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ABSTRACT

When Class Meets Closeness: The Role of Social Class Similarity in Relationship

Development

by

Viki Papadakis

Despite structural integration in higher education, students often fail to form cross-
social class relationships. This dissertation applies a sociocultural lens to investigate how social
class similarity shapes interpersonal connection through two complementary studies. Study 1,
a field study of randomly assigned college roommates, shows that income and first-generation
status mismatch predict reduced perceived financial and interpersonal similarity, which in turn
undermine relationship quality. Study 2, a laboratory experiment examining initial interactions,
reveals a counterintuitive pattern: first-generation status mismatch sometimes leads to higher
perceptions of common ground, emotional similarity, empathic accuracy, and interest in the
partner, perhaps due to impression-management when class differences are made salient in a
laboratory setting. Together, these findings suggest that social class similarity fosters sustained
relationship quality over time, while class dissimilarity may temporarily boost initial
interaction quality in some contexts. By framing social class as a cultural orientation, this work
underscores that fostering meaningful connection requires not just structural diversity, but also

careful attention to interpersonal dynamics.
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When Class Meets Closeness: The Role of Social Class Similarity in Relationship

Development

Chapter I
INTRODUCTION
A. Statement of the Problem

In recent years, institutions across higher education, business, and government have
made concerted efforts to foster diversity and inclusion. However, a persistent challenge
remains: merely bringing people from different backgrounds into the same physical or
institutional spaces does not necessarily lead to meaningful interpersonal connection. Despite
the promise of diverse environments, people tend to form closer relationships with others who
share similar social characteristics, a robust phenomenon known as homophily (McPherson &
Smith-Lovin, 1987). This tendency undermines the potential benefits of diversity by limiting
cross-group interaction and reinforcing social divisions (Page-Gould et al., 2008).

Social class is a particularly salient and underexamined dimension along which
homophily persists. Even in contexts where cross-class interactions are structurally
encouraged, such as college campuses, students often struggle to form close relationships
across class lines (Armstrong & Hamilton, 2013; Stuber, 2011). Much of the existing research
on social class homophily has focused on structural explanations, such as limited opportunity
for exposure or institutional segregation. Yet these explanations fall short in settings where
cross-class contact is not only possible but routine (Jack, 2015; Stephens, Townsend, et al.,

2012). Even in integrated environments like universities, class-based divides remain. This



raises a critical and unresolved question: why does social class homophily endure in settings
designed to facilitate diverse interpersonal connections?

This dissertation proposes that part of the answer lies in subtle sociocultural processes
that influence relationship formation. While individuals from different class backgrounds may
be equally open to forming friendships, they may enter interactions with differing expectations,
communication styles, and emotional norms shaped by their respective cultural contexts. These
class-based mismatches may create invisible but powerful barriers to connection, even when
opportunity and motivation are present (Stephens et al., 2014; Kraus et al., 2009). If true, this
would suggest that structural diversity alone is insufficient to foster genuine inclusion;
attention must also be paid to the interpersonal and cultural dynamics that shape how
relationships form and unfold.

B. Conceptual Framework

This dissertation draws on a sociocultural framework that conceptualizes social class
as more than an economic variable, but as a cultural context that shapes how people think, feel,
and interact (Stephens et al., 2014). Research has shown that individuals from working-class
backgrounds are more likely to adopt an interdependent model of self, emphasizing humility,
responsiveness, and sensitivity to others’ needs, while those from middle- and upper-class
backgrounds tend to adopt an independent model of self, emphasizing autonomy, influence,
and self-expression (Stephens et al., 2011; Stephens et al., 2012). These class-based cultural
models shape expectations for how people navigate the world, including how they initiate and
build relationships.

The concept of cultural match versus mismatch helps explain why individuals from

lower-social class backgrounds may feel out of sync in institutional or interpersonal contexts



dominated by middle- to upper-class norms. Prior work has applied this lens to educational
and workplace outcomes, but less is known about how it shapes relationship development
(Stephens et al., 2014). This dissertation extends the cultural mismatch framework to the
relational domain, asking how class-based differences might disrupt the subtle processes that
build interpersonal closeness.

To explore this, I integrate the cultural mismatch perspective with the Intimacy Process
Model (Reis & Shaver, 1988), which proposes that intimacy develops through cycles of self-
disclosure and responsive communication. When individuals disclose personal information
and receive responses that feel understanding, validating, and caring, they experience increased
closeness and trust. However, when disclosure is met with discomfort, misinterpretation, or
silence, intimacy can stall. If people from different class backgrounds come into interactions
with divergent norms around emotional expression or responsiveness, these early cycles of
disclosure may falter, creating interpersonal friction even in well-intentioned, integrated
spaces. By connecting social class mismatch to core mechanisms in the development of
intimacy, this framework helps explain why social class homophily persists not only for
structural reasons, but also through subtle and often invisible cultural dynamics.
C. Research Questions

Building on the cultural mismatch framework and the Intimacy Process Model, this
dissertation investigates how social class similarity shapes the development of interpersonal
relationships in peer contexts. Specifically, it explores how subtle sociocultural differences
may influence early interaction processes and long-term relationship outcomes among college
students.

The core research questions are:



Research Question 1. Does social class similarity predict stronger peer relationships
in early adulthood? I.e., when two individuals come from similar social class backgrounds, are
they more likely to form close, high-quality relationships?

Research Question 2. What mechanisms account for the link between social class
match and relationship outcomes? Specifically, do notions of similarity mediate the association
between objective social class match and relationship quality?

Research Question 3. How do early relational processes, such as self-disclosure and
emotional similarity, vary as a function of social class similarity? That is, when two individuals
from different class backgrounds meet for the first time, how do their interaction patterns differ
compared to class-matched dyads?

These research questions are examined through two complementary studies: a field
study of randomly assigned college roommates (Study 1), and a laboratory study of initial
dyadic interactions between strangers (Study 2). Together, they aim to clarify not only whether
social class shapes relationship formation, but also how and why such effects emerge.
Ultimately, this dissertation aims to shed light on how subtle interpersonal dynamics shaped
by class-based cultural backgrounds may reinforce social divisions, even in the most diverse
and well-intentioned settings. In doing so, it contributes to a deeper understanding of both the
promise and the limits of multicultural integration.

D. Studies Overview

This dissertation includes two studies designed to examine the role of social class
similarity in shaping peer relationship development. Together, they offer complementary
insights: one capturing real-world outcomes over time, and the other zooming in on interaction

processes in a controlled setting.



Study 1 is a field study that examines how social class background shapes the
development of interpersonal relationships in a naturalistic context. Using data from randomly
assigned college roommate pairs, this study investigates whether objective social class match
(e.g., income, first-generation college status) predicts differences in perceived similarity and
relationship quality. Although not an experimental test of mechanism, this study provides
ecological validity by capturing how social class influences relationship development over the
course of an academic year.

Study 2 is a laboratory study that focuses on the earliest moments of social connection.
It investigates how objective social class match or mismatch shapes the unfolding of a first-
time interaction between unacquainted peers. Drawing on the Intimacy Process Model, this
study examines emotional similarity and empathic accuracy as potential mechanisms that
influence perceived connection and interaction quality. Unlike Study 1, which observes
relationship outcomes over time, Study 2 isolates specific behavioral and emotional dynamics
during initial encounters. It is important to note that Study 2 is underpowered, so results should
be interpreted with caution and viewed as an exploratory, descriptive snapshot.

By integrating field and lab approaches, these studies aim to provide both ecological
and mechanistic insights into how social class background shapes peer relationships. Together,
they shed light on the subtle cultural processes that may either facilitate or impede connection,

even in environments designed to promote integration.



Chapter 11
REVIEW OF LITERATURE
A. Understanding Social Class-Based Relational Divides

People from different social class backgrounds occupy vastly different social worlds,
which in turn shape distinct psychological tendencies. These differences in cognition, emotion,
and behavior often carry into interpersonal interactions, potentially impeding the development
of meaningful relationships across class lines. Although structural constraints (e.g.,
neighborhood segregation, educational inequality) are commonly cited as explanations for
class-based relational divides, social class-based social segregation also persists in highly
integrated settings such as colleges and workplaces (Thomas, 2019). This raises a central
question: why do cross-class relationships remain rare, even when people from different class
backgrounds occupy the same spaces?

This dissertation takes an intercultural lens to explore this question, proposing that
sociocultural psychological differences underlie some of the difficulty in forming cross-social
class connections. Drawing on research in cultural psychology, close relationships, and social
networks, | argue that interpersonal dynamics shaped by social class may produce subtle
mismatches in expectations, communication norms, and emotional expression. These
mismatches can act as invisible barriers to connection.

1. Multiculturalism and the Challenge of Cross-Social Class Connection

Diversity initiatives have become increasingly central across institutions, grounded in
the idea that exposure to culturally diverse individuals promotes innovation, inclusion, and
more equitable outcomes (Fowers & Richardson, 1996). One important but often neglected

dimension of diversity is social class (Rubin, 2012). As economic inequality grows (Heathcote



etal., 2010), individuals from different social class backgrounds are increasingly likely to come
into contact, but not necessarily to connect.

Despite integration efforts, social class homophily (i.e., the tendency to form
relationships with others of similar social class) remains widespread (Thomas, 2019). Even in
college dorms or multicultural workplaces, people tend to build closer relationships with class-
similar others. This trend limits the potential of multicultural environments to serve as catalysts
for cross-class understanding and opportunity.

2. Homophily and Social Network Segregation

Sociologists have long noted that social networks are shaped by homophily, which is
the principle that similarity breeds connection (McPherson & Smith-Lovin, 1987). Homophily
patterns are well-documented along many dimensions, including race, religion, and
particularly socioeconomic status. High-social class individuals tend to form networks rich in
resources, opportunities, and social capital; lower-social class individuals are more likely to
remain in resource-poor networks. This social class-based network stratification reinforces
existing inequalities and impedes upward mobility (Granovetter, 1973; Cattell, 2001).

Structural constraints certainly shape these patterns, but even when those constraints
are lifted, such as on diverse college campuses, homophily persists. This suggests that
interpersonal or psychological mechanisms are also at play.

3. From Structure to Subjectivity: The Interpersonal Barrier

The social psychological literature has examined cross-group relational difficulty

through the lens of intergroup processes. This includes group-level emotions, bias, power

dynamics, and threat responses (Fiske, 2002; Mackie et al., 2008; Pettigrew & Tropp, 2006).



For example, Mendes et al. (2002) found that initial cross-race interactions can elicit
physiological threat responses, reducing affiliative behaviors and cooperation.

Recent work suggests similar patterns in cross-class interactions. Coté et al. (2017)
found that cross-SES interactions are associated with reduced social warmth and affiliative
behavior. Cheng & Tracy (2013) emphasize the role of class-based dominance hierarchies in
shaping interpersonal dynamics. Very recently, Tan et al. reported that dyads from similar
social class backgrounds expressed greater liking for one another compared to dyads from
dissimilar backgrounds (2025). While this intergroup work highlights status-based tensions, it
does not fully explain how even well-intentioned individuals may struggle to connect across
class lines. For that, we turn to a sociocultural perspective.

B. A Sociocultural Perspective
1. Social Class as Culture

Culture can be broadly defined as a system of shared norms, values, beliefs, and
behavioral expectations shaped by one’s social environment (Kim, 2002; Kim & Markus,
1999; Markus & Kitayama, 1991). Cultural differences are often implicit, shaping how
individuals interpret social cues and structure relationships (Chu et al., 2024; Kim, 2002;
Markus & Kitayama, 1991). These tacit assumptions operate largely outside conscious
awareness, meaning cultural mismatches, differences between expected and actual relational
norms, can lead to misunderstanding, emotional discomfort, or subtle relational withdrawal
even in the absence of explicit bias (Stephens et al., 2012).

One key insight from cultural psychology is that social class itself functions as a form
of culture (Stephens et al., 2014). Individuals from lower-social class backgrounds tend to

develop interdependent self-construals, prioritizing relational harmony, humility, and



responsiveness to others. In contrast, higher-social class individuals are more likely to develop
independent self-construals, emphasizing autonomy, self-expression, and control (Stephens et
al., 2007; Markus & Kitayama, 2010). These differences shape interpersonal behaviors, such
as eye contact, emotional expressiveness, and self-disclosure (Kraus & Keltner, 2009).

2. Cultural Match vs. Mismatch in Social Contexts

Across domains, cultural match has been shown to promote psychological well-being,
smoother interactions, and a sense of belonging, whereas cultural mismatch often induces
stress and social disconnect (Stephens et al., 2012; Johnson et al., 2011). For instance, students
from interdependent backgrounds may struggle in academic environments that reward
independent, self-promoting behavior, leading to lower performance, higher anxiety, and a
diminished sense of fit (Markus & Kitayama, 2003; Stephens et al., 2014).

Cultural mismatch can impair communication and connection by disrupting mutual
expectations about appropriate behavior. When individuals differ in their assumptions about
how to express warmth, disclose emotion, assert themselves, or manage interpersonal space,
they may misread each other’s intentions, experience awkwardness, or feel socially distant
(Butler et al., 2007; Fujiwara & Daibo, 2022). These mismatches can trigger expectancy
violations, where behavior deviates from what one implicitly anticipates in a social exchange,
leading to discomfort or even negative evaluations (Burgoon, 1993).

Moreover, cultural mismatch often introduces attributional ambiguity: individuals may
struggle to determine whether a strained interaction reflects a personal shortcoming, cultural
misunderstanding, or subtle bias (Crocker et al., 1991). This ambiguity can increase cognitive
load and emotional strain during social encounters, undermining authenticity and ease

(Richeson & Shelton, 2003). In intergroup contexts, even fleeting moments of mismatch can



reduce affiliative behavior, stifle rapport, and diminish the desire for future contact (Mendes
et al., 2002; Trawalter et al., 2009).

In this dissertation, I extend the concept of cultural match/mismatch to dyadic
interactions. I propose that social class-based cultural differences in communication norms and
emotional expression may lead to interpersonal mismatch during initial interactions, reducing
the likelihood of comfort, resonance, and deeper connection, even in the absence of explicit
bias or negative intent.

3. Similarity & Relationship Development

One of the most robust findings in relationship science is that similarity predicts
attraction and closeness. Meta-analytic evidence suggests that both objective similarity (e.g.,
shared attitudes) and subjective perceptions of similarity foster more positive relationship
outcomes (Byrne, 1971; Montoya et al., 2008). Notably, perceived similarity is the stronger
predictor in early relationship formation. Perceived similarity is a foundational element of
interpersonal attraction and relationship development (Byrne et al., 1971; Montoya et al.,
2008). Individuals tend to feel more comfortable, validated, and connected with others they
perceive to be similar to themselves across a range of domains, including values, interests,
background, and socioeconomic standing. These effects are thought to arise because similarity
enhances mutual understanding, validates one’s worldview, and reduces the likelihood of
conflict (Byrne, 1971).

Research in social and cultural psychology suggests that perceived similarity is not
uniformly influential across domains; rather, some forms of similarity may be more salient or
identity-relevant than others. For example, perceived similarity in financial background may

activate shared assumptions, behaviors, or comfort levels related to social class, while
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similarity in non-financial domains (e.g., values, habits, academic orientation) may influence
day-to-day compatibility and social connection (Kraus et al., 2011; Stephens et al., 2012).
4. Cross-Cultural Relationships: The Challenge of Dissonant Norms

Cross-cultural relationships introduce additional challenges, as differing cultural norms
can lead to misunderstandings, misattributions, and mismatches in emotional expression. For
example, differences in how affection or disagreement is expressed may be interpreted as lack
of care or even hostility (Gudykunst & Ting-Toomey, 1988). Important work has highlighted
cultural differences in social support norms and expectations, with detrimental effects noted
with violation of these norms and expectations (Kim et al., 2006; Kim et al., 2008; Wu et al.,
2021). Without shared frameworks for interpreting behavior, even well-meaning interaction
partners may find it difficult to build trust and intimacy.
5. Social Psychological Findings on Cross-Group Interactions

Social interactions broadly refer to situations in which individuals engage with one
another. The social psychological literature provides some insight as to why we might notice
homophilic trends at an interpersonal level, through the perspective of what happens during
social interactions. Specifically, the intergroup interactions literature has examined
interpersonal interactions from the perspective of cross-group vs. same-group interactions.
Overall, the findings point to difficulty in cross-group (vs. same-group) interactions (Fiske,
2002).

To explain these trends, the intergroup literature has identified and examined processes
such as group-level emotions, stigma, power, threat, and bias, among others (Fiske, 2002;
Mackie et al., 2008; Tropp, 2006). For example, research has found that, during initial cross-

race interactions, individuals experience physiological threat responses, which negatively
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affects cooperation with cross-race interaction partners (Mendes et al., 2002). The intergroup
approach has also found that cross-social class (vs. same-social class) interactions are
associated with less social affiliative behaviors and emotions (Coté et al., 2017), and the
importance of social class rank begetting differential levels of dominance and prestige during
these interactions has been noted (Cheng & Tracy, 2013).

This intergroup approach, as well as the empirical evidence therewithin, provide
evidence that there is indeed relational difficulty in cross-group interactions at an interpersonal
level, but another literature may provide some important guidance to understanding these
interpersonal interactions, albeit, from a different angle: the relationship development literature
that exists within the social psychological sub-field of close relationships.

C. Foundations of Interpersonal Connection
1. The Intimacy Process Model

We now turn to the social psychological literature of close relationships to understand
the building blocks to close relationship development; in this literature, the most typical way
of discussing the development of close relationships is through discussion of the development
of intimacy. Intimacy is an important process involved in all close relationships, as it refers to
the development of a deep, shared connection between individuals, including features of both
cognitive and affective closeness (Reis & Shaver, 1988). All close relationships, including
those that are platonic and romantic, are predicated on the existence of intimacy; as such, the
development of intimacy is important to elucidate.

The Intimacy Process Model (Reis & Shaver, 1988) is a seminal work in the social

psychological literature that delineates the process for close relationship (i.e., intimate
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relationship) development and maintenance'. Reis & Shaver operationalize intimacy as a
process involving several key steps, including self-disclosure, and emotional displays. We will
now parse these key components in order to understand their role in the development of
intimacy, which will inform our discussion of cross-group relationship development.

2. Self-Disclosure

Self-disclosures refer to information about the self that are shared during social
interactions. These self-disclosures are usually spoken, and can vary in depth (i.e., the intimacy
level of the disclosure; e.g., “I am nervous about meeting you.” being a disclosure with more
depth, vs. “I was born in lowa.” being a disclosure with less depth) and breadth (i.e., the amount
of the disclosure; e.g., “I was born to a poor family in a rural town in Iowa.” being a disclosure
with more breadth, vs. “I was born in Iowa.” being a disclosure with less breadth (Collins &
Miller, 1994).

Self-disclosure has consistently been found to promote the development of intimate
relationships (Collins & Miller, 1994). Self-disclosure can serve as both a gauge and a signal
to indicate how much liking and trust there is in the relationship (as more disclosure is
perceived to be associated with more liking and trust; Collins & Miller, 1994), and serves as a

positive relationship behavior, since self-disclosure from one person encourages self-

' It is important to note that, while the Intimacy Process Model is involved in both the development and

maintenance of intimacy, in the present paper, we are interested in the initial development of close relationships.
While the development of intimacy is an ongoing process, its initial processional iterations (i.e., initial times going
through the Intimacy Process Model) are fundamental in the decision to pursue subsequent interactions (Reis &
Shaver, 1988). Because of this, the Intimacy Process Model as related to initial intimacy-developing steps are

important to our sociocultural discussion of why dissimilar-social class close relationships may fail to develop.

13



disclosure from another, often gradually increasing between interaction partners in terms of
depth and breadth (i.e., social penetration; Taylor, 1968).

As such, self-disclosure plays a central role in relationship development and
maintenance, especially in emerging adult peer contexts such as college roommates (Collins
& Miller, 1994; Sprecher et al., 2013). The willingness to disclose personal information signals
openness, trust, and emotional investment, all of which contribute to relationship closeness and
quality (Laurenceau et al., 1998).

However, not all types of disclosure carry the same psychological or relational weight.
Research in social psychology suggests that financial disclosure is particularly sensitive, norm-
violating, and identity-relevant, especially in contexts where social class differences may be
salient (Piff et al., 2012; Kraus et al., 2011). Individuals from lower-social class backgrounds
may be more reluctant to discuss financial matters due to stigma or a mismatch with
institutional norms that privilege openness in non-financial domains (Stephens et al., 2011).
Conversely, financial disclosure may be a particularly strong signal of social class match or
mismatch in peer relationships, influencing comfort and trust.

3. Emotions

Another important process involved in intimate relationship formation involve our
emotional responses and displays to one another. These emotional responses may take the form
of verbal behaviors (e.g., saying, “That’s a cool story!”, as a response to an interaction partner’s
self-disclosure) or non-verbal behaviors (e.g., smiling as a response to an interaction partner’s
self-disclosure), with both being important parts of the intimacy development process. The
emotional and behavioral responses one receives during an interpersonal interaction serve as

important signals of the other person’s internal states (e.g., their liking of you; Reis & Shaver,
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1988). Reis & Shaver posit that “appropriate responses enhance feelings of connectedness,
whereas inappropriate responses...keep interactants at a distance” (1988, p. 379).

What constitutes an “appropriate [emotional] response”? An array of social
psychological research has elucidated the importance of emotional match in social interactions.
Schachter’s emotional similarity hypothesis posits that people prefer interacting with
interaction partners who are experiencing similar emotions to their own (1959). Emotional
similarity may allow for individuals to feel validated in their perceptions, as well as allow a
social interaction to feel more predictable (Townsend et al., 2014). Indeed, various empirical
studies have found that emotional similarity is associated with increased social interaction
quality (Locke & Horowitz, 1990; Townsend et al., 2014), as well as more positive relationship
outcomes (Gonzaga et al., 2007; Verhofstadt et al., 2008). For example, during initial dyadic
interactions where a stressful stimulus is presented, having emotional similarity with one’s
interaction partner is associated with lower stress levels, both reported and physiologically as
measured through cortisol (Townsend et al., 2014).

D. Present Dissertation
1. Summary and Theoretical Framework

The present dissertation aims to explore potential impedances to the development of
meaningful cross-social class relationships utilizing a sociocultural perspective. There is
novelty in the subtlety involved in our perspective. People learn cultural assumptions through
their social class backgrounds, and this cultural learning is expressed in norms, expectations,
perspectives, and behaviors that differ across social class groups (Stephens, Markus, et al.,
2014). Our sociocultural approach attempts to make visible these typically-invisible cultural

assumptions, which we argue are at play during mismatched-social class interactions. In other
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words, an individual’s social class background shapes their cultural assumptions and
expectations about their social world, which in turn influences how they think, feel, and behave
during social interactions (Fiske, 2002). We argue that, during mismatched-social class
interactions, these cultural differences pose subtle, yet consequential, feelings of discomfort or
unease, which, in turn, may hinder the development of these cross-cultural relationships.

It is important to note that these effects may be realized even in willing and well-
intended interactions. Whereas the intergroup approach is predicated on status and group-based
differences, we argue (without denying that the intergroup approach certainly plays a role in
many contexts) that subtle sociocultural differences in relationship norms and behaviors will
hinder relationship development in cross-group pairs, even when both parties are well-intended
and interested in potentially forming a relationship. Our sociocultural perspective offers a
subtle and unintentional interpersonal perspective on a process that may hinder the
development of dissimilar-social class relationships.

Together, the literature reviewed here supports a sociocultural model of class-based
relationship development. This model suggests several key points. First, that social class is a
cultural orientation that shapes interpersonal expectations and behaviors. Second, that
similarity, especially perceived similarity, is critical for relationship development. And
mechanistically, that cultural mismatch in early interactions may impede intimacy formation
via differences in self-disclosure and emotional expression. The next chapters will test this
framework through two complementary studies, as described below.

2. Studies Overview
This dissertation includes two complementary studies that examine how social class

similarity shapes peer relationships at different stages of development. Study 1 is a field study

16



of randomly assigned college roommates, which captures the ecological dynamics of naturally
unfolding relationships over time. This design allows us to test whether objective indicators of
class similarity (income and first-generation status) shape perceived similarity and, in turn,
relationship quality. Study 2 is a laboratory study of first-time interactions between previously
unacquainted peers. By focusing on the earliest moments of connection, it provides a window
into how class similarity and dissimilarity influence affective alignment, empathic accuracy,
and perceived interaction quality at the outset of a potential relationship. Together, these studies
offer both ecological and mechanistic insights into how social class shapes the processes by
which new relationships begin and develop.

Study 1 Hypotheses. Drawing on a sociocultural perspective, we propose that subtle
but impactful differences in culturally-shaped norms, expectations, and relational behaviors,
as engendered by social class background, influence how individuals interpret and engage in
relationship development processes. According to the Intimacy Process Model (Reis & Shaver,
1988), intimacy develops through reciprocal self-disclosure and appropriate emotional
responsiveness. We extend this model by proposing that structural factors such as objective
social class similarity (e.g., shared generational college status or similar parental income) shape
perceptions of similarity, which in turn influence the interpersonal processes that foster
intimacy and relationship quality.

We hypothesize a sequential mediation process in which:

1. Social class similarity between roommates (e.g., similar parental income, matched

first-generation status) predicts greater perceived financial similarity.

2. GQreater perceived financial similarity then predicts greater perceived interpersonal

similarity, such as shared values and interests.
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3. Greater perceived non-financial similarity and self-disclosure levels in turn, predict

higher relationship quality.

Thus, our central hypothesis is as follows: social class similarity will indirectly predict
higher relationship quality through a sequential pathway involving perceived financial
similarity and perceived interpersonal similarity. This model builds on prior work showing
that cultural mismatch impairs relationship quality (Stephens, Hamedani et al., 2014;
Townsend et al., 2014), and that perceived similarity enhances dyadic closeness (Gonzaga et
al., 2007; Locke & Horowitz, 1990). By focusing on both financial and interpersonal perceived
similarity as mediators, this work uniquely captures the psychological mechanisms that
translate structural social class configurations into relational outcomes.

Additionally, we hypothesize that social class similarity will indirectly predict higher
relationship quality through a sequential pathway involving increased self-disclosures. Self-
disclosure further provides a critical interpersonal mechanism linking similarity to relationship
quality. In emerging adult peer contexts such as college roommates, willingness to disclose
personal information reflects comfort, emotional investment, and a readiness to build closeness
(Sprecher et al., 2013; Laurenceau et al., 1998). Thus, we propose that social class similarity
may foster greater self-disclosure between roommates, which in turn contributes to higher-
quality relationships. Exploratory analyses will examine whether financial vs. non-financial
self-disclosures affect this pathway differently.

Study 2 Hypotheses. Building on the same framework as Study 1, we propose that
similarity in social class background fosters more positive interpersonal dynamics during the
earliest stages of relationship formation, whereas dissimilarity may impede them. Because

initial interactions are critical for shaping impressions and determining whether new

18



connections continue, we focus on interaction quality as a primary outcome and consider
affective alignment and interpersonal goals as key mechanisms.
Hypothesis 1. Social class similarity (vs. dissimilarity) will predict greater interaction
quality, reflected not only in participants’ global evaluations of the interaction (e.g.,
enjoyment, satisfaction, desire to continue engaging) but also in their perceptions of

common ground and interest in their partner.

Hypothesis 2. Social class similarity will predict more positive affective processes
during the interaction. Specifically, similar dyads will exhibit greater emotional

similarity, higher empathic accuracy, more positive affect, and less negative affect.

Hypothesis 3. Social class similarity will predict stronger endorsement of approach-
oriented interpersonal goals and weaker endorsement of avoidance-oriented goals

during the interaction.

Together, these hypotheses reflect the view that structural similarity in social class can
shape the affective, cognitive, and motivational dynamics that lay the groundwork for rapport
and connection in early encounters. Given the small sample size of Study 2, these hypotheses

should be treated as exploratory and descriptive rather than definitive tests.
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Chapter 111
STUDY 1

METHODS
1. Overview of Study 1

To investigate how social class similarity shapes the development of close
relationships, we conducted a field study of first-year college roommates who were previously
unacquainted prior to move-in. Participants were randomly assigned roommates by university
housing, allowing us to examine the early development of naturally-occurring dyadic
relationships with high ecological validity. Both members of each dyad completed individual
survey measures assessing perceived financial and non-financial similarity with their
roommate, self-disclosure willingness (for both financial and non-financial topics), and
relationship quality, using the Quality of Relationships Inventory (QRI). Dyadic-level
objective financial similarity was operationalized based on differences in parental income and
college-generation status (first-generation vs. continuing-generation). In addition to survey
data, behavioral interactions between roommates were video-recorded and coded for key
interpersonal dynamics implicated in the intimacy process, including affective tone, expressed
comfort, observed self-disclosure, and multiple dimensions of synchrony (movement
synchrony, speech synchrony, and sitting synchrony).

Taken together, this approach allowed us to examine both perceived and objective
markers of similarity, and to test a conceptual model grounded in the Intimacy Process Model
(Reis & Shaver, 1988). Specifically, we hypothesized that social class similarity would predict
perceived financial similarity, which would in turn predict perceived interpersonal similarity,

and ultimately relationship quality.
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2. Participants

Participants were 262 undergraduate students (131 roommate dyads) at the University
of California, Santa Barbara (UCSB), who were living in on-campus residence hall doubles
and had not previously known their assigned roommate. All dyads were required to have both
roommates participate concurrently. Recruitment took place in residence halls during three
academic cohorts: 2019, 2022, and 2023. Eligibility criteria required that participants had lived
with their current roommate for at least 10 weeks at the time of data collection.

All participants completed a survey, and a subset additionally participated in a video-
recorded interaction task. Full sample sizes for each component are described in the relevant
sections below.

The average age of participants was 18.61 years (SD = 0.69, range = 18-21). The
majority of participants identified as female (69.5%, n = 182), followed by male (28.7%, n =
75), with a small number selecting “Other” (1.1%, n = 3) or “Prefer not to answer” (0.8%, n =
2). By comparison, the UCSB undergraduate population is 56% women, 41% men, and 2%
identifying with another gender identity or unknown. Relative to this distribution, our sample
overrepresented women (69.5% vs. 56%) and underrepresented men (28.7% vs. 41%), while
the proportion identifying as another gender identity was similar (1.1% vs. 2%; University of
California, Santa Barbara, 2025).

Approximately 34.4% of participants were classified as first-generation college
students (n = 90), meaning neither parent had completed a four-year college degree. The
remaining 65.6% were classified as continuing-generation students (» = 172). By comparison,

the UCSB undergraduate population includes 31% first-generation students and 65%
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continuing-generation students (with 4% unknown). As such, our sample closely reflected the
university-wide distribution (University of California, Santa Barbara, 2025).

Participants were racially diverse, with the largest proportion identifying as White
(30.2%), followed by Asian (24.0%) and Latinx (19.8%). Additional racial identities included
Asian-White (6.9%), Latinx-White (6.1%), South Asian (4.6%), Black (1.9%), Middle Eastern
(1.1%), Native American-White (0.8%), Pacific Islander (0.8%), and Undisclosed (0.8%).
Several participants reported multiracial identities, including combinations such as Black-
White-Other, Asian-Latinx, Asian-Middle Eastern, Asian-Pacific Islander, Latinx-White-
Native American, Indian-White, Black-White, and Black-Indian (each < 0.4%). By
comparison, the UCSB undergraduate population is 35% White, 29% Hispanic/Latinx (22%
Chicano, 7% Latino), 19% Asian, 9% International, 5% African American, 5% South Asian/E.
Indian/Pakistani, 4% Filipino, 1% American Indian/Alaskan, and 3% reporting ‘Decline to
State.” Relative to this distribution, our sample overrepresented Asian students (24.0% vs.
19%) and underrepresented Latinx students (19.8% vs. 29%), while the proportion of White
students was similar (30.2% vs. 35%); other racial groups were present in smaller numbers
consistent with their lower prevalence in the UCSB undergraduate population (University of
California, Santa Barbara, 2025).

3. Procedure

Participants were recruited through a combination of email announcements, printed
flyers, and in-person outreach conducted in partnership with residence hall staff and resident
assistants at the University of California, Santa Barbara. Recruitment targeted students living

in double-occupancy rooms who had not previously known their assigned roommate.
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Interested students were informed that both roommates needed to participate concurrently and
must have lived together for at least 10 weeks to be eligible.

After providing in-person informed consent, participants completed an online survey
hosted on Qualtrics using tablets supplied by the research team. Survey sessions were
conducted in person, with both roommates completing the survey simultaneously in a shared
space. All survey materials were completed individually and confidentially.

A subset of participants consented to the video-recorded portion of the study. These
participants completed a brief, video-recorded interaction task. Roommates were seated side-
by-side in a common room or other quiet, semi-private space near the dorms. Participants were
instructed to “Tell us about the time you two first met in person,” and were given up to two
minutes to respond. No additional structure or turn-taking rules were provided, allowing for
natural variation in the conversational dynamic. Although most interactions lasted under two
minutes, some extended slightly beyond the time limit.

All participants received a $5 Amazon gift card as compensation. In some cases,
additional food was provided during recruitment or data collection sessions, including items
such as pizza and donuts.

4. Measures
Individual-Level Social Class Indicators

Generational College Status. In this study, we used first-generation college status as
one indicator of participants’ social class background. While social class can be measured in a
variety of ways, including income, parental education, and occupational prestige, research in
social psychology highlights the particular salience of first-generation status in higher

education contexts (Stephens et al., 2011; Stephens et al., 2012). At universities, where
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institutional norms often reflect middle- and upper-middle-class cultural expectations, whether
or not one’s parents completed college can signal alignment or mismatch with those dominant
norms (Johnson et al., 2011; Ostrove & Long, 2007). As such, first-generation status can shape
how students experience belonging, academic engagement, and social interaction.

The distinction between first-generation and continuing-generation students has been
widely used in social-class research, especially in studies conducted within university settings
(e.g., Stephens et al., 2012; Snibbe & Markus, 2005). First-generation students, typically
defined as those whose parents did not complete a four-year college degree, are more likely to
come from working-class backgrounds and to endorse cultural models of self that emphasize
interdependence and family obligation (Stephens et al., 2007). In contrast, continuing-
generation students often reflect middle-class norms of independence and individual
achievement, which are more closely aligned with institutional values in higher education.

Given the specific social and cultural dynamics of college roommate relationships, we
expected that first-generation status would be a particularly meaningful and visible indicator
of social class difference in this context. For this reason, we included first-generation status as
a categorical measure of social class background, alongside subjective and perceived SES.

To determine first-generation college student status, participants were asked to report
the highest level of education completed by each parent or guardian. Participants were
categorized as first-generation if neither parent had completed a four-year college degree (i.e.,
highest education was an associate’s degree or lower). Participants were categorized as
continuing-generation if at least one parent had completed a four-year degree (B.A. or higher).
This operationalization aligns with prior research in social psychology and education that

defines first-generation status based on parental completion of a bachelor’s degree (Stephens
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etal., 2012; Harackiewicz et al., 2014). Responses were coded dichotomously (0 = continuing-
generation, 1 = first-generation) for use in primary analyses.

In the final sample, 34.4% of participants were classified as first-generation college
students (n = 90), and 65.6% were classified as continuing-generation (n = [72). This
distribution is consistent with national trends at public universities, where continuing-
generation students remain the majority, but first-generation students represent a sizable and
meaningful subgroup (Cataldi et al., 2018).

Household Income. Participants reported their family household income using a 12-
point ordinal scale ranging from “Under $10,000” to “$150,000 or more.” The mean reported
income was 8.52 (SD = 3.61), corresponding roughly to the $70,000-79,999 income bracket.
The distribution was negatively skewed (-0.67) and platykurtic (-1.01), indicating a modest
clustering toward higher income brackets. Responses ranged from 1 to 12, with the median at
10 (“$90,000-99,999”). To see a visual depiction of the distribution of household income, see
Figure 1.

Figure 1

Household Income Distribution of Participants in Study 1
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Relationship Between Individual-Level Social Class Indicators. To examine
whether income level differed by first-generation status, we conducted an independent-samples
Welch’s ¢ test. Continuing-generation students (n = 172) reported significantly higher family
income levels (M =9.78, SD = 3.03) compared to first-generation students (n = 90; M = 6.17,
SD =3.46), 1(161.9) = 8.34, p < .001. The effect size was large, Cohen’s d = 1.13, indicating
that continuing-generation students reported substantially higher income levels than their first-
generation peers.

Dyadic-Level Social Class Indicators

Generational College Status Match vs. Mismatch. To capture social class similarity
within dyads, we categorized roommate pairs as either matched or mismatched in generational
college status. Dyads in which both roommates were continuing-generation students or both
were first-generation students were coded as social class matched, whereas dyads composed
of one first-generation and one continuing-generation student were coded as social class
mismatched. This approach aligns with prior research using social class match versus
mismatch to examine cultural and interpersonal dynamics in dyadic and peer relationships
(e.g., Stephens et al., 2012; Kraus & Keltner, 2009; Cété et al., 2017). In the final sample, 67
dyads (51.5%) were continuing-generation matches, 38 dyads (29.2%) were mismatched, and
26 dyads (19.3%) were first-generation matches.

Household Income Difference. As a dyad-level indicator of social class difference,
we calculated the absolute difference in reported household income between roommates. Each
participant reported their family’s household income using a 12-point categorical scale (e.g., 1
= “Under $10,000”; 12 = “$150,000 or more”), and we computed the absolute value of the

difference between the two roommates’ responses. This resulted in a dyad-level income
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difference score ranging from 0 (same income category) to 11 (maximum distance on the
scale). Three dyads had missing data for one or both roommates and were excluded from this
variable. Among the remaining dyads (n = 128), income difference scores ranged from 0 to 10,
with a mean of 3.56 (SD = 3.15), a median of 3, and an interquartile range of 1 to 6, indicating
substantial variability in within-dyad income differences. To see a visual depiction of the
distribution of income difference in our dyads, see Figure 2.

Figure 2

Distribution of Absolute Income Difference in Roommate Dyads in Study 1

Distribution of Objective Income Differences in Roommate Dyads
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Relationship Between Dyadic-Level Social Class Difference Indicators. To test
whether first-generation status match was associated with dyadic income differences, we
conducted an independent-samples Welch’s ¢ test. Dyads in which both roommates were
matched in first-generation status (either both first-generation or both continuing-generation;
n = 93) reported significantly smaller income differences (M = 2.82, SD = 2.84) compared to
dyads who were mismatched in first-generation status (n = 38; M = 5.32, SD =3.19), #63.0) =
-4.17, p <.001. The effect size was large, Cohen’s d = -0.85, indicating that mismatched dyads

tended to come from substantially more divergent income backgrounds than matched dyads.
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Racial Match as a Covariate. Dyadic racial match is a concept of interest informed
by prior social psychological research emphasizing the importance of sociocultural and
racialized experiences in shaping interpersonal relationships, particularly within dyads such as
college roommate pairs (Gaither, 2013; Shook & Fazio, 2008). As such, a racial match variable
was created at the dyad level based on participants’ self-identified racial categories. Dyads
were coded as “race matched” if the two roommates shared at least one racial identity,
regardless of whether they identified exclusively or multiracially (e.g., a Latinx-White
participant paired with a White participant was considered matched). Dyads in which no racial
categories overlapped were coded as “race mismatched.”

This inclusive coding approach was adopted in alignment with our theoretical emphasis
on similarity and shared experience, particularly in the context of social class. Just as class
similarity is theorized to foster interpersonal understanding through shared lived experiences,
overlapping racial identities may similarly reflect common cultural backgrounds, experiences
of marginalization, or social positioning that shape interpersonal dynamics (Gaither, 2013;
Mendoza-Denton & Page-Gould, 2008; Shook & Fazio, 2008). Therefore, we considered even
partial racial overlap to be meaningful for the purposes of race match.

Of the 127 codable dyads, 72 (56.7%) were classified as race matched, and 55 (43.3%)
were classified as race mismatched (RaceMatch variable where 0 = race mismatch and 1 =race
match). Four dyads were excluded due to missing racial information for one or both
roommates.

Self-Disclosure
Self-Disclosure Willingness Scale. Based on prior work highlighting the role of class-

based norms in shaping communication and openness (Stephens et al., 2012; Kraus & Tan,
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2015), we developed a 17-item Self-Disclosure Willingness Scale. This scale includes both
financial similarity-related disclosures (e.g., family income, spending habits, financial
struggles) and non-financial similarity-related disclosures (e.g., political views, academic
challenges, social fears). We expected these to form two distinct but related latent constructs.

Willingness to self-disclose was measured using a 17-item scale developed for this
study. The scale was designed to assess participants’ openness to sharing a range of personal
topics with their assigned roommate. Guided by social psychological theories of intimacy,
trust, and cultural norms surrounding social class and disclosure (Collins & Miller, 1994;
Laurenceau et al., 1998; Stephens et al., 2012), items were developed to represent two
theoretically distinct domains of self-disclosure: financial similarity-related topics and non-
financial similarity-related topics. See Appendix 1A for the full self-disclosure scale.

Sample items from the financial disclosure subscale included: “My family’s current
financial situation”, “My spending habits” and “My eating out habits”. Sample items from the
non-financial disclosure subscale included: “My political views”, “My academic struggles”,
and “My social fears”. Participants were instructed: “Please indicate which personal topics
you have shared or would share with your roommate. Select all that apply.” Responses were
binary (0 = not selected, 1 = selected). The scale was presented as part of an online survey
approximately two weeks after the roommate relationship began, allowing time for early
rapport to develop. Descriptive statistics for the full scale indicated that participants disclosed
an average of 13.71 topics (SD = 3.73) out of 17.

However, the endorsement distributions were extremely skewed toward maximum
disclosure. For the full scale, scores ranged from 1 to 17, with a negative skew (-1.24) and

kurtosis (1.04). For the disclosure subscales, scores for financial disclosure were M = 0.78 (SD
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= (.28, skew = -1.11) and non-financial disclosure scores were M = 0.82 (SD = 0.22, skew = -
1.30). Many participants selected all items in one or both categories, producing pronounced
ceiling effects and severely restricted variability. This pattern renders the measure statistically
unsuitable for mediation or regression modeling, as extreme skew and ceiling effects (Lodder,
2023). Given the extreme skew and ceiling effects, self-disclosure was excluded from primary
analyses despite its conceptual centrality.
Perceived Similarity

Perceived Similarity Scale. In this study, we hypothesized that perceived similarity
would function as a key predictor of relationship quality, and as a potential mechanism linking
SES match to interpersonal outcomes. To assess this construct, we developed a 10-item
Perceived Similarity Scale that asked participants to rate how similar they felt to their assigned
roommate across a variety of domains. Each item was rated on a 4-point Likert scale ranging
from 1 (Not at all similar) to 4 (Very similar), capturing subjective perceptions of shared
background, values, and experiences. See Appendix 1B for the Perceived Similarity Scale.

Consistent with theoretical distinctions in the literature, items were designed to reflect
two subdomains: perceived financial similarity (e.g., “The degree to which you feel that your
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roommate is similar to you in your financial situations,” “...in your spending habits”) and
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perceived non-financial similarity (e.g., “...in your level of sociability,” “...in your political
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attitudes,” “...in what you like to do for fun”). This distinction aligns with research highlighting
the psychological and social significance of perceived class-based similarity (Piff et al., 2012)

and the broader role of similarity in fostering interpersonal comfort, communication, and

bonding (Montoya & Horton, 2013).
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Descriptive statistics for the full scale indicated that participants perceived moderate
levels of overall similarity with their roommates. The mean score was 2.71 (SD = 0.56) on a
4-point scale, with scores ranging from 1.2 to 4.0. The distribution showed slight negative
skew (-0.22) and near-zero kurtosis (-0.09), suggesting relatively symmetric responses
clustered toward the higher end of the scale. The internal consistency of the full scale was
slightly below modern conventions (Cronbach’s a = .79), indicating moderate reliability across
the 10 similarity items.

We tested a two-factor confirmatory model in which the financial similarity items
loaded onto one latent factor and the remaining non-financial items loaded onto a second.
These latent variables were then used in structural equation models testing whether perceived
SES similarity influences roommate relationship quality through domain-specific similarity
perceptions.

Confirmatory Factor Analysis on Perceived Similarity Scale. A confirmatory factor
analysis (CFA) was conducted using the semopy package in Python to evaluate the
hypothesized two-factor structure of the Perceived Similarity Scale. The model demonstrated
acceptable fit to the data: ¥*(34) = 102.86, p <.001, CFI = .88, TLI = .85, RMSEA = .088. All
items loaded significantly onto their theorized latent variables, with standardized loadings
ranging from 0.66 to 1.02 (ps < .001). The two factors, financial and non-financial similarity,
were positively correlated (r = .23), suggesting they represent related but distinct dimensions
of perceived similarity. The internal consistency of the subscales was moderate (financial
similarity Cronbach’s a = .75; non-financial similarity Cronbach’s a = .73), indicating
acceptable reliability across subscale items. These two latent variables were subsequently used

in structural equation models to examine indirect effects of social class match on relationship
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quality via domain-specific similarity perceptions. See Appendix 1C for the full report of this
CFA.

Perceived Non-Financial Similarity Subscale. Perceived non-financial similarity was
assessed using a 6-item subscale of the Perceived Similarity Scale. This subscale measured the
extent to which participants felt similar to their assigned roommate in domains unrelated to
finances, such as values, habits, and social preferences. Participants rated each item on a 4-
point Likert scale ranging from 1 (Not at all similar) to 4 (Very similar), with higher scores
reflecting greater perceived similarity in non-financial domains. Sample items included “The
degree to which you feel that your roommate is similar to you in your level of sociability” and
“...In your political attitudes.”

As discussed, internal consistency for the subscale was acceptable (Cronbach’s a =
.73). Descriptive statistics indicated that participants generally perceived moderate-to-high
non-financial similarity with their roommates (M = 2.94, SD =0.61). Scores ranged from 1.33
to 4.00, with a median of 3.00 and an interquartile range of 2.50 to 3.33. The distribution
exhibited slight negative skew (-0.51) and near-zero kurtosis (-0.13), suggesting that most
participants perceived their roommates as at least somewhat similar across these non-financial
dimensions. To see the distribution of perceived non-financial similarity, see Figure 3 below.

Perceived Financial Similarity Subscale. Perceived financial similarity was assessed
using a 4-item subscale drawn from the broader Perceived Similarity Scale. Items asked
participants to rate the extent to which they felt their roommate was similar to them in their
financial situation, spending habits, childhood neighborhood, and travel/vacation experiences.
These items were selected to capture shared class-based background and lifestyle patterns that

may contribute to interpersonal ease, comfort, or misalignment. Example prompts include:
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“The degree to which you feel that your roommate is similar to you in your financial
situations” and “...in the neighborhood where you grew up.” Ratings were made on a 4-point
Likert scale from 1 (Not at all similar) to 4 (Very similar).

The scale demonstrated acceptable internal consistency (Cronbach’s o = .75).
Descriptive statistics indicated that participants perceived modest levels of financial similarity
with their roommates. The mean score was 2.35 (SD = 0.76), with scores ranging from 1.0 to
4.0. The distribution was slightly positively skewed (skew = 0.17) and moderately platykurtic
(kurtosis = -0.73), indicating a relatively normal shape with a concentration of responses
toward the lower-to-moderate end of the scale. To see the distribution of perceived financial
similarity, see Figure 3 below.

Figure 3

Distributions of Perceived Non-Financial Similarity & Financial Similarity in Study 1
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Quality of Relationships Inventory

The quality of the roommate relationship was assessed using a modified version of the
Quality of Relationships Inventory (QRI; Pierce et al., 1991). The QRI is a widely used
measure of perceived relationship quality, originally developed to assess close relationships
such as romantic partners or close friends. It assesses multiple dimensions of relational

functioning, including support, conflict, and depth.
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For the purposes of this study, we selected a subset of 10 conceptually relevant QRI
items and adapted their wording to refer specifically to “your roommate” rather than a romantic
or chosen relationship partner. One additional item was included as an attention check and
excluded from scale scoring. The modified scale allowed us to assess participants’ perceptions
of their roommate relationship in terms of emotional closeness, dependability, and conflict.
Given the QRI’s strong psychometric record and flexibility across relationship types, it was
well suited for assessing relationship quality in the context of newly assigned college
roommates.

Participants responded to each item using a 5-point Likert scale ranging from 1 (Not at
all) to 5 (Very much), indicating the extent to which each item described their current
relationship with their assigned roommate. The modified QRI included items spanning
relational support (e.g., “To what extent can you count on your roommate to help with a
problem?”), emotional closeness (e.g., “How significant is your roommate in your life?”’), and
conflict (e.g., “How often do you need to work to avoid conflict with your roommate?”’; this
item was reverse-coded). Higher scores reflected greater overall relationship quality. To see
the Quality of Relationships Inventory, see Appendix 1D.

Descriptive statistics indicated that participants generally reported high levels of
roommate relationship quality. The average score on the modified QRI was 4.03 (SD = 0.60)
on a 5-point scale, with observed values ranging from 2.23 to 4.73. The distribution was
moderately negatively skewed (-1.05) with light positive kurtosis (0.29), suggesting that most
participants perceived their roommate relationship as quite positive, with a clustering of scores

toward the higher end of the scale (to see the distribution, see Figure 4). The internal
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consistency of the full scale was high (Cronbach’s a = .86), indicating strong reliability across
the 10 relationship quality items.
Figure 4

Distribution of Individual-Level QRI Scores in Study 1
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Behavioral Video Coding

Overview of Coding Procedure. A subset of participants (n = 87 dyads) consented to
take part in a brief, video-recorded interaction task (see Procedure). Videos were recorded in-
person by trained research assistants. Two independent coders, blind to study hypotheses, rated
each video on several behavioral dimensions (affective tone, comfort, and synchrony). Coders
worked independently for all ratings, and their scores were averaged after establishing
acceptable interrater reliability. This approach follows common practices in social psychology
for observational coding of dyadic interactions (e.g., Heyman et al., 2014).

Coder Training & Calibration. Coder training occurred over approximately four
sessions (~8 total hours). Coders practiced on a subset of videos drawn from the full dataset,
using a detailed codebook (see Appendix 1E). During training, coders discussed their practice

ratings to calibrate interpretations of behavioral cues. Based on feedback from these sessions,
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certain coding guidelines were refined to improve clarity and consistency. After training, all
videos, including those used for practice, were re-coded independently by each coder as part
of the formal coding process. Interrater reliability reached acceptable thresholds for each
variable before final scores were averaged across coders (see individual variable descriptions
below).

Variables Coded. Coders provided ratings for the dyad as a whole, rather than for
individual participants. Each interaction video was evaluated on three behavioral dimensions:
affective tone, comfort, and synchrony (sitting, movement, and speech synchrony). These
dimensions were selected based on their theoretical relevance to interpersonal connection and
relationship development in early-stage interactions. In the subsections that follow, we describe
each variable in detail, outline the rationale for its inclusion, and report the interrater reliability
(intraclass correlation coefficients; ICCs) for each.

Affective Tone. Affective tone refers to the general emotional atmosphere conveyed
during interpersonal exchanges, encompassing cues like warmth, tension, positivity, or
awkwardness, regardless of what is being said. In dyadic interactions, affective tone plays a
central role in shaping perceptions of relational quality, comfort, and connection (Anderson et
al.,2003; Gonzaga et al., 2001). Because nonverbal emotional cues often emerge through facial
expressions, vocal tone, and body language, affective tone is well-suited for video-based
behavioral coding and has been used in past research to evaluate interpersonal dynamics in
romantic couples, friends, and strangers (Axelrod & Hone, 2006; Gonzaga et al., 2001).

In the present study, we adapted our coding scheme to be sensitive to variation within
a sample skewed toward positive tone. Rather than assuming symmetrical dispersion across

negative to positive affect, we designed a scale that allows for finer differentiation among
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degrees of positive tone (e.g., distinguishing between mild friendliness and sustained
emotional warmth) while still capturing rare but meaningful instances of low or neutral affect.
As such, to assess the overall emotional tone of the interaction, coders rated the general
affective quality of each conversation on a 5-point Likert scale, where 1 indicated negative, in
which the recorded interaction was somewhat cold, emotionally flat, distant, awkward, or
disengaged; 2 indicated neutral, in which the recorded interaction was polite but reserved,
minimal warmth or emotional expression; 3 indicated moderately positive, in which the
recorded interaction had some friendliness or light emotion, but it was unclear if the displayed
affect reflected genuine connection or social politeness; 4 indicated positive, in which the
recorded interaction was noticeably positive or good-humored tone at least part of the time
(e.g., clear warmth, laughing, playfulness, or relaxed rapport, but not sustained throughout); 5
indicated very positive, in which the recorded interaction was warm, affectionate, or joyful tone
across most or all of the interaction; includes frequent laughter, giggling, easy rapport, and
emotionally expressive delivery.

Two trained coders independently rated the affective tone of each dyadic interaction on
a 5-point Likert scale (for the full coding scheme, see Appendix 1E.1). Their ratings were
averaged to create a single composite score per dyad. Interrater reliability was assessed using
a two-way random-effects model with absolute agreement (McGraw & Wong, 1996),
implemented via the ICC() function from the psych package in R (Revelle, 2023). The resulting
average-measures ICC indicated high agreement between coders, ICC(2,2) = 0.90, 95% CI
[0.85, 0.93]. The single-measure ICC was 0.82, 95% CI [0.74, 0.88], indicating good
agreement between individual raters. Affective tone scores ranged from 1 to 5, where higher

scores indicate more positive affective tone, with a mean of 3.08 (SD = 1.26).
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Comfort. Comfort refers to the observable ease, relaxation, or awkwardness present
during interpersonal interactions (Sundstrom & Altman, 1976). In video-coded dyadic
contexts, comfort captures how naturally the conversation flows and how at ease participants
appear with one another, regardless of the specific content being discussed. Nonverbal
indicators of comfort, such as posture, pauses, conversational flow, and informal affect, offer
important cues about social connection, relational attunement, and mutual engagement
(Anderson et al., 2003; Gonzaga et al., 2001). In prior research, comfort has been used to assess
emotional safety and rapport in romantic relationships, friendship formation, and stranger
interactions, often serving as a key predictor of interpersonal outcomes (Gonzaga et al., 2001;
Heerey & Kring, 2007; Schachner et al., 2005).

In the present study, we adapted our coding scheme to reflect the distribution of
observed behaviors in a sample skewed toward relatively high comfort. Rather than assuming
a symmetrical distribution of awkwardness and ease, we emphasized finer distinctions among
mid-to-high levels of comfort, ranging from mild ease to fluent, spontaneous engagement,
while still capturing lower levels of conversational strain or stiffness when present. As such,
coders rated the overall level of interpersonal comfort on a 5-point Likert scale, where 1
indicated low comfort and 5 indicated high comfort. A rating of 1 indicated low comfort, in
which the recorded interaction seemed stilted, awkward, or emotionally tense, with minimal
ease or mutual engagement. A rating of 2 indicated somewhat low comfort, where the
interaction appeared mildly strained or self-conscious, with some signs of nervousness or
effortful communication. A rating of 3 indicated moderate comfort, in which the interaction
was generally neutral, neither particularly awkward nor notably smooth, suggesting a baseline

level of social ease without strong indicators of closeness or tension. A rating of 4 indicated
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high comfort, where the interaction showed visible ease, mutual responsiveness, and relaxed
conversation, though not consistently throughout. A rating of 5 indicated very high comfort, in
which the interaction was fluid, relaxed, and natural across most or all of the conversation,
with evidence of warmth, shared humor, and a strong sense of ease. For the full coding scheme,
see Appendix 1E.2.

Two trained coders independently rated the level of comfort expressed during each
dyadic interaction on a 5-point Likert scale. Their ratings were averaged to create a single
composite score per dyad. Interrater reliability was assessed using a two-way random-effects
model with absolute agreement (McGraw & Wong, 1996), implemented via the ICC() function
from the psych package in R (Revelle, 2023). The resulting average-measures ICC indicated
excellent agreement between coders, ICC(2,2) =0.92, 95% CI [0.88, 0.95]. The single-measure
ICC was 0.85, 95% CI [0.78, 0.90], indicating good agreement between individual raters.
Comfort scores ranged from 1 to 5, where higher scores indicate higher levels of comfort, with
a mean of 3.09 (SD =1.19).

Dyadic Synchrony. Dyadic synchrony refers to the degree to which interaction
partners exhibit alignment in their behaviors, body language, and expressive rhythms during
interpersonal exchanges. Synchrony is thought to reflect a form of implicit coordination that
can signal connection, mutual attention, or rapport (Bernieri & Rosenthal, 1991; Koole &
Tschacher, 2016). In the context of roommate interactions, synchrony may reflect how
naturally or fluently the dyad engages with one another, even without conscious effort or intent.
Because synchrony can manifest across different behavioral domains, we coded sitting

synchrony, speech synchrony, and movement synchrony as distinct but related constructs.

39



Each synchrony dimension was coded on a 3-point Likert scale (1 = low synchrony, 2
= moderate synchrony, 3 = high synchrony) based on coders’ subjective impressions. Coders
were trained to focus on the ease, fluidity, and mirroring or alignment between roommates,
rather than the content of speech. Ratings were made for the synchrony of the dyad, rather than
each member of the dyad separately. Interrater reliability and descriptive statistics are reported
separately for each synchrony type. For the full coding scheme, see Appendix 1E.3.

Sitting Synchrony. Sitting synchrony captured how similarly the roommates appeared
in their seated posture and body orientation. Coders were instructed to evaluate alignment in
sitting positions, body openness, and posture (e.g., crossed legs, leaning back or forward). A
score of 1 indicated low sitting synchrony, in which there was mostly dissimilarity in the ways
the roommates were sitting (e.g., one roommate with stiff posture and crossed legs, the other
leaning back and relaxed). A score of 2 indicated moderate sitting similarity, in which there
were some similarities and some mismatches. Finally, a score of 3 indicated high sitting
similarity, in which roommates had similar seated positions and body language (e.g., both
sitting upright with relaxed posture and uncrossed legs).

Two trained coders independently rated sitting synchrony in each dyadic interaction
using the 3-point Likert scale described above. Their ratings were averaged to create a single
composite score per dyad. Interrater reliability was assessed using a two-way random-effects
model with absolute agreement (McGraw & Wong, 1996), implemented via the ICC() function
from the psych package in R (Revelle, 2023). The resulting average-measures ICC indicated
excellent agreement between coders, ICC(2,2) =0.88, 95% CI [0.81, 0.92]. The single-measure

ICC was 0.78, 95% CI [0.68, 0.85], indicating good agreement between individual raters.
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Sitting synchrony scores ranged from 1 to 3, where higher scores indicate greater sitting
similarity, with a mean of 2.21 (SD =.76).

Speech Synchrony. Speech synchrony reflected the degree to which roommates’ verbal
thythms and turn-taking were coordinated. Coders looked for conversational pacing,
overlapping speech or interruptions, and smooth exchanges. A score of 1 indicated low speech
synchrony, in which there was little to no synchrony (e.g., one roommate dominating or
speaking over the other). A score of 2 indicated moderate speech synchrony, in which there
was occasional overlap or matched pacing). Finally, a score of 3 indicated high speech
synchrony (e.g., fluid back-and-forth, similar pacing, and co-constructed conversation flow).

Two trained coders independently rated speech synchrony in each dyadic interaction
using the 3-point Likert scale described above. Their ratings were averaged to create a single
composite score per dyad. Interrater reliability was assessed using a two-way random-effects
model with absolute agreement (McGraw & Wong, 1996), implemented via the ICC() function
from the psych package in R (Revelle, 2023). The resulting average-measures ICC indicated
good-to-excellent agreement between coders, ICC(2,2) = 0.85, 95% CI [0.78, 0.91]. The
single-measure ICC was 0.75, 95% CI [0.64, 0.83], indicating good agreement between
individual raters. Speech synchrony scores ranged from 1 to 3, where higher scores indicate
greater speech synchrony, with a mean of 2.09 (SD =.76).

Movement Synchrony. Movement synchrony captured how much roommates moved
in coordinated or parallel ways. This included gestures, shifts in posture, or small expressive
movements that appeared responsive or mirrored. A score of 1 reflected low movement
synchrony (e.g., one roommate moving frequently while the other remained still). A score of 2

reflected moderate movement synchrony (e.g., sporadic shared gestures or posture shifts).
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Finally, a score of 3 reflected high movement synchrony (e.g., consistent mirroring,
simultaneous movements, or physically expressive interaction flow).

Two trained coders independently rated movement synchrony in each dyadic
interaction using the 3-point Likert scale described above. Their ratings were averaged to create
a single composite score per dyad. Interrater reliability was assessed using a two-way random-
effects model with absolute agreement (McGraw & Wong, 1996), implemented via the ICC()
function from the psych package in R (Revelle, 2023). The resulting average-measures ICC
indicated good-to-excellent agreement between coders, ICC(2,2) = 0.87, 95% CI [0.80, 0.91].
The single-measure ICC was 0.76, 95% CI [0.66, 0.84], indicating good agreement between
individual raters. Movement synchrony scores ranged from 1 to 3, where higher scores indicate
greater similarity in physical movement and body gestures across the dyad, with a mean of
2.12 (SD =.78).

Correlation Table of Outcomes

To provide a descriptive overview of the interrelations among Study 1 outcomes, we
computed Pearson correlations among all dyad-level variables (pairwise n = 64-131, depending
on missing data). These correlations are reported at the dyadic level to align with the primary
unit of analysis in Study 1. Table 1 is presented for descriptive purposes to illustrate the degree

of overlap among constructs.
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Table 1

Correlation Table of Study I Outcomes

Perceived Perceived
. . Non- Self- Affective Movement  Sitting Speech
QRI  Financial . . . Comfort
N Financial Disclosure Tone Synchrony Synchrony Synchrony
Similarity AT
Similarity
QRI 1.00
Perceived
Financial 0.31*** 1.00
Similarity
Perceived
IO 0.68%** (.41 *** 1.00
Financial ' ’ ’
Similarity
Self- 0.56%%* 0.27%%  039%¥% 1,00
Disclosure ' ’ ’ ’
Affective 1 3500 012 0.30* 0.09 1.00
Tone
Comfort 0.32* 0.19 0.29* 0.12 0.90***  1.00
Movement 1, 15 4 0.07 0.01 0.62%%% (.57 1,00
Synchrony
Sitting 019  0.02 0.12 0.21 0.33*%  026%  0.50%%* 1,00
Synchrony
SIE2CEN 0.25* 0.21 0.11 -0.03 0.74%%*  (.68%** (. 75%** 0.37%%* 1.00
Synchrony

Note. ¥**p < 001, **p < .01, *p <.05, t, p <.10, ns = not significant.
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STUDY 1
RESULTS
1. Analytic Plan
Analytic Goals

The analytic goals of Study 1 were to test whether structural indicators of social class
similarity (i.e., matched generational college status and smaller household income gaps)
predict higher roommate relationship quality through perceived similarity processes.
Specifically, our models were designed to evaluate a sequential pathway in which objective
social class similarity would predict greater perceived financial similarity, which would then
foster perceptions of broader interpersonal similarity (sometimes referred to as non-financial
similarity), ultimately leading to higher relationship quality. In this way, Study 1 extends the
Intimacy Process Model (Reis & Shaver, 1988) by examining how structural social class
configurations translate into interpersonal perceptions that support intimacy in new peer
relationships.

A secondary analytic goal concerned self-disclosure, which was originally proposed as
an additional interpersonal mediator. However, as detailed in the Measures section,
endorsement distributions on the 17-item Self-Disclosure Willingness Scale were highly
skewed toward maximum disclosure, producing ceiling effects and restricted variability. Many
participants endorsed nearly all disclosure items, resulting in extreme skew and kurtosis values.
Such patterns render the measure statistically inappropriate for mediation or regression
analyses (Lodder, 2023). As a result, despite its theoretical importance for intimacy
development (Collins & Miller, 1994; Laurenceau et al., 1998), self-disclosure was excluded

from analyses in Study 1.
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Structural Equation Modeling

To test our main hypotheses, we used a structural equation modeling (SEM) framework
to evaluate how objective social class similarity predicts greater relationship quality via
perceived financial similarity and, in turn, perceived non-financial similarity. Our dataset
consisted of dyads of randomly assigned college roommates, with each dyad contributing two
participants. As roommates were indistinguishable partners (i.e., they were not meaningfully
labeled as “A” or “B” based on any theoretically relevant characteristic), it was important that
our analyses account for this dyadic non-independence and use methods appropriate for
modeling interdependent data structures (Cook & Kenny, 2005).

In dyadic research, standard statistical approaches (e.g., OLS regression) can lead to
biased estimates and inflated Type I error rates when observations are not independent. SEM
offers a flexible framework for modeling non-independent responses within dyads, including
when dyads are indistinguishable (Ledermann & Kenny, 2012). As such, we use SEM as our
overarching analytic framework, beginning with simpler dyad-level constrained models and
progressing to a full dyadic SEM with indistinguishable partners. This approach allowed us to
model each roommate’s responses while accounting for the covariance between partners'
perceptions and behaviors, an essential step when testing relationship-level processes that
unfold between two individuals (Cook & Kenny, 2005).

These analytic decisions are aligned with best practices in social and personality
psychology, where dyadic SEM approaches have been widely used to examine interpersonal
dynamics, such as self-disclosure, emotional expression, and relational development (e.g.,

Kenny & Kashy, 2011). In particular, SEM is well-suited for our theoretical framework, which
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posits that similarity in social class unfolds through psychological processes that are
individually and interpersonally constructed within the dyad.
Sequential Modeling Technique

To examine the hypothesized associations, we implemented a sequential model testing
strategy consistent with dyadic data analysis frameworks (e.g., Ledermann & Kenny, 2012).
First, we estimated a total effects model (Model A) in which the primary predictor was
specified to predict the outcome variable directly. Second, we estimated a mediation model
(Model B) in which the primary predictor was specified to predict the mediators (perceived
financial similarity and perceived interpersonal/non-financial similarity), which in turn
predicted the outcome variable. Model C extended Model B by including race match as a
covariate to evaluate whether mediation pathways remained robust when controlling for
potential confounding due to racial similarity. For brevity’s sake, Model C’s results will be
summarized in the main text, and provided in full in the Appendix. For these models, the dyad
served as the unit of analysis: roommates’ individual reports were included but equality-
constrained across partners, producing dyad-level estimates of perceived similarity and
relationship quality.

Finally, in Model D, we implemented a full dyadic SEM with indistinguishable
partners, in which each roommate’s responses were modeled separately while accounting for
the interdependence between partners’ perceptions and behaviors (Cook & Kenny, 2005;
Ledermann & Kenny, 2012). This was implemented only when the actor-only models were
predictive in Models B and C. This hierarchical analytic strategy ensured that partner effects
were considered only in cases where actor effects were theoretically and empirically

meaningful, balancing completeness with parsimony. This staged approach is consistent with
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recommendations in the dyadic data analysis literature for moving from simpler to more
complex models and for interpreting partner effects as extensions of actor pathways rather than
as stand-alone findings (Cook & Kenny, 2005; Kenny & Kashy, 2011; Ledermann & Kenny,
2012).

Estimation of Confidence Intervals

By default, structural equation modeling packages, including semopy (as we used in
the present dissertation) provide standard errors and significance tests based on large-sample
normal-theory approximations. However, these methods can underestimate variability and
produce biased confidence intervals for indirect effects, which are often non-normally
distributed (MacKinnon et al., 2004). To address this, in most cases, I used nonparametric
bootstrapping procedures to generate confidence intervals for indirect effects and model
parameters at the dyadic level. Bootstrapping is widely recommended in mediation and SEM
contexts because it does not rely on normality assumptions and provides more accurate
coverage probabilities (Awang et al., 2015). In practice, this involved resampling the dataset
(at the dyadic level) with replacement 1,000 times, re-estimating the model for each sample,
and computing the empirical distribution of parameter estimates. Confidence intervals were
then defined by the 2.5th and 97.5th percentiles of these distributions. This approach ensures
more robust inferences about indirect effects and overall model fit. The bootstrapped
confidence intervals did not differ much from the more standardly derived confidence
intervals, so in some cases (specifically, for direct effects), I used standard SE-based confidence
intervals.

2. Relationship Quality
Test 1A. Income Difference Predicting Relationship Quality

Model A. Total Effect
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Model Fit. The model fit the data well, ¥*(2) = 0.22, p = .895, CFI = 1.00, TLI = 1.00,
RMSEA = .000, AIC = 8.00, BIC = 19.50.

Direct Effects. Objective SES difference (absolute income difference) did not
significantly predict relationship quality, b = -0.016, SE = 0.014, z = -1.11, p = .268. The
standardized coefficient was = -0.016, indicating a very small effect size.

Summary. The total effect model indicated that income difference was not significantly
associated with relationship quality when examined without mediators or covariates,
suggesting that any association between income difference and relationship quality may
operate indirectly through other variables. Figure 5 below presents the path diagram,
illustrating the tested pathway with standardized coefficients.

Figure 5

Path Diagram of Income Difference — Relationship Quality, Model A

Objective SES Relationship
Similarity > Quality
(income difference) B =-.016, ns

Note. Social class similarity = absolute difference in household income between roommates (higher scores
indicate /ess social class similarity). Estimates are standardized coefficients. ***p <.001, **p <.01, *p <.05, T,

p <.10, ns = not significant.

Model B. Mediation (No Covariate)

Model Fit. The mediation model without the race-match covariate fit the data well,
v?(15)=19.74, p = .182, CFI = .986, TLI = .979, RMSEA = .049, AIC = 25.70, BIC = 63.08.

Direct Effects. Objective SES difference significantly and negatively predicted
perceived financial similarity (f = -.095, SE =.017, p <.001). Perceived financial similarity

significantly predicted perceived non-financial similarity (f =.312, SE =.046, p <.001), and
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perceived non-financial similarity significantly predicted relationship quality (B = .564, SE =
.056, p <.001). The direct path from perceived financial similarity to relationship quality was
not significant (§ = .014, SE = .045, p =.754).

Indirect Effects. The sequential indirect effect from objective SES difference to
perceived financial similarity, to perceived non-financial similarity, and then to relationship
quality was significant (B =-.0167, 95% CI [-.0265, -.0083]). The indirect effect from objective
social class difference to relationship quality via perceived financial similarity alone was not
significant (B = -.0013, 95% CI [-.0104, .0062]). The total indirect effect, combining both
pathways, was significant (B = -.0180, 95% CI [-.0311, -.0073]). These results indicate that
larger objective social class differences were associated with lower perceived financial
similarity, which in turn was linked to lower perceived non-financial similarity and ultimately
lower relationship quality.

Summary. In line with predictions, the results suggest that socioeconomic differences
affect relationship quality indirectly through perceived similarity processes. Specifically,
greater income differences lowered perceived financial similarity, which in turn lowered
perceived non-financial similarity, leading to lower relationship quality. This pattern aligns
with the proposed mediation model and supports the theoretical expectation that similarity
perceptions are a key mechanism linking objective social class differences to relationship
outcomes. Table 2 reports the full parameter estimates for Model B, including structural paths,
variances, and covariances. Figure 6 presents the corresponding path diagram, illustrating the

tested mediation pathways with standardized coefficients.
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Table 2

Path Coefficients of Income Difference — Relationship Quality, Model B

Path / Parameter Estimate 95% CI SE p-value
Structural Paths
Income Difference — Financial Similarity -0.095 [-0.128, -0.062] 0.017 <.001
Financial Similarity — Non-Financial Similarity 0.312 [0.223, 0.402] 0.046 <.001
Non-Financial Similarity — Relationship Quality 0.564 [0.454, 0.674] 0.056 <.001
Financial Similarity — Relationship Quality 0.014 [-0.073, 0.101] 0.045 .754

Note. Social class similarity = absolute difference in household income between roommates (higher scores
indicate less social class similarity). Estimates are standardized coefficients. 95% confidence intervals are

bootstrapped.

Figure 6

Path Diagram of Income Difference — Relationship Quality, Model B

| B=0014, ns ¢
Objective SES Perceived Perceived Relationshi
Similarity —» | Financial ———| Non-Financial | —— | e(gl 'OPS ip
(income difference) |B=-0095"1 Similarity |B=0312""|  Similarity  |B=0564 uality

| t

B=-.016,ns

Note. Social class similarity = absolute difference in household income between roommates (higher scores
indicate less social class similarity). Estimates are standardized coefficients. ***p <.001, **p < .01, *p <.05, ¥,

p <.10, ns = not significant.

Model C. Mediation (with RaceMatch Covariate). When race match was included
as a covariate, the model continued to fit the data well (¥*(20) = 22.54, p = .312, CFI = .993,
TLI = .989, RMSEA = .031). The central mediation pathway remained intact: larger income

differences predicted lower perceived financial similarity (B = -.094, p <.001), which in turn
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predicted lower non-financial similarity (B =.307, p <.001), and ultimately lower relationship
quality (f =.569, p <.001). Race match significantly predicted perceived financial similarity
(B =.249, p = .019), indicating that same-race roommates reported higher financial similarity,
but it did not predict non-financial similarity ( = .068, p = .434) or relationship quality ( = -
078, p = .253). These results suggest that while racial similarity contributes to perceptions of
financial similarity, the indirect effect of income differences on relationship quality through
similarity processes ( =-.0163, 95% CI [-.0263, -.0079]) remains robust when controlling for
race match. For the full report of this Model C with RaceMatch as a covariate, please see
Appendix 1F.

Model D. Mediation with Partner Effect.

Model Fit. The partner-effects mediation model fit the data well, ¥*(16) = 22.52, p =
127, CF1=.981, TLI = .970, RMSEA = .057, AIC = 23.65, BIC = 57.87.

Direct Effects. Absolute income difference significantly and negatively predicted
perceived financial similarity (B = -.09, SE = .018, p < .001). In turn, perceived financial
similarity significantly predicted perceived non-financial similarity within person (actor effect:
B =.32, SE =.046, p <.001), but not across partners (partner effect: p = .02, SE = .046, p =
.647). Perceived non-financial similarity strongly predicted one’s own perception of the
relationship quality (B = .58, SE =.057, p <.001). The direct paths from perceived financial
similarity to relationship quality (B = .01, SE =.048, p = .884) and from income difference to
relationship quality (B =-.005, SE =.012, p = .673) were not significant.

Indirect Effects. The sequential indirect pathway from income difference to perceived
financial similarity to perceived non-financial similarity to relationship quality was significant

at the actor level (95% CI [-.027, -.009]), indicating that greater income differences reduced
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perceptions of financial similarity, which in turn lowered perceptions of non-financial
similarity and ultimately reduced relationship quality. Cross-partner indirect effects through
financial and non-financial similarity were not significant.

Summary. This dyadic mediation model supported the central hypothesized indirect
pathway: larger income differences predicted lower perceived financial similarity, which
reduced perceived non-financial similarity, which then decreased relationship quality.
However, no reliable partner effects were observed, and neither the direct effect of income
difference nor the direct effect of financial similarity on relationship quality was significant.
Table 4 reports the full parameter estimates for Model D, including structural paths, variances,
and covariances. Figure 7 presents the corresponding path diagram, illustrating the tested
mediation pathways with standardized coefficients.

Table 4

Path Coefficients of Income Difference — Relationship Quality, Model D

Effect p/r SE z p 95% CI
Direct Paths
Income Difference— Perceived Financial Similarity (A, B) -0.095 0.018 -5.41 <.001 [-0.129,-0.060]

Perceived Financial Sim. — Perceived Non-Financial Sim. (actor; A, B) 0.315 0.046 6.80  <.001 [0.224, 0.406]

Perceived Financial Sim. — Partner’s Perceived Non-Financial Sim. 0.021 0.046 0.46 .647  [-0.070, 0.112]
(cross; A—B, B—A)

Perceived Non-Financial — Relationship Quality (actor; A, B) 0.583 0.057 10.32 <.001 [0.472, 0.694]

Perceived Financial — Relationship Quality (actor; A, B) 0.007 0.048 0.15 .884 [-0.087, 0.101]
IncomeDiff — Relationship Quality (A, B) -0.005 0.012 -0.42 .673 [-0.028,0.018]
Cross-Partner Residual Correlations

Corr(Perceived Financial Sim. A, B) 0.580 0.118 4.91 <.001 [0.348,0.811]

Corr(Perceived Non-Financial Sim. A, B) 0.615 0.122 5.05 <.001 [0.376, 0.853]

Corr(Relationship Quality A, B) 0.320 0.097 3.29 .001 [0.129,0.511]

Note. Social class similarity = absolute difference in household income between roommates (higher scores
indicate less social class similarity). Estimates are standardized coefficients. 95% confidence intervals are

bootstrapped.

52



Figure 7

Path Diagram of Income Difference — Relationship Quality, Model D
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Note. Social class similarity = absolute difference in household income between roommates (higher scores
indicate less social class similarity). Estimates are standardized coefficients. ***p <.001, **p < .01, *p <.05, ¥,

p <.10, ns = not significant.

Test 1B. Generational College Match Predicting Relationship Quality

Model A. Total Effect

Model Fit. The model fit the data well, ¥*(2) = 3.02, p =.221, CFI1=.977, TLI = .955,
RMSEA = .063, AIC = 7.95, BIC = 19.45.

Direct Effects. Objective social class difference (first-generation match vs. mismatch)
did not significantly predict relationship quality, b =-0.139, SE = 0.099, z = -1.41, p = .160.
The standardized coefficient was B = -0.139, indicating a small effect size.

Summary. The total effect model indicated that objective social class difference
(measured via first-generation college status match vs. mismatch) was not significantly
associated with relationship quality when examined without mediators or covariates,
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suggesting that any association between social class difference and relationship quality may
operate indirectly through other variables. Figure 8 below presents the corresponding path
diagram, illustrating the tested pathway with standardized coefficients.

Figure 8

Path Diagram of Generational College Match — Relationship Quality, Model A

Objective SES Relationship
Similarity > Quality
(Generational =-.139, ns

College Match)

Note. Social class similarity = generational college match (0 = mismatch, 1 = match). Estimates are standardized

coefficients. ***p <.001, **p <.01, *p <.05, T, p <.10, ns = not significant.

Model B. Mediation (No Covariate)

Model Fit. The mediation model without the race-match covariate fit the data well,
v?(15)=21.37, p=.125, CFI =.980, TLI = .971, RMSEA = .057, AIC = 25.67, BIC = 63.05.

Direct Effects. First-generation match (0 = mismatch, 1 = match) significantly and
positively predicted perceived financial similarity (f = .377, SE = .128, p = .003), such that
matched dyads reported greater financial similarity. Perceived financial similarity significantly
predicted perceived non-financial similarity (p =.312, SE =.045, p <.001), and perceived non-
financial similarity significantly predicted relationship quality (f =.564, SE =.056, p <.001).
The direct path from perceived financial similarity to relationship quality was not significant
(B =.014, SE =.044, p = .754).

Indirect Effects. The sequential indirect effect from first-generation match to perceived
financial similarity, to perceived non-financial similarity, and then to relationship quality was
significant (f = -.066, 95% CI [-.124, -.017]). The indirect effect from first-generation match

to relationship quality via perceived financial similarity alone was not significant ( = -.005,
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95% CI [-.044, .026]). The total indirect effect, combining both pathways, was significant (3
=-.072, 95% CI [-.145, -.016]). These results indicate that generational college mismatch was
associated with lower perceived financial similarity, which in turn was linked to lower
perceived non-financial similarity and ultimately lower relationship quality.

Summary. In line with predictions, the results suggest that generational college match
affects relationship quality indirectly through perceived similarity processes. Specifically,
matched dyads (vs. mismatched) perceived themselves as more financially similar, which in
turn increased perceptions of interpersonal/non-financial similarity, leading to higher
relationship quality. This pattern aligns with the proposed mediation model and supports the
theoretical expectation that similarity perceptions are a key mechanism linking generational
college match to relationship outcomes. Table 3 reports the full parameter estimates for Model
B, including structural paths, variances, and covariances. Figure 9 presents the corresponding
path diagram, illustrating the tested mediation pathways with standardized coefficients.

Table 3

Path Coefficients of Generational College Match — Relationship Quality, Model B

Path / Parameter Estimate  95% CI SE p-value
Structural Paths
College Generational Match— Perceived Financial Similarity 0.377 0.126,0.628] 0.128 .003

Perceived Financial Similarity — Perceived Non-Financial Similarity ~ 0.312 0.223,0.401] 0.045 <.001
0.454,0.674] 0.056 <.001

-0.073, 0.101] 0.044 .754

[
[
Perceived Non-Financial Similarity — Relationship Quality 0.564 [
[

Perceived Financial Similarity — Relationship Quality 0.014

Note. Social class similarity = generational college match (0 = mismatch, 1 = match). Estimates are standardized

coefficients. 95% confidence intervals are bootstrapped.
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Figure 9

Path Diagram of Generational College Match — Relationship Quality, Model B
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Objective SES Perceived Perceived Relationshi
Similarity ——| Financial Non-Financial elationship

. — e .. . _ sekde T _—_5, Qua“ty
(Generational B=0377 Similarity B=0312 Similarity B=10.564
College Match)

| t

B=0072, ns

Note. Social class similarity = generational college match (0 = mismatch, 1 = match). Estimates are standardized

coefficients. ***p < .001, **p <.01, *p <.05, T, p <.10, ns = not significant.

Model C. Mediation (with RaceMatch Covariate). When race match was included
as a covariate, the model continued to fit the data well (¥*(20) = 22.54, p = .312, CFI = .993,
TLI = .989, RMSEA = .031). The central mediation pathway remained intact: larger income
differences predicted lower perceived financial similarity (B = -.094, p <.001), which in turn
predicted lower non-financial similarity ( = .307, p <.001), and ultimately lower relationship
quality (B = .569, p <.001). Race match significantly predicted perceived financial similarity
(B =.249, p = .019), indicating that same-race roommates reported higher financial similarity,
but it did not predict non-financial similarity (f = .068, p = .434) or relationship quality (p = -
078, p = .253). These results suggest that while racial similarity contributes to perceptions of
financial similarity, the indirect effect of income differences on relationship quality through
similarity processes (p =-.0163, 95% CI [-.0263, -.0079]) remains robust when controlling for
race match. For the full report of this Model C with RaceMatch as a covariate, please see

Appendix 1G.
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Model D. Mediation with Partner Level Effects

Model Fit. The model fit the data well, ¥*(16) = 22.52, p = .127, CFI = .981, TLI =
970, RMSEA = .057, AIC = 23.65, BIC = 57.87.

Direct Effects. First-generation match significantly predicted more perceived financial
similarity (B =.361, SE =.13, p <.001). Perceived financial similarity significantly predicted
perceived non-financial similarity within partners (actor path: B = .31, SE = .046, p <.001),
but not across partners (partner path: B =.019, SE = .046, p = .683). In turn, perceived non-
financial similarity significantly predicted relationship quality within partners ( = .57, SE =
055, p < .001). The direct path from financial similarity to relationship quality was not
significant (B = .004, SE = .045, p = .933). The direct effect of first-generation match on
relationship quality was also nonsignificant (§ = .10, SE =.075, p = .174).

Indirect Effects. The indirect effect of first-generation match on relationship quality
through perceived similarities was small but significant for the actor pathway. Specifically, the
actor-chain indirect effect was negative and significant (95% CI [-.027, -.009]). The partner-
chain and “via-financial-only” pathways were not significant (95% Cls included zero). The
total indirect effect was small but significant (95% CI [-.034, -.007]).

Covariates. No covariates were included in this model.

Summary. Consistent with predictions, perceived financial similarity predicted greater
perceived non-financial similarity, which in turn predicted higher relationship quality. First-
generation match predicted more financial similarity, but it did not directly predict relationship
quality. Instead, its association with relationship quality emerged indirectly through the actor

pathway, yielding a small but reliable indirect effect. Thus, although no direct effect of first-
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generation match was observed, the mediation model indicates that class background match
may shape relationship quality by influencing perceptions of similarity. See Table 5.
Table 5

Path Coefficients of Generational College Match — Relationship Quality, Model D

Effect B/r SE z p 95% CI
Direct Paths
FirstGenMatch — Perceived Financial Similarity (A, B) 0.361 0.128 2.81 .005 [0.109, 0.612]
/I;erglved Financial Sim. — Perceived Non-Financial Sim. (actor; 0310 0.046 660 <001 [0.219,0.400]

Perceived Financial Sim. — Partner’s Perceived Non-Financial
Sim. (cross; A—B, B—A)

Perceived Non-Financial — Relationship Quality (actor; A, B) 0.570 0.055 10.27 <.001 [0.461, 0.678]

0.019 0.046 0.41 .683 [-0.072, 0.110]

Perceived Financial — Relationship Quality (actor; A, B) 0.004 0.045 0.08 .933 [-0.085, 0.093]
FirstGenMatch — Relationship Quality (A, B) 0.103 0.075 1.36 .174 [-0.045, 0.250]
Cross-Partner Residual Correlations

Corr(Perceived Financial Sim. A, B) 0.623 0.121 5.14 <.001 [0.385,0.861]
Corr(Perceived Non-Financial Sim. A, B) 0.600 0.119 5.05 <.001 [0.367,0.833]
Corr(Relationship Quality A, B) 0.318 0.096 3.31 <.001 [0.130, 0.507]

Note. Social class similarity = generational college match (0 = mismatch, 1 = match). Estimates are standardized

coefficients. 95% confidence intervals are bootstrapped.

Figure 10

Path Diagram of Generational College Match — Relationship Quality, Model D

p=.1.ns
B=.01ns l
J v
Perceived Financial |p= 31+ Perceived Non- Relationship
" Similarity —®| Financial Similarity | B=.57." Quality

[5:_35/' (Partner A) (Partner A) (Partner A)

Objective SES
Similarity - =.02 (ns - moe =.00, ns r=.32%
(Generational r=.62 prozs r=60 k

College Match)

_N‘ Perceived Financial Perceived Non- _. | Relationship

B= Similarity B=.31""  Financial Similarity |#=-57 Quality
(Partner B) > (Partner B) (Partner B)
B=.01,ns T T

B=.1ns
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coefficients. ***p <.001, **p <.01, *p <.05, T, p <.10, ns = not significant.
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3. Affective Tone
Test 2A. Income Difference Predicting Behavioral Affective Tone

Model A. Total Effect

Model Fit. The model was saturated, ¥*(1) = 0.00, p = 1.000. As such, incremental fit
indices such as CFI, TLI, and RMSEA are not informative and are therefore not reported.
Model evaluation instead focuses on the parameter estimates. AIC = 4.00, BIC = 8.63.

Direct Effects. Objective SES difference (absolute income difference) did not
significantly predict affective tone, b = -0.054, SE = 0.046, z = -1.17, p = .244. The
standardized coefficient was = -0.054, indicating a very small effect size.

Summary. The total effect model indicated that objective SES difference (measured via
absolute household income difference) was not significantly associated with affective tone
when examined without mediators or covariates, suggesting that any potential effect of SES

difference on affective tone may operate indirectly through other processes.

Model B. Mediation (No Covariate)

Model Fit. The mediation model fit the data well, ¥*(10) = 11.28, p =.336, CFI =.990,
TLI = .984, RMSEA = .042, AIC =21.70, BIC =47.19.

Direct Effects. Objective social class difference significantly and negatively predicted
perceived financial similarity (f = -.098, SE =.023, p <.001). Perceived financial similarity
significantly predicted perceived non-financial similarity (f = .272, SE = .056, p <.001), and

perceived non-financial similarity significantly predicted affective tone (p = .327, SE = .143,
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p = .022). The direct path from perceived financial similarity to affective tone was not
significant ( = .063, SE = .106, p = .552).

Indirect Effects. The sequential indirect effect from income difference to financial
similarity, to non-financial similarity, and then to affective tone was significant at the dyad
level (f = -.044, 95% CI [-.042, -.002]), although the total indirect effect was not statistically
significant (f =-.056, 95% CI [-.074, .007]).

Summary. As in the model with relationship quality (QRI) as the outcome, income
differences predicted lower perceived financial similarity, which predicted lower perceived
non-financial similarity. However, the overall indirect association with affective tone was not
significant, suggesting that while similarity perceptions are related to observed positive tone,

other factors likely play a stronger role in shaping tone during the recorded interaction.

Test 2B. Generational College Match Predicting Behavioral Affective Tone

Model A. Total Effect

Model Fit. The model was saturated, ¥*(1) = 0.00, p =.997. As such, incremental fit
indices such as CFI, TLI, and RMSEA are not informative and are therefore not reported.
Model evaluation instead focuses on the parameter estimates. AIC = 4.00, BIC =9.75.

Direct Effects. First-generation college match (0 = mismatch, 1 = match) marginally
positively predicted affective tone, b =0.434, SE =0.237, z=1.83, p = .067. The standardized
coefficient was f = 0.158, indicating a small effect size.

Summary. The total effect model suggested that generational college match (vs.
mismatch) was marginally associated with more positive affective tone during the recorded

roommate interactions. Although this effect did not reach conventional significance (p < .05),
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the direction of the estimate was consistent with the hypothesis that dyads with shared
generational college status may exhibit somewhat more positive affective tone when
interacting, though the effect appears small. See Figure 11 for the corresponding path diagram.
Figure 11

Path Diagram of Generational College Match — Affective Tone, Model A

Objective Social :
Class Similarity Affective Tone

(Generational >
College Match) B =.158, p =.067

Note. Social class similarity = generational college match (0 = mismatch, 1 = match). Estimates are standardized

coefficients. ***p <.001, **p <.01, *p <.05, T, p <.10, ns = not significant.

Model B. Mediation (No Covariate)

Model Fit. The mediation model fit the data reasonably well, ¥*(9) = 12.19, p = .203,
CFI =.961, TLI = .930, RMSEA = .075, AIC = 23.62, BIC = 49.53.

Direct Effects. First-generation match (0 = mismatch, 1 = match) significantly
positively predicted perceived financial similarity (f = .421, SE = .165, p = .011). Perceived
financial similarity, in turn, significantly predicted perceived non-financial similarity ( = .245,
SE =.061, p <.001), and perceived non-financial similarity significantly predicted affective
tone (B =.358, SE =.166, p =.031). The direct path from financial similarity to affective tone
was not significant (f = .003, SE = .125, p = .981), and the direct effect of first-generation
match on affective tone was also not significant (B =.167, SE =.328, p=.611).

Indirect Effects. The sequential indirect effect from first-generation match to financial

similarity to non-financial similarity to affective tone was significant (f =.061, 95% CI [.002,
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.221]). Neither the indirect path via financial similarity alone (f =-.011, 95% CI [-.236, .213])
nor the overall total indirect effect (f =.081, 95% CI [-.137, .299]) reached significance.
Summary. The mediation model suggested that generational college match was
associated with greater perceived financial similarity, which predicted greater perceived non-
financial similarity, which in turn predicted more positive affective tone during the recorded
roommate interaction. However, the overall indirect association was not significant, indicating
that while similarity perceptions may help explain links between generational status match and
affective tone, other unmeasured factors also likely contribute to observed affective dynamics.
It is important to note that the marginal direct effect of first-generation match on affective tone
observed in the total effect model (Model A) was reduced to non-significance once mediators
were included, suggesting that the original association may have been explained by the
sequential pathway through similarity perceptions rather than reflecting a robust direct effect.
Table 6 reports the full parameter estimates for Model B, including structural paths, variances,
and covariances. Figure 12 provides a path diagram of these effects.
Table 6
Path Coefficients of Generational College Match — Affective Tone, Model B

Path / Parameter Estimate  95% CI SE p-value

Structural Paths

College Generational Match — Perceived Financial Similarity 0.421 [0.090, 0.662] 0.165 .011

Perceived Financial Similarity — Perceived Non-Financial Similarity 0.245 [0.126, 0.364] 0.061 <.001

Perceived Non-Financial Similarity — Affective Tone 0.358 [0.035, 0.680] 0.166 .031

Perceived Financial Similarity — Affective Tone 0.003 [-0.242, 0.243] 0.125 .981
[-0.477,0.811] 0.328 .611

College Generational Match — Affective Tone 0.167

Note. Social class similarity = generational college match (0 = mismatch, 1 = match). Estimates are standardized

coefficients. 95% confidence intervals are bootstrapped.
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Figure 12

Path Diagram of Generational College Match — Affective Tone, Model B
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Note. Social class similarity = generational college match (0 = mismatch, 1 = match). Estimates are standardized

coefficients. ***p < .001, **p <.01, *p <.05, T, p <.10, ns = not significant.

Model C. Mediation (with RaceMatch covariate). When race match was included as
a covariate, the model continued to fit the data well (y*(13) = 13.87, p =.383, CFI = .989, TLI
= .981, RMSEA = .033). The mediation pathway remained intact: first-generation college
match significantly predicted greater perceived financial similarity ( = .137, p =.022), which
in turn predicted greater non-financial similarity (f = .274, p < .001), and non-financial
similarity predicted more positive affective tone (p = .289, p = .032). The direct effects of
financial similarity on affective tone (f = -.017, p = .874) and of first-generation match on
affective tone (fp =.133, p=.617) were not significant. Race match also significantly predicted
perceived financial similarity (f = .131, p = .018), but did not predict non-financial similarity
(B =.010, p = .882) or affective tone (f = .165, p = .491). Importantly, the sequential indirect
effect from first-generation match through financial similarity and non-financial similarity to
affective tone was significant (f =.059, 95% CI [.002, .222]), and this effect remained robust
with RaceMatch included. These findings suggest that perceptions of similarity play a key role

in linking generational college match to affective dynamics, and that the mediation model holds
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even when accounting for racial similarity. For the full report of this Model C with RaceMatch

as a covariate, please see Appendix 1H.

Model D. Mediation with Partner Level Effects

Model Fit. The model fit the data adequately, ¥*(10) = 14.11, p = .168, CF1 = .95, TLI
= .91, RMSEA = .08.

Direct Effects. First-generation match significantly predicted financial similarity ( =
41, SE = .17, p = .014). Financial similarity significantly predicted non-financial similarity
within dyads (actor effect: f = .25, SE = .06, p <.001) but not across partners (partner effect:
B =.00, SE = .06, p = .978). Non-financial similarity significantly predicted affective tone (3
= .36, SE = .17, p = .031). Financial similarity did not significantly predict affective tone
directly (B = .00, SE = .13, p = .982). First-generation match did not significantly predict
affective tone once mediators were included (B =.17, SE = .33, p =.607).

Indirect Effects. The indirect effect of first-generation match on affective tone through
financial and non-financial similarity was partly supported. Specifically, the actor-path indirect
effect was significant (95% CI [.002, .215]), whereas the partner-path indirect effect was
nonsignificant (95% CI [-.034, .078]). The indirect effect via financial similarity alone was
nonsignificant (95% CI [-.236, .213]). The total indirect effect was nonsignificant (95% CI [-
137, .317]). Thus, the primary mediated pathway was through the actor chain.

Covariates. No covariates were included in this model.

Summary. In line with predictions, perceived financial similarity and perceived non-
financial similarity significantly predicted affective tone, and the actor-driven sequential

mediation pathway from first-generation match to affective tone was supported. However,
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partner effects were not significant, and the direct effect of first-generation match on affective
tone was nonsignificant. These results suggest that the link between college generational match
and affective tone is carried primarily through actor-driven perceptions of similarity, rather
than partner processes. Table 7 reports the full parameter estimates for Model D, including
structural paths and covariances. Figure 13 presents the corresponding path diagram,
illustrating the tested mediation pathways with standardized coefficients.

Table 7

Path Coefficients of Generational College Match — Affective Tone, Model D

Effect B/r SE z p 95% CI
Direct Paths
College Match — Perceived Financial Similarity (A, B) 0.408 0.165 2.46 .014 [0.083, 0.732]
ierglved Financial Sim. — Perceived Non-Financial Sim. (actor; 0.250 0.062 400 <001 [0.128,0.371]

Perceived Financial Sim. — Partner’s Perceived Non-Financial

Sim. (cross; A—B, B—>A) 0.002 0.062  0.03 .978 [-0.120, 0.123]
Perceived Non-Financial — Affective Tone (A, B) 0.357 0.166  2.16 .031 [0.033, 0.682]

Perceived Financial — Affective Tone (A, B) 0.003 0.125 0.02 .982 [-0.243, 0.249]
College Match — Affective Tone 0.169 0.328  0.52 .607 [-0.473, 0.810]
Cross-Partner Residual Correlations

Corr(Perceived Financial Sim. A, B) 0.586 0.168  3.49 <.001 [0.257,0.915]

Corr(Perceived Non-Financial Sim. A, B) 0.578 0.167 347 <.001 [0.251, 0.905]

Note. Social class similarity = generational college match (0 = mismatch, 1 = match). Estimates are standardized

coefficients. 95% confidence intervals are bootstrapped.
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Figure 13
Path Diagram of Generational College Match — Affective Tone, Model D
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Note. Social class similarity = generational college match (0 = mismatch, 1 = match). Estimates are standardized

coefficients. ***p <.001, **p <.01, *p <.05, T, p <.10, ns = not significant.

4. Behavioral Comfort
Test 3A. Income Difference Predicting Behavioral Comfort

Model A. Total Effect

Model Fit. The model was saturated, y*(1) = 0.00, p = .999. As such, incremental fit
indices such as CFI, TLI, and RMSEA are not informative and are therefore not reported.
Model evaluation instead focuses on the parameter estimates. AIC = 4.00, BIC = 8.63.

Direct Effects. Income difference did not significantly predict comfort, b =-0.050, SE
=0.045, z = -1.12, p = .263. The standardized coefficient was = -0.050, indicating a very
small effect size.

Summary. The total effect model indicated that income difference was not significantly

associated with comfort when examined without mediators or covariates, suggesting that any
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potential effect of social class difference on comfort may operate indirectly through other

processes.

Model B. Mediation (No Covariate)

Model Fit. The mediation model without the race-match covariate fit the data well,
*(10) =9.49, p = .487, CFI1=1.00, TLI = 1.00, RMSEA = .000, AIC = 21.75, BIC = 47.24.

Direct Effects. Income difference significantly and negatively predicted perceived
financial similarity (f =-.098, SE = .023, p <.001). Perceived financial similarity significantly
predicted perceived non-financial similarity (B =.272, SE =.056, p <.001), and perceived non-
financial similarity predicted comfort (f = .274, SE = .139, p = .049). The direct path from
perceived financial similarity to comfort was not significant (§ = .097, SE = .103, p = .349).

Indirect Effects. The sequential indirect effect from income difference to perceived
financial similarity, to perceived non-financial similarity, and then to comfort was marginally
significant (B = -.019, 95% CI [-.040, 0.001]). The indirect effect from income difference to
comfort via perceived financial similarity alone was not significant (f = -.005, 95% CI [-.061,
.022]). The total indirect effect, combining both pathways, was marginal ( = -.022, 95% CI [-
.075, .002]). This pattern suggests that greater income differences were associated with lower
perceived financial similarity, which was linked to lower perceived non-financial similarity,
and in turn to lower comfort with one’s roommate.

Summary. In line with predictions, the results suggest that social class differences may
affect comfort with one’s roommate indirectly through similarity perceptions. Specifically,
larger social class differences predicted lower perceived financial similarity, which was linked

to lower perceived non-financial similarity, which in turn was associated with lower comfort.
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Although the sequential indirect effect was only marginally significant, the pattern is consistent
with the theoretical expectation that similarity perceptions are a key mechanism linking social
class differences to comfort in roommate relationships. Table 8 reports the full parameter
estimates for Model B, including structural paths, variances, and covariances. Figure 14
provides a path diagram of these effects.

Table 8

Path Coefficients of Income Difference — Comfort, Model B

Path / Parameter Estimate 95% CI SE  p-value
Structural Paths

Income Difference — Perceived Financial Similarity -0.098 [-0.142, -0.054] 0.023 <.001
Perceived Financial Similarity — Perceived Non-Financial Similarity 0.272 [0.162,0.382] 0.056 <.001
Perceived Non-Financial Similarity — Comfort 0.274 [0.002, 0.546]  0.139 .049
Perceived Financial Similarity — Comfort 0.097 [-0.106, 0.300] 0.103 .349

Note. Social class similarity = absolute difference in household income between roommates (higher scores
indicate less social class similarity). Estimates are standardized coefficients. 95% confidence intervals are
bootstrapped.

Figure 14

Path Diagram of Income Difference — Comfort, Model B
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Note. Social class similarity = absolute difference in household income between roommates (higher scores
B =-.050, ns
indicate less social class similarity). Estimates are standardized coefficients. ***p <.001, **p < .01, *p <.05, ¥,

p <.10, ns = not significant.
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Model C. Mediation (with RaceMatch covariate). When race match was included as
a covariate, the model continued to fit the data well (y*(14) = 9.84, p =.774, CFI = 1.00, TLI
= 1.00, RMSEA = .000). Larger income differences significantly predicted lower perceived
financial similarity (3 =-.097, p <.001), which in turn predicted lower non-financial similarity
(B =.276, p < .001), and non-financial similarity predicted greater behavioral comfort (B =
280, p = .044). The direct path from financial similarity to comfort was not significant (§ =
.086, p = .409). Race match did not significantly predict perceived financial similarity ( =
.204, p = .143), non-financial similarity (f =-.057, p = .600), or comfort (B =.151, p = .568).
The sequential indirect effect from income difference through financial and non-financial
similarity to comfort was just barely not significant when examining the confidence intervals
(B =-.020, 95% CI [-.040, .0003]). In sum, including RaceMatch did not change the overall
results. For the full report of this Model C with RaceMatch as a covariate, please see Appendix

11

Test 3B. Generational College Match Predicting Behavioral Comfort

Model A. Total Effect

Model Fit. The model was saturated, y*(1) = 0.00, p = .994. As such, incremental fit
indices such as CFI, TLI, and RMSEA are not informative and are therefore not reported.
Model evaluation instead focuses on parameter estimates.

Direct Effects. First-generation match marginally predicted comfort, B = 0.42, SE =

0.23,z=1.87,p=.061, B =.16.
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Summary. In Model A, the total effect of first-generation match on comfort was
positive but only marginal, suggesting that matched dyads reported somewhat higher comfort

than mismatched dyads. See Figure 15 for the path diagram.

Figure 15

Path Diagram of Generational College Match — Comfort, Model A
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v

Note. Social class similarity = generational college match (0 = mismatch, 1 = match). Estimates are standardized

coefficients. ***p <.001, **p <.01, *p <.05, T, p <.10, ns = not significant.

Model B. Mediation (No Covariate)

Model Fit. The mediation model fit the data well, ¥*(9) = 10.98, p =.277, CF1 = .975,
TLI=.956, RMSEA = .059, AIC = 23.66, BIC = 49.56.

Direct Effects. First-generation match significantly predicted perceived financial
similarity (B = .42, SE = .17, p = .011). Perceived financial similarity, in turn, significantly
predicted perceived non-financial similarity (B = .25, SE = .06, p < .001). Perceived non-
financial similarity marginally predicted comfort (B = .30, SE = .16, p = .060), whereas the
direct path from perceived financial similarity to comfort was not significant (f = .08, SE =
12, p = .495). The direct effect of first-generation match on comfort was also not significant
(B=.13,SE=.31,p=.672).

Indirect Effects. The sequential indirect effect from first-generation match to perceived

financial similarity, to perceived non-financial similarity, and then to comfort was not
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significant (f = .06, 95% CI [-.014, .19]). The indirect effect from first-generation match to
comfort via perceived financial similarity alone was also nonsignificant ( = .03, 95% CI [-
.14, .31]). The total indirect effect, combining both pathways, was not significant ( = .07, 95%
CI [-.05, .38]). This pattern indicates that, although first-generation match predicted greater
perceived similarity, these perceptions only marginally carried through to predict comfort.
Summary. In line with predictions, first-generation match was associated with greater
perceived similarity (both financial and non-financial). However, these perceptions only
marginally mediated comfort. Table 9 reports the full parameter estimates for Model B,
including structural paths, variances, and covariances. Figure 16 provides a path diagram of
these effects.
Table 9

Path Coefficients of Generational College Match — Comfort, Model B

Path / Parameter Estimate  95% CI SE p-value
Structural Paths
College Generational Match — Perceived Financial Similarity 0.420 [0.096, 0.744] 0.165 .011
Perceived Financial Similarity — Perceived Non-Financial Similarity 0.245 [0.126, 0.364] 0.061 <.001
Perceived Non-Financial Similarity — Comfort 0.296 [-0.012, 0.603] 0.157 .060
Perceived Financial Similarity — Comfort 0.081 [-0.152, 0.314] 0.119 .495
College Generational Match — Comfort 0.132 [-0.478, 0.742] 0.312 .672

Note. Social class similarity = generational college match (0 = mismatch, 1 = match). Estimates are standardized

coefficients. 95% confidence intervals are bootstrapped.
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Figure 16

Path Diagram of Generational College Match — Comfort, Model B
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Note. Social class similarity = generational college match (0 = mismatch, 1 = match). Estimates are standardized

coefficients. ***p <.001, **p <.01, *p <.05, T, p <.10, ns = not significant.

Model C. Mediation (With RaceMatch as Covariate). When race match was
included as a covariate, the model continued to fit the data well (¥*(13) = 13.87, p = .383, CFI
=.989, TLI = .981, RMSEA = .033). First-generation college match significantly predicted
greater perceived financial similarity (f = .37, p = .022), which in turn predicted greater non-
financial similarity (B = .24, p < .001), and non-financial similarity significantly predicted
comfort (B = .35, p =.032). The direct effects of financial similarity on comfort (f =-.02, p =
.874) and of first-generation match on comfort (§ = .16, p = .617) were not significant. Race
match significantly predicted financial similarity (B = .36, p = .018), but not non-financial
similarity (B = .02, p = .882) or comfort (f = .21, p=.491). The sequential indirect effect from
first-generation match to comfort via financial and non-financial similarity was just barely not
significant (B = .04, 95% CI [-.004, .184]), and the indirect effect via financial similarity alone
was insignificant (B =-.01, 95% CI [-.272, .155]) as was the total indirect effect (f =-.02, 95%

CI [-.164, .217]). Including RaceMatch as a covariate revealed an independent effect of race
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similarity on financial similarity but did not alter the overall mediation pattern for comfort. For
the full report of this Model C with RaceMatch as a covariate, please see Appendix 1J.
S. Synchrony
Behavioral Synchrony: Latent Variable

We conceptualized behavioral synchrony as the coordinated timing of posture, speech,
and movement between partners during the recorded interaction. This construct was modeled
as a latent variable indicated by three coder-rated measures: sitting synchrony, speech
synchrony, and movement synchrony (all aggregated to the dyad level). Modeling synchrony
as latent allowed us to capture the common variance across these behavioral indicators while
accounting for measurement error. Higher scores reflect greater moment-to-moment
coordination between roommates.
Test 4A. Income Difference Predicting Synchrony

Model A. Total Effect (No Covariate)

Model Fit. The model fit the data well, ¥*(3) = 1.62, p = .655, CF1 = 1.00, TLI = 1.00,
RMSEA =.000, AIC = 13.96, BIC = 30.18.

Direct Effects. Income difference did not significantly predict synchrony, = -0.010,
SE=0.016,z=-0.64, p =.524.

Summary. The total effect model indicated that income difference was not significantly
associated with synchrony when examined without mediators or covariates, suggesting that
any potential effect of SES difference on synchrony may operate indirectly through other

relational or perceptual processes.
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Model B. Mediation (No Covariate)

Model Fit. The mediation model without the race-match covariate fit the data well,
*(20) = 26.68, p = .145, CFI = .969, TLI = .954, RMSEA = .067, AIC = 31.29, BIC = 68.37.

Direct Effects. Income difference significantly and negatively predicted perceived
financial similarity (f =-.099, SE = .023, p <.001). Perceived financial similarity significantly
predicted perceived non-financial similarity (f =.272, SE =.056, p <.001). Neither perceived
non-financial similarity (f = .062, SE = .054, p = .252) nor perceived financial similarity ( =
.030, SE = .039, p = .440) significantly predicted synchrony.

Indirect Effects. The sequential indirect effect from income difference to perceived
financial similarity, to perceived non-financial similarity, and then to synchrony was not
significant (f = -.007, 95% CI [-.0136, .0022]). The indirect effect from income difference to
synchrony via perceived financial similarity alone was also not significant (f = -.005, 95% CI
[-.0118, .00697]). The total indirect effect, combining both pathways, was also non-significant
(B =-.014, 95% CI [-.0284, .0077]). This pattern suggests that while income difference was
associated with lower perceived financial similarity, and in turn with lower perceived non-
financial similarity, these similarity perceptions did not significantly predict synchrony.

Summary. The results indicate that, although larger income differences predicted lower
perceived financial similarity, and lower perceived financial similarity was associated with
lower perceived non-financial similarity, these perceptions of similarity did not significantly
translate into differences in observed synchrony. This diverges from the theoretical expectation
that similarity perceptions may serve as a key mechanism linking SES differences to synchrony

in roommate interactions. Full parameter estimates are provided in Table 10. Figure 17
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presents the corresponding path diagram, illustrating the tested mediation pathways with
standardized coefficients.

Table 10

Path Coefficients of Income Difference — Synchrony, Model B

Path (Collapsed Across Dyad Members) Estimate SE z P
Structural Paths
Income Difference — Perceived Financial Similarity -0.099 0.023 -4.26 <.001
Perceived Financial Similarity — Perceived Non-financial Similarity 0.272 0.056 4.86 <.001
Perceived Non-Financial Similarity — Synchrony 0.062 0.054 1.15 .252
Perceived Financial Similarity — Synchrony 0.030 0.039 0.77 .440

Note. Social class similarity = absolute difference in household income between roommates (higher scores
indicate less social class similarity). Estimates are standardized coefficients. 95% confidence intervals are

bootstrapped.

Figure 17

Path Diagram of Income Difference — Synchrony, Model B
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Note. Social class similarity = absolute difference in household income between roommates (higher scores
indicate less social class similarity). Estimates are standardized coefficients. ***p <.001, **p < .01, *p <.05, ¥,

p <.10, ns = not significant.
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Test 4B. College Generational Match Predicting Synchrony

Model A. Total Effect (No Covariate)

Model Fit. The model fit the data well, ¥*(3) = 3.29, p = .349, CF1 = .996, TLI = .990,
RMSEA =.039, AIC = 13.90, BIC =29.01.

Direct Effects. First-generation match did not significantly predict synchrony, B = .04,
SE=.10,z=0.41,p=.679.

Summary. The total effect model indicated that college generational match was not
significantly associated with synchrony when examined without mediators or covariates. This
suggests that any potential effect of generational college match on dyadic synchrony may

operate indirectly through other perceptual or relational mechanisms, rather than directly.

Model B. Mediation (No Covariate)

Model Fit. The mediation model without the race-match covariate fit the data well,
v*(19) = 24.00, p =.196, CFI = .966, TLI = .947, RMSEA = .065, AIC = 33.25, BIC = 69.95.

Direct Effects. First-generation match significantly predicted perceived financial
similarity (B = .42, SE = .17, p = .011). Perceived financial similarity significantly predicted
perceived non-financial similarity (B =.25, SE =.06, p <.001). Neither perceived non-financial
similarity (B =.01, SE = .05, p = .868) nor perceived financial similarity (f = .04, SE =.04, p
= .323) significantly predicted synchrony. The direct path from first-generation match to
synchrony was also not significant (§ = .01, SE = .11, p = .940).

Indirect Effects. The sequential indirect effect from first-generation match to perceived
financial similarity, to perceived non-financial similarity, and then to synchrony was not

significant (f =.002, 95% CI [-.014, .019]). The indirect effect from first-generation match to
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synchrony via perceived financial similarity alone was also not significant (f = .03, 95% CI [-
.11, .15]). The total indirect effect, combining both pathways, was nonsignificant (B =.03,95%
CI[-.16, .22)).

Summary. In line with predictions, generational college match significantly predicted
higher perceived financial similarity, which in turn predicted higher perceived non-financial
similarity. However, neither similarity perception significantly translated into synchrony, and
the indirect pathways from first-generation match to synchrony were nonsignificant. These
results suggest that, while financial and non-financial similarity perceptions are related to one
another, they do not appear to serve as a mechanism linking first-generation match to
synchrony in roommate dyads. Full parameter estimates are provided in Table 11. Figure 18
presents the corresponding path diagram, illustrating the tested mediation pathways with
standardized coefficients.

Table 11

Path Coefficients of College Generational Match — Synchrony, Model B

Path (Collapsed Across Dyad Members) Standardized BSE z p
Structural Paths

First-Generation Match — Perceived Financial Similarity 0.420 0.165 2.54 .011
Perceived Financial Similarity — Perceived Non-Financial Similarity 0.245 0.061 4.03 <.001
Perceived Non-Financial Similarity — Synchrony 0.009 0.054 0.17 .868
Perceived Financial Similarity — Synchrony 0.041 0.042 0.99 .323
First-Generation Match — Synchrony 0.008 0.106 0.08 .940

Note. Social class similarity = generational college match (0 = mismatch, 1 = match). Estimates are standardized

coefficients. 95% confidence intervals are bootstrapped.
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Figure 18

Path Coefficients of College Generational Match — Synchrony, Model B
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Note. Social class similarity = generational college match (0 = mismatch, 1 = match). Estimates are standardized

coefficients. ***p <.001, **p <.01, *p <.05, t, p <.10, ns = not significant.

6. Exploratory Alternative Model
Rationale for Test

Although our conceptual model specified that structural social class differences would
predict perceived similarity, which in turn would predict relationship quality, it is also possible
that the causal order operates in the opposite direction. Some prior research suggests that as
relationships progress, people increasingly perceive themselves as similar to their partners
(Morry, 2005). Thus, it is plausible that relationship quality predicts perceived similarity over
time rather than the reverse. Because our data were cross-sectional and collected at a single
time point, we could not examine this question longitudinally. To explore this possibility, we
tested an alternative model in which social class differences and relationship quality predicted
perceptions of similarity.
Model Specification

In this exploratory model, social class was operationalized as absolute income
difference between roommates. Both social class differences and relationship quality (QRI)

were specified as predictors of perceived financial similarity. Perceived financial similarity
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was modeled as a predictor of perceived interpersonal/non-financial similarity, which served
as the final outcome. Absolute income difference and QRI were also allowed to predict
perceived non-financial similarity directly. This was an actor-only model, with no partner
effects included, and equality constraints were applied across partners to reflect the
indistinguishable dyad structure.
Model Fit

The model did not fit the data well, y*(14) = 27.06, p = .019, CFI = .961, TLI = .933,
RMSEA = .086. The significant chi-square, elevated RMSEA, and sub-threshold TLI indicate
misfit, suggesting that this alternative ordering is not strongly supported.
Direct Effects

Social class differences significantly predicted lower perceived financial similarity, B
= -.09, SE = .02, p < .001. Relationship quality significantly predicted higher perceived
financial similarity, p = .24, SE = .07, p <.001, and higher perceived non-financial similarity,
B = .47, SE = .05, p < .001. Perceived financial similarity significantly predicted perceived
non-financial similarity, p = .25, SE = .04, p <.001. The direct effect of social class differences
on perceived non-financial similarity was nonsignificant, § =.01, SE =.01, p = .25.
Indirect Effects

The indirect effect of social differences on perceived non-financial similarity via
financial similarity was significant, f = -.02, 95% CI [-.07, -.02]. The indirect effect of
relationship quality on perceived non-financial similarity via financial similarity was also
significant, f = .13, 95% CI [.04, .22].

Summary
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This exploratory model yielded some significant pathways but overall fit the data
poorly, particularly with respect to chi-square, TLI, and RMSEA. These results suggest that
although relationship quality is associated with perceptions of similarity, the alternative
ordering does not adequately explain the observed data. This strengthens confidence in our
original conceptual model, in which social class differences predict perceived similarity, which
in turn predicts relationship quality.

7. Study 1 Discussion

The results of Study 1 provided partial support for the proposed mediation framework
linking objective social class similarity to roommate relationship quality through perceptions
of similarity. Across models, larger income differences and generational mismatch predicted
lower perceived financial similarity, which in turn reduced perceptions of non-financial
similarity and ultimately lowered relationship quality. Actor-only effects were particularly
robust, suggesting that one’s own perceptions of similarity played a stronger role in shaping
relationship evaluations than the partner’s. This underscores the importance of psychological
perceptions and personal construals in driving relational outcomes, above and beyond shared
structural background.

At the same time, several important limitations qualify these conclusions. First, the
sample was biased toward relatively high-quality relationships. Because participation required
both roommates to coordinate and voluntarily take part together, dyads with poor relationship
quality were less likely to volunteer to participate. As a result, the observed range of
relationship quality was somewhat truncated, clustering toward the higher end of the scale (see

Figure 4). This selection process likely attenuated variability in key outcomes and may limit
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the generalizability of findings to roommate pairs who struggle to coordinate or maintain
positive relationships.

Second, the household income variable was not binned in an ideal way. Participants
reported their family household income on a 12-point scale, but a disproportionately large
proportion selected the top categories, particularly “$150,000 or more” (29.7% of participants;
see Figure 1). This clustering created a skew toward higher-income families, reducing
variability in the income measure and limiting the precision of absolute income difference
scores between dyads (see Figure 2). This measurement issue highlights the importance of
designing income categories that provide finer distinctions at the upper end of the distribution,
especially in university samples. Given this skew, analyses involving first-generation match
may offer a more reliable indicator of structural class similarity than income differences alone
in this dataset.

Third, the absolute income difference measure itself showed limited variability.
Although some dyads differed substantially (e.g., 9-10 points on the scale), the most common
differences were small, with many dyads clustered at differences of 0-1 (see Figure 2). This
limited range may have constrained the strength of associations between income dissimilarity
and relationship outcomes.

It is also important to note that because data were collected only once, causal pathways
cannot be definitively established. To evaluate an alternative causal ordering, we tested a model
in which relationship quality and income difference predicted perceived similarity rather than
the reverse. This model was motivated by research suggesting that relationship quality may
predict perceived similarity as relationships develop over time (Morry, 2005). However, this

flipped-order model showed relatively poor fit, indicating that it did not adequately capture the
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observed data. Thus, while relationship quality was significantly associated with greater
perceived similarity in this model, its weaker overall fit suggests that our original conceptual
ordering, in which social class differences shape relationship quality via perceived similarity,
provides a more accurate representation. Future research using longitudinal data will be
essential for disentangling directionality and testing how perceptions of similarity and
relationship quality influence one another over time.

Finally, although exploratory partner-effects models revealed some cross-paths, the
strongest effects consistently emerged at the actor level. This pattern suggests that perceptions
of similarity primarily influence one’s own relationship quality rather than reliably shaping the
partner’s experience. While consistent with prior dyadic research showing actor effects often
dominate (Kenny & Kashy, 2011), the inability to detect partner effects may reflect both
theoretical realities and/or the statistical challenges of modeling interdependence in modestly
sized dyadic samples.

Taken together, these limitations point to several directions for future research. Studies
should aim to recruit roommate dyads across the full spectrum of relationship quality,
incorporate more fine-grained income measures, and test partner-level effects in larger
samples. Longitudinal data will be especially valuable for clarifying the interplay between
perceived similarity and relationship quality. Despite these caveats, Study 1 provides
compelling evidence that structural class similarity shapes roommate relationship quality

primarily through perceptions of similarity.
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Chapter 1V
STUDY 2
METHODS
1. Overview of Study 2

To investigate how social class similarity shapes the very earliest stages of relationship
formation, we conducted a laboratory-based study of initial interactions between previously
unacquainted college students. Whereas Study 1 focused on the development of roommate
relationships over several months of shared living, Study 2 targeted the first moments of
connection, when two strangers meet and begin to form impressions of one another. This design
allowed us to examine how similarities and differences in socioeconomic background
influence affective dynamics and perceived interaction quality at the outset of a potential
relationship.

Participants were randomly paired into dyads and engaged in a brief, structured
conversation over Zoom. Each participant first completed a short “Getting to Know You”
questionnaire, and then discussed prompts adapted from the Fast Friends paradigm (Aron et
al., 1997), designed to facilitate self-disclosure and interpersonal connection. Following the
interaction, participants reported on their own emotions, their perceptions of their partner’s
emotions, and their evaluations of the interaction itself. From these measures, we derived
indices of emotional similarity (the extent to which partners reported feeling similar emotions),
empathic accuracy (the extent to which participants correctly inferred their partner’s emotions),
and interaction quality (enjoyment, satisfaction, and desire to continue engaging with the
partner). We also assessed participants’ interpersonal goals during the interaction (approach vs.

avoidance goals).
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This approach enabled us to capture both objective and perceived markers of
interpersonal alignment in initial encounters, and to explore how social class similarity might
shape affective synchrony, empathic understanding, and evaluations of early interactions.
Given the modest sample size, analyses of Study 2 should be considered preliminary and
exploratory. Nevertheless, this design provides an important complement to Study 1 by shifting
the focus from longer-term roommate relationships to the early moments of social connection,
providing insight into how class-based dynamics may influence the likelihood of relationship
development from the onset.

2. Participants

Participants were 48 undergraduate students (24 dyads?) at the University of California,
Santa Barbara (UCSB). Dyads were composed of two students who had not previously known
each other prior to the study. All dyads were required to have both members participate
concurrently. Recruitment took place through the UCSB SONA Subject Pool during the 2022-
2023 academic year(s). Eligibility criteria required that participants be currently enrolled
UCSB undergraduates.

To create same-gender dyads, participants were pre-screened for gender identity, and
time slots were restricted so that only students identifying as male could sign up for male time
slots and only students identifying as female could sign up for female time slots. Participants
were not informed that this matching process had been implemented. Race was not used as a

matching criterion due to subject pool constraints.

2 The sample size for this study (48 participants, 24 dyads) is extremely small by structural equation modeling
standards, and falls well below established recommendations for achieving stable, reliable model estimation. Such
a limited N violates core assumptions of SEM, including adequate power to detect effects and sufficient
information to produce trustworthy parameter estimates (Maxwell, 2004; Wolf et al., 2013). With so few dyads,
we are at increased risk of convergence problems and/or spurious and unstable parameter estimates.
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The wide majority of participants identified as female (91.7%, n = 44), followed by
male (8.3%, n = 4). The average age of participants was 18.8 years (SD = 0.75, range = 18-
21). Participants were racially diverse, with the largest proportion identifying as Asian (27%),
followed by LatinX (21%) and white (15%). Many participants reported multiracial identities
(38%).
3. Procedure

Each dyad consisted of two participants who did not previously know each other. Upon
arrival at the lab, participants were introduced to their partner and informed that they would
first complete a short interaction task together, followed by individual surveys. Before
beginning the interaction, each participant completed a brief Getting to Know You
questionnaire (see Appendix 2A), which included demographic information and social class
background. The completed questionnaire was exchanged with their partner so that each
participant had some initial background information about the other.

Participants were then seated in separate rooms and connected to their partner via
Zoom. This procedure both adhered to COVID-19 safety precautions (allowing participants to
remove their masks) and enabled the interaction to be recorded for subsequent analysis.
Research assistants reminded participants that the session would be audio- and video-recorded,
and instructed them to set Zoom to “speaker view” and full screen.

The interaction task was modeled after the Fast Friends paradigm (Aron et al., 1997),
a widely used method for inducing closeness between unacquainted partners through structured
self-disclosure prompts. In the present study, participants completed three brief interaction
prompts:

1. What were some things you liked to do during your childhood?
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2. What would constitute a perfect day for you?
3. Is there something that you ve dreamed of doing for a long time? Why haven t you done
it?

For each prompt, the research assistant read the question aloud and then instructed
participants to discuss the topic with their partner for three minutes. The research assistant
turned off their camera and microphone during each discussion period but monitored the
session. If participants were still actively engaged when time elapsed, the RA provided a 30-
second warning in the chat, allowing the conversation to conclude naturally. Each discussion
lasted no longer than 3 minutes and 30 seconds. After the final prompt, the RA returned to the
Zoom call and ended the recording.

Following the interaction, participants were instructed to minimize the Zoom window
and complete an online survey (~15 minutes). The survey assessed empathic accuracy,
emotional synchrony, interaction quality, and approach/avoidance goals during the interaction
(see Measures section). After completing the survey, participants were debriefed and
compensated with course credit.

4. Measures
Individual-Level Social Class Indicators

Generational College Status. To determine first-generation college student status,
participants were asked to report the highest level of education completed by each parent or
guardian. Participants were categorized as first-generation if neither parent had completed a
four-year college degree (i.e., highest education was an associate’s degree or lower).
Participants were categorized as continuing-generation if at least one parent had completed a

four-year degree (B.A. or higher). This operationalization aligns with prior research in social
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psychology and education that defines first-generation status based on parental completion of
a bachelor’s degree (Stephens et al., 2012; Harackiewicz et al., 2014). Responses were coded
dichotomously (0 = continuing-generation, 1 = first-generation) for use in primary analyses.

In the final sample, 35.4% of participants were classified as first-generation college
students (n = 17), and 64.6% were classified as continuing-generation (n = 31).

Household Income. Participants reported their family household income using a 12-
point ordinal scale ranging from “Under $10,000” to “$210,000 or more.” The mean reported
income was 6.27 (SD = 3.38), corresponding roughly to the $90,000-$109,999 income bracket.
The distribution was negatively skewed (-0.90) and platykurtic (-1.17), indicating a modest
clustering toward higher income brackets. Responses ranged from 1 to 12, with the median at
6 (“$90,000-$109,9997).

Dyadic-Level Social Class Indicators

Generational College Status Match vs. Mismatch. To capture social class similarity
within dyads, we categorized roommate pairs as either matched or mismatched in generational
college status. Dyads in which both roommates were continuing-generation students or both
were first-generation students were coded as social class matched, whereas dyads composed
of one first-generation and one continuing-generation student were coded as social class
mismatched. This approach aligns with prior research using social class match versus
mismatch to examine cultural and interpersonal dynamics in dyadic and peer relationships
(e.g., Stephens et al., 2012; Kraus & Keltner, 2009; Co6té et al., 2017). In the final sample, 11
dyads (45.8%) were mismatched, and 13 dyads (54.2%) were matched (10 continuing

generation match; 3 first- generation match).
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Household Income Difference. As a dyad-level indicator of social class difference,
we calculated the absolute difference in reported household income between roommates. Each
participant reported their family’s household income using a 12-point categorical scale (e.g., 1
= “Under $10,000”; 12 = “$210,000 or more”), and we computed the absolute value of the
difference between the two roommates’ responses. This resulted in a dyad-level income
difference score ranging from 0 (same income category) to 11 (maximum distance on the
scale). Among the dyads (n = 24), income difference scores ranged from 0 to 10, with a mean
of 3.96 (SD = 3.20), an observed range of 0 to 11, a skew of .79 and a kurtosis of -0.20. This
indicates that there was substantial variability in within-dyad income differences.

Interaction Quality

Interaction Perception. Research on early interpersonal exchanges consistently
highlights how the perceived quality of initial interactions predicts motivation for future
engagement. High-quality social interactions tend to elicit feelings of enjoyment and
satisfaction, which in turn lay the foundation for continued social connection and relationship
development (Jolink & Algoe, 2024). As such, interaction quality was assessed using a custom-
developed questionnaire designed to capture participants’ overall evaluation of the social
interaction. Following the interaction, participants indicated their agreement with four
statements: “I think that interaction was enjoyable,” “I feel satisfied with this interaction,” “I
would like to get to know my partner more,” and “I would be open to meeting my partner to
hang out after this study is over” on a 5-point Likert scale (1 = Strongly Disagree to 5 = Strongly
Agree). Higher scores reflect more positive evaluations of the interaction. Composite scores
for interaction quality were calculated by averaging the four items, such that higher scores

indicate better perceived interaction quality. The average score for interaction quality was M
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= 4.41 (SD = .57), observed range = 2.75 to 5, skew = -0.90, kurtosis = 0.51, with internal
consistency a = 0.86. For the full Interaction Perception scale, see Appendix 2B.

Perceived Common Ground & Interest. Perceived common ground and interest
during the interaction were assessed using a custom questionnaire designed for this study.
Participants were prompted to indicate their agreement with seven statements about their
interaction using a 5-point Likert scale (1 = Strongly Disagree, 5 = Strongly Agree). Three
items tapped common ground (e.g., My partner and I have a lot in common, My partner and 1
have common ground on topics to discuss, I understood my partner as a person) and four
items assessed interest (e.g., [ was genuinely interested in what my partner had to say, I respect
my partner, I wanted to listen to my partner, This interaction was interesting to me). These
item groupings were based on theoretical distinctions in interpersonal rapport and curiosity.
Composite scores were computed by averaging the relevant items separately for common
ground and interest, such that higher scores reflect greater perceived similarity and
engagement. The average score for perceived common ground was M = 4.1 (SD = .56),
observed range = 3 to 5, skew = -.08, kurtosis = -.55, with internal consistency a = .56. The
average score for interest was M = 4.8 (SD = .35), observed range = 3.5 to 5, skew = -1.8,
kurtosis = 3.39, with internal consistency a = .81; this was heavily skewed and results should
be interpreted with caution. For the full Perceived Common Ground & Interest scale, see
Appendix 2B.

Emotions

Emotions Felt During the Interaction. Participants’ emotional experiences during the
interaction were assessed using a modified version of the Positive and Negative Affect
Schedule (PANAS; Watson et al., 1988). The PANAS is a widely used measure of affect that

assesses momentary or dispositional emotional states through self-reported adjectives. It has
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demonstrated excellent psychometric properties across diverse populations and contexts, and
is often employed to capture emotional experience in social and experimental settings (Watson
et al., 1998).

For the purposes of this study, the PANAS was adapted to fit the context of a brief,
initial interaction between unacquainted partners. Specifically, in addition to the standard affect

adjectives (e.g., “happy,” “nervous,” “calm”), the measure was expanded to include

relationally relevant states likely to emerge during a first-time interaction (e.g., “respectful
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toward interaction partner,” “close to interaction partner,” “awkward”). This adaptation was
intended to capture both general affect and socially oriented emotions, consistent with research
highlighting the central role of interpersonal affect in early relationship development (e.g.,
Laurenceau et al., 1998).

Participants rated 18 affect adjectives on a 5-point Likert scale ranging from 1 (Not at
all) to 5 (Extremely), indicating the extent to which they experienced each emotion during the
interaction. Following PANAS conventions, items were grouped into positive affect (e.g.,
good, proud, happy, elated, calm, respectful toward interaction partner, close to interaction
partner) and negative affect (e.g., bad, guilty, frustrated, angry, resentful, embarrassed, worried,
nervous, sad, awkward). For the full Emotions Felt During Interaction Scale, see Appendix 2D.

Mean scores were computed separately for positive affect and negative affect, such that
higher scores indicated greater intensity of positive or negative emotions during the interaction.
The average score for positive affect was M = 3.49 (SD = 0.53), with observed scores ranging

from 2.43 to 4.71. The skew was 0.32 and kurtosis was -0.32), indicating values were

reasonably symmetric and not strongly peaked. Internal consistency was o = .73.
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The average score for negative affect was M = 1.42 (SD = 0.28), with observed scores
ranging from 1.00 to 2.00. The distribution had a skew of -0.66. and kurtosis of -0.53. Internal
consistency was less than ideal at o = .58.

Emotional Similarity. Emotional similarity was computed by comparing the self-
reported emotions of each dyad member during the interaction. For each of the 18 affect
adjectives, we calculated the absolute value of the difference between the two partners’ self-
ratings (e.g., if one partner reported feeling “happy” at a level of 4 and the other partner
reported feeling “happy” at a level of 2, the discrepancy score for that item was 2). These
absolute difference scores were then averaged across all items to create a composite index of
emotional similarity for each dyad. Lower scores on this index indicated greater emotional
similarity (i.e., partners reported feeling more similar emotions), whereas higher scores
indicated lower emotional similarity (i.e., partners reported more discrepant emotions). The
average score for emotional similarity was M = .62 (SD = .23), observed range = .17 to 1.3,
skew = .74, kurtosis = 1.73. For more complete explanation of Emotional Similarity
computation, see Appendix 2E.

Perceptions of Partner’s Emotions. Participants also reported their perceptions of the
emotions experienced by their interaction partner during the conversation. This measure
paralleled the modified Positive and Negative Affect Schedule (PANAS; Watson et al., 1988)
described above, but items were phrased to assess what participants believed their partner felt
(e.g., “How much do you think your partner felt proud during the interaction?”). As with the
self-report measure, participants rated 18 affect adjectives on a 5-point Likert scale ranging
from 1 (Not at all) to 5 (Extremely). Items were again divided into positive affect (good, proud,

respectful toward interaction partner, happy, close to interaction partner, elated, calm,
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surprised) and negative affect (bad, guilty, frustrated, angry, resentful, embarrassed, worried,
nervous, sad, awkward). Mean scores were computed separately for perceived positive affect
and perceived negative affect, such that higher scores indicated greater intensity of the
corresponding type of affect participants attributed to their partner. For the full Perceptions of
Partner’s Emotions Scale, see Appendix 2F.

The average score for perceived positive affect was M = 3.24 (SD = .57), observed
range = 1.86 to 4.7, skew = .08, kurtosis = .007, with internal consistency o = .76. The average
score for perceived negative affect was M = 1.34 (SD = 0.30), observed range = 1 to 2.27,
skew = 1.41, kurtosis = 1.88, with internal consistency o = .67.

Empathic Accuracy. Empathic accuracy was computed by comparing each
participant’s perception of their partner’s emotions with their partner’s self-reported emotions.
For each of the 18 affect adjectives, we calculated the absolute value of the difference between
a participant’s rating of their partner’s emotions and the partner’s corresponding self-report
(e.g., if Participant A believed their partner felt “happy” at a level of 4, and Participant B
reported feeling “happy” at a level of 2, the discrepancy score for that item was 2). These
absolute difference scores were then averaged across all items to create a composite index of
empathic accuracy for each participant. Lower scores on this index indicated greater empathic
accuracy, reflecting smaller discrepancies between perceived and self-reported emotions,
whereas higher scores indicated lower empathic accuracy. The average score for empathic
accuracy was M = .63 (SD = .22), observed range = .28 to 1.17, skew = 0.32, kurtosis = -0.74.
For more complete explanation of Empathic Accuracy computation, see Appendix 2G.

Approach & Avoidance Goals
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Participants’ interpersonal goals during the interaction were assessed with a 10-item
measure designed for this study, but adapted from Gable (2006). These items reflected
participants’ motivations to either pursue positive engagement with their partner (approach
goals) or to prevent negative outcomes during the interaction (avoidance goals). Approach and
avoidance orientations are theorized to be fundamental in shaping how individuals regulate
behavior in interpersonal contexts, including initial encounters with new partners (Gable,
2006). Approach goals are associated with seeking positive relational outcomes (e.g.,
enjoyment, closeness), whereas avoidance goals focus on preventing negative experiences
(e.g., conflict, discomfort). Both play an important role in determining the quality and
trajectory of early social interactions.

Participants rated their agreement with each statement on a 5-point Likert scale (1 =
Strongly Disagree to 5 = Strongly Agree). Items reflecting approach goals included, for
example, My goal in the interaction was to be friendly, I wanted to focus on having a good
interaction, and I wanted my interaction partner to feel positive about the interaction. Items
reflecting avoidance goals included, for example, I did not want to make my interaction partner
feel uncomfortable, I wanted to avoid being unfriendly, and I did not want to treat my
interaction partner unfairly. Composite scores were created by averaging across the approach
items and avoidance items separately, such that higher scores reflected stronger endorsement
of approach or avoidance goals, respectively. For the full Approach & Avoidance Goals Scale,
see Appendix 2H.

The average score for approach goals was M = 4.8 (SD = .26), observed range = 4 to

5, skew = -1.2, kurtosis = .98, with internal consistency o = .58. The average score for
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avoidance goals was M = 4.7 (SD = .41), observed range = 3.6 to 5, skew = -.91, kurtosis = -

.10, with internal consistency a = .58.

Correlation Table of Outcomes

To provide a descriptive overview of the interrelations among Study 2 outcomes, we

computed Pearson correlations among all individual-level variables (n=48). These correlations

are reported at the individual level to maximize sample size and yield more stable estimates.

Although this approach does not adjust for non-independence within dyads, Table 12 is

presented for descriptive purposes to illustrate the degree of overlap among constructs.

Table 12

Correlation Table of Study 2 Outcomes

Interaction
Quality
Perceived
Common
Ground
Partner
Interest
Positive
Emotions
Negative
Emotions
Emotional
Similarity
Empathic
Accuracy
Approach
Goals

Avoidance
Goals

Interaction lé?;fgg: Partner Positive Negative Emotional Empathic Approach Avoidance
Quality Ground Interest Emotions Emotions Similarity Accuracy Goals Goals

1.00

0.63%** 1.00

0.71%** 0.49%** 1.00

0.63%** 0.48*** 0.52*** 1.00

-0.19 -0.22 -0.09 -0.13 1.00

0.16 0.29* 0.09 0.03 -0.31%* 1.00

0.18 0.19 0.15 0.09 -0.29* 0.77%** 1.00

0.34% 0.21 0.48*** (.35* -0.04 0.05 0.18 1.00

0.24 0.20 0.30%  0.24 0.16 0.11 0.04 0.69%**  1.00

Note. ***p <001, **p <.01, *p < .05, T, p <.10, ns = not significant.
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STUDY 2
RESULTS

1. Analytic Plan
Analytic Goals

The analytic goals of Study 2 were to examine whether social class similarity predicts
more positive dynamics in the earliest stages of relationship formation. Specifically, our
models were designed to test whether dyads matched on social class background report higher
interaction quality, experience better affective outcomes (emotional similarity, empathic
accuracy, more positive affect, and less negative affect), and endorse more approach-oriented
and fewer avoidance-oriented interpersonal goals during their initial interaction. In this way,
Study 2 extends the Intimacy Process Model (Reis & Shaver, 1988) to the earliest moments of
peer interaction by investigating how structural social class configurations shape the affective,
cognitive, and motivational processes that provide the foundation for potential new
relationships.
Structural Equation Modeling

For Study 2, which involved a laboratory-based interaction task, I again used structural
equation modeling to account for the non-independence inherent in dyadic data (Kenny &
Kashy, 2011). However, this study was substantially underpowered, with a sample size that
limited the feasibility of estimating complex models. Power considerations are especially
critical for SEM, as small samples can yield unstable parameter estimates, convergence
problems, and inflated Type I and Type II error rates (Wolf et al., 2013). Given these
constraints, I restricted analyses to simple models testing direct associations between objective

social class differences and relational outcomes from the initial interaction. Although
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mediation pathways would have been theoretically meaningful, estimating them would require
substantially larger sample sizes to achieve adequate statistical power and trustworthy
estimates (MacCallum et al., 1996). Thus, in line with best practices for SEM in small samples,
the analytic plan for Study 2 prioritized model parsimony and interpretability over complexity
(Wolf et al., 2013).

In line with these constraints, the analytic approach for Study 2 consisted of estimating
two simple models for each relational outcome. Model A tested whether first-generation
college match versus mismatch predicted the outcome, while Model B tested whether the
continuous measure of absolute household income difference predicted the outcome. This dual-
model approach was applied separately to each dependent variable of interest, including
empathic accuracy, perceived interaction quality, approach-avoidance tendencies, and interest
in the partner, among others. The goal of these analyses was not to provide definitive evidence
but rather to offer a descriptive snapshot of how social class differences may manifest in the
very first moments of relationship development. By presenting the results in this systematic
way, the analytic plan prioritizes transparency and consistency across outcomes while
acknowledging the exploratory and underpowered nature of the study.

2. Social Class Difference Predicting Interaction Quality
Interaction Perceptions

Model A tested whether first-generation match versus mismatch predicted interaction
perceptions (where increased interaction perception scores indicate increased perceptions of
interaction quality). Results indicated a marginal negative association, b =-0.27, SE =0.16, p
= .085. Because 0 = mismatch and 1 = match, this result suggests that matched pairs reported

marginally lower interaction quality than mismatched pairs, which is in the opposite direction
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of theoretical expectations. Model B tested whether income difference predicted interaction
quality. Results indicated no significant association, b = -0.01, SE = 0.03, p = .808. Together,
these models provide a descriptive snapshot suggesting that interaction quality was generally
unrelated to social class differences in this small, exploratory sample, with only a weak,
marginal pattern opposite to expectations for first-generation status.
Perceived Common Ground

Model A tested whether college generational match vs. mismatch predicted perceived
common ground. Results indicated a significant negative association, b = -0.31, SE = 0.15, p
= .042, such that matched pairs reported lower perceived common ground than mismatched
pairs. Model B tested whether income difference predicted perceived common ground. Results
indicated no significant association, b = -0.01, SE = 0.03, p = .587. Together, these models
provide a descriptive snapshot suggesting that perceived common ground was somewhat
related to social class differences, specifically with the counterintuitive finding that college
generationally matched pairs reported less common ground than mismatched pairs.
Interest in Partner

Model A tested whether college generational match versus mismatch predicted partner
interest. Results indicated a significant negative association, b = -0.22, SE = 0.09, p = .022,
such that mismatched pairs reported more interest in their partner compared to matched pairs.
Model B tested whether income difference predicted partner interest. Results indicated no
reliable association, b =-0.02, SE = 0.02, p = .193. Together, these models provide a descriptive
snapshot suggesting that partner interest was somewhat related to social class differences,
including a finding that mismatched pairs reported greater levels of interest in their partner

than matched pairs.
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3. Social Class Difference Predicting Affective Outcomes
Positive Emotions Felt

Model A tested whether college generational match vs. mismatch predicted positive
emotions felt during the interaction. Results indicated no reliable association, b = 0.01, SE =
0.15, p = .961. Model B tested whether income difference predicted positive emotions felt.
Results indicated a nonsignificant negative association, b = -0.04, SE = 0.02, p = .135.
Together, these models provide a descriptive snapshot suggesting that participants’ reported
positive emotions were generally unrelated to social class difference.
Negative Emotions Felt

Model A tested whether college generational match vs. mismatch predicted negative
emotions felt during the interaction. Results indicated a marginal positive association, b =0.14,
SE=0.08, p=.061, suggesting that matched pairs reported somewhat higher negative emotions
than mismatched pairs. Model B tested whether income difference predicted negative emotions
felt. Results indicated no significant association, b = 0.01, SE = 0.01, p = .352. Together, these
models provide a descriptive snapshot suggesting that negative emotions were generally
unrelated to social class differences, with only a weak marginal pattern emerging for first-
generation status.
Emotional Similarity

Model A tested whether college generational match vs. mismatch predicted emotional
similarity. Results indicated a significant association with emotional similarity, » = 0.21, SE =
0.08, p = .012. Because the variable was coded for emotional dissimilarity (i.e., higher scores
indicate higher levels of emotional dissimilarity), this coefficient indicates that matched pairs

reported less emotional similarity (i.e., greater dissimilarity) than mismatched pairs. Model B
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tested whether income difference predicted emotional similarity. Results indicated no reliable
association, b = -0.02, SE = 0.01, p = .254. Together, these models provide a descriptive
snapshot suggesting that emotional similarity was somewhat related to social class differences,
where college generationally matched pairs reported lower emotional similarity than
mismatched pairs.
Empathic Accuracy

Model A tested whether first-generation match versus mismatch predicted empathic
accuracy, with higher dependent variable scores indicating greater error (i.e., lower accuracy
in perceiving a partner’s emotions). Results indicated a significant positive association, b =
0.13, SE = 0.06, p = .029, such that matched pairs showed greater error and therefore lower
empathic accuracy compared to mismatched pairs. Model B tested whether income difference
predicted empathic accuracy. Results indicated no reliable association, b <-0.01, SE =0.01, p
= .980. Together, these models provide a descriptive snapshot suggesting that empathic
accuracy was somewhat related to social class differences, where the generationally college
matched pairs demonstrated lower empathic accuracy than mismatched pairs.
4. Social Class Difference Predicting Approach & Avoidance Goals
Approach Goals

Model A tested whether college generational match versus mismatch predicted
approach goals. Results indicated no reliable association, b =-0.01, SE=0.07, p =.917. Model
B tested whether income difference predicted approach motivation. Results similarly indicated
no significant association, b = -0.01, SE = 0.01, p = .514. Together, these models suggest that
approach tendencies toward a new partner were generally unrelated to social class differences.

Avoidance
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Model A tested whether college generational match versus mismatch predicted
avoidance goals. Results indicated no reliable association, b =-0.03, SE=0.12, p=.827. Model
B tested whether income difference predicted avoidance. Results indicated no significant
association, b =0.01, SE = 0.02, p = .572. Together, these models suggest that avoidance goals
during the interaction were generally unrelated to social class differences.

5. Summary of Results

Across models, income difference showed no reliable associations with any of the
outcomes, suggesting that absolute income gaps were unrelated to participants’ interaction
experiences in this small sample. By contrast, first-generation match versus mismatch yielded
several significant or marginal associations, though consistently in the opposite direction of
theoretical expectations. Specifically, matched pairs reported lower interaction quality, less
perceived common ground, less interest in their partner, lower emotional similarity, and
reduced empathic accuracy compared to mismatched pairs. There were also marginal trends
indicating that matched pairs reported somewhat higher negative emotions. Together, these
results suggest that while income difference was unrelated to dyadic processes, first-generation
match sometimes predicted outcomes in unexpected ways, with mismatched dyads showing
more positive indicators of interaction quality. Below, see Table 13 for associations between
generational college match and interaction outcomes, and see Table 14 for associations

between absolute income difference and interaction outcomes.
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Table 13

Associations Between Generational College Match and Interaction Outcomes

Dependent Variable b SE p Direction
Interaction Quality -0.27 0.16 .085 Marginal, opposite
Perceived Common Ground -0.31 0.15 .042%* Significant, opposite
Partner Interest -0.22 0.09 .022%* Significant, opposite
Positive Emotions Felt 0.01 0.15 961 ns

Negative Emotions Felt 0.14 0.08 .061 Marginal, opposite
Emotional Similarity -0.21 0.08 .012* Significant, opposite
Empathic Accuracy (error) 0.13 0.06 .029%* Significant, opposite
Approach Goals -0.01 0.07 917 ns

Avoidance Goals -0.03 0.12 .827 ns

Note. Social class similarity = generational college match (0 = mismatch, 1 = match). Estimates are standardized

coefficients.

Table 14

Associations Between Income Difference and Interaction Outcomes

Dependent Variable b SE p Direction
Interaction Quality -0.01 0.03 .808 ns
Perceived Common Ground -0.01 0.03 .587 ns
Partner Interest -0.02 0.02 193 ns
Positive Emotions Felt -0.04 0.02 135 ns
Negative Emotions Felt 0.01 0.01 352 ns
Emotional Similarity -0.02 0.01 254 ns
Empathic Accuracy (error) <-0.01 0.01 .980 ns
Approach Goals -0.01 0.01 514 ns
Avoidance Goals 0.01 0.02 572 ns

Note. Social class similarity = absolute difference in household income between roommates (higher scores

indicate /ess social class similarity). Estimates are standardized coefficients.

6. Exploratory Test of First-Generation vs. Continuing Generation Participants

Rationale

Study 2 revealed that dyads matched on college generation background reported less

favorable outcomes than mismatched dyads. However, the matched condition included both
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first-generation/first-generation dyads and continuing-generation/continuing-generation
dyads, with the latter being much more common (3 first-generation vs. 9 continuing-generation
dyads). This raised the possibility that the observed effects were driven primarily by
differences between continuing-generation and first-generation students, rather than by the
match versus mismatch structure itself. To probe this possibility, we compared outcomes
between first-generation and continuing-generation students directly. These analyses were
conducted first at the dyadic level, followed by individual-level analyses.
Dyadic Level Analytic Approach

We conducted a series of unpaired t-tests at the dyadic level, comparing the two first-
generation match dyads against the nine continuing-generation match dyads. Equal variances
were assumed, although results were largely unchanged when this assumption was relaxed (the
only exception was empathic accuracy, which reached significance under unequal variance
assumptions, such that first-generation-matched pairs had higher levels of empathic accuracy
than continuing-generation-matched pairs, but not when variances were constrained to be
equal).
Dyadic Level Results

Across all outcomes, no significant differences emerged between first-generation
match and continuing-generation match dyads. Interaction quality did not differ between
groups, t(9) = 0.39, p = .71. Perceived common ground, partner interest, and approach goals
also showed no reliable differences (all ps > .72). Emotional outcomes were also
nonsignificant: positive emotions, t(9) =-0.98, p = .35; negative emotions, t(9) = 0.79, p = .45;
and emotional similarity, t(9) = -1.01, p = .34; empathic accuracy, t(9) = 1.60, p = .14;

avoidance goals, t(9) = 1.27, p = .24.
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Dyadic Level Summary

Overall, these dyadic-level comparisons indicate that the less favorable outcomes
associated with first-generation match in Study 2 were not accounted for by systematic
differences between first-generation match dyads and continuing-generation match dyads.
Given the very small number of first-generation match dyads (n=3), power to detect
meaningful differences was limited. In the next step, we examine this question at the individual
level, comparing first-generation and continuing-generation students directly across outcome
variables.
Analytic Approach

We next conducted a series of unpaired t-tests at the individual level, comparing first-
generation students (n = 17) to continuing-generation students (n=31) across the same outcome
variables. Because of the larger sample size, we did not constrain equal variances across
groups; instead, Welch’s unequal-variance t-tests were used. Results were unchanged when
equal variances were assumed, indicating that conclusions did not depend on this specification.
Results

Consistent with the dyadic-level analyses, none of the comparisons between first-
generation and continuing-generation students reached significance. Interaction quality did not
differ between groups, t(29.2) = 0.51, p = .61. Perceived common ground was marginally
higher among first-generation students, but the difference was not significant, t(31.1) = 1.54,
p = .13. Partner interest, positive emotions, and negative emotions all showed negligible group
differences (all ps > .56). Emotional similarity was not significant, t(30.4) = -0.45, p = .65, as

well as empathic accuracy, t(24.9) = 1.01, p = .32. Finally, approach and avoidance goals did
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not differ meaningfully between groups, t(29.8) = 0.52, p = .60 and t(33.9) = 1.01, p = .32,
respectively.
Summary

At the individual level, first-generation and continuing-generation students did not
differ significantly on any of the measured outcomes. Taken together with the dyadic-level
analyses, these results suggest that the unexpected mismatch advantage observed in Study 2
cannot be attributed to systematic differences between first-generation and continuing-
generation students.

7. Study 2 Discussion

In Study 2, several significant associations emerged across analyses, though most were
in the opposite direction of initial hypotheses. Specifically, college generational match (vs.
mismatch) significantly predicted lower empathic accuracy, lower perceived common ground,
lower partner interest, marginally lower interaction quality, and marginally more negative
affect, with matched pairs consistently reporting worse outcomes than mismatched pairs. In
contrast, income difference was not significantly associated with any of the relational outcomes
examined. Thus, the results suggest a counterintuitive pattern in which first-generation
mismatch, rather than match, was associated with more favorable initial interaction
experiences, at least in the context of an experimental setting.

Because the “match” condition combined both first-generation/first-generation dyads
and continuing-generation/continuing-generation dyads (and the latter was far more common),
we probed whether the surprising effects were driven by underlying differences between first-
generation and continuing-generation students rather than by match per se. At the dyadic level,

unpaired t-tests comparing first-generation-match dyads to continuing-generation-match dyads
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showed no significant group differences across outcomes. At the individual level, Welch t-tests
comparing first-generation vs. continuing-generation students also yielded no significant
differences on any outcome (all ps >.13). Together, these follow-ups indicate that the mismatch
advantage observed in Study 2 is not explained by differences between first-generation and
continuing-generation participants.

One plausible explanation for these unexpected findings relates to the methodological
salience of class status in the laboratory setting. Because participants’ first-generation status
was explicitly revealed in the Getting to Know You questionnaire, this difference may have
been unusually salient, prompting compensatory behaviors in mismatched partners. In
intergroup contexts, individuals often engage in impression-management strategies designed
to appear open-minded, avoid prejudice, and maintain smooth interactions (Ickes et al., 1982;
Philips & Olson, 2014). Thus, mismatched pairs may have been motivated to exert greater
effort and positivity, while matched pairs lacked the same situational pressure to manage
impressions. This mismatch advantage observed in Study 2 may represent a short-term result
of class salience in a controlled laboratory interaction rather than a durable relational benefit.

Although several results reached statistical significance, they should be interpreted
with caution given the extremely small sample size of Study 2. Small samples can yield
unstable estimates and increase the likelihood of spurious findings, making firm conclusions
difficult (Maxwell, 2004; Wolf et al., 2013). In addition, the brief Zoom interaction introduced
artificial constraints that differ from face-to-face encounters, and the direct disclosure of first-
generation status may limit generalizability to more organic initial meetings.

Methodologically, the null associations for income difference suggest that absolute

household income gaps did not shape momentary interaction dynamics in this study’s context,
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whereas the counterintuitive match effects appear sensitive to the salience of class cues at first
meeting. Substantively, the pattern is consistent with the possibility that when potentially
sensitive differences are highlighted, partners sometimes display compensatory responsiveness
in early interactions (Ickes et al., 1982; Philips & Olson, 2014). Future research should
replicate with larger samples, vary the salience of class cues experimentally, and examine
whether any mismatch advantages persist beyond initial encounters. When possible, designs
that track dyads longitudinally can more directly test whether early compensatory behaviors
translate into ongoing relational processes.

Furthermore, beyond sample size and design constraints, several additional
considerations warrant attention. Because the study was restricted to gender-matched dyads
and analyzed at the dyadic level, findings may not generalize to mixed-gender interactions or
to group contexts where social dynamics are more complex. Future research should recruit
larger and more diverse samples and incorporate more fine-grained analyses of the interaction
itself. Coding video data for indicators such as dominance, responsiveness, attunement, and
synchrony could illuminate the micro-level processes that distinguish matched from
mismatched pairs. Similarly, examining patterns of self-disclosure across conditions could
clarify whether perceived differences shape how openly partners share information, which in
turn may influence perceptions of similarity and responsiveness. Integrating these behavioral
indicators with self-report outcomes would provide a richer account of how social class

differences and perceptions affect early interaction processes.

106



Chapter V
DISCUSSION

A. Summarizing Results

Study 1 provided partial support for the proposed mediation framework linking
objective social class similarity to roommate relationship quality through perceptions of
similarity. Across multiple models, larger income differences and generational college
mismatch were associated with lower perceived financial similarity, which in turn predicted
lower perceived interpersonal similarity and ultimately reduced relationship quality. These
sequential indirect pathways were robust in actor-only models and remained when race match
was included as a covariate, suggesting that the effects of class dissimilarity on relationship
quality operate primarily through perceptions of similarity rather than through social class-
racial demographic overlap. Partner-effects models indicated that one roommate’s perceptions
of similarity predicted their own relationship quality more strongly than their partner’s, with
insignificant cross-partner effects. Analyses of behavioral outcomes further suggested that
perceptions of similarity were linked to more observed positive affective tone and comfort
during interactions. In contrast, synchrony did not show consistent associations with class
similarity. Taken together, the results indicate that social class differences undermine the
development of high-quality roommate relationships primarily by reducing perceived
similarity.

In Study 2, several significant associations emerged across analyses, though most were
in the opposite direction of initial hypotheses. Specifically, college generational match (vs.
mismatch) significantly predicted lower empathic accuracy, lower perceived common ground,

lower partner interest, marginally lower interaction quality, and marginally more negative
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affect, with matched pairs consistently reporting worse outcomes than mismatched pairs. In
contrast, income difference was not significantly associated with any of the relational outcomes
examined. Thus, the results suggest a counterintuitive pattern in which first-generation
mismatch, rather than match, was associated with more favorable initial interaction
experiences, at least in the context of an experimental setting. Although several results reached
statistical significance, they should be interpreted with considerable caution given the
extremely small sample size of Study 2. Small samples can yield unstable estimates and
increase the likelihood of spurious findings, making firm conclusions difficult (Maxwell,
2004).

Together, these two studies provide complementary but contrasting perspectives on
how social class similarity shapes relationship processes. In the field context of Study 1, where
roommates interacted over time in real living arrangements, class similarity consistently
predicted higher relationship quality through perceptions of financial and non-financial
similarity. These findings suggest that when relationships unfold across repeated interactions,
structural differences in class background erode perceived similarity and undermine closeness.
By contrast, in the laboratory setting of Study 2, where students engaged in a brief, structured
first-time interaction, the opposite pattern emerged: mismatched pairs often reported more
favorable outcomes than matched pairs, including greater empathic accuracy, common ground,
and positive engagement. Although these results must be interpreted cautiously given the small
sample, they align with the possibility that initial interactions in which differences are made
salient can elicit compensatory impression-management behaviors, leading to short-term
boosts in positivity that do not necessarily translate into deeper alignment. Thus, across studies,

a nuanced picture emerges: social class similarity appears to promote sustained relationship

108



quality in naturalistic contexts, but in the very first moments of connection, class dissimilarity
may sometimes prompt socially desirable efforts.

B. Interpretation & Theoretical Implications

Importance of Perceptions

A central theme across the dissertation is that subjective perceptions, especially
perceived financial and non-financial similarity, operate as proximal drivers of relational
outcomes. Actor-only effects® were consistently stronger than partner effects, indicating that
how people construe similarity primarily shapes their own evaluations of the relationship
rather than reliably altering their partner’s experience. Importantly, we did not observe robust
direct effects from objective social class to relationship quality, reinforcing the idea that
structural differences influence relationships largely through psychological appraisals. Taken
together, these findings highlight the importance of perceived similarity as a proximal
psychological process linking structural social class differences to longer-term relationship
development.

By contrast, Study 2 yielded a counterintuitive pattern in which first-generation
mismatch, rather than match, was associated with more favorable outcomes, including higher
empathic accuracy and greater common ground. One plausible explanation for these
unexpected findings relates to the methodological salience of class status in the laboratory
setting. Because participants’ first-generation status was explicitly revealed in the “Getting to
Know You” questionnaire, this difference may have been unusually salient, prompting

compensatory behaviors toward mismatched partners. In intergroup contexts, individuals often

3 This attenuation of actor-level effects once partner pathways were added likely reflects the redistribution of

predictive variance across the model, reducing power to detect effects (Kenny & Kashy, 2011; Ledermann &
Kenny, 2012).
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engage in impression-management strategies designed to appear open-minded, avoid
prejudice, and maintain smooth interactions (Cambon et al., 2015). Thus, mismatched pairs
may have been motivated to exert greater effort and positivity, while matched pairs lacked the
same situational pressure to manage impressions. Importantly, this explanation aligns with the
Intimacy Process Model, in that responsiveness cues may be situationally driven: when a
potentially sensitive difference is highlighted, partners may overcompensate with socially
desirable signals of responsiveness, even if these do not reflect deeper interpersonal alignment
(Ickes et al., 1982; Philips & Olson, 2014). This mismatch advantage observed in Study 2 may
represent a short-term artifact of class salience in a controlled laboratory interaction rather than
a durable relational benefit.

This unexpected mismatch advantage observed in Study 2 also underscores the
centrality of perceptual psychological processes in shaping early interactions. These responses
highlight that it was not necessarily objective class background that drove outcomes, but rather
how individuals perceived and responded to those differences in the moment. In other words,
perceptions of social cues, and the psychological motivations they trigger, played a more
decisive role in shaping interaction quality than objective indicators of class. This suggests that
even in brief, initial encounters, subjective perceptions can outweigh the influence of objective
social class, though such effects are likely context-bound and short-lived rather than enduring
relational advantages.

Taken together, the two studies suggest that the role of social class similarity in
relationship development may shift across stages of interaction, with perceptions playing a
central role in shaping outcomes. In the field context of Study 1, where roommates engaged in

sustained, naturalistic relationships, structural similarity promoted relationship quality largely
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by enhancing perceived similarity, while dissimilarity undermined it. In contrast, the laboratory
design of Study 2 captured only the first moments of connection, where mismatch appeared to
elicit compensatory impression-management behaviors that temporarily enhanced perceptions
of engagement and alignment. These findings suggest that it is not objective background alone,
but how individuals perceive and respond to differences, that organizes relationship processes.
Thus, while similarity appears to matter most for sustaining high-quality relationships over
time, dissimilarity may sometimes foster short-term displays of responsiveness in initial
encounters. Together, these findings contribute to a more nuanced sociocultural model of class-
based relationship development, in which the influence of similarity versus dissimilarity
depends not only on structural factors but also on the psychological perceptions partners form
and the situational salience of class differences.
C. Limitations and Future Directions

A major strength of Study 1 was its ecological validity: by leveraging randomly
assigned first-year roommate pairs, the design captured naturally occurring relationships as
they unfolded in real life. This strengthens confidence that the observed associations between
class similarity, perceived similarity, and relationship quality reflect meaningful social
processes rather than artificial laboratory artifacts. At the same time, several limitations merit
consideration. First, reliance on self-report measures raises the possibility of subjective bias,
although the inclusion of behavioral coding offered some triangulation. Second, unmeasured
covariates could still have influenced both perceptions of similarity and relationship outcomes.
Third, while actor-level mediation effects were robust, partner-effects models were less stable,
with some hypothesized pathways attenuating once interdependence was fully modeled. This

pattern highlights the challenges of detecting partner effects in dyadic SEM without very large
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samples (Kenny & Kashy, 2011; Ledermann & Kenny, 2012). Fourth, the sample was biased
toward relatively high-quality relationships: because participation required both roommates to
coordinate and voluntarily take part together, dyads with poor relationship quality were less
likely to participate. This self-selection process contributed to a truncated distribution of
relationship quality, clustering toward the higher end of the scale. Fifth, the household income
variable was not binned in an ideal way. A disproportionate number of participants selected the
top categories, creating a skew toward higher-income families and limiting the precision of
absolute income-difference scores. In addition, the absolute difference measure itself showed
limited variability, with most dyads clustered at differences of 0—1. These measurement issues
may have attenuated the strength of observed associations with income dissimilarity. Finally,
because data were collected only once, causal direction could not be established. Our
exploratory flipped-order test indicated that a model in which relationship quality predicted
perceived similarity fit more poorly than our proposed conceptual ordering, but longitudinal
data will be needed to more definitively test reciprocal influences.

The experimental design of Study 2 allowed for precise measurement of micro-level
interaction processes in a controlled environment. However, the study was severely
underpowered, with a sample size too small to draw firm conclusions. The “Getting to Know
You” questionnaire also directly disclosed participants’ first-generation status, making social
class salient in ways that may have shaped impression-management behaviors and limited
generalizability to more organic first encounters. Additionally, the use of a brief Zoom
interaction, while practical during COVID-19, introduced artificial constraints that differ from
face-to-face social interactions. The design also restricted dyads to gender-matched pairs,

which may not reflect the full range of interactions students encounter in real life. Future work
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should replicate these analyses with larger samples, consider alternative designs that vary the
salience of class cues, and code behavioral data from initial interactions to capture responsive
cues beyond self-report.

Across both studies, several broader methodological considerations apply. Both studies
treated the dyad as the unit of analysis, which provided analytic clarity but limited scope. Social
life often unfolds in groups and networks rather than in isolated dyads. Focusing exclusively
on dyads may therefore limit generalizability to more complex social settings where class
differences are negotiated in multi-person interactions. More broadly, the use of UCSB
undergraduates limits generalizability given the relatively selective and high-resource
institutional context. Although race was included as a covariate in some models, power
constraints prevented a full examination of how class and race intersect to shape relational
outcomes. Finally, we were limited in probing potential asymmetries in power dynamics, for
example, how relationship quality might differ when one partner comes from a substantially
higher-social class background than the other.

Taken together, these limitations point to several promising future directions.
Longitudinal designs are essential for testing causal directionality between perceived similarity
and relationship quality. Multi-method approaches that include behavioral coding,
physiological measures, and self-report would help triangulate processes. Larger samples
would allow for more reliable estimation of partner effects and tests of moderation by relative
status differences within dyads (e.g., higher- vs. lower-social class partner dynamics).
Expanding beyond dyads, future research should examine how class-based similarity and
perceptions operate in larger social groups and networks. Study 2 highlights the need for

designs that vary the salience of class cues at initial meeting and assess whether short-term
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compensatory behaviors translate into sustained relational benefits. Finally, future work should
recruit more diverse samples across institutional contexts, incorporate intersectional analyses
of class with race and gender, and develop interventions that directly target perception, such as
structured opportunities for self-disclosure, perspective-taking, or common-ground building,
as potential tools to mitigate the challenges posed by structural class differences.

D. Practical & Broader Implications

The findings from these studies have several practical and theoretical implications. For
higher education contexts, the results underscore the importance of attending to social class
dynamics in roommate assignments and student support initiatives. Although random
roommate assignment offers many advantages, institutions may wish to consider how class
similarity or dissimilarity shapes students’ adjustment and relationship quality, particularly for
first-generation students. Importantly, because the most proximal predictors of relationship
quality were perceptions of similarity, institutions and programs need not view structural
dissimilarity as an insurmountable barrier. Instead, interventions that deliberately foster
perceptions of commonality and shared experience may help bridge divides. Embedding such
opportunities into orientation programs or residence hall activities could help students from
diverse backgrounds perceive more common ground, thereby buffering the challenges posed
by structural differences.

More broadly, the results also speak to intergroup relations that extend beyond
university roommate contexts. Study 2 suggests that the situational salience of class differences
can elicit compensatory behaviors that enhance responsiveness and positivity in initial
interactions, at least temporarily. While these impression-management strategies may not

substitute for the deeper alignment necessary to sustain long-term relationships, they illustrate
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that people are motivated to manage differences when they are salient. The broader implication
is hopeful: if perceptions drive responsiveness more than objective background alone, then
thoughtfully designed contexts and interventions can create conditions in which cross-class
relationships flourish.

Finally, these studies contribute to broader psychological theory by demonstrating that
social class has implications for how relationships are formed and maintained. Class
differences do not merely shape access to resources; they also shape expectations, perceptions,
and interpersonal processes central to intimacy and trust. By documenting both the sustained
importance of perceived similarity in naturalistic roommate relationships and the situationally
contingent effects of mismatch in initial encounters, this work highlights the complex but
malleable ways in which social class affects and organizes the perceptions that affect
interactions and relationships. The results suggest that friendships can indeed be made across
class divides when contexts encourage shared perceptions, providing a foundation for
interventions that empower people to connect despite structural inequalities.

E. Conclusion

Together, these studies show that across contexts, class similarity and dissimilarity
influenced how students perceived one another, how aligned they felt in their relationships,
and ultimately how much quality and closeness they reported. Study 1 showed that class
similarity supports sustained relationship quality over time by fostering perceptions of both
financial and interpersonal similarity, while Study 2 suggested that in initial encounters, class
mismatch may sometimes prompt compensatory efforts that temporarily enhance

responsiveness and engagement. This nuanced pattern highlights that the influence of class is
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not uniform but shifts depending on the relational stage and the situational salience of
differences.

The central takeaway is that understanding how class similarity and dissimilarity shape
both immediate impressions and long-term relational outcomes is essential for explaining how
close relationships form and develop. By treating social class not only as a structural variable
but also as a cultural orientation, this work highlights the complex ways in which background
and perception jointly organize relationship processes. Attending to these dynamics deepens
our understanding of when and how new connections form, and offers a framework for future
research on the conditions that allow cross-class interactions to evolve into enduring, high-

quality relationships.
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APPENDIX 1
STUDY 1

Appendix 1A. Self-Disclosure Willingness Scale

Participants were presented with the following instruction: “Please indicate which personal
topics you have shared or would share with your roommate. Select all that apply.”

Responses were binary (0 = not selected, 1 = selected). The full list of disclosure topics is
shown below:

1. My political views

2. My religious views

3. My family’s educational background

4. My family’s current financial situation

5. Where my family has traveled/vacationed

6. My social fears

7. The parts of my personality that I dislike

8. My ambitions and goals

9. My academic achievements

10. My academic struggles

11. My romantic interests

12. My romantic relationships

13. If I was annoyed with one of my friends who my roommate doesn’t know
14. If I was annoyed with a mutual friend that my roommate and I share
15. Gossip about mutual acquaintance

16. My eating out habits

17. My spending habits
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Appendix 1B. Perceived Similarity Scale

Participants were presented with the following instruction:

“To what extent do you believe that your roommate is similar to you in the following areas?”

Responses were made on a 4-point Likert scale:

1 = Not at all similar, 2 = A little similar, 3 = Moderately similar, 4 = Very similar

The full list of items is shown below:

1.

10.

The degree to which you feel that your roommate is similar to you on level of
sociability

The degree to which you feel that your roommate is similar to you on level of
ambition and dedication in pursuing academic goals

The degree to which you feel that your roommate is similar to you on political
attitudes

The degree to which you feel that your roommate is similar to you on moral and
religious attitudes

The degree to which you feel that your roommate is similar to you in music
preference

The degree to which you feel that your roommate is similar to you in what you like
to do for fun

The degree to which you feel that your roommate is similar to you in your financial
situations

The degree to which you feel that your roommate is similar to you in your spending
habits

The degree to which you feel that your roommate is similar to you in the
neighborhoods where you grew up

The degree to which you feel that your roommate is similar to you in your
travel/vacation experiences
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Appendix 1C. Perceived Similarity Scale Confirmatory Factor Analysis

This appendix presents the standardized factor loadings and standard errors from a
confirmatory factor analysis (CFA) of the Perceived Similarity Scale, conducted to test the
hypothesized two-factor structure reflecting financial and non-financial similarity domains.

Model Fit Indices:
v*(34) =102.86, p <.001
CFI = .88, TLI = .85, RMSEA = .088

All items loaded significantly on their intended factors, supporting the conceptual distinction
between financial and non-financial perceived similarity.

Item (Prompt Abbreviated) Factor Standardized Loading SE
Similarity in financial situations (Item 7) Financial Similarity 1.00 -
Similarity in spending habits (Item 8) Financial Similarity 0.66 0.09
Similarity in neighborhood where you grew up (Item 9) Financial Similarity 1.01 0.11
Similarity in travel/vacation experiences (Item 10) Financial Similarity 0.90 0.10
Similarity in level of sociability (Item 1) Non-Financial Similarity 1.00 -
Similarity in academic ambition and dedication (Item 2) Non-Financial Similarity 0.80 0.12
Similarity in political attitudes (Item 3) Non-Financial Similarity 0.82 0.12
Similarity in moral and religious attitudes (Item 4) Non-Financial Similarity 0.86 0.13
Similarity in music preference (Item 5) Non-Financial Similarity 0.72 0.12
Similarity in what you like to do for fun (Item 6) Non-Financial Similarity 1.00 0.14
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Appendix 1D. Modified Quality of Relationships Inventory (QRI)

Participants were presented with the following instruction:

“Select the item that best describes your relationship with your roommate.’

)

Responses were made on a 5-point Likert scale:
1 = Not at all, 2 = A little, 3 = Moderately, 4 = Quite a bit, 5 = Very much

Items marked with an asterisk (*) were reverse-coded so that higher scores reflected greater
relationship quality.

I.
2.

10.

How often do you need to work to avoid conflict with your roommate?*
To what extent can you count on your roommate to help with a problem?
How upset does your roommate sometimes make you feel?*

How much does your roommate make you feel guilty?*

How significant is your roommate in your life?

To what extent can you count on your roommate to listen to you when you are very
angry with someone else?

How angry does your roommate make you feel?*

To what extent can you really count on your roommate to distract you from your
worries when you feel under stress?

How likely would you be to ask your roommate to watch a movie with you?

How likely would you be to bring your roommate along to a party you were invited
to?
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Appendix 1E. Behavioral Coding Scheme

Appendix 1E.1 Affective Tone Coding Scheme

Affective tone was coded to capture the overall emotional atmosphere or feeling conveyed in
each dyadic interaction, regardless of the specific conversational content. The goal of this
code was to assess how emotionally positive or negative the interaction felf (e.g., whether it
seemed warm, tense, friendly, strained, or neutral).

Coders were instructed to focus on the emotional quality of the interaction, not the actual
content of what was being said. They were told: “7ry not to code the actual content of what
they're saying here, but rather the way in which they 're talking about things. That is, think
about the feeling of the way they are speaking to each other now, rather than the
conversation content.”

This code was rated on a 5-point Likert scale from 1 (negative tone) to 5 (positive tone).
Ratings were made independently for each partner and then averaged to create a single
affective tone score for the interaction. See the table below for coding anchors and
descriptions.

Code Description
1 negative: somewhat cold, emotionally flat, distant, awkward, or disengaged
2 neutral: polite but reserved, minimal warmth or emotional expression

moderately positive: some friendliness or light emotion, but unclear if it reflects genuine connection or

3 . . . . .
social politeness (e.g., a few smiles, some soft vocal tone, but limited enthusiasm)

4 positive: noticeably positive or good-humored tone at least part of the time (e.g., clear warmth, laughing,
playfulness, or relaxed rapport, but not sustained throughout)

5 very positive: warm, affectionate, or joyful tone across most or all of the interaction; includes frequent

laughter, giggling, easy rapport, and emotionally expressive delivery
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Appendix 1E.2 Comfort Coding Scheme

Comfort was coded to capture how behaviorally at ease participants appeared with one
another during the dyadic interaction. This code reflected the overall sense of comfort,
fluidity, and relaxation evident in the interaction—regardless of the specific conversational
content. The goal of this code was to assess how naturally or easily the interaction unfolded,
based on tone, body language, and conversational dynamics.

Coders were instructed to base their ratings on observable behavioral ease rather than the
content of the conversation. They were told: “Focus on how comfortable the interaction
appears to be. Is the conversation flowing easily or does it feel effortful? Do the participants
seem relaxed or stiff in how they 're engaging with each other?”

This code was rated on a 5-point Likert scale from 1 (low comfort) to 5 (high comfortable).
Ratings were made independently for each partner and then averaged to create a single
composite comfort score for the interaction. See the table below for coding anchors and
descriptions.

Code Description

low comfort: interaction felt stiff or effortful; participants showed little ease or engagement, with

1 prolonged silences, rigid posture, or other signs of discomfort (though not necessarily nervous or
distressed)

5 somewhat low comfort: some mild awkwardness, tension, or formality was evident; interaction showed
hesitations or lack of ease, but also some attempts at connection

3 moderate comfort: interaction felt neutral or mixed—neither especially smooth nor awkward;
participants seemed reasonably at ease, but without clear signs of warmth or flow

4 high comfort: participants appeared generally relaxed and conversational; interaction included moderate
ease, informal tone, or signs of casual rapport

5 very high comfort: interaction was marked by warmth, fluidity, and mutual engagement; participants

seemed genuinely at ease, with spontaneous conversation and visible comfort throughout
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Appendix 1E.3. Dyadic Synchrony Coding Scheme

To assess nonverbal coordination between roommates during the interaction, we coded three
distinct forms of synchrony: sitting synchrony, speech synchrony, and movement
synchrony. Each was coded on a 3-point Likert scale where 1 = low synchrony, 2 = medium
synchrony, and 3 = high synchrony. Ratings were based on coders’ holistic impressions of
each behavioral domain and were made independently for each partner. Scores were then
averaged to create composite synchrony scores. Descriptions and anchors for each code are
provided below.

Sitting Synchrony:

Code  Description

low sitting synchrony: roommates displayed noticeably different postures, body language, or ways of sitting
(e.g., one roommate was stiff and closed off, the other leaned back and appeared relaxed).

medium sitting synchrony: roommates showed some similarities and some differences in posture or body
language (e.g., both sitting upright but one more tense or formal than the other).

3 high sitting synchrony: roommates sat in visibly similar positions and postures (e.g., both with relaxed
posture, similar leg placement, or body orientation).

Speech Synchrony:

Code  Description

low speech synchrony: little conversational flow; one person may have dominated or interrupted, or the
conversation felt disjointed.

medium speech synchrony: some signs of reciprocal rthythm in conversation, with occasional overlap or turn-
taking, but not fully fluid.

3 high speech synchrony: smooth, coordinated dialogue with balanced turn-taking, matched pacing, and
natural conversational flow.

Movement Synchrony:

Code  Description

low movement synchrony: roommates’ physical movements (e.g., gestures, posture shifts) appeared
disconnected or mismatched.

medium movement synchrony: some moments of mirrored or responsive movement, but inconsistently or
infrequently.

3 high movement synchrony: frequent and fluid coordination in physical movement, such as mirroring
gestures or simultaneous posture changes.
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Appendix 1F. Income Difference Predicting Relationship Quality - Model C (with
RaceMatch Covariate) Full Report

Model Fit. The mediation model including the race-match covariate fit the data well,
*(20) =22.54, p=.312, CFI =.993, TLI = .989, RMSEA = .031, AIC = 31.66, BIC = 77.66.

Direct Effects. Objective SES difference significantly and negatively predicted
perceived financial similarity (B = -.094, SE = .017, p <.001). Perceived financial similarity
significantly predicted perceived non-financial similarity (f = .307, SE =.046, p <.001), and
perceived non-financial similarity significantly predicted relationship quality (B =.569, SE =
.056, p <.001). The direct path from perceived financial similarity to relationship quality was
not significant (B =.021, SE =.045, p =.639).

Indirect Effects. The sequential indirect effect from objective SES difference to
perceived financial similarity, to perceived non-financial similarity, and then to relationship
quality was significant (f =-.0163, 95% CI [-.0263, -.0079]). The indirect effect from objective
SES difference to relationship quality via perceived financial similarity alone was not
significant (B = -.0020, 95% CI [-.0110, .0058]). The total indirect effect, combining both
pathways, was significant (f = -.0183, 95% CI [-.0319, -.0070]). These results indicate that
larger objective SES differences were associated with lower perceived financial similarity,
which in turn was linked to lower perceived non-financial similarity and ultimately lower
relationship quality.

Covariates. RaceMatch significantly predicted perceived financial similarity (B =.249,
SE =.106, p =.019), indicating that same-race roommates reported higher financial similarity.
RaceMatch did not significantly predict perceived non-financial similarity (B = .068, SE =
.087, p = .434) or relationship quality (f =-.078, SE = .068, p = .253). Including RaceMatch

did not meaningfully change the mediation results from Model B.
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Summary. In line with predictions, the results again suggest that socioeconomic
differences affect relationship quality indirectly through perceived similarity processes.
Adding RaceMatch as a covariate did not alter the main pattern of effects but revealed that
same-race pairs perceived greater financial similarity. This finding supports the robustness of
the proposed mediation model and highlights the role of demographic similarity in shaping

financial similarity perceptions.
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Appendix 1G. Generational College Match Predicting Relationship Quality - Model C
(with RaceMatch Covariate) Full Report

Model Fit. The mediation model including the race-match covariate fit the data well,
v*(20) =25.23, p=.193, CFI = .984, TLI = .976, RMSEA = .045, AIC =31.61, BIC = 77.62.

Direct Effects. First-generation college match (0 = mismatch, 1 = match) significantly
and positively perceived financial similarity (B =.355, SE =.126, p=.005). Perceived financial
similarity significantly predicted perceived non-financial similarity (f = .307, SE = .046, p <
.001), and perceived non-financial similarity significantly predicted relationship quality (f =
568, SE = .056, p < .001). The direct path from perceived financial similarity to relationship
quality was not significant (f =.021, SE =.045, p =.637).

Indirect Effects. The sequential indirect effect from first-generation match to
perceived financial similarity, to perceived non-financial similarity, and then to relationship
quality was significant (f = -.062, 95% CI [-.118, -.016]). The indirect effect from first-
generation match to relationship quality via perceived financial similarity alone was not
significant (B = -.007, 95% CI [-.047, .023]). The total indirect effect, combining both
pathways, was significant (f = -.069, 95% CI [-.144, -.016]). These results indicate that first-
generation mismatch was associated with lower perceived financial similarity, which in turn
was linked to lower perceived non-financial similarity and ultimately lower relationship
quality.

Covariates. RaceMatch significantly predicted perceived financial similarity (f =.239,
SE =.115, p = .038), indicating that same-race roommates reported higher financial similarity.
RaceMatch did not significantly predict perceived non-financial similarity (B = .068, SE =
.087, p = .434) or relationship quality (f =-.078, SE = .068, p = .253). Including RaceMatch

did not meaningfully change the mediation results from Model B.
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Summary. As with Model B, the results suggest that first-generation match status
affects relationship quality indirectly through perceived similarity processes. Adding
RaceMatch as a covariate did not alter the main pattern of effects but revealed that same-race
pairs perceived greater financial similarity. This finding supports the robustness of the
proposed mediation model and highlights the role of demographic similarity in shaping

financial similarity perceptions.
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Appendix 1H. Generational College Match Predicting Affective Tone - Model C (with
RaceMatch Covariate) Full Report

Model Fit. The mediation model including the race-match covariate fit the data well,
v*(13) =13.87, p=.383, CFI =.989, TLI = .981, RMSEA = .033, AIC =29.57, BIC = 61.95.

Direct Effects. First-generation match (0 = mismatch, 1 = match) significantly
positively predicted perceived financial similarity (B = .137, SE = .060, p = .022). Perceived
financial similarity, in turn, significantly predicted perceived non-financial similarity (f =.274,
SE =.061, p <.001), and perceived non-financial similarity significantly predicted affective
tone (B = .289, SE = .134, p = .032). The direct path from perceived financial similarity to
affective tone was not significant (B =-.017, SE =.126, p = .874), and the direct effect of first-
generation match on affective tone was also not significant (f = .133, SE = .267, p = .617).
RaceMatch significantly positively predicted perceived financial similarity (B = .131, SE =
.056, p = .018), but did not significantly predict perceived non-financial similarity (B = .010,
SE =.112, p = .882) or affective tone (B =.165, SE =.314, p = .491).

Indirect Effects. The sequential indirect effect from first-generation match —
perceived financial similarity — perceived non-financial similarity — affective tone was
significant (f = .059, 95% CI [.002, .222]). Neither the indirect effect via financial similarity
alone (f = -.007, 95% CI [-.236, .213]) nor the total indirect effect (B =.077, 95% CI [-.137,
.299]) reached significance.

Covariates. RaceMatch was associated with higher perceived financial similarity, but
it did not significantly predict perceived non-financial similarity or affective tone. Including
RaceMatch as a covariate did not meaningfully alter the mediation pattern observed in Model

B.
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Summary. In line with predictions, first-generation match was associated with higher
perceived financial similarity, which in turn predicted greater perceived non-financial
similarity, which then predicted more positive affective tone. The sequential indirect effect of
this pathway was significant, suggesting that similarity perceptions may partially explain why
matched dyads show more positive affective dynamics. The inclusion of RaceMatch did not

change the main results, underscoring the robustness of the hypothesized process.
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Appendix 11. Income Difference Predicting Relationship Quality - Model C (with
RaceMatch Covariate) Full Report

Model Fit. The mediation model including the race-match covariate fit the data well,
v*(14) =9.84, p=.774, CF1=1.00, TLI = 1.00, RMSEA = .000.

Direct Effects. Income difference significantly and negatively predicted perceived
financial similarity (B =-.097, SE = .023, p <.001). Perceived financial similarity significantly
predicted perceived non-financial similarity ( =.276, SE =.056, p <.001), and perceived non-
financial similarity significantly predicted comfort (f = .280, SE = .139, p =.044). The direct
path from perceived financial similarity to comfort was not significant (f = .086, SE =.104, p
=.409). RaceMatch did not significantly predict perceived financial similarity (f =.204, SE =
139, p = .143), perceived non-financial similarity (f =-.057, SE =.108, p = .600), or comfort
(B=.151, SE = .265, p = .568).

Indirect Effects. The sequential indirect effect from objective SES difference to
perceived financial similarity, to perceived non-financial similarity, and then to comfort was
just barely not significant (p = -.020, 95% CI [-.040, 0.0003]) - we can interpret these results
as marginal. The indirect effect from objective SES difference to comfort via perceived
financial similarity alone was also not significant (f = -.018, 95% CI [-.060, .026]). The total
indirect effect, combining both pathways, was not significant (f =-.037, 95% CI [-.075, .004]).
Although the chain path was close to significance, the confidence interval narrowly included
zero, indicating that the pattern is suggestive but not statistically reliable in this sample.

Covariates. RaceMatch did not significantly predict any mediator or the outcome, and
including RaceMatch as a covariate did not meaningfully change the mediation results from

Model B.
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Summary. In line with predictions, larger objective SES differences were associated
with lower perceived financial similarity, which in turn was linked to lower perceived non-
financial similarity and ultimately lower comfort. However, the sequential indirect effect was
not statistically significant in this model, although the pattern was consistent with the
hypothesized process. Adding RaceMatch as a covariate did not alter the main pattern of effects
and revealed no significant race-match associations for this comfort outcome, supporting the

robustness of the proposed mediation model.
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Appendix 1J. Generational College Match Predicting Relationship Quality - Model C
(with RaceMatch Covariate) Full Report

Model Fit. The mediation model including the race-match covariate fit the data well,
v*(13) =13.87, p=.383, CFI =.989, TLI = .981, RMSEA = .033, AIC =29.57, BIC = 61.95.

Direct Effects. First-generation match significantly predicted perceived financial
similarity (f = .37, SE = .16, p = .022). Perceived financial similarity significantly predicted
perceived non-financial similarity (B = .24, SE=.06, p <.001). In turn, perceived non-financial
similarity significantly predicted comfort (f = .35, SE = .17, p = .032). The direct path from
perceived financial similarity to comfort was not significant (f =-.02, SE =.13, p=.874). The
direct path from first-generation match to comfort was also not significant (B = .16, SE = .33,
p =.617). RaceMatch significantly predicted perceived financial similarity ( = .36, SE = .15,
p = .018), but did not significantly predict perceived non-financial similarity (f = .02, SE =
11, p=.882) or comfort (B = .21, SE =.31, p=.491).

Indirect Effects. The sequential indirect effect of first-generation match on comfort
via perceived financial similarity and perceived non-financial similarity was just barely not
significant, f = .04, 95% CI [-.004, .184] - these results can be interpreted as marginal. The
indirect effect via perceived financial similarity alone was also nonsignificant, f = -.01, 95%
CI [-.272, .155]. The total indirect effect, combining both pathways, was likewise
nonsignificant, § =-.02, 95% CI [-.164, .217].

Covariates. RaceMatch significantly predicted perceived financial similarity but not
perceived non-financial similarity or comfort. Including RaceMatch as a covariate did not alter
the mediation pattern of results.

Summary. Consistent with predictions, first-generation match was associated with

greater perceived financial similarity, which in turn predicted greater perceived non-financial
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similarity, and subsequently higher comfort. Including race-match as a covariate revealed an
independent effect of race similarity on financial similarity, but did not change the overall

mediation pattern for comfort.

147



APPENDIX 2
STUDY 2

Appendix 2A. Getting to Know You Questionnaire

“Getting to Know You" Questionnaire

Please fill this out =0 we can share it with your partner. Your partner is filling one out to share
with you too!

L

” -

L4

What is your first name?

How old are you?

When is your birthday?

Arz you a first-generation college student (neither parent attended four-year
university] or a continuing-generation college student (at lzast one parent
attended four-year university)? Flease circle one.

First-Generation

Continuing-Generation
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Appendix 2B. Interaction Perception

Participants were asked: “Please indicate how much you agree or disagree with the following

’

statements about the interaction.’
Responses were provided on a 5-point Likert scale:

1 = Strongly Disagree, 2 = Somewhat Disagree, 3 = Neither Agree nor Disagree, 4 =
Somewhat Agree, 5 = Strongly Agree.

Items
1. I think that this interaction was enjoyable.
2. [ feel satisfied with this interaction.
3. Iwould like to get to know my partner more.
4. 1 would be open to meeting my partner to hang out after this study is over.

Note. Scores were averaged across the four items, with higher scores indicating greater
perceived interaction quality.

Appendix 2C. Perceived Common Ground & Interest Scale

Participants were asked: “When thinking about the interaction with your partner, how much
do you agree with the following statements? ”

Responses were provided on a 5-point Likert scale:
1 = Strongly Disagree, 2 = Somewhat Disagree, 3 = Neither Agree nor Disagree, 4 =
Somewhat Agree, 5 = Strongly Agree.

Common Ground Subscale
1. My partner and I have a lot in common.
2. My partner and I have common ground on topics to discuss.
3. I understood my partner as a person.
Interest Subscale
4. I was genuinely interested in what my partner had to say.
5. I respect my partner.
6. I wanted to listen to my partner.
7. This interaction was interesting to me.
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Appendix 2D. Emotions Felt During Interaction Scale

Participants were asked: “How much did you feel the following emotions during the
interaction?”

Responses were provided on a 5-point Likert scale:
1 = Not at all, 2 = Somewhat, 3 = Moderately, 4 = A lot, 5 = Extremely.

Positive Affect Items
1. Good
. Proud
. Respectful toward interaction partner
. Happy
. Close to interaction partner
. Elated (Excited)
. Calm
8. Surprised
Negative Affect Items
9.Bad
10. Guilty
11. Frustrated
12. Angry
13. Resentful
14. Embarrassed
15. Worried
16. Nervous
17. Sad
18. Awkward

N N RN

Note. Positive and negative affect composites were computed by averaging items within each
set, with higher scores indicating greater intensity of the corresponding type of affect.
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Appendix 2E. Emotional Similarity Computation

Emotional similarity was calculated by comparing each dyad member’s self-reported
emotions during the interaction. For each of the 18 affect adjectives listed in the Emotions
Felt During the Interaction measure, a discrepancy score was computed as the absolute value
of the difference between Partner A’s rating and Partner B’s rating (e.g., |Partner A - Partner
B|). These absolute difference scores were then averaged across all items to create a
composite index of emotional similarity for each dyad.

Lower scores indicate greater emotional similarity (i.e., partners reported feeling more
similar emotions), whereas higher scores indicate lower emotional similarity (i.e., partners
reported more discrepant emotions).

Example. If Partner A reported feeling “happy” at 4 and Partner B reported feeling “happy” at
2, the discrepancy score for that item would be |4 - 2| = 2. If Partner A reported feeling
“nervous” at 3 and Partner B reported feeling “nervous” at 3, the discrepancy score for that
item would be |3 - 3| = 0. These discrepancy scores were then averaged across all 18
emotions to yield the dyad’s overall emotional similarity score.

Note. Lower values on this index reflect greater emotional similarity between partners.
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Appendix 2F. Perceptions of Partner’s Emotions During the Interaction

Participants were asked: “How much do you think your partner felt the following emotions
during the interaction?”

Responses were provided on a 5-point Likert scale:
1 = Not at all, 2 = Somewhat, 3 = Moderately, 4 = A lot, 5 = Extremely.

Positive Affect Items
1. Good
. Proud
. Respectful toward interaction partner
. Happy
. Close to interaction partner
. Elated (Excited)
. Calm
8. Surprised
Negative Affect Items
9.Bad
10. Guilty
11. Frustrated
12. Angry
13. Resentful
14. Embarrassed
15. Worried
16. Nervous
17. Sad
18. Awkward
Note. Positive and negative affect composites were computed by averaging items within each
set, with higher scores indicating greater intensity of the corresponding type of affect.

N N RN
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Appendix 2G. Empathic Accuracy Computation

Empathic accuracy was calculated by comparing each participant’s perceptions of their
partner’s emotions with the partner’s self-reported emotions. For each of the 18 affect
adjectives listed in the Emotions Felt and Perceptions of Partner s Emotions measures, a
discrepancy score was computed as the absolute value of the difference between the
participant’s rating of their partner’s emotion and the partner’s corresponding self-rating
(e.g., |Perceived - Actual|). These absolute difference scores were then averaged across all
items to create a composite index of empathic accuracy for each participant.

Lower scores indicate greater empathic accuracy (i.e., smaller discrepancies between
perceived and self-reported emotions), whereas higher scores indicate lower empathic
accuracy (i.e., larger discrepancies between perceived and self-reported emotions).

Example. If Participant A rated their partner as feeling “happy” at 4, while the partner’s self-
report for “happy” was 2, the discrepancy score for that item would be |4 - 2| =2. If
Participant A rated their partner as feeling “nervous” at 1, while the partner’s self-report for
“nervous” was 1, the discrepancy score for that item would be |1 - 1| = 0. These discrepancy
scores would be averaged across all items to yield the participant’s overall empathic accuracy
score.
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Appendix 2H. Approach-Avoidance Goals

Participants were asked: “When thinking about your interaction with your partner, how much
do you agree with the following statements?”

Responses were provided on a 5-point Likert scale:
1 = Strongly Disagree, 2 = Somewhat Disagree, 3 = Neither Agree nor Disagree, 4 =
Somewhat Agree, 5 = Strongly Agree.

Items

I.

b

N w

9.

I did not want to make my interaction partner feel uncomfortable. §

I wanted my interaction partner to feel positive about the interaction. *
My goal in the interaction was to be friendly. *

My goal was to not have a bad interaction.

I wanted to focus on having a good interaction. *

I wanted to focus on not hurting my partner’s feelings. f

I wanted to avoid being unfriendly. T

I wanted to treat my interaction partner as I would anybody else. *

My aim was to make this a comfortable interaction for my partner. *

10. I did not want to treat my interaction partner unfairly. T

Note. * = Approach goal (striving toward positive outcomes); ¥ = Avoidance goal (avoiding
negative outcomes). Higher scores indicate stronger approach-avoidance goals overall. Items

adapted to this interaction context from approach/avoidance relationship goal work; see
Gable, 2006.
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