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ABSTRACT OF THE DISSERTATION 

 

Social Mobility over the Life Course of Migration:  

Transition, Pattern, and Self-selection 

 

by 

 

Zhenxiang Chen 

Doctor of Philosophy in Sociology 

University of California, Los Angeles, 2021 

Professor Min Zhou, Chair 

 

Studies on migrant mobility over the life course have not considered migration stages over 

lifetime migration. In this dissertation, I examine migrant social mobility over the life course of 

migration, situating mobility within frameworks of life-course transitions, patterns, and self-

selection. By applying this theoretical framework, I identify meaningful migration stages by the 

dimension of interest. These migration stages form migration transitions and patterns that largely 

shape migrant social mobility. Additionally, I explore and consider migrant self-selection from a 

life-course angle. Building on this framework, I theorize and test two pathways to explain migrant 

social mobility over lifetime migration: (i) self-selecting into migration transitions and patterns; 

and (ii) realizing different social mobility outcomes within each transition or pattern. By doing so, 

I decompose social mobility over lifetime migration into differences between migration transitions 

or patterns and differences within each migration transition or pattern. I apply various selection 
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models to explore transition- and pattern-specific pathways while accounting for potential 

selection bias.  

I apply this framework to three dimensions – the temporal dimension, documentation status 

dimension, and migration status dimension – and rely on Mexico-US international migration and 

China rural-to-urban migration. The overall results show that migrant social mobility over lifetime 

migration is explained by the self-selection process into migration transitions and patterns and 

social mobility process within each transition or pattern. These two processes are identified for all 

three dimensions of migration and for both Mexico-US international migration and China rural-

to-urban migration. I first find that different migration transitions and patterns are associated with 

different social mobility outcomes, measured by occupational attainment, wages, and economic 

integration. Then I verify that migrants self-select into these migration transitions and patterns. 

Individual characteristics and external factors drive this process. Furthermore, migrants within 

each transition or pattern still realize divergent social mobility outcomes given their individual 

characteristics and external factors to which they are exposed. The factors that explain social 

mobility outcomes within each transition or pattern often have a strong effect. Moreover, their 

effects are transition- and pattern-specific, suggesting that migration transitions and patterns shape 

social mobility pathways.    
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CHAPTER ONE 

INTRODUCTION 

 

This dissertation explores migrant social mobility over the life course of migration. Migrant 

social mobility, the change (either upward or downward) in social status, has been studied widely 

in the literature. Only a few studies, however, have applied a life-course approach to explore 

migrants’ social mobility. Among these few studies, there are two main limitations. The first is an 

empirical limitation on the migrant groups being studied. Migrants are hard to follow over the life 

course. As a result, most studies that apply the life-course approach to migrant social mobility1 

have focused primarily on immigrants and their children (i.e., second-generation migrants) 

(Hermansen 2017; Keister, Vallejo, and Borelli 2015; Tran 2020). This limitation can be 

problematic because migrants’ social mobility over the life course can significantly differ among 

immigrants and second-generation migrants. Immigrants refer to migrants who settle permanently 

in a host country (i.e., permanent migrants), while migrants may include both permanent and 

temporary migrants. Given the differences between permanent and temporary migrants, the 

findings from immigrants’ social mobility over the life course can hardly be generalized to the 

entire migrant population. Second-generation migrants are different from the general migrant 

population because they are permanent migrants by settlement and possibly natives by citizenship 

at birth depending on the specific country of destination. They may not experience the migration 

 
1 Social mobility for migrants is complicated in the sense that their social status at home and in the host may not be 

comparable. For example, some migrants may take lower status jobs than they had at home because such jobs produce 

more income than they were getting at home, which enables them to send remittances to their families left behind. 

Therefore, social mobility over the life course often concentrates on their mobility after their arrival in the host 

destination.  
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process, such as moving from short-term migration to long-term migration2 or from undocumented 

status to documented status or from migration to return migration.  

The second and main limitation, however, is theoretical and fails to consider migration 

stages over the life course of migration or lifetime migration. As there are stages over the life 

course, there are also migration stages over the life course of migration. For example, migration 

can include the following stages: pre-migration, migration, and post-migration (Kley 2011), or 

departure, repetition, settlement, and return (Massey 1986), or acculturation, structural 

assimilation, marital assimilation, identification assimilation, attitude reception assimilation, 

behavior reception assimilation, and civic assimilation (Gordon 1964). However, studies on 

migrant social mobility either explore migrants’ social mobility over their childhood, adolescence, 

adulthood, and old age stages (Hermansen 2017; Keister, Vallejo, and Borelli 2015; Tran 2020) or 

over life-course stages such as entry and completion of education, entry into the labor force, 

formation of union and marriage, childbearing and parenthood, and exit of the labor force and 

retirement (De Jong and Graefe 2008; Kalter and Kogan 2006; Vidal-Coso 2019). The former 

approach explores the life-course stages based on the aging nature or the temporal chronological 

order while the latter approach explores the life-course stages based on the order of typical main 

events. 

What is missing, however, is the exploration of migrants’ social mobility over migration-

specific stages. This is different from exploring migrant social mobility from the intragenerational 

perspective. For example, for education, we may observe the following stages: elementary school, 

 
2 According to the definitions proposed by United Nations, short-term migration refers to a migration period of at least 

three months but less than a year (12 months) while long-term migration refers to a migration period of at least a year 

(12 months).  
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middle school, high school, college, or graduate school. Similarly, for marriage, we may observe 

the following marriage-specific stages: cohabitation, marriage, childbearing, and dissolution. 

These two event-specific stages can be based on either temporal order (years of education and 

years of marriage) or main event order (schooling level and marital status). Exploring these event-

specific stages captures the transitions within each main event. Indeed, the nature of the life-course 

may diverge highly. For example, most people may cease to experience further education-specific 

stages by their thirties, at the latest, while people may still go through marriage-specific stages at 

older ages. Nevertheless, in either case, they all involve transitions with event-specific 

characteristics, and the nature of the life-course can shape life outcomes. For example, a transition 

from marriage to childbearing or marriage to its dissolution can significantly affect various aspects 

of people’s lives, including social mobility (Lu, Wang, and Han 2017; Tamborini, Couch, and 

Reznik 2015).  

Migration stages are meaningful for migrants as life-course stages are meaningful for the 

general population. These migration stages are specific to migrants and they may affect the entire 

life course and influence migrants’ social mobility. For example, permanent migrants may go from 

short-term migration to long-term migration and finally to settled migration. These transitions, 

which are specific to migrants, from one stage to another are similar to the transitions from 

childhood to adolescence and finally to adulthood. These stages with migration duration embedded 

can cover migrants’ entire life course and determine their social mobility (Alba and Nee 1997; 

Borjas 1985; Gordon 1964; Portes and Rumbaut 2006). Even for temporary migrants, their 

migration experience can still influence their entire life course as they can go from integration 

experience in their host society to reintegration in their sending society. Therefore, instead of 

focusing on how transitions in life-course stages occur – for example, from childhood to old age 
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or from entry into to exit from the labor force – it is equally if not more important to study the 

transitions of migration stages over the lifetime migration in shaping migrants’ social mobility. 

Further cumulative consideration of these transitions will capture how migration patterns over the 

lifetime migration shape migrants’ social mobility.  

THEORETICAL FRAMEWORK 

Transitions and Patterns over the Life Course of Migration 

Transition and pattern are crucial analytical concepts for translating the sociological life-

course approach into empirical research (Wingens et al. 2011). While the focus of the life-course 

approach lies in individuals’ life transitions and the determined life patterns (Elder 1985), I focus 

on the migration transitions and the determined migration patterns over the lifetime migration.  

Exploring migration transitions and patterns over the life course is different from simply 

amplifying or refining the migration process as a single stage of a life course. Migration 

transitions/patterns and life transitions/patterns can be parallel and interactive. For example, from 

the aging aspects of the life-course – migrants moving from short-term to long-term migration – 

migrants may transit from early adulthood to middle adulthood. Similarly, from the life-event 

aspects of the life-course – migrants moving from one location to another – they may experience 

the transition from education stage to work stage, or as migrants transit from onward migration to 

return migration, they may transit from work to retirement stage. In such a way, these migration-

specific stages capture the meaningful transitions, which cumulatively form patterns, within 

migration with the life-course nature across the stages considered.  
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Once we take the life-course approach with migration, we observe transitions and patterns 

instead of snapshots. For example, for long-term migrants, we not only observe social mobility in 

the long-term migration status but also social mobility in the past, when they were short-term 

migrants. In contrast, from a snapshot perspective, we may categorize migrants as short-term or 

long-term migrants depending on the moment when they are observed. Therefore, in the life-course 

perspective, we can decompose the entire migration process into multiple essential migration 

transitions. These migration transitions are then associated with different social mobility outcomes. 

For example, a transition from undocumented status to legal permanent resident status could be 

associated with upward social mobility (Hall, Greenman, and Farkas 2010). In addition, by 

considering the link across all the stages, we can also consider the role of migration patterns. For 

example, those who go from migration to return migration form temporary migration pattern, and 

those who go from undocumented to documented migration form another pattern. These migration 

patterns could largely shape migrants’ social mobility. For example, permanent migrants realize 

significantly higher economic integration level than temporary migrants (Brownell 2010; Liang 

2004).  

Analogies to this theoretical framework can be found in research on other life course stages. 

For example, we can observe transitions within education, transition across different education 

levels (Aschaffenburg and Maas 1997; Mare 1981; Pallas 2003) and transitions across marital 

status, cohabitation, marriage, and childbearing or dissolution (Baxter, Haynes, and Hewitt 2010; 

Esterberg, Moen, and Dempster-McCain 1994; Le Goff 2002). For work, we can observe the 

occupation pattern characterized by multiple work stages (Rosenfeld 1992; Spilerman 1977; 

Vondracek, Lerner, and Schulenberg 2019).  
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Selection over the Life Course of Migration 

The migration life-course framework differs from the general life-course approach. While 

life-course stages may involve a self-selection process, we expect that a large share of the people 

go through all life-course stages and that the self-selection process is limited3 in reaching these 

stages.4 For example, not everyone will reach adulthood or go to school, nor will everyone get 

married, but we still expect that a significant portion of the people will reach these stages.  

In contrast, migration stages are full of self-selection processes, even in the simplest 

temporal dimension. Self-selection has been one of the central topics in migration studies. The 

literature on the self-selection of migration has emphasized the self-selection process in migration 

and return migration decision (Constant and Massey 2003; Dustmann, Fadlon, and Weiss 2011; 

McKenzie and Rapoport 2010; Shumway and Hall 1996). Note that this self-selection process 

happens either by choice or not. Internally, there could be a migration decision process and 

externally there could be facilitators or barriers affecting the actual migration behavior. While 

migrants do not choose external factors, they can choose how to react to them and thus such a 

process can also be understood as a self-selection process. Both active and passive selection 

process can be captured by the differences between those who have experienced migration events 

and those who have not. The literature on migration self-selection suggests that each migration 

stage involves self-selection. For example, only some migrants can reach long-term migration.  

 
3 There will be a larger self-selection if we zoom each main event. For example, there could be a large self-selection 

process in the transition from high school to college. However, the self-selection in the general entry and exit of 

education (despite education level) could be much less.  
4 This is independent of how the society changes. Because if society changes lead to the changes in typical life-course 

stages, then the transitions across the “new” typical life-course stages will involve limited selection by the nature.  
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Under this framework, we can understand self-selection from both transition and pattern 

angles. From the transition angle, we can observe selection in each transition. For example, 

migrants can experience a transition from short-term migration to long-term migration. From the 

pattern angle, we will observe cumulative selection across multiple transitions. For example, 

migrants who have reached long-term migration, either in a single migration or multiple migration 

trips, must go through all the previous stages. This is the same as people who have reached 

adulthood must have gone through childhood and adolescence stages. In particular, migrant 

transitions through the life course are guided by choices made along the path, similar to the general 

self-selection process in migration or return migration (Constant and Massey 2003; Dustmann, 

Fadlon, and Weiss 2011; McKenzie and Rapoport 2010; Shumway and Hall 1996). As these 

choices are highly consequential in initiating advantageous or disadvantageous lifetime migration 

outcomes, they generate cumulative processes and form the self-selection in migration patterns 

(DiPrete and Eirich 2006; O’Rand 2009). For example, permanent migrants have significantly 

higher education level than temporary migrants (Hu, Xu, and Chen 2011; Meng and Zhao 2018; 

Sun and Fan 2011).  

Figure 1.1 shows the complete transitions, patterns, and self-selection framework in 

studying migrants’ social mobility over the life course of migration. By applying this theoretical 

framework, I contribute to migration literature by (i) identifying meaningful migration stages; (ii) 

placing migrant social mobility within the framework of life-course (cumulative) transitions; and 

(iii) considering migrants’ self-selection from a life-course angle.  

<Figure 1.1 Here> 

SOCIAL MOBILITY OVER THE LIFETIME MIGRATION 
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 Under this theoretical framework where I center on the transition or pattern and selection 

in migration stages over the lifetime migration, I can observe that the differences in social mobility 

could be explained mainly by (i) the different transition or pattern that migrants experience, and 

(ii) the different social mobility outcomes that migrants realize within each transition or pattern. 

This can also be understood as decomposing migrant social mobility over the lifetime migration 

into differences between migration transitions or patterns (i.e., social mobility explained by 

experiencing different transitions or patterns) and differences within each migration transition or 

pattern (i.e., social mobility explained by the mobility pathways within experienced transitions or 

patterns).  

From this perspective, I argue that there could be a two-steps process to social mobility in 

general. The first step is through self-selecting into migration transitions or patterns. That is, 

migrants may be able to experience migration transitions or migration patterns to attain upward 

mobility. Migrants may either choose to experience migration transitions or patterns or go through 

migration transitions or patterns without choosing. For example, migrants may be forced into or 

be restricted from realizing transitions or patterns by institutional forces. This process will be 

reflected in the differences in migrants between different transitions and patterns. However, 

migrants are not homogenous even if they are in the same transition or pattern. Therefore, there is 

a second step where migrants realize divergent social mobility outcomes within the same transition 

or pattern. Specifically, given the conditions (i.e., individual characteristics and external factors), 

some migrants may realize higher social mobility compared with others in the same transition or 

pattern. Since migrants and the social process within each transition or pattern could differ and 
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diverge largely, we may also expect that the mechanisms to social mobility will also diverge by 

transition or pattern.5 This process is shown in Figure 1.2.  

<Figure 1.2 Here> 

CHAPTER OUTLINE 

 This dissertation unfolds in three empirical chapters, presenting possible migration stages 

that depend on dimensions of interest and lead to different migration transitions and patterns that 

shape migrant social mobility. It focuses on three dimensions: the temporal dimension, 

documentation status dimension, and migration status dimension. Each dimension is explored in 

one chapter. Contextually, the chapters explore Mexico-US international migration and rural-to-

urban internal migration in China. Conceptually, they show both transition and pattern approaches. 

Methodologically, they use grouping methods to identify migration stages by specific dimension 

and apply selection models to account for potential selection bias in the exploration of factors that 

affect migrant social mobility within transition or pattern due to selection process into migration 

transitions or patterns.  

Chapter One 

This chapter focuses on the temporal dimension. I begin by identifying meaningful 

migration stages over lifetime migration. I then test the two main paths to occupational mobility: 

the likelihood of reaching migration stages and change in occupational attainment in each 

 
5 It is not necessarily the case that those who experience “better” migration transitions or patterns will have a higher 

return to their advantageous conditions. For example, permanent migrants, on average, have a higher education level 

than temporary migrants. This is one of the advantageous conditions and it is already reflected in the self-selection 

process into permanent migrants. Therefore, among permanent migrants, their return to education may not necessarily 

be larger than temporary migrants.  
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migration transition. Relying on the case of Mexico-US migration, I find evidence of self-selection 

advantage and cumulative advantage/disadvantage (CAD) processes. Migrants self-select into 

migration stages and gain limited occupational attainment over the stages. Education and 

documentation status play a major role in determining migrants’ occupational mobility over 

lifetime migration and display CAD process. Overall, my findings suggest that while there is 

limited occupational mobility for migrants through migration stages alone, there are mechanisms 

to overcome the barriers to realizing significant breakthroughs in occupational attainment above 

those that occur at migration transitions. These findings also highlight the importance of exploring 

migrants’ social mobility using the life-course approach. The process observed relying on the 

snapshot approach could be either a reflection of the self-selection advantage process, which 

captures the effect of reaching migration stages on social mobility or a reflection of the CAD 

process, which captures the effect of the transition-specific mobility process. 

Chapter Two 

This chapter explores the documentation status dimension. I propose a life-course measure 

of the documentation pattern, where I consider the overall documentation pattern over lifetime 

migration. I then explore the two main pathways to social mobility: self-selecting into 

documentation patterns associated with different levels of economic outcomes and realizing 

different economic outcomes within each pattern. I focus on the case of Mexico-US migration, 

and I find that migrants self-select into documentation patterns associated with different hourly 

wages. Moreover, the pathways to obtain higher hourly wages depend on the documentation 

patterns that migrants experience. Only migrants in documentation patterns that involve a 

transition between different documentation statuses can experience integration in wages over 
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lifetime migration. Beyond migration duration, several factors matter but only for specific 

documentation patterns. The implications to the snapshot approach are also discussed. 

Chapter Three 

This chapter examines the migration status dimension. I begin by proposing a life-course 

measure of temporary and permanent migrants, where I consider two main migration statuses – 

migrant and return migrant – over lifetime migration in defining their patterns. Based on this life-

course measure, I explain the selection between migration patterns and statuses and explore the 

two channels to economic integration: self-selecting into temporary/permanent migration and 

achieving higher economic integration within each pattern and status/stage. I show that while 

temporary migrants experience a lower economic integration level than permanent migrants, they 

experience a high economic reintegration level when they return home. Then I find that migrants 

self-select into migration patterns. In addition, I investigate the factors that explain migrants’ 

economic integration and reintegration and find that migrants’ own characteristics determine their 

economic integration and reintegration, but their impact differs by specific migration pattern 

(economic integration of temporary/permanent migrants) and status/stage (economic 

integration/reintegration of temporary migrants). The implications to the snapshot approach are 

also discussed.   
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Figure 1.1. Migrants’ Social Mobility over the Life Course of Migration 
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Figure 1.2. The Process to Social Mobility over the Life Course of Migration 

  



14 
 

CHAPTER TWO 

SOCIAL MOBILITY OVER LIFETIME MIGRATION 

 

TRANSITIONS AND SELECTIONS IN MIGRATION DURATION 

 Depending on the dimension of interest, there are different groups of migration-specific 

stages. In this chapter, I focus on the most fundamental dimension—temporal. As age is the most 

important component in the life-course approach, duration can be the most important component 

in the life course of migration. Indeed, migration duration has been one of the most important 

factors in the exploration of migrants’ social mobility, often as assimilation (Alba and Nee 1997; 

Borjas 1985; Gordon 1964; Portes and Rumbaut 2006).  

Lifetime Migration Duration 

 A standard metric of migration duration is often a snapshot measure where migration 

duration is based on one episode or trip instead of over the complete migration life course. A 

measure of duration at any given time will not, however, capture the life-course migration duration. 

There is a need to pick a time point after which migration duration is stable or essentially time-

invariant. I call this point lifetime migration duration and define it as the total migration duration 

at age 50 or after because migration tends to be stable for both internal and international migration 

across countries after age 506 (i.e., low and stable migration rates after age 50) (Bernard, Bell, and 

Charles-Edwards 2014; McKenzie 2008). Lifetime migration duration is crucial in capturing 

migration duration transitions and patterns over the lifetime migration. 

 
6 The possibility of retirement migration (King, Warnes, and Williams 1998) also needs to be considered depending 

on the specific context of study.  
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 Lifetime migration duration is essentially the sum of duration of all migration spells. 

Therefore, it is more complicated, and it is important to consider the number of (return) migration 

spells and the duration spend at home country. Indeed, given how lifetime migration duration is 

constructed, it seems that the measure of migration duration in a single spell could be cleaner and 

more meaningful. Nevertheless, this is not necessarily the case. First, migration duration is not 

memorylessness. For example, when we rely on migration duration in a single spell to study 

assimilation, we are assuming that only or mainly the migration duration in the current trip matter 

to the current outcomes. This is likely not true given how migrants accumulate capitals during 

migration over time (Hagan, Hernández-León, and Demonsant 2015). To further understand the 

point, we can also think about a migrant with twenty migration spells that last for one year each 

and a migrant with only one migration spell that lasts for ten years. Comparing their current trip, 

we will observe that the first migrant has much shorter migration duration. Nevertheless, he or she 

may have accumulated more capitals over his or her twenty years of migration. In contrast to a 

single spell measure, once the truncations (return, gap, etc) are considered, lifetime migration 

duration can give us a much better summary of one’s overall migration experience. 

 Second, migration duration in a single spell may not be comparable. Imagine again 

someone who migrate twenty times versus someone who migrate only one time. Their migration 

duration in the first spell is not likely comparable. In contrast, the overall lifetime migration 

duration is comparable no matter how migrants divide their lifetime migration duration into 

multiple spells. 

 Third, migration duration in a single spell may also be a cumulative measure. Depending 

on how the question is asked in the cross-sectional survey, migration duration in a single spell 
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could be a measure of total migration duration at the time of survey. In this case, it will be a 

cumulative measure similar to the measure of lifetime migration. However, it will be sensitivity to 

the time of survey. In contrast, lifetime migration duration will not be sensitive to the time of 

survey.  

 Before applying the theoretical framework on lifetime migration duration, it is important 

to discuss the meaning of lifetime migration duration because transitions and self-selections are 

built on it. I argue that lifetime migration duration reflects migrants’ lifetime migration goals. 

Lifetime migration goals could be discussed under two cases: (a) there are no barriers to migration 

decision, and migrants can freely choose their migration duration; (b) there are barriers (internally 

low ability and externally institutional barrier, for example) to migration decision, and migrants 

cannot choose their migration duration. In the first case, because there are no barriers, lifetime 

migration duration will reflect lifetime migration goals. For example, short-term migrants may aim 

to accumulate enough money to either support a family or to have a better life at home, and thus 

they may return once they reach their goal. While they may migrate back and forth, as short-term 

migrants reach and adjust their goals, their overall migration duration will reflect their overall 

goals. In contrast, long-term migrants may aim to settle in the host country and will be more likely 

to work and live in the host country for a longer time or even permanently.  

In the second case, however, migration can be restricted; lifetime migration duration may 

not necessarily capture lifetime migration goals because barriers result in a mismatch between 

duration and goals. For example, migrants may want to settle in the host country but fail to do so 

due to institutional restrictions. Nevertheless, this argument has omitted a significant characteristic 

of migration decision-making. While migration decisions are always associated with certain goals, 
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decision-making is not static but a dynamic process over the life course. From life-course and 

behavioral perspectives, migrants evaluate whether it is necessary or worthwhile to pursue further 

goals after migration (Kley 2011). In particular, migration goals will be continuously adjusted over 

time.7 Adjustments can respond to internal forces such as changes of personal preferences or 

external forces such as institutional barriers or the interactions between these forces, which may 

also change over the life course. For example, those who want to migrate may fail to do so because 

they do not have authorization but will then adjust their goals based on internal and external forces.  

Besides, migration duration can reflect migration age as a social age for assimilation or 

integration. One of the main effects of migration duration on migrants is assimilation or integration 

(Alba and Nee 1997; Borjas 1985; Gordon 1964; Portes and Rumbaut 2006). Indeed, different 

from immigrants, migrants may not want to assimilate or integrate at all. Nevertheless, this social 

age could be independent of migrants’ own decisions because it is constructed not only internally 

but also externally. Over migration time, migrants may receive more “credentials,” such as 

language and work skills, and are rewarded by residents and, more importantly, local employers.8 

From this aspect, migration duration resembles a “degree” for assimilation or integration, similar 

to an education degree.  

Transitions in Migration Duration Stages over the Lifetime Migration 

 
7 This adjustment process can also be view as an optimization process, such as optimizing residential location over 

the lifecycle (Borjas and Bratsberg 1996). This is independent of migration frequency. For migrants who only migrate 

once, they may have changed their goal during their migration. For migrants who migrate more than once, they may, 

in addition to changing their goal during each episode of migration, they may also change their goal between migration 

episodes. 
8 While education (categorization) leads to credentials for formal human capital, migrants’ duration (categorization) 

can lead to the credentials for informal human capital, mainly language and working skills learned over time. Also, 

like cases where education level will be included in formal documents, the duration of migration is also often included 

in formal documents for migrants. 
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From the transition perspective, there is a transition process across migration duration. For 

example, when we observe long-term migrants, we know that they have gone through the short-

term migration stage. Like the age transitions over the life course, those who have reached 

adulthood must go through childhood and adolescence. Similarly, to obtain a college degree, it is 

almost always necessary to go through primary school, middle school, and high school (Mare 

1981).  

The main challenge is defining stages in migration duration. At one extreme is defining the 

migration stage by every single year or even month of migration. Such transitions, however, may 

not be meaningful. When we think about life-course stages, we prefer considering childhood, 

adolescence, adulthood, and old age over a year-by-year chronology. Although there is no 

“correct” categorization for age groups (Settersten and Mayer 1997), due to the large number of 

studies that rely on or focus on the age group, its categorizations have been relatively less arbitrary. 

For migration duration, studies on migration duration categorizations have been limited. United 

Nations defines short-term migration as a migration period of at least three months but less than a 

year (12 months) and long-term migration as a migration period of at least a year (12 months). The 

issue here is that this categorization is broad and miss a significant heterogeneity in different 

duration within long-term migration group. More importantly, the various migrant categories 

defined by United Nations is not based on duration but mostly on legal status. For example, United 

Nations defines migrants for settlement as those who are granted the permission to stay for a 

lengthy or unlimited period. This categorization can be helpful in defining migrant groups but not 

necessarily migration stages. There is a need to have a clear and detailed categorization of 

migration duration similar to the case of categorization of life-course stages in aging. 
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Nevertheless, whether it is clearly defined or not, no one can deny that there is a latent 

categorization of migration duration, as in the case of age. As people do not choose to go through 

life-course stages in aging, migrants may not consciously choose to go through migration stages 

in duration. However, this does not suggest that these migration stages do not exist as for the case 

of age stages. Building on the meaning attached to lifetime migration duration (i.e., lifetime 

migration goals or level of assimilation or integration), the stages of lifetime migration duration 

will mainly capture this meaning whenever the categorization is purely based on the lifetime 

migration duration.  

Selections in Migration Duration Stages over the Lifetime Migration 

From the selection perspective, there is a self-selection process in each transition. 

Compared with the role of age in a life-course approach, the role of duration in the migration life-

course is exposed to self-selection. Because age naturally proceeds, it can perfectly account for 

life-course progress. As everyone’s life course starts from birth and proceeds naturally, the life-

course process in aging is homogenous. However, migration duration can begin from a different 

point of time and proceed by choice (i.e., migrants self-select duration) (Dustmann and Kirchkamp 

2002). Migrants can stay or return at every duration stage, which goes beyond simple migration 

selection or return migration selection. Essentially, we need to consider the dynamic of the 

migration/return migration selection process. That is, there is a self-selection process at multiple 

stages, which will form the cumulative self-selection over lifetime migration.  

Hypotheses 

Under this theoretical framework, I hypothesize that there are two steps to social mobility 

over their lifetime migration. The first is what I call self-selection advantage to social mobility in 



20 
 

which migrants gain advantage by self-selecting into migration stages. Through stage transition, 

migrants are exposed to chances of upward mobility9 as reflected in the process of assimilation or 

integration (Alba and Nee 1997; Borjas 1985; Gordon 1964; Portes and Rumbaut 2006). For 

example, skilled and aspired migrants may manage to reach migration stages in which they have 

a greater chance of moving up the social ladder.  

The second is realizing higher/lower social mobility in migration transitions (i.e., migrants 

gain advantage/disadvantage across transitions given the initial conditions). Because migration 

transitions are located across meaningful time points over the lifetime migration, we will expect 

heterogenous mobility pathways across transitions. This process is essentially the cumulative 

advantage/disadvantage (CAD) process (DiPrete and Eirich 2006). For example, migrants with 

high education level may attain higher mobility in multiple transitions. In addition to the CAD 

process by the same condition, it is also possible that the CAD process may be formed collectively 

by various conditions. For example, suppose education and documentation status only influence 

the gain in one but different transition. In that case, migrants with higher education and specific 

documentation status may still experience a CAD process. 

These two processes to social mobility can also go beyond individual characteristics. 

External conditions that migrants are exposed to can also influence these two processes. Although 

migrants do not choose external conditions, they do have choices on when and how to react to the 

external conditions. For example, migrants who are exposed to a more friendly immigration policy 

in the host country may be more likely to reach migration stages associated with higher social 

 
9 It is possible that migrants are also exposed to shocks that lead to downward mobility. On average, however, we will 

expect that the entering into migration stages come with greater chances of upward mobility.  
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mobility. Besides, the effects of these external factors on the CAD process are evident. For 

example, migrants who are exposed to better economic conditions may attain higher mobility in 

multiple transitions.  

Empirical evidence for the first channel includes two parts. First, transition across 

migration stages should be associated with an increase in social mobility. Second, migrants self-

select into migration transitions. Empirical evidence for the second channel should be associated 

with the social mobility in migration transitions that depends on their initial conditions in each 

transition. At the same time, the factors that lead to greater/less growth in mobility may differ 

across transitions. Therefore, I propose the following hypotheses and rely on the case of Mexico-

US migration to test them:  

Hypothesis 1: There is an increase in social mobility across migration stages, and migrants 

self-select into migration stages. 

Hypothesis 2: The increase/decrease in social mobility in migration transitions will depend 

on migrants’ initial conditions, and the effects of these conditions vary by migration transition. 

 DATA AND METHODS 

 I use data from the 1982–2018 Mexican Migration Project (MMP) surveys, which 

encompass 170 communities. MMP data with information emphasizing the migratory experiences 

and work histories over the life course for the general migrant population are well suited for this 

research project. Since 1982, the MMP has administered surveys every year in Mexico and the 

United States. The data include complete detailed life histories from heads of households. Besides, 

there is detailed information about each person’s first and last trips to the United States. Finally, 
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the MMP also includes supplementary data that provides several national-level indicators of 

macroeconomic conditions in Mexico and the United States as well as the border crossing and 

border control measures from the early or mid-1900s to 2017.  

I restrict the analysis to migrants who are age 50 or above and whose first migration 

happened at the age of 15 or above and migrated before age 40. The reason to restrict the sample 

to age 50 or above is to capture the lifetime migration duration accurately.10 After age fifty, there 

is little additional migration, either internal or international migration across countries (Bernard, 

Bell, and Charles-Edwards 2014; McKenzie 2008). I restrict the sample to those who migrate 

before age 40 because those who migrate after age 40 are not likely labor migrants. These 

restrictions lead to a sample of 2,721. I also restrict the sample to male migrants because only 4% 

of the sample are females. This leads to a sample of 2,613. After excluding those without duration 

or occupational information, my final sample consists of 2,515 heads of household.  

Stages of Lifetime Migration Duration 

To determine and formalize categorization, I proceed with the optimal grouping method 

using lifetime migration duration. The data provide information on cumulative US migration 

duration (in months) up to every year in the life history.11 Individual cumulative US migration 

duration up to the survey year will be the lifetime migration duration, given that the migrants were 

50 or older at the time of the survey.12 As discussed above, I should only rely on the information 

 
10 Strictly speaking, lifetime migration duration cannot be captured until people pass away because migration may still 

happen before that point. Unfortunately, it is not possible to follow the respondents until they pass away or to collect 

information about people who have already passed away. Therefore, lifetime migration can never be captured with 

full accuracy. 
11 Given how MMP data is collected, those who migrate permanently and cut all their ties with people left at Mexico 

will not be captured in the survey.  
12 For migrants who are still in the US at age 50 or older, their lifetime migration duration may be underestimated due 

to the right censoring. Only 15% of migrants, however, were still in the US after age 50, and, on average, they already 
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on the duration of migration to construct meaningful stages of lifetime migration duration in which 

lifetime migration goals or levels of assimilation or integration are embedded. Essentially, using 

any additional variables will simply contaminate the underlying migration stages. For example, 

suppose I were to use occupational characteristics such as the rate of occupation change or the 

average International Socioeconomic Index (ISEI) score. In that case, the categorization will be 

driven by that specific characteristic 13  rather than the general meaning of lifetime migration 

duration, which is socially constructed. 

Optimal grouping is appropriate for this goal. The method’s central idea is to obtain the 

grouping of interest factors based on their distribution while minimizing the loss of information. 

Aghevli and Mehran (1981) have applied the grouping technique for income distributions. 

Following the method, d’Albis and Collard (2013) have determined age groupings. For the case 

of lifetime migration duration, this approach will suggest the meaningful stages of lifetime 

migration duration based on duration but without potential contamination from other aspects. 

Graphically, the idea is to find the cut points in the Lorenz Curve by lifetime migration duration 

to realize the goal of minimizing the loss of information (Figure 2.1). The loss of information will 

be minimized when the area between the modified distribution, which is obtained by defining 

duration groups based on duration distribution, and the original distribution is minimized. For 

example, assuming that we are looking for two optimal duration groups (the simplest case), then 

the idea is to find one cutoff duration point 𝑥 which minimizes the area between the original and 

 
grouped into the last two stages of migration (settled migration and permanent migration) which are less sensitive to 

the bias.  
13 In the case of education, we may also rely on the evidence that there is a significant difference in employment rate 

or income by education level to argue that the categorization of education is meaningful. These characteristics, 

however, capture only one aspect of education. 
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modified curves (Figure 2.2). Mathematically, the optimal grouping results will be arrived at by 

solving the following system of equations: 
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where j stands for the original group, every year range is a group (i.e.,0-0.99 is group 0), p𝑗 stands 

for the frequency of group j in the total population, 𝑥𝑗 stands for the mean duration in group j, 

𝑗𝑖−1
− = 𝑚𝑖𝑛𝑗≥𝑥𝑖−1

∗ {𝑗 − 𝑥𝑖−1
∗ } and 𝑗𝑖+1

+ = 𝑚𝑖𝑛𝑗≤𝑥𝑖+1
∗ {𝑗 − 𝑥𝑖+1

∗ }. Then the optimal collection of the 

cutoff duration group will be 𝑥∗ = {0, 𝑥1
∗, 64}. Here it is up to 64 because the longest lifetime 

migration duration for Mexican migrants is 64.  

<Figure 2.1 Here> 

<Figure 2.2 Here> 

The main challenge now is to determine the number of groups. Aghevli and Mehran’s 

(1981) method can be used to realize the optimal grouping but with a given number of groups. To 

find the optimal number of groups, I proceed with the method proposed by Poggi (2006), who 

offers a stopping rule to determine the optimal number of groups. The rule depends on a function 

Ak, which depends on the objective function (G*b) (between-group Gini index or between-group 

dispersion) and the number of groups (k). The idea is that the optimal number of groups (k) should 

provide a large increase in Ak if the data come from the population with k groups. Therefore, the 

number of groups that leads to the largest value in Ak is the optimal number of groups.  
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Table 2.1 shows the corresponding cut-points, G*b, and Ak for the number of groupings 

from 1 up to 9 following the stopping rule. The results suggest that the optimal number of grouping 

is eight groups, given that the maximum Ak is reached at k = 8. Based on the results, the 

categorization for optimal grouping method includes the following eight groups: 0-1; 1-3; 3-5; 5-

9; 9-14; 14-23; 23-33; 33-64. Because duration is an integer, in this case, the specific cut-points 

should be rounded. The end point is excluded for each group (i.e., 0-1 excludes 1) except for the 

last group (i.e., 33-64 includes 64). I call these eight groups as follows: short-term migration, short-

to-mid-term migration, mid-term migration, mid-to-long-term migration, long-term migration, 

long-to-settled migration, settled migration, and permanent migration.14 Note, however, that these 

migration stages identified are only applicable to this particular migrant group. Migration stages 

for different migrant groups or different time periods may diverge.  

These eight stages of migration may be seemed arbitrary as no studies have previously 

defined migration duration stages in such a way. However, consider the age categorizations 

defined using similar approach (d’Albis and Collard 2013; Geifman, Cohen, Rubin 2013). While 

they also rely on inductive statistical algorithm, their categorizations are meaningful. More 

importantly, there is no clear categorization in migration duration despite migration duration 

categories are widely used in the migration research. The existent categorization of migration 

duration may be too broadly defined. The other categorizations of migration may not be based on 

migration duration.  

 
14 Settled migration may not necessarily be permanent migration. It is simply based on duration, which may not be 

long enough for settlement. Similarly, permanent migration is based on duration itself. Migrating for more than 33 

years could be more “permanent” than those who become legal permanent residents (LPR) or citizens but only stay 

for shorter periods.  
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<Table 2.1 Here> 

Self-selection Advantage Process over the Lifetime Migration 

 Using the lifetime migration duration, I construct lifetime migration duration categories, 

following the optimal grouping method’s categorization. Then I further create seven dummy 

variables indicating whether an individual reaches the migration stage. For example, a dummy 

variable for the first group will equal 0 if migrant lifetime duration is less than 1 year and equals 

1 if migrant lifetime duration is longer than 1 year.  

 First, to explore whether migrants are exposed to opportunities for upward mobility in 

migration transitions, I test whether there is a statistically significant increase in social mobility in 

each transition of migration (i.e., change in social mobility within the arrival stage). Then I proceed 

with probit regression to study factors predicting the likelihood of reaching each migration stage. 

Although event history analysis can further exploit the advantages of longitudinal data and explore 

the factors that affect monthly/yearly probability of (depending on the discrete time) or hazard of 

migration or return migration (Carrión-Flores 2018; Kulu and Billari 2006; Reed, Andrzejewski, 

and White 2010), I do not proceed with event history analysis because the events of interest are 

reaching migration stages. This model will also be used in the first stage of the selection model to 

analyze the factors that influence occupational mobility (described below). Reaching a migration 

stage should be understood as an unconditional (whether someone has reached long-term 

migration or not, for example) rather than conditional transition (whether someone has reached 

long-term migration or not, conditioned on reaching mid-to-long-term migration). The limitation 

on the condition transition is that it is not comparable, as shown in Xie (2011). This unconditional 
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transition is essentially cumulative transitions. For example, reaching long-term migration requires 

going through all previous transitions.  

The variables used to predict reaching a migration stage include demographic 

characteristics, migration factors, documentation status, family social capital, immigration policy, 

the economy in the US, border control, and the economy in Mexico. Demographic characteristics 

include age, education level, marital status, and having children or not. Migration factors include 

born in a traditional sending state, working in a traditional receiving state, occupational attainment 

in the US, number of migration trips, and duration spent at home after first migration. As discussed 

before, the last two factors are important to control to adjust for migration spells and gaps in 

lifetime migration. Documentation status includes undocumented, documented, green 

card/citizen.15 Family social capital includes whether a parent has had or both parents have had 

US migration experience and whether siblings have had US migration experience.  

Immigration policy is measured by before or after the Immigration Reform and Control 

Act (IRCA) period. The US economy includes GDP per capita (in thousands) and unemployment 

rate (in percentage, out of 100). 16  Border control includes apprehensions (in thousands), 

deportations (in thousands), border patrol officers (in thousands), line watch hours (in thousands). 

Finally, Mexico’s economy includes GDP per capita (in thousands)17 and unemployment rate (in 

 
15 I group those who have a green card and those who are citizen as one group because less than 2% of migrants in the 

sample have finally attained citizen status. 
16 GDP per capita (1929-2019) comes from U.S. Bureau of Economic Analysis (2019) and the unemployment rate 

(1929-2019) comes from U.S. Bureau of Labor Statistics (2019). The value before 1929 is replaced with 1929 value. 

This may not bias the result since only 1% of migrants migrated before 1929.  
17  The National Year file in the MMP data includes information between 1965 and 2017. Because there are a 

significant number of migrants who first migrated before 1965, I filled the missing information up to 1940. For Mexico 

GDP per capita, I impute the data up to 1940 using the growth rate between 1965-1970 and based on the fact that 

Mexico experienced sustainable growth between 1940-1970 (the Mexican miracle) (Alba and Potter 1986). 
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percentage, out of 100).18 All these variables are measured at the closest time right before reaching 

a migration stage. That is, it will be measured right before reaching a particular stage for those 

who have reached the stage and will be measured at the end of migration for those who have not 

reached the stage.19 For example, to explore whether migrants aspire to long-term migration, 

which is between years 9 to 14, these explanatory variables will be measured at the time right 

before reaching the long-term stage for those who have reached it (essentially at the end of year 8 

or right before year 9). For those who have not reached the long-term stage, the variables will be 

measured at the end of their migration. 

CAD Process over Lifetime Migration 

 The main dependent variable used to test Hypothesis 2 is ISEI score. This is the measure 

of social mobility (occupational mobility in particular) in this study. The coding of ISEI follows 

Ganzeboom and Treiman (1996). With the complete labor history provided by MMP data, I can 

construct migrants’ ISEI over their entire lifetime migration. This coding approach has been 

applied to MMP data previously by Akresh, Massey, and Frank (2014). ISEI has shown to be a 

valuable and reliable measure of a relatively fine-grained distinction between occupations. It has 

a multidimensional character because it is constructed by regressing occupations with income and 

education. Therefore, it is closely related to both but outperforms them. Occupation is often less 

sensitive to short-term variation than income and can capture more long-term variation than 

education over the life course. It is thus a good measure of social mobility and can also capture 

 
18 For Mexico’s unemployment rate, I collected census data from the National Institute of Statistics and Geography 

(INEGI) for the years 1940, 1950, 1960, and 1970, calculated the unemployment rate from these data, and interpolated 

the missing values linearly, based on the sustainability of Mexico’s economy between 1940 and 1970. The value 

before 1940 is replaced with the 1940 value. This may not bias the result since only 2% of migrants first migrate 

before 1940. 
19 This is based on the migrant decision to forgo any stage and, thus, all subsequent stages.  
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occupational mobility more precisely than the usual categorical measures, which fail to capture 

significant heterogeneity within categories. It provides the unambiguous meaningfulness of 

downward or upward mobility and can account for short-range mobility. From an analytical point 

of view, it also allows for linear regression models.  

However, ISEI does not apply to the unemployed.20 Unlike the snapshot approach where 

we can exclude those who are unemployed, we cannot do so in the life-course approach. That is, 

we cannot restrict our sample to those who have never been unemployed. In the life-course 

approach, however, retirement is different from unemployment. For those who are retired, their 

ISEI should be the ISEI in their last occupation. For others who are unemployed, there are three 

potential approaches: (i) replace ISEI with the lowest ISEI possible (i.e., 16) when migrants are 

unemployed since unemployment is worse than any occupation; (ii) replace ISEI with the lowest 

ISEI in the occupational trajectory since unemployment is worse than any occupation that one has 

attained; or (iii) replace ISEI with the mean ISEI from occupational trajectory assuming that 

unemployment is the same as missing for ISEI and then impute the value with the average. I 

proceed with all three options. The results are overall consistent. The main results, however, are 

based on the second option. Essentially, the three options differ in the penalty imposed on the 

unemployed status in terms of ISEI score. In the first option, this penalty may be too strong because 

it is the global lowest ISEI score and does not take into account individual occupational patterns. 

The penalty in the third option, however, may be too weak in the sense that it is almost certain that 

unemployed status is associated with a higher ISEI score than the ISEI for some occupations. 

 
20 ISEI does not account for supervisor status which is included in the Mexican occupation classifications from 

National Institute of Statistics and Geography (INEGI). To reduce bias in ISEI, I estimate supervisor position of an 

occupation as the average between skilled worker position and manager position of the same occupation. 



30 
 

While the second option is not perfect, it prevents the issues raised in the other two options by 

using the local (or individual) lowest ISEI score. The results based on these two options are shown 

in the Appendices.  

I decompose migrants’ occupational mobility over lifetime migration into the change in 

occupational mobility in each stage to capture how the change in occupational attainment across 

the stages in lifetime migration varies by initial conditions, evidence of CAD. In particular, when 

change or growth in occupational attainment varies by some status, such as age, gender, or 

documentation status, and the differences are found across lifetime migration stages, the process 

may be described as CAD following the definition proposed in DiPrete and Eirich (2006) for CAD 

in the life course. I create the change value of ISEI, which measures the change in ISEI within 

stages, essentially the gain by reaching stages. Let us denote this change in ISEI within stages as 

∆𝐼𝑆𝐸𝐼𝑠 with 𝑠 representing migration stage.  

 There is a potential sample selection bias, however, because we can only observe the ISEI 

change in a particular transition for those who have reached stage. While there is also a sample 

selection bias between migrants and nonmigrants, I do not account for this selection bias because 

I do not aim to generalize my findings to general population. Instead, I am only interested to 

generalize the findings to migrants. Therefore, I employ a transition model with the combination 

of the Heckman two-step selection model. I do not apply longitudinal models such as fixed 

effects/random effects model, first difference model, or growth curve model. Although fixed 

effects/random effects model can deal with the time-invariant unobserved heterogeneity, it cannot 

account for the time-variant unobserved heterogeneity. Under the proposed framework, 

unobserved heterogeneity from the self-selection is the main concern. First difference model could 
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be a good option given that I am interested in the change value. Nevertheless, several main factors 

are time-invariant and I am interested in testing CAD process which is captured by the initial 

conditions rather than the change of conditions. Growth curve model (either under multilevel 

framework or structural equation framework) is helpful in studying determinants of trajectory. 

However, it may not be ideal to independently explore trajectories for several periods, each of 

which include missing data since migrants may end their migration at a different time point. The 

model specification and the estimation procedure are shown as follows:  

∆𝐼𝑆𝐸𝐼𝑖𝑠 = 𝛽𝑠𝑋𝑖𝑠 + 𝜇𝑖𝑠  

𝑇𝑖𝑠 = {
1 𝑖𝑓 𝑟𝑒𝑎𝑐ℎ 𝑡𝑜 𝑠𝑡𝑎𝑔𝑒 𝑠 (𝐼𝑖𝑠 > 0)
0 𝑜𝑡ℎ𝑒𝑟𝑤𝑖𝑠𝑒                                   
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(
𝜇𝑖𝑠

𝜂𝑖𝑠
) |𝑋𝑖𝑠~𝑁 ((

0
0

) ,  [
𝜎𝜇𝑠

2 𝜌𝑠𝜎𝜇𝑠𝜎𝜂𝑠

𝜌𝑠𝜎𝜇𝑠𝜎𝜂𝑠 𝜎𝜂𝑠
2 ]) 

𝐸(∆𝐼𝑆𝐸𝐼𝑖𝑠|𝑇𝑖𝑠 = 1,  𝑋𝑖𝑠, 𝑍𝑖𝑠) 

= 𝐸(𝛽𝑠𝑋𝑖𝑠 + 𝜇𝑖𝑠|𝑇𝑖𝑠 = 1,  𝑋𝑖𝑠, 𝑍𝑖𝑠) 

= 𝛽𝑠𝑋𝑖𝑠 + 𝐸(𝜇𝑖𝑠|𝛼𝑠𝑍𝑖𝑠 + 𝜂𝑖𝑠 > 0) 

= 𝛽𝑠𝑋𝑖𝑠 + 𝐸(𝜇𝑖𝑠|𝜂𝑖𝑠 > −𝛼𝑠𝑍𝑖𝑠) 

= 𝛽𝑠𝑋𝑖𝑠 + 𝐸(
𝜌𝑠𝜎𝜇𝑠

𝜎𝜂𝑠
∗ 𝜂𝑖𝑠 + 𝜔𝑖𝑠|𝜂𝑖𝑠 > −𝛼𝑠𝑍𝑖𝑠) 

𝑤ℎ𝑒𝑟𝑒 𝜔𝑖𝑠 = 𝜇𝑖𝑠 −
𝜌𝑠𝜎𝜇𝑠

𝜎𝜂𝑠
∗ 𝜂𝑖𝑠 𝑎𝑛𝑑 𝜔𝑖𝑠 ⊥ 𝜂𝑖𝑠 

= 𝛽𝑠𝑋𝑖𝑠 + 𝜌𝑠𝜎𝜇𝑠 ∗ 𝐸 (
𝜂𝑖𝑠

𝜎𝜂𝑠
|𝜂𝑖𝑠 > −𝛼𝑠𝑍𝑖𝑠) + 𝐸(𝜔𝑖𝑠|𝜂𝑖𝑠 > −𝛼𝑠𝑍𝑖𝑠) 

= 𝛽𝑠𝑋𝑖𝑠 + 𝜌𝑠𝜎𝜇𝑠 ∗ 𝐸 (
𝜂𝑖𝑠

𝜎𝜂𝑠
|

𝜂𝑖𝑠

𝜎𝜂𝑠
> −

𝛼𝑠

𝜎𝜂𝑠
𝑍𝑖𝑠) + 𝐸(𝜔𝑖𝑠) 

= 𝛽𝑠𝑋𝑖𝑠 + 𝜌𝑠𝜎𝜇𝑠 ∗ 𝜆 (
𝛼𝑠

𝜎𝜂𝑠
𝑍𝑖𝑠) 
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𝑤ℎ𝑒𝑟𝑒 𝜆(𝑧) ≡
𝜙(𝑧)

𝛷(𝑧)
, 𝜙 𝑖𝑠 𝑡ℎ𝑒 𝑝𝑑𝑓 𝑎𝑛𝑑 𝛷 𝑖𝑠 𝑡ℎ𝑒 𝑐𝑑𝑓 

𝑇ℎ𝑒 𝑠𝑎𝑚𝑝𝑙𝑒 𝑠𝑒𝑙𝑒𝑐𝑡𝑖𝑜𝑛 𝑏𝑖𝑎𝑠 𝑐𝑎𝑛 𝑏𝑒 𝑐𝑜𝑟𝑟𝑒𝑐𝑡𝑒𝑑 𝑓𝑜𝑙𝑙𝑜𝑤𝑖𝑛𝑔 𝑡ℎ𝑒 𝑛𝑒𝑥𝑡 𝑡𝑤𝑜 𝑠𝑡𝑒𝑝𝑠: 

𝑆𝑡𝑒𝑝 1:  
𝛼𝑠

𝜎𝜂𝑠

̂
 𝑐𝑎𝑛 𝑏𝑒 𝑜𝑏𝑡𝑎𝑖𝑛𝑒𝑑 𝑢𝑠𝑖𝑛𝑔 𝑃𝑟𝑜𝑏𝑖𝑡 𝑇𝑖𝑠 𝑜𝑛 𝑍𝑖𝑠 

𝑆𝑡𝑒𝑝 2:  𝑟𝑒𝑔 ∆𝐼𝑆𝐸𝐼𝑖𝑠 𝑜𝑛 𝑋𝑖𝑠 𝑎𝑛𝑑 𝜆 (
𝛼𝑠

𝜎𝜂𝑠

̂ 𝑍𝑖𝑠) 

 First, this model’s first stage is essentially the model I apply to study the factors predicting 

the likelihood of reaching migration stages. Thus, 𝑍𝑖𝑠 includes these factors. This model considers 

both transitions and self-selection. The coefficients obtained from the model’s second stage show 

the impact of initial conditions (including unobserved factors) on occupational attainment gain 

through migration transition.  

Moreover, because it is an unconditional transition, the selection term captures the 

cumulative selection of unobservable factors up to the point of decision. For example, the selection 

term in the long-term migration stage obtained from the model captures the unobservable factors 

that differ between migrants who have arrived long-term migration stage and migrants who have 

not reached the long-term migration stage, which includes migrants from all the previous stages.  

The variables 𝑋𝑖𝑠 used to predict the change in ISEI (i.e., the second stage of analysis) 

include the same variables described for the first stage of analysis (i.e., the same analysis for 

migration transition) while excluding border control and economy in Mexico and adding migration 

duration in the arrival stage. Border control and economy in Mexico are used for exclusion 

restrictions. 21  Duration in arrival stage needs to be controlled because duration could differ 

 
21 Although variables in the first stage and second stage are measured at different points in time, they are highly 

correlated. Therefore, it is still important to include other variables to satisfy exclusion restrictions.  
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between those who experienced the same transition. For example, for migrants whose lifetime 

migration duration is 40, their migration duration in the permanent migration stage (33-64 years 

of migration) will be 7 years. These variables are strong predictors of migrants’ social mobility. 

All these variables are measured at the start of the migration stage reached, except for duration. 

For example, for migrants who reach long-term migration, these explanatory variables will be 

measured at the beginning of the long-term stage, essentially on or right after year 9. Migrants who 

have not reached the stage will not be observed (i.e., sample selection). I also conduct analyses 

without self-selection to highlight the consequences of failing to capture self-selection. Besides, 

certain migration stages may not involve self-selection. 

FINDINGS 

Self-selection Advantage Process over Lifetime Migration 

Hypothesis 1 tests the existence of self-selection advantage as a mechanism of social 

mobility. Table 2.2 shows whether the change in value in ISEI across stages is statistically 

significant. Overall, there is upward occupational mobility across the first five transitions followed 

by horizontal mobility or immobility (i.e., not statistically significant change) in the last two 

transitions. 22  The upward mobility in the first five transitions reflects the assimilation or 

integration process (Alba and Nee 1997; Borjas 1985; Gordon 1964; Portes and Rumbaut 2006).  

The limited improvement in social mobility suggests that there may be blocked mobility 

for migrants. While they may experience upward mobility initially, they may experience blocked 

mobility because of individual traits such as low human capital and undocumented status or 

 
22 This pattern is consistent across different ways of measuring ISEI for unemployed status. The pattern using lowest 

ISEI score is shown in Table A1 and the pattern using the average individual ISEI score is shown in Table A2. 
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institutional barriers such as urban job ceiling, exploitation, and discrimination (Hagan, Lowe, and 

Quingla 2011; Hall, Greenman, and Yi 2019; Jones and Murray 1986). Moreover, the horizontal 

mobility or immobility in the last few transitions may be due to the age effect. For migrants who 

work in a labor-intensive sector, if they cannot move up the occupational ladder by becoming 

supervisors or self-employed in early stages, they may be discriminated against through the aging 

process when they cannot do more labor-intensive jobs (Roscigno et al. 2007; Van Dalen, 

Henkens, and Schippers 2010). Note, however, there could be also individuals experiencing 

downward mobility. It is only that at the group level, we do not observe such a process. 

Nevertheless, downward mobility for these individuals could be partly what drives the limited 

upward mobility and horizontal mobility or immobility.  

 The comparisons do not include controls. Indeed, these differences may not be due to 

reaching migration stages alone. After controlling for various factors, we may not necessarily 

observe that migration transitions are associated with occupational attainment. Nevertheless, the 

differences in the various factors are essentially the self-selection process and the mobility process 

embedded in each transition. For example, suppose that migrants realize higher occupational 

attainment in the transition to long-term migration stage because of education. In this case, if we 

control for education, the transition may not be associated with higher occupational attainment. 

The issue, however, is that education is part of the self-selection process that leads to reaching 

long-term migration and also the mobility process for migrants in this transition. 

<Table 2.2 Here> 

Table 2.3 shows the factors that affect the likelihood of reaching migration stages. When 

interpreting the coefficients, it is important to keep in mind that the transitions studied in this model 
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are the unconditional ones. That is, everyone is included rather than only those who have reached 

the previous stage. In this sense, these are also cumulative transitions. For example, when the 

outcome is reaching 23 years or more of migration, the treatment group includes those who stay 

for 23 years or more while the control group includes those who stay up to (cumulatively) less 

than 23 years. 

<Table 2.3 Here> 

First, among demographic factors, we observe that migrants self-select into migration 

stages in age and marital status. In particular, older migrants are less likely to arrive at early stages 

of migration. Those who are older may be less willing to stay longer as their goals differ from the 

younger migrants (Blank and Torrecilha 1998; Zenteno, Giorguli, and Gutiérrez 2013). However, 

older migrants are more likely to arrive at late stages of migration. This likely suggests that after 

passing a certain migration stage, older migrants may be more willing and able to settle, reflecting 

the cumulative increase in the probability of US settlement over migration duration (Massey 1986). 

Married migrants are less likely to arrive the first two stages. This is likely because married 

migrants who are undocumented are less likely to take more trips and more likely to return (Massey 

and Espinosa 1997). The effect disappears for the later stages likely because the negative effect of 

being married canceled out by the positive effect of duration on settlement (Massey 1986).  

Migrants also self-select into migration stages by migration characteristics. Migrants 

working in traditional receiving states are less likely to arrive at the first migration stage. While 

they may have more opportunities, they also face saturation and competition, making it harder to 

stay longer, especially for undocumented migrants (Durand, Massey, and Pren 2016; Massey and 

Gentsch 2014; Massey, Rugh, and Pren 2010). This effect could be more pronounced in the first 
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stage when migrants are more vulnerable to saturation and competition. In addition, migrants with 

better occupation are more likely to arrive at most of the migration stages. This is consistent with 

the finding that better economic condition is associated with higher likelihood of settlement and 

lower likelihood of return (Massey 1986). The association is not significant in the last two stages 

likely suggests that economic condition is no longer the main concern. Duration spent at home 

since first migration decreases the likelihood of arriving at all the migration stages, except for the 

first stage. This is likely because stronger home ties are associated with higher intention to return 

(Tezcan 2018). Finally, more migration trips are associated with higher likelihood of reaching at 

most of the migration stages, except the last two stages. This suggests that although duration in 

each trip could differ, the total duration will increase as the trip number increases.  

Self-selection into migration stages is particularly strong in terms of documentation status. 

Documented migrants are less likely than undocumented migrants to arrive at most of the 

migration stages. This is probably because the stay duration for those who are documented is 

restricted by temporary nonimmigrant programs such as the Bracero program and H2A program 

since they are required to return after completing their contract work (Hanson and Spilimbergo 

1999). In contrast, migrants who have a green card or are naturalized are much more likely than 

undocumented migrants to arrive at each migration stage. Unlike those who are documented, those 

who have a green card or who are naturalized do not face stay duration limitations. Their legal 

permanent resident (LPR) or citizen status helps them reach all migration stages over lifetime 

migration. 

Family social capital also matters significantly in the self-selection process. Migrants who 

have a parent or both parents with migration experience or who have siblings with migration 
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experience are more likely to reach multiple migration stages. This reflects the impact of social 

capital on migration duration (McNeely, Maltby, and Rocha 2019; Reyes 2004). The difference, 

however, is on which stages of migration are affected. Migration experience of a single parent 

influences earlier migration stages while migration experience of both parents affects later 

migration stages. This could be that migration of both parents may involve family migration, which 

is associated with settlement (Cerrutti and Massey 2001). Migration experience of siblings only 

influences two middle migration stages, suggesting a complicated effect of sibling networks.  

Beyond individual factors, institutional factors also matter. Depending on the institutional 

factors they are exposed to, migrants may self-select into different migration stages. Immigration 

policy has a statistically significant impact on the likelihood of reaching migration stages. In 

particular, migrants exposed to IRCA are less likely to reach several migration stages. While IRCA 

provided the possibility of legalizing unauthorized migrants, it also increased border security and 

sanctioned employers who hired unauthorized migrants. Therefore, migrants who are exposed to 

it are less likely to stay longer, independent of border enforcement (Ortmeyer and Quinn 2012; 

Reyes 2004).  

Turning to the US economy, we observe that it affects migrants’ self-selection process as 

well. Specifically, GDP per capita in the US increases the likelihood of reaching early migration 

stages. As US GDP per capita increases, migrants are more aspired to stay longer as the benefit of 

staying could be higher (Marcelli and Cornelius 2001; Reyes 2001). In contrast, as unemployment 

rate in the US increases, migrants are less likely to arrive at early migration stages. The US 

unemployment rate directly decreases employment opportunities and pushes for return migration, 

especially in the early stages when migrants are more vulnerable to these shocks (Marcelli and 
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Cornelius 2001; Reyes 2001). The reversal effect of US unemployment rate in the last stage is 

likely because better economic conditions in the US can attract new migration and encourage 

current migrants to remain in the US (Marcelli and Cornelius 2001; Massey and Espinosa 1997; 

Reyes 2001). As a result, there could be more competition for migrants, making it harder to reach 

last stage of migration, especially for older migrants who may be exposed to age discrimination 

(Roscigno et al. 2007; Van Dalen, Henkens, and Schippers 2010).  

Migrants also self-select into migration stages by the immigration controls they face. In 

particular, the number of Mexican apprehensions decreases the likelihood of stage arrival in the 

first stage while increases the likelihood of stage arrival in the last stage. The number of border 

patrol officers, however, decreases the likelihood of stage arrival in the first stage. The number of 

Mexican deportations and line watch hours show no effect. This complexity may result from 

immigration control that either postpones return, because it is hard and costly to migrate again, or 

leads to return (Ortmeyer and Quinn 2012; Reyes 2004). Therefore, depending on which of the 

two effects dominates, immigration control either increases or decreases the likelihood of stage 

arrival. The null findings are likely because the two directional impacts of immigration control 

canceled each other out or are explained by other immigration control factors. 

Finally, the economy in Mexico also plays a role in the self-selection process. In contrast 

to the US economy, higher GDP per capita in Mexico decreases the likelihood of stage arrival in 

the first stage. This suggests that a high per capita Mexico GDP is a pull factor for return migration 

(Marcelli and Cornelius 2001; Reyes 2001).  

The overall findings support my Hypothesis 1 and show the existence of self-selection 

advantage process. We observe that migrants self-select into migration stages (most of which are 
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associated with an increase in occupational attainment) in terms of individual characteristics as 

well as home and host institutional conditions over lifetime migration. The gain in occupational 

attainment, however, is quite limited over the stages, with overall gains in occupational attainment 

from the first five transitions, which are associated with upward mobility, at 3.66 in ISEI (Table 

2.2). To further understand the meaning of this overall upward mobility, we can look at the average 

ISEI score by Erikson and Goldthorpe’s class categories (EGP) (1992). For example, the difference 

in average ISEI between semi-unskilled manual class and skilled manual class is 5 points while 

the difference in average ISEI between skilled manual and manual foremen class is 4 points. This 

finding suggests that Mexican migrants face limited occupational attainment over lifetime 

migration and that relying on reaching the stages alone may not be enough to realize significant 

upward occupational mobility. Although overall gains could be meaningful, it is quite limited once 

we consider all the stages that migrants need to go through. Besides, only a few migrants can go 

through all the stages. Therefore, it is important to explore the collective mobility pathways in 

each stage – the CAD process in occupational attainment changes over lifetime migration.  

CAD Process over Lifetime Migration 

Table 2.4 shows how the initial conditions affect changes in occupational attainment in 

each stage transition. First, we observe that lambda is significant in the first five transitions of 

migration stage, suggesting that migrants are self-selected in unobservable factors that help them 

make the transition while affecting changes in ISEI in these transitions. These results justify the 

need for a selection model for these transitions and show that ordinary least squares (OLS) 

estimation is consistent for the last two transitions. Table 2.5, which should be considered along 

with Table 2.4, shows the results without the selection. For the first five transitions, we should 
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look at the results in Table 2.4, while for the last two transitions, we should look at the results in 

Table 2.5. Comparing the first five transitions in Tables 2.4 and 2.5, we can see that we may reach 

biased findings without considering the selection. For example, we may miss the importance of 

green card or citizenship in the fourth and fifth transitions.  

<Table 2.4 Here> 

<Table 2.5 Here> 

Results from both Table 2.4 and Table 2.5 support Hypothesis 2.23 There are several factors 

that display CAD process. We can conclude that the impact of a factor is substantial by comparing 

its overall impact with the total average growth in ISEI across stages shown in Table 2.2. Besides, 

to better understand the practical impact of each factor, we can also compare the impact with the 

average ISEI score by Erikson and Goldthorpe’s class categories (EGP) (1992).  

Among the demographic characteristics, age, education, and having children matter. 

Specifically, older migrants experience lower mobility in the first transition. This likely suggests 

that migrants who initiate their migration at older ages could be exposed age discrimination at the 

beginning of their migration. High school or above education level is associated with a higher 

mobility in multiple transitions, reflecting the role of human capital in affecting assimilation or 

integration (Chiswick 1984; Toussaint-Comeau 2006). Having children is negatively associated 

with occupational attainment in the fourth transition. This likely reflects the role of work-family 

conflict. It is only significant in this middle transition likely because work-family conflict is more 

 
23 The results are consistent across different measures of ISEI for unemployed status as shown in Table A3-A6. In 

particular, there are a few factors that change their significance level between 5% and 10% when unemployment is 

replaced with the lowest ISEI score, but the overall pattern is consistent. The results are identical when unemployment 

is replaced with the average individual ISEI score. 
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common for middle age group (Matthews, Bulger, and Barnes-Farrell 2010). Among these factors, 

education is playing a major role. Its impact ranges from 1.172 to 10.090 across multiple stages 

when the sum of the average growth of ISEI in the first five transitions is only 3.66. 

Besides, migration characteristics also matter. For migrants working in a traditional 

receiving state, they are exposed to more, but often limited, job opportunities through ethnic 

enclaves, ethnic economy, or ethnic niching (Hernández-León 2008; Waldinger and Der-

Martirosian 2001; Zhou 2004). However, migrants may also be restricted to the ethnic enclave, 

ethnic economy, or ethnic niching (Chiswick and Miller 2005; Xie and Gough 2011). We see that 

working in a traditional receiving state leads to a decrease in ISEI in the second transition. The 

impact is likely canceled out in the other transitions. An increase in occupational attainment is 

associated with a decrease in ISEI in the first transition but associated with an increase in ISEI in 

the next few transitions. The decrease suggests that it is harder to move up the occupational ladder 

in an early stage of migration and in a short period of time if the initial occupational position is 

high. The increase suggests that an increase in occupational attainment is associated with a higher 

increase in ISEI in later stages of migration and in a longer period of time. Moreover, more 

migration trips are associated with an increase in ISEI in first few transitions, suggesting that 

migrants who travel more often have a better occupation. Besides, migration duration within 

arrival stage also matters, reflecting the assimilation or integration process. An additional year of 

migration in the second transition is associated with a growth in ISEI in the second transition. 

Documentation status plays a central role in shaping migrants’ occupational attainment in 

each transition. Migrants who become LPR or citizens experience a substantially larger growth in 

ISEI in the fourth and fifth transitions. Given the rights and benefits that accrue to either LPR or 
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citizenship, it is expected that becoming an LPR or citizen will lead to upward occupational 

mobility over lifetime migration (Bratsberg, Ragan, and Nasir 2002; Catron 2019). LPR or citizen 

status has a quite substantial impact (an overall increase of 5.65) given that the sum of the average 

growth of ISEI in the first five transitions is 3.66. For the transitions where documentation status 

does not show to have a significant impact likely reflects the case that documentation status mostly 

affects migrants’ economic outcomes through migration duration (Massey 1987).  

Family social capital also matters. Having siblings with migration experience is associated 

with an increase in ISEI in the second transition. This is likely because social network can 

influence the way in which a job is obtained, and the sector of the job obtained (Aguilera and 

Massey 2003).  

Besides individual factors, institutional factors also matter. Nevertheless, these institutional 

factors only matter in the first transition. In particular, exposing to after IRCA period is associated 

with an decrease in ISEI. This is likely because employers tend to pass the costs and risks of 

unauthorized hiring on to the undocumented migrants after IRCA (Phillips and Massey 1999). The 

increase in US GDP per capita leads to an increase in the ISEI while the increase in US 

unemployment rate leads to a decrease in the ISEI. This is a direct reflection that migrants’ 

occupational attainment depends on economic conditions in the US. However, the results that all 

these institutional factors only matter in the first transition suggest that migrants are less sensitive 

to these macro conditions in the later stages when they have more resources. 
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Beyond these observed factors, unobserved factors, as captured by lambda, also matter. 

This latent factor includes all the unobserved factors.24 Lambda in each transition essentially 

captures the underlying cumulative selection of unobserved characteristic factors up to that 

transition. It potentially reflects lifetime migration goals and migration age as a social age for 

assimilation or integration. Moreover, under the specific context of Mexico-US migration and with 

the focus on occupational attainment, we can narrow observables to specific factors. First, in 

general, we expect that unobservable factors that explain both reaching migration stages and 

change in occupational attainment from the transitions can be grouped into two categories – “can” 

(i.e., ability) and “want” (i.e., choice and decision). This is essentially consistent with the idea of 

lifetime migration goals and migration age as a social age for assimilation or integration since the 

former reflects “want” and the latter reflects “can” through assimilation or integration.  

Table 2.6 describes the expectation of the outcome on reaching migration stages and 

change in occupational attainment based on the sign of “can” and “want.” As shown in the table, 

we expect that the only case when the unobservable in both selection and outcome equations is 

positively correlated will be when “can” and “want” are positive. These unobservable factors here 

will most likely refer to skills (which is mainly informal human capital) and aspirations (which 

can also include whether one is risk-averse or risk loving), given that these factors aid in 

overcoming barriers to reaching migration stages and provide migrants with tools to attain higher 

occupational attainment across migration stages (Hagan, Hernández-León, and Demonsant 2015). 

 
24 There is an implicit assumption that the unobserved factors are stable (i.e., unobserved factors do not change 

significantly) and consistent (i.e., the same component of unobserved factors) over lifetime migration.  
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The significant role of this latent factor is found in the first five transitions. Migrants who “can” 

and “want” experience substantially larger growth in ISEI in the first five transitions.  

<Table 2.6 Here> 

The overall findings support Hypothesis 2. We observe that education and documentation 

status play a major role in determining migrants’ occupational mobility over lifetime migration. 

Because these factors are effective in multiple transitions of migration, there is a CAD process for 

these factors. Moreover, collectively, they may form a stronger CAD process. For example, those 

who have higher education and who become LPR or citizen may display a stronger CAD process. 

Moreover, their transition-specific impact could also seem like a boost to the occupational status 

that could last over the entire lifetime migration.  

In addition, although several factors have no significant impact, it is likely because the 

average growth from each transition is quite limited as a result of blocked mobility (Hagan, Lowe, 

and Quingla 2011; Hall, Greenman, and Yi 2019; Jones and Murray 1986). In other words, there 

is little to be explained by these factors. While these factors may explain migrant occupational 

attainment, they may not explain the change in occupational attainment. The possibility that 

migrants face a persistently blocked mobility in occupational attainment in each transition 

highlights the importance of these significant factors, especially education and documentation 

status, in making a significant difference in migrants’ occupational attainment over lifetime 

migration. Finally, the fact that these factors are transition-specific likely suggests that migration 

transitions could largely shape the mobility pathways. That is, these transition-specific factors 

could suggest heterogenous mobility pathways across transitions. 
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Together, the findings on the self-selection advantage process and CAD process suggest 

important insights on the migrant social mobility process over lifetime migration. The limited 

observed migrant occupational mobility is most likely to be realized through the self-selection 

process into migration stages. Yet, the significant breakthrough in occupational mobility can only 

be realized through the CAD process across migration stages. These findings also emphasize the 

need to explore migrants’ social mobility using the life-course approach. While snapshot approach 

will suggest that certain factors matter, it cannot capture the social mobility process. The observed 

factors that explain migrant social mobility relying on the snapshot approach could be either a 

reflection of the self-selection advantage process, which captures the effect of reaching migration 

stages on social mobility or a reflection of the CAD process, which captures the effect of the 

transition-specific mobility process. We can observe that the impacts of these factors can come 

from either the self-selection process or the CAD process.  

These findings also have strong implications for the theories of assimilation. Gordon 

suggests the seven stages of assimilation (Gordon 1964). However, due to the lack of dynamic 

dimension in his framework, the focus has been mostly in the multidimensional approach instead 

of the stages of assimilation. While the dynamic dimension has been added in the later assimilation 

theories, including straight-line assimilation, bumpy-line assimilation, and segmented assimilation, 

these theories focused mostly on the intergenerational aspect instead of the intragenerational aspect 

(Gans 1992; Portes and Zhou 1993; Warner and Srole 1945). The migration stages identified in 

this chapter may suggest the intragenerational stages of assimilation that migrants may experience 

over their lifetime migration. Moreover, by further exploring how migrants are self-selected into 

these dynamic stage transitions and how they move up the social ladder within each stage transition, 

I shed light on the dynamic and heterogenous process of assimilation.  
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CONCLUSION 

 Studies on migrants’ social mobility over the life course have missed the importance of 

exploring the life course process within migration. There are meaningful migration stages that 

entail lifetime migration goals and migration age as a social age for assimilation or integration. In 

this chapter, I explore migrant occupational mobility across migration stages over lifetime 

migration. Two main channels are studied: (i) the likelihood of reaching migration stages (self-

selection advantage process) and (ii) change in occupational attainment from transitions (CAD 

process). By doing so, I further identify the mechanisms by which Mexican migrants move up the 

social ladder over the lifetime migration. Overall, I contribute to the literature of migration by: (i) 

identifying meaningful migration stages; (ii) placing migrant social mobility within the framework 

of life-course (cumulative) transitions; and (iii) considering migrant self-selection from a life-

course angle. 

First, I find evidence of self-selection advantage. In particular, the likelihood of reaching 

migration stages depends on Mexican migrants’ individual characteristics and home and host 

institutional conditions over lifetime migration. Nevertheless, the gain in occupational attainment 

is quite limited across stages, suggesting that relying on reaching stages alone is unlikely by itself 

to realize a significant improvement in occupational attainment.  

By combining the transition with the self-selection model, I find the existence of self-

selection bias in the first five transitions of migration stage. More importantly, I find evidence of 

the CAD process for education and documentation status. Although the impacts of these factors 

are transition-specific, they could be lasting impacts. These results also indicate heterogenous 

mobility pathways across migration transitions. These findings suggest that while there is limited 
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occupational mobility for migrants by reaching migration stages alone, there are mechanisms that 

help migrants overcome barriers to realizing a significant breakthrough in their occupational 

attainment at varied migration transitions.  

It is important to use the life-course approach to explore migrant social mobility process. 

The process observed relying on snapshot approach could be either a reflection of the self-selection 

advantage process, which captures the effect of reaching migration stages on social mobility or a 

reflection of the CAD process, which captures the effect of the transition-specific mobility process. 

We can observe that the impacts of factors come from either the self-selection process or the CAD 

process. Besides, these findings also have strong implications for the theories of assimilation by 

suggesting the intragenerational stages of assimilation that migrants may experience over their 

lifetime migration and showing the dynamic and heterogenous process of assimilation.  
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Table 2.1. Optimal Grouping Methods and Optimal Group Number 

Number of Groups Cutoff-points Gb Ak 

k=1 - - 0 

k=2 8.3 0.523 0.2730 

k=3 3.9; 16.5 0.601 0.3047 

k=4 2.4; 8.1; 21.7 0.627 0.3145 

k=5 1.9; 5.3; 12.9; 26.1 0.640 0.3200 

k=6 1.5; 3.7; 8.3; 16.6; 28.9 0.646 0.3219 

k=7 1.2; 2.9; 5.8; 11.0; 19.5; 30.6 0.649 0.3225 

k=8 1.1; 2.5; 4.6; 8.5; 14.4; 22.9; 32.9 0.652 0.3239 

k=9 1.0; 2.2; 3.9; 6.8; 11.1; 17.0; 25.0; 34.0 0.653 0.3238 
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Table 2.2. Change Value in ISEI from Each Stage Transition 

   N Mean Standard 

Error 

t-value p-value 

Optimal Grouping      

 ∆ISEI2 1979 0.346*** 0.066 5.283 0.000 

 ∆ISEI3 1293 0.775*** 0.117 6.624 0.000 

 ∆ISEI4 980 0.581*** 0.158 3.685 0.000 

 ∆ISEI5 705 0.841*** 0.207 4.072 0.000 

 ∆ISEI6 505 1.117*** 0.290 3.852 0.000 

 ∆ISEI7 299 0.612 0.385 1.590 0.113 

 ∆ISEI8 118 0.520 0.598 0.870 0.386 

*** p<0.001, ** p<0.01, * p<0.05, + p<0.1 
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Table 2.3. Determinants of Reaching Migration Stages 

(Probit Regression) 

  Reaching Migration Stages 

VARIABLES Year 1+ Year 3+ Year 5+ Year 9+ Year 14+ Year 23+ Year 33+ 

        

Demographic Characteristics    
Age -0.037*** -0.014** 0.006 0.038*** 0.072*** 0.101*** 0.093*** 

 (0.006) (0.005) (0.005) (0.006) (0.006) (0.009) (0.012) 

Education (Ref=No education)    
    Elementary 0.008 -0.007 -0.048 0.007 0.058 0.042 0.289 

 (0.073) (0.066) (0.069) (0.080) (0.096) (0.134) (0.198) 

    Middle School 0.023 0.042 -0.131 0.007 0.152 0.058 -0.156 

 (0.163) (0.130) (0.131) (0.144) (0.166) (0.221) (0.336) 

    High School or Above -0.073 -0.117 -0.046 0.025 0.113 0.288 -0.163 

 (0.181) (0.151) (0.154) (0.168) (0.193) (0.241) (0.331) 

Married -0.202* -0.231** -0.098 -0.030 0.007 -0.073 -0.222 

 (0.096) (0.087) (0.090) (0.101) (0.120) (0.158) (0.203) 

Having Children (Minors) -0.023 -0.032 -0.106 -0.082 0.042 0.195 0.167 

 (0.097) (0.086) (0.087) (0.094) (0.106) (0.130) (0.157) 

Migration Characteristics     
Born in Traditional Sending States 0.048 0.088 0.060 0.023 0.109 0.164 0.156 

 (0.072) (0.064) (0.067) (0.075) (0.090) (0.126) (0.183) 

Work in Traditional Receiving 

States -0.175* -0.139+ -0.086 0.008 -0.020 -0.161 -0.139 

 (0.088) (0.072) (0.075) (0.085) (0.097) (0.131) (0.203) 

Occupational Attainment 0.040*** 0.025*** 0.027*** 0.024*** 0.023*** 0.004 0.010 

 (0.006) (0.005) (0.005) (0.005) (0.005) (0.007) (0.008) 

Duration at Home 0.003 -0.048*** -0.065*** -0.086*** -0.116*** -0.143*** -0.156*** 

 (0.007) (0.006) (0.006) (0.006) (0.007) (0.010) (0.020) 

Migration Trips 0.312*** 0.166*** 0.161*** 0.097*** 0.043*** -0.006 -0.025+ 

 (0.033) (0.018) (0.014) (0.010) (0.008) (0.008) (0.015) 

Documentation Status     
Documentation (Ref=Undocumented)   
    Documented -0.489*** -0.424*** -0.607*** -0.470*** -0.344** 0.031 0.488 

 (0.075) (0.069) (0.075) (0.090) (0.116) (0.195) (0.336) 

    Have a Green Card/Citizen 0.752** 1.198*** 1.283*** 1.522*** 1.435*** 1.433*** 1.121*** 

 (0.268) (0.168) (0.123) (0.099) (0.093) (0.122) (0.208) 

Family Social Capital     
Parents Ever Migrated (Ref=None)    
    One Parent Ever Migrated 0.078 0.312*** 0.209* 0.103 0.156 0.197 0.111 

 (0.101) (0.086) (0.089) (0.100) (0.113) (0.144) (0.216) 

    Both Parents Ever Migrated 0.207 0.288 0.300 0.472* 0.435+ 0.792** 0.714* 

 (0.277) (0.234) (0.223) (0.224) (0.247) (0.286) (0.290) 

Siblings Ever Migrated -0.017 0.113+ 0.097 0.178* 0.185* 0.125 -0.037 

 (0.073) (0.062) (0.064) (0.070) (0.080) (0.109) (0.155) 

Immigration Policy     
After IRCA -0.968*** -0.268 -0.295 -0.575** -0.528* -0.441+ -0.406 

 (0.288) (0.212) (0.202) (0.198) (0.210) (0.257) (0.385) 
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Economy in US      
US GDP per Capita 0.197*** 0.058* 0.043+ 0.051* 0.040 0.000 -0.041 

 (0.035) (0.025) (0.024) (0.024) (0.025) (0.020) (0.037) 

Unemployment Rate in the US -0.075*** -0.049** -0.032+ -0.035 0.032 0.004 0.136* 

 (0.016) (0.017) (0.018) (0.023) (0.023) (0.043) (0.054) 

Immigration Control     
Mexican Apprehensions -0.001*** -0.000 -0.000 -0.000 0.000 0.000 0.001** 

 (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) 

Mexican Deportations 0.006 0.002 0.002 -0.000 0.001 -0.002 -0.003 

 (0.004) (0.003) (0.003) (0.003) (0.003) (0.004) (0.005) 

Border Patrol Officers -0.561* -0.200+ -0.172 -0.127 -0.029 -0.065 0.193+ 

 (0.218) (0.108) (0.106) (0.097) (0.079) (0.095) (0.115) 

Line Watch Hours 0.000 0.000 0.000+ 0.000 0.000 0.000+ -0.000 

 (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) 

Economy in Mexico     
Mexican GDP per Capita -0.358** -0.099 -0.099 -0.086 -0.146+ -0.026 -0.002 

 (0.117) (0.086) (0.077) (0.074) (0.078) (0.075) (0.112) 

Unemployment Rate in Mexico -0.009 0.030 0.002 0.021 -0.003 0.018 -0.111 

 (0.028) (0.020) (0.020) (0.023) (0.027) (0.042) (0.073) 

Constant 1.022*** -0.051 -1.018*** -2.581*** -4.407*** -5.698*** -7.110*** 

 (0.281) (0.234) (0.232) (0.259) (0.305) (0.468) (0.777) 

        
Observations 2,515 2,515 2,515 2,515 2,515 2,515 2,515 

Standard errors in parentheses    
*** p<0.001, ** p<0.01, * p<0.05, + p<0.1  
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Table 2.4. Determinants of Change Value in ISEI in Each Stage Transition 

(Heckman Selection Model) 

  Change Value in ISEI 

VARIABLES ∆ISEI2 ∆ISEI3 ∆ISEI4 ∆ISEI5 ∆ISEI6 ∆ISEI7 ∆ISEI8 

        
Demographic Characteristics    
Age -0.043* -0.012 0.014 0.075 0.149+ -0.006 0.138 

 (0.017) (0.024) (0.031) (0.047) (0.082) (0.119) (0.248) 

Education (Ref=No education)    
    Elementary 0.174 0.183 -0.101 -0.253 -0.188 0.111 3.227+ 

 (0.171) (0.309) (0.420) (0.560) (0.822) (1.060) (1.844) 

    Middle School 0.674* 0.318 0.062 0.148 0.485 -2.659 -2.103 

 (0.321) (0.533) (0.741) (0.919) (1.306) (1.698) (3.087) 

    High School or Above 1.172** 0.251 1.994* 2.602* 0.709 -1.522 9.972*** 

 (0.379) (0.635) (0.818) (1.024) (1.441) (1.666) (2.870) 

Married -0.402+ -0.031 0.199 0.773 1.432 1.092 -3.716* 

 (0.227) (0.396) (0.525) (0.727) (0.992) (1.283) (1.695) 

Having Children (Minors) -0.046 -0.043 -0.864+ -1.314* -0.010 0.021 1.482 

 (0.229) (0.377) (0.502) (0.645) (0.866) (1.015) (1.338) 

Migration Characteristics     
Born in Traditional Sending States 0.124 0.298 0.765+ 0.331 -0.137 -0.268 -1.574 

 (0.163) (0.297) (0.412) (0.547) (0.823) (1.068) (1.770) 

Work in Traditional Receiving 

States -0.206 -0.918** 0.248 -0.075 -0.466 -0.348 1.030 

 (0.193) (0.320) (0.448) (0.583) (0.816) (1.050) (1.904) 

Occupational Attainment -0.135*** 0.191*** 0.053+ 0.145*** 0.157*** 0.181*** 0.058 

 (0.015) (0.022) (0.027) (0.034) (0.042) (0.044) (0.065) 

Duration at Home 0.022 0.022 -0.071 -0.136+ -0.191 -0.097 -0.274 

 (0.017) (0.029) (0.046) (0.071) (0.123) (0.175) (0.368) 

Migration Trips 0.317*** 0.126+ 0.231** 0.194** -0.014 -0.061 0.116 

 (0.088) (0.068) (0.083) (0.072) (0.064) (0.063) (0.146) 

Migration Duration in Stage 0.235 0.653* 0.130 0.090 -0.233+ 0.013 -0.110 

 (0.158) (0.325) (0.173) (0.173) (0.130) (0.141) (0.116) 

Documentation Status     
Documentation (Ref=Undocumented)   
    Documented -0.324 -0.530 -1.047+ -0.626 0.267 -1.074 -0.872 

 (0.228) (0.347) (0.569) (0.834) (1.271) (2.137) (3.428) 

    Have a Green Card/Citizen 0.592 0.357 0.855 2.323* 3.327* 1.724 2.537 

 (0.371) (0.422) (0.619) (0.951) (1.408) (1.859) (3.104) 

Family Social Capital     
Parents Ever Migrated (Ref=None)    
    One Parent Ever Migrated 0.015 0.305 0.141 -0.115 1.462+ 1.774 -2.843+ 

 (0.217) (0.374) (0.481) (0.611) (0.838) (1.084) (1.689) 

    Both Parents Ever Migrated 0.608 -1.543+ 0.793 1.514 2.595+ -1.260 -2.597 

 (0.527) (0.809) (1.059) (1.164) (1.494) (1.653) (2.321) 

Siblings Ever Migrated 0.204 0.564* 0.178 0.385 0.205 0.607 -0.334 

 (0.162) (0.270) (0.358) (0.473) (0.658) (0.851) (1.280) 

Immigration Policy     
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After IRCA -0.919* -0.015 0.760 -0.733 -0.569 -2.450+ 1.436 

 (0.446) (0.584) (0.794) (0.903) (1.154) (1.273) (2.085) 

Economy in US      
US GDP per Capita 0.107*** -0.013 0.009 0.023 -0.044 0.053 -0.117 

 (0.026) (0.029) (0.037) (0.040) (0.049) (0.052) (0.076) 

Unemployment Rate in the US -0.087* -0.038 -0.065 -0.061 0.143 0.308 1.121* 

 (0.043) (0.070) (0.096) (0.128) (0.166) (0.287) (0.512) 

Selections       
Lambda 2.776*** 2.714*** 2.285** 2.498* 3.191* 2.052 2.392 

 (0.713) (0.649) (0.876) (1.097) (1.557) (1.869) (3.224) 

Constant 3.178*** -6.132*** -4.280* -9.104** -12.776* -9.070 -16.450 

 (0.618) (1.133) (1.828) (3.177) (5.910) (8.705) (21.581) 

        
Observations 1,979 1,293 980 705 505 299 118 

Standard errors in parentheses    
*** p<0.001, ** p<0.01, * p<0.05, + p<0.1  
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Table 2.5. Determinants of Change Value in ISEI in Each Stage Transition 

(OLS Regression) 

  Change Value in ISEI 

VARIABLES ∆ISEI2 ∆ISEI3 ∆ISEI4 ∆ISEI5 ∆ISEI6 ∆ISEI7 ∆ISEI8 

        
Demographic Characteristics    
Age -0.007 0.013 0.003 0.016 0.027 -0.107 -0.017 

 (0.013) (0.022) (0.031) (0.039) (0.056) (0.077) (0.147) 

Education (Ref=No education)    
    Elementary 0.136 0.117 -0.009 -0.295 -0.420 0.020 2.826 

 (0.157) (0.297) (0.414) (0.560) (0.818) (1.088) (1.918) 

    Middle School 0.651* 0.146 0.201 -0.042 0.129 -2.717 -1.843 

 (0.288) (0.503) (0.728) (0.910) (1.293) (1.745) (3.347) 

    High School or Above 1.195*** 0.366 2.024* 2.585* 0.416 -1.863 10.090** 

 (0.341) (0.604) (0.803) (1.015) (1.428) (1.678) (3.116) 

Married -0.230 0.198 0.257 0.836 1.485 1.104 -3.409+ 

 (0.204) (0.387) (0.525) (0.731) (1.004) (1.322) (1.783) 

Having Children (Minors) -0.021 0.051 -0.614 -1.206+ -0.145 -0.120 1.178 

 (0.210) (0.371) (0.492) (0.646) (0.871) (1.038) (1.396) 

Migration Characteristics     
Born in Traditional Sending States 0.092 0.161 0.721+ 0.382 -0.414 -0.393 -1.785 

 (0.148) (0.285) (0.408) (0.547) (0.817) (1.093) (1.906) 

Work in Traditional Receiving 

States -0.034 -0.743* 0.378 -0.069 -0.450 -0.323 0.941 

 (0.169) (0.311) (0.443) (0.584) (0.820) (1.084) (2.070) 

Occupational Attainment -0.169*** 0.160*** 0.027 0.116*** 0.124** 0.176*** 0.036 

 (0.011) (0.020) (0.025) (0.031) (0.038) (0.045) (0.062) 

Duration at Home 0.019 0.074** 0.005 -0.007 0.022 0.064 -0.044 

 (0.015) (0.026) (0.035) (0.042) (0.064) (0.097) (0.216) 

Migration Trips 0.058 -0.029 0.071 0.071 -0.087+ -0.065 0.153 

 (0.050) (0.056) (0.055) (0.047) (0.052) (0.064) (0.150) 

Migration Duration in Stage 0.237 0.782* 0.118 0.092 -0.232+ 0.008 -0.114 

 (0.161) (0.331) (0.177) (0.177) (0.135) (0.146) (0.128) 

Documentation Status     
Documentation (Ref=Undocumented)   
    Documented 0.276+ 0.135 -0.200 0.313 1.040 -1.000 -0.867 

 (0.153) (0.308) (0.472) (0.738) (1.240) (2.221) (3.774) 

    Have a Green Card/Citizen 0.119 -0.481 -0.327 0.421 0.749 0.022 1.068 

 (0.306) (0.364) (0.421) (0.460) (0.650) (1.073) (2.631) 

Family Social Capital     
Parents Ever Migrated (Ref=None)    
    One Parent Ever Migrated -0.055 -0.088 -0.084 -0.287 1.305 1.510 -3.009+ 

 (0.196) (0.343) (0.464) (0.601) (0.830) (1.085) (1.812) 

    Both Parents Ever Migrated 0.490 -2.041** 0.366 1.032 2.026 -2.063 -3.603+ 

 (0.470) (0.756) (1.023) (1.128) (1.442) (1.509) (2.020) 

Siblings Ever Migrated 0.212 0.443+ 0.040 0.062 -0.166 0.448 -0.389 

 (0.147) (0.259) (0.350) (0.449) (0.632) (0.862) (1.386) 

Immigration Policy     
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After IRCA -0.287 0.254 1.090 -0.067 0.232 -2.174+ 1.258 

 (0.370) (0.573) (0.783) (0.859) (1.095) (1.286) (2.250) 

Economy in US      
US GDP per Capita 0.046* -0.050+ -0.018 -0.007 -0.065 0.055 -0.110 

 (0.018) (0.027) (0.036) (0.038) (0.048) (0.054) (0.082) 

Unemployment Rate in the US -0.011 -0.022 -0.036 -0.039 0.100 0.261 0.914+ 

 (0.035) (0.069) (0.096) (0.129) (0.166) (0.293) (0.470) 

Constant 4.045*** -4.091*** -1.273 -3.343+ -2.379 -1.125 -2.339 

 (0.525) (0.988) (1.407) (1.905) (2.990) (4.946) (11.245) 

        
Observations 1,979 1,293 980 705 505 299 118 

R squared 0.125 0.078 0.022 0.055 0.056 0.110 0.226 

Standard errors in parentheses    
*** p<0.001, ** p<0.01, * p<0.05, + p<0.1  
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Table 2.6. Unobservable Factors and Expected 

Outcomes 

 Cannot Can 

Don't Want Reach -; ISEI - Reach -; ISEI + 

Want Reach -; ISEI - Reach +; ISEI + 
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Figure 2.1. Lorenz Curve of Lifetime Migration Duration 
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Figure 2.2. Original and New Lorenz Curves 
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CHAPTER THREE 

SOCIAL MOBILITY BY DOCUMENTATION PATTERN OVER LIFETIME 

MIGRATION 

 

PATTERNS AND SELECTIONS IN MIGRATION DOCUMENTATION 

 Migrants are different from natives or local residents in terms of their documentation status. 

Studies exploring how migrant documentation statuses affect migrant social mobility often take 

the snapshot approach and focus on the role of initial or current documentation status (Gentsch 

and Massey 2011; Hall and Greenman 2015; Hall, Greenman, and Farkas 2010; Massey 1987). 

While such an approach is important, it does not consider life-course components in migration. 

Once we take a life-course perspective, we will observe that migrants experience transitions in 

their documentation status for different reasons, either voluntarily or involuntary, over lifetime 

migration. These transitions, which form patterns collectively, largely determine social mobility 

in specific ways. Theoretically, this approach is mostly different from the snapshot approach when 

the life course approach captures the impact of patterns instead of status. Moreover, the self-

selection embedded in the documentation pattern differs significantly from the self-selection 

embedded in the documentation status. Instead of considering self-selection into different 

documentation statuses, I consider self-selection into different documentation patterns.  

Relying on the case of Mexico-US migration, I explore how documentation patterns shape 

migrant social mobility pathways. In particular, I first propose a life-course measure of 

documentation status. Then, building on this definition, I investigate mechanisms of migrant social 

mobility. I argue that two main channels explain migrant social mobility. One is through self-
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selecting into different documentation patterns associated with different levels of economic 

outcomes. The other is through realizing better economic outcomes within each documentation 

pattern. 

Patterns in Documentation Status over the Lifetime Migration 

Most research into documentation status and the social mobility of migrants relies on a 

snapshot measure of documentation status. This measure is either based on initial documentation 

status or current documentation status (Gentsch and Massey 2011; Hall and Greenman 2015; Hall, 

Greenman, and Farkas 2010; Massey 1987). This literature has highlighted the important role of 

documentation status in determining migrants’ social mobility. There are limited studies, however, 

that take a life-course perspective on documentation status and social mobility. Even among the 

studies that explore the role of documentation status within the life-course framework, most either 

focus on how the initial documentation status shapes migrant mobility over the life course or 

concentrate on how documentation status shapes migrant transitions across life-course stages 

(Gonzales 2011; Kreisberg 2019). A few studies explore the documentation transition, but they 

have not focused on social mobility (Jacobs 2019; Patler and Pirtle 2018; Torres and Young 2016). 

Nevertheless, from these studies, we observe that migrants may go from one stage of 

documentation to another over their lifetime migration and that documentation status is dynamic 

rather than static. Their overall transitions will be the documentation pattern that they experience.  

Selections in Documentation Patterns over the Lifetime Migration 

Several studies have investigated the selection process in documentation status (Cort 2012; 

DeSipio 1987; Liang 1994; Portes and Curtis 1987; Yang 1994). Few, however, have considered 

the selection through the life-course lens (Jacobs 2019). Once we take the life-course approach, 
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our understanding of self-selection will largely change. We will observe that the selection is not a 

static process that focuses on which documentation status migrants start or end with. Instead, 

migrants experience a dynamic self-selection process in the pattern of documentation. In particular, 

migrants face a decision to change their documentation status and decide to which documentation 

status they will change over lifetime migration. Such transitions are potentially a key sorting 

mechanism in processes of migrant selection (Jacobs 2019). Therefore, we need to consider the 

dynamic of the selection process in terms of documentation patterns.  

Empirically, this approach can be complicated as there are significant differences between 

status selection and pattern selection. Specifically, pattern selection is a joint selection. In the 

simplest case where there are only two status selections, there could be at least four pattern 

selections if we restrict ourselves to only no or one overall transition and do not consider the 

duration in each documentation status. For example, assume that there are only two statuses – 

documented (denote as D) and undocumented (denote as U) status. Then the overall pattern could 

be D-D, D-U, U-D, and U-U. Exploring the selection in documentation patterns is important 

because it can shape migrants’ outcomes. For example, migrants who successfully change from 

undocumented status to documented status (i.e., U-D pattern) could experience a totally different 

mobility trajectory than those who remain undocumented over time (i.e., U-U pattern) status 

(Durand, Massey, and Pren 2016; Massey 1987). 

Hypotheses 

Under this theoretical framework, I hypothesize that there are two steps to social mobility 

over their lifetime migration. The first one is through self-selecting into different documentation 

patterns. Depending on the documentation pattern experienced, migrants will be exposed to 
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different opportunities for upward mobility. For example, we may expect that those who have been 

undocumented over their lifetime migration could be facing fewer opportunities to upward 

mobility than those who successfully transit to documented status (Durand, Massey, and Pren 2016; 

Massey 1987).  

The second one is through attaining better economic outcomes within documentation 

pattern. For example, those with higher education levels may experience a higher integration rate 

(Hall, Greenman, and Farkas 2010). Nevertheless, because migrants and the social process within 

each documentation pattern can differ greatly, we can expect mobility pathways will diverge 

significantly by pattern (Hall, Greenman, and Farkas 2010).  

These two processes to social mobility can also go beyond individual characteristics. 

External conditions which migrants are exposed to can also influence these two processes. 

Although migrants do not choose external conditions, they do have choices on when and how to 

react to the external conditions. For example, migrants who are exposed to a more friendly 

immigration policy in the host country may be more likely to end up with documentation patterns 

featured by the transition to documented status. Besides, the effects of these external factors on 

economic outcomes are evident. For example, migrants who are exposed to better economic 

conditions may attain better economic outcomes. 

Empirical evidence for the first channel includes two parts. First, migrant economic 

outcomes differ significantly across different documentation patterns. Second, migrants self-select 

into documentation patterns. Empirical evidence for the second channel also includes two parts. 

First, based on the conditions (both individual characteristics and external factors), migrants may 

attain better/worse economic outcomes. Second, the factors that lead to better/worse economic 
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outcomes will be shaped by the documentation pattern. Therefore, I propose the following 

Hypotheses:  

Hypothesis 1: Economic outcomes differ by documentation pattern, and migrants self-

select into documentation patterns. 

Hypothesis 2: Migrants’ economic outcomes differ by their individual characteristics and 

external factors, and their role will differ by documentation pattern. 

DATA AND METHODS 

 I use data from the 1982–2018 Mexican Migration Project (MMP) surveys, which 

encompass 170 communities. MMP data with information emphasizing the migratory experiences 

and work histories over the life course for the general migrant population are well suited for this 

research project. Since 1982, the MMP has administered surveys every year in Mexico and the 

United States. The data include complete detailed life histories from heads of households. Besides, 

there is detailed information about each person’s first and last trips to the United States. Finally, 

the MMP also includes supplementary data that provides several national-level indicators of 

macroeconomic conditions in Mexico and the United States as well as the border crossing and 

border control measures from the early or mid-1900s to 2017.  

I restrict the analysis to migrants who are age 50 or above and whose first migration 

happened at the age of 15 or above and migrated before age 40. The reason to restrict the sample 

to age 50 or above is to capture the entire lifetime migration.25 After age fifty, there is little 

 
25 Strictly speaking, lifetime migration duration cannot be captured until people die because migration can still happen 

before that point. Unfortunately, it is not possible to follow the respondents until they die or to collect information 

about people who have already died. Therefore, lifetime migration can never be captured with full accuracy. 
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additional migration, either internal or international migration across countries (Bernard, Bell, and 

Charles-Edwards 2014; McKenzie 2008). I restrict the sample to those who migrate before age 40 

because those who migrate after age 40 are not likely labor migrants.26 These restrictions lead to a 

sample of 2,721. I also restrict the sample to male migrants because only 4% of the sample are 

females. This leads to a sample of 2,613.  

Measure of Documentation Patterns over the Lifetime Migration 

 The main life-course variable is documentation pattern over lifetime migration. With life 

history information, ideally, I can construct documentation patterns using sequence analysis. The 

problem with such an approach, however, is that the lifetime migration duration of many migrants 

is short. 27  Applying sequence analysis on long common sub-sequences extended to include 

migration duration when events are over can artificially increase the similarity between such 

sequences and produce bias in cluster analysis.  

A possible alternative could be constructing a link between initial documentation status 

and final documentation status at the time of migration. For temporary migrants, this will be their 

last documentation status, while for permanent migrants, this will be their current documentation 

status. This link can accurately summarize migrants’ overall documentation pattern because a large 

majority (around 92-94%) of migrants experience one or no transition in documentation status.28 

 
26 This restriction will also minimize censoring migration duration.  
27 Given how MMP data is collected, those who migrate permanently and cut all their ties with people left at Mexico 

will not be captured in the survey. 
28 If I use the raw categorizations, there will be 92% of migrants who experience no or one transitions, 6% of migrants 

who experience two transitions, and 2% of migrants who experience more than two transitions. If I use the refined 

categorizations, there will be 94% of migrants who experience no or one transition, 5% of migrants who experience 

two transitions, and 1% of migrants who experience more than two transitions.  
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Among the few who experience more than one transition, 5-6% experience two transitions, while 

only around 1-2% of migrants experience more than two transitions.  

Nevertheless, such an approach cannot account for the duration spent in each 

documentation status. Due to this limitation, I construct the share of the time migrants have spent 

in each documentation status. For example, assume a migrant’s lifetime migration duration is ten 

years and has spent three years in undocumented status and seven years in documented status. 

Then his or her share of undocumented status will be 30%, and of documented status will be 70%. 

I then apply cluster analysis on these shares to capture the main documentation patterns. This 

approach can consider the duration spent in each documentation status while taking into account 

the transition.  

While the simplest documentation categorization is a binary categorization between 

undocumented and legal (Massey, Durand, and Pren 2016; Patler 2018; Patler and Pirtle 2018), a 

significant variation in the specific types of legal status could be missed. Ideally, I would proceed 

with the raw categorization to maximize the types of documentation status. Due to the small sample 

size of various types of documentation, however, I group the documentation status into three 

categories: undocumented (undocumented status), temporary resident status (Bracero, H2A, 

temporary worker, temporary tourist/visitor), permanent resident status (green card holder or 

citizens). Then I construct the shares of these three documentation statuses and apply k-means 

cluster analysis on them.  

To determine the optimal number of clusters, I explore the within sum of squares (WSS), 

log(WSS), η2, and proportional reduction of error (PRE) for all 1-20 cluster solutions. Here η2 

measures the proportional reduction of the WSS for each cluster solution compared with the total 
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sum of squares (TSS) while PRE measures the proportional reduction of the WSS for each cluster 

solution compared with the previous cluster solution (i.e., k vs. k-1). The curves are shown in 

Figure 3.1.  

The results indicate that k = 6 is the optimal solution. The kink in the log(WSS) is found 

with k = 6. Moreover, η2 points to a reduction of the WSS by about 97% with k = 6 and PRE to a 

reduction of about 58% compared with the k = 5 solution.  

<Figure 3.1 Here> 

 The share of each documentation status by documentation pattern is shown in Table 3.1. 

Based on this information, I characterize these six documentation patterns as follows: (i) U-U 

pattern which is characterized by migrants who have spent almost all of their lifetime migration in 

undocumented status; (ii) U-P pattern which is characterized by migrants who have spent a 

significant amount of the time in both undocumented status and permanent resident status; (iii) T-

U pattern which is characterized by migrants who have spent a significant amount of the time in 

both temporary resident status and undocumented status; (iv) T-T pattern which is characterized 

by migrants who have spent almost all of their lifetime migration in temporary resident status; (v) 

T-P pattern which is characterized by migrants who have spent a significant amount of the time in 

both temporary resident status and permanent resident status; and (vi) P-P pattern which is 

characterized by migrants who have spent almost all of their lifetime migration in permanent 

resident status. The order is also meaningful, and it is based on the distribution of their initial 

documentation status. For example, it is U-P pattern instead of P-U pattern because 82% of these 

migrants start with undocumented status and 0.7% (only one case) of these migrants start with 

permanent resident status. Indeed, there could be a possibility of P-U pattern in real life as reflected 
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in this one case, it is relatively rare. Also, these patterns involve one transition because a large 

majority of migrants experience one or no transition in documentation status, as discussed above. 

While there could be other possible patterns, the patterns suggested here are the major ones. Finally, 

note that the transition observed here can happen either within a trip or across multiple trips. For 

example, the T-U pattern can occur either through overstay or engagement in unauthorized 

employment after the end of temporary worker programs or through remigration with 

undocumented status.  

<Table 3.1 Here> 

Self-selection into Documentation Patterns 

First, to explore whether documentation patterns shape migrant economic outcomes, I test 

whether there is a statistically significant difference in hourly wages between different 

documentation patterns. Then I explore factors predicting documentation patterns using a 

multinomial logistic model. The variables used to predict documentation patterns include 

demographic characteristics, migration factors, family social capital, immigration policy, the 

economy in the US, border control, and the economy in Mexico. Demographic characteristics 

include age, education level, marital status, and having children or not. Migration factors include 

born in a traditional sending state and working in a traditional receiving state. Family social capital 

includes whether a parent has had or both parents have had US migration experience and whether 

siblings have had US migration experience. Immigration policy is measured by before or after the 

Immigration Reform and Control Act (IRCA) period. The US economy includes GDP per capita 
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(in thousands) and unemployment rate (in percentage, out of 100).29  Border control includes 

apprehensions (in thousands), deportations (in thousands), border patrol officers (in thousands), 

line watch hours (in thousands). Finally, Mexico’s economy includes GDP per capita (in 

thousands) and unemployment rate (in percentage, out of 100).30 All these variables are measured 

at the time of the first trip (i.e., initial migration status). 

Social Mobility Pathways in Each Documentation Pattern 

I explore migrant social mobility pathways in each documentation pattern, using hourly 

wage31 in the last migration trip to measure economic outcomes. It is important to consider the 

self-selection that can lead to documentation patterns and wages in unobserved factors such as 

skills and aspirations. If these unobserved factors exist, then the results may be potentially biased. 

Therefore, I proceed with a multinomial logistic selection model developed by Dubin and 

McFadden (1984) because it outperforms other multinomial selection methods in efficiency 

(Bourguignon, Fournier, and Gurgand 2007). I rely on the augmented version of this method, 

which relaxes the zero correlation (between errors terms in the two stages) assumption (between 

 
29 GDP per capita (1929-2019) comes from U.S. Bureau of Economic Analysis (2019) and the unemployment rate 

(1929-2019) comes from U.S. Bureau of Labor Statistics (2019). The value before 1929 is replaced with 1929 value. 

This may not bias the result since only 1% of migrants migrated before 1929.  
30 The National Year file in the MMP data includes information between 1965 and 2017. Because there are a 

significant number of migrants who first migrated before 1965, I filled the missing information up to 1940. For Mexico 

GDP per capita, I impute the data up to 1940 using the growth rate between 1965-1970 and based on the fact that 

Mexico experienced sustainable growth between 1940-1970 (the Mexican miracle) (Alba and Potter 1986). For 

Mexico’s unemployment rate, I collected census data from the National Institute of Statistics and Geography (INEGI) 

for the years 1940, 1950, 1960, and 1970, calculated the unemployment rate from these data, and interpolated the 

missing values linearly, based on the sustainability of Mexico’s economy between 1940 and 1970. The value before 

1940 is replaced with the 1940 value. This may not bias the result since only 2% of migrants first migrate before 1940. 
31 Note that while there is an around 30% of missing, the missing is more random than self-selected. One of the main 

reasons for missing is often due to being unemployed. However, in this case, only 10% among the total missing is 

due to this reason, suggesting that the rest missing is due to other reasons. Then comparing occupational ISEI 

between those who report wage and those who do not report wage, I observe that there is not statistically difference 

between the two groups when excluding the 10% nonrandom missing. This suggests that the rest missing could be 

due to random reasons.  
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errors terms in the two stages) in the original model and provides more robust results (Bourguignon, 

Fournier, and Gurgand 2007). The model specification and the estimation procedure are shown as 

follows: 

𝑀𝑖𝑔𝑟𝑎𝑛𝑡𝑠 𝑎𝑟𝑒 𝑠𝑒𝑙𝑒𝑐𝑡𝑒𝑑 𝑖𝑛𝑡𝑜 𝑑𝑖𝑓𝑓𝑒𝑟𝑒𝑛𝑡 𝑑𝑜𝑐𝑢𝑚𝑒𝑛𝑡𝑎𝑡𝑖𝑜𝑛 𝑝𝑎𝑡𝑡𝑒𝑟𝑛𝑠 

𝐻𝑜𝑢𝑟𝑙𝑦 𝑊𝑎𝑔𝑒1 = 𝛽1𝑋 + 𝜇1 

𝐻𝑜𝑢𝑟𝑙𝑦 𝑊𝑎𝑔𝑒𝑗
∗ = 𝛾𝑗𝑍 + 𝜂𝑗 , 𝑗 = 1, … ,6 

𝜇1 𝑖𝑠 𝑡ℎ𝑒 𝑑𝑖𝑠𝑡𝑢𝑟𝑏𝑎𝑛𝑐𝑒 𝑡𝑒𝑟𝑚 𝑤𝑖𝑡ℎ 𝐸(𝜇1|𝑋, 𝑍) = 0 𝑎𝑛𝑑 𝑉𝑎𝑟(𝜇1|𝑋, 𝑍) = 𝜎 

𝐻𝑒𝑟𝑒 𝐻𝑜𝑢𝑟𝑙𝑦 𝑊𝑎𝑔𝑒1 𝑖𝑠 𝑜𝑏𝑠𝑒𝑟𝑣𝑒𝑑 𝑖𝑓 𝑎𝑛𝑑 𝑜𝑛𝑙𝑦 𝑖𝑓 𝑑𝑜𝑐𝑢𝑚𝑒𝑛𝑡𝑎𝑡𝑖𝑜𝑛 𝑝𝑎𝑡𝑡𝑒𝑟𝑛 1 𝑖𝑠 𝑐ℎ𝑜𝑠𝑒𝑛 

𝑃𝑎𝑡𝑡𝑒𝑟𝑛 1 𝑖𝑠 𝑐ℎ𝑜𝑠𝑒𝑛 𝑤ℎ𝑒𝑛: 

𝐻𝑜𝑢𝑟𝑙𝑦 𝑊𝑎𝑔𝑒1
∗ > 𝑚𝑎𝑥

𝑗≠1
(𝐻𝑜𝑢𝑟𝑙𝑦 𝑊𝑎𝑔𝑒𝑗

∗) 

𝑚𝑎𝑥
𝑗≠1

(𝐻𝑜𝑢𝑟𝑙𝑦 𝑊𝑎𝑔𝑒𝑗
∗ − 𝐻𝑜𝑢𝑟𝑙𝑦 𝑊𝑎𝑔𝑒1

∗) < 0 

𝑚𝑎𝑥
𝑗≠1

(𝛾𝑗𝑍 + 𝜂𝑗 − 𝛾1𝑍 − 𝜂1) < 0 

𝐴𝑠𝑠𝑢𝑚𝑒 𝑡ℎ𝑎𝑡 𝑡ℎ𝑒 (𝜂𝑗)𝑠 𝑎𝑟𝑒 𝑖𝑛𝑑𝑒𝑝𝑒𝑛𝑑𝑒𝑛𝑡 𝑎𝑛𝑑 𝑖𝑑𝑒𝑛𝑡𝑖𝑐𝑎𝑙𝑙𝑦 𝐺𝑢𝑚𝑏𝑒𝑙 𝑑𝑖𝑠𝑡𝑟𝑖𝑏𝑢𝑡𝑒𝑑. 𝑇ℎ𝑒𝑛 

𝑃(𝑃𝑎𝑡𝑡𝑒𝑟𝑛 1 𝑖𝑠 𝑐ℎ𝑜𝑠𝑒𝑛|𝑍) =
𝑒𝑥𝑝 (𝛾1𝑍)

∑ 𝑒𝑥𝑝 (𝛾𝑗𝑍)𝑗
 

𝑇ℎ𝑒 𝑝𝑟𝑜𝑏𝑙𝑒𝑚 𝑖𝑠 𝑡ℎ𝑎𝑡 𝜇1 𝑚𝑎𝑦𝑏𝑒 𝑐𝑜𝑟𝑟𝑒𝑙𝑎𝑡𝑒𝑑 𝑤𝑖𝑡ℎ 𝑠𝑜𝑚𝑒 (𝜂𝑗)𝑠  

𝐹𝑜𝑙𝑙𝑜𝑤𝑖𝑛𝑔 𝐷𝑢𝑏𝑖𝑛 𝑎𝑛𝑑 𝑀𝑐𝐹𝑎𝑑𝑑𝑒𝑛 (1984) 𝑙𝑖𝑛𝑒𝑎𝑟𝑖𝑡𝑦 𝑎𝑠𝑠𝑢𝑚𝑝𝑡𝑖𝑜𝑛:  

𝐸(𝜇1|𝜂1 … 𝜂6) = 𝜎
√6

𝜋
∑ 𝜌𝑗(𝜂𝑗 − 𝐸(𝜂𝑗))

𝑗=1…6

 

𝑤ℎ𝑒𝑟𝑒 𝜌𝑗  𝑖𝑠 𝑡ℎ𝑒 𝑐𝑜𝑟𝑟𝑒𝑙𝑎𝑡𝑖𝑜𝑛 𝑏𝑒𝑡𝑤𝑒𝑒𝑛 𝜇1 𝑎𝑛𝑑 𝜂𝑗 

𝐷𝑒𝑓𝑖𝑛𝑒 𝛤 𝑎𝑠 𝑓𝑜𝑙𝑙𝑜𝑤𝑠: 
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𝛤 = {𝛾1𝑍, … , 𝛾6𝑍} 

𝐿𝑒𝑡 𝑃𝑘 𝑏𝑒 𝑡ℎ𝑒 𝑝𝑟𝑜𝑏𝑎𝑏𝑖𝑙𝑖𝑡𝑦 𝑡ℎ𝑎𝑡 𝑎𝑛𝑦 𝑎𝑙𝑡𝑒𝑟𝑛𝑎𝑡𝑖𝑣𝑒 𝑘 𝑖𝑠 𝑝𝑟𝑒𝑓𝑒𝑟𝑟𝑒𝑑: 

𝑃𝑘 =
𝑒𝑥𝑝 (𝛾𝑘𝑍)

∑ 𝑒𝑥𝑝 (𝛾𝑗𝑍)𝑗
 

𝑊𝑒 ℎ𝑎𝑣𝑒 𝑡ℎ𝑒 𝑓𝑜𝑙𝑙𝑜𝑤𝑖𝑛𝑔 𝑏𝑎𝑠𝑒𝑑 𝑜𝑛 𝑚𝑢𝑙𝑡𝑖𝑛𝑜𝑚𝑖𝑎𝑙 𝑙𝑜𝑔𝑖𝑡 𝑚𝑜𝑑𝑒𝑙: 

𝐸 (𝜂1 − 𝐸(𝜂1)|𝐻𝑜𝑢𝑟𝑙𝑦 𝑊𝑎𝑔𝑒1
∗ > 𝑚𝑎𝑥

𝑠≠1
(𝐻𝑜𝑢𝑟𝑙𝑦 𝑊𝑎𝑔𝑒𝑠

∗) , 𝛤) = −𝑙𝑛 (𝑃1) 

𝐸 (𝜂𝑗 − 𝐸(𝜂𝑗)|𝐻𝑜𝑢𝑟𝑙𝑦 𝑊𝑎𝑔𝑒1
∗ > 𝑚𝑎𝑥

𝑠≠1
(𝐻𝑜𝑢𝑟𝑙𝑦 𝑊𝑎𝑔𝑒𝑠

∗) , 𝛤) =
𝑃𝑗 𝑙𝑛(𝑃𝑗)

1 − 𝑃𝑗
, ∀𝑗 > 1 

𝑇ℎ𝑒𝑛 𝛽1 𝑐𝑎𝑛 𝑏𝑒 𝑒𝑠𝑡𝑖𝑚𝑎𝑡𝑒𝑑 𝑏𝑦 𝑡ℎ𝑒 𝑓𝑜𝑙𝑙𝑜𝑤𝑖𝑛𝑔 𝑂𝐿𝑆 𝑟𝑒𝑔𝑟𝑒𝑠𝑠𝑖𝑜𝑛: 

𝐻𝑜𝑢𝑟𝑙𝑦 𝑊𝑎𝑔𝑒1 = 𝛽1𝑋 + 𝜎
√6

𝜋
[ ∑ 𝜌𝑗 (

𝑃𝑗 𝑙𝑛(𝑃𝑗)

1 − 𝑃𝑗
) − 𝜌1 𝑙𝑛(𝑃1)

𝑗=2…6

] + 𝜔1 

𝑤ℎ𝑒𝑟𝑒 𝜔1 𝑖𝑠 𝑎 𝑟𝑒𝑠𝑖𝑑𝑢𝑎𝑙 𝑡ℎ𝑎𝑡 𝑖𝑠 𝑚𝑒𝑎𝑛 𝑖𝑛𝑑𝑒𝑝𝑒𝑛𝑑𝑒𝑛𝑡 𝑜𝑓 𝑡ℎ𝑒 𝑟𝑒𝑔𝑟𝑒𝑠𝑠𝑜𝑟𝑠 

The same variables used in the multinomial logistic analysis are used in the first stage of 

the model. In the second stage, I use a different set of variables than the ones I used in the 

multinomial logistic analysis. First, I exclude border control and economy in Mexico as these two 

variables do not necessarily affect their wage. Second, I add multiple important variables that could 

determine migrants’ wages. I include lifetime migration duration to capture integration or social 

mobility processes over time and lifetime migration trips to capture the migration process. Finally, 

I also include variables that capture migrants’ occupation in migrants’ last trip, including (i) way 

in which the job was obtained (own search, relative recommended, friend recommended, 

contracted, or other); (ii) way in which the wages were paid (by check or by cash); and (iii) the 

occupational sector (agricultural sector, manufactural sector, or other). The remaining explanatory 

variables, strong predictors of migrant social mobility, are the same as in the multinomial logistic 
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analysis. All these variables are measured at the time of the last trip. I also proceed with ordinary 

least squared (OLS) regression by documentation pattern to highlight the consequences of failing 

to capture self-selection. 

FINDINGS 

Self-selection into Documentation Patterns 

  Table 3.2 shows the hourly wage by documentation pattern. We can observe that those 

who have spent a significant amount of time in the permanent resident status (green card holder or 

citizens) (U-P, T-P, and P-P) gain the largest wages. This is expected given all the benefits, 

opportunities, and self-selection characteristics associated with obtaining permanent resident 

status. Further comparison with the U-U pattern, which includes most migrants, reveals that only 

P-P is statistically higher than U-U in terms of hourly wage. While both U-P and T-P patterns are 

associated with higher hourly wages than the U-U pattern, the differences are not statistically 

significant. This suggests that while obtaining permanent resident status matters, the initial 

documentation status and the time spent in permanent resident status also matter (Kreisberg 2019; 

Reinhold and Thom 2013).  

For the U-P pattern, it is likely that the upward mobility in occupation is limited due to the 

initial undocumented status which may lead to persistent disadvantages over time even after 

becoming a permanent resident (Kreisberg 2019). For the T-P pattern, it is likely because 

compared with undocumented migrants and migrants in permanent resident status, migrants in 

temporary resident status may face more restrictions in the specific jobs they can take. For example, 

both the Bracero Program and H2A visas are filled mostly with migrants working in the 

agricultural sector with relatively lower wages and limited spatial and social mobility (Jones and 
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Murray 1986; Martin 2002). Besides, migrants working in the agricultural sector could be sensitive 

to external factors such as weather and economic conditions in the host country. More importantly, 

migrants in this pattern tend to realize documentation transition through employer sponsorship, 

restricting their occupational mobility.  

<Table 3.2 Here> 

In addition, we can also observe that those in the U-U pattern (i.e., migrants who have 

remained undocumented during their lifetime migration) have relatively higher wages than T-U 

and T-T. Again, this is likely because temporary migrants may have experienced less spatial and 

social mobility (Jones and Murray 1986; Martin 2002). Further comparison with the U-U pattern, 

we can observe that migrants in the U-U pattern have statistically significantly higher wages than 

migrants in T-U or T-T patterns, further suggesting that temporary resident status may potentially 

restrict economic trajectory (Jones and Murray 1986; Martin 2002).  

It is important that the comparisons done should not include controls. Indeed, these 

differences may not be due to the documentation patterns alone. After controlling for various 

factors, we may not necessarily observe that documentation patterns are associated with wages. 

Nevertheless, the differences in the various factors are essentially the self-selection process and 

the mobility process embedded in each pattern. For example, suppose that migrants in the T-T 

pattern have lower wages than those in the U-U pattern because most migrants in the T-T pattern 

work in the agricultural sector. In this case, if we control for the occupational sector, migrants in 

the T-T pattern may not earn lower wages than migrants in the U-U pattern. The issue, however, 

is that working in the agricultural sector is part of the self-selection process that leads to the T-T 

pattern and determines the mobility process for migrants in the T-T pattern. 
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 The real question is how migrants end up in different documentation patterns. Table 3.3 

shows the determinants of documentation patterns. We can observe that migrants self-select into 

documentation patterns. A significant variation in the determinants is found for each 

documentation pattern. While demographic factors drive all documentation patterns, specific 

demographic factors matter for specific documentation patterns, and the size and the direction of 

the impacts differ greatly. For example, older migrants are less likely to end up in the U-P pattern 

but more likely in the T-T pattern in comparison to the U-U pattern. This may reflect the cohort 

effect. Migrants from the older cohort may be less likely to obtain permanent resident status (either 

green card or citizenship) as reflected in the overall increasing trends of LPRs and naturalizations 

over time (Auclair and Batalova 2013). Besides, those from the older cohort may be more likely 

to engage in Bracero circulation, during when the T-T pattern is more common, than migrants 

from the younger cohort (Durand and Massey 2019).  

Moreover, we can observe that higher educated migrants are more likely to be in T-T, T-

P, and P-P patterns compared to the U-U pattern. This suggests that higher educated migrants are 

less likely to initiate undocumented migration and more likely to spend their lifetime migration in 

documented status (DeSipio 1987; Balistreri and Hook 2004; Massey, Durand, and Pren 2014).  

<Table 3.3 Here> 

Married migrants are more likely to end up in the T-T pattern. This shows that married 

migrants are more likely to start with temporary status and remain in this status. This is likely 

because married migrants are less likely to initiate undocumented migration and more likely to 

return, leading to a higher likelihood of being in the T-T pattern compared to the U-U pattern 
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(Massey 1987; Massey, Durand, and Pren 2015). It is important to note that being married does 

not directly imply having a family in the US, increasing the settlement probability (Chavez 1988).  

 Among migration characteristics, we observe that migrants born in traditional sending 

states or working in traditional receiving states are less likely to end up in the T-T pattern. This 

potentially reflects how home migration capital affects the documentation patterns. Migrants may 

be able to realize migration without documentation and deviate from the T-T pattern by relying on 

the social network in home states (Massey, Durand, and Pren 2014; Singer and Massey 1998).  

 Family social capital also determines documentation patterns. Migrants who have parents 

with migration experience are more likely to end up in U-P, T-U, T-P, and P-P. This again suggests 

that social capital could help migrants realize permanent resident status (Baker and Espitia 2000; 

Liang 1994). While the T-U pattern may not be ideal, it is better than the T-T pattern. In particular, 

the T-T pattern is associated with the lowest hourly wage. Thus, migrants with social capital may 

want to deviate from the T-T pattern. In addition, note that the T-U pattern may be realized through 

multiple trips. Therefore, after returning home from temporary working programs, migrants may 

be able to realize undocumented migration relying on family social capital and end up in the T-U 

pattern (Massey, Durand, and Pren 2014; Singer and Massey 1998).  

 US economy also affects documentation patterns. The increase in US GDP per capita will 

decrease the likelihood of being in T-U and T-T patterns, while the increase in US unemployment 

rate will decrease the likelihood of being in the T-P pattern. This likely suggests that a better 

economy in the US could discourage migration patterns with lower economic returns such as T-U 

and T-T patterns in comparison to the U-U pattern. Moreover, the transition from temporary to 

permanent resident status is harder when the unemployment rate increases. This is likely because 
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migrants in the T-P pattern often require sponsorship from their employers to realize such 

transition, and the sponsorship could be harder to get when the unemployment rate is high. 

 For the immigration control, we can observe that more apprehensions are associated with 

a lower likelihood of being in the U-P pattern but a higher likelihood of being in T-U and T-T 

patterns. At the same time, more deportations are associated with a lower likelihood of being in T-

U and T-T patterns, while more border patrol officers are associated with a higher likelihood of 

being in the T-T pattern. These mixed findings suggest that the impacts of immigration control 

could be twofold. On the one hand, immigration control can discourage undocumented migration 

and may encourage documented migration patterns (Buehn and Eichler 2013). This is likely why 

we observe a positive impact of immigration control on the likelihood of T-U and T-T patterns. 

On the other hand, undocumented migrants avoid the worst effects of migration control because 

they have access to widespread social networks and have a higher probability of undocumented 

migration in response to deportations as they may expect worse US conditions in the future 

(Massey and Riosmena 2010). As such, they may be less likely to engage in the documented 

migration patterns, and thus we observe a negative impact of immigration control on the likelihood 

of T-U and T-T patterns. Moreover, immigration control may lead to longer stays by 

undocumented migrants, resulting in a larger stock of undocumented migrants (Massey, Durand, 

and Pren 2015; Massey, Pren, and Durand 2016). The undocumented migrants who prolong their 

migration duration in response to immigration control are more likely the ones in the U-U pattern. 

This may lead to a lower likelihood of experiencing the U-P pattern in comparison to the U-U 

pattern.  
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 Finally, we can observe that a higher unemployment rate in Mexico is associated with a 

lower likelihood of T-U, T-T, and P-P patterns. Note that T-U and T-T patterns are associated with 

lower hourly wages than the U-U pattern, while the P-P pattern is associated with higher hourly 

wages than the U-U pattern. This suggests that those who are pushed to migrate by the 

unemployment rate in Mexico will engage in the documentation patterns that are associated with 

higher returns but not the P-P pattern, as it is hard to realize. The overall findings suggest a 

complicated self-selection process into documentation patterns and support my Hypothesis 1. 

Social Mobility Pathways in Each Documentation Pattern 

 Besides the role of self-selection into documentation patterns in explaining migrants’ social 

mobility, there is a process to upward mobility within each pattern. In particular, each pattern 

largely shapes mechanisms of upward mobility. Table 3.4 shows the factors that explain migrants’ 

hourly wages in each documentation pattern with selection corrected. The significant coefficients 

for multiple lambdas suggest that there could be a selection bias without considering the selection 

model. 

<Table 3.4 Here> 

Migration duration is one of the most important explanatory factors as it captures the 

process of integration. We observe that migrants in U-P and T-U experience an integration process 

in wages (i.e., increase of wages over time). This suggests that migrants who experience transition 

in documentation status may experience an increase in hourly wages over time. Due to the wage 

disparities across documentation status over time, it is possible that migrants may be able to benefit 

from the new wage growth trajectory after the transition (Hall, Greenman, and Farkas 2010). The 

difference in the wage growth trajectory before and after the transition may increase hourly wages 
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over time. The impact of duration is not significant in T-P likely because the transition in this 

pattern is more likely based on the employer sponsorship. As a result, these migrants are more 

likely to remain in the same occupation and experience a similar occupational trajectory.  

Besides migration duration, migration trips also matter. A larger number of migration trips 

is associated with lower hourly wages for migrants in the T-U pattern. This may be due to 

truncation in migration. For migrants who experience the transition from temporary resident status 

to undocumented status may do so either within one trip or across multiple trips. The difference 

between the two may lie in the truncation of migration. If the transition happens across trips, then 

depending on the time gap in remigration, there could be loss of social and human capital 

accumulated during migration, and there could be a truncation in their occupational trajectory. 

Migration trips are not effective to the other patterns with change in documentation status (i.e., U-

P and T-P) mostly because migrants in these patterns change into the permanent resident status 

and are less sensitive to such truncation.  

In addition, job sector also matters. For migrants in T-U and P-P patterns, working in the 

manufactural sector is associated with higher hourly wages than working in the agricultural sector. 

This is likely because most migrants in the T-U pattern are trapped in the agricultural sector. As a 

result, the few who can move to the manufactural sector can experience significantly higher wages 

than those who have remained in the agricultural sector. This may also apply to migrants in the T-

T pattern, and this could be why we observe a similar effect of job sector at 10% significance level. 

In contrast, few migrants in the P-P pattern may be working in the agricultural sector. As a result, 

those who work in manufactural sector are much better off compared to others who work in the 

agricultural sector.  
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Moreover, for migrants in the T-U pattern, having children is associated with higher hourly 

wages. This result is consistent with the finding that fatherhood significantly increases the hourly 

wage rates and suggests that the increase in commitment to the labor market in response to 

fatherhood is more pronounced for migrants in this pattern (Lundberg and Rose 2002). 

For migrants in the U-U pattern, working in traditional receiving states is associated with 

lower hourly wages. While migrants in traditional receiving states may have more opportunities, 

they also face saturation and competition, especially for undocumented migrants (Durand, Massey, 

and Pren 2016; Massey and Gentsch 2014; Massey, Rugh, and Pren 2010). 

 Finally, we can also observe that migrants in T-U and T-T patterns are sensitive to US GDP 

per capita. Higher US GDP per capita in their last migration is associated with higher hourly wages 

for migrants in T-U and T-T patterns. This is likely because wages earned through temporary 

workers programs are more dependent on US economy which may drive the demand for 

agricultural workers. The overall limited factors that explain hourly wages may suggest that the 

unobserved factors embedded in each pattern explain the mobility process among relatively 

homogenous migrant group.  

 Table 3.5 shows the results without the selection. Comparing the results in Tables 3.4 and 

3.5, we can see that while we could have reached similar findings, there are several additional 

findings. These differences are likely due to unobserved factors, which could affect both the 

selection of documentation patterns and hourly wages, capture these effects. For example, a 

possible reason that migrants in the T-T pattern earn higher hourly wages over time could be that 

they have accumulated relevant skills in communities of origin, transferred these skills, and 

continued to acquire new skills over time (Hagan, Hernández-León, and Demonsant 2015). Then 
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if these skills better match temporary worker programs, they may be able to receive higher wages. 

As these skills are captured in the unobserved factors in the selection model, the role of migration 

duration will be gone. 

<Table 3.5 Here> 

CONCLUSION 

In this chapter, I aim to explore migrants’ social mobility from the perspective of 

documentation pattern. I hypothesize that there are two steps to social mobility over lifetime 

migration. The first is through self-selecting into different documentation patterns. As they 

experience documentation patterns, migrants will be exposed to different opportunities for upward 

mobility. The second is through attaining better economic outcomes within each documentation 

pattern. Moreover, because migrants and the social process within each documentation pattern 

differ and diverge, we may also expect the mobility pathway to diverge significantly by pattern.  

First, I explore main documentation patterns over the lifetime migration using cluster 

analysis and identify six main documentation patterns: (i) U-U pattern which is characterized by 

migrants who have spent almost all of their lifetime migration in undocumented status; (ii) U-P 

pattern which is characterized by migrants who have spent a significant amount of the time in both 

undocumented status and permanent resident status; (iii) T-U pattern which is characterized by 

migrants who have spent a significant amount of the time in both temporary resident status and 

undocumented status; (iv) T-T pattern which is characterized by migrants who have spent almost 

all of their lifetime migration in temporary resident status; (v) T-P pattern which is characterized 

by migrants who have spent a significant amount of the time in both temporary resident status and 
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permanent resident status; and (vi) P-P pattern which is characterized by migrants who have spent 

almost all of their lifetime migration in permanent resident status. 

Building on these six documentation patterns, I explore how migrants are self-selected into 

these patterns associated with different economic outcomes. I find that migrants in different 

documentation patterns are associated with varying levels of wage. In particular, migrants who 

end up with permanent resident status (i.e., U-P, T-P, and P-P) have the largest wages. Compared 

with the U-U pattern, however, the findings suggest that only the P-P pattern is associated with 

significantly higher wages. Besides, T-U and T-T patterns are associated with significantly lower 

wages. This suggests documentation patterns could shape migrant social mobility. Moreover, the 

documentation patterns in which migrants end up depend on individual characteristics and home 

and host institutional conditions, suggesting that migrants self-select into these patterns. However, 

the process of self-selection is complicated. 

Further studying migrants’ social mobility by documentation pattern and with self-

selection considered, I first find that there could self-selection bias. In addition, the mechanisms 

to obtain higher wages depend on the documentation patterns that migrants experience. Only 

migrants in documentation patterns that involve a transition between different documentation 

statuses can experience integration in wages. Beyond migration duration, several factors matter 

but only for specific documentation patterns. 

This life-course approach and these findings have strong implications to snapshot approach. 

First, instead of observing the self-selection into documentation status, life-course approach 

suggests self-selection into documentation pattern. Doing so, I shed light on self-selection 

procedure on documentation from a life-course angle. Moreover, when it is a common and often 
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helpful to explore social mobility by documentation status in a snapshot approach, we can explore 

migrant social mobility process by documentation pattern in a life-course approach. By doing so, 

our understanding will go beyond the heterogeneity in the mobility process by status and 

understand such a process by pattern.  
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Table 3.1. Share of Documentation Statuses over the Lifetime Migration 

by Documentation Pattern 

Patterns Undocumented Temporary Permanent 

U-U 0.984 0.009 0.007 

U-P 0.479 0.026 0.494 

T-U 0.525 0.461 0.014 

T-T 0.020 0.978 0.002 

T-P 0.080 0.467 0.453 

P-P 0.077 0.041 0.882 
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Table 3.2. Hourly Wage by Documentation Pattern 

Patterns Hourly Wage Difference with U-U 

U-U 5.519 - 

U-P 8.109 2.591 

T-U 3.146 -2.373* 

T-T 2.169 -3.350*** 

T-P 6.529 1.010 

P-P 11.250 5.731*** 

*** p<0.001, ** p<0.01, * p<0.05, + p<0.1 
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Table 3.3. Determinants of Documentation Patterns 

(Multinomial Logistic Regression) 

    

VARIABLES U-P T-U T-T T-P P-P 

            

Demographic Characteristics     
Age -0.059** -0.026 0.041*** -0.004 -0.028+ 

 (0.020) (0.016) (0.012) (0.034) (0.016) 

Education (Ref=No education)      

    Elementary 0.391 0.022 0.358** 0.868* 0.868*** 

 (0.245) (0.158) (0.134) (0.416) (0.213) 

    Middle School -0.272 -0.336 0.043 0.587 1.274*** 

 (0.495) (0.400) (0.313) (0.845) (0.318) 

    High School or Above 0.426 -1.908+ 0.935** 1.325 1.622*** 

 (0.508) (1.038) (0.328) (0.868) (0.352) 

Married -0.145 0.022 0.430* 0.026 -0.049 

 (0.305) (0.227) (0.178) (0.504) (0.232) 

Having Children (Minors) 0.549+ -0.000 -0.289 0.181 -0.015 

 (0.322) (0.242) (0.187) (0.525) (0.247) 

Migration Characteristics     
Born in Traditional Sending States 0.250 -0.069 -0.624*** -0.497 0.354+ 

 (0.219) (0.192) (0.142) (0.388) (0.185) 

Work in Traditional Receiving States -0.395 -0.359+ -0.746*** -0.365 -0.025 

 (0.257) (0.212) (0.163) (0.422) (0.225) 

Family Social Capital      
Parents Ever Migrated (Ref=None)      

    One Parent Ever Migrated 0.795** 0.834*** -0.167 0.980* 0.758*** 

 (0.272) (0.199) (0.203) (0.384) (0.211) 

    Both Parents Ever Migrated 1.080+ -0.918 -0.024 -12.811 0.988* 

 (0.566) (0.797) (0.489) (760.257) (0.451) 

Siblings Ever Migrated 0.163 0.175 -0.131 0.559+ 0.262 

 (0.220) (0.169) (0.145) (0.338) (0.169) 

Immigration Policy      
After IRCA -1.989 0.634 0.437 3.552 -0.423 

 (1.354) (1.292) (0.742) (3.935) (0.688) 

Economy in US      
US GDP per Capita 0.081 -0.298* -0.304*** -0.383 0.100 

 (0.117) (0.134) (0.089) (0.364) (0.091) 

Unemployment Rate in the US 0.073+ -0.008 -0.033 -0.255* 0.017 

 (0.044) (0.035) (0.030) (0.113) (0.039) 

Immigration Control      
Mexican Apprehensions -0.002* 0.001* 0.001** -0.001 -0.000 

 (0.001) (0.000) (0.000) (0.001) (0.000) 

Mexican Deportations 0.003 -0.032* -0.033** -0.007 -0.028 

 (0.018) (0.014) (0.010) (0.044) (0.018) 

Border Patrol Officers -0.768 1.574+ 1.352* -2.587 0.341 

 (0.817) (0.898) (0.563) (1.839) (0.590) 

Line Watch Hours 0.001 -0.000 0.000 0.005+ -0.001 
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 (0.001) (0.001) (0.001) (0.003) (0.001) 

Economy in Mexico      
Mexican GDP per Capita -0.301 -0.255 -0.089 0.597 -0.319 

 (0.391) (0.543) (0.294) (1.107) (0.297) 

Unemployment Rate in Mexico 0.100 -0.533*** -0.684*** -0.256 -0.146* 

 (0.074) (0.123) (0.083) (0.221) (0.066) 

Constant -1.252 0.130 0.412 -0.512 -0.805 

 (0.786) (0.620) (0.467) (1.296) (0.600) 

      
Observations 2,613 2,613 2,613 2,613 2,613 

Standard errors in parentheses     
*** p<0.001, ** p<0.01, * p<0.05, + p<0.1    
Note: U-U is the reference category.    
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Table 3.4. Determinants of Hourly Wage by Documentation Pattern 

(DMF Selection Model) 

  Documentation Patterns 

VARIABLES U-U U-P T-U T-T T-P P-P 

              

Migration Duration 0.211 0.179** 0.124** 0.085+ 0.032 0.199 

 (0.176) (0.060) (0.044) (0.047) (0.434) (0.184) 

Migration Trips 0.137 -0.162+ -0.067** 0.056 0.133 0.163 

 (0.094) (0.087) (0.023) (0.048) (0.454) (0.233) 

Occupational Characteristics      
Way Job Obtained (Ref=Own Search)     
    Relative Recommended 2.329 -0.460 -0.138 0.584 -3.477 -9.487 

 (2.674) (1.397) (0.362) (1.135) (7.870) (5.963) 

    Friend Recommended -0.083 0.037 -0.006 -0.145 -8.777 -9.719 

 (1.212) (1.917) (0.376) (0.715) (9.673) (7.171) 

    Contracted 0.238 -0.208 0.010 -0.630 -11.944 1.695 

 (1.426) (2.965) (0.345) (0.576) (9.601) (7.697) 

    Others 1.487 1.918 -0.092 -0.849 -18.058 -3.941 

 (1.840) (2.043) (0.371) (0.627) (15.977) (3.863) 

Way Wages Paid (Ref=By Check)      
    By Cash 3.773+ -1.729 -0.093 0.526 -2.648 -6.635 

 (2.231) (2.939) (0.326) (0.321) (11.459) (5.471) 

Job Sector (Ref=Agricultural)      
    Manufactural -0.910 1.634 1.020*** 0.930+ -1.583 11.088* 

 (1.666) (1.701) (0.303) (0.526) (7.899) (5.339) 

    Others 0.400 2.717 0.176 0.542 -6.945 3.724 

 (2.961) (2.216) (0.316) (0.808) (11.247) (4.012) 

Demographic Characteristics      
Age 0.055 -0.085 0.029 -0.082+ -0.065 -0.034 

 (0.120) (0.127) (0.021) (0.049) (0.451) (0.244) 

Education (Ref=No education)       

    Elementary -4.459 1.075 0.952+ 0.555 -4.124 1.156 

 (3.244) (2.305) (0.515) (0.623) (10.512) (7.598) 

    Middle School -4.489 -2.077 1.322 0.883 -13.130 -5.228 

 (4.034) (4.938) (1.662) (1.736) (13.611) (13.163) 

    High School or Above -1.404 4.635 - -0.862 7.075 -8.569 

 (8.151) (5.133) - (1.695) (11.581) (18.199) 

Married 0.651 -3.738+ -0.662 -0.483 -12.662 -2.870 

 (3.063) (2.190) (0.490) (0.390) (8.497) (5.714) 

Having Children (Minors) -3.365 0.944 0.856* 0.647+ 2.355 -0.385 

 (2.332) (1.597) (0.352) (0.331) (9.876) (3.710) 

Migration Characteristics      
Born in Traditional Sending States -4.494 -1.086 -0.568 0.749 -10.823 0.108 

 (2.789) (2.247) (0.535) (0.786) (12.895) (7.909) 

Work in Traditional Receiving States -5.302* -0.294 -0.227 0.342 0.887 4.767 

 (2.674) (1.425) (0.325) (0.348) (8.131) (4.679) 

Family Social Capital      
Parents Ever Migrated (Ref=None)       
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    One Parent Ever Migrated -2.322 0.252 -0.586 0.529 -2.832 0.073 

 (2.034) (2.539) (0.463) (0.759) (8.300) (5.353) 

    Both Parents Ever Migrated -3.421 1.304 0.744 0.868 2.670 -16.296 

 (3.590) (2.864) (0.913) (1.462) (8.712) (14.690) 

Siblings Ever Migrated -1.298 1.965 -0.034 -0.293 -2.866 1.564 

 (1.118) (1.312) (0.322) (0.287) (6.661) (4.568) 

Immigration Policy       
After IRCA 1.041 -1.294 0.180 -2.077 -14.587 0.857 

 (3.296) (2.801) (0.598) (1.757) (14.861) (4.662) 

Economy in US       

US GDP per Capita -0.016 0.293+ 0.107** 0.261* 1.108 0.068 

 (0.123) (0.164) (0.041) (0.121) (0.924) (0.331) 

Unemployment Rate in the US 0.056 -0.129 -0.046 0.092 -0.401 -1.509 

 (0.217) (0.394) (0.095) (0.092) (4.013) (1.539) 

Selection Terms       
Lambda 1 0.501 -3.369 -4.609* 1.248 8.913 35.595 

 (2.964) (12.603) (2.339) (3.713) (13.617) (43.399) 

Lambda 2 -4.044 0.467 -3.656 4.693 -25.396 -26.071 

 (7.990) (1.630) (3.850) (6.507) (21.307) (39.271) 

Lambda 3 3.312 -16.082 -0.548 6.687* -23.820 34.223 

 (8.383) (11.260) (0.442) (3.240) (18.060) (32.389) 

Lambda 4 6.371 3.526 0.658 1.631 -16.466 27.463 

 (8.533) (9.252) (2.117) (1.403) (13.314) (32.063) 

Lambda 5 11.649 -17.092 -6.733 1.078 9.759 47.628 

 (16.201) (17.233) (4.468) (4.832) (8.474) (35.587) 

Lambda 6 -14.655 2.512 2.656 6.603 -39.554* 3.032 

 (10.270) (8.442) (3.144) (6.768) (16.905) (5.963) 

Constant 11.574+ -1.447 -0.523 5.121* -34.986 46.348 

 (6.443) (13.134) (2.376) (2.471) (40.394) (60.521) 

       
Observations 664 108 262 492 34 198 

Standard errors in parentheses      
*** p<0.001, ** p<0.01, * p<0.05, + p<0.1     
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Table 3.5. Determinants of Hourly Wage by Documentation Pattern 

(OLS Regression) 

  Documentation Patterns 

VARIABLES U-U U-P T-U T-T T-P P-P 

              

Migration Duration 0.190+ 0.174** 0.123*** 0.106** 0.240+ 0.195 

 (0.108) (0.054) (0.021) (0.036) (0.127) (0.195) 

Migration Trips 0.094 -0.101 -0.067** -0.000 -0.128 0.075 

 (0.201) (0.079) (0.021) (0.043) (0.164) (0.302) 

Occupational Characteristics      
Way Job Obtained (Ref=Own Search)     
    Relative Recommended 2.731 -0.195 -0.021 0.247 -1.527 -8.025 

 (1.874) (1.346) (0.349) (0.652) (2.326) (5.542) 

    Friend Recommended 0.293 0.071 -0.011 -0.455 -11.840** -8.826+ 

 (1.915) (1.509) (0.337) (0.618) (3.646) (5.312) 

    Contracted 0.339 0.399 -0.079 -0.639 -10.072+ 0.480 

 (3.265) (2.535) (0.388) (0.512) (5.191) (8.133) 

    Others 1.570 1.906 -0.110 -0.757 -14.754 -2.957 

 (2.370) (1.956) (0.358) (0.605) (10.266) (7.124) 

Way Wages Paid (Ref=By Check)      
    By Cash 3.291* -1.814 -0.172 0.448 -8.559 -7.168 

 (1.554) (2.139) (0.264) (0.282) (4.988) (8.967) 

Job Sector (Ref=Agricultural)      
    Manufactural -0.112 1.648 1.153*** 1.103* -2.075 10.281+ 

 (1.674) (1.349) (0.281) (0.460) (3.378) (5.403) 

    Others 1.266 2.862+ 0.322 0.649 -10.099+ 2.769 

 (1.999) (1.506) (0.332) (0.533) (4.660) (6.067) 

Demographic Characteristics      
Age -0.058 -0.049 0.004 -0.075*** -0.311* -0.398 

 (0.095) (0.072) (0.016) (0.019) (0.119) (0.270) 

Education (Ref=No education)       

    Elementary -2.989+ 0.372 0.632* 0.237 -4.545 0.973 

 (1.740) (1.608) (0.252) (0.287) (3.327) (6.520) 

    Middle School -2.173 -3.056 0.283 0.160 -0.641 -6.788 

 (3.061) (2.899) (0.808) (0.849) (5.922) (8.675) 

    High School or Above 1.088 1.567 - -0.025 -1.929 -5.721 

 (3.627) (2.847) - (0.793) (6.622) (9.547) 

Married 0.491 -3.816* -0.706+ -0.226 -6.259* -0.466 

 (2.178) (1.822) (0.416) (0.387) (2.461) (6.223) 

Having Children (Minors) -3.208 0.806 0.959** 0.818* -4.311 -1.550 

 (2.079) (1.335) (0.334) (0.353) (2.888) (4.860) 

Migration Characteristics      
Born in Traditional Sending States -3.011+ -0.632 -0.344 0.150 1.391 0.612 

 (1.665) (1.291) (0.343) (0.287) (4.588) (6.001) 

Work in Traditional Receiving States -5.021** 0.194 -0.359 0.269 5.020 5.952 

 (1.850) (1.254) (0.303) (0.309) (3.003) (5.478) 

Family Social Capital      
Parents Ever Migrated (Ref=None)       
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    One Parent Ever Migrated -0.517 2.704+ -0.284 -0.353 -1.586 -1.150 

 (2.387) (1.500) (0.279) (0.443) (2.990) (5.179) 

    Both Parents Ever Migrated 0.720 0.080 0.309 0.788 0.078 -5.300 

 (5.082) (2.101) (0.907) (1.149) (4.984) (9.241) 

Siblings Ever Migrated -0.874 1.937 -0.053 -0.633* -1.500 1.537 

 (1.571) (1.169) (0.258) (0.304) (2.659) (4.239) 

Immigration Policy       
After IRCA 0.461 -0.273 0.062 -2.115+ -9.050 -0.188 

 (2.953) (2.029) (0.535) (1.146) (7.217) (7.484) 

Economy in US       

US GDP per Capita 0.130 0.185* 0.143*** 0.343*** 0.965* 0.511 

 (0.137) (0.083) (0.029) (0.046) (0.346) (0.329) 

Unemployment Rate in the US 0.386 -0.099 -0.005 0.050 2.412+ -0.529 

 (0.410) (0.386) (0.076) (0.085) (1.134) (1.055) 

Constant 9.930* 4.156 1.130 2.100* 7.763 13.231 

 (4.190) (4.359) (0.753) (0.877) (7.430) (15.665) 

       
Observations 664 108 262 492 34 198 

R-squared 0.071 0.386 0.518 0.354 0.792 0.116 

Standard errors in parentheses      
*** p<0.001, ** p<0.01, * p<0.05, + p<0.1     
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Figure 3.1. WSS, log(WSS), η2, and PRE for all K Cluster Solutions 
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CHAPTER FOUR 

ECONOMIC INTEGRATION OF TEMPORARY AND PERMANENT MIGRANTS 

OVER LIFETIME MIGRATION 

 

TRANSITIONS/PATTERNS AND SELECTIONS IN MIGRATION STATUS 

Depending on the final settlement decision, migrants can be classified as temporary or 

permanent migrants. The differences between temporary and permanent migrants are evident 

(Brownell 2010; Dustmann and Görlach 2016; Hu, Xu, and Chen 2011; Meng and Zhao 2018; Sun 

and Fan 2011). Different from a snapshot measure, once we take the life-course perspective, there 

are two key observations. First, both temporary and permanent migrants can experience a change 

of status between migrant and return migrant over the life course of migration. For temporary 

migrants, this is always the case as they will all return at the end by definition. Moreover, before 

reaching the final return, we can also observe circular migration among temporary migrants. For 

permanent migrants, they will settle in the host destination at the end. However, a large share of 

them may still return home or go through circular migration before reaching the final settlement. 

The final return or final settlement refers to the point where migrants become stable in their spatial 

mobility. For temporary migrants, it will be the point when they start to spend most of their time 

at home. For permanent migrants, it will be the point when they begin to spend most of their time 

at the host destination. We may still observe migrants moving even after their final settlement 

point, but those movements are often short-term oriented by family visiting or holiday break. 

Therefore, it is essential to consider this dynamic process between migration and return migration 

for temporary and permanent migrants to accurately define temporary and permanent migration 

patterns.  
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Second, it is essentially the final decision to return home or stay at the host destination that 

defines them. Thus, we will observe a major transition of status before and after reaching their 

final decision. It is often hard for us to observe this transition for permanent migrants as there is 

no truncation when they make their final decision. However, for temporary migrants, we do 

observe a truncation featured by their integration at host destination before this point and 

settlement and reintegration at home after this point.  

Relying on the case of rural-to-urban migrants in China, I first propose a life-course 

definition of temporary and permanent migrants. Then, building on this definition, I investigate 

mechanisms to migrant economic integration. I argue two main channels explain migrant 

economic integration. One is through their self-selecting into a different migration pattern (either 

temporary or permanent migration) associated with different levels of economic integration. The 

other one is through realizing higher economic integration within each migration pattern 

(economic integration of temporary and permanent migrants) and across migration transition 

(economic integration and reintegration of temporary migrants).  

Conventional Definition of Temporary and Permanent Migrants 

 While there are multiple ways of defining temporary and permanent migration, in general, 

we have two main approaches. One is to define status based on registration status/citizenship status 

(Goodkind and West 2002; Hu, Xu, and Chen 2011; Liu and Xu 2017; Meng and Zhao 2018). The 

main limitation, however, is that migrants who have obtained resident status may still return and 

settle at home. Therefore, migrants who will attain resident status but have not yet attained it will 

be excluded, and those who finally return will be included. Another approach is mainly based on 

stay or return intention (Bauer and Sinning 2011; Brownell 2010; Dustmann and Mestres 2010). 
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This approach’s main limitation is that it assumes that intention and action are the same or at least 

highly correlated. If this assumption holds, then the definition based on this approach could be 

more stable and reliable.  

 The primary concern, however, is instituting a life-course perspective, which considers the 

transition between migrant status and return migrant status. Essentially, either of the above 

approaches is mostly based on observing temporary and permanent migrants when they are in 

migrant status.32 Therefore, no matter which of the two approaches, the comparison will be made 

between temporary migrants and permanent migrants when they are at the destination. As a result, 

the comparison is not complete and could be misleading because both temporary and permanent 

migrants may shift their status between migrant and return migrant over time. This is particularly 

crucial for temporary migrants because their return migrant status is essential for them. 

Life-course Definition of Temporary and Permanent Migrants 

 From the life-course angle, we will observe that temporary and permanent migrants can be 

defined both when they are in migrant status and return migrant status. I do not aim to capture 

every single transition before reaching the final decision point, which would be impossible as the 

final point cannot be identified. However, I aim to take into account the two different statuses – 

migrant and return migrant. In particular, among the migrants who are in the host destination, there 

will be some who will settle in the host destination (i.e., permanent migrants), some who will leave 

but settle in another host destination (i.e., permanent migrants), and some who will leave and return 

home (i.e., temporary migrants). Similarly, among the return migrants who are at home, there will 

 
32 It is also possible to define temporary and permanent migrants based on their return migration status. Nevertheless, 

this is not common in the literature.  
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be some who will settle at home without further migration (i.e., temporary migrants), some who 

will remigrate and settle at host destination (i.e., permanent migrants who are experiencing circular 

migration), and some who will remigrate but will return at the end (i.e., temporary migrants who 

are experiencing circular migration). Figure 4.1 illustrates a life-course definition of temporary 

and permanent migrants.33 

<Figure 4.1 Here> 

Transitions in Migration Status over the Lifetime Migration 

Beyond the dynamic process of status transition, such as circular migration, the most 

meaningful transition happens when migrants have made the final decision. Therefore, we can 

observe a significant transition of status before and after this point. This is not possible without 

taking into account the information at the return migrant status. As discussed, however, it is 

impossible to observe this point for permanent migrants because there is no truncation. As 

permanent migrants transit from temporary stay to permanent stay, there is no status change – their 

status has been migrant all the time. For temporary migrants, however, we do observe truncation. 

In particular, from the life-course perspective, we will observe a meaningful transition from 

migration to return migration for temporary migrants before and after they return and settle at 

home. Note that reintegration mainly happens after this point. Those temporary migrants who 

return but who are in the middle of circular migration will not necessarily experience reintegration. 

From the integration aspect, we will expect that temporary migrants will experience the transition 

from integration to reintegration. 

 
33 Note that non-migrants who plan to migrate could also be considered. However, they could be either temporary or 

permanent migrants.  



95 
 

Selections between Temporary and Permanent Migration over the Lifetime Migration 

Studying temporary migrants and permanent migrants from the life-course aspect not only 

provides a more accurate definition of temporary and permanent migration pattern and a tool to 

study transitions from migration to return migration for temporary migrants, but also suggests a 

significant new point of view on return migration selection. While the literature indicates that there 

is a self-selection process of return migration (Campos-Vazquez and Lara 2012; Dostie and Léger 

2009; Dustmann, Fadlon, and Weiss 2011; Wahba 2015), I argue that it depends on the migration 

pattern. If we focus on temporary migrants only, then there is no selection in return migration 

because they will all eventually return. Indeed, we may also observe some temporary migrants 

who will move back and forth between host and home (i.e., circular migration) before the final 

return. As a result, we may not be able to observe all the temporary migrants who are at the host 

destination or all the temporary migrants who are at home given any point in time. While this may 

look like a sample selection problem, it is not because they are all temporary migrants. That is, the 

missing due to return or migration will likely happen to every temporary migrant and thus the 

missing that we observe at any given point in time is more like a missing completely at random 

(MCAR) from the life-course perspective. Therefore, there is no selection but transition at the final 

return.  

Similarly, for permanent migrants, it is possible to argue that there is a selection between 

migrants or return migrants because we can only observe permanent migrants in the host 

destination and miss those at home. Nevertheless, permanent migrants who are either at the host 

destination or home are permanent migrants. Since they are the same, the missing due to return or 

migration is not likely a selection issue. Again, this selection is more like an MCAR from the life-
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course perspective. That is, some of those who are at the host destination may also return at some 

point while those who are at home will return to the host destination at some point. Note, however, 

that we cannot observe the transition for permanent migrants since there is no clear truncation 

point for them.  

Therefore, if we focus on the migrant versus return migrant selection, it could be 

misleading. From the life-course perspective, this type of selection could at most involve a 

minimum sample selection because migrant and return migrant are just two statuses of the same 

groups of migrants. The life-course selection is observed between temporary migrants who will 

eventually return and settle at home and permanent migrants who will eventually settle in the city. 

However, if we focus on the selection between temporary and permanent migrants but only for 

migrants or return migrants, it will be a snapshot selection. It is important to consider the selection 

between temporary and permanent migrants for both migrants and return migrants. Table 4.1 

summarizes the selections between these four groups.  

<Table 4.1 Here> 

Hypotheses 

 Relying on this theoretical framework, I hypothesize that there are two steps to economic 

integration over their lifetime migration. The first is through self-selecting into temporary or 

permanent migration. Migrants in temporary and permanent migration differ significantly in 

various aspects (Brownell 2010; Dustmann and Görlach 2016; Hu, Xu, and Chen 2011; Meng and 

Zhao 2018; Sun and Fan 2011). External factors may also drive this self-selection process. 

Although migrants do not choose external conditions, they do have choices on when and how to 

react to the external conditions. For example, migrants who are exposed to better community 
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conditions in the city may be more likely to settle in the city. Given the significant differences in 

education and occupation between temporary and permanent migrants, permanent migrants 

experience a significantly higher economic integration level than temporary migrants (Brownell 

2010; Liang 2004). However, temporary migrants also experience economic reintegration which 

needs to be considered. 

The second is by attaining a higher economic integration/reintegration level within each 

pattern and across transitions. For both temporary and permanent migrants, we will expect 

migrants’ economic integration/reintegration level will differ by their individual characteristics 

(Chen forthcoming; Chen and Liu 2018; Wang and Fan 2012). In addition, as they experience 

temporary or permanent migration, we expect that their economic integration process will diverge 

significantly (Brownell 2010; Dustmann and Görlach 2016; Hu, Xu, and Chen 2011; Meng and 

Zhao 2018; Sun and Fan 2011). For temporary migrants, as they transit from economic integration 

to reintegration, they will also experience a different process because economic integration and 

reintegration differ significantly by local context (i.e., rural vs. urban) and their hukou status (Peng 

1992; Treiman 2012; Wu and Treiman 2004).  

 Empirical evidence for the first channel includes two parts. First, economic integration 

levels differ between temporary and permanent migrants. Second, migrants self-select into 

temporary/permanent migration. Empirical evidence for the second channel also includes two parts. 

First, depending on their individual characteristics and external factors they faced, migrants may 

attain higher/lower economic integration and/or reintegration. Second, the factors that lead to 

higher/lower levels of economic integration will be shaped by the migration pattern (economic 
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integration of temporary or permanent migrants) and migration transition (economic integration 

or reintegration of temporary migrants). Therefore, I propose the following Hypotheses:  

Hypothesis 1: Temporary and permanent migrants attain different economic integration 

levels, and migrants self-select into temporary/permanent migration. 

Hypothesis 2: Migrants’ economic integration and/or reintegration differ by their given 

conditions, and the role of these conditions will differ by migration pattern and transition.  

DATA AND METHODS 

 I use the China Labor-force Dynamics Survey (CLDS) data from 2014 and 2016 and pool 

the two years of data to maximize the number of observations. CLDS data are nationally 

representative and feature one of the first rotation panel surveys in China. The data include 

information at three levels: individual, family, and community. There are currently three waves of 

data collection conducted, including 2012, 2014, and 2016. I do not, however, use the panel data 

because it will restrict only those who are followed-up, and the two-year panel data may not be 

helpful for a life-course approach. Also, I do not use 2012 data because it misses the main variables 

of interest. The CLDS is well suited for this research because the data have been collected for 

migrants and return migrants. Besides, there is detailed information on migrant plans regarding 

settlement and hukou change.  

 I restrict the data to rural-to-urban migrants who have a rural hukou at birth and who 

migrate after age 14.34 Because migrants can change their hukou over the lifetime migration, a 

life-course perspective on rural-to-urban migrants in China should rely on the original hukou status. 

 
34 The questionnaire for return migrants asks about their cross-county labor migration which mostly refer to urban 

migration as shown in Survey of Internal Migration and Health in China (IMHC) data.  
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Depending on data availability, it is useful to consider the hukou status at birth or age 14. 

Restricting to after age 14 for the first migration avoids capturing family-tied migration (e.g., 

children migrating with parents or moving to join parents or another relative). For a study of 

migrant social mobility, it is essential to restrict data to active rather than passive migration. Finally, 

I include only those who are employed as I am interested in migrants’ economic integration.  

Life-course Measure of Temporary and Permanent Migrants 

 The main life-course variable is temporary and permanent migrants. As described, the data 

contain information for both migrants and return migrants and their future settlement plan. Relying 

on this information, I can locate four groups of migrants: temporary migrants in the city, permanent 

migrants in the city, temporary migrants at home, and permanent migrants at home. In particular, 

temporary migrants in the city are defined as migrants in the city who plan to leave their current 

city and return home for settlement; permanent migrants in the city are defined as migrants in the 

city who plan to settle in their current city or to leave their current city but settle in another city; 

temporary migrants at home are defined as return migrants at home who plan to settle at home or 

to remigrate but still plan to return home for settlement; and permanent migrants at home are 

defined as return migrants at home who plan to remigrate and settle in their city. Therefore, 

temporary migrants will include both temporary migrants in their city and temporary migrants at 

home, while permanent migrants will include both permanent migrants in the city and permanent 

migrants at home. Here the circular migration status is also considered. Those who are at home 

but plan to remigrate are at the circular migration status essentially. If they remigrate with the 

intention to return home, they are temporary migrants who are experiencing circular migration. If 

they remitegrate with the intention to settle in the city, they are permanent migrants who are 
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experiencing circular migration. Relying on the synthetic cohort idea, we can expect that 

temporary migrants at home are the future for temporary migrants in their city and thus capture 

the life-course transition in migration stages from migrant status to return migrant status for 

temporary migrants.  

 As discussed above, there are two approaches to measure temporary or permanent migrants 

– registration/citizenship status or stay/return intention. The main consideration at defining 

temporary or permanent migration lies in the idea of where migrants finally settle, home, or host. 

Either status or intention, the implicit reasoning behind them is that those who have the status or 

intention could determine the final settlement. However, we cannot observe the complete 

migration duration unless we observe one’s entire life course until the time point of death. 

Therefore, we cannot observe where migrants “finally” settle. For example, migrants who have 

spent most of their lifetime in the host destination may still finally settle at home. On the contrary, 

migrants who have not spent most of their lifetime in the host destination may finally settle in the 

host destination.  

Applying this reasoning to their status, we can observe migrants without 

registration/citizenship status, or even undocumented migrants may finally settle in the host 

destination while those who have registration/citizenship status may eventually return. However, 

applying this reasoning to intentions, we expect that those who intend to stay are much more likely 

to settle than those who do not want to settle. Since the final settlement can never be captured, it 

is better to capture the settlement plan instead, which is captured better by intention than status. 

After all, the intention is a strong predictor of behavior (Ajzen 1991). Indeed, the intention to stay 

predicts settlement at the host destination, which may be restricted by potential barriers. However, 
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barriers are often considered when generating intention. Besides, the intention to stay potentially 

affects behavior that could lead to a change of status and lead to final settlement. Moreover, the 

intention to return predicts well final return, as there are fewer potential barriers to return in most 

cases.  

An easier interpretation will be considering intention as “want to settle” and status as “can 

settle.” The implicit reasoning is that “want” and “can” together will lead to a final settlement, 

while “want” and “can” independently cannot guarantee a final settlement. Then in deciding 

whether “want” or “can” is more accurate, we need to consider the two independently in terms of 

their effect on the final settlement. Those who want to settle at the host destination will, more or 

less, try to make it happen, and those who want to settle at home will return home. In this case, 

“want” can directly determine the final settlement or indirectly through “can.” However, those 

who can settle at the host destination or home may not necessarily want to settle at the host 

destination or home. In this case, “want” and “can” are independent, and the final settlement is 

fully dependent on “want.” That is, conditional on migrants having the ability to settle at home or 

host, their final settlement will be fully dependent on their preference. Overall, the intention seems 

to be a better measure. This is also likely why we observe that the vast majority of research focuses 

on settlement intention instead of actual settlement which defines permanent migrants but can be 

hardly observed (Chen and Liu 2016; Fan 2011; Hao and Tang 2015; Huang et al. 2018; Yang and 

Guo 2018).  

Self-selection into Migration Patterns 

First, to explore whether migrants experience a different economic integration level by 

pattern and transition, I test whether there is a statistically significant difference between the 
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economic integration and reintegration of temporary migrants and economic integration of 

permanent migrants. Details on how economic integration is measured will be discussed below. 

Then I proceed with the probit regression to explore the factors that lead to temporary and 

permanent migration patterns by migrant status – migrant or return migrant. The explanatory 

variables include demographic characteristics, migration characteristics, employment 

characteristics, social capital characteristics, and community characteristics. For demographic 

characteristics, I include gender, age, marital status, education, and health. For migration 

characteristics, I mainly control for the duration of migration or stay. In particular, for migrants in 

the city, it will be the migration duration, while for return migrants, it will be the stay duration. 

Employment characteristics mainly capture employment status, including employee, employer, 

self-employed, and farming. For social capital characteristics, I control for the number of 

friends/acquaintances and relationships with neighbors. Finally, I also control for public 

infrastructure in the local community, including having a kindergarten, a primary school, a middle 

school, a sport field, a senior activity room, a library/reading room, a plaza/park, a playground for 

kids, an ancestral hall, a church, a temple, a mosque, a Taoist temple, a shrine, a hospital/private 

clinic, and a bank/credit union. All these factors have shown to be crucial in predicting temporary 

or permanent migration in China (Hu, Xu, and Chen 2011; Meng and Zhao 2018; Sun and Fan 

2011).  

Heterogenous Mechanisms to Economic Integration 

The outcome of interest is economic integration. Economic integration level is measured 

as the migrants’ income over the median income of urban residents in the current province. 

Economic reintegration level is measured as the temporary migrants’ income over the median 
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income of rural residents in the current province. Ideally, it is possibly better to construct the 

economic integration index based on the portion of economic integration finished (Chen 

forthcoming; Chen and Liu 2018). However, because there is no information on the initial starting 

point, I use the share. The current measure of economic integration is also acceptable, as it also 

considers the local difference.  

 To answers my research questions, I run ordinary least squares (OLS) regression to 

estimate migrants’ characteristics that explain their economic integration. This analysis is done 

separately for temporary migrants and permanent migrants. Because economic integration is 

observed for both temporary and permanent migrants, there is no sample selection bias. However, 

for temporary migrants’ economic reintegration, I employ the Heckman two-step approach to deal 

with potential sample selection bias (Heckman 1979). In particular, sample selection bias mainly 

exists in the study of economic reintegration since we do not observe economic reintegration for 

permanent migrants. Also, note that there is no economic reintegration for circular temporary 

migrants at home. As discussed, economic reintegration happens for temporary migrants who 

return home and settle. The model specification and the estimation procedure are shown as follows:  

𝑅𝑖 = 𝛽𝑋𝑖 + 𝜇𝑖 

𝑇𝑖 = {
1 𝑖𝑓 𝑡𝑒𝑚𝑝𝑜𝑟𝑎𝑟𝑦 (𝐼𝑖 > 0)

0 𝑖𝑓 𝑝𝑒𝑟𝑚𝑎𝑛𝑒𝑛𝑡                
 

𝐼𝑖 = 𝛼𝑍𝑖 + 𝜂𝑖 

𝐴𝑠𝑠𝑢𝑚𝑒 

(
𝜇𝑖

𝜂𝑖
) |𝑋𝑖~𝑁 ((

0
0

) ,  [
𝜎𝜇

2 𝜌𝜎𝜇𝜎𝜂

𝜌𝜎𝜇𝜎𝜂 𝜎𝜂
2 ]) 

𝐸(𝑅𝑖|𝑇𝑖 = 1, 𝑋𝑖, 𝑍𝑖 ) 

= 𝐸(𝛽𝑋𝑖 + 𝜇𝑖|𝑇𝑖 = 1, 𝑋𝑖, 𝑍𝑖) 
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= 𝛽𝑋𝑖 + 𝐸(𝜇𝑖|𝛼𝑍𝑖 + 𝜂𝑖 > 0) 

= 𝛽𝑋𝑖 + 𝐸(𝜇𝑖|𝜂𝑖 > −𝛼𝑍𝑖) 

= 𝛽𝑋𝑖 + 𝐸(
𝜌𝜎𝜇

𝜎𝜂
∗ 𝜂𝑖 + 𝜔𝑖|𝜂𝑖 > −𝛼𝑍𝑖) 

𝑤ℎ𝑒𝑟𝑒 𝜔𝑖 = 𝜇𝑖 −
𝜌𝜎𝜇

𝜎𝜂
∗ 𝜂𝑖  𝑎𝑛𝑑 𝜔𝑖 ⊥ 𝜂𝑖 

= 𝛽𝑋𝑖 + 𝜌𝜎𝜇 ∗ 𝐸 (
𝜂𝑖

𝜎𝜂
|𝜂𝑖 > −𝛼𝑍𝑖) + 𝐸(𝜔𝑖|𝜂𝑖 > −𝛼𝑍𝑖) 

= 𝛽𝑋𝑖 + 𝜌𝜎𝜇 ∗ 𝐸 (
𝜂𝑖

𝜎𝜂
|

𝜂𝑖

𝜎𝜂
> −

𝛼
𝜎𝜂

𝑍𝑖) + 𝐸(𝜔𝑖) 

= 𝛽𝑋𝑖 + 𝜌𝜎𝜇 ∗ 𝜆 (
𝛼

𝜎𝜂
𝑍𝑖) 

𝑤ℎ𝑒𝑟𝑒 𝜆(𝑧) ≡
𝜙(𝑧)

𝛷(𝑧)
, 𝜙 𝑖𝑠 𝑡ℎ𝑒 𝑝𝑑𝑓 𝑎𝑛𝑑 𝛷 𝑖𝑠 𝑡ℎ𝑒 𝑐𝑑𝑓 

𝑇ℎ𝑒 𝑠𝑎𝑚𝑝𝑙𝑒 𝑠𝑒𝑙𝑒𝑐𝑡𝑖𝑜𝑛 𝑏𝑖𝑎𝑠 𝑐𝑎𝑛 𝑏𝑒 𝑐𝑜𝑟𝑟𝑒𝑐𝑡𝑒𝑑 𝑓𝑜𝑙𝑙𝑜𝑤𝑖𝑛𝑔 𝑡ℎ𝑒 𝑛𝑒𝑥𝑡 𝑡𝑤𝑜 𝑠𝑡𝑒𝑝𝑠: 

𝑆𝑡𝑒𝑝 1:  
𝛼

𝜎𝜂

̂
 𝑐𝑎𝑛 𝑏𝑒 𝑜𝑏𝑡𝑎𝑖𝑛𝑒𝑑 𝑢𝑠𝑖𝑛𝑔 𝑃𝑟𝑜𝑏𝑖𝑡 𝑇𝑖 𝑜𝑛 𝑍𝑖 

𝑆𝑡𝑒𝑝 2:  𝑟𝑒𝑔 𝑅𝑖 𝑜𝑛 𝑋𝑖 𝑎𝑛𝑑 𝜆 (
𝛼

𝜎𝜂

̂
𝑍𝑖) 

 Because economic reintegration is for return migrants, the selection happens between 

temporary migrants and permanent migrants for return migrants only. Therefore, the selection 

correction term is obtained from the selection between temporary and permanent migrants in return 

migration status and is used for temporary migrant economic reintegration.  

The explanatory variables used for the analysis of economic integration are the same as the 

variables used in the probit analysis, except that I do not include the public infrastructure in the 

local community since it does not affect economic integration. All the individual characteristics 

have shown to have significant impacts on migrant economic integration in China (Chen 

forthcoming; Chen and Liu 2018; Wang and Fan 2012).  
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The explanatory variables used in the first stage of economic reintegration analysis are 

exactly the variables used in the probit analysis. The explanatory variables in the second stage of 

the economic reintegration analysis are exactly the variables used in the economic integration 

analysis. The public infrastructure in the local community is used for exclusion restrictions.35 I 

also conduct analysis without self-selection for economic reintegration analysis and compare the 

results of the two to highlight the consequences of failing to capture self-selection.  

FINDINGS 

Self-selection into Migration Patterns 

First, from Table 4.2, we observe that permanent migrants attain significantly greater 

economic integration at an urban destination than temporary migrants. Temporary migrants, 

however, experience an additional economic integration process – economic reintegration, which 

is greater than permanent migrants’ economic integration. On the one hand, this suggests that 

permanent migration is indeed associated with a higher economic integration level and that being 

a permanent migrant is advantageous in economic integration, as suggested by Liang (2004). On 

the other hand, this also indicates that temporary migrants experience a transition from lower 

economic integration in the city to greater economic reintegration at home over the life course of 

migration. The significant differences between economic integration and reintegration for 

temporary migrants suggest that these two types of economic integration are totally different. In 

particular, relying on savings, human capital, and social capital accumulated from rural-to-urban 

migration, return migrants are much more likely to be entrepreneurs than nonmigrants, which may 

 
35 The only way that public infrastructure can be connected with migrants’ economic outcome is through its correlation 

with the local economy. Even in that case, however, it may not necessarily affect the integration outcome because the 

reference group used to construct integration – local people – is also exposed to the same local economy.  
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facilitate their economic reintegration process (Démurger and Xu 2011; Ma 2001; Ma 2002; Zhao 

2002). This also highlights the importance to consider integration and reintegration of temporary 

migrants simultaneously because the high reintegration is based on the integration process. 

<Table 4.2 Here> 

It is important to highlight that the comparisons should not include controls. Indeed, these 

differences may not be due to the migration patterns alone. After controlling for various factors, 

we may not necessarily observe that migration patterns are associated with income. Nevertheless, 

the differences in the various factors are essentially the self-selection process and the mobility 

process embedded in each pattern. For example, suppose that permanent migrants realize greater 

economic integration than temporary migrants because of their higher levels of education. In this 

case, if we control for education, permanent migrants may not earn higher incomes than temporary 

migrants. The issue, however, is that education is part of the self-selection process that leads to 

permanent migration and the mobility process for permanent migrants. 

 The self-selection process can explain the above difference in economic integration 

between temporary and permanent migrants. The results from Table 4.3 suggest that migrants are 

self-selected into temporary and permanent migration and support my Hypothesis 1. However, the 

selection process differs significantly between migrants and return migrants. In particular, male 

migrants and older migrants are more likely to be temporary migrants for migrants only, while 

higher educated migrants are less likely to be temporary migrants for both migrants and return 

migrants. The gender impact may suggest that male migrants are less likely to engage in family 

migration, influencing urban settlement (Fan and Li 2020). Age effect should be interpreted 

carefully because the reference group (14-18 years) may still involve some family-tied migration 
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which may increase the propensity for urban settlement (Fan and Li 2020). The impact of education 

is expected. Permanent rural-to-urban migrants are those who successfully change their hukou 

status, given that it is the main barrier to permanent rural-to-urban migration (Yang and Guo 1999). 

Then because education can be the most important factor leading to change of hukou status, a 

typical pattern for permanent migration is one that starts with education migration and ends with 

settlement in a city (Wu and Treiman 2004). In addition, health has no significant effect on the 

likelihood of becoming a temporary migrant for neither migrants nor return migrants. While there 

could be a selection in health between migrants and return migrants (Lu and Qin 2014), there could 

be no selection in health between temporary and permanent migrants. This also reflects how 

selection between migrants and return migrants and selection between temporary and permanent 

migrants could differ.  

<Table 4.3 Here> 

Among migration characteristics, we observe that duration matters. Migrants who stay for 

a long time (more than 15 years) in the city are less likely to become temporary migrants. However, 

the longer return migrants stay at home, the more likely they will become temporary migrants. On 

the one hand, a longer migration duration is associated with stronger attachments with the host 

destination, leading to permanent stay and thus less likely to become temporary migrants (Chen 

and Liu 2016; Huang et al. 2018). On the other hand, stay duration at home society may also be 

associated with stronger attachments with the rural home, which can decrease the intention to settle 

in the urban destination and thus more likely to become temporary migrants (Hao and Tang 2015).  

Employment characteristics show to have a different impact on migrants and return 

migrants. Migrants who are farmers are less likely to become temporary migrants, while return 
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migrants who are self-employed or farmers are more likely to become temporary migrants. This is 

likely because return migrants can settle in rural areas through self-employment or farming. Social 

capital characteristics show a null impact for both migrants and return migrants. This is likely 

because effects are canceled out as different types of social ties could play different roles (Huang 

et al. 2018)  

Finally, community characteristics matter. Having a plaza/park in the community is 

associated with a lower likelihood of becoming a temporary migrant for return migrants. The 

reason for this is not clear. However, having an ancestral hall and having a shrine in the community 

are associated with a higher likelihood of becoming a temporary migrant. This is likely a reflection 

of both the importance of ancestor worship and religion which are deeply rooted in Chinese life 

(Fan 2003; Hu and Tian 2018). 

Heterogenous Mechanisms to Economic Integration 

 Table 4.4 shows the factors, including unobserved factors, that determine migrant 

economic integration by migration pattern and stage. We can observe that migrant characteristics 

determine economic integration/reintegration levels. Moreover, the factors that affect their 

economic integration/reintegration are highly shaped by migration pattern and stage, supporting 

Hypothesis 2. For the economic integration of permanent migrants, we observe that only being an 

employer is associated with higher economic integration. Being an employer is often associated 

with higher wages (Chen and Liu 2019; Ning and Qi 2017). However, that it is the only significant 

factor is likely because, among permanent migrants, the process of economic integration is 

relatively homogenous. For example, as we can observe from the self-selection process, permanent 

migrants tend to be more educated. Then among these highly educated migrants, return to 
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education may be limited since they are relatively homogenous educationally. In this sense, 

economic integration for permanent migrants may be more dependent on the self-selection process 

into permanent migration rather than the economic integration process within permanent migration.  

<Table 4.4 Here> 

For the economic integration of temporary migrants, we observe that gender and marital 

status also matter in addition to employment status. Specifically, temporary male migrants and 

married migrants attain a higher level of economic integration. The impact of gender most likely 

reflects the gender gap in income (Shu and Bian 2003; Zhang, Hannum, and Wang 2008). Married 

migrants may experience a marriage premium either because of selection, higher productivity, or 

employer preference (McDonald 2020; Pollmann-Schult 2011). Similar to the case of permanent 

migrants, we will also expect that being an employer will be associated with higher economic 

integration. We can see, however, that for permanent migrants, the return from being an employer 

is much larger, suggesting the baseline differences in the economic integration level between 

temporary and permanent migrants. With only a few factors that explain the economic integration 

process of temporary and permanent migrants, these results may suggest that the unobserved 

factors embedded in each pattern explain the mobility process among relatively homogenous 

migrant group. 

 Different from economic integration patterns, we can observe that temporary migrant 

economic reintegration depends on various factors. However, there is a self-selection bias for 

economic reintegration from the life-course perspective since we can only observe economic 

reintegration for temporary migrants. The results based on the selection model are shown in 

column 3 of Table 4.4. First, lambda’s significant impact on temporary migrants’ economic 
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reintegration supports the need for a selection model. In addition, it suggests that the unobserved 

factors, which determine migrant decisions between temporary and permanent migration, 

influence economic reintegration. Given that these unobserved factors negatively impact economic 

reintegration, there may be urban skills that certain migrants lack and thus encourage them to 

choose to be temporary migrants.  

Besides unobserved factors, demographic characteristics, including gender, age, and 

marital status, all matter for economic reintegration. Male temporary migrants can attain a higher 

economic reintegration level than female temporary migrants. On the one hand, this is likely due 

to the gender gap in rural areas in China (Matthews and Nee 2000; Rozelle et al. 2002). On the 

other hand, this can also result from differences between males and females in capital accumulation 

during their divergent migration experiences (Fan 2000). In addition, temporary migrants at young 

adulthood or older ages attain higher economic reintegration levels than younger migrants, 

suggesting the role of experiences and skills. Marital status also matters. Those who are married 

may achieve a higher economic reintegration level, similar to the case of economic integration for 

temporary migrants. 

Focusing on migration characteristics, we observe that temporary migrants experience a 

negative economic reintegration over their return time. However, the impact seems to be stable. 

While it is more likely for return migrants to be entrepreneurs and attain a higher economic 

reintegration level, not everyone will become an entrepreneur (Démurger and Xu 2011; Ma 2001; 

Ma 2002; Zhao 2002). Entrepreneurship and economic reintegration depend on their various forms 

of capital from the urban destination, which may diminish over time.  
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Also, different from economic integration, self-employment can lead to higher economic 

reintegration. This is expected. As discussed, many return migrants become entrepreneurs and 

experience a fast economic reintegration (Démurger and Xu 2011; Ma 2001; Ma 2002; Zhao 2002). 

Being a farmer is associated with a lower economic reintegration level. This is likely because their 

capital accumulated in urban cities may not help farming and can be a disadvantage in farming 

compared with local rural residents.  

Finally, social capital also matters. Those who are familiar with their neighbors will most 

likely attain higher economic reintegration levels. Social capital is expected to affect economic 

integration (Lu, Ruan, and Lai 2013). In fact, we also observe that social capital matters for the 

economic integration of temporary and permanent residents but only at a 10% significance level, 

possibly due to the small sample size. For economic reintegration, we may also expect a similar 

role for social capital.  

Comparing the results in column 3 with column 4, we can observe the importance of 

considering self-selection. Without considering self-selection, we will fail to observe how age, 

marital status, migration duration, employment status (being a farmer), and relationships with 

neighbors matter for economic reintegration. These are basically the main factors, and missing 

these may blur the process of economic reintegration. In addition, we may also wrongly identify 

some factors as important ones. While being an employer is significant without self-selection 

considered, it is not significant after taking into account self-selection, suggesting that it is not 

being an employer but unobserved characteristics that lead to temporary or permanent migration 

that affect their economic reintegration.  

CONCLUSION 
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 In this chapter, I propose a new way of defining and measuring temporary and permanent 

migrants. While the traditional approach relies on migrant status only, the life-course approach 

proposed relies on both migrant and return migrant status. Differentiating temporary and 

permanent migrants in this way can capture the impact of essential characteristics on temporary 

and permanent migrants over the lifetime migration. Based on this modified measure, I explore 

the two channels that determine migrants’ economic integration over the lifetime migration – self-

selection into temporary/permanent migration and realizing higher levels of economic integration 

within each pattern and across transitions.  

First, I find that permanent migrants attain a higher economic integration level than 

temporary migrants. However, temporary migrants experience an additional economic integration 

process, economic reintegration, which is higher than permanent migrant economic integration. 

On the one hand, this suggests that permanent migration is associated with a higher economic 

integration level and that permanent migrants will have advantages in economic integration. On 

the other hand, this also suggests that temporary migrants experience a transition from low 

economic integration in the city to high economic reintegration at home over the life course of 

migration. The significant differences between economic integration and reintegration for 

temporary migrants suggest that these two types of economic integration are totally different. 

Further analysis on factors predicting temporary/permanent migration suggests that migrants self-

select into these two migration patterns, verifying the self-selection channel in explaining 

economic integration outcome differences.  

 With the identified differences, I go further to explore factors explaining economic 

integration and reintegration. Overall, I find that migrant characteristics determine economic 
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integration/reintegration outcomes. The role of these factors, however, depends on specific 

patterns and stages. I apply a selection model for economic reintegration to correct the selection 

bias because permanent migrant economic reintegration is not observed. I show that unobserved 

factors play a significant role in affecting the economic reintegration of migrants, supporting the 

existence of selection bias. I also show that wrong conclusions may be reached if a model without 

selection is used. 

 This life-course approach and these findings have strong implications to snapshot approach. 

First, we can better understand self-selection between migrants and return migrants and between 

temporary and permanent migrants. If we aim to capture self-selection characteristics from the 

life-course perspective, there may be no self-selection between migrants and return migrants but 

only self-selection between temporary and permanent migrants. Moreover, we can also observe 

that temporary migrants could experience two stages of integration – integration and reintegration 

– with significant between-stage gap. Thus, once we take a life-course perspective on migrant 

integration, our understanding of the integration differences between temporary and permanent 

migrant will change significantly. While temporary migrants may experience low integration in 

the city, they experience high reintegration at home. It is important to consider integration and 

reintegration simultaneously because high reintegration is based on the integration experience in 

the city. 
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Table 4.1. Selection Table for Temporary, Permanent, Current, and Return 

Migrants from the Life-course Perspective 

 Selection 

Temporary (current) vs. Temporary (return) No 

Permanent (current) vs. Permanent (return) No 

Temporary (current) vs. Permanent (current) Yes 

Temporary (return) vs. Permanent (return) Yes 
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Table 4.2. Economic Integration Comparisons by Migration Pattern and Stage 

Economic Integration by Migration Patterns Differences 

Temp 

Integration 

Temp 

Reintegration 

Permanent 

Integration 

1 vs. 2 1 vs. 3 2 vs. 3 

1.260 2.308 1.913 -1.048*** -0.653** 0.395+ 

N=552 N=2,030 N=648 p-value=0.000 p-value=0.003 p-value= 0.072 

*** p<0.001, ** p<0.01, * p<0.05, + p<0.1 
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Table 4.3. Determinants of Temporary Migration 

(Probit Regression) 

  Migrants Return Migrants 

VARIABLES Temporary Migration Temporary Migration 

    
Demographic Characteristics   
Male 0.258** -0.0772 

 (0.0839) (0.0879) 

Age (Ref=14-18)   
    19-25 0.835** -0.229 

 (0.321) (0.324) 

    26-35 0.933** -0.236 

 (0.328) (0.331) 

    36-45 1.245*** -0.0100 

 (0.340) (0.341) 

    46-55 1.327*** 0.121 

 (0.348) (0.346) 

    55+ 1.128** 0.723+ 

 (0.393) (0.407) 

Married 0.0248 0.183+ 

 (0.128) (0.109) 

Education (Ref=No education)   
    Primary School 0.139 -0.798* 

 (0.279) (0.372) 

    Middle School -0.359 -0.849* 

 (0.272) (0.372) 

    High School -0.629* -1.028** 

 (0.279) (0.379) 

    College or More -1.836*** -1.033* 

 (0.342) (0.496) 

Health (Ref=Neither Healthy nor Unhealthy)  
    Very Healthy -0.173 -0.147 

 (0.116) (0.112) 

    Healthy -0.0208 -0.159 

 (0.0997) (0.0992) 

    Unhealthy -0.265 0.101 

 (0.208) (0.183) 

    Very Unhealthy -1.205 -0.191 

 (0.827) (0.388) 

Migration Characteristics   
Duration (Ref=0-1)   
    2-5 Years -0.0955 0.333*** 

 (0.143) (0.100) 

    6-10 Years -0.0966 0.597*** 

 (0.143) (0.124) 

    11-15 Years -0.134 1.056*** 

 (0.163) (0.241) 

    16+ Years -0.535*** 0.737*** 
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 (0.161) (0.168) 

Employment Characteristics   
Employment Status (Ref=Employee)   
    Employer -0.266 0.167 

 (0.205) (0.329) 

    Self-Employed 0.00328 0.329* 

 (0.107) (0.128) 

    Farmer -0.316 0.250* 

 (0.282) (0.0981) 

Social Capital Characteristics   
Number of friends/acquaintances (Ref=0)  
    1-5 Friends -0.209+ 0.153 

 (0.119) (0.122) 

    6-10 Friends -0.246+ 0.0832 

 (0.138) (0.130) 

    11+ Friends -0.269+ -0.108 

 (0.152) (0.135) 

Relationship with neighbors (Ref=Neither Familiar nor Unfamiliar) 

    Very Unfamiliar 0.173 0.553 

 (0.144) (0.529) 

    Unfamiliar 0.121 0.0598 

 (0.102) (0.177) 

    Familiar 0.117 -0.0630 

 (0.114) (0.108) 

    Very Familiar -0.0260 -0.127 

 (0.183) (0.113) 

Community Characteristics   
Kindergarten in the Community -0.0361 0.137 

 (0.104) (0.0952) 

Primary School in the Community -0.166+ -0.176+ 

 (0.0888) (0.1000) 

Middle School in the Community 0.0594 0.163 

 (0.112) (0.138) 

Sport Field in the Community -0.0137 -0.0131 

 (0.119) (0.101) 

Senior Activity Room in the Community -0.0909 0.0323 

 (0.116) (0.0922) 

Library/Reading Room in the Community -0.0485 0.177+ 

 (0.114) (0.101) 

Plaza/Park in the Community -0.104 -0.272** 

 (0.0996) (0.0962) 

Playground in the Community  -0.179 -0.220 

 (0.152) (0.144) 

Ancestral Hall in the Community 0.438*** -0.0984 

 (0.105) (0.0953) 

Church in the Community -0.0937 0.169 

 (0.264) (0.147) 

Temple in the Community 0.140 -0.100 



118 
 

 (0.123) (0.0864) 

Mosque in the Community -0.303 -0.181 

 (0.303) (0.185) 

Taoist Temple in the Community -0.0705 0.638+ 

 (0.398) (0.350) 

Shrine in the Community 0.285* 0.205* 

 (0.122) (0.0891) 

Hospital/Private Clinic in the Community 0.0691 -0.0415 

 (0.120) (0.112) 

Bank/Credit Union in the Community 0.181+ 0.108 

 (0.0956) (0.138) 

Constant -0.523 1.946*** 

 (0.452) (0.526) 

   
Observations 1,200 3,062 

Standard errors in parentheses   
*** p<0.001, ** p<0.01, * p<0.05, + p<0.1  
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Table 4.4. Determinants of Economic Integration by Migration Pattern and Stage 

  Economic Integration 

VARIABLES 

Per  

Integration 

(OLS) 

Temp 

Integration 

(OLS) 

Temp 

Reintegration 

(Heckman) 

Temp 

Reintegration 

(OLS) 

          

Demographic Characteristics     
Male 0.548 0.510*** 1.093*** 1.030*** 

 (0.387) (0.142) (0.154) (0.234) 

Age (Ref=14-18)   

 

 
    19-25 0.233 0.436 1.190** 0.847 

 (1.153) (0.710) (0.409) (1.957) 

    26-35 1.187 0.0925 0.951* 0.840 

 (1.224) (0.715) (0.468) (1.952) 

    36-45 0.487 0.142 1.174* 1.247 

 (1.306) (0.728) (0.460) (1.960) 

    46-55 0.356 -0.257 0.277 0.413 

 (1.377) (0.733) (0.447) (1.962) 

    55+ 0.913 -0.406 -0.632 -0.337 

 (1.586) (0.797) (0.459) (1.975) 

Married -0.107 0.454* 0.489** 0.664+ 

 (0.569) (0.216) (0.170) (0.366) 

Education (Ref=No 

education)   

 

 
    Primary School 0.157 -0.328 0.0811 -0.0615 

 (1.583) (0.392) (0.213) (0.463) 

    Middle School 0.500 -0.336 0.332 0.158 

 (1.517) (0.386) (0.292) (0.468) 

    High School 0.0417 0.238 0.628+ 0.310 

 (1.530) (0.407) (0.380) (0.530) 

    College or More 0.301 -0.0424 0.961 0.569 

 (1.580) (0.736) (0.835) (1.565) 

Health (Ref=Neither Healthy nor Unhealthy)    
    Very Healthy 0.352 0.251 0.289 0.198 

 (0.538) (0.192) (0.238) (0.319) 

    Healthy 0.528 -0.0175 0.340 0.245 

 (0.469) (0.157) (0.279) (0.259) 

    Unhealthy -0.199 0.0923 -0.129 -0.118 

 (0.971) (0.352) (0.229) (0.350) 

    Very Unhealthy -0.405 -0.299 -0.267 -0.359 

 (2.772) (1.543) (0.410) (0.796) 

Migration Characteristics   

 

 
Duration (Ref=0-1)   

 

 
    2-5 Years -0.110 -0.225 -0.837*** -0.506 

 (0.668) (0.231) (0.205) (0.324) 

    6-10 Years 0.628 -0.111 -0.554 -0.0740 

 (0.695) (0.223) (0.420) (0.333) 

    11-15 Years 0.0932 0.0103 -1.359*** -0.750+ 
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 (0.783) (0.249) (0.312) (0.396) 

    16+ Years -0.0558 -0.0494 -1.083*** -0.596+ 

 (0.792) (0.251) (0.314) (0.341) 

Employment Characteristics   

 

 
Employment Status 

(Ref=Employee)   

 

 
    Employer 6.520*** 1.325*** 7.495 7.499*** 

 (0.842) (0.384) (5.616) (0.852) 

    Self-Employed 0.341 0.130 0.632* 0.854* 

 (0.540) (0.159) (0.279) (0.336) 

    Farmer 0.254 -0.615 -0.424** -0.268 

 (1.220) (0.521) (0.156) (0.254) 

Social Capital Characteristics     
Number of friends/acquaintances (Ref=0)    
    1-5 Friends 0.0592 0.175 0.0101 0.0983 

 (0.635) (0.179) (0.202) (0.305) 

    6-10 Friends 0.676 0.379+ 0.310 0.362 

 (0.693) (0.214) (0.257) (0.343) 

    11+ Friends 1.338+ 0.250 0.643+ 0.596+ 

 (0.745) (0.241) (0.365) (0.358) 

Relationship with neighbors (Ref=Neither Familiar nor Unfamiliar)  
    Very Unfamiliar -0.0259 0.0324 -0.226 0.0408 

 (0.655) (0.241) (0.497) (1.439) 

    Unfamiliar -0.797+ 0.125 -0.654** -0.568 

 (0.473) (0.166) (0.235) (0.537) 

    Familiar -0.722 0.326+ -0.0968 -0.102 

 (0.530) (0.184) (0.222) (0.296) 

    Very Familiar -1.035 -0.0756 0.549* 0.498 

 (0.852) (0.310) (0.226) (0.311) 

Selection   

 

 
Lambda - - -3.887* - 

 - - (1.521) - 

Constant -0.0828 0.399 1.018+ 0.179 

 (1.928) (0.818) (0.521) (2.007) 

     
Observations 648 552 2,030 2,030 

R-squared 0.128 0.135 - 0.092 

Standard errors in parentheses     
*** p<0.001, ** p<0.01, * p<0.05, + p<0.1    
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Figure 4.1. Life-course Definition of Temporary and Permanent Migrants 
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CHAPTER FIVE 

CONCLUSION 

 

 In this dissertation, I examined migrant social mobility over the life course of migration, 

situating mobility within frameworks of life-course transition/pattern and self-selection. By 

applying this theoretical framework, I identified meaningful migration stages by varied dimensions 

of interest and explored migrant self-selection. The migration stages form migration transitions 

and patterns that largely shape migrant social mobility.  

Building on this framework, I theorized and tested that two pathways can explain migrant 

social mobility over lifetime migration: (i) self-selecting into migration transitions and patterns 

and (ii) realizing different social mobility outcomes within each transition or pattern. By doing so, 

I decomposed social mobility over lifetime migration into differences between and within 

migration transitions or patterns. I applied various selection models to explore transition- and 

pattern-specific pathways accounting for potential selection bias.  

My framework helps us understand migrant social mobility over the life course of 

migration. In particular, this research asks whether it is the self-selection process into migration 

stages, transitions, or patterns, or is it the transition- and pattern-specific mobility pathways that 

explain migrant social mobility? Exploring these two pathways has meaningful implications for 

the study of migration since social mobility process observed based on the snapshot approach can 

be driven by either of the two pathways.  

Summary of Findings 
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 I applied this framework to three dimensions – temporal dimension, documentation status 

dimension, and migration status dimension. The overall results showed that migrant social 

mobility over lifetime migration is explained by the self-selection process into migration 

transitions and patterns and social mobility process within each transition or pattern. 

 Different migration transitions and patterns are associated with different social mobility 

outcomes. From a temporal dimension and focusing on Mexico-US international migration, I 

observed an association between higher occupational mobility and multiple migration duration 

transitions. The documentation status dimension also revealed a similar process. Wage level varied 

by documentation pattern. This relationship between migrant social mobility and migration 

transitions and patterns was also found for internal migration. Exploring the migrant status 

dimension in rural-to-urban migration in China, I found a significant gap in economic integration 

between temporary and permanent migrants and an even larger gap between economic integration 

and reintegration for temporary migrants.  

 Migrants self-select into these migration transitions and patterns. Individual characteristics 

and external factors determine the transitions and patterns which they experience. This self-

selection process existed for all three dimensions of migration studied and for both Mexico-US 

international migration and China rural-to-urban migration. Together, this self-selection process 

largely explains migrant social mobility over lifetime migration.  

 Given individual characteristics and external factors to which they are exposed, migrants 

within each transition or pattern still realize divergent social mobility outcomes. The factors that 

explain social mobility outcomes within each transition or pattern often have a strong impact. 

Moreover, their impact is transition- and pattern-specific, suggesting that migration transitions and 
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patterns can shape social mobility pathways. Overall, the social mobility process within a 

particular transition and pattern largely explains migrant social mobility over lifetime migration.  

Theoretical Contributions 

This dissertation has three main theoretical contributions. First, identifying meaningful 

migration stages, transitions, and patterns over the lifetime migration is essentially exploring the 

life-course process within lifetime migration and contributes to the literature on migration and life 

course. This is significantly different from studying life-course stages for migrants or investigating 

migration within the life course. It goes beyond placing migration within the life course framework 

and observes migration entirely as a life course.  

Second, exploring migrant self-selection process from a life-course angle offers a novel 

perspective on migration selection, which largely differs from the conventional snapshot selection. 

The conventional selection scenario focuses on the selection between migrants and non-migrants, 

between migrants and onward migrants, and between migrants and return migrants. By studying 

the selections in migration transitions and patterns, our understanding of migration and selection 

can be improved.  

Third, studying migrant social mobility pathways within each transition and pattern 

contributes to the literature on migrant social mobility. This is different from exploring migrant 

social mobility from the snapshot approach. In the snapshot approach, we study migrant social 

mobility at any random time point. Relying on this migration life-course approach, we can explore 

migrant social mobility across transitions or over patterns. Moreover, this approach also 

contributes to the understanding of heterogeneous mobility process. For example, while we may 

explore social mobility pathways for migrants by documentation status based on the snapshot 
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approach, we can explore social mobility pathways for migrants by lifetime documentation 

patterns based on this migration life-course approach.  
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APPENDICES 

Table A1. Change Value in ISEI from Each Stage Transition  

(Unemployed – Lowest ISEI) 

   N Mean Standard 

Error 

t-value p-value 

Optimal Grouping      

 ∆ISEI2 1979 0.304*** 0.059 5.208 0.000 

 ∆ISEI3 1293 0.757*** 0.116 6.553 0.000 

 ∆ISEI4 980 0.533*** 0.158 3.373 0.001 

 ∆ISEI5 705 0.738*** 0.212 3.470 0.001 

 ∆ISEI6 505 0.951*** 0.291 3.271 0.001 

 ∆ISEI7 299 0.368 0.403 0.914 0.361 

 ∆ISEI8 118 -0.011 0.590 -0.019 0.985 

*** p<0.001, ** p<0.01, * p<0.05, + p<0.1 
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Table A2. Change Value in ISEI from Each Stage Transition 

(Unemployed – Average Individual ISEI) 

   N Mean Standard 

Error 

t-value p-value 

Optimal Grouping      

 ∆ISEI2 1979 0.349*** 0.066 5.282 0.000 

 ∆ISEI3 1293 0.777*** 0.118 6.623 0.000 

 ∆ISEI4 980 0.582*** 0.158 3.688 0.000 

 ∆ISEI5 705 0.847*** 0.207 4.096 0.000 

 ∆ISEI6 505 1.143*** 0.289 3.952 0.000 

 ∆ISEI7 299 0.657+ 0.384 1.712 0.088 

 ∆ISEI8 118 0.639 0.581 1.099 0.274 

*** p<0.001, ** p<0.01, * p<0.05, + p<0.1 
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Table A3. Determinants of Change Value in ISEI in Each Stage Transition 

(Unemployed – Lowest ISEI) 

(Heckman Selection Model) 

  Change Value in ISEI 

VARIABLES ∆ISEI2 ∆ISEI3 ∆ISEI4 ∆ISEI5 ∆ISEI6 ∆ISEI7 ∆ISEI8 

        

Demographic Characteristics    
Age -0.034* -0.008 0.008 0.069 0.125 0.007 0.046 

 (0.015) (0.023) (0.032) (0.048) (0.082) (0.122) (0.245) 

Education (Ref=No education)    
    Elementary 0.116 0.159 -0.148 -0.322 -0.449 -0.281 2.668 

 (0.149) (0.303) (0.425) (0.570) (0.818) (1.087) (1.813) 

    Middle School 0.505+ 0.269 0.041 0.192 0.019 -3.308+ -3.543 

 (0.277) (0.522) (0.750) (0.934) (1.299) (1.742) (3.040) 

    High School or Above 0.851** 0.056 1.815* 2.564* -0.479 -3.299+ 6.078* 

 (0.327) (0.622) (0.828) (1.040) (1.432) (1.710) (2.818) 

Married -0.165 0.007 0.221 0.835 1.308 1.861 -1.208 

 (0.197) (0.389) (0.530) (0.741) (0.989) (1.316) (1.662) 

Having Children (Minors) -0.083 -0.059 -0.731 -1.282+ 0.032 0.212 2.014 

 (0.199) (0.370) (0.506) (0.657) (0.863) (1.041) (1.323) 

Migration Characteristics     
Born in Traditional Sending States 0.081 0.279 0.728+ 0.384 -0.136 -0.239 -0.810 

 (0.141) (0.292) (0.416) (0.556) (0.819) (1.095) (1.743) 

Work in Traditional Receiving 

States -0.149 -0.875** 0.255 -0.118 -0.729 -0.416 1.890 

 (0.166) (0.314) (0.453) (0.594) (0.812) (1.076) (1.872) 

Occupational Attainment -0.113*** 0.200*** 0.062* 0.170*** 0.175*** 0.245*** 0.103 

 (0.013) (0.021) (0.028) (0.035) (0.041) (0.045) (0.063) 

Duration at Home 0.019 0.020 -0.080+ -0.114 -0.168 -0.155 -0.150 

 (0.014) (0.028) (0.046) (0.072) (0.122) (0.179) (0.363) 

Migration Trips 0.207** 0.126+ 0.259** 0.187* -0.022 -0.040 0.207 

 (0.076) (0.067) (0.084) (0.073) (0.063) (0.064) (0.144) 

Migration Duration in Stage 0.281+ 0.631* 0.111 0.126 -0.283* -0.050 -0.062 

 (0.144) (0.320) (0.174) (0.177) (0.130) (0.144) (0.116) 

Documentation Status     
Documentation (Ref=Undocumented)   
    Documented -0.172 -0.556 -1.190* -0.402 0.688 -0.953 -3.573 

 (0.199) (0.341) (0.572) (0.853) (1.269) (2.188) (3.401) 

    Have a Green Card/Citizen 0.435 0.282 1.086+ 2.180* 3.113* 1.533 0.831 

 (0.317) (0.414) (0.624) (0.972) (1.407) (1.902) (3.075) 

Family Social Capital     
Parents Ever Migrated (Ref=None)    
    One Parent Ever Migrated 0.065 0.243 0.230 -0.168 1.421+ 1.370 -3.966* 

 (0.188) (0.366) (0.487) (0.621) (0.833) (1.113) (1.652) 

    Both Parents Ever Migrated 0.409 -1.532+ 0.915 1.408 2.587+ -1.227 -4.539* 

 (0.453) (0.792) (1.074) (1.181) (1.482) (1.698) (2.268) 

Siblings Ever Migrated 0.175 0.515+ 0.142 0.346 0.553 0.813 0.237 

 (0.140) (0.265) (0.363) (0.481) (0.655) (0.873) (1.254) 
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Immigration Policy     
After IRCA -0.722+ 0.072 0.654 -0.770 -0.225 -2.567* 0.800 

 (0.384) (0.573) (0.802) (0.921) (1.150) (1.306) (2.046) 

Economy in US      
US GDP per Capita 0.079*** -0.018 0.017 0.019 -0.051 0.055 -0.089 

 (0.022) (0.028) (0.038) (0.041) (0.048) (0.054) (0.075) 

Unemployment Rate in the US -0.058 -0.041 -0.063 -0.085 0.110 0.209 0.659 

 (0.037) (0.069) (0.097) (0.131) (0.165) (0.294) (0.506) 

Selections       
Lambda 1.855** 2.569*** 2.581** 2.160+ 2.883+ 2.302 0.971 

 (0.627) (0.638) (0.882) (1.122) (1.556) (1.913) (3.188) 

Constant 2.722*** -6.295*** -4.746* -9.342** -11.216+ -10.997 -11.323 

 (0.537) (1.112) (1.844) (3.240) (5.893) (8.918) (21.365) 

        
Observations 1,979 1,293 980 705 505 299 118 

Standard errors in parentheses    
*** p<0.001, ** p<0.01, * p<0.05, + p<0.1  
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Table A4. Determinants of Change Value in ISEI in Each Stage Transition 

(Unemployed – Average Individual ISEI) 

(Heckman Selection Model) 

  Change Value in ISEI 

VARIABLES ∆ISEI2 ∆ISEI3 ∆ISEI4 ∆ISEI5 ∆ISEI6 ∆ISEI7 ∆ISEI8 

        

Demographic Characteristics    
Age -0.043* -0.013 0.014 0.076 0.150+ -0.015 0.152 

 (0.017) (0.024) (0.031) (0.047) (0.082) (0.119) (0.240) 

Education (Ref=No education)    
    Elementary 0.178 0.186 -0.101 -0.245 -0.171 0.156 3.180+ 

 (0.173) (0.310) (0.421) (0.561) (0.820) (1.059) (1.794) 

    Middle School 0.692* 0.327 0.066 0.147 0.559 -2.510 -1.954 

 (0.325) (0.535) (0.742) (0.919) (1.303) (1.697) (3.001) 

    High School or Above 1.212** 0.281 2.021* 2.603* 0.831 -1.276 9.807*** 

 (0.382) (0.638) (0.819) (1.024) (1.438) (1.665) (2.793) 

Married -0.411+ -0.037 0.195 0.771 1.493 1.088 -3.892* 

 (0.230) (0.398) (0.526) (0.727) (0.990) (1.283) (1.650) 

Having Children (Minors) -0.045 -0.041 -0.866+ -1.312* -0.089 0.090 1.159 

 (0.231) (0.378) (0.502) (0.645) (0.864) (1.015) (1.299) 

Migration Characteristics     
Born in Traditional Sending States 0.125 0.301 0.770+ 0.333 -0.191 -0.308 -1.490 

 (0.165) (0.299) (0.412) (0.547) (0.821) (1.067) (1.720) 

Work in Traditional Receiving 

States -0.208 -0.924** 0.239 -0.070 -0.387 -0.364 0.418 

 (0.195) (0.321) (0.449) (0.584) (0.814) (1.050) (1.853) 

Occupational Attainment -0.137*** 0.190*** 0.052+ 0.145*** 0.155*** 0.168*** 0.071 

 (0.016) (0.022) (0.027) (0.034) (0.041) (0.044) (0.063) 

Duration at Home 0.023 0.023 -0.071 -0.136+ -0.191 -0.074 -0.306 

 (0.017) (0.029) (0.046) (0.071) (0.122) (0.175) (0.358) 

Migration Trips 0.321*** 0.125+ 0.231** 0.193** -0.012 -0.065 0.086 

 (0.089) (0.069) (0.083) (0.072) (0.064) (0.063) (0.142) 

Migration Duration in Stage 0.237 0.659* 0.130 0.092 -0.219+ 0.023 -0.110 

 (0.159) (0.326) (0.174) (0.173) (0.130) (0.141) (0.112) 

Documentation Status     
Documentation (Ref=Undocumented)   
    Documented -0.329 -0.521 -1.044+ -0.626 0.225 -1.020 -0.156 

 (0.231) (0.348) (0.569) (0.835) (1.268) (2.139) (3.323) 

    Have a Green Card/Citizen 0.601 0.361 0.861 2.336* 3.330* 1.649 2.923 

 (0.375) (0.424) (0.620) (0.952) (1.405) (1.862) (3.011) 

Family Social Capital     
Parents Ever Migrated (Ref=None)    
    One Parent Ever Migrated 0.020 0.314 0.140 -0.085 1.495+ 1.899+ -2.567 

 (0.219) (0.376) (0.481) (0.612) (0.836) (1.083) (1.646) 

    Both Parents Ever Migrated 0.609 -1.542+ 0.790 1.515 2.587+ -1.300 -1.816 

 (0.532) (0.812) (1.061) (1.165) (1.491) (1.651) (2.264) 

Siblings Ever Migrated 0.201 0.571* 0.184 0.389 0.138 0.558 -0.232 

 (0.163) (0.271) (0.359) (0.473) (0.657) (0.850) (1.246) 
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Immigration Policy     
After IRCA -0.949* -0.032 0.757 -0.764 -0.670 -2.259+ 1.478 

 (0.451) (0.586) (0.796) (0.903) (1.152) (1.273) (2.030) 

Economy in US      
US GDP per Capita 0.109*** -0.012 0.009 0.024 -0.039 0.050 -0.113 

 (0.026) (0.029) (0.037) (0.040) (0.049) (0.052) (0.074) 

Unemployment Rate in the US -0.089* -0.037 -0.065 -0.060 0.142 0.316 1.299** 

 (0.043) (0.070) (0.097) (0.128) (0.165) (0.287) (0.497) 

Selections       
Lambda 2.832*** 2.732*** 2.297** 2.500* 3.191* 1.909 2.699 

 (0.719) (0.652) (0.878) (1.098) (1.553) (1.872) (3.129) 

Constant 3.216*** -6.109*** -4.264* -9.165** -12.872* -8.318 -18.738 

 (0.624) (1.138) (1.831) (3.178) (5.896) (8.709) (20.934) 

        
Observations 1,979 1,293 980 705 505 299 118 

Standard errors in parentheses    
*** p<0.001, ** p<0.01, * p<0.05, + p<0.1  
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Table A5. Determinants of Change Value in ISEI in Each Stage Transition 

(Unemployed – Lowest ISEI) 

(OLS Regression) 

  Change Value in ISEI 

VARIABLES ∆ISEI2 ∆ISEI3 ∆ISEI4 ∆ISEI5 ∆ISEI6 ∆ISEI7 ∆ISEI8 

        

Demographic Characteristics    
Age -0.011 0.015 -0.005 0.018 0.014 -0.107 -0.017 

 (0.012) (0.022) (0.031) (0.040) (0.056) (0.079) (0.146) 

Education (Ref=No education)    
    Elementary 0.091 0.098 -0.044 -0.358 -0.659 -0.383 2.505 

 (0.142) (0.292) (0.417) (0.572) (0.817) (1.114) (1.906) 

    Middle School 0.490+ 0.106 0.198 0.028 -0.302 -3.374+ -3.437 

 (0.260) (0.495) (0.732) (0.930) (1.290) (1.788) (3.325) 

    High School or Above 0.866** 0.165 1.848* 2.550* -0.744 -3.681* 6.126+ 

 (0.308) (0.594) (0.808) (1.037) (1.425) (1.719) (3.096) 

Married -0.051 0.224 0.287 0.889 1.355 1.875 -1.083 

 (0.184) (0.381) (0.528) (0.748) (1.002) (1.354) (1.772) 

Having Children (Minors) -0.066 0.030 -0.448 -1.188+ -0.091 0.054 1.890 

 (0.190) (0.365) (0.495) (0.660) (0.870) (1.064) (1.387) 

Migration Characteristics     
Born in Traditional Sending States 0.059 0.149 0.678+ 0.429 -0.386 -0.379 -0.896 

 (0.134) (0.280) (0.410) (0.559) (0.815) (1.120) (1.893) 

Work in Traditional Receiving 

States -0.034 -0.709* 0.401 -0.113 -0.714 -0.388 1.854 

 (0.153) (0.306) (0.445) (0.597) (0.818) (1.110) (2.057) 

Occupational Attainment -0.135*** 0.170*** 0.033 0.144*** 0.145*** 0.240*** 0.094 

 (0.010) (0.019) (0.025) (0.032) (0.038) (0.046) (0.061) 

Duration at Home 0.017 0.068** 0.006 -0.002 0.024 0.026 -0.057 

 (0.014) (0.025) (0.035) (0.043) (0.064) (0.099) (0.215) 

Migration Trips 0.034 -0.021 0.078 0.081+ -0.088+ -0.044 0.222 

 (0.045) (0.055) (0.055) (0.048) (0.052) (0.066) (0.149) 

Migration Duration in Stage 0.283+ 0.753* 0.097 0.128 -0.282* -0.056 -0.064 

 (0.146) (0.326) (0.178) (0.181) (0.134) (0.150) (0.127) 

Documentation Status     
Documentation (Ref=Undocumented)   
    Documented 0.230+ 0.073 -0.234 0.410 1.386 -0.870 -3.571 

 (0.139) (0.303) (0.475) (0.755) (1.238) (2.275) (3.750) 

    Have a Green Card/Citizen 0.119 -0.511 -0.250 0.535 0.784 -0.376 0.235 

 (0.277) (0.358) (0.423) (0.470) (0.648) (1.099) (2.614) 

Family Social Capital     
Parents Ever Migrated (Ref=None)    
    One Parent Ever Migrated 0.018 -0.129 -0.024 -0.317 1.278 1.074 -4.033* 

 (0.177) (0.338) (0.467) (0.614) (0.828) (1.111) (1.800) 

    Both Parents Ever Migrated 0.329 -2.005** 0.433 0.991 2.072 -2.129 -4.948* 

 (0.425) (0.744) (1.029) (1.153) (1.439) (1.546) (2.007) 

Siblings Ever Migrated 0.180 0.400 -0.015 0.066 0.217 0.636 0.215 

 (0.133) (0.254) (0.352) (0.459) (0.631) (0.883) (1.377) 
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Immigration Policy     
After IRCA -0.300 0.327 1.027 -0.194 0.500 -2.258+ 0.728 

 (0.334) (0.564) (0.787) (0.878) (1.093) (1.317) (2.235) 

Economy in US      
US GDP per Capita 0.038* -0.054* -0.013 -0.007 -0.070 0.057 -0.086 

 (0.016) (0.027) (0.036) (0.039) (0.048) (0.055) (0.081) 

Unemployment Rate in the US -0.007 -0.026 -0.030 -0.065 0.071 0.157 0.574 

 (0.031) (0.068) (0.096) (0.132) (0.165) (0.300) (0.467) 

Constant 3.301*** -4.363*** -1.350 -4.360* -1.822 -2.086 -5.592 

 (0.475) (0.972) (1.415) (1.947) (2.985) (5.066) (11.173) 

        
Observations 1,979 1,293 980 705 505 299 118 

R squared 0.100 0.084 0.020 0.067 0.064 0.146 0.216 

Standard errors in parentheses    
*** p<0.001, ** p<0.01, * p<0.05, + p<0.1  
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Table A6. Determinants of Change Value in ISEI in Each Stage Transition 

(Unemployed – Average Individual ISEI) 

(OLS Regression) 

  Change Value in ISEI 

VARIABLES ∆ISEI2 ∆ISEI3 ∆ISEI4 ∆ISEI5 ∆ISEI6 ∆ISEI7 ∆ISEI8 

        

Demographic Characteristics    
Age -0.007 0.012 0.003 0.017 0.028 -0.109 -0.022 

 (0.013) (0.022) (0.031) (0.039) (0.056) (0.077) (0.142) 

Education (Ref=No education)    
    Elementary 0.140 0.121 -0.008 -0.288 -0.404 0.071 2.727 

 (0.158) (0.298) (0.415) (0.560) (0.816) (1.088) (1.858) 

    Middle School 0.669* 0.154 0.206 -0.042 0.203 -2.564 -1.660 

 (0.290) (0.505) (0.729) (0.910) (1.290) (1.746) (3.241) 

    High School or Above 1.236*** 0.396 2.051* 2.587* 0.538 -1.593 9.940** 

 (0.344) (0.606) (0.804) (1.015) (1.424) (1.679) (3.018) 

Married -0.236 0.192 0.254 0.834 1.546 1.099 -3.546* 

 (0.205) (0.388) (0.526) (0.732) (1.002) (1.323) (1.727) 

Having Children (Minors) -0.019 0.054 -0.614 -1.204+ -0.225 -0.041 0.816 

 (0.212) (0.372) (0.493) (0.646) (0.869) (1.039) (1.352) 

Migration Characteristics     
Born in Traditional Sending States 0.092 0.163 0.725+ 0.385 -0.467 -0.425 -1.728 

 (0.149) (0.286) (0.408) (0.547) (0.815) (1.094) (1.846) 

Work in Traditional Receiving 

States -0.033 -0.747* 0.369 -0.064 -0.372 -0.340 0.318 

 (0.170) (0.312) (0.443) (0.585) (0.817) (1.084) (2.005) 

Occupational Attainment -0.171*** 0.158*** 0.026 0.115*** 0.122** 0.163*** 0.046 

 (0.011) (0.020) (0.025) (0.031) (0.038) (0.045) (0.060) 

Duration at Home 0.020 0.075** 0.005 -0.007 0.022 0.076 -0.046 

 (0.015) (0.026) (0.035) (0.042) (0.064) (0.097) (0.210) 

Migration Trips 0.057 -0.031 0.070 0.069 -0.086 -0.069 0.127 

 (0.050) (0.056) (0.055) (0.047) (0.052) (0.064) (0.145) 

Migration Duration in Stage 0.239 0.788* 0.118 0.094 -0.219 0.017 -0.114 

 (0.162) (0.332) (0.177) (0.177) (0.134) (0.146) (0.124) 

Documentation Status     
Documentation (Ref=Undocumented)   
    Documented 0.284+ 0.148 -0.193 0.314 0.999 -0.951 -0.150 

 (0.154) (0.309) (0.473) (0.738) (1.237) (2.222) (3.656) 

    Have a Green Card/Citizen 0.119 -0.482 -0.328 0.432 0.752 0.065 1.265 

 (0.308) (0.365) (0.422) (0.460) (0.648) (1.074) (2.549) 

Family Social Capital     
Parents Ever Migrated (Ref=None)    
    One Parent Ever Migrated -0.052 -0.082 -0.086 -0.257 1.338 1.653 -2.753 

 (0.197) (0.345) (0.465) (0.601) (0.827) (1.085) (1.755) 

    Both Parents Ever Migrated 0.488 -2.045** 0.361 1.033 2.018 -2.048 -2.952 

 (0.473) (0.759) (1.025) (1.129) (1.438) (1.510) (1.956) 

Siblings Ever Migrated 0.210 0.448+ 0.045 0.066 -0.233 0.411 -0.294 

 (0.148) (0.260) (0.351) (0.449) (0.631) (0.862) (1.343) 
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Immigration Policy     
After IRCA -0.304 0.239 1.089 -0.098 0.132 -2.002 1.277 

 (0.373) (0.575) (0.784) (0.859) (1.092) (1.286) (2.179) 

Economy in US      
US GDP per Capita 0.047** -0.049+ -0.018 -0.006 -0.060 0.051 -0.104 

 (0.018) (0.027) (0.036) (0.038) (0.048) (0.054) (0.079) 

Unemployment Rate in the US -0.012 -0.020 -0.035 -0.038 0.099 0.273 1.065* 

 (0.035) (0.069) (0.096) (0.129) (0.165) (0.293) (0.455) 

Constant 4.100*** -4.054*** -1.241 -3.400+ -2.475 -0.927 -2.811 

 (0.530) (0.992) (1.409) (1.906) (2.983) (4.949) (10.891) 

        
Observations 1,979 1,293 980 705 505 299 118 

R squared 0.127 0.076 0.022 0.054 0.056 0.103 0.233 

Standard errors in parentheses    
*** p<0.001, ** p<0.01, * p<0.05, + p<0.1  
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