
UC Berkeley
UC Berkeley Previously Published Works

Title
A universal model for predicting human migration under climate change: Examining 
future sea level rise in Bangladesh

Permalink
https://escholarship.org/uc/item/86k3f97h

Journal
Environmental Research Letters, 13(6)

ISSN
1748-9318

Authors
Davis, KF
Bhattachan, A
D'Odorico, P
et al.

Publication Date
2018-06-01

DOI
10.1088/1748-9326/aac4d4
 
Peer reviewed

eScholarship.org Powered by the California Digital Library
University of California

https://escholarship.org/uc/item/86k3f97h
https://escholarship.org/uc/item/86k3f97h#author
https://escholarship.org
http://www.cdlib.org/


Environ. Res. Lett. 13 (2018) 064030 https://doi.org/10.1088/1748-9326/aac4d4

LETTER

A universal model for predicting human migration under
climate change: examining future sea level rise in
Bangladesh

Kyle Frankel Davis1,2,6 , Abinash Bhattachan3, Paolo D’Odorico4 and Samir Suweis5

1 The Earth Institute, Columbia University, New York, NY 10025, United States of America
2 The Nature Conservancy, New York, NY 10001, United States of America
3 Department of Forestry and Environmental Resources, North Carolina State University, Raleigh, NC 27695, United States of America
4 Department of Environmental Science, Policy, and Management, University of California, Berkeley, United States of America
5 Department of Physics and Astronomy, University of Padova, CNISM and INFN, 35131 Padova, Italy
6 Author to whom any correspondence should be addressed.

OPEN ACCESS

RECEIVED

4 January 2018

REVISED

26 April 2018

ACCEPTED FOR PUBLICATION

15 May 2018

PUBLISHED

12 June 2018

Original content from
this work may be used
under the terms of the
Creative Commons
Attribution 3.0 licence.

Any further distribution
of this work must
maintain attribution to
the author(s) and the
title of the work, journal
citation and DOI.

E-mail: kd2620@columbia.edu

Keywords: sea level rise, human migration, radiation model, climate change adaptation

Supplementary material for this article is available online

Abstract
Climate change is expected to impact the habitability of many places around the world in significant
and unprecedented ways in the coming decades. While previous studies have provided estimates of
populations potentially exposed to various climate impacts, little work has been done to assess the
number of people that may actually be displaced or where they will choose to go. Here we modify a
diffusion-based model of human mobility in combination with population, geographic, and climatic
data to estimate the sources, destinations, and flux of potential migrants as driven by sea level rise
(SLR) in Bangladesh in the years 2050 and 2100. Using only maps of population and elevation, we
predict that 0.9 million people (by year 2050) to 2.1 million people (by year 2100) could be displaced
by direct inundation and that almost all of this movement will occur locally within the southern half
of the country. We also find that destination locations should anticipate substantial additional
demands on jobs (594 000), housing (197 000), and food (783× 109 calories) by mid-century as a
result of those displaced by SLR. By linking the sources of migrants displaced by SLR with their likely
destinations, we demonstrate an effective approach for predicting climate-driven migrant flows,
especially in data-limited settings.

Introduction

Migration is an important adaptive strategy for cop-
ing with environmental and climate changes. An
individual’s decision to migrate depends on a host
of factors from livelihood opportunities to house-
hold assets, social connections and perceived risk [1,
2], yet there is little understanding of how all of
these economic, political, social, and demographic
considerations ultimately influence adaptive behavior,
particularly in the face of environmental risk and cli-
mate variability (e.g. [3]). A wealth of recent work
has attempted to disentangle this complexity by assess-
ing the environmental and climatic drivers of human
mobility and migration in developing countries and
made strides to predict if and how these dynamics

may change in the future [4]. Numerous studies using
empirical models have shown that climate variabil-
ity significantly influences migration in Indonesia [5],
Mexico [6], South Africa [7], Bangladesh [8], Pak-
istan [9] and many other countries (e.g. [10, 11]).
New applications of agent-based modeling (ABM)
to estimate environmental migration also represent a
promisingdevelopment in capturing individual actions
and decision-making (e.g. [12–16]). These and many
other studies have been instrumental in exploring dif-
ferent aspects of the migration-climate relationship
(permanent vs. temporary; internal vs. international;
climate-driven vs. disaster-driven). However, almost
all of these approaches have been data-intensive (either
for parameterization, validation, or extrapolation),
geographically specific, and/or are based on historical
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statistical relationships between changes in climate and
human migration—the dynamics of which may well
change with time [17]. These qualities likely limit the
utility of such approaches across a variety of settings,
particularly in places where information is sparse. It is
therefore essential to develop new and reliable meth-
ods that can—with minimal inputs—be applied in
a range of situations to predict migration flows as
a result of climate variability and that can be used
as a basis for informing adaptive strategies [18, 19].
Here we modify an existing parameter-free model to
investigate migrations resulting from the emergence of
environmental conditions that render a place uninhab-
itable or less suitable for human activities (e.g. loss of
livelihoods, damage or destruction of assets). We use
the example of sea level rise (SLR) in Bangladesh—a
densely populated country with a rural economy—
to explore the efficacy of this alternative, stochastic
modeling approach in estimating migrant sources, des-
tinations, and flux and discuss its potential application
to a host of climatic drivers of migration.

SLR is expected to have profound effects on
livelihoods and food security in the coming decades
[20]. From physical inundation to saltwater intru-
sion to higher-intensity storms, SLR poses a serious
adaptation challenge for coastal human and natu-
ral systems. The spectrum of vulnerability, exposure,
and response to SLR will be dictated by a variety
of factors including geophysical properties of coast-
lines and storms, adaptive capacity of governments,
and socio-economic status of coastal communities
[21, 22]. Certain countries (e.g. [23]) and cities (e.g.
[24])—whose coastal populations continue to increase
despite being substantially exposed to the impacts of
flooding and SLR [25, 26]—will likely adopt adap-
tation steps [27], while many developing nations
possess limited means for protective measures (e.g.
sea walls, dikes, floodgates, canals, and pumps) [28].
Thus, for vulnerable populations living in these low-
lying coastal regions, migration will continue to be an
important adaptation strategy [1, 2, 21, 28].

Numerous recent studies (e.g. [23, 28–32]) have
assessed the exposure of future populations to SLR and
coastal flooding. However, how and to what extent
the effects of SLR will influence the movements of
people—as well as the specific sources and destinations
of these potential migrants—remains poorly under-
stood. This is especially true for Bangladesh, a country
with 41% of its population (53 million people) living
in low elevation (<10 m) coastal zones [32], regularly
exposed to a host of natural extreme events, and with
a long history of adaptation and flood management
efforts [33]. For instance, in the aftermath of cyclone
Aila in 2009, lack of access to food and shelter led to
the substantial migration of coastal residents (e.g. [34,
35]) with only some able to return to their homes a
few months later [36]. Unlike these types of abrupt
and relatively short-lived natural hazards (e.g. floods,
cyclones) that have induced widespread displacements

in Bangladesh [8, 37], SLR represents a different type
of migration driver, in that residents will not have the
option to return to their origin after a certain period of
time. Indeed, a recent survey of migrants to Dhaka and
Khulna in 2010 showed SLR and its associated liveli-
hood impacts were already influencing movements
within the country [34].

By combining information on population distri-
bution, elevation, and climate change scenarios within
a parameter-free model of human mobility (via gen-
eralization of the so-called ‘radiation’ model [38]
to account for SLR), we estimate the cumulative
sources, destinations, and number of people displaced
by direct inundation alone due to future mean SLR
in Bangladesh for the years 2050 and 2100. While
the benefits of adaptation in reducing vulnerability to
flooding are well known (e.g. [26]), it is unclear what
Bangladesh’s efforts at flood management have meant
for prevented environmentally driven migration, and it
is uncertain where and to what extent further adapta-
tion steps will be implemented in the coming decades
(though many plans are in various stages of realization
(e.g. Bangladesh Delta Plan 2100)). Because of these
data limitations linking migration and adaptation in
the country, we assume no further adaptation to sea
level rise in the SLR scenarios that we consider. Our
results are validated using government data on inter-
provincial migration in Bangladesh, and then used to
predict future migration patterns, and the consequent
impacts on jobs, housing, and food security. In doing
so, we aim to address a substantial gap recently iden-
tified in the environment-migration literature [39] by
providing a universal, minimum data model as a basis
for the study and comparison of future migration sce-
narios as influenced by climate change.

Materials and methods

Inundation simulation under sea level rise (SLR) sce-
narios
Elevation data were taken from the Shuttle Radar
Topography Mission (SRTM Global 1 arc second Ver-
sion 3.0) for Bangladesh [40]. These digital maps
provide integer-value elevations at resolution up to 1
arc second (∼30 meters) and capture large embank-
ments (polders) that are currently in widespread use
throughout Bangladesh to protect against rising seas.
These data were resampled to a 90 m per pixel res-
olution (by averaging every 3 by-3 9 pixel block) to
estimate elevation values to tenths of meters. Because
of the absence of high precision DEM (digital eleva-
tion model) data for Bangladesh, numerous previous
studies have used SRTM data (e.g. [41, 42]) in a similar
way, keeping in mind the limitations on vertical height
accuracy of such datasets. We then used the eight-side
connectivity rule for inundation modeling whereby the
locally protected low elevation grid cell will get inun-
dated if its elevation is less than the projected sea level
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and if one of its eight neighbors was either a flooded
pixel or open water (see [43]).

To simulate future mean SLR impacts on coastal
population in Bangladesh, we used SLR projections
for four Representative Concentration Pathway (RCP)
scenarios from the IPCC’s Fifth Assessment Report
[20]. For the year 2050, we only used the RCP 8.5
SLR projection (corresponding to 8.5 W m−2 increase
in radiative forcing with respect to pre-industrial lev-
els) of 0.30 m as the other three pathways all had similar
SLR projections. For the year 2100, we used projected
global mean SLR for four RCP pathways—namely,
RCP 2.6, RCP 4.5, RCP 6.0, and RCP 8.5—which cor-
respond to a projected SLR of 0.44, 0.53, 0.55 and
0.74 meters, respectively. We also modeled inundation
for mean SLR projections of 1.5 and 2 meters as a rep-
resentation of more rapid SLR scenarios in 2100. These
values are in line with the upper range of SLR utilized in
numerous recent studies (e.g. 2.0 m [44], 2.25 m [45],
and 2.4 m [46]). Further, because our analysis consid-
ers mean SLR without normal high tides, this helps
to ensure that our estimates of inundated area—and
displaced population—are conservative. In addition,
because we perform inundation modeling to ensure
that flooded pixels have connectivity with the ocean,
our estimates of inundated areas are also conservative
relative to previous studies (e.g. refs. [29, 47, 48]).

Demographic projections
District-(zila-)level population for the year 2010 was
estimated by aggregating the Gridded Population of the
World (GPWv4) dataset [49] (30 arcsecond grid) and
adjusting to UN medium-variant population estimates.
Separately, we calculated Ti,2010—the population in
the year 2010 that would be inundated in district i—
for each of the 64 zilas (districts) by overlaying each
inundation map with GPWv4 data and summing the
GPWv4 grid cells contained within the inundated area.
This value was then projected for the years 2050 and
2100 as:

𝑇𝑖,𝑡 =
𝑏𝑡𝑇𝑖,2010

𝑏2010
(1)

where b2010 is the year 2010 population of Bangladesh
and bt is the medium-variant projected population of
Bangladesh for either the year 2050 or 2100 [50].

Baseline radiation model
The ‘radiation’ model [38] is an alternative approach to
gravitational models [51] for the simulation of migra-
tion fluxes between cities. In this model the term
‘radiation’ does not refer to the radiative forcing of the
climate change scenarios but to a statistical mechanics
approach to the modeling of migration that resembles
the physics of radiation [38]. The main advantage of
this model is that it is parameter free. It is derived
starting at the microscopic scale and upscaling human
migrations using a statistical mechanics approach. To

make this study more self-contained, we first briefly
review the model by Simini et al [38], and then explain
how the model was modified to account for the effect
of SLR.

The baseline model is based on the following steps:

1. Every individual, X, leaving from location i is asso-
ciated with a positive number, zX(i), representing
the absorption threshold for that individual. zX(i) is
generated as the maximum number obtained after
m𝑖 random extractions from a pre-selected distribu-
tion, p(z), with m𝑖 being the population in i. Thus,
on average, individuals leaving from a highly pop-
ulated region have a higher absorption threshold
than those emitted from a scarcely populated loca-
tion. Simini et al [38] have shown that the particular
choice of p(z) does not affect the final results.

2. The surrounding cities have a certain probabil-
ity to ‘absorb’ individual X: zX(j) represents the
absorbance of city/region j for individual X, and
it is the maximum of n𝑗 (the population in loca-
tion j) extractions from p(z). The individual stops
in the closest location that has an absorbance, zX(j),
greater than its absorption threshold, zX(i).

By repeating these steps for a given number of out-
going individuals (in our case the predicted emigrants),
the model calculates the fluxes among the different
locations. The model thus gives an analytical expres-
sion for the probability that an individual moving from
a location i with population m𝑖 will not stop in the clos-
est locations and will arrive in the next location with
population n𝑗 . This is formally expressed as:

𝑝𝑖,𝑗 =
𝑚𝑖𝑛𝑗

(
𝑚𝑖 + 𝑠𝑖𝑗

) (
𝑚𝑖 + 𝑛𝑗 + 𝑠𝑖𝑗

) (2)

where sij is the total population (within the circle of
radius rij centered at i) minus m𝑖 and n𝑗 . rij is the
distance between i and j. Baseline model results showed
good agreement (logarithmic regression fits: Lifetime
migrants −R2 = 0.75; 5 year migrants −R2 = 0.69) with
availabledivision-level internalmigrationdata fromthe
2011 Bangladesh Census [52] (figure 1).

Radiation model with sea level rise
To simulate migrations among districts of Bangladesh
that are each affected differently by SLR, we modify
the radiation model by Simini et al to account for the
fact that migration fluxes toward inundated areas are
less likely to happen. Following the original model,
we denote the population of the source district as m𝑖

and the population of the destination district as n𝑗
(index i will thus refers to the source, while index j to
the destination). Then, following the same modeling
steps presented above, we write the probability that a
migrant from a region i moves to region j, as:

𝑝𝑖,𝑗 =
𝑚𝑖

(
𝑛𝑗 − 𝑇𝑗

)

(
𝑚𝑖 + �̃�𝑖𝑗

) (
𝑚𝑖 + 𝑛𝑗 + �̃�𝑖𝑗

) (3)

3



Environ. Res. Lett. 13 (2018) 064030

Figure 1. Division-level comparison with internal migration data. Values represent the log-transformed percentage of total migrants
(log(x+ 1)), and each point represent a source-destination link (e.g. those who were born in Barisal division and migrated to Dhaka
division).

where T𝑗 is the total number of people that are expected
to migrate from district j because of inundation and
depends on the susceptibility to inundation of district

j; �̃�𝑖𝑗 = 𝑠𝑖𝑗 −
𝑗∑

𝑘∈𝑟𝑖𝑗
𝑇𝑘 is the population living within an

area of radius rij (i.e. the distance between points i and
j) centered at i. Distances were calculated based on the
centroid of each district.

The difference with respect to the classic radiation
model (equation 2) is that n𝑗 has been replaced with
n𝑗 −T𝑗 and 𝑠𝑖𝑗 with �̃�𝑖𝑗 to account for the fact that
if a district j is more vulnerable to inundation (and
thus has a high T𝑗) it will be less likely to be chosen
as a destination by migrants and therefore—for the
purposes of the migration analysis—it will be as if its
population has dropped to n𝑗—T𝑗 .

The average flux from district i to district j can then
be calculated as:

𝜑𝑖𝑗 = 𝑇𝑗𝑝𝑖𝑗 (4)

and its variance as

𝜎2
𝜑𝑖𝑗

= 𝑇𝑗𝑝𝑖𝑗
(
1 − 𝑝𝑖𝑗

)
(5)

Migration fluxes between pairs of districts, i and j, are
calculated using equations (3) and (4) with m𝑖 and n𝑗
determined based on population data and projections
based on demographic data for Bangladesh, while T𝑗

is estimated as the population of district j that will
be affected by the inundation under the various SLR
scenarios considered in this study.

Migrant support at destinations
Average calorie consumption for the year 2010–2439
kcal cap−1 day−1—was taken fromtheFAO’s FoodBal-
ances Sheets [53]. Average household size−4.48 people
per household—was estimated as the ratio between
population and number of households [52]. Depen-
dency ratio (i.e. the ratio of those employed to the
total population) (0.675) was taken from the World

Bank’s World Development Indicators database [54].
Each of these factors was then multiplied by the num-
ber of arriving migrants driven by SLR to estimate the
additional food, housing, and jobs required at migrant
destinations.

Limitations and caveats
This work presents a stochastic model to study human
migration in Bangladesh under different SLR inunda-
tion scenarios. There are several factors would need to
be fully considered before comprehensively assessing
SLR impacts on the coastal populations of Bangladesh.
First, we do not attempt to temporally disaggregate
migrant flows. The timing, delay, or prevention of such
flows can, on one hand, be influenced by adaptive
measures taken by a household [55] or government
[56] and, on the other hand, will likely occur in
pulses—with some return migration—as a result of
increased exposure to flooding events before even-
tual inundation [23, 57, 58]. Second, we assume no
return migration of the migrants displaced by SLR.
Because there are a greater number of economic
opportunities and the rural-to-urban migrants are
diversifying their livelihoods—often adopting occu-
pations that are not dependent on natural resources
[16] and with improved access to education and health
services—these future migrants are expected to con-
tinue living in urban areas (e.g. [59]). As the migrants
from the southern region of Bangladesh are dispro-
portionately influenced by environmental factors [59],
the degradation of their land caused by SLR (and
other associated impacts such as saltwater intrusion
and storm surge) will likely further deter urban-rural
migrants. Third, we utilize scenarios of global mean
SLR and of national average population growth, both
of which in reality will occur with greater spatial het-
erogeneity [60, 61]. Fourth, we do not account for
potential future adaptation measures and livelihood
opportunities which are perhaps impossible to incor-
poratebeyond the time frameofmost planningpolicies.
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Figure 2. Inundation of mean sea level rise scenarios for Bangladesh. Scenarios presented in the map represent the smallest (RCP 8.5;
year 2050) and largest (2.0 m) areas inundated amongst the scenarios of this study. The areas inundated under the other scenarios
correspond by and large to that of RCP 8.5 year 2050. Population density map is for the year 2010.

Nonetheless, the extent to which these measures can
be accounted for can have significant impacts on
the magnitude, origins, and destination choices of
migrants. Fifth, the model is calibrated based on cur-
rent migration patterns and decisions, and the relative
importance of the factors influencing migration may
change under future climate. Overall, the bulk of
these assumptions ensure that our estimates of migrant
flows are conservative.

Results

We first applied our model to predict human migration
in Bangladesh for the year 2011 without accounting
for the effect of SLR. In this way we were able to
test our theoretical framework for a case where we
have available data on population fluxes among divi-
sions (states). The baseline results of the modified
‘radiation’ model showed good agreement with state-
level internal migration data from the 2011 Bangladesh
Census [62] (figure1), theonly comprehensivebilateral
internal migration data available for Bangladesh. This
agreement was true when considering either ‘lifetime’
migrantsormigrantswhohadonly relocatedwithinfive
years of the census. Thus we were able to successfully
replicate internal migration in Bangladesh only using
information on population distribution and distance.

We then considered SLR projections based
on four RCP scenarios from the IPCC’s Fifth
Assessment Report [20]. We also examined more
extreme conditions with a mean SLR of 1.5
and 2.0 meters to investigate more rapid SLR
by 2100 (see supplementary materials available at
stacks.iop.org/ERL/13/064030/mmedia). We did not
consider higher levels of mean SLR, normal high tides,
or storm surges as either the likelihood of their occur-
rence or the long-term response of inhabitants to their
effects remains unclear. We found that mean SLR
will induce displacements in 33% of Bangladesh’s dis-
tricts under the considered RCP scenarios and 53%
under the more intensive conditions (figure 2). By
mid-century, we estimate that nearly 900 000 people
are likely to migrate as a result of direct inundation
from mean SLR alone (table 1). Under the most con-
servative and extreme scenarios that we consider (0.44
meter and 2 meter mean SLR, respectively), the num-
ber of estimated migrants driven by direct inundation
could range from 731 000 people to as many as 2.1
million people by the year 2100. For all RCP scenar-
ios, only five districts (or ‘zilas’)—Barisal, Chandpur,
Munshigonj, Naray Angonj, and Shariatpur—act as
the source for 59% of all migrants (figure S1). For
Shariatpur and Munshigonj in particular, inundation
by SLR will also constitute substantial proportions of
these districts’ areas (16% and 12%, respectively).

5
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Table 1. List of the most affected zilas under selected SLR scenarios. Zilas are ordered based on population displaced under RCP 8.5 (year
2050). Values represent the population displaced and area inundated, and percentages represent the proportions of each zila’s population and
area that would be inundated. Results for all zilas are reported in table S6.

District State RCP 8.5 2050 (0.30 m) RCP 4.5 2100 (0.53 m) 1.5 m 2100

Popul. % km2 % Popul. % km2 % Popul. % km2 %

Shariatpur Dhaka 114642 6.9 208 16.0 95157 6.9 208 16.0 91321 6.6 222 17.1
Naray Angonj Dhaka 112135 2.6 37 4.7 91972 2.6 37 4.7 128839 3.6 47 6.1
Munshigonj Dhaka 108092 5.2 109 11.7 90627 5.2 109 11.7 82475 4.7 126 13.5
Barisal Barisal 105879 3.3 73 3.3 88765 3.3 74 3.3 150138 5.5 144 6.4
Chandpur Chittagong 78402 2.3 114 7.4 63006 2.2 114 7.4 67104 2.3 117 7.6
Khulna Khulna 60959 1.9 32 0.9 51111 1.9 32 0.9 142968 5.2 89 2.5
Comilla Chittagong 44688 0.6 25 0.8 36274 0.6 26 0.8 24695 0.4 26 0.8
Shatkhira Khulna 37061 1.3 81 2.4 31074 1.3 81 2.4 108361 4.7 195 5.8
Pirojpur Barisal 35572 2.3 34 2.7 29825 2.3 34 2.8 27388 2.1 38 3.1
Coxs Bazar Chittagong 27781 0.9 15 0.7 23293 0.9 15 0.7 89837 3.5 44 2.0

% of total affected 81.9 … 86.5 … 81.8 … 86.5 … 61.6 … 54.2 …

In large part because of the generally high popula-
tion density across Bangladesh, SLR migrants will likely
not search far for an attractive destination (see figure
3). Indeed, the chosen destination tends to reflect a
trade-off between the employment opportunities that
the destination district can give (for which population
serves as aproxy), its distance fromthemigrant’s origin,
and its own exposure to SLR impacts. Migrant destina-
tions are distributed diffusely across the southern half
of the country with certain districts consistently emerg-
ing as migrant destinations (e.g. Bagerhat, Dhaka,
Jhalakhali, and Madaripur) (figure 4; tables S1–S4).
Preferred migrant destinations are consistent across
the different SLR scenarios though the magnitude of
the flows can vary substantially. Interestingly, though
Dhaka is projected to be the top destination across all
scenarios, the number of migrants choosing to move
to the city remains relatively consistent despite large
changes across scenarios in the number of displaced
people (table 2). Further, because the population of
Bangladesh is projected—under the medium variant
population scenario—to undergo a decrease between
mid-century and the year 2100, some scenarios of SLR
at century’s end show fewer people displaced as com-
pared to the RCP 8.5 scenario for 2050 (table 1).

We also estimate the additional jobs, housing,
and food that would be required to support these
migrants at their destinations (table 2). To suffi-
ciently accommodate the relocation of all of those
estimated to be displaced by inundation in the year
2050 will likely require nearly 600 000 additional jobs,
200 000 residences, and 784 × 109 food calories. For
the districts where arriving migrants will constitute a
substantial percentage of the existing population (e.g.
Jhalakati, Khulna, Madaripur), these additional needs
may pose a greater challenge for planners and local
governments (table S5). More generally, our find-
ings suggest that SLR will serve to accelerate rates
of rural-to-urban migration as displaced people relo-
cate to districts where employment opportunities are
more concentrated. Destination choices remain rel-
atively consistent across scenarios, but our results
highlight that there is large variation in the number

of displaced people depending on the SLR scenario
considered. This shows that our approach, which
incorporates a suite of scenarios, can be used to ade-
quately capture the full range of possible outcomes
in terms of migrant flows.

Discussion

Our study was able to reliably replicate internal perma-
nent migration patterns in Bangladesh (figure 1). By
incorporating the effect of SLR into this approach, we
were able to assess the sources, destinations, and fluxes
ofmigrantsdisplacedunder anumber of SLR scenarios.
We predict that a large percentage of districts will pro-
duce SLR migrants, that these migrants will frequently
move to neighboring, less impacted districts, and that
preferred destinations will be relatively invariant across
SLR scenarios—though the magnitude of predicted
migrant fluxes vary widely by 2100 (between 731 000
and 2.1 million total migrants) depending on the
SLR scenario (figure 4). This demonstrates that likely
migrant destinations can be determined with greater
confidence thantheactualnumberof arrivingmigrants.
By knowing the origin and destination of migrants
and accounting for the uncertainty in the number of
migrants, it is possible to begin tailoring strategies that
are more sensitive to cultural and social context, bet-
ter accommodate the needs of the specific migrant
group, and minimize conflict over limited services
and resources [63]. This paper provides a universally
applicable approach that can be used to assess migra-
tions and future human mobility driven by various
climate-related impacts (e.g. SLR, drought, flooding).
While previous work has been important for enhancing
our understanding of the relationship between climate
and permanent migration (e.g. [5, 9]), the parameter-
free approach that we present offers increased
applicability—especially indata-limited settings—over
these empirical techniques.

Of course, the permanence and behavior of a
migration decision depends in large part on the per-
sistence and magnitude of the migration driver and the
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Figure 3. Predicted migrant destinations for selected districts. The 𝑇𝑖 values represent the total number of people displaced from the
source district.

Figure 4. Net migration under sea level rise. Maps show the difference between arriving migrants and departing migrants.
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Table 2. Jobs, housing, and food required to support additional
migrant arrivals by destination for the RCP 8.5 2050 (0.3 m) scenario.
Complete results are reported in table S5.

Destination

district
Additional
migrants

Jobs Housing 109 kcal
yr−1

Dhaka 207374 139978 46289 184.61
Madaripur 83913 56641 18730 74.70
Comilla 65181 43997 14549 58.03
Jhalakati 43456 29333 9700 38.69
Chandpur 40688 27465 9082 36.22
Bagerhat 38681 26110 8634 34.44
Khulna 32811 22148 7324 29.21
Munshigonj 30179 20371 6736 26.87
Lakshmipur 27513 18572 6141 24.49
Shariatpur 26657 17993 5950 23.73

Bangladesh 880422 594285 196523 783.78

capacity of low-lying areas to adapt. While a greater
suite of coping strategies may be available for other
coastal hazards (e.g. [64, 65]), physical inundation ulti-
mately necessitates relocation. This is especially true
for rural coastal inhabitants who—unlike those liv-
ing in important port cities (e.g. Khulna) that are
more economically motivated to implement large-scale
adaptation strategies and flood management [66]—
will have limited capacity to remain in place and to
cope with rising seas, but may also be less financially
equipped to migrate [67]. Indeed, though Bangladesh
has a long history of flood protection (e.g. [33, 68]),
it is unclear to what extent ongoing or future efforts
may be able to minimize the impacts of SLR. Fur-
thermore, flood protection through embankments in
tidal channels does not allow water to spread over a
larger area and, as a consequence, prevents the pen-
etration of higher water levels further inland to less
protected areas [69]. By linking vulnerable coastal pop-
ulations to potential inland immigration effects, our
approach can also help to prioritize interventions in
areas of potential emigration and inform likely desti-
nation sites about the resources and infrastructure that
would be required to support increased immigration
(table 2).

The displacements we consider will be spread over
multiple years and will not be the result of a single,
abrupt ‘shock’. For instance, Bangladesh has experi-
enced 15 major cyclones resulting in half a million
deaths between 1960 and 2007 and is predicted to
have over 11 million people exposed to potential storm
surge impacts by 2050 [70]. Focusing solely on those
permanently displaced by SLR—as opposed to those
vulnerable to subsidence, saltwater intrusion, or storm
surge—provides a conservative estimate of the peo-
ple likely to migrate in response to a climate change
impact. While those vulnerable to saltwater intrusion,
flooding, or storm surge may also be included in such
an estimate, their choice of coping strategy in response
to their respective impact is less clear and would require
in-depth behavioral studies to adequately understand
and capture in our model. More generally, estimates of
‘climate change migrants’ for Bangladesh vary widely

in definition, magnitude, and replicability (e.g. [30, 71,
72]), and our estimates demonstrate that an analysis of
water body connectivity may be a key constraint that
has been missing from previous assessments. Indeed,
a population can be defined as ‘affected’ in numer-
ous ways, and how Bangladesh or any other country
identifies all communities vulnerable to and potentially
displaced by climate change impacts is a crucial consid-
eration in the application of this model but is beyond
the scope of this paper [73].

Future work can seek to enhance the model pre-
dictions presented here in a number of ways. This is
especially true for the estimation of affected areas and
displaced populations. First, a thorough quantification
of the heterogeneous potential for adaptation—along
coastlines and inland, between rural areas and urban
centers, and at the household or government level [55,
56]—must be incorporated.While it is difficult toknow
what decision-makers will implement even a few years
into the future, reasonable approximations of adapta-
tion can help to better constrain migration estimates
and can exert significant influence over the sources,
magnitude, timing, destination choices of migration
from vulnerable areas. In addition, while the focus
of this study is on model development, extensions
of this work can readily incorporate different socio-
economic scenarios to better understand the envelope
of likely economic and demographic outcomes (e.g.
[60, 61]). Second, future analyses need to account for
the various indirect effects of SLR (e.g. saltwater intru-
sion, groundwater salinization, storm surge frequency,
altered flow dynamics in upstream reaches of rivers,
etc.) which could add substantially to the number of
people forced to move. More broadly, making accu-
rate estimates and predictions of the number of people
displaced by different climate drivers (SLR, extreme
heat, drought, etc.) will be a critical component for
the application of this study’s model to other situ-
ations [73]. As a combination of factors ultimately
dictate the migration decision—and not just a single
climate driver as we examine here—it will be impor-
tant to account for the spectrum of social, political, and
economic considerations that all influence the adap-
tive choices of exposed populations [1, 2]. Third, an
intercomparisonofmodel requirements andoutputs—
between empirical approaches, agent-based methods,
and our present work—can enhance understanding
of the advantages and shortcomings of each and on
potential ways to link these different methodologies.

Conclusion

Migration is one of the most important strategies for
adapting to the effects of a changing climate. Yet many
aspects of human migration in response to climate
change remain poorly understood. We examined the
case of Bangladesh, a highly populated country par-
ticularly vulnerable to the potential impacts of SLR
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and climate change. Under projected climate scenar-
ios and impacts, we estimated that by the years 2050
and 2100 as many as 900 000 people and 2.1 million
people, respectively, could be forced to migrate as a
result of direct inundation from SLR. To assess the
relocation of these migrants, we first demonstrated that
our model predictions showed good agreement with
bilateral census data on internal migration. This indi-
cated that our statistical mechanics approach based on
a parameter free diffusion model was able to capture
the fundamental aspects of the displacement pro-
cess. After accounting for the effect of SLR, we were
able to predict the likely destinations of migrants and
evaluate their additional food, housing, and employ-
ment needs (as many as 1.4 million jobs, 470 00
residences, and 1.87× 1012 food calories by 2100). This
approach therefore offers an effective and flexible alter-
native to empirical and agent-based models typically
used to predict climate-driven migrations.

Acknowledgments

K F D,A B,P D,andS Sdesigned theexperiment.K F D,
A B, and S S performed the analysis. K F D, A B, P D,
and S S wrote the paper. K F D was funded by The
Nature Conservancy’s NatureNet Science fellowship.

ORCID iDs

Kyle Frankel Davis https://orcid.org/0000-0003-
4504-1407

References

[1] Government Office for Science 2011 Foresight: Migration and
Global Environmental Change Final Project Report (London:
Government Office for Science)

[2] Black R, Adger W N, Arnell N W and Dercon S 2011 The
effect of environmental change on human migration Glob.
Environ. Change 21 S3–S11

[3] Aerts J C J H 2017 Climate-induced migration: impacts
beyond the coast Nat. Clim. Change 7 315–6

[4] Klabunde A and Willekens F 2016 Decision-making in
agent-based models of migration: State of the art and
challenges Eur. J. Popul. 32 73–97

[5] Bohra-Mishra P, Oppenheimer M and Hsiang S M 2014
Nonlinear permanent migration response to climatic
variations but minimal response to disasters Proc. Natl Acad.
Sci. USA 111 9780–5

[6] Feng S, Krueger A B and Oppenheimer M 2010 Linkages
among climate change, crop yields and Mexico–US
cross-border migration Proc. Natl Acad. Sci. USA 107
14257–62

[7] Mastrorillo M, Licker R, Bohra-Mishra P, Fagiolo G, Estes L D
and Oppenheimer M 2016 The influence of climate variability
on internal migration flows in South Africa Glob. Environ.
Change 39 155–69

[8] Gray C L and Mueller V 2012 Natural disasters and population
mobility in Bangladesh Proc. Natl Acad. Sci. USA 109 6000–5

[9] Mueller V, Gray C and Kosec K 2014 Heat stress increases
long-term human migration in rural Pakistan Nature Clim.
Change 4 182–5

[10] Marchiori L, Maystadt J-F and Schumacher I 2012 The impact
of weather anomalies on migration in sub-Saharan Africa
J. Environ. Econ. Manage. 63 355–74

[11] Gray C and Wise E 2016 Country-specific effects of climate
variability on human migration Clim. Change 135 555–68

[12] Kniveton D, Smith C and Wood S 2011 Agent-based model
simulations of future changes in migration flows for Burkina
Faso Glob. Environ. Change 21S1 S34–S40

[13] Hassani-Mahmooei B and Parris B W 2012 Climate change
and internal migration patterns in Bangladesh: an agent-based
model Environ. Devel. Econ. 17 763–80

[14] Kniveton D R, Smith C D and Black R 2012 Emerging
migration flows in a changing climate in dryland Africa Nature
Clim. Change 2 444–7

[15] Smith C D 2014 Modelling migration futures: development
and testing of the rainfalls agent-based migration
model—Tanzania Clim. Devel. 6 77–91

[16] Martin M, Billah M, Siddiqui T, Abrar C, Black R and
Kniveton D 2014 Climate-related migration in rural
Bangladesh: a behavioural model Popul. Environ. 36
85–110

[17] McLeman R A 2014 Climate and Human Migration: Past
Experiences, Future Challenges (New York: Cambridge
University Press)

[18] Bardsley D K and Hugo G 2010 Migration and climate
change: examining thresholds of change to guide effective
adaptation decision-making Popul. Environ. 32 238–62

[19] Findlay A M 2011 Migrant destinations in an era of
environmental change Glob. Environ. Change 21
S50–S58

[20] Intergovernmental Panel on Climate Change 2013 Climate
Change 2013: The Physical Science Basis. Contribution of
Working Group I to the Fifth Assessment Report of the
Intergovernmental Panel on Climate Change ed T F Stocker, D
Qin, G K Plattner, M Tignor, S K Allen, J Boschung, A Nauels,
Y Xia, V Bex and P M Midgley (Cambridge: Cambridge
University Press)

[21] Nicholls R J and Cazenave A 2010 Sea-level rise and its impact
on coastal zones Science 328 517–20

[22] Melillo J M, Richmond T C and Yohe G W 2014 Climate
Change Impacts in the United States: The Third National
Climate Assessment (Washington, DC: Global Change
Research Program)

[23] Hauer M E, Evans J M and Mishra D R 2016 Millions
projected to be at risk from sea-level rise in the continental
United States Nature Clim. Change 6 691–5

[24] Boettle M, Rybski D and Kropp J P 2016 Quantifying the
effect of sea level rise and flood defence—a point process
perspective on coastal flood damage Nat. Hazards. Earth Sys.
Sci. 16 559–76

[25] Jongman B, Ward P J and Aerts J C J H 2012 Global exposure
to river and coastal flooding: Long term trends and changes
Glob. Environ. Change 22 823–35

[26] Jongman B, Winsemius H, Aerts J C J H, Coughlan de Perez E,
van Aalst M K, Kron W and Ward P J 2015 Declining
vulnerability to river floods and the global benefits of
adaptation Proc. Natl Acad. Sci. USA 112 E2271–80

[27] Bras R L, Harleman D R, Rinaldo A and Rizzoli P 2001
Rescuing Venice from a watery grave Science 291 2315–6

[28] Dasgupta S, Laplante B, Meisner C, Wheeler D and Yan J 2009
The impact of sea level rise on developing countries: a
comparative analysis Clim. Change 93 379–88

[29] Milliman J D, Broadus J M and Gable F 1989 Environmental
and economic-implications of rising sea-level and subsiding
deltas—the Nile and Bengal examples Ambio 18 340–5

[30] Biermann F and Boas I 2010 Preparing for a warmer world:
towards a global governance system to protect climate refugees
Glob. Environ. Polit. 10 60–88

[31] Hanson S, Nicholls R, Ranger N, Hallegatte S, Corfee-Morlot
J, Herweijer C and Chateau J 2011 A global ranking of port
cities with high exposure to climate extremes Clim. Change
104 89–111

9

https://orcid.org/0000-0003-4504-1407
https://orcid.org/0000-0003-4504-1407
https://orcid.org/0000-0003-4504-1407
https://doi.org/10.1016/j.gloenvcha.2011.10.001
https://doi.org/10.1016/j.gloenvcha.2011.10.001
https://doi.org/10.1016/j.gloenvcha.2011.10.001
https://doi.org/10.1038/nclimate3279
https://doi.org/10.1038/nclimate3279
https://doi.org/10.1038/nclimate3279
https://doi.org/10.1007/s10680-015-9362-0
https://doi.org/10.1007/s10680-015-9362-0
https://doi.org/10.1007/s10680-015-9362-0
https://doi.org/10.1073/pnas.1317166111
https://doi.org/10.1073/pnas.1317166111
https://doi.org/10.1073/pnas.1317166111
https://doi.org/10.1073/pnas.1002632107
https://doi.org/10.1073/pnas.1002632107
https://doi.org/10.1073/pnas.1002632107
https://doi.org/10.1016/j.gloenvcha.2016.04.014
https://doi.org/10.1016/j.gloenvcha.2016.04.014
https://doi.org/10.1016/j.gloenvcha.2016.04.014
https://doi.org/10.1073/pnas.1115944109
https://doi.org/10.1073/pnas.1115944109
https://doi.org/10.1073/pnas.1115944109
https://doi.org/10.1038/nclimate2103
https://doi.org/10.1038/nclimate2103
https://doi.org/10.1038/nclimate2103
https://doi.org/10.1016/j.jeem.2012.02.001
https://doi.org/10.1016/j.jeem.2012.02.001
https://doi.org/10.1016/j.jeem.2012.02.001
https://doi.org/10.1007/s10584-015-1592-y
https://doi.org/10.1007/s10584-015-1592-y
https://doi.org/10.1007/s10584-015-1592-y
https://doi.org/10.1017/s1355770x12000290
https://doi.org/10.1017/s1355770x12000290
https://doi.org/10.1017/s1355770x12000290
https://doi.org/10.1038/nclimate1447
https://doi.org/10.1038/nclimate1447
https://doi.org/10.1038/nclimate1447
https://doi.org/10.1007/s11111-014-0207-2
https://doi.org/10.1007/s11111-014-0207-2
https://doi.org/10.1007/s11111-014-0207-2
https://doi.org/10.1007/s11111-010-0126-9
https://doi.org/10.1007/s11111-010-0126-9
https://doi.org/10.1007/s11111-010-0126-9
https://doi.org/10.1016/j.gloenvcha.2011.09.004
https://doi.org/10.1016/j.gloenvcha.2011.09.004
https://doi.org/10.1016/j.gloenvcha.2011.09.004
https://doi.org/10.1038/nclimate2961
https://doi.org/10.1038/nclimate2961
https://doi.org/10.1038/nclimate2961
https://doi.org/10.1016/j.gloenvcha.2012.07.004
https://doi.org/10.1016/j.gloenvcha.2012.07.004
https://doi.org/10.1016/j.gloenvcha.2012.07.004
https://doi.org/10.1073/pnas.1414439112
https://doi.org/10.1073/pnas.1414439112
https://doi.org/10.1073/pnas.1414439112
https://doi.org/10.1007/s10584-008-9499-5
https://doi.org/10.1007/s10584-008-9499-5
https://doi.org/10.1007/s10584-008-9499-5
https://doi.org/10.1162/glep.2010.10.1.60
https://doi.org/10.1162/glep.2010.10.1.60
https://doi.org/10.1162/glep.2010.10.1.60
https://doi.org/10.1007/s10584-010-9977-4
https://doi.org/10.1007/s10584-010-9977-4
https://doi.org/10.1007/s10584-010-9977-4


Environ. Res. Lett. 13 (2018) 064030

[32] Neumann B, Vafeidis A T, Zimmermann J and Nicholls R J
2015 Future coastal population growth and exposure to
sea-level rise and coastal flooding - A global assessment PLoS
ONE 10 e0118571

[33] Gain A K, Mondal M S and Rahman R 2017 From flood
control to water management: A journey of Bangladesh
towards integrated water resources management Water 9 55

[34] Ahsan R, Kellett J and Karuppannan S 2014 Climate induced
migration: lessons from Bangladesh Int. J. Clim. Change Imp.
Resp. 5 1–14

[35] Mallick B and Vogt J 2014 Population displacement after
cyclone and its consequences: Empirical evidence from coastal
Bangladesh Nat. Hazards 73 191–212

[36] Islam M and Hasan M 2016 Climate-induced human
displacement: A case study of Cyclone Aila in the south-west
coastal region of Bangladesh Nat. Hazards 81 1051–71

[37] Alam E and Collins A E 2010 Cyclone disaster vulnerability
and response experiences in coastal Bangladesh Disasters 34
931–54

[38] Simini F, Gonzalez M C, Maritan A and Barabasi A-L 2012 A
universal model for mobility and migration patterns Nature
484 96–100

[39] Fussell E, Hunter L M and Gray C L 2014 Measuring the
environmental dimensions of human migration: The
demographer’s toolkit Glob. Environ. Change 28 182–91

[40] NASA Shuttle Radar Topography Mission (SRTM) 2015
Version 3.0 Global 1 arc second Data Released over Asia and
Australia (https://earthdata.nasa.gov/nasa-shuttle-radar-
topography-mission-srtm-version-3-0-global-1-arc-second-
data-released-over-asia-and-australia)

[41] Shamsudduha M, Marzen L J, Uddin A, Lee M-K and
Saunders J A 2009 Spatial relationship of groundwater arsenic
distribution with regional topography and water-table
fluctuations in shallow aquifers in Bangladesh Environ. Geol.
57 1521–35

[42] Rahman M M, Arya D S and Goel N K 2010 Limitation of
90 m SRTM DEM in drainage network delineation using D8
method - A case study in flat terrain of Bangladesh Appl.
Geomatics 2 49–58

[43] Jenson S K and Domingue J O 1988 Extracting topographic
structure from digital elevation data for Geographic
Information System analysis Photogramm. Engin. Remote
Sens. 54 1593–600

[44] Pfeffer W T, Harper J T and O’Neel S 2008 Kinematic
constraints on glacier contributions to 21 st-century sea-level
rise Science 321 1340–3

[45] Sriver R L, Urban N M, Olson R and Keller K 2012 Toward a
physically plausible upper bound of sea-level rise projections
Clim. Change 115 893–902

[46] Nicholls R J, Marinova N, Lowe J A, Brown S, Vellinga P, de
Gusmão D, Hinkel J and Tol R S J 2011 Sea-level rise and its
possible impacts given a ‘beyond 4 ◦C world’ in the
twenty-first century Phil. Trans. R. Soc. London A 369 161–81

[47] Huq S, Ali S and Rahman A 1995 Sea level rise and
Bangladesh: A preliminary analysis J. Coastal Res. 14 44–53

[48] Ericson J P, Vörösmarty C J, Dingman S L, Ward L G and
Meybeck M 2006 Effective sea-level rise and deltas: causes of
change and human dimension implications Glob. Planet.
Change 50 63–82

[49] Center for International Earth Science Information Network -
CIESIN - Columbia University 2016 Gridded Population of
the World, Version 4 (GPWv4): Population Count (New York:
NASA Socioeconomic Data and Applications Center)

[50] United Nations, Department of Economic and Social Affairs,
Population Division 2015 World Population Prospects: The
2015 Revision (New York: United Nations)

[51] Fouberg E H, Murphy A B and De Blij H J 2009 Human
geography: people, place, and culture (New York: Wiley)

[52] Bangladesh Bureau of Statistics 2015 2011 Population and
Housing Census (Dhaka: Bangladesh Bureau of Statistics)

[53] Food and Agriculture Organization of the United Nations
2017 FAOSTAT Database (Rome: FAO)

[54] The World Bank 2017 World Development Indicators database
(Washington, DC: World Bank)

[55] Koerth J, Vafeidis A T, Hinkel J and Sterr H 2013 What
motivates coastal households to adapt pro-actively to sea-level
rise and increasing flood risk? Reg. Environ. Change 13
897–909

[56] Hino M, Field C B and Mach K J 2017 Managed retreat as a
response to natural hazard risk Nat. Clim. Change 7 364–70

[57] Hallegatte S, Green C, Nicholls R J and Corfee-Morlot J 2013
Future flood losses in major coastal cities Nat. Clim. Change 3
802–6

[58] Hinkel J, Lincke D, Vafeidis A T, Perrette M, Nicholls R J,
Tol R S J, Marzeion B, Fettweis X, Ionescu C and Levermann A
2014 Coastal flood damage and adaptation costs under 21st
century sea-level rise Proc. Natl Acad. Sci. USA 111 3292–7

[59] Stojanov R, Kelman I, Ullah A K M A, Dužı́ B, Procházka D
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