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The value of long-duration energy storage
under various grid conditions in a zero-
emissions future

Martin Staadecker 1,2 , Julia Szinai 3, Pedro A. Sánchez-Pérez4,
Sarah Kurtz5 & Patricia Hidalgo-Gonzalez 1,6

Long-duration energy storage (LDES) is a key resource in enabling zero-
emissions electricity grids but its role within different types of grids is not well
understood. Using the Switch capacity expansion model, we model a zero-
emissions Western Interconnect with high geographical resolution to under-
stand the value of LDES under 39 scenarios with different generation mixes,
transmission expansion, storage costs, and storage mandates. We find that a)
LDES is particularly valuable in majority wind-powered regions and regions
with diminishing hydropower generation, b) seasonal operation of storage
becomes cost-effective if storage capital costs fall below US$5 kWh−1, and c)
mandating the installation of enough LDES to enable year-long storage cycles
would reduce electricity prices during times of high demand by over 70%.
Given the asset and resource diversity of theWestern Interconnect, our results
can provide grid planners inmany regionswith guidance onhowLDES impacts
and is impacted by energy storage mandates, investments in LDES research
and development, and generation mix and transmission expansion decisions.

The International Panel on Climate Change recommends limiting net
emissions to zero by 20501 and 77 countries have set such a goal2.
Considering that the electricity sector is responsible for roughly a third
of global greenhouse gas (GHG) emissions3, policy makers are parti-
cularly interested in the question of how to decarbonize electricity
grids. The rapid rise in renewable energy driven by declining tech-
nology costs4 and incentive programs5–7 has proven to be an effective
way to reduce GHG emissions in the electricity sector. However,
reaching an entirely net zero and reliable electricity grid remains
challenging8–10. Numerous potential solutions to this problem have
been studiedby researchers11. Some studies focus on “firm” low-carbon
resources capable of flexible operation12–16. Other studies focus on
transmission expansion and inter-regional coordination as a source of
flexibility17,18. Finally, given the consistent cost declines in storage
technologies19 and the expectation that they will continue20, several

studies explore the role of short-duration energy storage and long-
duration energy storage (LDES) in providing flexibility to the grid21–30.
In this paper, we follow the emerging trend31,32 of defining LDES as any
type of storage with 10 or more hours of duration. Conversely, short-
duration storage is defined as any type of storage with fewer than 10 h
of duration. We also define seasonal storage—a subset of LDES—as any
type of storage that is operated such that charge-discharge cycles
occur over several months.

Prior studies of LDES primarily evaluate the role that different
LDES technologies could play in decarbonizing the power system by
performing LDES cost sensitivities or LDES parameter sensitivities
(e.g., charging/discharging efficiencies), and identifying the impact
that LDES deployment has on low- or zero-emission electricity grids.
However, existing studies are limited because of modeling simplifica-
tions such as the exclusion of longer duration storage and the
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exclusion of multi-nodal transmission networks. For example, Sis-
ternes et al.23 studies the value of up to 30 gigawatts (GW) of 2- or 10-h
storage in providing up to 90% CO2 emission reductions (from 2013
levels) to the Texan electricity grid (ERCOT) in 2035. Although they
simultaneously optimize capacity expansion and hourly unit commit-
ment, they do not model >10 h storage resources, the transmission
network, and a diversity of wind and solar resources. To understand
the value of >10 h storage, Dowling et al.24 study a 100% renewable
energy grid using only solar, wind, li-ion short-duration storage, and
LDES. They find that LDES duration increases from ~400 to ~700h as
more years of weather data, i.e., weather years, are considered. How-
ever, as the authorsmention, their findings correspond to a lower limit
of potential benefits of LDES deployment because of modeling sim-
plifications. Simplifications include averaging solar and wind capacity
factors across the USA, not considering the effect of electrification on
electricity demand growth, and not modelling transmission (singe
region), its losses or its expansion. The work in Guerra et al.26 and a
follow up study27 are some of the only LDES studies that model
transmission lines. The first studymodels theWesternUS grid using an
aggregated representation of transmission lines with up to 83% of
variable renewable energy. However, the modeling approach they use
consists of running a capacity expansion model with a posterior
simulation using a production costmodelwhere LDES is omitted. LDES
is only included at a later phasewhen the authors use a revenuemodel.
This framework does not allow for the understanding of the optimal
deployment and operation of LDES as a function of several relevant
factors of the grid (e.g., hydropower availability, restricting transmis-
sion expansion, etc.). The follow up study by Guerra et al.27 analyzes
seven independent system operators in the USA to determine the level
of renewable penetration at which LDES is deployed in a cost mini-
mization. The aim of Sepulveda et al.25 is to systematically understand
the design space for different parameters associated with LDES (e.g.,
cost, charging, and discharging efficiencies) using a capacity expan-
sion model for New England and Texas and different combinations of
LDES design parameters. A summary of the comparison of these
papers and the current paper is shown in Table 1.

In summary, existing work that studies LDES in the context of
decarbonization of the US grid focuses on understanding the variation
in LDES asmoreweather years are considered, the value of LDES to the
grid as a function of decarbonization levels, the technologies LDES can
displace, the cost targets LDESmust reach to become competitive, and
the key technical parameters of LDES that are the most critical from a
power systemsoperations perspective. However, to date, there is still a
need for studies that analyze the other side of the equation: how the
composition of the generation mix and the physical and policy char-
acteristics of the grid (e.g., solar or wind dominant, transmission
constraints, storage mandates, etc.) affect the deployment and
operation of LDES.

To address these research gaps, this study conducts a systematic
analysis that identifies and studies four of the most important char-
acteristicsof the grid that affect the value andoptimal deployment and
operations of technology-agnostic LDES in a zero-emissions power
system. First, we study how the deployment and operation of LDES is
impactedby the share of solar andwind generation capacity (i.e., solar-
dominant versuswind-dominant grids). Solar andwind dominant grids
are expected to require different storage durations since solar has a
diurnal cycle and wind might not. Studying how the use and value of
LDES changes under a range of solar to wind-dominant grids enables
policymakers to make geographically appropriate decisions that are
robust to a range of wind and solar cost futures. Second, we study the
impact of decreases in hydropower generation on LDES. Hydropower
generation patterns are changing under the effects of climate
change33–35 which puts grid operators at risk of losing part of their
hydropower capacity—one of the largest zero-emissions sources of
flexibility in the US grid36. Hence, if hydropower availability decreases,

this will impact the need of other balancing sources such as LDES.
Third, we study the impact on LDES of transmission deployment—
another key source of flexibility for balancing electricity grids17,37.
Hence, understanding the impacts on LDES deployment as we explore
upper and lower bounds for transmission deployment can provide
meaningful insights for policy makers considering the political and
environmental hurdles to build transmission lines. Fourth, there is
value and a lack of understanding around the impact and potential
benefits of LDES energy capacity mandates. In this context, we refer to
an LDES energy capacity mandate as a quantity of storage energy
capacity that ismandated by a governmental entity to be built by 2050
acrossWestern North America. Power capacity storagemandates have
had an important role; for example, California was the first state to
have power capacity storage mandates to support grid
decarbonization38. This initiative has had multiplicative effects in
solidifying themarket for storage investors and suppliers, encouraging
more research and development, and producing operational benefits
for the grid as more renewables are integrated. Several states have
since followed this initiative39. In this study, we focus on evaluating the
design of possible future storage energy capacity mandates instead of
power capacity mandates because we want to understand the energy
balancing benefits of such mandates and their impacts for the grid
(e.g., electricity pricing impacts, curtailment and operational impacts,
zonal distribution of optimal LDES placement, etc.). This is a research
question that is important for policymakers to explore as a pathway to
support the decarbonization of our grids.

TheWestern Electricity Coordinating Council (WECC) region is an
appropriate case study to address these questions as it is the largestUS
interconnection with very diverse and rich renewable sources, which
we model with more than 8000 geolocated sites for candidate wind
and solar deployment. To the best of our knowledge, this model has
one of the higher geographical resolutions to represent renewable
sources among current US capacity expansion models. Modeling the
Western Interconnect as a transmission network with 50 zones also
enables us to study the contribution of geographic variation of the
above grid characteristics to the deployment and operations of LDES.

We model the Western Interconnect with a 2050 zero-emissions
future using Switch40, a long-term capacity expansion model that has
been used in numerous studies of low- or zero-emissions electricity
grids30,41–43. Our model contains 3580 existing plants of which 1010 are
expected to still be in service by 2050 (hydropower and nuclear). Our
model also contains 4908 candidate plants that themodelmay choose
to build (on-shore wind, off-shore wind, various types of solar, bio-
mass, and geothermal). These plants are distributed across 50 load
zones that cover the WECC and are connected by 126 aggregated
transmission lines (Supplementary Fig. 1). The model simultaneously
optimizes investment and dispatch decisions to minimize the total
system cost and meet each load zone’s power demand while con-
sidering the transmission network. Dispatch decisions are made at
consecutive 4-h intervals throughout every day of the 2050 year. No
temporal aggregation techniques were used (e.g., “representative
weeks”23). The use of a 4-h interval instead of the typical hourly dis-
patch is part of the reason high geographic resolution could be
achieved.Wequantify in the “Methods” section the impactof the lower
4-h temporal resolution on results by comparing it to a sensitivity run
with a 1-h temporal resolution.

Tomodel storage, each load zone contains one candidate storage
plant with fixed cost and performance parameters (Table 2). We
complete sensitivity runs of alternate cost scenarios (Table 3); how-
ever, the focus of the study is the interaction of LDES with the elec-
tricity grid since an in-depth study of LDES cost and performance
parameters has already been performed25. Energy and power capacity
of candidate storage plants are unconstrained and optimized by the
model from the perspective of the grid, such that themodel may build
storage of any duration and size in each load zone. The model also

Article https://doi.org/10.1038/s41467-024-53274-6

Nature Communications |         (2024) 15:9501 2

www.nature.com/naturecommunications


Ta
b
le

1
|C

o
m
p
ar
is
o
n
o
f
p
ap

er
s
st
ud

yi
n
g
st
o
ra
g
e
w
it
h
co

st
-m

in
im

iz
at
io
n
m
o
d
el
s

S
is
te
rn
es

et
al
.2

3
G
ue

rr
a
et

al
.2

6
D
o
w
lin

g
et

al
.2

4
S
ep

ul
ve

d
a
et

al
.2

5
Th

is
p
ap

er

H
ig
hl
ig
ht
s
of

st
ud

y
S
to
ra
g
e
m
od

el
lin

g
w
ith

un
it

co
m
m
itm

en
t
an

d
ca

p
ac

ity
ex

p
an

si
on

S
ea

so
na

ls
to
ra
g
e
w
ith

tr
an

s-
m
is
si
on

co
ns

tr
ai
nt
s

m
o
d
el
lin

g

Im
p
ac

t
of

LD
ES

in
a
so

la
r,
w
in
d

an
d
b
at
te
ri
es

g
ri
d
,w

ith
m
ul
ti-

ye
ar

op
tim

iz
at
io
n

Im
p
ac

t
of

LD
ES

w
ith

th
ou

sa
nd

s
o
fc

os
t

an
d
p
er
fo
rm

an
ce

sc
en

ar
io
s
an

d
fi
rm

g
en

er
at
io
n

Im
p
ac

t
of

va
ri
ou

s
g
en

er
at
io
n
m
ix
es

,t
ra
ns

-
m
is
si
on

d
ep

lo
ym

en
ts
,a

nd
en

er
g
y
ca

p
ac

ity
st
or
ag

e
m
an

d
at
es

on
LD

ES

Ti
m
e
p
er
io
d
m
od

el
le
d

20
35

20
24

–
20

50
19
8
0
–
20

18
20

4
5

20
50

S
to
ra
g
e
te
ch

no
lo
g
ie
s

m
od

el
le
d

Li
-io

n,
PH

S
H
2
,P

H
S
,C

A
ES

Li
-io

n,
H
2
,P

H
S
,C

A
ES

Te
ch

no
lo
g
y-
ag

no
st
ic

LD
ES

Te
ch

no
lo
g
y-
ag

no
st
ic

LD
ES

,e
xi
st
in
g
b
at
-

te
ri
es

an
d
PH

S
a

M
od

el
op

tim
iz
ed

st
or
ag

e
d
ur
at
io
n

✗ 2
h
or

10
h
on

ly
✗ 1
d
,2

d
,1

w
,2

w
,1

m
on

ly
✓

✓
✓

M
od

el
op

tim
iz
ed

st
or
ag

e
p
ow

er
ca

p
ac

ity
✗ Ex

og
en

ou
sl
y
ad

d
ed

≤
30

G
W

of
st
or
ag

e

✗ Ex
og

en
ou

sl
y
ad

d
ed

2
G
W

of
st
or
ag

e

✓
✓

✓

M
od

el
le
d
fi
rm

lo
w
-
or

no
-

ca
rb
on

te
ch

no
lo
g
ie
s

✓ N
uc

le
ar

✓ N
uc

le
ar
,b

io
m
as
s,

hy
d
ro
,

g
eo

th
er
m
al

✗
✓ N
uc

le
ar
,n

at
ur
al

g
as

+
C
C
S
,b

lu
e
H
2

✓ Pr
e-
ex

is
tin

g
nu

cl
ea

r,
b
io
m
as
s,

g
eo

th
er
-

m
al
,h

yd
ro

M
od

el
le
d
un

it
co

m
m
itm

en
t

✓
✓

✗
✓

✗

Tr
an

sm
is
si
on

lin
es

m
od

el
le
d

0
77

0
0

12
6

B
al
an

ci
ng

re
g
io
ns

m
od

el
le
d

1 ER
C
O
T

35 W
EC

C
1 C
on

tig
uo

us
U
S

b
1 Te

xa
s
or

N
ew

En
g
la
n
d

c
50 W
EC

C

C
o-
op

tim
iz
ed

ca
p
ac

ity
ex

p
an

-
si
on

an
d
d
is
p
at
ch

✓
✗ LD

ES
m
od

el
le
d
af
te
r
ca

p
a-

ci
ty

ex
p
an

si
on

✓
✓

✓

M
od

el
le
d
ex

is
tin

g
g
en

er
at
io
n

ca
p
ac

ity
✗ G
re
en

fi
el
d

✓
✗ G
re
en

fi
el
d

✗ G
re
en

fi
el
d

✓

A
cc

ou
nt
ed

fo
r
ch

an
g
in
g

d
em

an
d
p
at
te
rn
s
d
ue

to
el
ec

tr
ifi
ca

tio
n

✗ S
ca

le
d
d
em

an
d
b
y
1.
8
6
%

an
nu

al
ly

✗ S
ca

le
d
d
em

an
d
us

in
g
re
g
io
-

na
lg

ro
w
th

fa
ct
or
s

✗ U
se

d
hi
st
o
ri
ca

ll
oa

d
s
to

m
od

el
19
8
0
–
20

18

✓ S
ca

le
d
d
em

an
d
b
y
1%

an
nu

al
ly
.H

ig
h-

el
ec

tr
ifi
ca

tio
n
sc

en
ar
io
s
us

ed
an

ad
ju
st
ed

lo
ad

p
ro
fi
le

✓ S
ca

le
d
d
em

an
d
ac

co
un

tin
g
fo
r
in
cr
ea

se
d

en
er
g
y
ef
fi
ci
en

cy
,b

ui
ld
in
g
el
ec

tr
ifi
ca

tio
n

an
d
ze

ro
em

is
si
on

ve
hi
cl
es

Ze
ro
-e
m
is
si
on

s
st
ud

y
✗ ~6

0
–
9
0
%

em
is
si
on

re
d
uc

tio
ns

✗ 8
0
%

re
n
ew

ab
le

p
or
tf
ol
io

st
an

d
ar
d

✓
✓

✓

H
ou

rl
y
te
m
p
or
al

re
so

lu
tio

n
✓

✓
✓

✓
~d

≥
1
ye

ar
st
or
ag

e
b
al
an

ci
ng

ho
ri
zo

n
✗ 1
w
ee

k
✓ 1
ye

ar
✓ U
p
to

6
ye

ar
s

✓ 1
ye

ar
✓ 1
ye

ar

PH
S
p
um

p
ed

st
or
ag

e
hy

d
ro
p
ow

er
,C

A
ES

co
m
p
re
ss
ed

ai
r
en

er
g
y
st
or
ag

e,
LD

ES
lo
ng

-d
ur
at
io
n
en

er
g
y
st
or
ag

e.
a S
ee

lim
ita

tio
n
se

ct
io
n
fo
r
lim

ita
tio

ns
on

p
re
-e
xi
st
in
g
PH

S
m
od

el
lin

g
.

b
S
en

si
tiv

ity
an

al
ys
es

co
ns

id
er
ed

ad
d
iti
on

al
re
g
io
ns

(E
R
C
O
T,

W
EC

C
,a

nd
th
e
Ea

st
er
n
In
te
rc
on

ne
ct
).

c T
he

au
th
or
s
m
en

tio
n
th
at

N
ew

En
g
la
nd

an
d
Te

xa
s
ar
e
no

t
m
od

el
le
d
“w

ith
re
al
is
m
.”
R
at
he

r,
th
es

e
re
g
io
ns

re
p
re
se

nt
a
N
or
th
er
n-
lik

e
an

d
S
ou

th
er
n-
lik
e
g
ri
d
.

d
4
h
re
so

lu
tio

n
fo
r
al
lr
un

s
ex

ce
p
t
fo
r
on

e
se

ns
iti
vi
ty

ru
n
w
ith

ho
ur
ly

re
so

lu
tio

n.

Article https://doi.org/10.1038/s41467-024-53274-6

Nature Communications |         (2024) 15:9501 3

www.nature.com/naturecommunications


optimizes, from the grid’s perspective, charging and discharging
decisions throughout the year 2050 at 4-h intervals which allows sto-
rage plants to operate with cycles ranging from 8 hours up to 1 year.

We run our model under a baseline scenario and 38 alternate
scenarios, where we vary five main attributes to understand the value
and role of LDES: wind-vs-solar capacity shares, hydropower avail-
ability, transmission expansion costs, storage energy capacity costs,
and storage mandates (labeled A to E as defined in Table 3). The sce-
narios are chosen to explore parameters that would impact the use of
storage, or parameters that could change unexpectedly as the WECC
transitions to a zero-emissions grid (see Table 3 for further justification
of the scenario selection).

In this work, we perform a systematic study of the different grid
factors that affect the value of LDES in a zero-emissions Western
North American grid. We find that 6-to-10-h duration storage assets
optimally support Southwest regions that are solar-dominant. On the
other hand, wind-dominant regions are better supported by 10-to-
20-h storage assets. In hydropower-dominant regions, a 50% reduc-
tion in hydropower availability would cause the average storage
duration to shift from 6.3 to 23 h. Disallowing transmission expan-
sion results in 32% more storage energy capacity being required
compared to the baseline. Depending on the overnight cost assumed
for storage energy capacity we observe a range of optimal maximum
duration starting from 9 to ~800 h (where transmission deployment
decreases by 75%). From analyzing 13 possible LDESmandates for the
WECC, we identify that the mandate that brings the highest relative
value to the grid corresponds to 20 terawatt hours (TWh) of installed
storage energy capacity by 2050. We find that this mandate would
reduce curtailment by 92%, total installed power capacity by 10%,
transmission deployment by 75%, and electricity prices during peak
periods by 70%.

Table 2 | Candidate storage baseline parameters

Storage parameter Value

Power capacity (MW) Unconstrained variable optimized by the model
to minimize system cost

Energy capacity (MWh) Unconstrained variable optimized by the model
to minimize system cost

Overnight power installa-
tion costs

19.58 $/kW

Overnight energy installa-
tion costs

22.43$/kWh

Yearly fixed O&M costs 6.096$/kW-yr

Variable O&M costs None

Round-trip efficiency 85%

(92% charging efficiency, 92% discharging
efficiency)

Charging rate (MW) Equal to discharging rate (power capacity)

Lifetime 15 years

Idle Losses (self-dis-
charge rate)

None

Scheduled outage rate 0.0055

Forced outage rate 0.02

Table 3 | The baseline scenario and 38 alternate scenarios grouped in 5 sets

Scenario set Description of zero-emissions scenario

Baselinemodel of theWestern ElectricityCoordinating
Council (WECC)

The baseline scenario models a 2050 zero-emissions future. It uses NREL’s 2020 Annual Technology
Baseline (ATB)56 cost projections for 2050 and a high-electrification high-energy-efficiency demand sce-
nario. Storage power and energy capacity costs are 19.58 $/kW and 22.43$/kWh, respectively, with O&M
costs of 6.10 $/kW-year. These costs represent a scenariowhere NREL’s lithium-ion 2020 storage costs drop
by90%by 2030 per the U.S. Department of Energy’s (DOE) EnergyStorageGrandChallenge, and thendrop
further between 2030 and 2050 at the same rate as the moderate projections in NREL’s 2020 ATB.

Set A: Varying wind-vs-solar capacity shares Set A compares the baseline to 8 scenarios where an extra constraint fixes the ratio of total wind capacity to
total solar capacity in theWECC. The ratio constraint has a capacity expansion perspective, it does not force
early retirements to achieve the desired ratio. This enables the study of a WECC with wind-vs-solar shares
varying from91% solar and 9%wind to 40% solar and 60%wind. For reference, the baseline scenario’swind-
vs-solar share is 81% solar and 19% wind. This set is of interest since wind and solar are projected to be
dominant technologies in a zero-emissions WECC27 but their expected relative share of the generation mix
might change as technology costs and system characteristics evolve.

Set B: Reduced hydropower generation Set B compares the baseline to 5 scenarioswhere hydropowergeneration is limited in theWECCbyderating
monthly average water flows at all hydropower plants equally. Water flows are derated by anywhere from
15% to 100% depending on the scenario. This set is of interest since hydropower generation patterns are
changing under the effects of climate change33–35 andwewish to understand how these changes, andmore
extreme ones, might impact long-duration energy storage (LDES). This set with decreases in hydropower
generation can also be considered more generally representative of a future where additional LDES may
need to be built to compensate for a loss of flexible, zero-emissions resources.

Set C: Varying transmission expansion costs Set C compares the baseline to twodifferent transmission expansion scenarios. Thefirst scenario represents
a grid with limited transmission expansion (by increasing the cost of expanding transmission lines tenfold).
The second scenario represents a grid without transmission congestion due to unlimited transmission
capacity (by setting the cost of expanding transmission lines to zero). This second scenario is not a “cop-
perplate” scenario since transmission losses still occur. Both scenarios represent opposite extremes and
therefore provide bounds on the behavior of future grids. These bounds are particularly useful since
transmission expansion is difficult tomodel due to its dependence on political and social factors that are not
captured in a purely cost-based model.

Set D: Varying storage energy capacity costs Set D compares the baseline where storage energy capacity costs are 22.43 $/kWh to 10 scenarios where
storage energy capacity costs range from 0.5 to 102$/kWh. The upper bound of 102 $/kWh corresponds to
NREL’s 2021 ATB moderate scenario cost projections for utility-scale battery in 20504. This set is of interest
since storage energy capacity costs are one of the greatest determinants of LDES deployment25 and may
vary significantly depending on the development of various LDES technologies.

Set E: WECC under different LDES mandates Set E compares the baseline that has a total of 1.94 TWh of storage energy capacity in the WECC to 13
scenarioswhere an extra constraint increases the totalWECCstorageenergycapacity to anywhere from2 to
64TWh. This constraint represents a WECC-wide energy storage mandate. Using this region-agnostic
approach to study storage mandates, policy makers can evaluate the impact of mandates on electricity
pricing and grid behavior.
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Results and discussion
The 2050 zero-emissions baseline Western Interconnect
In this section, we analyze the baseline scenario which represents a
least-cost zero-emissions WECC. We find seasonal and geographical
trends in generation and storage technology use. We also find that the
baseline scenario uses little LDES. Excluding Alberta, which holds
300GW of 18-h storage, the baseline’s energy storage is 99% short-
duration energy storage (under 10 h duration).

Throughout this paper, we reference the marginal price of elec-
tricity. Marginal prices are calculated from the dual values of the
energy balance constraint for each time point in each load zone in our
linear program. Since this constraint specifies that the total generation
must equal the total load in each load zone at a certain time, the
constraint’s dual values are themarginal prices of supplying additional
power at that time. Marginal prices in this work are similar but not
equivalent to the typically quoted market locational marginal prices
since our marginal price values represent not only marginal operating
costs but also marginal investment costs.

Formost of the year, solar curtailment (Fig. 1) is high (up to 33%of
solar generation curtailed in a week). However, demand increases
during themid-summermonths and earlywintermonths causing solar
andwind curtailment to drop to zero. During thesepeakmonths, there
is a sharp increase in the marginal electricity price with the 7-day
average marginal price reaching 250 US-dollars per megawatt hour
($/MWh) in late July and 410 $/MWh in late December. Finally, wind
generation is highest and solar generation is lowest during the winter.
Specifically, the average daily generation before curtailment from
November toMarch (inclusive) compared to the rest of the year is 98%
higher for wind and 16% lower for solar.

Additionally, under the baseline scenario, the southern WECC
(Baja Mexico and states: California, Nevada, Utah, Colorado, Arizona,
NewMexico) and the northernWECC (Canada and states: Washington,
Oregon, Idaho, Montana, Wyoming) rely on different generation and
storage technologies. As shown in Fig. 1, in the southern WECC, solar
power is the dominant technology and is used to recharge 6-to-8-h
duration energy storage that provides power when the sun is not
shining. In the northern WECC, the grid relies primarily on a mix of

hydro and wind power coupled with greater transmission capacity.
Storage duration varies more significantly in the northern WECC
compared to the nearly unvarying 6-to-8-h duration of the southern
WECC. In the northern WECC, storage duration varies from less than
6 h in multiple load zones to 18 h in the Alberta load zone.

This least-cost investment and operational plan for a dec-
arbonized WECC in 2050 relies on regional coordination highlighting
the role and importance that the Western Energy Imbalance Market
could have. On the other hand, strong regional coordination, thus
dependency, may exacerbate reliability challenges during extreme
weather events as neighboring regions might not be able to provide
power as expected during normal conditions.

Factors impacting the value of LDES
The value of LDES is closely tied to the composition and characteristics
of the rest of the energy grid. In this section, we share results on how
four key factors (wind-vs-solar capacity shares, hydropower avail-
ability, transmission expansion and energy storage costs) impact the
value of LDES.

When varying the relative proportion of wind-vs-solar capacity
(scenario set A), we find that LDES is more valuable in wind-dominant
grids than in solar-dominant grids. We find that the power capacity of
6-to-10-h storage in the scenarios is roughly proportional to the solar
capacity (Fig. 2). In the most solar-dominant scenario (91% solar, 9%
wind, i.e., five timesmore solar thanwind), theWECC has 243GWof 6-
to-10-h storage and this amount drops roughly linearly to 97GW In the
most wind-dominant scenario (40% solar, 60% wind) (Supplementary
Fig. 2). This relationship suggests that 6-to-10-h storage is the ideal
duration to support the diurnal cycles of solar power. In wind-
dominant scenarios, 6-to-10-h storage is replaced by 10-to-20-h sto-
rage that appears better suited to support wind-dominant grids. A
closer look at the distribution of storage resources in a solar-dominant
and wind-dominant scenario (Fig. 3) confirms that nearly all solar-
dominant load zones use 6-to-10-h storage, while nearly all wind-
dominant load zones use 10-to-20-h storage.

We also find that the lowest levels of transmission expansion
(16 million new MW-km) among the scenarios in set A occur in the

Fig. 1 | TheWestern Interconnect in a baseline 2050 zero-emissions future. The
baseline scenario represented in time (a) and space (b) highlighting seasonal var-
iations in the dispatch by technology, curtailment and mean marginal electricity
price (a) as well as differences between the southern and northern Western

Interconnect (b). Temporal values in a are 7-day rolling averages, storage durations
are per-load-zone averages, and power capacity is the total combined sum of the
installed generation and storage capacity.
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70%-solar 30%-wind scenario (Fig. 2a), implying that the solar andwind
resources of this scenario are best able to serve their local load zones.
This result hints at the natural availability of solar and wind resources
in theWECC. However, this scenario is not the least-cost scenario since
it is cheaper to expand transmission and import power from regions
with lower power costs.

We analyze the impact of reductions in hydropower dispatch
(scenario set B) and find that any reduction beyond the historical
averages used in the baseline causes a need for storage of longer
durations and greater capacities (Fig. 2b). A 50% reduction in
hydropower generation increases theWECC-wide storage energy and
power capacity by 65% and 21%, respectively. Further, this reduction
shifts the average storage duration from 6.3 to 23 h in the six load
zones where hydropower was previously responsible for most of the
zone’s energy generation (Supplementary Fig. 3). Our results show
that hydropower availability significantly impacts the need for sto-
rage despite hydropower being responsible for less than 15% of the
WECC’s generation mix. Given that hydropower generation patterns
are changing with the effects of climate change33,34, researchers and

decision makers should use forward-looking climate and hydro-
logical models to better capture hydropower availability when
modelling LDES.

When analyzing different transmission expansion scenarios
(scenario set C), we find that disincentivizing transmission expansion
(by increasing the cost of new transmission lines ten-fold) only
affects storage in a handful of load zones (Supplementary Fig. 4).
Notably, Alberta’s storage energy capacity increases by 474 GWh
(+157%) and accounts for the vast majority of the WECC’s 491 GWh
increase in storage energy capacity (from 1.94 to 2.43 TWh). These
results show that if transmission expansion is limited due to political,
environmental, or other barriers, then the value of LDES could
increase significantly in a handful of transmission-dependent
load zones.

On the other hand, allowing unlimited transmission expansion by
setting transmission expansion costs to zero significantly impacts the
distribution of storage and generation resources in the WECC while
having little impact on the WECC’s total storage power and energy
capacity. Setting transmission expansion costs to zero effectively

Fig. 2 | Impact of 4 key factors on the use and value of LDES relative to the
baseline. The impact relative to the baseline of variations in four key parameters
(a–d) on the storage power capacity (area plot), storage energy capacity (green line,

TWh), wind capacity (blue line), solar capacity (yellow line), and transmission
expansion (red line). The transmission expansion line in (c) doesnot extend to the “No
Tx Build Costs” scenario since that scenario has unlimited transmission capacity.
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removes transmission congestion although transmission losses still
occur. Without transmission congestion, generation shifts from the
wind-dominant regions to the solar-dominated southwest.WECC-wide
wind capacity drops by 54% (−53.9GW) and solar capacity increases by
10% (+43.3 GW). Eight of the load zones located in the southwest (in
green in Fig. 4) produce 70% of theWECC’s total energy (compared to
35% in the baseline).

We find that varying the cost of storage energy capacity (scenario
set D) is a significant driver of LDES deployment. This result matches
those from Sepulveda et al.25 who also identified that an energy capa-
city cost target of 1 US dollar per kilowatt hour ($/kWh) would fully
displace firm low-carbon generation technologies. When varying
energy storage costs from 102 to 0.5 $/kWh, the longest duration

storage plants in the WECC vary from 8.9 h to 34 days. The 34 days
(825 h) upper bound roughly matches the duration upper bound
found in Dowling et al.’s simulations24. When energy storage costs are
low, the increased LDES deployment is coupled with decreases in both
wind capacity and new transmission installations (Fig. 2d). Table 4
summarizes these changes for different energy storage costs and
Supplementary Table 1 provides California-specific values. Further,
Supplementary Fig. 5 shows that when energy storage costs drop
below 5 $/kWh storage is operated on seasonal cycles.

The significance and practical implications of these findings are
considerable. Capacity expansion modeling can provide a technical
optimum, however, capacity expansion in a real setting faces other
considerations that can result in a grid that may deviate from what a

Fig. 4 | Effect of eliminating transmission congestion on generation and sto-
rage. Blue load zones generate less than their yearly demand (net importers), and
red load zones generatemore than their yearly demand (net exporters). Compared
to the baseline (b), a Western Interconnect without transmission congestion (a)
becomes reliant on eight load zones in the southwest (outlined in green) and most

load zones (28 in 50) import power from neighbouring load zones to meet more
than half of their yearly energy consumption. Circle size represents storage power
capacity and circle color represents storage duration. The “without transmission
congestion” scenario is equivalent to a scenario where there are no transmission
expansion costs.

Fig. 3 | Comparison of a solar-dominant grid vs. a wind-dominant grid. Spatial
comparison of the installed generation, transmission, and storage capacity across a
zero-emissions Western Interconnect in a solar-dominated grid (a) compared to a

wind-dominated grid (b). The pink inner circles represent the storage duration and
highlight that solar-dominant regions tend to use 6-to-10-h duration storage while
wind-dominant regions tend to use 10-to-20-h duration storage.
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modeling exercise can depict. Thus, the set of findings we discuss
provide practical value as it reveals ideal LDES deployment that mat-
ches a myriad of possible futures that might be the result of political,
social, environmental, and practical decisions affecting the grid.
Transmission line expansion is highly sensitive and challenging in the
USA. Hence, understanding where and how much LDES and imports
would optimally support different zones as a function of how much
transmission can be deployed are key considerations for planners. The
findings around varying storage energy capacity costs are of particular
interest for storage developers as they shed light on, for example, the
duration that would become cost-effective as a function of the cost
target their technology canachieve by 2050. This exercise ismotivated
by U.S. Department of Energy’s “Energy Storage Grand Challenge” and
“SunShot.”

The value and impacts of LDES mandates
In this section, we explore how the WECC would change if it hadmore
LDES. An increase in energy storage could be achieved through policy,
such as the implementation of LDES mandates39. Scenario set E com-
pares the baseline containing 1.94 TWh of energy storage to 13 sce-
narios where the amount of energy storage is forced to be anywhere
from 2 to 64 TWh. Figures 5 and 6 present the results of our analysis
and show the impact of increased storage energy capacity on the grid
and the marginal cost of electricity, respectively.

We find that solar and wind curtailment drops as up to 20 TWh if
storage is mandated (Fig. 5a). The WECC’s yearly renewable curtail-
ment drops sharply from 118GWh in the baseline to 9.6GWh in the
20TWh of storage scenario (−92%). Beyond this point, the impact is
much more gradual. This sharp, then gradual decrease shows that the
benefits of LDES in terms of reducing curtailment are most significant
for the first 20 TWhof storage in theWECC. This 20TWhmarkplays an
important role throughout the upcoming results.

We observe that storage decreases the need for transmission
capacity and dispatchable renewables like biomass while shifting the
solar and wind balance (Fig. 5b). Due to the significant drop in cur-
tailment for scenarios up to20TWh, less generation capacity is needed
to deliver the same energy to the grid. Hence, wind and solar capacity
decrease which results in a 10% drop in the WECC’s total generation
capacity between the baseline and the 20 TWh scenario. Finally,
transmission investments (measured in km-MWof lines installed) drop
as storage energy capacity increases since transmission allows a region
to meet its demand when generation resources are limited, and sto-
rage is an alternative way to meet that demand. Compared to the
1.94 TWhbaseline, transmission investments dropby 30% in the 3 TWh
scenario, 74% in the 20TWh scenario, and 81% in the 64 TWh scenario.
The ability of energy storage to reduce the need for transmission
expansion is significant since transmission expansion is often chal-
lenging from a political and regulatory perspective.

We find that, beyond 4 TWh of storage mandates, storage is
operated on bi-annual cycles and, beyond 20TWh of storage man-
dates, storage is operated on yearly cycles. Beyond the 20 TWh

scenario, an additional yearly cycle (April to December) is super-
imposed over two seasonal cycles. As such, with more than 20 TWh of
storage, theWECC-wide state of charge is near zero only during winter
months (January through March).

We now focus our analysis on the impact of LDES on themarginal
price of electricity. From our results we obtain 1.5 million marginal
prices (one for each of the 14 scenarios, 50 load zones and 2184 time
points) and analyze them by region, time of day and time of year.

We find that energy storage mandates largely reduce the varia-
bility in electricity prices, especially for the first 20 TWh of mandates
(Fig. 6a). In the 1.94 TWhbaseline, 82%of themarginal prices are at0 $/
MWh since for large portions of the year the WECC generates more
renewable energy than it needs. The remaining marginal prices are
high, with 11% of values above 200 $/MWh and 3% of values above
400 $/MWh.This large variability inmarginal pricedecreases asenergy
storage is added to the grid since energy storage shifts the costs of
generation during periods of peak demand to periods of low demand.
For example, with 20 TWh of storage, 99% of marginal prices drop
below 130 $/MWh and only 32%ofmarginal prices are still at 0 $/MWh.
The median marginal price is 33 $/MWh.

We find that marginal electricity prices are lower in the southern
WECC compared to the northern WECC and that energy storage
mandates reducemarginal prices across all regions (Fig. 6b). Across all
set E scenarios, the northernWECC (Canada, Oregon andWashington)
has the highest marginal electricity prices, averaging 51 $/MWh in the
baseline and42–44 $/MWhbeyond the 20 TWh scenario. The southern
WECC (Baja Mexico, New Mexico, Arizona, Nevada) has the cheapest
marginal electricity prices averaging 37 $/MWh in the baseline and
31 $/MWh in the 20TWh scenario. The price gap between the north
and southern WECC is likely due to the availability of cheap solar
power in the south.

We find that marginal electricity prices are highest at night
and that energy storage mandates reduce average marginal prices for
all timesof day (Fig. 6c). Across all set E scenarios, the averagemarginal
price of electricity is 29% to 52% higher at night (8 p.m., midnight, and
4 a.m.) than at noon since cheap solar generation is not available
during the night. We find that scenarios with more storage energy
capacity have lower marginal electricity prices across all times of the
day. Marginal prices drop on average 22% when moving from the
1.94 TWh of storage scenario to the 64 TWh scenario.

We find a significant difference in the marginal price of electricity
for peak months compared to off-peak months. However, this price
gap diminishes as energy storage is added to the grid (Fig. 6d). In the
baseline scenario, July and December marginal electricity prices are
highest at 180 $/MWh and 310 $/MWh, respectively, due to high
demand during these months. As energy storage is added to the grid,
the high July and December prices are reduced but prices in neigh-
bouring months increase. In the 20 TWh scenario, average marginal
prices for July, August, November, December and January range from
52 to 100 $/MWh while other months average 35 $/MWh or less. As
more storage is added to the grid, variability in marginal prices across

Table 4 | Storage, wind, and transmission characteristics under varying storage energy capacity costs

Energy storage
cost ($/kWh)

System-wide storage
energy capacity (TWh)

System’s median
storage duration (h)

Largest storage
duration (h)

Wind capa-
city (GW)

New transmission capacity
(million MW-km)

System cost (billions
of 2018 USD dollars)

102 1.5 (−22%) 6.3 8.9 113 (+14%) 27 (+31%) 130 (+24%)

22 (Baseline) 1.9 7.2 18 99 21 105

10 2.4 (+21%) 8.5 29 98 (−1%) 17 (−18%) 100 (−5%)

5 6.6 (+239%) 19 378 (16 days) 94 (−5%) 13 (−40%) 97 (−8%)

1 22 (+1042%) 127 (5.3 days) 620 (26 days) 82 (−17%) 4.9 (−76%) 86 (−18%)

0.5 36 (+1747%) 163 (6.8 days) 825 (34 days) 69 (−30%) 5.3 (−75%) 83 (−21%)

Percentages in parentheses are the change compared to the baseline. For all scenarios, storage power capital costs are 19.58 $/kWandO&Mcosts of 6.10$/kW-year. The baseline costs represent a
scenario where the U.S. Department of Energy’s “Energy Storage Grand Challenge” is achieved (90% reduction in storage costs by 2030).
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months further reduces. The higher costs in November, December and
January correspond to the months of the year where storage is being
discharged to near zero.

In summary, our results show that a 2050 decarbonized grid with
greater storage energy capacity would reduce daily and seasonal
variability in the marginal price of electricity while also reducing the
marginal price of electricity across all regions and times of the day. As
such, policies, subsidies,mandates or other events that would increase
the penetration of storage resources in theWECCwould likely result in
lower prices in the wholesale electricity market while reducing price
surges in July, December and night-time hours.

These results open a broad set of questions and considerations.
First, some may argue that reductions in marginal prices and lower
variability could trickle down as lower prices of electricity for con-
sumers. However, these trends may also prompt the need for an
electricitymarket and tariff redesign. There is a large body of work44–50

that proposes solutions for this future decarbonized setting. Second,
our results show that higher LDES mandates result in longer time-
frames for energy arbitrage (even seasonal). In a real system, this
would require the implementation of market signals (new ancillary
services or a secondary long-term electricity market) for these assets
to participate in and profit from seasonal arbitrage. Third, if an LDES

Fig. 5 | Impact of long-duration energy storage mandates on curtailment,
storage energy capacity and storage use. Total changes within the Western
Interconnect (WECC) in curtailment (a), generation capacity and transmission
expansion (b), as well as energy held in storage (c) as the mandated amount (in
TWh) of installed long-duration energy storage (LDES) increases. c Change in the

quantity of energy held in storage across the WECC throughout the 2050 year.
Operating storage on seasonal cycles first becomes cost-optimal at 4 TWh of
mandated LDES, while operation on yearly cycle is first observed at 20TWh of
mandated LDES.
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mandate were to be passed at the state or interconnection level, this
would provide a strong incentive for LDES developers to improve their
technologies to participate in the new role our findings show these
assets would play. Overall, in the past storage power capacity man-
dates have had an important impact; for example, the California Public
Utilities Commission required the procurement of 1.3 GW of energy
storage by 202051 and several states have followed this initiative39.
These initiatives have had amplifying effects in solidifying the market
for storage investors and suppliers. Futuristic LDES energy capacity
mandates could have similar or stronger impacts for developers and
would help to efficiently transition into a decarbonized grid as our
results discuss.

Recapitulating, our analysis of 39 scenarios of a 2050 zero-
emissions Western Interconnect explains the relationship between
energy storage, electrical grid characteristics, and marginal electricity
costs. First, our results suggest to industry and grid planners that the
cost-effective duration for storage is closely tied to the grid’s genera-
tion mix. Solar-dominant grids tend to need 6-to-8-h storage while
wind-dominant grids have a greater need for 10-to-20-h storage.

Second, grid-modelling researchers should couple capacity expansion
models with hydrological models that account for changing water
flows under climate change since changes in hydropower availability
would significantly increase the needed duration and capacity of sto-
rage. Third, our results suggest that policy makers should understand
the relationship between transmission expansion and storage. If
transmission expansion is hindered, the need for storage might
increase significantly in a handful of transmission-dependent regions.
Fourth, if energy storage capital costs drop below 5 $/kWh then extra-
long duration energy storage (20–400h) operated on seasonal cycles
becomes cost-effective.

Further, increasing the storage energy capacity in the WECC
through a mandate up to 20 TWh decreases the need for curtailment,
and transmission expansion. Finally, increasing storage energy capa-
city in the WECC would reduce daily and seasonal variabilities in the
marginal cost of electricity while also reducing the marginal cost of
electricity across all regions and times of the day. These changes could
translate into lower-cost electricity for consumers and lesser price
surges.

Fig. 6 | Impact of long-duration energy storagemandates on themarginal price
of electricity.The total (a), regional (b), hourly (c), andmonthly (d) distributions in
the mean marginal electricity prices as the amount of mandated long-duration
energy storage (in TWh) increases. Increases up to 20TWh significantly decrease

the variability in marginal prices while increases beyond 20TWh have a lesser
effect. Distributions stem from the marginal price of electricity in each load zone
and at each timepoint (n = 109, 200).
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Methods
Switch model formulation
The detailed Switch model mathematical formulation is given in the
Supplementary Information. The model does not use relaxation vari-
ables (i.e., no constraint can be violated). All scenarios were solved
using Gourbi’s Barrier method with crossover disabled and default
tolerances.

Candidate generators
One of the key decision variables in Switch is the capacity investment
of generation, out of a set of candidate generators with specific gen-
erating technologies and fuel sources, load zone locations, and other
physical and financial generating characteristics.We use the dataset of
candidate generators that was compiled in prior Switch-WECC
analyses30,41,42.

Candidate onshore and off-shore wind generators were derived
based on wind power output from a gridded 3TIERWestern Wind and
Solar Integration Study dataset8 and a gridded Canadian wind devel-
oper dataset, and a selection of prime sites based on criteria including
high wind energy density, and proximity to transmission30. A portion
of candidate generators were screened out in California if they were in
“Category 3, high environmental risk” locations, which include areas
legally excluded for development, protected areas with ecological or
social value, conservation regions, and prime agricultural land52.

Candidate solar generators include Residential PV (rooftop PV on
homes),Commercial PV (rooftopPVon commercial buildings),Central
PV (utility-scale), and Concentrating Solar Power with and without
storage (solar thermal trough systems with or without thermal energy
storage). Distributed Residential and Commercial PV candidate gen-
eration had been derived based on a gridded population density
dataset, solar insolation data from NREL’s (now deprecated) Solar
Prospector tool, and assumptions on rooftop area and solar cell
characteristics30. Available land and capacity for Central PV and Con-
centrating Solar Power candidate generators were screened based on
land exclusion criteria (including national parks, wildlife areas, and
steep terrain), solar insolation from the System Advisor Model from
the National Renewable Energy Laboratory53, and assumptions on the
solar technology characteristics30.

To simulate the dispatch of wind and solar generators, we use an
exogenous dataset of hourly capacity factors by generator that had
been constructed in prior Switch analyses30,41. For wind generators,
hourly capacity factors for the candidate generator set were calculated
from the 3TIER Western Wind and Solar Integration Study wind speed
dataset54 using idealized turbine power curves. For solar generators,
hourly capacity factors for the candidate generator set are calculated
from the System Advisor, using data from 2006 (consistent with the
base weather year underlying the load profiles)53. Central PV and
onshore wind generators with capacity-weighted average capacity
factors below the 75th percentile for their technology were screened
out to only have the candidate set among a computationally tractable,
and commercially viable, set of higher-quality resource sites30. For
existing solar and wind generators, we average the hourly capacity
factors for all solar and wind generators, respectively, in each load
zone, and assign all the generators in that load zone the average
capacity factor for the given technology.

To obtain manageable computational complexities, we aggregate
the utility-scale PV and onshore wind candidate projects throughout
theWECC intoone solar andonewind candidate projectper load zone.
The aggregation technique is as follows. In each load zone, we replace
all the utility-scale PV candidate projects with one aggregated PV
project whose parameters are identical to the candidate PV projects
except for the following changes. (A) The total power capacity is the
sum of the power capacities of each project. (B) The connection cost—
representing the cost of new transmission needed to connect the plant
to the grid—is the average connection cost of eachproject weighted by

the project’s power capacity. (C) The variable capacity factors are
found by analyzing the result of a previous baseline run completed
without aggregation. The power generated (before curtailment) from
utility-scale PV across the load zone is compared to installed PV
capacity to obtain a single set of variable capacity factors for the entire
load zone. Variable capacity factors for load zones without any
installed utility-scale PV cannot be calculated and no aggregation is
performed for these load zones. This sequence of steps is repeated
identically for onshore wind candidate projects. We note that the
aggregation provides only an approximate representation of the
available solar and wind resources in a load zone. Future research
could develop better solar and wind aggregation algorithms, better
techniques for modelling at sparse hourly time intervals, or compu-
tational improvements that would enable greater model resolutions.

Biogas (from landfill, wastewater treatment plants, and manure)
candidate generator availability is derived from an assessment of the
technical resource/feed stock availability55. Bioliquid generators are
allowed tobe reinstalled in their current locations but nonewbioliquid
plants are assumed. No new biomass (bio solid) candidate generators
are assumed, but cogeneration bio solid generation is allowed to be
reinstalled at the end of its lifetime30. Candidate geothermal gen-
erators are based on the current locations and capacity of existing
plants thatmay be reinstalled after retirement30.We assume there is no
candidate hydropower generation.

Supplementary Table 2 summarizes the maximum capacity
available for the set of candidate generators, and the capacity installed
for existing generators.

We also note that our modelling of pumped hydro as well as
residential and commercial PV is limited by Switch’s implementation at
the time of writing and the scope of the study. Specifically, the 24
pumped hydro plants in our model are modelled identically to 926
non-pumped hydro plants meaning that pumped hydro projects in
Switch cannot draw energy from the grid as storage technologies do.
The operation of each hydro plant is flexible and follows monthly
averages of historical generation data and minimum generation
requirements. Further, residential and commercial PV projects are
treated as candidate projects in Switch which implies that system
planners could decide how much residential and commercial PV to
deploy. This may be possible through incentive programs, yet such
programs and their costs have not been explored. An alternative
approach would be tomodel residential and commercial PV growth as
an exogenous assumption. Our future research will improve the
modelling of pumped hydro and that of residential and
commercial PV.

Candidate storage
Table 2 summarizes the parameters for the candidate storage plants in
the baseline model. In this paragraph, all mentions of NREL data refer
specifically to NREL’s 2020 annual technology baseline (ATB)56 for
utility-scale lithium-ion batteries. Although most parameters originate
from NREL data for lithium-ion batteries, the parameters are meant to
represent a technology-agnostic storage project. We choose to model
technology-agnostic storage plants instead of multiple technology-
specific storage plants to keep the focus of this study on the interac-
tions between storage and the other components of the electricity
grid. Baseline cost parameters represent a scenario where the U.S.
Department of Energy (DOE) Energy Storage Grand Challenge is
achieved. Specifically, costs are calculated by reducing NREL’s 2020
costs for 10-h storage plants by 90% by 2030 per the DOE’s target57.
Costs are reduced such that the ratio of storage energy capacity costs
to power capacity costs in a 10-h storage plant remains unchanged.
Then, from 2030 to 2050, energy and power capacity costs are equally
reduced by 25%—the 2030 to 2050 reduction rate projected by NREL’s
moderate case. Yearly O&Mcosts are set to 2.5% of the installation cost
of a 10-h storage project. The value of 2.5%matches NREL’s fixed O&M
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cost projections20. We only model storage with 85% round trip effi-
ciency and no idle losses. Future research could explore alternate
storage technologies and their impacts on the grid.

Demand modelling
Some papers in the literature model demand by simply scaling his-
torical load curves using regional growth rates23,26. Other papers use
limited demand scenarios that account for electrification but only to
the extent thatmay be expected from the policies that already existed
in law at the time of writing17. However, these approaches do not
account for the ambitious decarbonization targets that will affect
demand due to, for example, greater zero-emission vehicle adoption,
building electrification, and energy efficiency advances58. In general,
the lackof consideration for decarbonization targetswas challenged in
Jafari et al.’s review of energy storage literature59.

In this paper, we use the “Compliant” demand scenario presented
inWei et al.’s study of 2050 energy scenarios for a low-carbonWECC42.
This scenario complies with a decarbonization target of an 80%
reduction inCO2 emissions from 1990 levels by 2050. This target is the
same as that of the demand model used in Sepulveda et al.’s “Elec-
trification” scenario25,60. To achieve compliance, theWei et al. scenario
assumes a high rate of building energy efficiency retrofits, building
electrification, and zero-emission vehicle adoption (see the Supple-
mental Information).

Wei et al.’s “Compliant” demand scenario is used as-is in our
model and is not adjusted for variations in storage buildout across the
scenarios presented in this paper. We acknowledge that demand and
storage buildout are intrinsically linked (e.g., the model results show
that less storage energy capacity leads to larger variations in electricity
prices which might lead to less demand when prices are peaking).
However, modelling the interplay between storage buildout and
demand would require the simultaneous optimization of a capacity
expansion model and a demandmodel. To the best of our knowledge,
this has never been achieved while maintaining the geographical and
temporal resolution presented in this paper. Even a recent 2023 study
focusing specifically on the interplay between demand and energy
storage used a two-step process where demandwas first modelled and
then used as an input to a capacity expansion model61.

Additionally, due to the limited scope of our paper, we do not
model demand-side management (i.e., demand response) or potential
cross-sectoral grid components62 like the production and consump-
tion of hydrogen and management of electrical vehicle charging. Our
team’s future research will explore these topics to gain a broader
understanding of the role of LDES in the WECC.

Discussing the effects of a 4-h temporal resolution
Our model temporal resolution is limited due to the computational
complexity of modelling the WECC (5918 plants post-aggregation)
over 365 days. Despite using a powerful server (32 cores, 2.5 GHz, AMD
EPYC 7502 P, 512 GB RAM), it was only feasible to run all 39 scenarios
with a 4-h temporal resolution (the energy balance was calculated at
12 am, 4 am, 8 am, 12 pm, 4 pm, and 8pm on each day). Using a 4-h
temporal resolution differs from the 1-h temporal resolution that is
commonly used in literature. However, studies that use a 1-h temporal
resolution for 365 days are forced tomake other computational trade-
offs such as not modelling transmission24,25, not modelling existing
generation capacity24,25, or optimizing storage buildout and storage
dispatch separately26. Given the focus of the study on the interaction
between LDES and the WECC grid, we judged that such trade-offs
would be worse than reducing the temporal resolution to 4-h.

To understand the impact of the 4-h temporal resolution on our
results, we compare our baseline (4-h resolution) to a supplementary
scenario that uses a 1-h temporal resolution (and nowind or solar plant
aggregation). We note that although it was feasible to solve (within
13 h) the baseline scenario at a 1-h resolution, experience indicates that

not all 39 scenarios in this study could have been solved to optimality
at this resolution.

Upon comparing 13 key results relating to curtailment, generation
capacity, demand, storage buildout, and transmission (Supplementary
Table 3), we find that the 4-h baseline requires less resources than the
1-h scenario. The 1-h scenario shows an increase in the power capacity
of storage (+18.2 GW; +7.6%), solar (+11.6 GW; +2.7%), wind (+10.1 GW;
+10.2%), biomass (+1.7 GW; +18.7%), and transmission (+8.2 million
MW-km, +6.6%). Across all technologies, storage and generation
capacity increases by 4.9%. As such, the numerical results presented in
this paper have a bias towards underestimating the required capacity.
However, this bias is less than 10% for nearly all technologies. A bias of
this magnitude is acceptable since it is not any greater than the
uncertainties inherent with predicting a 2050 future (e.g., uncertain-
ties in technology costs). Despite this bias, we expect that the dis-
cussed trends and insights hold true given that the storage duration,
storage energy capacity and demand for both scenarios vary by less
than 3%. Further, the average daily dispatch curve (Supplementary
Fig. 6) has a similar shape between both the 4-h and the 1-h scenario
which indicates a good selection of hours in the 4-h scenario (e.g., the
inclusion of 12 pm in the 4-h scenario ensures that time of peak gen-
eration is represented in the model).

Limitations and future research
In addition to the previously mentioned areas of future research, we
highlight four areas where our modelling is limited and space for
future research exists.

First, the model does not include connections to other inter-
connects (e.g., ERCOT). Some studies have noted the benefits of
greater coordination between interconnects as such coordination
provides flexibility during dispatch which displaces the need for
alternative more expensive sources of flexibility such as LDES17,18.
However, interconnect coordination faces significant sociopolitical
hurdles common to large transmission expansion projects63. To avoid
basing the entirety of this paper on a potentially socio-politically
infeasible future, and given the scope of the study, we did not include
connections to other interconnects in the model. We aim to under-
stand the potential of interconnect coordination on the value of LDES
in a future study. Further, we encourage policy makers to engage with
socio-politically challenging solutions such as interconnect coordina-
tion since ambitious action is needed to meet climate change targets1.

Second, our results are limited by our ability to predict future
weather trends and energy demand. As discussed in this paper and
other research64,65, the value of LDES is closely tied to the seasonal
patterns in energy demand and renewable generation. A 2050 future
with significantly different demand data or variable capacity factors
data may lead to different results. To gain a fuller picture of the role of
LDES, future research should further examine the modelling assump-
tions behind our demand and weather data while exploring alternate
scenarios.

Third, due to combined limitations in data availability, the scope
of the study and computational complexity, we do not model energy
reserve requirements, nor do we run simulations for “extreme” years
where solar or wind power ismore intermittent than usual. Doing so in
future research would be key considering that LDES energy storage
would likely be more favourable when considering energy reserve
requirements or when renewable generation is limited.

Finally, numerous papers have discussed the benefits of firm
generation such as carbon capture and sequestration (CCS)
technologies13–16,21,66,67. In this paper, we include some firm generation
technologies in the model (i.e., biomass and geothermal) but do not
include CCS technologies. The reasoning behind this decision is two-
fold. First, Sepulveda et al. have already studied the impact of CCS
and other upcoming firm generation technologies specifically with
respect to LDES25. Second, although CCS technologies are expected
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to play a role in a 2050 future, it is still unclear what this role will be.
Currently, government pledges regarding carbon removal are far
below what is needed to meet the Paris agreement68 leading some to
emphasize that CCS should only be a solution for hard to abate
sectors like aviation, not an alternative to decarbonizing the elec-
trical grid69.

Reporting summary
Further information on research design is available in the Nature
Portfolio Reporting Summary linked to this article.

Data availability
An archive containing all the data used to generate this paper’s figures
as well as all the data used and produced in the baseline scenario (i.e.,
the CSV input and output files) is hosted on GitHub at https://github.
com/REAM-lab/Staadecker_et_al_2024_archive. This archive also con-
tains the configuration files for the other scenarios in the study as well
as a README.md that provides instructions detailing the contents and
structure of the archive.

Code availability
The code that defines our model, handles all data processing, and
generated the figures in this paper is available at https://github.com/
REAM-lab/switch/releases/tag/v2.0.0.

References
1. IPCC. Global Warming of 1.5 °C. An IPCC Special Report on the

Impacts of Global Warming of 1.5 °C above Pre-Industrial Levels and
relatedGlobal GreenhouseGas Emission Pathways, in theContext of
Strengthening theGlobalResponse to the Threat ofClimateChange,
Sustainable Development, and Efforts to Eradicate Poverty (Cam-
bridge University Press: Cambridge, UK and New York NY,
USA, 2018).

2. Lang, J. et al. Net zero tracker. In Energy and Climate Intelligence
Unit, Data-Driven EnviroLab (NewClimate Institute, Oxford Net
Zero, 2023).

3. Ritchie, H, Roser, M & Rosado, P. CO2 and Greenhouse Gas Emis-
sions (Our World in Data, 2020).

4. National Renewable Energy Laboratory. 2021 Annual Technology
Baseline. https://atb.nrel.gov/ (2021).

5. Carley, S. State renewable energy electricity policies: an
empirical evaluation of effectiveness. Energy Policy 37,
3071–3081 (2009).

6. Bölük, G. & Kaplan, R. Effectiveness of renewable energy incentives
on sustainability: evidence fromdynamic panel data analysis for the
EU countries and Turkey. Environ. Sci. Pollut. Res. 29,
26613–26630 (2022).

7. Nicolini, M. & Tavoni, M. Are renewable energy subsidies effective?
Evidence from Europe. Renew. Sustain. Energy Rev. 74,
412–423 (2017).

8. Denholm, P. et al. The challenges of achieving a 100% renewable
electricity system in the United States. Joule 5, 1331–1352 (2021).

9. Jacobson, M. Z., Delucchi, M. A., Cameron, M. A. & Frew, B. A. Low-
cost solution to the grid reliability problem with 100% penetration
of intermittent wind, water, and solar for all purposes. Proc. Natl
Acad. Sci. USA 112, 15060–15065 (2015).

10. Clack, C. T. M. et al. Evaluation of a proposal for reliable low-cost
grid power with 100% wind, water, and solar. Proc. Natl Acad. Sci.
USA 114, 6722–6727 (2017).

11. Mai, T. et al. Getting to 100%: six strategies for the challenging last
10%. Joule 6, 1981–1994 (2022).

12. Sanchez, D. L., Nelson, J. H., Johnston, J., Mileva, A. & Kammen, D.
M. Biomass enables the transition to a carbon-negative power sys-
tem across western North America. Nat. Clim. Change 5,
230–234 (2015).

13. Sepulveda, N. A., Jenkins, J. D., de Sisternes, F. J. & Lester, R. K. The
role of firm low-carbon electricity resources in deep decarboniza-
tion of power generation. Joule 2, 2403–2420 (2018).

14. Daggash, H. A. & Mac Dowell, N. Structural evolution of the
UK electricity system in a below 2 °C World. Joule 3, 1239–1251
(2019).

15. Baik, E. et al. What is different about different net-zero carbon
electricity systems? Energy Clim. Change 2, 100046 (2021).

16. Duan, L., Petroski, R., Wood, L. & Caldeira, K. Stylized least-cost
analysis of flexible nuclear power in deeply decarbonized elec-
tricity systems considering wind and solar resources worldwide.
Nat. Energy 7, 260–269 (2022).

17. Brown, P. R. & Botterud, A. The value of inter-regional coordination
and transmission in decarbonizing the US electricity system. Joule
5, 115–134 (2021).

18. MacDonald, A. E. et al. Future cost-competitive electricity systems
and their impact on US CO2 emissions. Nat. Clim. Change 6,
526–531 (2016).

19. U.S. Energy Information Administration. Utility-Scale Battery Sto-
rage Costs Decreased Nearly 70% Between 2015 and 2018. https://
www.eia.gov/todayinenergy/detail.php?id=45596 (2020).

20. Cole, W., Frazier, A. W. & Augustine, C. Cost Projections for Utility-
Scale Battery Storage: 2021 Update. www.nrel.gov/
publications (2021).

21. Safaei, H. & Keith, D. W. How much bulk energy storage is
needed to decarbonize electricity? Energy Environ. Sci. 8,
3409–3417 (2015).

22. Cebulla, F., Haas, J., Eichman, J., Nowak, W. & Mancarella, P.
How much electrical energy storage do we need? A synthesis
for the U.S., Europe, and Germany. J. Clean. Prod. 181,
449–459 (2018).

23. de Sisternes, F. J., Jenkins, J. D. & Botterud, A. The value of energy
storage in decarbonizing the electricity sector. Appl Energy 175,
368–379 (2016).

24. Dowling, J. A. et al. Role of long-duration energy storage in variable
renewable electricity systems. Joule 4, 1907–1928 (2020).

25. Sepulveda, N. A., Jenkins, J. D., Edington, A., Mallapragada,
D. S. & Lester, R. K. The design space for long-duration energy
storage in decarbonized power systems. Nat. Energy 6,
506–516 (2021).

26. Guerra, O. J. et al. The value of seasonal energy storage technolo-
gies for the integration ofwind and solar power.Energy Environ. Sci.
13, 1909–1922 (2020).

27. Guerra, O. J., Eichman, J. & Denholm, P. Optimal energy storage
portfolio for high and ultrahigh carbon-free and renewable power
systems. Energy Environ. Sci. 14, 5132–5146 (2021).

28. Craig, M. T., Jaramillo, P. & Hodge, B. M. Carbon dioxide emissions
effects of grid-scale electricity storage in a decarbonizing power
system. Environ. Res. Lett. 13, 014004 (2018).

29. Frew, B. A. & Jacobson, M. Z. Temporal and spatial tradeoffs in
power system modeling with assumptions about storage: an
application of the POWER model. Energy 117, 198–213 (2016).

30. Mileva, A., Johnston, J., Nelson, J. H. &Kammen, D.M. Power system
balancing for deep decarbonization of the electricity sector. Appl
Energy 162, 1001–1009 (2016).

31. Twitchell, J., DeSomber, K. & Bhatnagar, D. Defining long duration
energy storage. J. Energy Storage 60, 105787 (2023).

32. Denholm, P, Cole, W, Frazier, A. W., Podkaminer, K & Blair, N. The
Challenge of Defining Long-Duration Energy Storage (National
Renewable Energy Laboratory, 2021).

33. Voisin, N. et al. Impact of climate change on water availability and
its propagation through the Western U.S. power grid. Appl Energy
276, 115467 (2020).

34. Szinai, J. K., Deshmukh, R., Kammen, D. M. & Jones, A. D. Evaluating
cross-sectoral impacts of climate change and adaptations on the

Article https://doi.org/10.1038/s41467-024-53274-6

Nature Communications |         (2024) 15:9501 13

https://github.com/REAM-lab/Staadecker_et_al_2024_archive
https://github.com/REAM-lab/Staadecker_et_al_2024_archive
https://github.com/REAM-lab/switch/releases/tag/v2.0.0
https://github.com/REAM-lab/switch/releases/tag/v2.0.0
https://atb.nrel.gov/
https://www.eia.gov/todayinenergy/detail.php?id=45596
https://www.eia.gov/todayinenergy/detail.php?id=45596
http://www.nrel.gov/publications
http://www.nrel.gov/publications
www.nature.com/naturecommunications


energy-water nexus: a framework and California case study.
Environ. Res. Lett. 15, 124065 (2020).

35. Tarroja, B., AghaKouchak, A. & Samuelsen, S. Quantifying climate
change impacts on hydropower generation and implications on
electric grid greenhouse gas emissions and operation. Energy 111,
295–305 (2016).

36. U.S. Energy Information Administration.Monthly Energy Review July
2023. (U.S. Energy Information Administration, 2023).

37. Denholm, P., Clark, K. & O’Connell, M. On the Path to SunShot.
Emerging Issues and Challenges in Integrating High Levels of Solar
into the Electrical Generation and Transmission System. https://doi.
org/10.2172/1253978 (2016).

38. California’s First-in-Nation Energy StorageMandate - IEEE Spectrum.
https://spectrum.ieee.org/californias-firstinnation-energy-storage-
mandate.

39. Sakti, A., Botterud, A. & O’Sullivan, F. Review of wholesale markets
and regulations for advanced energy storage services in the United
States: current status and path forward. Energy Policy 120,
569–579 (2018).

40. Johnston, J., Henriquez-Auba, R., Maluenda, B. & Fripp, M. Switch
2.0: A modern platform for planning high-renewable power sys-
tems. SoftwareX 10, 100251 (2019).

41. Nelson, J. et al. High-resolution modeling of the western North
American power system demonstrates low-cost and low-carbon
futures. Energy Policy 43, 436–447 (2012).

42. Wei, M., Raghavan, S. V. & Hidalgo-Gonzalez, P. Building a Healthier
and More Robust Future: 2050 Low-Carbon Energy Scenarios for
California. (California Energy Commission, 2019).

43. Hidalgo-Gonzalez, P. L., Johnston, J. & Kammen, D. M. Cost and
impact of weak medium term policies in the electricity system in
Western North America. Electr. J. 34, 106925 (2021).

44. Leslie, G. W., Stern, D. I., Shanker, A. & Hogan, M. T. Designing
electricity markets for high penetrations of zero or low marginal
cost intermittent energy sources. Electr. J. 33, 106847 (2020).

45. Wolak, F. A. Market design in an intermittent renewable future: cost
recovery with zero-marginal-cost resources. IEEE Power Energy
Mag. 19, 29–40 (2021).

46. Yang, J., Dong, Z. Y., Wen, F., Chen, G. & Qiao, Y. A decentralized
distribution market mechanism considering renewable generation
units with zero marginal costs. IEEE Trans. Smart Grid 11,
1724–1736 (2020).

47. Milligan, M. et al. Wholesale electricity market design with
increasing levels of renewable generation: revenue sufficiency and
long-term reliability. Electr. J. 29, 26–38 (2016).

48. Lo,H., Blumsack, S., Hines, P. &Meyn, S. Electricity rates for the zero
marginal cost grid. Electr. J. 32, 39–43 (2019).

49. Barroso, L., Munoz, F. D., Bezerra, B., Rudnick, H. & Cunha, G. Zero-
marginal-cost electricity market designs: lessons learned from
hydro systems in latin america might be applicable for dec-
arbonization. IEEE Power Energy Mag. 19, 64–73 (2021).

50. Hogan, W. W. Electricity market design and zero-marginal cost
generation. Curr. Sustain./Renew. Energy Rep. 9, 15–26 (2022).

51. California Public Utilities Commission. Energy Storage. https://
www.cpuc.ca.gov/industries-and-topics/electrical-energy/energy-
storage.

52. Wu, G. C., Torn, M. S. & Williams, J. H. Incorporating land-use
requirements and environmental constraints in low-carbon elec-
tricity planning for California. Environ. Sci. Technol. 49,
2013–2021 (2015).

53. Blair, N. et al. System Advisor Model (SAM) General Description
(Version 2017.9.5). (National Renewable Energy Laboratory, 2018).

54. National Renewable Energy Laboratory. Western Wind Data Set.
(National Renewable Energy Laboratory, 2009); https://www.nrel.
gov/grid/western-wind-data.html.

55. Milbrandt, A. A Geographic Perspective on the Current Biomass
Resource Availability in the United States. (National Renewable
Energy Laboratory, 2005).

56. National Renewable Energy Laboratory. 2020 Annual Technology
Baseline. (National Renewable Energy Laboratory, 2020); https://
atb.nrel.gov/.

57. U.S. Department of Energy. Energy Storage Grand Challenge
Roadmap. (U.S. Department of Energy, 2020).

58. Mai, T. et al. Electrification Futures Study: Scenarios of Electric
Technology Adoption and Power Consumption for the United States
(National Renewable Energy Laboratory, 2018).

59. Jafari, M., Botterud, A. & Sakti, A. Decarbonizing power systems: a
critical review of the role of energy storage. Renew. Sustain. Energy
Rev. 158, 112077 (2022).

60. Williams, J. H., Jones, R., Kwok, G. & Haley, B.DeepDecarbonization
in the Northeastern United States and Expanded Coordination with
Hydro-Québec. (Sustainable Development Solutions Net-
work, 2018).

61. Barbar, M., Mallapragada, D. S. & Stoner, R. J. Impact of demand
growth on decarbonizing India’s electricity sector and the role for
energy storage. Energy Clim. Change. 4, 100098 (2023).

62. Kittner, N., Castellanos, S., Hidalgo-Gonzalez, P., Kammen, D. M. &
Kurtz, S. Cross-sector storage and modeling needed for deep
decarbonization. Joule 5, 2529–2534 (2021).

63. Davis, S. Electricity transmission expansion: what does successful
planning look like? Electr. J. 27, 62–72 (2014).

64. Hidalgo-Gonzalez, P. Learning and Control Systems for the Inte-
gration of Renewable Energy into Grids of the Future. (University of
California Berkeley, 2020).

65. Szinai, J. et al. Climate change and its influence on water
systems increases the cost of electricity system decarbonization
(in preparation).

66. Bistline, J. E. T. & Young, D. T. The role of natural gas in reaching
net-zero emissions in the electric sector. Nat. Commun. 13, 1–11
(2022).

67. Bistline, J. E. T. & Blanford, G. J. Impact of carbon dioxide removal
technologies on deep decarbonization of the electric power sector.
Nat. Commun. 12, 1–12 (2021).

68. Smith, S. M. et al. The State of Carbon Dioxide Removal 1st edn
(MCC, 2023).

69. Ho, D. T. Carbon dioxide removal is not a current climate solution—

we need to change the narrative. Nature 616, 9 (2023).

Acknowledgements
The authors would like to thankMatthias Fripp, Josiah Johnston, Rodrigo
Henriquez-Auba, Benjamin Maluenda, Ana Mileva and Jimmy Nelson for
their prior contributions anddevelopments of the Switchmodel. Special
thanks go to Matthias Fripp and Rodrigo Henriquez-Auba for their
courtesy of sharing the mathematical formulation Latex files of their
supplemental information for us to continue expanding upon. M.S.
thanks the Division of Engineering Science at the University of Toronto
for financial support through the Engineering Summer Research
Opportunity Program. Additionally, this work was partly supported by
the California Energy Commission [EPC-19-060]. This document was
prepared as a result of work sponsored by the California Energy Com-
mission. It does not necessarily represent the views of the Energy
Commission, its employees, or the State of California. The Energy
Commission, the State of California, its employees, contractors, and
subcontractors make no warranty, express or implied, and assume no
legal liability for the information in this document; nor does any party
represent that the use of this information will not infringe upon privately
owned rights. This report has not been approved or disapproved by the
Energy Commission nor has the Energy Commission passed upon the
accuracy of the information in this report.

Article https://doi.org/10.1038/s41467-024-53274-6

Nature Communications |         (2024) 15:9501 14

https://doi.org/10.2172/1253978
https://doi.org/10.2172/1253978
https://spectrum.ieee.org/californias-firstinnation-energy-storage-mandate
https://spectrum.ieee.org/californias-firstinnation-energy-storage-mandate
https://www.cpuc.ca.gov/industries-and-topics/electrical-energy/energy-storage
https://www.cpuc.ca.gov/industries-and-topics/electrical-energy/energy-storage
https://www.cpuc.ca.gov/industries-and-topics/electrical-energy/energy-storage
https://www.nrel.gov/grid/western-wind-data.html
https://www.nrel.gov/grid/western-wind-data.html
https://atb.nrel.gov/
https://atb.nrel.gov/
www.nature.com/naturecommunications


Author contributions
Conceptualization, M.S. and P.H-G.; Software, M.S., P.A.S-P., J.S., and
P.H-G.; Investigation, M.S.; Data Curation J.S. and P.H-G.; Writing – Ori-
ginal Draft, M.S. and P.H-G.; Writing – Review & Editing, M.S., S.K., J.S.,
and P.H-G.; Visualization,M.S.; Supervision, P.H-G.; Funding Acquisition,
P.H-G. and S.K.

Competing interests
The authors declare no competing interests.

Additional information
Supplementary information The online version contains
supplementary material available at
https://doi.org/10.1038/s41467-024-53274-6.

Correspondence and requests for materials should be addressed to
Martin Staadecker or Patricia Hidalgo-Gonzalez.

Peer review information Nature Communications thanks the anon-
ymous, reviewer(s) for their contribution to the peer review of this work.
A peer review file is available.

Reprints and permissions information is available at
http://www.nature.com/reprints

Publisher’s note Springer Nature remains neutral with regard to jur-
isdictional claims in published maps and institutional affiliations.

Open Access This article is licensed under a Creative Commons
Attribution 4.0 International License, which permits use, sharing,
adaptation, distribution and reproduction in any medium or format, as
long as you give appropriate credit to the original author(s) and the
source, provide a link to the Creative Commons licence, and indicate if
changes were made. The images or other third party material in this
article are included in the article’s Creative Commons licence, unless
indicated otherwise in a credit line to the material. If material is not
included in the article’s Creative Commons licence and your intended
use is not permitted by statutory regulation or exceeds the permitted
use, you will need to obtain permission directly from the copyright
holder. To view a copy of this licence, visit http://creativecommons.org/
licenses/by/4.0/.

© The Author(s) 2024

Article https://doi.org/10.1038/s41467-024-53274-6

Nature Communications |         (2024) 15:9501 15

https://doi.org/10.1038/s41467-024-53274-6
http://www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
www.nature.com/naturecommunications

	The value of long-duration energy storage under various grid conditions in a zero-emissions future
	Results and discussion
	The 2050 zero-emissions baseline Western Interconnect
	Factors impacting the value of LDES
	The value and impacts of LDES mandates

	Methods
	Switch model formulation
	Candidate generators
	Candidate storage
	Demand modelling
	Discussing the effects of a 4-h temporal resolution
	Limitations and future research
	Reporting summary

	Data availability
	Code availability
	References
	Acknowledgements
	Author contributions
	Competing interests
	Additional information




