defense and the herbivore are anti-phase synchrony. When the time delay is smaller than
but very close to the critical value, both the two population exhibit fluctuation behavior. When it is becoming larger than the
critical value, periodic solutions with fixed period emerge, see Figs. 9 and 10.

To well explain the cause of herbivore outbreak, we plot the time series of the two population when s is less than sc in
Fig. 11. When s is small, the density of induced defense and herbivore converge to a constant for a long time. In other words,
there is no outbreak for small s. As seen from Fig. 8, when s is larger than the critical values, fluctuation of herbivore is
shown. As the time delay further increases, the oscillation aptitude and period becomes larger by comparing with Fig. 9
and 10. We can conclude that herbivore outbreak is induced by time delay. Moreover, Figs. 8–10 show that the density of
induced defense is very low in the outbreak period, but high in the inter-outbreak period, which confirm the previous argu-
ment [34].
3.3. Wavelength

Investigating the relationship between spatial patterns in population densities and environmental heterogeneity is cru-
cial to the understanding of population dynamics and for the management of species in communities. Consequently, deter-
mining the wavelength for the spatial pattern is a key issue in the field of spatial ecology [61,70]. In other words, we can see
the distribution of the population in the spatial space directly by calculating the wavelength.

In order to see the effect of time delay, we set s as a parameter, and show the corresponding wavelength as it varies in
Fig. 12. It can be found that the time delay increase the wavelength of the spatial pattern, and wavelength reaches the max-
imum values when s � 3:5. However, when s further increases, the wavelength is a decreasing function of it. From the
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biological point of view, the increase of time delay can largely affect the distance between one peak distribution and the
adjacent one.
4. Discussion and conclusion

In this paper, we present a reaction-diffusion model described by interaction of plant and herbivore with delay. The re-
sults showed that the time delay can induce the herbivore outbreak (cf. Figs. 8–10). Moreover, herbivore outbreak in our
model is characterized by high density of induced defense during the inter-outbreak period, which is consistent with the
experimental data [34,36,56,59]. In addition to that, we show that time delay may have great effect on the wavelength of
the spatial pattern (cf. Fig. 12). We can see from the figure that there exist a threshold value on time delay that the
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wavelength reaches its maximum value. In summary, our results identify some biological features of plant-herbivore
dynamics that determines whether the outbreak occurs or not and suggest the further investigation should take into account
the effects of both time delay and spatial diffusion.

These above-noted model results are consistent with the empirical findings in birch forest regions, where defoliating in-
sect outbreaks are one of the most common disturbances. Along the Scandinavian mountain chain, some birch forest areas
are usually experienced with periodic, synchronous peaks of Geometrid defoliators Epirrita (Oporinia) autumnata and Oper-
ophetera spp. [64]. Their outbreak cycles are characterized by large amplitude with 1000 to 100,000 fold differences between
population lows and peaks [24,28,7], which is clearly larger than in the well known vole cycles with 25–250 fold differences
[21]. It has been observed that although the period of the cycle is remarkably stable, the peak densities show large variation
even within a single site (see Neuvonen et al., 2001 and references therein). Detailed investigation of these patterns revealed
that the time delay associated with inducible plant defenses, which refers to decreasing foliage quality in the years following
insect attacks, is one of the major factors behind such cyclic outbreak patterns [24,22,23,47].

An interesting question of interest is whether nonlinear diffusion terms have effect on the herbivore outbreak. To address
this issue, we performed extensive computer simulations for different parameter values of D and v (in total, more than 50
parameter sets were examined). We found that the results nonlinear diffusion just influence the density not the outbreak
(for the sake of brevity, we do not provide separated figures).

The present paper provides some new insights into the spatial ecology of interaction of plant and herbivore, but it also
leaves many questions open for the future investigations. We would like to emphasize two relevant topics where may be
the main subjects of the further research. Firstly, in the model (1), we consider the case that only herbivores diffuse in
the space. However, for some plants their weeds also can move in the space caused by purely environmental factors such
as wind. In that situation, the model we employ may be changed as
@Iðx; tÞ
@t

¼ ða� bIðx; tÞÞ Hhðx; t � sÞ
bh þ Hhðx; t � sÞ

� dIðx; tÞ þ DI
@2

@x2 Iðx; tÞ; ð3:aÞ

@H
@t
¼ rHðx; tÞ 1� Hðx; tÞ

K

� �
�mIðx; tÞHðx; tÞ þ @2

@x2 ½ðD0 þ vIðx; tÞÞHðx; tÞ�; ð3:bÞ
where DI is the diffusion coefficient of the plant. Secondly, we found that periodic wave solution in the model (1) (cf. Figs. 6
and 7). However, previous work revealed that traveling wave of herbivore may exist by modeling the interaction of plant and
herbivore [44]. Thus, we need to check whether model (1) have traveling wave solution, especially how time delay influence
such solution.

It also should be noted that, in our model simulations, we have considered all the parameters as constants. However, her-
bivore populations are sometimes considered to be strongly influenced by abiotic factors such as weather and climatic con-
ditions [3,43,11,12,19]. As a result, all the parameters can show temporal and spatial variations: indeed, some can be both
stochastic and show significant seasonal variations [20,52,4]. We hope that our efforts will provide a new starting point for
the analysis of more detailed models to understand the outbreak in plant-herbivore dynamics.
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Appendix A. Linear stability of the no-spatial model

For sake of simplicity, we rewrite the system (1) as following:
@I
@t
¼ FðI;HÞ; ðA:1aÞ

@H
@t
¼ GðI;HÞ þ @

2P
@x2 : ðA:1bÞ
Denote the constant equilibrium solution as ðI�;H�Þ, i.e.,
FðI�;H�Þ ¼ 0; GðI�;H�Þ ¼ 0: ðA:2Þ
We are aim to look for the conditions so that ðI�;H�Þ is stable for the no-spatial version of (1) and is unstable for the spatial
version of (1). We always assume that ðI�;H�Þ is linearly stable with respect to perturbation of I and H, then the eigenvalues of
the Jacobian
J ¼
@F
@I

@F
@H

@G
@I

@G
@H

 !
,

a11 a12

a21 a22

� �
at ðI�;H�Þ must have negative real parts, which is equivalent to
trðJÞ ¼ a11 þ a22 < 0; DetðJÞ ¼ a11a22 � a12a21 > 0: ðA:3Þ
Appendix B. Dispersal relation

The main goal is to study the instability for the system (1) with the nonlinear diffusion. To deal with the nonlinear terms,
we use the method of transformation variable. Define the new variables as P ¼ PðI;HÞ. Then we have the following system
with three equations:
@I
@t
¼ FðI;HÞ; ðB:1aÞ

@H
@t
¼ GðI;HÞ þ @

2P
@x2 ; ðB:1bÞ

P ¼ PðI;HÞ: ðB:1cÞ
It is easy to see that the instability of ðI�;H�Þ in the system (1) is equivalent to that of ðI�;H�; P�Þ in the system (B.1) where
P� ¼ PðI�;H�Þ. Let u ¼ I � I�;h ¼ H � H� and p ¼ P � P� be a spatial perturbation at the equilibrium ðI�;H�; P�Þ, then linearizing
the reaction-diffusion system (B.1) at ðI�;H�; P�Þ yields
@u
@t
¼ a11uðx; tÞ þ a12hðx; t � sÞ; ðB:2aÞ

@h
@t
¼ a21uðx; tÞ þ a22hðx; tÞ þ @

2p
@x2 ; ðB:2bÞ

pðx; tÞ ¼ a31uðx; tÞ þ a32hðx; tÞ; ðB:2cÞ
where
a31 ¼
@PðI;HÞ
@I

jðI� ;H�Þ; a32 ¼
@PðI;HÞ
@H

jðI� ;H�Þ: ðB:3Þ
In order to examine the linear stability of ðI�;H�; P�Þ of system (B.1), we linearize the dynamic model (B.2) around the spa-
tially homogeneous fixed point ð0;0;0Þ for small space- and time-dependent fluctuations and expand them in Fourier space:
ðu;h;pÞT ¼ ðA1;A2;A3ÞT ektþijr ; ðB:4Þ
which yields
A1kektþijr ¼ ðA1a11 þ A2a12e�ksÞektþijr ; ðB:5aÞ
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ðA2kþ A3j2Þektþijr ¼ ðA1a21 þ A2a22Þektþijr; ðB:5bÞ

A3ektþijr ¼ ðA1a31 þ A2a32Þektþijr : ðB:5cÞ
Since ektþijr–0, (B.5) is equivalent to the following linear algebraic equations
k� a11 �a12e�ks 0
�a21 k� a22 j2

�a31 �a32 1

0
B@

1
CA

A1

A2

A3

0
B@

1
CA ¼

0
0
0

0
B@

1
CA: ðB:6Þ
Nontrivial solutions to the above equations (B.6) exist if
Det

k� a11 �a12e�ks 0
�a21 k� a22 j2

�a31 �a32 1

0
B@

1
CA ¼ 0; ðB:7Þ
which equals that
Det
k� a11 �a12e�ks

�a21 þ a31j2 k� a22 þ a32j2

� �
¼ 0: ðB:8Þ
Note that (B.8) can be solved, yielding the characteristic polynomial of the original problem:
k2 � ða11 þ a22 � a32j2Þkþ a11a22 � a12a21e�ks � a11a32j2 þ a12a31e�ksj2 ¼ 0: ðB:9Þ
Appendix C. Critical value of time delay

We firstly pay attention to the model without spatial terms. Thus, the corresponding characteristic equation is that:
k2 � ða11 þ a22Þkþ a11a22 � a12a21e�ks ¼ 0: ðC:1Þ
We know that iwðw > 0Þ is a root of Eq. (C.1) if and only if w satisfies the following equation:
�w2 � ða11 þ a22Þiwþ a11a22 � a12a21ðcos ws� i sin wsÞ ¼ 0: ðC:2Þ
Separating the real and imaginary parts, one can have
ða11 þ a22Þw ¼ a12a21 sin ws; ðC:3aÞ

�w2 þ a11a22 ¼ a12a21 cos ws: ðC:3bÞ
By squaring and adding the two parts of Eq. (C.3), it follows that
w4 þ ða2
11 þ a2

22Þw2 þ a2
11a2

22 � a2
12a2

21 ¼ 0: ðC:4Þ
Suppose that a11a22 > a12a21, then (C.4) have the solution:
w2 ¼
�ða2

11 þ a2
22Þ þ

ffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffi
ða2

11 þ a2
22Þ

2 � 4ða2
11a2

22 � a2
12a2

21Þ
q

2
,g: ðC:5Þ
If we define
sj ¼
1ffiffiffigp arccos

�gþ a11a22

a12a21
þ 2jp

� �
; j ¼ 0;1;2; � � � ;n; ðC:6Þ
then Eq. (C.1) with s ¼ sj has a pair of purely imaginary roots �iw, and it is easy to see that s0 < s1 < � � � < sn.
It can be found that (C.1) that
dk
dt

� ��1

¼ a11 þ a22 � 2k
a12a21ke�ks �

s
k

ðC:7Þ
and thus
Re
dk
dt

� ��1

js¼sj
¼ a2

11 þ a2
22 þ 2w2

a2
12a2

21

> 0: ðC:8Þ
In other words, for the model (1) without spatial terms, the Hopf bifurcation will occur at s ¼ sj, and period solution will
emerge when s > sj.



G.-Q. Sun et al. / Commun Nonlinear Sci Numer Simulat 19 (2014) 1507–1518 1517
References

[1] Abbott KC, Dwyer G. Food limitation and insect outbreaks: complex dynamics in plant-herbivore models. J Anim Ecol 2007;76:1004–14.
[2] Abbott KC, Morris WF, Gross K. Simultaneous effects of food limitation and inducible resistance on herbivore populations dynamics. Theor Popul Biol

2008;73:63–78.
[3] Andrewartha HG, Birch LC. The distribution and abundance of animals. Chicago, IL, USA: University of Chicago Press; 1954.
[4] Bascompte J, Rodríguez MA. Self-disturbance as a source of spatiotemporal heterogeneity. J Theor Biol 1998;195:383–93.
[5] Bjnstad ON, Sait SM, Stenseth NC, Thompson DJ, Begon M. The impact of specialized enemies on the dimensionality of host dynamics. Nature

2001;409:1001–6.
[6] Busenberg SN, Velasco-Hernandez JX. Habitat suitability and herbivore dynamics. Biosystems 1994;32:37–47.
[7] Bylund H. Long-term interactions between the autumnal moth and mountain birch: the roles of resources, competitors, natural enemies and weather

[Ph.D. thesis]. Swedish Univ. Agr. Sci., Uppsala; 1995, p. 1–116.
[8] Cappuccino N, Price PW. Population dynamics: new approaches and synthesis. New York: Academic Press; 1995.
[9] Coulson RN, Witter JA. Forest entomology: ecology and management. NY: Wiley; 1984.

[10] Das K, Sarkar AK. Stability and oscillations of an autotroph-herbivore model with time delay. Int J Sys Sci 2001;32(5):585–90.
[11] DeBach P. The role of weather and entomophagous species in the natural control of insect populations. J Econ Entomol 1958;51:474–84.
[12] Dempster JP. The natural control of populations of butterflies and moths. Biol Rev Cambridge Philos Soc 1983;58:461–81.
[13] Dwyer G, Dushoff J, Yee SH. The combined effects of pathogens and predators on insect outbreaks. Oecologia 2004;430:341–5.
[14] Edelstein-Keshet L, Rausher MD. The effects of inducible plant defenses on herbivore populations. 1. mobile herbivores in continuous time. Am Nat

1989;133:787–810.
[15] Elton CS. Periodic fluctuations in the number of animals: their causes and effects. Br J Exp Biol 1924;2:119–63.
[16] Freedman HI, Rao VSH. The trade-off between mutual interaction and time lag in predator–prey system. Bull Math Biol 1983;43:991–1004.
[17] Ginzburg LR, Taneyhill DE. Population cycles of forest lepidoptera: a maternal effect hypothesis. J Anim Ecol 1994;63:79–92.
[18] Gourley S, Kuang Y. A stage structured predator–prey model and its dependence on through-stage delay and death rate. J Math Biol 2004;49:188–200.
[19] Gripenberg S. Spatial ecology of a specialist insect herbivore: the leaf-mining moth Tischeria ekebladella on the pedunculate oak Quercus robur [Ph.D.

thesis]; 2007.
[20] Guttal V, Jayaprakash C. Impact of noise on bistable ecological systems. Ecol Model 2007;201:420–8.
[21] Hanski I, Hansson L, Henttonen H. Specialist predators, generalist predators, and the microtine rodent cycle. J Anim Ecol 1991;60:353–67.
[22] Haukioja E. On the role of plant defenses in the fluctuation of herbivore populations. Oikos 1980;35:202–13.
[23] Haukioja E, Neuvonen S. Insect population dynamics and induction of plant resistance: the testing of hypotheses. In: Barbosa P, Schultz JC, editors.

Insect outbreaks. San Diego, CA: Academic Press; 1987.
[24] Haukioja E, Pakarinen E, Niemela P, Iso-Iivari L. Crowding-triggered phenotypic responses alleviate consequences of crowding in epirrita autumnata

[lep., geometridae]. Oecologia 1988;75:549–58.
[25] Hawkins BA, Holyoak M. Transcontinental crashes of insect populations? Am Nat 1998;152:480–4.
[26] Hunter AF. Traits that distinguish outbreaking and nonoutbreaking macrolepidoptera feeding on northern hardwood trees. Oikos 1991;60:275–82.
[27] Huygens CH. Horoloqium oscilatorium. Parisiis, France; 1673.
[28] Itamies J, Pulliainen E, Siekkinen J. Mobility of epirrita autumnata (lepidoptera, geometridae), as indicated by altitudinal light trap sampling in finnish

forest lapland. Oecologia Montana 1995;4:27–30.
[29] Kaplan I, Denno RF. Interspecific interactions in phytophagous insects revisited: a quantitative assessment of competition theory. Ecol Lett

2007;10:977–94.
[30] Lawton JH, McNeill S. Between the devil and the deep blue sea: on the problem of being a herbivore. In: Population dynamics. Oxford UK: Blackwell

Scientific; 1979.
[31] Levy J, III JG, Scott M, Avioli L. Mineral homeostasis in neonates of streptozotocin-induced noninsulin-dependent diabetic rats and in their mothers

during pregnancy and lactation. Bone 1987;8(1):1–6.
[32] Lewis MA. Spatial coupling of plant and herbivore coupling: the contribution of herbivore dispersal to transient and persistent waves of damage. Theor

Popul Biol 1994;45(3):277–312.
[33] Liebhold A, Koenig WD, Bjnstad ON. Spatial synchrony in population dynamics. Ann Rev Ecol Evol Syst 2004;35:467–90.
[34] Liebhold AM, Elkinton JS, Muzika RM. What causes outbreaks of the gypsy moth in north america? Popul Ecol 2000;42:257–66.
[35] Liebhold AM, Kamata N. Are population cycles and spatial synchrony a universal characteristic of forest insect populations? Popul Ecol 2000;42:205–9.
[36] Liebhold AM, Kamata N, Jacobs T. Cyclicity and synchrony of historical outbreaks of the beech caterpillar. quadricalcarifera punctatella (motschulsky)

in japan. Res Popul Ecol 1996;38:87–94.
[37] Lundberg S, Jaremo J, Nilsson P. Herbivory, inducible defence and population oscillations: a preliminary theoretical analysis. Oikos 1994;71:537–40.
[38] MacDonald N. Time lags in biological models. Lecture notes in biomathematics. Berlin: Springer-Verlag; 1985.
[39] MacLean DA. Effects of spruce budworm outbreaks on the productivity and stability of balsam fir forests. Forestry Chronicle 1984;60:273–9.
[40] Maron JL, Harrison S, Greaves M. Origin of an insect outbreak: escape in space or time from natural enemies? Oecologia 2001;126:595–602.
[41] McCann K, Hastings A, Harrison S, Wilson WG. Population outbreaks in a discrete world. Theor Popul Biol 2000;57:97–108.
[42] Miller WE, Epstein ME. Synchronous population fluctuations among moth species. Environ Entomol 1986;15:443–7.
[43] Milne A. Theories of natural control of insect populations. Cold Spring Harbor Symp Quant Biol 1957;22:253–71.
[44] Morris WF, Dwyer G. Population consequences of constitutive and inducible plant resistance: herbivore spatial spread. Am Nat 1997;149(6):1071–90.
[45] Myers JH. Population cycles of western tent caterpillars: experimental introductions and synchrony of fluctuations. Ecology 1990;71:986–95.
[46] Myers JH. Synchrony in outbreaks of forest lepidoptera: a possible example of the moran effect. Ecology 1998;79:1111–7.
[47] Neuvonen S, Haukioja E. The effects of inducible resistance in host foliage on birch-feeding insects. In: Raupp M, Tallamy D, editors. Phytochemical

induction by herbivore. New York: John Wiley and Sons; 1991. p. 277–91.
[48] Neuvonen S, Ruohomki K, Bylund H, Kaitaniemi P. Insect herbivores and herbivory effects on mountain birch dynamics. In: Wielgolaski FE, editor,

Nordic mountain birch ecosystems, Man and biosphere series, vol. 27; 2001. p. 207–222.
[49] Nunney L. The effect of long time delays in predator–prey systems. Theor Popul Biol 1985;27:202–21.
[50] Ohmart CP, Stewart LG, Thomas JR. Leaf consumption by insects in three eucalyptus forest types in southeastern australia and their role in short term

nutrient cycling. Oecologia 1983;59:322–30.
[51] Ortega-Cejas V, Fort J, Mendez V. The role of the delay time in the modeling of biological range expansions. Ecology 2004;85:258–64.
[52] Ovaskainen O, Sato K, Bascompte J, Hanski I. Metapopulation models for extinction threshold in spatially correlated landscapes. J Theor Biol

2002;215:95–108.
[53] Post E. Large-scale spatial gradients in herbivore population dynamics. Ecology 2005;86(9):2320–8.
[54] Post E, Forchhammer MC. Synchronization of animal population dynamics by largescale climate. Nature 2002;420:168–71.
[55] Raimondo S, Liebhold AM, Strazanac JS, Butler L. Population synchrony within and among lepidoptera species in relation to weather, phylogeny, and

larval phenology. Environ Entomol 2004;29:96–105.
[56] Root RB, Cappuccino N. Patterns in population change and the organization of the insect community associated with goldenrod. Ecol Monogr

1992;62:393–420.
[57] Royama T. Analytical population dynamics. London, UK: Chapman and Hall; 1992.
[58] Schowalter T, Hargrove W, Crossley D. Herbivory in forested ecosystems. Ann Rev Entomol 1986;31:177–96.

http://refhub.elsevier.com/S1007-5704(13)00416-4/h0005
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0010
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0010
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0015
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0020
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0025
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0025
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0030
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0035
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0040
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0045
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0050
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0055
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0060
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0065
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0065
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0070
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0075
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0080
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0085
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0090
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0095
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0100
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0105
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0105
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0110
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0110
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0115
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0120
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0125
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0125
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0130
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0130
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0135
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0135
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0140
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0140
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0145
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0145
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0150
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0155
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0160
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0165
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0165
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0170
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0175
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0180
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0185
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0190
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0195
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0200
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0205
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0210
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0215
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0220
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0220
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0225
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0230
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0230
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0235
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0240
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0240
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0245
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0250
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0255
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0255
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0260
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0260
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0265
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0270


1518 G.-Q. Sun et al. / Commun Nonlinear Sci Numer Simulat 19 (2014) 1507–1518
[59] Shepherd RF, Bennett DD, Dale JW, Tunnock S, Dolph RE, Thier RW. Evidence of synchronized cycles in outbreak patterns of douglas-fir tussock moth,
orgyia pseudotsugata. Mem Entomol Soc Can 1988;146:107–21.

[60] Sherratt JA, Lambin X, Thomas CJ, Sherratt TN. Generation of periodic waves by landscape features in cyclic predator–prey systems. Proc R Soc Biol Sci
2002;269:327–34.

[61] Sherratt JA, Lord GJ. Nonlinear dynamics and pattern bifurcations in a model for vegetation stripes in semi-arid environments. Theor Popul Biol
2007;71:1–11.

[62] Southwood TRE, Comins HN. A synoptic population model. J Anim Ecol 1976;45:949–65.
[63] Sun G-Q, Jin Z, Liu Q-X, Li L. Dynamical complexity of a spatial predator–prey model with migration. Ecol Model 2008;219:248–55.
[64] Tenow O. The outbreaks of oporinia autumnata (bkh.) and operophthera spp. (lep., geometridae) in the scandinavian mountain chain and northern

finland 1862–1968. Zool Bidr Uppsala Suppl 1972;2:1–107.
[65] Underwood N. The influence of plant and herbivore characteristics on the interaction between induced resistance and herbivore population dynamics.

Am Nat 1999;153:282–94.
[66] Underwood N. The influence of plant and herivore characteristics on the interaction between induced resistance and herbivore population dynamics.

Am Nat 1999;153(3):282–94.
[67] Underwood N, Anderson K, Inouye BD. Induced vs. constitutive resistance and the spatial distribution of herbivores among plants. Ecology

2005;86(3):594–602.
[68] Underwood NC. The timing of induced resistance and induced susceptibility in the soybean-mexican bean beetle system. Oecologia 1998;114:376–81.
[69] Veblen T, Hadley K, Nel E, Kitzberger T, Reid M, Villalba R. Disturbance regime and disturbance interactions in a rocky mountain subalpine forest. J Ecol

1994;82:125–35.
[70] Wang R-H, Liu Q-X, Sun G-Q, Jin Z, van de Koppel J. Nonlinear dynamic and pattern bifurcations in a model for spatial patterns in young mussel beds. JR

Soc Interface 2009;6(37):705–18.
[71] White TCR. The abundance of invertebrate herbivores in relation to the availability of nitrogen in stressed food plants. Oecologia 1984;63:90–105.

http://refhub.elsevier.com/S1007-5704(13)00416-4/h0275
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0275
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0280
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0280
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0285
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0285
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0290
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0295
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0300
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0300
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0305
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0305
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0310
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0310
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0315
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0315
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0320
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0325
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0325
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0330
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0330
http://refhub.elsevier.com/S1007-5704(13)00416-4/h0335

	Influence of time delay and nonlinear diffusion on herbivore outbreak
	1 Introduction
	2 The model
	3 Main results
	3.1 Spatial pattern
	3.2 Synchronization and outbreak
	3.3 Wavelength

	4 Discussion and conclusion
	Acknowledgments
	Appendix A Linear stability of the no-spatial model
	Appendix B Dispersal relation
	Appendix C Critical value of time delay
	References




