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Sleep difficulties, particularly symptoms of insomnia and circadian disruption, are
among the primary complaints of gynecologic cancer survivors before, during, and
after treatment. Moreover, difficulty sleeping has been linked to poorer health-related
quality of life and elevated symptom burden in this population. Although leading
behavioral sleep interventions have demonstrated efficacy among cancer survivors,
up to 50% of survivors are non-adherent to these treatments, likely because these
interventions require labor-intensive behavior and lifestyle changes. Therefore, there is
a need for more effective and acceptable approaches to diminish sleep disturbance
among cancer survivors. This manuscript describes the methodology of a two-part
study guided by the Multiphase Optimization Strategy (MOST) framework to identify
a streamlined behavioral sleep intervention for gynecologic cancer survivors. Three
candidate intervention components previously shown to decrease sleep disturbance
will be evaluated, including sleep restriction, stimulus control, and systematic bright
light exposure. Participants will be adult women with a history of non-metastatic
gynecologic cancer who have completed primary treatment and who report current
poor sleep quality. Fifteen participants will be recruited for Part 1 of the study, which
will utilize qualitative methods to identify barriers to and facilitators of intervention
adherence. Results will inform changes to the delivery of the candidate intervention
components to promote adherence in Part 2, where 80 participants will be recruited and
randomized to one of eight conditions reflecting every possible combination of the three
candidate intervention components in a full factorial design. Participants will complete
assessments at baseline, post-intervention, and 3-months post-intervention. Part 2
results will identify the combination of candidate intervention components that yields
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the most efficacious yet efficient 6-week intervention for diminishing sleep disturbance.
This is the first known study to apply the MOST framework to optimize a behavioral sleep
intervention and will yield a resource-efficient treatment to diminish sleep disturbance,
improve health-related quality of life, and decrease symptom burden among gynecologic
cancer survivors. ClinicalTrials.gov Identifier: NCT05044975.

Keywords: sleep disturbance, gynecologic cancer, behavioral sleep intervention, optimization, cancer
survivorship

INTRODUCTION

Sleep Disturbance in Cancer
Survivorship
Sleep difficulties, particularly symptoms of insomnia and
circadian disruption, are common among gynecologic cancer
survivors (Westin et al., 2016; Campbell et al., 2019; Palagini
et al., 2021), with recent research demonstrating an estimated
prevalence greater than 80% (Pozzar et al., 2021). Sleep
disturbance has also been associated with poorer health-related
quality of life (HRQOL) and higher symptom burden in this
population (Ross et al., 2020). Difficulty sleeping is often treated
with Cognitive Behavioral Therapy for Insomnia (CBT-I), the
gold-standard treatment for insomnia, including among those
with comorbid conditions (Schutte-Rodin et al., 2008; Qaseem
et al., 2016; van Straten et al., 2017). CBT-I is a multicomponent
behavioral intervention consisting of cognitive restructuring,
sleep restriction, stimulus control, sleep hygiene education, and
relaxation therapy (Morin and Benca, 2012). Sleep restriction and
stimulus control are generally recognized as the core components
driving treatment effects (Morin et al., 2006). A recent meta-
analysis evaluating the efficacy of CBT-I specifically in cancer
survivors found that the intervention improved multiple sleep
outcomes, including sleep efficiency, sleep onset latency, wake
after sleep onset, and insomnia symptom severity (Johnson
et al., 2016). Another recent meta-analysis supported the efficacy
of CBT-I among cancer survivors regardless of whether the
intervention was delivered in-person or remotely (Ma et al.,
2021). However, although CBT-I can be highly efficacious, up to
50% of cancer survivors do not adhere to the treatment as it is
currently packaged, and thus do not benefit maximally from it
(Matthews et al., 2012, 2013; McChargue et al., 2012; Garland
et al., 2014). This may be because the intervention requires
patients to make multiple, simultaneous, and often intrusive
behavioral and lifestyle changes (Agnew et al., 2021). A less
burdensome alternative is systematic bright light exposure, which
has recently been explored as another strategy for improving
sleep disturbance in cancer survivors (Wu et al., 2018, 2021; Fox
et al., 2021). Results suggest systematic bright light exposure in
the morning may have a beneficial impact on sleep disturbance
among cancer survivors. However, effects are generally not as
strong as they are for CBT-I, with research thus far limited to
small pilot studies where the mechanisms underlying the effects
of bright light have not been well explored.

A leading theory of sleep-wake regulation is the two-process
model (Borbely et al., 2016), which posits that sleep timing and

intensity depend on the interaction of a homeostatic process and
a circadian process, which function independently. According to
this model, the homeostatic process reflects the body’s attempts
to maintain balance, in that more time spent awake leads to
increased pressure to fall asleep (Deboer, 2018). The circadian
process, a pacemaker managed by the suprachiasmatic nucleus
of the hypothalamus, determines one’s daily rhythm for sleep and
wake, leading to increased sleepiness at certain times of the day
and increased alertness at others (Deboer, 2018). Thus, sleep-
wake cycles and circadian rhythms separately influence sleep
(Borbely et al., 2016). Sleep restriction and stimulus control,
the two core components of CBT-I, both target the homeostatic
process. Conversely, systematic bright light exposure targets
the circadian process. Therefore, combining sleep restriction,
stimulus control, and bright light may have additive or even
interactive effects. One known study is currently exploring this
hypothesis (Bean et al., 2020); however, it is doing so exclusively
among patients undergoing chemotherapy for breast cancer.
Thus, the applicability of results to cancer survivors who have
completed primary treatment will be unclear. Additionally, this
known study is adding systematic bright light exposure to
CBT-I as a packaged intervention, thus increasing the burden
associated with this already challenging treatment. To maximize
benefit from the available evidence-based treatments, studies are
needed that can determine what combination of behavioral sleep
intervention components yields the most effective intervention
while also maximizing adherence to optimize impact.

Intervention Optimization
Multicomponent behavioral interventions are traditionally
developed and evaluated as pre-bundled treatment packages
and assessed via randomized controlled trial (RCT; Guastaferro
and Collins, 2019). This is an effective and important scientific
approach to identify how an intervention performs relative to
a control or comparison. However, this approach is unable to
identify which components of the intervention, if any, could
be changed or removed to increase efficiency and decrease
burden. That is to say, the effects of the individual components
of the intervention, both independently and interactively,
remain unknown. To address this challenge, Collins and
colleagues developed the Multiphase Optimization Strategy
(MOST) framework (Collins et al., 2005; Collins, 2018).
MOST is grounded in engineering theory and involves three
phases. Like traditional RCT-based intervention science, the
MOST framework involves a Preparation phase that includes
developing a conceptual model, selecting candidate intervention
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components based on theory and evidence, and conducting
pilot testing. It also includes an Evaluation phase, in which
components are bundled into a final intervention package that is
then evaluated, typically via RCT.

What sets MOST apart is the inclusion of an Optimization
phase, which occurs between the Preparation and Evaluation
phases, in which candidate intervention components are
evaluated using randomized experimentation to determine the
impact of components individually and in various combinations.
This enables identification of which components make
valuable contributions to the overall program effects and
what combination of components yields the greatest impact.
The result is an intervention that has been optimized according
to specific criteria (e.g., effectiveness, efficiency, cost) and
that can achieve desired results with fewer resources and less
participant burden. Of note, factorial designs are frequently used
in the Optimization phase because they provide an economical
framework for testing multiple components in a single study.

The Present Study
This paper describes the procedures and methodology of a two-
part study guided by the MOST framework. The first part,
which is consistent with the Preparation phase of the framework,
will employ a qualitative approach to identify barriers to and
facilitators of adherence to sleep restriction, stimulus control, and
systematic bright light exposure, three evidence-based candidate
intervention components previously shown to decrease sleep
disturbance among cancer survivors. The second part, which is
consistent with the Optimization phase of the framework, will
employ a factorial design to identify the best combination of
these three components, enhanced to promote adherence per the
results of Part 1, to yield a resource-efficient behavioral sleep
intervention with exclusively active components. Feasibility,
acceptability, and adherence will also be examined, and the
potential mediating roles of sleep disturbance and circadian
markers on intervention effects will be explored. This work will
yield an optimized behavioral sleep intervention to diminish sleep
disturbance, improve HRQOL, and reduce symptom burden
among gynecologic cancer survivors.

MATERIALS AND METHODS

Participants and Recruitment
Across both parts of the study, participants will be survivors
of a non-metastatic gynecologic cancer who have completed
primary treatment, are between the ages of 18 and 74,
and report poor sleep quality. Part 1 of the study will
include 15 participants and Part 2 will include 80, for a
total sample size of 95 participants to be enrolled over
5 years. Participants will be recruited from the Robert
H. Lurie Comprehensive Cancer Center of Northwestern
University and the University of Arizona Cancer Center, two
comprehensive cancer centers located in Chicago, IL and
Tucson, AZ, United States, respectively. All potential participants
will provide verbal consent to complete screening for study
eligibility. Those who are eligible and subsequently enroll will

provide written informed consent prior to engaging in any
study activities.

Eligibility
Potential participants will be identified through a combination
of physician referral and electronic medical record screening.
Study eligibility will be confirmed by participant self-report via
a telephone screening interview. To be eligible for the study,
participants must endorse or demonstrate: (1) a history of a non-
metastatic ovarian, uterine, vaginal, vulvar, or cervical cancer; (2)
English language proficiency; (3) age 18–74 years; (4) typical sleep
onset between 9:00pm and 3:00am; (5) poor sleep quality [i.e.,
score > 5 on the Pittsburgh Sleep Quality Index [PSQI] (Buysse
et al., 1989)]; and (6) reliable telephone and internet access.

Participants who meet any of the following criteria will
be excluded: (1) diagnosis of a second primary cancer other
than a non-melanoma skin cancer; (2) diagnosis of significant
neurological, physiological or psychological dysfunction
that could impact study participation [e.g., active psychosis,
glaucoma, HIV, epilepsy, current substance abuse, active
suicidality]; (3) diagnosis of sleep apnea, restless legs syndrome,
periodic limb movement disorder, or narcolepsy per self-report
and medical record review; (4) completion of primary anti-cancer
treatment (e.g., chemotherapy, radiation therapy) <30 days prior
to participation or surgical intervention <60 days prior to
participation; (5) significant mental or physical decline (i.e.,
≥2 mistakes on the six-item version of the Mini Mental Status
Exam [MMSE] (Callahan et al., 2002) or Eastern Cooperative
Oncology Group [ECOG] (Oken et al., 1982) performance status
score > 1); (6) shift work; and (7) plans to travel across meridians
during participation. Exclusion criteria were selected due to
their known impact on study outcomes or because of potential
interference with study participation.

Candidate Intervention Components and
Intervention Delivery
The three candidate intervention components to be evaluated
were selected according to the two-process model of sleep-wake
regulation (Borbely et al., 2016). To further minimize burden,
only the sleep restriction and stimulus control components of
CBT-I will be evaluated while sleep hygiene education, cognitive
restructuring, and relaxation therapy will not, as sleep restriction
and stimulus control have been identified as primary mechanisms
of CBT-I efficacy among adherent patients (Morin et al., 2006).

Sleep Restriction
Sleep restriction involves limiting one’s opportunity for sleep
to the amount of time reported sleeping on an average night
plus 30 min. For this study, wake time will be determined by
asking participants to identify the earliest time they need to
awaken on any given day based on their individual lifestyles. The
prescribed bedtime will then be identified by working backward
from this wake time. The initial sleep opportunity window will
be informed by 7 days of sleep diaries completed immediately
prior to beginning the intervention. This window will then
be adjusted weekly based on participants’ sleep efficiency (i.e.,
ratio of time asleep to time in bed at night), calculated from
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weekly sleep diaries, as is the gold standard recommendation
(Spielman et al., 1987).

Stimulus Control
Based on classical and operant conditioning, stimulus control
aims to disassociate non-sleep behaviors from the bedroom
and reinforce the association of the bedroom with sleep-related
stimuli (e.g., bed). Instructions include not going to bed until
sleepy, getting out of bed if unable to fall asleep or fall back to
sleep within approximately 20 min, avoiding behaviors other than
sleep and sexual activity in the bedroom, waking up at the same
time each day, and avoiding daytime naps (Bootzin et al., 1991).

Systematic Bright Light Exposure
Bright light will be systematically delivered by wearable
Re-TimerTM glasses. The Re-TimerTM glasses are a small
(7.9′′×5.5′′×2.2′′), lightweight (2.64 oz.) device that delivers
green-blue light from below to replicate the natural pathway
of light to the eyes. Participants will be instructed to wear the
glasses on the highest setting for 30 min every morning during
the intervention period, initiating this time within 30 min of
awakening and completing light exposure prior to noon. Re-
TimerTM glasses can be worn over traditional eyeglasses as long
as the eyeglasses do not have photochromatic or tinted lenses.

Intervention Delivery
Prior to the initiation of the intervention period, research staff
will provide an intervention orientation to participants. This
orientation, which will last approximately 30–60 min, will be
completed either in-person or over video conference, and will
include general sleep education as well as an explanation of
the intervention components the participant will receive and
the rationale behind them. After this orientation, participants
will implement their assigned intervention components at home
daily for 6 weeks.

The candidate intervention components will be administered
via weekly emails. All participants will monitor their sleep by
completing a daily sleep diary for the duration of the 6-week
intervention period. All participants will also receive a weekly
email from the study team with a reminder to complete and
return the sleep diary. Sleep diaries will be returned electronically.
For participants receiving stimulus control, the weekly email will
also contain a reminder of the stimulus control instructions.
For participants receiving systematic bright light exposure, the
weekly email will also contain a reminder of how to use the Re-
TimerTM glasses. For participants receiving sleep restriction, the
weekly email will also contain a reminder of the sleep restriction
instructions and the prescribed sleep schedule for the coming
week, which will be determined by a licensed clinical psychologist
with specialized training in behavioral sleep intervention (RSF)
based on the prior week’s sleep diary. Participants receiving
more than one candidate intervention component will receive
a single weekly email containing the information relevant to all
components being delivered. The study team will be available
to participants throughout the intervention period to answer
questions, troubleshoot, and provide support as needed.

Study Design
This two-part study is guided by the MOST framework.
Participants in Part 1 will not be randomized, but rather
will receive all three candidate intervention components
simultaneously. It is well established that greater adherence
predicts behavioral sleep intervention efficacy; however,
knowledge of how best to increase adherence is limited
(Matthews et al., 2012, 2013; Agnew et al., 2021). Therefore,
upon completion of the intervention in Part 1, individual
semi-structured interviews will be conducted with participants
and analyzed to identify barriers to and facilitators of adherence
to the three candidate intervention components. Results will
inform the design and delivery of the components in Part 2
to enhance adherence. Subsequently, in Part 2, a full factorial
experiment will be completed that involves eight experimental
conditions (Table 1). It is important to note that this study is not
an eight-arm RCT and the purpose is not to compare outcomes
across each of the eight conditions directly. Rather, each main
effect and interaction estimate will use data from participants in
all of the experimental conditions. For example, the main effect
of sleep restriction will be estimated by comparing the mean for
the 40 participants in conditions 1 through 4 to the mean for the
40 participants in conditions 5 through 8 in Table 1. A detailed
explanation of how factorial study designs maintain power has
been previously published (Collins et al., 2009).

Hypotheses
We hypothesize that gynecologic cancer survivors will be able to
engage with each of the three candidate intervention components
and that each component will be deemed acceptable. We
further hypothesize that the optimal combination of intervention
components will yield stronger effects for diminishing sleep
disturbance, improving HRQOL, and reducing symptom burden
than each individual component.

DATA COLLECTION AND MEASURES

Data Collection
Data to be collected include sociodemographic information,
medical information, patient-reported outcome measures,
qualitative patient feedback, urine samples, and objective sleep
information recorded by actigraphy. Throughout the study,
the REDCap (Harris et al., 2009) data collection platform will
be used to capture and store participant data. This platform is

TABLE 1 | Experimental conditions.

Experimental condition Sleep restriction Stimulus control Bright light

1 Yes Yes Yes

2 Yes Yes No

3 Yes No Yes

4 Yes No No

5 No Yes Yes

6 No Yes No

7 No No Yes

8 No No No
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optimized for secure research data collection and storage and
allows for HIPPA-compliant export and analysis. Data will be
entered into REDCap either directly by participants or by the
research team. All study assessments will be completed in-person
or remotely via videoconference.

Across both Part 1 and Part 2 of the study, the screening
questionnaire will be administered by telephone to determine
eligibility. Eligible and interested participants will then provide
informed consent before completing a baseline assessment where
they will provide sociodemographic and medical information
and complete questionnaires related to their sleep, HRQOL,
and symptom burden. Participants will also collect urine the
night before this baseline assessment, wear a wrist actigraph, and
complete sleep diaries for the 7 days leading up to the assessment.
Immediately after completing the 6-week intervention period,
participants will complete a follow-up assessment that mirrors
the baseline plus an additional measure of acceptability. In
addition to the baseline and post-intervention assessments,
participants in Part 1 will complete a semi-structured interview
and accompanying survey within 2 weeks of completing the
intervention to provide information about barriers to and
facilitators of protocol adherence. In contrast, participants in Part
2 will complete an additional follow-up assessment 3 months
after completing the intervention that mirrors the baseline
and post-intervention assessments to measure longitudinal
intervention effects.

Measures
Feasibility and Acceptability
In both Part 1 and Part 2, study feasibility will be assessed
according to established procedures (Bowen et al., 2009),
including documenting the number of eligible participants,
participant willingness to be enrolled, attrition, reported reasons
for withdrawing, and self-reported protocol adherence.

Acceptability of the candidate intervention components will
be assessed with items from the Functional Assessment of
Chronic Illness Therapy – Treatment Satisfaction – General scale
(FACIT-TS-G) (Peipert et al., 2014), which will be administered
at the post-intervention assessment only. The FACIT-TS-G
includes eight items that utilize Likert-type response scales,
were developed as stand-alone single items, and are scored
individually. Higher item scores indicate greater acceptability.

Covariates
Sociodemographic and Medical Information
Sociodemographic and medical information will be gathered
through participant self-report and medical chart review at
screening, baseline, post-intervention, and 3-month follow-
up. Sociodemographic data will include age, education,
income, racial background, ethnicity, employment status, and
relationship status. Medical data will include information about
exclusionary and comorbid medical conditions, prescription
medication use, and cancer-related information (e.g., time since
diagnosis, stage at diagnosis, treatment history). Participants will
also complete the Self-Administered Comorbidity Questionnaire
(Sangha et al., 2003).

Sleep Apnea Risk
The Berlin questionnaire (Netzer et al., 1999) will assess risk
for sleep apnea at baseline. This screener consists of nine items
reflecting known clinical features of sleep apnea and yields scores
in three categories related to the risk of having sleep apnea.
Participants are classified as High Risk or Low Risk based on
their responses to individual items and their overall scores in the
symptom categories.

Pain
An 11-item numerical rating scale, ranging from 0 (No pain)
to 10 (Worst imaginable pain), will evaluate pain intensity
(Ferreira-Valente et al., 2011) at baseline, post-intervention, and
3-month follow-up. The numerical rating scale is one of the most
commonly used measures of pain intensity and has been shown
to be responsive to pain (Ferreira-Valente et al., 2011).

Treatment Expectancy
Following the baseline assessment and orientation session and
prior to the start of the 6-week intervention period, participants
will complete the Credibility/Expectancy Questionnaire (Devilly
and Borkovec, 2000). This six-item measure was developed for
clinical studies to measure treatment expectancy and rationale
credibility. It yields two subscale scores reflecting affectively
based expectancy and cognitively based credibility.

Primary Outcomes
Objectively Measured Sleep
The Actiwatch Spectrum Plus (Mini Mitter/Phillips/Respironics)
will be used to objectively measure sleep/wake activity at
baseline, post-intervention, and 3-month follow-up. In addition
to sleep/wake activity, the Actiwatch Spectrum Plus records
information about amount and duration of ambient white light
luminance in units of lux. Participants will wear the device,
which is similar in size to a watch, on the non-dominant wrist
for 7 consecutive days immediately prior to each assessment.
Actiwatch Spectrum Plus data will be scored and analyzed
with Actiware Sleep v6.1.2 (Phillips-Respironics, Mini Mitter,
Bend, OR, United States) to calculate sleep outcomes, such as
total sleep time, percent sleep, total wake time, number and
duration of nighttime awakenings, sleep mid-point, and number
and duration of daytime naps (defined as a minimum of 10
consecutive min of inactivity). These data will also be used to
calculate circadian activity rhythms (Marler et al., 2006) and the
sleep regularity index (Phillips et al., 2017), which are indicators
of circadian rhythm robustness. Participants will be instructed to
press the event marker on the Actiwatch when initiating sleep
effort at the start of the main sleep period, when discontinuing
sleep effort upon final awakening, and when taking daytime naps.
When wearing the Actiwatch, participants will also complete an
actigraphy log in which they will record instances of and reasons
for Actiwatch removal, which will be used to inform editing of the
actigraphy data (Ancoli-Israel et al., 2015).

Subjectively Measured Sleep
Consensus Sleep Diary. Participants will complete the Consensus
Sleep Diary (Carney et al., 2012) daily during the intervention
period and whenever wearing the Actiwatch Spectrum Plus. The
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Consensus Sleep Diary includes questions about time to bed, time
to sleep, number and duration of nighttime awakenings, time of
final awakening, time out of bed, and overall sleep quality. Diary
data will guide the weekly sleep opportunity window for those
receiving sleep restriction. It will also be used in conjunction with
the actigraphy log to facilitate actigraphy scoring, as described
above (Ancoli-Israel et al., 2015).

Perceived Sleep Quality. The eight-item Patient Reported
Outcomes Measurement Information System (PROMIS) Sleep
Disturbance Short Form 8a (Yu et al., 2012) will be used to
assess perceived sleep quality at baseline, post-intervention, and
3-month follow-up. Respondents rate the quality of their sleep
over the prior 7 days on a five-point scale ranging from Very poor
to Very good and rate the frequency with which they experienced
different sleep symptoms on a five-point scale ranging from Not
at all to Very much. Higher scores reflect worse sleep quality.
All PROMIS assessments generate T scores that are standard
scores with a mean of 50 and a standard deviation of 10 based on
the reference population in which the measure was developed.
For many PROMIS measures this is the general United States
population; however, the Sleep Disturbance scale was developed
with a population enriched for chronic illness. Thus, a score of 50
on this scale represents the average for individuals slightly more
impaired than the general population.

Sleep-Related Daytime Impairment. The eight-item PROMIS
Sleep-related Impairment Short Form 8a (Yu et al., 2012) will
assess perceived impairment during wake associated with sleep
problems at baseline, post-intervention, and 3-month follow-
up. Respondents rate the frequency with which they experienced
daytime sleep-related symptoms over the prior 7 days on a five-
point scale ranging from Not at all to Very much. Higher scores
indicate greater daytime impairment. The PROMIS Sleep-related
Impairment scale was also developed with a population enriched
for chronic illness, and thus scores can be interpreted similarly to
the Sleep Disturbance scale.

Secondary Outcomes
Health-Related Quality of Life
The 27-item Functional Assessment of Cancer Therapy – General
(FACT-G) (Webster et al., 2003) will measure HRQOL at
baseline, post-intervention, and 3-month follow-up. Participants
indicate the extent to which each item has applied to them over
the past week using a five-point scale ranging from Not at all
to Very much, with higher scores indicating better HRQOL.
The measure yields four subscales reflecting physical, social,
emotional, and functional well-being, which can be summed to
yield a total score.

Symptom Burden
The Memorial Symptom Assessment Scale. The 32-item Memorial
Symptom Assessment Scale (MSAS; Portenoy et al., 1994) will
evaluate overall symptom burden at baseline, post-intervention,
and 3-month follow-up. The MSAS measures the prevalence
of, severity of, and distress associated with 32 physical and
psychological symptoms over the course of the past week.

Frequency of symptoms is rated on a four-point scale ranging
from Rarely to Almost constantly, severity of symptoms is
rated on a four-point scale ranging from Mild to Very severe,
and symptom-related distress is measured on a five-point
scale ranging from Not at all to Very much. The measure
yields three sub-scales reflecting physical symptom burden,
psychological symptom burden, and overall distress. A total
score can also be computed, with higher scores indicating
greater symptom burden.

Patient Reported Outcomes Measurement Information
System-Cancer Computer Adaptive Tests
Symptoms of fatigue (Lai et al., 2011), anxiety (Pilkonis et al.,
2011), and depression (Pilkonis et al., 2011, 2014) will be
assessed at baseline, post-intervention, and 3-month follow-up
with PROMIS-Cancer computer adaptive tests. The PROMIS-
Cancer scales were derived from established PROMIS item banks
and were refined to increase the cancer-relevance of the measures
(Garcia et al., 2007). For all constructs, respondents rate their
symptom experience over the past 7 days on a five-point scale
ranging from Never to Always. Select items in the Fatigue item
bank use a five-point scale ranging from Not at all to Very much
or from None to Very. Across all item banks higher scores indicate
greater symptom burden.

Urine
Urinary 6-sulfatoxymelatonin (aMT6s), the primary urinary
metabolite of melatonin, will be measured at baseline, post-
intervention, and 3-month follow-up as a marker of circadian
rhythms. The night prior to each assessment participants will
collect three urine samples: pre-bedtime, overnight including the
first morning void, and approximately 3 h after the first morning
void (Cook et al., 2000). For each sample, total volume will
be recorded, aMT6s and creatinine will be determined, and the
concentration of aMT6s will be calculated and expressed as µg/g
Cr (Schernhammer and Hankinson, 2009).

Adherence
In Part 1 of the study, participants will provide information
about protocol adherence in the semi-structured interview and
accompanying survey. In both parts of the study, adherence
to sleep restriction and stimulus control instructions will be
gathered by self-report and from the Consensus Sleep Diaries that
participants will complete daily during the 6-week intervention
period. Re-TimerTM usage and reasons for non-adherence will be
recorded on a daily Re-TimerTM log (Fox et al., 2021).

Analytic Plan
Across both parts of the study, descriptive statistics will be used
to characterize the sample.

Part 1: Qualitative Approach
For Part 1 of the study, two coders will review the semi-
structured interview transcripts and independently generate a
preliminary list of themes regarding barriers and facilitators
of treatment adherence using a constant comparative approach
(Glaser and Strauss, 1967). The coders will meet regularly to
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discuss and compare themes. Redundant and irrelevant themes
will be removed, and a coding dictionary will be developed
for the remaining analysis. Coders will use this dictionary
to code all transcripts, and data saturation will be evaluated.
Past work indicates that saturation often occurs within the
first 12 interviews, and basic themes may be identifiable as
early as the sixth interview (Guest et al., 2006). Therefore,
15 interviews will be conducted to increase the likelihood of
reaching saturation. Results, consisting of the most prevalent
and important themes and corresponding quotations from
participants, will inform any needed modifications to the
delivery of the candidate intervention components to enhance
adherence in Part 2.

Part 2: Intervention Optimization
For Part 2, we will use benchmarks of 80% recruitment (i.e.,
80% of eligible survivors) and 80% retention to demonstrate
feasibility. We will use a benchmark of 60% protocol adherence
for each candidate intervention component, based on prior
studies of CBT-I and bright light in cancer survivors (Berger
et al., 2003; Ancoli-Israel et al., 2012). Descriptive statistics will
be applied to the FACIT-TS-G items to examine acceptability.

To identify the optimal combination of candidate intervention
components, longitudinal mixed effects models will be fit to
the data with primary and secondary outcomes evaluated in
separate models. All study time points will be included in
these models, and fixed effects will include time (a nominal
variable with three levels, which will be entered as two indicator
variables), each candidate intervention component, and two-
way interactions among components. The effect of a component
at post-intervention and 3-month follow-up will be assessed
based on that component’s interaction with time. Candidate
intervention components will be defined using effect coding
(absence: −1, presence: +1) so effects remain uncorrelated
(Kugler et al., 2012). Models will also adjust for hypothesized
covariates as outlined above, as well as demographic and
baseline clinical characteristics found to significantly differ across
conditions. Further analyses will evaluate if the presence of
multiple candidate intervention components has a greater effect
on each outcome than single components. To do this, an
additional variable will be created to indicate the number of
components to which a participant was exposed (0, 1, 2, 3). This
variable will be included as a fixed effect in these models, along
with its interaction with time.

In addition to optimizing the intervention, we will also
explore the potential mediating role of circadian markers (i.e.,
aMT6s, circadian activity rhythms, sleep regularity) on the
effects of candidate intervention components. The potential
mediating role of sleep disturbance on the relationships of
intervention components to HRQOL and symptom burden
will also be evaluated. Given the exploratory nature of this
analysis, interpretation will focus on effect sizes rather than
statistical significance.

Power analyses for Part 2 were conducted using the Factorial
Power Plan Macro for SAS (Dziak et al., 2013) to detect an
effect size ≥0.40 for main effects and two-way interactions

with 80% power and two-sided alpha = 0.05. Analyses will be
conducted using a maximum likelihood estimation approach,
which provides valid inference in the presence of missing data
under a missing at random assumption (Enders and Bandalos,
2001). Once all data are collected, they will be imported into
SPSS (IBM, Armonk, NY, United States) (IBM Corp, 2020) for
cleaning. Data will then be analyzed in SPSS (IBM Corp, 2020),
and MPlus (Muthén & Muthén, Los Angeles, CA, United States)
(Muthén and Muthén, 1998-2017).

DISCUSSION

The goal of this study is to optimize a behavioral intervention
to decrease sleep disturbance, improve HRQOL, and diminish
symptom burden among survivors of gynecologic cancers.
While efficacious when adhered to, current leading behavioral
sleep intervention packages are burdensome and often have
low adherence among oncologic samples. Part 1 of the study
will address this concern by utilizing qualitative methods to
identify barriers to and facilitators of intervention adherence,
with results informing subsequent treatment delivery to
maximize participant engagement. Additionally, delivering
bundled treatment packages without assessing their individual
components can lead to unnecessary burden and inefficient
use of resources, because inactive components may be included
in these treatments. By leveraging the MOST framework,
Part 2 of this study will efficiently test the efficacy of three
candidate intervention components independently and in
combination to identify a resource-efficient, maximally
effective, evidence-based behavioral sleep intervention for
gynecologic cancer survivors that consists of exclusively active
components. Feasibility, acceptability, and adherence will
also be explored.

The primary limitation of this study is that intervention
components that were not examined could be important to
sleep disturbance, HRQOL, and/or symptom burden. However,
we selected the components under evaluation because, taken
together, they directly address both components of the two-
process model of sleep-wake regulation (Borbely et al., 2016),
emphasize the most well-supported components of CBT-I,
and include a lower-burden systematic bright light exposure
component that has shown promising efficacy and acceptability
in past studies. Nonetheless, future research may benefit
from examining other candidate intervention components.
Additionally, it is possible that participants with non-insomnia
sleep disorders may be recruited, as diagnostic sleep interviews
are not being conducted as part of screening. However, to
minimize the likelihood of this occurring we will assess
past diagnosis of a sleep disorder by both self-report and
medical record review.

To our knowledge, this is the first study that will apply the
MOST framework to develop an efficient, minimally burdensome
behavioral sleep intervention. Select prior studies have attempted
to disentangle multicomponent sleep interventions like CBT-I
using a comparative treatment design, in which participants
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receive an intervention component in isolation, a combination
of components, or a control (Epstein et al., 2012; Harvey et al.,
2014). However, unlike the present study, this approach has
not supported exploration of interactions among components.
The present study will use optimization strategies so the final
treatment includes only active components, and intervention
delivery will be adapted to promote treatment adherence. Given
the notable impact and implications of sleep disturbance among
gynecologic cancer survivors, there is a great need to identify
non-pharmacological treatments to address symptoms with as
little burden as possible. If the components ultimately included
in the optimized intervention prove to be feasible and acceptable,
this work will yield a resource-efficient behavioral intervention
that is primed for evaluation in a subsequent, large, fully powered
RCT. This in turn could identify an effective treatment package to
diminish the highly prevalent and understudied problem of sleep
disturbance among survivors of gynecologic cancers.

DATA AVAILABILITY STATEMENT

The original contributions presented in the study are included
in the article/supplementary material, further inquiries can be
directed to the corresponding author.

AUTHOR CONTRIBUTIONS

RF, PZ, KK, ET, SA-I, JS, FP, LW, KR, CR, and JO contributed
to the conception and design of the study. RF wrote the first
draft of the manuscript. JG wrote the sections of the manuscript.
All authors contributed to manuscript revision, and read and
approved the submitted version.

FUNDING

This work was supported by the National Cancer Institute
under grant #K08CA247973 (PI: Fox) and the University
of Arizona College of Nursing. LW’s effort was supported
by the European Union’s Horizon 2020 Research and
Innovation Programme under the Marie Sklodowska–Curie
grant agreement no. 754513 and the Aarhus University
Research Foundation.

ACKNOWLEDGMENTS

We would like to thank Abigail Crawford for her
contributions to this work.

REFERENCES
Agnew, S., Vallières, A., Hamilton, A., McCrory, S., Nikolic, M., Kyle, S. D., et al.

(2021). Adherence to cognitive behavior therapy for insomnia: an updated
systematic review. Sleep Med. Clin. 16, 155–202. doi: 10.1016/j.jsmc.2020.11.
002

Ancoli-Israel, S., Martin, J. L., Blackwell, T., Buenaver, L., Liu, L., Meltzer,
L. J., et al. (2015). The SBSM guide to actigraphy monitoring: clinical and
research applications. Behav. Sleep Med. 13, S4–S38. doi: 10.1080/15402002.
2015.1046356

Ancoli-Israel, S., Rissling, M., Neikrug, A., Trofimenko, V., Natarajan, L., Parker,
B. A., et al. (2012). Light treatment prevents fatigue in women undergoing
chemotherapy for breast cancer. Support. Care Cancer 20, 1211–1219. doi:
10.1007/s00520-011-1203-z

Bean, H. R., Stafford, L., Little, R., Diggens, J., Ftanou, M., Alexander, M., et al.
(2020). Light-enhanced cognitive behavioural therapy for sleep and fatigue:
study protocol for a randomised controlled trial during chemotherapy for breast
cancer. Trials 21:295. doi: 10.1186/s13063-020-4196-4

Berger, A. M., VonEssen, S., Kuhn, B. R., Piper, B. F., Agrawal, S., Lynch, J. C., et al.
(2003). Adherence, sleep, and fatigue outcomes after adjuvant breast cancer
chemotherapy: results of a feasibility intervention study. Oncol. Nurs. Forum
30, 513–522. doi: 10.1188/03.ONF.513-522

Bootzin, R. R., Epstein, D., and Wood, J. M. (1991). “Stimulus control instructions,”
in Case Studies in Insomnia, ed. P. J. Hauri (Boston, MA: Springer US),
19–28.

Borbely, A. A., Daan, S., Wirz-Justice, A., and Deboer, T. (2016). The two-process
model of sleep regulation: a reappraisal. J. Sleep Res. 25, 131–143. doi: 10.1111/
jsr.12371

Bowen, D. J., Kreuter, M., Spring, B., Cofta-Woerpel, L., Linnan, L., Weiner, D.,
et al. (2009). How we design feasibility studies. Am. J. Prev. Med. 36, 452–457.
doi: 10.1016/j.amepre.2009.02.002

Buysse, D. J., Reynolds, C. F., Monk, T. H., Berman, S. R., and Kupfer, D. J.
(1989). The Pittsburgh sleep quality index: a new instrument for psychiatric
practice and research. Psychiatry Res. 28, 193–213. doi: 10.1016/0165-1781(89)9
0047-4

Callahan, C. M., Unverzagt, F. W., Hui, S. L., Perkins, A. J., and Hendrie, H. C.
(2002). Six-item screener to identify cognitive impairment among potential

subjects for clinical research. Med. Care 40, 771–781. doi: 10.1097/00005650-
200209000-00007

Campbell, G., Thomas, T. H., Hand, L., Lee, Y. J., Taylor, S. E., and Donovan,
H. S. (2019). Caring for survivors of gynecologic cancer: assessment and
management of long-term and late effects. Semin. Oncol. Nurs. 35, 192–201.
doi: 10.1016/j.soncn.2019.02.006

Carney, C. E., Buysse, D. J., Ancoli-Israel, S., Edinger, J. D., Krystal, A. D., Lichstein,
K. L., et al. (2012). The consensus sleep diary: standardizing prospective sleep
self-monitoring. Sleep 35, 287–302. doi: 10.5665/sleep.1642

Collins, L. M. (2018). Optimization of Behavioral, Biobehavioral, and Biomedical
Interventions: The Multiphase Optimization Strategy (MOST). Cham: Springer
International Publishing.

Collins, L. M., Dziak, J. J., and Li, R. (2009). Design of experiments with multiple
independent variables: a resource management perspective on complete and
reduced factorial designs. Psychol. Methods 14, 202–224. doi: 10.1037/a00
15826

Collins, L. M., Murphy, S. A., Nair, V. N., and Strecher, V. J. (2005). A strategy
for optimizing and evaluating behavioral interventions. Ann. Behav. Med. 30,
65–73. doi: 10.1207/s15324796abm3001_8

Cook, M. R., Graham, C., Kavet, R., Stevens, R. G., Davis, S., and Kheifets,
L. (2000). Morning urinary assessment of nocturnal melatonin secretion
in older women. J. Pineal Res. 28, 41–47. doi: 10.1034/j.1600-079x.2000.28
0106.x

Deboer, T. (2018). Sleep homeostasis and the circadian clock: do the
circadian pacemaker and the sleep homeostat influence each other’s
functioning? Neurobiol. Sleep Circ. Rhythms 5, 68–77. doi: 10.1016/j.nbscr.2018.
02.003

Devilly, G. J., and Borkovec, T. D. (2000). Psychometric properties of the
credibility/expectancy questionnaire. J. Behav. Ther. Exp. Psychiatry 31,
73–86.

Dziak, J. J., Collins, L. M., and Wagner, A. T. (2013). Factorial Power Plan (Version
1.0) [Software]. University Park, PA: The Methodology Center, Penn State.

Enders, C. K., and Bandalos, D. L. (2001). The relative performance of full
information maximum likelihood estimation for missing data in structural
equation models. Struct. Equation Model. 8, 430–457.

Epstein, D. R., Sidani, S., Bootzin, R. R., and Belyea, M. J. (2012). Dismantling
multicomponent behavioral treatment for insomnia in older adults:

Frontiers in Neuroscience | www.frontiersin.org 8 March 2022 | Volume 16 | Article 818718

https://doi.org/10.1016/j.jsmc.2020.11.002
https://doi.org/10.1016/j.jsmc.2020.11.002
https://doi.org/10.1080/15402002.2015.1046356
https://doi.org/10.1080/15402002.2015.1046356
https://doi.org/10.1007/s00520-011-1203-z
https://doi.org/10.1007/s00520-011-1203-z
https://doi.org/10.1186/s13063-020-4196-4
https://doi.org/10.1188/03.ONF.513-522
https://doi.org/10.1111/jsr.12371
https://doi.org/10.1111/jsr.12371
https://doi.org/10.1016/j.amepre.2009.02.002
https://doi.org/10.1016/0165-1781(89)90047-4
https://doi.org/10.1016/0165-1781(89)90047-4
https://doi.org/10.1097/00005650-200209000-00007
https://doi.org/10.1097/00005650-200209000-00007
https://doi.org/10.1016/j.soncn.2019.02.006
https://doi.org/10.5665/sleep.1642
https://doi.org/10.1037/a0015826
https://doi.org/10.1037/a0015826
https://doi.org/10.1207/s15324796abm3001_8
https://doi.org/10.1034/j.1600-079x.2000.280106.x
https://doi.org/10.1034/j.1600-079x.2000.280106.x
https://doi.org/10.1016/j.nbscr.2018.02.003
https://doi.org/10.1016/j.nbscr.2018.02.003
https://www.frontiersin.org/journals/neuroscience
https://www.frontiersin.org/
https://www.frontiersin.org/journals/neuroscience#articles


fnins-16-818718 March 2, 2022 Time: 9:57 # 9

Fox et al. Protocol Sleep Intervention Gynecologic Cancer

a randomized controlled trial. Sleep 35, 797–805. doi: 10.5665/slee
p.1878

Ferreira-Valente, M. A., Pais-Ribeiro, J. L., and Jensen, M. P. (2011). Validity of
four pain intensity rating scales. Pain 152, 2399–2404. doi: 10.1016/j.pain.2011.
07.005

Fox, R. S., Baik, S. H., McGinty, H., Garcia, S. F., Reid, K. J., Bovbjerg, K., et al.
(2021). Feasibility and preliminary efficacy of a bright light intervention in
ovarian and endometrial cancer survivors. Int. J. Behav. Med. 28, 83–95. doi:
10.1007/s12529-020-09861-0

Garcia, S. F., Cella, D., Clauser, S. B., Flynn, K. E., Lad, T., Lai, J. S., et al. (2007).
Standardizing patient-reported outcomes assessment in cancer clinical trials: a
patient-reported outcomes measurement information system initiative. J. Clin.
Oncol. 25, 5106–5112. doi: 10.1200/JCO.2007.12.2341

Garland, S. N., Johnson, J. A., Savard, J., Gehrman, P., Perlis, M., Carlson, L., et al.
(2014). Sleeping well with cancer: a systematic review of cognitive behavioral
therapy for insomnia in cancer patients. Neuropsychiatr. Dis. Treat. 10, 1113–
1124. doi: 10.2147/NDT.S47790

Glaser, B., and Strauss, A. (1967). The Discovery of Grounded Theory. Chicago, IL:
Aldine.

Guastaferro, K., and Collins, L. M. (2019). Achieving the goals of translational
science in public health intervention research: the multiphase optimization
strategy (MOST). Am. J. Public Health 109, S128–S129. doi: 10.2105/AJPH.
2018.304874

Guest, G., Bunce, A., and Johnson, L. (2006). How many interviews are enough:An
experiment with data saturation and variability. Field Methods 18, 59–82. doi:
10.1177/1525822x05279903

Harris, P. A., Taylor, R., Thielke, R., Payne, J., Gonzalez, N., and Conde, J. G. (2009).
Research electronic data capture (REDCap)—a metadata-driven methodology
and workflow process for providing translational research informatics support.
J. Biomed. Inform. 42, 377–381. doi: 10.1016/j.jbi.2008.08.010

Harvey, A. G., Belanger, L., Talbot, L., Eidelman, P., Beaulieu-Bonneau, S., Fortier-
Brochu, E., et al. (2014). Comparative efficacy of behavior therapy, cognitive
therapy, and cognitive behavior therapy for chronic insomnia: a randomized
controlled trial. J. Consult. Clin. Psychol. 82, 670–683. doi: 10.1037/a00
36606

IBM Corp (2020). IBM SPSS Statistics for Windows, Version 27.0. Armonk, NY:
IBM Corp.

Johnson, J. A., Rash, J. A., Campbell, T. S., Savard, J., Gehrman, P. R., Perlis, M.,
et al. (2016). A systematic review and meta-analysis of randomized controlled
trials of cognitive behavior therapy for insomnia (CBT-I) in cancer survivors.
Sleep Med. Rev. 27, 20–28. doi: 10.1016/j.smrv.2015.07.001

Kugler, K. C., Trail, J. B., Dziak, J. J., and Collins, L. M. (2012). Effect Coding Versus
Dummy Coding in Analysis of Data From Factorial Experiments. University
Park, PA: Pennsylvania State University.

Lai, J.-S., Cella, D., Choi, S., Junghaenel, D. U., Christodoulou, C., Gershon,
R., et al. (2011). How item banks and their application can influence
measurement practice in rehabilitation medicine: a PROMIS fatigue item bank
example. Arch. Phys. Med. Rehabil. 92, S20–S27. doi: 10.1016/j.apmr.2010.
08.033

Ma, Y., Hall, D. L., Ngo, L. H., Liu, Q., Bain, P. A., and Yeh, G. Y. (2021). Efficacy
of cognitive behavioral therapy for insomnia in breast cancer: a meta-analysis.
Sleep Med. Rev. 55:101376. doi: 10.1016/j.smrv.2020.101376

Marler, M. R., Gehrman, P., Martin, J. L., and Ancoli-Israel, S. (2006). The
sigmoidally transformed cosine curve: a mathematical model for circadian
rhythms with symmetric non-sinusoidal shapes. Stat. Med. 25, 3893–3904. doi:
10.1002/sim.2466

Matthews, E. E., Arnedt, J. T., McCarthy, M. S., Cuddihy, L. J., and Aloia,
M. S. (2013). Adherence to cognitive behavioral therapy for insomnia: a
systematic review. Sleep Med. Rev. 17, 453–464. doi: 10.1016/j.smrv.2013.
01.001

Matthews, E. E., Schmiege, S. J., Cook, P. F., Berger, A. M., and Aloia, M. S. (2012).
Adherence to cognitive behavioral therapy for insomnia (CBTI) among women
following primary breast cancer treatment: a pilot study. Behav. Sleep Med. 10,
217–229. doi: 10.1080/15402002.2012.666220

McChargue, D. E., Sankaranarayanan, J., Visovsky, C. G., Matthews, E. E.,
Highland, K. B., and Berger, A. M. (2012). Predictors of adherence to a
behavioral therapy sleep intervention during breast cancer chemotherapy.
Support. Care Cancer 20, 245–252. doi: 10.1007/s00520-010-1060-1

Morin, C. M., and Benca, R. (2012). Chronic insomnia. Lancet 379, 1129–1141.
Morin, C. M., Bootzin, R. R., Buysse, D. J., Edinger, J. D., Espie, C. A., and Lichstein,

K. L. (2006). Psychological and behavioral treatment of insomnia:update of
the recent evidence (1998-2004). Sleep 29, 1398–1414. doi: 10.1093/sleep/29.11.
1398

Muthén, L. K., and Muthén, B. O. (1998-2017). Mplus User’s Guide, Eighth Edn.
Los Angeles, CA: Muthén & Muthén.

Netzer, N. C., Stoohs, R. A., Netzer, C. M., Clark, K., and Strohl, K. P. (1999).
Using the Berlin questionnaire to identify patients at risk for the sleep apnea
syndrome. Ann. Intern. Med. 131, 485–491. doi: 10.7326/0003-4819-131-7-
199910050-00002

Oken, M. M., Creech, R. H., Tormey, D. C., Horton, J., Davis, T. E., McFadden,
E. T., et al. (1982). Toxicity and response criteria of the Eastern cooperative
oncology group. Am. J. Clin. Oncol. 5, 649–656. doi: 10.1097/00000421-
198212000-00014

Palagini, L., Miniati, M., Massa, L., Folesani, F., Marazziti, D., Grassi,
L., et al. (2021). Insomnia and circadian sleep disorders in ovarian
cancer: evaluation and management of underestimated modifiable factors
potentially contributing to morbidity. J. Sleep Res. e13510. doi: 10.1111/jsr.
13510 [Epub ahead of print].

Peipert, J. D., Beaumont, J. L., Bode, R., Cella, D., Garcia, S. F., and Hahn, E. A.
(2014). Development and validation of the functional assessment of chronic
illness therapy treatment satisfaction (FACIT TS) measures. Qual. Life Res. 3,
815–824. doi: 10.1007/s11136-013-0520-8

Phillips, A. J. K., Clerx, W. M., O’Brien, C. S., Sano, A., Barger, L. K., Picard, R. W.,
et al. (2017). Irregular sleep/wake patterns are associated with poorer academic
performance and delayed circadian and sleep/wake timing. Sci. Rep. 7:3216.
doi: 10.1038/s41598-017-03171-4

Pilkonis, P. A., Choi, S. W., Reise, S. P., Stover, A. M., Riley, W. T., Cella, D.,
et al. (2011). Item banks for measuring emotional distress from the patient-
reported outcomes measurement information system (PROMIS R©): depression,
anxiety, and anger. Assessment 18, 263–283. doi: 10.1177/10731911114
11667

Pilkonis, P. A., Yu, L., Dodds, N. E., Johnston, K. L., Maihoefer, C. C., and
Lawrence, S. M. (2014). Validation of the depression item bank from the
patient-reported outcomes measurement information system (PROMIS R©) in a
three-month observational study. J. Psychiatric Res. 56, 112–119. doi: 10.1016/j.
jpsychires.2014.05.010

Portenoy, R. K., Thaler, H. T., Kornblith, A. B., Lepore, J. M., Friedlander-
Klar, H., Kiyasu, E., et al. (1994). The memorial symptom assessment scale:
an instrument for the evaluation of symptom prevalence, characteristics
and distress. Eur. J. Cancer 30a, 1326–1336. doi: 10.1016/0959-8049(94)9
0182-1

Pozzar, R. A., Hammer, M. J., Paul, S. M., Cooper, B. A., Kober, K. M., Conley,
Y. P., et al. (2021). Distinct sleep disturbance profiles among patients with
gynecologic cancer receiving chemotherapy. Gynecol. Oncol. 163, 419–426. doi:
10.1016/j.ygyno.2021.09.002

Qaseem, A., Kansagara, D., Forciea, M. A., Cooke, M., and Denberg, T. D.
(2016). Management of chronic insomnia disorder in adults: a clinical practice
guideline from the American college of physicians. Ann. Intern Med. 165,
125–133.

Ross, T. L., DeFazio, A., Friedlander, M., Grant, P., Nagle, C. M., Williams,
M., et al. (2020). Insomnia and its association with quality of life in women
with ovarian cancer. Gynecol. Oncol. 158, 760–768. doi: 10.1016/j.ygyno.2020.
06.500

Sangha, O., Stucki, G., Liang, M. H., Fossel, A. H., and Katz, J. N. (2003). The self-
administered comorbidity questionnaire: a new method to assess comorbidity
for clinical and health services research. Arthritis Rheum. 49, 156–163. doi:
10.1002/art.10993

Schernhammer, E. S., and Hankinson, S. E. (2009). Urinary melatonin levels
and postmenopausal breast cancer risk in the Nurses’ Health Study cohort.
Cancer Epidemiol. Biomark. Prevent. 18, 74–79. doi: 10.1158/1055-9965.EPI-0
8-0637

Schutte-Rodin, S., Broch, L., Buysse, D., Dorsey, C., and Sateia, M. (2008). Clinical
guideline for the evaluation and management of chronic insomnia in adults.
J. Clin. Sleep Med. 4, 487–504. doi: 10.5664/jcsm.27286

Spielman, A. J., Saskin, P., and Thorpy, M. J. (1987). Treatment of chronic
insomnia by restriction of time in bed. Sleep 10, 45–56.

Frontiers in Neuroscience | www.frontiersin.org 9 March 2022 | Volume 16 | Article 818718

https://doi.org/10.5665/sleep.1878
https://doi.org/10.5665/sleep.1878
https://doi.org/10.1016/j.pain.2011.07.005
https://doi.org/10.1016/j.pain.2011.07.005
https://doi.org/10.1007/s12529-020-09861-0
https://doi.org/10.1007/s12529-020-09861-0
https://doi.org/10.1200/JCO.2007.12.2341
https://doi.org/10.2147/NDT.S47790
https://doi.org/10.2105/AJPH.2018.304874
https://doi.org/10.2105/AJPH.2018.304874
https://doi.org/10.1177/1525822x05279903
https://doi.org/10.1177/1525822x05279903
https://doi.org/10.1016/j.jbi.2008.08.010
https://doi.org/10.1037/a0036606
https://doi.org/10.1037/a0036606
https://doi.org/10.1016/j.smrv.2015.07.001
https://doi.org/10.1016/j.apmr.2010.08.033
https://doi.org/10.1016/j.apmr.2010.08.033
https://doi.org/10.1016/j.smrv.2020.101376
https://doi.org/10.1002/sim.2466
https://doi.org/10.1002/sim.2466
https://doi.org/10.1016/j.smrv.2013.01.001
https://doi.org/10.1016/j.smrv.2013.01.001
https://doi.org/10.1080/15402002.2012.666220
https://doi.org/10.1007/s00520-010-1060-1
https://doi.org/10.1093/sleep/29.11.1398
https://doi.org/10.1093/sleep/29.11.1398
https://doi.org/10.7326/0003-4819-131-7-199910050-00002
https://doi.org/10.7326/0003-4819-131-7-199910050-00002
https://doi.org/10.1097/00000421-198212000-00014
https://doi.org/10.1097/00000421-198212000-00014
https://doi.org/10.1111/jsr.13510
https://doi.org/10.1111/jsr.13510
https://doi.org/10.1007/s11136-013-0520-8
https://doi.org/10.1038/s41598-017-03171-4
https://doi.org/10.1177/1073191111411667
https://doi.org/10.1177/1073191111411667
https://doi.org/10.1016/j.jpsychires.2014.05.010
https://doi.org/10.1016/j.jpsychires.2014.05.010
https://doi.org/10.1016/0959-8049(94)90182-1
https://doi.org/10.1016/0959-8049(94)90182-1
https://doi.org/10.1016/j.ygyno.2021.09.002
https://doi.org/10.1016/j.ygyno.2021.09.002
https://doi.org/10.1016/j.ygyno.2020.06.500
https://doi.org/10.1016/j.ygyno.2020.06.500
https://doi.org/10.1002/art.10993
https://doi.org/10.1002/art.10993
https://doi.org/10.1158/1055-9965.EPI-08-0637
https://doi.org/10.1158/1055-9965.EPI-08-0637
https://doi.org/10.5664/jcsm.27286
https://www.frontiersin.org/journals/neuroscience
https://www.frontiersin.org/
https://www.frontiersin.org/journals/neuroscience#articles


fnins-16-818718 March 2, 2022 Time: 9:57 # 10

Fox et al. Protocol Sleep Intervention Gynecologic Cancer

van Straten, A., van der Zweerde, T., Kleiboer, A., Cuijpers, P., Morin, C. M.,
and Lancee, J. (2017). Cognitive and behavioral therapies in the treatment of
insomnia: a meta-analysis. Sleep Med. Rev. 38, 3–16. doi: 10.1016/j.smrv.2017.
02.001

Webster, K., Cella, D., and Yost, K. (2003). The functional assessment of
chronic illness therapy (FACIT) measurement system: properties, applications,
and interpretation. Health Qual. Life Outcomes 1:79. doi: 10.1186/1477-75
25-1-79

Westin, S. N., Sun, C. C., Tung, C. S., Lacour, R. A., Meyer, L. A., Urbauer, D. L.,
et al. (2016). Survivors of gynecologic malignancies: impact of treatment on
health and well-being. J. Cancer Survivorship 10, 261–270. doi: 10.1007/s11764-
015-0472-9

Wu, H.-S., Davis, J. E., and Chen, L. (2021). Bright light shows promise in
improving sleep, depression, and quality of life in women with breast cancer
during chemotherapy: findings of a pilot study. Chronobiol. Int. 38, 694–704.
doi: 10.1080/07420528.2021.1871914

Wu, L. M., Amidi, A., Valdimarsdottir, H., Ancoli-Israel, S., Liu, L., Winkel, G.,
et al. (2018). The effect of systematic light exposure on sleep in a mixed group
of fatigued cancer survivors. J. Clin. Sleep Med. 14, 31–39. doi: 10.5664/jcs
m.6874

Yu, L., Buysse, D. J., Germain, A., Moul, D. E., Stover, A., Dodds, N. E., et al.
(2012). Development of short forms from the PROMISTM sleep disturbance
and sleep-related impairment item banks. Behav. Sleep Med. 10, 6–24. doi:
10.1080/15402002.2012.636266

Conflict of Interest: SP is a consultant for Jazz Pharmaceuticals, Inc., receives
royalty from UpToDate, Inc., and has a patent that was licensed by SaiOx,
Inc. (US20160213879A1). SP reports receiving grants to institution from the
following entities: Sergey Brin Family Foundation (Verily Life Sciences, Inc.),
Philips-Respironics, Inc., WHOOP, Inc., Sommetrics, Inc., and Regeneron, Inc.
These conflicts are unrelated to this manuscript.

The remaining authors declare that the research was conducted in the absence of
any commercial or financial relationships that could be construed as a potential
conflict of interest.

Publisher’s Note: All claims expressed in this article are solely those of the authors
and do not necessarily represent those of their affiliated organizations, or those of
the publisher, the editors and the reviewers. Any product that may be evaluated in
this article, or claim that may be made by its manufacturer, is not guaranteed or
endorsed by the publisher.

Copyright © 2022 Fox, Gaumond, Zee, Kaiser, Tanner, Ancoli-Israel, Siddique,
Penedo, Wu, Reid, Parthasarathy, Badger, Rini and Ong. This is an open-access
article distributed under the terms of the Creative Commons Attribution License
(CC BY). The use, distribution or reproduction in other forums is permitted, provided
the original author(s) and the copyright owner(s) are credited and that the original
publication in this journal is cited, in accordance with accepted academic practice. No
use, distribution or reproduction is permitted which does not comply with these terms.

Frontiers in Neuroscience | www.frontiersin.org 10 March 2022 | Volume 16 | Article 818718

https://doi.org/10.1016/j.smrv.2017.02.001
https://doi.org/10.1016/j.smrv.2017.02.001
https://doi.org/10.1186/1477-7525-1-79
https://doi.org/10.1186/1477-7525-1-79
https://doi.org/10.1007/s11764-015-0472-9
https://doi.org/10.1007/s11764-015-0472-9
https://doi.org/10.1080/07420528.2021.1871914
https://doi.org/10.5664/jcsm.6874
https://doi.org/10.5664/jcsm.6874
https://doi.org/10.1080/15402002.2012.636266
https://doi.org/10.1080/15402002.2012.636266
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
https://www.frontiersin.org/journals/neuroscience
https://www.frontiersin.org/
https://www.frontiersin.org/journals/neuroscience#articles

	Optimizing a Behavioral Sleep Intervention for Gynecologic Cancer Survivors: Study Design and Protocol
	Introduction
	Sleep Disturbance in Cancer Survivorship
	Intervention Optimization
	The Present Study

	Materials and Methods
	Participants and Recruitment
	Eligibility
	Candidate Intervention Components and Intervention Delivery
	Sleep Restriction
	Stimulus Control
	Systematic Bright Light Exposure
	Intervention Delivery

	Study Design
	Hypotheses

	Data Collection and Measures
	Data Collection
	Measures
	Feasibility and Acceptability
	Covariates
	Sociodemographic and Medical Information
	Sleep Apnea Risk
	Pain
	Treatment Expectancy

	Primary Outcomes
	Objectively Measured Sleep
	Subjectively Measured Sleep
	Consensus Sleep Diary
	Perceived Sleep Quality
	Sleep-Related Daytime Impairment


	Secondary Outcomes
	Health-Related Quality of Life
	Symptom Burden
	The Memorial Symptom Assessment Scale

	Patient Reported Outcomes Measurement Information System-Cancer Computer Adaptive Tests

	Urine
	Adherence

	Analytic Plan
	Part 1: Qualitative Approach
	Part 2: Intervention Optimization


	Discussion
	Data Availability Statement
	Author Contributions
	Funding
	Acknowledgments
	References




